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Abstract: The primary objective of this study was to assess differential vertical and horizontal defor-
mations for the offshore Kashagan oilfield located in the Northern Caspian Sea. Sentinel-1 (SNT1)
and COSMO-SkyMed (CSK) synthetic-aperture radar (SAR) images (9 January 2018–6 April 2022)
were processed using persistent scatterer interferometric SAR (PS-InSAR) technique with further
2D decomposition of line-of-sight (LOS) measurements to differential vertical and horizontal de-
formations. Differential vertical deformation velocity was observed to be between −4 mm/y and
4 mm/y, whereas horizontal was between −4 mm/y and 5 mm/y during 2018–2022. However, it was
possible to observe the spatial deformation patterns with the subsidence hotspots reaching differential
cumulative vertical displacement of −20 mm from both satellite missions. PS-InSAR differential
vertical deformation measurements derived from SNT1 and CSK satellite images showed identical
spatial patterns with moderate agreement, whereas poor agreement was observed for differential
horizontal deformations. The differential vertical deformation hotspots were observed for the oilfield
areas installed on piles with obviously higher vulnerability to dynamic movements. Through this
study, based on the interferometric measurements, marine geotechnical expert feedback, and no
reported deformation-related incidents since 2013, it was possible to conclude that the Kashagan
oilfield had not been impacted by significant differential vertical and horizontal deformations on
the oilfield. However, since long-term GPS measurements were not accessible from the oilfield
to be used as the reference for PS-InSAR measurements, we were not able to judge the long-term
displacements of the entire oilfield or possible oscillations, even though it is built on the artificial
island. Considering the broad range of PS-InSAR measurements using time-series radar images,
the interferometric measurements could play a significant role in the prioritization of insitu risk
assessment activities, operational cost reduction, strengthening of safety factors, and planning of
further targeted insitu measurements.

Keywords: PS-InSAR; Sentinel-1; COSMO-SkyMed; SAR; remote sensing; oilfield; offshore platform

1. Introduction

The InSAR technique is widely used and established as a technology for onshore oil
and gas monitoring. A large gap related to limited research on applying interferometric
synthetic-aperture radar (InSAR) to offshore platforms remains in the petroleum and gas
industry of the Caspian Sea. To the extent of our knowledge, some studies were performed
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under commercial contracts for private oil and gas companies but are not accessible to
academic and scientific societies.

Severe deformations of the offshore platform could occur as a result of fluid extraction
or injection, corrosion processes, seismic natural hazards, extreme weather factors (high
speed of wind and currents, low temperature and ice), and seabed geotechnical instability.
These factors can lead to production losses, issues with structural integrity, instability,
and loss of containment [1–4]. For risk assessment and mitigation through preventive
measures, several successful studies focused on offshore platform deformation monitoring
using persistent scatterer interferometric synthetic-aperture radar (PS-InSAR) technique
in different parts of the world [2,4–6]. As mentioned before, there are no similar publicly
accessible InSAR studies for the offshore platforms in the Caspian Sea. Satellite monitoring
of offshore platforms holds significant advantages in terms of the availability of time-
series imagery, frequency of surveillance, safety without direct human intervention for
inspections, precision, spatial coverage of the platform, and cost-effectiveness.

Many studies successfully applied global navigation satellite systems (GNSS) mea-
surements for the deformation assessment of offshore platforms [7–9]. It is well known that
permanent global navigation satellite systems (GNSS), robotic total stations, and leveling
measurements are highly precise and reliable as accepted global practices for onshore
and offshore platforms [10]. However, geodetic instruments provide deformation mea-
surements at a specific position without a wide range of measurements with complicated,
time-consuming logistics and operational costs, the involvement of inspection personnel
with expensive geodetic equipment, and occupational and safety hazards [11,12].

It is also necessary to emphasize that, in case a detailed scale of deformation mapping
is required, strategic evaluation of using the InSAR approach should take into account the
costs of high spatial and temporal resolution SAR images from CSK, TerraSAR-X (TSX), and
Radarsat, etc. missions and eventually commercial processing software, unless in-house
solutions are available [13]. In addition, for the installation of corner reflectors to perform
targeted monitoring of deformation for individual structures, it is important to consider
possible critical installation scenarios and costs associated with the corner reflectors and
their installation. If medium-density measurement is sufficient, it is more reasonable to
reduce satellite monitoring costs by using medium-resolution, openly accessible SNT1 SAR
data. Although the InSAR technique allows the detection of even small deformations with
a millimeter scale of accuracy, layover and shadowing effects can limit the capability of
detecting all needed portions of offshore and onshore platforms. Therefore, depending on
the required details, object size, and their visibility from space, geodetic measurements are
often irreplaceable to satisfy the operational needs of oil and gas companies.

This study has focused on measuring surface deformations over the fixed Kashagan
offshore field to generate a deformation velocity map and time-series of displacements.
Since historical geodetic measurements were not available in the Kashagan offshore field,
both SNT1 and CSK SAR datasets have been used, and cross-validation has been performed
to assess the reliability of the obtained results. It is necessary to emphasize that many
studies cross-validated InSAR remote sensing measurements with insitu techniques such
as GNSS and leveling surveys and found a good correlation of the results for both onshore
and offshore petroleum and gas sites [6,14–16].

The PS interferometric technique developed by Ferretti et al. [17] and Ferretti et al. [18]
has been applied to a stack of high-resolution CSK and medium-resolution SNT1 SAR
satellite data acquired from 2018 to 2022 over the Kashagan offshore oilfield. The analyses
of the area have been performed considering the following elements:

1. Description of natural factors such as winds, currents, waves, ice cover, and weather
conditions in the northern part of the Caspian Sea, which are considered to be perma-
nent risks to the structural stability of the Kashagan oilfield.

2. Quantitative assessment of differential vertical and horizontal deformation velocity
and differential cumulative displacement measurements for the Kashagan oilfield
using PS-InSAR.
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3. Geostatistical interpolations of PS-InSAR measurements using the natural neighbor
method.

4. Comparative assessment or cross-validation of differential vertical and horizontal
velocities and cumulative deformation measurements derived from SNT1 and CSK
images acquired during 2018–2022.

5. Comparison of differential vertical deformation velocity and cumulative displacement
profiles.

The novelty of this research is the promotion of interferometric technologies for off-
shore petroleum and gas structures of the Caspian Sea in order to understand deformation
history in time and space. This approach would support oil and gas operators to perform
more reliable hazard assessments based on modeling studies using critical inputs of differ-
ential vertical and horizontal deformation rates, cumulative deformation measurements,
and overall deformation patterns [6].

2. Study Area

Kashagan is the offshore oilfield discovered in 2000 in Kazakhstan’s section of the
Caspian Sea [19]. The field is located in the northern part of the Caspian Sea (Figure 1a). It
is considered the world’s largest oil discovery in the last 30 years [20] and is the first large-
scale offshore petroleum development in Kazakhstan. Kashagan oilfield is located 4.2 km
beneath the seabed, with an oil column extending over 1 km. It is a highly pressurized
reservoir (800 bars and hydrogen sulfide around 16–20%) and is estimated to contain more
than 35 billion barrels of oil with recoverable reserves of about 13 billion barrels.
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Figure 1. (a) Location of Kashagan oilfield in the Caspian Sea; (b) density map of marine traffic in the
Caspian Sea during 2020–2021 (https://www.marinetraffic.com/ (accessed on 1 September 2023).

Kashagan oilfield, operating since 2013, was selected as the study area for this re-
search because it is one of the largest and most operationally difficult fields under extreme
continental climate with cold winters and hot summers (air temperature ranging from
−40 ◦C + 40 ◦C), temperature variations, ice cover with five-month duration (ice thickness
reaching approximately 0.6–0.7 m), and intensive winds, currents and waves, and sea
level fluctuations. The combination of these factors represents significant logistical and
operational challenges for the heavy marine logistics and petroleum and gas industries
(Figure 1b).

The oilfield is located in shallow water with a depth of 3–4 m (Figure 2a). However,
it is subject to regular sea-level fluctuations in the range of one meter. Current trends of
lowering water levels in the Caspian Sea due to climate changes threaten the operations of
the Kashagan oilfield, in particular, because of vessel approach logistics and new projects
with critical dredging activities. Since 2005, the level of the Caspian Sea has dropped upto

https://www.marinetraffic.com/
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1 m, and this falling tendency is still observed [21]. The average sea level of the North
Caspian is around −28.30 m.

Currents in the Caspian Sea are primarily wind-induced, with wind speeds and
directions being the major shaping factors [22–25]. The shape and topography of the
seashore and seabed of the Caspian Sea also exert a substantial influence on the currents [26].
The typical current speed value for the northern part of the Caspian Sea varies from 15 to
20 cm/s upto 30–90 cm/s [27]. As seen in Figure 2b, currents adapted from Lednev et al. [22]
show circulating patterns in the northern, central, and southern parts of the Caspian Sea.
Similar spatial patterns of currents are obviously challenging for new projects, operations,
and emergent reactions to oil spills.

The plains of the Caspian Sea are formed by currents and wave disturbances from
which emerge large accumulative ridges up to a dozen kilometers or surfaces with peaks
and small sand-shell islands [28]. The most important hydrodynamic factors are river in-
flow, currents, and waves facilitating the transfer, sorting, and distribution of sediments [28].
Similar dynamic changes in the subsea plain also cause difficulties and safety-related risks
in the regular logistics and operations for ongoing operations and new projects.

Based on the extracted wind speed contour lines from the studies by Rusu et al. [29] in
the northern part of the Caspian Sea, it was possible to observe the mean wind speed in the
range of 6–7 m/sand maximum wind speed in the range of 18–21 m/s during the winter
period of January 2001–December 2011 (Figure 2c,d). As mentioned before, winds control
the formation of currents with an approximate speed of several centimeters per second to
100 cm/s [30].

Based on the extracted wave height contour lines from the studies by Myslenkov et al. [31],
it was possible to observe the mean wave height in the range of 0.2–0.5 m and maximum wave
height in the range of 2–4.5 m/s during 1979–2017 (Figure 2e,f). According to Bezrodnykh
et al. [30], no high waves are observed in the Northern Caspian Sea due to its shallowness
and ice cover during the winter period.

Based on the World Stress Map 2016 for the Caspian Sea region by Heidbach et al. [32],
the northern part is not seismically active (Figure 2g). Therefore, it was not possible to relate
detected subsidence hotspots to any kind of seismic processes. Additionally, recent studies
by Bayramov et al. [33] showed that the closest Tengiz oilfield at the coast of the Caspian
Sea was subsiding because of man-made oil extraction and injection activities rather than
seismicity. Based on the map of the Caspian Sea faults adapted from Levin et al. [34], it was
possible to observe that the Kashagan Field is located near a fault that might be subject to
possible future activations either because of tectonic and seismic processes or man-made
extraction of oil and gas resources (Figure 2h).

The Kashagan oilfield was developed on artificial islands with ice-protection barrier
structures (Figure 1a). Winters are harsh, and air temperatures can drop to −40 ◦C. The
summer temperatures can reach +40 ◦C. The sea waters are normally frozen from November
to March, with an average ice thickness of about 60–70 cm. Interpretation of recent time-
series Sentinel-1 radar in Figure 3a and MODIS Terra/Aqua optical satellite images in
Figure 3b showed that the Kashagan Field was mainly covered by ice during December
2021–February 2022. According to Bezrodnykh et al. [30], complete ice melting occurs at the
end of March–beginning of April. The ice, shallow waters, sea level fluctuations, and high
levels of hydrogen sulfide represent a significant logistical challenge in the Kashagan Field.
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Figure 2. (a) Bathymetry (based on GEBCO Gridded Bathymetry Data); (b) currents of the Caspian
Sea; (c) mean and (d) maximum wind speeds in the Caspian Sea; (e) mean and (f) maximum
wave heights in the Caspian Sea; (g) Caspian Sea region from World Stress Map 2016 by Heidba-
chet et al. [32]; (h) faults.
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images (Red dot indicates the location of Kashagan Field).

3. Data Processing
Quantitative Assessment of Kashagan Platform Surface Deformations Using PS-InSAR and 2D
Decomposition for Vertical and Horizontal Movements

Monitoring and characterization of the Kashagan oilfield deformations have been
carried out using interferometric stacks of SNT1 and CSK SAR satellite images from the
European Space Agency (ESA) and the Italian Space Agency (ASI) (Table 1). The satellite
observations covered the period January 2018–May 2022. Even though SNT1 held longer
temporal coverage of observations, starting from 2015, in the framework of this study,
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it was decided to focus on the common observation period of SNT1 and CSK that was
constrained by the availability of the CSK dataset. This choice was needed to perform a
cross-validation of the obtained results. The footprint of the SNT1 and CSK frames are
presented in Figure 4. The line plot of the count of images by acquisition dates is presented
in Figure 5. This graph presents that all SAR images were well connected in time in order
to follow the differential vertical and horizontal displacement monitoring over the period
of 2018–2022. The characteristics of both satellite missions are presented in Table 1. VV and
HH polarizations of SNT1 and CSK, respectively, were used due to the proven higher coher-
ence of co-polarized acquisitions in the case of deformation monitoring applications [33,35].
SNT1 and CSK imagery were acquired from both descending (DSC) and ascending (ASC)
tracks, allowing to derive differential vertical and horizontal deformation velocities and
cumulative deformations using 2D decomposition of LOS measurements.

Table 1. Characteristics of SNT1 and CSK radar satellite missions.

Satellite Mission SNT1 CSK

Frequency-covered area 5.405 GHz 9.65 GHz

Wavelength C (5.6 cm) X (3.1 cm)

Imaging mode Interferometric wide Stripmap: Himage

Track Descending/Ascending Descending/Ascending

Product SLC SCS

Ground resolution, rg by az 5 m × 20 m 3 m × 3 m

Polarization VV HH

Revisit time 6 days Up to 4 days

Swath width (km) 250 km 40 km × 40 kmRemote Sens. 2023, 15, x FOR PEER REVIEW 7 of 22 
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The CSK and SNT1 SAR images were processed using the PS-InSAR technique in
the ENVI SARscape software version 5.6.2 with the processing workflow presented in
Figure 6a and the principle in Figure 6b [36]. PS-InSAR is a proven single-reference
technique (N interferograms with N + 1 SLCs) for the processing to measure persistently
reflecting surface features and their motion rates with high precision [18,37]. On artificial
surfaces, such as oil and gas infrastructure, PS-InSAR is generally expected to maintain high
coherence [37]. Three main processing stages were performed for this research: PS-InSAR,
2D decomposition of line-of-sight (LOS) measurements from ascending and descending
tracks, and geostatistical analysis. The PS-InSAR processing consisted of interferogram
generation, multi-temporal persistent scatterers processing, and removal of atmospheric
phase screen [38].

PS-InSAR measures deformation projection along the LOS direction for DSC and
ASC tracks. Ascending and descending LOS deformations can be decomposed along the
vertical and horizontal (east–west) directions [39,40]. LOS velocities derived from ASC
and DSC tracks of SNT1 and CSK images were separately decomposed into the horizontal
component along the east-west direction dhor and the vertical component dver taking into
account the local incidence angle of the satellite view by Equation (1) [41–47].(

dasc

ddsc

)
=

(
cos θasc−cosαascsin θasc

cos θdsc − cosαdscsin θdsc

)(
dver

dhor

)
(1)

where θasc and θdsc are the local incidence angles, and αasc and αdsc are the satellite heading
angles of the ASC and DSC modes, respectively [48,49].

The natural-neighbor interpolation method with a spatial resolution of 0.5 m was
used for the generation of differential vertical and horizontal deformation surfaces to
detect subsidence and uplift hotspots in the Kashagan oilfield. The natural-neighbor
method showed better interpolation and visualization performance in comparison to
inverse distance weighting (IDW) and Kriging interpolation methods. Further geospatial
analytics were performed for the comparative analyses between PS-InSAR measurements
derived from SNT1 and CSK images.
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The following steps were performed in the ENVI SARscape PS-InSAR processing chain:
1. connection graph; 2. interferometric process; 3. first inversion step; 4. second inversion
step; 5. geocoding; 6. 2D decomposition [36]. The connection graph functionality defined
the SAR pair combinations and connection network for the generation of the multiple
differential interferograms. The interferometric process step allowed us to automatically
process the coregistration and the interferogram generation. The first model inversion
allowed us to derive displacement velocity and residual height without removing any
phase component due to the atmosphere. The second inversion used the results of the first
inversion to estimate the atmospheric phase components. The geocoding stage allowed
the transfer of PS-InSAR slant measurements to geographic coordinates. Displacement
decomposition allowed the calculation of the vertical and east–west components of the
displacement [36]. Further on, geostatistical interpolation was used to produce point
density and displacement hotspot grids.

Measurements of surface displacements through interferometric techniques are af-
fected by some limitations, such as spatio-temporal decorrelation related to the large
perpendicular and long temporal baselines between SAR images and atmospheric phase
delays [50]. Since the Kashagan oilfield is located in the offshore environment, atmospheric
artifacts often cause atmospheric phase delays, topographic uncertainty, and double-bounce
effects from water (ice) surface, winds, and waves (Figures 2a–f and 3a,b). It is also neces-
sary to emphasize the factor of platform thermal expansion since it is being operated under
extreme weather conditions, with temperatures dropping upto −40 ◦C.

However, PS-InSAR deployed within ENVI SARscape software allowed us, to the
extent possible, to overcome those limitations on the interferometric processing stage
with the integration of GACOS tropospheric delay maps downloaded from the Generic
Atmospheric Correction Online Service for InSAR (GACOS) for the acquisition dates and
time of SAR imagery [51–53].

GACOS is computed based on the iterative tropospheric decomposition (ITD) model
from Yu et al. [51]. High spatial resolution zenith total delay maps are generated through
the separation of stratified and turbulent signals from tropospheric total delays to be used
for the correction of InSAR measurements [51–53]. Datasets used in GACOS include the
high-resolution ECMWF weather model at 0.1-degree and 6 h resolutions, SRTM DEM
(90 m), and ASTER GDEM (90 m) [51–53]. The resolution of the GACOS atmospheric
correction grid was 90 m.
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In the present studies, InSAR results were based on the relative or differential lo-
cal measurements since neither short-term nor long-term geodetic measurements were
available on the platform. Therefore, we selected one reference or spatial point on the
oilfield and used it as an input ground control point (GCP) for the interferometric process
stage (Figures 6a and 7). This challenge poses a limitation since all measurements are
considered relative or differential. It is obvious that we were not able to judge either the
long-term displacement rates affecting the whole platform or the annual oscillations linked
to temperature variations, wind speeds, and currents.
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It is also necessary to emphasize that this platform is built on an artificial island,
which makes it different from other offshore platform types that are subject to permanent
oscillations. Since we did not have any GPS measurements, we could not perform more
than relative measurements from the radar satellites with the assumption that this platform
is less vulnerable to permanent oscillations caused by natural (winds, currents, sea level
fluctuations, temperature variations, sea ice, seismicity, and tectonics) and operational
man-made factors.

For the correct 2D decomposition and matching of LOS measurements from descend-
ing and ascending tracks, the common calibration point was selected in the geocoded
displacement products. A point buffer zone of 22 m was used to find identical common
persistent scatterers from descending and ascending tracks. The topographic contribution
to the radar phase was corrected in the interferometric process stage using an artificially
generated digital elevation model of the Caspian Sea level in the World Geodetic System
1984 (WGS84) with the spatial resolution of 1 m for the coverage of the Kashagan oilfield.
Unfortunately, there was no accessible digital elevation model of the Kashagan oilfield.

Since there were no accessible standards from the Kashagan oilfield to judge the
criticality of measured displacements, we had to apply professional expert feedback from
ten geotechnical engineers in Kazakhstan and also checked on any publicly announced
deformation-related incidents.

4. Results

The counts of PS-InSAR-measured points were observed to be 1794 for CSK and 4073
for SNT1 images (Figure 8a,b). The density of PS-InSAR measurements derived from
SNT1 was higher compared to CSK (Figure 8a,b). This was related to the multi-temporal
coherence differences between SNT1 and CSK (Figure 9a,b).
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Figure 9. Multi-temporal coherence of PS-InSAR differential measurements using (a) CSK images
and (b) SNT1 images.

Differential VD derived from 2D decompositions of CSK ASC–DSC LOS and SNT1
ASC–DSC LOS measurements are presented in Figure 10a,b. PS-InSAR differential vertical
deformation measurements derived from CSK and SNT1 showed a good agreement in
the spatial subsidence and uplift patterns (Figure 10a,b). Differential vertical subsidence
and uplift velocities for the Kashagan oilfield were observed to be between −4 mm/y
and 4 mm/y from both CSK and SNT1 datasets from 9 January 2018 to 30 April 2022
(Figure 10a,b). Differential cumulative vertical subsidence and uplift velocities for the
Kashagan oilfield were observed to be between –20 mm/y and 18 mm/y from both CSK and
SNT1 images from 9 January 2018 to 30 April 2022 (Figure 10c,d). Even though the measured
differential vertical velocities and cumulative displacements were not characterized by
a dramatic deformation rate, it was possible to clearly observe the spatial variability
related to subsidence and uplift hotspots in Figure 10a–d. Differential HD derived from
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2D decompositions of CSK ASC–DSC LOS and SNT1 ASC–DSC LOS measurements are
presented in Figure 11a,b. PS-InSAR horizontal measurements derived from CSK and
SNT1 images did not show identical spatial displacement patterns. Differential horizontal
velocities for the Kashagan oilfield were observed to be between −4 mm/y and 5 mm/y
for CSK and SNT1 images from 9 January 2018 to 30 April 2022 (Figure 11a,b). Differential
cumulative horizontal velocities for the Kashagan oilfield were observed to be between
−25 mm/y and 25 mm/y from 9 January 2018 to 30 April 2022 (Figure 11c,d).
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The comparison of differential VDs for three profile lines in Figure 12a of the Kashagan
oilfield showed a moderate agreement with identical polynomial trend lines and R2 > 0.50
(Figure 12b–g). Even though a common calibration point was used for PS-InSAR mea-
surements, the observed systematic shift between the trendlines of SNT1 and CSK was
observed to be in the range of 0.3 mm–2.4 mm (Figure 12b,d). This shift could be caused
by different natural and man-made factors, as well as the spatial resolutions of the SNT1
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and CSK satellite missions affecting the processing quality. However, it is difficult to
derive the particular reason because PS-InSAR accuracy is around ±1 mm. As mentioned
before, we did not have historical geodetic measurements as a reference, and our PS-InSAR
measurements were differential based on the selected reference point (Figure 7).
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Figure 12. (a) Map of profile lines; (b) Profile 1 (CSK and SNT1 differential VD); (c) regression
between CSK and SNT1 for Profile 1; (d) Profile 2 (CSK and SNT1 differential VD); (e) regression
between CSK and SNT1 differential VD for Profile 2; (f) Profile 3 (CSK and SNT1); (g) regression
between CSK and SNT1 differential VD for Profile 3.

The comparison of differential HDs for three profile lines of the Kashagan oilfield did
not show identical spatial patterns with poor agreement of R2 < 0.26. (Figure 13a–g).
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Figure 13. (a) Map of profile lines; (b) Profile 1 (CSK and SNT1 differential HD); (c) regression
between CSK and SNT1 for Profile 1; (d) Profile 2 (CSK and SNT1 differential HD); (e) regression
between CSK and SNT1 differential HD for Profile 2; (f) Profile 3 (CSK and SNT1); (g) regression
between CSK and SNT1 differential HD for Profile 3.

The maximum differential cumulative subsidence reaching around −20 in 2022 was
observed for two locations presented in Figure 14a. The regression analysis between
differential cumulative displacements derived from CSK and SNT1 showed a moderate
agreement with R2 > 0.65 for both most subsiding locations (Figure 14b–e). Based on
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Figure 15 of the Kashagan oilfield, it was possible to determine that both of these detected
hotspots were located at the oilfield areas installed on piles. This allowed us to assume
that these areas were more vulnerable to movements caused by natural and anthropogenic
factors.
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Figure 14. (a) Map with most subsiding locations; (b) differential cumulative displacements (CSK and
SNT1) for Location 1; (c) regression between CSK and SNT1 differential cumulative displacements for
Location 1; (d) differential cumulative displacements (CSK and SNT1) for Location 2; (e) regression
between CSK and SNT1 differential cumulative displacements for Location 2.
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5. Discussion

As a result of this research, it was possible to conclude that the differential vertical
displacement velocities (−4 mm/y and 4 mm/y) and differential cumulative displacements
(−20 mm/y and 18 mm/y) at the Kashagan oilfield are not intense, even though the offshore
platform was operated since 2013 under extreme weather conditions in terms of winter
temperatures and wind speeds, currents, waves, sea ice, and water level fluctuations in the
Caspian Sea. However, we are only able to judge it based on the differential measurements,
which are relative to our selected reference point on the oilfield. Since we did not have
any long-term GPS measurements from the Kashagan Field, we are not able to conclude
about either the entire oilfield displacements or regular oscillations caused by natural or
man-made factors. We are well aware of this limitation for this study, but nowadays, it
is beyond achievable since we experience a lack of critically needed time-series geodetic
measurements from the Kashagan oilfield. Kashagan oilfield is built on an artificial island,
which makes it different from other types of offshore platforms vulnerable to permanent
oscillations. Based on this fact, we could assume that our PS-InSAR measurements are less
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affected by permanent oscillations caused by wind and currents. However, we could not
judge the dynamic behavior of the oilfield caused by significant temperature variations and
sea ice.

Even though detected differential vertical deformation velocities and cumulative de-
formation are not dramatic during the period of 2018–2022, the detected hotspots installed
on piles could require future investigations in case the deformation trend is defined as
non-compliant by engineering and geotechnical risk assessment standards for offshore
platforms. Unfortunately, it was not possible to find some accessible engineering and
geotechnical standards to understand what was considered critical criteria for the mitiga-
tion of vertical and horizontal displacement risks in marine conditions. The multi-temporal
coherence of the PS-InSAR measurements derived from SNT1 was higher than from CSK.
Higher temporal decorrelation of X-band CSK images in comparison to C-band SNT1 was
also reported by Bayramov et al. [33] and Morishita et al. [54]. According to Morishita
et al. [54], one of the reasons why the coherence for the C-band is higher than the X-band is
the lower resolution of the C-band. Higher decorrelation of CSK images is also explained
by the higher frequencies of this satellite mission and, therefore, a higher sensitivity to
small changes in the analyzed surfaces [55–57]. The multi-temporal coherence range of
0.53–0.69 was expected to be higher from both SNT1 and CSK since the analysis is focused
on a stable marine infrastructure built on artificial islands with ice protection structures.
This range of coherence can be explained by the movement/vibration of the steel structures
due to winds, currents, waves, and sea ice, as well as atmospheric phase delays caused by
extreme weather conditions [12].

PS-InSAR produced different spatial distributions and densities of measurements from
CSK and SNT1 images. To improve the result geolocation and deformation precision, it
is highly recommended to start permanent GPS observations for the stable points on the
oilfield and also produce an accurate digital elevation model based on LIDAR or drone
surveys. At the same time, one of the advantages of interferometric measurements is
the wide spatial coverage of observations, which could allow prioritization of the most
critical areas for the planning of detailed insitu geohazards risk management campaigns,
installation of permanent GPS stations or the implementation of regular geodetic surveys.
Based on the successful studies by Palano et al. [58], GPS stations provided very high
precision and reliability in the measurements of vertical and horizontal movements of
offshore platforms. However, it is necessary to emphasize that specifically for Kashagan,
the application of a high-precision geodetic approach with continuous GPS measurements
could not provide a high density of measurements for the entire range of the oilfield as
well as extended historical temporal coverage such as PS-InSAR.

PS-InSAR measurements of differential vertical velocity and differential cumulative
displacements derived from CSK and SNT1 showed a moderate agreement with R2 > 0.50.
PS-InSAR measurements of differential horizontal velocity and differential cumulative
displacements derived from CSK and SNT1 showed poor agreement in terms of spatial
patterns and R2 < 0.26. However, we could not validate the performance of CSK and SNT1
satellite missions for the measured differential horizontal displacements since we were
lacking for the third satellite mission. On the other hand, this allowed us to assume that
the Kashagan oilfield is more vulnerable to dynamic differential horizontal movements
by direct natural factors like winds, currents, waves, sea level fluctuations, sea ice, and
seismicity and also relating to the variations in measurements by different satellite missions.

As previously mentioned, to the extent of our awareness, similar studies have never
been performed for the Kashagan oilfield using interferometric techniques as part of the
research results accessible to the scientific community. Therefore, we plan to expand
present studies with additional satellite missions and methods of interferometric mea-
surements. Additionally, we plan to expand our studies by numerical simulations of
PS-InSARmeasurements to make deformation predictions in the Kashagan oilfield [59,60].

Since we did not have any insitu reference points with long-term GPS measurements,
the cross-validation of differential measurements was only possible based on the compari-
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son of different medium-resolution and high-resolution satellite missions with sufficient
descending and ascending acquisitions for the cross-validation of PS-InSAR measurements
in this study. Accordingly, it is planned to deploy other interferometric techniques assigned
for the deformation monitoring of man-made structural stability as well as to extend the
observation period.

6. Conclusions

The differential vertical displacement velocity was observed to be between −4 mm/y
(subsidence) and 4 mm/y (uplift), and the horizontal displacement velocity was observed
to be between −4 mm/y (westward) and 5 mm/y (eastward)during 2018–2022 in the
Kashagan oilfield. However, it was possible to observe the spatial patterns with the
subsidence hotspots reaching differential cumulative displacement of −20 mm from both
satellite missions—SNT1 and CSK.

The differential vertical displacement velocity and differential cumulative displace-
ments derived from CSK and SNT1 images using PS-InSAR processing methodology
showed identical spatial patterns with a moderate agreement of R2 > 0.50. Differences in
the wavelengths, frequencies, and spatial resolutions of C-band SNT1 and X-band CSK
missions were reflected in the variations in multi-temporal coherence and produced point
density by the PS-InSAR measurements. Higher multi-temporal decorrelation of the CSK
satellite mission was reflected in a lower point density than SNT1. The differential hori-
zontal displacement velocity and differential cumulative displacements derived from CSK
and SNT1 images using PS-InSAR processing methodology did not show identical spatial
patterns with poor agreement of R2 < 0.26. It was not possible to ensure the quality of
measured differential horizontal displacements since the research was lacking for the third
satellite mission. On the other hand, this allowed us to assume that the Kashagan oilfield is
more vulnerable to dynamic horizontal movements than vertical by natural factors such as
winds, currents, waves, sea level fluctuations, sea ice, and seismicity. Another reason could
be related to the atmospheric phase delays, which were, to the extent possible, eliminated
using coarse-resolution GACOS corrections.

Based on the differential PS-InSAR measurements during 2018–2022, it was possible to
assume that the Kashagan oilfield was not so vulnerable to natural (wind, currents, waves,
sea ice, sea level fluctuations, and seismicity) and anthropogenic factors which could
cause deformations. However, since we did not have any long-term GPS measurements
from the Kashagan oilfield, we were not able to conclude about either the entire oilfield
displacements or regular oscillations caused by natural or man-made factors.

Since engineering and geotechnical standards vary in what should be accepted as a
critical level of subsidence or uplift depending on the type of marine and onshore petroleum
and gas infrastructure, the risk assessment is subject to site verifications for the detection
of any existing or potential damages. To prioritize vulnerable areas for site inspection
activities and the planning of risk mitigation measures, interferometric technologies could
play a significant role for petroleum and gas operators in onshore and offshore conditions.

The role of interferometric technologies is irreplaceable and advantageous because of
wide-coverage measurements compared to standard geodetic measurements for selected
positions, which are proven to be high precision. However, for the prioritization of locations
to be continuously monitored by geodetic stations at subsidence or uplift hotspots, the
role of the interferometric approach is crucial to effectively invest in the site measurement
campaigns or evaluate whether it is worthwhile and reasonable to make investments from
the risk assessment point of view.

Author Contributions: Writing—Original draft preparation: E.B.; Writing—Review and editing:
G.T. and E.B.; supervision: M.K. and M.B.; resources: S.A. All authors have read and agreed to the
published version of the manuscript.



Remote Sens. 2023, 15, 4754 19 of 21

Funding: This present research was funded by Nazarbayev University through the Social Policy
Grant [201705] and Faculty Development Competitive Research Grant (FDCRGP)—Funder Project
Reference: 080420FD1917.

Data Availability Statement: Not applicable.

Acknowledgments: The authors would like to acknowledge Nazarbayev University. This present
research was funded by Nazarbayev University through the Social Policy Grant [201705] and Faculty
Development Competitive Research Grant (FDCRGP)—Funder Project Reference: 080420FD1917.
This project was carried out using COSMO-SkyMed images of ASI (Italian Space Agency), delivered
under an ASI license to use in the framework of COSMO-SkyMed Open Call for Science Project ID
767. The author would like to acknowledge the Italian Space Agency (AgenziaSpazialeItaliana) for
the provision of COSMO-SkyMed (CSK) images within the Open Call for Science Project ID 767.
The authors also kindly acknowledge the European Space Agency (ESA) for making available the
Sentinel-1 images in the framework of the Copernicus Programme.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. May, P.; Sanderson, D.; Sharp, J.; Stacey, A. Structural integrity monitoring: Review and appraisal of current technologies

for offshore applications. In Proceedings of the ASME 2008 27th International Conference on Offshore Mechanics and Arctic
Engineering, Estoril, Portugal, 15–20 June 2008.

2. Latip, A.S.A.; Matori, A.; Aobpaet, A.; Din, A.H.M. Monitoring of offshore platform deformation with stanford method of
Persistent Scatterer (StaMPS). In Proceedings of the 2015 International Conference on Space Science and Communication,
Langkawi, Malaysia, 10–12 August 2015; pp. 79–83.

3. Deng, F.; Zumberge, M. Seafloor Motion Monitoring Based on Offshore Platforms Using Satellite Radar Images A Case Study in
the Adriatic Sea. In Proceedings of the AGU Fall Meeting 2021, New Orleans, LA, USA, 13–17 December 2021.

4. Latip, A.S.A.; Balogun, A.-L.; Din, A.H.M.; Hairy Ansar, A.M. The Use of InSAR for Monitoring Deformation of Offshore
Platforms. IOP Conf. Ser. Earth Environ. Sci. 2021, 767, 012033. [CrossRef]

5. Matori, A.N.; Latip, A.S.A.; Harahap, I.S.H.; Perissin, D. Deformation Monitoring of Offshore Platform Using the Persistent
Scatterer Interferometry Technique. Appl. Mech. Mater. 2014, 567, 325–330. [CrossRef]

6. Polcari, M.; Secreti, V.; Anderlini, L.; Albano, M.; Palano, M.; Serpelloni, E.; Stramondo, S.; Trasatti, E.; Pezzo, G. Multi-technique
geodetic detection of onshore and offshore subsidence along the Upper Adriatic Sea coasts. Int. J. Appl. Earth Obs. Geoinf. 2022,
108, 102756. [CrossRef]

7. Setan, H.; Othman, R. Monitoring of Offshore Platform Subsidence Using Permanent GPS Stations. J. Glob. Position. Syst. 2006, 5,
17–21. [CrossRef]

8. Masnan, M.N. Best Practice for Offshore Platform Deformation Survey Using Global Navigation Satellite System. Master’s Thesis,
Universiti Teknologi Malaysia, Johor Bahru, Malaysia, 2015.

9. Myint, K.C.; Nasir Matori, A.; Gohari, A. Application of GNSS Methods for Monitoring Offshore Platform Deformation. E3S Web
Conf. 2018, 34, 01019. [CrossRef]

10. Widjajanti, N.; Matori, A.N. Evaluation of GPS data for offshore platform subsidence. In Proceedings of the 7th Asia Pacific
Structural Engineering and Construction Conference and 2nd European Asian Civil Engineering Forum (APSEC-EACEF 2009),
Langkawi, Malaysia, 4–9 August 2009.

11. Sousa, J.J.; Hlavacova, I.; Bakon, M.; Lazecky, M.; Patricio, G.; Guimaraes, P.; Ruiz, A.M.; Bastos, L.; Sousa, A. Potential of
Multi-Temporal InSAR Techniques for Bridges and Dams Monitoring. In Proceedings of the SARWatch Workshop, CENTERIS
2014, Troia, Portugal, 15–17 October 2014.

12. Latip, A.S.A.; Matori, A.N.; Aobpaet, A. A Case Study on Offshore Platform Deformation Monitoring by using InSAR. MATEC
Web Conf. 2018, 203, 04002. [CrossRef]

13. Milillo, P.; Perissin, D.; Salzer, J.T.; Lundgren, P.; Lacava, G.; Milillo, G.; Serio, C. Monitoring dam structural health from space:
Insights from novel InSAR techniques and multi-parametric modeling applied to the Pertusillo dam Basilicata, Italy. Int. J. Appl.
Earth Obs. Geoinf. 2016, 52, 221–229. [CrossRef]

14. Vasco, D.W.; Wicks, C.; Karasaki, K.; Marques, O. Geodetic imaging: Reservoir monitoring using satellite interferometry. Geophys.
J. Intern. 2002, 149, 555–571. [CrossRef]

15. Klemm, H.; Quseimi, I.; Novali, F.; Ferretti, A.; Tamburini, A. Monitoring horizontal and vertical surface deformation over a
hydrocarbon reservoir by PSInSAR. First Break 2010, 28, 29–37. [CrossRef]

16. Montuori, A.; Anderlini, L.; Palano, M.; Albano, M.; Pezzo, G.; Antoncecchi, I.; Chiarabba, C.; Serpelloni, E.; Stramondo, S.
Application and analysis of geodetic protocols for monitoring subsidence phenomena along on-shore hydrocarbon reservoirs. Int.
J. Appl. Earth Obs. Geoinf. 2018, 69, 13–26. [CrossRef]

17. Ferretti, A.; Prati, C.; Rocca, F. Nonlinear subsidence rate estimation using permanent scatterers in differential SAR interferometry.
IEEE Trans. Geosci. Remote Sens. 2000, 38, 2202–2212. [CrossRef]

https://doi.org/10.1088/1755-1315/767/1/012033
https://doi.org/10.4028/www.scientific.net/AMM.567.325
https://doi.org/10.1016/j.jag.2022.102756
https://doi.org/10.5081/jgps.5.1.17
https://doi.org/10.1051/e3sconf/20183401019
https://doi.org/10.1051/matecconf/201820304002
https://doi.org/10.1016/j.jag.2016.06.013
https://doi.org/10.1046/j.1365-246X.2002.01569.x
https://doi.org/10.3997/1365-2397.2010014
https://doi.org/10.1016/j.jag.2018.02.011
https://doi.org/10.1109/36.868878


Remote Sens. 2023, 15, 4754 20 of 21

18. Ferretti, A.; Prati, C.; Rocca, F. Permanent scatterers in SAR interferometry. IEEE Trans. Geosci. Remote Sens. 2001, 39, 8–20.
[CrossRef]

19. Yenikeyeff, S. Kazakhstan’s Gas: Export Markets and Export Routes. Oxford Institute for Energy Studies. 2008. Available online:
https://www.oxfordenergy.org/publications/kazakhstans-gas-export-markets-and-export-routes/ (accessed on 17 Novem-
ber 2011).

20. Johnston, D. International Exploration. Economics, Risk, and Contract Analysis, 1st ed.; PennWell Corporation: Tulsa, OK, USA, 2003;
p. 199, ISBN 0-87814-887-6.

21. Alifirova, E. Kashagan Field May Face the Threat of Shutdown. 2021. Available online: https://neftegaz.ru/news/oilfield/6750
50-kashaganskoe-mestorozhdenie-mozhet-stolknutsya-s-ugrozoy-ostanovki-na-etot-raz-iz-za-obmeleniya-kasp/ (accessed on
12 February 2023). (In Russian)

22. Lednev, V.A. Techeniya Severnogo I Srednego Kaspiya; Morskoy Transport: Moscow, Russia, 1943.
23. Kitazawa, D.; Yang, J. Numerical analysis of water circulation and thermohaline structures in the Caspian Sea. J. Mar. Sci. Technol.

2012, 17, 168–180. [CrossRef]
24. Ghaffari, P.; Isachsen, P.E.; LaCasce, J.H. Topographic effects on current variability in the Caspian Sea. J. Geophys. Res. Ocean. 2013,

118, 7107–7116. [CrossRef]
25. Bohluly, A.; Esfahani, F.S.; Montazeri Namin, M.; Chegini, F. Evaluation of wind induced currents modeling along the Southern

Caspian Sea. Cont. Shelf Res. 2018, 153, 50–63. [CrossRef]
26. Bayramov, E.; Kada, M.; Buchroithner, M. Monitoring oil spill hotspots, contamination probability modelling and assessment of

coastal impacts in the Caspian Sea using SENTINEL-1, LANDSAT-8, RADARSAT, ENVISAT and ERS satellite sensors. J. Oper.
Oceanogr. 2018, 11, 27–43. [CrossRef]

27. Agip, K.C.O. Experimental Program Project of the Kashagan Field. Current Environmental Status; Book 5; Agip: Atyrau, Kazakhstan,
2004; Volume 2.

28. NCOC. Environmental Monitoring of the North-East Caspian Sea during Development of NCOC N.V. Oil Fields in the Period
2006–2016. 2018. Available online: https://www.ncoc.kz/en/publications (accessed on 1 September 2023).

29. Rusu, E.; Onea, F. Evaluation of the wind and wave energy along the Caspian Sea. Energy 2013, 50, 1–14. [CrossRef]
30. Bezrodnykh, Y.; Yanina, T.; Sorokin, V.; Romanyuk, B. The Northern Caspian Sea: Consequences of climate change for level

fluctuations during the Holocene. Quat. Int. 2019, 540, 68–77. [CrossRef]
31. Myslenkov, S.A.; Arkhipkin, V.; Pavlova, A.; Dobrolyubov, S.A. Wave Climate in the Caspian Sea Based on Wave Hindcast. Russ.

Meteorol. Hydrol. 2018, 43, 670–678. [CrossRef]
32. Heidbach, O.; Rajabi, M.; Reiter, K.; Ziegler, M. World Stress Map 2016. GFZ Data Service, 2016. [CrossRef]
33. Bayramov, E.; Tessari, G.; Kada, M. Quantifying Two-Dimensional Surface Displacements Using High-Resolution Cosmo-SkyMed,

TerraSAR-X and Medium-Resolution Sentinel-1 SAR Interferometry: Case Study for the Tengiz Oilfield. Sensors 2022, 22, 6416.
[CrossRef]

34. Levin, L.E.; Kondorskaya, N.V. International Tectonic Map of the Caspian Sea Region; Khain, V., Bogdanov, N., Mir, N., Eds.; Geology
Institute of Russian Academy of Sciences: Moscow, Russia, 2005.

35. Imamoglu, M.; Kahraman, F.; Cakir, Z.; Sanli, F.B. Ground Deformation Analysis of Bolvadin (W. Turkey) by Means of Multi-
Temporal InSAR Techniques and Sentinel-1 Data. Remote Sens. 2019, 11, 1069. [CrossRef]

36. Sarmap. SBAS Tutorial. 2021. Available online: https://www.sarmap.ch/index.php/software/sarscape (accessed on
29 June 2022).

37. Li, R.; Li, Z.; Han, J.; Lu, P.; Qiao, G.; Meng, X.; Hao, T.; Zhou, F. Monitoring surface deformation of permafrost in Wudaoliang
Region, Qinghai–Tibet Plateau with ENVISAT ASAR data. Int. J. Appl. Earth Obs. Geoinf. 2021, 104, 102527. [CrossRef]

38. Osmanoglu, B.; Sunar, F.; Wdowinski, S.; Cabral-Cano, E. Time Series Analysis of InSAR Data: Methods and Trends. ISPRS J.
Photogramm. Remote Sens. 2016, 115, 90–102. [CrossRef]

39. Khorrami, M.; Abrishami, S.; Maghsoudi, Y.; Alizadeh, B.; Perissin, D. Extreme Subsidence in a Populated City (Mashhad)
Detected by PSInSAR Considering Groundwater Withdrawal and Geotechnical Properties. Sci. Rep. 2020, 10, 111357. [CrossRef]
[PubMed]

40. Makabayi, B.; Musinguzi, M.; Otukei, J. Estimation of Ground Vertical Displacement in Landslide Prone Areas Using PS-InSAR.
A Case Study of Bududa, Uganda. Int. J. Geosci. 2021, 12, 347–380. [CrossRef]

41. Wright, T.J. Toward mapping surface deformation in three dimensions using InSAR. Geophys. Res. Lett. 2004, 31. [CrossRef]
42. Fialko, Y. Interseismic strain accumulation and the earthquake potential on the southern San Andreas Fault system. Nature 2006,

441, 968. [CrossRef]
43. Motagh, M.; Shamshiri, R.; Haghshenas Haghighi MWetzel, H.U.; Akbari, B.; Nahavandchi, H.; Roessner, S.; Arabi, S. Quantifying

groundwater exploitation induced subsidence in the Rafsanjan plain, southeastern Iran, using InSAR time-series and in situ
measurements. Eng. Geol. 2017, 218, 134–151. [CrossRef]

44. Fernandez, J.; Prieto, J.F.; Escayo, J.; Camacho, A.G.; Luzón, F.; Tiampo, K.F.; Mimmo, P.; Tamara, A.; Enrique, P.; Guadalupe, P.;
et al. Modeling the two- and three-dimensional displacement field in Lorca, Spain, subsidence and the global implications. Sci.
Rep. 2018, 8, 14782. [CrossRef]

45. Aslan, G.; Cakir, Z.; Lasserre, C.; Renard, F. Investigating Subsidence in the Bursa Plain, Turkey, Using Ascending and Descending
Sentinel-1 Satellite Data. Remote Sens. 2019, 11, 85. [CrossRef]

https://doi.org/10.1109/36.898661
https://www.oxfordenergy.org/publications/kazakhstans-gas-export-markets-and-export-routes/
https://neftegaz.ru/news/oilfield/675050-kashaganskoe-mestorozhdenie-mozhet-stolknutsya-s-ugrozoy-ostanovki-na-etot-raz-iz-za-obmeleniya-kasp/
https://neftegaz.ru/news/oilfield/675050-kashaganskoe-mestorozhdenie-mozhet-stolknutsya-s-ugrozoy-ostanovki-na-etot-raz-iz-za-obmeleniya-kasp/
https://doi.org/10.1007/s00773-012-0159-0
https://doi.org/10.1002/2013JC009128
https://doi.org/10.1016/j.csr.2017.12.008
https://doi.org/10.1080/1755876X.2018.1438343
https://www.ncoc.kz/en/publications
https://doi.org/10.1016/j.energy.2012.11.044
https://doi.org/10.1016/j.quaint.2019.01.041
https://doi.org/10.3103/S1068373918100060
https://doi.org/10.5880/WSM.2016.002
https://doi.org/10.3390/s22176416
https://doi.org/10.3390/rs11091069
https://www.sarmap.ch/index.php/software/sarscape
https://doi.org/10.1016/j.jag.2021.102527
https://doi.org/10.1016/j.isprsjprs.2015.10.003
https://doi.org/10.1038/s41598-020-67989-1
https://www.ncbi.nlm.nih.gov/pubmed/32647281
https://doi.org/10.4236/ijg.2021.124019
https://doi.org/10.1029/2003GL018827
https://doi.org/10.1038/nature04797
https://doi.org/10.1016/j.enggeo.2017.01.011
https://doi.org/10.1038/s41598-018-33128-0
https://doi.org/10.3390/rs11010085


Remote Sens. 2023, 15, 4754 21 of 21

46. Alatza, S.; Papoutsis, I.; Paradissis, D.; Kontoes, C.; Papadopoulos, G.A. Multi-Temporal InSAR Analysis for Monitoring Ground
Deformation in Amorgos Island, Greece. Sensors 2020, 20, 338. [CrossRef]

47. Minh, D.H.T.; Ngo, Y.; Lê, T.T.; Le, T.C.; Bui, H.S.; Vuong, Q.V.; Le Toan, T. Quantifying Horizontal and Vertical Movements in Ho
Chi Minh City by Sentinel-1 Radar Interferometry. Preprints 2020, 1, 2020120382. [CrossRef]

48. Aslan, G. Monitoring of surface deformation in northwest Turkey from high-resolution insar: Focus on tectonic a seismic slip and
subsidence. In Tectonics; Istanbul Teknik Üniversitesity: Istanbul, Turkey, 2019.

49. Fuhrmann, T.; Garthwaite, M.C. Resolving Three-Dimensional Surface Motion with InSAR: Constraints from Multi-Geometry
Data Fusion. Remote Sens. 2019, 11, 241. [CrossRef]

50. Zebker, H.A.; Villasenor, J. Decorrelation in interferometric radar echoes. IEEE Trans. Geosci. Remote Sens. 1992, 30, 950–959.
[CrossRef]

51. Yu, C.; Penna, N.T.; Li, Z. Generation of real-time mode high-resolution water vapor fields from GPS observations. J. Geophys. Res.
Atmos. 2017, 122, 2008–2025. [CrossRef]

52. Yu, C.; Li, Z.; Penna, N.T.; Crippa, P. Generic atmospheric correction model for Interferometric Synthetic Aperture Radar
observations. J. Geophys. Res. Solid Earth 2018, 123, 9202–9222. [CrossRef]

53. Yu, C.; Li, Z.; Penna, N.T. Interferometric synthetic aperture radar atmospheric correction using a GPS-based iterative tropospheric
decomposition model. Remote Sens. Environ. 2018, 204, 109–121. [CrossRef]

54. Morishita, Y.; Hanssen, R.F. Temporal Decorrelation in L-, C-, and X-band Satellite Radar Interferometry for Pasture on Drained
Peat Soils. IEEE Trans. Geosci. Remote Sens. 2015, 53, 1096–1104. [CrossRef]

55. Rosen, P.A.; Hensley, S.; Zebker, H.; Webb, F.; Fielding, E. Surface deformation and coherence measurements of Kilauea Volcano,
Hawaii, from SIR-C radar interferometry. J. Geophys. Res. 1996, 101, 23109–23125. [CrossRef]

56. Parizzi, A.; Cong, X.; Eineder, M. First results from multifrequency interferometry. A comparison of different decorrelation time
constants at L, C and X band. In Proceedings of the ESA FRINGE Workshop 2009, Fringe, Frascati, Italy, 30 November–4 December
2009; pp. 1–5.

57. Wei, M.; Sandwell, D. Decorrelation of L-band and C-band interferometry over vegetated areas in California. IEEE Trans. Geosci.
Remote Sens. 2010, 48, 2942–2952.

58. Palano, M.; Pezzo, G.; Serpelloni, E.; Devoti, R.; D’Agostino, N.; Gandolfi, S.; Sparacino, F.; Anderlini, L.; Poluzzi, L.; Tavasci, L.;
et al. Geopositioning time series from offshore platforms in the Adriatic Sea. Sci. Data 2020, 7, 373. [CrossRef] [PubMed]

59. Zhu, C.; Huang, Y.; Zhan, L. SPH-based simulation of flow process of a landslide at Hongao landfill in China. Nat. Hazards 2018,
93, 1113–1126. [CrossRef]

60. Zhu, C.; Huang, Y. Numerical simulation of earthquake-induced landslide run-out. Jpn. Geotech. Soc. Spec. Publ. 2016, 2, 938–941.
[CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.3390/s20020338
https://doi.org/10.20944/preprints202012.0382.v1
https://doi.org/10.3390/rs11030241
https://doi.org/10.1109/36.175330
https://doi.org/10.1002/2016JD025753
https://doi.org/10.1029/2017JB015305
https://doi.org/10.1016/j.rse.2017.10.038
https://doi.org/10.1109/TGRS.2014.2333814
https://doi.org/10.1029/96JE01459
https://doi.org/10.1038/s41597-020-00705-w
https://www.ncbi.nlm.nih.gov/pubmed/33149127
https://doi.org/10.1007/s11069-018-3342-8
https://doi.org/10.3208/jgssp.CHN-12

	Introduction 
	Study Area 
	Data Processing 
	Results 
	Discussion 
	Conclusions 
	References

