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Abstract: Coastal erosion occurs due to different processes involving physical and ecological systems.
One of these factors is the degree of water stress experienced by dune vegetation. While healthy dune
vegetation can help to stabilize the dune systems, water-stressed vegetation can instead enhance
dune erosion. In this study, remote sensing techniques were used to monitor the water stress affecting
the dune vegetation in dune systems along the alluvial plain of the Chiatona coast (Apulia, Southern
Italy) located on the Ionian Arc. Multispectral satellite data from Landsat 8/9 and Sentinel-2 were
used to assess the water stress at different spatial scales over a 4-year monitoring period from 2019 to
2023. The normalized difference vegetation index (NDVI) and the normalized difference moisture
index (NDMI) were used to identify dune surfaces that were experiencing water stress. Furthermore,
a terrestrial laser scanner and LiDAR data were acquired at different temporal ranges in areas affected
by water stress to highlight coastal changes in areas associated with unhealthy dune vegetation. A
large drop in NDVI values was observed in May 2020 due to the occurrence of coastal fires in some
parts of the Chiatona coast. Geoelectrical surveys were conducted to investigate if coastal fires were
capable of saline groundwater contamination, potentially enhancing dune erosion in these areas.
The joint analysis of remote sensing, topographical, and geoelectric data showed that water stress
reduced the amount of healthy dune vegetation, triggering dune deflation processes that resulted in
increased coastal erosion rates, while also leading to the saline contamination of groundwater.

Keywords: water stress; vegetation; foredune; multispectral images; coastal erosion; groundwater
saline contamination

1. Introduction

Coastal environments are important and complex ecosystems that require modern
monitoring techniques for the development of reliable intervention strategies. Remote
sensing technologies allow for the collection of large amounts of data at high temporal and
spatial frequencies, which are useful for the detection and monitoring of the vegetation
cover of coastal dunes [1,2]. The spectral signature of healthy, green vegetation exhibits
a “peak-and-valley” curve that is exclusively related to the chlorophyll absorption band
centered at wavelengths of approximately 450 and 670 nm [3,4]. The reflectance of healthy
vegetation increases in the near-infrared portion of the electromagnetic spectrum at a
spectral range of approximately 680-750 nm, depending on the species and environmental
conditions [5]. In particular, chlorophyll production may decrease or even cease if the
vegetation is stressed. Optical satellite data are frequently used for the analysis of vegeta-
tional cover and long-term changes in vegetation indices, such as the normalized difference
vegetation index (NDVI) [6,7]. The NDVI is the most common method for evaluating the
health of vegetation in coastal habitats [8] and provides the necessary phenological profiles
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used for the identification of the different types of vegetation [1]. NDVI time series data
has been frequently used to monitor the productivity of seasonal vegetation, providing
information that allows researchers to estimate the seasonal and inter-annual responses
recorded by vegetation on coastal dune ecosystems [9]. Most studies reporting on the
linear relation between rainfall events and NDVI have been carried out in arid or semi-arid
areas [10,11]. Furthermore, an NDVI-based study carried out in Poland [12] confirms the
suitability of NDVI in areas with sufficient water supplies. Relationships between NDVI
and hydrological values have also been used to evaluate the response of forest ecosystems
to changes in groundwater [13] as well as to evaluate groundwater runoff in wetland
ecosystems to model environmental degradation [14]. NDVI has also been highlighted as
a promising method for identifying groundwater-dependent vegetation [15], and there is
an established relationship between NDVI and climate, surface water, and groundwater
levels [7].

This study utilized a multidisciplinary approach comprising remote sensing and
morpho-topographic and geophysical surveys to characterize water stress along the coastal
dunes of the Chiatona coast (Apulia, Southern Italy). The aim of this study is to highlight the
physical processes that could enhance coastal erosion. Remote sensing technologies, such
as multispectral satellite images, integrated with morpho-topographic and geophysical
data could represent a useful tool to automatically map coastal areas subjected to erosion
processes and water stress. Evidence was collected directly from the study area, where, in
recent years, both the shrubs and herbaceous vegetation of the foredunes and the arboreal
vegetation of the secondary dunes have been observed to be suffering from a lack of water.
To map the areas affected by water stress, we used multispectral satellite images across a
4-year time window (2019-2023) to analyze the study area in both the visible and infrared
spectral ranges using optical satellite images. The analysis of multispectral optical satellite
images allowed for the estimation of normalized vegetation indices, including the NDVI
and the normalized difference moisture index (NDMI), which are particularly useful for
characterizing the status of vegetative health with respect to water stress. Coastal changes
were highlighted by conducting morpho-topographic surveys using terrestrial laser scanner
(TLS) systems [16-20] as well as the analysis of LIDAR data [21-24] across different time
periods. Geoelectrical surveys were also used to show the influence of groundwater flow
on the root systems of the dune vegetation and were eventually used to highlight seawater
intrusions in the study area. A drop in the NDVI observed in the study area was due to a
coastal fire that occurred in the same period, resulting in a water deficit that affected the
health of the dune vegetation. The NDMI was used to map the areas affected by the water
deficit. At present, the dune vegetation is experiencing a slow natural recovery; however,
dune erosion processes can still be observed in the present day.

2. Study Area: Chiatona Coastline, Apulia, Southern Italy

This study area is located in the southwestern sector of the Apulia region (southern
Italy), about 1.2 km east of the Chiatona settlement, a seaside district of the municipality of
Palagiano (TA), located on the coastal plain of the Gulf of Taranto (Figure 1).

The sediment cover on the coastal plain is the result of a long sedimentary accumula-
tion and progradation process that began about 7000 years BP [25,26]. The sediments are
primarily derived from siliciclastic deposits carried by the main Lucanian rivers (Bradano,
Basento, Agri, Cavone, and Sinni). These siliciclastic sediments are redistributed by littoral
drift trending SSW to NNE for the entire coastal stretch of the plain [27-29]. The small
watercourses (Lato, Lenne, Patemisco, and Tara) that cross the sandy coast close to Pala-
gianello and the surrounding towns do not have sufficient extension and flow rates to
supply beaches [26]. There are different orders of dune ridges present along the mobile
coastal system, with some extending more than 1 km inland and reaching elevations be-
tween 8 m and 17 m above sea level; these dunes are primarily stabilized by the presence of
macchia mediterranea vegetation [28,30]. The beaches continued to accrete until the mid-20th
century; later, however, they were subjected to erosion driven by a negative sediment
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balance due to the construction of dams and water collection facilities as well as the con-
struction of tourist resorts, which led to the leveling of the foredunes [29,31]. It is clear
that the erosive influence of coastal dynamics was amplified by anthropogenic influences,
especially in the area of Chiatona and Castellaneta Marina. The current morphology of
the coastal area is thus the consequence of intense anthropogenic modification [32] as well
as wave-driven erosional phenomena, resulting in the retreat of the dune body due to the
weakening of the foot of the dune, which can lead to blowouts; consequently, more and
more secondary and tertiary dunes are affected by erosional processes [33-35].
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Figure 1. The study area is located on the coastal plain of the Gulf of Taranto. (a) Orthophoto of the
coastal plain as acquired from Google Satellite images taken in 2023. (b) Evidence of dune erosion
on the sandy coast of Pino di Lenne. (c) Dry vegetation in the Chiatona coastal area. (d) Foredune
erosion and naturally open areas on Lido Azzurro.

Additional vegetation analysis allowed for the identification of the different types of
vegetation present in the area. The significant environmental diversity observed in the
study area is mainly a result of the geomorphological and microclimatic characteristics of
the gravine formed by the erosional furrows. The current vegetation is of biogeographic
interest because the Mediterranean-Eastern (Balkan) floristic component is associated with
a moderate Western component [36]. The vegetation of the embryonic dunes is primarily
represented by an agro-prairie ecosystem, composed of vegetation dominated by beach
crabgrass (Agropyron junceumy), a perennial plant that uses its high stoloniferous capacity
to spread and avoid burial. A. junceum exhibits root lengths that range between 10.5 cm
and 16.5 cm and heights ranging from 100.7 cm to 102.4 cm [37]. The pioneer plants
are followed by massive vegetation colonization; here, sand begins to accumulate due to
the cohesion provided by the stems of plants, with small deposits of embryonic dunes
reaching elevations that are a few centimeters high. The development of the foredune
occurs simultaneously with the appearance of European beachgrass (Ammophila littoralis),
a perennial psammophilous grass with erect culms up to 1.5 m tall. These plants exhibit
dense leaves that form thick and tall tufts; this is unlike A. junceum, which is characterized
by isolated culms and well-spaced leaves. A. littoralis grows on dunes far above the
water table, with most possessing roots that extend to about 1 m in depth; in some cases,
however, the roots of this plant can be found at depths of 2 m and even up to 5 m [38].
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The secondary and tertiary dunes are mainly covered by Pinus halepensis. Root length
of Pinus halepensis ranges between 8 m and 5 m [39]. In the Chiatona area the saline
groundwater contamination can influence the concentration of nitrogen, useful for root and
shoot growth [39].

3. Materials and Methods

Analysis on the dune vegetation was followed after considering the areas affected
by water stress detected through satellite data and an in-situ survey (Figure 2). The
areas greatly affected by water stress have been surveyed through morpho-topographic
techniques, using Terrestrial Laser Scanner and LiDAR data. The morpho-topographic and
geophysical data allowed us to assess the coastal changes that occurred from 2009 to 2023
and to determine the entity of the sediment loss in the foredune area.

Detection of

§ : ' - areas affected by

water stress
Satellite data
Assessment of

VegetationIndexesin a
targetarea

Morphotographic data Geophysical data

Coastal changes and
dune erosion

Figure 2. Flowchart of the work process followed to assess the coastal changes and dune erosion in

the areas affected by water stress.

3.1. Satellite Data

The spectral data collected by satellite sensors provide a significant amount of infor-
mation about the physical features of the landscape. The two main datasets used in this
work were acquired from Landsat 8/9 and Sentinel-2.

These satellites are equipped with both optical and thermal sensors. The Operational
Land Imager optical sensor (OLL; Ball Aerospace & Technologies Corporation, Broomfield,
CO, USA) produces images across a total of nine spectral bands that encompass the visible,
near-infrared, and microwave ranges, with a spectral resolution ranging from 443 nm to
2200.5 nm. In contrast, the Thermal Infrared Sensor (TIRS; NASA Goddard Space Flight
Center) consists of two thermal bands that record ground surface temperatures, with a
spectral resolution ranging from 10,895 nm to 12,005 nm. The Landsat 8/9 Level 1 missions
provide panchromatic images at a 15-m spatial resolution and multispectral images at a
30-m spatial resolution along a 185 km swath, while the thermal bands provide 100 m
resolution images at an acquisition frequency of 16 days.

The Sentinel-2 mission is a constellation of two polar-orbiting satellites, Sentinel-2A
and Sentinel-2B, placed along the same sun-synchronous orbit with a phase offset of 180°.
The optical sensors on these satellites were built by Astrium SAS (Paris, France) and have
13 spectral bands: four bands at a 10 m spatial resolution (with a spectral resolution ranging
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from 490 nm to 842 nm), six bands at a 20 m spatial resolution (with a spectral resolution
ranging from 705 nm to 2190 nm), and three bands at a 60 m spatial resolution (with a
spectral resolution ranging from 443 nm to 1375 nm). The orbital swath is 290 km with an
acquisition frequency of 5 days.

The temporal ranges of the different satellite images are reported in Table S1. Cloud-
free scenes were selected to minimize uncertainties due to heterogeneous atmospheric
conditions; radiometric calibration and atmospheric correction were also applied [40].

The spectral contents of the datasets were analyzed to highlight the typical spectral
signature of chlorophyll absorption. The spectral signatures of dune vegetation were
extracted using semi-automatic classification algorithms in QGIS, a geospatial analysis
software [41]. The spectral separability of signatures was assessed in the primary, secondary,
and tertiary dunes in 500 m? squares.

Application of the Normalized Difference Vegetation Index (NDVI) in ecological
studies has enabled the quantification and mapping of green vegetation and estimating
the health vegetation status. NDVI is based on differences in reflectance in the red bands
of visible spectra (due to vegetation pigment absorption) and maximum reflectance in the
near infrared (NIR) bands (caused by cellular structure) [13,42]. In order to assess the soil
moisture connected to the health vegetation status, the Normalized Difference Moisture
Index was used. The NDMI is based on NIR and SWIR bands to display moisture. The
SWIR band reflects changes in both the vegetation water content and the spongy mesophyll
structure in vegetation canopies, while the NIR reflectance is affected by leaf internal
structure and leaf dry matter content but not by water content [43-45].

The NDVI was calculated from satellite images without cloud cover to assess the
health of the dune vegetation (Appendix A). The NDVI analysis allowed us to map the
areas of the dune ridges that were influenced by water stress as well as extract time series
data on the health of the vegetation. The NDMI was calculated from Sentinel 2 images to
assess the water content of the vegetation (Appendix B).

3.2. Morpho-Topographic Data

Ground-based TLS and Airborne Laser Scanner (ALS) systems were used to obtain
morpho-topographic data on the areas affected by water stress. ALS data were acquired for
the inland areas from the former Italian Environmental Ministry (Ministero dell’ Ambiente)
between 2008 and 2009; these data had a vertical accuracy of 0.15 m and spatial resolution
of 4 points/m? over inland areas and were georeferenced in the WGS84/UTM zone 33N
coordinate reference system. The TLS surveys were performed in 2022 and 2023 using a
Faro Focus X130 TLS and covered the littoral area of the emerged beach, ranging from the
foreshore to the tertiary dunes. An outside acquisition setting was configured with a reso-
lution of 28.9 x 10° points, an accuracy of 2 mm, an acquisition speed of 976,000 points/s,
and a point distance of 3.068 mm /10 m.

The TLS point cloud was georeferenced using the GPS-Real Time Kinematic mode of
the ITALPOS GNSS stations [46,47]. TLS data were filtered to remove vegetation and were
interpolated using a natural neighbor algorithm to obtain digital terrain models (DTMs)
that were representative of the coastal changes over time, with a cell width of 1 m. The main
geomorphological features (e.g., shorelines, dune scarps, and dune ridges) were mapped
and exported to a GIS environment. Furthermore, a difference of the DTMs was performed
through a raster calculator in order to highlight the areas that experienced variations in the
landforms and sediment loss.

3.3. Geoelectrical Surveys

The electrical resistivity tomography (ERT) methodology allows for the reconstruction
of the distribution of electrical resistivity in the subsoil. Resistivity values depend on
several factors, such as the porosity, the degree of saturation of the rocks, the nature of the
fluids, and the mineralogy of the media being assessed. Consequently, ERT surveys are
capable of acquiring key information in scenarios where significant resistivity contrasts are
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expected. They have been particularly successful in the detection of karst-related cavities
and in the characterization of hydrogeological settings in coastal environments [48-51].

To investigate the subsoil in the study area, a single land-marine survey was conducted
using a Syscal Pro 48 ch. (IRIS instruments, Orléans, France) connected to a 24-channel
multielectrode land cable and a 13-channel multielectrode marine cable with an electrode
spacing of 5 m. The total length of the surveys was 185 m (land: 115 m; marine: 70 m).
The electrical connection between cables and ground was established through the use of
integrated stainless steel and graphite electrodes on the land and marine cables, respectively.
Where necessary, the contact resistance of the land cables was lowered through the use of
salty water. Different electrode configurations were adopted to highlight the resistivity
distribution patterns within the subsoil [52].

Specifically, data were acquired using the following configurations:

1. The Wenner-Schlumberger (WS) configuration due to its high signal-to-noise ratio as
well as its moderate to high sensitivity to variations in vertical resistivity;

2. The dipole—dipole (DD) configuration (both in direct and reverse mode) due to its
high sensitivity to lateral resistivity variations as well as to avoid experimental errors
during the inversion procedure;

3. Multi gradient (GR) configuration due to its high spatial coverage in the shallower
portions of the subsoil.

Topographical information was also included in the datasets; these were inverted
using the RES2DINV program (Geotomo Software ver. 3.71.118; Loke and Barker, [53]).
Resistivity models were produced by following the methods described by [53]; they were
obtained using an L2-norm inversion while directly inverting the apparent resistivity values
that better converged. Water column characteristics were also included in the inversion
procedure by adding a stratum of 0.3 () -m of resistivity (mean resistivity of the seawater
in general conditions) to the marine section of the ERT survey with a vertical extension
calculated from the topographic information.

4. Results
4.1. Spectral Signature and Water Stress

The analysis of the spectral signature of dune vegetation revealed the presence of
the characteristic “peak-and-valley” curve before the occurrence of coastal fires in the
Chiatona area on 26 and 27 May 2020 (Figure 3a,b). Following the occurrence of these
coastal fires, an area of water stress was observed, extending from the foredune to the
tertiary dunes; this resulted in a drastic change in the typical spectral signature of dune
vegetation, with a significant reflectance loss in the red and NIR bands (Figure 3c). The
health of the vegetation appeared to be recovering slowly over the past year, evidenced by
the restoration of the spectral signature associated with dune vegetation (Figure 3d).

Coastal fires occurred due to the aridity of the dune vegetation in some areas of the
sandy Chiatona coast. An analysis of the NDVI values of these areas revealed seasonal
variations from 2019 to May 2020 (Figure 4a,b), with values ranging between 0.4 and
0.8, which are consistent with chlorophyll absorption associated with healthy vegetation.
Between May and June 2020, there was a significant drop in NDVI to values lower than
0.2 (Figure 4c). This drop was detected in the Landsat 8/9 images between 22 May 2020
and 7 June 2020 and in the Sentinel-2 images between 24 May 2020 and 13 June 2020. The
coastal fires affected a surface area of approximately 300,750 m?; these fires caused the
vegetation in the region, primarily composed of Pinus spp., A. junceum, and A. littoralis, to
be subjected to significant amounts of water stress (Figure 4). NDMI values lower than
—0.25 were recorded during this time; these values usually represent areas with low canopy
cover with high water stress or very low canopy cover with low water stress (Appendix B).
It should be noted that the NDVI time series data revealed a positive trend that could be
associated with an improvement in the health of the dune vegetation.
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Figure 3. The spectral signatures of the dune vegetation in the study area: (a) sampling points used
to assess the spectral signature of the dune vegetation; (b) spectral signature of the dune vegetation
before the occurrence of coastal fires; (c) spectral signature of the dune vegetation after the occurrence
of coastal fires; (d) restoration of vegetative health as highlighted by the changes in the spectral
signature of the dune vegetation.
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Figure 4. Map of NDVI values as calculated from Sentinel-2 images along the Chiatona coast:
(a) NDVI map extracted before the coastal fire; (b) NDVI map after the coastal fires; (c) NDVI values
over time. There is a clear drop in NDVI values associated with the coastal fire event.
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4.2. Coastal Changes and Dune Erosion

The analysis of the morpho-topographic data revealed that dune erosion generally in-
creased between 2020 and 2023. LiDAR data from 2009 revealed lower foredune elevations
(Figure 5) compared to data from 2020, highlighting the general accretion experienced by
the coastal system. However, TLS data acquired from 2022 to 2023 highlighted the extent
of erosional processes on the foredunes at a present rate of —0.38 £ 0.1 m/year. DTMs
were comparatively analyzed to calculate the sediment loss as a function of dune erosion.
The loss in sediment resulted in the migration of the foredune scarp at a rate of 9 m3/year
(Figure 6).
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Figure 5. Dune erosion as identified using TLS and LiDAR data: (a) dune scarps mapped along the
Chiatona coast; (b) change in topographic profiles of the foredunes over time.
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Figure 6. Coastal and dune erosion as highlighted by the difference in DTMs from 2022 and 2023.
The red pixels in the raster image highlight the areas most affected by the loss of sediment.
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Data from the ERT surveys revealed resistivity values that were consistent with
the lithology of the study area as well as saltwater intrusion in the dune systems. The
overall quality of the collected data was good, and no particular filtering procedures
were adopted except for the removal of a few data points with negative resistivity values.
The inversion of the geoelectrical data, which were acquired through the use of different
electrode configurations (WS, DD, and GR), produced similar models. This was consistent
with the rather simple geological setting of the study area, where resistivity variations are
primarily due to the different degrees of saturation in the sediments. Figure 7a,b present
the resistivity model obtained from the WS configuration and one possible interpretation
of the model involving saltwater intrusion, respectively. This interpretation assumes that
dry sands are characterized by high resistivities due to their high air content, while the
resistivity of the saturated sands is strongly dependent on the nature of the pore-filling
fluids. Consequently, more conductive areas are associated with seawater-saturated sands,
while other parts of the model, which exhibit intermediate resistivity values, could represent
areas saturated by fresh or brackish waters.
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Figure 7. ERT profile: (a) the trace of the ERT survey; (b) the ERT model obtained from the inversion
of the WS dataset (final r.m.s. = 7.8%); (c) a possible simplified interpretation of the ERT model in
terms of saltwater intrusion.

The upper limit of saline wedge intrusion does not affect the roots of the dune vegeta-
tion (Figure 7).

5. Discussion

Dune vegetation water stress is a major factor that drives the destabilization of dune
bodies, resulting in enhanced erosional processes [54,55]. Morpho-topographic data and
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in situ observations of the Chiatona coast revealed that portions of the foredunes were
affected by deflation processes and sometimes even exhibited dune levelling (Figure 8) [26].
The deflation and erosional processes appeared to be enhanced in areas where the health
of the dune vegetation was poor. Furthermore, the water stress experienced by the dune
vegetation decreases the mechanical strength of the non-cohesive sediments [56]. Geotech-
nical tests have shown that vegetated dune systems are better at counteracting erosional
processes driven by wave and surge impacts compared to dunes without vegetation [56].

% Pinus

\i Ammophila

Deflation
basin

v Agropyron

Dried Pinus
W Dried Ammophila

Dried Agropyron

Figure 8. A diagram describing the erosional features on the sandy coast of the Ionian Arc. Erosional
processes are primarily expressed in the form of deflation basins and erosion on the dunes affected
by water stress and dry vegetation.

The relationship between the resilience of dunes and vegetation can be expressed
in two main interactions: above-ground and below-ground interactions. Above-ground
interactions involve the relationship between wave energy and surge impacts and plant
height, flexibility, and the extent of the vegetated area [57,58]. Below-ground interactions
involve the contribution of root density, depth, and size as well as mycorrhizal colonization
to the mechanical strength of the dunes [56,59,60]. In this study area, Pinus halepensis and
A. littoralis are the main species that contribute to the stabilization of the dune due to the
below-ground interactions associated with their root system. In contrast, A. littoralis and A.
junceum contribute to above-ground interactions by increasing the hydrodynamic drag and
decreasing the energy imparted by wave impacts (Figure 9). Consequently, the poor health
of dune vegetation decreases the ability of these vegetated dune systems to counteract the
impact of storm events.

NDVI and NDMI analyses revealed that dune vegetation showed a slow recovery
after the coastal fire occurred on 26 May 2020. However, LIDAR and TLS data revealed the
presence of significant amounts of ongoing coastal erosion, with a shoreline erosion rate of
—0.36 £ 0.18 m/year [26], consistent with the erosion rates observed on the primary dune
scarp. The apparent contradiction between the rapid erosion rate and the slow restoration
of dune vegetation is due to the different elastic responses of mobile coastal systems, which
describes the resilience response of the dune system [61].

Multispectral satellite images were found to be better at describing the extent of vege-
tation compared to an orthomosaic RGB image (Figure 10). The red and NIR spectral bands
of the Sentinel-2 and Landsat 8/9 data were much better at highlighting the distribution of
vegetation characterized by low chlorophyll absorption (Figure 10b).
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Figure 9. Coastal erosion and water stress in a vegetated dune system: (a) a steady-state mobile
coastal system with low hydrodynamism; (b) dune erosion due to storm events and the limited
contribution of dry vegetation to the shear strength of the dunes (red rectangles are referred to the
areas affected by water stress on the vegetation); (c) dry vegetation on the tertiary and secondary
dunes in Chiatona; (d) erosion of the primary dune scarp in Palagiano. Clear evidence of dry
vegetation can also be observed.
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Figure 10. A comparison between an RGB orthomosaic and Landsat 8: (a) an orthomosaic image
taken on June 2022; (b) Landsat 8 image taken on June 2022 with RGB channels highlighting the
difference in spectral bands for the areas affected by coastal fires.

Multispectral images are widely used in vegetation-monitoring applications, especially
in coastal environments [6,62]. Satellite images provide reliable records of the NDVI values
of coastal vegetation due to their characteristic spectral signature [7]. Many studies have
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attempted to identify a correlation between the NDVI values of the dune vegetation and the
height of the groundwater table [14,55,63], while other studies have attempted to integrate
geophysical methods to correlate the height of the groundwater table with the health of
the dune vegetation [64-67]. Many studies have also used satellite data to identify the
different types of vegetation present in coastal dune systems through an analysis of NDVI
and multispectral satellite imagery [22,68,69]. The height of the groundwater table is an
important aspect that strongly influences vegetative health [9,15,70-72]. Many coastal
management authorities are currently considering the use of dune vegetation as an eco-
sustainable means of protecting coastlines against erosional processes triggered by climate
change [55,73-77].

6. Conclusions

Mobile coastal systems are greatly affected by changes in climate. Among the many
consequences of climate change, deficits in sediment balances are reflected in the erosion of
coastal dunes. Dune vegetation can stabilize these dune systems, offsetting some of the
effects of negative sedimentary balances. This study analyzed the extent of water stress
in the dune systems of Chiatona (Apulia, Southern Italy). The main results obtained are
the following:

- NDVI and NDMI analyses of multispectral satellite images revealed that the total
surface area affected by water stress was approximately 300,750 m?. This water stress
was primarily due to a coastal fire event that occurred on 26 May 2020.

- Morpho-topographic and geoelectrical surveys were used to provide insights into the
coastal dynamics of this stretch of coastline, as well as examine the response of the
coastline to water stress, showing a rate of foredune erosion equal to —0.38 & 0.1 m/year.

Furthermore, the following phenomena were observed:

- Coastal dune accretion occurred along the Chiatona coast from 2009 to 2020.

- On 26 May 2020—14:18 h UTC, coastal fires occurred on the Chiatona and Palagiano coasts.

- From June 2020 to February 2023, the Chiatona coast was subjected to significant
erosional processes, primarily expressed by the retreat of the foredune scarp.

The multidisciplinary approach described in this work allowed us to assess the specific
responses of this mobile coastal system in terms of its coastal resilience. In particular, the
NDVI and NDMI analyses revealed that the health of the dune vegetation has been slowly
recovering following the coastal fire event. However, this restoration has not been able
to sufficiently stabilize the dune system, which is still subject to significant erosion. The
remote sensing techniques described in this study can also be applied to coastal dune
management to highlight the areas affected by water stress due to coastal fires.

Supplementary Materials: The following supporting information can be downloaded at: https://
www.mdpi.com/article/10.3390/rs15184415/s1, Table S1: Dataset of multispectral images used for
the assessment of water stress.
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Appendix A

Some studies have used the normalized difference vegetation index (NDVI) as an
indicator for vegetative health [78-80] (Caturegli et al., 2015; 2016; Volterrani et al., 2017).
The NDVI is the ratio between the difference and the sum of reflected near-infrared and
visible red radiation and describes the vigor of the vegetation being analyzed. The NDVI
index was applied to multispectral satellite images using the following equation:

Rnir — RRED
NDVI] = ——— Al
Rnir + RreD (A1)
where Ryjr represents the reflectance value in the near-infrared (NIR) band and Rgrp
represents the reflectance value in the visible red band. The NDVI was calculated using the
NIR and visible red bands from Landsat 8 and Sentinel-2 images in QGIS. Different NDVI
values represent different degrees of vegetative vigor (Table A1).

Table Al. The relationship between NDVI values and the vigor of the vegetation.

NDVI Type of Vegetation Vigor

<0.1 Bare ground or clouds

0.1-0.2 Almost no plant cover

0.2-0.3 Very low plant cover

0.3-0.4 Low canopy cover with low vigor or very low canopy cover with high vigor

0.4-0.5 Medium-low canopy cover with low vigor or very low canopy cover with high vigor

0.5-0.6 Medium canopy cover with low vigor or medium-low canopy cover with high vigor

0.6-0.7 Medium-high canopy cover with low vigor or medium canopy cover with high vigor

0.7-0.8 High plant cover with high vigor

0.8-0.9 Very high canopy cover with very high vigor

0.9-1.0 Total vegetative cover with very high vigor

Appendix B
The Normalized Difference Moisture Index (NDMI) [81] was used to evaluate the water

stress experienced by the vegetation. The NDMI is the ratio between the difference and the
sum of the reflected radiations in the NIR and in the short-wave infrared (SWIR) spectra:

NDMI — Rnir — Rswir (A2)
Rnir + Rswir

where Ryr represents the reflectance value in the NIR band and Rgwr represents the
reflectance value in the SWIR band. The NDMI was calculated using the NIR and SWIR
bands from Landsat 8 and Sentinel-2 images in QGIS. NDMI values are representative of
the degree of water stress and the type of vegetation (Table A2).
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Table A2. The relationship between NDMI values and the degree of water stress and the type

of vegetation.

NDMI Type of Water Stress

—-1--0.8 Bare ground

—0.8-—0.6 Almost no plant cover

—0.6-—0.4 Very low plant cover

L 04-—02 Low canopy cover with high water stress or very low canopy cover with low
’ ’ water stress

—02-0 Medium-low canopy cover with high water stress or low canopy cover with low
’ water stress

0-0.2 Medium canopy cover with high water stress or medium-low canopy cover with
’ low water stress

0.2-0.4 Medium-high canopy cover with high water stress or medium canopy cover

- with low water stress

0.4-0.6 High plant cover and no water stress

0.6-0.8 Very high plant cover and no water stress

0.8-1.0 Total plant cover and no water stress or stagnant water or clouds
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