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Abstract: Aerosol lidars play a vital role in the investigations of atmospheric pollution formation and
meteorological processes. The intensity of lidar return signals in the near range changes much faster
compared with the one in the far range, so extremely wide dynamic outputs from the photomultiplier
tube (PMT) are needed to avoid saturation in the near range. Usually, to obtain the wide dynamic
range, simultaneously, a transient digitizer (Licel) is applied to provide an analog detection chain for
strong signals and a photon counting (PC) detection chain for weak signals. However, the near-range
signals are still often saturated due to the very high aerosol loading. In this paper, we proposed to
use a new PMT module with eight orders of magnitude for a low blind zone lidar, which can achieve
both analog and PC separately. A comprehensive evaluation of this potential PMT, which could
perform better in near-range detection, compared with the ordinary PMT was tested, but similar
features are maintained in the far-range. The photon count rate and signal-to-noise ratio were tested
for both the new PMT module and the ordinary PMT module. The results showed that the new PMT
module is useful to extend the dynamic range of lidar detection.

Keywords: aerosol lidar; wide dynamic; new PMT application

1. Introduction

Aerosols can be raised up from the surface to the planetary boundary layer and free
troposphere due to convection or turbulent flow within the planetary boundary layer.
Such vertical transport mechanisms play a vital role in regional or global climate changes
and meteorological processes, and in the meantime the near-surface aerosol can affect
human life and health directly. Aerosol lidars are important tools to investigate the detailed
transportation mechanisms of aerosols by providing high temporal and vertical spatial
resolution profiles, such as aerosol backscatter coefficient, extinction coefficient, and other
intensive optical properties [1–3]. However, lidar techniques suffered from the large
dynamic range of the signals from near-surface to far-range [4], for instance, a six orders
of magnitude decrease from 0–1 km and two orders of magnitude decrease from 1–10 km;
so that the complete and effective aerosol profiles from near surface to free troposphere is
very difficult to observe. The detectable dynamic range of the signals mainly depends on
photomultiplier tubes (PMT), which are commonly used in the lidar system as a detector,
and the dynamic range of the employed digitizers, but usually the dynamic range of the
digitizer is satisfied for the lidar application [5,6]. The PMTs in a lidar system can be worked
in two modes: one is the analog mode, and the other one is the photon counting (PC) mode
[7]. Usually in the aerosol lidar systems (Mie–Rayleigh, polarization, and even N2 Raman
lidar systems), the analog mode is used for the strong backscattered lidar return signal in
the lower atmosphere due to its large up limit for the higher intensity light. But it decreases
as the square of the range, thus the PC mode becomes useful for the detection of far-range
backscattered lidar return signals due to its higher precision and better signal-to-noise-ratio
(SNR) for the weaker intensity light. The analog data and PC data can be merged to extend
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the dynamic range of the lidar signals so that a large detectable range of lidar measurement
is obtained [8,9].

Most lidar systems employ the customized data acquisition system (Licel transient
recorder (Licel GmbH, Germany , https://licel.com/, (accessed on 23 June 2023)) to output
analog data and PC data simultaneously [6,10–12]. The dynamic range of the merged
data was calculated to be about six orders of magnitude [13]. However, Mie–Rayleigh
backscattering of atmospheric molecular and aerosol together contributes over eight orders
of magnitude variation range from near ground to the top of the troposphere in theory
according to the calculation based on the U.S. Standard Atmosphere Model [14], therefore
the demand of atmospheric observation within the troposphere covering from the surface
to the top of the troposphere cannot be satisfied, especially in a high aerosol loading situa-
tion [15,16]. In order to meet the large dynamic requirement of atmospheric observation,
several methods have already been attempted and discussed [17–19], which are to com-
press the dynamic range of the lidar signal to fit the PMTs. In this way, the saturation of
near-range lidar return can be avoided, but the additional optics or electronic components
could effect the accuracy of the lidar signals. The other approach is to use a self-developed
dual-output photoelectric detection module to output analog and PC lidar signals simul-
taneously [20], which not only provides a more flexible and more cost-effective solution
than the Licel transient recorder but also has the potential to obtain a larger dynamic range
than other methods. Although only a simulated lidar signal was applied in this test, it still
suffers from signal noise and linearity issues.

In this study, we present an approach of newly customized wide dynamic range
PMT module (H13126-02) from Hamamatsu (Hamamatsu Photonics K.K., Janpan,
https://www.hamamatsu.com.cn, (accessed on 1 October 2022)) in the application of
aerosol lidar measurements, which aims to provide a solution for extending the dynamic
range of the lidar signals using the simultaneous output of analog and PC signals from
one PMT module directly. First, the linearity of newly PMT’s response was tested. Second,
the performance of the lidar signal with newly PMT module was evaluated, including the
evaluation of lidar signal-to-noise ratio and the signal dynamic range. Finally, a comparison
was made between the application of ordinary PMT and the new PMT module.

2. Experimental Design and Methods
2.1. Experimental Design

The new wide dynamic PMT module (WDPM) is used in an aerosol lidar system,
which is from Hamamatsu photonics. The WDPM is divided into three channels, which
are high dynamic range analog, low dynamic range analog and PC channels (Figure 1).
In order to measure the performance of the dual-output photoelectric detection modes, a
testing lidar system was developed. In the meanwhile, an ordinary PMT (H7421), which
was commonly used for aerosol lidar at 532 nm, was used for comparison with the WDPM
detector. This system consists of a laser at 532.2 nm, a telescope with a diameter of 150 mm,
an alterable detector, and the data acquisition systems (PC and analog). The small F-
number telescope with optimal diameter is specially made in order to obtain a very low
blind zone [21]. With a coaxial design, the incomplete overlap range of the lidar system is
as small as 100 m. The main system components are listed in Table 1. A schematic view of
the lidar system, which is set up at Wuhan University, is shown in Figure 2. In this design,
the detector is a replaceable unit. When the ordinary PMT is mounted, only a single PC
channel of ALA CLASS is employed. When the WDPM is mounted, all analog and PC
channels are employed.

https://licel.com/
https://www.hamamatsu.com.cn
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Figure 1. Schematic diagram of the lidar data detection module with the simultaneous two analog
and a photon-counting outputs. HV is a high voltage; AMP is an amplifier.

Table 1. Main components of the testing aerosol lidar.

Transmitter

Wavelength 532 nm

Frequency 2500 Hz

Energy 0.45 W

Divergence 0.045 mrad

Receiver

Cassegrain telescope Diameter 150 mm/Focal length 500 mm

Pin hole 0.5 mm

Focus lense Focal length 50 mm

Detectors Hamamatsu PMT H13126-01 or Hamamatsu PMT H7421

Data acquisition

ALA CLASS 1 × PC

Oscilloscope 2 × Analog Channels

Figure 2. Schematic diagram of the testing lidar system. The WDPM is a wide dynamic PMT module.

This experiment was carried out on the campus of Wuhan University (30.32◦N,
114.21◦E) on 29 December 2021 during the night time. In order to compare the performance
of ordinary PMT and WDPM, these two PMT modules were switched manually after every
2 min of data collection. There were 5 groups of 2 min data samplings obtained in the
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whole experiment for each of the two PMT modules. There is an about 10 min time interval
between the lidar data detected by two different PMT modules. Therefore, the time-series
signals cannot be compared between these two PMT modules because of the temporal
evolution of the atmosphere simultaneously. However, the weather was calm with a wind
speed less than 3 m/s and cloudless, thus the lidar signals are assumed to be comparable
within this 10 min gap.

2.2. Dynamic Range

Each raw lidar signal is averaged by 2 min of sampling, and the SNR is also evaluated
using the method described by [22]. For a raw lidar signal, the analog data correctly
depict the real lidar signal intensity in the near range, while the photon count data exactly
reflect the real lidar signal intensity at the far range. In order to combine the two types
of datasets, the voltage value from the analog signal needs to be converted into a photon
count rate. After subtraction of the background noise of two analog data, two voltage
values follow linear correlation, thus the low-range analog data are merged into high-range
analog data by multiplying a slope value. And also after the dead-time correction of PC
data, the voltage value and photon count rate types of datasets should have the following
relation [13]:

s =
C
V

, (1)

where C is the photon count rate, V the voltage value of the analog signal, and s is the
slope coefficient. Once the slope is obtained, a dataset of voltage value can be formed into
photon count rate at a lower range by multiplying the corresponding analog data by the
slope value. After gluing the lower range photon count rate data with the original photon
count rate data at higher range, a completely range-covered lidar signal profile is yielded,
and its dynamic range of the resulting data can be expressed as

D =
sVmax

Cmin
, (2)

where Vmax is the maximum voltage in the analog data; Cmin = 1/tm is the lower limits of
the linear range of the photon count rate; where t is the bin width of the photon count data,
and m is the number of accumulated laser pulses. Thus, it can be written as

D = sVmaxtm, (3)

The testing lidar system at Wuhan University utilizes the ALA CLASS as its data
acquisition system, with parameters t being 100 ns, resolution of being 12 bit, and Vmax
being 3 V. The number of accumulated pulses m is 300 k.

3. Results and Discussion

For two-minute data sampling, the backscattered lidar signals were collected by
the WDPM, which are divided into one PC channel and two analog channels (Figure 3).
Obviously, the PC signal is saturated below about 500 m in the near range. Although the
analog signal in the low dynamic range channel showed better performance in the near
range detection (below 200 m), it is still saturated to compare with the analog signal in the
high dynamic range channel. On the other hand, the signal-to-noise ratio is enhanced in the
order of PC, analog low and high dynamic channel, thus the combination of these signals
in three channels is needed in order to enhance the lidar detection ability in both near and
far range.
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Figure 3. Performance of a wide dynamic PMT module in a PC detection chain, and two analog
detection chains, respectively. The green curve indicates the range-corrected lidar signal from the
PC detection chain; the red curve indicates the range-corrected lidar signal from the high dynamic
analog (High A) detection chain; the blue curve indicates the range-corrected lidar signal from the
low dynamic analog (Low A) detection chain.

To glue the signals from three channels together, first analog data from the high-range
channel are scaled to fit into the analog data from the low-range channel, so that new
analog data are obtained by combining both analog chains. The new analog data are
again scaled to fit into the dead-time corrected PC data, thus a full-range of covered lidar
data is converted with a counting rate. The data dynamic range is calculated to be of
five orders of magnitude in the PC chain. Figure 4a shows an example of the lidar data
profile after the combination of three channels. After combining the two types of data
sets, the data dynamic range is about eight orders of magnitude, which is close to the
theoretically calculated result by substituting the parameters into Equation (3). Also, the
validated detection range covers 0.1 km up to over 10 km (Figure 4b) To compare with Licel,
WDPM integrate the amplifier circuits into a compact module directly, thus the dynamic
range depends on the detector itself. Licel is a commercial data acquisition system for lidar
applications, which provides one analog detection and one PC detection mode, thus the
dynamic range also depends on the employed PMT. WDPM is a detector with two analog
and one PC detection modes, thus an additional data acquisition system is still required for
such an application. However, the application of WDPM costs less than Licel application,
and it provides even larger dynamic range detection (eight orders of magnitude) than Licel
(six orders of magnitude, the theoretical calculation taken by [13]) in a short data-sampling
period (2 min) for reality application.

To show the performance of WDPM detection, two signals from WDPM and ordinary
PMT detections are selected for comparison, which took place at 21:12 and 21:22 CST on 29
December 2021, respectively (Figure 5). The range-corrected lidar signals could represent
the vertical distribution of aerosol and molecular concentration in the atmosphere. As the
results show in Figure 5a, two range-corrected lidar signals have a good agreement above
0.4 km (e.g., both observed the cloud peak at 5 km), although there is an about 10 min time
shift between two of these signals. In order to investigate the performance details in the
lower range detection, the near range results below 0.8 km are presented in Figure 5b.
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Figure 4. Dead-time corrected PC and converted analog data from two channels. (a) The gluing raw
data. (b) Range-corrected signal after gluing. The time averaging of the data is 2 min.

Figure 5. A comparison between WDPM and ordinary PMT lidar detection. The blue curve indicates
the range-corrected signal of WDPM detection; the red curve indicates the range-corrected signal
of ordinary PMT detection. the WDPM data were taken at 21:12 CST on 29 December 2021, and
the ordinary PMT data were taken at 21:22 CST in the same day. Each profile was averaged by
2 min of sampling, and its range resolution is 15 m. (a) The range-corrected signal of 20 km. (b) The
range-corrected signal of 0.8 km. The time averaging of the data is 2 min.

The range-corrected signal from WDPM could present the lowest aerosol loading
about at 0.1 km, which is almost the same with the designed incomplete overlap range
of the lidar system. Also, the signal is not saturated at the lowest complete overlap zone,
which means the WDPM can detect even higher aerosol loading in the near-surface region
as long as the system design supports a lower range of complete overlap. For comparison,
the range-corrected signal from ordinary PMT with a single PC detection chain is distorted
below about 0.4 km due to the dense aerosol loading in the lower atmosphere.

To evaluate the validated detectable range, the SNR of both signals was tested. Com-
monly, the lidar SNR bigger than three can be considered as an available signal to extract
the real atmospheric information, thus the threshold of three is selected as a criterion for
the signal availability. As the results show in Figure 6, both signals have almost the same
validated detectable range of about 10 km. Therefore, WDPM detection is good at the
near-range observation of aerosol loading, but for the far-range observation, it is as good as
ordinary PMT detection.

The counting rate signals recorded by two PMT modules between the lidar range of
0.5 km and 10 km are shown in Figure 7. By comparison, both Pearson correlation coefficient
(0.998) and coefficient of determination (0.996) indicate the high linear correlation between
data taken from WDPM and normal PMT in general. The nonlinear behavior in some parts
is probably caused by the atmospheric variation during the about 10 min time shift and the



Remote Sens. 2023, 15, 4404 7 of 9

slight difference in electronic characteristics between the two PMT modules. Therefore, it
indicates that the two PMT modules had almost the same counting rates in PC chains. It is
worth noting that the number of scatter points were decreasing with the increasing counting
rate. The reason is the aerosol loading is mainly distributed in the lower atmosphere (below
2 km) and varies largely, which responds to the higher counting rate; however, the molecule
concentration (distributed in 0.5–10 km) responds to the lower counting rate.

Figure 6. The sample datasets with Figure 5. The blue curve indicates the signal-to-noise ratio (SNR)
of WDPM detection; the red curve indicates the SNR of ordinary PMT detection. The black horizontal
dash line indicates where the SNR is equal to 3.

Figure 7. The sample datasets with Figure 5. The linear correlation between the raw PC signal of
WDPM and the raw PC signal of ordinary PMT. Pearson R means Pearson correlation coefficient and
R2 means coefficient of determination.

4. Conclusions

In this approach, a new wide dynamic PMT module was applied into the lidar system
to increase the dynamic range of lidar detection. The dynamic of a lidar signal with a
WDPM detector can be over eight orders of magnitude. The comparison results with
ordinary PMT detection indicate that the lidar system with a WDPM detector has the same
performance of SNR and linearity. The detection range of a lidar signal powered with
a WDPM is valid 0.12 km to 15 km with a diameter of 150 mm telescope and energy of
0.45 W laser at 532.2 nm. It demonstrated that the newly PMT detectors can improve the
detection ability of a lidar system in the near range. In this study, the blind zone of lidar
is about 100 m, but the results indicated there is still room to reduce the blind zone of the
lidar system using the WDPM detection technique. In the future, a low-blind range lidar
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powered with WDPM can be developed for observations of full aerosol profiles from the
near-surface to the free troposphere.
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