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Table S1. Conditioning factors used in machine learning modeling.
	Theme
	Factor
	Resolution
	Source

	Topography
	Slope
	~90 m
	[1]

	
	Aspect
	~90 m
	[1]

	Permafrost
	Mean annual ground temperature (MAGT)
	1 km
	[2]

	
	Active layer thickness (ALT)
	1 km
	[2]

	Hydrology
	Topographic wetness index (TWI)
	~90 m
	[3]

	Vegetation
	Normalized difference vegetation index (NDVI)
	30 m
	\

	Soil
	Fine soil content (FSC)
	250 m
	[4]

	Climate
	Rainfall
	0.04°
	[5]

	CMIP5
	Mean annual ground temperature (MAGT)
	0.1°
	[6]

	
	Active layer thickness (ALT)
	0.1°
	[6]

	
	Rainfall
	1 km
	[7]


Table S2. The influence of NDVI on modeling.
	Models
	AUC
	Accuracy
	Recall
	Precision
	F1-score

	EXT with NDVI
	0.900
	0.823
	0.862
	0.799
	0.829

	EXT without NDVI
	0.891
	0.815
	0.851
	0.792
	0.820
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Figure S1. MAGT, ALT, and Rainfall for RCP 2.6, RCP 4.5, and RCP 8.5 scenarios.
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