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Abstract: Forest habitat fragmentation is one of the global environmental issues of concern as a result
of forest management practices and socioeconomic drivers. In this context, a constant evaluation
of natural habitat conditions still remains a challenge in order to achieve a general image of the
environmental state of a protected area for proper sustainable management. The purpose of our
study was to evaluate the evolution of forest habitat in the last 40 years, focusing on Bucegi Natural
Park, one of the most frequented protected areas in Romania, as relevant for highly human-impacted
areas. Our approach integrates a historical panchromatic Corona KH-9 image from 1977 and present-
day Sentinel-2 multispectral data from 2020 in order to calculate a series of spatial metrics that
reveal changes in the pattern of the forest habitat and illustrate forest habitat fragmentation density.
Object-based oriented analysis with supervised maximum likelihood classification was employed
for the production of forest cover fragmentation maps. Ten landscape metrics were adapted to the
analysis context, from patch statistics to proximity index. The results show a general growth of the
forest surface but also an increase in habitat fragmentation in areas where tourism was developed.
Fragmentation indices explain that larger and compact patches feature natural park protected forests
after the spruce—fir secondary canopies were grown during the last 4-5 decades. The number of
patches decreased to half, and their average size is double that of before. The method can be of
extensive use for environmental monitoring in protected areas management and for understanding
the environmental history connected to present-day problems that are to be fixed under rising

human pressure.
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1. Introduction

Forest habitat fragmentation is one of the first features to be investigated and assessed
in the context of forest landscape configuration analysis on different scales, together with its
structure, function and change [1-3]. It represents the most visible dynamic aspect of forest
stand evolution [4]—a basic element of forest landscape change patterns at stand level in
space and time [5,6]—to be modelled using integrated techniques of remote sensing and
geographic information systems [7] at different scales, from local to regional, e.g., Rogan
and Miller [8] in California, Ghosh et al. [9] in Northern India, up to the national level such
as Heilman et al. [10] in the United States, Wulder et al. [11] in Canada, Singh et al. [12] or
Reddy et al. [13] in India, and even at global levels [14,15]. In the context of global change,
the biodiversity issue approach and modelling [16,17] is a task mentioned and explained
in the framework of international /national programmes on the conservation of biological
diversity after Rio 1992 [2], followed by earth observation-focused programmes, such as the
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EOSD (Earth Observation for Sustainable Development of Forests in Canada, 1999, see [18])
and the European Space Agency (ESA) diversity project [19].

The factors of forest habitat fragmentation are different [20]—natural (topography,
snow and ice, insects, fires) and anthropogenic (deforestation for timber and for agriculture
or settlement development) and imprint on forest stand patterns [21].

Remote sensing data are known as a type of objective data collection to be integrated
into mapping and modelling approaches, from simple analyses at the local scale to multi-
temporal complex image analysis of change detection with the integration of big data from
archives [22,23].

The first remote sensing and satellite image analysis-based approaches focused on
forest fragmentation analysis, mapping and modelling are known from the 1990s, with
contributions that focused on the largest forested regions, such as Amazonia [24], as well
as on developing urban regions [25,26], with both employing Landsat imagery archives. It
was in the same decade that authors searched for the implementation of robust quantitative
indicators of the phenomenon, such as spectral indices [27]; however, interest focused
on landscape metrics derived on the basis of classification products from multispectral
imagery [28,29], taking into account the stage of data processing algorithms, and facilities
availability also increased.

Over the last two decades, the forest fragmentation issue remains of outstanding
interest, in the context of advances in satellite image data processing, from the calibration—
validation [30] of products to classification and post-classification operations [31,32], but
mainly because geostatistical approaches and software tools allowed for the production of
important amounts of new data from satellite imagery archives, such as Landsat ETM+ [33]
and other sensors such as the Indian launched IRS [34,35] or ASTER radiometric instru-
ments [36].

One of the key directions of forest fragmentation mapping and analysis is the use
of landscape metrics in searching for the most representative parameters of forest stand
features, as explained in detail by [32]. Different contributions explained the most rele-
vant parameters in forest fragmentation quantification and mapping [37] in the famous
Rondonia area, Amazonia, a representative example of the process of deforestation and
stand fragmentation.

Most authors have produced, validated and interpreted quantitative data based on
landscape metrics and derived parameters extracted mainly from medium-resolution im-
agery classification and other image post-processing techniques [38], e.g., in the Argentina
Chaco [39] forest region with prediction modelling [40], Zhou et al. [41] under urban devel-
opments of big cities in China and Bryan-Brown et al. [42] in mangrove-covered regions.

Other contributors have tried to model and explain, over the same time period, the con-
tributing factors (Ramachandra, Setturu and Chandran [39] in India, Hermosilla et al. [43]
in Canada, Armenteras et al. [44] in Brazil) and to open the results to the evaluation of the
current state of forest stands as an indicator of biodiversity evolution trends [45], including
field data collection [46] in India, Lawley et al. [47] in Australia, together with ecosystem
services [48] in Amazonia, Brazil.

For regional- and local-scale approaches, and mainly for historical analysis of forest
stand fragmentation, different authors have integrated aerial imagery with satellite data
Harper et al. [49] in Madagascar and Tapia-Armijos, Homeier, Espinosa, Leuschner and
de la Cruz [36] in Ecuador), but the very challenging issue is the use of automatic and
semiautomatic approaches in forest stand data layer production, such as object-based image
analysis of the Azores islands with IKONOS imagery [50], Hernando et al. [51] on GeoEye
imagery of Spain and Taubert et al. [52] in different tropical forest areas.

An increasing potential in forested landscape change analysis is represented by the
declassified data of former spy satellites [53,54] with photogrammetric sensors and panchro-
matic imagery such as CORONA KH, HEXAGON, etc,, e.g., Rendenieks et al. [55] in the
Baltic states and Munteanu et al. [56] in the Romanian Carpathians. Although these data
archives are free, their preparation for analysis and mapping needs typical photogrammet-



Remote Sens. 2022, 14, 2593

3 0f24

ric processing for orthophoto production and spatial accuracy assessment in order to adapt
them to recent date imagery [57-59]. This is one of the directions of our current approach
in the context of forest fragmentation multidate modelling in a representative protected
area in the Romanian Carpathians.

Forest fragmentation in protected areas is a typical research issue for searching for
innovative methodologies for landscape pattern analysis and mapping [60] and is a chal-
lenge in searching for new instruments for the sustainable management of biodiversity [61].
There are few contributions in this field based on landscape metrics derived from Landsat
data, such as Gounaridis et al. [62] in Greece or Sahana, Sajjad and Ahmed [46] in India, IRS
and other medium-resolution imagery in India [63], using fractal modelling in Bhutan [64],
while Chetan et al. [65] produced landscape metrics of forested landscapes in NATURA
2000 sites from the Apuseni Mountains, Romanian Carpathians.

Remote sensing mapping of forest habitat fragmentation is not a recent subject in
the literature. Most papers employed imagery from the same sensors, such as Landsat,
and/or combinations of imagery with similar spatial and even spectral resolution. These
approaches are focused on large areas where spectacular results can be obtained such as
tropical and boreal forest landscapes. The scale of analysis, together with image resolution,
is a key factor in this type of approach (Linke, Betts, Lavrige and Franklin, 2006, Gergel,
2006). There are few contributions integrating higher spatial resolution data from historical
declassified imagery, and most of them are less focused on protected areas and more
on large areas with intensively harvested forest timber, such as the Eastern Carpathians
(Nita et al., 2018, Munteanu et al., 2021). Recent Sentinel-2 MSI data available from ESA
Copernicus open new potential directions in land cover mapping and can bring a similar
high-resolution update to landscape analysis that is in synergy with historical imagery
(Nistor et al., 2021).

Our aim was the integrated use of multidate remote sensing images for forest frag-
mentation pattern change analysis and mapping of a well-known protected area in the
Romanian Carpathians—the Bucegi Natural Park. This task is related to forest landscape
change during the last five decades, in which former timber harvesting areas closed after
1990 were replaced by new forest stands and combined with older forest stands partly
restored after World War II.

The objectives we proposed are: (1) CORONA KH-9 employment in a semiautomatic
formula as a source for historical forest and dwarf pine stands pattern data layer after
accurate orthophoto production, (2) the integration of these data with Sentinel-2 MSI
derived data from 2020 representing the current configuration of the forested landscape
and (3) a statistical approach using fragmentation degree change during the reference
period, starting from the adapted landscape metrics, and explanation of the effects of forest
stand protective management on habitat fragmentation under the natural park regime of
the study area.

The next section, Materials and Methods, presents the study area and data sources that
were used in order to perform the analysis, along with their technical characteristics. In
addition, we included a detailed explanation of how the Corona KH-9 image was processed
since it is relatively new to geographical studies. Furthermore, we present the methods
that we used for obtaining the two classifications and fragmentation data, which appear on
our maps.

In the Results section, we present the maps that show the land cover (forest area)
in and level of fragmentation of the Bucegi Natural Park, along with some explanations
regarding the distribution of fragmentation values in some areas, considering why score
values are low in some parts of the reservation and high in others.

In the Discussion section, we associate our results with other data and perform sec-
ondary analysis in order to obtain more data and cross-validation. First, we present a
validation of the two classifications so that we ensure that all our data are relevant for
further analysis. Afterwards, we analyse a series of landscape metrics for forest habitat
fragmentation, which can be associated with the high values of fragmentation in some



Remote Sens. 2022, 14, 2593

4 of 24

areas. At the end of the section, we compare our fragmentation data with the protection-
level maps from the natural area. This is to emphasise the importance of environmental
degradation and evaluation.

In the Conclusion section, we draw on a few ideas about the usefulness of historical
satellite images in comparison with newer ones, together with some facts regarding the
evolution of the forest in the studied area and the utility of the analysis for institutions and
further research.

2. Materials and Methods
2.1. Study Area

The Bucegi Mountains, together with the Upper Prahova Valley (Figures 1 and 2),
represent the most popular mountain tourism area of the Romanian Carpathians and a
starting point of tourism history in Romania [66]. At the same time, it is a problematic
area in the context of the intensification of tourism-related activities, such as trekking or
mountain biking, as well as skiing.

Figure 1. Bucegi Mountains—Costila Peak (2490 m), with an 80 m high communication mast, making
it the highest artificial point in Romania, on top of Abruptul Prahovean and part of the upstanding
syncline eastern ridge (Photo: B. Olariu).

The Bucegi Mountains cover an area of 395 km? and feature great landscape variety re-
lated to geological and structural aspects, especially altitudinal development. The area has
important geodiversity, with structural relief, lithological landforms, glacial and periglacial
landscapes, and is composed of scenic landscapes that became an icon of Romanian moun-
tain tourism from the first tourist guidebooks at the beginning of the 20th century.

The Bucegi Mountains land cover [67] is varied and complex and developed on clear
altitudinal zones: the beech forest zone from 700 to 1200 m, including a transition zone of
mixed forests between 1200 and 1450 m with beech, fir and spruce-fir stands; the spruce—fir
forest zone between 1450 and 1800 m; the Subalpine zone between 1800 and 2200 m, where
the dwarf pine (Pinus mugo) is the primary vegetation, is now limited to some patches
on the main plateau area; and the alpine zone, higher than 2200-2250 m of meadows with
rocky zones.

This complex landscape is the subject of a protected zone of the Bucegi Natural Park,
a protected area from the [IUCN Vth category, and covers about 327 km?. Its foundation
is related to the first protection efforts from 1930 [68], in the context of increasing interest
in mountain tourism in the Bucegi-Prahova Valley region, but it was not until 2000 that
real protection was offered, indicated by the first management plan for the park. The
protected area covers the biggest part of the massif (Figure 1), from the edge of Sinaia and
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Busteni towns and the eastern slopes to the western and northern ones, with nine reserves
with special regimes. Three of them protect alpine and subalpine landscapes (“Abruptul
prahovean” reserve is the largest—Figure 1) on the structural escarpments, while others
protect caves and rock outcrops with fossils occurrences.

Figure 2. Study area.

This protection regime allows tourist activities and even grazing in selected areas and
forbids these activities within some perimeters where landscape elements of scientific value
are dominant. Landscape evolution of the latest century shows a double polarisation of
human impact on the extreme zones, the Bucegi Plateau and the Prahova Valley, between
Sinaia and Busteni towns and tourist resorts (750-900 m).

The current configuration of the Bucegi Natural Park’s protected perimeter, as stated
in 2016 [69], allows the continuity of tourist traffic along the traditional paths, together with
grazing on selected neighbouring slopes, and does not create conditions for environmental
recovery. Soil erosion is now a real problem that has intensified during the last three
decades, with an accelerated rhythm during the last decade.

The study area’s complex land cover and forest cover mapping is still a challenging
subject. Spatial data infrastructure for protected area management is limited, rather general
and out of date. This is the reason for the search for new tools to be actively integrated with
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other layers in the search for sustainable management. Remote sensing data integration can
help, but only if it is possible to extract current situation spatial features in close relationship
with the past configuration of forest canopies. This needs adaptation to a detailed spatial
scale and temporal coverage to explain the changing patterns. This is the reason the
methodology needs to follow two totally different directions: a photogrammetric workflow,
together with image classification, followed by a quantitative part and interpretation.

2.2. Methodology

Our analysis focuses on the integration of two optical remotely sensed images captured
at different temporal moments: a declassified KH-9 Hexagon satellite photograph from
1977 and a multispectral Sentinel-2 MSI satellite image from 2020 (Table 1) (Figure 3).

Table 1. Remote sensing datasets used in the analysis.

Dataset Acquired Date Spatial Resolution Sensor Description Source
KH-9 Hexagon 8 October 1977 9m Frame camera 1-band.scanned 8T ayscale USGS digital archives 1
image, 8 bit
13-band scene covering
Sentinel-2 MSI 31 August 2020 10 and 20 m Multispectral the visible and infrared ESA Copernicus SciHub 2

spectra, 16 bit

! https:/ /earthexplorer.usgs.gov/ (accessed on 25 August 2019); 2 https:/ /scihub.copernicus.eu/ (accessed on
15 May 2021).

Data souree:

Corana KH-9 image

8.(0.1977
carthexplorer.usgs.gov

(a) (b)

Figure 3. Bucegi Natural Park diachronic satellite imagery data coverages: (a) panchromatic im-
age Corona KH-9 from 1977; (b) multispectral image Sentinel-2 MSI from 2020. Data sources:
(@) https:/ /earthexplorer.usgs.gov/ (accessed on 15 September 2018); (b) https:/ /scihub.copernicus.eu/
(accessed on 25 August 2020).
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The KH-9 Hexagon images, collected by the United States over the USSR and China
between 1971 and 1986 as a continuity of the Corona mission, were declassified starting
from 2000, being available free of charge through the USGS (United States Geological
Survey) data platform [70]. Being captured by a frame mapping camera and later scanned
in order to include them in digital archives, the KH-9 images are affected by radiometric and
geometric errors and discontinuities [71,72], requiring calibration and correction processing
steps before data extraction. However, the high spatial resolution of about 9.0 m offers good
opportunities for detailed mapping and for data integration with new satellite products.

The Sentinel-2 (52) MSI images are acquired from the ESA Copernicus programme,
starting in 2015 with a revisiting period of 5 days. Collected by a multispectral sensor, the
52 scenes contain 13 spectral bands covering the visible, red-edge and infrared spectral
domains at a spatial resolution of 10, 20 and 60 m, making them suitable for various
applications and automatic processing [73-75]. The freely available datasets are delivered
through the ESA Copernicus SciHub at two levels of processing, including the Level-2A
calibrated data in terms of surface reflectance used within this study.

Our approach focused on three main processing stages, as presented in Figure 4. The
first step corresponds to the photogrammetric processing of the KH-9 Hexagon image.

| o B 0 | Sentinel-2 MSI L2A resampled at 10 m
S | (atmospherical and topographical corrected image)

Altitude points and contours
Topographic maps
1:25,000

—> Orthorectification

*—) Topographic correction Training Sites production for Land Cover |

GPS field data

Object Based Supervised classification
Image Analysis Maximum Likelihood algorithm

!

Image classification 1977 ‘ Image classification 2020 |

Ground Truth

> Points <

N
Validation
Class confusion matrices

Forest fragl ation
_ ==
l _

Figure 4. Workflow of the analysis.

HEXAGON KH-9 (or Keyhole-9) panchromatic image processing is a challenging task
of our approach and an essential issue because of the need for high-accuracy historical
data for forest stand classification and mapping. The primary image from the DECLASS-1
collection, available in the USGS Earth Explorer archives [76], is a scanned copy of the
original film frames with geographical references of the four corners of each of them.

For the study area, it was used as an accurate data subset, extracted from an orbital
stereo (vertical) coverage from the southern to the NE part of Romanian territory, consisting
of six KH-9 cartographic frames [77], mission 1213 (dated 10 August 1977) and covering
around 1/5 of the country surface.

The KH-9 data processing was accomplished based on a standard photogrammetric
process, in which an aerial block triangulation based on bundle block adjustment with GCP
(ground control points) support generated a precise camera model for the KH-9 frames.
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Software solutions were based on a combination of tools from Socet Set v5.4.1 and
Orima TE/GPS 9.0a, together with a complete Inpho/Trimble processing suite.

With the help of the basic data of the KH-9 cartographic (terrain) camera [77] and
scanned digital image (focal length 305 mm, maximum 100 pm radial and 20 um tangential
distortions, image frame format 23 cm x 46 cm, 7 pm resolution and an 8-bit depth),
the photogrammetric process started with the building of the interior orientation of the
image frame.

Project definition and initial relative orientation model building were possible only
by providing the GPS/IMU (global positioning systems/inertial measurement unit) data
for the referenced image frames. Initially, a local CRS (coordinate reference system) was
associated with the frame, needing registration to a GPS-recognised coordinate reference
system. The GPS positioning data, based on initial image metadata, were automatically
approximated with respect to the new image’s centre positioning on the local reference
system, Stereo70. For the angular units, the kappa angle was deduced from the orbital
satellite angle value, while the omega and phi angles remained zero.

For improvement of the geometric accuracy of the image model, a collection of well-
distributed ground control points was used.

With the help of Socet Set v5.4.1 and Orima TE/GPS 9.0a, two complete processes
were fulfilled based on analogue and digital interior orientation definitions. No major
differences could be taken into account, as both independent camera-calibrated models,
created by aerial triangulation, with GCP support (a total of 41 GCP as the control and 5
GCP as the check dataset), fit to a general sigma zero reference value of 9 pm (+/— 10%),
with a GCP RMSxy (root mean square error on xy axes) of 4.6 m and an RMSz of 3 m for
the control points, and an RMSxy of 5 m and RMSz of 7 m for the GCP set used as the
check dataset (maximum deviation 6 m on the X-axis, 8 m on the Y-axis and 10 m on the
Z-axis). The final bundle block adjustment, based on system autocalibration, had only
one constant parameter—the camera focal length. The PPA (camera-calibrated principal
point axis) and the radial distortions were the main variables, followed in order by other
additional parameters related to affinity and nonorthogonality, nonflatness, as well as other
uncompensated deformations of the frame model.

The final accuracy control of the block bundle adjustment (with autocalibration) was
completed in a stereo environment in which a good model accuracy was obtained, with
some small parallax on the area where the GCP influence was lower. This led to the
conclusion that almost similar spatial accuracies can be obtained after an increase in the
GCP number from 1 point/1, 250 km? to 1 point/500 km?, with a final medium distance
between the GCP positioning of around 20 km length (an appropriate value for KH-9 image
frame autocalibration, by aerial triangulation bundle adjustment and with GCP support).

For quality purposes, with an additional number of 65 GCP (from the National Geode-
tic Network), an alternative data processing with complementary software such as Trimble
Match-AT /aerial triangulation (digital interior orientation case), with a calibration based on
44 additional parameters, helped the production of an improved bundle block adjustment,
with a sigma zero/nought of 6.7 microns and lower RMS values (less than a half of the
GSD) for the XY and also the Z-axis (maximum deviation of GCP residuals less than 3 m
on XY and Z).

The main differences between Socet SET/Orima and Trimble Match-AT consisted
of better APM (automatic point matching) strategies (LSM (least squares matching) com-
bined on different levels with FBM/ABM strategies) and better automation and precision
of the APM process, with no manual tie points required for MATCH-AT APM process
completeness. The RMSxy of automatic points in the photo (more than 4000) was less than
4 pm, with maximum residuals of 19 um for all six image frames. At the same time, the
autocalibration of the KH-9 cartographic camera model was slightly better, defined by the
latest implemented processing algorithm of Trimble Match-AT.

Derived from a scanned frame resolution of 7 pm and in the context of a flight altitude
of approximately 165 km, the KH-9 image frame block has a final resolution of 3.8 m.
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The obtained accuracy of all results fell within the recommended limits indicated in the
literature [78].

Digital elevation data coverage from the aerial triangulated data fitted to the upper
limits of Level 1 acceptance [79], with 12.43 m RMSz for Socet Set processing and 14.5 m
RMSz for the Trimble Match-T DSM (digital surface model). Overall, even though the
resulting DTMs could be properly used for the image rectification process, due to some
local DTM generation discrepancies caused by a lack of image contrast, the final orthoimage
production used an enhanced independent model derived from 1:25,000 topographic maps,
with an overall RMSz accuracy of 3 m. As a general aspect, if no stereo DTM enhancement
can be fulfilled, especially for very large area coverage, the usage of an accurate DTM
independent model is preferred.

After resampling the new data layer with the help of the Trimble OrthoMaster soft-
ware tool, together with Trimble Ortho Vista and Trimble Seam Editor, the Orthoimage
mosaic derived from the KH-9 imagery (Match-AT digital case processing) fitted to Level
1 acceptance criteria [79], with an RMSxy value of 4.61 m (1.2 x GSD, ground sampling
distance) and a maximum 8.90 m local deviation. A map of errors on selected GCPs con-
firmed good results for the Bucegi Mountains area, our study area, for the highest and
lowest altitudes after Trimble Match-AT processing (4-5 on the high plateau, lower than 4
to the foot of the mountains). It is an encouraging factor for basic image production for
classification purposes.

The resolution of this historical data coverage (with a GSD of 3.8 m calculated after
block triangulation) confirms that the data can be used for object-oriented approaches,
although the spectral resolution is limited to a typical film frame-derived digital panchro-
matic image. Despite the difficulties in Corona KH imagery photogrammetric processing,
their quality in forest studies and especially in forest disturbances modelling (deforestation)
is recognised in detailed scale approaches in the Romanian Carpathians [80].

The second stage is represented by semiautomatic classification of the calibrated
satellite imagery for forest cover data production. Different approaches were applied to
each dataset, as the input images have distinctive features.

The orthorectified KH-9 Hexagon image was the subject of object-oriented image
analysis (OBIA) following two processes [81]: (1) image segmentation for object delineation
and (2) classification of the objects into two classes (forested area and non-forested area)
using the support vector machine algorithm. Thus, training samples were provided for the
algorithm in order to perform the classification, setting a polynomial Kernel type with a
degree of 2 and a probability of 120%. The threshold was set to 5. Expert knowledge from
terrain observation and visual image interpretation, including historical analogue aerial
photos from the early 1970s, had a key role in the image segmentation process. Finding
the best-scale parameter for object detection is based on the combined application of grey
level and textural criteria in close relationship with the topographic position of vegetation
patches and canopy elements, from forest stands to dwarf pine subalpine stands.

The KH-9 image classification was performed as an iterative process, focusing on
finding the best options for object delineation and classification, as the single grayscale
band and the radiometric distortions of the image cause multiple errors, especially in
mountainous areas with rough surfaces and various vegetation layers, as was the case in
our study area. Therefore, for the Bucegi Natural Reserve area, the OBIA returned better
results when the image was split by altitude and vegetation types. In this context, the
classification was run twice, applying alternative masks on the image, below and under
1350 m.a.s.1., considering the transition line between beech and spruce forest zones. The
resulting datasets were then merged and filtered using the terrain topography in order to
eliminate the errors imposed by slope degrees under 45° and altitudes under 2100 m.a.s.1.
Finally, a classification confusion matrix approach [82] was applied in order to evaluate
the accuracy of the forest cover dataset by using a total number of 200 ground control
points extracted from the initial image by visual interpretation and field observation during
different seasons (2013-2021).
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The forest cover feature extraction from the Sentinel-2 image followed a thematic
supervised classification approach, as the high spectral resolution helped this process. The
training dataset referring to various land cover features (such as deciduous, coniferous,
pastures, etc.) (Table 2) was created based on the input image, as well as on orthophotos
and field data. The maximum likelihood classification algorithm was preferred because of
its best performance in situations when the land cover classes are more homogenous [67,83].
The classification algorithm calculates the probability of associating with a class of every
pixel value, which, in the end, is associated with the highest value of probability. The forest
cover features extracted from the classification results were generalised in order to remove
the isolated polygons with an area smaller than 500 m?. This perimeter was chosen for
further relevant analysis of habitat fragmentation. The validation was performed with the
help of another confusion matrix, based on a total number of 200 random ground control
points. Their value was extracted separately from the satellite image. The validation was
performed using only the forested areas extracted from the satellite image of Sentinel-2,
thus making it comparable with the forest cover from Corona KH-9. The ground truth
points were marked as the presence/absence of forest cover in each of the images.

Table 2. Land cover classes and number of samples used for supervised classification on Sentinel-2

MSI image.
No. Land Cover Class Number of Samples Areas Used for Validation
1 Coniferous forest 24 Vv
2 Deciduous forest 49 4
3 Dwarf pine (Pinus mugo) 26 Vv
4 Mixed forest 10 4
5 Pasture 52 X
6 Cliff area 37 X
7 Water 29 X
8 Built-up area 51 X

The third stage of the analysis focused on forest habitat fragmentation and analysis.
This was adapted to the specific features of the forest stand fragmentation mapping. In
this regard, the forest fragmentation index was calculated for each reference time on a
500 m x 500 m spatial grid by the following formula:

lenght of forest selvage (km)

1
forest surface (sq. km) x 100

Forest habitat fragmentation index =

Different spatial metrics [84] were also applied for each dataset in order to quantify
and compare the forest cover structure and pattern. These are selected and interpreted
according to the relevance of the results in connection with the maps.

3. Results

The maps of forest cover in the Bucegi Natural Park are the results of forested area
classifications as explained. Figure 5 corresponds to the processing results of the KH-9
image from October 1977 and of the Sentinel 2-MSI image from August 2020.

The older forest cover map (1977) (Figure 5a) shows the topographic influence on the
forest zones of the massif, where steep slopes of the escarpments limit the timberline and
represent a natural factor of forest habitat fragmentation. It is easy to observe a fragmented
landscape featuring all the most accessible valleys, where forest roads and cable timber
transport lines, together with narrow-gauge railroads, created many logging points during
the first half of the 20th century. The map depicts a better situation after the systematic
restoration of some selected stands between the 1950s and 1970s and the limiting of timber
harvesting and local economic activities in the Upper Ialomita basin.
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Figure 5. Bucegi Natural Park, forest habitat maps for (a) 1977 and (b) 2020.

The recent forest cover maps of the Bucegi Natural Park (2020) (Figure 5b) are an image
of a period of forest configuration after two decades of natural park management. There
is a slight trend in forest stand recovery on some slopes. Another aspect is the decrease
in forest fragments in the Upper lalomita Valley and in other valleys known as timber
harvesting areas in the previous decades. Dwarf pine patches on the subalpine zone of the
massif are limited to compact areas on the plateau around the Piatra Arsa zone, an effect of
the intensification of erosion processes.

Figure 6 reveals the habitat forest fragmentation maps of the Bucegi Natural Park area
for the two periods: 1977 and 2020. The fragmentation intensity is described by five classes,
with values ranging between zero, corresponding to near intact forest habitats, and 144,
meaning severe forest habitat reduction. The higher the value of the fragmentation index
means that the forest habitat has a rising tendency to be replaced by other habitats, such
as pasture or eroded land, an effect of grazing/overgrazing (plateau, southern part) and
tourist traffic and developments (central and northern Bucegi plateau).

The map of the initial state (1977) (Figure 6a) reveals a combination of patches with
high degrees of fragmentation on the Upper Ialomita Valley above and around the main
junction area and some of its tributaries downstream the timberline areas. It is a situation
created by continued logging combined with systematic forest stand recovery that started
after the 1950s.
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Figure 6. Bucegi Natural Park forest habitat fragmentation maps: (a) 1977 derived from KH-9
orthoimagery; (b) 2020 derived from Sentinel 2-MSI imagery.

The map of the recent situation (2020) (Figure 6b) is an expression of the forest recovery
process, as the fragmentation index (density of forest stand patches) decreased from higher
than four to 0-1 on most slopes and also in areas close to the river floodplain. This is an
indicator of the end of logging activities, as the timber transport infrastructure along the
valley turned into tourist access roads (partly modernised along the Ialomita River).

The forest habitat fragmentation maps show that steep slopes still remain a natural
fragmentation factor, while the forest recovery process on selected stands features an
extended area along the Upper Ialomita Valley. The habitat fragmentation values are higher
above 1300 m.

There can also be observed an increase in compacted areas in the forest habitat. The
main difference can be seen along the Ialomita Valley, where high values of fragmentation
from 1977, flagged with red on the map, were replaced with low values in 2017, marked
with green. This situation can also be observed further south, near the Dichiu area or
Deleanu and the Tataru mountains, where the values have improved. There are, however,
some areas where the situation has gotten worse, such as the Raciu Mountain in the
southwest part of the park near a strictly protected zone, or south of the Dichiu area, where
the values went from green to red.

4. Discussion
4.1. Accuracy Assessment of the Images Classifications

The forest landscape in the study area is a key dynamic feature illustrating recent
management directions and could be considered a mirror of the protection measures of
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the last two decades, especially after the year 2000 when the natural park administration
started its activity.

The validation process of both classifications, based on 200 random ground truth
points, resulted in a total accuracy assessment of the forest cover class of 99% for the
1977 KH-9 image and 88.5% for the 2020 MSI image (Table 3).

Table 3. Results of validation for the two forest classifications data.

Image Forest Classification Total Accuracy Kappa Coefficient
KH-9 hexagon 99% 0.977
Sentinel-2 MSI 88.5% 0.7

The variation in the accuracy values for the two moments can be explained by the
difference between the applied methodologies for the image classifications. Thus, for the
Corona KH-9 image, segmentation analysis was used, as it is more appropriate for the
panchromatic image, resulting in an accuracy of 99%. In this respect, a separation was
conducted, and a two-step classification was performed and combined for the final forest
habitat layer production. This operation was necessary in order to eliminate the confusion
between some shadowed pastures (darker grey) and beech forest-covered areas. The fact
highlights the limitations of using panchromatic images in identifying land cover but
considering the temporal distance that Corona KH-9 images assure (more than 40 years),
this is a small inconvenience to encounter.

For the Sentinel-2 image, a supervised classification method was applied in order
to use the multispectral capabilities of the sensor. In this case, a smaller value of 88.5%
was obtained due to ground truth points, which were pixels that were randomly placed
at the limit of some parcels. This led to some cases where pixel confusion interfered, and
although the algorithm had correctly classified the parcel, the truth value went for the
nearest category.

4.2. Landscape Metrics in Forest Habitat Fragmentation

Integrating maps with landscape metric-derived data can offer a detailed situation of
forest fragmentation. In order to evaluate the accuracy of the approach and to adapt it to
the current management issues of the national park, it was necessary to validate the results
and evaluate them on characteristic and complementary sites.

Table 4 shows the general trend of forest habitat fragmentation from 1977 to 2020 in
the Bucegi Natural Park, Romanian Carpathians, using 10 spatial metrics, starting from the
total number of patches and ending with the connectivity variables.

The most representative 10 forested landscape metrics adapted [84,85] to our case
studies were selected according to the significance of statistics returned from the forest
patch layers modelled from satellite imagery. Their values are also confirmed by the forest
and habitat fragmentation maps.

The number of patches index decreased to half of the 1977 parameter, showing that the
forest habitat imprint is more compact in 2020 than earlier. It is based on larger patches
than before McGarigal, Cushman, Neel and Ene [85] and after the special measures of forest
stand reconstruction returned their first results (ex. spruce—fir in Upper lalomita basin after
the 1960s). The strict limitation of timber harvesting after the year 2000, mainly represented
by salvage works [86], when the Bucegi Natural Park started to be a reality on the ground,
is another possible explanation.
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Table 4. Evolution of forest habitat fragmentation in the Bucegi Natural Park, 1977-2020, based on
KH-9 imagery and Sentinel 2-MSI classification-derived data.

. Forest
No. Class Metrics Algorithm uM Reference Interval
1977 2020
1 Number of patches (NP) NP =N n/a NP >1 1493 716
2 Patch density (PD) PD = %(10,000)(100) nr/100 ha PD>0 69,848 33,676
Landscape shape 0255 ik”
3 index (LSI) LS = —==— n/a LSI>1 362,246 323,408
Connectance index "
Yk %
2l =1)
Euclidian
5 nearest-neighbour ENNpn = mean(ENN [patchij]) m ENN_MN > 0 404,573 421,778
index—mean (ENNyn
6 Total area (CA/TA) TA=A (W) ha CA>0 213,750,400 212,614,000
n
7 Largest patch index (LPI) max(aij) % 0<LPI<100 946,208 979,289
=1
LPIZ= (100)
Patch area—mean
_ i1
8 (AREA MN) AREA = aij (m) ha AREA_MN > 0 143,168 296,947
Perimeter-area
9 index—area-weighted  AyMSI — §- 1 {(0251”7) (4 )} n/a PARA_AM > 0 991,409 887,411
mean (PARA_AM) 1= L\ Vaii J\ A
Proximity
10 index—area-weighted PROX =Y ", Z’Tfs m PROX_AM >0 123,309,768 48,952,960
mean (PROX_AM) o s
Term explanations. N = total number of patches in the landscape; i=1, ... , m or mpatch types (classes);j=1,... ,n

patches; hijs = distance (m) between patch ijs and patch ijs, based on patch edge-to-edge distance, computed from
cell centre to cell centre; aij = area (m?) of patch ij; aijs = area (m?) of patch ijs within specified neighbourhood (m)
of patch ij; eik” = total length (m) of edge in landscape between patch types (classes) i and k; pij = perimeter (m) of
patch ij; ENN[patch;;]= the euclidean nearest-neighbour distance of each patch.

The patch density index indicates a similar decreasing trend with the number of patches
(a decrease of 50% for the reference period). This means that during the four-decade
interval, forest habitats started to be more and more compact towards the timberline or
around anthropogenic features such as chalets and roads. There are larger and larger
patches, especially after the reforestation of slopes affected by gully erosion was starting
to become extinct, mainly on the upper catchment in the Upper Ialomita Valley and its
tributaries upstream of the Bolboci reservoir, which was built in 1973. These areas are
integrated into the sustainable development area, the lowest level of protection according
to the natural park interior zonation.

The landscape shape index of the forest habitats polygon features a slightly decreasing
trend, as the patch density is lower and lower, and gullies, ravines on the stream catchments,
as well as on former forest roads and paths disappear by grouping around the restoring
forest stands (after the spruce—fir patch ages are increasing). The parameter still explains the
linear to polygonal grouping of forest stand patches under the superposing natural factors
represented by gully and stream erosion (summer season) and avalanches (winter season),
together with path and road networks organised between chalets, cable car stations, ski
slopes, shepherd huts and communication relays.

The connectance index is almost the same (a slight decrease) and shows a higher degree
of discontinuity between the remaining isolated patches along the timberline, where forest
stands of spruce—fir pass to the dwarf pine patches on the edges of the high structural
plateau to the Ialomita Valley but mainly to the east, where the Prahova Valley is dominated
by steep slopes with declivities higher than 4045 degrees. This is the limited effect of the



Remote Sens. 2022, 14, 2593

15 of 24

topographic and soil cover background at an altitude higher than 1800-1900 m, superposing
on the general timberline in the Southern Carpathians.

The Euclidean nearest-neighbouring index mean value for the forest patches illustrates a
smooth evolution, as the investigated four decades’ general trend was the slight grouping
of patches and an increase in the distance between the newer formed groups of forest
habitats. This means that smaller, isolated stand patches are more and more integrated into
the larger polygons, and the distance between them is increasing, while at the same time,
empty spaces between stands (mainly pastures, rock outcrops and eroded surfaces) are
becoming smaller or thinner.

The total area index [85] is an expression of continuity in forest habitat coverage between
the selected dates, where recovered stands are more and more compact and a timberline
patch pattern used to evolve towards a continuous configuration, such as the Upper
Ialomita Valley.

The largest patch index is an indicator of the compact coverage of forest habitats within
the largest polygon identified for 1977 and 2020. According to the spatial analysis results,
this percentage slightly increased from 94 to 97, showing that the compact forest zone belts
still feature the outer slopes of the Bucegi Massif as well as the core area of the natural
park. This is the result of special management measures around built-up areas to the east,
at Sinaia and Busteni-Poiana Tapului, and continuous forest stand recovery on the lalomita
Valley slopes after the 1950s following systematic projects combined with selective timber
harvesting activity in a continuous extinction. After 1973, the main reservoir on the lalomita
River in the mountain area (Bolboci reservoir, 19 million m®) needed a special approach to
forest stand conservation and timber harvesting control. This index is another expression
of constant forest habitat spatial and temporal development, an encouraging factor for the
sustainable development of the protected area.

The patch area statistics index (mean size) is more than double for the 1977-2020 period,
showing an important process of forest stand recovery after a period of systematic control
of the secondary stands of spruce-fir, fir tree and beech tree. The process was confirmed at
the same time by the standard deviation of forest patches, based on the mean size for the
reference dates. The 1977 situation featured a bigger fragmentation than the 2020 period,
with many patches related to the effects of grazing, the main historical use of the subalpine
and alpine zone in the Bucegi Mountains (and still occurs at some points on the structural
plateaus and ridges). The timberline was then affected by local clearcutting while some
slopes, such as those in the Ialomita Valley, were in the process of forest stand recovery.

The perimeter-area relationship-related index statistics is an expression of the changing
pattern of forest habitat for the reference period. The values show a decrease in the
perimeter values of the forest habitat corresponding patches. This is an effect of the general
trend of smaller patches grouping together with larger ones to the edges of the forest zones,
to the timberline, as well as on the stream catchments where recovered stands used to be
more and more compact, such as in the Upper Ialomita Valley.

The proximity index shows the degree of patch isolation and fragmentation [87] and
is calculated as area-weighted mean values in order to explain the general trend of forest
habitat covered patches to join and group with the compact areas towards the integration
into the main forest zones. The index shows a significant increase as a result of the isolated
forest stands diminution and a clear recovery of the secondary forest stands, although
they replaced other primary stands, such as in the Ialomita Valley, where beech stands and
beech—spruce-fir stands were replaced by pure spruce—fir stands after the 1950s on highly
degraded slopes (Padina, Pestera, Bolboci, Zanoaga areas).

A general view over the pairs of landscape metrics derived from satellite imagery
(1977 to 2020) features a general process of forest stand recovery started probably after the
closing of large timber harvesting points on the Ialomita Valley and the abandonment of the
narrow-gauge railways of the Upper Valley of Ialomita River. This is the case in the Bolboci
depressionary area where the timber cable car line to Busteni, built in 1909 for connecting
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the paper factory (established 1882, closed 1990s), was active for more than seven decades
until the reservoir of Bolboci formed after building the main dam of the region.

However, there are also areas that have recently been classified with a high level of
fragmentation due to massive windthrow that took place in the spring of 2020 (Figure 7).
This led to several areas in the park where the trees had to be extracted to leave the
forest habitat to recover. Unfortunately, this natural phenomenon, in addition to logging
activity from other areas in the park, meant that the fragmentation level in some areas is a
dynamic index.

Figure 7. Drone aerial image of forest windthrow—Paduchiosul Mountain, Sustainable Management
Zone (Photo: Traian Draghici, May 2020) The situation map indicates the area the drone image
was obtained.

In order to stop activities such as logging or other exploitations, a series of areas with
different levels of protection have been designed. In Romania, these are called zones. The
Sustainable Development Zone (ZDD on the map—Figure 8) stands for areas where the
environment is protected, but there are also permitted a series of economic activities not
harmful to the environment. The Sustainable Management Zone (ZMD on the map) protects
extensive areas where grazing and logging are permitted as long as the environment is
protected and concern is given to the conservation of species. The Integral Protection Zone
(ZPI on the map) allows touristic activities and research but without harming or adding
any transformation to the environment, while the Strict Protection Zone (ZPS on the map)
is meant to protect areas from too many tourists or any damage to the geomorphosites or
any vulnerable species that are crossing its limits.

If we are to combine the fragmentation maps with the level of protection map, a series
of interesting observations can be made (Figure 8). In this respect, in 1977, one can observe
that the ZMD and ZPI areas had high levels of fragmentation, especially in the Upper
Ialomita River Basin. Currently, the levels of fragmentation have lowered in many areas,
but in some other areas have risen again, such as in the Dichiu area, where new areas have
been put under logging exploitation.

The statistics on the level of protection combined with the level of fragmentation of
forest habitats (Figure 9) show that high levels have been maintained during the 40-year
period in three zones such as the ZMD, ZPI and ZPS. This aspect is to be considered in
future measures of permitted activities in the park area. Taking into account the evolution
of these parameters, park management can be significantly improved, marking the level of
stress factors and the distribution of habitat level of disturbance.
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Figure 8. Bucegi Natural Park protection-level maps: ZDD, Sustainable Development Zone; ZMD,
Sustainable Management Zone; ZPI, Integral Protection Zone; ZPS, Strict Protection Zone; (a) 1977;
(b) 2020.
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Figure 9. Proportion of fragmentation class per type of protection zone (per cent from class total):
ZDD, Sustainable Development Zone; ZMD, Sustainable Management Zone; ZPI, Integral Protection
Zone; ZPS, Strict Protection Zone; (a) 1977; (b) 2020.

Considering the management evolution of the natural park in the last 50 years and
comparing the maps of the forest habitat, we can conclude that the protection regime
must have had a positive effect on the conservation of the forest. Although much of the
exploitations observed in the two images overlap, most permissive areas of protection have
seen a decrease in fragmentation, a good sign for the habitats and biodiversity.
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Even so, the efficiency of the protected areas in the last 30 years is still debatable in
Romania since the installation of the democratic regime, and not enough progressive steps
have been seen.

Whether evaluating the value for the protected environment [88,89], the level of
implication for the local communities and the utilisation of the principles of spatial priori-
tisation [90], the overall loss of forest stands in protected areas [91] or the lack of use of
geospatial tools in order to evaluate and monitor environmental conditions of the protected
areas [92], there are still many problems to solve in the context of forest protection and
protected area efficacy. In this matter, the use of historical satellite images for environmental
studies of protected areas can bring new arguments in establishing rules for protection due
to a better understanding of the environment.

4.3. Study Limitations and Future Perspectives

The study emphasised the importance of using historical satellite images in order
to obtain evidence of forest evolution and patterns of habitat fragmentation. In this case,
however, there are some limitations, as it is very difficult to extract some of the forest species
distribution in the classification of historical panchromatic imagery only. This would offer
great information on how different species are affected by anthropogenic transformations
and why some of them succeed in expanding while others tend to diminish [93].

However, the use of forest cover as the core base of this analysis helped focus on
the pattern of evolution and fragmentation of the habitat, which is currently a constant
concern [94]. Our study could represent the basis for a prediction analysis, which would
evaluate the tendency of forest fragmentation for the next decades, but also the proper
measures that are to be taken in order to protect forest cover [95].

Remote sensing data processing in earth observation applications still remains an
important tool in the production of basic data layers to be integrated into protected areas
mapping and analysis in the context of anthropogenic pressure upon landscapes [96]. Forest
habitat fragmentation mapping based on satellite imagery is one of the key directions of this
type of approach, usually integrated together with regional biodiversity analysis [45]. Our
study also focused on this subject in a close relationship with the international literature [97].

Many recent papers employed Landsat medium-resolution imagery time series, to-
gether with selected landscape metrics, to map changes in forest patterns and to evaluate
the fragmentation of forest habitats [98-101]. Part of them are dedicated to environmentally
protected areas, such as Natura 2000 forested sites [62,102], fragile forest ecosystems un-
der anthropogenic pressure [103,104] or urban-forested grounds [105], but there are other
studies with predictive modelling of forest habitats fragmentation [106] based on long-time
series analysis.

For the Romanian Carpathian region, a study that focused on the Apuseni Mountains
Natural Park [65] employed Landsat time series for three protected areas with complemen-
tary regimes and focused on land cover classes corresponding to the main habitat types
and not only to forest cover (seven landscape metrics were employed in change detection
analysis between 1986 to 2015). Recently, Munteanu et al. (2021) focused on the entire
Romanian Carpathian region with a change analysis of forest habitat general coverage be-
tween 1955 (Corona imagery) and 2019 (Landsat data mosaics), computing several adapted
indices to evaluate the anthropogenic pressure upon high conservation-value forests.

The position of the current approach is new, as this is the first contribution to the
Romanian Carpathians using detailed scale modelling of forest cover fragmentation in
a protected area. The integration of historical imagery of Corona KH-9 from 1977 was
performed using a special photogrammetric approach adapted to the complex topographic
context of the Bucegi Natural Park, where the relief index is about 1800 m on a limited
surface. This needed an adaptation of the resampling stages in order to produce a high-
accuracy orthoimage layer for the classification of forest habitats. Different authors have
integrated extended image mosaics of Corona imagery in their studies but have not ex-
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plained in detail the geometric accuracies obtained for different features of the terrain on
different elevations [55,80].

Newer EO Copernicus data from Sentinel-2 MSI sensors are found as a promising
solution in forest cover mapping in forest inventory updates [107] and in biodiversity
modelling approaches [97]. In our context, the recent satellite data coverage was used for
mapping the entire forest cover of the natural park in order to obtain a compatible layer with
the older dataset. The OBIA approach was used by Gil et al. (2013) [50] on multispectral
data from IKONOS high-resolution data with four spectral channels plus panchromatic,
and Hernando et al. (2017) [51] integrated very high spatial resolution Geo Eye imagery in
forest fragmentation mapping and modelling. In our study, the 1977 Corona KH-9 image
classification was adapted with a semiautomatic approach of a limited spectral resolution
greyscale panchromatic dataset at only 8 bits radiometric resolution. This explains the
limitation in the production of a single class forest coverage, without differences between
forest types, such as deciduous and coniferous, including dwarf pine canopies, although
the recent dataset employed allows spectral classification of these features at a high level of
accuracy [67].

Forest fragmentation maps, together with the derived index and the landscape metrics,
are the result of GIS analysis at a higher resolution than many other similar contributions
focusing on protected areas. They are showing in a synthetic formula the state of the forest
cover before and after protected area management started on the ground (2000). Although
general statistics can explain a general positive forest canopies recovery, it is interesting to
focus on the central part of the region, the Upper lalomita River Basin. The comparison
of maps and the transformation index can explain the role of the timber harvesting points
closing after the area was served by a narrow-gauge railway along the main river (built
1905), together with a timber transport line (1906) to the paper factory in Busteni, which was
established in 1882 on Upper Prahova Valley to the east. Although the (secondary) forest
stands that recovered after the 1950s are more and more compact, it is also interesting to
observe there are effects from windthrows on some slopes with spruce—fir stands, needing
more efficiency in management on shallow soils and rock outcrops.

The study has potential practical significance in managing natural park forest cover.
Starting from current developments, the spatial database of the Bucegi Natural Park is
a work in progress [108]. This was a complex task, as the analysts needed to build a
unified forest stand patches layer with their attributes for six forest management units
or inspectorates surrounding the Bucegi Massif. They used mainly digitised paper maps
from different dates at a 1/20.000 scale, updated every 10 years by field survey and aerial
panchromatic image interpretation, integrated to a geodatabase and partly updated with
orthophotos at 0.5 m (natural colours and colour infrared images, ANCPI Bucharest).

In this respect, the results of our study can provide an accurate forest cover layer for
two dates, helping improve understanding of general forest recovery and/or disturbance
using a more objective formula. For detailed measurements, the resolution of 10 m is a
limiting factor. This can be a problem on steeper slopes where older data layer accuracy
needs more attention in forest patch polygon estimation.

5. Conclusions

The analysis of forest habitat fragmentation in the Bucegi Natural Park is an example
of integrating two types of remote sensing data from very different sensors in a unitary
approach. This is the first study focusing on the forest fragmentation issue in the Romanian
Carpathians. The approach comes at a time when, in Romania, there is a lot of debate
about forest exploitation and the extension of protected areas as opposite actions upon the
environment. In order to compare the Corona KH-9 from 1977 and Sentinel-2 MSI from
2020, we orthorectified image production for the Corona KH-9 at a required accuracy to
coregister with the Sentinel-2 MSI image. Building aerial triangulation for the historical
dataset was the core of the photogrammetric approach, while the orthorectified product
resampling employed derived data from topographic maps. In this context, the single-
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channel panchromatic image tested for accuracy was the subject of an integrated visual
interpretation and object-based classification approach. In this respect, terrain expertise,
together with GIS analysis of the results based on topographic differences, allowed the
production of a unitary forest habitat map for 1977.

The resulted fragmentation maps, together with a series of landscape metrics, managed
to find a general trend of forest patch dynamics, showing an increase in the level of
compactness in several areas of the natural park in the last 40 years.

The foundation of the Bucegi Natural Park has significantly contributed to the level of
protection of the area, enabling the forest to extend and recover areas that once have been
deforested. The use of historical satellite images in comparison with the ones from today,
together with instruments for geospatial analysis of the forest habitats, can significantly
improve the management and monitoring of protected areas. Future research should
consider the implementation of these instruments and their correlation with other data
referring to forest species. This could reveal important changes that occurred in the last
decades, raising new questions about the future evolution of the area and the secondary
effects on biodiversity.
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