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Abstract: Soil moisture is a reliable water resource for plant growth in arid and semi-arid regions.
Characterizing the interaction between soil moisture and vegetation is important for assessing the
sustainability of terrestrial ecosystems. This study explores the spatiotemporal characteristics of four
soil moisture layers (layer 1: 0–7 cm, layer 2: 7–28 cm, layer 3: 28–100 cm, and layer 4: 100–289 cm)
and the time-lagged correlation with the normalized difference vegetation index (NDVI) for different
vegetation types on an intra-annual scale on the Mongolian Plateau (MP). The most significant
results indicated that: (1) the four layers of soil moisture can be roughly divided into rapid change
(layers 1 and 2), active (layer 3), and stable (layer 4) layers. The soil moisture content in the different
vegetation regions was forest > grassland > desert vegetation. (2) The soil moisture in layer 1 showed
the strongest positive correlation with NDVI in the whole area; meanwhile, the soil moisture of
layers 2 and 3 showed the strongest negative correlation with the NDVI mainly in grassland and
desert, and layer 4 showed the strongest negative correlation with the NDVI in the forest. (3) Mutual
responses of NDVI and deep layer soil moisture required a longer time compared with the shallow
layer. In the annual time scale, the NDVI was affected by the change in soil moisture in most of
the study area, except for coniferous forest and desert vegetation regions. (4) Under the different
stages of vegetation change, the soil moisture changes advance than NDVI about 3 months during
the greening stage, while the NDVI changes advance than soil moisture by 0.5 months during the
browning stage. Regardless of the stage, changes in soil moisture are initiated from the shallow layer
and advance to the deep layer. The results of this study provide deep insight into the relationship
between soil moisture and vegetation in arid and semi-arid regions.

Keywords: soil moisture; different vegetation types; arid and semiarid regions; phenology period

1. Introduction

Soil moisture is an important driver of the productivity and sustainability of terrestrial
ecosystems [1,2], and a limiting factor for plant transpiration and photosynthesis, which
determines the vegetation type and structure during ecological construction, particularly
in arid and semiarid regions [3]. At the same time, vegetation in an ecosystem controls
the soil moisture distribution pattern [4], and affects soil moisture to varying degrees in
two opposing aspects through the ecological functions of water storage and conservation,
and the absorption and consumption of soil moisture [5,6]. Plant biological processes also
affect soil moisture content [7,8]. Different plant species cause different rainfall-runoff
and evaporation, thereby inducing spatial distribution of soil moisture at various depths
and different hydraulic properties [9,10]. Generally, we hope to discover the time-lagged
correlation between soil moisture and vegetation, e.g. the correlation at the various soil
depths, under the different vegetation types, and in different growth stages of vegetation,
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etc. These quantified data are of great importance for a deeper understanding of the
regional soil moisture-vegetation relationship.

Relationships between soil moisture and vegetation in a semi-arid region can be
divided into three categories, i.e., correlation, synergism and trade-off [11]. Currently,
there are two opposing theories concerning the effects of vegetation on soil moisture [12].
Meanwhile, water fixation of vegetation maintains a high level of soil moisture, however,
vegetation growth requires water consumption, which reduces soil moisture [13,14]. Soil
moisture exhibits spatial heterogeneity in horizontal and vertical directions due to the
influence of vegetation community structure and distance from the canopy [15]. Forest
and shrub canopies mediate soil moisture fluctuations by reducing evaporative losses,
through shade, and rainfall inputs, through canopy interception, thereby buffering extreme
fluctuations in soil moisture in the upper soil profile [16,17]. The water conservation
function in alpine grasslands has been previously determined, and there is a significant
correlation between vegetation coverage and soil moisture [18]. Zhang et al. found that the
above-ground biomass and litter quality of natural grassland communities in the semi-arid
region of the Loess Plateau were significantly positively correlated with soil moisture
content, and species diversity and richness are increased with soil moisture content [19].

Vegetation affects evapotranspiration through water consumption and energy balance.
Previous research has indicated that different vegetation types have spatiotemporal hetero-
geneity of water uptake patterns at different depths, which can directly affect the dynamic
changes in the growing season [20–22]. The correlation between soil moisture content in
the 0–20 cm soil layer with evapotranspiration of meadow grassland with 95% average cov-
erage was higher than that of desert grassland with less than 15% vegetation coverage [23].
Pueyo et al. investigated the effects of plant spatial distribution and composition on water
infiltration capacity and runoff in semiarid grasslands in Spain, and reported a negative
correlation between soil capillary water adsorption capacity and vegetation aggregates in
bare land patches. Plant roots determine soil water redistribution and carbon absorption
in plant systems [24]. Previous studies have shown that soil moisture decline in a part of
the Losses Plateau after the Grain-for-Green Program (GFGP) were initiated at the end of
the 1990s to reconvert croplands to forests, shrubs, and grass [2,25,26]. The effect of the
root system on soil water repellency is greater than that of waxy leaves, which can reduce
the soil infiltration rate and soil water storage, promote surface runoff, and ultimately
reduce system productivity [27]. Conversely, too high soil moisture levels will reduce
transpiration; for example, high organic soils may become saturated in tropical mountain
forests [28], or frequent floods in mangrove swamps [29]. In summary, there are limited
studies on the intra-annual time-lagged correlation between vegetation and soil moisture
at different depths, and hence the interaction between them warrants further investigation.

The Mongolian Plateau (MP) is the largest arid/semi-arid plateau in the Northern
Hemisphere and is located in the inland plateau of central Asia. Its natural ecological
environment is fragile and sensitive to global climate change [30]. Soil moisture plays a key
role in ecological development as an important water storage resource in the MP. Therefore,
it is important to investigate the relationship between soil moisture and vegetation for the
entire Eurasian terrestrial ecosystem. However, there is a lack of data on the relationship
between soil moisture and vegetation in the Mongolian Plateau. Guo (2010) reports
that remote-sensing data were used to retrieve soil moisture to establish a quantitative
monitoring system for soil moisture in the MP [31], while Wei et al. discussed the response
of soil moisture to climatic factors and vegetation in the MP [32]. The relationship between
soil moisture and dust emissions shows that soil moisture can control dust events in the
Bayan-Unjuul of Mongolia [33].

In this study, we analyze the spatiotemporal distribution characteristics of soil mois-
ture at various depths and the time-lagged correlation with the normalized difference
vegetation index (NDVI) at different stages of vegetation changes under different vegeta-
tion types. The primary objectives of this study are to: (1) investigate the spatiotemporal
distribution characteristics of soil moisture at various depths; (2) analyze the time-lagged
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correlation between the soil moisture at various depths and NDVI of different vegetation
types; (3) discuss the relationship between the soil moisture at various depths and NDVI at
different stages of vegetation changes across the MP. The results of this study contribute to
the sustainable management of terrestrial ecosystems in the MP and other similar regions.

2. Materials and Methods
2.1. Study Area

The study area ranged over the Mongolian Plateau (MP) (87◦43′–126◦04′E and 37◦22′–
53◦20′N), covering the entire Mongolian People’s Republic and the Inner Mongolia Au-
tonomous Region of China, with an area of 2.74 × 106 km2 [30] and an elevation of
85–4203 m (Figure 1). This region is the largest arid/semi-arid plateau in the North-
ern Hemisphere, and obvious zonality is produced by the distribution of hydrothermal
conditions, which is prompted by the differences in the geographical location and underly-
ing surface [34]. The regional mean annual precipitation is approximately 300–400 mm,
which decreases from north to south and east to west. The MP’s mean temperature is
between −1.7 and 5.6 ◦C, and is characterized by a large temperature difference between
day and night, abundant sunlight, strong ultraviolet radiation, gales, and fast weather
changes [35,36].
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The ecosystem is mainly composed of grassland (70%) [37], with relatively small
areas of forests in the north and northeast, shrubs in the south and southeast, farmland
and sparse vegetation in the Gobi desert, and sandy areas in the southwest, which form
an important and unique geographical landscape of Eurasia [30]. Therefore, we divided
the vegetation into three primary types namely, I: forest, II: grassland, and III: desert
vegetation, and further classified them into secondary types namely I-1, coniferous forest;
I-2, broad-leaved forest; II-1, forest steppe; II-2, typical steppe; II-3, desert steppe [38].
The MP serves as an important and ideal region for research on the response of arid and
semi-arid ecosystems to global climate change [39].

2.2. Data Sources

The monthly average soil moisture data were acquired from the fifth and latest global
climate reanalysis datasets (ERA5). The dataset was produced by the European Centre for
Medium-Range Weather Forecasts (ECMWF, after the First Global Atmospheric Research
Program [GARP] Global Experiment [FGGE], the ECMWF Reanalysis 15 [ERA15], the
ECMWF Reanalysis 40 [ERA40], and ERA-Interim). ERA5 has been available since 1979, at
a spatial resolution of 0.25◦ × 0.25◦, and provides several atmospheric, land-surface, and
sea-state parameters on an hourly basis. Compared with ERA-Interim, the ERA5 4D-Var
data assimilation system in the Integrated Forecasting System (IFS Cycle 41r2) has been
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improved with several modifications, representing a decade of research and development
in modeling and data assimilation. The ERA soil moisture dataset was validated against
the available data from multiple sources, and the use of this dataset for testing model
simulations on daily to seasonal time scales has been confirmed [40,41]. In this study, we
used the ERA5 soil moisture data from 1982 to 2015, and the depths of the four soil layers
ranged from 0 to 7, 7–28, 28–100, and 100–289 cm, respectively. To calculate the correlation
between soil moisture and vegetation, we used the resample tool of the raster processing
module in ArcGIS10.5, which is consistent with the spatial resolutions of soil moisture and
NDVI. In order to improve the spatial resolution of the data, the soil moisture data were
resampled to 8 km using the bilinear resampling mode selected in this study. The bilinear
calculates the value of each pixel by averaging (weighted for distance) the values of the
surrounding four pixels, which is suitable for continuous data.

Precipitation and evaporation data were obtained from the ERA5 dataset.
The Global Inventor Modeling and Mapping Studies (GIMMS) NDVI3g data (1982–

2015) were used to explore the time-lagged correlation with soil moisture. The NDVI
dataset was obtained from the GIMMS group of the US National Oceanic and Atmospheric
Administration’s Advanced Very High-Resolution Radiometer (AVHRR). The dataset had a
spatial resolution of 8 × 8 km and a temporal resolution of 15 days [42]. It has been shown
to be more accurate for monitoring vegetation activity and phenological changes [43].

2.3. Methods
2.3.1. Data Smoothing and Up-Sampling

The multi-year averages for the 15-day NDVI and monthly soil moisture data were
calculated. The resolution of the time series data of the NDVI and soil moisture at intra-
annual stages must be unified, for which the monthly soil moisture data were up-sampled
to a 15-day temporal resolution. First, the Whittaker smoother was used [44], followed
by Fourier interpolation to increase the sampling of the soil moisture data [45]. Then, the
original monthly-scale time-series data were transformed to the frequency domain, and the
sampling points (filling the blank values) were expanded in the frequency domain series.
Finally, inverse Fourier transformation was used to increase the sampling to a 15-day time
scale (1–24 periods).

2.3.2. Time-Lagged Correlation Analysis

In this study, based on the 15-day soil moisture and NDVI data, the maximum cor-
relation coefficient, and the lag time between the two were calculated using time-lagged
correlation analysis [45]:

(1) First, the correlation coefficients between NDVI and soil moisture were calculated
for different time lags as follows:

rk(x, y) =
∑n−k

i=1 (xi − xi)(yi+k − yi+k)√
∑n−k

i=1 (xi − xi) ·∑n−k
i=1 (yi+k − yi+k)

(1)

where rk(x,y) refers to the series of correlation coefficients between the NDVI and soil
moisture under time lag k, xi and yi are the series of soil moisture and NDVI, respectively;
n is the length of the series; and k is the time lag (k = 0, ±1, ±2, . . . ), where k ≤ n/4. As the
correlation analysis used 15-day interval data at an annual scale (n = 24), the maximum
value of k was 6 (6 × 15 = 90 days).
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(2) Next, the maximum values of the correlation coefficients for each time lag were
calculated as follows:

r1(k1) = max(r1(x, y)) (2)

r2(k2) = min(rk(x, y)) (3)

R = r1, K = k1|r1| > |r2|
R = null, K = null|r1| = |r2|

R = r2, K = k2|r1| < |r2|
(4)

where r1 is the maximum value of the correlation coefficient between the NDVI and soil
moisture under time lag k1; r2 is the minimum value of the correlation coefficient between
the NDVI and soil moisture under time lag k2, and R and K refer to the extremum value
and time lag of the cross-correlation between the NDVI and soil moisture, respectively.

Within this, k > 0 indicates that the soil moisture change affects the NDVI variation;
k < 0 indicates that the NDVI change affects soil moisture variations; and k = 0 indicates
synchronous intra-annual changes in soil moisture and NDVI.

2.3.3. Defining the Different Stages of Vegetation Change

To identify the relationship between the soil moisture and NDVI at different stages of
vegetation change, the phenological nodes of the vegetation were further extracted. Firstly,
a curve was fitted for the cumulative NDVI based on a regression logistic model, which
was first proposed by Zhang et al. [46].

y(t) =
c

1 + ea+bt + d (5)

where y(t) is the cumulative NDVI at day t, d is the initial background NDVI value, and c is
the difference between the maximum and minimum cumulative NDVI values. Therefore,
c + d is the maximum cumulative NDVI, while a and b are the fitting parameters [47].
According to the fitting curve, the greening stage of the vegetation was from January to
August (Figure 2a) while the browning stage was from August to December (Figure 2b).
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Next, according to the curvature curve [46,47] and curvature extremum [48] of the
cumulative NDVI logistic fitted curve method, the maximum (SOS_K) and minimum
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curvatures (EOS_K) of the vegetation greening and browning stages on the MP were
calculated (Figure 2) as follows:

k =
da
ds

= − b2cz(1− z)(1 + z)3[
(1 + z)4 + (bcz)2

]1.5 (6)

where z = ea+btα is the angle (in radians) of the unit tangent vector at time t along a
differentiable curve, and s is the unit length of the simulated NDVI curve.

Finally, the rate of curvature change (RCC) method [49] was used to define the corre-
sponding times for the maximum curvature change rate during the greening stage as the
start of the growing season (SOS_RCC) and the minimum curvature change rate during
the browning stage at the end of the growing season (EOS_RCC).

RCC = b3cz


3z(1− z)(1 + z)3

[
2(1 + z)3 + b2c2z

]
[
(1 + z)4 + (bcz)2

]2.5 −
(1 + z)2(1 + 2z− 5z2)[
(1 + z)4 + (bcz)2

]1.5

 (7)

where a, b, c, and z represent the same values as in Equations (5) and (6).

3. Results
3.1. Spatiotemporal Distribution of the Soil Moisture in Mongolian Plateau (MP)
3.1.1. Spatial Distribution of the Soil Moisture at Various Depth

Figure 3 shows the spatial distribution of mean annual soil moisture at various depths
during 1982–2015 across the MP. The spatial distribution of average multi-annual soil
moisture content ranged from 0 to 0.469 m3/m3 and with an average of 0.18 m3/m3 at
layer 1; in layer 2, the soil moisture content of 0 to 0.459 m3/m3 and with an average of 0.18
m3/m3; in layer 3, the soil moisture content of 0 to 0.459 m3/m3 and with an average of
0.20 m3/m3; in layer 4, the soil moisture content of 0 to 0.448 m3/m3 and with an average
of 0.21 m3/m3. In the vertical distribution, the area of soil moisture content <0.1 m3/m3 in
layer 1 and layer 2 is relatively large, accounting for 30% and 29%, respectively. The area of
soil moisture content range of 0.2–0.3 m3/m3 in layer 3 is relatively large, accounting for
41%. However, area of soil moisture range of 0.1–0.2 m3/m3 and 0.3–0.4 m3/m3 in the layer
4 is relatively large, accounting for 37% and 18%, respectively. In general, the soil moisture
content increased with increasing depth. The soil moisture contents in layers 1 and 2 were
relatively lower than those in layers 3 and 4. In the horizontal distribution, the soil moisture
decreased from east to west and from north to south in each layer. The spatial heterogeneity
was obvious, which was consistent with the distribution of different vegetation types in
the MP. Among them, the soil moisture content was highest in vegetation type I, which
was higher than 0.3 m3/m3, followed by the soil moisture content in the II vegetation type
area, which was approximately 0.2–0.3 m3/m3 in II-1 vegetation type, 0.1–0.3 m3/m3 in
II-2 vegetation type, and less than 0.2 m3/m3 in II-3 vegetation type. The soil moisture
content in the III vegetation type was the lowest, with a content of less than 0.1 m3/m3.
The order of the soil moisture contents at different depths for the different vegetation types
was I > II (II-1 > II-2 > II-3) > III.
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Figure 3. Spatial distribution of mean annual soil moisture at various depths during 1982–2015 across the MP. The (a–d)
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3.1.2. Temporal Distribution of the Soil Moisture at Various Depth

Data smoothing and up-sampling methods were used to process the soil moisture
data on a daily scale. Figure 4 shows the variations in soil moisture over an average period
between 1982 and 2015 at various depths in intra-annual at daily scale across the MP.
The uniformity and stability of the soil moisture increased with depth, which is the soil
moisture volatility at layers 1, 2, and 3, and the stability in layer 4 was obvious. Among
them, the change trends of the soil moisture in layers 1 and 2 are similar, showing an
“up-down-up-down” trend. Changes in soil moisture in layer 1 showed an upward trend
from the beginning of 0.164 m3/m3 increase to the first peak value (0.184 m3/m3) on day
75, and then decreased to the valley value (0.165 m3/m3) on day 125. Then, it peaked
(0.205 m3/m3) on day 210 intra-annual and subsequently showed a downward trend. The
changes in soil moisture in layer 2 were slightly delayed compared to those in layer 1.
Corresponding to the increasing period of soil moisture in layer 1, the soil moisture in layer
2 decreased from 0.172 m3/m3 to 0.166 m3/m3. Subsequently, it increased to 0.172 m3/m3

on day 95. Then, it decreased to the lowest value of 0.158 m3/m3 on day 130, and increased
to the highest value of 0.205 m3/m3 on day 225, followed by a downward trend. Changes
in soil moisture in layer 3 were opposite or delayed to those in layers 1 and 2. The variation
trends of soil moisture in layer 3 showed the “down-up-down-up-down” trend. From the
original 0.206 m3/m3, it increased to 0.203 m3/m3, and decreased rapidly to the lowest
value of 0.191 m3/m3 on day 165. Subsequently, soil moisture increased to 0.202 m3/m3 on
day 230, and showed a short-term downward trend, while the second valley value was
0.197 m3/m3 around day 275 and showed an upward trend until day 327, with the highest
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value of 0.207 m3/m3 in intra-annual. The change in soil moisture in layer 4 was relatively
stable, ranging from 0.204 to 0.206 m3/m3, with the highest value of 0.206 m3/m3 on days
175 to 275.
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3.2. Spatial Characteristics of the Time-Lagged Correlation between NDVI and Soil Moisture

The extremum correlation coefficient and lag time between NDVI and soil moisture at
various depths in different vegetation types are shown in Figure 5. Regarding the time-
lagged correlation between the soil moisture and NDVI in layer 1 (Figure 5(a-1,a-2)), the
extremum correlation coefficient was positively correlated with the lag time according to
the spatial distribution. When the extremum correlation coefficient was positive, the lag
time was positive; otherwise, it was negative. For layer 1, the positive correlation between
NDVI and soil moisture accounted for 86% of the area. The NDVI was affected by soil
moisture and accounted for 64% (1< k < 3), mainly distributed in the II-1 and II-2 vegetation
regions. The synchronization between the changes in the soil moisture and NDVI accounted
for 22% (k = 0), mainly distributed in vegetation areas II-3 and III. The negative correlation
between the NDVI and soil moisture was 14% (–3 < k < –1), mainly distributed in vegetation
region I. For layer 2, the positive correlation between the NDVI and soil moisture was
45%, and the negative correlation was 55% (Figure 5(b-1,b-2)). The NDVI was affected by
soil moisture, accounting for 45% (1< k < 2) and was mainly distributed in the I and II-1
vegetation regions. In comparison, the NDVI change the soil moisture area, occupying 55%
of the study area, and the lag time was comparatively longer (−6 < k <−4), and was mainly
distributed in the II-2, II-3, and III vegetation types. For layer 3, the negative correlation
between the NDVI and soil moisture accounted for 78%, while 22% of the area showed a
positive correlation (Figure 5(c-1,c-2)). The area of soil moisture affecting the NDVI change
accounted for 69%. Among them, the NDVI lag change than soil moisture was 1-3 months
for the II-2 and II-3 vegetation types and 0.5 month in the I type. The area in which the
NDVI change affected the soil moisture accounted for 26%, with a comparatively longer
lag time (−4 < k < −2), mainly distributed in vegetation types II-1 and III. In addition, the
area in which the changes in the soil moisture and NDVI were synchronized accounted for
5% (k = 0). For layer 4, the areas of positive and negative correlations between the NDVI
and soil moisture accounted for 59% and 41%, respectively (Figure 5(d-1,d-2)). Among
them, the area of NDVI affected by the soil moisture was mainly distributed in I-2 and
II vegetation types, and the lag times in I-2 and II vegetation types were k = 6 and 1 < k
< 4, respectively. The area of soil moisture affected by NDVI was mainly distributed in
vegetation types I-1 and III, and the lag time k = −6. The time-lagged correlation between
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the NDVI and soil moisture at various depths was different on an intra-annual scale in
the different ecological regions of the MP. Therefore, in this study, different vegetation
cover types were used to analyze the interrelationship between NDVI and soil moisture at
various depths.
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Furthermore, we used the different vegetation types on the MP to calculate the mean
value of the extremum correlation coefficient and time lag between the soil moisture at
various depths and NDVI (Figure 6a). The NDVI and layer 1 soil moisture were positively
correlated in all vegetation types; the extremum correlation coefficient in II-2 and II-3
vegetation types was the highest, followed by the I, II-2, and III regions, respectively.
There was a positive correlation between layer 2 soil moisture and NDVI in regions I and
II-1, and the extremum correlation coefficient was high, with a negative correlation in the
II-2, II-3, and III regions, but the extremum correlation coefficient was low. There was a
negative correlation between layer 3 soil moisture and NDVI, and the extremum correlation
coefficient in region II was the highest, followed by regions III, I-2, and I-1. The correlation
between layer 4 soil moisture and NDVI was negative in regions I and II-1, and in I-2 had
the highest correlation, while the II-2, II-3, and III regions had a positive correlation, and
the extremum correlation coefficient was low.
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Figure 6. Extremum correlation coefficient (a) and lag time (b) between the NDVI and soil moisture
at various depths for different vegetation types.

The time lag between NDVI and soil moisture at various depths is shown in Figure 6b.
Soil moisture changes in layers 1 and 2 affect the NDVI (k = 1–2) in regions I and II, and
layer 1 soil moisture synchronous changes with NDVI in III. Layer 2 soil moisture was
affected by the NDVI changes in regions II-2, II-3, and III, while soil moisture change lag
was longer than NDVI in II-2 and II-3 (k = −5) and shorter in III (k = −2). Layer 3 soil
moisture change affected the NDVI in regions I, II-1, and II-3, and NDVI changes lag time
was shorter (k = 1–3). The NDVI change affected the soil moisture in regions II-2 and III;
among them, the soil moisture change lag time was shorter in II-2 (k = −1) and longer in III
(k = −5). Layer 4 soil moisture change affected the NDVI in I-2 and II regions, and NDVI
changes lag time was longer (k = 3–5). The NDVI change affected the soil moisture in the
I-1 and III regions, while the soil moisture change lag time was longer (k = −5).
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3.3. Temporal Characteristics of the Time-Lagged Correlation between NDVI and Soil Moisture
3.3.1. Variations Trend of NDVI and Soil Moisture at Different Stages of Vegetation Change

The maximum change curvature of NDVI and soil moisture at different stages of
vegetation change was obtained using the logistic fitted curve method. The NDVI contin-
ued to increase during the vegetation greening stage (Figure 7a). Corresponding to the
start of the growing season (SOS_RCC) on around day 90, the layer 1 soil moisture curve
showed the highest decrease curvature (layer 1_-k), while the layer 2 soil moisture curve
showed the highest decrease curvature (layer 2_-k) on day 110. As the NDVI changed to the
highest increased curvature (SOS_k/NDVI_k) on day 115, layer 1 soil moisture presented
the lowest valley in the year, while the layer 3 soil moisture change curve presented the
highest decrease curvature (layer 3_-k). With the continuous increase in NDVI, the soil
moisture declined rapidly in layer 3, and showed an upward trend in layers 1 and 2. The
soil moisture in layers 1 and 2 showed the highest upward curvature on day 152 (layer 1_k)
and day 162 (layer 2_k), respectively. The corresponding soil moisture in layer 3 decreased
to its lowest value on day 165, and then showed an upward trend. On day 200, with the soil
moisture rapidly increasing in layer 3 (layer 3_k), the soil moisture of layer 4 also showed
an obvious upward trend. At the same time, the soil moisture in layer 1 had the highest
value of the year. The curvature of the soil moisture change curve in layer 4 was smaller
during the entire vegetation greening stage.

The NDVI continued to decrease during the vegetation browning stage (Figure 7b).
With the rapid decline of NDVI, the soil moisture change curve of layer 3 showed the
highest decrease in curvature (layer 3_-k) on day 250. On day 260, the highest decreasing
curvature of the soil moisture change curve of layer 1 (layer 1_-k) was observed, which
corresponded to the highest decreasing curvature of the NDVI curve (NDVI_-k). The
highest decreased curvature of the soil moisture change curve of layer 2 was observed on
day 270 (layer 2_-k). Subsequently, the soil moisture in layer 3 increased rapidly after day
275. The change curve of soil moisture in layer 3 showed the highest increasing curvature
(layer 3_k), and the soil moisture in layer 4 showed a downward trend corresponding to
the end of the growing season (EOS_RCC).
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3.3.2. Time-Lagged Correlation between the NDVI and Soil Moisture at Different Stage of
Vegetation Changes

In this study, we investigated the time lag between the changes in the NDVI and soil
moisture at various depths in different stages of vegetation changes using the statistics of
the pixel number proportion (Figure 8). In the greening stage, the soil moisture in layer 1,
2, 3 changes advance than NDVI about 3 months (k = −6). However, there were differences
in the relationship between the NDVI and soil moisture at various depths in the different
vegetation types during the browning stage. The change of layer 1 soil moisture lagged
than NDVI by 0.5–1 months (k = 1, 2) in I and II regions, and 3 months (k = 6) in III region.
The change of layer 2 soil moisture lagged NDVI by 0.5 month (k = 1), except for regions
II-2 and III. The changes in the NDVI and soil moisture were synchronized (k = 0) in region
II-2, while the NDVI changes were lagged 2 months (k = −4) with those of the soil moisture
in region III. The changes in the NDVI and soil moisture at layer 3 differed between the
individual vegetation types. The changes in the NDVI lagged behind the soil moisture by
1 month (k =−2) in region I-1, and changes advance about 0.5 month (k = 1) and 2.5 months
(k = 5) in I-2, III regions and II region, respectively. The NDVI changes advanced soil
moisture at layer 4 in the greening stage, while the NDVI lagged behind the soil moisture
changes in the browning stage. However, the changes in the NDVI and soil moisture in
layer 4 were obviously synchronized in region III.
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4. Discussion
4.1. Spatiotemporal Characteristics of the Soil Moisture in MP

On the vertical scale, according to the four-layer soil moisture distribution of intra-
annual, the soil moisture can be roughly divided into the rapid change (layers 1 and 2),
active (layer 3), and stable (layer 4) layers [50]. Across the MP, the uniformity and stability
of the soil moisture increased with depth. Similar results were found by Zhao et al. in the
Loess Plateau, China [51]. To further illustrate the relationship between the soil moisture
at various depths and precipitation/evaporation according to the different vegetation
types, a partial correlation analysis was performed (Figure 9) due to the susceptibility
of soil moisture to rainfall, vegetation transpiration, and soil evaporation [52,53]. It was
found that the precipitation and evaporation correlation with soil moisture decreased with
increasing depth. Among them, there was a positive correlation with the soil moisture in
layer 1 and layer 2, and the correlation coefficient was higher in layer 1 than layer 2. The
negative correlation with soil moisture in layer 3 and layer 4, and the correlation coefficient
was higher in layer 3 than layer 4. The above results agree with previous studies that the
immediate effects of external factors on soil moisture are weakened by soil depth, thus
ensuring that the soil moisture in deeper layers is less disrupted [54–56].

On the horizontal scale, the correlation coefficient between the precipitation/ evap-
oration and soil moisture in layers 1 and 2 was higher than in layers 3 and 4 in region I.
The deep rooting pattern of trees, unlike other plants, allows for the movement of water
from deep to shallow soil horizons [9]. This specific water pumping property, known as
hydraulic lifting [57,58], can have an important ecological role in terms of water redistribu-
tion in soils [59]. We found significant differences in the relationship between precipitation
and soil moisture in the different forest types. The I-1 region is mainly distributed in high
latitudes, where the temperature is relatively low, little evaporation and less precipitation.
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At the same soil type, the root system of I-2 is deeper and more developed, and can infiltrate
the water into the deep soil layer following precipitation, therefore, the soil moisture of this
area is easily disturbed by precipitation and highly correlated with precipitation compared
with the I-1 region [60].
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In the II-2 region, the negative correlation coefficient between precipitation/ evapora-
tion and layer 3 soil moisture is higher than that of other layers, primarily due to the same
period of the hydrothermal and growing season in the study area [49]. The results indicated
that the soil moisture in layer 3 was the most important water source during plant growth
in the II-2 region. However, the correlation between soil moisture and evaporation was
higher than that with precipitation in regions II-3 and III. Evaporation is highly sensitive to
variations in soil moisture in arid and semi-arid regions [61].

On the temporal scale, the soil moisture content was higher from June to October,
which shows the regularity of soil water consumption in late spring and early summer, soil
water accumulation in late summer and early autumn, and soil water consumption in late
autumn and early winter, which is consistent with previous findings [62,63].

4.2. Relationship between the Soil Moisture and NDVI in MP

The analysis of the time-lagged correlation between the NDVI and soil moisture at
various depths showed significant differences in the interaction characteristics of different
ecological communities. The strongest positive correlation between the NDVI and soil
moisture was in layer 1, which was mainly attributed to the simultaneous effects of pre-
cipitation and water fixation by vegetation. Conversely, the strongest negative correlation
between the NDVI and soil moisture in the forest was in layer 4, while that for grassland
and desert vegetation was in layer 3. This was attributed to the widely penetrating roots
of desert and grassland vegetation within the 0–70 cm soil layer [64], and the forest roots
deeper than 100 cm [65] on the MP (Figure 10). We also found that the correlation between
two different forest types was different in the same soil layer, mainly due to the different
root distribution depths of the two forest types. Since previous studies have shown that
coinciding with rooting patterns, the soil water content at 50 and 70 cm depth remains low
in the I-1, where coarse roots are found in deeper soil horizons, more water is directed
deeper in the II-2 [60]. Mutual responses of NDVI and soil moisture in the deep layer
required a longer time compared with the shallow layer. This is mainly due to the small
change in deep layer soil moisture, which makes the vegetation insensitive to changes. In
the annual time scale, the NDVI is affected by the change of soil moisture in most areas of
the study area, except for I-1 and III regions. This results due to the less precipitation and
low groundwater level in I-1 and III regions, thereby these regions are rarely disturbed by
external factors. Studies have shown that the soil moisture “memory” increases with depth
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that in the top 1 m layer being 2.5 months in northern China [66], so the deeper layer’s soil
moisture is not sensitive to changes in NDVI.

Remote Sens. 2021, 13, x FOR PEER REVIEW  15  of  19 
 

 

depth that  in the top 1 m  layer being 2.5 months  in northern China [66], so the deeper 

layer’s soil moisture is not sensitive to changes in NDVI. 

However, the correlation between the NDVI and soil moisture at various depths in 

different vegetation types is associated with the root length and water consumption in‐

tensity during the different stages of vegetation changes [45]. For example, at the start of 

the growing season (SOS_RCC), on day 90, the soil moisture in layers 1 and 2 began to 

decline, indicating that vegetation growth requires water absorption, which mainly comes 

from  the  shallow  soil  layers. When  the  vegetation  growth  reached  the  highest  rate 

(SOS_K), on day 115, the soil moisture in layers 1 and 2 reached the minimum value dur‐

ing the year, while that  in  layer 3 began to decline rapidly. This shows that vegetation 

requires significant water consumption during the rapid growth stage, and when the soil 

moisture supply of layers 1 and 2 becomes insufficient, water is absorbed from the soil 

moisture of layer 3 [67]. To a certain extent, the soil moisture also began to increase with 

vegetation growth, which  indicates  that  the  increase  in vegetation changed  the surface 

albedo and Bowen ratio, precipitation and water fixation by the dense vegetation [13,14]. 

At the start of the browning stage, the soil moisture in layers 1 and 2 began to decline a 

few days earlier than the NDVI. When the browning rate reached its highest point, the 

soil moisture simultaneously  increased  in  layer 3 and decreased  in  layer 4. Due  to  the 

weakened water fixation effect and larger evaporation during autumn, which leads to the 

rapid loss of soil moisture in the shallow layers, the soil moisture in layer 4 moves to the 

upper layers for evaporation [68]. We also found that the changes in soil moisture at each 

level during the browning stage were less dynamic and decreased at a constant rate  in 

comparison with that during the greening stage. This is mainly because the speed of soil 

thawing in spring is greater than the speed of freezing in autumn [69]. 

 

Figure 10. Schematic diagram of relationship between the NDVI and various depth soil moisture 

under different vegetation types. 

5. Conclusions 

In this study, we investigated the spatiotemporal characteristics of soil moisture at 

various depths and the time‐lagged correlation between with NDVI according to the dif‐

ferent stages of vegetation changes in different vegetation types on the MP. We found that 

the uniformity and stability of soil moisture increased with depth, indicating the fine soil 

moisture  conditions  of  the  deepest  layer. According  to  the  four  layers,  soil moisture 

Figure 10. Schematic diagram of relationship between the NDVI and various depth soil moisture under different vegeta-
tion types.

However, the correlation between the NDVI and soil moisture at various depths
in different vegetation types is associated with the root length and water consumption
intensity during the different stages of vegetation changes [45]. For example, at the start
of the growing season (SOS_RCC), on day 90, the soil moisture in layers 1 and 2 began to
decline, indicating that vegetation growth requires water absorption, which mainly comes
from the shallow soil layers. When the vegetation growth reached the highest rate (SOS_K),
on day 115, the soil moisture in layers 1 and 2 reached the minimum value during the
year, while that in layer 3 began to decline rapidly. This shows that vegetation requires
significant water consumption during the rapid growth stage, and when the soil moisture
supply of layers 1 and 2 becomes insufficient, water is absorbed from the soil moisture of
layer 3 [67]. To a certain extent, the soil moisture also began to increase with vegetation
growth, which indicates that the increase in vegetation changed the surface albedo and
Bowen ratio, precipitation and water fixation by the dense vegetation [13,14]. At the start
of the browning stage, the soil moisture in layers 1 and 2 began to decline a few days
earlier than the NDVI. When the browning rate reached its highest point, the soil moisture
simultaneously increased in layer 3 and decreased in layer 4. Due to the weakened water
fixation effect and larger evaporation during autumn, which leads to the rapid loss of soil
moisture in the shallow layers, the soil moisture in layer 4 moves to the upper layers for
evaporation [68]. We also found that the changes in soil moisture at each level during the
browning stage were less dynamic and decreased at a constant rate in comparison with
that during the greening stage. This is mainly because the speed of soil thawing in spring
is greater than the speed of freezing in autumn [69].

5. Conclusions

In this study, we investigated the spatiotemporal characteristics of soil moisture at
various depths and the time-lagged correlation between with NDVI according to the
different stages of vegetation changes in different vegetation types on the MP. We found
that the uniformity and stability of soil moisture increased with depth, indicating the fine
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soil moisture conditions of the deepest layer. According to the four layers, soil moisture
change characteristics can be roughly divided into the rapid change layers (layer 1 and 2),
active layer (layer 3) and stable layer (layer 4). The soil moisture content increased with
the value of NDVI, which indicated that the vegetation is one of the important controlling
factors of the soil moisture spatial distribution.

The extremum correlation between the soil moisture at various depths and NDVI
showed that the strongest positive correlation between with NDVI and soil moisture at
layer 1 in all vegetation types and has the highest correlation coefficient in desert steppe
region. Except for the coniferous forest region, the negative correlation between with NDVI
and soil moisture at layer 3 in the study area, especially the highest correlation in typical
steppe region. The soil moisture at layer 4 has a higher negative correlation between NDVI
in forests than other vegetation types, and in particular the highest in boreal-leaved forest.
These results indicate that the length of plant roots determines the different correlations
between with NDVI and different layers soil moisture.

Mutual responses NDVI and soil moisture in the deep layer required a longer time
than the shallow layer. In the annual time scale, the NDVI is affected by the change of soil
moisture in most areas of the study area, except for coniferous forest and desert vegetation
regions. In different stages of vegetation change, the soil moisture changes advance NDVI
about 3 months in the greening stage, while the NDVI changes advance soil moisture by
0.5 months in the browning stage. Regardless of which stage of vegetation changes, the
changes of soil moisture start from the shallow layer, then to deep layer. In addition, the
peak and valley values of soil moisture changes intra-annually are very consistent with the
vegetation phenology period and, therefore, the annual changes in the soil moisture can be
used as an important basis for the extraction of the phenological features of vegetation.
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