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Abstract: A huge amount of seabed acoustic reflectivity data has been acquired from the east to
the west side of the southern Adriatic Sea (Mediterranean Sea) in the last 18 years by CNR-ISMAR.
These data have been used for geological, biological and habitat mapping purposes, but a single
and consistent interpretation of them has never been carried out. Here, we aimed at coherently
interpreting acoustic data images of the seafloor to produce a benthic habitat map of the southern
Adriatic Sea showing the spatial distribution of substrates and biological communities within the
basin. The methodology here applied consists of a semi-automated classification of acoustic reflec-
tivity, bathymetry and bathymetric derivatives images through object-based image analysis (OBIA)
performed by using the ArcGIS tool RSOBIA (Remote Sensing OBIA). This unsupervised image
segmentation was carried out on each cruise dataset separately, then classified and validated through
comparison with bottom samples, images, and prior knowledge of the study areas.

Keywords: RSOBIA; multibeam backscatter; automatic classification; benthic habitat map;
Adriatic Sea

1. Introduction

Acoustic reflectivity data are a proxy to the type and grain size of the seabed. They al-
low distinction between different substrates [1,2] and identification of some morphologies
(e.g., small-scale structures) and benthic habitats (seagrass meadows, coralligenous forma-
tions, cold-water corals and others) [3]. Combined with the geomorphological study of the
seafloor, the analysis of acoustic reflectivity data plays a key role and constitutes one of the
most widespread approaches for benthic habitat mapping [4,5].

Different methodologies can be applied to classify seabed reflectivity data, going from
experts’ interpretation to automatic or semi-automatic classifications, successively vali-
dated through bottom samples and images. The choice of the most suitable methodology
is usually based on the quantity and quality of data available (e.g., presence of noise in
backscatter mosaics, number and distribution of seafloor samples). Generally, large datasets
are more easily handled through automatic or semi-automatic classifications that are
quantitative, repeatable, comparable, more objective and less time-consuming than a
manual interpretation [4–7].

The Institute of Marine Sciences (ISMAR) of the National Research Council (CNR)
widely investigated the southern Adriatic Sea (Mediterranean Sea) by acquiring multibeam
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(bathymetry and backscatter) and side scan sonar data from the continental shelf down to
the basin floor and from the west to the east side of the basin (e.g., [8–12] and references
therein). Although each set of data has been acquired, processed and analysed for specific
purposes (e.g., [8–20]), a complete and coherent interpretation of the entire database of
acoustic bathymetry and backscatter is still lacking. This consists of a great challenge since
the uncalibrated backscatter data have been acquired during different cruises, under differ-
ent weather and environmental conditions and with different multibeam systems, and the
seafloor samples are not homogeneously distributed all over the surveyed areas.

In marine surveys, uncalibrated acoustic reflectivity datasets are common, especially
when acquired in past projects. Despite the huge effort to go towards the application of
standards for the acquisition of calibrated backscatter data ([3,21] and references therein),
it is necessary to develop methodologies able to maximize the use of previously acquired
legacy datasets pursuing the goal “map once, use many times”. To this goal, analysing and
coupling data acquired with different sources is necessary, though challenging. For exam-
ple, Bellec et al. [22] analysed backscatter datasets acquired with four different multibeam
echosounder systems (MBES) on board seven different research vessels and a large amount
of videos from Remotely Operated Vehicles (ROVs) and bottom samples. They performed
a manual interpretation of backscatter images, seafloor videos and samples to get a seabed
sediments (grain size) map of Nordland VI (offshore north Norway). Lacharité et al. [23]
integrated four uncalibrated backscatter mosaics acquired with four different devices with
the aim of producing a single and consistent benthic habitat map of the St. Anne Bank (off
the eastern coast of Nova Scotia, Atlantic Canada) starting from inhomogeneous datasets.
Finally, Snellen et al. [24] tested two methods to automatically analyse multitemporal
large-scale MBES backscatter datasets acquired on the Cleaver Bank (North Sea) during
five different surveys on board two research vessels, successfully demonstrating the re-
peatability of the acoustic classification based on changes in reflectivity values for different
sediment types.

In the present work, we combine multisource acoustic surveys producing a ben-
thic habitat map of the southern Adriatic Sea (Mediterranean Sea). Among the different
available methods to analyse and classify backscatter datasets, we tested an object-based
segmentation of the images (backscatter data, bathymetry and its derivatives) as pro-
posed by Lacharité et al. [23], but using the Remote Sensing Object-Based Image Analysis
(RSOBIA) tool [25], as applied in [13,26,27]. The objective segmentation is followed by a
classification based on bottom samples and images coupled with expert opinion and the
literature data. This semi-automatic approach makes the methodology repeatable, without
overlooking the precious contribution of expert knowledge to the production of the final
benthic habitat map of the study area.

2. Study Area

The southern Adriatic Sea (Mediterranean Sea) is the foreland of both the Apennines
and the Dinaric-Hellenic fold-and-thrust belts and represents the boundary between Africa
and Europe plates [28]. The western continental Adriatic Margin is made of a Mesozoic
carbonate platform that was tectonically deformed generating the W–E-trending Gondola
deformation belt [28–32]. It is characterized by a sub-planar shelf bounded offshore by a
shelf break located at a distance ranging from 20 to 36 km off the Italian coastline at a mean
depth of 200 m. Two main incisions indent the slope and the shelf break of this part of the
Adriatic margin and are Bari and Tricase canyons [10,13]. The shelf here presents scattered
hard substrates related to bedrock outcrops, erosive remnants, and coralligenous formations
and oyster reefs [33–36]. The eastern continental Adriatic Margin is characterized by a
narrow (ca. 10 km) continental shelf offshore Montenegro and Albania that enlarges in
correspondence with the northernmost Greek islands (Kerkyra, Othonoi, etc.) and the
border with the Ionian Sea, and is bounded offshore by a shelf break located at a depth
of about 130 to 200 m. The continental slope is affected by progressive retreat mainly due
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to mass wasting processes that favoured the development of a large number of scars and
incisions, the latter not connected to a drainage system from land [37–41].

The area considered in this paper includes the Adriatic basin (continental shelf and
slope) bordered northward between the Bari Canyon (Italy) and the Kotor Bay (Montenegro)
and southward by the Strait of Otranto between Santa Maria di Leuca and Kerkyra Island
(Figure 1).
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3. Materials and Methods
3.1. Datasets

The area has been surveyed repeatedly, resulting in the acquisition of ca. 13,400 km2

of high-resolution bathymetry and acoustic reflectivity data, while 255 seafloor samples
were acquired by means of large volume grabs, box-corers, dredges and ROV surveys.
In particular, acoustic reflectivity data constitute a patchwork of heterogeneous datasets
acquired during 12 cruises carried out for a variety of purposes, using different devices
and frequencies (Figure 2 and Table 1). Multibeam data have been processed using both
PANGEA Multi Beam System and CARIS HIPS and SIPS, while the TOBI side scan sonar
image was acquired and processed by means of PRISM software [8,11,12,43,44].

Ground-truthing is based upon 255 bottom samples collected during 18 cruises and
stored in the CNR-ISMAR repository and geodatabase (Figure 3; for samples collected
during the 1970s, we referred to [45]).
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Figure 2. Acoustic reflectivity mosaics acquired along the southern Adriatic Sea by ISMAR-CNR of Bologna (please refer to
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Table 1. Technical specifications of the sonar devices used to acquire MBES and side scan sonar backscatter data.

Dataset Date Device Nominal
Depth Range Frequency Beam

Width
No.

of Beams
Swath
Width

MAGIC0409 2009

Kongsberg
EM710

100–900 m 70–100 kHz 1◦ × 1◦ 258 5.5× depth

ARCADIA 2010

OBAMA-A,B 2011

MAGIC0211 2011

MEMA12-A,B,C 2012

COCOMAP13-A 2013

COCOMAP14-A 2014

ALTRO 2013

http://www.rohub.org/rodetails/RSOBIA_Ad-1/overview
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Table 1. Cont.

Dataset Date Device Nominal
Depth Range Frequency Beam

Width
No.

of Beams
Swath
Width

MAGIC0709 2009 Kongsberg
EM3002D

30–100 m 300 kHz 1.5◦ × 1.5◦ 508 10× depth
MAGIC0910-A,B,C 2010

COCOMAP13-B 2013 Kongsberg
EM302

10–7000 m 30 kHz 0.5◦ × 0.5◦ 288 5.5× depth
COCOMAP14-B 2014

MS15 2015 Reson Seabat
7160 3–3000 m 44 kHz 1.5◦ × 1.5◦ 512 4× depth

SAGA03 2003
TOBI

side-scan
sonar

6000 m 32 kHz - - 6000 m

3.2. Remote Sensing-OBIA (RSOBIA)

We performed an image analysis of backscatter, bathymetry and bathymetric deriva-
tives based on the identification of objects (Object-Based Image Analysis, OBIA). The image
is segmented into concrete natural objects [46,47] based on the shape of the clusters and
their spatial correlation [5], and on the homogeneity within the clusters [48]. Among the
different software enabling to perform OBIA (e.g., eCognition, GEOBIA), we chose to
test the Remote Sensing-OBIA (RSOBIA) [25], a user-friendly toolset developed for ESRI
ArcGIS 10.x that allows execution of an unsupervised segmentation on a single or multiple
bands image.

In this work, every dataset was processed independently because (i) they were ac-
quired during different surveys, (ii) with different devices and (iii) without following a
standard process for the acquisition of calibrated backscatter. Hence, the backscatter im-
ages were not comparable to each other, and the datasets could not be merged or analysed
together. Classifying the different multisource coverages separately allowed a relative
comparison of backscatter.

The processing consisted of four main steps: (1) preparation of the input datasets
(processing and extraction of MBES bathymetries and backscatters through CARIS HIPS
and SIPS and calculation of bathymetric derivatives), (2) segmentation by means of RSO-
BIA, (3) classification through ground-truthing and expert opinion, and (4) validation.
We formalized the part of the workflow implemented in ArcGIS using Model Builder for
ArcGIS 10.5 (Figure 4). This tool makes the process from segmentation to ground-truthing
automatically repeatable and reusable.

The input data for the segmentation were homogenized to a resolution of 10 m,
they consisted of backscatter images from MBES and SSS, bathymetry, and the terrain
attributes calculated through RSOBIA toolset (Slope, Roughness and Bathymetric Position
Index—BPI). RSOBIA segmentation was run setting the Minimum Object Size at 1000 for all
datasets: this value corresponds approximately to a circle of 18 pixels (180 m) radius which
we found suitable for the scale at which we wanted to produce the benthic habitat map
(basin scale: 1:300,000). The Number of Clusters changed for each dataset according to the
substrate classes that we expected to find in every area, following the Calinski–Harabasz
criterion [49]: higher is the ratio between the variance among and within clusters, better is
the separation among the clusters.
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We ran preliminary tests in order to identify the most efficient variables combination
and their relative weights within the analysis, the best values for the Number of Clusters,
and finally, the Minimum Object Size [25] to segment the images. We judged the adequacy
of parameters in capturing the features of interest at the scale of work basing on visual
interpretation. Following the methodology proposed by Lacharité et al. [23], we firstly
included only the primary acoustic data layers (backscatter and bathymetry) to minimize
the propagation of uncertainty during segmentation, assigning the backscatter twice the
weight of bathymetry to give priority to the substrate composition, rather than local
variability in depth and morphology. After a visual exploration of the acoustic data layers,
we decided to include different terrain attributes (slope, BPI and roughness) tailored to the
area being analysed in order to enhance morphological expressions, such as positive reliefs
due to rock outcrops, erosive remnants, landslide blocks and any bioconstruction features
(e.g., coralligenous formations and oyster reefs). In particular, we combined the acoustic
backscatter data, bathymetry and slope for regular and smooth seafloor with low or no
variation in roughness, such as large shelf sectors, large basin sectors or datasets including
smooth shelf, slope and basin (as suggested by Lacharité et al. [23] and Innangi et al. [26]).
When the seafloor was characterized by morphological variability, we combined backscatter
with bathymetry, slope and roughness or BPI according to the kind of morphologies
occurring on the area. We took into account the BPI calculated with a window size of
3 × 3 pixels for the areas showing positive reliefs or erosive remnants possibly made
of bedrock or bioconstructions. We included the roughness into the segmentation when
seafloor morphology was irregular, such as when occurring rhodolith beds (COCOMAP14-
A) or coralligenous formations (MEMA12-C). In order to evaluate which combination of
variables and weights was the best for each survey area, we also exploited the statistical
measures (i.e., mean and standard deviation) associated with every polygon for each layer
used for segmentation and calculated through RSOBIA toolset. This function allowed us to
identify outliers among the isolated polygons.

Figure 5 shows an example of RSOBIA segmentation run on COCOMAP14-A dataset
using different variables. In the first case (Figure 5C), RSOBIA segmented a multi-layered
image constituted by the backscatter and the depth, by giving the backscatter twice the
weight of the bathymetry. The BD (Backscatter-Depth) datasets were segmented into
four classes (Majority 1–4). In the second case (Figure 5D), the segmented multi-layered
image included backscatter, depth, roughness and slope. The backscatter was analysed

http://sandbox.rohub.org/rodl/ROs/RSOBIA_Ad-1/
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with a weight twice the other variables and we obtained five classes (Majority 1–5) from
the segmentation of BDRS (Backscatter-Depth-Roughness-Slope) datasets.

Table 2 summarizes the variables and the parameters used in this work, showing
heterogeneity between datasets. About variables, backscatter was given twice or thrice the
weight of the other terrain attributes in all datasets, in order to ensure more importance
to seabed reflectivity in the segmentation. For SAGA03, MS15, OBAMA and ALTRO
datasets, we segmented only the SSS and MBES backscatter images because, through visual
interpretation, we noted that acoustic reflectivity segmentation well isolated the most
relevant features for the benthic habitats and that the inclusion on bathymetry and its
derivatives did not give more information to improve the benthic habitat classification.

In some cases, we set the Number of Clusters equal to 0 because this setting allows
us to maximise the calculation based on the Calinski–Harabasz criterion, making the
segmentation run for the best number of clusters [25]. In SAGA03, we decided not to limit
the RSOBIA segmentation to a number of clusters exploiting side scan sonar image at
its maximum. In COCOMAP14-A, we did not know which number of substrate classes
to expect due to a high heterogeneity of substrates (witnessed by bottom samples) and
acoustic facies. For the dataset ALTRO, we also did not know the expected number of classes
given the limited number of samples ground-truthing the dataset and all concentrated in a
small area. In addition, few works are available in the literature to gather more information
on benthic habitats of the area.

1 
 

 

Figure 5. (A) Bathymetry and (B) Backscatter offshore Othonoi Island (Greece) acquired during
COCOMAP14-A campaign using EM710 MBES; (C) Classes obtained through RSOBIA segmentation
of Backscatter and Depth (BD) giving the backscatter twice the weight of the depth (B × 2,D × 1);
(D) RSOBIA segmentation of Backscatter, Depth, Roughness and Slope (BDRS) giving the backscatter
twice the weight of other variables (B × 2, D × 1, R × 1, S × 1).
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Table 2. For each dataset, the table shows the input variables, their relative weights, the parameters (Number of clusters
and Minimum Object Size) judged more efficient by the authors and then used in the segmentation, finally, the number of
clusters resulting from RSOBIA segmentation.

Datasets Variables Weights No. of Clusters Expected Min. Object Size No. of Clusters Resulted

SAGA03 SSS backscatter 1 0 1000 6

MS15 MBES backscatter 1 3 1000 3

MAGIC0409

MBES backscatter 3

6 1000 7Bathymetry 1

BPI (3 × 3) 2

MAGIC0709

MBES backscatter 3

6 1000 6Bathymetry 1

BPI (3 × 3) 2

ARCADIA

MBES backscatter 3

6 1000 7
Bathymetry 1

Slope 1

BPI (3 × 3) 1

MAGIC0910-A

MBES backscatter 1

6 1000 7Bathymetry 1

BPI (3 × 3) 3

MAGIC0910-B

MBES backscatter 1

6 1000 7Bathymetry 1

BPI (3 × 3) 3

MAGIC0910-C

MBES backscatter 1

6 1000 7Bathymetry 1

BPI (3 × 3) 3

MAGIC0211-A

MBES backscatter 3

6 1000 7Bathymetry 1

Slope 1

MAGIC0211-B

MBES backscatter 3

6 1000 6Bathymetry 1

Slope 1

MEMA12-A

MBES backscatter 3

5 1000 6Bathymetry 1

BPI (3 × 3) 1

MEMA12-B

MBES backscatter 3

5 1000 6Bathymetry 1

Roughness 1

MEMA12-C

MBES backscatter 3

6 1000 4
Bathymetry 1

Slope 1

BPI (3 × 3) 1

OBAMA-A MBES backscatter 1 6 1000 5

OBAMA-B MBES backscatter 1 6 1000 4

COCOMAP13-A

MBES backscatter 2

5 1000 5Bathymetry 1

Slope 1
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Table 2. Cont.

Datasets Variables Weights No. of Clusters Expected Min. Object Size No. of Clusters Resulted

COCOMAP13-B

MBES backscatter 3

5 1000 5Bathymetry 1

BPI (3 × 3) 1

COCOMAP14-A

MBES Backscatter 3

0 1000 6
Bathymetry 1

Slope 1

Roughness 1

COCOMAP14-B

MBES backscatter 2

4 1000 4
Bathymetry 1

Slope 1

Roughness 1

ALTRO MBES backscatter 1 0 1000 8

The results of RSOBIA segmentation are polygonal shapefiles (one for each survey
area) with the following attributes (definitions taken from [25]):

• ID: Consecutive number of polygon (useful for identification);
• AREA: Size of polygon (in units of the original imagery);
• MEAN: Average of classes of all pixels in polygon (useful for finding outliers);
• STD: Standard deviation of classes of all pixels in polygon (low values show good

cluster correspondence);
• SUM: Sum of all classes of all pixels in polygon;
• MAJORITY: Most common class of all pixels in polygon (this is the main class

for interpretation).

3.3. Classification

After obtaining a segmentation of all the datasets with RSOBIA, we converted the
classes into benthic habitats by comparison with ground-truthing and the literature data.
We applied the function “Groundtruth Samples” of RSOBIA tool to associate the informa-
tion related to bottom samples and images to the classes (i.e., Majority values) identified by
RSOBIA during the segmentation. Majority values were correlated with sample descrip-
tion and used to infer the benthic habitat types. When surveys were poorly sampled or
not sampled at all, we exploited the literature data in order to infer the benthic habitats
characterizing them. In particular, we exploited the works [36,50–53] to gather information
on coralligenous formations and oyster reefs, [12,16–18,54–57] to collect details on Bari
Canyon cold water corals (CWCs) and [16,58] to assemble data on CWC communities of
Gondola slide and offshore Monopoli, respectively. Finally, when either ground-truthing or
literature data were not available or classes hosted multiple samples of different lithologies,
we inferred the benthic habitats occurring there through expert interpretation [27].

After naming the classes of all the segmentations, we merged all the shapefiles into a
single one reporting the classification of the benthic habitats of the southern Adriatic basin.

Noise and holes in datasets were automatically identified in the images by RSOBIA
that created a class including these artefacts (mainly located at the nadir or overlapping
areas) and no-data areas (often the class named Majority 0 includes these “anomalies”).
Hence, we were able to delete areas with no data (i.e., holes) or merge areas presenting
noise with the adjacent, case-by-case.

We fixed no-data areas (i.e., holes) using the “Topology toolbar” of ArcGIS software
and merged the classes related to noise with the adjacent ones.

Finally, we used the “Simplify polygon” tool (BEND_SIMPLIFY algorithm with a
tolerance of 100 m) of ArcGIS software to simplify polygon features by removing relatively
extraneous vertices and preserve essential shape to obtain a better cartographic result.



Remote Sens. 2021, 13, 2913 11 of 27

We built the legend following a hierarchical classification scheme, developed in-house
specifically for the Mediterranean and Black Seas, conceived in the framework of the
European Project CoCoNet [58] and still under review, but already successfully applied in
benthic habitat mapping ([12,13,18] and references therein).

3.4. Validation

To test the accuracy of our classification, we compared our prediction with bottom
samples. An amount of 70% of samples (178 of 255) were randomly selected and used to
name the classes, while the remaining 30% (77 of 255) were used for testing prediction reli-
ability. The overall accuracy, which represents the percentage of cases correctly allocated,
was calculated by dividing the total number of correct allocations by the total number of
samples. Class-specific accuracy was also calculated for each reference and predicted class.
The first corresponds to how well reference samples are classified, while the second repre-
sents the probability that a pixel classified into a given category represents that category
on the ground. The analysis was performed in R software [59] using “confusionMatrix”
function of the “caret” package [60].

4. Results
4.1. RSOBIA Segmentation Results

The segmentation results for the entire study area are shown in Figures 6–9 and
described below.

The segmentation of SAGA03 side scan sonar image (Figure 6A,B) resulted in six classes
(Majority 1–6), where Majority 1 isolated noise at nadir. Majority 4–6 identified consoli-
dated substrate areas hosting CWCs, while Majority 3 was interpreted as semi-consolidated
substrate and Majority 2 as unconsolidated substrate. MS15 segmentation (Figure 6C,D)
identified three classes (Majority 0–2), where Majority 0 isolated holes in the dataset. Major-
ity 1 identified an area characterized by unconsolidated substrate, while Majority 2 isolated
an area of high backscatter corresponding to consolidated substrate. The segmentations
of SAGA03 and MS15 acoustic reflectivity images showed a good match and continuity
among classes with similar characteristics and statistics. Hence, also the classification
through bottom samples resulted in consistency between these two areas.

The segmentation of MAGIC0409 (Figure 6E,F) matched well with the southern bound-
ary of SAGA03 segmentation in isolating areas of coarse sediments (Majority 6) from the
rest of the shelf characterized by fine sediments (Majority 3–5). Majority 0–2 isolated holes
and boundaries in the datasets and small areas interpreted as mud. MAGIC0709 datasets
(Figure 6G,H) showed a noisy backscatter image. There, the inclusion of bathymetry and
BPI into the segmentation allowed us to isolate positive reliefs, successively interpreted
as Oyster reefs, and to distinguish among coarse (Majority 4 and 5) and fine sediments
(Majority 1–3).

In ARCADIA datasets (Figure 7A,B), RSOBIA segmentation resulted in seven classes
(Majority 0-6), where Majority 0 identified small errors in the backscatter image. RSOBIA
isolated the central and eastern area of the continental shelf (Majority 3) characterized by
coarse sediments, from the muddy western area (Majority 1). Majority 4 isolated the shelf
break constituted by lithified sediment, while Majority 2 and 5 were classified as muddy
seafloor with small areas constituted by more consolidated substrate (Majority 6). In the
MAGIC0910 datasets (Figure 7C,D), the segmentation identified positive reliefs, interpreted
as Oyster reefs (Majority 6), and consolidated substrates, most likely made of coralligenous
formations (Majority 5 in MAGIC0910-A and Majority 5 in MAGIC0910-C). The area of
MAGIC0910-B is characterized by sediment waves that were isolated by including the
bathymetry and slope into the analysis (Majority 2 and 5).
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Figure 6. Backscatter images and results of RSOBIA segmentations for the datasets SAGA03 (A,B), MS15 (C,D), MAGIC0409
(E,F) and MAGIC0709 (G,H).
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Figure 7. Backscatter images and results of RSOBIA segmentations for the datasets ARCADIA (A,B), MAGIC0910 (C,D),
MAGIC0211 (E,F) and MEMA12 (G,H).

The segmentation of MAGIC0211 datasets (Figure 7E,F) identified: the continental
shelf of muddy sand/sandy mud with Majority 3 in MAGIC0211-A and Majority 3 in
MAGIC 0211-B; the shelf break made of lithified sediment with Majority 4 in MAGIC0211-A
and Majority 1 in MAGIC0211-B; and, the slope and basin dominated by mud with Majority
5 in MAGIC0211-A and Majority 4 in MAGIC0211-B, except for the Tricase Canyon hosting
consolidated substrates (blocks and boulders; Majority 5 and 6 in MAGIC0211-B).
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Figure 8. Backscatter images and results of RSOBIA segmentations for the datasets OBAMA (A,B) and COCOMAP13 (C,D).

OBAMA datasets (Figure 8A,B) were very noisy and RSOBIA failed in finding objects
in OBAMA-A that was segmented into four classes not supported by ground-truthing.
On the contrary, in OBAMA-B, RSOBIA succeeded in isolating patterns that were then in-
terpreted as cohesive mud and rock blocks hosting CWCs (Majority 4 and 5). COCOMAP13
datasets (Figure 8C,D) are characterized by backscatter images containing noise and errors
among adjacent lines that are visible in the segmentation. However, patterns located at the
shelf break and in the basin floor (Majority 5 in both the datasets), interpreted as cohesive
mud and consolidated substrate hosting CWCs, were isolated by including bathymetry
and slope into the analysis. The rest of the datasets was classified into a single benthic
habitat class, as witnessed by ground-truthing.

The segmentation of COCOMAP14-A (Figure 9A,B) resulted in a large number of
classes (Majority 1–6), in line with the high variability in seafloor morphologies, substrates
and habitats. This segmentation was detailed especially in shallow water areas hosting
rhodolith beds and in few areas located north. The backscatter of COCOMAP14-B is
noisy, and errors among adjacent lines are also highlighted in the segmentation. However,
the inclusion of bathymetry and slope into the analysis helped us to isolate the more con-
solidated substrate (Majority 4). Majorities 1–3 were classified into a single benthic habitat
class, as witnessed by ground-truthing. The segmentation of ALTRO backscatter image
(Figure 9C,D) was noisy and with a high number of classes (Majority 0–7, where Majority 0
isolates holes in the datasets). Such a large number of classes allowed us to clearly identify
features characterizing the slope and hosting CWCs and coral forest surrounded by a
muddy seafloor.
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Figure 9. Backscatter image and RSOBIA segmentation for the datasets COCOMAP14-A and -B (A,B) and ALTRO (C,D).

4.2. The Benthic Habitat Map of the Southern Adriatic Sea

The main result of this work is the “Benthic habitat map of southern Adriatic Sea
(Mediterranean Sea)” (scale 1:300,000), showing 13 types of substrates and 8 benthic
habitats, here illustrated in a simplified view in Figure 10 and with more details in Sup-
plementary, Figure S1. The full description of codes reported in the legend of Figure 10 is
shown in Table 3.
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Table 3. Complete description of the codes used in the legend of the benthic habitat map (Figure 10).
Both substrate and biological components are subdivided into three levels, going from general/large
scale to detailed/small scale features.

Component Code Description

Substrate

S010101 Consolidated substrate-Rock substrate-Bedrock

S010102 Consolidated substrate-Rock substrate-Block and boulder

S010103 Consolidated substrate-Rock substrate-Lithified sediment

S010200 Consolidated substrate-Biogenic consolidated substrate

S020101 Semi consolidated substrate-Firmground-Cohesive mud

S030213 Unconsolidated substrate-Coarse unconsolidated substrate-Gravelly mud

S030301 Unconsolidated substrate-Fine unconsolidated substrate-Sand

S030302 Unconsolidated substrate-Fine unconsolidated substrate-Bioclastic sand

S030305 Unconsolidated substrate-Fine unconsolidated substrate-Muddy sand

S030309 Unconsolidated substrate-Fine unconsolidated substrate-Sandy mud

S030313 Unconsolidated substrate-Fine unconsolidated substrate-Mud

Biology

B040203 Meadow-Seagrass-Posidonia oceanica

B0602 Bed-Rhodolith bed

B080308 Forest-Coral forest-Callogorgia verticillata

B090210 Bioconstruction-Coral reef-Madrepora oculata

B0903 Bioconstruction-Oyster reef

B090304 Bioconstruction-Oyster reef-Neopycnodonte cochlear

B0907 Bioconstruction-Coralligenous

4.2.1. Western Side

Most of the western continental shelf is covered by fine sediments, primarily muddy
sand and sandy mud. The Apulian shelf hosts at depths shallower than 100 m, biocon-
structions (i.e., coralligenous formations) and oyster reefs dominated by the gryphaeid
Neopycnodonte cochlear, e.g., [36,50–53].

Moving south, the shelf is still dominated by muddy sand and sandy mud, alternated,
often associated with coralligenous formations (Fine unconsolidated substrate–Bioclastic
sand + Bioconstruction-Coralligenous), as mapped also during BIOMAP Project [50,61].
The sediments characterizing western shelf and slope seem to be linked to the sediment
supply from the Italian mainland thanks to the contribution from fluvial input, such as Po
River and Apennines’ rivers ([62] and references therein).

The Apulian continental slope is affected by mass failures [8,11] resulting in the
accumulation of blocks [63] onto the basin floor mapped as cohesive mud, and blocks
and boulders hosting CWCs. This margin is also affected by multiple incisions whose
heads, in correspondence with the shelf break, appear to be made of lithified sediment [64].
The two main incisions are Bari and Tricase canyons, hosting healthy and lush CWC
ecosystems [13,16,54,56–65]. Their upper slope is made up of bedrock, lithified sediment
or firm ground (i.e., semi-consolidated) in correspondence of shelf break, canyon heads or
landslide scars, being suitable for CWCs settlement, e.g., [12,17,18,54–56]. The channels of
the above-mentioned incisions are characterized by mixed and/or compacted sandy or
muddy sediments that change into lithified sediments, in correspondence with the mass
transport deposits that also include rocky blocks (seen isolated on the backscatter images)
often hosting CWCs (as seen in the toe of the Tricase Canyon) [13,56]. This changes the
interpretation to consolidated substrates occurring in the northern part of the canyon and
along the SE slope for the following reasons:

• the areas containing samples proving CWC occurrence have been interpreted as
consolidated substrates;
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• CWCs presence was reported also in sites located at ca. 45 km north and northeast of
Bari Canyon (Gondola Slide and Dauno Seamount) [16], and ca. 55 km southward in
the deeply incised slope offshore Monopoli [57].
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Figure 10. Benthic habitat classification of the southern Adriatic Sea resulting from RSOBIA segmentation, ground-truthing
through samples and images of the seafloor, expert interpretation and comparison with published data. For a more detailed
version of the map, please refer to the “Benthic habitat map of the southern Adriatic Sea (Mediterranean Sea)” provided as
supplemental material (Supplementary, Figure S1). Results are also available in digital versions through the Research Object:
http://sandbox.rohub.org/rodl/ROs/RSOBIA_Ad-1/ (accessed on the 21 July 2021). The full description of codes reported
in the legend is shown in Table 3. Some classes of the legend were created by combining two codes: for example, the class
“S010103 + S030313, Lithified sediment + Mud” is obtained coupling “S010103, Lithified sediment” with “S030313, Mud”.

http://sandbox.rohub.org/rodl/ROs/RSOBIA_Ad-1/
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4.2.2. Eastern Side

The Montenegrin and Albanian (Karaburun Peninsula) shelf is flat, narrow, NW-SE
oriented and covered by fine sediment, mainly mud. Near the shelf break, patches of
cohesive mud are probably due to the presence of erosive remnants. Offshore Himarë
(Albania), the continental shelf varies orientation to N-S due to a change in the tectonic
setting [28]. South, the Othonoi shelf is characterized by a rock outcrop extending about
5 km north and south the island. The change in tectonic setting is observable as a transition
from a muddy seafloor with areas of cohesive mud and lithified sediment (Montenegrin
and Albanian shelf) to a karst landscape [66] surrounded by a sandy and gravelly seafloor,
and hosting rhodolith facies and Posidonia oceanica meadows around Othonoi Island (cf.
inset of Rhodolith beds and seagrass meadows offshore Othonoi Island shown in Supple-
mentary Figure S1). Indeed, the variation in tectonics is also responsible for the different
sediment supply from the land, hence influencing the material reaching the seafloor.

The eastern continental slope is affected by mass wasting processes that favoured
the development of a large number of incisions [37–39] made of muddy sedimentation
with lithified sediments and hardground in correspondence of few areas of the shelf
break. In particular, the Montenegrin slope is characterized by consolidated substrates in
correspondence of shelf break and scars. An area of lithified sediment of about 10 km2

located at a water depth of 430–490 m on the slope of a slump scar is most likely due to the
presence of a carbonate chimney forest [67]. This area constituted by hard substrates hosts
coral forests, mainly typified by Callogorgia verticllata [56,68] and CWCs best embodied by
Madrepora oculata and Desmophyllum pertusum, [56,67].

4.3. Accuracy Assessment

The overall accuracy of RSOBIA classification was equal to 45% (Table 4). Although
low, this value is in line with accuracies calculated in previous studies using this methodol-
ogy [12]. The analysis of class-specific accuracies provides a more complete vision, showing
some classes presenting high accuracies (up to 100% of corrected classified samples) while
other reporting very low values (Table 4). This might be related to the higher similarity
in terms of terrain variables among some classes that differed for substrate typology (e.g.,
sands, mud) potentially resulting in a less precise definition of borders. Moreover, seafloor
heterogeneity at small-scale is not properly represented in the classification of such a large
area, unavoidably influencing model accuracy. The presence of biological features with
distinguishable reflectivity and terrain characteristics (e.g., Rhodolith beds, P. oceanica
meadows, corals) appeared to facilitate the segmentation, providing higher accuracies in
some situations.
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Table 4. Confusion matrix assessing the accuracy of the final substrate and benthic habitat classification of the southern Adriatic Sea. The codes refer to the following benthic habitats:
S010101, Bedrock; B090210, Coral reef-M. oculata; S030302, Bioclastic sand; S030302 + B0602, Bioclastic sand + Rhodolith bed; S030302 + B09, Bioclastic sand + Bioconstruction; S030302 +
B0907, Bioclastic sand + Coralligenous; S030302 + B040203, Bioclastic sand + Seagrass-P. oceanica; S030302 + S030313 + B0907, Bioclastic sand + Mud + Coralligenous; S0102+B09, Biogenic
consolidated substrate + Bioconstruction; S010102 + B090210, Block and boulder + Coral reef-M. oculata; S0201, Firmground; S0201 + B090210, Firmground + Coral reef-M. oculata; S030213
+ S030305, Gravelly sand + Muddy sand; S010104, Lithified sediment; S010104 + B090210, Lithified sediment + Coral reef-M. oculata; S010104 + S030313 + B090210, Lithified sediment +
Mud + Coral reef-M. oculata; S030313, Mud; S030313 + B090210, Mud + Coral reef-M. oculata; S030305, Muddy sand; S030305 + S030309, Muddy sand + Sandy mud; S030309, Sandy mud.

Classification

S010101 B090210 S030302 S030302
+ B0602

S030302
+ B09

S030302
+ B0907

S030302 +
B040203

S030302 +
S030313 +

B0907

S0102 +
B09

S010102 +
B090210 S0201 S0201+

B090210
S030213 +
S030305 S010104 S010104 +

B090210

S010104 +
S030313 +
B090210

S030313 S030313 +
B090210 S030305 S030305 +

S030309 S030309 Tot %Corrected

Reference
samples

S010101 0 1 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 1 0

B090210 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0

S030302 0 1 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 1 0 2 0

S030302+
B0602 0 0 0 5 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 5 100

S030302 +
B09 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0

S030302 +
B0907 0 0 0 0 3 0 0 3 0 0 0 0 0 0 0 0 0 0 0 0 0 6 0

S030302 +
B040203 0 0 0 0 0 0 2 0 0 0 0 0 0 0 0 0 0 0 0 0 0 2 100

S030302 +
S030313 +

B0907
0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0

S0102 +
B09 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0

S010102 +
B090210 0 0 0 0 0 0 0 0 0 1 0 0 0 0 0 0 0 0 0 0 0 1 100

S0201 0 0 0 0 0 0 0 0 0 0 7 0 0 0 0 0 0 0 0 0 0 7 100

S0201 +
B090210 0 0 0 0 0 0 0 0 1 0 0 0 0 0 0 0 0 0 0 0 0 1 0

S030213 +
S030305 0 1 0 0 0 0 0 0 0 0 0 0 1 0 0 2 0 0 0 6 0 10 10

S010104 0 0 0 0 0 0 0 0 0 0 0 0 0 1 0 0 0 0 0 0 0 1 100

S010104 +
B090210 0 4 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 4 0

S010104 +
S030313 +
B090210

0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0

S030313 0 2 0 0 0 0 0 0 0 0 0 0 1 0 0 1 13 0 0 4 0 21 62

S030313 +
B090210 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 2 0 2 0

S030305 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 1 4 0 5 20

S030305 +
S030309 0 2 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 1 0 3 33

S030309 0 1 0 0 0 0 0 0 0 1 0 0 0 0 0 0 0 0 0 1 2 5 40

Tot 0 12 0 5 3 0 2 3 1 2 7 0 2 1 0 3 13 0 1 19 2 76

%Corrected 0 0 0 100 0 0 100 0 0 50 100 0 50 100 0 0 100 0 100 5 100 44.74
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5. Discussion

Benthic habitat maps are a simplified representation of actual seafloor and delineate
perimeters around areas with similar properties (e.g., physical characteristics or biolog-
ical communities) [27]. The use of different combinations of acoustic layers and terrain
attributes has been proved to be effective in isolating and characterizing specific habitats
or features; for example, coral mounds [69], habitats settled on positive reliefs breaking
the continuity of a planar seafloor [7] or large-scale habitats, such as canyons [70]. For this
reason, we proceeded in segmenting and classifying each dataset separately, combining
backscatter, bathymetry and terrain attributes (different combinations for each dataset).
Then, we integrated the separated classifications in a single final classification, producing a
single and consistent benthic habitat map for the southern Adriatic basin.

During this challenging work, we faced issues related to underwater acoustics, classi-
fication and ground-truthing.

5.1. Acoustic Issues

The use of uncalibrated and non-comparable mosaics of backscatter and side scan
sonar is the main obstacle that causes incoherence in the classifications among dataset
boundaries. A possible solution is the estimation of the dataset-to-dataset offsets and
then the association of these values as bulk shifts in the absolute scattering strength
estimates [71]. However, slight disparities among backscatter mosaics would persist,
because there are other factors accounting for these shifts, such as imperfect attenuation
coefficients (e.g., sea water attenuation coefficient dependent on water temperature and
salinity) and frequency dependence of scattering, which controls acoustic signal penetration
in sediments [72,73].

In our study, discrepancies are visible also within a same dataset, acquired with the
same device, within the same cruise and same version of acquisition software, for example
MAGIC0211 and MEMA12. There, a change in depth (from shelf to slope and basin floor)
brought the device to change setting automatically (pulse length, frequency and power,
as well as attenuation), causing a change in backscatter strength among adjacent lines
(Figure 11). These issues affected the segmentation of the datasets creating different classes
for the same type of substrate as demonstrated by the groud-truthing (e.g., Majority 4 and
5 of MAGIC0211-B in Figure 7). Since we were not able to calculate bulk shifts among
the acoustic reflectivity images, as suggested above, we faced these issues during the
classification step: we merged the classes that represented the same type of substrate
following ground-truthing data, the literature data and our interpretation.

Seabed acoustic backscatter is constituted by surface scattering—generated by the in-
teraction of the acoustic wave with the seafloor surface—and volume scattering, produced
by its interaction with a sediment volume [74]. Generally, the acoustic signal penetrates
deeper in unconsolidated sediments (i.e., mud) than in consolidated substrates (e.g., rocks)
and constitutes a high contribution in backscatter signal when using low frequency’s sonar
systems. The interaction signal-sediment volume occurs more often when the sediment
contains ‘discontinuities’ (e.g., gas bubbles, benthic organisms, shell fragments, or sediment
particles themselves) that cause slight changes in sound speed or density [3,12,74]. This fact
results in incongruities between the backscatter response and the sediment sampled from
the seafloor. For example, in our study, breaks of slope, ridges or other features character-
ized by steep slope and/or positive relief covered by a thin layer of fine sediment show a
high response in backscatter. This can be induced both by the influence of seabed morphol-
ogy and/or incident angle on backscatter data, and by the penetration of acoustic signal
into the thin and soft layer of unconsolidated sediment. Even if backscatter is processed
using the Geocoder algorithm corrected for the depth using the “adaptive” mode, for high
incident angles it happens that the morphological effects are not totally eliminated. This is
the case of the heads of the Bari and Tricase canyons and the Albanian continental margin
scars and incisions: there, bottom images demonstrate that the bedrock is constituted by
rocky substrate partially covered (often less than 5–10 cm) by mud, e.g., [12,13,16,18,57].
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In these cases, the backscatter signal (frequency of 70–100 kHz) constitutes a predomi-
nant response to the underlying hard substrate more than to the easily penetrable, thin,
fine sediment drape.
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When we encountered this kind of incongruity, we chose the type of substrate more
significant in terms of benthic habitats eventually hosted or we combined more classes
in order to keep as much information as possible (e.g., “S010103 + S030313, Lithified
sediment + Mud”). In the cases of Bari and Tricase canyons, we classified ambiguous areas
as consolidated substrate because the presence of bedrock or lithified sediment (= loose
grain sediments under process of rock formation, such as fluid expulsion and compaction),
even if draped by fine sediments, would favour the settlement of megabenthic organisms,
such as corals.

One of the consequences of the frequency-dependence of backscatter signal is its
dependency on wavelength. Hughes Clarke et al. [72] reported the example of an area
surveyed with two different devices with different frequencies. It resulted that backscat-
ter intensity was almost the same in higher backscatter areas, while soft sediment areas
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showed greater variability. This is because the grain size of harder/coarser substrates has a
wavelength much larger than both devices’ wavelength, while fine-grained sediments have
a wavelength comparable to higher frequency device wavelength. Hence, since the acoustic
response of the seafloor is wavelength dependent, classifications might proceed quite dif-
ferently depending on the wavelength used. This results in a good match among different
backscatter datasets for what concerns high backscatter values corresponding to hard sub-
strates (such as for SSS backscatter of SAGA03 and MBES backscatter of MAGIC0409 and
MS15 shown in Figure 12B) that are easily detected by any segmentation and classification
methods. On the contrary, areas of intermediate values of acoustic reflectivity, correspond-
ing to unconsolidated substrates, show higher variability in the acoustic mosaics as well as
in segmentation and classification results.
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Figure 12. Spatial and temporal distribution of bottom samples collected in the Bari Canyon since the 70s and classified
according to their description, showing a consistency in types of substrates sampled through time; (A) shows the morphology
of the Bari Canyon and (B) shows the acoustic reflectivity images collected there and their good match in correspondence of
high reflectivity areas.
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5.2. Ground-Truthing Issues

Cruise sample strategies were not always appropriate for seafloor mapping, backscat-
ter calibration or automatic backscatter segmentation and classification because samples
were not collected in order to ground-truth the acoustic facies. There is a high concentration
of samples in specific areas (such as Bari Canyon for their CWC ecosystems and Othonoi
Island for the Rhodolith beds), while most of the continental shelf, slope and basin floor
are undersampled. We solved this issue by inferring the benthic habitat classes through
comparison with other available data (e.g., adjacent datasets, acoustic facies and classifi-
cations that had corresponding ground-truthing data andliterature data). Furthermore,
the hierarchical classification scheme applied in this work allowed us to get a continuous
and homogeneous cartographic product for the entire basin. This approach permitted us to
map substrate and biology separately, allowing us to classify also areas where no biological
information was available.

Another possible source of error is the temporal interval among the datasets and
the temporal mismatch occurring also among the collection of samples and acoustic data.
We assumed that no change has occurred in these years for what concerns main features,
substrate and habitat occurrence. Changes might have occurred at a local scale (e.g., slight
variations in grain size), but principal characteristics are maintained. An example of
positive correspondence among bottom samples collected within an important span of time
is notable on the Bari Canyon (Figure 12): there is no difference among bottom samples
collected in the 70s and the most recent ones (2017). In case changes have occurred through
time, then they were at a scale non-mappable for our work.

6. Conclusions

The aim of this work was to produce a benthic habitat map of the southern Adriatic
Sea by combining all the acoustic reflectivity, bathymetry, bathymetric derivatives, ground-
truthing and the literature data available for this basin. We analysed uncalibrated, non-
comparable and non-overlapping seabed acoustic reflectivity datasets acquired during
12 cruises by means of five different devices. We used a semi-automatic approach consisting
of an object-based image analysis of the acoustic data by means of the ArcGIS toolset
RSOBIA [10] and the classification into benthic habitat classes. The result of this challenging
work is the first and continuous benthic habitat map of the southern Adriatic Sea (from
the Bari Canyon to Santa Maria di Leuca and including Montenegrin, Albanian and Greek
margins) at 1:300,000 scale including information on both substrate and biology. This map
will be a reference for future studies on substrate and habitat distribution changes occurring
in the investigated area through repeated surveys and could be exploited as a basis for
maritime spatial planning.

The great strength of this work is that we successfully applied a semi-automatic
method on an inhomogeneous and large dataset (20 acoustic datasets collected within
12 cruises and 255 bottom samples collected during 19 cruises) never attempted before.

Most of the challenges encountered came from:

1. Issues in segmenting and classifying acoustic facies, especially due to the use of
uncalibrated and non-comparable acoustic reflectivity data (different SSS and MBES
backscatter datasets, acquired with different devices, frequencies and oceanographic
conditions);

2. Sampling strategies carried out for different aims, not ground-truthing acoustic facies,
and resulting in a dataset (i) with a sampling density highly variable within the
mapped area and (ii) collected in a time span of about 50 years.

We overcome these issues (i) analysing and classifying the datasets separately and
successively merging the benthic habitat classes into a single and coherent cartographic
product; (ii) exploiting previous knowledge on the study area and expert’s opinion to fill
the sampling gaps.

For future application towards a proper automatic approach, changes to the acquisition
methods are needed:
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• Application of recent developments in remote sensing technology, such as the simulta-
neous acquisition of multispectral backscatter [73,75–79], also taking into account all
the limitations on the use of multi-frequency MBES demonstrated by Gaida et al. [80];

• Calibration of acoustic reflectivity during its acquisition and improvements of SSS
and MBES backscatter processing methodologies [3,81];

• pplication of sampling strategies appropriate for benthic habitat mapping purpose
(i.e., the collection of a suitable number of bottom samples homogeneously distributed
in the study area).

Supplementary Materials: The following materials are available online at https://www.mdpi.com/
article/10.3390/rs13152913/s1. Figure S1: Benthic habitat map of the southern Adriatic Sea at a
scale of 1:300,000, resulting from the merge of the classifications of the different datasets analysed
in this work. It includes (i) geographic setting of the study area; (ii) acoustic backscatter datasets
analysed; (iii) main map; (iv) detail of CWC of the Bari Canyon, bioconstructions offshore Brindisi,
coralligenous offshore Tricase, and rhodolith beds and seagrass meadows offshore Othonoi Island;
(v) legend.
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