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Abstract: The southern coast of Java is known as one of the most productive fishing grounds for
tuna, feeding by nutrient-rich water along the coast caused by the subsurface water upwelling. This
primary productivity can be evidenced by the high sea surface chlorophyll-a concentration (SSC).
Based on satellite remote sensing products, we investigate the multi-scale variability in SSC along the
Sumatra-Java coast. The results show that seasonal variability of SSCs is primarily due to monsoon-
driven upwelling and rainfall in the Indian Ocean and Indonesian seas sides of the Sumatra and
Java Islands, respectively. Local Ekman pumping plays a secondary role, while rainfall input to the
ocean has little effect. Coastally trapped Kelvin waves and mesoscale eddies are responsible for the
intraseasonal SSC anomalies in regions along the south coast of Java and off the Sunda and Lombok
Straits, respectively. The interannual variability in SSC is caused by the anomalous upwelling related
to the Indian Ocean Dipole. There was a weak increasing trend of ~0.1–0.2 mg/m3 per decade, above
the global averaged trend, which may be related to enhanced local Ekman pumping. These analyses
provide an overall description of SSC variations based on satellite observations; however, further
investigations based on in situ observations are needed to achieve better quantification.

Keywords: chlorophyll-a; Java coastal upwelling; southeastern tropical Indian Ocean; seasonal
variability; intraseasonal variability; interannual variability; trend; Kelvin waves; mesoscale eddy

1. Introduction

Marine primary productivity is the fundamental factor that feeds the marine ecosys-
tems and fisheries. So far, only satellite ocean color sensors can provide coverage of global
ocean chlorophyll, which in turn indicating the phytoplankton biomass and marine pri-
mary productivity [1–3]. High sea surface chlorophyll-a concentration (SSC) areas generally
are identified in the upwelling and coastal areas feeding by nutrient-rich water from deeper
layer and runoff, respectively (Figure 1a). The global SSC is found subject to multi-scale
variability associated with ocean dynamical processes such as upwelling, mesoscale eddies,
and sea ice melting [4–7]. Previous investigations show no significant trend in global
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annual median chlorophyll-a from 1998 to 2015 [8]. Among these high SSC regions, the
southern coast of Java is known as one of the most productive fishing grounds for tuna as
a result of the nutrient-rich water along the coast, which is caused by subsurface water up-
welling (Figure 1b) [9–12]. Java coastal upwelling can be captured well by satellite images
of cold sea surface temperature (SST), low sea surface height (SSH), and high SSC [13–15].
From the viewpoint of dynamics, the seasonal Java coastal upwelling is caused by winds
driven offshore Ekman transport and corresponding vertical pumping [12]. In addition,
the eastward propagation of upwelling Kelvin waves also generates thermocline shoaling
along the Sumatra-Java coast on an intraseasonal timescale [16–19].
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During the southeast monsoon seasons, the southeasterly wind along the southern
coast of Java forces offshore Ekman transport, which induces compensation upwelling off
the coast [20]. The upwelling brings cold and nutrient-rich water from the subsurface to the
upper layer, resulting in increased phytoplankton biomass, which is consumed by higher-
trophic-level organisms such as fish [21,22]. Consequently, the abundant season of fisheries
production generally coincides with the monsoon-driven coastal upwelling [11,23]. An-
other factor responsible for the increase in SSC relies on nutrients conveyed by rainfall and
river discharge during the rainy season, when the northwesterly monsoon prevails [13,24].
Since few rivers discharge into the Indian Ocean, there is a collective water volume flux
roughly two orders smaller than that into the Indonesian seas [25]. As a result, the role of
river discharge is assumed to be important only within the Indonesian seas [26], which re-
sults in fish catches peaking during the northwest monsoon seasons in the Java Sea [27,28].
Marine primary production can be retrieved from satellite observations of solar-induced
chlorophyll fluorescence [29–31]. Thus, satellite-derived SSC has been suggested as an
effective indicator for the investigation of marine productivity and the identification and
assessment of fish abundance [11,32,33].

In addition to the seasonal cycle that is determined by Ekman dynamics, the SSC along
the Java coast is also subject to interannual variability, which is associated with the El Niño-
Southern Oscillation (ENSO) and the Indian Ocean Dipole (IOD) events [12,33]. During El
Niño and positive IOD events, there are easterly wind anomalies along the Java coast under
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a weak Walker Circulation regime, favoring generation of anomalous upwelling to enhance
SSC [14,34,35], which in turn influences fish catches in the eastern Indian Ocean [10,22].
Correlation and composite analyses show that the ocean net primary production, which is
closely related to the upper layer chlorophyll-a concentration, is phase lagged with ENSO
by 2 months and synchronous with IOD on an interannual time scale [31]. The mechanisms
by which interannual climate mode impacts the SSC surrounding the Indonesian Maritime
Continent are the anomalous upwelling or downwelling in the Indian Ocean side and
anomalous rainfall and river discharge in the Indonesian seas side, respectively [33].
Additionally, various types of positive IOD events drive different responses of ocean
circulation, leading to different patterns in SSC anomalies in the southeastern tropical
Indian Ocean [36–38].

The upwelling region along the Sumatra-Java south coast also lies on the waveguide
of coastally trapped Kelvin waves. The atmospheric Madden-Julian Oscillation (MJO)
forces intraseasonal equatorial Kelvin waves, which propagate eastward to arrive at the
Sumatra Islands, where they are trapped as coastal Kelvin waves and propagate along
the south coast of the Sumatra and Java Islands [18,39,40]. The propagation of upwelling
Kelvin waves induces negative SSH anomalies along the Sumatra-Java south coast. When
these pass the Sunda Strait, they tend to establish a sea-level gradient from the Java Sea
towards the Indian Ocean along the Sunda Strait, favoring strong intraseasonal along-strait
flow in the strait. The along-strait flow is the dominant mechanism accounting for the
high SSC in the south mouth of the Sunda Strait at the intraseasonal time scale [41,42].
However, it is not clear if this mechanism is active in the Lombok Strait or if intraseasonal
upwelling results in SSC variability on an intraseasonal time scale along the waveguide
of the Kelvin waves [17,43]. A recently released satellite remote sensing product of SSC
from the Copernicus Marine Service has provided high resolution data from 1998 to date.
Therefore, in addition to the intraseasonal variation, we will also revisit the seasonal and
interannual variation and investigate the long-term trends in the SSC along the south coast
of the Sumatra and Java Islands.

This paper is organized as follows. Section 2 describes the satellite remote sensing and re-
analysis products as well as the methods used. Section 3 presents the results, including: (1) the
seasonal variation of SSC; (2) the intraseasonal variation of SSC and its underlying mechanism;
and (3) the interannual variation and long-term trends along the south coast of the Sumatra
and Java Islands. The discussion and conclusions are summarized in Sections 4 and 5.

2. Data and Methods
2.1. Data

The SSC data are the merged product, namely, OCEANCOLOUR_GLO_CHL_L4_REP_
OBSERVATIONS_009_082, which is derived by merging multi-sensors including the SeaW-
iFS, MODIS, MERIS, VIIRS-SNPP and JPSS1, and OLCI-S3A and S3B [44]. The metadata of
the product is provided by the Copernicus Marine Service. The dataset, which is daily, with
a spatial resolution of 4 km and available from 4 September 1997 to 30 June 2020, can be
downloaded at https://resources.marine.copernicus.eu/?option=com_csw&view=detail
s&product_id=OCEANCOLOUR_GLO_CHL_L4_REP_OBSERVATIONS_009_082
(accessed on 30 November 2020). The in situ measurements of chlorophyll-a at 10 m
obtained from the World Ocean Database (WOD) 2018 are used for validation of the SSC
data. The WOD2018 data can be downloaded from https://www.ncei.noaa.gov/products
/world-ocean-database (accessed on 30 November 2020) [45]. There is rarely in situ observa-
tion of chlorophyll-a concentration in the Indian Ocean and its marginal seas. The regression
between the in situ chlorophyll-a concentrations generally coincide with the satellite derived
SSC, with a correlation coefficient of 0.81, above the 99% significance level (Figure 2a). The
absolute mean errors of the satellite derived SSC in the southeastern tropical Indian Ocean
and the Bay of Bengal are generally smaller than 0.05 mg/m3 (Figure 2b). These validations
suggest that the satellite derived SSC product is capable of revealing its spatial and temporal
variations, albeit with uncertainty in chlorophyll-a concentration values.

https://resources.marine.copernicus.eu/?option=com_csw&view=details&product_id=OCEANCOLOUR_GLO_CHL_L4_REP_OBSERVATIONS_009_082
https://resources.marine.copernicus.eu/?option=com_csw&view=details&product_id=OCEANCOLOUR_GLO_CHL_L4_REP_OBSERVATIONS_009_082
https://www.ncei.noaa.gov/products/world-ocean-database
https://www.ncei.noaa.gov/products/world-ocean-database
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The SST data are obtained from the Group for High Resolution Sea Surface Tem-
perature (GHRSST), which are compiled on a 0.05◦ × 0.05◦ grid covering the period of
April 2006 to date [46,47]. The SSH and sea surface geostrophic currents data are from
Version 5.0 of the daily gridded absolute dynamic topography products. The products are
produced by the Segment Sol multi-missions dALTimetrie, d’orbitographie et de localisa-
tion précise/Data Unification and Altimeter Combination System (SSALTO/DUACS),
and distributed by the Archiving, Validation, and Interpretation of Satellite Oceano-
graphic (AVISO). The data can be downloaded from http://www.aviso.altimetry.fr/duacs/
(accessed on 30 November 2020). The dataset is daily, with a resolution of 0.25◦ × 0.25◦

and available from October 1992 to date [48]. The sea surface wind (SSW) data are the
10-m wind fields from the Cross Calibrated Multi-Platform (CCMP) Version 2.0 with a
horizontal resolution of 0.25◦ × 0.25◦ and time interval of 6 h, provided by the National
Aeronautics and Space Administration (NASA) since 2009 [49]. The rainfall data are the
daily product of the research quality three-hourly TRMM Multi-Satellite Precipitation Anal-
ysis (version 3B42), with a horizontal resolution of 0.25◦ × 0.25◦ and can be downloaded
at https://disc.gsfc.nasa.gov/datasets/TRMM_3B42_Daily_7/summary (accessed on 30
November 2020) [50]. The river discharge is obtained from the GloFAS-ERA5 operational
global river discharge re-analysis product. The data are a global gridded dataset with a
horizontal resolution of 0.1◦ × 0.1◦ and a daily step, with a period covering 1 January 1979
to near real-time [51]. In this study, all of the data used are during the same period of 1
January 1998 to 31 December 2019.

2.2. Methods

Ekman pumping is calculated as follows:

wE = −∇×
(

τ

ρ f

)
(1)

where τ is the wind stress calculated from the 10-m wind of CCMP Version 2.0, ρ is the
mean sea water density, which was taken to be 1.025 × 103 kg/m3, and f is the Coriolis
parameter. The intraseasonal anomalies is obtained by the application of a 20–90-days
bandpass filter to the raw time series. The positive intraseasonal SSC event is defined
as positive peaks, one standard deviation above the mean value of the area averaged
intraseasonal SSC. The averaged areas are marked as the Java south coast (Region A), south
of the Sunda Strait (Region B), and south of the Lombok Strait (Region C). The composite
analyses are then achieved by averaging the identified positive intraseasonal SSC events in
regions A, B, and C, respectively.

The Empirical Orthogonal Function (EOF) analysis is conducted using the Climate
Data Toolbox for MATLAB developed by Greeneet al. [52]. EOF method is commonly used
for time series analysis to reveal possible spatial patterns of climate variability and how
they change with time [53]. The EOF method has been employed to explain SSC variability

http://www.aviso.altimetry.fr/duacs/
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Remote Sens. 2021, 13, 2817 5 of 19

in the Indo-Pacific Oceans, Southern Oceans, and Arabian Sea [31,54,55]. To avoid the large
gradient of SSC raw values in the study area, the logarithm of monthly mean SSC values
was used for anomaly calculation and ensuing EOF analysis.

The Oceanic Niño Index (ONI) is provided by the National Oceanic and Atmospheric
Administration (NOAA) (https://ggweather.com/enso/oni.html (accessed on 30 Novem-
ber 2020). The Dipole Mode Index (DMI) for the Indian Ocean Dipole (IOD) is defined as the
differences in area averaged SST anomalies between the western (10◦S–10◦N, 50◦E–70◦E)
and southeastern (10◦S–0◦, 90◦E–110◦E) tropical Indian Ocean [56].

3. Results
3.1. Seasonal Variability: Roles of Monsoon

Seasonally, the SSC distributions are dominated by monsoon-driven upwelling along
the southern coast of Java and monsoon-induced rainfall/river discharge within the Indone-
sian seas, respectively (Figure 3). As a result, the SSCs are lower and higher in the Indian
Ocean side of the Sumatra and Java Islands during the northwesterly and southeasterly
monsoon seasons, respectively (Figure 3a,b). This is attributed to monsoon-driven down-
welling and upwelling as evidenced by warmer and colder SST, respectively (Figure 3c,d).
Conversely, the SSCs on the Indonesian seas side, are higher and lower during the north-
westerly and southeasterly monsoon seasons, respectively, which are attributed to rainy
and dry weather and the associated volumes of river discharge (Figure 3e–h). Specifically,
the high Chla values are confined to coastal regions surrounding the south of Kalimantan
in boreal winter (Figure 3a). This is because westerly winds force onshore Ekman trans-
port, preventing the high Chla waters along the coast from being transported southward
(Figure 3c). Comparatively, the high Chla extends eastward in the east of Sumatra in
response to offshore Ekman transport during winter. The Chla levels in the open areas of
the Java Sea are higher in summer than in winter, which is also explained by the fact that
offshore Ekman transport favors southward transport of high Chla waters from the south
coast of Kalimantan (Figure 3b,d). The rainfall distributions indicate that it is rainy in the
southeastern tropical Indian Ocean and Java Sea during winter (Figure 3e,f). However,
the Chla levels are low in the southeastern tropical Indian Ocean and southern Java Sea,
suggesting that rainfall input contributes little to Chla increase. In comparison, river dis-
charges from the Sumatra and Kalimantan Islands are the dominant contributors to the
high Chla levels surrounding the two Islands in winter (Figure 1g,h).

Figure 4 shows the area averaged Chla in response to monsoon-driven processes. The
Chla in the Indian Ocean side is less than 0.4 mg/m3 during the non-upwelling season
(December to the following May) and increases to around 1.0 mg/m3 during the upwelling
season (June–November) (Figure 4a). The zonal winds basically show consistent seasonal
cycles in both the Indian Ocean and Indonesian seas sides. On the contrary, the wind
stress forces out-of-phase seasonal cycles, which are positive and negative in the Indian
Ocean and Indonesian seas sides during the southeasterly monsoon season, respectively
(Figure 4b,c). The rainfall over the entire maritime continent is dry during the upwelling
season, whereas it is wet during the non-upwelling season. As a result, there are larger
river discharges into the Indonesian seas during the non-upwelling season (Figure 4e,f).
Note that only a few rivers empty into the Indian Ocean; therefore, river input does not
induce high Chla levels in the Indian Ocean side in winter.

3.2. Intraseasonal Variability
3.2.1. Role of Atmospheric and Oceanic Intraseasonal Oscillations

Figure 5a shows the pattern of standard deviation of the intraseasonal SSC surround-
ing the Indonesian archipelago. Large intraseasonal variations occur along the southeast
coast of the Sumatra and Java Islands. In addition, in the region off the Sunda and Lombok
straits in the Indian Ocean (regions A and B in Figure 5a), there are also strong intraseasonal
signals with variation values up to ~2 mg/m3. The intraseasonal Ekman pumping and
SSH show larger variations along the southeast coast of the Sumatra and Java Islands,

https://ggweather.com/enso/oni.html


Remote Sens. 2021, 13, 2817 6 of 19

implying close relationships between the along-shore local winds, upwelling, and SSC on
an intraseasonal time scale (Figure 5b,c). The intraseasonal variability of rainfall is zonally
distributed with eastward attenuation, which is in accordance with the propagation of
atmospheric MJO [57,58].
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Figure 5. Distributions of the standard deviation of the intraseasonal time series during the period of
1 January 1998 to 31 December 2019: (a) SSC, with intraseasonal variation accounting for more than
50% of the total variation marked by crosses; (b) the same as (a) but for Ekman vertical pumping and
intraseasonal variation accounting for 10%; (c) the same as (a) but for SSH and intraseasonal variation
accounting for 50%; (d) the same as (a) but for rainfall and intraseasonal variation accounting for 50%.
The intraseasonal time series are extracted from raw data by employing a 20–90-days bandpass filter.

Figure 6 shows the lag correlations of the area averaged SSC along the Sumatra-Java
southern coast with the SSH, Ekman pumping, and rainfall over the Indian Ocean and
Indonesian seas that surround the Sumatra and Java Islands. There are significant nega
tive correlations in the equatorial Indian Ocean with the SSC when they lagged the SSH
by 20 days (Figure 6a). The significant negative correlations move eastward to reach the
west coast of Sumatra and then move southeastward along the Sumatra-Java southern
coast in the following days (Figure 6b,c). The eastward and along-coast movements of
these significant correlations are caused by the propagation of intraseasonal Kelvin waves.
An intraseasonal upwelling signal generated in the central equatorial Indian Ocean takes
about 20 days to arrive at the Lombok Strait or even further east, thereby inducing vertically
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upward transport of nutrient-rich water and favoring positive SSC anomalies along the
waveguide. The phase speed can be roughly estimated to be 1.72–2.31 m/s, which is
in agreement with the first and second baroclinic modes of Kelvin waves [16,40,59]. In
contrast, there are no significant correlations of the SSC with Ekman pumping and rainfall
along the Sumatra-Java coasts, suggesting little contribution of the two processes at the
intraseasonal time scale (Figure 6d–i). The significant negative and positive correlations in
the equatorial Indian Ocean in Figure 6g,i are because of that the MJO related rainfall is
significantly correlated with the propagation of MJO forced Kelvin waves. Notably, the
correlations in Figure 6a–c show eddy-like trains along the zonal band between 10◦ and
15◦S, implying eddy-induced SSC in this region.
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Figure 6. Correlations between the area averaged (Region A) intraseasonal SSC and the intraseasonal SSH with (a) 20 days
lag; (b) 10 days lag; (c) 0 days lag; (d–f) same as (a–c) but correlated to Ekman pumping; (g–i) same as (a–c) but correlated
to rainfall. The intraseasonal time series are extracted from raw data during the period of 1 January 1998 to 31 December
2019 by employing a 20–90-days bandpass filter.

Figure 7 shows the composite analyses of the intraseasonal events identified as positive
peaks, one standard deviation above the long-term mean of the 20–90-days bandpass-
filtered SSC averaged in the Java southern coast (Region A in Figure 7a). The intraseasonal
SSC events are generally out of phase with the SSH, with intraseasonal SSH leading by
2–3 days (Figure 7b). The typical period of the intraseasonal SSC events is approximately
28 days, which is consistent with that of the SSH. Figure 7c shows the Hovmöller plot of the
composite intraseasonal SSH along the south coast of the Sumatra-Java Islands. Eastward
propagation of intraseasonal Kelvin waves along the Sumatra-Java south coast is clearly
revealed in the figure. The phase speed can be roughly estimated as 1.87 ± 0.25 m/s, in
agreement with the first two baroclinic modes of Kelvin waves. The Hovmöller plot of the
intraseasonal SSC is similar to that of SSH with several days phase lag, suggesting that the
positive SSC along the coast at an intraseasonal time scale is induced by the propagation of
upwelling Kelvin waves (Figure 7d).
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Figure 7. (a) Standard deviation of the intraseasonal SSC and the pathway of the Kelvin waves; (b) composite intraseasonal
SSC and corresponding SSH in the southern coast of Java (Region A); (c) Hovmöller plot of the composite intraseasonal SSH
along the southeastern coast of the Sumatra and Java Islands; (d) same as (c) but for intraseasonal seas surface Chla; Day 0
in (b–d) refers to the peak of the positive SSC intraseasonal events. The dark dashed lines in (c,d) indicate the locations of
the Sunda and Lombok Straits. The intraseasonal time series are extracted from raw data during the period of 1 January
1998 to 31 December 2019 by employing a 20–90-days bandpass filter.

3.2.2. Role of Mesoscale Eddies

Figure 8 shows the correlations between the area averaged intraseasonal SSC south
of the Sunda Strait (Region B in Figure 5) or of the Lombok Strait (Region C in Figure 5)
and the intraseasonal SSH in the southeastern tropical Indian Ocean and Indonesian seas.
Neither regions show significant correlations along the pathway of the Kelvin waves,
suggesting that Kelvin-wave-induced upwelling is not the dominant force influencing
intraseasonal SSC south of the Sunda and Lombok Straits. Instead, there are zonally
distributed eddy-like significant positive–negative correlations in the southeastern tropical
Indian Ocean, implying that the active mesoscale eddies may play important roles in the
intraseasonal SSC south of the Sunda and Lombok Straits, as suggested by Yang et al. [60].
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Figure 8. (a) Correlations between the area averaged intraseasonal SSC south of the Sunda Strait (Region
B in Figure 3a) and intraseasonal SSH; (b) same as (a) but for the area averaged intraseasonal SSC south
of Lombok Strait (Region C in Figure 3a). The intraseasonal time series are extracted from raw data
during the period of 1 January 1998 to 31 December 2019 by employing a 20–90-days bandpass filter.

The composite intraseasonal SSC events in the south of Sunda Strait (Region B) suggest
a statistically mean period of 28–29 days, which coincides with the period of Kelvin-wave-
induced intraseasonal SSC along the south coast of Java (Figure 9a). There is also in-phase
variability of intraseasonal SSC along the south coast of Java (Region A) with that in
Region B. Of this intraseasonal SSC in Region A, its peak value (0.26 ± 0.25 mg/m3) is
approximately twice that in Region B (0.13 ± 0.24 mg/m3) (Figure 9a) but is half that
induced by Kelvin wave propagation (Figure 7b). The intraseasonal SSC in the south of
Lombok Strait (Region C) does not show phase relationships with the SSC in regions A
and B, and its peak is approximately 0.06 ± 0.27 mg/m3, which is roughly half of that
in Region B (Figure 9a). The SSC distribution at the positive peak of intraseasonal SSC
events in Region B is shown in Figure 9b. In addition to the high SSC in the south of
Sunda Strait, which was expected, high SSC is also found along the south coast of Java,
suggesting that the intraseasonal SSC in Region B partly co-occurred with that in Region C.
As shown in Figure 9c, there is a cyclonic mesoscale eddy located near the southwest of
Sumatra, and this is accompanied by negative SSH anomalies along the Java coast at the
peak of intraseasonal SSC events in Region B, in accordance with the distribution of SSC.
Similar analyses have been conducted for Region C, which is located south of the Lombok
Strait (Figure 9d–f). The period of intraseasonal SSC events in Region C is around 33 days,
with a peak value of approximately 0.17 ± 0.38 mg/m3. The intraseasonal SSC in Region
C leads that in Region A by about 2 days, suggesting it is not induced by the eastward
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propagation of upwelling Kelvin waves since Region A is upstream of the waveguide
(Figure 9d). At the peak of the positive intraseasonal SSC in Region C, while the SSC is
high, a series of alternate arrangements of anticyclonic and cyclonic eddies are observed in
the southeastern tropical Indian Ocean, with a cyclonic eddy coinciding with the high SSC
center (Figure 9e,f). The alternate arrangement of anticyclonic and cyclonic eddies explains
the distribution of significant positive and negative correlations in Figure 8b.
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Figure 9. (a) Composite intraseasonal SSC averaged south of the Sunda Strait (Region B), and corresponding intraseasonal
SSC averaged along the south coast of Java Island (Region B) and south of the Lombok Straits (Region C); (b) composite SSC
distribution at the peak of the positive phases of intraseasonal SSC in Region B; (c) same as (b) but for intraseasonal SSH
(shaded) and sea surface geostrophic currents (vector); (d–f) same as (a–c) but for the intraseasonal SSC averaged south of
Lombok Strait (Region C). The intraseasonal time series are extracted from raw data during the period of 1 January 1998 to
31 December 2019 by employing a 20–90-days bandpass filter. Light shadings in (a,d) indicate the standard deviation of the
composite intraseasonal SSC in regions A (gray), B (blue), and C (red).

3.3. Interannual Variability and Long-Term Trends

EOF analysis was used to reveal the interannual variability of SSC along the south
coast of the Sumatra and Java Islands. To avoid the large gradient of SSC raw values in the
study area, the logarithm of monthly mean SSC values was used for anomaly calculation
and ensuing EOF analysis. The first three leading modes account for 70.56%, 15.01%, and
14.42% of the total variance, respectively. The first EOF mode shows a pattern reminiscent
of that of the eastern pole of the IOD (Figure 10a). Indeed, the time coefficient of the
first EOF mode (PC1) coincided with the area averaged monthly SSC anomalies along
the south coast of the Sumatra and Java Islands and the DMI indices (Figure 10b). Lag
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correlations show that the PC1 is synchronously correlated with DMI, between which the
correlation coefficient is 0.78 (Figure 10c). In comparison, the lag correlations between PC1
and ONI show negative correlations above the 95% significance level with PC1 lagging by
6–11 months (Figure 10d). The lag correlations of PC1 with ONI are a consequence of the
relationship between DMI and ONI, as revealed by similar lag correlations between DMI
and ONI (Figure 10e).
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Figure 10. (a) The first EOF mode of the monthly SSC anomalies; (b) Three-month running time coefficient of the first EOF
mode (PC1), area averaged SSC anomalies along the south coast of Sumatra-Java Islands, and DMI and ONI indices; and lag
correlations between (c) PC1 and DMI; (d) PC1 and ONI; and (e) DMI and ONI. The positive/negative days on the x-axis in
(c–e) indicate PC1 lagging/leading DMI, PC1 lagging/leading ONI, and DMI lagging/leading ONI, respectively.
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We define the positive and negative IOD events as those above 0.5 ◦C and below
−0.5 ◦C, respectively. The typical positive IOD years are identified as 2003, 2006, 2008,
2011, 2012, 2015, 2017, and 2019, while the negative IOD years are 1998, 2001, 2010, 2013,
and 2016, and normal years are 1999, 2004, 2005, 2009, and 2014. The composite SSC and
SSH during the positive and negative IOD events are generally out of phase with each
other (Figure 11a,b). During the positive IOD events, there are cold SST anomalies and
anomalous upwellings along the south coasts of Sumatra and Java. This favors nutrient-rich
waters below the thermocline being vertically entrained into the mixed layer, resulting in
positive SSC anomalies. On the contrary, the entrainment tends to be depressed because of
anomalous downwelling that favor a deepened thermocline, thereby resulting in negative
SSC anomalies during negative IOD events. Both the SSH and SSC anomalies are small
during the normal years.
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Figure 11. Composite SSC, DMI, and SSH during (a) positive IOD; (b) negative IOD; and (c) normal
and following years. Year 0 and Year +1 refer to the IOD events and the following years, respectively.
The unit of SSH is 10−1 m. Light shadings in (a–c) indicate the standard deviation of the composite
SSC (gray), DMI (blue), and SSH (red).

The long-term trend in SSC is not significant in the Indonesian seas or the southeastern
tropical Indian Ocean, with values generally between ± 0.1 mg/m per decade (Figure 12a).
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The SSC trend might not be attributed to the SSH trends, since the SSH show positive trend
over the entire study region, except in the vicinity of Australia (Figure 12b). Rather, the
trends in Ekman pumping have shown positive values along the south coast of the Sumatra
and Java Islands and, thus, may contribute to the enhancement of the vertical transport in
the upper layer (Figure 12c). As a result, the SSC would increase accordingly.
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4. Discussion

The region along the south coast of the Sumatra and Java Islands is known as a notable
upwelling region, thereby feeding fishery within the area. The high productivity can be de-
tected by remote sensing SSC. Previous investigations have revealed that the seasonal SSC
is a consequence of the monsoon-driven coastal upwelling, with higher and lower values
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occurring during the upwelling and non-upwelling seasons, respectively [51]. Case studies
have also suggested that ENSO and IOD events impact the SSC along the Sumatra-Java
south coast [12,14,33–38]. Our analyses based on a recently released high resolution SSC
remote sensing product corroborate that monsoon-driven upwelling dominates seasonal
SSC along the south coast of the Sumatra and Java Islands. Furthermore, we found that
the seasonal SSC in the Indonesian seas side of the Sumatra-Java Islands is out of phase
with that in the Indian Ocean side [14]. This is attributed to the rainy and dry seasons
co-occurring with the non-upwelling and upwelling seasons, respectively, which are both
driven by monsoon. Heavy rainfall induces larger river discharges from the Sumatra and
Kalimantan Islands, thereby providing nutrients for the SSC bloom surrounding the Suma-
tra and Kalimantan Islands. Local Ekman pumping also contributes to the SSC seasonal
variability, whereas rainfall input to the ocean plays little role.

The equatorial Indian Ocean is known as the source of the MJO [57,58], which forces
intraseasonal Kelvin waves to propagate eastward along the equator and south coast of the
Sumatra-Java Islands [16,40,59]. Our previous investigation showed that the propagation of
intraseasonal Kelvin waves could induce an SSH gradient along the Sunda Strait, favoring
strong intraseasonal along-strait flow to transport SSC from the Java Sea to the Indian
Ocean during the monsoon transition season [42]. The results of the present study showed
that such processes do not work in the Lombok Strait, since there is rarely river discharge
to supply high SSC in the north of the Lombok Strait. Nevertheless, lag correlation and
composite analyses suggest that propagation of the coastal trapped intraseasonal Kelvin
waves is responsible for the intraseasonal SSC anomalies along the south coast of Sumatra
and Java. In addition, the intraseasonal SSC anomalies south of the Sunda and Lombok
straits are attributed to the active mesoscale eddies in the southeastern tropical Indian
Ocean, which is reminiscent the phenomenon that high SSC co-occurred with the Sri Lanka
dome [5–7].

The interannual SSC anomalies are strongly associated with IOD-induced anomalous
upwellings along the south coast of the Sumatra and Java Islands. Although it is also
statistically correlated with ONI by a time lag of by 6–11 months, the underlying mechanism
should be attributed to the link between the IOD and ENSO. It should be noted that there
was only a weak increasing trend along the south coast of the Sumatra and Java Islands. The
SSH shows increasing trend, suggesting deepening of the thermocline, favoring to inhibit
the nutrient-rich water entrained to the surface and subsequently resulting in decrease
in SSC along the south coast of the Sumatra and Java Islands. On the contrary, there is
enhanced local Ekman pumping, suggesting a more active upwelling process to bring more
nutrient-rich water from the deeper layer to the mixed layer. Therefore, the increasing
trend in SSC may be explained mainly by the enhanced local Ekman pumping.

5. Conclusions

In this study, we analyze the seasonal, intraseasonal, and interannual variations and
long-term trends in the SSC along the south coast of the Sumatra and Java Islands based
on satellite remote sensing products of SSC, SST, SSH, SSW, and precipitation, as well as
re-analysis of river discharge. The conclusions are summarized as follows:

(1) The SSC is subject to strong seasonal variability because of monsoon-driven up-
wellings and rainfall-induced river discharges in the Indian Ocean and Indonesian seas
side of the Sumatra and Java Islands. The area averaged climatology SSCs are approx-
imately 0.75 mg/m3 in the Indian Ocean side during the upwelling season, while this
decreases to 0.25 mg/m3 during the non-upwelling season. The area averaged climatology
SSCs in the Indonesian seas side are 0.79 and 1.01 mg/m3 during the upwelling (dry) and
non-upwelling (rainy) seasons, respectively.

(2) The coastally trapped Kelvin waves and mesoscale eddies are responsible for the
intraseasonal SSC anomalies in regions along the south coast of Java and off the Sunda and
Lombok Straits, respectively.
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(3) The interannual SSC anomalies along the south coast of the Sumatra and Java
Islands are closely associated with IOD-induced anomalous upwellings therein. Mean-
while, the correlations between the interannual SSC anomalies and ONI show significant
negative correlations with the former lagging by 6–11 months. However, the significant lag
correlations are because the IOD events often lag ENSO by 6–11 months.

(4) The SSCs do not show a significant trend in the southeastern tropical Indian Ocean
from 1998 to 2019, with values generally being between ±0.1 mg/m per decade. The trend
in local Ekman transport, rather than SSH, explains the weak increase in SSC along the
south coast of the Sumatra and Java Islands.
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