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Figure S1. MLP architecture. 
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Table S1. MLP configuration. 

Figure S2. Learning curves of (left) ChlMLP-9% and (right) ChlMLP. 

Batch size Epochs Optimizer Learning rate Loss 

256 

200 with EarlyStopping  

 (i.e., monitor='val_loss'; 

mode='min'; patience=150) 

Adam with its defaut 

parameters (lr = 0.001; beta₁ = 

0.9; beta₂ =0.999; epsilon=1e-07; 

amsgrad= False) 

0.001 MSE 


