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Abstract: The dry-wet transition is of great importance for vegetation dynamics, however the response
mechanism of vegetation variations is still unclear due to the complicated effects of climate change.
As a critical ecologically fragile area located in the southeast Qinghai-Tibet Plateau, the Yarlung
Zangbo River (YZR) basin, which was selected as the typical area in this study, is significantly
sensitive and vulnerable to climate change. The standardized precipitation evapotranspiration
index (SPEI) and the normalized difference vegetation index (NDVI) based on the GLDAS-NOAH
products and the GIMMS-NDVI remote sensing data from 1982 to 2015 were employed to investigate
the spatio-temporal characteristics of the dry-wet regime and the vegetation dynamic responses.
The results showed that: (1) The spatio-temporal patterns of the precipitation and temperature
simulated by the GLDAS-NOAH fitted well with those of the in-situ data. (2) During the period of
1982–2015, the whole YZR basin exhibited an overall wetting tendency. However, the spatio-temporal
characteristics of the dry-wet regime exhibited a reversal phenomenon before and after 2000, which
was jointly identified by the SPEI and runoff. That is, the YZR basin showed a wetting trend before
2000 and a drying trend after 2000; the arid areas in the basin showed a tendency of wetting whereas
the humid areas exhibited a trend of drying. (3) The region where NDVI was positively correlated
with SPEI accounted for approximately 70% of the basin area, demonstrating a similar spatio-temporal
reversal phenomenon of the vegetation around 2000, indicating that the dry-wet condition is of
great importance for the evolution of vegetation. (4) The SPEI showed a much more significant
positive correlation with the soil water content which accounted for more than 95% of the basin area,
implying that the soil water content was an important indicator to identify the dry-wet transition in
the YZR basin.

Keywords: dry-wet regime; climate change; vegetation dynamics; GLDAS; GIMMS; Yarlung
Zangbo River

1. Introduction

The current level of global climate change has been unprecedented in the past decades or even
nearly a thousand years. Almost the entire world is experiencing a warming process, which is mainly
characterized by rising temperatures, rising sea levels, retreating glaciers, and so on [1,2]. Global
warming has exacerbated the global water cycle over the past century, causing a significant increase
in the number of extreme weather events, such as storms, heat waves, floods, and droughts [3–9].
Droughts are one of the most threatening natural disasters in the world. They are caused by the
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below-average level of precipitation over a long period of time and are generally characterized by their
high frequency, long duration, and wide range [10,11]. In the context of global warming, the frequency
and intensity of droughts have increased significantly [12,13], which has seriously affected agricultural
production, water resources, and ecosystems, and have led to economic losses, famines, epidemics, and
desertification [14–21]. Because of the complexity of drought variability, it is challenging to objectively
quantify the intensity, duration, and spatial extent of droughts [22–24]. Thus, numerous studies have
attempted to improve drought detection and monitoring; a few objective indices have been developed
on the basis of readily available climate data, such as the Palmer Drought Severity Index (PDSI) [25],
Standard Precipitation Index (SPI) [26], and Standard Precipitation Evapotranspiration Index (SPEI) [27].
Among these indices, the PDSI, which is based on the supply and demand in the water balance, is one
of the most widely used drought indices in the world. However, the PDSI has several deficiencies,
including the strong influence of the calibration period, the limitation in spatial comparability, and the
subjectivity in relating drought conditions to the index values [28]. The SPI can effectively represent the
multiscale characteristics of droughts; however only the precipitation variability is considered in the
SPI calculation, and the role of temperature is ignored. The effect of temperature is evident in initiating
droughts, although droughts are primarily caused by a below-average level of precipitation [29].
Therefore, the SPEI was developed by Vicente-Serrano et al. [27], which not only considered the
effects of temperature on drought severity but also considered the multiscale characteristics that were
incorporated in the SPI. Since it was proposed in 2010, the SPEI has been widely used to monitor and
assess the dry-wet conditions around the world [30–33].

Vegetation, linking the atmosphere, hydrosphere, and biosphere [34], is an important component
in the terrestrial ecological system and has an obvious relationship with climate change through the
physiological responses of plants, such as plant photosynthesis, respiration, and evapotranspiration.
The dynamic changes of vegetation play a predictive role in regional climate change [35,36]. Climate
change can also affect the spatial-temporal pattern of vegetation. Drought is one of the most frequent
natural disasters and the response of vegetation to drought is a considerable scientific problem [37].
In general, an increased frequency of extreme drought was associated with decreased vegetation
growth [19,38,39]. For example, Symeonakis et al. (2004) pointed out that drought was the main factor
resulting in vegetation and soil degradation in sub-Saharan Africa [39]. Ahmadi et al. (2019) indicated
that drought could affect the efficiency of water use in the ecosystem, subsequently disturbing the
composition and functionality of terrestrial ecosystems [19]. In Northern China, drought-induced water
stress caused a reduction in the terrestrial gross primary production [40]. Studies on the Qinghai-Tibet
Plateau (QTP) and the Loess Plateau have revealed that there is a remarkable correlation between
vegetation cover reduction and climate change [41,42]. Nevertheless, the magnitude of the response of
vegetation to dry-wet conditions remains uncertain due to the complexity of the dry-wet transition
and intrinsic drought sensitivity among vegetation types [21,43]. The intensity, duration, and timing of
drought partly determine the effect of drought on vegetation productivity, where moderate drought
with higher temperatures increases the net primary production (NPP), while severe drought causes a
delayed response of NPP to precipitation [22,44]. As a satisfactory indicator of vegetation activities,
the Normalized Difference Vegetation Index (NDVI), which was used in this study, has been widely
and successfully used to detect the vegetation variations [36–44].

The Yarlung Zangbo River (YZR) basin located in the southeast QTP, is the most important river
to understand the water cycle in the QTP because it is not only the largest river system in QTP with the
largest mean annual flow (56% flows from the QTP), but also an important moisture transportation
channel from the Indian Ocean to the inner region of QTP. Owing to great spatial heterogeneities
of climatic conditions and enormous biological diversity, the YZR basin has always been the crucial
area of global diversity and ecological protection [45]. A considerable amount of research on the
impact of climate change on vegetation variations in the YZR basin has been conducted, revealing
that vegetation and precipitation are positively correlated in the whole basin and that the vegetation
cover change is restrained by the dry-wet regime, terrain, and other factors simultaneously [46–48].
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Song et al. (2011) and Li et al. (2015) have demonstrated that the warming rate of the YZR basin was
significantly higher than that of the global average, and the duration and magnitude of the drought
have gradually aggravated [49,50]. The water resources problem would become more severe under
the impact of precipitation and temperature due to the significant warming of the YZR basin in the
future [51]. The rising temperature drives a basin-wide vegetation cover improvement, however it
seems that decreasing precipitation does not inverse the overall vegetation greening trend [51]. Similar
results occurred in Nepal, bounded by the Tibetan highland and the Himalaya, indicating that the
correlation between NDVI and temperature was significantly positive, while NDVI exhibited a negative
relationship with precipitation [52]. To sum up, the dry-wet transition is of great importance for the
vegetation dynamics, whereas the response mechanism of vegetation to dynamic variations is still
unclear. In addition, the special terrain, vulnerable ecological environment, and sensitivity to climate
change make the YZR basin one of the hotspot regions for the studies of water-ecology-environment
sustainable development under global warming. Therefore, it is crucial to investigate the transition
characteristics of the dry-wet regime in the YZR basin and quantify its effect on the vegetation
dynamic variations, which could provide a scientific reference for the sustainable development of the
environment and ecosystem in the Qinghai-Tibet Plateau. The primary objectives of this study are:
(1) to detect the changes of the dry-wet regime in the YZR basin; (2) to quantify the spatial-temporal
variations of vegetation from long-term satellite-based NDVI data; and (3) to investigate the dynamic
responses of vegetation to possible drivers of the dry-wet transition in the YZR basin.

2. Materials and Methods

2.1. Study Area

The Yarlung Zangbo River originates from the Gyama Langdzom Glacier is one of the highest
rivers around the world. It is mainly composed of five tributaries, namely the Duoxiong Zangbo River,
the Nianchu River, the Lhasa River, the Nyang River, and the Parlung Tsangpo River. The YZR basin,
with a latitude of 28◦00 ‘N–31◦16’ N and longitude of 82◦00 ‘E–97◦07’ E, is located in the southeast
QTP (Figure 1), with an area of about 24 km2 and average altitude of more than 4000 m (ranging from
132 m to 7258 m). The climate of the YZR basin is characterized as cold plateau mountain climate with
intense solar radiation and low air temperatures. The amount of precipitation gradually increases from
northwest to southeast in the basin, which is mainly affected by the warm and humid airflow from the
Bay of Bengal and the Indian Ocean. The mean annual precipitation in the basin is 300–500 mm, and
the rate increases with elevation by 10–30 mm/100 m [52]. The total rainfall from June to September
accounts for 60%–90% of the mean annual precipitation in the whole basin, indicating the precipitation
has an uneven distribution within a year. Due to the complex topographical features and high altitude,
the vegetation cover within the area exhibits distinct vertical zonality and varies from mountain forest,
mountain broad-leaved forest, mountain coniferous forest, and subalpine shrub meadow to alpine
meadow along with rising elevation [53].
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dynamic changes over the Qinghai-Tibet Plateau [56]. In this study, the NOAA/AVHRR GIMMS 
production with a spatial resolution of 8 km × 8 km was used to calculate the NDVI. The data from 
January 1982 to December 2015 was derived from the third generation GIMMS NDV3g dataset, 
developed by the Goddard Aerospace Agency (http://ecocast.arc.nasa.gov/data/pub/gimms/3g/). 
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Maximum Value Composite techniques to ensure the reliability of the research data and the 
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Figure 1. Location of the Yarlung Zangbo River basin and distribution of the
hydro-meteorological stations.

2.2. Data

NDVI has been widely applied to detect and quantify the dynamic changes of vegetation in an
extensive range [54]. Currently, various remote sensing satellite instruments can provide NDVI data,
such as MODIS, SPOT/VEGETATION, and NOAA/AVHRR, etc. Compared with other vegetation index
dataset, the GIMMS-NDVI3g, featured by its long time series and wide coverage, has proven to be
one of the best datasets in describing vegetation growth dynamic changes [55]. Previous studies have
shown that GIMMS NDVI dataset is significantly better than that of MODIS NDVI in reflecting dynamic
changes over the Qinghai-Tibet Plateau [56]. In this study, the NOAA/AVHRR GIMMS production
with a spatial resolution of 8 km × 8 km was used to calculate the NDVI. The data from January 1982
to December 2015 was derived from the third generation GIMMS NDV3g dataset, developed by the
Goddard Aerospace Agency (http://ecocast.arc.nasa.gov/data/pub/gimms/3g/). Meanwhile, to further
minimize the impact of clouds, atmosphere, and solar radiation angles on the NDVI values, the GIMMS
NDVI3g data was preprocessed by employing S-G Filtering and Maximum Value Composite techniques
to ensure the reliability of the research data and the accuracy of the results.

The Global Land Data Assimilation System (GLDAS), consisting of four different land surface
models, i.e., CLM, NOAH, MOSAIC, and VIC [57], is a high-resolution land surface data assimilation
system that is jointly managed by the American Goddard Space Flight Center and Environmental
Forecast Center (http://ldas.gsfc.nasa.gov/gldas/GLDASvegetation.php), with two spatial resolutions
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(0.25◦ × 0.25◦ and 0.5◦ × 0.5◦) and two temporal resolutions (3 hours and 1 month). The dataset with
extensive sources is a combination of the surface observed data and the remote sensing satellite data.
Compared to other remote sensing datasets, the GLDAS-NOAH data has a higher spatial and temporal
resolution, a longer time span (1970 to present), and 28 variables (precipitation, air temperature, and
soil moisture content, etc.). In this study, due to the limited number of meteorological gauging stations
in the YZR basin, especially in the upper reaches, the monthly GLDAS-NOAH data at the 0.25◦ × 0.25◦

spatial resolution from 1982 to 2015 were used to analyze the dry-wet transitions of the YZR basin, and
to calculate the SPEI based on the performance evaluation of the GLDAS-NOAH data.

In-situ observations of the precipitation and surface air temperature from twenty meteorological
gauging stations (as shown in Figure 1) in the YZR basin were used to evaluate the performance of the
GLDAS-NOAH data.

2.3. Methods

The SPEI is a drought index based on the probability model, which was constructed by combining
the potential evapotranspiration (PET) with the SPI [58]. Given the input and output of water resources,
the calculation results of the SPEI mainly depicted the excess or deficit of water in an ecosystem within a
certain period. The computational procedure of the SPEI can be divided into the following—calculation
of the potential evapotranspiration (PET) based on the Thornthwaite method; computation of the
difference value D between the precipitation and evapotranspiration, and finally, normalization of the
value D. The specific calculation methods were as follows:

Firstly, the potential evapotranspiration was calculated and the difference between the potential
evapotranspiration and precipitation was defined as:

Di = Pi − PETi (1)

where Di is the difference between monthly precipitation Pi and potential evapotranspiration PETi.
Secondly, the Di data series was normalized—the SPEI, which is similar to SPI, adopts the

log-logistic of three parameters to normalize the cumulative values of the sequence of Di data.
The calculation formula was:

F(x) =

1 + (
α

x− γ

)β −1

(2)

where F(x) is the probability distribution function, α, β, and γ represent the respective ratio, shape and
source parameter, which could all be estimated by the linear distance method.

Finally, the cumulative probability P for a given time scale was derived, and then the normalized
value of SPEI was calculated. The equations were as follows:

P = 1− F(x) (3)

When P<0.5
W =

√
−2ln(p) (4)

SPEI = W −
C0 + C1W + C2W2

1 + d1W + d2w2 + d3w3 (5)

When P>0.5
P = 1− P (6)

SPEI = −
(
W −

C0 + C1W + C2W2

1 + d1W + d2W2 + d3W3

)
(7)
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The constants included C0 = 2.515517, C1 = 0.802853, C2 = 0.010328, d1 = 1.432788, d2 = 0.189269,
and d3 = 0.001308. A negative SPEI value indicates dryness whereas a positive value represents
wetness. The Table 1 lists the SPEI-based drought index classification criteria [27].

Table 1. SPEI meteorological drought index classification [27].

SPEI Value Classification

[2, +∞] > 2.00 Extremely wet
[1.5, 1.99] Severely wet
[1.0, 1.49] Moderately wet
[0.5, 0.99] Slightly wet

[−0.49, 0.49] Normal
[−0.99, −0.5] Slightly dry
[−1.49, −1.0] Moderately dry
[−1.99, −1.5] Severely dry

[−∞, −2] Extremely dry

One-dimensional linear regression was employed to analyze SPEI and NDVI in the study area to
describe the spatio-temporal trends of SPEI and NDVI between 1982 and 2015 [59]. The calculation
formula was:

slope =
n
∑n

i=1(i×Ci) −
∑n

i=1 i×
∑n

i=1 Ci

n×
∑n

i=1 i2 −
(∑n

i=1 i
)2 (8)

where Slope represents the changing trends of NDVI and SPEI, n is the study temporal interval, n = 34,
and Ci represents SPEI or NDVI for the year i. A significance test was performed on the changing
trends of NDVI and SPEI (P < 0.01 indicates an extremely significant change, P < 0.05 indicates a
significant change, and P > 0. 05 indicated the change is not significant).

The correlation coefficient (R) was used to investigate the linear relationship between NDVI and
SPEI at the pixel scale in this study, which was defined as:

R =

∑n
i=1[(x− x)(y− y)]√∑n

i=1(xi − x)2 ∑n
i=1(yi − y)2

(9)

where xi and yi represent the respective annual SPEI and NDVI values for the year i, x represents the
mean annual SPEI values, and y represents the mean annual NDVI values. The significance test was
used to illustrate the correlation between SPEI and NDVI (P < 0.01 indicates an extremely significant
correlation, P < 0.05 indicates a significant correlation, and P > 0.05 indicates the correlation is not
statistically significant).

Four statistical indicators were used in this study to evaluate the performance of the GLDAS-NOAH
outputs in the YZR basin, which were the Pearson correlation coefficient (R), mean bias (MB),
root-mean-square error (RMSE), and Nash-Sutcliffe efficiency coefficient (NSE). The Pearson correlation
analysis was used to reflect the strength of the linear relationship between the compared datasets.
The MB and RMSE revealed the degree of deviation of the paired data. The MB provided information
on the absolute overestimation or underestimation of the two paired datasets, whereas the RMSE was
a good reflection of the procedural precision. The NSE ranged from [−∞, 1], and the credibility of the
simulation was much higher when it was approaching 1. These statistical indicators were defined as
follows:

MB =
1
n

∑n

i=1
(xi − yi) (10)

RMSE =

√
1
n

∑n

i=1
(xi − yi)

2 (11)
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NSE = 1−

n∑
i=1

(
xi

o − xi
m)

2

n∑
i=1

(
xi

o − xo)2
(12)

where n is the number of the data, and xi nd yi are the observed data and GLDAS-NOAH data,
respectively. In Equation (12), xi

o and xi
m separately represent the observed value and model simulated

value of the variable; xo is the average value of the observed data. Generally, if the monthly NSE > 0.5
and monthly R > 0.77 (corresponding to the determination coefficient R2 > 0.6), the model performance
was considered to be acceptable [60].

As an effective and practical statistical method recommended by the World Meteorological
Organization, the Mann-Kendall nonparametric test was applied to detect the significance of the trend.
The detailed information can be obtained in [61–63]. In this study, the 0.1 significance level was used.

3. Results

3.1. Performance Evaluation of the GLDAS-NOAH Data

Due to the strong heterogeneity of the underlying factors over the YZR basin, such as the vegetation,
soil type, and elevation, etc., it is essential to evaluate the performance of the GLDAS-NOAH data
at both the site scale and the river basin scale. In this study, the observed monthly precipitation and
temperature data from 1982–2015 from the twenty meteorological gauging stations covering the upper,
middle, and lower reaches of the YZR basin (Figure 1) and extracted model outputs of corresponding
grids from the GLDAS-NOAH dataset were utilized to conduct the performance evaluation.

3.1.1. Precipitation Performance at Site Scale

The correlation coefficients between the gridded monthly GLDAS-NOAH precipitation and the
corresponding observed monthly precipitation showed high consistency (R > 0.80), except the Bomi
station, which had a relatively lower R value of 0.57 (Table 2). This can be partly attributed to the
dramatic topographic variations around the Bomi station ranging from 3100 m to 5000 m, whereas the
elevation of the gauging station was 1300 m, which may have insufficiently represented the regional
precipitation within the GLADS-NOAH grid area of approximately 625 km2 (0.25◦ × 0.25◦). Lv et al. [61]
demonstrated a similar conclusion in the study on the performance evaluation of the TRMM satellite
precipitation data in the YZR basin. As shown in Table 2, the MB between the GLDAS-NOAH outputs
and in-situ measurements ranged from −49.95 mm to 22.99 mm (accounting for 0.07%–17.47% of
annual precipitation) and the RMSE ranged from 21.23 mm to 81.45 mm (accounting for 4.20%–29.44%
of annual precipitation), which may be attributed to the mismatch of the point and grid scale.

Table 2. Statistical indicators of precipitation between the GLDAS-NOAH and gauging stations.

Gauging Station R RMSE MB NSE

Bomi 0.57 61.17 22.99 0.20
Jiali 0.86 37.72 21.09 0.69

Tsetang 0.89 51.17 −28.76 −0.24
Shigatse 0.91 52.03 −29.66 0.26
Nyingchi 0.9 29.33 −0.5 0.78

Lhasa 0.94 36.51 −18.96 0.54
Jiangzi 0.87 81.27 −48.23 −4.02

Dangxiong 0.93 23.84 −3.65 0.79
Baingoin 0.9 30.26 −9.83 0.31
Dengqen 0.87 31.2 15.76 0.69

Gyaca 0.88 40.46 −17.95 0.48
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Table 2. Cont.

Gauging Station R RMSE MB NSE

Riwoqe 0.87 30.07 12.97 0.70
Lhunze 0.88 81.45 −49.95 −4.7
Haolong 0.81 30.72 −5.92 0.24

Maltrogangkar 0.94 24.92 −4.20 0.84
Nagqu 0.91 21.23 3.34 0.78

Namling 0.91 46.01 −22.11 0.36
Nyemo 0.90 60.06 −33.43 −0.94
Xainza 0.93 34.65 −14.62 0.25

Sog County 0.81 35.38 15.36 0.58

3.1.2. Temperature Performance at Site Scale

As shown in Table 3, the GLDAS-NOAH data and in-situ measurements showed a high agreement,
i.e., R ≥ 0.81, −0.63 ≤ NSE ≤ 0.97, −1.01 ◦C ≤MB ≤ 6.85 ◦C, and RMSE ≤ 7.25 ◦C. In the Bomi station,
the GLDAS-NOAH surface air temperature showed a larger discrepancy, i.e., the absolute value of
MB = 6.85 ◦C and ≤4.59 ◦C for other stations, and RMSE = 7.25 ◦C and ≤5.37 ◦C for other stations.
Similar to the performance of precipitation, the worse performance of temperature could be partly
attributed to the dramatic topographic variations around the Bomi station, which may have caused
uncertainties in the temperature estimation. Given that the monthly NSE > 0.5 and monthly R > 0.77
implied a good simulation, the high R and NSE from all stations indicates the high representation of
the GLDAS-NOAH surface air temperature over the YZR basin.

Table 3. Statistical indicators of temperature between the GLDAS-NOAH and gauging stations.

Gauging Station R RMSE MB NSE

Bomi 0.92 7.25 6.85 −0.63
Jiali 0.86 3.71 −1.01 0.88

Tsetang 0.96 4.87 4.59 0.29
Shigatse 0.96 2.43 1.60 0.87
Nyingchi 0.97 4.09 3.83 0.40

Lhasa 0.97 3.34 2.95 0.69
Jiangzi 0.96 2.11 1.09 0.90

Dangxiong 0.93 2.53 0.04 0.97
Baingoin 0.90 3.30 0.65 0.73
Dengqen 0.87 4.51 2.85 0.47

Gyaca 0.81 4.94 2.97 0.39
Riwoqe 0.84 5.37 3.87 0.28
Lhunze 0.87 4.44 3.15 0.47
Haolong 0.83 5.37 3.78 0.28

Maltrogangkar 0.84 3.89 1.07 0.59
Nagqu 0.91 3.32 −0.45 0.78

Namling 0.85 4.56 2.82 0.40
Nyemo 0.83 4.20 1.85 0.57
Xainza 0.90 4.12 2.61 0.60

Sog County 0.88 4.06 1.86 0.63

3.1.3. Spatio-Temporal Patterns at River Basin Scale

In this study, the monthly precipitation and temperature in the entire YZR basin were calculated
from 1982–2015 to further investigate the correspondence between the measured and GLDAS-NOAH
data. As shown in Figure 2, the R values of precipitation and temperature of the two datasets reached
0.97 and 0.99 respectively, meaning there were good consistencies between the temporal variation
patterns of precipitation and temperature, while the GLDAS-NOAH precipitation was larger than the
measured precipitation, and the GLDAS-NOAH temperature was smaller than the measured data.
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Although the GLDAS-NOAH overestimates and underestimates the precipitation and temperature
respectively, such inconsistency is not the key issue in this study because of the following two reasons.
Firstly, the observed data were at the point scale, while GLDAS-NOAH data represented the average
performance at the pixel scale, approximately an area of 25 km × 25 km. With the high divergence of
underlying factors, such as vegetation, soil type, and elevation, etc. over the YZR basin, it is rather hard
for the scarce observed data to represent the pixel average features. Th gauge-based precipitation data
showed that the difference in annual precipitation between Jiangzi and Shigatse was as much as 40%,
while their distance was only 80km [64]. Secondly, this study focused on the spatio-temporal variation
trends rather than absolute magnitudes. That is, the systematic overestimation or underestimation
could be reasonably eliminated on a tendency or relationship analysis, if the variation patterns of the
GLDAS-NOAH data fitted well with those of the in-situ data.
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In order to identify the spatial performance between the observed and the GLDAS-NOAH data,
especially the vertical zonality characteristics, 20 meteorological stations and the corresponding grids
were divided into four bands by elevation, i.e., 0–3500 m, 3500–4000 m, 4000–4500 m, and 4500–5000 m.
As shown in Table 4 and Figure 3, the precipitation and temperature from the GLDAS-NOAH and
in-situ data both decreased with the increase in elevation, implying that the GLDAS-NOAH data
could represent the climate characteristics of the vertical zonality in the YZR basin. In terms of
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precipitation, the mean values of the observed data in 3500–4000 m and 4000–4500 m were 457.6
and 500.4 mm respectively, while those of the GLDAS-NOAH data were 640.4 mm and 619.7 mm
respectively. This discrepancy was owing to the large MB values of the Lhunze and Nyemo stations as
shown in Table 2. However, the variation ranges of the GLDAS-NOAH and in-situ precipitation at the
four elevation bands were similar. Compared to the precipitation, the vertical variation characteristic
of the GLDAS-NOAH temperature at the four elevation bands was much closer to that of the observed
data. Although the observed temperature in the first elevation band seemed much bigger than the
GLDAS-NOAH data, which was mainly ascribed to only three gauging stations in this elevation band,
the GLDAS-NOAH temperature at the other three elevation bands exhibited a high agreement with
the observed data, regardless of whether it was from the perspective of the mean values or from the
perspective of the variation ranges. Similar results of the GLDAS performance in the YZR basin and
QTP were demonstrated by Zhang et al. [65] and Zhang et al. [66].

Table 4. Elevations of the 20 gauging stations.

Gauging Station Elevation/m

Bomi 2926
Jiali 4286

Tsetang 4656
Shigatse 3873
Nyingchi 3006

Lhasa 3794
Jiangzi 4025

Dangxiong 4279
Baingoin 4724
Dengqen 3954

Gyaca 3242
Riwoqe 3810
Lhunze 3922
Haolong 3794

Maltrogangkar 3810
Nagqu 4527

Namling 4001
Nyemo 3813
Xainza 4658
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3.2. Transition Characteristics of the Dry-Wet Regime

The SPEI values at four time scales of 1-month, 3-month, 6-month, and 12-month were calculated
from 1982 to 2015. SPEI 1 represented that when calculating monthly SPEI, the water deficit
condition was taken into account only within the current month. SPEI 3 represented that the water
deficit conditions of both the first two months and the current month were considered, and similar
representations were used for SPEI 6 and SPEI 12. As shown in Figures 4 and 5, the temporal variations
of the SPEI at the four time scales representing the dry-wet conditions in the YZR basin showed that
SPEI 12 exhibited the highest agreement with the NDVI at both the annual and growing seasonal (from
May to September) scales (R ≥ 0.6), indicating that the highest dependency of the present dry-wet
condition was on that of the preceding 12 months. In this study, SPEI 12 was used as the indicator to
analyze the spatio-temporal variations of the dry-wet conditions at the annual and growing season
scales in the YZR basin.
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As shown in Figure 5, in terms of the annual time scale, the SPEI showed a significantly increasing
trend with a rate of 0.07/decade from 1982 to 2015 (P < 0.1, n = 34), implying an overall wetting
tendency in the YZR basin. However, Wang (2016) and Liu (2015) demonstrated that the precipitation,
temperature, and potential evapotranspiration, which were closely related to the dry-wet conditions
in the YZR basin, all changed significantly in the late 1990s [67,68]. In order to detect whether there
was a transition from wet to dry during the 1990s in the YZR basin, the year of 2000 was taken as the
turning point to investigate the variation characteristics of SPEI. Interestingly, the two periods divided
by 2000 exhibited the opposite changing trends, i.e., the wetting period was from 1982 to 1999 with a
slightly increasing rate of 0.225/decade (P > 0.1, n = 18), and the drying period was from 2000 to 2015
with a significantly decreasing rate of 0.25/decade (P < 0.1, n = 16). Compared to the variation trend of
the annual SPEI, the growing season SPEI showed a relatively non-significantly increasing trend with
a rate of 0.053/decade from 1982 to 2015 (P > 0.1, n = 34). The opposite changing trend before and after
2000 was also exhibited at the growing season scale, where there was a slightly increasing trend with a
rate of 0.16/decade (P > 0.1, n = 18) from 1982 to 1999 and a slightly decreasing trend with a rate of
0.21/decade (P > 0.1, n = 16) from 2000 to 2015.

In order to explore the spatial evolution characteristics of the dry-wet regime in the YZR basin, the
SPEI was divided into three categories according to Table 1, i.e., SPEI < −0.5 (Dry), −0.5 < SPEI < 0.5
(Normal), and SPEI > 0.5 (Wet). Figure 6 shows the area ratios occupied by the different ranges of SPEI
from 1982 to 2015 in the YZR basin at both the annual and growing season scales. The proportions
of the annual variation pattern of the dry, wet, and normal areas were consistent with those of the
growing season. Unlike the temporal opposite variation trend that occurred before and after 2000,
the spatial reversal phenomenon of the dry-wet regime occurred in the three-year wet period from
1999 to 2001. Before this wet period, the proportion of wet areas showed an increasing trend, while the
proportion of dry areas declined, causing a wetting condition of the YZR basin. The dry-wet regime
reversed after this period, which experienced a drying period as implied by the decrease in wet areas
and the increase in dry areas.
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The determination of the turning point of the dry-wet regime in the YZR basin was of great
importance to conduct further investigation in this study. As the most direct evidence for the
dry-wet condition at the river basin scale, runoff has been widely used to represent the dry-wet
characteristics [69–71]. The Nuxia hydrological station located downstream of the YZR basin, controls
about 80% of the drainage areas of the YZR basin, and its long-term variation of runoff could be used
to effectively indicate the dry-wet transition in the YZR basin. In this study, time series of runoff from
1982 to 2015 at the Nuxia hydrological station were adopted to further detect the transition point of
the dry-wet regime by using the Mann-Kendall nonparametric test. The results of the Mann-Kendall
significance test showed that the runoff showed a significantly increasing trend from 1982 to 1999
(Zc = 1.89, P < 0.1), while the runoff exhibited a significantly decreasing trend (Zc = −1.76, P < 0.1) from
2000 to 2015. Meanwhile, there was no point detected from 1982 to 2015 that could divide the time
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series into two parts with a significantly increasing and decreasing trend respectively. Combining with
the SPEI spatio-temporal variations, it could be concluded that there was a transition of the dry-wet
regime in the YZR basin, which occurred at the year 2000.

To investigate the spatial variation of the dry-wet regime and given the high spatial heterogeneity
of the climate conditions in the YZR basin, the spatial distributions of the mean annual and growing
season SPEI before and after 2000 were interpolated by using the Kriging method (Figure 7). It could
be seen that the annual spatial distribution of the SPEI showed a high consistency with that of the
growing season during both periods (1982–1999 and 2000–2015). Before 2000, the dry areas were
mainly located in the eastern upstream and midstream regions of the study area, while the western
upstream and southeastern downstream regions were relatively wet. Similar to the temporal reversal
phenomenon at the year of 2000, the spatial pattern of the SPEI also displayed a reversal phenomenon.
The annual and growing season spatial distribution of the SPEI indicated that the spatial distribution
of the dry-wet regime in the YZR basin before and after 2000 was opposite. According to Figures 5
and 7, the overall wetting tendency of the YZR basin was mainly attributed to the remarkable wetting
trend of the midstream region over the past 34 years, while the prominent trend of drying from 2000 to
2015 in the basin was ascribed to the fact that the western upstream and southeastern downstream
turned drier.
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To further explore the mechanism of the spatial reversal of the dry-wet regime in the YZR basin
around 2000, the annual and growing season slopes of the SPEI from 1982 to 2015 with the significance
test were analyzed at the pixel scale (Figure 8). It could be found that the western upstream and
southeastern downstream regions in the YZR basin presented a gradually drying trend over the past
34 years, while the eastern upstream and midstream regions became wetter, which was consistent
with characteristics shown in Figure 7. According to Figure 8a, the mean annual SPEI exhibited an
upward trend (slope > 0) accounting for 55.07% of the total basin area, indicating a humidification
process, whereas an opposite trend (slope < 0) occurred in the remainder of the basin. As shown in
Table 5, the results of the significance test at the pixel scale indicated that the areas where the annual
SPEI showed an extremely significant decrease and a significantly decreasing trend accounted for
10.9% and 2.3% of the total basin respectively, while the areas with an extremely significant increase
and a significantly increasing trend of the annual SPEI accounted for 18.05% and 8.25% respectively,
inducing an overall wetting process from 1982 to 2015 in the YZR basin. Similar to the annual SPEI,
the growing season SPEI indicated a wetting trend (slope > 0) across 55.54% of the basin area, while a
drying trend (slope < 0) occurred in the remaining areas. The results of the significance test for the
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growing season SPEI at the pixel scale indicated that the area proportions with an extremely significant
decrease and a significant decrease in SPEI were 8.7% and 2.03% respectively, while the areas with
an extremely significant increase and a significant increase in SPEI occupied 15.21% and 8.87% of the
basin respectively.

Remote Sens. 2019, 11, x FOR PEER REVIEW 14 of 27 

Remote Sens. 2019, 11, x; doi: FOR PEER REVIEW www.mdpi.com/journal/remotesensing 
 

To further explore the mechanism of the spatial reversal of the dry-wet regime in the YZR 
basin around 2000, the annual and growing season slopes of the SPEI from 1982 to 2015 with the 
significance test were analyzed at the pixel scale (Figure 8). It could be found that the western 
upstream and southeastern downstream regions in the YZR basin presented a gradually drying 
trend over the past 34 years, while the eastern upstream and midstream regions became wetter, 
which was consistent with characteristics shown in Figure 7. According to Figure 8a, the mean 
annual SPEI exhibited an upward trend (slope > 0) accounting for 55.07% of the total basin area, 
indicating a humidification process, whereas an opposite trend (slope < 0) occurred in the remainder 
of the basin. As shown in Table 5, the results of the significance test at the pixel scale indicated that 
the areas where the annual SPEI showed an extremely significant decrease and a significantly 
decreasing trend accounted for 10.9% and 2.3% of the total basin respectively, while the areas with 
an extremely significant increase and a significantly increasing trend of the annual SPEI accounted 
for 18.05% and 8.25% respectively, inducing an overall wetting process from 1982 to 2015 in the 
YZR basin. Similar to the annual SPEI, the growing season SPEI indicated a wetting trend (slope > 0) 
across 55.54% of the basin area, while a drying trend (slope < 0) occurred in the remaining areas. The 
results of the significance test for the growing season SPEI at the pixel scale indicated that the area 
proportions with an extremely significant decrease and a significant decrease in SPEI were 8.7% 
and 2.03% respectively, while the areas with an extremely significant increase and a significant 
increase in SPEI occupied 15.21% and 8.87% of the basin respectively. 

Comprehensively taking the results of the temporal variations (Figure 5), spatial distribution 
characteristics (Figure 7), and trend analysis with the significance test (Figure 8) of the annual and 
growing season SPEI into account, the annual spatio-temporal variation characteristics of the SPEI 
were consistent with those of the growth season, which both showed a reversed phenomenon 
before and after 2000. In terms of the temporal variation, the YZR basin presented a wetting trend 
before 2000 and a drying trend after 2000, while from the perspective of the spatial pattern, the arid 
areas became wetter and humid areas became drier. 

 
Figure 8. Annual (a, b) and growing season (c, d) variation trends of SPEI with the significance test. 

Table 5. Area ratios of the SPEI occupied by different trends. 

Significance Level 
Area Ratio（%） 

Annual Growing Season 
Extremely significant decrease 10.9 8.7 

Significant decrease 2.3 2.03 
Non-significant decrease 31.32 33.65 
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Table 5. Area ratios of the SPEI occupied by different trends.

Significance Level
Area Ratio (%)

Annual Growing Season

Extremely significant decrease 10.9 8.7
Significant decrease 2.3 2.03

Non-significant decrease 31.32 33.65
Non-significant increase 29.17 31.54

Significant increase 8.25 8.87
Extremely significant increase 18.05 15.21

Comprehensively taking the results of the temporal variations (Figure 5), spatial distribution
characteristics (Figure 7), and trend analysis with the significance test (Figure 8) of the annual and
growing season SPEI into account, the annual spatio-temporal variation characteristics of the SPEI
were consistent with those of the growth season, which both showed a reversed phenomenon before
and after 2000. In terms of the temporal variation, the YZR basin presented a wetting trend before 2000
and a drying trend after 2000, while from the perspective of the spatial pattern, the arid areas became
wetter and humid areas became drier.

3.3. Spatio-Temporal Characteristics of Vegetation

Regarding 2000 as a turning point indicated by the transition of the dry-wet regime in the YZR
basin, temporal variations of the annual and growing season NDVI were analyzed (Figure 9). The mean
annual NDVI was 0.27, which fluctuated between 0.25 and 0.28 over the past 34 years and significantly
increased at a rate of 0.002/decade (P < 0.1, n = 34), implying a gradual improvement of the vegetation
cover in the YZR basin. However, the NDVI before and after 2000 showed a completely opposite
tendency, that is, the NDVI increased significantly at a rate of 0.01/decade before 2000 (P < 0.1, n = 18),
and decreased significantly at a rate of 0.006/decade after 2000 (P < 0.1, n = 16). With respect to the
variations of the growing season NDVI, the mean NDVI was 0.34, which fluctuated between 0.31
and 0.35 during the past 34 years and increased non-significantly at a rate of 0.002/decade (P > 0.1,
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n = 34). Similar to the changes of the annual NDVI, the growing season NDVI before 2000 showed a
significantly increasing trend at a rate of 0.015/decade (P < 0.1, n = 18), and a significantly decreasing
trend at a rate of 0.009/decade after 2000 (P < 0.1, n = 16). To sum up, the NDVI-indicated vegetation
in the YZR basin gradually improved from the perspective of the annual and growing season NDVI
variations from 1982 to 2015. However, since the beginning of the 21st century, the vegetation cover
has decreased noticeably which corresponds with the simultaneously drying tendency in the whole
basin, demonstrating that the improvement of the vegetation cover before 2000 was mainly induced by
the gradual wetting of the basin while the degradation of the vegetation cover was attributed to the
drying of the basin after 2000.
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The mean annual and growing season spatial distributions of the NDVI from 1982 to 2015 are
portrayed in Figure 10. For the mean annual NDVI, the areas where the NDVI values ranged from
0.1 to 0.3 accounted for approximately 61.08% of the YZR basin, and were mainly located in the upper
and middle reaches and high-altitude areas of the downstream regions. Only 5.59% of the area had an
NDVI value above 0.7, and were largely concentrated in the midstream and southeastern downstream
regions. From the perspective of the whole basin, the mean annual NDVI values gradually increased
from northwest to southeast, implying a consistent improvement of the vegetation cover. The growing
season vegetation cover indicated by the growing season NDVI exhibited a similar spatial distribution
of the mean annual vegetation cover. The spatial variations of the NDVI-indicated vegetation in this
study were similar to the vegetation cover dynamic monitoring results in the YZR basin reported by
Jiang et al. [45].
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The spatial characteristics of the variation trends for the mean annual and growing season NDVI
indicated by the NDVI slope in the YZR basin from 1982 to 2015 are depicted in Figure 11a,c respectively.
In terms of the mean annual NDVI, approximately 59.4% of the NDVI slope in the basin was greater than
0, denoting an increasing trend of the vegetation cover, while the slope of the NDVI in the remaining
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areas was less than 0, implying a degradation of the vegetation cover. As shown in Figure 11b, d and
Table 6, the results of the significance test showed that the areas with an extremely significant decrease
and significant decrease of NDVI accounted for 7.3% and 4.84% of the whole study area respectively,
while the areas with a non-significant increase and non-significant decrease of NDVI took up 31.24%
and 27.86% respectively, and the areas with an extremely significant increase and significant increase
of NDVI mainly located in the middle reaches occupied 22.76% and 6.1% respectively. The growing
season NDVI showed a similar variation characteristic with that of the annual NDVI, i.e., the areas
with increased vegetation cover had a proportion of 57.13% while the NDVI slope of the other areas
was less than 0, indicating the degraded vegetation cover.Remote Sens. 2019, 11, x FOR PEER REVIEW 17 of 27 
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Table 6. Area ratios of NDVI with different change trends.

Significance Level
Area Ratio (%)

Annual Growing Season

Extremely significant decrease 7.3 8.7
Significant decrease 4.84 3.7

Non-significant decrease 27.86 29.26
Non-significant increase 31.24 31.57

Significant increase 6.1 4.5
Extremely significant increase 22.76 22.28

In terms of the spatial variation characteristics for both the mean annual and growing season
NDVI, it could be found that the vegetation cover upstream of the YZR basin seldom changed, which
could be attributed to the specific land cover types in the upper reaches including the Gobi Desert,
glaciers, and plateau meadows, which were less affected by climate change. However, in the midstream
region, except for the high-altitude areas at the edge of the basin, the vegetation cover showed a
dramatical upward tendency, while in the downstream region, except for the high-altitude areas such
as Bomi, the vegetation cover presented a tendency of extremely significant decrease, which were
consistent with the results obtained by Lv et al. [72]. Combined with the transition characteristics of
the dry-wet regime in the YZR basin, it could be revealed that the vegetation cover increased in the
midstream and eastern upstream regions where the climate became wetter, while the vegetation cover
in the downstream and western upstream regions decreased where the climate turned drier.
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3.4. Response of the Vegetation to the Dry-Wet Transition

Based on the analysis results of the spatio-temporal evolution characteristics of the SPEI and
NDVI, it could be seen that the vegetation cover was closely related to the dry-wet regime in the YZR
basin. To further explore the influence of the dry-wet conditions on vegetation cover, a correlation
analysis between the SPEI and NDVI for both annual and growing season from 1982 to 2015 at the
pixel scale was conducted. As shown in Figure 12, about 71.57% of the basin area showed a positive
correlation between the mean annual SPEI and NDVI, while the remaining areas exhibited no or
negative correlations. The results of the significance test as shown in Table 7 demonstrated that the
areas where the NDVI was extremely significantly negatively correlated and significantly negatively
correlated with the SPEI accounted for 0.85% and 0.95% respectively, and were mainly located in the
eastern midstream and northwestern downstream regions. The areas showing a non-significantly
positive correlation and non-significantly negative correlation between the NDVI and SPEI took up
56.28% and 26.37% of the basin area respectively, and were mainly concentrated in the western upstream
and part of the midstream regions. In addition, the areas where the NDVI was extremely significantly
positive and significantly positively correlated with the SPEI occupied 10.28% and 5.27% of the basin
respectively, and were mostly concentrated in the junctions of the middle and upper reaches and the
southeastern downstream regions. As for the correlation analysis between the growing season NDVI
and SPEI, approximately 65.96% of the total area presented a positive correlation. The results of the
significance test indicated that the areas showing an extremely significantly negative correlation and a
significantly negative correlation between the NDVI and SPEI took up 1.36% and 1.55% respectively,
while the areas where the NDVI showed a non-significantly positive correlation and a non-significantly
negative correlation with the SPEI accounted for 49.62% and 30.98% respectively. The extremely
significantly positive and significantly positive correlation between the NDVI and SPEI accounted for
10.73% and 5.8% of the total area respectively.
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By combining the temporal variations (Figures 5 and 9) with the spatial distributions of the
variation trends (Figures 8 and 11) for the SPEI and NDVI, it was unequivocal that the spatio-temporal
variation characteristics of the SPEI were consistent with those of the NDVI in the YZR basin, implying
the important role of the dry-wet conditions on the vegetation dynamic variations. In terms of the
temporal variation, before 2000, the YZR basin exhibited a wetting tendency and simultaneously the
vegetation cover increased, while a tendency of drying was presented after 2000, and the vegetation
cover consistently decreased. Such a synchronization phenomenon was also revealed from the
perspective of the spatial distribution where the western upstream and southeastern downstream
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regions showed a drying trend with decreasing vegetation cover, while the midstream and eastern
upstream regions displayed a wetting trend with increasing vegetation cover.

Table 7. Area ratios of NDVI and SPEI in different correlation degrees.

Significance Level Area Ratio (%)

Annual Growing Season

Extremely significant negative correlation 0.85 1.36
Significantly negative correlation 0.95 1.55

Non-significantly negative correlation 26.37 30.98
Non-significantly positive correlation 56.28 49.62

Significantly positive correlation 5.27 5.8
Extremely significant positive correlation 10.28 10.73

4. Discussion

4.1. Implication of the Soil Water Content for the Dry-Wet Regime

The soil water content is the link between the water cycle, carbon cycle, and energy cycle [73].
It is also a key factor in associating vegetation growth with precipitation [74]. Although drought is are
caused by the below-average level of precipitation over a long period of time, it is also accompanied by
the rising temperature, decreasing atmospheric humidity, increasing evapotranspiration, and declining
soil water content [75]. Moreover, the soil water content is an important indicator of drought which
could be used to efficiently identify dry-wet conditions, and the acquaintance of the soil water content
variation is of great significance to agricultural production, ecological environment, resource allocation,
and social-economic development in China [76]. To further identify the spatio-temporal characteristics
of the dry-wet transition in the YZR basin, the soil water content variation associated with the SPEI
was investigated in this study. The soil water content was characterized by the sum of soil moisture in
four soil layers (0–10 cm, 10–40 cm, 40–100 cm, and 100–200 cm) extracted from the GLDAS-NOAH
dataset, which was represented by the water depth in millimeters.

4.1.1. Spatio-Temporal Variation of the Soil Water Content

The spatial distributions of the mean annual and growing season soil water content in the YZR
basin are shown in Figure 13. It could be seen that the regions with higher soil water content were
mainly concentrated in the high-altitude areas such as the western upstream and the boundary of the
middle and lower reaches. Except for the above areas, the soil water content decreased gradually from
northwest to southeast. To analyze the spatial variation trend of the soil water, the slope was calculated
at the pixel scale by utilizing the mean annual and growing season soil water content from 1982 to 2015.
As shown in Figure 14, the regions with higher soil water content showed a downward tendency, while
the regions with lower soil water content exhibited an increasing trend, which was consistent with
the spatio-temporal variations of the SPEI. According to the results of the significance test, the areas
showing an extremely significant decrease and significant decrease in soil water content were mostly
distributed in the upstream and southeastern downstream regions. The areas with a non-significant
increase and non-significant decrease in soil water content accounted for a small percentage of the
total basin, and were mainly concentrated in Gongga, Lhasa, and Namling, while the areas where
the soil water content increased significantly and extremely significantly were mainly situated in the
midstream and northern downstream regions.
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4.1.2. Relationship Between the Soil Water Content and SPEI

In order to further elaborate on the transition of the dry-wet regime in the YZR basin during
1982–2015, the correlation analysis with the significance test between the annual and growing season
soil water content and SPEI are illustrated in Figure 15. The correlation coefficient between the mean
annual soil water content and the SPEI ranged from −0.204 to 0.923 in the basin, and nearly 99.59% of
the total area showed a positive correlation between the soil water content and the SPEI. According to
the results of the significance test, the area where the soil water content was extremely significantly
positively correlated with the SPEI in the basin accounted for approximately 92.17% of the basin area.
The correlation coefficient between the growing season soil water content and SPEI ranged from −0.206
to 0.938, and the soil water content was positively correlated with the SPEI in nearly 99.65% of the
basin area, among which the areas with an extremely significant positive correlation reached 97.66%.
Such close relationship between the soil water content and SPEI indicates the significantly important
role of the soil moisture for identifying the dry-wet condition in the YZR basin [56,67,76].
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4.2. Possible Climatic Drivers for the Dry-Wet Regime

The dry-wet transition is a comprehensive effect of climate change. Global warming leads to
an increase in the terrestrial temperature, while the rising temperature also generates an increase
in evapotranspiration, which results in drought and other meteorological disasters [77]. To further
investigate the possible physical mechanism of the reversal phenomenon of the dry-wet regime in the
YZR basin before and after 2000, the spatial distributions of variation trends for the mean annual and
growing season precipitation, temperature, and potential evapotranspiration (PET) were comparatively
analyzed. As shown in Figures 16 and 17, the spatial variation trends of the annual and growing season
precipitation, temperature, and PET during 1982–2015 showed identical consistencies in the YZR basin,
i.e., the precipitation in the western upstream and southeastern downstream gradually decreased,
while the temperature and PET exhibited an increasing trend in the same areas; the increasing trends of
the precipitation, temperature, and PET all occurred in the western upstream and eastern midstream;
and a tendency for the increase in precipitation in the eastern midstream appeared, while there was a
declining tendency for temperature and PET. Compared to the spatial variation characteristics of the
SPEI (Figures 7 and 8), in the humid regions within the basin, the precipitation presented an increasing
trend while the temperature and PET showed a decreasing trend, whereas, the reversal phenomenon
occurred in the arid region within the basin, i.e., there was a decreasing trend in the precipitation and
an increasing trend in the temperature and PET. To sum up, the spatial distributions and variation
trends with the significance test of the precipitation, temperature, PET, and soil water content showed
high consistencies with those of the dry-wet regime indicated by the SPEI in the YZR basin, especially
the soil water content.
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5. Conclusions

Based on the performance evaluation of the GLDAS-NOAH data by using the in-situ data from
20 gauging meteorological stations, the transition characteristics of the dry-wet regime in the YZR
basin indicated by the SPEI and runoff were identified, which were combined with the satellite-based
NDVI to investigate the dynamic responses of the vegetation. The hydro-meteorological factors
including the soil water content, precipitation, surface air temperature, and PET were taken into
consideration to explore the possible driving mechanisms of the dry-wet transition from 1982 to 2015
and the comprehensive impacts on vegetation dynamic variations. The conclusions are as follows:

(1) During the period of 1982–2015, the precipitation and surface air temperature simulated by the
GLDAS-NOAH both showed high consistencies with the in-situ observed data in terms of the spatial
and temporal variation patterns, implying a reasonable performance of the GLDAS-NOAH data in the
YZR basin.

(2) The transition characteristics of the dry-wet regime indicated by the SPEI from 1982 to 2015
revealed that the YZR basin presented an overall wetting tendency, while the spatial and temporal
characteristics of the dry-wet conditions reversed before and after 2000, that is, the basin showed a
wetting trend before 2000 and a drying trend after 2000; the arid areas in the basin showed a tendency
of wetting, whereas the humid areas exhibited a trend of drying.

(3) The NDVI-based vegetation in the YZR basin exhibited an overall increasing trend during
1982–2015, implying an improvement in the vegetation cover. However, a simultaneously reversal
phenomenon of the vegetation variation was also detected before and after 2000, i.e., the vegetation
cover in the basin increased before 2000 and decreased after 2000. From the perspective of spatial
distribution, the area with higher NDVI values showed a degrading trend of vegetation cover, while the
areas with lower NDVI values presented a greening trend with the improvement of vegetation cover.

(4) Approximately 70% of the basin area showed a positive correlation between the SPEI and
NDVI, and were mainly located in the middle and lower reaches with high vegetation cover. However,
the proportion of areas showing a negative correlation between SPEI and NDVI was small and not
statistically significant. The high consistencies between the spatial and temporal variation characteristics
of the NDVI and SPEI indicated that the dry-wet conditions played an important role in vegetation
variations in the YZR basin.

(5) The investigation of possible driving factors for the dry-wet regime demonstrated that the
spatial distributions and variation trends with the significance test of the precipitation, temperature,
PET, and soil water content showed high consistencies with those of the dry-wet regime indicated by
the SPEI in the YZR basin, emphasizing a great necessity to explore the physical mechanism of the
dry-wet transition associated with the vegetation dynamics.
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