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Abstract: In recent years, sustainable entrepreneurship has emerged as a dynamic field,
driving innovative solutions to environmental, social, and financial issues, as evidenced by
the improvement of income systems. The purpose of this study is to explore the impact of
the forward-looking strategy on enterprise performance so as to ensure that enterprises can
maintain the ability of sustainable development. Foresight can promote the enhancement of
sustainable development. Therefore, the current research mainly determines that forward-
looking strategies will ultimately affect the performance of enterprises through the impact
on their own dynamic capabilities. Through the empirical investigation of 125 enterprises,
the corresponding research data are obtained. The results show that the forward-looking
strategy has a positive impact on enterprise performance, while enterprise dynamic capabil-
ity, as an intermediary variable, has a positive impact between the forward-looking strategy
and enterprise performance. This research introduces market dynamic capability as a mod-
erating variable to explore whether forward-looking strategies can adapt to changes in the
external market environment. Structural equation modeling (SEM) is used to examine the
complex relationships between multiple independent and dependent variables of forward-
looking strategies and dynamic capabilities, including the impact of latent variables. Under
the background of digital economy, digital technology gradually infiltrates the operation
of enterprises and plays a vital role in enterprise performance. Digital transformation has
become a realistic need for enterprises to respond to changes in the market environment
and seek development. The forward-looking strategy has brought new opportunities to
solve this problem. The core of the forward-looking strategy lies in “forward thinking” and
“pioneering intention”. It not only emphasizes the ability to predict and identify potential
opportunity windows in uncertain environments but also pays attention to the cultivation
of enterprise resilience and openness to maintaining sustainable competitive advantage. Its
foresight can build dynamic capabilities and ensure the sustainable development ability of
enterprises through continuous insight into market information and technology resources,
such as opportunity recognition perception, knowledge absorption and transformation,
resource replacement and innovation, organizational change, and reconstruction.

Keywords: forward-looking strategy; enterprise performance; dynamic capability;
innovation; sustainable development

1. Introduction
In the context of the digital economy, digital technology has gradually penetrated the

operation of enterprises, playing a crucial role in their performance. Digital transformation
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has become a practical need for enterprises to respond to changes in the market environ-
ment and seek development [1,2]. Since the 21st century, as the main body of industrial
transformation and upgrading, enterprises have faced increasing uncertainty and complex-
ity in their business environment, making it difficult to improve their performance. For
instance, Chinese technology-based enterprises generally have problems such as a lack of
independent innovation capability, low product supply quality, and low internal control
efficiency [3]. In addition, the frequent occurrence of ‘black swan’ events such as COVID-19
has a huge impact on the external market environment of enterprises, which makes the
market performance of enterprises lack vitality [4,5].

As one of the important practices in responding to changes in the business environ-
ment, digital transformation is an important engine for stimulating China’s economic
vitality and improving enterprise market performance. Therefore, it is necessary to seize
the opportunity of the digital economy era and correctly grasp the relationship between the
strategic intention of digital transformation and enterprise performance. At the same time,
the rapid development of digital technology is also accelerating the transformation of enter-
prise organizational models, business models, and human resource management models,
leading to the disappearance of the previously accumulated competitive advantages with
rapid and frequent market changes [6]. In this context, the rapid and agile response ability
to external markets has become an extremely necessary foundation for enterprises to adapt
to the digital economy era [7].

Previous studies [8] have shown that the innovation breakthroughs and performance
growth of enterprises in the dynamic market environment depend on whether the enter-
prise strategy can lead the enterprise to quickly respond to changes in the environment.
Traditional strategic models that follow the rules are no longer able to cope with the unpre-
dictable business ecosystem. The forward-looking strategy has brought new opportunities
to solve this problem. The core of forward-looking strategy lies in ‘forward-thinking’
and ‘pioneering intention’, which not only emphasizes the ability to predict and identify
potential opportunity windows in uncertain environments but also focuses on cultivat-
ing enterprise resilience and expansion to maintain a sustained competitive advantage.
Dynamic capability refers to the ability of enterprises to adapt to environmental changes,
integrate resources, and reconfigure internal processes and structures to meet market chal-
lenges. For enterprises, these capabilities are particularly important because they usually
face challenges such as limited resources and fierce market competition [9]. Enterprises
need the ability to reflect on the utility of existing resources; they must be able to perceive
and seize opportunities outside the company; they also need to be able to reorganize old
resources and integrate new resources in an effective way [10,11].

Helfat has previously proposed that dynamic capability is “the ability of an organi-
zation to purposefully create, expand and adjust its resource base”. The resource base of
an organization includes physical goods, human resources, and organizational assets [12].
After the outbreak of COVID-19, the market economy has been in a downward trend. En-
terprises should not only adjust their structure according to their dynamic capabilities but
also adapt to changes in the external environment. Facts have proved that companies that
can learn and adapt have amazing flexibility [13,14]. Such foresight can build dynamic ca-
pabilities through continuous insight into market information and technological resources,
including opportunity recognition perception, knowledge absorption and transformation,
resource reset innovation, and organizational transformation and reconstruction. Thus, the
forward-looking strategy is the basic element of sustainable development. This, in turn,
has stimulated a broadening of the scope of the search for radical new ideas. In addition,
some methods emphasize the forward-looking nature of society, which is a participatory
process between members of one or more organizations. In this sense, the forward-looking
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perspective has been integrated into the concept of sustainable development of the com-
pany although the future orientation is not necessarily formulated in a structured or
conscious way [15–17].

Based on this, this article is based on the forward-looking strategy theory, dynamic
theory, and performance theory, aiming to study the impact of forward-looking strategic
factors on corporate performance in Chinese technology enterprises. It attempts to study the
mechanism ‘black box’ between the forward-looking strategy and corporate performance
from both internal and external perspectives. This article uses 125 technology-based
enterprises as research samples to construct a regression analysis model of the forward-
looking strategy on enterprise performance and conduct empirical testing.

2. Theoretical Framework and Hypothesis Development
In the context of the digital economy, a forward-looking strategy enhances an organi-

zation’s ability to learn and innovate emerging technologies, allowing enterprises to keenly
capture market trends and swiftly adapt to the demands of digital transformation. This
strategy not only facilitates the optimization of internal processes and the innovation of
products and services but also bolsters the effective utilization and protection of data re-
sources. Consequently, it enhances operational efficiency, customer satisfaction, and market
competitiveness, laying a solid foundation for sustainable development and significantly
boosting long-term performance.

A forward-looking strategy outlines the long-term development path for enterprises
by bolstering organizational learning and innovation capabilities, ensuring that enterprises
can consistently adapt to and spearhead market shifts. The dynamic capabilities of en-
terprises manifest in their flexibility and organizational restructuring abilities, allowing
them to swiftly react to market and environmental changes and adapt their structures and
strategies accordingly. These two elements complement each other. The forward-looking
strategy offers direction and momentum for dynamic capabilities, while dynamic capa-
bilities guarantee the effective execution and flexible adaptation of the forward-looking
strategy. The seamless integration of the forward-looking strategy and dynamic capabilities
empowers enterprises to retain a competitive edge in a rapidly evolving market, continu-
ously optimize resource allocation, enhance operational efficiency, and significantly boost
enterprise performance.

According to the dynamic capability theory, dynamic capability is the fundamental
guarantee for enterprises to form sustainable competitive advantage [18]. Dynamic ca-
pabilities affect exploratory and exploitative innovation and can, in turn, affect business
performance. Exploratory innovation involves the development of new products and the
exploration of new markets, which has been found to have a significant positive impact on
enterprise performance [19–21].

Based on the forward-looking strategy theory, dynamic theory, and performance
theory, this study, from the perspective of enterprise resources and capabilities, focuses
on whether the implementation of the forward-looking strategy can bring performance to
enterprises and establishes a research model of the forward-looking strategy impact on
enterprise performance based on the intermediary role of enterprise dynamics and the
regulatory role of market dynamics. On this basis, the paper introduces factors such as
organizational learning ability, alertness, digital innovation ability, organizational flexibility,
organizational cognition, and reconstruction ability to explore the impact of the relationship
between the forward-looking strategy and dynamic ability on enterprise performance.

The main purpose of organizational-level research is to explore the impact of the
forward-looking strategy on enterprise performance. In previous studies at the organi-
zational level, strategy performance was a widely adopted research paradigm. In the
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study of specific mechanisms of action, ’strategy structure performance’, ’strategy behavior
performance’, ’strategy culture performance’, and other paths have also been proposed
by scholars [22–24]. In the process of studying the impact of the forward-looking strategy
on enterprise performance, this paper adopts the path of ’strategy dynamic capability
performance’ by investigating the research paradigm.

First of all, the purpose of the forward-looking strategy is to develop new products or
expand new markets, which requires enterprises to constantly make breakthroughs in their
own dynamic capabilities. The forward-looking layout of strategic emerging industries and
future industries is a strategic focus to accelerate the formation of new quality productivity,
laying the foundation for developing new driving forces, cultivating new growth poles,
and breaking free from the “low-end lock-in” and “high-end constraints” of the global
value chain [25]. Therefore, enterprises adopting a forward-looking strategy will invest
more resources in their own dynamic capabilities. Secondly, forward-looking analysis
helps evaluate a company’s positioning in resisting external macroeconomic shocks [26].
Using the dynamic theory perspective to study the impact on enterprise performance
helps better understand the changes in other aspects of the enterprise in the process of
implementing the strategy, such as changes in organizational structure, organizational
flexibility, etc. Although dynamic capability is not the latest theoretical perspective, it
is the most appropriate theoretical perspective for the forward-looking strategy. This
paper will use this perspective to study the impact of the forward-looking strategy on
enterprise performance.

Based on the above research path, the research hypothesis is put forward.

H1: Forward-looking strategies have a positive impact on the organization’s performance.

H2a: Organizational learning ability has a positive impact on organizational flexibility.

H2b: Organizational learning ability has a positive impact on organizational cognitive ability.

H3a: Digital innovation capability has a positive impact on organizational flexibility.

H3b: Digital innovation ability has a positive impact on organizational cognitive ability.

H4a: Organizational flexibility has a positive impact on organizational performance.

H4b: Organizational cognitive ability has a positive impact on organizational performance.

H5: Market dynamic capability has a positive effect on regulating enterprise performance and
dynamic capability.

3. Research Methodology and Data Collection
This study uses non-probability sampling method to select 125 technology-based

enterprises as the main business direction in Guizhou Province as the survey sample.
Guizhou Province is located in Southwest China. Since the 1990s, the economic construc-
tion of Guizhou Province has developed rapidly. So far, Guizhou’s information technology
has been at the forefront of China. The growth rate of Guizhou’s digital economy has
ranked the first in China for seven consecutive years, and the added value accounted
for about 37% of GDP. The revenue growth rate of software service industry has contin-
uously maintained the first in the country, and the total amount of digital economy has
increased by five times since 2019. Based on this, this study selected the technology-based
enterprises in Guizhou province as the research sample, proposed the regulatory role of
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dynamic ability, and explored the relationship between the forward-looking strategy and
enterprise performance.

The research was designed as a quantitative study and data were collected through
a questionnaire survey. Rummel (1970) [27] believed that the ratio of sample size to
measurement terms should be at least 4:1 when conducting exploratory factor analysis.
Hoelter (1983) [28] proposed that the minimum sample size should be 200 when conducting
confirmatory factor analysis. Based on the views of these scholars and the needs of this
study, this study selected 125 enterprises, and each enterprise was issued 4 questionnaires,
totaling 500 questionnaires. The questionnaire survey was scheduled for June 2024 and
lasted for one month. The survey was carried out in Guizhou Province, China. In order to
obtain comprehensive and accurate information as much as possible, the survey distributed
four questionnaires to each enterprise, which were filled in by the top management, middle
management, and grassroots management of the enterprise. Finally, a total of 445 question-
naires were collected, with a collection rate of 89%. After deleting invalid questionnaires,
420 valid questionnaires were finally obtained for research and analysis, with an effective
questionnaire rate of 84%. Through systematic literature reviews, studies have emphasized
the importance for enterprises to possess dynamic capabilities and forward-looking strate-
gies when confronting resource constraints and market competition challenges. Moreover,
they underscored that in the digital economy and the post-COVID-19 market environment,
enterprises must enhance flexibility by reassessing resource utility, recognizing and capital-
izing on external opportunities, and effectively reorganizing and integrating both new and
existing resources. Although the integration of forward-looking strategies with enterprises’
sustainable development philosophies may not necessarily be formulated in a structured
or deliberate manner, it is crucial for fostering a sustainable competitive advantage. Dy-
namic capabilities, serving as the fundamental pillar, influence enterprises’ exploratory
and exploitative innovations, subsequently impacting their performance. Research at the
organizational level centers on the influence of forward-looking strategies on enterprise
performance, suggesting various pathways between strategies and performance, and under-
scoring the pivotal role of forward-looking strategies and dynamic capabilities in bolstering
enterprise competitiveness and performance. This paper summarizes and deduces the
research literature in the fields of the forward-looking strategy, dynamic capability, and
market dynamic capability. The research is based on the questionnaire design, research
hypothesis, theoretical model construction, research conclusion, and discussion.

In the process of exploring the impact of forward-looking strategies on corporate
performance, this article examines the impact of forward-looking strategies from
two aspects: enterprise dynamics and market dynamics. The reason for conducting research
from two levels is that the research at the organizational level of the enterprise itself is in line
with traditional corporate strategies and can directly reflect the ways and results of forward-
looking strategies on enterprise performance. Secondly, the impact of market dynamics
on corporate performance can better reflect the significance and connotation of forward-
looking strategies. Finally, a research paradigm with multiple perspectives, methods, and
data sample sources is adopted to enhance the robustness of research conclusions.

3.1. Scale Measurements

Based on theoretical research, this article divides forward-looking strategies into
two dimensions: learning ability and digital innovation; it divides the dynamic capabilities
of enterprises into two dimensions: organizational flexibility and cognition. Finally, market
dynamic capability is introduced as an external regulatory factor.
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3.1.1. Forward-Looking Strategies

Likert five scales were used for measurement. This structure measures the set of
tools, technologies, and systems that organizations use to create, capture, store, and the
scale has two sub dimensions: organizational learning ability and organizational digital
innovation ability.

3.1.2. Enterprise Dynamics

In order to measure the internal dynamic capability of enterprises, the Likert five-point
scale is also used. It measures flexibility and cognitive ability within the enterprise.

3.1.3. Market Dynamics

In order to explore the ability of enterprises to quickly adapt to market changes,
capture opportunities, and effectively integrate internal and external resources to meet
competitive challenges, the items of Likert five-point scale were also designed.

4. Analysis and Results
In this study, 500 questionnaires were distributed to 125 enterprises, and

445 questionnaires were recovered, with a recovery rate of 89%. After deleting the in-
valid questionnaires according to the above screening principles, 420 valid questionnaires
were finally obtained for research and analysis, with an effective questionnaire rate of 84%.

It can be seen from Table 1 that Pearson correlation analysis was used to study the
correlation among 13 items, including information collection, information integration,
alertness, redundant resources, dual innovation, reorganization ability, resource flexibil-
ity, technology flexibility, internal cognition, external cognition, financial performance,
sustainable development, market dynamics, etc. Generally, the correlation is considered
significant when the p-value is less than 0.05. After correlation analysis, regression analysis
was carried out to explore the causal relationship.

Table 1. Results of variable correlation analysis. (“*” stands for significance, “**” stands for
very significance).

1 2 3 4 5 6 7 8 9 10 11 12 13

LC 1
LI 0.471 ** 1
LA 0.457 ** 0.471 ** 1
DS 0.161 ** 0.125 * 0.143 ** 1
DA 0.230 ** 0.176 ** 0.160 ** 0.572 ** 1
OR 0.087 0.061 0.073 0.247 ** 0.200 ** 1
OT 0.120 * 0.085 0.024 0.136 ** 0.099 * 0.451 ** 1
OX 0.101 * 0.057 0.006 0.226 ** 0.144 ** 0.495 ** 0.392 ** 1
OI 0.200 ** 0.191 ** 0.190 ** 0.363 ** 0.257 ** 0.265 ** 0.171 ** 0.135 ** 1
OE 0.155 ** 0.136 ** 0.178 ** 0.224 ** 0.141 ** 0.134 ** 0.073 0.080 0.546 ** 1
MD 0.239 ** 0.190 ** 0.226 ** 0.459 ** 0.333 ** 0.293 ** 0.227 ** 0.254 ** 0.419 ** 0.348 ** 1
PF 0.184 ** 0.183 ** 0.207 ** 0.422 ** 0.359 ** 0.321 ** 0.230 ** 0.279 ** 0.349 ** 0.270 ** 0.509 ** 1
PE 0.200 ** 0.141 ** 0.198 ** 0.385 ** 0.362 ** 0.249 ** 0.144 ** 0.238 ** 0.296 ** 0.268 ** 0.515 ** 0.487 ** 1

It can be seen from Table 2 that the square root value of the AVE of each latent variable
is greater than the correlation coefficient between this latent variable and other latent
variables, indicating that the scale has good differential validity.

Structural equation modeling (SEM) is a multivariate statistical analysis technique
that combines factor analysis and path analysis, allowing researchers to simultaneously
handle complex relationships between multiple variables, including relationships between
latent and observed variables, as well as causal relationships between latent variables. SEM
describes these relationships by constructing a set of linear equations and evaluates the fit
of the model to validate or modify theoretical hypotheses. During the research process, the
Amos28 system was utilized to construct a structural equation model for relevant variables.
Data aggregation and common method bias were employed to validate the correlations
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among various variables. As shown in Figure 1, the structural equation model was used
to test the relationship model between the forward-looking strategy, dynamic capabilities,
and corporate performance, and to examine the moderating effect of market dynamics on
the relationship between dynamic capabilities and corporate performance. Table 3 shows
the fitting indicators of the model, and some indicators can be appropriately selected for
evaluation. The model CMIN is 49.653, DF is 45, and CMIN/DF is 1.103 < 3, which is ideal.
RMSEA is 0.016 < 0.08, and the indicators of GFI, CFI, NFI and IFI are greater than 0.9. To
sum up, all indicators meet the standard, indicating that the fitting degree of the model
is good.

Table 2. Pearson correlation and the AVE square root value.

LC LI LA DS DA OR OT OX OI OE MD PF PE

LC 0.841
LI 0.517 0.797
LA 0.500 0.536 0.829
DS 0.180 0.147 0.159 0.776
DA 0.263 0.194 0.178 0.658 0.774
OR 0.091 0.058 0.074 0.288 0.219 0.812
OT 0.110 0.060 0.009 0.262 0.162 0.558 0.838
OX 0.129 0.093 0.020 0.167 0.117 0.541 0.471 0.761
OI 0.218 0.210 0.213 0.427 0.302 0.295 0.160 0.207 0.809
OE 0.174 0.149 0.187 0.256 0.157 0.149 0.093 0.088 0.616 0.865
MD 0.225 0.161 0.227 0.450 0.427 0.278 0.274 0.179 0.342 0.304 0.747
PF 0.271 0.223 0.259 0.543 0.381 0.340 0.297 0.277 0.493 0.403 0.603 0.808
PE 0.208 0.216 0.243 0.494 0.411 0.370 0.320 0.278 0.406 0.307 0.564 0.592 0.824
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Table 3. Model fitting indicators.

Value CMIN DF CMIN/DF GFI RMSEA CFI NFI IFI

Predicted - - <3 >0.9 <0.08 >0.9 >0.9 >0.9
Qualify - - <5 >0.8 <0.10 >0.8 >0.8 >0.8
Actual 49.653 45 1.103 0.981 0.016 0.996 0.963 0.996

According to the regulatory effect test method, multiple hierarchical regression is
mainly used to test and establish three multiple regression models (see Table 4). The first
model introduces control variables and independent variables, mainly because the role of
regulatory variables is more sensitive. To prevent the occurrence of pseudo regression, it
needs to control independent variables, regulatory variables, and interactive items. The
second model introduces control variables, independent variables, and regulatory variables.
The model mainly judges the influence of independent variables and regulatory variables
on dependent variables and determines the explanatory ability of the model, that is, to
judge the size of the model R2. The third model introduces control variables, independent
variables, regulatory variables, and interactive items. If the regression coefficient of inter-
active items is significant and R2; is significantly increased, then the regulatory variables
have a significant regulatory effect.

Table 4. Summary of model coefficients. “***” stands for p < 0.001.

Independent Dependent Coef. Std.E S.E. z (C.R.) p

Learning Flexibility 0.046 0.053 0.059 0.771 0.441
Learning Cognition 0.179 0.223 0.053 3.36 ***

Digital innovation Flexibility 0.391 0.363 0.079 4.971 ***
Digital innovation Cognition 0.423 0.418 0.07 6.036 ***

Flexibility Performance 0.168 0.284 0.038 4.408 ***
Cognition Performance 0.195 0.311 0.048 4.104 ***
Learning Performance 0.076 0.152 0.031 2.477 0.013

Digital innovation Performance 0.275 0.434 0.052 5.312 ***

Table 5 shows taking organizational flexibility as the independent variable, enterprise
performance as the dependent variable, and the market dynamic ability as the regulatory
variable, and the regulatory effect is tested. It can be seen from Table 5 that the regulatory
effect is divided into three models. Model 1 includes independent variables (organizational
flexibility), as well as five control variables: age, position, years of establishment, staff size,
and enterprise industry. Model 2 adds adjustment variables (market dynamic capacity)
on the basis of Model 1. Model 3 adds an interaction term (the product of independent
variables and regulatory variables) to Model 2.

For Model 1, the purpose is to study the influence of the independent variable (organi-
zational flexibility) on the dependent variable (enterprise performance) without considering
the interference of the regulatory variable (market dynamic ability). It can be seen from
Table 5 that the independent variable (organizational flexibility) shows a significant effect
(t = 8.767, p = 0.000 < 0.05), which means that organizational flexibility will have a sig-
nificant impact on enterprise performance. The moderation effect means that there is a
moderation effect by looking at the significance of the interaction item in Model 3. The
results of the regulatory effect analysis show that based on the interactive item organi-
zational flexibility × market dynamic ability, the significance p-value is 0.000, and the
interactive item in Model 3 is significant, which means that the regulatory variable market
dynamic ability will significantly interfere with the impact of organizational flexibility on
enterprise performance.
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Table 5. Adjustment effect analysis of organizational flexibility.

Dependent
Independent: Performance

Model 1 Model 2 Model 3

(constant) 1.525 ** (8.708) 0.774 ** (4.735) 1.064 ** (7.112)
Age −0.076 ** (−3.257) −0.033 (−1.594) −0.022 (−1.182)

Position 0.051 (1.425) 0.055 (1.789) 0.053 (1.932)
Year of establishment −0.000 (−0.005) 0.007 (0.286) −0.023 (−0.991)
Number of employees −0.032 (−1.083) −0.016 (−0.619) 0.010 (0.433)

Enterprises engaged in industries 0.027 * (2.021) 0.009 (0.753) 0.008 (0.781)
Flexibility 0.258 ** (8.767) 0.174 ** (6.608) 0.151 ** (6.346)

Market dynamics 0.373 ** (12.003) 0.234 ** (7.513)
Flexibility and market dynamics 0.238 ** (9.995)

R2 0.195 0.404 0.520
Adjusted R2 0.184 0.394 0.511

F F = 16.711 p = 0.000 F = 39.866 p = 0.000 F = 55.743 p = 0.000

* p < 0.05, ** p < 0.01, The value of t is enclosed in parentheses.

Figure 2 is the slope chart of organizational flexibility, showing the difference in the
impact of organizational flexibility on enterprise performance at different levels of a market
dynamic capacity of the regulatory variable.

Sustainability 2025, 17, x FOR PEER REVIEW 10 of 17 
 

 

 

Figure 2. Slope chart of organizational cognition & flexibility. 

Taking organizational cognition as the independent variable, enterprise performance 
as the dependent variable, and market dynamic ability as the moderating variable, the 
moderating effect is tested. It can be seen from Table 6 that the regulatory effect is divided 
into three models. Model 1 includes independent variables (organizational cognition), as 
well as five control variables: age, position, years of establishment, staff size, and enter-
prise industry. Model 2 adds adjustment variables (market dynamic capacity) on the basis 
of Model 1. Model 3 adds an interaction term (the product of independent variables and 
regulatory variables) to Model 2. 

Table 6. Analysis of organizational cognitive regulation effect. 

Dependent 
Independent: Performance 

Model 1 Model 2 Model 3 
(constant) 1.596 ** (9.620) 0.865 ** (5.466) 1.090 ** (7.197) 

Age −0.057 * (−2.478) −0.022 (−1.067) −0.022 (−1.141) 
Position 0.000 (0.009) 0.021 (0.677) 0.025 (0.891) 

Year of establishment −0.028 (−0.984) −0.012 (−0.486) −0.025 (−1.049) 
Number of employees −0.034 (−1.173) −0.018 (−0.703) −0.007 (−0.278) 
Enterprises engaged in 

industries 
0.022 (1.671) 0.006 (0.532) 0.007 (0.670) 

Flexibility 0.313 ** (9.924) 0.210 ** (7.240) 0.162 ** (5.809) 
Market dynamics  0.357 ** (11.436) 0.278 ** (8.965) 

Flexibility and market 
dynamics 

  0.175 ** (7.533) 

R² 0.229 0.415 0.486 
Adjusted R² 0.218 0.405 0.476 

F F = 20.488 p = 0.000 F = 41.764 p = 0.000 F = 48.582 p = 0.000 
* p < 0.05, ** p < 0.01, The value of t is enclosed in parentheses. 

For Model 1, the purpose is to study the influence of the independent variable (or-
ganizational cognition) on the dependent variable (enterprise performance) without con-
sidering the interference of the regulatory variable (market dynamic ability). It can be seen 
from the above table that the independent variable (organizational cognition) presents a 
significant effect (t = 9.924, p = 0.000 < 0.05), which means that organizational cognition 
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Taking organizational cognition as the independent variable, enterprise performance
as the dependent variable, and market dynamic ability as the moderating variable, the
moderating effect is tested. It can be seen from Table 6 that the regulatory effect is divided
into three models. Model 1 includes independent variables (organizational cognition), as
well as five control variables: age, position, years of establishment, staff size, and enterprise
industry. Model 2 adds adjustment variables (market dynamic capacity) on the basis of
Model 1. Model 3 adds an interaction term (the product of independent variables and
regulatory variables) to Model 2.
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Table 6. Analysis of organizational cognitive regulation effect.

Dependent
Independent: Performance

Model 1 Model 2 Model 3

(constant) 1.596 ** (9.620) 0.865 ** (5.466) 1.090 ** (7.197)
Age −0.057 * (−2.478) −0.022 (−1.067) −0.022 (−1.141)

Position 0.000 (0.009) 0.021 (0.677) 0.025 (0.891)
Year of establishment −0.028 (−0.984) −0.012 (−0.486) −0.025 (−1.049)
Number of employees −0.034 (−1.173) −0.018 (−0.703) −0.007 (−0.278)

Enterprises engaged in industries 0.022 (1.671) 0.006 (0.532) 0.007 (0.670)
Flexibility 0.313 ** (9.924) 0.210 ** (7.240) 0.162 ** (5.809)

Market dynamics 0.357 ** (11.436) 0.278 ** (8.965)
Flexibility and market dynamics 0.175 ** (7.533)

R2 0.229 0.415 0.486
Adjusted R2 0.218 0.405 0.476

F F = 20.488 p = 0.000 F = 41.764 p = 0.000 F = 48.582 p = 0.000

* p < 0.05, ** p < 0.01, The value of t is enclosed in parentheses.

For Model 1, the purpose is to study the influence of the independent variable (organi-
zational cognition) on the dependent variable (enterprise performance) without considering
the interference of the regulatory variable (market dynamic ability). It can be seen from the
above table that the independent variable (organizational cognition) presents a significant
effect (t = 9.924, p = 0.000 < 0.05), which means that organizational cognition will have a sig-
nificant impact on enterprise performance. Moderating effect by looking at the significance
of the interaction item in Model 3, the results of the moderating effect analysis table show
that based on the organizational cognition and market dynamic ability of the interaction
item, the significance e p-value is 0.000, and the interaction item in Model 3 is significant. It
means that the ability to adjust variable market dynamics will significantly interfere with
the impact of organizational cognition on enterprise performance.

Figure 2 is the slope chart of organizational cognition, showing the difference in the
impact of organizational cognition on enterprise performance at different levels of market
dynamic ability of regulatory variables.

Therefore, based on the above empirical analysis, the hypothesis is determined: Table 7
shows the results of all hypothesis tests.

Table 7. A summary table of hypotheses.

Content Result

H1 Forward-looking strategies have a positive impact on the
organization’s performance.

Positive (direct influence)
(t = 0.771, p = 0.441 > 0.05)

H2a The organizational learning ability has a positive impact on
organizational flexibility.

Negative (direct influence)
(t = 3.36, p = 0.0 < 0.05)

H2b The organizational learning ability has a positive impact on
the organizational cognitive ability.

Positive (direct influence)
(t = 3.36, p = 0.0 < 0.05)

H3a The digital innovation capability has a positive impact on
organizational flexibility.

Positive (direct influence)
(t = 4.971, p = 0.0 < 0.05)

H3b The digital innovation ability has a positive impact on the
organizational cognitive ability.

Positive (direct influence)
(t = 6.036, p = 0.0 < 0.05)

H4a Organizational flexibility has a positive impact on the
organization’s performance.

Positive (direct influence)
(t = 4.408, p = 0.0 < 0.05)

H4b The organizational cognitive ability has a positive impact on
the organization’s performance.

Positive (direct influence)
(t = 4.104, p = 0.0 < 0.05)

H5 The market dynamic capability has a positive effect on
regulating enterprise performance and dynamic capabilities.

Positive(regulated)
(p = 0.0 < 0.05)
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H1 proposes that the forward-looking strategy has a positive impact on performance;
the standardized path coefficient from the organizational learning ability to enterprise
performance is 0.152 (t = 2.477, p = 0.013 < 0.05), indicating that the organizational learning
ability has a significant positive impact on enterprise performance, that is, the higher
the organizational learning ability, the higher the enterprise performance. The standard-
ized path coefficient from digital innovation to enterprise performance is 0.434 (t = 5.312,
p = 0.0 < 0.05), indicating that digital innovation has a significant positive impact on
enterprise performance, that is, the higher the digital innovation, the higher the enter-
prise performance. Because both organizational learning ability and digital innovation
are forward-looking strategic factors, it is inferred that the forward-looking strategy has a
significant positive impact on performance. H1 is supported.

H2a proposes that organizational learning ability has a positive impact on organiza-
tional flexibility; the standardized path coefficient from the organizational learning ability
to organizational flexibility is 0.053 (t = 0.771, p = 0.441 > 0.05), indicating that the orga-
nizational learning ability has no significant impact on organizational flexibility. H2a is
not supported.

H2b proposes that organizational learning ability has a positive impact on organiza-
tional cognitive ability; the standardized path coefficient from the organizational learning
ability to organizational cognition is 0.223 (t = 3.36, p = 0.0 < 0.05), indicating that the organi-
zational learning ability has a significant positive impact on organizational cognition, that
is, the higher the organizational learning ability, the higher the organizational cognition.

H3a proposes that digital innovation has a positive impact on organizational flexibility;
the standardized path coefficient from digital innovation to organizational flexibility is
0.363 (t = 4.971, p = 0.0 < 0.05), indicating that digital innovation has a significant positive
impact on organizational flexibility, that is, the higher the digital innovation, the higher the
organizational flexibility.

H3b proposes that digital innovation has a positive impact on organizational cognition.
The standardized path coefficient from digital innovation to organizational cognition is
0.418 (t = 6.036, p = 0.0 < 0.05), indicating that digital innovation has a significant positive
impact on organizational cognition, that is, the higher the digital innovation, the higher the
organizational cognition.

H4a proposes that organizational flexibility has a positive impact on performance; the
standardized path coefficient from organizational flexibility to enterprise performance is
0.284 (t = 4.408, p = 0.0 < 0.05), indicating that organizational flexibility has a significant
positive impact on enterprise performance, that is, the higher the organizational flexibility,
the higher the enterprise performance.

H4b proposes that organizational cognition has a positive impact on performance; the
standardized path coefficient of organizational cognition to enterprise performance is 0.311
(t = 4.104, p = 0.0 < 0.05), indicating that organizational cognition has a significant positive
impact on enterprise performance, that is, the higher organizational cognition, the higher
enterprise performance.

H5 is related to the research in this paper, and we can see that the significant p-value
of organizational flexibility, organizational cognition, and the market dynamic ability
based on interactive items is 0.000, which means that the market dynamic ability as a
regulatory variable will have a significant impact on the impact of organizational flexibility
on enterprise performance.

5. Discussion
This paper studies the composition of forward-looking strategic factors and enterprise

dynamic capabilities. Since the concept of forward-looking strategic factors was formally
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put forward, scholars have been discussing the composition and connotation of forward-
looking strategic factors from multiple perspectives [29,30]. Based on the forward-looking
strategy theory and dynamic capability theory, this study believes that the forward-looking
strategy can be divided into two dimensions: learning ability and digital innovation.
At the same time, this paper also believes that dynamic capability can be divided into
two dimensions: organizational flexibility and organizational cognition, which has been
verified by empirical research.

Based on the existing theoretical and empirical research progress, this paper fur-
ther clarifies the composition of the forward-looking strategy and dynamic capability
and enriches the research in related fields. At the same time, it also lays a good foun-
dation for the study of the factors affecting dynamic capabilities and the results of
dynamic capabilities.

After the survey, through exploratory factor analysis, it is found that the learning
ability and digital innovation have certain discriminant validity, and the factor load value
of each variable also meets the research requirements. At the same time, the Cronbach’s
α values of learning ability and digital innovation variables are greater than 0.8, and
the CITC values of each measurement item are greater than 0.5. Therefore, the reliabil-
ity of each variable also meets the research requirements. Then, through confirmatory
factor analysis, it was found that the construct reliability (CR) of the five factors un-
der the two variables were 0.906, 0.874, 0.898, 0.959, and 0.856, which were all greater
than 0.8, and the average variance extraction (AVE) values were 0.708, 0.636, 0.687,
0.603, and 0.599, which were all greater than 0.5, indicating that the aggregate valid-
ity of each variable was good. At the same time, the Cronbach’s α values of organi-
zational flexibility and organizational cognition variables are greater than 0.8, and the
CITC values of each measurement item are greater than 0.5. Therefore, the reliability
of each variable also meets the research requirements. Then, through confirmatory fac-
tor analysis, it was found that the construct reliability (CR) of the five factors under the
two variables were 0.859, 0.856, 0.886, 0.876 and 0.804, which were greater than 0.8, and
the average variance extraction (AVE) were 0.603, 0.599, 0.660, 0.703 and 0.578, which were
greater than 0.5, indicating that the aggregate validity of each variable was good.

This paper explores the mechanism between dynamic capabilities and performance.
Firstly, this paper explores the strategic factors that affect dynamic capabilities, including
organizational learning ability and digital innovation. The results show that different
strategic factors have different effects on different dynamic capabilities. Then, this paper
examines the impact of dynamic capabilities on performance. The results show that
different dynamic capabilities have different effects on enterprise performance. Finally,
this paper also explores the path of forward-looking strategic factors affecting enterprise
performance through dynamic capabilities using the intermediary test.

At present, the research on the relationship between the forward-looking strategy and
dynamic capabilities mostly stays at the theoretical level, and the dynamic capability theory
provides some support for explaining the above phenomenon. Teece [11] pointed out that
dynamic capability is the ability of enterprises to integrate, construct, and reconfigure
internal and external resources to quickly adapt to the changing environment. Helfat
identified two criteria for enterprise capabilities: technical (internal) adaptability and
evolutionary (external) adaptability [12]. Pavlou and Sawy built a framework for dynamic
capabilities [31]. According to the framework, enterprises can do the following:

(1) Discover, explain, and seek opportunities from internal and external stimuli through
perceptual ability;

(2) Use the learning ability to determine which organizational ability must be modified,
rebuilt, or reconfigured to generate new knowledge;
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(3) Use the integration ability to comprehensively understand and make necessary
changes to its operation ability;

(4) Utilize the coordination capability to realize and use the reconfigured
operational capability;

(5) Continue to investigate external and internal stimuli in detail.

The core of dynamic capabilities is to reshape business processes, organizational
structures, business models, and cooperation models through the integration of information,
computing, communication, and connectivity technologies so as to help enterprises create
more value. Prahalad and Hamel [32] think, based on the strategic logic, that in the short
term, the competitiveness of the company mainly comes from products, but in the long
term, competitiveness depends on the core competence of the company.

The forward-looking strategy is fundamental to ensuring the sustainable development
of the company. This study enriches the relevant research from the empirical perspective.
At the same time, although there have been some empirical studies measuring the impact
of dynamic capabilities on enterprise performance from the perspective of the definition
in recent years, this paper tests it further on the basis of clarifying the connotation of
dynamic capabilities.

6. Conclusions
Based on a systematic review of the existing research literature, combined with the

scale data of previous scholars, this paper defines the concept of the forward-looking
strategy and forms a measurement scale. Then, the reliability and validity of the scale are
proved by exploratory factor analysis and confirmatory factor analysis. Based on theoretical
research, this paper divides the forward-looking strategy into two dimensions: learning
ability and digital innovation; The dynamic capabilities of enterprises are also divided into
two dimensions: organizational flexibility and organizational cognition.

According to the correlation analysis, this paper divides dynamic ability into two
dimensions: organizational flexibility and organizational cognition; it also divides the
forward-looking strategy into two dimensions: learning ability and digital innovation,
which have good reliability and validity. Through research and analysis, it is found that
from the perspective of resources, the acquisition, absorption, integration, and reconstruc-
tion of resources by enterprises are of great significance to the survival and development of
enterprises, which determines whether enterprises can flexibly change their resource base
to adapt to the changing environment. In view of this, this paper proposes the learning
ability, digital innovation ability, organizational flexibility, and cognition as four impor-
tant factors. Enterprises should pay attention to the cultivation of dynamic capabilities,
which can have a positive effect on the growth performance of enterprises. Specifically, the
purpose of the forward-looking strategy is to improve the learning ability and innovation
ability of enterprises. It can enable enterprises to absorb more external knowledge, speed
up the circulation of internal knowledge, and enable enterprises to obtain the survival
market skills through their own innovation in the volatile market. Therefore, enterprises
should not only acquire external knowledge by participating in industry activities but
also pay attention to internal education and training and knowledge sharing. Secondly,
enhancing the integration ability of enterprises can improve the efficiency of enterprises
and help find new ways to improve enterprise performance. Therefore, enterprises should
always follow up on the latest information, select appropriate ways to integrate new tech-
nical knowledge, methods, and experience, and, finally, integrate these factors to achieve
performance improvement.

This study explores the impact of forward-looking strategic elements and the com-
position of enterprise dynamic capabilities on enterprise performance and sustainable
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development. Since the concept of forward-looking strategic factors was formally pro-
posed, scholars have been discussing the composition and connotation of forward-looking
strategic factors from multiple perspectives. Based on the forward-looking strategy theory
and dynamic capability theory, this study believes that the forward-looking strategy can
be divided into two dimensions: learning ability and digital innovation. At the same
time, this paper also believes that dynamic capability can be divided into two dimen-
sions: organizational flexibility and organizational cognition, which has been verified by
empirical research.

Based on the existing theoretical and empirical research progress, this paper further
clarifies the composition of the forward-looking strategy and dynamic capability and
enriches the research in related fields. At the same time, it also lays a good foundation for
the study of the factors affecting dynamic capabilities and the results of dynamic capabilities.
The theory also explores the relationship mechanism between dynamic capabilities and
performance. Firstly, this paper explores the strategic factors that affect dynamic capabilities,
including organizational learning ability and digital innovation. The results show that
different strategic factors have different effects on different dynamic capabilities. Then, this
paper examines the impact of dynamic capabilities on performance. The results show that
different dynamic capabilities have different effects on enterprise performance. Finally,
this paper also explores the path of forward-looking strategic factors affecting enterprise
performance and sustainability through dynamic capabilities using the intermediary test.
From the perspective of sustainable development, both the internal dynamic capabilities
of enterprises and the impact of external market dynamics can have a positive impact
on enterprise performance. At present, the research on the relationship between the
forward-looking strategy and dynamic capabilities mostly stays at the theoretical level,
and this study enriches the relevant research from the empirical perspective. At the same
time, although there have been some empirical studies measuring the impact of dynamic
capabilities on enterprise performance from the perspective of definition in recent years,
this paper tests it further on the basis of clarifying the connotation of dynamic capabilities.

This research was conducted in strict accordance with scientific standards and strived
to make contributions to the management theory and practice. However, subject to some
objective conditions, there are still some factors that need to be further improved in future
research. The reliance on horizontal quantitative data limits the ability to study and
evaluate the long-term impact of forward-looking strategies on corporate performance. In
subsequent research, longitudinal or qualitative data should be combined to provide deeper
insights. For example, the theme of this study was to explore the impact of forward-looking
strategies on the dynamic capabilities of enterprises and, ultimately, reflect the impact
on the performance of enterprises, as well as the impact of enterprises’ own dynamic
capabilities on performance in the dynamic market environment. Because the cultivation
and development of dynamic capabilities of enterprises need a long time to develop, the
impact on enterprise performance also needs a long time to truly reflect. Therefore, for
the research of dynamic energy, it is best to use longitudinal research to track and analyze
the enterprise for a long time. However, due to the time limit of this study, it was not
possible to conduct long-term tracking of enterprises. Therefore, in future research, efforts
will be made to seek long-term cooperation with enterprises so as to better observe and
study the development of dynamic capabilities of enterprises vertically, hoping to better
grasp the impact and results of forward-looking strategies and dynamic capabilities on the
development of enterprises. Secondly, this study was conducted in China, lacking market
research and analysis in other regions. The research path proposed by this study may not
necessarily be applicable to enterprises in other countries. Therefore, in future research,
efforts will be made to address this deficiency.
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