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Abstract: The over-exploitation of groundwater resources is a significant concern due to the potential
risks associated with the depletion of this valuable freshwater source. Future planning must consider
changes in groundwater availability and urban expansion which are critical for understanding urban
growth patterns. This study aims to investigate the impact of land cover change on groundwater
depletion. Further, the Land surface temperature (LST) analysis has been performed to find the
spatial spread of urbanization and its impact on surface temperature. The Gravity Recovery and
Climate Experiment (GRACE) data for groundwater storage monitoring and Landsat data for land
cover and LST mapping have been used. The GRACE-based Groundwater Storage (GWS) anomaly
has been correlated with Tropical Rainfall Measuring Mission (TRMM)-based precipitation data. The
GWS is further cross validated with the groundwater monitoring stations in the study area and the
correlation of 0.7 is found. The time series analysis of GWS and the land cover maps with a decadal
interval from 1990 to 2020 has been developed to find the impact of groundwater change due to
urbanization. The results demonstrate a rapid increase in groundwater depletion and urbanization
rates over the past decade. The LST spatial pattern is increasing similarly with the study area’s urban
expansion, indicating the temperature rise due to urbanization. The study highlights the limitation of
effective policies to regulate groundwater extraction in urban areas and the importance of proper
planning to ensure the long-term sustainability of freshwater resources.

Keywords: groundwater depletion; water resources; remote sensing; land use; land cover; Lahore city

1. Introduction

With rising demand for freshwater due to population growth and urbanization, the
pressure on global groundwater resources has increased tremendously [1]. The primary
source of water supply in the urbanized area is mostly groundwater using home pumping
or tube wells. The excessive dependency on and extraction of groundwater (more than
recharge) frequently result in the depletion of groundwater storage within the area [2–4].
Nearly 50% of all the global drinking water, 40% of water utilized in irrigation and almost
one-third of the water required by the industry is utilized from groundwater resources
globally [5]. Groundwater is an essential part of the ecosystem that prevents seawater
intrusion and maintains base flow in most rivers, which is an integral part of the global
hydrological cycle [6]. While being a critical component of the hydrologic system, it is still
the most neglected area where the lack of a rigorous global modeling framework as well as
regional monitoring and management systems is concerning [7,8].

The Gravity Recovery and Climate Experiment (GRACE) satellites have provided a
fresh perspective on the methods to accurately monitor the groundwater sources of the
world [9,10]. GRACE observes the changes in gravity fields resulting from variations in
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the mass over the surface of the earth, which can be used to formulate the Total Water
Storage (TWS). TWS is a combination of soil moisture (SM), groundwater storage change
(GWSC) and gravity-altering mass components including surface water storage, ice and
snow [11–13]. GWSC can further be isolated from the TWS by estimating the individual
components, such as SM and surface water storage, with the help of Global Land Data
Assimilation System (GLDAS) Land Surface Models [11,14]. With the help of the GRACE
satellites, it is easy to monitor the groundwater resources of large areas with much fewer
efforts, which would be difficult and expensive to monitor on-site. However, it is difficult
to utilize the limited data directly for management decisions in most cases, as the central
issue of GRACE lies with its coarse resolution [15]. The resolution can be improved by
incorporating various energy and mass balance approaches along with localized measure-
ments with the GRACE data to estimate the change in total water storage, which can be
used as a representation of the change in groundwater mass [15,16].

The changes in the groundwater mass can further be linked to the considerable changes
in land use and land cover (LULC) globally, especially in the vicinity of metropolitan cities.
These changes in LULC can be directly linked to the combined effect of natural and an-
thropogenic activities, which considerably affect the ecosystem of those catchments [17,18].
These activities involve a high rise of urbanization, which increases the concentration of the
paved areas, thus reducing the infiltration capacity of the catchment. This has a detrimental
effect on the groundwater resources as it seriously diminishes the recharge capacity of
the catchment [19]. Thus, it is crucial to include the impacts of LULC on the groundwater
sources while analyzing the changes in groundwater storage of any watershed. LST can
be used to gauge the urban climate effectively, i.e., the percentage of impervious area
is higher in an urban region and, therefore, the surface temperature is higher than in a
vegetated area [20,21]. This is because different surfaces have different heat capacities;
thus, when they receive similar solar radiation, they exhibit different surface tempera-
tures [21,22]. These changes need to be investigated via the latest techniques available,
including Geographic Information Systems (GIS) and remote sensing [18].

With the increasing load on the global groundwater sources as a result of the high
freshwater demand due to growing urbanization, there is tremendous pressure on ground-
water resources in countries such as Pakistan [23]. With the limitations of surface water
storage and being affected by climate conditions, groundwater provides a buffer to fulfill
the rising freshwater demand of Pakistan. More than 60% of the water consumed for
irrigation and nearly 90% of drinking water is extracted from the groundwater [24,25].
Over 1 million tube wells have been installed and are extracting groundwater from the
Punjab province, i.e., the Upper Indus Plain, which has resulted in severe depletion of the
groundwater resource [26].

Traditionally, ground-based measurements such as observations recorded from the
monitoring wells are the primary source of information used to monitor groundwater sys-
tems. However, this data does not apply to large-scale areas due to the limited availability
of networks in many areas globally. Moreover, the lack of adequate monitoring of wells
in such areas only adds to the problem [9,27,28]. This, in turn puts a question mark on
the credibility and availability of the data required by the groundwater managers, thus
pushing the research community to pursue new methods to fulfill their requirements [24].
GIS and remote sensing techniques have started to prove themselves to fill this gap.

This study mainly focused on the impact of land cover change on groundwater changes
and the temporal change of land cover and further evaluated the impact of groundwater
depletion in time series analysis. GRACE-based time series analyses were performed to
evaluate its variation with urban expansion. The GRACE-based GWS results are validated
with the groundwater monitoring station data. Furthermore, Land surface temperature
(LST) maps have been developed to find the urbanization impact on the surface temperature;
additionally, it helps to correlate the groundwater impact. Studying the change in LST can
indicate the changes in the LULC as a result of urbanization which plays a crucial role in
the deterioration of the groundwater storage of a catchment.
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2. Materials and Methods
2.1. Study Area

Lahore is an industrial hub and the capital of Punjab Province, Pakistan. According
to [29], the total pollution in Lahore was 6.3 million in 1998 which increased to 11.2 million
with an annual growth of 3% according to the most recent census of 2017. The study area is
located on the left bank of the Ravi River, with a total area of 1842 km2. The geographic
extent of Lahore is 31◦13′–31◦43′ N latitude and 74◦0′–74◦39.5′ E longitude. In terms of
population, Lahore is the megacity of Punjab Province with more than 98% of people living
urban areas. Lahore is known for its historical culture, high academia, and the place of
interaction with the neighboring country of India. Lahore has an old cultural heritage
before the separation of Indo-Pak which attracts most of the area’s international tourism.
The location map of the study area is shown in Figure 1.
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Figure 1. Location map of the study area: (a) Map of Pakistan; (b) Districts based map of Punjab
province; (c) Specific study area map of Lahore.

After the Indus water treaty, the surface water supply to Punjab was severely affected.
Lahore, lying on the river bank of Ravi, was among the key cities to be affected. The surface
water inflow to Lahore was reduced because of decreasing inflows from the Ravi river.
Thus, to satisfy the high demand for water in the second largest city of the country, the
majority of the load was transferred to the groundwater resources of the city [30,31]. In
2014, it was estimated that the groundwater usage in the city was around 2.61 km3 while
the recharge was only 2.53 km3. Nearly 53% of the groundwater extracted was being used
for domestic purposes, while the remaining 47% was being used for agricultural, industrial
and commercial purposes [31]. The issue lies with the high rate of pumping and constant
rate of urbanization, reducing the permeable areas required for groundwater recharge, thus
reducing the overall recharge rate of the aquifer.

Lahore city is distributed into nine administration townships managed by the local
scale administration, i.e., Town Municipal Administration (TMA) and also the army canton-
ment area [32]. The winter season is from November to March, and the coldest months are
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December and January with the temperature from 0 ◦C to 3 ◦C. Mostly in May and June,
with the highest temperature of 48 ◦C, the mean daytime temperature is in the range from
40 ◦C to 45 ◦C. During the monsoon season, Lahore receives high rainfall of approximately
600 mm in July and August [31].

2.2. Datasets
2.2.1. GRACE Data

The GRACE and the GRACE-Follow On (GRACE-FO) missions were aimed at study-
ing the global climate and gravity of the earth. Previous studies used both observations,
compared them with the ground in-situ data and found that the Mascon (MSC) approaches
correlate more with groundwater monitoring [33]. In this study, we have used monthly
global MSC data from the Centre for Space Research (CSR) data processing center. The
Mascon solution has a spatial resolution of 3 arc-degree across the earth’s surface. This
study has used the data of 0.5 degrees with the coastline resolution improvement (CRI)
filter. The data has been extracted for the study area from global products to find the
terrestrial water storage (TWS) from 2003 to 2021.

2.2.2. GLDAS Data

The Global Land Data Assimilation System (GLDAS) refers to terrestrial modeling
that integrates satellite data products and ground-based observations. These estimate
fluxes and land surface states using advanced Land Surface Models (LSMs) and different
data assimilation procedures [34]. GLDAS uses four kinds of LSMs, namely Mosaic [35],
Noah [36], Variable Infiltration Capacity (VIC) [37] and Community Land Model (CLM) [38].
This study uses the Noah LSM-derived data with a spatial resolution of 0.25◦ × 0.25◦.
Canopy water storage (CWS), soil moisture (SM) and snow water equivalent (SWE) were
extracted from Noah LSM with a temporal span from January 2003 to December 2021.

2.2.3. TRMM Data

The tropical rainfall measuring mission (TRMM) is a joint satellite mission of Japan
Aerospace Exploration (JAXA) and the National Aeronautics and Space Administration
(NASA) to find the precipitation for climatic research. It can be used in the metrological
analysis. The product is available at the global scale ranges from 50◦ N to 50◦ S. The
monthly data of the level 3 product with a spatial resolution of 0.25◦ × 0.25◦ were used for
this study.

2.2.4. Landsat Data

For landcover mapping, the interval of a decade has been taken. The analysis includes
images from 1990, 2000, 2010 and 2020 for landcover mapping and later used for LST
mapping from thermal infrared bands. The data are downloaded from [39] from Landsat 5
and Landsat 8 data with TM, EMT+ and OLI/TIRS having a spatial resolution of 30 m. The
images used for processing the study area have a path/row of 149/038. The study area is
covered in a single image of the given path and row.

2.3. Methodology
2.3.1. GRACE Processing

The monthly GRACE Mascon solutions give us total water storage (TWS) with an
average value of 300 × 300 km. JPL, GFZ and CSR regularly update GRACE product.
Those organizations are applying multiple filters to reduce signal noise and resample it to
different sizes. The data are resized into different pixel resolutions, i.e., 1◦ and 0.5◦ degrees.
Up until now, the highest resolution that the organizations share is 0.5 degrees. In this
study, the TWS data have been used from CSR from 2003 to 2021. The GRACE-based data
are a global product, so the study area data were extracted from a global product. The
GLDAS data are available at 0.25 degrees, so to make the dimension consistent, the GRACE
data were further resized to 0.25 from 0.5 degrees using Inverse distance weight (IDW).
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Equation (1) shows the combination of groundwater and other variables in total terrestrial
water storage (TWS) [3,40]. Figure 2 showing the methodology flowchart of the study.

4TWS = (4GW) + (4SWE) + (4SM) + (4CWS) (1)

Sustainability 2023, 15, x FOR PEER REVIEW 5 of 15 
 

2.3. Methodology 

2.3.1. GRACE Processing 

The monthly GRACE Mascon solutions give us total water storage (TWS) with an 

average value of 300 × 300 km. JPL, GFZ and CSR regularly update GRACE product. Those 

organizations are applying multiple filters to reduce signal noise and resample it to dif-

ferent sizes. The data are resized into different pixel resolutions, i.e., 1° and 0.5° degrees. 

Up until now, the highest resolution that the organizations share is 0.5 degrees. In this 

study, the TWS data have been used from CSR from 2003 to 2021. The GRACE-based data 

are a global product, so the study area data were extracted from a global product. The 

GLDAS data are available at 0.25 degrees, so to make the dimension consistent, the 

GRACE data were further resized to 0.25 from 0.5 degrees using Inverse distance weight 

(IDW). Equation (1) shows the combination of groundwater and other variables in total 

terrestrial water storage (TWS) [3,40]. Figure 2 showing the methodology flowchart of the 

study. 

ΔTWS = (ΔGW) + (ΔSWE) + (ΔSM) + (ΔCWS) (1) 

 

Figure 2. Methodology Flow chart for the research study. 

2.3.2. Times Series Analysis of GRACE-Based GWS 

The output from the GRACE does not have the differentiations of vertical storage of 

water quantity at different depths from different input variables such as SM, snow, surface 

water and vegetation-covered water (canopy storage). Land surface models can detect 

those differences from the accumulative TWS anomalies. These models are based on gen-

erated maps by quantifications of water storage in different variables. The expected TWS 

variations in the time series trend will have major input from the GW, SWE, SM and SW. 

The GLDAS model input will help to separate those vertical layers of water storage to find 

the groundwater storage in the area. GLDAS uses land surface models to find the different 

variable stored water quantity. The GLDAS data are converted to centimeters to make 

them consistent with GRACE data. Furthermore, the spatial resolution has also been con-

sidered consistent, i.e., 0.25 × 0.25 degrees. Equation (2) is used to extract groundwater 

anomalies from the total TWS and the other input variables [3,40]. 

ΔGW = (ΔTWS) − ((ΔSWE) + (ΔSM) + (ΔCWS)) (2) 

  

Figure 2. Methodology Flow chart for the research study.

2.3.2. Times Series Analysis of GRACE-Based GWS

The output from the GRACE does not have the differentiations of vertical storage
of water quantity at different depths from different input variables such as SM, snow,
surface water and vegetation-covered water (canopy storage). Land surface models can
detect those differences from the accumulative TWS anomalies. These models are based on
generated maps by quantifications of water storage in different variables. The expected
TWS variations in the time series trend will have major input from the GW, SWE, SM and
SW. The GLDAS model input will help to separate those vertical layers of water storage
to find the groundwater storage in the area. GLDAS uses land surface models to find the
different variable stored water quantity. The GLDAS data are converted to centimeters to
make them consistent with GRACE data. Furthermore, the spatial resolution has also been
considered consistent, i.e., 0.25 × 0.25 degrees. Equation (2) is used to extract groundwater
anomalies from the total TWS and the other input variables [3,40].

4GW = (4TWS) − ((4SWE) + (4SM) + (4CWS)) (2)

2.3.3. Land Cover Mapping

Different researchers use multiple classifiers for land cover classifications [41,42].
The images were preprocessed before further analysis. The radiometric and atmospheric
corrections were performed for all images based on their metadata. The statistically
supervised classification approach of maximum likelihood classification works based
on the normal distribution of class signatures based on the probability threshold. The
maximum likelihood classifier works on multivariate probability density functions of
classes for every pixel [43]. Pixel is assigned to the specific class with maximum likelihood
spectral reflectance to the defined training class. The training sample selection is essential
because every training class will follow the Gaussian distribution [44]. The study area is
divided into four main classes: settlement, vegetation, barren land and water. Training
samples were collected for these defined classes from the Landsat-8 optical imagery with
the support of information available on Google Earth. Sixteen training sample sets were
collected for every land cover class with region grow tools, such as the total number of
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training samples for Landsat-8 data. Based on the overall training samples, 70% data was
used to train the model, and 30% was used to test the model results. The overall accuracy
has been evaluated based on the testing data.

2.3.4. Land Surface Temperature

The collective temperature of intact objects on the earth’s surface is known as Land
surface temperature. Worldwide, researchers have used multiple measurements on the
thermal infrared band to calculate LST. The LST values were taken from TM, TM+ and
OLI according to the thermal infrared band (bands 6 and 10) with a cumulative spatial
resolution of 30 m, respectively. Initially, every pixel’s digital number (DN) value was
converted to spectral radiance using Equation (3) [45–47].

R = ((LMAX − LMIN)/255) × DN + LMIN (3)

Here, R is the spectral radiance (w·sr−1·m−3), LMAX is 15.600 (spectral radiance of
highest DN 225), and the LMIN is 1.238 (Spectral radiance of DN having a corresponding
value of 1). The DN is the digital value of that specific pixel.

After the conversion to radiance, the next step is conversion to temperature using
Equation (4) [46–48].

LST = K2/(ln((K1/R) + 1)) (4)

K1 and K2 in Equation (4) have the values of 607.76 and 1260.56 for TM and ETM+,
and the corresponding OLI values are 772.88 and 1321.07, respectively. Finally, LST was
converted to Celsius (◦C) from Kelvin.

LST (◦C) = T (K) − 273.15 (5)

3. Results and Discussion
3.1. Groundwater Anomaly Monitoring

The groundwater storage anomalies have been extracted from GRACE based on TWS
and other parameters from GLDAS land surface models. Results from Figure 3 indicate that
the study area of Lahore has continuously depleted groundwater resources. Due to high
groundwater usage for agriculture and expanded urbanization, groundwater depletion is
very high in the city. The GRACE-based study has taken the time duration from 2003 to
2021 for 18 years of time series analysis. Figure 3a shows the TWS variations in the study
area, and it can be seen that most of the study area faces continuous decreasing trends. The
results show that the lowest GWS values are observed in the pre-monsoon season in most
of the years while the groundwater storage has significantly increased in post-monsoon
months. The seasonal effect in GWS is mainly due to the input from climatic variables,
i.e., evapotranspiration and precipitation, specifically in areas with shallow groundwater
tables [49]. Agricultural return flow and seepage from surface water and canals are the
two factors affecting the groundwater inflow [50]. The average decreasing trend in the area
for those 18 years of time series is −1.2 cm annually. Figure 3b shows the GWS anomalies,
which are almost following the trend of the TWS. According to the results, the input
from (Surface Water, Canopy Water storage and Soil Moisture) is very low toward total
TWS concerning Equation (2). The GWS shows different ups and downs as the data are
averaged monthly, so the overall discharge and recharge in the groundwater is highlighted
in the trend.

For GWS, the variables containing surface water bodies have been extracted from
overall TWS, i.e., the values of three variables including CWS, SM and CWS are extracted
from GLDAS global grid dataset, and the global grid study area data extracted. The
mean monthly values were calculated by taking the average of the overall covered area
within the pixel and further converted to centimeters to make the unit consistent with
GRACE-based TWS.
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Figure 4 shows the mean monthly times series of the input variables, i.e., SM, CWS
and SW, in Lahore city for the past 18 years. The variables results show that the area has
a high number of SM within those three variables, ranging from −1.5 to +2. Okay Ahi
and Jin [51] concluded that SM is the most effective variable in producing GRACE signals.
The magnitude of SM has decreased in recent years due to urban expansion in the area,
which resulted in a decrease in the infiltration rate, which further led to a decrease in soil
moisture as well [52]. Multiple studies have been conducted on the urban expansion of
Lahore city, which converted from either barren land or vegetation [52]. Therefore, the CWS
shown in Figure 4b ranges from −0.004 to +0.08 in the entire time duration of 18 years. The
CWS show high peaks in the starting period, which decreased in the last years depicting a
decrease in vegetation cover in the study area. Furthermore, the surface water in the study
area is scarce. The river Ravi flows in the Lahore area, which shows the surface water in the
signals and has some peaks in 2013 and 2014, highlighting the high rainfall within the area.

The groundwater storage and discharge show their relationship with monthly pre-
cipitation (Figure 5). The monthly input from precipitation towards GWS in the form
of recharge makes the GWS rise with a slight shift due to the infiltration process. The
area received some input GWS from the high precipitation in some years, highlighted
in the GRACE signal, which further converted to GWS anomalies. The precipitation has
high peaks in the 2013 and 2014 monsoon seasons, giving input to GWS and raising the
groundwater within the area. For the accuracy of the GRACE-based GWS, the results are
correlated with the groundwater water monitoring wells data. The monitoring data are
very limited as the monitoring stations are taking data seasonally. The correlation shown
in in Figure 6 is in average of 0.7 which is correlating with other studies.
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3.2. Urban Expansion Dynamics and Land Cover Mapping

The developmental history and land use planning have been reported in several
studies for Lahore city in previous decades [53]. However, this study highlighted the effect
of urbanization on the natural recourse of groundwater and the current temperature rises
in the last decades. The urban extension is difficult to determine by a range of spatial
and temporal constituents [54]. The significant input towards urban expansion in Lahore
city is migration, natural increase and merging neighboring villages in the urban area.
Unplanned urbanization is causing unpredictable long-term changes in the city landscape.
Exploring the existing ecological status of an area’s land cover spatial and temporal change
detection is the most effective method for monitoring land variations [55]. The present
study examined the urban expansion from 1990 to 2020 to find the spatial and temporal
growth pattern and further evaluate the impact of urbanization on LST.

The spatial and temporal land-use dynamics from 1990 to 2020 were derived from
multi-spectral Landsat satellite imageries. A rapid increase in the population of cities and
urban expansion is the leading factor of high groundwater extraction due to population
growth. The urban expansion from 1990 to 2020 is shown in Figure 7 which shows the
overall urbanized area within the city over time. The results revealed that the expansion of
the urban area has highly affected the agricultural area of Lahore, as the agriculture area is
shifted to a built-up area, which directly affects the temperature rise as well. With the rapid
population growth, the housing scheme and other commercial areas have increased the
pressure to transform the agricultural area into a built-up area. The spatial distribution of
land use for the three most significant classes includes Barren land, Agricultural area and
Built-up area.
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The study revealed that the urban area is expended very rapidly in the last decade,
which directly affects the groundwater, as shown in the groundwater storage anomalies
in Figure 3. Urban expansion and other infrastructure such as industry put high pressure
on groundwater. Urbanization decreases the infiltration rate but increases high extraction,
which ultimately affects the groundwater resource in the long term.

The area-wise distribution of covered areas shows that urban expansion significantly
impacts vegetation and also converts many areas into barren land in the form of housing
societies. Figure 8 shows the decadal conversion from land type in form of square kilome-
ters. The rapid increase in the building area can be seen in the Figure 8. The urban growth
of Lahore does not follow the classical models of the spatial structure of urbanization—for
example, the concentric zone model by Parks et al. [56] and multiple-nuclei by Harris
et al. [57]. The statistics show that Lahore City is not populated at the same rate as its
urban expansion in the area due to rural-to-urban migration being the leading cause of
urban population growth [53,58,59]. The overall impact of this land cover change has made
spatial and temporal rises in temperature. For considering the impact of temperature rise,
the Land surface temperature analysis has been performed for those time intervals.
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Figure 8. Temporal change of urban/built-up area, vegetation and Barren land.

3.3. Evaluation of LST Mapping

The Spatio-temporal LST maps are shown in Figure 9 with the decade interval for
the overall period from 1990 to 2020. The spatial pattern of the LST has a high correlation
with urbanization shown in Figure 7. The temperature rise is clearly shown in different
maps within the time interval, mainly due to urbanization. In the years 1990, 2000, 2010
and 2020, values of temperature range were 15–41 ◦C, 17–44 ◦C, 21–45 ◦C and 23–47 ◦C,
respectively. In this study, the city of Lahore had a minimum temperature of 15 ◦C in 1990
and a maximum temperature was 47 ◦C in 2020. In Figure 9a, the area has low surface
temperature due to the high vegetation covered in the study area. However, with the urban
expansion in the area, the LST is also increased within the city. In Figure 9d, most of the area
is urbanized, and the area has a very high surface temperature in the city with a minimum
vegetation-covered area. The densely populated commercial, industrial and buildup areas
have higher surface temperatures due to impermeable surfaces. These concreted surfaces
absorb and store heat during the daytime while releasing it at night, contributing to LST
increase in urban areas [59].

The analysis shows that the spread in the city’s center increased the temperature
in 2010, and most of the urban expansion is in the last decade, as shown by different
studies [52]. The low temperature has been noted in water bodies and the area having high
vegetation [33].
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4. Conclusions

The study used multiple remote sensing data to find the groundwater storage reduc-
tion and its link with the urban expansion in Lahore. Lahore city is expanding with random
distribution, and its urbanization is consuming a lot of natural resources in which the
primary consumption is groundwater. In Lahore, the GRACE data has been used for the
temporal groundwater depletion analysis. The result shows high depletion in the area,
directly related to urbanization. Land cover mapping has been performed for the last
four decades to find the change in land cover and the urbanization area. The urban area
increased from 659 km2 to 1104 km2 at this time. The overall increase in urbanization raised
the temperature of the area as well. LST spatial-temporal mapping has been performed for
the study area concerning the land cover mapping period. The GRACE-based GWS results
are further correlated with the groundwater monitoring stations in the study area with a
correlation of 0.7. The increase in temperature shows the impact of urbanization as well as
groundwater consumption. The input for rising temperature may be because of decreasing
vegetation.
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