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Abstract

:

The background of this study is relevant to parking facilities at shopping malls in the Kingdom of Saudi Arabia (KSA), where all parking services are mostly free, with very few exceptions. Demand on parking places at shopping malls and recreational areas in Saudi cities are generally very high. This is partly because most of the entertaining, shopping, and recreational areas are indoors and are typically located at shopping malls with huge parking provision. With the vast increase in car ownership and use in the country over the past few decades, a consequent increase in demand on roads and parking facilities has been observed, which has no doubt resulted in further congestion. This study aims to investigate the willingness to pay to save time searching for a parking place at shopping malls in Riyadh city in the KSA. The methodology includes interviewing shoppers in shopping mall car parks and asking about their search time for a parking space and their willingness to pay to save search time, as well as to report on their socio-economic characteristics including age, gender, employment, education, car ownership, and income. The outcome of this study shows that on average, shoppers spend about 9 min searching for a parking place for their shopping and recreational trips. The results also show that, on average, shoppers reported that they go shopping, eating out, etc., about three times per week, and the average willingness to pay to save time searching for parking space is about 10 Saudi Riyal (about 2.7 USD) per visit. The modelling results show that there is a higher willingness to pay from the middle income and car-ownership categories of the population than from the highest income and car ownership groups. This might reflect the fact that the middle-income groups are much more dependent on themselves to drive their cars and search for a parking space every time, while those of higher incomes could possibly rely on their private drivers most of the times to drive them and park their cars. This paper contributes to the literature by providing a first understanding on how demand for parking facilities is affected by various socio-economic factors and the willingness to pay to save search time at these parking locations. The implications of the outcome of this research will be of use for decision makers and city authorities in planning travel demand management policies and programs that aim at reducing demand on private cars and achieving sustainability.
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1. Introduction and Previous Work


1.1. Parking Management and Pricing


Parking management and pricing polices aim at reducing demand on parking places, reducing negative impacts of transport, improving the urban environment, and encouraging travel demand management in urban areas [1]. These aims are key in any successful transportation planning process. Parking pricing measures have proved successful in influencing travel behavior and reducing car dependency [2,3]. The cost of parking and the travel time spent to find a parking spot are two very important attributes for all drivers. These two factors can influence people’s decisions in choosing not only the travel destination and time of travel but also the travel mode.



The policy implications of parking management have been investigated very widely in the literature [4,5]. Research investigations include optimal routing and the shortest paths of vehicles to the parking locations [6], parking pricing and time restrictions measures, parking policies [7,8], shared parking facilities [9,10], and the planning and design of on-parking facilities [11]. Pricing measures have been recognized as a very effective a way to alleviate traffic congestion and environmental impacts [2]. Parking pricing measures therefore represent an important component in travel demand management programs (TDM), which are the main emphasis of any local authority transport plans.



The willingness to pay to park is often investigated for assessment by decision makers and cities to implement the appropriate parking charges that are both resourcefully effective and publicly acceptable [12,13]. The average time spent to find a parking spot is a good indication of the level of congestion and demand on parking facilities. For example, in the UK, 6 min and 45 s was reported as the average search time for a parking place, with high variation resulting in searches up to 20 min at some locations [14]. Not many studies have been carried out in the Kingdom of Saudi Arabia (KSA) regarding demand on parking facilities, search time for a parking space, or willingness to pay for parking charges. In fact, most parking facilities in the Kingdom are currently free, apart from very privileged parking facilities that are highly expensive and exclusive.




1.2. Riyadh City


The focus of this investigation is the city of Riyadh, the capital of the Kingdom of Saudi Arabia (KSA). The population of the city grew from 40,000 inhabitants in 1935 and 83,000 in 1949 to over 7.5 million inhabitants in 2019, making it the most populated city in the Kingdom. Of the population, about 64.19% are Saudis, while the expatriates account for 35.81%. Of the total population, 43.3% are females, and the population density is 2379 inhabitants per square kilometer. The 40-mile span of Riyadh includes 13 municipalities that accommodate 209 districts [15].



The current public transport system in Riyadh City involves buses run by the Saudi Public Transport authorities [16,17]. These started operation in 1979, aiming to run high-level bus services locally and across neighboring countries such as the Arab Gulf countries, Jordan, Turkey, and Syria. There have been many fluctuations in the level of service and patronage of public transportation in the country since then, but what is most clear is that the demand for the public transportation system is very limited. About 85% of 8 million daily trips are carried out by private cars, whereas just 2% of trips are undertaken by buses [16,17]. Between 1996 and 2018, private vehicle ownership increased by over 200%. Until recently, the vast majority of the Riyadh population had never used public transportation; instead, they completely rely on private cars for all of their travel. With the new vision 2030, the city’s authorities are moving fast from the conventional predict-and-provide to predict-and-manage. Therefore, building new roads and providing for car usage is no longer the first preference for the authorities. The Riyadh metro which is planned to be the backbone of the city’s public transport system is under construction with plans to open in 2023. The metro system has six lines of a total length of 178 km and 85 metro stations integrated with 1200 km bus networks. Riyadh Metro will improve the existing infrastructure for public transportation, enhance accessibility to and from transit stations, develop transit-oriented development sites, and implement parking charges. In addition, the city of Riyadh is investing a huge amount of resources in order to encourage more use of public transportation systems and reduce car dependency.




1.3. Logistic Regression Analysis


Logistic regression analysis is a very widely used technique when it comes to assessing relationships between a dependent variable and one or more independent variables [18]. In regression analysis, the dependent variable is often discrete, with one or more possible options, and is considered binary or with multiple classes. This type of analysis uses linear regression techniques and results in a logit function that best fits the collected data which describe the relationship between the dependent variable and a number of independent variables. In regression analysis, when the dependent variable Y is a continuous variable, then:


Y = α + β1 x1 + β2 x2 + · · · + βk xk + ε



(1)




where f (x) is linear in the parameters function and ε is the error term that follows a distribution such as Gamma or Weibull [18,19]. While binary logistic regression allows for two classes of the dependent variable, multinomial logistic regression allows for more than two classes of dependent variables. The calibration of a binary or multinomial logistic regression model (with dependent variable classes) involves the calibration of the independent coefficients that predict the probability of the outcome of interest. The linear term in the parameters function of probabilities is given by the following expression [20]:


   l n   p r o b .   a n   e v e n t   o c c u r i n g     1 − p r o b .   a n   e v e n t   o c c u r i n g       =  β 0  +    β 1     X 1  + …  β 0  +     β k     X k     



(2)







The coefficients in the logistic regression give information as to how much the logit changes depending on the independent variable values. This is applicable for two events but when there are more than two events, this binary logistic regression can be extended. The term on the left-hand side is referred to as a logit function. It is the log of the odds that an event occurs.



The logit model (binary or multiple) is often estimated using maximum likelihood estimation methods. These methods estimate the values of the parameters of an assumed probability distribution, given some observed data [19]. Regression techniques are also used to evaluate participants’ willingness to pay (WTP) towards transportation services including, for example, towards varying levels of parking charges and the likely use of parking locations [21].



Where the dependent variable is ordinal, the logistic regression analysis is referred to as an ordinal logistic regression (OLR). When there is a systematic order in the dependent variable classes or categories, the ordinal logistic regression can be used to predict the dependent variable as a function of the independent variables. OLR models can be utilized to analyze willingness to pay for services and amenities. In order to calibrate an ordinal logistic regression model, the number of levels of the dependent variable has to be determined; then, a set of regression coefficients that predict the probability of the outcome of interest are calibrated [22,23].



The mathematical formula for the odds of proportional outcomes of the OLR can then be written:


logit [P(Y ≤ d)] = αd − ΣβnXn



(3)







Linear regression, logistic regression, and ORL models and analysis have been very widely used in many applications in the transportation field. In this study, the analysis is carried out using ordinal logistic regression analysis techniques.



One of the main assumptions of the ordinal logistic regression is that all slopes of the coefficients of the dependent variable across all categories are equal. This is usually tested using the parallel line test or the Brant test. The test basically assesses whether the observed deviations from the ordinal logistic regression model are larger than what would be due to chance only. In our case, a comparison of the ordinal model estimates with one set of coefficient estimates for all categories of each of the independent variables (i.e., null hypothesis of the ordered model) is compared with a model that has a separate set of coefficients for each category (referred to here as the “general model”). If the general model gives a significantly better fit to the data than the proportional odds model, then the assumption of the ordered model will be rejected. Otherwise, the assumptions of the ordered model will be accepted.



The structure of this paper is as follows. Section 2 is devoted to methodology. The results and analysis of the results are presented in Section 3. Section 4 provides a willingness-to-pay (WTP) analysis. The final conclusions and implications are reported in Section 5, while the limitations of this research are discussed in Section 6.





2. Methodology


2.1. Experiment Design


In this research, participants’ willingness to pay to save search time for a parking space at shopping mall car parks in Riyadh city was investigated. A questionnaire has been designed and implemented to collect data on drivers’ preferred shopping mall, time spent searching for a parking place, frequencies of going out for shopping/recreation where they need to park their vehicles, and their socio-economic data which include age, gender, education, employment, individual income, and car ownership per household. The questionnaire also included a stated preference (SP) design to assess the shoppers’ willingness to pay a parking charge to save search time for a parking space at their preferred shopping centers.



A total of 394 participants, who are Saudi nationals, took part in a survey at three shopping malls in Riyadh. The reason for selecting Saudi nationals is that parking charges are not common in Saudi Arabia, and therefore unlike the non-Saudi nationals, the Saudi population are not familiar with the concept of parking charges. The study is also concerned with car drivers; therefore, only participants who are over 18 and currently able to drive were selected for this survey.



In the SP part of the survey, participants were presented with a number of hypothetical scenarios regarding their parking experience at their favorite shopping mall with the following statement: “Imagine you are arriving at your favorite shopping mall and looking for a parking space. The parking place is congested as usual, and you are expected to spend between 5 and 20 min search time for a parking space. Alternatively, you might have the option of paying one amount of 7–25 SR at the entry of the car park for the whole duration of your stay in order to reduce the time searching for a parking space. Please consider the following hypothetical scenarios carefully, and in each scenario select the option that you think you would select should you be faced with these situations in reality.” Each participant was then presented with eight hypothetical scenarios in which they were asked to trade off between parking charges and saving in search time for a free parking space at the shopping mall.



Each hypothetical scenario offered a choice of two options (Option 1 and Option 2). Each option presents one level of each of the two variables (saving in search time for a free parking space and a willingness-to-pay value for parking-charge value). Each of the two variables has five levels:




	
Saving in search time for a free parking space (5, 7, 10, 15, and 20 min);



	
Willingness to pay for parking charges to save searching time for a parking place (7, 10, 15, 20, and 25 SR).








An example of an SP choice is presented in Table 1 below.



It should be noted here that, initially, there was a process of validation, piloting, and testing of the survey, survey techniques, and the hypothetical scenarios presented before finalizing the questionnaire and carrying out the main survey in order to guarantee that respondents comprehended the questions clearly without any doubts. The questionnaire also included a question at the end asking how clear and easy the questionnaire was. It was reassuring, therefore, that about 79% of participants responded to that question indicating that the questionnaire was clear, and they had no problem in understanding it and responding to its questions, in particular the SP part.




2.2. Logistic Regression (OLR) Model for WTP


In this section, we investigate the willingness to pay using ordinary logistic regression (OLR) techniques. The aim is to estimate the likelihood of participants’ willingness to pay for parking charges to save parking search time in Riyadh.



The outcome (or dependent) variable in this case, “willingness to pay to save search time” has 5 levels: Level 1 = 7, Level 2 = 10, Level 3 = 15, Level 4 = 20, and Level 5 = 25 SR for various levels of saving in search time for a parking space, and this outcome is estimated using OLR. The independent variables are represented by the six socio-economic parameters.



Assume D to be the total number of levels of the dependent variable (in this case D = 5) and N to be the number of independent variables (N = 6). The mathematical formula of the odds of proportional outcomes model can then be written as:


logit [P(Y ≤ d)] = αd − ΣβnXn



(3)




where d is the level of an ordered category of the dependent variable = 1, 2, 3, 4, 5, and n corresponds to independent variables = 1, … 6 as seen in Table 2 below.



In this case, d = 1 refers to 7 SR, d = 2 refers to 10 SR, d = 3 refers to 15 SR, d = 4 refers to 20 SR, and d = 5 refers to 25 SR. In addition, when n = 1 refers to age, n = 2 refers to gender, n = 3 refers to employment, n = 4 refers to education, n = 5 refers to car ownership, and n = 6 refers to income.



An ordinal logistic regression or an ordered logit model was developed based on the responses received from the survey. The six independent variables and their categories which were utilized to predict the outcome variable are presented in Table 3.





3. The Results and Analysis of Results


In this section, we present an analysis of the outcome of this survey of 394 shoppers. The number of those surveyed categorized by each socio-economic group and the overall percentages within each category are presented in Table 3. The participants were asked to report on their search time for parking places and frequency of trips to shopping malls, as well as their socio-economic characteristics including age, gender, employment, education, car ownership, and income, and their willingness to pay to save search time for parking.



From Table 3, it appears that 57.1% of participants were female and 42.9% were male. The majority of respondents belonged to the 31–45 age group with a percentage of 47.2%. The age group of 65 years and older represented the smallest group in the sample (4.3%). Most participants seemed to fall in the medium monthly income (10–25 K). Over 57% were full time employees, while just under 30% were part-timers. About half of the participants reported that they fall in the household category of having two cars. In terms of employability, just over 57% of the sampled population were full-time workers, while about 30% were part-time workers and only 14% were unemployed. Of the total participants, 17% reported a PG qualification, while about 43% were university graduates, with the rest of the sample reporting other qualifications. The level of car ownership was also analyzed; the majority of participants were in the two-car ownership category. About 20% reported being in the one-car ownership category, and about another 20% reported having three or more cars in their households. In terms of income groups, there were three categories presented to the participants. Finally, the results of the survey show that 47.7% of the sample were in the medium-income group; that is a monthly income of (10–25 K SR/month), which is equivalent to 2.67–6.67 K USD. About 29% of the sample reported being in the high-income group and about 24% were in the low-income group.



The initial statistics show that on average, shoppers spend about 9 min searching for a parking place for their shopping and recreational trips with a 6 min SD. The results also show that, on average, shoppers reported that they go shopping, eating out, etc., about three times per week, and the average willingness to pay to save time searching for parking space is about 10 Saudi Riyal (about 2.7 USD) with a SD of 7 SR per visit. Figure 1 shows percentages of willingness to pay for the different time saving values (5, 7, 10, 15, and 20 min). The figure illustrates that, overall, there is a higher willingness to pay for the lower values of proposed parking charges at the lower values of time savings (5, 7, and 10 min). With the increase in the proposed time saving (15 and 20 min), there is a trend towards more willingness to pay higher levels of parking charges; perhaps the higher parking charging levels would then appear to be more realistic.




4. Willingness to Pay (WTP) Analysis


The results are focused on the willingness to pay for parking facilities that were previously free of charge, in order to reduce search time. Table 4 below shows the coefficient estimates of the OLR model, the odds ratios, and the t-statistical significance values. From the table, for a one-unit increase in the younger age group, we expect a 1.791 increase in the log odds of being at the higher level of accepting parking charges, given that all of the other variables in the model are held constant. For a one-unit increase in the middle age group, we expect a 1.452 increase in the log odds of being at the higher level of accepting parking charges, given that all of the other variables in the model are held constant. Moreover, for a one-unit increase in the younger age group, the odds of the acceptability of level-one parking charges versus the other levels combined is 5.995 greater. This might be an indication that the younger the participants, the more willing they are to accept higher levels of parking charges, when all other variables are held constant. This could be for several reasons; firstly, the younger drivers might be less patient to sit in the car and spend time waiting for a parking space, and they would rather pay to save searching time. This is particularly true for Saudi women who have just started to drive in the Kingdom and would be enjoying the whole experience of driving including paying for parking charges. Secondly, it might be that the younger generation are more familiar with and willing to accept parking charges to save time as a result of them being more exposed to travelling overseas and getting used to pay parking charges in other countries than the older age group. The older age group (46–65 years) is taken as a reference group, while the group (>65 years) was not considered in the analysis because of the very small number of participants in that group.



Further, for a one-unit increase in the male group, we expect a 0.365 increase in the log odds of being at the lower level of accepting parking charges, given that all of the other variables in the model are held constant. In addition, for a one-unit increase in the male group, the odds of the acceptability of level-one parking charges versus the other levels combined is 0.694 less, given that all the other variables in the model are held constant. For a one-unit increase in the full-time employment group, we expect a 1.453 increase in the log odds of being at the higher level of accepting parking charges, given that all of the other variables in the model are held constant. For a one-unit increase in the part-time employment group, we expect a 2.891 increase in the log odds of being at the higher level of accepting parking charges, given that all of the other variables in the model are held constant.



For a one-unit increase in the full-time employment group, we expect a 1.453 increase in the log odds of being at the higher level of accepting parking charges, given that all of the other variables in the model are held constant.



For the education level variable, Table 4 shows that for a one-unit increase in the university graduates group, we expect a 3.78 increase in the log odds of willingness to accept the first level of parking charges (β = 3.781), given that all of the other variables in the model are held constant. Similarly, for a one-unit increase in the middle car ownership group, we expect a 1.874 increase in the log odds of willingness to accept the first level of parking charges (again, β = 1.874), given that all of the other variables in the model are held constant. In addition, for a one-unit increase in the middle group of car ownership, the odds of willingness to accept level-one parking charges versus all the other levels combined is 6.514 more, given that all the other variables in the model are held constant. This might result from the fact that the highest car ownership group enjoys the luxury of being able to ride with their private drivers who will drop them at the entrance of the shopping mall and drives to park their car and wait.



Income displays a similar pattern to the car-ownership variable. For a one-unit increase in the highest income group, we expect a 1.461 reduction in the log odds of being at the first level of accepting parking charges (again, β is a negative value = −1461), given that all of the other variables in the model are held constant. In addition, for a one-unit increase in highest car ownership group, the odds of willingness to accept level-one parking charges versus all the other levels combined is 0.232, given that all the other variables in the model are held constant.



The cut points shown at the bottom of the coefficient estimates indicate where the latent variable is cut to make the six levels that we observe in the data.



The model fitting statistics also provide evidence on the goodness of fit of the model and its ability to predict the outcome variable. The loglikelihood values of the model with zero coefficients are compared with those of the final model with all independent variables, which demonstrates the improvement in the goodness of fit of the model (Table 4). The p-values are also presented, which show the level of significance of each model. The test of parallel lines provides evidence that the ordinal model estimates with one set of coefficient estimates for all categories of the dependent variable (i.e., null hypothesis of the ordered model) are superior to a model with a separate set of coefficients for each category (referred to here as the “general model”).




5. Final Conclusions and Implications


This paper provides experimental indication and analyses of willingness to pay for parking charges and saving in search time for a parking place at shopping malls in the city of Riyadh, KSA. A survey was conducted including a stated preference (SP) experiment and responses from 394 drivers were collected at three major shopping malls in the city. Five levels of proposed parking charges and five levels of saving in search time for a parking place have been applied. Data on socio-economic characteristics were also collected including age, gender, level of employment, level of education, car ownership, and income. An ordered logistic regression (OLR) model has been utilized to model the willingness to pay to save search time for parking. Overall, as expected, the results show that the lower values of proposed parking charges were accepted by the majority of participants. The model results show that Saudi females and younger people were more willing to pay to save search time for parking than Saudi males and older people. This might be a reflection of the fact that Saudi females have just started driving and therefore, they don’t mind paying for parking charges as part of driving costs. In addition, the majority of the younger generation experiences driving abroad and paying for parking charges, which might increase their acceptance of parking charges in their cities. The Saudi males and older people on the other hand have experienced free parking facilities in the country throughout their lives, and therefore might be less willing to pay for what would be newly introduced parking charges.



Our results also show that as income increases, a lower willingness to pay was reported from the categories of higher levels of education, higher levels of employment, car ownership, and income. It is expected that those participants may have the privilege of employing a private driver. Typically, therefore, their travel experiences do not include looking for a parking space; rather, their private drivers drop them at the entrance of the shopping mall and then go to search for a parking space and wait. Therefore, they are not accustomed to spending time searching for a parking space, it is not as a daily inconvenience to them as it is for the lower income groups, and hence the higher income participants were less willing to pay to save searching time. It should be noted, however, that during this survey, those participants were driving their own cars.



The paper contributes to the literature by offering a first investigation of willingness to pay for parking charges in a Saudi city and how it is impacted by the participants’ socio-economic characteristics. The results will be useful for policy planners and city authorities when forming transport policies associated with parking management in the city. The results show that despite the higher income in Saudi Arabia compared with many other world countries, pricing measures are proving yet again to have a major influence on travel behavior choices and attitudes. The findings from this research are expected to inform decision makers and local authorities in the country with knowledge and recommendations that can support the implementation of successful sustainable programs to help achieve vision 2030, sustainability, and travel demand management.




6. Limitations


Parking facilities are currently all provided free of charge in the Kingdom of Saudi Arabia. This research is designed to investigate willingness to pay (WTP) for parking charges in Riyadh using an SP survey. This is an original and pioneering research area. There are however various limitations of the research as discussed in this section. While SP surveys provide the advantage of being able to assess potential attitudes and preferences, they come with their own methodological challenges. The stated WTP might not be measured accurately, which is one of the limitations of this research. The ordered logit models have been used to analyze the willingness to pay to save search time. Other types of models could have been employed including logistic regression and linear and continuous models. The results presented in this research are limited to three parking sites in the city of Riyadh and a sample of 394 participants. Further research at other types of parking sites and a greater number of them would add value to the findings from this research. The reported search time spent finding a parking place could have been added into the model as an independent variable, which would be a very relevant variable. This would be an appropriate future research investigation that would add a significant impact to the model. Riyadh is a very special city in the KSA. It is known as the cultural capital of Saudi Arabia, and it has many development projects. Riyadh’s population are also different in terms of social character, income, and recreational styles. For example, our results show that full-time employees were less willing to pay to save searching time than part-time employees. While this has been discussed and an explanation has been offered, further investigations with additional questions in the questionnaire could well reveal further understanding for this unexpected behavior. Finally, an investigation of WTP in other cities with different characters would be very motivating.
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Figure 1. Percentages of willingness to pay for 5, 7, 10, 15 and 20 min savings in search time for parking. 
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Table 1. An example of an SP choice.
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	Option Variables
	Option 1
	Option 2





	Saving in search time for a free parking space
	7
	15



	Willingness to pay for parking charges to save searching time for a parking place
	15
	25



	Choice
	☐
	☐
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Table 2. List of the dependent and independent variables in the OLR model.
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	Dependent Variable Level (D)
	Independent Variables (N)





	1
	7
	Age



	2
	10
	Gender



	3
	15
	Employment



	4
	20
	Education



	5
	25
	Car ownership



	6
	-
	Income
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Table 3. The six independent variables and their categories which were utilized to predict the outcome variable.
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	Variable
	Surveyed
	%





	Age group
	
	



	18–30
	117
	29.6%



	31–45
	186
	47.2%



	46–65
	74
	18.9%



	>65
	17
	4.3%



	Gender
	
	



	Male
	169
	42.9%



	Female
	225
	57.1%



	Employment
	
	



	Full-time
	225
	57.1%



	Part-time
	114
	28.9%



	No employment
	55
	13.9%



	Education
	
	



	PG
	67
	17%



	UG
	169
	42.9%



	Others
	158
	40.1%



	Car ownership
	
	



	1 car/HH
	91
	23.1%



	2 cars/HH
	177
	44.93%



	3+ cars/HH
	75
	19.03%



	Others
	51
	12.94%



	Income (mean income per month)
	
	



	High (>25 K SR/m)
	113
	28.68%



	Medium (10–25 K SR/m)
	188
	47.71%



	Low (<10 K SR/m)
	93
	23.60%
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Table 4. Coefficients estimates of the independent variables, the odd ratios, and goodness-of-fit statistics of the OLR model.
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Parameters

	
Coefficient Estimates

	
Odd Ratios

	
Std. Error

	
t-Values






	
Age:

	

	

	

	




	
18–30

	
1.791

	
5.995

	
0.623

	
2.87




	
31–45

	
1.452

	
4.272

	
0.803

	
1.808




	
Gender

	

	

	

	




	
Male

	
−0.365

	
0.694

	
0.139

	
−2.635




	
Employment

	

	

	

	




	
Full-time

	
1.453

	
4.276

	
0.410

	
3.544




	
Part-time

	
2.891

	
18.011

	
1.513

	
1.911




	
Education

	

	

	

	




	
PG

	
−1.412

	
0.244

	
0.581

	
2.431




	
UG

	
3.781

	
43.859

	
1.905

	
1.985




	
Car ownership

	

	

	

	




	
1–2 cars/HH

	
1.874

	
6.514

	
1.166

	
1.607




	
3 cars/HH

	
−1.321

	
0.266

	
0.459

	
2.876




	
Income (mean individual income per month)

	

	

	

	




	
High (>25 K)

	
−1.461

	
0.232

	
0.773

	
1.891




	
Medium (10 K–25 K)

	
2.543

	
12.717

	
1.011

	
2.516




	
Intercepts (WTP levels)

	

	

	

	




	
Level 1 (7 SR)

	
2.76

	
15.799

	
0.775

	
3.56




	
Level 2 (10 SR)

	
3.11

	
22.421

	
1.084

	
2.87




	
Level 3 (15 SR)

	
4.23

	
68.717

	
2.262

	
1.87




	
Level 4 (20 SR)

	
1.87

	
6.488

	
0.393

	
4.76




	
Sample size

	
394

	

	
p-values < 0.05

	




	
−2 Loglikelihood

	




	
With zero coefficients

	
267.154




	
Final model

	
216.654




	
R2

	
0.402
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