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Abstract: Make-to-order (MTO) is becoming vital for meeting ever-changing customer requirements.
Growing demand for customized items has been linked to a rise in the proportion of MTO businesses.
Many sectors and product categories have implemented the MTO concept and achieved a competitive
edge in sustainable manufacturing. However, in the case of the automobile sector, little work has
been carried out, both in research and practice. In this study, our objective is to identify and prioritize
the critical success factors (CSF) which can affect the implementation of make-to-order and rank
the different strategies to implement MTO manufacturing systems for passenger cars. This paper
proposes an integrated approach where an Analytic Hierarchy Process (AHP) is used for prioritizing
factors and the Technique for Order of Preference by Similarity to Ideal Solution (TOPSIS) is used for
ranking the strategies for implementation. The study shows that a customer-centric strategy would
be the best solution to implement MTO in the automobile sector.
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1. Introduction

In today’s manufacturing climate, the priority of every company is to strive hard to
remove all kinds of bottleneck so that it can withstand the cutthroat competition in the
market and can meet customer requirements for cost, quality, and delivery [1]. In order
to maintain and grow their market shares, sales, and revenue rates, organizations are
believed to benefit from high levels of customer satisfaction [2]. Market dynamics reflect
all the processes along the supply chain and need to be observed and controlled closely.
Manufacturing, as well as the service industry, requires adapting to fast-changing customer
requirements. Industries today are becoming complex and need to introduce technologies
to cope with changing trends. In order to compete on a worldwide scale, industries must
improve their economic and business performance related to quality, cost, and adaptability.

With an aim to meet customers’ expectations (related to quality, cost, and delivery
time) and cope with the worldwide competition, make-to-order (MTO) systems are gaining
attention in manufacturing industries. Manufacturing firms must compete in an environ-
ment where flexibility, affordability, and response time are all crucial in meeting customers’
demand [3]. These circumstances drew the attention of practitioners and researchers, who
saw the advantages of MTO in terms of minimizing finished product inventories, high
customization, and reacting to highly dynamic customer behavior [4]. With such systems,
not only is high product variety met, but it also enables the provision of on-time delivery.
Growing demand for customized items has also been linked to a rise in the proportion of
MTO businesses [5]. Companies are seeking a way to manage products and associated
processes, such as inventory, with these types of production paradigms available, where
product customization is becoming so much more of a requirement for customers [6].
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Automobile Sector in India

As a result of two decades of strong growth, India transformed from being a net
importer of cars to a significant producer and exporter of vehicles and components. One of
India’s most significant economic development drivers and one with significant involve-
ment in international value chains is the automobile industry [7]. Together with many new
initiatives for business revival, technology has emerged as a great enabler. Building new
efficiencies for sustainable recovery while identifying new growth engines has been a key
task at hand. A seamless integration across all operations has assured efficiencies over the
long term. Expansion across physical as well as virtual platforms is critical for business
success. As MTO will only increase in the future, OEMs are forced to re-evaluate sourcing
and inventory management strategies to hedge risks against multiple supply chain disrup-
tions that might happen in the future. The automobile sector has grown manifold since the
opening of the Indian economy in 1991. Along with the increase in total production, the
variety of cars has increased many times more than the increase in production. New model
introduction is the norm rather than the exception. From 1991 to 2022, India produced an
average of 120,997.03 vehicles, with a record high of 292,861 vehicles produced in March
2012 and a record low production of 7277 vehicles in April 1992.

In many nations, the passenger vehicle industry has emerged as one of the most pow-
erful engines for technological innovation, economic expansion, and job creation. In recent
years, the growth of this industry has characterized the competitiveness of the world’s
top industrialized economies. At present the passenger car segment of the automobile
sector is working on an MTS system which has large inventories at the showrooms at the
same time; thus, customers have no option other than to purchase the standard products
available in the stock. Emerging trends in customer-configured vehicles necessitate a
change from the existing manufacturing approach of “make to stock”, which is based on
market forecasts [8]. To meet the demands of a customer-configured business scenario in
the passenger vehicle industry, it is crucial to review the entire business process of sales and
operations planning. Future automobiles will be controlled by software and have several
customization possibilities [9]. The motivation and contribution of the study come from
the fact that customers have become variety-seeking in every kind of product including
passenger cars. To attract buyers, the manufacturers offer a wide range of models, colors,
features, and value-added services [10]. This causes a huge rise in the amount of inventory
required to fulfill customers’ demands. In many nations, the passenger vehicle industry
has emerged as one of the most powerful engines for technological innovation, economic
expansion, and job creation. In recent years, the growth of this industry has characterized
the competitiveness of the world’s top industrialized economies [11]. A combination of all
these refers to the use of the make-to-order strategy.

The objective of this paper is to choose the right approach of implementing MTO in
passenger car manufacturing and prioritize them with the help of AHP and TOPSIS. Not
much work has been reported till now to implement make-to-order in the manufacturing of
passenger cars. Only a few research papers show that it has been applied at various types
of manufacturing companies, for example, a steel mill [12], appliance manufacturer [13],
Iranian wood industry manufacturing company [14], small equipment manufacturing
company [15], fruit juice companies [16], manufacturing companies for aluminum profiles
for construction industry [17], and restaurant [18]. However, a very small quantity of work
has been done in the automobile sector for implementation of MTO.

The remainder of the paper is structured as follows: Section 2 represents the literature
review; Section 3 comprises of the methodology adopted for the study; Section 4 describes
the selection of the strategy for implementing the MTO system for passenger cars manu-
facturer; Section 5 comprises of the result and discussion; the practical implication of the
study is included in Section 6; and finally, Section 7 presents the conclusion, limitation, and
future direction of this study.
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2. Literature Review

As one of the classifications, manufacturing systems are classified as make-to-order
and make-to-stock [13,19–22]. Make-to-stock systems respond to customer demand swiftly
through the available stocks. However, this system is ineffective in markets which have
enormous product variety according to needs of customer, and inventory holding costs
are significant. MTO systems, on the other hand, can create highly tailored items, but
buyers must wait for them to be filled [3]. MTO is a manufacturing system in which
the receipt of a customer order triggers all processes within the company, from sales to
procurement to product delivery [15]. Many organizations are shifting their manufacturing
approach from MTS to MTO as customer expectations for large variety is increasing along
with greater modification of the items [19–24]. Short delivery times and the potential to
create guaranteed delivery dates with significantly less inventory are the major competitive
advantages in MTO situations [25]. MTO describes scenarios in which a product is produced
through a variety of services or engineering designs and cannot be manufactured without a
customer order. MTO companies are usually pressured to maintain reduced delivery lead
time, a wider range of parts of components, improved OTD (on-time delivery), achieve a
high degree of technical expertise, and update product designs on a regular basis in order
to fulfill customers’ needs [26].

2.1. Benefits and Challenges of MTO

Hemmati and Rabbani [27] discussed that in MTO environments, the main purpose is
to keep track of arriving orders’ delivery dates for accomplishing timely and consistent
delivery. Firms should use appropriate production planning to attain this goal. Indeed, an
intensive literature review reveals that the MTO system’s production planning encounters
various issues. Few research papers consider the order entry stage in MTO systems, an issue
that was first presented by [28]; the authors emphasize hierarchical production planning as
a critical component of MTO manufacturing system modeling. Hendry and Kingsman [29]
considered input–output control systems as a method to reject or accept new order arrivals.
Kingsman and Hendry [30] exhibited that input–output control improves performance
measures such as capacity utilization, waiting time, and lead time. MTO systems are
characterized by extended lead times, despite the fact that they provide high levels of
product customization and retain constant client participation [31]. MTO companies can
offer a wider range of items and customer orders while reducing inventory concerns, while
customer lead times are usually higher [32]. Although MTO reduces inventory, it also
introduces issues such as production scheduling issues in the event of demand congestion
or the inability to specify correct due dates, among others [20].

Make-to-order (MTO) manufacturing organizations must be able to assess incoming
orders with respect to productivity and choose the appropriate orders to remain competitive.
For an MTO production system manager, the most pressing issues are order acceptance and
machine control. Furthermore, MTO production must be a job shop, with process-specific
workstations [33]. Ebadian et al. [25] presented an entirely new comprehensive decision
structure for the order entry stage that takes into account all supply chain stakeholders,
including the MTO organization, customers, subcontractors, and suppliers, in an attempt
to strengthen the framework for production planning for MTO scenarios. To exist in an
uncertain and complex environment, MTO production systems should react quickly in
terms of beneficial market position.

Total lead time, cycle time and OTD (on-time delivery) are the major performance
measures for products manufactured by the MTO approach [34]. The lower the cycle time
standard deviation, the more negotiating leverage each MTO product has in deciding its
delivery date and price. In a competitive climate, total lead time is another important
component for high income, rapid growth, and increased margins for businesses. Total lead
time is the amount of time it takes for an MTO product to arrive in the job pool and leave
the production floor. Eivazy et al. [34] mentioned that this performance metric depicts
workload flow and a balanced workload on the production floor, which is a key aspect
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in maintaining shop floor production management. Pool time, in addition to workload
balancing, is also indicated by this performance measure. Reduced pool time and total lead
time demonstrates the production management and scheduling model’s ability to release
and dispatch MTO items quickly. On-time delivery is the crucial criterion for assessing the
satisfaction of customer. This indicates other significant performance indicators such as
tardiness on its own [34]. The major competitive factor in MTO systems is the lowering of
lead times, which improves customer service (due date) [35]. Few challenges faced by the
passenger car manufacturing industry are discussed hereafter. Due to the need to satisfy
new client order criteria, MTO extends production lead times. Using MTO, one of the
challenges of modern operations management is to reconcile lead time and inventory risk
conflicts [36]. MTO would initially be unable to match demand, which would result in lost
sales [22].

Some recent work related to MTO has been discussed hereafter. An Indian MTO
handloom saree sector performed a study to determine the supply chain risks which were
generated during the pandemic and how to minimize its impact on the MTO handloom
industry [37]. Another study reviewed and examined the strategies employed to fix and
validate sequencing issues in make-to-order production on a single machine setting [38].
To determine how PTH (production time hedging) impacts the retailer’s QDLT (quoted
delivery lead time) choice and the supply chain’s effectiveness, an analytical model was
developed [39]. For MTO manufacturing systems, a step-by-step model was created for
combined optimization of production- and condition-based maintenance scheduling [40].
Another study presented a multi-objective discrete firefly algorithm as a solution for a
scheduling problem encountered by flexible job shops in make-to-order production [41].
One of the most important success factors for MTO producers is their capacity to establish
and uphold short due dates in response to customer inquiries [42]. Numerous studies on
the automotive sector have been carried out but very few have discussed the importance
of attainment of sustainable manufacturing through MTO. Ha and Woo [43] mentioned
that operations or processes involved in car manufacture need massive investments into
equipment, facilities, employees, and others. To implement digital transformation, increase
digital technology innovation capacity, and enhance product research and development
performance, automotive businesses should manage resources and the environment re-
sponsibly [44]. Dou et al. [45] mentioned that the number of nations beginning to prioritize
the sustainable growth of manufacturing is growing.

2.2. AHP and TOPSIS

The Analytic Hierarchy Process (AHP) is a multi-criteria decision-making tool used
where the decision is influenced by subjective and objective criteria. According to [46],
“Since its inception, AHP has long been a tool in the hands of decision-makers and re-
searchers, and it is one of the most widely used multiple-criterion decision-making tools on
the market”. The ability of AHP to integrate with a number of techniques, such as quality
function deployment, TOPSIS, linear programming, and fuzzy logic, is one of its distin-
guishing features. As a result, the user may get far more out of all of the integrated methods
and achieve the desired outcome faster. An extensive literature review demonstrates that
in the past, several researchers have used AHP both in manufacturing and service sectors.
TOPSIS is a ranking algorithm established by Hwang and Yoon in 1981, and it is still in
use today for conception and implementation. As a multi-criteria decision-making tool,
TOPSIS is a straightforward but effective strategy for prioritization. An in-depth literature
review has been performed to comprehend the importance of TOPSIS and its application in
different fields. Tables 1 and 2 highlight different areas of application for AHP and TOPSIS
respectively.
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Table 1. Different applications of AHP.

References Areas of Application Findings

Wang et al. [47] Precision analysis of five-axis CNC milling machine (9 main
criteria, 53 sub criteria)

Life prediction and precision evaluation of five-axis CNC milling
machine.

M. Younas et al. [48] Sustainable machining of Ti6Al4 alloy (4 criteria) Achieved advantages of high-speed machining Ti6Al4V.

Oliveira et al. [49] New product development focused on SMEs (6 criteria) To define relative importance of SMEs’ characteristics.

Durão et al. [50] Selection of Internet of Things process (5 criteria) Selected suitable process for improvement with IOT technology.

Fortunet et al. [51] Optimization of dimensions of an I-beam profile for obtaining
optimal performances (3 main criteria)

Optimized geometry of an aircraft’s I-beam, considering use and
manufacturing process.

Rajesh and Malliga [52], Özkan et al. [53] and
Yücenur et al. [54]

Supplier selection (3 main criteria), supplier selection (4 main
criteria, 16 sub criteria) and selection of global supplier (4 main

criteria, 28 sub criteria, respectively)

Selection of supplier for a medium-scale industry manufacturing
die-cast components of precision-machined aluminum alloy for

computer and printer purchasing, as well as selection of supplier in the
global supply chain.

Amiri [55] Selecting project for oil field development (6 criteria) AHP analyzed the structure of the problem for selection of project, and
the weights of the criteria are determined.

Şahin et al. [56] Site selection for establishing a new hospital (6 criteria and 19
sub-criteria)

AHP was used to investigate a decision model for selection of site for
establishing a new hospital (Turkey).

Li et al. [57] Assessment of risk in the life cycle of distributed wind farm (4
main criteria, 21 sub criteria)

Risk factors have been identified for distributed wind power and
ranked using AHP.
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Table 2. Different areas of application of TOPSIS.

References Areas of Application Indicators/Alternatives

Ocampo [58] Large food production firms (7 alternatives) In food production systems, the content strategy to make it sustainable
is determined using TOPSIS.

Vavrek and Chovancová [59] Environmental energy performance of the EU countries (7
indicators)

Quantitative analysis of EU countries’ energy, environmental, and
economic performance.

Abdel-Basset et al. [60] and Arabzad et al. [61] Selection of suppliers (5 alternatives), supplier selection, and order
allocation problem (5 alternatives, respectively)

TOPSIS was used to select suppliers with group decision-making under
type-2 neutrosophic number.

It was also used for calculating weights of criteria for supplier selection
and order allocation.

Alao et al. [62] Selection of technology for waste-to-energy plant (4 alternatives) Used the waste stream from Lagos, Nigeria, to choose the best
technology from the available waste-to-energy possibilities.

Hosseini et al. [63] Ranking Western Iranian hospitals based on disaster preparedness
(8 alternatives)

TOPSIS method was used to rate hospitals according to how well
prepared they are for disasters.

Umer et al. [64] Selection of solar tracking system (3 alternatives) For making multiple subjective decisions, TOPSIS was employed by
decision-makers with distinct decision-making perspectives.

Swain et al. [65] Establishing the plasma spray process’ optimal parametric settings
(3 alternatives)

TOPSIS revealed the gas flow rate and current’s optimized parametric
setting.

Sirisawat and Kiatcharoenpol [66] Green supply chain management (14 alternatives) TOPSIS was used to prioritize solutions for reverse logistics barriers.

Sharma and Singhal [67] Facility layout planning (5 alternatives) TOPSIS was applied to select a procedural approach for facility layout
planning.
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3. Methodology

For allocating weights to critical success factors and ranking solutions in this study,
a three-phase process was used. The first phase studied the critical success factors (CSF)
which affect the MTO implementation system for passenger cars. The weight of these factors
was determined during the second phase using AHP, and in the third phase, TOPSIS was
applied to rank the strategies for implementing MTO (Figure 1).
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3.1. Phase 1: Identification of Critical Success Factors (CSF) and Alternative Strategies

In this phase, critical success factors and alternative strategies have been identified
through the use of literature review and discussion with experts, researchers, and academi-
cians. The experts chosen are decision-makers in prestigious passenger car manufacturing
companies in India. These professionals were selected based on their prior or present
manufacturing organization’s titles or roles held. They were managers and consultants
in the automobile industries with more than 10 years’ experience who came from geo-
graphically varied areas around India. The following arguments support this particular
division of decision-makers as experts: (a) for expert practitioners, who are also the study’s
biggest stakeholders and have the necessary industry expertise and knowledge of the
actual ramifications of particular actions or policies, there were the most respondents; and
(b), academicians and researchers are knowledgeable with the theoretical foundations of
the various sustainability elements as well as specifics of some issues that are frequently
disregarded by practitioners in the industry.

3.2. Phase 2: Application of AHP for Relative Importance of Critical Success Factors

AHP is a simple technique for decision-making designed by Saaty (1980) to tackle com-
plicated, multi-attribute, and unstructured problems. When both tangible and intangible
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components of a decision need to be examined, AHP is a strong and adaptive decision-
making technique that may help people define priorities and choose the optimal option [68].
The AHP technique is based on three guiding principles: the model’s structure; evaluating
options and criteria; and synthesizing priorities. Comparisons of multiple pairwise in AHP
are done according to a nine-level standardized comparison scale [69] (Table 3).

Table 3. Nine-point intensity important scale for AHP.

Definition Intensity of Importance

Equally important 1
Moderately more important 3

Strongly more important 5
Very strongly more important 7

Extremely more important 9
Intermediate more important 2,4,6,8

There are three main steps in the AHP, which are (a) developing the decision hierarchy,
(b) the prioritization procedure, and (c) calculation of results. To establish the method’s
outcome, the consistency ratio (CR) for every one of the matrices is computed, as well as the
total inconsistency for the hierarchy. The consistency index is a measure of inconsistency,
and the equation consistency index (CI) gives the deviations from consistency.
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CI
RI
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3.3. Phase 3: Selection of Best Strategy Using TOPSIS

The goal of the standard TOPSIS method is to choose the alternatives that are the
shortest distance from the positive ideal solution and the furthest away from the negative
ideal solution. The positive ideal solution boosts advantages and lowers costs, while
the negative ideal solution increases costs while lowering benefits. TOPSIS includes the
following steps.

Step 1: For the ranking, create a decision matrix. The structure of the matrix is as
follows:

F1 F2 . . . Fi . . . Fn

D =

A1
A2
...

Aj
...

AJ



f11 f12 · · · f1i · · · f1n
f21 f22 · · · f2i · · · f2n
...

... · · ·
... · · ·

...
f j1 f j2 · · · f ji · · · f jn
...

... · · ·
... · · ·

...
f J1 f J2 · · · f Ji · · · f Jn


(3)

where Aj represents the solutions or alternatives j, j = 1,2,..., J; Fi denotes the ith criterion,
i = 1, 2, ..., n, associated to the ith solution; and fji indicates the performance rating of each
solution Aj with respect to each criterion Fi. [70].
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Step 2: Calculate R (= [rji]), the normalized decision matrix, and rji, the normalized
value is calculated as

rji=
f ji√

∑n
j=1 f 2

ji

i = 1, 2, . . . , n; j = 1, 2 . . . , J (4)

Step 3: To get the weighted normalized decision matrix, multiply the normalized
decision matrix by the related weights. Vji is the weighted normalized value derived as
follows:

Vji = wi × rji; i = 1, 2, . . . , n; j = 1, 2, . . . , J (5)

where wi represents the weight of the ith attribute or criterion.
Step 4: Establish the positive-ideal and negative-ideal scenarios.

A+=
{

v+1 , v+2 , . . . , v+n
}
=
{(

maxjvji
∣∣i ∈ I′

)
,
(
minjvji

∣∣i ∈ I′′
)}

(6)

A− =
{

v−1 , v−2 , .., v−n } =
{(

minjvji
∣∣i ∈ I′

)
,
(
maxjvji

∣∣j ∈ I′′
)}

(7)

where I′ corresponds to benefit criteria, and I′′ corresponds to cost criteria.
Step 5: Calculate the separation measurements using the n-dimensional Euclidean

distance. The distance between alternative option and the positive-ideal solution
(

D+
j

)
is

expressed as

D+
j =

√
∑n

i=1

(
vji − v+i

)2 j = 1, 2, . . . , J (8)

Each alternative is distanced from the negative-ideal solution D−j in the same way.

D−j =
√

∑n
i=1

(
vji − v−i

)2 j = 1, 2, . . . , J (9)

Step 6: Calculate and rank the performance order based on how near the alternative is
to the ideal solution. The relative closeness of the alternative Aj can be expressed as

CC+
j =

D−j
D+

j + D−j
, j = 1, 2, . . . , J (10)

where the index value of CC+
j lies between 0 and 1. The higher the index value, the better

the alternative’s performance.

4. Strategy Selection for Implementing an MTO System for Passenger
Car Manufacturers
4.1. Critical Success Factors

For identifying critical success factors and mapping them with implementation strate-
gies, several experts from the automobile sector were contacted. After discussion and
keeping in view the importance of study, ten experts agreed to participate in the study.
Out of these ten, 4 are from manufacturing area, 2 from marketing and strategy, 2 from IT,
1 from product design and development, and 1 expert representing the vendor. On the
basis of discussion with the practitioners and literature review, 18 critical success factors
have been identified which are important for implementing MTO in automobile sectors
(Table 4). Furthermore, 3 approaches are ranked for the implementation of an MTO system
for automobile companies manufacturing passenger cars.
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Table 4. Critical success factors for implementing MTO.

Critical Success Factors Definition Authors

Customer needs choice/passion for unique
products/self-created product

Customers’ needs are on topmost priority as it influences the overall
production system of MTO. Rabbani and Dolatkhah [18], Zennaro et al. [6]

High product variety Range and brand of products affects the performance measures in MTO. Haskose et al. [71], Vidyarthi et al. [72]

Modular product design Design of the product wherein it can be assembled with the standard set
of constituents. Zennaro et al. [6]

Flexible manufacturing processes
Flexibility in manufacturing processes will be the deciding factor for

analyzing the time required for transformation of system from one type
of job to other.

Pramod and Garg [73]

Accessibility to flexible and real-time information technology
to keep the customer updated (why this is required)

For effective and enhanced MTO performance, information technology
has to be real-time. Any kind of update or change in information will

affect the whole system, thereby making it time-, energy- and
cost-saving.

Sahin and Robinson [74]
Zennaro et al. [6]

Information system (online system) to receive order and
payments

Centralized online system for managing orders and payments
effectively. Zennaro et al. [6]

Competition in the market
Competition in the market impacts variables such as retail price, selling

price, etc., and is affected by various factors such as advancement in
technology.

Garmdare et al. [75], Fakhrzad and Mohagheghian [23]

Ability of MTO without increasing cost of manufacturing Various parameters and resources have to be considered and analyzed
to minimize total cost.

He et al. [76],
Pan et al. [77]

Salamati-Hormozi [78],

Risk of obsolescence and perishability Inclination towards MTO systems is more, in case the possibility of
product obsolescence or perishability is high.

Zaerpour et al. [79], Rafiei and Rabbani [21],
S. Hemmati and Rabbani [27],

Zaabar et al. [80]

High cost of carrying inventory Lower storage or carrying cost is the key feature of MTO. Wang et al. [81]

Skilled employees for manufacturing MTO requires extensive use of a skilled workforce due to the use of
general-purpose equipment or machines. Li and Womer [15], Khakdaman et al. [82]
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Table 4. Cont.

Critical Success Factors Definition Authors

Flat organization structure Organization has less hierarchical management and fewer employees. Kidwell [83]

Short lead time of suppliers Shorter and accurate lead times are desirable for successful MTO firms.
Likewise, it depends on sequencing and scheduling decisions. Easton and Moodie [84]

Technology and its spread Advancement in technology increases competition for MTO. Garmdare et al. [75], Chhimwal et al. [85]

Product/market innovation This is the factor that helps MTO companies to be competitive and
successful. Gunasekaran and Ngai [86], Chhimwal et al. [85]

Business risk and economy This market factor is critical in taking MTO decisions. Gunasekaran and Ngai [86]

Flexibility of the production process Higher flexibility is one of the prominent features of MTO. Wang et al. [81]

Customer enquiry stage
Customer enquiry process has a direct and profitable impact on MTO. It
further affects other decisions such as acceptance or rejection of an order

and capacity planning.
Kingsman et al. [87], Stevenson et al. [88]
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4.2. Implementation Strategies

For the implementation of an MTO system or changing the existing MTS to MTO
system, the organization needs to select the appropriate implementation strategy. The
following strategies that are significant for implementing MTO in the automotive industries
have been identified through with practitioners and research review.

1. IT system-centric: Jain et al. [89] considered IT-enabled technology as one of the critical
enablers for customization. Jitpaiboon et al. [90] supported the need for enterprises
to integrate their usage of IT for strategy, infrastructure, and operational activity.
According to Vinodh et al. [91] and Zhang et al. [92], manufacturing sectors need to
use CAD, CAM, and CAE solutions to reduce customer response times. Any firm
attempting to deploy make-to-order should put the most emphasis on the Internet’s
ability to connect customers and suppliers, online product setup, and IT-enabled
techniques.

2. Design-, innovation- and production-centric: Rossini et al. [93] illustrated imple-
mentation of Kaizen through a real case study for high-mix low-volume production.
Companies need to offer increasingly customized items on the market in order to stay
competitive. The sort of production method that must be chosen is impacted by this
customization [94]. Production planning in MTO systems is more difficult than in
MTS systems because of the large range of products, the small number of standard
items, and the impossibility of accurate forecasts [13]. MTO reduces the expense of
carrying inventory, but it also introduces issues such as production scheduling issues
when demand is high or issues with precise due date setting, etc. [20].

3. Customer-centric: The customer’s choice is the foundation of make-to-order pro-
duction. MTO companies employ many production policies to increase customer
satisfaction and has its own benefits and drawbacks [18]. In an MTO system, produc-
tion does not start unless there is a demand. The system manufactures in accordance
with customer requirements and does not maintain an inventory of finished goods [17].
There is constant pressure from customers on suppliers to increase quality, reduce
costs, and decrease delivery delays [20]. In MTO, before a customer places a request,
the product’s parameters are unknown, and even after the order has been accepted,
they may change during processing [95]. Therefore, an effective MTO strategy is
one that efficiently utilizes all the organization’s professional resources to produce
products as per the customer’s needs.

The role of these 3 strategies in different phases of supply chain of passenger car
manufacturing has been discussed (Table 5) to understand their importance and need.
Automobile experts were interviewed, and their valuable inputs were used for this part of
the study.

4.3. Relative Importance of CSF Using AHP

This section discusses the weights of factors of MTO implementation for passenger
cars by using AHP (data collection).

The criteria’s weights to be utilized in the ranking process are determined by an AHP
approach after the decision hierarchy of the problem has been formed and data were
collected. There were three phases to the data collection. In the first phase, the advantages
of introducing MTO in the automotive industry were explained to the specialists. In the
second phase, an online platform for self-assessment data collection was developed and
made available to the experts via email. The automobile experts were interviewed as part
of the third step of data gathering and were tasked with constructing individual pairwise
comparison matrixes using the nine-point intensity important scale mentioned in Table 3.
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Table 5. Attributes of different implementation strategies in the supply chain of passenger car manufacturing.

Stage Description Role of IT Role of Design, Innovation, and
Production Role of Customer

Procurement Procuring raw materials, parts, and
subsystems.

Through information sharing, supply
chain management permits supply

chain participants to work closely in
order to facilitate interactions of

supplier–customer and lower
transaction costs.

Design of the passenger car is the
critical factor for purchasing raw

materials, machines, tools, and other
resources.

There is a constant pressure from
the customer on suppliers to

increase quality, reduce costs, and
decrease delivery delays.

Manufacturing Transforming raw materials into
intermediate and finished products.

Activities related to IT, such as
information processing, information

coordination, and information
integration are very useful for product

development.

Design of the passenger car decides the
manufacturing strategy.

Manufacturing strategy depends
upon the customer’s demand.

Distribution/retailer Distributing the finished products to
retailers.

The use of technology in the
distribution system is seen as a key

competitive feature since it gives clients
access to a limitless number of locations,
times, and even product types, as well

as updates related to due dates.

It is vital to coordinate the two
functions in industrial issues where

production and distribution expenses
are of a similar magnitude in order to

keep overall costs to a minimum.

Customer location and demand
affects the distribution system of

passenger cars.

Demand management
Methodology for forecasting,

planning for, and managing the
demand for goods and services.

Provides information about various
options on the website

Allows placement of order by customer.

Consumer segmentation and pricing
discrimination are two demand

management techniques that help
increase the supply chain’s overall

distribution efficiency while ensuring
the necessary responsiveness to address

real customer needs.

Customer provides requirements
which further help in calculating the

demand of the specific variant of
passenger car.



Sustainability 2023, 15, 10312 14 of 22

A total of 18 critical success factors are broadly grouped into 6 categories as shown in
level 2 and level 3 of Figure 2. Initially, all the six factors at level 2 (Figure 2) are compared
among themselves. The next step is to extract the weights of each member in the pairwise
comparison matrix after it has been constructed. Table 6 shows the comparison results and
the weight of 6 factors. The next step includes comparison and relative weights among 18
sub-factors toward the six factors and are shown in Tables 7–12. Along with local weights,
global weights are also calculated for the product’s local weight and its category’s priority.
Finally, the weights of 18 critical success factors are compiled in Table 13.

Table 6. Pairwise comparison matrix of factors for implementing MTO.

MTO Product Organization IT Market Customer Cost Weights Ranks

Product 1 1/3 2 1/3 1/4 4 0.11 4
Organization 3 1 2 1/5 1/2 5 0.15 3

IT 1
2 1/2 1 1/3 1/6 2 0.07 5

Market 3 5 3 1 4 4 0.38 1
Customer 4 2 6 1/4 1 5 0.25 2

Cost 1
4 1/5 1

2 1/4 1/5 1 0.04 6

Consistency ratio = 0.0928.
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Table 7. Pairwise comparison matrix of product-related sub-factors.

Product
(0.11) P1 P2 P3 P4 Local

Weights
Global

Weights Ranks

P1 1 1/2 3 1/3 0.18 0.02 3
P2 2 1 5 2 0.43 0.05 1
P3 1/3 1/5 1 1/3 0.08 0.01 4
P4 3 1/2 3 1 0.31 0.03 2

Consistency ratio = 0.0591.

Table 8. Pairwise comparison matrix of organization-related sub-factors.

Organization
(0.15) O1 O2 O3 O4 Local

Weights
Global

Weights Ranks

O1 1 3 5 1/2 0.31 0.05 2
O2 1/3 1 5 1/3 0.18 0.03 3
O3 1/5 1/5 1 1/5 0.06 0.01 4
O4 2 3 5 1 0.45 0.07 1

Consistency ratio = 0.0817.

Table 9. Pairwise comparison matrix of IT-related sub-factors.

IT (0.07). IT1 IT2 Local
Weights

Global
Weights Ranks

IT1 1 5 0.83 0.06 1

IT2 1/5 1 0.17 0.01 2
Consistency ratio = 0.0.

Table 10. Pairwise comparison matrix of market-related sub-factors.

Market
(0.38) M1 M2 M3 M4 Local

Weights
Global

Weights Ranks

M1 1 1/3 1/3 1/5 0.07 0.03 4
M2 3 1 2 1/5 0.18 0.07 2
M3 3 1/2 1 1/6 0.13 0.05 3
M4 5 5 6 1 0.61 0.23 1

Consistency ratio = 0.0872.

Table 11. Pairwise comparison matrix of customer-related sub-factors.

Customer
(0.25) CU 1 CU 2 Local

Priority
Global
Priority Ranks

CU1 1 1/6 0.14 0.04 2

CU2 6 1 0.86 0.21 1
Consistency ratio = 0.0.

Table 12. Pairwise comparison matrix of cost-related sub-factors.

Cost (0.04) CO 1 CO 2 Local
Priority

Global
Priority Ranks

CO 1 1 4 0.80 0.04 1

CO 2 1/4 1 0.20 0.01 2
Consistency ratio = 0.0.
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Table 13. Ranks of factors as per AHP.

Codes Criteria Success Factors Weights

M4 Business risk and economy 0.23

CU2 Customer needs/choice/passion for unique
products/self-created products 0.21

O4 Flexibility of the production process 0.07

M2 Risk of obsolescence and perishability 0.07

IT1 Accessibility to flexible and real-time information
technology to keep the customer updated 0.06

M3 Technology and its spread 0.05

O1 Flexible manufacturing processes 0.05

P2 Product/market innovation 0.05

CU1 Customer enquiry stage 0.04

CO1 Ability of MTO without increasing cost of manufacturing 0.04

O2 Skilled employees for manufacturing 0.03

P4 Modular product design 0.03

M1 Competition in the market 0.03

P1 High product variety 0.02

P3 Short lead time of suppliers 0.01

IT2 Information system (online system) to receive order and
payments 0.01

CO2 High cost of carrying inventory 0.01

O3 Flat organization structure 0.01

The consistency of pairwise comparison of factors is measured by
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max = 6.57, CI = 0.11, and CR = 0.09. The consistency ratio (CR) is the third ratio, and it is
used to directly measure the consistency of pairwise comparisons. The comparisons are
permitted if the CR is less than 0.10. Since all CR inconsistency ratios are less than 0.1 in
this case, all judgments are consistent.

4.4. Ranking of Strategies Using TOPSIS

With the help of experts and literature review three strategies have been selected to be
ranked for implementation of MTO in passenger car manufacturing. The first strategy is IT
system-centric, the second strategy is design-, innovation- and production-centric, while
the third strategy is customer-centric. TOPSIS methodology is adopted for ranking the
alternative strategies that have been finalized. It starts by preparing a normalization matrix
of critical success factors vs. strategies, and normalized values are determined during this
first step. The collected data are then organized into a decision matrix form. The weights
allocated to each critical success factor are used to find the weighted normalized decision
matrix (Table 14). The ideal and negative ideal solutions from the decision matrix are
discovered once the weighted formation is performed. Thereafter, on the basis of these
solutions, alternatives are ranked (Table 15).
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Table 14. TOPSIS matrices.

CSF

Scoring of Strategies for Different CSF

IT System-Centric Strategy Design-, Innovation- and Production-Centric
Strategy

Customer-Centric
Strategy

Score Normalized
Score

Weighted
Normalized

Score
Score Normalized

Score

Weighted
Normalized

Score
Score Normalized

Score

Weighted
Normalized

Score

P 1 5 0.651 0.013 3 0.391 0.008 5 0.651 0.013
P 2 7 0.704 0.035 5 0.503 0.025 5 0.503 0.025
P 3 5 0.451 0.005 7 0.631 0.006 7 0.631 0.006
P 4 7 0.523 0.016 9 0.673 0.020 7 0.523 0.016
O 1 7 0.482 0.024 9 0.620 0.031 9 0.620 0.031
O 2 5 0.402 0.012 9 0.723 0.022 7 0.562 0.017
O 3 5 0.437 0.004 9 0.786 0.008 5 0.437 0.004
O 4 5 0.366 0.026 9 0.658 0.046 9 0.658 0.046
IT 1 7 0.631 0.038 7 0.631 0.038 5 0.451 0.027
IT 2 5 0.549 0.005 7 0.768 0.008 3 0.329 0.003
M 1 7 0.768 0.023 5 0.549 0.016 5 0.329 0.010
M 2 7 0.704 0.049 5 0.503 0.035 5 0.503 0.035
M 3 7 0.562 0.028 5 0.402 0.020 9 0.723 0.036
M 4 7 0.704 0.162 5 0.503 0.116 5 0.503 0.116

CU 1 9 0.577 0.023 9 0.577 0.023 9 0.577 0.023
CU 2 9 0.620 0.130 7 0.482 0.101 9 0.620 0.130
CO 1 7 0.631 0.025 5 0.451 0.018 7 0.631 0.025
CO 2 7 0.562 0.006 5 0.402 0.004 9 0.723 0.007

Table 15. Ranking of strategies for implementing MTO.

Alternatives or Strategies for MTO Si+ Si- Si+ + Si- Ci Rank

IT system-centric (S1) 0.06 0.04 0.09 0.40 3
Design-, innovation- and
production-centric (S2) 0.04 0.06 0.09 0.61 2

Customer-centric (S3) 0.02 0.06 0.09 0.73 1

5. Result and Discussion

Saaty’s (1980) Analytic Hierarchy Process was used to rank the critical success factors
for three different approaches. A hierarchy of six factors, eighteen sub-factors, and three
strategies was used to calculate the priority rankings for each strategy for implementation
of MTO for passenger cars. On a pairwise basis, the factors and sub-factors were compared.

The integrated AHP and TOPSIS methods made it more organized and effective for
the decision-maker to select the best strategy for MTO implementation by ranking and
prioritizing processes. The maximum weight value was used to consider the most valuable
critical success factors, which were represented such that Market > Customer > Organi-
zation > Product > IT > Cost. This shows that ‘market’ is the most significant critical
success factor for MTO implementation in passenger car manufacturing. The sub-factors in
this study include market sub-factors, which are M4 > M2 > M3 > M1, and which show
that ‘business risk and economy’ (M4) for MTO implementation is the highest weightage
sub-factor and ‘competition in the market’ (M1) is the lowest weightage sub-factor of all
sub-critical success factors. Ranking value of ‘customer’ factors are CU2 > CU1, respectively,
in which the ‘customer needs’ sub-factor has more weight than the ‘customer enquiry’
stage. Organization factors’ ranking values are O4 > O1 > O2 > O3, respectively, in which
‘flexibility of production process’ is the highest weightage sub-factor and ‘flat organiza-
tion structure’ is the lowest weightage sub-factor. Product factors’ ranking values are
P2 > P4 > P1 > P3, respectively, in which ‘product/market innovations’ is the highest weigh-
tage sub-factor. IT factors’ ranking values are IT1 > IT2, in which ‘accessibility to flexible
and real-time information technology to keep the customer updated’ and ‘information sys-
tem (online system) to receive order and payments’ are the lowest weightage sub-factors of
all IT factors. Cost factors’ ranking values are CO1 > CO2 (Table 12), respectively, in which
‘ability of the MTO without increasing cost of manufacturing’ is the highest weightage
sub-factor, while ‘high cost of carrying inventory’ is the lowest weightage sub-factor.
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To implement MTO in the manufacture of passenger cars, a ranking of factors has
been suggested to decision-makers to make the best strategy. With the help of TOPSIS, the
Ci value were used to consider prioritizing of strategies. The Ci values are S3 > S2 > S1,
respectively. The highest Ci value is the customer-centric (S3) strategy, and the lowest value
is the IT system-centric (S1) strategy. This study has an advantage in that it considered
numerous critical success factors related to the automobile sector, while other authors have
only studied a few of these, and indeed even fewer have studied MTOs in the automobile
industry. Some of these studies have been discussed here: Yu et al. [96] worked only on
manufacturing lead time in make-to-order production; Sun et al. [97] considered only two
factors, i.e., customer delivery time and demand variance, whereas this study focused on
numerous other factors; and Chua et al. [98] analyzed the MTO supply chain, taking into
consideration only two factors, i.e., lead time market elasticity and price.

6. Practical/Managerial Implications

The practical objective of this research is to offer top-level manufacturing executives
in the automotive industry strategic guidance on how to promote make-to-order manufac-
turing in order to achieve sustainability. Based on the study’s findings, three contributions
have been made to the automobile industry. Firstly, the findings can be useful for organiza-
tions to get to know beforehand what is required to change the manufacturing strategy from
MTS to MTO. Secondly, organizations would be able to map their existing manufacturing
system and identify the critical success factors and define strategies for implementing MTO.
Thirdly, the present work will also assist companies to adopt counter-measures for MTO
implementation so that it becomes easier to minimize the difficulties while implementing
MTO. This study has made an effort to assist managers to control inventory and thereby
attain sustainability in passenger car manufacturing by adopting an MTO strategy.

7. Conclusions, Limitation and Future Direction

As the variety of products manufactured by a company increases, make-to-order
manufacturing systems start becoming more effective in meeting customer demands at
a low cost. Many sectors and companies have started implementing this manufacturing
strategy and achieved a good competitive edge. However, in the automobile sector, it is
at a nascent stage and not much work is being reported in trade magazines as well as in
research publications. Thus, a need was felt to identify the critical success factors in the
implementation of an MTO system. In addition, it felt necessary to select the right strategy
for the successful implementation of the MTO once it was decided to transition away from
make-to-stock.

In this study, eighteen critical success factors were identified based on a literature
review, and three strategies were defined. The CSF were rated for their importance using
AHP and TOPSIS was used to rank the alternate strategies. It was observed that customer
needs, business risk and economy, flexibility of the production process, risk of obsolescence
and perishability, accessibility to flexible and real-time information technology to keep the
customer updated, and technology and its spread account for 64% of critical success factors
for the implementation of MTO in passenger cars of the automobile sector. Further, the
results of TOPSIS show that a customer-centric approach is the best system for MTO in
passenger car manufacturing. The key features of customer-centric strategy are customer
needs or choices, business risk and economy, flexibility of the production process, flexible
manufacturing processes, risk of obsolescence and perishability, accessibility to flexible and
real-time information technology to keep the customer updated, customer enquiry stage,
ability of MTO without increasing cost of manufacturing, and product/market innovation.

The study has some limitations, much like any other study. The study has been carried
out using AHP and TOPSIS. In future studies, methods such as fuzzy logic or cluster
analysis can be applied, or a regression model can be developed to obtain more prolific or
improved results. The critical success factors and the implementation strategies identified
in this study can be analyzed from another industry or country’s perspective too. The AHP
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and TOPSIS technique necessitates the opinion of specialists, which may be biased and alter
the study’s findings, leading to its disintegration during the adoption phase. Finally, it is
challenging to generalize the results for other sectors since the results are industry-specific
and cannot be compared with results from other industries because each industry’s supply
chain network is different and responds to customer’s choices differently.
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