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Abstract

:

Distress in online classrooms and problematic internet use are two issues that have caused student burnout and affect perceived learning during the COVID-19 pandemic. Given the high pressure placed on students throughout COVID-19, it is critical to understand the influence of problematic internet use (PIU), psychological stress, academic burnout, and resilience on perceived learning (PL). A cross-sectional analytical study was chosen to collect data from 350 learners pursuing undergraduate and postgraduate business/management degrees in Karnataka, India. The data were analyzed using SPSS (Statistical Package for Social Science) and Smart PLS 3. The present study reports a non-significant negative total effect of stress on PL, while there was a significant positive direct effect but a significant indirect negative effect of multiple mediators, namely PIU, burnout, and resilience. In the relationship between stress and PL, burnout has full competitive mediation, and the suppressive effect of burnout and resilience wipes out the beneficial benefit of stress on PL, resulting in reduced PL. As a societal problem, a change in educational policy and prevention strategies for students and organizations (reducing the number of courses, number of exams, and handling parental expectations) would be effective. Emotional intelligence to improve resilience, which assists students in sailing through a current challenging situation and using IT for reducing negative and unexpected emotional outbursts should be encouraged.
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1. Introduction


Several countries, including India, resorted to the imposition of nationwide lockdown as a means of curtailing the spread of the novel coronavirus 2019. As a result, many businesses, sports and entertainment facilities, hospitality, and educational institutions were physically closed. Although digital migration in higher education is a recent phenomenon where Information and Communications Technology (ICT) has been applied in classroom delivery, assessment tasks, and conducting examinations using e-Pads, it was rapidly adopted during the pandemic with externally assisted migration online platforms such as Microsoft Teams, Zoom, GoToMeeting, Google Meet, and RingCentral video [1]. However, a successful transformation to emergency remote teaching and learning (ERTL) requires a focus on learner-centered pedagogy used in a climate of empathy and care [2,3]. Online curriculum transactions put pressure on students to adopt newer instructional methods and virtual interactions in online classrooms, online submission of assignments and tests, and minimize face-to-face interactions with instructors and peers [4,5]. If students lack digital competence and skills, an increase in academic stress levels and continuous pressure to be tech savvy produces burnout in ERTL environment [2,3]. Recent studies have shown a positive relationship between the mental wellbeing of students and higher academic achievement [6,7]. Because academic achievement influences a student’s ability to obtain a rewarding career, advance in their profession, or be accepted into further education programs, as well as measures the skills of students in meeting specific learning objectives, higher education institutions must ensure that the negative impact of burnout on academic performance is addressed by promoting students’ mental health during COVID-19 times [1]. Most studies focus on academic success or achievement, not students’ perception of their learning. In this regard, perceived learning (PL), student’s perspective of what they have learned, or deep learning, and not results measured in grades, can be used as a measure of academic success that emphasizes in-depth understanding of the courses being taught rather than superficial understanding [8,9,10]. As a metric for student outcomes, PL expresses students’ impressions of their learning rather than learning as indicated by in-class evaluations [11].



In the ERTL environment, psychological well-being has attracted less attention as a public health concern even though it harms students who do not adopt non-optimal coping techniques [12,13,14,15]. A link between burnout and academic achievement has been established through psychological mechanisms of stress and problematic use of the Internet (PIU) [16,17]. Social isolation also prompts students to use various internet applications, social networking sites, and thus, internet use has increased to the point of making it difficult to concentrate on academics [1]. Students, on the other hand, can protect themselves from the negative effects of PIU and burnout on academic performance to a great extent if they develop positive coping techniques such as resilience and self-regulation [18]. Learners who self-regulate their learning and adopt cognitive and metacognitive strategies find the new environment favorable for learning [19].



Considering the substantial pressure imposed on students during COVID-19, an understanding of PIU, psychological stress, and burnout among students is necessary when trying to improve learning outcomes. There are few studies on students’ perceived learning during the pandemic, while there is enough empirical evidence on academic achievement [20,21,22,23,24,25]. The effect of stress, PIU, and burnout on PL has not been addressed so far; therefore, this study was carried out in the Indian higher education context focusing on management and commerce students who were attending online classes during the lockdown. In the present study, we aim to explicate the relationship between perceived stress and PL, and multiple mediations of PIU, burnout, and resilience on PL. Burnout contributes significantly to diminished academic achievement; however, the role of resilience in positively influencing academic success when a student experiences burnout is less studied. Therefore, early recognition and treatment of burnout symptoms would prevent anxiety and study pressure and improve learning outcomes. An understanding of academic stress would be useful not only for suggesting student-related policies that would enhance learning while reducing burnout and PIU but also developing strategies to improve resilience to handle stressful situations.




2. Literature


Conservation of resource theory (CRT) explains the process of burnout and chronic stress and focuses on the circumstances under which people develop stress and react to stress in different ways [26]. During times of psychological or physical overload, the feeling of loss of resources accelerates, resulting in burnout, which usually occurs due to physical exhaustion or overload [27,28]. The Job Demands–Resources (JD-R) model proposed by Bakker and Demerouti [29] states that a mismatch between resources to fulfill job demands and the job requirements gives rise to stress. Learners with lower level of personal resources (coping mechanisms) would respond less effectively to study demands (Onwezen et al., 2012). Few studies probing students’ reaction to transition to ERTL during the COVID-19 pandemic observe disruption of students’ lives and increased stress and loneliness among students [30,31,32,33]. Since there are limited studies on perceived learning, the present paper has derived hypotheses from the literature on academic achievement. Burnout has been defined as a psychological syndrome that involves a prolonged response to stressors on academic work [34]. These negative emotional and psychological experiences would dampen students’ enthusiasm to pursue learning and severely affect academic performance or learning [35]. Few studies explain variance in academic achievement or PL due to procrastination, anxiety, stress, absenteeism, insomnia, and internet addiction [20,21,36]. The three dimensions of academic burnout are emotional exhaustion, depersonalization, and academic inefficacy, during which students do not actively participate in classroom activities, lack interest in lessons and abstain from discussions in online classrooms [35,37,38,39]. Emotional exhaustion intensifies fatigue, irritability, frustration, or worn-out sensation and the students experiencing these would have a poor academic achievement [35]. The next level is depersonalization where they treat people as objects and become insensitive and cynical. Inefficacy results when a person feels lower personal accomplishment feels incompetent and evaluates oneself negatively [40,41]. A negative perception of one’s inefficacy in completing academic tasks coupled with an inability and unwillingness to put in efforts [42] inhibits academic performance [20,22,23]. The Maslach Burnout Inventory-Student Survey Scale (MBI-SS) was developed, which focuses on unique conditions existing in the academic environment [42]. The MBI-SS has subscales of emotional exhaustion measuring study-related fatigue, cynicism assessing personal indifference towards studies, and professional inefficacy evaluating non-social and social features of accomplishment. The research studies on the relationship between burnout and academic achievement using the MBI-SS provide mixed results, both in magnitude and direction of relations. Few studies indicate a negative association between exhaustion and academic achievement [23,43,44]. Another study by Salanova et al. [45] revealed the poor academic performance of students suffering from burnout because of fatigue, irritability, frustration, detachment, and pessimism about academic activities. Several studies have pointed at a higher level of burnout among university students during the outbreak of the COVID-19 [46,47] and excessive use of social media giving rise to psychological issues [48,49,50,51,52]. Resilience not only improves wellbeing, but also reduces burnout and departure intentions [39,53,54]. Frustrated students failing to meet expectations or without coping strategies would develop apathy towards their studies and eventually burn out. In extreme cases, a lack of resilience may lead to departure from the program and turnout of students [39]. Several studies have shown a negative association between resilience and academic burnout [39,53,54,55,56]. Resilience reduces the harmful outcome of stressors on students’ performance [57,58,59]. Students with strong resilience will be able to cope with burnout and stress, as well as bounce back after setbacks, by taking control of their lives [31,57,58]. Stress and burnout are mediated by resilience [60]. When students are constantly exposed to stressors, they develop a lack of resilience, which leads to burnout. Therefore, we hypothesize that:



Hypothesis 1 (H1).

Academic burnout negatively influences PL.





Hypothesis 2 (H2).

Resilience mediates the relationship between burnout and PL.





Hypothesis 3 (H3).

Resilience positively affects PL.





In comparison to the public, perceived stress is higher among students and the consequent burnout has been observed in academic contexts [55,61,62]. Students in higher education institutions face intense stress about academic success that determines their career and placement opportunities. Burning out, depletion of one’s resources results from prolonged stress; thus, burnout and stress are different not in terms of symptoms but due to the time involved in the process of its development [63]. Of these, stress contributed by going to classes, taking exams, searching for meaningful jobs, and participating in co-curricular and extra-curricular activities is one of the crucial determinants of burnout [35]. An academic track record would be adversely affected by cumulative stress and give rise to burnout, a syndrome with worrisome consequences [22,64,65]. Few studies have corroborated the negative effect of stressors and burnout on academic failure resulting in procrastination and departure from studies [24,25,66]. Therefore, the quality of life of students heavily relies on their ability to handle a range of study-related demands. Any failure to meet these demands and lack of resilience would impair mental health-giving rise to burnout [67,68]. Some studies have proven that coping with stressful events and destructive emotions such as stress and burnout is influenced by resilience, a psychological capital [56,69,70]. When students consume psychological resources continuously during the online classes, even if it is a low level of stress, they would experience burnout [29,71]. When stress is considered as an individual’s incapacity to adjust to his/her environment, resilient people may mobilize all available resources to deal with it healthily [33,58]. Therefore, a study identifying the stress dimensions, namely pressure to perform, workload, and time restraints that affect burnout is required to suggest effective interventions to prevent and reduce burnout in students. Based on these inputs, we hypothesize that,



Hypothesis 4 (H4).

Academic stress influences PL.





Hypothesis 5 (H5).

Academic stress directly affects burnout.





Hypothesis 6 (H6).

Academic stress has a positive relationship with resilience.





Young people have been observed to suffer from social, academic, and psychological problems due to PIU. Social isolation was observed to be the main determinant of PIU and not psychopathology of an individual [72] and thus, the term ‘pathological internet use’ must be replaced with ‘problematic internet use’. PIU is defined by Beard and Wolf [73] as the excessive use of the Internet as a coping mechanism or a dysfunctional technique for dealing with stressful circumstances or loneliness, and few scholars have identified a higher level of PIU during the COVID-19 pandemic [51,74,75]. The online presence and lack of physical access to teachers and classmates may create psychological disturbances leading to PIU. Since frustrations, failures, disappointments, and stress in real life and family, social or college life relationships increases the likelihood of PIU as an escape route, PIU acts as an escape mechanism for stress associated with ERTL and provides a pseudo-cushion in which students feel that they control everything, but they might not cope with real problems [76]. As a result of repeated exposure to distressing news regarding the COVID-19 pandemic and deaths related to it, PIU heightens the likelihood of psychological maladjustment, leading to negative psychological consequences such as burnout, sleep difficulties, and depression [65,77,78,79,80,81,82,83]. Could PIU adversely affect learning and burnout when students are expected to access course materials as well as engage with peers and teachers in virtual classrooms? Further research into the impact of PIU on burnout and subsequent learning is required. Stay-at-home mandates promote social isolation, which leads to emotional instability and stress, which may result in PIU, which has a negative impact on psychological well-being, including loneliness, depression, anxiety, and burnout [84,85,86,87]. Thus, we hypothesize that



Hypothesis 7 (H7).

Academic stress directly affects PIU.





Hypothesis 8 (H8).

A higher level of PIU is associated with a greater level of burnout.






3. Materials and Methods


A cross-sectional analytical study was chosen to collect data from sample respondents at a point in time. The data were collected from learners pursuing undergraduate and postgraduate business/management degrees. Each of the selected institutions was affiliated with universities or departments of universities. Final-year students were chosen owing to their course load, prolonged exposure to online classes, curricula focusing on specialties requiring rigorous academic work, intense lecture sessions, and placement pressures. The students were briefed in the invitation email/message about the objectives of the study and the confidentiality of their information provided for the study. In applying the statistical techniques, Statistical Package for Social Science (SPSS) 24.0 and Smart PLS 3.0 (partial least square) was used. PLS-SEM is used when the sample size is small, and it requires fewer assumptions on data properties such as normality and heterogeneity.



The measurement model was assessed for reliability and validity for each construct and the items of the scale (internal consistency reliability and convergent and discriminate validity). Later, the structural model that shows the relationships among the constructs was estimated. The current study adopted a reflective–reflective type of model. The outer loadings of indicators signify the absolute contributions of indicators, and the threshold value of outer loadings is 0.70. Average variants extracted (AVE) is used to measure convergent validity, the commonality of a given construct. It is measured by finding out the average of the squared outer loadings of all indicators of a construct. Heterotrait–Monotrait Ratio of Correlations (HTMT) measures discriminant validity, which should be less than 0.9. The Variance Accounted For (VAF) value was calculated to know the level of mediation using the following formula: VAF = Indirect Effect/Total Effect. A value of less than 20% denotes no mediation, 20–80% indicates partial mediation and more than 80% suggests full mediation. When the direct and indirect effects point in opposite directions, a competitive mediation arises [88].



3.1. Measurement Tools


A structured questionnaire was used to collect data on PIU, academic stress, burnout, resilience, and perceived learning. The established scales in the literature were used for this study. Burnout was measured using the MBI-SS scale that consisted of a 5-item emotional exhaustion subscale, 4-item depersonalization subscale, and 6-item diminished personal accomplishment subscale [38]. Cronbach’s coefficient alpha was in the acceptable range for overall burnout (0.923), emotional exhaustion (0.853), cynicism (0.834), and inefficacy (0.881). The perceived stress scale again had three dimensions: 4 items on pressure to perform, 3 items on workload, and 3 items on a time restraint. The scale was adopted from Bedewy and Gabriel [89] and Cronbach’s alpha reliability value was found to be satisfactory (0.62, 0.782, and 0.613, respectively). Resilience was measured by using the validated Connor–Davidson Resilience Scale [90] which has 10 items, but only seven items related to academic resilience were used for this study. The scale demonstrated modestly satisfactory internal consistency, with a Cronbach’s alpha of 0.875. These scales were measured on a 5-point Likert scale (1, strongly disagree; 5 strongly agree). PIU was measured using a scale developed by Young and Rogers [36] and each item was measured on a 5-point scale, ranging from 1 (never) to 5 (always) for each subscale (Cronbach’s alpha 0.820). Perceived learning was measured using the scale of Rovai et al. [9] (Cronbach’s alpha of 0.614) (Appendix A). Structural equation modeling was used to explain variation in the perceived learning of students. The Partial Least Squares (PLS) is quite popular owing to the small sample size for complex models and few assumptions on data properties such as normality and heterogeneity.




3.2. Sampling Design


The population for the study was students of business management and commerce institutions and the sampling frame was the list of students that were accessible in the randomly selected ten colleges (out of 24 colleges) who were pursuing undergraduate (UG) and postgraduate (PG) education in various institutions in Coastal Karnataka. Each institution had around 200 UG students and 120 PG students. Therefore, the sample frame was 3200. However, we approached only final year students, comprising a total of 1200. A total of 350 students were requested to fill out the questionnaire over 3 months (September to November 2020). In the absence of an accessible sampling frame, especially during the current pandemic, when physical movements were restricted, the exponential non-discriminatory snowball sampling method was used to collect the data. A small group of students pursuing undergraduate or postgraduate degrees were first selected, and then they were asked to suggest potential subjects to whom questionnaires were sent in the next stage and so on until the required sample was obtained. The survey instrument was administered using online applications such as WhatsApp, emails, and social media.





4. Results


The sample consisted of 54.8% males and 45.2% females, with ages ranging from 21 to 27 years. The majority were 21 to 25 years old (91.8%) and 44.1% lived in urban areas, while 31.2% were in rural and the remaining were in semi-urban areas. All constructs had a lower than five variance inflation factor (VIF) value and all the indicators were reflective; hence, the statistical significance of independent variables would not be affected by multi-collinearity.



4.1. Assessment of Measurement Model


The indicators of many constructs demonstrate higher outer loadings than the threshold value of 0.70 and composite reliability values were above 0.85, much above the threshold value of 0.7 (Table 1).



Average variance extracted (AVE) to measure convergent validity was found to be above 0.5, which implies that a given construct can explain more than half of its indicators’ variances (Table 1). The HTML ratio criterion that measures discriminant validity was less than the cut-off 0.9 value (Table 2).




4.2. Structural Model: Estimating the Model without First-Order Constructs


The three components of burnout, namely exhaustion, cynicism, and inefficacy, were considered as separate constructs in the first-order model, and the overloading and measurement model was assessed for its reliability and validity. After establishing the relevance of the measurement model, the second-order model where burnout was measured as a formative construct was formed by the three reflective first-order constructs (reflective–formative model). The latent scores of the three lower-order constructs of burnout were added to the dataset before running stage two. Here, the three latent variable constructs acted as the indicators of the higher-order construct burnout forming it. In the measurement model of the formative higher-order construct (HOC), burnout was validated by running the bootstrapping procedure with 5000 samples. The outer weights were checked for significance, and here the outer weight of exhaustion, cynicism, and inefficacy was above 0.5 and were significant.



There are four exogenous constructs, including stress influencing PIU and burnout, which in turn affect PL. Resilience moderates the relationship between burnout, stress, PIU, and PL. The R2 of PL and burnout was moderately high at 0.489 and 0.431, respectively, suggesting that our structural model has good predictive validity. The R2 of PIU was 0.198 and resilience was 0.135, indicating a lower predictive ability. The significant path coefficients imply a strong positive relationship between PL and burnout (β = −0.31, p < 0.00) (H1), stress and PL (β = 0.21, p < 0.05) (H2), burnout and PIU (β = 0.35, p < 0.00), stress and burnout (β = 0.43, p < 0.00) (H4), stress and PIU (β = 0.45, p < 0.00) (H3), resilience and PL (β = 0.64, p < 0.00), and resilience and burnout (β = −0.36, p < 0.00).



Multiple mediation effects were assessed. The strengths of mediation effects using variance accounted for (VAF) is depicted in Table 3. The specific indirect effects (partial complementary) of burnout in mediating the relationship between stress and PL (β = −0.14, p < 0.001) were seen (Table 4). Furthermore, the partial complementary indirect effect of Stress - > PIU - > Burnout (β = 0.14, p < 0.001), Stress - > Burnout - > Resilience - > PL (β = −0.11, p < 0.05) Stress - > PIU - > Burnout - > Resilience (β = −0.05, p < 0.05), and Stress - > Burnout - > Resilience (β = −0.17, p < 0.05) was observed. Moreover, PIU - > Burnout - > Resilience - > PL (β = −0.07, p < 0.05), PIU - > Burnout - > Resilience (β = −0.11, p < 0.001), PIU - > Burnout - > PL (β = −0.09, p < 0.001), and Burnout - > Resilience - > PL (β = −0.23, p < 0.001) were noted. Partial competitive indirect effect was observed in the path Stress - > PIU - > Burnout - > PL (β = −0.04, p < 0.001) and Stress - > PIU - > Burnout - > Resilience - > PL (β = −0.03, p < 0.05), For the first-order model, the bootstrap-based exact fit measures, as well as approximate fit measures, such as SRMR indicate that model fits well, SRMR was 0.08 which less than 0.1 [40] and NFI (normed fit index) closer to 1 (0.721) and RMS_theta values of 0.117 (desirable value is less than 0.12) indicate a good fit model.



We have observed a suppression effect in which a non-significant total effect of stress on PL could be partitioned into a significant direct but positive effect and indirect negative significant effect, which cancel out each other (Figure 1). Because the inclusion of burnout, PIU, and resilience as the mediator decreases the positive effect of stress on PL, direct and indirect effects with opposite signs were observed. The full competitive mediation was evident as burnout mediated (β = −0.14, p < 0.00) the path between stress and PL, and multiple mediations of burnout and resilience in the relationship between stress and PL (β = −0.10).



The blindfolding procedure was carried out to assess predictive relevance. The model has a Q2 value of 0.312, which is larger than zero; hence, the model has predictive relevance. The f2 analysis (Table 5) reveals that resilience - > PL has a value of 0.692, suggesting a considerable significant effect, stress - > internet addiction has a value of 0.260, PIU - > burnout has a value of 0.175, and stress - > burnout has a value of 0.262, which are medium-size effects. Burnout and stress on PL have a small effect (less than 0.10).




4.3. Importance–Performance Map Analysis (IPMA)


IPMA analysis reveals that PIU has relatively greater importance (−0.083) but lower performance (43.53) for resilience, whereas burnout and stress have lower importance (−0.28 and −0.22, respectively) but higher performance (51.64 and 56.68, respectively). However, urgent actions are needed to reduce PIU as it seems to be an important determinant of resilience with a higher effect but lower performance. IPMA analysis for PL and burnout did not suggest any areas for immediate action (either construct being in the first quadrant implying that no action is needed or too much performance without much effect).





5. Discussion


The present study reports a non-significant negative total effect of stress on PL while a significant positive direct effect (stress - > PL) and a significant indirect negative effect of multiple mediators (stress - > PIU - > burnout - > resilience - > PL). The direct but positive effect of stress on learning (Table 5) implies that a certain level of stress is needed for effective learning. However, the indirect effect occurs when a higher level of stress leads to PIU, which in turn would not only cause burnout but also negatively affect perceived learning (Table 4). In the relationship between stress and PL, burnout has full competitive mediation, which means that a favorable effect of stress on PL becomes negative if stress leads to burnout and lower resilience. Thus, the suppressive effect of burnout and resilience cancels out the favorable impact of stress on PL, resulting in lower PL. The present study found no direct effect of stress on resilience but suppressing the mediating effect of burnout in reducing the resilience of students, implying that if stress causes burnout, the resilience capacity of learners would be negatively affected that hampers learning. The effect of stress on PL via PIU is less pronounced compared to the impact of stress on burnout and resilience, which in turn negatively affects PL. Moreover, PIU has a substantial negative impact on student resilience, which necessitates the attention of educators and parents.



Perceived stress arising out of the pandemic and lack of social interactions with higher online exposure puts pressure on students. When students feel exhausted and perceive themselves to be incompetent, the frustration or tension about academic performance forces them to engage in avoidance behaviors such as abstaining from classroom activities and being absent from the learning context. Thus, effective learning is diminished because of psychological and physical withdrawal from studies, which is commonly observed in students experiencing burnout [20,35,37,44]. Management is a stressful profession and learning new technical subjects and gaining competency requires a considerable amount of time and dedication which may take a toll on the students [24,25,55]. The study pressure, workload, and continuous stress would lead to PIU and academic burnout, and in the end, students may fail to develop any competencies. It is possible that when an individual faces a challenging situation such as ERTL when they are used to physical classroom teaching methods, they would feel unhappy or have a sense of lack of control and experience burnout. This is when the objectives set are too high to achieve with the capability of an individual, so they might feel ineffective to meet the performance standards. Therefore, feelings of powerlessness or uselessness increase emotional exhaustion, depersonalization, and inefficacy and reduce the level of psychological resilience, and thereby negatively affect academic learning as endorsed by few studies [35,38,45,63].



Since the onset of pandemic, most universities and educational environments have adopted an online mode of learning, and students are expected to complete assignments and projects and take tests online using ICT infrastructure and tools provided by institutions. Being online to undertake these tasks increases emotional exhaustion and lack of touch with real persons. Among the online activities, social networking, entertainment, and gaming activities have become a part of daily social life, as reported by some studies [48,50,51]. As an important means of communication, social networking is the main reason behind mental health issues. The intensive use of these sites causes psychological distress; accordingly, we found a direct effect of PIU during the pandemic and burnout experienced by the students. Similarly, many studies have observed a significant relationship between burnout and PIU caused by depression or stress [66,76,80,81].



As internet penetration has improved, young adults have increased their use of social media sites such as Facebook, Instagram, and Twitter that have been integrated into their lives. Students addicted to the Internet experience a high level of distress and burnout; this finding has been observed in other studies [74,85,86,87]. However, the beneficial effect of the internet during online education in the form of constant communication with peers and teachers and the advantages of these communications and relationships during home isolation and social exclusion cannot be denied. The supportive function of internet platforms in improving interpersonal interactions also provides immense scope to surf the Internet for gaming, watching movies, or other distractive and harmful activities and hampers academic achievement. Excessive use of the Internet occurs when students have some difficulties in mastering the subject or face problems in understanding the curriculum. Stressful situations give rise to burnout and increase the likelihood of discontinuing their education and lead to failure when learners are deprived of classroom group activities and peer learning, physical sports activities, or social engagement. Without any support from educators or classmates in understanding difficult subjects or concepts, family-related pressures, competition among peers, financial distress, and academic prerequisites lead to academic burnout [7,17,22].



Many studies have corroborated our findings of a negative relationship between academic burnout and academic success [44,45]. The findings of our study demonstrate that resilience is a key component in decreasing the impact of burnout on learning. It reduces negative psychological ill-health through its positive association with psychological health and thus improves academic outcomes. When students feel exhausted, irritable, detached, and cynical about study-related tasks, their dedication to academic work declines. Lack of energy and resources required to meet academic pressures and expectations makes students perform poorly. When learners face difficulties grasping technical concepts and lag others, the inability to excel as expected forms into a negative attitude towards academic tasks and they become indifferent (cynicism). A feeling of inadequacy and perception of reduced competence (inefficacy) leads to ineffective outcomes [38,44]. Since the students attend classes and carry out several structured activities to pass a course or earn a degree, academic exhaustion, cynicism related to study, and decreased efficacy to complete the assessment tasks can be expected. Few studies have reported the benefits of resilience [39,45,57,90]. Smith et al. [39] contend that students’ capacity to cope (based on resilience level and mental health status) will decrease the negative consequences of stress on academic decisions. Disengagement with others because of spending most of their time on the Internet harms social relationships, causes burnout, and reduces resilience to cope with academic challenges. A perceived or real fear of internet disconnection or failure during time-bound assessment tests and exams also adds to the stress. Some students spread rumors that the end-of-semester or end-of -year exams can be cancelled unnecessarily distracts most of the students in that they participate willingly or unwillingly in mass letter campaigns to cancel the exams. The energy of the students is drained as the exams are nearing. When the exams are not cancelled, they are not ready psychologically to face the exams.




6. Practical Implications


Despite the beneficial effect of social networking on a person’s development and communication with peers, specifically to those feeling socially excluded, it is useful to classify harmful and non-harmful activities and guide learners on their proper use. Therefore, internet education is highly needed to create awareness about the adverse effect on psychological health. Higher education institutions should frame guidelines and communicate with students of possible risks of harmful use of the Internet among students and encourage the efficient use of this technology to prevent risks including academic burnout. Educators can also incorporate variety into the curriculum to encourage students to collaborate and obtain skills through vocational certification, as well as foster inventiveness and coping abilities that will allow learners to develop resilience. Close monitoring by parents on the behavior of their children while attending online classes would reduce excessive internet activities. The importance of support from teachers, peers, and counseling must be acknowledged and these stakeholders should be a part of counselling process.



Higher education institutions should make clear the adverse implications of burnout among their faculty and students. As a societal problem, change in educational policy and prevention strategies for individuals (stress management) and organizations (reducing the number of courses, number of exams, handling parental expectations) is likely to be most effective [5,10]. We suggest students experiencing burnout should be asked to reduce the number of difficult courses and reduce extracurricular activities. Instead, a weekly schedule must be prepared to identify productive activities and focus on effective time management. Inefficacy beliefs make students disengage in academic tasks as they feel incompetent and lack confidence and spend less time and expend fewer efforts on academic activity. Students feeling efficacy would persevere, even if they faced obstacles, and be resilient in difficult situations. To tackle cynicism that shows a lack of empathy and a sense of community, civility interventions are to be imbibed among students. Emotional intelligence to improve resilience that assists students to sail through current challenging situation and the use of ICT for reducing negative and unexpected emotional outbursts should be encouraged.



The institutions should advise students to work less, reduce the number of contact hours and leave adequate breaks in between the class and avoid overloading the students with assignments in a particular period (say, the last few weeks of the semester); rather, these should be spread out throughout the semester. They should provide mechanisms and skills to cope with addiction and burnout, including cognitive restructuring, conflict resolution, time management, social support (both from teachers, peers, and family), and the use of relaxation strategies (online yoga classes). The educational institutions must fulfill confidence among the students in facing the proctored exams. Any internet issues they face during the exams are not set against them. Any fears about the proctored exams are to be allayed and post-exam disputes need to be resolved. Since performance in exams plays an important role in the success of students’ lives and careers, any concerns in the minds of students in attending the exams in online mode (in particular, in proctored exams) need to be resolved by the institutions early on. The students should also be trained to develop a better understanding of themselves using various self-analytic techniques, counselling, or therapy. The lack of time and psychological stamina to withstand pressure prevents students from refining existing skills and learning new courses. The sense of inefficacy cripples the students’ ability to perform. Inefficacy can be reduced by being responsive and recognizing changes in behavior such as prompt submission of assignments, completion of online certificate courses, active interaction in classrooms, positive contribution in group discussions, and peer interactions.




7. Conclusions


The current study found full suppression of the positive effect of stress on PL, giving rise to a negative non-significant effect on PL due to the combined negative profound effect of PIU, burnout, and lack of resilience. If stress causes PIU and prolonged stress transforms to burnout, there would be an adverse effect on student learning. We found a negative effect of burnout on resilience and PL, implying that academic burnout (cynicism, exhaustion, and inefficacy) decreases psychological flexibility to face academic challenges and thereby reduces learning. Long-term use of the internet as a stressbuster gives rise to burnout, which in turn reduces not only resilience but also perceived learning.



Online education poses challenges to students who lack independence and self-directed learning motivation and self-regulation. The students experiencing stress feel exhausted, lack concern for others, feel incompetent in completing assignments and lack interest in writing examinations. The study-related pressure and burnout turn into poor-quality project work, late submissions, and lower accomplishment of learning goals. On the other hand, students who had lower levels of stress developed strong beliefs that they would succeed, took responsibility for their learning, and used technology better. These students enjoy doing study-related tasks and feel less exhausted or depersonalized and have a higher level of self-efficacy; all these reduce stress, and thereby, burnout would be lesser. Therefore, they perform better than students with high burnout.



Given the negative impact of burnout on students’ ability to cope with academic problems, higher education institutions must support students to maintain enthusiasm all through the program. Because students who have low resilience are often more prone to losing sight of their learning goals and the importance of mastering the subjects, they might eventually drop out of the program. Establishing a relationship of trust and a degree of comfort with students, increased engagement with the quiet students, and creating a sense of the course as a continuous joint effort can help to mitigate the harmful effects of stress on students. Rather than recreating the physical classroom in the virtual online environment, educational institutions should seek to maximize the potential of the digital environment whilst eliminating the challenges.




8. Limitations and Future Scope for Research


The contextual factors in other regions of the country would differ; thus, the socioeconomic backgrounds of students studying in other states of India and other countries can be studied in the future. The role of individual and institution-related factors in influencing stress and PIU can be studied in the future. Variations in the predictability of the model in different demographic groups can be studied. A description of the types of activities promoted under ERTL could not be included in the paper. Since this study is a correlation analysis, explanatory research exploring cause and effect relationships can be studied using longitudinal studies. Studies should also focus on the pathways to burnout and the moderating effect of personal, lifestyle, and social factors on the relationship between burnout and achievement. It is important to understand how instructor burnout influences student burnout and whether this affects academic achievement. Studies can be conducted that examine the destructive behavior of the section of the students who engage in sabotaging the holding of online tests. Furthermore, several alternatives but reliable assessment tasks should be developed that measure student learning in online classes using students from other areas of knowledge and monitoring the effect of different emergency remote teaching and learning practices would be very useful.







Author Contributions


Conceptualization, S.B. and H.U.R.; methodology, S.B., I.T.H., R.N.; software, S.B.; validation, I.T.H., H.U.R., and S.B.; formal analysis, R.N. and H.U.R.; investigation, S.B. and R.N.; resources, I.T.H. and H.U.R.; data curation, S.B.; writing, S.B., I.T.H., R.N. and H.U.R.; writing—review and editing. H.U.R.; visualization, I.T.H., R.N. and H.U.R.; supervision, I.T.H.; R.N; project administration, S.B.; funding acquisition. All authors have read and agreed to the published version of the manuscript.




Funding


This research received no external funding.




Institutional Review Board Statement


Not applicable.




Informed Consent Statement


Not applicable.




Data Availability Statement


The data presented in this study are available on request from the corresponding author. The data are not publicly available due to privacy issues.




Acknowledgments


We appreciate all respondents for cooperating in the survey.




Conflicts of Interest


The authors declare no conflict of interest.





Appendix A. Measurement Scale




	
Burnout

	
I feel emotionally drained by my studies.




	
I feel tired when I get up in the morning and I have to face another day at the university.




	
Studying or attending a class is really a strain for me.




	
I feel burned out from my studies




	
I have become less enthusiastic about my studies.




	
I’ve become more cynical about the potential usefulness of my studies.




	
I doubt the significance of my studies.




	
I can’t solve the problems that arise in my studies.




	
I believe that I don’t make an effective contribution to the classes that I attend.




	
In my opinion, I am not a good student.




	
I don’t feel stimulated when I reach my study goals.




	
I haven’t learnt any interesting things during my studies.




	
During class I don’t feel confident that I am effective in getting things done.




	
PIU

	
How often do your grades or class work suffer because of the amount of time you spend online?




	
How often do you lose sleep due to being online?




	
How often do you choose to spend more time online over going out with others?




	
Stress

	
My teachers are critical of my academic performance




	
The size of the curriculum (workload) is excessive




	
I believe that the amount of work assignment is too much




	
The examination questions are usually difficult




	
Resilience

	
I can adapt to change




	
I can deal with whatever comes my way




	
Believe I can achieve goals despite obstacles




	
Under pressure I stay focused




	
I am not easily discouraged by failure




	
Think of myself as a strong person when facing challenges




	
Perceived learning

	
I am pleased with what I learned in the course.




	
The learning tasks enhanced my understanding of the content.




	
I learned less in the course than I anticipated.




	
I learned skills that will help me in the future.




	
The course contributed to my professional development.
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Figure 1. Structural Model Predicting Perceived Learning: Direct Effects. * p < 0.00, ------- denotes insignificant relationship. 
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Table 1. Reliability and convergent validity.






Table 1. Reliability and convergent validity.





	
Construct

	
Indicators

	
Outer Loadings

	
Composite Reliability

	
AVE






	
Problematic Internet Use

	
PIU1

	
0.822

	
0.850

	
0.655




	
PIU2

	
0.821




	
PIU3

	
0.784




	
Perceived stress

	
S1

	
0.829

	
0.880

	
0.647




	
S2

	
0.838




	
S3

	
0.792




	
S3

	
0.758




	
Cynicism

	
C1

	
0.859

	
0.889

	
0.669




	
C2

	
0.870




	
C3

	
0.818




	
Exhaustion

	
E1

	
0.761

	
0.901

	
0.696




	
E2

	
0.843




	
E3

	
0.837




	
E4

	
0.891




	
Inefficacy

	
IE1

	
0.787

	
0.909

	
0.625




	
IE2

	
0.838




	
IE3

	
0.825




	
IE4

	
0.740




	
IE5

	
0.817




	
IE6

	
0.729




	
Resilience

	
RS1

	
0.783

	
0.911

	
0.632




	
RS2

	
0.847




	
RS3

	
0.896




	
RS4

	
0.723




	
RS5

	
0.743




	
RS6

	
0.766




	
Perceived Learning

	
L1

	
0.823

	
0.899

	
0.689




	
L2

	
0.807




	
L3

	
0.864




	
L4

	
0.825








Note: AVE—Average Variance Extracted.
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Table 2. Discriminant Validity: HTMT.
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	Cynicism
	Exhaustion
	Inefficacy
	Problematic

Internet Use
	PL
	Resilience





	Cynicism
	-
	-
	-
	-
	-
	-



	Exhaustion
	0.737
	-
	-
	-
	-
	-



	Inefficacy
	0.763
	0.726
	-
	-
	-
	-



	Problematic

Internet Use
	0.573
	0.497
	0.638
	-
	-
	-



	Perceived learning
	0.394
	0.281
	0.469
	0.213
	-
	-



	Resilience
	0.416
	0.338
	0.381
	0.357
	0.759
	-



	Stress
	0.530
	0.613
	0.615
	0.563
	0.159
	0.308







HTMT—Heterotrait–monotrait ratio of correlations; PL—Perceived Learning.
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Table 3. Determinants of perceived learning: multiple mediation analysis.
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	Specific Indirect Effects
	Total Effects
	Confidence Intervals Bias Corrected

25%:97.5%
	VAF
	Type of Mediation





	Stress - > PIU - > Burnout - > Resilience - > PL
	−0.03 **

(2.21)
	−0.08

(0.72)
	−0.06:−0.01
	37.5%
	Partial competitive



	Stress - > Burnout - > Resilience - > PL
	−0.10 **

(2.55)
	−0.08

(0.72)
	−0.20:−0.03
	100%
	Competitive



	Stress - > PIU - > Burnout
	0.14 *

(3.39)
	0.60 *

(9.98)
	0.06:0.21
	23%
	Partial complementary



	Stress - > Burnout - > PL
	−0.14 *

(2.95)
	−0.08

(0.72)
	−0.23:−0.06
	100%
	Competitive



	PIU - > Burnout - > PL
	−0.09 *

(3.29)
	−0.16 *

(3.64)
	−0.14:−0.04
	56%
	Partial complementary



	Stress - > PIU - > Burnout - > Resilience
	−0.05 **

(2.44)
	−0.24 **

(2.19)
	−0.09:−0.02
	21%
	Partial complementary



	Burnout - > Resilience - > PL
	−0.23 *

(3.01)
	−0.51 *

(4.55)
	−0.36:−0.05
	45%
	Partial complementary



	Stress - > Burnout - > Resilience
	−0.17 **

(2.49)
	−0.25 **

(2.19)
	−0.33:−0.05
	68%
	Partial complementary



	PIU - > Burnout - > Resilience - > PL
	−0.07 **

(2.53)
	−0.16 *

(3.64)
	−0.13:−0.02
	44%
	Partial complementary



	Stress - > PIU - > Burnout - > PL
	−0.04 *

(2.85)
	−0.08

(0.72)
	−0.07:−0.02
	50%
	Partial competitive



	Stress - > Resilience - > PL
	−0.02

(0.28)
	−0.08

(0.72)
	−0.16:0.12
	-
	-







* PL—Perceived learning; ** PIU—Problematic Internet Use; VAF—Variance Accounted For.
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Table 4. F2 and Q2 effect size results.
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	Burnout
	Problematic Internet Use
	Perceived Learning
	Resilience
	q2 Effect Size

(Predicting PL)





	Burnout
	-
	-
	0.101
	0.100
	0.113



	Problematic

Internet Use
	0.175
	-
	0.010
	-
	0.253



	Perceived learning
	-
	-
	-
	-
	-



	Resilience
	-
	-
	0.692
	-
	0.441



	Stress
	0.262
	0.260
	0.058
	0.002
	-







PL-Perceived learning.
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Table 5. Determinants of perceived learning: direct effects.
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	Path Coefficient
	t

Statistics
	p Values
	Confidence *





	H1: Burnout - > PL
	−0.28
	3.61
	0.00
	−0.42:−0.12



	H2: Burnout - > Resilience
	−0.37
	2.96
	0.00
	−0.58:−0.11



	H3: Resilience - > PL
	0.32
	4.78
	0.00
	0.16:0.42



	H4: Stress - > PL
	0.64
	9.03
	0.00
	0.48:0.75



	H5: Stress - > Burnout
	0.47
	7.52
	0.00
	0.33:0.57



	H6: Stress - > Resilience
	0.43
	4.93
	0.00
	0.24:0.57



	H7: Stress - > PIU
	0.25
	3.30
	0.00
	0.08:0.37



	H8: Problematic Internet Use - > Burnout
	−0.03
	0.29
	0.77
	−0.26:0.19







* Intervals Bias Corrected 25%: 97.5%.
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