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Abstract

:

This study examined travelers’ perceived value for a service robot at an airport. The study explored the differences in perceived value, which included utilitarian value and hedonic value, based on the travelers’ demographic characteristics. In addition, we investigated the effect of the two subcategories of perceived value on intentions to use an airport. The study included 322 samples for the statistical analysis. The results of the analysis revealed significant differences in the perceived utilitarian value in regards to age, education, and marital status. A significant difference in perceived hedonic value was also found in relation to marital status. Lastly, the results of the regression revealed that utilitarian and hedonic value positively affected intentions to use an airport. This study presents theoretical contributions as the first examination of the perceived value of robot services at an airport, as well as offering practical suggestions for the airline industry.






Keywords:


service robot; perceived value; demographic characteristics; intentions to use; airline industry












1. Introduction


Technology plays an important role in making our lives easier, and it is an essential factor for providing innovative services to consumers in the hospitality and tourism industry [1,2]. Among the various forms of technology, which include big data, drones, robots, self-driving vehicles, and facial recognition, robots are attracting a lot of attention due to their following advantages. First, robots can replace humans, so they have the advantage of saving labor costs [3]. Second, people are more likely to use non-face-to-face services after the COVID-19 pandemic because of the risk of infection [4,5], so they prefer to interacts with robots in the service industry [6].



The role of robots in the airline industry has recently attracted attention. Travelers often look for staff at an airport in order to obtain various types of information regarding, for example, baggage check-in, airport administration, how to enter and exit the terminal, the boarding of passengers, and departure lounges, and it is sometimes difficult to meet these demands during rush hour. It is somewhat difficult for travelers to find information desks, since airports are spacious. Airports have recently introduced service robots in order to solve this problem [7].



Service robots can be found in several major airports around the world. For example, in the Frankfurt Airport, self-driven guide robots have been employed [8], and Spencer is an airport service robot that leads passengers to their boarding gate in the Amsterdam Schiphol Airport [9]. A service robot named Josie Pepper helps passengers in the Munich Airport with shuttle services, shopping, and restaurant information, as well as answering questions regarding flights [9]. Troika can be found in the Incheon Airport in Seoul, escorting passengers to their gates and providing weather information for destination cities [10,11]. In the Mt. Fuji Shizuoka Airport in Japan, Reborg-Z is a robot that provides guiding and security services and can interpret passengers’ emotions to communicate with them [12]. The robots employed in the Pittsburgh Airport take on other roles by cleaning the airport’s floors with ultraviolet rays [13]. Overall, airport service robots help guests with shuttle services, provide directions, answer questions, and even help scan boarding passes and luggage tags [14]. Some robots expand their customer service role by taking photos with guests or providing entertainment by singing songs [14]. In general, airport patrons are satisfied with service robot interactions; however, passengers were unsatisfied with Spencer’s service failures [12].



Studies conducted before the COVID-19 pandemic focused on social responsibilities in the airline industry [15,16]; in the current study, we tried to apply the concept of perceived value to the service robots in the airline industry. Perceived value has been studied for a long time in the field of consumer behavior [17,18]. The concept of perceived value can be defined as an overall evaluation of the utility of a product/service for consumers [19]. Perceived value is more importantly considered a crucial factor for forming behavioral intentions in the service industry [20,21]. Studies have been conducted on perceived value across several industries, but the research on perceived value in relation to robots in the airport industry is very limited. For example, Ryu et al. [22] confirmed the positive effect of perceived value in the fast casual restaurant industry. Ozturk et al. [23] assessed utilitarian and hedonic value in relation to mobile hotel booking technology and found that both utilitarian and hedonic value had a significantly positive effect on continued use. In the context of Airbnb, hedonic and utilitarian value was positively correlated with customer satisfaction [24]. Teng and Wu [25] discovered that utilitarian and hedonic value positively impacted preference in the green restaurant field. Lastly, perceived utilitarian and hedonic value had a positive effect on purchase intention regarding AI technology for online shopping platforms [26].



This study also focused on travelers’ demographic characteristics when identifying the importance of perceived value, which distinguishes it from prior research. It is widely known that demographic characteristics, such as gender, age, education, and income, are a key factors that affect consumer behavior, because customers’ perceptions of a product/service differ according to their gender, age, education, and income [27,28]. These demographic characteristics are also deemed to be significant factors in the context of new technology [29,30]. This study examined the differences in perceived value according to demographic characteristics.



In summary, the importance of robot service in airports has recently been emphasized, but there is no research related to this issue. More importantly, previous studies have investigated perceived value in diverse industries, but it still is necessary to extend the exploration of perceived value to service robots in the airline industry. To overcome this gap, the purposes of the current study were to explore the differences in perceived value based the demographic characteristics, such as gender, age, education level, marital status, and monthly income. Additionally, we investigated the effects of perceived value on intention to use. The results of this study will aid in the development of marketing strategies for introducing service robots in the airline industry.




2. Literature Review


2.1. Perceived Value


The concept of perceived value has been studied for a long time in order to explain the process of behavioral intention formation in the field of consumer behavior [31,32]. The most commonly accepted definition of perceived value is “the consumer’s overall assessment of the utility of a product based on perceptions of what is received and what is given” [19] (p. 14). In other words, consumers perceive value according to the difference between the benefits obtained from a product and the payment that is made in order to purchase the product [33]. Thus, consumers would have a high level of perceived value when the benefits are greater than the costs, whereas they are more likely to have a low level of perceived value when the benefits are lower than the costs.



When the concept was first introduced, perceived value was measured based on a one-dimensional construct, which tried to understand consumer behavior [19]. For example, Chi et al. [34] studied perceived value in rural tourism and discovered that perceived value significantly affected tourist satisfaction. However, the limitation that it is difficult to fully understand consumer behavior with a one-dimensional construct has been raised [35]. Consequently, various researchers have suggested a multidimensional construct of perceived value in order to identify consumer behavior. For instance, Mattsson [36] categorized perceived value into five subdimensions, namely functional, social, emotional, epistemic, and conditional. Grewal et al. [37] divided perceived value into acquisition value and transaction value. In the study of Sweeney and Soutar [38], perceived value was categorized into four groups: quality, emotional, social, and price. In this model, quality, emotional, and social are the types of benefits, and price is the cost. Sanchez et al. [39] classified perceived value into three subgroups, namely functional, emotional, and social. Lee et al. [40] applied emotional value, functional value, and overall value to explain tourist satisfaction. The two perceived-value dimensions of utilitarian value and hedonic value, which were suggested by Babin, Darden, and Griffin [40], are used the most. Consumer behavior includes both utilitarian and hedonic outputs; however, research in the early 1980s only considered the utilitarian element [41,42]. Hence, Babin et al. [40] created a multidimensional concept of perceived value that included utilitarian and hedonic value.



Utilitarian value refers to efficient, functional, and practical attributes, whereas hedonic value indicates esthetic, experiential, and emotional characteristics [42,43]. For example, when consumers evaluate a certain product/service, their perceived hedonic value is more subjective than their perceived utilitarian value, because it is evaluated from an emotional perspective [41,44]. In addition, utilitarian and hedonic value has been consistently applied to the new-technology-based service field. First, Chiu et al. [45] showed that utilitarian and hedonic value is the key factor that affects repeat purchase intention in the context of B2C e-commerce. Lee and Lyu [46] also discovered that utilitarian and hedonic value enhances intentions to use in the context of self-service technology.




2.2. Effects of Demographic Characteristics on Perceived Value


It is necessary for companies to establish marketing strategies according to the demographic characteristics of consumers, because consumers behave differently according to their gender, age, education level, marital status, income level, and occupation [47]. These types of marketing strategies that consider demographic characteristics play an important role in improving corporate sales [48]. Empirical research has also been carried out on the differences in consumer behavior based on demographic characteristics. For example, Cho and Hwang [49] investigated the differences in motivated consumer innovativeness, considering functional, hedonic, cognitive, and social motivations based on demographic characteristics in the context of drone food delivery services, and they found significant differences in regards to gender. Joo and Hwang [50] explored the importance of demographic characteristics based on SERVQUAL, which assessed tangibles, responsiveness, empathy, reliability, and assurance, in the context of robotic restaurants. The results of the data analysis revealed that there were statistically significant differences in terms of gender, age, education level, and income level. In addition, Yarimoglu [51] investigated demographic differences in service quality and perceived value in private online shopping clubs, finding significant differences in regards to age. Ahn [52] also studied the effectiveness of demographic characteristics in understanding Malaysian customers’ perceived value of the integrated resort sector. The results of the data analysis revealed that there were statistically significant differences in terms of gender and marital status. Zhao et al. [53] also found demographic differences in tourists’ perceived value, with significant differences observed in regards to gender. They based their study the stratification theory [54], which considers the differences between social members and groups that arise due to individuals’ social resources and characteristics. Based on the above empirical evidence and theory, it can be inferred that there are significant differences in perceived value according to travelers’ demographic characteristics. As a result, the following hypotheses were postulated.



Hypothesis 1 (H1).

There are significant differences in the mean for perceived value based on demographic characteristics.






2.3. Intetion to Use


The concept of intention to use can be defined as “the degree to which a person has formulated conscious plans to perform or not perform some specified future behavior” [55] (p. 214). Consumers are more likely to have a high level of intention to use a certain product/service when they have made a favorable evaluation of the product/service [56]. For instance, Pandža Bajs [57] found that the perceived value of tourist destinations had a positive effect on intentions to visit in the future. Gan and Wang [58] discovered that the perceived value of social commerce positively affected intentions to use. There is also sufficient evidence of the effect of perceived value on intentions to use in the context of technology [59,60]. For example, Ozturk et al. [23] identified utilitarian and hedonic value as key factors affecting intentions to use in the field of a mobile hotel booking environment. Ashraf, Hou, and Ahmad [59] also found that utilitarian and hedonic value played an important role in the formation of intentions to use in the context of WeChat. As a result, the following hypotheses were postulated.



Hypothesis 2 (H2).

Utilitarian value has a positive influence on intentions to use an airport.





Hypothesis 3 (H3).

Hedonic value has a positive influence on intentions to use an airport.







3. Methodology


3.1. Measurement and Analysis


We constructed measurement items based on previous studies to test the proposed hypotheses [23,56,59,60]. First, utilitarian value was measured based on three items related to the usefulness, practicality, and convenience of the robot service. Second, hedonic value was measured by three items related to the experience of using the robot service, i.e., whether it was happy, joyful, or pleasing. Third, intentions to use were measured by three items regarding willingness to use an airport in the future, the likelihood of using an airport in the future, and the continuation of airport use. All 9 items were measured using a Likert scale, which ranged from 1 (strongly disagree) to 7 (strongly agree). Lastly, demographic characteristics such as gender, age, education level, marital status, and monthly income were included in the questionnaire.



In addition, in order to test the reliability of the measurement items, we performed a pre-test online survey involving 30 tourists. According to this test, there were no problems with the questionnaire.



We used the SPSS statistical program as an analysis tool. First, the collected responses were subjected to data cleaning, and frequency analysis was conducted in order to identify the characteristics of the sample. Prior to hypothesis testing, principal component analysis was conducted to verify the reliability and validity of the constructs. We carried out a t-test (gender) and one-way ANOVA (age, education, marital status, and monthly income) to test differences according to demographic characteristics. Lastly, multiple regression analysis was performed to test the hypotheses on causal relationships: (1) the effect of utilitarian value on intentions to use and (2) the effect of hedonic value on intentions to use.




3.2. Data Collection


The data for this study were collected by a market research company via the distribution of an online survey. The participants for the study included consumers who had previously received information from service robots (SRs). Consumers have different perceptions of service robots due to the COVID-19 pandemic [3,61]. Therefore, the survey sample consisted of visitors to the Incheon International Airport, which is located in South Korea, after the beginning of the pandemic. Troika is the name of the service robots employed in Incheon Airport [11]. The service robots at Incheon Airport are self-driven robots who guide passengers to their departing gates or other locations within the airport; scan boarding passes to provide flight information; offer weather information; and can answer questions in four different languages, namely English, Korean, Chinese, and Japanese [10,62]. A total of 2225 surveys were distributed online via email. Three hundred and thirty surveys were collected, and eight of them were excluded upon a visual inspection and a Mahalanobis distance check. A total of 322 samples were used for the final analysis.





4. Data Analysis


4.1. Descriptive Statistics


The demographic profiles of the participants included gender, age, education, marital status, and income, which are shown in Table 1. Of the respondents, 50.6% were female and 49.4% were male. Approximately 37.0% (n = 119) of the respondents were between 30 and 39 years old, and 29.2% (n = 94) were between 20 and 29 years old. The majority of the respondents, i.e., 68.9%, held a bachelor’s degree (n = 222). In regards to marital status, 50.0% of the respondents were married (n = 161) and 48.8% were single (n = 157). In regards to income, 32.6% earned between USD 2001 and 3000 each month (n = 105).




4.2. Principal Components Analysis


Table 2 illustrates the results of the principal components analysis that was employed to assess the subdimensions of perceived value. All four factors were found to be unidimensional with eigenvalues greater than 1.0. The Kaiser–Meyer–Olkin (KMO) value was 0.856, which verified the validity of the model. The Bartlett’s test of sphericity was statistically significant at p < 0.001. All the values of the factor loadings were revealed to be greater than 0.787. The variance of the factor model was found to be 81.202%, with a 42.810% variance in the first domain and a 38.393% variance in the second domain. The Cronbach’s alpha value was revealed to be greater than 0.70 in each domain, which confirmed a suitable internal consistency [63]. The first domain was classified as utilitarian value, and the second domain was classified as hedonic value.



Table 3 shows the dimensions of intentions to use, which were confirmed via the PCA. The eigenvalue for intentions to use was found to be above 1.0. The KMO value was 0.763, which meant that the suitability of the PCA was verified. The Bartlett’s test of sphericity result was found to be statistically significant at the p < 0.001 level. A total model variance of 88.473% was observed. All of the factor loadings were greater than 0.934. The model was found to be internally consistent, because the Cronbach’s alpha value exceeded 0.70 [63].




4.3. Results of the t-Tests and One-Way ANOVA: Effects of Demographic Characteristics on Perceived Value


The t-tests and one-way ANOVA were conducted to assess the differences in perceived value based demographic characteristics. The results can be seen in Table 4. The differences according to gender were insignificant in two subdimensions of perceived value. According to the results of the one-way ANOVA, the differences among age groups and education levels were significant for perceived utilitarian value. Significant differences according to marital status were also found for both the utilitarian and hedonic value. Lastly, the differences in perceived value according to the monthly income were found to be insignificant.




4.4. Results of the Regression


A regression analysis was performed to test H2 and H3. The results are shown in Table 5. According to the results, utilitarian value had a significant positive relationship with intentions to use (β = 0.251, t = 3.910, and p < 0.05), which supported H2. Hedonic value also had a significant positive impact on intentions to use (β = 0.301, t = 4.681, and p < 0.05), which supported H3.





5. Discussion and Implications


5.1. Theoretical Implications


First, the present study examined travelers’ perceived value of a robot service at an airport. Perceived value refers to a consumer’s judgement of the utility of a product or a service, including its utilitarian value and hedonic value [19,42,43]. Numerous scholars have studied this concept in the field of consumer behavior [18,31,33]. Recent studies have applied this concept to explain why consumers try new-technology-based services [1,46]. Service robots at an airport demonstrate utility by helping travelers, providing an enjoyable new experience. Thus, the present study applied the concept of perceived value and its subcategories. This study presents a theoretical contribution as an empirical study on the utilitarian value and hedonic value of robot services in the context of the airline industry.



Second, we found significant differences in perceived value based on demographic characteristics. Demographic characteristics are regarded as crucial factors for establishing a marketing strategy [47,48], so recent studies in the field of new-technology-based products/services have examined differences in consumer behavior based on demographic characteristics [49,50]. For instance, Joo and Hwang [50] identified significant differences in SERVQUAL results based on demographic characteristics in the context of robotic restaurants. The present study proposed the hypothesis that there are significant, empirical differences in perceived value according to demographic characteristics. The results of the analysis revealed significant differences in perceived utilitarian value according to age, education, and marital status but not gender and monthly income. A significant difference in perceived hedonic value was found only according to marital status. Previous studies have emphasized the gender differences in the context of new-technology-based services [49,50], but we discovered no significant difference in perceived value according to gender. Whereas these previous studies focused on the foodservice industry, the present study focused on the airline industry. This suggests that the importance of demographic characteristics can differ depending on the industry background, even for the same technology-based service. As a result, the present study offers novel findings related to significant differences in perceived value based on demographic characteristics, including age, education, and marital status.



Third, this study proved the effect of travelers’ perceived value of robot services on intentions to use an airport. Consumers are more likely to try a specific product/service when they have positively evaluated the product/service [56]. Numerous scholars have investigated intentions to use and their antecedents in the context of new-technology-based products/services [23,64,65]. Perceived value is considered a crucial factor in forming behavioral intentions in the service industry [20,23,59]. For instance, Ozturk et al. [23] and Ashraf et al. [59] demonstrated the positive effects of utilitarian and hedonic value on intentions to use in the context of new-technology-based mobile services. The present study proposed the hypothesis that perceived value has an effect on intentions to use in the context of robot services at an airport, which was based on theoretical and empirical evidence. The results of the regression revealed that utilitarian and hedonic value positively affected intentions to use an airport. More specifically, the results of this study revealed that the path coefficient of hedonic value was higher than that of utilitarian value. This conflicted with the results of a previous study on robot services in restaurants [66]. In a study on unmanned robotic coffee shops [67], utilitarian but not hedonic value was found to be significant. This implies that utilitarian value is important in the context of foodservices where products are provided. More importantly, it suggests that hedonic value is more significant in the context of travel for the purpose of happiness or well-being. This represents the first finding of a causal relationship between perceived value and intentions to use an airport in the context of robot services.




5.2. Managerial Implications


First, the hedonic value of robot services positively influences intentions to use an airport. Service robots in the travel and tourism industry are developed for utilitarian services to provide intelligent automation [7], but this study illustrated that hedonic value more positively affects intentions to use than utilitarian value. Thus, the dialog systems of service robots at airports should be friendly and joyful as opposed to formal and businesslike. For instance, a service robot could make a joke after helping travelers by saying “Have a wonderful trip, and don’t forget to buy a souvenir for me when you get back from your trip. See you!” as opposed to “Thank you, have a good flight”. This would remain a memorable and hedonistic experience for travelers, rather than just the use of a robot service.



Second, the utilitarian value of robot services also has a positive effect on intentions to use at an airport. Managers should constantly consider how travelers experience utilitarian services with robots at an airport. For instance, it would be more useful if a service robot that moved a travelers’ luggage could be reserved or called up by a mobile app. Managers could periodically dispatch mystery shoppers to find improvement points in order to make robot services more utilitarian, and focus group interviews gathering travelers’ opinions should be conducted in order to develop new utilitarian services.



Third, the service managers at airports should consider demographic characteristics when establishing robot service systems. For instance, a navigation app in South Korea called Kakao Navi provides directions using the voice of the children’s animation character Pororo [68]. This service entertains children while their parents drive, so it is hedonic for children and utilitarian for parents. The results of this study revealed that married travelers evaluated the utilitarian and hedonic values of robot services at airports higher than those who were single. Service robots would be particularly helpful to married travelers who have to take care of children. The ability to choose a child-friendly interface for a service robot at an airport would provide a utilitarian and hedonic experience for married travelers with children.





6. Conclusions


This study successfully examined travelers’ perceived value, including utilitarian value and hedonic value, of a robot service at an airport. We found significant differences in perceived value based on demographic characteristics, which included age, education, and marital status. Moreover, the study proved the positive effects of the two types of perceived value among travelers regarding robot services on intentions to use airports. The findings of this study present theoretical contributions and practical suggestions for robot services in the context of the airline industry. The study demonstrated for the first time that there are significant differences in perceived value based on demographic characteristics. It also presents empirical evidence for the causal relationship between travelers’ perceived value of robot services and intentions to use in the context of the airline industry. In addition, we suggested that friendly and joyful dialog systems should be implemented in service robots at airports in order to enhance their hedonic value. We also suggested that it would be more useful if a service robot that moved a travelers’ luggage could be reserved or called up by a mobile app.



Nevertheless, the present paper has some research limitations. First, this study only involved respondents who visited the Incheon International Airport in South Korea, so the findings are difficult to generalize. Second, we identified significant differences in perceived value based on demographic characteristics, but a more detailed demographic survey should have been conducted. For instance, married travelers may evaluate perceived value differently depending on whether they have children or not. Numerous scholars have focused on the DINK (dual-income, no kids) family type, because this family type is increasing in prevalence worldwide [69,70,71]. We suggest that future studies should investigate married travelers’ perceived value of service robots at airports, focusing on whether or not they have children. Lastly, travelers with insufficient experience of new-technology-based services may be hesitant to use robot services, even if they have utilitarian and hedonic value. People worry about unexpected negative outcomes, a phenomenon referred to as perceived risk [72,73,74]. Thus, it is necessary to study travelers’ perceived risks for robot services at airports.
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Table 1. Respondent profile (n = 322).
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	Variable
	n
	Percentage





	Gender
	
	



	  Male
	159
	49.4



	  Female
	163
	50.6



	Age
	
	



	  20s
	94
	29.2



	  30s
	119
	37.0



	  40s
	72
	22.4



	  Over 50s
	37
	11.5



	Education Level
	
	



	  High school diploma
	20
	6.2



	  Associate’s degree
	36
	11.2



	  Bachelor’s degree
	222
	68.9



	  Graduate degree
	44
	13.7



	Marital Status
	
	



	  Single
	157
	48.8



	  Married
	161
	50.0



	  Other (divorced and widow/widower)
	4
	1.2



	Monthly income (USD)
	
	



	  6001 and over
	30
	9.3



	  5001–6000
	13
	4.0



	  4001–5000
	49
	15.2



	  3001–4000
	50
	15.5



	  2001–3000
	105
	32.6



	  1001–2000
	52
	16.1



	  Under 1000
	23
	7.1
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Table 2. Results of principal components analysis for perceive value.
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	Variables (Mean and Standard Deviation)
	Factor Loading
	Eigen Value
	Explained Variance
	Cronbach’s α





	Utilitarian value (5.14 and 0.97)
	
	2.569
	42.810
	0.917



	It was useful.
	0.881
	
	
	



	It was practical.
	0.874
	
	
	



	It was convenient.
	0.852
	
	
	



	Hedonic value (5.21 and 0.90)
	
	2.304
	38.392
	0.837



	I was happy.
	0.844
	
	
	



	I was joyful.
	0.814
	
	
	



	I was pleased.
	0.787
	
	
	







Note: KMO measure of sampling adequacy = 0.856; Bartlett’s test of sphericity p < 0.001; and total explained variance = 81.202%.
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Table 3. Results of principal components analysis for intentions to use.
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	Variables (Mean and Standard Deviation)
	Factor Loading
	Eigen Value
	Explained Variance
	Cronbach’s α





	Intentions to use (5.67 and 0.97)
	
	2.654
	88.473
	0.935



	I am willing to use an airport in the future.
	0.951
	
	
	



	I am likely to use an airport later.
	0.935
	
	
	



	I will continue to use an airport.
	0.934
	
	
	







KMO measure of sampling adequacy = 0.763 and Bartlett’s test of sphericity (p < 0.001).
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Table 4. Results of t-tests and one-way ANOVA: differences in perceived value based on respondents’ demographic characteristics.
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Gender

	
Male

	
Female

	
t-Value

	
p-Value






	
Utilitarian value

	
5.05

	
5.22

	
1.636

	
0.103




	
Hedonic value

	
5.21

	
5.22

	
0.151

	
0.880




	
Age

	
20s

	
30s

	
40s

	
50s

	
F-value

	
p-value




	
Utilitarian value

	
4.96

	
5.17

	
5.16

	
5.43

	
2.244

	
0.083 *




	
Hedonic value

	
5.05

	
5.28

	
5.22

	
5.40

	
1.757

	
0.155




	
Education

	
High school

diploma

	
Associate’s

degree

	
Bachelor’s

degree

	
Graduate

degree

	
F-value

	
p-value




	
Utilitarian value

	
5.35

	
5.26

	
5.17

	
4.79

	
2.480

	
0.061 *




	
Hedonic value

	
5.13

	
5.34

	
5.22

	
5.14

	
0.382

	
0.766




	
Marital status

	
Single

	
Married

	
Others

	
F-value

	
p-value




	
Utilitarian value

	
4.98

	
5.28

	
5.66

	
4.385

	
0.013 **




	
Hedonic value

	
5.10

	
5.32

	
5.41

	
2.624

	
0.074 *




	
Monthly income

(Korean won,

units: million)

	
Less

than

1.00

	
1.01

~2.00

	
2.01

~3.00

	
3.01

~4.00

	
4.01

~5.00

	
5.01

~6.00

	
More

than

6.01

	
F-value

	
p-value




	
Utilitarian value

	
5.13

	
5.00

	
5.19

	
5.01

	
5.21

	
5.10

	
5.30

	
0.552

	
0.768




	
Hedonic value

	
5.37

	
5.08

	
5.19

	
5.17

	
5.25

	
5.25

	
5.40

	
0.539

	
0.779








Note: * p < 0.1 and ** p < 0.05.
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Table 5. Results of regression: the effect of perceived value on intentions to use.
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Independent Variable

	

	
Dependent Variable

	
Beta

	
t-Value

	
Hypothesis






	
H1

	
Utilitarian value

	
→

	
Intentions to use

	
0.251

	
3.910 *

	
Supported




	
H2

	
Hedonic value

	
0.301

	
4.681 *

	
Supported








Note: * p < 0.05, F-value = 53.889, and adjusted R2 = 0.24.
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