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Abstract

:

Recent reports associate teachers’ turnover intentions as a response to disruptions and transition of the teaching-learning process (e.g., flexible learning) due to the COVID-19 pandemic. This study explores the antecedents of teachers’ intention to teach in a flexible learning system (FLS) and their turnover intentions via an extended theory of planned behavior (TPB). Using a cross-sectional survey, 417 valid responses were analyzed to model this phenomenon, with self-efficacy and digital nativity as antecedent variables and job satisfaction and organizational commitment as predictors of teachers’ attitudes. We also examined whether the intention to teach in FLS is moderated by age. Results from Partial Least Squares-Structural Equation Modeling (PLS-SEM) generate insights from the 12 hypothesized paths of the proposed model. We uncover salient findings such as (1) the extended TPB model explains 61% of the overall variations of intention to teach in FLS, (2) attitude is positively explained by job satisfaction and organizational commitment, (3) digital nativity and self-efficacy positively influence the attitude, subjective norm, and perceived behavioral control in the context of teaching in FLS, with perceived behavioral control as the strongest predictor of teaching intention, (4) the negative relationship between intention to teach in FLS and turnover intention of teachers, and (5) age has no moderating effect on the teachers’ intention to teach in FLS. Some practical insights and future research works are outlined in light of these findings.
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1. Introduction


The United Nations Sustainable Development Goals, particularly on quality education (Goal 4), aspire to equal access for all to quality tertiary education. Such access is intertwined by the concerted efforts of both teachers and students in a fostering and safe environment. However, the ongoing COVID-19 pandemic has remarkably disrupted people’s way of life, including the educational sector, impacting over 60% of the world’s student population [1], aside from its adverse impacts on the education workforce. Educational organizations swiftly established alternative learning modalities that limited in-person classes from the basic to the tertiary levels. Higher education institutions (HEIs) adopt a flexible learning system (FLS) to avoid and reduce the dangers of infections in the academic community. Several studies (e.g., [2]) espoused the practicality of the FLS amid the COVID-19 pandemic. Flexible learning affords several options for personalizing the learning experience depending on the learners’ unique needs and preferences [3]. This approach allows students to choose their learning path while meeting formal learning objectives. In addition, it encourages students’ independence and inventiveness [4].



Implementing FLS entails the integration of technology using e-learning resources, facilities, and equipment, including but not limited to laptops, smartphones, tablets, and others. A recent study by Santiago et al. [5] revealed that cellular mobile applications were the frequently used educational device and e-learning resources that support FLS. On the other hand, online learning platforms, both for synchronous and asynchronous classes, have become popular, especially among HEIs. Meanwhile, Google classroom has made it one of the leading extensively used online learning platforms for synchronous classes intended to promote learnability [6]. Kumar [7] claimed that the popularity of Google classroom is associated with its characteristics being cost-effective, easily accessible, and user-friendly. It improves student engagement, enhances group dynamics, allows for self-paced learning, information accessibility, and exchanging files between teachers and students and makes online learning faster [8]. Other emerging online learning platforms that were very popular for teaching and learning activities during the pandemic include Canvas, Microsoft Teams, and Edmodo. On the other hand, Northey et al. [9] examined the use of Facebook to facilitate asynchronous learning opportunities complementary to face-to-face interactions. Ramadan [10] finds Facebook to be an effective pedagogical and promising educational tool for conducting teaching and learning processes. Under remote learning during the pandemic, Barrot [11] recently claimed that students who use Facebook-based e-portfolio had outperformed those from the conventional portfolio group. Nevertheless, integrating technology and learning domains provides teachers and institutions with more freedom to use time and space in innovative ways that cater to the needs and interests of their students [12].



Despite the promising benefits of the flexible learning modality, several issues have spurred its implementation. In addition, among many reasons, educators may be relatively open or closed in their views about a flexible learning environment. Mishra et al. [13] point out that some faculty members who are not technologically knowledgeable will find adopting this approach challenging. In an FLS, teachers who are used to traditional teaching delivery must embrace technology despite their lack of technological literacy [14]. Teachers are compelled to rethink the changes in their teaching roles, the learning content, students’ degree of attention, interest, passion, internet connectivity, and pedagogical knowledge [4,15,16].



Various factors are linked to amplified turnover rates due to technological advancements and the trend toward flexible learning in education. Among these were issues with student conduct, a lack of faculty input in educational decision-making, insufficient administrative support for the institution, and low remuneration [17]. Several studies in the USA have suggested that teachers’ decisions about their jobs are influenced by their salaries [18]. Environmental, individual, and organizational factors can impact teacher turnover [19]. Li and Yao [20] found that burnout is a significant predictor of teachers’ intention to leave the profession, while workload and stress significantly correlated with it. Moreover, teachers express concern about how to make students more visible on Internet-delivered courses; how to personalize instruction and student connection; how to involve students in extra interactive learning; how to differentiate and pace learning activities, and how to advance more effective strategies for learning, evaluation, and reflection and take care of health and safety of their students [21]. Likewise, teachers’ view of the flexible learning environment stresses the importance of a good fit between the educational program, professional learning development, and the school design to create a thriving learning environment [16]. Additionally, in the case of developing economies such as the Philippines, IT infrastructure is one of the identified challenges which could hinder the smooth implementation of technology-driven instruction [22].



These challenges could affect the teacher’s intention to teach in an FLS, which is associated with turnover intention [23]—an employee’s final decision or action before leaving the organization [24]. Tett and Meyer [25] initially described turnover intention as a conscious and purposeful desire to quit the organization. A stream of the literature reveals various factors, including theoretical models, associated with turnover intentions [26,27]. One of the occupations with the highest turnover rates is teaching, with some insights offered in previous studies [28]. Since it requires direct interaction with essential stakeholders, teaching is a profession that provides high levels of emotional demands [28]. Emotional needs are associated with detrimental effects such as teacher burnout, job discontent, and diminished zeal [29]. Lee [30] found a clear correlation between burnout and teachers’ intention to leave the profession. In addition, teachers find the job to be highly stressful due to student misbehaviors and disciplinary issues. Aloe et al. [31] found a link between student behavior and teacher turnover. Additionally, studies (e.g., Hanushek et al. [32]) show that geographical locations influence working circumstances, school and student characteristics, and teacher mobility. As a result, demanding schools typically experience greater levels of teacher turnover [33,34]. On the other hand, social support has been shown to interact with workplace stress factors in predicting the willingness to resign among various employees [35], including teachers [17,36]. Surprisingly, the findings revealed that teachers who felt they had received inadequate administrative support were more than twice as likely to leave their current position. However, due to technological advancements and the trend toward flexible learning in education, especially during the COVID-19 pandemic, the turnover rates of teachers have been amplified.



There are various models used to explain turnover intentions, including the Self-Determination Theory (SDT) [37], the Theory of Reasoned Action (TRA) [38], and the Theory of Planned Behavior (TPB) [39]. See Kim and Fernandez [40], Gagné and Deci [37], and Zhao et al. [41] for the SDT, TRA, and TPB applications. SDT offers insights into how employee empowerment positively impacts job satisfaction; thus, it can be a ground for employees not to leave their job [40]. It explores variables including employee empowerment, job satisfaction, and turnover intention. However, these constructs are weak in determining the volitional and non-volitional factors in leaving the teaching profession. For instance, to increase confidence and competence among teachers, they must first believe in their capacity to perform associated tasks (attitude), which is considered volitional behavior. Non-volitional factors refer to those behaviors following external factors, such as teachers having confidence because others think they are capable of performing the tasks. On the other hand, TRA includes only attitude, subjective norms, and turnover intention as variables. Distinct from TPB, which predicts non-volitional behaviors by incorporating perceptions of control over the performance of the behavior as an additional predictor, TRA restricts itself to volitional behavior [39,42]. Behaviors requiring skills, resources, and opportunities not freely available are not considered to be within the domain of applicability of the TRA [43,44] but are relevant in modeling turnover intentions. As an extension of the TRA, TPB expands the model’s scope by incorporating perceived behavioral control (PBC) as an additional construct to address the non-volitional factors associated with behaviors. This makes the TPB more fitting in modeling turnover intentions, as evidenced in prior studies [41].



Despite the popularity of TPB in turnover intention studies, using technologies to support FLS requires a more elaborate model that captures teachers’ confidence in the tech-savvy environment. Along this line, teachers’ confidence tends to influence their view or attitude (volitional factors) on how well they can perform a specific task (i.e., learning activities in an FLS), as well as how others view them (non-volitional factors) in successfully executing the task. Others’ knowledge of such confidence impacts their view on how teachers can perform those tasks. Popularly, in the domain literature, teachers’ confidence is highly associated with self-efficacy and digital nativity (e.g., [41,45,46]). On the other hand, the current literature emphasizes the role of job satisfaction and organizational commitment on teachers’ attitudes [47], which may have different variations among teachers than in other workforce groups. Job satisfaction promotes a positive workplace environment and enhances employee enthusiasm [48]. Consequently, when teachers are satisfied with their jobs, it tends to affect their behavior in performing a given task [49]. Moreover, organizational commitment denotes employees’ dedication to voluntarily rendering extra services beyond their specified scope of work to attain organizational goals [50]. The presence of commitment among employees impacts their attitude in performing required tasks, particularly in an FLS where more efforts are needed to become familiar with the technology-driven environment.



Thus, this study extends the TPB by incorporating self-efficacy and digital nativity in its primary constructs to better explain teachers’ turnover intention, given that FLS is the primary mode of teaching and learning. In addition, consistent with several studies in the literature, job satisfaction and organizational commitment are considered antecedents of attitude within the context of TPB. Following the notion and some empirical evidence [51] that age affects the intention to work in a technology-focused environment, the proposed model integrates the role of age in teachers’ turnover intentions. Some studies argue that younger workers are more adaptive to new technologies than older ones [52]. With a mix of young and old generations among faculties in HEIs, such an argument may hold ground. This extended TPB model is deemed more relevant in capturing idiosyncrasies associated with the presence of technologies to support FLS. Cross-sectional empirical validation of such a proposed extended TPB model is implemented in the faculties of Philippine HEIs with partial least squares-structural equation modeling (PLS-SEM). The insights of the proposed model would advance our understanding of the factors affecting teachers’ turnover intention, which could be inputted into the design of human resource management interventions in HEIs amidst implementing the FLS in teaching and learning processes.



The rest of the paper is organized into the succeeding sections: Section 2 presents the review of the related literature, while Section 3 discusses the research hypotheses. Section 4 describes the methodological procedures and reports the result of the PLS-SEM analysis. Section 5 details the implications of the findings. Section 6 offers some practical insights into these findings, while Section 7 provides concluding remarks, limitations, and some future works.




2. Literature Review


2.1. Flexible Learning System


The abrupt increase in demand for digital technologies has remodeled schools away from deskbound whole-class instructional formats. A flexible learning system is an environment where learners can follow their learning paths given formal learning goals. Such a setting enables learners to have choices in their learning [53,54]. Kicken et al. [55] specifically looked into the benefits of providing students with particular online portfolio-based suggestions on how their skills would improve in a flexible context. Compared to students who merely received feedback, those who received counsel were better able to diagnose the possible causes of their weaknesses and developed more diagnostic learning requirements. Therefore, students’ skills are likely enhanced. Muller et al. [56] presented the argument that students had a positive experience in an FLS and performed similarly with students under the typical instructional format. However, implementing a more open and flexible school design is considered challenging for the conventional organization with pre-defined structures, routines, and interaction practices [57]. The University of British Columbia [58] uses various methods, such as blended learning, Massive Open Online Courses, and experiential learning, to offer more opportunities for learners to control their learning process and improve their learning experiences.



On the other hand, prior research has shown that teachers view a variety of action possibilities in FLS. These include the potential for teacher consultation, participation and collaboration, novel time management strategies, continuous professional development, malleable learning environment design, positive impact on staff-student relationships, and a sense of connectedness and belongingness [59]. It provides a starting point for teachers to influence student engagement through constructivist and active pedagogies [60]. Possible barriers to adaptation include teachers’ reluctance to alter established routines or collaboration, their inability to adjust to changes in teacher visibility and access, and organizational problems with flexible timetabling [16]. Additionally, institutional memory and routines have been described as having a significant influence on how teachers adjust. It has been challenging to develop a relevant pedagogy for FLS [61]. Kariippanon et al. [62] maintain that many teachers are likely to have deficient skills for manipulating the learning environment and mastering multiple ongoing engagements. According to Zeid et al. [63], successful teaching in open learning environments depends on teachers’ methods in new learning environments and teachers’ willingness to be committed to developing these practices.



With the onslaught of the COVID-19 pandemic, schools have been fully implementing flexible learning [64]. This paradigm shift has led to curriculum revisions [65] and the need to enhance teachers with the latest developments in FLS [66]. Moreover, Zhang et al. [67] highlighted some challenges in implementing FLS during the pandemic, including Internet connectivity problems and online teaching resources. These challenges tend to amplify the job stress of teachers in implementing FLS, who face many other issues.




2.2. Turnover Turnover Intentions


Teachers’ turnover intention is widely recognized as a major challenge in the education sector [68], as it may lead to the loss of critical human resources. In addition, Räsänen et al. [68] attributed the lack of professional dedication and issues with the educational system and workload as the primary causes of teachers leaving their profession. Grant et al. [69] also observed that early childhood educators frequently change jobs, lowering instruction quality. Stressed or emotionally worn-out instructors are less able to foster children’s growth and are more likely to quit their jobs [69]. Employees who endure unpredictable work situations, unrealistic expectations, limited prospects, and organizational stress are more likely to consider leaving their jobs [70]. In some cases, staff were forced to quit because they had difficulty handling their workloads [71]. Teachers also perceive that they are simultaneously and continuously facing new developmental tasks in the form of ongoing school reforms and educational innovations. This means less time to perform an increased amount of work. Hence, working as a teacher requires an increased capacity to tolerate continuing change, insecurity, unfinished tasks, and personal incompleteness. Employees’ intention to leave their jobs can also be conceptualized as a desire to obtain a new position. McInerney et al. [72] identified dimensions of turnover intentions associated with attaining a new job, including (1) improved working environment and health, (2) desire for better promotion, higher income or compensation, and increasing one’s capacity and willingness to advance, (3) more challenging jobs, convenient for transportation, and family support.




2.3. Theory of Planned Behavior


Icek Ajzen [73] proposed the TPB in predicting and explaining specific behaviors in different fields, including teachers’ turnover intentions. The model comprises the basic constructs of attitude, subjective norm, and perceived behavioral control as antecedent variables towards a particular construct being investigated [74]. The notion that ability (behavioral control) and motivation (intention) work together to influence behavior is not new. It is typically believed that motivation and skill interact to promote behavioral success. Consequently, the behavior should be impacted by intentions to the extent that one has behavioral control, and behavior should increase motivation [39]. The main idea of the theory is to delineate the intention to perform a specific behavior being the principal predictor of the action [75]. The TPB has been widely used in studies whose primary goal is understanding how intention influences people’s behavior [76]. For instance, in the context of teachers’ turnover intentions, the attitude toward leaving the teaching profession (e.g., looking for an alternative job) is a personal view to act such behavior. Generally, the stronger the intention to engage in an activity, the more likely it must be carried out. However, TPB has only limited constructs that cannot explain the phenomenon of turnover intention, particularly in the context of FLS, where technologies are mainstream. In contrast, the emerging literature on turnover intentions, job satisfaction, efficacy beliefs, and digital nativity have been explored in different contexts as an extension and modification of the TPB (e.g., [77,78,79]).



Modified TPB models have already been offered in existing literature (e.g., [80,81]). Empirical and theoretical evidence to support the additional variables to TPB is reviewed. Conner and Armitage [44] consider extending TPB to include the following constructs: (a) belief salience measures, (b) past behavior/habit, (c) perceived behavioral control, (d) self-efficacy, (e) moral norms, (f) self-identity, and (g) affective beliefs. Meanwhile, recent studies (e.g., [82]) incorporate self-efficacy and digital nativity as constructs to influence attitude, subjective norms, and perceived behavioral control. The existing literature highlights several areas where research suggests ways in which the TPB might be extended [83]. These include works on potential additional variables, such as belief salience, past behavior/habit, the structure of the perceived behavioral control construct, moral norms, self-identity, and affective beliefs.





3. Hypotheses Development


3.1. Self-Efficacy


Self-efficacy is defined by Bandura [84] as an individual’s belief in their capabilities to achieve desired effects of their actions. Pajares [85] argued that efficacy beliefs impact academic settings, as evidenced in later studies [86,87]. In this context, teachers’ self-efficacy may be characterized as a belief in their capacity to organize, plan, and carry out roles necessary to achieve specific educational objectives [49]. Teachers with high self-efficacy are more effective in teaching strategies, and their susceptibility to burnout is relatively low [88]. Several studies show an association between self-efficacy and attitude, covering job satisfaction and organizational commitment [27,89,90].



Cigdem and Topcu [91] found that subjective norms and self-efficacy positively correlate with instructors’ behavioral intention to use a Learning Management System (LMS). For example, self-efficacy and subjective norms have been used as psychological determinants to influence the use of LMS [92]. Additionally, Doanh and Bernat [93] revealed a positive impact of self-efficacy on subjective norms in the context of entrepreneurial education. In this view, it is relevant to investigate the association between self-efficacy and subjective norms and their influence on teachers’ intention to continue teaching in a flexible learning environment. Furthermore, the emerging literature suggests a positive relationship between self-efficacy and perceived behavioral control in the context of teaching and learning. For example, Doanh and Bernat [93] reported that entrepreneurial self-efficacy among students influences perceived behavioral control with mediating effects via attitude. Youn et al. [94] described self-efficacy as a coping appraisal that positively affects behavioral control toward switching behavior during the COVID-19 pandemic. Therefore, we hypothesize that:



H1: 

Self-efficacy directly impacts attitude.





H2: 

Self-efficacy directly impacts subjective norms.





H3: 

Self-efficacy directly impacts perceived behavioral control.






3.2. Digital Nativity


Prensky [95] defined digital natives as someone who grew up familiar with digital technologies. He added that the problem with the rapid changes in technology in teaching is whether our digital immigrant teachers, who grew up in the pre-digital age, are adopting the language of the digital native students. Digital native is defined as those who were born after the 1980s and are native speakers of the languages of digital technologies [96]. However, it is noteworthy to establish a position regarding digital nativity following the debates in the domain literature, including the arguments put forward by Kirschner and De Bruyckere [97]. Here, digital nativity adheres to the critical information-seeking behavior of individuals in a digital domain rather than the idea that digital natives can multitask or process information simultaneously [97]. In this light, the digital nativity of individuals is associated with their capacity to seek information in a digital platform, assess the quality of the same information, and process those pieces of information to generate knowledge or inference. Gretter and Yadav [98] reported a positive correlation between attitude and media literacy. Thus, it is crucial to investigate the effects of digital nativity on the primary constructs of TPB (i.e., attitude, subjective norms, and perceived behavioral control), as evidenced by the work of Milutinović [99]. The following hypothesis is proposed:



H4: 

Digital nativity directly impacts attitude.





H5: 

Digital nativity directly impacts subjective norms.





H6: 

Digital nativity directly impacts perceived behavioral control.






3.3. Job Satisfaction


Locke [100] identified job satisfaction as a positive affective state resulting from assessing one’s job involvement. In some literature, job satisfaction combines psychological, physiological, and environmental factors that affect an employee’s job satisfaction level [101]. Job satisfaction enables enthusiasm and positively affects interpersonal relationships [48]. However, a lack of this approach can result in adverse outcomes. Teachers’ job satisfaction is characterized by Skaalvik and Skaalvik [49] as teachers’ attitudes toward their work and teaching tasks and responsibilities. In addition, several factors affect teachers’ satisfaction levels at work, such as academic independence, a light workload, adequate preparation time [102], the nature of work, and communication [26]. Cherian et al. [103] revealed that an employee’s attitude toward work negatively affects their performance and job satisfaction. Thus, we hypothesized that:



H7: 

Job satisfaction directly impacts attitude.






3.4. Organizational Commitment


Commitment is commonly defined as the attitude of the employees toward their organization, willingness to work hard for the employer, and the intent to remain with that organization [104]. As defined by Porter et al. [105], organizational commitment refers to the extent to which the individual identifies with and participates in a given organization. This follows a conceptualization that employees are considered dedicated to an organization if they voluntarily extend their relationship with the organization and set out significant efforts to accomplish organizational goals [106]. The organizational commitment of university faculty is essential because academic work has become more unstable and under strain, which reduces faculty members’ psychological attachment to a higher education institution [96]. Straatmann et al. [107] revealed that the attitude of the employees towards organizational changes impacts change-supportive intentions, which are descriptive of their attitude towards a specific behavior. Several studies used job satisfaction and organizational commitment to delineating attitudes toward adopting new technologies [108]. In general, to explore the effect of organizational commitment on attitude, we hypothesized that:



H8: 

Organizational commitment directly impacts attitude.






3.5. Attitude


Attitude is defined by Allport [109] as a “psychological state of readiness organized by experience and has a direct or dynamic impact on how a person reacts to all things and circumstances that are relevant to it”. In other words, attitude is the individual’s way of thinking that affects their behavior. Cropanzano and Konovsky [110] emphasize that attitudes toward their job impact their performance and dedication to their tasks and responsibilities. Additionally, the teachers’ positive attitude precisely fulfills their responsibilities and can effectively adapt to changes in the learning environment [111]. Several studies investigated the effect of implementing a flexible learning environment in higher education (e.g., [64,112]). Thus, we hypothesized that:



H9: 

Attitude directly impacts the teacher’s intention to teach in a flexible learning environment.






3.6. Subjective Norms


Ajzen [39] defined a subjective norm as “the belief of an individual to perform a specific behavior based on how the people important to him think”. Midthassel [113] reported that in a learning community, behavior is shaped by shared goals, shared values, and regular personal contacts. Kam et al. [114] described subjective norms as the perceived social pressure to perform or not perform a specific behavior. Emerging literature revealed that positive support from significant people affects the individual’s intention to act on a particular behavior. For instance, Li et al. [115] showed that teachers have positive attitudes toward innovation or a method of teaching when it is endorsed by an influential group of people (e.g., the head of the school). Therefore, the following hypothesis is proposed:



H10: 

Subjective norms will directly affect teachers’ intention to teach in a flexible learning environment.






3.7. Perceived Behavioral Control


Perceived behavioral control is defined as the teacher’s perspective of how easy or difficult it is to carry out the desired behavior [39]. In a general sense, it concerns the subjective appraisal of the level of difficulty associated with performing a given behavior [75]. The TPB model is believed to capture the phenomenon that when teachers have control over technology usage, the intention to use technology will be higher [116,117]. This implies that when the teacher has confidence in their ability to teach in a flexible learning environment, the greater their perceived control. Thus, the following hypothesis is proposed:



H11: 

Perceived behavioral control directly affects teachers’ intention to teach in a flexible learning environment.






3.8. Intention to Teach in Flexible Learning System


Higher education has embraced FLS and distance learning for several reasons, including its potential to increase institutional efficiency, increase student access to higher education, provide the institution a competitive edge, and enhance the students’ learning experiences [118]. Open and flexible learning environments involve multiple classes, multiple teachers, and technology-enhanced common spaces without designated desks for students or teachers’ podiums (e.g., [119,120,121]). It has been argued that teacher adaptation is necessary for working in open and flexible learning environments. In times of crisis (e.g., the COVID-19 pandemic), rapid changes, such as the transition from face-to-face classes to flexible learning initiatives, may affect teachers’ turnover intentions. This is evidenced by Boamah et al. [122], where interference, burnout, and career-oriented abrupt changes affect teachers’ turnover intentions. In contrast, digital natives and even digital immigrant teachers are open to changes and could quickly adopt rapid changes brought about by the FLS [112]. Likewise, Masanet et al. [123] observed varied typologies of adaptability and flexibility among students and teachers, which even documented how non-digital natives move to digital apprentices to cope with the challenges of flexible learning. In this case, the intention to teach in FLS does not reflect a positive relationship with turnover intention. Thus, the literature cited supports the argument that the intention to teach in FLS negatively impacts the intention to quit teaching in the context of FLS implementation.



H12: 

Teachers’ intention to teach in an FLS negatively affects their intention to leave the teaching profession.






3.9. Age as a Moderating Variable


Several studies show how age affects work attitudes, behaviors, performance, and preferences within organizations (e.g., [51,124,125]). Meyer [54] claimed that younger workers adapt to new technologies better than older ones. This leads to the unsound judgment that older workers cannot adopt technological innovations quickly. Although Betts et al. [126] reported a case of older adults who are successful users of digital technology, the concept that other people still believe they are incapable affects the subjective norm perceptions along this line. In effect, the idea extends to their perceptions of how difficult or easy it is to perform the behavior involving behavioral control. Thus, we hypothesized that:



H13: 

Age moderates the relationship between attitude and the teacher’s intention to teach in an FLS.





H14: 

Age moderates the relationship between subjective norms and the teachers’ intention to teach in an FLS.





H15: 

Age moderates the relationship between perceived behavioral control and the teacher’s intention to teach in an FLS.






3.10. Intention to Leave the Teaching Profession


The withdrawal of teachers from their positions has become a global issue. Tanas et al. [127] pinned the importance of cognition on technology integration for a graceful transition to flexible teaching. They added that the difficulty in developing such a cognition resulted in burnout and intention to leave the profession. In addition, several studies revealed that teachers’ intention to leave the teaching profession is due to factors such as teachers’ self-efficacy, job satisfaction [128], and organizational commitment [129]. The present study investigated how job satisfaction and demographic factors relate to teachers’ intention to leave the profession. Although a teacher’s intention to leave may not translate into actual behavior, the intention to leave a profession is regarded as an immediate antecedent to an actual career change or job turnover [65].



The proposed extended TPB model is shown in Figure 1.





4. Methods


4.1. Sampling and Data Collection


The measurement items of each construct in this study were adopted from measures in prior works (see Appendix A). Self-efficacy (SE) has five measurement items, digital nativity (DN) has five, attitude (A) has six, subjective norms (SN) have five, job satisfaction (JS) has five, organizational commitment (OC) has five, perceived behavioral control (PBC) has five, intention to teach in a flexible learning environment (ITF) has six, and the intention to leave the teaching profession (ILTP) has five. The data were obtained through a survey instrument that measures all the constructs using a 7-point Likert scale. The survey instrument was refined by academic experts who revised the wording to apply to the context of employee turnover in the education sector. The study surveyed teachers in HEIs holding either part-time or full-time positions.




4.2. Data Collection


The data was gathered through online and face-to-face questionnaire completion. The survey questionnaire was translated into Google forms and distributed to around 450 participants for four weeks. There were 426 responses collected, five of which were gathered personally, and 421 were obtained online. Out of the 426, only 417 were valid and were used for the final analysis after removing some non-interactive responses.




4.3. Profile of the Participants


The majority of the participants are between 31–36 years old (22.3%) and full-time (72.2%), wherein 53.0% (male) faculty have doctorate degrees (46.5%). Most have been teaching for at least 15 years (35.3%). At the time of the survey, most participants have a hybrid work set-up (i.e., a combination of work-from-home and on-site reporting) (67.9%). The majority have 7–9 h of daily online teaching work (42.7%) and 4–6 h of online teaching (35.3%), with 19–24 h of teaching hours per week (15.3%). The summary of their profile is shown in Table 1.




4.4. Data Analysis Results


The data was analyzed using PLS-SEM. PLS-based SEM is a more reliable and comprehensive statistical method for evaluating structural models [130]. It is most useful when dealing with a complex model, small sample size, non-normally distributed data, formative measures, and predictive and exploratory research [131]. SmartPLS software (developed by Dr. Jan-Michael Becker from Norway, version 3.3.9), was used to analyze the data.




4.5. Measurement Model Assessment


The PLS analysis allows for parallel testing of the outer measurement model and the inner structural model and the presence of reflective and formative latent variables [132]. Since the proposed model includes reflective measures, the first criterion in evaluating the model is to examine the measures’ reliability and validity [131]. Based on the measurement model assessment result, all indicators were convergent and reliable, as shown in Table 2, where the factor loading for each item is greater than 0.70 [133]. All measures for each construct were found valid. With Average Variance Extracted (AVE) statistics greater than the threshold value of 0.5, all constructs have appropriate convergent validity [134], ranging from 0.645 to 0.906.



Furthermore, all measurement items were reliable, with all constructs scoring above Cronbach’s alpha (α) and composite reliability (CR) threshold values of 0.70 [131]. Cronbach’s alpha values range from 0.860 to 0.974, and CR values range from 0.900 to 0.980. These values are considered high, indicating high reliability. Hair et al. [135] argued that values between 0.70 and 0.95 are considered satisfactory to good. Table 2 provides a summary of the measurement model results.



The correlations of the measures of potential overlapping variables are used to assess the degree to which the measurement items measure distinctively among constructs [135]. The square root of AVE was calculated to ensure discriminant validity. The AVE of the constructs was found to support discriminant validity because it is greater than the squared correlation of each latent variable [134]. Table 3 bolds the square roots of the AVE, while non-bolded values represent the intercorrelation value between constructs. All off-diagonal values are less than the square roots of AVE, indicating that Fornell and Larker’s condition is satisfied. Moreover, the SmartPLS algorithm generates the heterotrait-monotrait (HTMT) criterion output. Table 4 shows the valid HTMT value for each construct, which is less than 0.85. The HTMT values range between 0.104 and 0.803. Overall, the measurement model’s reliability and validity tests were met. All items used to measure constructs in this study are valid and fit to estimate parameters in the structural model.



The research model fitness demonstrates an acceptable fit with a Standardized Root Mean Square Residual (SRMR) value of 0.052 and a common acceptable fit value of 0.08. The Normed Fit Index (NFI) value is 0.847, reflecting a moderate acceptable value with the threshold of NFI < 0.90. The NFI generates values ranging from 0 to 1. The closer the NFI is to one, the better the fit. In general, NFI values greater than 0.9 imply an excellent fit.




4.6. Structural Model


The influence of the independent variables on the dependent variable is tested using a structural model [135]. When using PLS-SEM, the three main factors used to assess the structural model are the strength of the path coefficients, R2 values (prediction power), and f2 (effect size) [131]. The path coefficients of the structural model indicate that the 11 hypotheses are supported (H1, H2, H3, H5, H6, H7, H8, H9, H10, H11, H12), and only 1 is not supported (H4). The results are summarized in Table 6 (Figure 1). The acceptable R2 values of 0.75, 0.50, and 0.25 correspond to significant, moderate, and modest levels of prediction accuracy, respectively [133,136]. The coefficient of determination (R2) in this study provides the predictive accuracy of the structural model, as indicated in Figure 2. ITF is explained to have the highest variance with an R2 value of 0.609 (61%), followed by the attitude with an R2 value of 0.572 (57%). Thus, the R2 criterion is met, and the predictive ability of the structured model is considered moderately high. These are summarized in Table 5, with an illustration in Figure 2.



The effect sizes (f2) were estimated using the SmartPLS algorithm, indicative of a minor, medium, or substantial effect on the link between exogenous and endogenous constructs with f2 values of 0.02, 0.15, and 0.35, respectively [131]. A value less than 0.02 indicates that exogenous constructs do not affect endogenous constructs. The f2 results show that SE has a substantial effect on PBC (f2 = 0.369), and PBC substantially affects ITF (f2 = 0.307). Furthermore, ITF has a small effect on ILTP (f2 = 0.039). It is worth mentioning that A has a small effect size on ITF (f2 = 0.059) and has received little to no effect from other constructs, as indicated in Table 6. These results are consistent with the other findings in this study.



A moderating variable influences the direction or strength of the relationship between dependent and independent variables [137]. The moderating effect occurs when the relationship between two variables is moderated or affected by a third variable [137]. In this study, age is used as a moderating variable. The result shows that age does not have any moderating effect on the relationship between A and ITF (H13), PBC and ITF (H14), and SN and ITF (H15). Table 7 (Figure 3) provides a summary of the results. The orange-colored constructs in Figure 3 relate to the analysis of the moderating effect of age as reflected in the SmartPLS version 3.3.9.




4.7. Robustness Check


To address the concern of possible endogeneity problems, the study utilizes the Gaussian copula (GC) approach suggested by Hult et al. [138]. The Gaussian copula approach allows for the use of Gaussian copulas in the absence of control variables and instrumental variables. The procedure requires the distribution of the latent variable scores of the independent variables to have a non-normal distribution. Using the Kolmogorov-Smirnov test, the p values of the independent variables were found to be all less than 0.001, implying non-normal distributions. For brevity, the results of the Kolmogorov-Smirnov test are not presented here. The procedure then computes the Gaussian copulas and allows them to be included in the model. Park and Gupta [139] allowed for the use of multiple copulas in a regression model. The results in Table 8 show that Gaussian copulas for Self-Efficacy → Attitude, Digital Natives → Subjective Norms, Digital Natives → Perceived Behavioral Control, Job Satisfaction → Attitude, Attitude → Intention to Teach in Flexible Learning Environment, and Intention to Teach in a Flexible Learning Environment → Intention to Leave the Teaching profession, have critical levels of endogeneity having, p values of less than 0.005. The β column in Table 8 presents the original path coefficients, while the β′ column shows the path coefficients when the Gaussian copulas are included in the model. The results show a change in the path coefficients when the Gaussian copulas are added. The β′ coefficients of the original path relationships represent the exogenous part free from endogeneity issues, while the Gaussian copulas represent the endogeneity part. It is worth noting that only one of the original hypothesized relationship results, i.e., Self-efficacy → Attitude, changes from a significant relationship to an insignificant one. The rest of the results remain the same.





5. Discussions


This section presents the salient features of the PLS-SEM analysis and how these results can be applied to the current discussions of teachers’ turnover intentions attributed to the implementation of FLS. The findings of our empirical study suggest that self-efficacy directly impacts subjective norms (H2) and perceived behavioral control (H3), and these agree with previous findings (e.g., [27]). Teachers’ beliefs on their capabilities in FLS would influence others on their views on the capacity to implement FLS. Consequently, it would improve one’s thinking of how others perceive such potentiality, especially those who matter to them. For instance, people observing teachers with strong convictions about their competence in using associated technologies in FLS would positively view their competence in performing necessary tasks. Similarly, higher self-efficacy improves behavioral control [93,94]. Teachers with strong beliefs about their capabilities to manage students in virtual environments tend to have greater control in performing initiatives that promote self-paced learning among students in FLS. As a case in point, if teachers believe that they can control the potential disruptive behavior of students and motivate those who show a lack of interest in schoolwork, they will tend to pursue teaching as they would find themselves effective in teaching via the FLS modality.



Despite growing with and speaking the language of digital technologies, results revealed that these characteristics do not affect teachers’ attitudes (H4) toward FLS. This finding contradicts the insights of Gretter and Yadav [98], suggesting a positive correlation between attitude and media literacy. Even with highly proficient teachers with technologies, especially for information gathering and social communication purposes, their attitude towards FLS does not depend on this competency. With the opportunity to gather in small select groups and teachers’ perception of the adequacy of equipment as part of the indicators of the attitude construct, they are deemed independent of teachers’ level of digital nativity. This finding implies that despite teachers’ proficiency in FLS technologies, the absence of adequate supportive equipment may be detrimental to implementing FLS. Furthermore, the characteristic of FLS that promotes self-paced learning among students may be less associated with digital nativity. Meanwhile, digital nativity directly impacts subjective norms (H5). This implies that the belief that teachers could teach in an FLS by the people they consider important affects teachers’ view of themselves regarding the easy manipulation of digital technologies. This insight is consistent with the findings of Milutinović [99]. The result of H6 is more straightforward as digital natives are more likely comfortable with the technology demands of FLS. Teachers with higher levels of digital nativity could design effective teaching-learning materials such as podcasts, interactive videos, asynchronous activities, and gamification platforms in learning and promote authentic assessment tools of student performance.



The results of this work establish the significant influence of job satisfaction on attitude (H7). It supports an established stream of literature on the topic (e.g., [140]). It implies that teachers are far more likely to have a positive attitude toward their intention to teach in FLS if they achieve contentment or fulfillment with their jobs, which may consequently impact their intention to quit teaching. Moreover, organizational commitment directly influences attitude (H8). This result supports the findings of Straatmann et al. [107] and Yousef [108]. Teachers with a strong commitment to the organization, who work hard to achieve the desired organizational goals and put in a great deal of effort beyond what is normally expected from them, tend to have a positive outlook on teaching FLS. As the requirements of FLS are disruptive to the status quo, the criticality of change-supportive commitment among teachers becomes imperative, as highlighted by Straatmann et al. [107]. Learning educational technologies promotes appropriate pedagogical practices, revitalizes assessment tools, and reinvents classroom management practices.



Hypotheses H9, H10, and H11 represent the traditional relationships of the TPB model, which are supported by various studies in the literature [41,141]. From these hypotheses, attitude (H9), subjective norms (H10), and perceived behavioral control (H11) affect the intention of teachers to teach in FLS, as suggested by an R2 = 0.609, with perceived behavioral control as the strongest predictor of the intention with f2 = 0.369. The teachers’ perspective regarding the adequacy of supportive learning technologies, professional networking, and their morale in implementing FLS positively relates to their intention to teach in such a modality. When these provisions are limited, a substantial portion of their intention to teach in FLS would be diminished. In addition, the intention to teach is significantly affected by social pressures, particularly with people who have a direct influence on teachers (e.g., deans, supervisors, colleagues, and family members). Finally, relevant resources, knowledge, and skills enhance the ability to control better the teaching-learning process, which is considered highly critical in predicting the intention to teach in FLS. This insight contributes significantly to the domain literature by highlighting perceived behavioral control as positively associated with teaching and, consequently, the intention to leave the profession within the context of FLS modality in teaching. This might be attributed to the disruptive demands of FLS, particularly with the advent of technologies and the necessary skills associated with it, which are not yet considered mainstream among teachers, especially in the case study. It suggests that teachers must gain the required control, reflected by the availability of technologies, capacity-building initiatives, and supportive organization, in effectively carrying out the requirements of FLS before establishing the intention to teach. Limited resources and support may compel them to re-evaluate their intention to teach in the FLS modality.



When age is introduced as a moderating variable to the relationship between attitude, subjective norms, and perceived behavioral control, this study finds such an effect of age insignificant. This is brought about by the possible migration of non-digital natives (i.e., highly associated with age) to adapt to the skills needed for implementing FLS. Lastly, the PLS-SEM analysis determines the relationship between the intention to teach in FLS and the intention to leave the teaching profession. The findings show a significant parameter estimate of −0.194. It supports the agenda that their intention to quit the teaching job can be predicted by their intention to teach under an FLS modality. Thus, when an FLS mode is imposed in an HEI, a critical mass of human resources with a low perception of FLS may look for another university which is not forcing FLS or move to another non-teaching job. Administrators may subscribe to the insights of this study to enhance teachers’ intention to adopt the FLS mode of the teaching-learning process to retain valuable human resources. Nevertheless, the model proposed and validated in this study successfully integrates the TPB to examine turnover intentions in the teaching workforce. The 11 supported hypothesized paths are an affirmation of the strength of the proposed model. These results indicate that future works may modify antecedent variables, extend to different workforce groups, and incorporate existing relevant models. For example, there are levels of digital nativity among generations. A deeper understanding of age-groups taken in different periods is needed. Moreover, one can investigate when and in what context the instructors can feel more confident with their actions. This idea can be extended with Bandura’s [142] dimensions of self-efficacy beliefs, most especially on mastery experiences and vicarious experiences. Another possibly deeper analysis can be viewed with different dimensions of organizational commitment (e.g., creativity and continuance commitment, goal commitment). The high explanatory power of the endogenous variables in the model (i.e., attitude and intention to teach in FLS) suggests the model’s strength.




6. Practical Insights


This section provides practical insights based on the critical findings of the study that might be useful to higher education stakeholders and university leaders. The high explanatory power of the proposed extended TPB constructs on the intention to teach in FLS, and the consequent turnover intention of teachers becomes an essential takeaway for educational leaders. Designing initiatives that support the insights of the proposed model would be useful since the attitude, behavioral support, and control of the teachers, who are considered the main actors in implementing FLS, are hypothetically supported. The contributory aspect of attitude, intention, and ability to perform the tasks in teaching must be aligned with the policy directions to the design elements of an FLS. For example, since FLS supports personalized learning for students, it is beneficial to provide support and empower the teachers to develop learning spaces or personalized learning dashboards within a curricular offering. Along this line, it should be noted that the presence of idiosyncrasies may need HEIs to design their FLS. This addresses various learning needs that may be specific to a particular case.



On the other hand, as the emerging literature suggests, job satisfaction and organizational commitment factors remain intangible factors that university leaders must consider in improving teachers’ attitudes toward implementing FLS. Together with self-efficacy, these factors explain about 57% of the total variation of the attitude construct. In this study, teachers expect more support to properly implement a flexible learning environment, especially on the infrastructure. In most developing countries, such as the Philippines, infrastructure that supports information technology (IT) and Internet connectivity is a pressing challenge in conducting remote and online teaching. For instance, the Philippine regulatory commission has released a marching order to sustain flexible learning in higher education, highlighting the retrofit of facilities in HEIs. There are limited technology-enhanced experiences with poor Internet connectivity, and factors such as systems interactivity, infrastructure interoperability, and user interface designs of the learning platforms cannot be evaluated with certainty. The strength of the IT infrastructure can also shape teachers’ efficacy, especially on pedagogical consequences to carry out the needs of FLS. Consequently, these factors impact teachers’ turnover intention in light of the FLS implementation.



The antecedent variables (i.e., self-efficacy and digital nativity) have shown importance in explaining the TPB factors (i.e., attitude, subjective norms, and perceived behavioral control) toward implementing FLS, except for self-efficacy on attitude. Emerging results consistently imply the importance of digital nativity in the current learning environment, especially in view of FLS. Notably, this work reveals no moderating effect of age on the intention to teach in FLS. Thus, policy directions must consider digital nativity and self-efficacy for all age groups to address the difficulty in the FLS implementation. For instance, capability training of teachers on the delivery of topics in FLS shall be continually administered. These training programs must be carefully designed, emphasizing appropriate technologies and support tools, such as interactive remote learning materials, asynchronous activities, and game-based learning platforms, that are consistent with the characteristics of FLS. Aside from designing appropriate training programs, the fast-changing upgrades of technology must be considered to anticipate new challenges and sustain the implementation of a flexible learning environment.



Finally, the proposed structural model comprising the intention to teach in FLS inversely varies with the intention of teachers to leave the teaching profession. Although with a small percentage of explanatory power (3.5%), the relationship is significant and holding all other factors constant, the intention to teach in FLS is a predictor of turnover intention. It has been posited in the emerging literature that the post-pandemic new normal emphasizes the continuity of flexible learning [143]. Since FLS involves both online and face-to-face, it is practical to articulate the learning management systems, update online content, and provide new learning designs for face-to-face instruction. In this manner, support for FLS can be converted to enhanced digital literacy, better job satisfaction, higher self-efficacy, and improved organizational commitment. When appropriate measures to address these factors are in place, teachers are likely to enhance their intention to teach in FLS, and consequently, turnover intentions become minimal.




7. Conclusions and Future Works


This work proposes and validates an empirical model that examines teachers’ turnover intentions in HEIs regarding the implementation of FLS, especially during the post-pandemic. To explain teachers’ attitudes, the TPB model has been extended to determine the variations of the intention to teach in FLS with self-efficacy and digital nativity as antecedent variables, along with job satisfaction and organizational commitment. This extended model is linked to the turnover intention of teachers and is confirmed in a case study of 417 teacher participants using PLS-SEM. Furthermore, the moderating effect of age is investigated due to the notion that FLS is highly dependent on educational technologies. The proposed model generates 12 hypotheses, and the empirical case supports 11 of them. The model provides high explanatory powers in its endogenous variables.



Four essential contributions are put forward in the study. First, the TPB constructs logically explain the part and overall variations of the intention to teach in FLS by about 60.9%, confirming the significant role of self-efficacy and digital nativity on the TPB constructs, with the perceived behavioral control construct contributing the highest effect (f2 = 0.369). Thus, it is imperative that policy directions focus on initiatives that improve teachers’ self-efficacy and digital nativity linked to enhanced perceived behavioral control. Secondly, the variations in the teachers’ attitudes toward FLS explain self-efficacy, job satisfaction, and organizational commitment. The literature considers these intangible factors as the foundation of attitudinal characteristics. Specifically, the support system on the desire to implement the FLS is critical in improving efficacy beliefs, satisfaction, and commitment. The call to support strategies is more pronounced in the case country, especially on the existing challenges of IT infrastructure and Internet connectivity. The third notable finding is that age has no moderating effect on the intention to teach in FLS, affirming that there is no need to realign support strategies to different age groups. This indicates that the older age group is catching up with the younger generation of teachers in terms of developing digital tools to implement the FLS. Lastly, there is a negative relationship between the intention to teach and the intention to leave the teaching profession. This inverse relationship supports the notion that teachers’ intention to teach in FLS is a predictor of turnover intention. These findings benefit education stakeholders, especially university leaders, knowing that the turnover intention can be managed if appropriate measures to support FLS are designed to enhance teachers’ intention to teach.



Similar to other existing studies in this field, this study has some limitations. One is the need to have a closer look at the self-efficacy construct and a deeper understanding of different support dimensions and other facilitating conditions relevant to carrying out the FLS. Another potential constraint can be attributed to the limited geographical location of the study participants due to the observance of COVID-19 protocols during the data collection (i.e., online survey). Thus, it is suggested that different population groups (i.e., different cultural aspects, comparing countries) should be analyzed to validate and provide a more comprehensive report of the current study. Furthermore, some constructs might have inherent interdependencies with other constructs, which would make the structural model highly complex. The use of PLS-SEM could not effectively handle these complex models. Cognitive modelling tools based on graph theory, including decision-making trial and evaluation laboratory, interpretive structural modelling, and fuzzy cognitive mapping, can be implemented to uncover salient information about the intertwined relationships of the constructs.



The overall theoretical significance of the study leads to specific insights for future works. Among those, we suggest three compelling directions: (1) a deeper understanding of the variations of the extended TPB model in different periods and institution types (i.e., public or private), (2) self-efficacy can be extended with Bandura’s [142] dimensions on mastery experiences and vicarious experiences, and (3) analysis can be viewed with different dimensions of organizational commitment (e.g., creativity, continuance commitment, and goal commitment).
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Appendix A. Measurement Indicators




	
Constructs

	
Code

	
Items

	
References




	
Self-efficacy

	
SE1

	
I can provide alternative explanations or examples when students are confused in a flexible learning environment.

	
Skaalvik & Skaalvik [49]; Tschannen-moran et al. [144]; Tschannen-Moran & Hoy [145]




	

	
SE2

	
I can implement alternative teaching strategies in a flexible learning environment.




	

	
SE3

	
I can control the disruptive behavior of the students in a flexible learning environment.




	

	
SE4

	
In a flexible learning environment, I can motivate students who show low interest in schoolwork.




	

	
SE5

	
In a flexible learning environment, I can get students to believe they can do well in school work.




	
Digital nativity

	
DN1

	
When I need to know something, I search the Internet first

	
Çoklar et al. [146]; Huang et al. [147]; Teo [148]




	

	
DN2

	
I know how to utilize advanced search functions provided by search engines.




	

	
DN3

	
I try other databases when I cannot get any information in one database.




	

	
DN4

	
I usually think about what keywords I can use in advance.




	

	
DN5

	
I keep on evaluating the relationships among the information searched on the web.




	
Attitude

	
A1

	
School equipment is adequate to meet the demands of the flexible learning environment.

	
Culver [149]




	

	
A2

	
Teachers in this school have regular contact with their subject teachers in other schools.

	




	

	
A3

	
There is no real problem if additional materials are required for the flexible learning environment.

	




	

	
A4

	
The morale of the staff at our school under the flexible learning environment is high.

	




	

	
A5

	
In a flexible learning environment, teachers get together in small select groups

	




	

	
A6

	
With a flexible learning environment, the school staff is proud of the school

	




	
Job satisfaction

	
JS1

	
If I could plan my career again, I would choose teaching, even in a flexible learning environment.

	
Culver [149]; Bentley & Rempel [150]




	

	
JS2

	
In a flexible learning environment, I find my contact with students, for the most part, highly satisfying and rewarding




	

	
JS3

	
I really enjoy working with my students in a flexible learning environment.




	

	
JS4

	
I feel that I am an important part of this school system that implements a flexible learning environment.




	

	
JS5

	
Teaching in a flexible learning environment gives me a great deal of satisfaction.




	
Organizational commitment

	
OC1

	
I am willing to put in a great deal of effort beyond what is normally expected in order to help this school successfully implement a flexible learning environment.

	
Mowday et al. [151]; Bozeman and Perrewé [152]




	

	
OC2

	
I would accept almost any type of job assignment to keep working for this school that implements a flexible learning environment.




	

	
OC3

	
In the implementation of a flexible learning environment, I find that my values and the school’s values are very similar.




	

	
OC4

	
Even under a flexible learning environment, I am extremely glad that I chose this organization to work for over others I was considering at the time I joined.




	

	
OC5

	
I am proud to tell others that I am part of the teaching profession, even in a flexible learning environment.




	
Subjective norms

	
SN1

	
People who influence my behavior think I should teach in a flexible learning environment.

	
Azjen [39]; Davis et al. [153]; Teo et al. [154]; Cheon et al. [155]




	

	
SN2

	
People who are important to me think I should teach in a flexible learning environment.




	

	
SN3

	
Most people who are important to me think that it would be fine to teach in a flexible learning environment.




	

	
SN4

	
I think other students in my classes would be willing to adapt to a flexible learning environment.




	

	
SN5

	
Most people who are important to me would favor using the tools required for implementing a flexible learning environment.




	
Perceived behavioral control

	
PBC1

	
I could easily pursue teaching in a flexible learning environment if I wanted to.

	
Elie-Dit-Cosaque et al. [156]; Hsieh et al. [157]; Kolvereid [158]; Vamvaka et al. [159]




	

	
PBC2

	
Teaching in a flexible learning environment is entirely within my control.




	

	
PBC3

	
I have control over teaching in a flexible learning environment when performing my work tasks.




	

	
PBC4

	
I have the available resources necessary to teach in a flexible learning environment




	

	
PBC5

	
I have the knowledge necessary to teach in a flexible learning environment.




	
Intention to teach in a flexible learning environment

	
ITFLE1

	
I intend to continue teaching in a flexible learning environment to solve various problems.

	
Titah and Barki [160]




	

	
ITFLE2

	
I intend to continue teaching in a flexible learning environment to justify my decisions on relevant matters.




	

	
ITFLE3

	
I intend to continue teaching in a flexible learning environment to exchange ideas with teachers and students.




	

	
ITFLE4

	
I intend to continue teaching in a flexible learning environment to plan or follow up on my teaching tasks.




	

	
ITFLE5

	
I intend to continue teaching in a flexible learning environment to coordinate with teachers and students.




	

	
ITFLE6

	
I intend to continue teaching in a flexible learning environment to serve the students.




	
Intention to leave the teaching profession

	
ILTP1

	
With a flexible learning environment, I wish I had a different job than being a teacher.

	
Gonzales et al. [102]; Hackett et al. [161]; Skaalvik and Skaalvik [26,162]




	

	
ILTP2

	
With a flexible learning environment, if I could choose over again, I would not be a teacher.




	

	
ILTP3

	
With a flexible learning environment, I often think of leaving the teaching profession.




	

	
ILTP4

	
With a flexible learning environment, I intend to quit the teaching profession.




	

	
ILTP5

	
With a flexible learning environment, I intend to search for another job.
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Figure 1. An extended TPB model of teachers’ turnover intentions. 
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Figure 2. Structural model. 
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Figure 3. The structural model with moderating effects. 
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Table 1. Profile of the participants.
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Category

	

	
n

	
%

	
Category

	

	
n

	
%






	
Age

	

	

	

	
Modeofteaching

	

	




	

	
20–24 years old

	
25

	
6.0

	

	
Work from home

	
82

	
19.7




	

	
25–30 years old

	
90

	
21.6

	

	
Onsite reporting

	
52

	
12.5




	

	
31–36 years old

	
93

	
22.3

	

	
Mixed (i.e., work from home and onsite reporting)

	
283

	
67.9




	

	
37–42 years old

	
81

	
19.4

	

	

	




	

	
43–48 years old

	
69

	
16.5

	
Numberofhoursteachingonlineperday




	

	
49–54 years old

	
33

	
7.9

	

	
0–3 h

	
75

	
18.0




	

	
55–60 years old

	
16

	
3.8

	

	
4–6 h

	
147

	
35.3




	

	
61 years old and above

	
10

	
2.4

	

	
7–9 h

	
178

	
42.7




	

	

	
10 h onward

	
17

	
4.1




	
Sex

	

	

	

	
Numberofteachinghoursperweek

	




	

	
Male

	
221

	
53.0

	

	
0–6 h

	
24

	
5.8




	

	
Female

	
196

	
47.0

	

	
7–12 h

	
39

	
9.4




	
Highest educational attainment

	

	

	

	
13–18h

	
56

	
13.4




	

	
Bachelor’s degree

	
114

	
27.3

	

	
19–24 h

	
64

	
15.3




	

	
Master’s degree

	
109

	
26.1

	

	
25–30 h

	
51

	
12.2




	

	
Doctorate degree

	
194

	
46.5

	

	
31–36 h

	
26

	
6.2




	
Total number of years in the teaching profession

	

	
37 h and above

	
157

	
37.6




	

	
0–2 years

	
65

	
15.6

	
Tenure

	

	

	




	

	
3–5 years

	
83

	
19.9

	

	
Full-time faculty

	
301

	
72.2




	

	
6–8 years

	
55

	
13.2

	

	
Part-time faculty

	
116

	
27.8




	

	
9–11 years

	
36

	
8.6

	

	

	

	




	

	
12–14 years

	
31

	
7.4

	

	

	

	




	

	
15 years and above

	
147

	
35.3
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Table 2. Measurement model assessment results.
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	Items
	Loadings
	AVE
	Cronbach α
	CR
	Items
	Loadings
	AVE
	Cronbach α
	CR





	A1
	0.818
	0.677
	0.905
	0.926
	JS3
	0.903
	
	
	



	A2
	0.791
	
	
	
	JS4
	0.858
	
	
	



	A3
	0.808
	
	
	
	JS5
	0.92
	
	
	



	A4
	0.857
	
	
	
	OC1
	0.779
	0.666
	0.876
	0.909



	A5
	0.829
	
	
	
	OC2
	0.813
	
	
	



	A6
	0.834
	
	
	
	OC3
	0.852
	
	
	



	DN1
	0.617
	0.645
	0.860
	0.900
	OC4
	0.855
	
	
	



	DN2
	0.846
	
	
	
	OC5
	0.778
	
	
	



	DN3
	0.853
	
	
	
	PBC1
	0.862
	0.713
	0.898
	0.925



	DN4
	0.839
	
	
	
	PBC2
	0.869
	
	
	



	DN5
	0.836
	
	
	
	PBC3
	0.881
	
	
	



	ILTP1
	0.914
	0.906
	0.974
	0.980
	PBC4
	0.85
	
	
	



	ILTP2
	0.954
	
	
	
	PBC5
	0.752
	
	
	



	ILTP3
	0.961
	
	
	
	SE1
	0.775
	0.655
	0.868
	0.905



	ILTP4
	0.971
	
	
	
	SE2
	0.798
	
	
	



	ILTP5
	0.957
	
	
	
	SE3
	0.808
	
	
	



	ITF1
	0.925
	0.857
	0.967
	0.973
	SE4
	0.84
	
	
	



	ITF2
	0.933
	
	
	
	SE5
	0.824
	
	
	



	ITF3
	0.928
	
	
	
	SN1
	0.869
	0.743
	0.913
	0.935



	ITF4
	0.937
	
	
	
	SN2
	0.896
	
	
	



	ITF5
	0.94
	
	
	
	SN3
	0.889
	
	
	



	ITF6
	0.891
	
	
	
	SN4
	0.811
	
	
	



	JS1
	0.79
	0.763
	0.922
	0.941
	SN5
	0.844
	
	
	



	JS2
	0.892
	
	
	
	
	
	
	
	







Note: α = Cronbach’s alpha; CR = composite reliability; AVE = average variance extracted; A = attitude; DN = digital native; ILTP = intention to leave the teaching profession; ITF = intention to teach in flexible learning environment; JS = job satisfaction; OC = organizational commitment; PBC = perceived behavioral control; SE = self-efficacy; SN = subjective norm.
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Table 3. Fornell and Larcker results.
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	A
	DN
	ILTP
	ITF
	JS
	OC
	PBC
	SE
	SN





	A
	0.823
	
	
	
	
	
	
	
	



	DN
	0.422
	0.803
	
	
	
	
	
	
	



	ILTP
	−0.23
	−0.084
	0.952
	
	
	
	
	
	



	ITF
	0.623
	0.412
	−0.194
	0.926
	
	
	
	
	



	JS
	0.694
	0.43
	−0.193
	0.754
	0.874
	
	
	
	



	OC
	0.685
	0.519
	−0.205
	0.668
	0.725
	0.816
	
	
	



	PBC
	0.642
	0.529
	−0.183
	0.75
	0.734
	0.719
	0.844
	
	



	SE
	0.622
	0.5
	−0.164
	0.574
	0.647
	0.617
	0.651
	0.809
	



	SN
	0.548
	0.43
	0.003
	0.612
	0.647
	0.627
	0.652
	0.525
	0.862







Note: square root of AVE is shown on the diagonal of the matrix in bold; inter-construct correlation is shown off the diagonal.
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Table 4. HTMT results.
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	A
	DN
	ILTP
	ITF
	JS
	OC
	PBC
	SE
	SN





	A
	
	
	
	
	
	
	
	
	



	DN
	0.471
	
	
	
	
	
	
	
	



	ILTP
	0.240
	0.104
	
	
	
	
	
	
	



	ITF
	0.661
	0.443
	0.192
	
	
	
	
	
	



	JS
	0.750
	0.469
	0.196
	0.796
	
	
	
	
	



	OC
	0.743
	0.599
	0.204
	0.717
	0.791
	
	
	
	



	PBC
	0.710
	0.592
	0.189
	0.801
	0.803
	0.799
	
	
	



	SE
	0.696
	0.567
	0.175
	0.621
	0.715
	0.697
	0.738
	
	



	SN
	0.595
	0.477
	0.054
	0.650
	0.703
	0.697
	0.719
	0.590
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Table 5. Path coefficient results.






Table 5. Path coefficient results.





	Hypotheses
	β
	t Values
	p Values
	Decision





	H1: Self-efficacy → Attitude
	0.212
	4.017
	<0.001
	Supported



	H2: Self-efficacy → Subjective norms
	0.414
	7.506
	<0.001
	Supported



	H3: Self-efficacy → Perceived behavioral control
	0.516
	10.979
	<0.001
	Supported



	H4: Digital nativity → Attitude
	0.016
	0.322
	0.747
	Not supported



	H5: Digital nativity → Subjective norms
	0.223
	3.8
	<0.001
	Supported



	H6: Digital nativity → Perceived behavioral control
	0.271
	4.958
	<0.001
	Supported



	H7: Job satisfaction → Attitude
	0.326
	5.277
	<0.001
	Supported



	H8: Organizational commitment → Attitude
	0.31
	5.154
	<0.001
	Supported



	H9: Attitude → Intention to teach in a flexible learning environment
	0.203
	4.23
	<0.001
	Supported



	H10: Subjective norms → Intention to teach in a flexible learning environment
	0.17
	3.184
	0.001
	Supported



	H11: Perceived behavioral control → Intention to teach in a flexible learning environment
	0.509
	8.576
	<0.001
	Supported



	H12: Intention to teach in a flexible learning environment → Intention to leave the teaching profession
	−0.194
	3.79
	<0.001
	Supported
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Table 6. Effect size results.
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	A
	ILTP
	ITF
	PBC
	SN





	Attitude
	
	
	0.059
	
	



	Digital nativity
	0
	
	
	0.108
	0.054



	Intention to leave the teaching profession
	
	
	
	
	



	Intention to teach in a flexible learning environment
	
	0.039
	
	
	



	Job satisfaction
	0.102
	
	
	
	



	Organizational commitment
	0.094
	
	
	
	



	Perceived behavioral control
	
	
	0.307
	
	



	Self-efficacy
	0.054
	
	
	0.369
	0.181



	Subjective norms
	
	
	0.04
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Table 7. Moderating effects results.
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	Hypotheses
	β
	t Value
	p-Value
	Decision





	H13: A×Age → Intention to teach in a flexible learning environment
	0.015
	0.261
	0.794 ns
	Not supported



	H14: PBC×Age → Intention to teach in a flexible learning environment
	0.007
	0.098
	0.922 ns
	Not supported



	H15: SN×Age → Intention to teach in a flexible learning environment
	−0.028
	0.444
	0.657 ns
	Not supported







Note: ns = not significant.
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Table 8. Gaussian Copula results.






Table 8. Gaussian Copula results.













	Hypotheses
	β
	p Values
	β′
	p Values
	Decision





	Self-efficacy → Attitude
	0.212
	<0.001
	0.074
	0.235 ns
	Not supported



	Self-efficacy → Subjective norms
	0.414
	<0.001
	0.318
	0.007
	Supported



	Self-efficacy → Perceived behavioral control
	0.516
	<0.001
	0.565
	<0.001
	Supported



	Digital nativity → Attitude
	0.016
	0.747 ns
	0.092
	0.121 ns
	Not supported



	Digital nativity → Subjective norms
	0.223
	<0.001
	0.382
	<0.001
	Supported



	Digital nativity → Perceived behavioral control
	0.271
	<0.001
	0.413
	<0.001
	Supported



	Job satisfaction → Attitude
	0.326
	<0.001
	0.436
	<0.001
	Supported



	Organizational commitment → Attitude
	0.310
	<0.001
	0.320
	0.001
	Supported



	Attitude → Intention to teach in a flexible learning environment
	0.203
	<0.001
	0.352
	<0.001
	Supported



	Subjective norms → Intention to teach in a flexible learning environment
	0.170
	0.001
	0.206
	0.045
	Supported



	Perceived behavioral control → Intention to teach in a flexible learning environment
	0.509
	<0.001
	0.471
	<0.001
	Supported



	Intention to teach in a flexible learning environment → Intention to leave the teaching profession
	−0.194
	<0.001
	−0.308
	0.003
	Supported



	GC (Self-efficacy) → Attitude
	
	
	0.131
	0.027
	



	GC (Self-efficacy) →Subjective norms
	
	
	0.103
	0.164
	



	GC (Self-efficacy) → Perceived behavioral control
	
	
	−0.036
	0.354
	



	GC (Digital nativity) → Attitude
	
	
	−0.062
	0.112
	



	GC (Digital nativity) → Subjective norms
	
	
	−0.125
	0.036
	



	GC (Digital nativity) → Perceived behavioral control
	
	
	−0.117
	0.04
	



	GC (Job satisfaction) → Attitude
	
	
	−0.103
	0.046
	



	GC (Organizational commitment) → Attitude
	
	
	−0.007
	0.451
	



	GC (Attitude → Intention to teach in a flexible learning environment)
	
	
	−0.148
	0.042
	



	GC (Subjective norms) → Intention to teach in a flexible learning environment
	
	
	−0.03
	0.38
	



	GC (Perceived behavioral control) → Intention to teach in a flexible learning environment
	
	
	0.04
	0.307
	



	GC (Intention to teach in a flexible learning environment) → Intention to leave the teaching profession
	
	
	0.153
	0.05
	







Note: ns = not significant; GC = Gaussian copula.
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