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Abstract: Due to its important impact on sustainable development, mobile finance spreads fast.
However, what factors and how these factors impact the adoption of mobile finance apps are still
unknown. This research employs UTAUT and research on mobile banking and payment to explore the
adoption of mobile finance apps. A total of 348 questionnaires were collected online and offline and
analyzed by SEM. The results show that performance expectancy, effort expectancy, social influence,
facilitating conditions, trust, and perceived risk affect the intention to use mobile finance. This study
makes theoretical contributions by contextualizing UTAUT and considering the indigenized factors
in China and offers practical implications for mobile finance operators.
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1. Introduction

Mobile finance, as one of the most important types of inclusive finance [1], plays
significant roles in sustainable development, especially for undeveloped regions and low-
income populations, which can’t obtain basic financial services that are offered usually by
traditional financial institutions [2]. Mobile finance in this study is defined as individuals
using apps on mobile devices to transfer out money on their electronic accounts to invest in
financial products such as debt, stocks, and benefits. Compared with traditional financial
services, mobile finance has many unique characteristics, such as breaking the time and
space restrictions, removing the intermediary links of banks, increasing the investment
channels, and lowering the investment threshold for users [3], which offer sustainable
approaches to settle lots of problems that can hardly be solved in traditional ways.

Mobile finance offers users low threshold but highly customized financial service at
any time and place [4], while the user can garner higher returns while maintaining asset
liquidity and reduce the transaction risk that is caused by traditional financial services due
to information asymmetry [5]. Therefore, the low-income population who are deprived
the right of obtaining basic financial service can gain access to capital income to improve
their lives by mobile finance [6]. For financial service providers, mobile finance makes it
possible to collect more deal-related data, analyze the users’ credit status more accurately,
offer customized service [7], and access to the long-tail users with minimal cost [8], which
can enable performance sustainability in a dynamic and competitive environment. For
the whole society, mobile finance improves the financial system, especially for the grass-
root public [9], and eliminates income inequality [10], which can create conditions for
sustainable finance [11].

Mobile finance has spread at high speed and gained many users. According to the
latest report that was released by LIFTOFF and APP ANNIE, mobile finance gained the
biggest rise among all kinds of mobile financial services including mobile banking, mobile
payment, and mobile finance in 2021. The growth of users of the top ten mobile finance apps
(measured in monthly active users or MAU) outnumbered mobile banking 5%, especially
in APAC- except for China. The audience for mobile finance apps increased at least twice
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as fast as banking apps (https://go.appannie.com/Mobile-Finance-Report.html). The data
of mobile finance users is remarkable in China. According to the financial statement that
was released by ANTFIN, a subordinate to Alibaba, users of mobile finance had surpassed
730 million, and only the investment on funds had exceeded 4 trillion RMB on a fortune
app in 2020 (https://pdf.dfcfw.com/pdf/H2_AN202008251401350672_1.pdf (accessed on
22 Aug 2022)).

However, what and how the characteristics of mobile finance influence its adoption
are still unknown. First of all, although it is getting more attention, mobile finance is still
a new phenomenon [12], and research on it is still on the surface [13]. The characteristics
stimulating its fast spread have not been theorized and empirically tested. Secondly, mobile
finance is, to some extent, similar to mobile banking and mobile payment [14], causing
scholars to ignore its unique traits’ influence on adoption. Actually, several empirical
studies on mobile financial services have shown that significant differences exist in results
when they apply similar models or relatively close variables under different kinds of
contexts. For example, Schierz, Schilke, and Wirtz discovered that compatibility has the
greatest influence on the use of mobile payment, and mobility, subjective norms, perceived
usefulness, and security play an important role, but the perceived ease of use of mobile
payment influences adoption mildly [15]. However, in the context of mobile banking,
perceived ease of use is one of the most critical factors [16]. Considering the context
of mobile finance, we assume that the factors influencing its adoption may be different.
Thirdly, the extant literature mainly employed TAM (Technology Acceptance Model) to
explore factors influencing the adoption of mobile finance [13] but neglected other factors
such as trust and perceived risk. Therefore, this study employs and extends UTAUT
(Unified Theory of Acceptance and Use of Technology) to explore what factors and how
these factors influence the adoption of mobile finance.

The structure of this paper is as follows: Firstly, we introduce the theoretical back-
ground of this study in Section 2; secondly, we present the research model and the proposed
hypotheses in Section 3; and Section 4 elaborates the research methods that were used for
evaluation. Then, Section 5 shows the results of empirical analysis; Finally, in Section 6, we
analyze the findings of this research in-depth.

2. Theoretical Background
2.1. Fintech and Mobile Finance

Our study focuses on the adoption of mobile finance, which has been defined in the
introduction. According to this definition, it is one of the trends of fintech. Scholars and
practitioners have not reached a consensus on the definition of fintech although it has
gained an amount of interest [17]. Generally, it can be viewed as a new service model of
traditional finance which is transformed by technology, especially mobile internet, cloud,
and data analysis [18]. Fintech has many forms in practice such as technology solutions
and disruptive financial services [19].

The factors which impact the adoption and use of fintech, especially some certain
forms of fintech, have been explored [20]. For example, self-efficacy and perceived useful-
ness promote the continuance intention of fintech [21]. Among these studies, Senyo and
Osabutey’s research offers us some clues. They drew on UTAUT2 to explore the antecedents
of the use of fintech innovation (mobile money) and detected the factors which affect mo-
bile money’s use behavior [13]. However, their study deemed performance expectancy,
and effort expectancy as one-dimensional constructs, which are in fact multi-dimensional
constructs. Moreover, compared with the context of their study, which was sampled in
Ghana, our study is conducted in China, a country with advanced IT infrastructure, so we
hope to gain new insights of the adoption of mobile finance. Other factors that impact the
acceptance of mobile money include trust and risk [22,23], social network [24], and some
factors from TAM and other technology acceptance models [25,26]; these research hints us
how to explore the factors which impact the adoption of mobile finance.

https://go.appannie.com/Mobile-Finance-Report.html
https://pdf.dfcfw.com/pdf/H2_AN202008251401350672_1.pdf
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2.2. UTAUT

To explain technology acceptance better, Venkatesh et al. integrated eight theories
and models to build the Unified Theory of Acceptance and Use of Technology (UTAUT),
which indicates that performance expectancy (PE), effort expectancy (EE), social influence
(SI), and facilitating conditions (FC) that impact the technology acceptance, and these
relationships are moderated by the user’s age, gender, experience, and voluntariness of
use [27]. Evidence shows that the UTAUT is more powerful than other adoption models
and theories and it can account for as much as 70 percent of the adoption [28], and its
application is beyond the user adoption field. However, the UTAUT must be contextualized
according to applying context [29]. So, our study builds an integrated model of the adoption
of mobile finance based on UTAUT and then empirically tests it.

3. Research Model and Hypotheses

This research contextualizes four independent variables of UTAUT and adds two
new variables of perceived risk and trust to detect the antecedents of the adoption of
mobile finance apps. Firstly, research proves trust and perceived risk do have impacts on
the user’s decision, for example, users’ decisions are influenced by their trust [30], and
perceived risk affects users’ trust [31,32], thus we assume that the perceived risk and trust
impact the adoption of mobile finance. Secondly, we retain the perceived ease of use as
a dimension of the effort expectancy and substitute the perceived reliability for the other
dimension based on the research of other mobile financial services such as mobile banking
and payment [33,34] and the features of mobile finance. Thirdly, considering the Chinese
context, we add personal innovativeness, institutional influence, and promotional incentive
as facilitating factors [35]. According to UTAUT and the characteristics of mobile finance,
we choose gender, age, education, and the average monthly income as moderators. Finally,
we propose the integrated model of the adoption of mobile finance, which is illustrated in
Figure 1.

3.1. Performance Expectancy

Based on the definition of performance expectancy in UTAUT, we define it in the
context of mobile finance as the extent to which users perceive using mobile finance could
assist him or her to achieve better performance. The extant literature has discovered
that performance expectancy can promote users’ intention to use mobile banking [30,33].
Analogously, we posit the hypothesis (H1) as follows:

Hypothesis 1 (H1). Users’ performance expectancy positively and significantly influences individ-
uals’ intention to use mobile finance.

3.1.1. Convenience

Convenience means that users can access mobile finance apps easily, which could
save users’ time and energy to improve performance. The literature has found that the
convenience of mobile apps allows users to transact anytime and anywhere [36], which
has a significant impact on users’ willingness to use them [37] Therefore, we speculate that
convenience promotes the adoption of mobile finance and we propose the hypothesis (H1a)
as follows:

Hypothesis 1a (H1a). Convenience positively affects individuals’ intention to use mobile finance.
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Figure 1. The research model.

3.1.2. Responsiveness

Responsiveness refers to responding to users’ requirements in time and providing
users with detailed information and instructions for business or service [38]. Responsive-
ness in this study refers to the extent to which the mobile finance operators respond to the
requirements and help from users, such as the velocity of sending messages and news to
users, the speed of solving users’ requirements, and the transaction speed (also known
as response time). Faster responsive speed is a factor that enhances users’ satisfaction to
use mobile banking [39]. Mobile finance has some identical functions with mobile banking
because the users have to draw money from the e-account. At the same time, in traditional
investments, obtaining news and completing the transaction in a timely manner are critical
which depend on responsiveness, so responsiveness may play a great role in mobile finance.
As mobile finance is a technological innovation, users may encounter a lot of difficulties
and generate unique requirements when using it. Whether the mobile finance operators can
quickly handle the difficulties, and whether they can respond to the users’ requirements in
time will impact users’ intention to use mobile finance. So, we speculate that (H1b):

Hypothesis 1b (H1b). Responsiveness positively affects individuals’ intention to use mobile finance.
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3.1.3. Perceived Cost

The perceived cost is the potential cost of using mobile finance that users will per-
ceive. Studies have confirmed that perceived cost hinders the adoption of mobile financial
services [40]. For example, Wessels and Drennan found that the perceived cost negatively
affects mobile banking adoption intentions [41]. To some extent, low cost means high
revenue, which indicates that performance will be enhanced. Thus, we infer that adoption
intentions of mobile finance will be impaired when the perceived cost is high and propose
the hypothesis (H1c) as follows:

Hypothesis 1c (H1c). Perceived cost negatively affects individuals’ intention to use mobile finance.

3.1.4. Perceived Enjoyment

Perceived enjoyment is the degree of pleasure that is brought to users when using
and experiencing a certain product or service, which is the perceived benefits at the psy-
chological level. Perceived enjoyment has been proven as a crucial factor that elevates
the use of mobile banking [30] and mobile payment [42]. Mobile finance apps may offer
entertainment functions to users. If the potential users perceive that they could experience
pleasure from using it, they will be inclined to use mobile finance. Thus, we posit the
hypothesis (H1d) as follows:

Hypothesis 1d (H1d). Perceived enjoyment positively affects individuals’ intention to use
mobile finance.

3.1.5. Product Characteristics

Product characteristics include the return rate of mobile finance, the minimum amount
of investment, and fluidity. A higher return rate with high fluidity is an important trait of
mobile finance, which could enhance users’ investment income. As such, we consider the
product characteristics as one dimension of performance expectancy, and the analysis of
reliability and validity supports this point. The investors in China pay quite some attention
to the return of investment and the higher minimum amount of investment significantly
abates the intention of investment. The mobile finance renounces the offline channel which
reduces the operational cost, so it can provide more benefits for investors; the minimum
amount of investment of mobile finance is extraordinarily low, even starting from one cent
RMB, which lowers the threshold of investment; the fluidity of mobile finance is high when
they invest on highly liquid assets. Therefore, we assume that (H1e):

Hypothesis 1e (H1e). Product characteristics affect individuals’ intention to use mobile finance.

3.2. Effort Expectancy

We define effort expectancy as the extent to which the ease of using mobile finance is
expected by the potential users, including two dimensions of perceived ease of use and
perceived reliability. UTAUT indicates that effort expectancy significantly affects the adop-
tion of technology. Taking mobile banking as an example, the adoption raises dramatically
when users perceive that using mobile banking does not require much effort [30]. Effort
expectancy is also considered to influence the use intention indirectly through a positive
influence on performance expectancy [30,43]. Therefore, we infer that effort expectancy
positively influences performance expectancy and individuals’ use intention (H2, H3):

Hypothesis 2 (H2). Effort expectancy positively influences individuals’ intention to use mobile finance.

Hypothesis 3 (H3). Effort expectancy positively influences individuals’ performance expectance.
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3.2.1. Perceived Ease of Use

Based on Davis’ definition of perceived ease of use [44], we define it in the context of
mobile finance as users’ subjective judgments about the ease of using mobile finance. The
perceived ease of use has been empirically proven to play a crucial role in the adoption of
a variety of technologies [45,46]. Therefore, when users deem that using mobile finance
does not take much effort, their intention to use may be enhanced; on the contrary, their
intention may be greatly reduced. Thus, we posit the hypothesis (H2a) as follows:

Hypothesis 2a (H2a). Perceived ease of use significantly influences individuals’ intention to use
mobile finance.

3.2.2. Perceived Reliability

The perceived reliability of mobile finance refers to the users’ subjective perception of
the reliability of mobile finance [47]. High reliability allows users not to spend extra effort
to solve a series of problems that are caused by the unreliable system, so we take it for one
dimension of effort performance. It has been found that users’ perception of the reliability
of innovative technology will significantly stimulate their use intention [48]. Studies have
pointed out that perceived reliability is one of the most powerful factors impacting the
acceptance of mobile banking [49]. Therefore, we hypothesize that the perceived reliability
will promote users’ intention to use mobile finance (H2b):

Hypothesis 2b (H2b). Perceived reliability significantly affects individuals’ intention to use
mobile finance.

3.3. Social Influence

Social influence is defined as the extent to which an individual perceives that other
people who are important to him/her believe he or she ought to use the new system [27]. As
individuals adjust their beliefs and behavior based on their social networks, the information
that is provided by users around them can boost their use intention [50]. In the context
of mobile payment, social influence has been proven to have a critical impact on the use
intention [51]. Some studies have found that more exchange adopters in one’s social
network increased the acceptance of mobile money [24]. Thus, we posit that (H4):

Hypothesis 4 (H4). Social influence positively influences individuals’ intention to use mobile
finance.

3.3.1. Subjective Norm

Based on Venkatesh’s definition of the subjective norm [27], we define the subjective
norm as the degree to which individuals perceive that people who are important to them
encourage them to use mobile finance. Subjective norm has been empirically proven as an
important factor that influences the use intention [29]. Therefore, we assume that if users
observe that person who has an influence on them uses mobile finance, their intention to
use mobile finance will be boosted. So, we posit the hypothesis (H4a) as follows:

Hypothesis 4a (H4a). Subjective norm significantly influences individuals’ intention to use
mobile finance.

3.3.2. Image

Image refers to the extent of enhancement of one’s image or status in one’s social sys-
tem by using innovative technology. Users’ intention to use technology will be strengthened
if he or she believes that using it can improve his or her status and image [50]. Similarly,
we speculate that the user’s desire to use mobile finance may be reinforced by the user’s
desire to emulate and follow high fashion when he or she finds others using mobile finance.
Therefore, we propose the following hypothesis (H4b):
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Hypothesis 4b (H4b). Image significantly influences individuals’ intention to use mobile finance.

3.4. Facilitating Conditions

The facilitating conditions are the extent to which individuals perceive those resources
and technology facilitate the use of new systems or technologies [27], mainly including ele-
ments such as personal innovativeness, institutional influence, and promotional incentives
which are proposed based on the Chinese context in this study. For example, facilitating
conditions obviously influence use behavior in the context of mobile banking [52]. There-
fore, we speculate that the use of mobile finance will be facilitated when users recognize
that they have the skills and resources to support them to adopt mobile finance. We posit
the hypothesis (H5) as follows:

Hypothesis 5 (H5). Facilitating conditions positively affect individuals’ behavior of using mobile
finance.

3.4.1. Personal Innovativeness

Personal innovativeness refers to the extent to which individuals are able to accept or
adopt innovative technologies and products in their social environment [53], which plays an
important role in use decisions for mobile applications and mobile commerce [54]. Research
has shown that personal innovativeness can boost the willingness to use fintech [55]. Thus,
we hypothesize that innovation-minded users may have a stronger demand for mobile
finance (H5a):

Hypothesis 5a (H5a). Personal innovativeness significantly affects individuals’ behavior of using
mobile finance.

3.4.2. Institutional Influence

The institutional influence mainly refers to the impact of the policies and laws on
mobile finance that are issued by the government and other authoritative departments. It is
found that the national financial policies and regulations have impacts on the entire market,
which, in tun, affects people’s beliefs about the future of mobile finance [56]. Hence, if the
government has a clear policy to regulate and promote the development of mobile finance,
users’ willingness to use mobile finance may be inspired. Therefore, we posit the following
hypothesis (H5b):

Hypothesis 5b (H5b). Institutional influence significantly affects individuals’ behavior of using
mobile finance.

3.4.3. Promotional Incentive

Promotional incentive refers to a bonus or premium a user can receive through the
use of mobile finance. Mobile finance operators have successfully attracted many users
by offering substantial promotional incentives to potential users, which increases their
actual return. There is evidence to prove that incentives can promote the use of fintech [57].
Therefore, we assume that the promotional incentive will influence the users’ mobile finance
use behavior and posit the hypothesis (H5c) as follows:

Hypothesis 5c (H5c). Promotional incentive significantly affects individuals’ behavior of using
mobile finance.

3.5. Trust

We define trust in mobile finance as the extent to which an individual believes in the
mobile finance apps and their operators. Trust significantly impacts use intention and use
behavior. Taking mobile payment as an example, users’ trust promotes their willingness
to use it and their use behavior [58]. In the context of fintech, trust also exerts a great
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influence on the adoption [59–61]. Therefore, we speculate that in mobile finance, users’
trust positively affects their willingness and behavior of using mobile finance and propose
the hypotheses (H6, H7) as follows:

Hypothesis 6 (H6). Trust positively influences individuals’ intention to use mobile finance.

Hypothesis 7 (H7). Trust positively influences individuals’ behavior of using mobile finance.

3.6. Perceived Risk

Perceived risk is the perceived uncertainty that is caused by the users cannot expect
their purchase results [62]. Perceived risk is a key obstacle to preventing people from using
mobile financial services [43,63,64]. For example, the higher the perceived risk of using
mobile banking, the more negative the willingness to use it [65]. Only when users perceive
that mobile finance is low-risk, will the willingness to use it be positive. In the meanwhile,
extant literature has found that perceived risk not only reduces users’ purchase intention
but also noticeably affects users’ trust [66,67]. Therefore, the following hypotheses are
proposed (H8, H9):

Hypothesis 8 (H8). Perceived risk negatively affects individuals’ intention to use mobile finance.

Hypothesis 9 (H9). Perceived risk negatively affects individuals’ trust of using mobile finance.

3.7. Use Intention and Use Behavior

Use intention is the extent to which an individual is willing to act particular be-
havior [44,68], and use behavior refers that users turn their use intention of information
technology into action and to use the technology [69]. The Theory of Reasoned Action
(TRA) indicates that use intention is the key predictor variable of use behavior. Based on
the TRA theory, we assume that the stronger the user’s willingness to use Mobile finance,
the more likely it is that he or she will actually use it (H10):

Hypothesis 10 (H10). Individuals’ intention to use mobile finance positively affects their use
behavior.

3.8. Moderate Variable

It has been shown that gender [51], age [51,70], education [70], and income [69] mod-
erate the relationships between the prediction variables, use intention, and use behavior.
Scholars also believe that users type moderate their willingness to use fintech and have
tested this theory [71]. Therefore, according to the characteristics of users of mobile finance,
we explore the moderating effects which are caused by gender, age, education, and average
monthly income on the relationships which we hypothesized before:

Hypothesis 11a/b/c. The impact of performance expectancy/effort expectancy/social influence on
individuals’ intention to use mobile finance is moderated by gender.

Hypothesis 12a/b/c. The impact of performance expectancy/effort expectancy/social influence on
individuals’ intention to use mobile finance is moderated by age.

Hypothesis 13a/b/c. The impact of performance expectancy/effort expectancy/social influence on
individuals’ intention to use mobile finance is moderated by education.

Hypothesis 14a/b/c. The impact of performance expectancy/effort expectancy/social influence on
individuals’ intention to use mobile finance is moderated by average monthly income.

Hypothesis 11d/12d/13d/14d. Gender/age/education/the average monthly income moderates the
relationship between facilitating conditions and individuals’ behavior of using mobile finance.
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4. Research Methodology
4.1. Measurement

In order to test the proposed hypotheses, we conducted a quantitative study through
a questionnaire survey. The scales in this study are pre-existing. However, to fit the
research context of mobile finance, we incorporated the characteristics of mobile finance.
Considering the participants are Chinese, as well as to avoid the impact of language
differences, the back-translation procedure [72] was adopted to ensure the equivalence
between the Chinese and English versions. The questionnaire was pilot tested with 209
subjects to examine its validity and reliability. We modified the items via the results
of the pilot test, including Cronbach’s alpha value and Exploratory Factor Analysis, to
form a formal scale of factors that influence the adoption of mobile finance. The formal
measurements are shown in Appendix A.

4.2. Data

The questionnaire was distributed online and offline from December 2020 (offline)
to July 2021 (online). The target participants in this investigation were university stu-
dents, employees from government and public institutions, and enterprises. To ensure
the diversity of the sample, a portion of the older and retired groups were also selected
as respondents. A total of 1456 questionnaires were sent out and 405 questionnaires were
collected, among which 57 were obviously perfunctory and did not meet the requirements.
Finally, we obtained 348 valid questionnaires (the recovery rate was 23.9%), and 162 were
collected online, the remainder were collected offline. The number of the samples meets
the criterion that the minimum sample size of SEM should reach [73].

4.3. Profile of Participants

Table 1 reveals the participants’ characteristics of this investigation. A total of 52.3%
of the respondents are male compared to 47.7% of the total respondents who are female,
which means the gender ratio of the sample is balanced. The age of the sample in this
study is mainly 31–40 years old (66.1%), most of them have a bachelor’s degree or above
(93.7%). The vast majority of respondents (39.9%) have a monthly income ranging from
USD 724.91–1449.82, and those (30.5%) who have a monthly income ranging from USD
1449.82–2899.64 followed. In total, the distribution of the sample is basically consistent
with the characteristics of mobile finance users that was shown in the 2017 White Paper on
Mobile Internet Financial users with a tremendous sample size, which indicates the sample
for this research is typical.
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Table 1. Characteristics of the participants.

Variable Size Percentage

Gender
Male 182 52.3%

Female 166 47.7%

Age

18–25 13 3.7%
26–30 68 19.5%
31–40 230 66.1%
41–50 27 7.8%

More than 50 10 2.9%

Education
College 22 6.3%
Bachelor 152 43.7%

Master’s degree and above 174 50%

Average Monthly Income

Less than USD 724.91 37 10.6%
USD 724.91–1449.82 139 39.9%
USD 1449.83–2899.64 106 30.5%
USD 2899.65–7249.11 59 17%

More than USD 7249.11 7 2%

Use Hours
Less than 5 years 177 50.9%
More than 5 years 68 19.5%

Never used 103 29.6%

Use Frequency

Less than once a month 114 32.8%
At least once a month 120 34.5%
At least once a week 58 16.7%
At least once a day 56 16.1%

Furthermore, most of the participants have the behavior of using mobile finance
(70.4%), and 29.6% of the respondents do not use it. More than half of the respondents use
mobile finance for a short period, usually less than 5 years (56.9%), and using frequency
mostly falls into the range of at least once a month or less (67.3%).

4.4. Nonresponse Bias

We employed a way of comparing the mean differences of the key variables in the
questionnaires from different sources (offline (earlier) and online (later)) to evaluate the
nonresponse bias [74]. Table 2 presents the results of the evaluation. The Levene variance
homogeneity test results show that p-values of all of the constructs of our study are all
greater than 0.05, which means a significant difference in the variance does not exist. Then,
according to the t-test results of the equal variances assumed, the p-values of the t-test are
greater than 0.05, meaning there is non-significant difference in the mean of samples from
different sources. To sum up, there is no severe nonresponse bias in our data.

4.5. Common Method Bias

Harman’s single-factor test was used to examine whether the correlation among
the variables is significantly caused by a common measurement source [75]. The results
show that the explanation rate of the first factor is only 37.686%, which is lower than
the minimum threshold (50%) that was suggested by Mattila and Enzi [76]. If there is a
serious common method bias, the correlation coefficient between the constructs will be very
high (for example, it may be higher than 0.9) [77], while the highest correlation coefficient
between the constructs in this study is 0.692. Thus, it can be inferred that serious common
method bias does not exist.
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Table 2. Non-response bias test.

Levene’s Test t-Test for Equality of Means

Test Variable F Sig. t Sig.
(2-Tailed)

95% Confidence Interval
of the Difference

Lower Upper

Performance Expectancy 0.049 0.824
0.593 0.553 −0.151 0.282
0.594 0.553 −0.151 0.282

Effort Expectancy 0.999 0.318
−10.448 0.149 −0.496 0.075
−10.351 0.179 −0.518 0.097

Social Influence 0.345 0.558
−0.790 0.430 −0.441 0.188
−0.768 0.444 −0.452 0.199

Facilitating Conditions 0.454 0.501
−0.406 0.685 −0.303 0.199
−0.408 0.684 −0.302 0.198

Trust 20.640 0.105
−0.299 0.765 −0.330 0.243
−0.279 0.781 −0.352 0.265

Perceived Risk 0.124 0.725
10.118 0.264 −0.130 0.473
10.087 0.279 −0.140 0.483

Use intention 20.371 0.125
−0.354 0.723 −0.413 0.286
−0.341 0.734 −0.428 0.302

Use Behavior 0.487 0.486
0.328 0.743 −0.209 0.293
0.334 0.739 −0.206 0.290

Note: For each variable, the first line means equal variances assumed, and the second line means equal variances
not assumed.

5. Result

A structural equation model (SEM) was used to evaluate model fitness and the model.
In this section, we present the results in two levels: measurement model and structural
model. The features and capabilities of the analysis moment of structures (AMOS) software
certainly meet the requirements of SEM analysis, so this study used it to analyze the data.

5.1. Measurement Model

According to the suggestions of Hair [73], before any other statistical analysis, the
reliability of the instrument should be verified to ensure the quality of the measurement.
Therefore, confirmatory factor analysis (CFA) was conducted in this study to assess the
reliability and validity of our scales. Cronbach’s α coefficient and composite reliability (CR)
were utilized to verify the internal consistency. Hair suggested that 0.7 is the minimum
threshold of composite reliability [73]. On the other hand, when the number of questions of
each construct is less than 6 and Cronbach’s α coefficient is greater than 0.6, indicating that
the scale is valid, and if the coefficient is greater than 0.7, means the internal consistency
is good. The values of CR in Table 3 are all higher than 0.7, and for most constructs, the
Cronbach’s α coefficients are greater than 0.7, which clearly meet the required threshold.
Although the CR values of image and personal innovativeness are 0.680 and 0.689, they
are still considered acceptable values [73]. Overall, the results support the reliability of all
the constructs.
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Table 3. The results of internal consistency and construct validity.

Construct AVE CR Cronbach’s
Alpha

Performance Expectancy

Convenience 0.563 0.712 0.681
Responsiveness 0.560 0.718 0.718
Perceived Cost 0.647 0.785 0.781
Perceived
Enjoyment 0.603 0.710 0.733

Product
Characteristics 0.724 0.840 0.774

Effort Expectancy

Perceived Ease
of Use 0.830 0.907 0.907

Perceived
Reliability 0.645 0.784 0.784

Social Influence
Subjective Norm 0.594 0.812 0.815
Image 0.524 0.680 0.680

Facilitating Conditions

Personal
Innovativeness 0.576 0.689 0.688

Institutional
Influence 0.543 0.737 0.725

Promotional
Incentive 0.695 0.820 0.820

Trust 0.575 0.843 0.838
Perceived Risk 0.552 0.720 0.754
Use intention 0.759 0.904 0.903
Use Behavior 0.572 0.728 0.726

Furthermore, convergent validity and discriminant validity were used to examine
the construct validity. Convergent validity in this study was examined by the average
variance extracted (AVE). According to the recommendation of Hair [73], the threshold
value of AVE is 0.5. The statistical results in Table 3 show that all of the AVE values of
constructs are above 0.5, within the interval that is recommended by Hair [73], thus proving
the convergent validity of the measurement scales.

The discriminant validity was examined in this study by whether the correlation
coefficient between each construct and other constructs is lower than the square root of its
AVE. According to Fornell and Larcker [78], if the relationship that is mentioned above is
satisfied, it proves that the model has discriminant validity. Table 4 shows the results. The
correlations between these constructs are lower than the square root of AVE. Therefore, the
results fully prove the model’s discriminant validity.
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Table 4. Discriminant validity.

Convenience Responsive-
ness

Perceived
Cost

Perceived
Enjoy-
ment

Product
Character-

istics

Perceived
Ease of

Use

Perceived
Reliabil-

ity

Subjective
Norm Image

Personal
Innovative-

ness

Institutional
Influence

Promotional
Incentive Trust Perceived

Risk
Use in-
tention

Use Be-
havior

Convenience 0.750
Responsiveness 0.602 0.748
Perceived Cost 0.503 0.525 0.804

Perceived
Enjoyment 0.564 0.571 0.617 0.777

Product
Characteristics 0.540 0.420 0.503 0.557 0.851

Perceived Ease
of Use 0.453 0.440 0.317 0.530 0.571 0.911

Perceived
Reliability 0.559 0.456 0.522 0.490 0.647 0.692 0.803

Subjective
Norm 0.259 0.292 0.313 0.411 0.593 0.455 0.610 0.771

Image 0.398 0.572 0.479 0.417 0.403 0.337 0.504 0.411 0.724
Personal

Innovativeness 0.546 0.548 0.411 0.356 0.528 0.285 0.488 0.419 0.479 0.759

Institutional
Influence 0.369 0.217 0.565 0.401 0.449 0.399 0.692 0.335 0.376 0.534 0.737

Promotional
Incentive 0.304 0.391 0.260 0.434 0.446 0.209 0.369 0.345 0.465 0.271 0.326 0.834

Trust 0.644 0.484 0.564 0.553 0.491 0.370 0.504 0.652 0.440 0.310 0.627 0.430 0.758
Perceived Risk 0.176 0.045 0.149 0.289 0.309 0.126 0.161 0.088 0.110 0.125 0.381 0.296 0.344 0.743
Use intention 0.541 0.567 0.423 0.572 0.486 0.549 0.625 0.516 0.560 0.304 0.233 0.542 0.532 0.584 0.871
Use Behavior 0.378 0.300 0.237 0.243 0.299 0.322 0.401 0.506 0.327 0.384 0.102 0.143 0.261 0.104 0.491 0.756

Note: The diagonal numbers in bold indicate the square root of the average variance extracted (AVE).
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5.2. Structural Model

In this section, we analyzed the hypothetical paths of the model. The model fitness
needs to be examined first. Then, we present the results of the model hypothesis, describing
the relationship between the structural variables and the evaluation of moderating variables.
Finally, we compare and analyze the influence of different factors on the behavior of users
and non-users of mobile finance.

5.2.1. Model Fitness

The Goodness of Fit (GoF), which is used to examine the fitness of the collected data
and the proposed model, is essential in SEM. Our study employed maximum likelihood
(ML) estimation to examine the GoF, the related indices, including the absolute fitness
indices, such as χ2/df, Goodness of Fit Index (GFI), and RMSEA (Root Mean Square Error
of Approximation), and the relative fitness indices, such as CFI, NFI, NNFI, and IFI.

After the initial examination, the values of GFI and CFI do not reach the threshold
(Appendix B), which means the model has to be further modified. Therefore, we utilized
modification indices which is provided by AMOS to modified GoF. After the correction,
χ2/df =2.532, between 1.0 and 3.0, RMSEA is within the suggested interval (<0.08). Ac-
cording to the research of Hair [73], the values of IFI, CFI, AGFI, and NNFI are above
the minimum threshold. In conclusion, the values of these indices satisfied the threshold
requirements, which proves that the model fitness meets the requirements for further data
analysis. Table 5 presents the value of indicators and their recommendation threshold.

Table 5. The fit indices values of the model.

Fit Indices The Proposed Model Fit Benchmark

df 278
Chi-square (χ2) 703.763

χ2/d f 2.532 <3
GFI 0.864 >0.90

AGFI 0.828 >0.80
NFI 0.880 >0.90

NNFI 0.910 >0.90
CFI 0.923 >0.90
IFI 0.924 >0.90

RMR 0.105 <0.05
RMSEA 0.066 <0.08

5.2.2. Assessment of Construct Relations

In this section, the hypotheses are tested. The regression results of the path coefficient
of the modified model are presented in Table 6.

According to the results that are presented in Table 6, the paths for hypotheses H1, H2,
H4, H6, H7, and H10 are statistically positive and significant. Consistent with previous
studies, the results indicate that users’ intention to use mobile finance is significantly
affected by trust, SI, EE, and PE, with SI having the greatest influence (β = 0.750). As shown
in the results, the model explains 63.6% (R2) of the variance for users’ use intention. The
impact of EE on PE is significant and positive (H3 is supported), which is in line with the
results of Verkijika’s research [43]. The R-square of PE is 0.779, which means that 77.9% of
the variance in PE is explained by EE. More concretely, if individuals perceive that using
mobile finance is not difficult, their perceived usefulness will be enhanced obviously and
then increase their willingness to use it. FC has a significant and positive effect on users’
mobile finance use behavior (H5 is supported), which is in line with the results of Alalwan
et al.’s research [30]. Combined with other related constructs, 50.4% (R2) of the variance in
use behavior can be explained by the model. The perceived risk has a statistically significant
and negative effect on trust (H9 is supported), which in line with Yu’s research results [67],
and explains 20.1% (R2) of the variance in trust. In addition, it is worth noting that the
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perceived risk affects trust strikingly, and trust influences use intention obviously, but the
perceived risk affects use intention negligibly. Thus, we speculate that users’ trust in mobile
finance mitigates their perception of security and financial risks, making risk indirectly
affect users’ willingness to use, and H8 is not supported.

Table 6. The results of the constructs model.

Hypothesis Full Sample Users Non-Users

β T-Value β T-Value β T-Value

H1 (+) 0.289 2.335 * 0.543 2.822 ** 0.155 2.281 *
H2 (+) 0.235 2.148 * 0.384 1.993 * 0.194 1.986 *
H3 (+) 0.883 14.570 *** 0.900 11.064 *** 0.847 8.479 ***
H4 (+) 0.750 7.976 *** 0.717 5.872 *** 0.693 4.543 ***
H5 (+) 0.242 2.820 ** 0.305 2.688 ** 0.204 1.210
H6 (+) 0.187 2.834 ** 0.138 2.695 ** 0.326 2.600 **
H7 (+) 0.175 2.655 ** 0.127 2.199* 0.157 2.669 **
H8 (−) −0.092 −1.727 −0.078 −1.247 −0.118 −1.122
H9 (−) −0.448 −4.217 ** −0.150 −1.609 −0.648 −5.600 ***
H10 (+) 0.671 9.918 *** 0.747 5.548 *** 0.314 3.328 ***
H1a (+) 0.632 3.345 *** 0.403 2.810 ** 0.340 2.755 **
H1b (+) 0.067 1.565 0.073 0.697 0.014 1.858
H1c (−) −0.240 −2.304 * −0.139 −1.312 −0.258 −1.981 *
H1d (+) 0.011 0.076 0.112 1.378 0.034 0.858
H1e (+) 0.352 2.657 ** 0.216 2.614 ** 0.313 2.747 **
H2a (+) 0.135 1.997 * 0.138 1.973 * 0.198 2.356 *
H2b (+) 0.162 2.136* 0.191 2.386 * 0.143 1.975 *
H4a (+) 0.481 3.925 *** 0.425 3.357 *** 0.372 4.093 ***
H4b (+) 0.320 3.355 *** 0.301 3.184 *** 0.262 3.813 ***
H5a (+) 0.218 2.044 * 0.231 2.055 * 0.097 1.458
H5b (+) 0.270 3.160 ** 0.355 2.820 ** 0.125 1.106
H5c (+) 0.129 2.248 * 0.122 1.974 * 0.154 2.397 *

* Significance at p < 0.05. ** Significance at p < 0.01. *** Significance at p < 0.001.

From the sub-categories of PE, the results in Table 6 show that convenience exerts
a significantly positive effect on users’ willingness to use (H1a), and the product char-
acteristics of high return, low investment threshold, and high liquidity also affect users’
intention to use mobile finance positively (H1c). When the perceived cost of using mobile
finance increases, the users’ willingness to use it decreases sharply, presenting a significant
and negative correlation (H1e). However, the results show that H1b and H1d are not
supported. For H1b, we suspect that users’ requirements of message feedback for mobile
apps may be satisfied by advanced Internet technology, so responsiveness has little impact
on the adoption behavior of mobile finance. For H1d, a possible explanation is that most
people are sensitive to monetary transactions and the transactions that are involved in
mobile finance are usually large in amount, so the process of using mobile finance is not
entertaining for the majority of people.

Furthermore, the perceived ease of use (H2a), perceived reliability (H2b), subjective
norm (H4a), and image (H4b) also significantly impact users’ willingness to use mobile
finance, among which subjective norm has the highest impact on users’ intention to use
(β = 0.481), indicating that users are highly susceptible to being influenced by those that
are close and important to them to choose to use mobile finance.

From the perspective of FC, personal innovativeness (H5a), institutional influence
(H5b), and promotional incentive (H5c) all positively affect the use behavior, among which
promotional incentive has the highest impact on the use behavior (β = 0.270). Since the
Chinese mobile finance market is still in the cultivation and development stage, its policy
impact has not drawn the mobile users’ attention, which leads the institutions to impact
users’ intention mildly.
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As mentioned earlier, this study uses age, education, gender, and income as modera-
tors to explore the moderating effect. The results are shown in Table 7.

Table 7. The result of moderating effect.

Main
Effect Moderator

Gender Age Education Income

Male Female
H
[1] H β T-value β T-value P [2] H β

T-
value H β

T-
value H β T-value

H1 H11a 0.547 8.787
*** 0.583 9.210

*** 0.388 H12a 0.083 0.404 H13a 0.233 0.768 H14a 0.305 1.025

H2 H11b 0.507 7.923
*** 0.610 9.883

*** 0.240 H12b −0.135 −0.748 H13b 0.072 0.261 H14b −0.044 0.180

H4 H11c 0.667 12.054
*** 0.705 12.988

*** 0.326 H12c −0.144 −1.188 H13c −0.582 0.004
*** H14c −0.009 −0.057

H5 H11d 0.548 8.801
*** 0.553 8.528

*** 0.516 H12d 0.225 0.820 H14d 0.350 1.195 H14d 0.484 2.099 **

Note: [1] H = hypothesis. [2] p > 0.1 means moderating effect is non-significant. ** means significance at p < 0.01.
*** means significance at p < 0.001.

Gender is treated as a binary variable, so the moderating effect of gender was analyzed
via the multi-group test. The results that were calculated by AMOS show that the moder-
ating effect of gender is non-significant (H11a–H11d). In order to verify the moderating
effect of age, education, and average monthly income, multiple hierarchical regression
analysis was conducted by adding interaction terms to the main effect. The results that are
displayed in Table 7 indicate that age does not act as a moderator between other variables
and use intention or use behavior (H12a–H12d). In summary of the above results, gender
and age have little moderating effect on the willingness and behavior of users to use mobile
finance. These results may be due to the inclusiveness of mobile finance.

In contrast, the relationship between SI and use intention (H13c) is significantly
moderated by users’ educational backgrounds, while the moderating effect between PE and
use intention (H13a), EE and use intention (H13b), as well as between FC and use behavior
(H13d) is non-significant. The users’ average monthly income significantly moderates the
relationship between FC and use behavior (H14d) but has a non-significant moderating
effect on use intention (H14a–H14c). On the whole, highly educated people are less likely
to be influenced by their social relationships to use mobile finance. We speculate that
this is because they can think more independently. People with high monthly income are
more likely to be influenced by FC to adjust their use behavior, as they pay more attention
to them.

Overall, after empirical analysis, 21 of the 38 hypotheses are examined. Table 8 presents
the results of the hypothesis testing.
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Table 8. Summary of hypotheses.

Hypotheses Result Hypotheses Result

H1 Supported H11a Not supported
H1a Supported H11b Not supported
H1b Not supported H11c Not supported
H1c Supported H11d Not supported
H1d Not supported H12a Not supported
H1e Supported H12b Not supported
H2 Supported H12c Not supported
H3 Supported H12d Not supported
H2a Supported H13a Not supported
H2b Supported H13b Not supported
H4 Supported H13c Supported
H4a Supported H13d Not supported
H4b Supported H14a Not supported
H5 Supported H14b Not supported
H5a Supported H14c Not supported
H5b Supported H14d Supported
H5c Supported
H6 Supported
H7 Supported
H8 Not supported
H9 Supported
H10 Supported

5.2.3. Users Versus Non-Users

Most of the participants (70.4%) in this investigation used mobile finance, and another
29.6% did not use it. Therefore, we further investigated the different influences of different
factors on users and non-users. The results are presented in Table 6.

Using AMOS to analyze the modified model, it is clear that EE, SI, PE, and trust
significantly impact the use intention of two groups of people (users and non-users).
Among them, PE, SI, and EE have stronger impacts on users, while trust has a stronger
effect on non-users. The effect of the perceived risk on use intention is non-significant in
either group. In the subdivided construct, convenience, product characteristics, image,
perceived reliability, subjective norm, institutional influence, and the perceived ease of
use impact both groups significantly (convenience being the highest), and they influence
users who already used mobile finance more obviously. Responsiveness and perceived
enjoyment negligibly affect either group.

It is also worth mentioning that FC has a significant effect on the users’ group but not
a significant impact on the non-users’ group. Equally, the influence between the perceived
risk and trust has different significant levels in the two groups. The increase of the perceived
risk of users who already used mobile finance does not reduce their trust in mobile finance
obviously, but the increase of the perceived risk of potential users who did not use mobile
finance strikingly reduces their trust in mobile finance and then affects their use intention.
In other words, the use intention of potential users to use mobile finance is distinctly
decreased by a high perceived risk. The analysis results also show that the perceived cost
directly affects the behavior of non-users, but the effect on users who already used mobile
finance is indirect, which indicates that potential users may reject using mobile finance
because of the high perceived cost.

Moreover, it is consistent with the reality that personal innovativeness and promotion
incentives influence the behavior of users distinctly, but mildly affect the behavior of non-
users. In reality, people who are more likely to try new things usually have high personal
innovativeness, so they prefer to use mobile finance, while people with low innovation
are less likely to try new things, such as mobile finance. Promotional incentives are more
targeted at users who already used mobile finance, as it promotes their frequency of use,
whereas, for those who did not use mobile finance, this method is less attractive.
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6. Conclusion and Contribution
6.1. Key Findings

The objectives of this research are to explore what factors and how these factors
impact the adoption of fast-spreading mobile finance. Based on the UTAUT model and
Venkatesh’s [27] suggestion of contextualization according to its applied environment,
we discover that performance expectancy, facilitating conditions, social influence, effort
expectancy, perceived risk, and trust affect the intention to use mobile finance. How-
ever, the sub-categories of these factors present diversified impacts on the adoption of
mobile finance.

Performance expectancy can be decomposed into convenience, responsiveness, per-
ceived cost, perceived enjoyment, and product characteristics according to the characteris-
tics of mobile finance. Convenience and product characteristics including the investment
return rate can enhance the adoption of mobile finance, and perceived cost clearly de-
clines the users’ intention to use mobile finance, while the impacts of responsiveness and
perceived enjoyment on the adoption of mobile finance are not statistically significant.
Effort expectancy mainly includes the perceived ease of use and perceived reliability; both
can enhance the adoption of mobile finance, although their influence on use intention is
marginal, compared with the sub-categories of social influence. Both the subjective norm
and image in social influence, especially the subjective norm, sharply influence adoption.
The facilitating conditions are contextualized as personal innovativeness, institutional
influence, and promotional incentive based on the traits of mobile finance and the unique
Chinese environment. Each of them has a positive influence on the behavior of using
mobile finance. Trust and perceived risk are crucial factors. Trust can boost the adoption of
mobile finance directly, but the perceived risk can only influence adoption through trust.

6.2. Contribution and Implication

By extending the UTAUT model, we explore the factors which impact the adoption of
mobile finance in China and make the following contributions and implications.

6.2.1. Theoretical Contributions

Our study explores the factors which influence the adoption of mobile finance in the
Chinese context and makes theoretical contributions as follows.

Firstly, this study empirically examines the factors which influence the adoption of
other forms of mobile financial services in the context of mobile finance. Studies on the
adoption of mobile payment and banking can be categorized into three streams. The
first stream considers the factors (e.g., social norm, compatible) in traditional technology
acceptance models, such as TAM and UTAUT, and tests their impact on the adoption of
mobile payment and banking. The second stream considers the traits of mobile financial
services, such as the response time of transaction and safety and tests their impact on
adoption. The third stream considers the characteristics of mobile apps such as mobility and
convenience and examines their impact. Our study conceives the similarities among mobile
finance, mobile payment, mobile banking, and fintech to test these factors’ influence and
finds that the majority of factors which influence mobile payment and banking’s adoption
also influence the adoption of mobile finance. For example, convenience, which has a great
impact on the adoption of mobile banking, also has a great impact on mobile finance. Our
results indicate that the traditional models of technology acceptance are eligible in the
environment of mobile finance on one hand and prove that the analogousness does exist
among different kinds of mobile finance on the other hand.

Secondly, the literature on mobile payment and banking ignores distinctive traits of
mobile finance, so this study contextualizes these factors of TAM, UTAUT, and other models
and explores how these novel factors impact its adoption. Compared with traditional
financial services, Mobile finance has characteristics of low initial investment volume and
high return and allows users to trade and check at any time. Therefore, considering these
characteristics, this study tests their influence on adoption and discovers that product
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characteristics play an important role. Compared with mobile banking that is operated
by the bank with high credit, the operators of mobile finance include private firms with
low credit. Hence, this study takes trust into account and finds how the users’ trust in the
operators, the third-party guarantee companies, and other participators of mobile finance
(such as the developer of mobile finance apps) impacts the adoption and use.

Thirdly, this study contextualizes the factors in the previous literature. Taking the
perceived risk as an example, in the literature on mobile banking and payment, it is
categorized many dimensions. For instance, perceived risk was divided into six dimensions
by Stone and Gronhaug [79], which are time risk, performance risk, psychological risk,
social risk, physical risk, and financial risk. However, the essence of mobile finance is an
investment, which is different from mobile banking and mobile payment. Consequently,
this paper divides perceived risk into three dimensions: the financial risk of users’ economy,
the security risk of user information protection, and the operational risk of mobile finance,
and explores the impact of perceived risk on mobile finance. However, the results show
that the perceived risk indirectly affects the adoption and use of mobile finance; it mainly
affects those through trust. Another example can be illustrated by the extant research which
has indicated that the perceived ease of use and perceived usefulness have great influences
on users’ intention of using mobile payment [50]. However, as mobile finance is at a very
early stage, many users are still in a wait-and-see stage so that social impact has a greater
influence on users’ mobile finance behavior.

This study explores the indigenized factors in China in the context of mobile finance.
The bonus is habitual promotion practice to attract potential users in China, so this study
examines promotion factors’ influence and finds that the relationship between promotion
and adoption of mobile finance is significant. The Chinese government formulates policies
to advance inclusive finance, which is categorized into the institutional factor in this study.
The result suggests that the adoption and use of mobile finance are positively affected by
the institutional factor. Furthermore, we find the effect of institutions on mobile finance is
less than mobile banking.

The adoption of mobile finance is moderated by many factors. The extant literature
mainly focuses on the moderating effect of gender and age. This study makes a more
in-depth division of the user’s demographic characteristics, detecting how factors such
as education and monthly income moderate the adoption behavior. However, our results
are quite different from the extant research. We only find the monthly income and edu-
cation significantly moderate the relationships between the independent variables and
use behavior of mobile finance. We speculate that mobile finance is one form of inclusive
finance whose goal is to supply basic finance service to everyone. Thus, the individual
characteristics exert little impact on the relationships between the antecedent variables and
the intent to use it.

6.2.2. Practical Implications

As for the practical implications, this study helps mobile finance operators to enhance
the individual’s intention to use and invest in their financing apps by optimizing the factors
which trigger the intention. The majority of factors impacting the adoption of mobile
finance depend on the extent of how the individual perceived them. Therefore, when
designing mobile finance apps, operators should consider what kind of experience it will
bring to users. Meanwhile, the traits of mobile finance and its apps play an important role
in adoption, so operators should strengthen the functions and technical characteristics of
mobile finance apps. For example, cost is one of the crucial factors that affects the users’
intention to use mobile finance. Reducing the transaction and use costs of mobile finance
will greatly increase the use intention of potential mobile finance users. Operators can try
their best to reduce cost to raise users’ willingness to use mobile finance and can also adopt
price strategies to attract users.

Social influence is also a major factor that could enhance the intention to use mobile
finance. Taking this as a starting point, we should reasonably choose the form of advertise-
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ment and promotion. In China, many mobile finance operators choose celebrities as their
advertising-endorsers and have achieved remarkable performance.

Although mobile finance operators have introduced a series of security measures, there
are still many potential users questioning the security of mobile finance. Operators should
strengthen the technical security of mobile finance apps and dispel people’s worries about
using mobile finance. In view of the investment nature of mobile finance, the operators
should further strengthen risk control, for example, bring in the third-party guarantee
system of mobile finance.

6.3. Limitation and Future Research Direction

There are several limitations in this study. First of all, we deduced the factors from
UTAUT and developed the hypotheses by referring to mobile banking and payment, which
may neglect other possible factors. The next step in our job is to induce the factors through
in-depth interviews with the users of mobile finance. Secondly, we chose demographic
variables to study the moderating effect based on UTAUT, which may ignore other moder-
ating variables, so we will choose other behavior variables to study their moderating effect
on the adoption of intention to use mobile finance in the future. Third, although mobile
finance can enhance the sustainability by poverty elimination and empower people with
the right to basic financial services, the mechanisms are unknown, therefore, we will assess
how the mobile finance impacts the sustainability of the financial systems and economic
development in the future research.
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Appendix A. Measurement items

Table A1. Measurement items.

Constructs Item Source

Performance Expectancy

Convenience 3 items Hoehle et al. [37]; Mansour [36]
Responsiveness 2 items Parasuraman et al. [38]; Jun & Cai [39]
Perceived Cost 3 items Zhou [40]
Perceived Enjoyment 2 items Zhou [42]; Alalwan et al. [30]
Product Characteristics 3 items These items are developed by ourselves.

Effort Expectancy Perceived Ease of Use 3 items Yoon & Steege [45]
Perceived Reliability 3 items Hanafizadeh et al. [48]

Social Influence
Subjective Norm 3 items Liebana-Cabanillas [50]
Image 3 items Liebana-Cabanillas [50]

Facilitating Conditions
Personal Innovativeness 3 items Tun-Pin et al. [55]
Institutional Influence 2 items Ammar & Ahmed [80]
Promotional Incentive 2 items Zhao, Anong, & Zhang [81]

Trust 4 items Wang et al. [60]
Perceived Risk 3 items Gefen [66]
Use Intention 3 items Venkatesh [29]
Use Behavior 2 items Venkatesh [29]
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Appendix B. The First Goodness of Fit Indices of the Structural Model

Table A2. The First Goodness of Fit Indices of the Structural Model.

Fit Indices The Proposed Model Fit Benchmark

df 344
Chi-square (χ2) 979.594

χ2/d f 2.848 <3
GFI 0.826 >0.9

AGFI 0.790 >0.8
NFI 0.857 >0.90

NNFI 0.895 >0.90
CFI 0.890 >0.90
IFI 0.910 >0.90

RMR 0.119 <0.05
RMSEA 0.075 <0.08
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