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Abstract: The role of digital technostress and self-efficacy in digital marketing research is seldom
discussed and even more rarely examined among Gen Z consumers. This study investigates the
relationships between four sub-dimensions of technostress (complexity, overload, invasion, and
uncertainty), digital technology self-efficacy, and fintech usage intention. Data from a total of
266 Chinese Gen Z consumers were used in multiple regression analysis. The results of the study
generally support that all sub-dimensions of technostress were negatively related to fintech usage
intention. Related to the moderating effects of digital technology self-efficacy on the relationship
between the four sub-dimensions of technostress and fintech usage intention, significant interaction
effects with complexity and overload were found. Finally, the study discusses the theoretical and
managerial implications of the research findings.

Keywords: digital technostress; digital techno self-efficacy; fintech usage intention; Chinese Gen
Z consumers

1. Introduction

“Fintech” is a portmanteau formed from the terms finance and technology [1]. It is
currently utilized in nearly every consumer financial service—from mobile payment to
online investment management service, consumer insurance, and peer-to-peer lending [2].
Fintech is rapidly revolutionizing the financial landscape with the progress of the fourth
industrial revolution [3,4]. In particular, the Chinese fintech industry has evolved at a
remarkable pace at which the rest of the world struggles to emulate [5–7]. Leading Chinese
fintech businesses, such as mobile payment services and big data-based online lending, are
at the frontier of the global fintech industry [8]. The Chinese fintech industry has evolved
differently from those in developed countries in many ways. While Western countries
have mainly developed fintech that focuses on cryptocurrencies or cross-border payment
services, Chinese fintech businesses have focused more on consumer mobile financial ser-
vices, such as mobile payment and online lending [9,10]. Therefore, for Chinese consumers,
fintech is becoming a most widely used digital technology that encompasses most online-
to-offline (O2O) commerce from mobile payment to entertainment, education, cultural
services, transportation, medical care, and other miscellaneous consumption areas [11].
Therefore, many digital marketing researchers have tried to find determinants of consumers
fintech behavior in China as fintech has most vastly reached Chinese consumers. Zhou
identified that trust, flow, and satisfaction determine the continuance intention of mobile
payment [12]. Chuang et al. found that brand and service trust, perceived usefulness, and
perceived ease of use positively related to the adoption of fintech service [13]. Wang et al.
found that trust in fintech service and structural assurance can encourage the continuance
usage intention of fintech service [14]. While many researchers identified the promoting
factors of fintech behavior in digital marketing literature, few studies have focused on the
constraints of fintech behavior.
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Digital innovations, such as fintech, offer greater convenience and efficiency to con-
sumers, but some consumers experience digital technostress due to the rapid development
of digital technology. In this digital revolution era, consumers feel the pressure to quickly
adapt to a new digital technology as soon as they have adapted to the previous one. In
addition, as the fintech industry evolves, risk of personal privacy infringement, financial
accidents, and fraud increase, and these risks are likely to increase consumers’ technos-
tress. Technostress has early been defined as a modern disease of adaptation caused by
an inability to cope with new computer technologies in a healthy manner [15]. Moreover,
it has recently been defined as a physical, behavioral, and psychological strain resulting
from information and communication technology (ICT)-driven changes in work environ-
ment. Many researchers have examined the impacts of technostress on organizational
and personal performances at work because technostress construct was developed in the
human resource management research field. However, the impact of technostress on digital
technology adoption behavior from the consumers’ perspective has hardly been examined.
Moreover, research focusing on the technostress of Gen Z consumers—the so-called digital
natives [16]—is even more scarce. Therefore, the study tries to empirically examine the
relationship between digital technostress and fintech usage behavior among Chinese Gen
Z consumers, who most commonly use fintech services in their daily life [16]. In addition,
the study tries to verify the moderating effect of digital technology self-efficacy on the rela-
tionship between digital technostress and fintech usage behavior among Gen Z consumers.
Gen Z consumers are called “digital natives” who have grown up in the digital age and
so are likely to have high digital technology self-efficacy; however, they also experience
technostress caused by rapidly changing digital technologies. Therefore, the study aims
to find a sustainable fintech marketing strategy in the Chinese Gen Z consumer market,
which is the most rapidly emerging in the world, through finding new empirical evidence
of an interaction effect between technostress and digital technology self-efficacy on fintech
usage intention of Gen Z consumers.

The study is expected to expand the scope of digital marketing research by examining
the impact of technostress on fintech usage behavior of Gen Z consumers which, unlike
technostress, has been mainly researched in terms of work and mental health. For the digital
marketing research field, discovering constraint factors of consumer’s usage behavior of
new digital technology, such as fintech, is as important as finding promoting factors as
new digital technologies are expected to be continuously developed and be more widely
adopted to a variety of products and services. Digital marketers should find and manage
the impediments of fintech usage behavior of Gen Z consumers, which form the most
important market segment for digital company. Therefore, the study results are expected
to provide practical and academic implications for the digital marketing field.

2. Literature Review and Hypotheses
2.1. Fintech Growth in China

Fintech is being used in various consumer financial services, from mobile payment
to lending, stocks, insurance, remittances, and asset management. Mobile payment is the
most widely used fintech service in China. It was first used in earnest for internet and
mobile payment services to support e-commerce consumers in the early 2000s [17]. As
of 2019, 87% of Chinese consumers were using fintech services, far ahead of Hong Kong,
Singapore, South Korea (67%), and Australia (58%) [17]. Alipay and WeChat Pay, which
are non-bank mobile payment business, experienced 75% annual growth between 2015 and
2019. The Chinese mobile payment business has grown in such a way that non-bank com-
panies’ mobile payment services dominate banks’ mobile banking payment services [18,19].
Tencent, Alibaba, and other major tech firms have been changing the financial services
landscape. The mobile payment platform is creating a variety of innovative business
models both online and offline, beyond the provision of payment services [20]. The rapid
growth of mobile payments by non-bank payment companies in early 2000 resulted in
online shopping being quickly replaced by mobile shopping as the Chinese communication
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system rapidly jumped from wired communication to wireless communication. The online
payment system of Chinese banks was insufficient at that time; thus, the payment system
of non-bank internet e-commerce companies, such as Alibaba, could develop significantly.
Alipay currently provides total consumer financial services that support various financial
activities beyond mobile payment services, including personal asset management, online
insurance, loans, and stock trading [19]. In addition, fintech is becoming the digital technol-
ogy most used in China in various daily consumption activities, such as cultural content,
education, medical care, beauty, and housekeeping as well as financial services.

However, fintech has also created serious financial risks and social problems in China.
The fintech sector is still in its early stage of development, and many fintech business
models are not holistically developed. Chinese authorities are currently trying to formulate
new financial regulations for balancing between innovation and stability. However, despite
these efforts by the Chinese authorities, the development of fintech exposes consumers
to the risk of hacking, ransomware, and financial fraud caused by personal information
leakage [10]. Recently, peer-to-peer (P2P) financial transaction accidents have frequently
occurred in China, recording millions of victims due to the insolvency of P2P financial
companies [8]. Chinese authorities are strengthening the supervision and regulation of the
fintech industry as the number of accidents of online payment and P2P lending as well
as consumer concerns about financial risks have recently increased [21]. In 2019, CNNIC
conducted a survey regarding the problems of most concern when using online services in
which 30,000 internet users in 31 regions of China participated. As a result, respondents
expressed concern in the order of personal information leakage (20.4%), online transaction
fraud (17.0%), hacking or virus infection (10.7%), and account or password theft (9.9%) [11].

2.2. Digital Technostress

Stress refers to a state in which negative emotions appear in the process of responding
to external threats, a physiological imbalance is felt, and involving reacting to survive [22].
In the medical field, researchers have mainly paid attention to the patients’ psychological
and physiological reactions and the negative effects of stress on the body [23]. Further, the
academic fields of sociology, psychology, and business have also begun to pay attention
to the effects of stress as the complexity of modern society and the psychological burden
of people increased. In particular, many researchers in the human resource management
field have paid much attention to the impact of employee job stress on organizational
activities and performance [24–29]. In addition, job stress research began to focus on
technical stress related to computer or internet use with the rapid development of ICT [15].
Technical stress is addressed in various terms, such as Technostress, Computer Anxiety,
Negative Computer Attitudes, Computer Stress, Technophobia, Computerphobia, and Cyberphobia.
Technostress is a compound word first used in 1982 by the American clinical psychologist
Craig Brod, who defined it as a modern disease of adaptation caused by the inability to
cope with the new computer technologies in a healthy manner [15]. Hudiburg also defined
technostress as an adaptation-related modern disease resulting from the inability to cope
with new technologies used in digital devices, such as computers [30]. Shu and Wang
found that technostress is positively related to computer literacy and the acceptance of
digital technologies [31]. Moreover, Arnetz and Wiholm found that employees who were
heavily dependent on computers for their work were usually observed to be in a state of
technostress arousal [32].

The existing technostress literature presents technostress as being multi-dimensional,
including work overload, invasion of individual life, high complexity of technology, and
occupational crisis [15,33]. Salanova et al. and Tarafdar et al. also insisted that technostress
consists in the sub-dimensions of technology overload, invasion, complexity, insecurity,
and uncertainty [34,35]. Tarafdar et al. developed the technostress measurement scale
and validated the construct in the US [35]. The scale consists of five sub-dimensions of
technostress that computer technology users can potentially experience at work. First,
techno-overload is the stress that emerges when ICTs push employees to work faster.
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Second, techno-invasion is the stress that emerges when pervasive ICTs invade personal
life. Third, techno-complexity is the stress that emerges when the complexity of new ICTs
makes employees feel incompetent. Fourth, techno-insecurity is the stress that emerged
when fast-changing ICTs threaten the job security of employees. Finally, techno-uncertainty
is the stress that is imposed on employees due to the constant changes, upgrades, and bug
fixes in ICT hardware and software. Brillhart insisted that technostress consists of four
sub-dimensions of data smog, multitasking madness, computer hassles, and burn-out [36].
Ayyagari et al. argued that technostress consists of five sub-dimensions, namely work–
home conflict, work overload, invasion of privacy, role ambiguity, and job insecurity, and
that they are related to users’ perception of ICT’s usefulness, complexity, trust, connectivity,
anonymity, and development speed [37]. The sub-dimensions of technostress presented in
previous research on technostress are shown in Table 1.

Table 1. Sub-dimensions of technostress.

Researcher Sub-Dimensions Number

Brod [15] work overload, invasion of individual life, high
complexity of technology, occupational crisis 4

Brillhart [36] data smog, multitasking madness,
computer hassles, burn-out 4

Tarafdar et al. [35] overload, invasion,
complexity, insecurity, uncertainty 5

Ragu-Nathan et al. [38] techno-overload, techno-complexity,
techno-anxiety, techno-uncertainty 4

Ayyagari et al. [37] work-home conflict, work overload, invasion of
privacy, role ambiguity, job insecurity 5

Technostress has been examined by digital marketing researchers since ICT began to
widely invade general consumers’ daily life [36]. Lee and Lee argued that some digital
device users tend to stop using digital devices, such as digital breaks or digital detox, to
avoid stress, which appears as a side effect of using smart devices [39]. Çoklar and Şahin
examined the technostress levels of Turkish social networking services (SNS) users to find
that they have a “medium technostress level” [40]. They found that technostress results
from the pressure of using technology, remembering large quantities of passwords and
usernames, and anxiety regarding data loss [41]. Chen et al. conceptualized technostress
as a phenomenon of end users experiencing overload and intrusiveness due to too much
information and communication in a short period of time when they use mobile shop-
ping applications [41]. Perceived information overload is referred to as a kind of mental
stress when people perceive the environment as a condition exceeding their ability to
deal with [42]. According to the stressor–strain–outcome framework, perceived overload
induces fatigue and dissatisfaction in the SNS environment, which further increase the
discontinuance intentions of SNS users [43]. In addition, perceived intrusiveness lowers
the chances of accepting and allowing permission marketing [44]. It was also determined
that the social, hedonic, and cognitive uses of social media induce technostress and SNS
exhaustion which, in turn, influence a discontinuous use intention based on the stimulus–
organism–response framework [45].

New digital technology, such as fintech, provides consumers with convenience and
new customer experiences, but it also induces technostress, such as pressure to adapt
to new technologies and risks from technological imperfections. Consumers experience
technostress while utilizing fintech services, but few studies have verified the impact
of technostress from the perspective of fintech users. It is harder to find research on
technostress among Gen Z consumers who are always involved in various services and
products adopting fintech. Even young and educated consumers are likely to feel difficulty
in constantly acquiring new digital technology as this rapidly changes from day to day. In
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addition to the pressure of acquiring new digital technology that is constantly updated,
there are many other types of technostress, such as privacy invasion problems, digital
security instability, difficulties in using complex digital devices, and pressure to replace
new digital devices due to the continual updates to digital technology. Therefore, the
study assumes that consumers’ digital technostress negatively affects the usage intention of
fintech services based on previous related research. In detail, the study assumes that four
sub-dimensions of technostress—complexity, overload, invasion, and uncertainty—are
negatively related to usage intention of fintech services [35,38]. Meanwhile, the study
excluded insecurity (or job insecurity) as a sub-dimension of technostress which might
affect fintech usage intention. Tarafdar et al. and Ayyagari et al. explained that insecurity is
a stress that emerged when fast-changing ICTs threaten the job security of employees [35,37].
Therefore, insecurity is not likely to be related with the stress that Gen Z consumers feel
when using fintech service. Therefore, hypotheses 1 to 4 are presented as follows:

Hypothesis 1. Digital techno-complexity is negatively related to the usage intention of fintech services.

Hypothesis 2. Digital techno-overload is negatively related to the usage intention of fintech services.

Hypothesis 3. Digital techno-invasion is negatively related to the usage intention of fintech services.

Hypothesis 4. Digital techno-uncertainty is negatively related to the usage intention of fintech services.

2.3. Digital Technology Self-Efficacy

Bandura defined self-efficacy as people’s judgment of their capabilities to organize
and execute courses of action required to attain designated types of performances [46].
Self-efficacy is a strong sense of personal efficacy related to better health, higher achieve-
ment, and more social integration, and it represents the key construct in social cognitive
theory [46–48]. Bagozzi defined self-efficacy as an individual’s confidence in their own
work ability. Self-efficacy has received much attention in the business literature [49]. Gist
and Mitchell found that people who think they can perform their task well show better
work performance than those who think that they will fail [50]. In the organizational
behavior research field, researchers found that self-efficacy is positively related to job
proficiency and performance, and self-efficacy lowers the negative impact of job stress on
job performance [51–53].

Meanwhile, as ICT invades every corner of people’s life, such as work, school, and
daily lives, technology self-efficacy is attracting much attention in many research disciplines,
such as psychology, education, and business. Cassidy and Eachus presented computer
user self-efficacy as a factor that contributes to success in tasks in the domain of computer
technology [54]. They further adapted to cover digital self-efficacy to measure individual
self-efficacy in the digital domain. Self-efficacy-related ICT is often used in terms of
computer efficacy or internet efficacy [55]. Venkatesh and Davis defined computer self-
efficacy as a self-assessment of one’s ability to use information technology or one’s belief
that people can use computer or internet-related technologies well [56]. Compeau and
Higgins defined computer self-efficacy as a self-judgment of one’s ability to use information
technology [57]. Rogers found that technology self-efficacy is a trait that is variable at an
individual level and positively influences the acceptance of new technologies, and that
technology self-efficacy has a positive relationship with the innovation and acceptance
of new technologies of organizational leaders [58]. Table 2 summarizes the antecedents
and outcome variables of technological self-efficacy used in previous studies related to
technological self-efficacy. Meanwhile, many researchers pay much attention to the impact
of consumers’ technology self-efficacy on the acceptance behavior of ICT products or
services since ICT began to be widely used for general consumers. According to Bandura’s
theory, people with high self-efficacy tend to believe they can perform well even if they
are in difficult situations, and tend to view difficult tasks as something to be mastered
rather than something to be avoided [48]. Therefore, people with high self-efficacy are
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likely to put more effort into learning technological skills, while those with low technology
self-efficacy are likely to put in relatively little effort or give up halfway. In addition, people
with high technology self-efficacy find using new technology relatively to be less difficult
and show a positive attitude toward using technology [58]. The study therefore assumes
that digital technology self-efficacy positively affects the usage intention of fintech services
and presents the following hypothesis 5:

Hypothesis 5. Digital technology self-efficacy is positively related to the usage intention of fintech
services.

Perceived self-efficacy to control thought processes is a key factor in regulating stress
and depression [46]. People with high self-efficacy tend to approach threatening situations
with the assurance that they can have control over situations, and their efficacious thought
reduces stress and lowers vulnerability to depression [46]. A significant amount of research
has shown that self-efficacy acts to decrease people’s potential for negative stress by
increasing their belief of being in control of the threatening situations they encounter.
The perception of being in control represents an important buffer of negative stress [59].
Lu et al. found that managerial self-efficacy had significant moderating effects on the
stressor–strain relationship in the Chinese workplace [60]. Self-efficacy was also found
to be a stress moderator in some of the stressor–work well-being relationships among
employees in Hong Kong and Beijing. Some researchers have found that mobile users with
high self-efficacy prefer to take more proactive behavior to deal with stressors of mobile
shopping apps [41]. Although little research has tried to examine the relationship between
digital technology self-efficacy, technostress, and new digital technologies’ usage intention
from the consumer perspective, many researchers in clinical, educational, social, business
management, health, and personality psychology disciplines have found that self-efficacy
lowers the negative effects of stress. People with high self-efficacy can accurately perceive
their situation and self-manage themselves in stressful situations; thus, self-efficacy is
positively related with an active lifestyle. Therefore, technology self-efficacy is likely to
lower the negative effects resulting from people’s psychological anxiety or stress caused
by new digital technology. Based on previous research arguments, the study presents the
following hypotheses 6 to 9:

Hypothesis 6. Digital technology self-efficacy lowers the negative impact of digital techno-
complexity on the usage intention of fintech services.

Hypothesis 7. Digital technology self-efficacy lowers the negative impact of digital techno-overload
on the usage intention of fintech services.

Hypothesis 8. Digital technology self-efficacy lowers the negative impact of digital techno-invasion
on the usage intention of fintech services.

Hypothesis 9. Digital technology self-efficacy lowers the negative impact of digital techno-
uncertainty on the usage intention of fintech services.

3. Research Model and Methodology
3.1. Research Model

The research model is developed based on the assumption that the four dimensions
of technostress (complexity, overload, invasion, and uncertainty) resulting from rapidly
changing digital technology are negatively related to fintech usage intention. Constructs
rooted in the secondary evaluation procedure (digital technology self-efficacy) are also
considered as determinants to fintech usage intention. In addition, it is also argued that
digital technology self-efficacy moderates the relationship between technostress and fintech
usage intention. For the convenience of notation, the study will use abbreviations of the
constructs in the latter part of this paper. Figure 1 illustrates the research model.
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Figure 1. Conceptual research model.

3.2. Data Collection and Sampling

The study collected data by means of an online survey administered by Wenjuan
Xing (www.wjx.cn, accessed on 18 September 2020), which is a professional online survey
website in China. A pilot test was conducted in July 2020 for 30 Chinese undergraduate
students at D university in Korea that did not form part of the sampling frame of the
main study, so as to assert the reliability of the scales used the questionnaire [61,62]. The
feedback resulted from a pilot test was used to refine a final questionnaire. Data collection
used a snowball sampling method in August to September 2020 in which the online survey
URL was transmitted to the respondents who had previously agreed to receive it. The
study collected a total of 314 responses from the participants. It excluded samples with a
less than 20% response rate of all measurement items or missing responses to the outcome
variable to ensure the external validity of the data, in addition to considering the subject
scope. The study used 266 samples for the final analysis.

Table 2 provides demographic information on the sample. The number of male
respondents, at 53.4%, was slightly higher than that of females at 46.6%. Of the respondents,
94.7% of participants were single, and 5.3% were married. More than 80% had bachelor’s
degrees and higher, and around 70% respondents had an average monthly personal income
under CNY 2000. Furthermore, 70.7% of the respondents answered that they had used a
smartphone for over five years.

3.3. Construct Measurement

The construct measurement scale employed in the study was taken from existing
literature, and all constructs dealing with perceptions were measured using five-point
Likert scales (1 = strongly disagree and 5 = strongly agree). The operational definition and
measurement scale for constructs are as follows. The study first defined digital technostress
(DTS) as a psychological pressure consumers feel from using digital technology and digital
devices. The study modified the technostress measurement scale of Tarafdar et al. based on
the scope and purpose of the study and used the modified measurement scale to measure
the sub-dimensions of technostress: CPX, OVL, IVS, and UCT [35]. The study measured
CPX as four items, OVL as four items, IVS as three items, and UCT as two items, as
shown in Table 3. Next, the study defined digital technology self-efficacy (DTSE) as a
psychological self-belief that people can utilize digital technology well, and developed
three measurement items based on the measurement scale of Cassidy and Eachus [54].
Finally, the study defined FUI as a consumer’s intention to choose and use fintech services
as much as possible and developed a measurement scale for FUI based on the technology
acceptance model (TAM) [63]. The full survey instrument is presented in Table 3.

www.wjx.cn
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Table 2. Demographic information of respondents.

Attribute Structure of Sample Frequency Percentage (%)

Gender
Male 142 53.4

Female 124 46.6

Marriage status Single 252 94.7
Married 14 5.3

Educational background

Middle school 13 4.9
High school 27 10.2

Undergraduate school 186 69.9
Graduate school or above 40 15.1

Monthly personal income

Under 500 yuan 65 24.4
501–1000 yuan 80 30.1
1001–2000 yuan 43 16.2
2001–3000 yuan 22 8.3
3001–5000 yuan 17 6.4

Above 5000 yuan 39 14.7

Usage period of smart phone

Less than 1 year 7 2.6
1–3 years 27 10.2
3–5 years 44 16.5
5–7 years 67 25.2
7–9 years 57 21.4

Longer than 9 years 64 24.1

Table 3. Constructs and measurement items.

Constructs Measurement Items Sources

CPX

I do not know enough about digital technology to handle my job satisfactorily.

[35,64]

I need a long time to understand and use new digital technologies.

I do not find enough time to study and upgrade my digital technology skills.

I often find it too complex for me to understand and use new digital technologies.

OVL

I am forced by digital technology to do more work than I can handle.

I am forced by digital technology to know even unnecessary information.

I am forced by digital technology to work much faster.

I am forced by digital technology to work with very tight time schedules.

IVS

I feel my personal life is being invaded by digital technology.

I spend less time with my family due to this technology.

I sacrifice my personal time to keep up with new technologies.

UCT
I think there are always new developments in digital technologies.

I think there are constant changes in computer and mobile software.

DTSE

I believe I can handle most digital technology well.

[54]Most digital technologies I have had experience with have been easy to use.

Digital technology helps me to save a lot of time.

FUI

I love to choose financial services that adapt fintech.

[63]
I want to use the fintech services as much as possible.

I prefer fintech payment methods over other payment methods, such as credit card, cash
payment, or bank transfer, etc.

I would recommend fintech services to my friends if I had the chance.
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3.4. Research Methodology

The data analysis methods used in the study are as follows. First, frequency analysis
was conducted to investigate the demographic characteristics of respondents. Second,
the feasibility and reliability tests of the measurement scale were conducted to examine
the predictability and accuracy of constructs. Third, correlation analysis was conducted
to examine the correlations among constructs. Fourth, moderated regression analysis
(MRA) was conducted to examine the relationships between constructs using IBM SPSS
20.0. MRA is an analytic approach that maintains the integrity of a sample yet provides
a basis for controlling the effects of a moderator variable; therefore, MRA can avoid the
loss of information resulting from an artificial transformation of a continuous variable into
a qualitative one [65]. The study adopts the MRA to build three regression Equations as
follows, and it examines the equality of the regression coefficients for the following three
regression equations:

Y = a + b1X1 + b2X2 + b3X3 + b4X4 (1)

Y = a + b1X1 + b2X2 + b3X3 + b4X4 + b5Z (2)

Y = a + b1X1 + b2X2 + b3X3 + b4X4 + b5Z + b6X1Z + b7X2Z+ b8X3Z+ b9X4Z (3)

In the above equations, if (2) and (3) are not significantly different, then Z is not a
moderating variable but a simple independent variable. If Equations (1) and (2) are not
different from each other but different from Equation (3), then Z is a pure moderating
variable. Lastly, if Equations (1)–(3) are not different from each other, then Z is a quasi-
moderating variable. The study adopts the above moderated regression analysis approach
to identify the research model.

4. Empirical Analysis and Results
4.1. Validity and Reliability of Measurement Instruments

The study first assessed the validity and reliability of the measurement model. An
exploratory factor analysis was conducted on the 19 items relating to variables. Six principal
component factors were extracted, as they had a cut-off factor loading of 0.6 and an
eigenvalue greater than 1 [66]. Of the total variances, CPX accounted for 19.44%, OVL
accounted for 12.97%, IVS accounted for 12.41%, UCT accounted for 8.29%, DTSE accounted
for 23.89%, and FUI accounted for 19.44%. The six factors accounted for 84.79% of the
total variability. The rotated component matrix of the factor analysis is shown in Table 4.
Regarding the construct reliability of the six factors, all values for Cronbach’s α exceeded
the threshold value of 0.7. This provides sufficient evidence for the high reliability of
constructs listed above [67]. The detailed results of the validity and reliability analysis are
shown in Table 4.

4.2. Correlation Test

Table 5 shows the correlation matrix between the constructs. This study used partial
correlation to measure nonlinear as well as linear relationships between variables. Most
variables show a relatively low correlation of less than 0.6, which demonstrates that there is
little chance for multicollinearity to exist between the constructs. The relationships between
variables in the correlation matrix are consistent with the direction of the hypotheses. In
addition, although the constructs show low Pearson correlation coefficients, nonlinear
relationships between them may still exist [68].
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Table 4. Measurement item’s loading (λ) and construct’s convergent validity.

Measurement Items CPX OVL IVS UCT DTSE FUI

CPX1 0.904 0.146 0.199 0.058 −0.018 0.014
CPX 2 0.907 0.089 0.219 −0.006 0.013 −0.033
CPX 3 0.891 0.081 0.216 0.061 −0.033 −0.023
CPX 4 0.895 0.065 0.210 0.064 −0.078 −0.046
OVL1 0.084 0.744 0.176 0.336 0.165 0.229
OVL 2 0.241 0.814 0.237 0.057 0.204 −0.029
OVL 3 0.087 0.797 0.187 0.307 0.144 0.188
IVS 1 0.296 0.216 0.811 0.199 0.013 0.012
IVS 2 0.330 0.228 0.822 0.025 0.094 −0.022
IVS 3 0.282 0.127 0.871 0.078 0.021 −0.017
UCT1 0.217 0.365 0.209 0.757 0.176 0.076
UCT 2 −0.018 0.293 0.084 0.765 0.303 0.247
DTSE1 −0.060 0.186 0.007 0.128 0.840 0.306
DTSE2 −0.011 0.079 0.007 0.074 0.856 0.323
DTSE3 −0.057 0.250 0.127 0.294 0.707 0.206
FUI1 −0.038 0.076 0.020 0.150 0.197 0.902
FUI2 −0.075 0.112 0.014 0.114 0.166 0.927
FUI3 0.004 0.085 −0.001 0.077 0.210 0.906
FUI4 0.018 0.063 −0.054 0.000 0.218 0.894

Cronbach’s α 0.946 0.861 0.904 0.780 0.863 0.947
Eigenvalue 3.646 2.464 2.459 1.576 2.327 3.693

Variance Explained (%) 19.44 12.97 12.41 8.29 12.25 19.43
CPX: complexity; OVL: overload; IVS: invasion; UCT: uncertainty; DTSE: digital technology self-efficacy; FUI:
fintech usage intention.

Table 5. Correlations between constructs (n = 266).

Variables gen. edu. inc. sup. CPX OVL IVS UCT DTSE FUI

gen. 1
edu. 0.185 ** 1
inc. −0.140 * 0.091 1
sup. −0.075 0.224 ** 0.306 ** 1
CPX −0.087 −0.063 −0.069 −0.078 1
OVL −0.025 0.162 ** 0.017 0.185 ** 0.295 ** 1
IVS −0.074 0.098 0.057 0.027 0.551 ** 0.480 ** 1

UCT 0.047 0.176 ** −0.060 0.140 * 0.201 ** 0.573 ** 0.363 ** 1
DTSE 0.007 0.123 * 0.014 0.131 * −0.049 0.450 ** 0.143 ** 0.513 ** 1
FUI −0.036 0.140 * 0.039 0.053 −0.042 0.284 ** 0.016 0.338 ** 0.531 ** 1

Note: * p < 0.05, ** p < 0.01. gen.: gender; edu.: education; inc.: income; sup.: smartphone usage period; CPX: complexity; OVL: overload;
IVS: invasion; UCT: uncertainty; DTSE: digital technology self-efficacy; FUI: fintech usage intention.

4.3. Hypotheses Test

This study conducted a hierarchical regression analysis to find more detailed causal
relationships among variables. First, the study set gender, education, income, and smart-
phone usage period as control variables; it then verified the influences of the control
variables on FUI in Model 1. The results found that the F value was 1.594, and R2 was
0.024; therefore, Model 1 was not statistically significant. Next, in Model 2, regression
analysis was conducted on the impacts of the control variables and four sub-dimensions
of technostress (CPX, OVL, IVS, and UCT) on FUI. The results found that the F value
was 6.225, and R2 was 0.163; therefore, Model 2 was statistically significant. In detail,
Model 2 demonstrated that OVL, IVS, and UCT negatively affect FUI (β = −0.177, p < 0.05;
β = −0.151, p < 0.05; β = −0.228, p < 0.01). In Model 3, regression analysis was conducted
to analyze the impacts of control variables, four sub-dimensions of technostress (CPX, OVL,
IVS, and UCT), and DTSE on FUI. The results found that the F value was 12.996, and R2 was
0.314; therefore, Model 3 was statistically significant. Model 3 demonstrated that IVS has
a significant negative impact of on FUI (β = −0.133, p < 0.05), and DTSE has a significant
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positive impact on FUI (β = 0.470, p < 0.01). Finally, in Model 4, regression analysis was
conducted to examine the impacts of control variables, four sub-dimensions of technos-
tress (CPX, OVL, IVS, and UCT), DTSE, and the four interaction variables (CPX×DTSE,
OVL×DTSE, IVS×DTSE, and UCT×DTSE) on FUI. The results found that the F value
was 12.110, and R2 was 0.385; therefore, Model 4 was statistically significant. Model 4
demonstrated that the four control variables have no significant impacts on FUI. The four
sub-dimensions of technostress (CPX, OVL, IVS, and UCT) are all negatively related to FUI
(β = −0.615, p < 0.05; β = −0.800, p < 0.01; β = −0.544, p < 0.01; β = −0.420, p < 0.05), while
DTSE has a significant positive impact on FUI (β = 0.661, p < 0.01). Of the interaction vari-
ables, the results showed that CPX×DTSE and OVL×DTSE interactions have significant
negative impacts on FUI (β = −0.357, p < 0.05; β = −0.498, p < 0.05). In addition, impacts
of CPX×DTSE and OVL×DTSE interactions on FUI (β = −0.357, p < 0.05; β = −0.498,
p < 0.05) were lower than the direct impacts of CPX and OVL on FUI (β = −0.615, p < 0.05;
β = −0.800, p < 0.01) in Model 4. In result, DTSE lower the negative impacts of CPX and
OVL on FUI.

Meanwhile, the study verified the statistical significance of direct and moderating
effects of variables by comparing the regression coefficients of each model [65]. As a
result of estimating the analysis model of the study with the regression Equations of
Model 2 and 3, the explanatory power of Model 3 increased at a statistically significant
level in comparison with Model 2 (4F = 20.81 **). In addition, the explanatory power of
Model 4 increased at a statistically significant level (4F = 3.73 **) in the comparison of
the explanatory power of Model 3 and Model 4 [65,69,70]. Therefore, the study finally
interpreted the research results based on Model 4. In Model 4, the four sub-dimensions
of technostress (CPX, OVL, IVS, and UCT) all negatively affect FUI; thus, H1 to H4 are
supported. In addition, DTSE has a positive impact on FUI; hence, H5 is supported.
Finally, of the interaction variables, the results of Model 4 showed that CPX×DTSE and
OVL×DTSE interactions have significant negative impacts on FUI; therefore, H6 and H7
are supported. The detailed analysis results are shown in Table 6 below.

Table 6. Results of multiple regression analysis (MRA).

Variables

(Dependent variable) Fintech Usage Intention

N = 266

Model 1 Model 2 Model 3 Model 4

Control variables

Gender. −0.060 −0.077 −0.079 −0.088
Education 0.147 ** 0.094 0.099 0.096

Income 0.014 0.058 0.061 0.078
Usage Per. 0.012 −0.066 −0.069 −0.094

Independent variables

CPX −0.071 0.011 −0.615 **
OVL −0.177 ** 0.056 −0.800 ***
IVS −0.151 ** −0.133 ** −0.544 ***

UCT −0.228 *** −0.105 −0.420 **

Moderating variable DTSE 0.470 *** 0.661 ***

Interactions

CPX *DTSE −0.357 **
OVL *DTSE −0.498 **
IVS *DTSE −0.201

UCT *DTSE −0.167

R2 0.024 0.163 0.314 0.385
F 1.594 6.255 12.996 12.110

∆F - 20.81 3.73
Note: * p < 0.1, ** p < 0.05, *** p < 0.001.



Sustainability 2021, 13, 5077 12 of 15

5. Discussion and Conclusions
5.1. Summary and Discussion

The study aims to verify the impact of digital technostress and digital technology self-
efficacy on the usage intention of fintech services among Chinese Gen Z consumers, who
are the most exposed to advanced digital technologies, such as fintech [16]. In particular, as
consumers are currently experiencing technostress due to the rapid development of digital
technologies, including fintech, the study focused on the negative effects of technostress
on the usage intention of fintech services. In addition, the study assumed that digital
technology self-efficacy not only has a direct positive effect on fintech usage intention but
also a moderating effect on the relationship between digital technostress and fintech usage
intention. The summary of the empirical analysis results is as follows.

First, it was found that all four sub-dimensions of DTS (CPX, OVL, IVS, and UCT) had
a statistically significant negative effect on FUI. The abovementioned empirical analysis
results are consistent with the results of previous research [37–41]. It was found that
Chinese Gen Z consumers with high perception of CPX, OVL, IVS, and UCT show a lower
intention to use fintech services. Therefore, Hypothesis 1 to 4 were supported. Next, the
DTSE of Chinese Gen Z consumers was found to increase their intention to use Fintech
service, which is consistent with previous research results [54,55,57]. Therefore, hypotheses
5 was supported. Lastly, DTSE was found to significantly lower the negative impact of CPX
and OVL on FUI, while DTSE has not shown statistically significant interaction effects with
IVS and UCT on FUI. Therefore, hypotheses 6 and 7 were supported, while hypotheses 8
and 9 were rejected.

The study showed that Gen Z consumers experience digital technostress due to rapidly
changing digital technology, and the digital technostress negatively affect fintech usage
intention of Gen Z consumers. Therefore, the empirical results of the study are contradicted
to the previous study’s argument that Gen Z consumers generally show a very positive
psychological response to digital technology [16,71]. According to the above study findings,
digital marketers and researchers should consider novel approaches to predict fintech usage
behavior of Gen Z consumers. Meanwhile, the study also found that DTSE has moderating
effects on the negative impacts of CPX and OVL on FUI. The interaction effect between
DTSE and technostress among Gen Z consumers is a very new finding for digital marketing
research field. This seems because Gen Z consumers with high DTSE have self-belief to
respond the negative effects of techno-complexity and techno-overload on fintech usage
intention in the consumer’s individual level. However, the study found that DTSE has
no moderating effect on the negative impacts of IVS and UCT on FUI. It seems because
techno-invasion and techno-uncertainty are structural problem that is difficult to respond
in the consumer’s individual level. Therefore, the study results can offer digital marketers
with practical implications that they should actively utilize digital technology self-efficacy
to manage technostress which can be handled in the individual-level, such as techno-
complexity and techno-overload. In addition, digital marketers must also prepare special
measures to reduce the negative impact of structural technostress, such as techno-invasion
and techno-uncertainty, on Gen Z consumers fintech usage intention.

5.2. Conclusions

The study results not only offer practical implications to fintech marketers but also
contribute academic implications to the digital marketing research field. First, according
to results of the study, fintech marketers should develop media-based materials, such as
pictures, animations, or videos, through which consumers can more easily and quickly
understand the features of new digital technologies and how to use them, by considering
the behavioral traits of Gen Z consumers. Second, fintech marketers should present
higher level of norms and regulations for personal privacy and security issues. Third, it is
important to be careful not to directly expose consumers to excessively frequent updates or
digital technology changes and to establish a more meticulous marketing strategy to reduce
the increased cognitive and emotional burden on consumers due to digital technology
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changes. Such marketing efforts can lower the digital technology technostress of consumers,
contributing to forming consumers’ positive attitude and behavior to a wider variety of
fintech services. Finally, fintech marketers should focus on a marketing strategy that can
increase Gen Z consumers’ DTSE as the study found a significant positive direct effect
of DTSE on FUI and moderating effects of DTSE on the relationship between DTS and
FUI. Therefore, fintech marketers should provide various ways for Gen Z consumers to
understand and learn new digital technologies with ease and enjoyment through various
media means to increase a level of Gen Z consumers’ DTSE. In addition, digital marketing
researchers need to have a broader perspective to find more various impediments, such
as technostress, which negatively influence consumers’ adoption and usage behavior of
new digital technologies like fintech. In particular, examining the impacts of new negative
factors, such as technostress, in a new consumer segment like Gen Z can contribute to
broadening the academic scope of digital marketing.

Despite the academic and practical contributions of this study presented above, this
study has the following limitations. First, the number of samples used in this study is
small compared to China’s population; therefore, future research will have to collect a
larger amount of data for empirical analysis. In addition, the study results should be
carefully interpreted as the sample size is not large enough. Second, in the case of the
technostress variable, there will be large differences according to consumers’ age groups; it
is thus necessary to compare different impacts of DTSE on fintech behavior between age
groups in future research. Third, the study has limitations in reflecting demographic and
regional diversity in China; therefore, future research should consider collecting data in
various consumer segments in China to compare the distinctions of fintech usage behavior.
Finally, this study used consumers’ comprehensive and general usage intention of various
fintech services as outcome variables. However, a wide variety of new fintech services
have recently been launched in the Chinese market which are being widely accepted
by consumers. Therefore, future research should consider the differences in various
types of fintech services and fintech consumption behavior for a more comprehensive
understanding of Chinese fintech behavior.
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