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Abstract: The successes of the digital market depend on customers’ intentions to purchase and reuse
products or services. Previous studies have extensively discussed customer shopping value and
customer learning, but most studies have analyzed the influencing factor as a single entity and
seldom investigated the combination of two factors based on the institutional trust-commitment
mechanism. We based this study on the e-commerce institutional trust-commitment mechanism
(customers’ trust and commitment calculation) to investigate the influence of customer learning
(product and website knowledge) and customer shopping value (monetary value, product evaluation
cost, and customer reputation) on customers’ intentions to purchase and reuse products. The data
sample included 279 respondents with experience of electronic shopping in Taiwan. The results
show that customer learning and customer shopping value positively and significantly influence
customers’ trust and customers’ calculation commitment and indirectly influence customers’ intention
to purchase and reuse. However, dimensions of customer learning, such as website knowledge,
do not affect customers’ trust and commitment but have a partially an indirect relationship with
customers’ trust via the influence of product knowledge. In addition, product knowledge has a
partially indirect effect on customers’ intention to reuse products or services through the influence of
product knowledge and customers’ trust in online vendors in the digital market environment. The
findings presented here have important theoretical and practical implications for scholars and digital
market providers.

Keywords: customer learning; shopping value; reputation; monetary value; product evaluation cost;
institutional trust-commitment mechanism

1. Introduction

With the rapid growth of digital network technology, various types of online transac-
tions are increasingly occurring around the world. Statistics related to this digital market
show that global digital shopping sales grew by 24.8% in 2017 compared to only 10.2%
in 2014. In 2021, approximately 2.14 billion people are expected to buy products and
services online. The expansion of e-commerce has caused researchers to suggest that a
higher shopping value will be associated with each online customer [1]. As such, provid-
ing consumers with more effective learning environments will improve opportunities to
sustainably achieve long-term customer trust with regard to customer purchase and reuse
intentions toward products or services in the digital market environment [2]. As the digital
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market environment expands and customers mature, online providers will become more
competitive in maintaining their existing customers [3].

Studies have found that customer satisfaction and customer commitment influence
the continued desire of the customer to purchase products in the digital market and, in turn,
provide a profit to the vendors [4]. A study of value-added mobile application services
showed that customer purchase intentions as regards digital products result from customer
satisfaction relationships [5]. Another study showed that customer shopping value has a
positive relationship with consumer commitment and continuance intentions [5]. A similar
study reported that customer intentions to reuse a product or service are influenced by he-
donic shopping value [6]. Customer commitment has both positive and negative influences
on customer continuance intentions [5]. Commitment is complex and has been divided
into three dimensions—affective commitment, calculation commitment, and normative
commitment in the context of the retail market [7]—and into two dimensions [5,8] in the
context of social virtual services and online hotel booking. Commitment has also been
conceptualized as having an influence in three dimensions (calculation, continuance, and
normative commitment) in the context of an organization service [9,10], with affective
commitment being the strongest factor affecting organization performance. Trust and
commitment in relation to e-commerce have also been studied and were found to profit
both parties [11,12]. However, another study that explored different dimensions of cus-
tomer trust and commitment in different contexts found that many critical issues require
further investigation, including the relevant antecedents and consequent factors. Thus, it is
necessary to better understand the expansion of online customer purchasing behaviors. For
instance, one study investigated the antecedent and consequent factors of trust and com-
mitment in cross-border mobile commerce. The factors that influence trust in cross-border
mobile commerce, such as exclusive mobile distance, social distance, communication,
opportunistic behavior, satisfaction, and relationship commitment, create an influence
through satisfaction, investment size, and relationship benefit, according to the psychologi-
cal distance theory and trust-commitment theory. The results of another study showed that
trust and commitment have significant positive effects on the intention to use cross-border
mobile commerce [12]; however, the mediating effects of trust and commitment on related
factors were not examined. To analyze how to adjust to new e-shopping behaviors and
how related factors enhance the sustainability of customer purchase behaviors in the digital
market environment, this study, by adopting the method of a previous study [12], built a
model based on the institutional trust-commitment mechanism and proposed customer
learning and shopping value as antecedent factors and customers’ purchase and reuse
intentions as consequential factors. We conceptualized the institutional trust-commitment
mechanism as consisting of two dimensions: calculation commitment and customers” trust
in online vendors. Customer learning consists of two dimensions: product knowledge and
website knowledge. Shopping value consists of three dimensions: monetary value, product
evaluation cost, and customer reputation. In this study, we explored two research problems:
(1) How do shopping value and customer learning influence customers’ purchase and reuse
intentions towards products or services in the digital market? (2) Does customers’ trust in
online vendors and customers’ calculation commitment effectively act as the institutional
mechanism in the digital market to protect the customer when shopping online? We also
tackle the issues of transaction service uncertainty between the vendor and third parties
and other online services. We aimed to investigate, first, the influence of customer learn-
ing and shopping value on customers’ trust in online vendors and customer calculation
commitment as regards services and products in the digital environment. Second, we
sought to understand the indirect effect of customer learning and customer shopping value
on customers’ purchase and reuse intentions and, to enrich the e-commerce literature as
regards shopping value, customer learning and customer purchase and reuse intentions
in the digital market environment. Our findings contribute to efforts to enrich our under-
standing of institutional trust-commitment mechanisms, customer learning, and customer
shopping value in relation to customers’ intentions to purchase and reuse products and
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services in the digital market environment. First, we sought to examine the two dimensions
of customer learning and product and website knowledge and the three dimensions of
shopping value—monetary value, product evaluation cost, and customer reputation—all of
which have rarely been examined in terms of their relationships with customer calculation
commitment and customers’ trust in the context of the digital market, thus, providing new
information that is not available in existing studies [11,12]. Second, we sought to extend the
e-commerce institutional mechanism to further understand institutional trust-commitment
by defining it as a set-self-application to match present e-commerce shopping behavior,
such as customer learning and customer shopping value in the digital market context.

2. Theoretical and Hypothesis Development

Our research model and hypotheses were developed based on the institutional trust—
commitment mechanism to explain the influence of customer learning and customer
shopping value on customers’ trust in online vendors and calculation commitment, and
the indirect influence on customers’ purchase and reuse intentions. First, we considered
that customers’ intentions to purchase and reuse products and services are influenced
by customers’ trust in online vendors and customers’ calculation commitments, and that
they are indirectly influenced by customer learning and customer shopping value. Second,
we proposed that customer learning (product knowledge and website knowledge) affects
customers’ trust in online vendors and customers’ calculation commitments and indirectly
influences customers’ intentions to purchase and reuse products or services in the digital
market environment. Third, we proposed that website knowledge is related to product
knowledge and indirectly influences customers’ trust in online vendors and constantly
influences customers’ intentions to purchase and reuse products or services in the digital
market environment. Fourth, we considered that customer shopping value (monetary
value, product evaluation cost, and customer reputation) is related to customers’ trust in
online vendors and customers’ commitment and indirectly influences customers’ intentions
to purchase and reuse products or services in the digital market environment. Further
details as regards the research model and hypotheses are provided in Figure 1.
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Figure 1. Research model.
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2.1. The Institutional Trust—Commitment Mechanism

The literature discusses the key issue as regards customer trust and commitment as
a central issue in establishing, developing, and maintaining the success of transactions
between parties [13]. Commitment is defined as a “psychological state that compels an
individual behavior and attaches specific behaviors” [12]. Commitment from individual
customers is considered beneficial in terms of maintaining long-term relationships with the
seller or organizations [14]. Commitment manifests differently than trust; a study found
that commitment is a better predictor of customer continuance intentions [11]. First, trust
manifests as confidence that a party associated with business performance is trustworthy
in terms of attributes such as ability, integrity, predictability, and benevolence [14,15]. Stud-
ies have shown that customer dissatisfaction with an online transaction affects customer
trust in dealing with online vendors in general [16-18]. Commitment is also defined as
the degree of attachment that keeps customers loyal and leads them to continue making
purchases. Thus, commitment is the state of the customer’s perception of their own goals
that affects the long-term sustainability of the customer relationship with a given busi-
ness [11]. Calculation commitment is defined as customer perception as regards shopping
value, customer learning, and the benefit of the online shopping activities [6,9]. One
study examined eight factors that influence customers’ trust, commitment, and intention to
purchase based on the commitment—trust theory and psychological distance theory. The
authors constructed a model with four factors (spatial distance, temporal distance, social
distance, and communication) based on the psychological distance theory and another
four factors based on commitment-trust theory (opportunity behavior, satisfaction, invest-
ment size, and relationship benefit). They found that customer satisfaction has important
impacts on trust and commitment [12]. Other studies have focused on institution—trust
mechanisms [5,11,19-22].

In this study, we purpose an institutional trust-commitment mechanism that con-
siders customers’ trust in online vendors and calculation commitment and is based on
the aforementioned literature [5,12]. Thus, the institutional mechanism (customer online
vendor trust and calculation commitment) plays a mediating role between antecedent
and consequential factors. Antecedent factors are divided into customer learning and
customer shopping value. Customer learning is composed of product knowledge and
website knowledge. Customer shopping value consists of three dimensions: monetary
value, product evaluation cost, and customer intentions to reuse products or services in
the digital market environment. The consequential factor is customer purchase and reuse
intentions as regards the products or services in the digital market environment.

We conceptualized customers’ trust in online vendors and calculation commitment
as a set-self-application (ASSP). A set-self-application (ASSP) accommodates institutional
mechanisms that have a relationship with shopping value, customer learning, and customer
intentions to purchase and reuse products or services in digital market shopping activities.
This deals with real-life mechanisms (trust) and real-life mechanisms for shopping activities
in the digital market which become a part of their daily routine (calculation commitment).
ASSPs are the mechanisms that are most important in protecting customers in terms of
their activities in online shopping behavior. Customers do not care about associated third
parties or vendors, but an ASSP consists of the willingness to protect the customer when
engaging in online activities, such as through reviewing, learning about, and repeating
purchases over time as long as they are secure and beneficial to each party in the digital
market environment. ASSP is not only a key factor as the mediator between antecedent
and consequent factors, but also enhances the sustainability of customer purchase behavior,
such as customer purchase and reuse intentions in the digital marker environment.

2.2. Purchase and Reuse Intentions

Customer purchase behaviors have been explained in the e-commerce literature in
relation to user satisfaction and commitment [5]. Customer purchase intentions have been
studied for many decades and found to be related to trust in online vendors, website
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quality, information quality, system quality, product evaluation, and predicted technol-
ogy [16]. Customer reuse intentions are traditionally defined as loyalty toward products or
services, based on past experiences [22]. Our model explains that customers’ intentions to
purchase and reuse products or services are influenced by customer trust and calculation
commitment. A study reported that customer trust and commitment are the predominant
factors affecting customer purchasing intentions in the context of the management of the
information system (IS) [5,19] and brand relationship quality in the context of the brand
community [21].

In this study, we defined customers’ purchase and reuse intentions based on the influence
of ASSP behavior as regards products or services from the same vendor and website. This
means that customers’ intentions to purchase and loyalty to products or services are influenced
by customers’ trust in online vendors and customers’ calculation commitment. As such, and
based on the associated literature, we propose the following hypotheses:

Hypothesis 1 (H1). The intention to purchase products or services is influenced by customers’
trust (H1a) and calculation commitment (H1b) in the digital marker environment.

Hypothesis 2 (H2). Customers’ intention to reuse products or services is influenced by customers’
trust (H2a) and customers’ calculation commitment (H2b) in the digital market environment.

2.3. Customer Learning

Customer learning is a traditional concept based on human genetic development [23].
Studies have shown that customers read the product information contained on websites
when shopping online and browsing the website content and features of interest [4,24].
This process of learning affects customers’ purchase behavior as regards the products
displayed on shopping-related websites [4].

In e-shopping development, customers search for and share relevant information
during the shopping process, which in turn affects social learning [25]. In the e-commerce
environment, customer learning occurs through customer interactions, sharing and review-
ing shopping websites, and searches for products or services if the website in question has
sufficient product or service quality in terms of the quality of the information, system, and
products [26,27].

Here, based on a previous study, we propose that customer learning consists of prod-
uct knowledge and website knowledge [27]. These two dimensions of customer learning
are important factors that affect customer perceptions as regards products or services
in digital market environments. We define product knowledge as customer learning as
regards important aspects of the products or services, such as product information, prod-
uct quality, product price, and product performance in the digital market environment.
Website knowledge is defined as knowledge of an online space that provides customers
with a learning environment through various activities, such as searching, sharing, and
interacting between vendors and unknown customers—for example, a customer learns
about product information, price, and quality by reusing the products, sharing the products
with their friends after purchasing them, and using the products or services. A previous
study investigated the moderating effect of product knowledge; the results showed that
product knowledge strengthens product recommendation quality and customer satisfac-
tion, based on the theory of customer loyalty [27]. Other studies have shown how website
quality affects the buyer; the results showed that website dimensions such as information
quality, system quality, and service quality build social capital (with a buyer), which affects
customer loyalty [26,27].

In our model, we hypothesized that customer learning (that is, product and website
knowledge) would increase customers’ trust in online vendors and calculation commit-
ment and indirectly influence customers’ intentions to purchase and reuse products and
services in the digital market environment. Website knowledge not only influences prod-
uct knowledge but also indirectly influences customers’ trust and constantly influences
customers’ intention to purchase and reuse products or services through the influence of
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customer online vendor trust and customer calculation commitment in the digital market
environment. Thus, we propose:

Hypothesis 3 (H3). Product knowledge influences customers’ trust in online vendors (H3a) and
calculation commitment (H3b) when learning about products or services in the digital market
environment. Product knowledge indirectly influences customers’ intention to purchase (H3c)
and reuse a product (H3d) through influencing their trust and calculation commitment as regards
products or services in the digital market environment.

Hypothesis 4 (H4). Website knowledge influences customers’ trust in online vendors (H4a),
calculation commitment (H4b), and product knowledge (H4c) when learning about products or
services in the digital market environment. Website knowledge indirectly influences customers’
trust in online vendors (H4d) through the influence of product knowledge in the digital market
environment. Website knowledge indirectly constantly influences customers’ intention to purchase
(H4e) and reuse a product (H4f) through the influence of product knowledge and trust in online
vendors in the digital market environment.

2.4. Shopping Value

A previous study identified hedonic and utilitarian shopping value as the individual
perceived benefits and risks in the e-shopping environment [28]. Hedonic shopping value
influences the customer through individual benefits such as pleasure, enjoyment, and fun.
Utilitarian shopping value influences customer convenience and the selection of various
products in the digital market environment [29]. Studies also stated that shopping value
involves multiple factors, such as entertainment, exploration, gratification, social status,
and value, which positively and significantly influence customer satisfaction, customer
loyalty, and repurchase intention [30]. Other studies further suggested that both hedonic
and utilitarian shopping value positively and significantly influence customer satisfaction
and positively affect repurchase intentions [28,29,31]. One study stated that shopping
value influences individual perceptions as regards the value of products or services (that is,
monetary value) in the digital environment [32]. However, the concept of monetary value
is identified as a customer return (benefit), whereas product evaluation cost is considered
to relate to customer security (investment) in the products or services purchased by a
customer in digital market environments [20]. Product evaluation determines the perceived
quality and shopping value (price, brand, and website), which affect customers’ intentions
to purchase products [20,26]. Another study reported that shopping value determines
customer purchasing decisions [33]. However, studies have proposed different dimensions
of shopping value in relation to different contexts [21,28,29,32].

In this paper, we propose that shopping value consists of three dimensions (mone-
tary value, product evaluation, and customer reputation), and we adopted an empirical
approach to this investigation [5,20,28]. High performance in terms of shopping value
directly influences customers’ trust and calculation commitment and indirectly influences
customer purchase and reuse intentions as regards products or services; it also indirectly
enhances the long-term sustainability of customer purchasing behavior relationships in
various e-commerce settings. Thus, we defined monetary value as customer perceptions
as regards products and services, such as perceptions of time value, price, product func-
tion, and product performance before, during, and after transactions in the digital market
environment. We characterized monetary value as customer profit. We defined product
evaluation cost as the state of the customer mindset based on the degree of shopping value
before and after the transaction in the digital market environment, and we characterized
product evaluation cost as customer risk.

Studies have demonstrated the effects of customer reputation by examining coping
strategies associated with product brands (that is, high and low types product brands)
and found that they influence customer satisfaction and customer intention behavior [34],
that perception values—as regards hotel reputation—influence customer commitment
and loyalty [35], and that customers contend with products based on communicated
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information and quality expectation signaling [36]. In this research, we performed an
empirical study [34] and defined reputation as customer perception as regards dealing with
products or services and the customer mindset toward society adaptation. The reputation
of products or services take into account their monetary value, communicated image, and
use in life. A customer purchases products or services not only based on their physical
value but also on their own inner expectations, such as the inner peace created by the
associated social status. This type of social status or cognition is called customer reputation.
Customers’ intentions to purchase and reuse products are influenced by customers’ trust in
online vendors and the calculation commitment to purchase the product or service, which,
in turn, are indirectly influenced by customer reputation.

Shopping value, which consists of factors such as monetary value, product evaluation
cost, and customer reputation, influences customer online vendor trust and calculation
commitment and indirectly influences customers’ intentions to purchase and reuse products
or services in the digital market environment. Improving customers’ perceptions as regards
shopping value depends on customers’ trust and calculation commitment relationships in
the digital market. Based on the above literature, we propose:

Hypothesis 5 (H5). Monetary value is related to (H5a) trust and (H5b) calculation commitment,
and (Hbc) indirectly influences customers” intention to purchase and (H5d) reuse products through
the influence of customer trust and calculation commitments in the digital market.

Hypothesis 6 (H6). Product evaluation cost is related to (H6a) trust and (H6b) calculation
commitment and indirectly influences customers’ intention to purchase (Hé6c) and reuse (Ho6d)
products or services through the influence of customer trust and calculation commitment in the
digital market.

Hypothesis 7 (H7). Customer reputation is related to (H7a) trust and (H7b) calculation commit-
ment and indirectly influences customers’ intention to purchase (H7c) and reuse (H7d) products or
services through the influence of customer trust and calculation commitment in the digital market.

3. Research Methodology
3.1. Model Development and Measurement

The study items were adapted from the literature as regards customers with experience
using online shopping services such as Amazon, PC-Home, MomoShop, Alibaba, and
other shopping websites in Taiwan. We chose these websites as they are not only trusted
e-shopping platforms in Taiwan but also worldwide e-commerce websites. These platforms
are considered to be among the most reputable in the digital market and this increases
customers’ trust [37]. These websites keep their customers updated on current practices
and they measure customer trust by offering fair treatment [38]. The structures of the
websites and customer service options of Amazon, PC-Home, MomoShop, and other
online shopping platforms are all based on practical reasons. For measurement, our
research model adopted a seven-point scale ranging from one point for “strongly disagree”
to seven points for “strongly agree”. Each factor was measured with multivariable items.
We adopted factors investigated in previous studies, with customer learning consisting of
two factors (product knowledge and website knowledge), product knowledge consisting
of fours items adopted from two earlier studies [27,39], and website knowledge consisting
of four items adopted from one of those studies [39]. Shopping value consisted of three
factors—that is, monetary value, product evaluation costs, and customer reputation—along
with five items adopted from a previous study to measure monetary value [33], five items
adopted from previous studies to measure product evaluation costs [20,33,40], and four
items taken for further data analysis. Customer reputation was measured using fours items
adopted from two previous studies [35,41].

The institutional trust-commitment mechanism consisted of two factors (customer on-
line vendor trust and customer commitment), with customer online vendor trust measured
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using four items adopted from four previous studies [11,12,16,19] and calculation commit-
ment measured using four items adopted from two previous studies [11,12]. Customers’
intention to purchase products or services in an online digital market environment was
measured using four items [12], customers’ intention to reuse products or services in an
online digital market environment was measured with five items adopted from two past
studies [22,39], and four items were selected for further data analysis.

The measurement of development change was altered to match our study. The items
included in the survey were translated from English to Chinese, as we conducted the ques-
tionnaire in Taiwan. To improve content validity, two Ph.D. management students and one
supervising professor assisted with checking the content before finalizing it for further study.

3.2. Data Collection

The survey was designed as a Google form, and its link was distributed starting
on 30 June 2018 to the potential respondents, all of whom had experience using online
shopping platforms such as Alibaba, Amazon, PC-Home, or other online shopping sites
in Taiwan. To ensure the survey reached potential respondents, we provided the survey
link to respondents via their Line groups, Facebook accounts, emails, and in group meet-
ings (lunch, tea, or group lectures) and distributed it to students on campus. A total of
437 questionnaires were distributed, and within 21 days 320 surveys had been returned,
equating to a response rate of 73.2%. After review, 41 respondents were omitted due to
incomplete information in the survey. The final valid response rate for further study was
297 respondents (92.8% of the total 320 respondents). The complete survey items used for
descriptive analyses to assess the frequency and range of populations are shown in Table 1,
and more details of the survey study are provided in Appendix A.

Table 1. Demographics of the study population.

Demographic Sample (N = 279) Frequency Percentage (%)
S Female 181 64.9
X Male 98 35.1
>25 110 39.4
26-35 34 12.2
Age (years) 3645 90 32.3
46-55 37 13.3
>56 8 29
Senior high school 37 13.3
Education University 202 72.4
Graduate 40 14.3
Business 82 294
Occupation Civil 38 13.6
P Industry 46 16.5
Student 113 40.5
Alibaba 33 11.8
Amazon 44 15.8
Shopping website MomoShop 48 17.2
PC-Home 76 27.2
Others 78 28
>USD 200-800 49 17.6
Monthly income USD 801-1000 103 36.9
Y USD 1001-2000 108 38.7

<USD 2001 19 6.8
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Table 1. Cont.

Demographic Sample (N = 279) Frequency Percentage (%)
Internet experience =3 years 155 25.6
<3 years 124 44.4
E-shopping >3 years 144 51.6
experience <3 years 135 48.4
Inst ; PC 62 222
nstrumen Smartphone 217 77.8

3.3. Data Measurement Techniques

We employed SPSS 20 (company, Armonk, NY, USA) to analyze the demographic
data; the results of the survey for the measurement model are listed in Table 1. We ran
Smart-PLS 3.3 to analyze the data, which were standardized to the measurement model
and the research hypotheses. First, we ran the partial least squares structural equation
model (PLS-SEM) algorithm as a sequence of regression on the items, including the path of
coefficients, indirect effects, outer loadings, and outer weights, and provided the R-square
value (R?) for the latent endogenous variables. Second, we executed bootstrapping with
5000 resamples to estimate the significance of various statistic results, such as coefficients,
Cronbach’s «, the average variance extracted (AVE) value, and R? [42]. This included
indirect effects, total effects outer loading, and outer weighting.

The results showed that 64.9% of the respondents were women; those aged below or
equal to 25 years accounted for 39.45%. Most of the participants, 72.4%, were university
graduates, and 40.5% were students. Participants buying the products or services on the
PC-Home website accounted for 27.2% of the total, and 28% reported buying products or
services on online shopping sites in Taiwan. A total of 55.6% of the participants reported
having less than 3 years of Internet experience. Most of the participants, 77.8%, reported
using smartphones to engage in online shopping activities, such as obtaining and sharing
product information and buying services in the digital market environment.

4. Results
4.1. Reliability and Validity

The data analysis results should be assessed using measures of reliability and discrim-
inant validity, such as Cronbach’s «, composite reliability, and AVE [43]. All the latent
variables should have a Cronbach’s & value higher than the minimum of 0.65, as suggested
previously [44]. The composite reliability proportion must be greater than 0.70, and the
AVE value must be greater than 0.50, indicating that over 50% of the variance is explained
by the measurement items [43]. The factor loading should be greater than 0.45 and the
t-value is considered significant for a sample size of 200 or above [45]. Table 2 shows
that the Cronbach’s « values were all between 0.75 and 0.81, the composite reliability
was 0.84-0.87, and the AVE value was between 0.54 and 0.63. Discriminant validity was
assessed by examining two factors. First, the square roots of AVE for the constructs were
higher than other correlations shared between constructs in the model; more details are
provided in Table 3. Second, the cross-loading factors, shown in Table A2, as measured by
latent variance, had larger loadings of the measurement item constructs, which indicated a
good discriminant validity.
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Table 2. Construct reliability and validity of the model. AVE, average variance extracted.

Construct Cronbach’s « Composite Reliability AVE
Calculative commitment 0.77 0.85 0.59
Monetary value 0.79 0.85 0.54
Product evaluation cost 0.76 0.85 0.58
Product knowledge 0.76 0.85 0.58
Purchase intention 0.81 0.87 0.63
Reputation 0.77 0.85 0.59

Reuse intention 0.79 0.87 0.62
Trust online vendor 0.75 0.84 0.56
Website knowledge 0.79 0.86 0.61

Table 3. Discriminant validity.

Construct CC MV PEC Prok PUI REP RI TV Webk
Calculative commitment (CC) 0.77
Monetary value (MV) 0.62 0.73
Product evaluation cost (PEC) 0.41 0.50 0.76
Product knowledge (Prok) 0.42 0.57 0.40 0.76
Purchase intention (PUI) 0.37 0.57 0.49 0.56 0.79
Reputation (REP) 0.59 0.66 0.50 0.46 0.40 0.77
Reuse intention (RI) 0.38 0.56 0.45 0.55 0.61 0.51 0.79
Trust online vendor (TV) 0.47 0.56 0.68 0.53 0.55 0.50 0.60 0.75
Website knowledge (Webk) 0.35 0.57 0.55 0.64 0.67 0.42 0.53 0.52 0.78

Table 4 shows the results of the standard construct loading, weights, standard devi-
ation, variance inflation factor (VIF), and t-statistic values from the measurement using
the common method bias [42], which was achieved by comparing the percentage variance
values of the two paths of coefficients from each substantive construct. In addition, we
assessed the standard degree of multicollinearity to measure the common method bias
using the VIF. The results showed that the variance values of the factor loadings were
between 0.68 and 0.84, the variance values of the weights were between 0.24 and 0.40,
the standard deviations were between 0.02 and 0.06, and the t-values ranged from 11.65
to 45.98. The measuring factor loading, weight, and the t-statistic values of the standard
constructs all supported this. The standard degree of multicollinearity VIF values ranged
between 1.29 and 1.92, well below the suggested threshold [46]. The results showed that
all the constructs of the outer and inner model supported the data for further analysis.



Sustainability 2021, 13, 4318 11 of 25
Table 4. Loadings and weights of the standard constructs. VIF, variance inflation factor.
Constructs Loading Weight SD VIF t-Statistics
0.77 0.35 0.04 1.53 20.85
Caleulati , 0.80 0.35 0.02 1.60 34.06
alculative commitment 0.80 0.35 0.03 1.70 28.49
0.70 0.25 0.05 1.53 13.88
0.67 0.31 0.04 1.29 15.48
0.75 0.25 0.04 1.64 20.33
Monetary value 0.73 0.24 0.05 1.62 15.28
0.71 0.26 0.04 1.51 17.71
0.80 0.30 0.03 1.75 29.42
0.79 0.32 0.04 1.62 22.03
Prod Luati 0.79 0.34 0.03 1.59 28.90
roduct evaluation cost 0.76 033 0.04 1.46 20.83
0.70 0.32 0.04 1.30 17.68
0.78 0.40 0.03 1.39 27.04
0.83 0.32 0.02 1.92 37.36
Product knowledge 0.68 0.25 0.05 1.48 12.63
0.75 0.34 0.03 1.46 21.44
0.73 0.33 0.04 1.42 17.70
Purchase | , 0.84 0.40 0.02 1.73 4598
urchase intention 0.82 0.25 0.03 2.06 32.24
0.78 0.28 0.04 1.75 17.80
0.70 0.24 0.06 1.47 11.65
Reputation 0.75 0.32 0.03 1.45 23.08
P 0.83 0.35 0.02 1.79 33.35
0.78 0.39 0.03 1.40 27.46
0.82 0.32 0.03 1.84 25.99
Reuse | . 0.80 0.35 0.04 1.57 20.34
euse intention 0.76 0.31 0.04 1.48 21.16
0.76 0.30 0.04 1.60 18.27
0.71 0.27 0.04 1.48 17.26
. i q 0.70 0.28 0.05 1.40 13.05
rust online vendor 0.80 0.40 0.03 1.52 31.74
0.79 0.37 0.03 1.58 26.73
0.77 0.32 0.04 1.56 20.75
. 0.75 0.31 0.04 1.50 20.28
Website knowledge 0.78 0.27 0.04 1.70 18.80
0.82 0.37 0.02 1.60 37.88

Notes: Both standard errors (SEs) and t-values are for loadings but not for weights.

4.2. Structural Model

In the structural model, we employed Smart-PLS to test the paths of the coefficients
and hypothesis relationships. As in previous studies, this involved using the reflective-
formative model. The model is not only used to test the common concept reflective factor
relationships, but also to test the mediating factor relationships or multidimensional strobe
constructs [47]. First, we examined the general concept of the reflective relationship factors
by following the mediating relationships. The results of the reflective construct relationship
structures are listed in Figure 2. A summary of the hypothesis relationships is shown in
Table 5. The total structure results of the hypothesis relationships showed that five of the
fifteen hypotheses had no significant relationship. Two of the five had a negative and
insignificant relationship, and three of the five had a positive and insignificant relationship.
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Table 5. Summary of hypothesis testing.
Hypothesis Path Coefficients t-Value p-Value
1 (H1a) TV-PUI TV has a positive influence on PUI 0.48 *** 7.41 Supported
2 (H1b) TV-RI TV has a positive influence on RI 0.53 *** 9.44 Supported
3 (H2a) CC-PUI CC has a positive influence on PUI 0.14* 2.14 Supported
4 (H2b) CC-RI CC has a positive influence on RI 0.13* 2.01 Supported
5 (H3a) Prok-TV Prok has a positive influence on TV 0.23 ** 2.95 Supported
6 (H3b) Prok-CC Prok has a positive influence on CC 0.09 1.12 Not supported
7 (H4a) Webk-TV Webk has a negative influence on TV -0.01 0.14 Not supported
8 (H4b) Webk—-CC ~ Webk has a negative influence on CC -0.10 1.42 Not supported
9 (H4c) Webk-Prok ~ Webk has a positive influence on Prok 0.64 *** 11.54 Supported
10 (H5a) MV-TV MYV has a positive influence on TV 0.16 * 2.29 Supported
11 (H5b) MV-CC MYV has a positive influence on CC 0.39 ** 4.98 Supported
12 (H6a) PEC-TV PEC has a positive influence on TV 0.50 *** 8.29 Supported
13 (H6b) PEC-CC PEC has a positive influence on CC 0.10 1.76 Not supported
14 (H7a) REP-TV REP has a positive influence on TV 0.04 0.71 Not supported
15 (H7b) REP-CC REP has a positive influence on CC 0.28 *** 4.22 Supported
Note: *p <0.05=t>1.96; ** p <0.01 = > 2.58; ** p < 0.001 = t < 3.29), with one-tailed test.
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Figure 2. The result of the research model (** p < 0.01; *** p < 0.001) with the one-tailed test.

7

Customers’ trust in online vendors had a positive and significant effect on customers
purchase and reuse intentions toward products or services in the digital market environ-
ment, which supported Hla ( = 0.48, t =7.41, p < 0.001) and H1b (3 = 0.54, t = 9.43,
p < 0.001). Customer calculation commitment had a positive and significant effect on
customers’ purchase and reuse intentions, which supported H2a (3 = 0.14, t = 2.14, p < 0.05)
and H2b (B = 0.14, t = 2.01, p < 0.05).
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Product knowledge had a positive and significant effect on customers’ trust in online
vendors, which supported H3a (3 = 0.23, t = 2.95, p < 0.01). However, product knowledge
had no significant influence on customer calculation commitment, thus, rejecting H3b
(B =0.094, t =1.12, p < 0.05). Website knowledge had a negative and insignificant effect on
customers’ trust in online vendors and customers’ calculation commitment, which rejected
H4a (p = —0.011, t = 1.14, p < 0.05) and H4b ( = —0.010, = 1.41, p < 0.05). However,
website knowledge had a positive and significant influence on product knowledge, which
supported H4c (3 = 0.64, t = 11.54, p < 0.001).

Product monetary value had positive and significant effects on customers’ trust in
online vendors and customers’ calculation commitment, thus supporting H5a (3 = 0.16,
t=2.29,p <0.01) and H5b ( = 0.39, t =4.97, p < 0.001). Consistently, product evaluation
costs had a positive and significant effect on customers’ trust in online vendors, which sup-
ported Héa (3 = 0.50, t = 8.29, p < 0.001). However, product evaluation costs had a positive
and insignificant influence on customers’ calculation commitment, which rejected H6b
(B =0.095, t =1.76, p < 0.05). Customer reputation had a positive and non-significant influ-
ence on customers’ trust in online vendors, which rejected H7a (3 = 0.044, t = 0.71, p < 0.05),
but had a positive and significant influence on customers’ calculation commitment, which
supported H7b (f = 0.29, t = 4.22, p < 0.001).

The model was also evaluated using R? values for all the factors taken together in
customers’ calculation commitment, which was found to significantly explain the variance
in customers’ purchase intentions (R? = 31%). Customers’ trust in online vendors explained
the majority of the variance in customer reuse intention (R2 = 37%), while dimensions
of customer learning and customer shopping values together explained the variance in
calculation commitment (R? = 45%) and explained the majority of variance in customers’
trust in online vendors (R? = 57%). Website knowledge explained the majority of variance
in product knowledge (R? = 41%).

4.3. Mediating Effects

To test the mediating effects in our model, a study was conducted to test not only the
mediating effects of hypotheses H3b, H4a, H4b, H6b, and H7a, but also those of H5c, H5d,
Hbe, and H5f. To test these hypotheses, we used a three-step approach that has used in
past studies [48-54]. The explanation of these steps will follow in this section. In step 1,
we followed the procedure used in past studies of goodness of fit (GOF) [48]; our model’s
standardized root mean square residual (SRMR) value had a higher than usual goodness
of fit, as shown in Tables 6 and 7. Therefore, this was used as a standard to measure the
GOF of the model using the following calculation:

GOF = \/ AVE x R2 = 1/0.589 x 0.425 = 0.500. 1)

Table 6. Fit summaries.

Saturated Model Estimated Model
SRMR 0.09 0.12
d_ULS 5.61 9.48
d_G 2.64 2.86
Chi-Square 3487.69 3612.21
NFI 0.50 0.49

Note: SRMR = standardized root mean square residual; NFI = normal fit index; Chi-square = ratio test statistic.
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Table 7. Confidence intervals of the model fit.
Confidence Intervals SRMR Original Sample (O) Sample Mean (M) 95% 99%
Saturated model 0.09 0.05 0.05 0.06
Estimated model 0.12 0.05 0.06 0.06

According to the above result, the GOF was 0.500, which exceeded the 0.36 cut-off
criteria for a large impact size [49].

In step 2, we used the application step term suppressor to describe a variable which
increases the predictive validity of related variables (that is, a set of variables) by accessing
multiple/three-variable mediation in a regression equation model [51,52], such as Hypothe-
sis H3c (Prok-TV_PUI) in Figure 2 and Table 8. The variables Prok and PUI were accounted
for jointly by TV but were also suppressed by CC. Adjusting for the ordering of the vari-
ables equivalent to the squared standardized indirect effect, the study suggests obtaining
the R? effect size to measure the indirect effect and the upper and lower confidence interval
limit size [48,52,53]. The results of the mediating effects are shown in Table 8. Product
knowledge had a mediating effect on customers’ intentions to purchase and reus products
or services via the mediator of customers’ trust in online vendors, which supported H3c
and H3d. H3c ($ = 0.11, t =2.70, p < 0.01) had an upper confidence interval limit size of
0.19% and a lower confidence interval limit size of 0.03%. H3d (3 = 0.13, t =2.69, p < 0.01)
had an upper confidence interval limit size of 0.22% and a lower confidence interval limit
size of 0.03%. Constantly, the influence of website knowledge showed mediating effects
on customers’ trust in online vendors through the mediator of product knowledge, which
supported H4d (3 = 0.15, t =2.97, p < 0.01), with an upper confidence interval limit of 0.25%
and a lower confidence interval of limit of 0.05%. We also assessed the mediating effect
of website knowledge on customers’ intention to purchase and reuse products or services
purchased in a digital market through the influences of the two continuance mediators
of product knowledge and customer trust in the online vendor relationship. H4e was
supported (3 =0.07, t = 2.68, p < 0.01), with an upper confidence interval limit of 0.13% and
a lower confidence interval of 0.02%, and H4f was supported (3 = 0.08, t = 2.67, p < 0.01)
with an upper confidence interval limit of 0.14% and a lower confidence interval limit
of 0.02%.

Monetary value had a mediating effect on customers’ intention to purchase and reuse
products or services through the mediating effects of customers’ trust and calculation
commitment, which supported H5¢c, H5d, H5e, and H5f. H5¢ (3 = 0.07, t =2.28 %, p < 0.05)
had an upper confidence interval limit of 0.14% and a lower confidence interval limit of
0.01%. H5d ( = 0.08, t = 2.36 **, p < 0.01) had an upper confidence interval limit of 0.15%
and a lower confidence interval limit of 0.01%, H5e (3 = 0.06, t =2.21 **, p < 0.05) had an
upper confidence interval limit of 0.11% and a lower confidence interval limit of 0.01%,
and H5f (3 = 0.05, t = 2.23 **, p < 0.05) had an upper confidence interval limit of 0.10% and
a lower confident interval limit of 0.00%.

Product evaluation cost had mediating effects on customers’ intentions to purchase
and reuse products or services via the mediating effect of customers’ trust in online vendors,
which supported H6c and H6d. Héc (B = 0.24, t = 5.35 ***, p < 0.001) had an upper
confidence interval limit of 0.33% and a lower confidence interval limit of 0.16%; H6d
(B =0.27, t = 6.30 ***, p < 0.001) had an upper confidence interval limit of 0.35% and a
lower confidence interval limit of 0.19%. Customer reputation had a mediating effect on
customers’ intentions to purchase and reuse products or services in the digital environment
through the mediating effect of customer calculation commitment, which refuted H7c and
H7d. H7c (f = 0.04, t = 1.90, p < 0.05) had an upper confidence interval limit of 0.09% and
a lower confidence interval limit of 0.00%; H7d (3 = 0.04, t = 1.67, p < 0.09) had an upper
confidence interval limit of 0.09% and a lower confidence interval of 0.00%.
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Table 8. Indirect effects.
Confidence Intervals
Path Coefficients Std. Beta Std. SD t-Value p-Value
25% 97.5%
(H3c) Prok-TV-PUI 0.11 0.04 2.70 0.03 0.19 0.01
(H3d) Prok-TV-RI 0.13 0.05 2.69 0.03 0.22 0.01
(H4d)Webk-Prok-TV 0.15 0.05 297 0.05 0.25 0.00
(H4e) Webk-Prok-TV-PUI 0.07 0.03 2.68 0.02 0.13 0.01
(H4f) Webk- Prok-TV-RI 0.08 0.03 2.67 0.02 0.14 0.01
(H5¢c) MV-TV-PUI 0.07 0.03 2.28 0.01 0.14 0.02
(H5d) MV-TV-RI 0.08 0.04 2.36 0.01 0.15 0.02
(H5e) MV-CC-PUI 0.06 0.03 2.21 0.01 0.11 0.03
(H5f) MV-CC-RI 0.05 0.02 2.23 0.00 0.10 0.03
(H6c) PEC-TV-PUI 0.24 0.04 5.35 0.16 0.33 0.00
(H6d) PEC-TV-RI 0.27 0.04 6.30 0.19 0.35 0.00
(H7c) REP-CC-PUI 0.04 0.02 1.90 0.00 0.09 0.06
(H7d) REP-CC-RI 0.04 0.02 1.67 0.00 0.09 0.09

Note: Std. Beta = standards value of path coefficients; SD = standard deviations; CC = calculation commitment; MV = monetary value; PEC
= product evaluation cost; Prok = product knowledge; PUI = purchase intention; REP = reputation; RI = intention to reuse; TV = trust
online vendor; Webk = website knowledge.

In step 3, we followed the approach of the previous study of Baron and Kenny (1986) to
assess the variance accounted for (VAF) ratio (indirect effects/total effects = VAF); therefore,
this study can determine the extent to which the dependent variable is directly explained
by the independent variable and how much of the target construct variance is explained by
the indirect relationship via a mediator [54]. The study shows that, if the VAF ratio is less
than 20%, it shows non-significant mediating effects; when the ratio is 20-80%, it shows a
partial mediating effect; if it is larger than 80%, it is determined to have a full mediating
effect [54]. The results of the study are shown in Table 9, except for H4e, H5e, H5f, and
H7d, which had no mediating effects other than hypothesis placed in Table 9 have partially
mediating effects.

Table 9. Mediating effect evaluation.

DE IDE TE VAF Type
Hypothesis
Std (CMV) Std (WCM) Std Std IDE/TE

(H3c) Prok-TV-PUI 0.53 *** 0.68 *** 0.14 *** 0.67 *** 21% Partial
(H3d) Prok-TV-RI 0.33 *** 0.56 *** 0.23 *** 0.55 *** 42% Partial
(H4d)Webk-Prok-TV 0.30 ** 0.55 *** 0.22 *** 0.53 *** 42% Partial

(H4e) Webk—Prok-TV-PUI 0.54 *** 0.68 *** 0.10 *** 0.63 *** 16% NM
(H4f) Webk— Prok-TV-RI 0.31 *** 0.55 *** 0.15 *** 0.47 *** 32% Partial
(H5c) MV-TV-PUI 0.38 *** 0.58 *** 0.20 *** 0.57 *** 35% Partial
(H5d) MV-TV-RI 0.34 *** 0.58 *** 0.23 *** 0.57 *** 40% Partial

(H5e) MV—-CC-PUI 0.57 *** 0.58 *** 0.0In 0.57 *** 2% NM

(H5f) MV-CC-RI 0.55 *** 0.59 *** 0.03n 0.58 *** 5% NM
(H6c) PEC-TV-PUI 0.23 ** 0.50 *** 0.27 *** 0.49 *** 55% Partial
(Hed) PEC-TV-RI 0.09n 0.48 *** 0.36 *** 0.46 *** 78% Partial
(H7c) REP-CC-PUI 0.28 *** 0.40 *** 0.12** 0.40 *** 30% Partial

(H7d) REP-CC-RI 0.42 *** 0.51 *** 0.09n 0.51 *** 18% NM

Note: DE = direct effect; DECMV = direct effect controlled by mediation variable; DEWCM = direct effect without being controlled by
mediation variable; IDE = indirect effect; TE = total effect; NM = non-mediating effect. ** p < 0.01; *** p < 0.001.

We concluded that, among the indirect hypothesis relationships, product evaluation
had the most effective and strongest mediating effect on customers” intentions to purchase
and reuse products or services purchased in the digital market environment. PEC-TV-PUI
had the highest upper confidence interval limit of 33%; with a lower interval limit of
0.16% and a VAF ratio 55%, it shows a partial mediating effect. PEC-TV-RI had an upper
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confidence interval limit of 35, a lower interval limit of 0.19%, and a VAF ratio 75%; it
shows a partial mediating effect.

5. Research Implications and Conclusions
5.1. Theoretical Implications

First, these findings enrich the current understanding of customer e-commerce be-
havior and the e-commerce institutional literature by exploring the fundamental issue of
how to stimulate customer shopping value and learning in online shopping behavior. This
could, in turn, be used to improve customer’s intentions to purchase and reuse products
and services in the digital market environment. The study also extends the e-commerce
institutional literature, and the findings support research based on the e-commerce insti-
tutional trust—-commitment mechanism, which consists of two factors—customer online
vendor trust and customer calculation commitment—examined as a pair factors and con-
ceptualized as ASSP. We deal with a real-life mechanism (trust), and real-life mechanisms
become part of the daily routine in online shopping behavior, thereby supporting our
second research question and providing different contributions to the literature than those
of previous studies [5]. By examining the different antecedent and consequent factors of
customers’ trust in online vendors and calculation commitment, our findings support our
first research question and those of a related study [12].

Second, a prior study on customer shopping value examined factors based on per-
ceived benefits from two aspects (utilitarian value and hedonic value), finding that they had
positive and negative influences on customer satisfaction and continuance intentions [5].
Other studies also investigated the influence of shopping value using multiple factors,
and the results showed that customer satisfaction had a positive and significant influence
on customers’ intention to purchase and loyalty [30]. In this study, we examined the
influence of customer shopping value, which consists of three separate entities: monetary
value, product evaluation cost, and customer reputation. The findings showed that mone-
tary value had a positive and significant effect on customers’ trust in online vendors and
customer calculation commitment, as well as a partial indirect influence on customers’
intentions to purchase and reuse products and services in the digital market environment
through the influence of customers’ trust in online vendors. Although monetary value
has mediating effects on customers’ purchase and reuse intentions via the influence of
customer calculation commitment in the process of the second step (the result is provided
in Table 8), when testing the third step (result is shown in Table 9), it had no partial or
small-size effect as the mediating factor. Product evaluation cost had no significant effects
on customer calculation commitment; however, product evaluation cost had a positive and
significant effect on customers’ trust in online vendors and a partial mediating effect on
customers’ intentions to purchase and reuse products or services purchased in the digital
market via a mediating customer online vendor trust. A reverse finding was that customer
reputation had a positive and significant effect on customer calculation commitment; how-
ever, customer reputation had non-significant effects on customers’ trust in online vendors
but had partial indirect effects on customers” purchase intentions and no indirect effect
on customers’ intentions to reuse products or services through the influence of customer
calculation commitment.

The results of this study as regards customer shopping value, which included mon-
etary value, product evaluation cost, and customer reputation, confirmed that customer
shopping value, except for product evaluation cost, has no influence on calculation com-
mitment and customer reputation has no influence on customers’ trust in online vendors.
Other shopping value dimensions influence customers’ trust and calculation commitment
and have partial effects on customers’ intentions to purchase and reuse products or services
purchased on the digital market via the influence of customers’ trust in online vendors.
However, these dimensions had no indirect effects on customers’ intentions to purchase
and reuse products via customer calculation commitment, except for customer reputation,
which had partial effects on customers’ intention to purchase products or services in the
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digital market via customers’ calculation commitments, which differ from those of two
earlier related studies [5,12].

Third, with regard to customer learning, a prior study characterized customer learning
as a service-specific investment, and the study examined three factors (relational capital,
personalization, and learning) that influence customer satisfaction and customer continu-
ance intentions [5]. In this study, we proposed two factors of customer learning (product
knowledge and website knowledge), characterizing them as risk/investment to fit the
common customer learning environment and information sharing as regards the products
or services, which created the differences in our findings [5,27,39]. The findings showed
that product knowledge had no significant effects on customer calculation commitment
but had positive and significant effects on customers’ trust and partially indirect effects
on customers’ intentions to purchase and reuse products or services in the digital market
environment via the influence of customers’ trust in online vendors. Website knowledge
had no significant effects on customers’ trust and calculation commitment; however, web-
site knowledge had a partial indirect effect on customers’ trust via the influence of product
knowledge, and website knowledge also had a partial indirect effect on customers’ reuse
intentions but no indirect effect on purchase intentions through the influence of product
knowledge and customers’ trust in online vendors.

Our findings confirmed the investigation of customer learning as an antecedent of
trust and commitment, which is different from previous research [12]. The previous study
showed, based on the constraint-based theory used to investigate customer learning, that
customer learning had no significant effects on customer calculation commitment but had
a negative and significant effect on customers’ continuance intention to purchase products
or services in the digital market, which differed from the findings of another previous
study [5].

Lastly, the demographic data showed that 39.4% of the respondents were less than
or equal to 25 years old and 64.9% were women. This means that the younger generation
has become the shopping target in the digital market, especially female shoppers. This
demographic finding serves not only to improve the vendor s ability to provide services and
products to customers in the short term but also to enhance the sustainability of customer
purchasing behavior. The vendor and decision maker, such as a marketer, have to evaluate
the digital market environment by providing customers with a learning environment.
For example, some customers may have less money but more skill, some have more
experience and some have less experience in accessing the digital market. As we have
shown in this study, 72.4% of the participants had graduated from university, with 29%
being business service officers and 40.5% being students. Of the participants, 27.2% had
purchased products or services from the PC-Home website, 55.6% had internet experience,
51.6% had e-shopping experience and a monthly income less than or equal to USD 2000,
and most of the participants accessed the products or services with their smartphone.

5.2. Practical Implications

This study has practical implications as regards customer learning (products and
website knowledge), shopping value (monetary value, products evaluation cost, and
customer reputation), customers’ trust in online vendors, calculation commitment, and
customers’ intentions to purchase and reuse products or services in digital environments.

First, there are important implications about upgrading e-commerce institutional
mechanisms through a combination of customer online vendor trust and customer cal-
culation commitment, which can enhance institutional trust—-commitment mechanisms
in e-commerce industries. Two of these factors play a very important role in influencing
antecedent factors and consequent factors. The results show that, except for H5e, H5f
and H7d have no partial or small-size mediating effects on purchase intentions, such as
Hb5e through customer calculation commitment, or on reuse intentions, such H5f and H7d
through the influence calculation commitment. However, most of the factors have partial
mediating effects on purchase and reuse intentions via customers’ trust and customers’



Sustainability 2021, 13, 4318

18 of 25

calculation commitment. This means that the online vendors and calculation commitment
play the role of mediator between antecedent and consequent factors. This can increase
the influence of customer shopping value, customer learning, and building long-term
e-commerce sustainability through customers’ trust in online vendors and calculation com-
mitment perspective mechanisms, which also can increase customer purchase and reuse
intentions toward the products and services in digital market environments. However, in
order to provide the implication of H5e, H5f, and H7d, the vendor and manager have to
ensure the safety of customer transaction, such as financial instruments, that are provided
by third parties and vendors through the home payment. For example, when customers
have problems with the products or services after product delivery, the provider or vendor
provides the customer with an easy refund process through 24 h customer service. The
refund services include delivery at the place where the customer received the product and
through quick communication systems, such as through text message or telephone call.
This can enhance customers’ trust and commitment to purchase and reuse the products or
services in future.

Second, to enhance the customer decision process in the online digital environment,
e-commerce industries (owners) and managers have to evaluate the following structures:
(1) The shopping value (monetary value) must be evaluated in terms of factors such as price,
reducing the display time for ads or unnecessary advertising, and providing real product
functions or other website services. The manager and digital market provider can provide
more alerts with product features and information on the platform, which can help meet
the expectations of the customer. (2) The shopping value (product evaluation cost) reduces
time and risk and displays facts and prices, which can enhance the customer’s evaluation of
products or services in the digital market environment. The manager and vendors have to
provide the customer with clear and consistent product pricing features, which can reduce
the time taken to process the reference prices and ensure product safety and quality. (3) The
shopping value (customer reputation) can be used to upgrade the customer’s evaluation of
the digital market, such as through customer communication signs and images. Customers
engage in digital market environments not only to purchase physical products or services
but also to present their self-identity to society, as that self-identity is presented to society
through the products or services that they purchase in the digital market environment.
The vendor and manager must also provide the customer with product signaling by the
customization of different products according to customer signaling.

Third, factors of customer learning, including product and website knowledge, can be
used to enhance customer performance in the digital market. Digital marketing industries
and managers have to provide advanced customer learning environments that can match
the advanced technology and environments on the websites, such as the features and infor-
mation of the product and clear directions on the website, such as quick time processing,
sharing content and information, and retaining product information that can easily attract
customers’ eyes.

Fourth, to enhance customers’ trust and commitment in the long term as regards
customer intentions to purchase and reuse products or services, e-commerce industries and
managers need to upgrade the e-commerce institutional mechanism to provide customers
with an advanced security learning environment and secure shopping value for 24 h
shopping activities in the digital market environment.

This study has shown that most of the participants are less than or equal to 25 years old,
including many university graduates, and most of them access web shopping platforms
using the advance technology such as smartphones compared to personal computer. Study
also has shown that the participants participated in this study not only for the purpose
of buying products but also for the purpose of self-identifying with society in terms of
social values and learning orientation, which was shown in customer reputations in H7c, in
Table 9 and customer learning (e.g., product knowledge) in H3c and H3d in Tables 8 and 9.
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5.3. Limitations and Future Study

The purpose of this study was to explain the relationships between the investigated
factors and the mediating effects based on the institutional trust-commitment mechanism.
First, website knowledge does not influence customer online vendor trust or calculation
commitment but has indirect effects on customers” intentions to purchase and reuse prod-
ucts or services. In the future, a study could build a more comprehensive model and
theoretical background to provide findings as regards website knowledge and its relation-
ship with customers’ trust and calculation commitment. Second, customer reputation does
not have a significant effect on customers’ trust in online vendors; in the future, this factor
could be joined with the dimension of customer learning factors. Third, the questionnaire
used for data collection for shopping websites, internet experiences, and e-shopping ex-
periences can be considered to be limited to the participants” answers, so a future study
could design a more thorough questionnaire, such as by allowing the participants to have
more multiple-choice questions, or could use moderating factors. Additionally, worldwide
shopping websites are more likely to be considered than local shopping websites; in the
future, we could add some local shopping websites rather than an abstract selection (e.g.,
others), which could help aging participants have more choice. Fourth, data validity was
based on a small sample, so in future studies more comprehensive results for the model
factors could be achieved by collecting more data.

5.4. Conclusions

The current findings have important implications for researchers and practitioners.
This study extends the e-commerce institutional literature and its findings support the re-
search based on the institutional trust-commitment mechanism, which includes customers’
trust in online vendors and customers’ calculation commitment, examining these factors
as a pair of factors and thereby providing different contributions to those of a previous
study [5]. By examining the different antecedent and consequent factors of customers’
trust in online vendors and calculation commitment, this research study also supports the
findings of a related study [12].

First, as regards our model design, we built a model based on customers” trust in on-
line vendors and calculation commitment (the institutional trust-commitment mechanism)
to investigate the antecedent and consequent factors that were adopted from an earlier
study [12]. Customers’ trust in online vendors and calculation commitment was conceptu-
alized as a set-self-application (ASSP); thus, ASSP was accommodated as an institutional
mechanism related to shopping value, customer learning, and customers’ intentions to
purchase and reuse products or services that deal with real-life mechanisms (trust) and
real-life mechanisms that become a part of their daily routine (calculation commitment).
These institutional mechanisms provide protection to customers in their online shopping
behavior. The antecedent factors were divided into two pairs (shopping value and customer
learning factors) in terms of shopping value, composed of three factors (monetary value,
product evaluation cost, and customer reputation) and two factors of (product knowledge
and website knowledge, which we called customer learning). The consequent factors
consisted of two factors: intention to purchase and intention to reuse products or services
in the digital market.

Second, based on our research findings, this study contributes to the theoretical literature
on the e-commerce institutional trust-commitment mechanism, which is conceptualized as
ASSP, shopping value, and customer learning. Shopping value consists of factors such as
monetary value, product evaluation value, and customer reputation. The findings have shown
that monetary value not only has a positive and significant influence on customers’ trust in
online vendors and calculation commitment but also has a partial indirect effect on customers’
intentions to purchase and reuse products or services on the digital market via the influence of
customers’ trust in online vendors, which supported H5a, H5b, H5c, and H5d from perspective
mediating steps 2 and 3 in Section 4.3 (the result is shown in Tables 8 and 9. Monetary value
has no partial or small-size effects on customers’ intentions to purchase and reuse products or
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services in the digital market via the influence of calculation commitment, as shown in Table 9,
which supports H5e and H5f from perspective mediating step 2 in Section 4.3 (the results are
provided in Table 8). This study also showed that product evaluation cost had no influence on
customer calculation commitment, but had partial and indirect effects on customers’ purchase
and reuse intentions through the influence of customers’ trust, which supported Hé6c and Héd,
from mediating step 2 and 3 shown in Section 4.3 (the results are shown in Tables 8 and 9).
Customer reputation had no influence on customers’ trust in online vendors but had partial
and indirect effects on customers’ intention to purchase products or services via the influence
of customer calculation commitment (the results are shown in Table 9). However, this did not
support H7c and H7d from perspective mediating step 2, as shown in Section 4.3 (the results
are shown in Table 8).

As regards the influence of customer learning (that is, product knowledge and website
knowledge) on customers’ trust in online vendors and intentions to purchase and reuse
products or services in the digital market, it was found that product knowledge had a
positive and significant influence on customers’ trust in online vendors but no influence on
customers’ calculation commitment. However, product knowledge has partial and indirect
effects on customers’ intentions to purchase and reuse products or services via customer
online vendor trust, which supports H3c and H3d, from the perspective mediating step 2
and 3 in Section 4.3, as shown in Tables 8 and 9.

Website knowledge had no influence on customers’ trust in online vendors and
customers’ calculation commitment, but had a partial and indirect effect on customers’
trust via the influence of product knowledge; however, website knowledge continuously
influenced customers’ intention to purchase and reuse products or services via the influence
of product knowledge and customers’ trust, which supported H4d, H4e, and H4f, from
the perspective of mediating step 2 in Section 4.3 (Table 8). Website knowledge has neither
partial nor small-size effects on customers’ intentions to purchase via product knowledge
and customers’ trust in online vendors, as shown in Section 4.3 and Table 9. In addition,
website knowledge also has a partial and indirect effect on customers’ intentions to reuse
the products or services via the influence of product knowledge and customers’ trust in
online vendors, which supported H4f, from mediating step 2 and 3 in Section 4.3, as shown
in Tables 8 and 9.

Third, customers’ trust in online vendors had stronger effects on customers’ intentions
to reuse products than on customers’ intentions to purchase products or services in the
digital market environment. The product evaluation cost had a stronger influence on
customers’ trust in online vendors than others factors in our model. In addition, the
product evaluation cost had greater partial and indirect effects on customers’ intentions
to reuse products than on their intention to purchase products or services in the digital
market environment.

Lastly, we conclude that, by conceptualizing customers’ trust in online vendors and
customer calculation commitment (the institutional trust—-commitment mechanism), such
as ASSP in the context of the digital market environment, this contribution provides
not only important findings for outcomes related to the theoretical literature, but also
comprehensive findings that differ from those of a previous study [5]. By examining the
different antecedent and consequent factors of customers’ trust in online vendors and
calculation commitment, this research study supports the findings of a related study [12].
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Appendix A
Table Al. Survey study.

Demographics (N = 279) Respondents Participating the Study

1 Sex 100 Female 2[] male
100 below or equal 25 200 26-35 300 3645 4[146-55
2 Age (years) 50 above 56
. 10 Student 201 Business 3] Industry 4[] Civil
3 Occupation servant
4 Education ;Eoieemor high school 200 University 301 Graduate or
5 Monthly income (USD) ;/Ililc)}ee:}sl :Eazr(lj 3?0—800 2] 801-1000 3] 1001-2000 4]

100 Alibaba 200 Amazon 30 MomoShop 40

7 E-shopping website PC-Home 50] Others

8 Internet experience 100 >3 years 2[1 <3 years
9 E-shopping experiences 100 >3 years 20 <3 years
10 Instrument 10 PC 200 Smart phone

Please fill in option 1-7 from strongly disagree to strongly agree for when you are shopping on the internet. A vendor could either
be a company that provides the product or service (e.g., Alibaba, PC-Home, and other online shopping). (1, Strongly disagree; 2,
Disagree; 3, Somewhat disagree; 4, Neutral; 5, Somewhat agree; 6, Agree; 7, Strongly agree.)

Monetary value [33]

1 MV1 The product is valuable for the price. 100 00 40 ooz
2 MV2 The price matches the value of the product. 100 0040047
3 MYV3 The product has good performance. 100 00 O 007
4 MV4 The product or the service provides good value for time. 100 00 40 ooz
5 MV5 The product is a real product. 100 00 O 04z
Product evaluation cost [20,33,40]

1 PEC1 It was very easy for me to make this purchase decision. 100 00 40 ooz
2 PEC2 I have no difficulty deciding which items are best for me. 100000007
3 PEC3 Making this purchasing decision was an easy task for me. 100 00 O 007
4 FnI:;C4 I had no difficulty in deciding which products are of value to 100000007
5 PECS5 The product prices make sense for the items. 100 00 O 007
Customer reputation [34,35,41]

1 REP1 It seen the products or service are very low in money:. 100 00 O 047
2 REP2 It seen to have high perception the products or service value. 100 OO O 007
3 REP3 The products and the service that high have communication 100000007

image.
REP4 The products and shopping platform become part of my live

. 100 00 000z
time.
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Table A1. Cont.

Demographics (N = 279) Respondents Participating the Study

Customer reputation [34,35,41]

1
2

3

4

REP1 It seen the products or service are very low in money:.

REP2 It seen to have high perception the products or service value.
REP3 The products and the service that high have communication
image.

REP4 The products and shopping platform become part of my live
time.

100 00 40 007
1000040007

100 00O 4O o0z

1000040007

Trust in online vendor [11,12,19]

1
2
3
4

TV1 Ibelieve the vendor is keen to fulfil my needs and wants.
TV2 I believe the vendor is honest.

TV3Ibelieve the vendor is trustworthy.

TV4 Ibelieve the vendor has high integrity.

1000040 o0z
100 00 40 0oz
100 00 0O 007
1000040007

Calculation commitment [5,8,11,12]

1

2
3
4

CC1 This product and website have become part of my life.

CC2 This shopping website and products have become my second
life.

CC3 I am afraid of stopping shop on this shopping website.

CC4 The products or service on this shopping website make life
easier.

10000 0O 007
10000 0007
10000 0007
100000007

Intention to reuse [20,39,53]

1

2
3
4

5

RI1 I'would consider reusing the product service within a week.
RI2 I would consider reusing the product/service within 1 months
RI3 I would consider reusing the product/service within 2 months.
RI4 The likelihood of me reusing product/service within 2 months
is very high.

RI5 There is a high probability that I will consider reusing the
product within the next 3 months.

1000040007
100 00 40 00a7
10000 0O 007

100 00 40 00Oz

100000007

Purchase Intention [12,54]

1

2

3

4

PI1 There is a high probability that I will consider buying the
product within a month.

PI2 There is a high probability that I will consider buying the
product within the next 3 months.

PI3 I am very willing to buy the product again within the next 3
months.

PI4 Likelihood of me purchasing the product within the next 3
months is very high.

100000007

100 00 40 007

100 004 o0o7

1000040 o0o7

Consumer learning: Product Knowledge (Prok) [27,39]

1
2
3
4

Prok1 The detailed product information was very helpful.

Prok2 The detailed product information was very useful.

Prok3 The detailed product and service is informative to me.
Prok4 The detailed product information saved my time and money.

10000 0007
100000007
10000 0007
10000 0 0drz

Consumer learning: Website Knowledge (Webk) [39]

1

2
3
4

Webk1 I know where I can find the products/information.
Webk2 I visit the shopping website very often.

Webk3 I have searched the shopping website many times.
Webk4 The website provides value to my money and time.

100 00 40 0oz
10000 0oo7
1000040007
100 00 4O ooz
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Table A2. Cross loadings.

Constructs CC MV PEC Prok PUI REP RI TV Webk
CC1 0.77 0.46 0.29 0.36 0.22 0.53 0.42 0.48 0.30
CcC2 0.80 0.51 0.29 0.29 0.35 0.51 0.27 0.30 0.31
CC3 0.80 0.55 0.38 0.35 0.28 0.43 0.33 043 0.25
CC4 0.70 0.36 0.30 0.28 0.28 0.31 0.12 0.19 0.18
MV1 0.45 0.67 0.46 0.53 0.39 0.44 0.39 0.52 0.32
MV2 0.44 0.75 0.23 0.40 0.33 0.49 0.47 0.35 0.40
MV3 0.45 0.73 0.30 0.42 0.49 0.51 0.40 0.32 0.58
MV4 0.49 0.71 0.35 0.29 0.43 0.48 0.46 0.34 0.29
MV5 0.46 0.80 0.45 0.44 0.46 0.53 0.32 0.48 0.50
PEC1 0.25 0.34 0.79 0.26 0.32 0.32 0.29 0.55 0.35
PEC2 0.32 0.35 0.79 0.24 0.37 0.42 0.29 0.54 0.45
PEC3 0.40 0.44 0.76 0.35 0.40 0.36 0.33 0.48 0.53

PECt4 0.28 0.38 0.70 0.37 0.42 0.42 0.47 0.52 0.34
Prok1 0.40 0.46 0.36 0.78 0.52 0.36 0.54 0.45 0.60
Prok2 0.27 0.46 0.32 0.83 0.37 0.35 0.36 0.40 0.50
Prok3 0.29 0.34 0.20 0.68 0.35 0.36 0.43 0.33 0.31
Prok4 0.31 0.47 0.30 0.75 043 0.36 0.32 0.43 0.50
PI1 0.38 0.43 0.43 0.52 0.73 0.29 0.41 0.39 0.62
PI2 0.34 0.55 0.39 0.41 0.84 0.37 0.54 0.55 0.55
PI3 0.17 0.36 0.35 0.44 0.82 0.28 0.45 0.36 0.46
P4 0.22 0.44 0.38 0.39 0.78 0.29 0.53 0.39 0.47
REP1 0.35 0.50 0.26 0.41 0.31 0.70 0.35 0.26 0.46
REP2 0.48 0.49 0.40 0.34 0.35 0.75 0.41 0.32 0.29
REP3 0.43 0.56 041 0.38 0.30 0.83 0.40 0.46 0.31
REP4 0.53 0.50 0.43 0.32 0.27 0.78 0.40 0.45 0.27
RI1 0.29 0.38 0.41 0.41 0.43 0.38 0.82 0.47 0.47
RI2 0.35 0.44 0.29 0.49 0.49 0.44 0.80 0.50 0.37
RI3 0.29 0.40 0.36 0.40 0.53 0.36 0.76 0.46 0.48
RE4 0.27 0.53 0.36 0.41 0.48 0.40 0.76 0.44 0.35
TV1 0.30 0.32 0.49 0.27 0.30 0.32 0.34 0.71 0.29
TV2 0.26 0.30 0.46 0.36 0.23 0.41 0.44 0.70 0.30
TV3 0.44 0.53 0.56 0.51 0.51 0.44 0.45 0.80 0.53
TV4 0.37 0.48 0.55 0.42 0.54 0.33 0.54 0.79 0.39
Webk1 0.24 0.37 0.38 0.56 0.60 0.31 0.44 0.36 0.77

Webk2 0.36 0.54 0.46 0.41 0.44 0.37 0.49 0.42 0.75
Webk3 0.20 0.44 0.28 0.51 0.52 0.28 0.34 0.25 0.78
Webk4 0.28 0.44 0.56 0.52 0.54 0.34 0.39 0.55 0.82
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