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Abstract: Soil nutrients are essential nutrients provided by soil for plant growth. Most researchers
focus on the coupling effect of nutrients with potato yield and quality. There are few studies on
the evaluation of soil nutrients in potato fields. The purpose of this study is to investigate the
soil nutrients of potato farmland and the soil vertical nutrient distributions, and then to provide
a theoretical and experimental basis for the fertilizer management practices for potatoes in Loess
Plateau. Eight physical and chemical soil indexes were selected in the study area, and 810 farmland
soil samples from the potato agriculture product areas were analyzed in Northern Shaanxi. The
paper established the minimum data set (MDS) for the quality diagnosis of the cultivated layer
for farmland by principal component analysis (PCA), respectively, and furthermore, analyzed the
soil nutrient characteristics of the cultivated layer adopted soil quality index (SQI). The results
showed that the MDS on soil quality diagnosis of the cultivated layer for farmland soil included
such indicators as the soil organic matter content, soil available potassium content, and soil available
phosphorus content. The comprehensive index value of the soil quality was between 0.064 and
0.302. The SPSS average clustering process used to classify SQI was divided into three grades: class I
(36.2%) was defined as suitable soil fertility (SQI < 0.122), class II (55.6%) was defined as moderate
soil fertility (0.122 < SQI < 0.18), and class III (8.2%) was defined as poor soil fertility (SQI > 0.186).
The comprehensive quality of the potato farmland soils was generally low. The proportion of
soil nutrients in the SQI composition ranged from large to small as the soil available potassium
content = soil available phosphorus content > soil organic matter content, which became the limiting
factor of the soil organic matter content in this area. This study revolves around the 0 to 60 cm
soil layer; the soil fertility decreased gradually with the soil depth, and had significant differences
between the respective soil layers. In order to improve the soil nutrient accumulation and potato
yield in potato farmland in northern Shaanxi, it is suggested to increase the fertilization depth (20 to
40 cm) and further study the ratio of nitrogen, phosphorus, and potassium fertilizer.

Keywords: potato; minimum data sets; soil nutrient; soil fertility index

1. Introduction

Soil is an important natural resource, and soil nutrients are key to contributing to
food security, human health, and sustainable development. Soil plays a special role in crop
growth and reproduction, such as nutrient storage, nutrient transformation and circulation,
rainwater conservation, biological support, stability, and as a buffer of environmental
changes [1–3]. The core of soil science research is soil fertility, and soil nutrient content
is an important indicator of soil fertility [4]. Soil nutrients have the characteristics of
flow and migration in soil. Therefore, the analysis of the soil nutrient content and spatial
distribution, the classification of soil nutrient levels and the comprehensive evaluation of
soil nutrients are the most effective means to develop a scientific and reasonable fertilization
program [5,6]. It is also the main measure to reduce the excessive application of fertilizer,
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improve the utilization efficiency of fertilizer and protect the sustainable development of
the environment.

Soil nutrients play an important role in the growth of the plant and any imbalance in
soil fertility affects the crop productivity as well as posing severe environmental hazards [7].
In the agricultural ecosystem, human regulation plays a dominant role, and the main source
of nutrients is fertilizer application. According to statistics from 2000 to 2015, it is estimated
that the quality of arable land in China is poor, and low- and medium-yield farmland
occupies 72% of the total arable land area [8]. The soil degradation in the black soil region of
northeast China was severe, and agricultural production capacity was lost in some areas [9].
Many researchers have carried out soil nutrient evaluation in order to ensure the soil
water supply and fertilizer capacity and prevent blind fertilization [10–12]. Soil nutrient
assessment is essential to the basic investigation and research of efficient agriculture [13].
Precision agriculture requires a combination of crop yield components and national policies
to reasonably regulate the use and dosage of fertilizers input into the farmland ecosystem,
which is conducive to meeting the production conditions of marginal effect and achieving
the maximum utilization rate of fertilizers [14].

Soil nutrient assessment refers to the monitoring and evaluation of soil properties, soil
functions and soil conditions. Soil quality is usually assessed through the measurement of
selected soil properties. The evaluation of soil quality is difficult due to the heterogeneity of
soil, and the physical, chemical, and biological properties of soil vary greatly in different re-
gions. Thus, to comprehensively assess soil quality, a soil quality index (SQI) that integrated
soil properties into an overall index was established and has been used widely. Many
researchers have selected multiple soil evaluation indexes such as pH value, salinity, and
clay weight [15,16]. Some researchers selected multiple soil evaluation indexes such as pH
value, C/N, and soil nematode to establish the minimum data set of soil evaluation [17,18].
Some researchers used soil material indexes such as porosity and three-dimensional aggre-
gate characteristics to evaluate farmland soil quality [19,20]. Some researchers selected soil
quality evaluation indexes from three aspects of soil physics, chemistry, and microorganism,
and established the microbial community and enzyme activity evaluation system [21,22].
Therefore, it is particularly important to select appropriate evaluation indexes scientifically,
and soil indexes that mainly affect crop growth should be considered simultaneously. In
addition, soil quality and soil fertility assessments have also been carried out because their
selection indexes are similar to the easily confused methods of evaluation, which leads to
the tendency to evaluate soil fertility in soil quality assessment.

The limiting factors of soil nutrient vary with land use modes, land types, ecosystems,
locations, and soil parent materials [23,24]. Therefore, the selection of appropriate indexes is
particularly important for the results of soil assessment. The assessment of soil quality could
lead to new methods and practices that could be applied to more sustainable development.
The establishment of a minimum data set (MDS) is a convenient process for selecting
soil quality indicators and evaluation [25]. The MDS can reduce data redundancy by
selecting the most appropriate metric among preselected metrics. In addition, the weight
of selected indexes can be generated during the establishment of MDS, which reduces
the subjective influence of human factors on soil quality and is conducive to subsequent
soil quality evaluation [26]. Many researchers have conducted soil quality assessments
based on MDS [27–29]. The MDS of soil quality indicators has been used to evaluate the
relationship between the indicators and their effects on soil properties and crops [30]. There
are many methods to construct the minimum data set, such as the grey correlation method,
principal component analysis (PCA) method, and correlation coefficient method, etc. The
PCA method has strong objectivity and can ensure the minimum loss of original data
information to reflect the impact of indicators on soil quality [31]. The four indicators
extracted from the MDS were significantly correlated with the fertility indicators established
by all indicators [32]. The MDS can well reflect the regional differences and is suitable for
soil nutrient evaluation [25].
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The Loess Plateau is one of the most advantageous potato producing areas in China.
In recent years, about 50% of the potato yield in northern Shaanxi reached the middle
level, and the ratio of high potato yield was less than 6% [33]. The land resources in the
Loess Plateau were affected by unreasonable fertilization, which resulted in soil quality
degradation and threatened the local ecological security [34]. Research on the soil quality
of potato fields in the Loess Plateau has been relatively rare in recent years. There are two
problems in previous studies. One is that many studies only use statistical data on the
sample scale, and the results are not extended to the whole region. Second, most of the
studies focus on regional ecosystems and do not evaluate specific land use types.

The purpose of this study was to evaluate the soil quality of potato cropland on the
Loess Plateau, based on soil nutrient indicators from 2017 to 2018. This study attempts
to use principal component analysis and correlation analysis to determine the MDS of
soil nutrient evaluation in this region, and the fuzzy mathematics membership function
method to establish a soil nutrient evaluation index. The results are useful for local potato
field scientific fertilization and soil protection.

2. Materials and Methods
2.1. Site Description and Soil Sampling

The experiments were carried out in 10 counties (36◦28′–39◦37′ N, 108◦21′–109◦55′ E,
altitude of 762 to 1340 m above sea level) in the Loess Plateau region of China from 2017
to 2018 (Figure 1). The region is a typical hilly landform of the Loess Plateau and belongs
to an arid and semi-arid continental monsoon climate. The climate is mild and semiarid,
with an annual average temperature of 9 ◦C, a monthly average maximum temperature
of 22 ◦C (July), and a monthly average minimum temperature of −4.6 ◦C (January). The
average annual sunshine duration of 2200 h exceeds 158 days without frost and the mean
annual radiation is 490 KJ/cm2. From 1990 to 2018, the annual average precipitation in this
region was 480 mm. The soil type is loess soil, which is classified as Inceptisol according
to the USDA soil classification and Cambisol according to the World Reference Database
System [21]. The average sand (2.00 to 0.02 mm grain size), silt (0.02 to 0.002 mm), and
clay (<0.002 mm) contents in the 0- to 80-cm soil profile was measured with a laser particle
size analyzer (Dandong Haoyu Technology Co., Ltd., Dandong, Liaoning, China), and the
values were 62%, 25%, and 13%, respectively.
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Figure 1. The map depicts the collection area of soil and plant samples on the Loess Plateau of China.
These circles indicate the location of the experiment site. The thick line represents the city boundary
and the thin line represents the county boundary.

2.2. Sample Collection and Determination Methods

Soil samples should be collected from farmland or test plots with an area greater than
600 m3. Soil cores were collected using an auger with a 25 mm inner diameter. Five sample
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points were randomly collected from the same test plot at 0- to 60-cm soil depths. The
soil temperature ranged from 12.3 to 17.4 ◦C when we collected the soil samples. The soil
samples were air-dried, homogenized, and hand ground to pass through a 2-mm sieve for
the determination of soil physical and chemical index. The soil depth from 0 to 60 cm was
determined as S, 0 to 20 cm as S1, 20 to 40 cm as S2, and 40 to 60 cm as S3.

The soil organic matter content was determined by the potassium dichromate volumet-
ric method (external heating method) [33]. The soil available potassium was determined by
the flame photometry method with NH4OAc extraction [33]. The soil available phospho-
rus was determined by the molybdenum antimony anti-spectrophotometry method with
NaHCO3 extraction [33]. The soil acidity (pH) was measured in an aqueous soil extract in
de-ionized water (1:2.5 soil:water) [33]. For the soil electrical conductivity 1:5 soil-to-water
ratio solution, 50 g of soil was mixed with 250 g of distilled water, and repeated three times,
shaking manually four times every 30 min for 1 min and standing for 4 h to achieve balance.
Once the 1:5 soil–water solutions reached equilibrium, the soil’s electrical conductivity
was measured by inserting an Accumet 50 m (Fisher Scientific, Hampton, NH, USA) into
the solution [35]. The content of soil alkali-hydrolyzable nitrogen was determined by
conductance titration; 0.5 g soil samples were distilled with 2 mol L−1 NaOH for 5 h, then
treated with 10mol L−1 NaOH for 7 min, and then treated with 40 g L−1 boric acid for
NH3, which was absorbed and released by direct steam [36]. The soil water content was
determined using the gravimetric method. The soil nitrate N content was measured using a
spectrophotometer (UV-2600, Shanghai Hengping Scientific Instrument Co. Ltd., Shanghai,
China). First, 0.5 g of fresh soil was transferred to a 100-mL Erlenmeyer flask, and then
50 mL of a 2-mol L−1 potassium chloride solution was added to the Erlenmeyer flask. Next,
the mixture was oscillated for 30 min using a shock machine until reaching uniformity.
Finally, the solution was filtered, and then 5 mL of the solution was measured using a
spectrophotometer at a wavelength of 210 nm [10].

2.3. Establishment of Minimum Data Set MDS

What comes first is to screen soil nutrient indicators, in order to avoid the influence
of redundant data and complex multiple correlations of indicators on the constructed
soil quality assessment index. Principal component analysis (PCA) was used to reduce
dimensionality and representative soil measurement indexes were selected to establish
MDS. When performing the principal component analysis, the extract principal components
had eigenvalues greater than 1. The index with the same principal component load = 0.5
is divided into one group. If the load of a soil parameter in two principal components is
higher than 0.5 at the same time, the parameter should be merged into the group with a
lower correlation with other parameters.

Second, to solve the vector normal, the vector normal of the evaluation index was
calculated. The vector normal is the length of the vector normal mode of the index in a
multi-dimensional space composed of components. The longer the length, the greater the
comprehensive load of the indicator in all principal components, and the greater its ability
to interpret comprehensive information. The vector normal is calculated as follows:

Nik =

√√√√ k

∑
i=1

(
u2

ik·λk
)

(1)

In the formula, Nik is the comprehensive load of the i-th index on the first k principal
components of the eigenvalue; uik is the load of the i-th index on the k-th principal
component; λk is the eigenvalue of the k-th principal component.
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2.4. Establishment of Soil Nutrient Evaluation Index

To calculate the soil quality index (SQL) for different data sets [37–39], the calculation
formula is as follows:

SQL =
k

∑
i=1

Wi·Ni (2)

In the formula, SQI is the soil nutrient evaluation index; Wi is the weight of the i-th
index; Ni is the membership of the i-th index. The weight calculation formula is as follows:

Wi =
Mi

∑ Mi
(3)

Mi =
∑k

i=1

(
uik√
λk
·θik

)
∑k

i=1 θik
(4)

In the formula, Wi is the weight of the i-th index; θik is the variance percentage of the
i-th index on the k-th principal component. The membership degree rising function f(x)
calculation formula is as follows:

f(x) =


1.0 x > x2

0.9(x−x1)
(x2+x1)

+ 0.1 x1 < x ≤ x2

0.1 x < x1

(5)

In the formula, x1 is the minimum value of the soil index threshold; x2 is the maximum
value of the soil index threshold.

2.5. Data Processing Methods

SPSS 22.0 statistical software and Sigma Plot 14.0 were used for statistical analysis and
data plotting, respectively. Tukey’s multiple comparison test was used to detect differences
among treatments at the 0.05 significance level. In addition, the relationships among all the
parameters (soil nutrient content) were calculated using a bivariate correlation analysis
(Pearson correlation coefficient and double-tailed significance test).

3. Results and Analysis
3.1. Soil Physical and Chemical Properties

The soil organic matter content in soil layer S1 was significantly different from that in
soil layer S2 and S3, but there was no significant difference between S2 and S3 (Figure 2A).
The organic matter content in the soil layer S1 was up to 8.4 g kg−1 on average, which was
30% and 40.7% higher than that in higher than that in S2 and S3, respectively. The available
potassium content in soil layer S1 was significantly different from that in soil layer S2 and
S3, but there was no significant difference between S2 and S3 (Figure 2B). The available
potassium content in soil layer S1 was the highest at 69.1 mg kg−1 on average, which was
19.7% higher than that in S2 and 26% higher than that in S3. The soil available phosphorus
content in soil layer S1 was significantly different from that in soil layer S2 and S3, but
there was no significant difference between S2 and S3 (Figure 2C). As the depth of the soil
layer decreased, the available phosphorus content showed a decreasing trend. The soil
available phosphorus content in soil layer S1 was the highest at 16.9 mg kg−1 on average,
which was 49.3% and 58.7% higher than that in S2 and S3, respectively. The soil pH in S1
soil layer is significantly different from S2 and S3 (Figure 2D). As the depth of the soil layer
decreased, the pH value increased. The average soil pH value of the S3 soil layer was 8.6,
which was 1.9% and 0.3% higher than that in S1 and S2, respectively.
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Figure 2. The relationship between soil depth and soil organic matter content (A), soil available potassium content (B), soil
available phosphorus content (C), soil pH (D), soil electric conductivity (E), soil alkaline hydrolyzable N content (F), soil
water content (G), and soil nitrate N content (H). 0 to 20 cm was determined as S1, 20 to 40 cm was determined as S2, and 40
to 60 cm was determined as S3. The different letters indicate significant differences at p < 0.05.

There is no significant difference in the electrical conductivity among soil layers
(Figure 2E). The soil alkaline hydrolyzable N content in soil layer S1 was significantly
different from that in soil layer S2 and S3, and the difference between S2 and S3 was
significant (Figure 2F). The soil alkali-hydrolyzable N content decreased with the decrease
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of soil depth. The soil alkali-hydrolyzable N content in soil layer S1 was the highest
at 28.5 mg kg−1 on average, which was 32% and 45.2% higher than that in S2 and S3,
respectively. The soil water content in soil layer S1 was significantly different from that
in soil layer S2 and S3 (Figure 2G). The soil water content of soil layer S2 (12.18%) and
S3 (12.14%) was higher on average, which was 14.4% and 19.1% higher than that of S1.
There was no significant difference in the soil nitrate nitrogen content between the soil
layers (Figure 2H).

3.2. The Establishment of the Minimum Data Set MDS

Based on the results of principal component analysis (Table 1), the eigenvalues of the
first three principal components are greater than 1, and the cumulative contribution rate of
the three principal components is 64%.

Table 1. Eigenvalue and contribution rate in principal components analysis.

Component
Initial Eigenvalues Extract the Sum of Squares and Load It

Total Variance
(%)

Accumulation
(%) Total Variance

(%)
Accumulation

(%)

1 2.386 29.825 29.825 2.386 29.825 29.825
2 1.591 19.89 49.715 1.591 19.89 49.715
3 1.142 14.269 63.984 1.142 14.269 63.984

According to the principal component analysis load matrix (Table 2) and the screening
criteria, the final soil organic matter content, soil pH value, soil electric conductivity, and
soil alkaline hydrolyzable N content entered PC1, thesoil available potassium content and
soil nitrate N content entered PC2, and soil available phosphorus content and soil water
content entered PC3.

Table 2. Principal component loading matrix and calculated vector normal.

Indicator
Principal Component

Vector Normal
PC1 PC2 PC3

SOM 0.854 0.067 −0.069 1.324
K 0.362 0.673 −0.161 1.031
P 0.480 −0.021 0.685 1.042

pH −0.556 0.492 0.226 1.087
EC 0.532 −0.292 −0.015 0.901

SAN 0.811 0.118 0.096 1.266
SWC 0.191 0.546 −0.602 0.988
SNN −0.088 0.703 0.468 1.027

Note: SOM, soil organic matter content; K, soil available potassium content; P, soil available phosphorus content;
EC, soil electric conductivity; SAN, soil alkaline hydrolyzable N content; SWC, soil water content; SNN, soil
nitrate N content.

The vector normal of each indicator is shown in Table 2, and selects the indicator whose
vector normal is in the range of 10% of the highest total score in each group. The indicators
entering MDS are the soil organic matter content, soil available potassium content, and
soil available phosphorus content. Correlation tests between soil indicators were used
to screen MDS indicators. Highly correlated indicators with the highest vector normal
entered the smallest data set. Low correlations entered the same group of indicators into
the MDS. It can be known from the Table 3 that the MDS index has a significant correlation
with each soil nutrient index (p < 0.05), which satisfies the comprehensive evaluation of
nutrients instead of all soil indicators. Therefore, the indicators that finally entered MDS
were the soil organic matter content, soil available potassium content and soil available
phosphorus content.
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Table 3. Correlation coefficient between matrix among soil fertility indicators.

Indicators SOM K P pH EC SAN SWC SNN

SOM 1
K 0.322 ** 1
P 0.278 ** 0.069 1

pH −0.355 ** 0.034 −0.178 ** 1
EC 0.403 ** −0.06 0.112 −0.210 ** 1

SAN 0.601 ** 0.254 ** 0.346 ** −0.312 ** 0.292 ** 1
SWC 0.158 * 0.300 ** −0.139 * 0.014 −0.018 0.142 * 1
SNN −0.051 0.213 ** 0.111 0.365 ** −0.111 0.039 0.112 1

Note: ** Significant correlation at level 0.01 (both sides); * Significant correlation at level 0.05 (both sides); SOM,
soil organic matter content; K, soil available potassium content; P, soil available phosphorus content; EC, soil
electric conductivity; SAN, soil alkaline hydrolyzable N content; SWC, soil water content; SNN, soil nitrate
N content.

3.3. Comprehensive Evaluation of Nutrients

According to the results of the principal component analysis, the weight of the soil
nutrient index of MDS was calculated, and the results were shown in Table 4. The weights
of soil indexes mainly included soil organic matter (0.176), soil available potassium (0.164),
and soil available phosphorus (0.192). The soil organic matter, available potassium and
available phosphorus in this survey all had a positive effect on the growth of potato, which
belonged to the ascending membership function. The turning point value of the function
curve and the determination of index membership are shown in Table 4.

Table 4. Communality and weight of soil quality indicators in the MDS.

MDS Common Factor
Variance

Weightiness
Turning Point Membership

FunctionX1 X2

SOM 0.260 0.176 6 40
Distribution curve of

upper ring type
K 0.242 0.164 20 200

P 0.283 0.192 3 40
Note: SOM, soil organic matter content; K, soil available potassium content; P, soil available phosphorus content.

The soil quality evaluation index (SQI) is shown in Table 5. The SQI of this study
ranged from 0.064 to 0.302, which was classified as Grade I (SQI < 0.122), Grade II
(0.122 < SQI < 0.186), and Grade III (SQI > 0.186). In this study, the soil nutrient eval-
uation index showed moderate variation, among which SQI was 8.2% of Grade III, 55.6%
of Grade II, and 36.2% of Grade I. As the depth of the soil layer decreases, the SQI shows a
downward trend, and the SQI varies significantly between layers. Grade I of SQI in S1 is
relatively high, while Grade II is the lowest. The proportion of Grade II in SQI of S2 layer
and S3 layer is relatively high, while that of Grade III is relatively low, showing that the
proportion of Grade I and II tends to be stable, and the proportion of Grade III tends to 0.

Table 5. Classification of scores for comprehensive evaluation of soil nutrients.

Soil depth SQI
Rangeability SQI Mean

SQI
Standard
Deviation

SQI
Coefficient
of Variation

The Proportion of Different Soil Fertility

I II III

SQI < 0.122 0.122 < SQI < 0.186 SQI > 0.186

S 0.064–0.302 0.125 0.043 34.8% 0.362 0.556 0.082
S1 0.083–0.281 0.160 a 0.045 27.9% 0.605 0.173 0.222
S2 0.069–0.302 0.113 b 0.034 30.0% 0.259 0.716 0.025
S3 0.064–0.161 0.101 c 0.025 24.8% 0.222 0.778 0.000

Note: Significant differences in lowercase letters (p < 0.05).
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3.4. Evaluation of Nutrients in Different Soil Layers

The cumulative value of the soil nutrient quality evaluation index based on the
composition of organic matter, available potassium and available phosphorus is shown in
Figure 3. The soil nutrient quality evaluation index is a large proportion of medium-speed
potassium and fast-effect phosphorus, and the minimum of organic matter is the main
problem of soil nutrient in the area.
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With the increase of soil depth, the proportion of organic matter, available potas-
sium and available phosphorus in the evaluation index all decreased. The proportion of
soil available phosphorus in layer S1 is the largest, and the proportion of soil available
potassium and phosphorus in layer S2 and layer S3 is similar.

4. Discussion

Many researchers use quantitative evaluation and mathematical models to study soil
nutrients [40–42]. In this study, principal component analysis was used to screen eight soil
indicators, and finally soil organic matter, available potassium and available phosphorus
and nitrogen were determined as MDS. The cumulative contribution rate of soil indicators
in the MDS constructed in this study was 63.98%, and correlation analysis showed that
each soil index was significantly correlated with the construction of MDS soil indicators.
Soil organic matter, soil available potassium, soil available phosphorus and soil nitrate
nitrogen play an important role in constructing the MDS of soil nutrient evaluation [43].
Different factors are selected to participate in the evaluation of soil quality, leading to
slightly different key factors in the final evaluation. The soil quality evaluation is sufficient
to study specific land functions and land use types.

The SQI range of this survey is 0.064 to 0.302, which is divided into three levels, namely
Grade I (SQI < 0.122), Grade II (0.122 < SQI < 0.186), and Grade III (SQI > 0.186). The soil
nutrient quality evaluation index of 91.8% in the Loess Plateau was in grade I and grade II,
and the soil nutrient evaluation index was poor overall. Some studies have also shown that
the Loess Plateau belongs to low quality cultivated land, with large topographic fluctuation,
a lack of irrigation conditions, poor soil quality and low soil nutrient content [44,45]. The
scope of this study was 0 to 60 cm soil layer, and the SQI showed a downward trend as the
soil layer decreased, and there were significant differences in the SQI among different layers.
This is similar to the distribution of soil nutrients in farmland by many researchers [46,47].
The proportion of SQI of topsoil S1 in each grade ranged from large to small as Grade I >
Grade II > Grade III; SQI varies with the change of region and the range of change is large
in this study.
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Continuous fertilizer application resulted in the enrichment of soil nutrients in the
topsoil, but the soil nutrients were lost due to ammonia volatilization, runoff and leaching,
etc., resulting in a great change in the content of soil nutrients in the topsoil [48–50]. The
SQI of middle soil S2 and lower soil S3 was higher in Grade II and lower in Grade III.
With the advance of the growth period, soil nutrients slowly migrate downward, and the
amount of nutrients taken away by crops in the middle and lower soils gradually increases,
resulting in the decrease of nutrient content in the middle and lower soils. The same study
showed that the soil nutrient content in the 0 to 40 cm soil layer of sloping farmland on
the Loess Plateau was the highest, and the nutrient content decreased with the increase of
profile depth [51].

In the composition of soil nutrient quality index in this study, soil nitrate nitrogen
and soil available potassium accounted for a large proportion, while soil organic matter
accounted for the smallest proportion, indicating that soil organic matter became the
limiting factor of soil nutrient quality in this region. In the past 20 years, soil nutrient
observation data in the Loess Plateau region showed that organic matter content was still
in a deficient state [52]. Soil organic matter plays an important role in providing nutrients
and improving soil fertility. The results showed that the long-term application of organic
fertilizer significantly increased the content of soil organic carbon, and the combined
application of nitrogen and phosphate fertilizer increased the content of soil available
nutrients [53]. Therefore, it is suggested to increase the input of organic matter in this area
for a long time to improve and enhance soil fertility.

The reasons for the poor soil nutrient quality are poor soil physical and chemical
properties, low input or large nutrient loss. This area is an ecologically fragile area, and
concentrated rainfall leads to the coexistence of soil and water loss and nutrient loss. A
large number of investigations showed that the traditional fertilization situation in this
area was the insufficient application of organic fertilizer, excessive and insufficient input
of nitrogen and phosphorus fertilizer, and less applications of potassium fertilizer. This
study shows that the soil nutrients in this region are in a state of scarcity, so fertilization
measures should be formulated to enhance the soil nutrient content in this region and
prevent serious soil degradation caused by planting. The results show that the adjustment
of the fertilization depth in Loess Plateau is beneficial to improve the utilization efficiency
of fertilizer [54]. In order to improve the effective accumulation of soil nutrients in potato
fields, it is suggested to apply deep fertilizer, increase the input of organic fertilizer and
reasonable N-P-K application in this area.

5. Conclusions

In this study, the MDS evaluation indexes of soil nutrients in northern Shaanxi were
soil organic matter, soil available potassium and soil available phosphorus. The SQI value
range was 0.0638 to 0.469, and the overall soil nutrient evaluation index is poor. The
proportion of soil nutrient indicators in the SQI was in the order of soil available K = soil
available P > soil organic matter, and organic matter has become the limiting factor for soil
nutrients in the region. In order to ensure the soil nutrient accumulation and sustainable
agricultural development of potato farmland in the Loess Plateau, it is suggested to increase
the fertilization depth, especially the potato root layer depth (20 to 40 cm), and further study
is needed to determine the optimal ratio of nitrogen, phosphorus and potassium fertilizer.
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