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Abstract: The article analyzes the generational (age cohorts) effect on subjective wellbeing at work.
The main aim is to reveal generational differences that lead to subjective wellbeing at work and
possible discrepancies between the generations. The article contributes to the literature by creating
and testing a theoretical model of subjective wellbeing at work as a composition of several dimensions
that vary among generations, including physical experience, cognitive job performance, and appraisal,
as well as social relationships and socio-emotional enablement at work. Using the military as an
organization where daily routine creates similar conditions for different generations, we surveyed
890 army professionals representing three different generations: Gen Y, Gen X, and Gen Z. A structural
equation modelling (SEM) technique is used to test the research model. The results support the
hypothesis that generation has a strong moderating impact on the components of subjective wellbeing
at work. Social relationship, as a socio-emotional experience, is the most important component of
wellbeing at work for Gen Z, while socio-emotional enablement plays a central role in subjective
wellbeing at work for Gen X and Gen Y.

Keywords: employee wellbeing; generation; military psychology; engaged workers; human
resource management

1. Introduction

Subjective wellbeing at work indicates the level of sustainability of organizational human resources
and leads to organizational performance in a long run. Hence subjective wellbeing at work is a complex
phenomenon that is defined as the sum of individual’s attitude towards various job-related factors.
It defines an overall quality of working life. Over the last 40 years, theory and research on subjective
wellbeing at work have grown exponentially, and this shows the growing importance of this complex and
multidimensional concept of organizational human resource management. The development of theory
over these decades has made considerable progress. For example, research has demonstrated the impact
of subjective wellbeing on staff turnover [1,2], organizational commitment [2–6], and organizational
performance [5–7]. Although there appears to be significant progress, one important issue in measuring
subjective wellbeing remains open: it is not known whether there is a significant difference between
the determinants of subjective wellbeing at work that vary among age cohorts—generations. This issue
is important for the sustainable management of human resources, as organizations are operating in
a historically unique situation “when four generations were in the workplace at one time” [8] (p. 2).
This situation creates new challenges and new opportunities in human resource management and
raises the question whether different generations perceive wellbeing at work differently. As a new
generation is entering the labour market, interest in cross-generational research increases. This interest
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in support assumes that generations differ in their goals and expectations, so their attitudes toward
work also differ [9]. This assumption dominates the popular press, but there is a lack of reliable
empirical research on the subject. Most previous studies have investigated generational differences in
work attitudes and values and ignored wellbeing at work as an overall perception of one’s job.

In attempt to fill this research gap, this study examines the moderating impact of generation
on subjective wellbeing at work. More specifically, the present study aims to reveal generational
differences that lead to subjective wellbeing at work and possible discrepancies between the generations.
We theorize that subjective wellbeing at work is a multidimensional phenomenon, the dimensions
of which are determined by generation. The results of this study not only provide an understanding
of generational differences and contribute to the literature on wellbeing at work, but also provide
insights into how well-being at work can be enhanced across generations. These results are important
for leaders at various levels in organizations who strive for high sustainability of their diverse
organization’s human resources. The study is conducted in the military; therefore, it can primarily
serve to create higher wellbeing for different generation in organizations with specific working
environment (e.g., where rotation and other relocations takes place).

To examine generational effects on the dimensional composition of subjective wellbeing, we carried
out a keyword search in the database and identified the most recurring dimensions determining
subjective wellbeing at work. Accordingly, we contributed to the literature by creating and testing a
theoretical model of subjective wellbeing at work as a composition of several dimensions: (1) physical
experience (referring to perceived physical work environment), (2) cognitive job performance (referring
to perceived job performance), (3) cognitive performance appraisal (referring to perceived fairness of
appraisal), (4) social relationships at work, and (5) socio-emotional enablement at work.

We start with developing a hypothesis and designing our theoretical model. Then we conduct
research in the military to test our model and identify how dimensions of subjective wellbeing at work
vary in different groups of generations. Lastly, we present the results of model testing and interpret
them in the light of previous studies.

2. Materials and Methods

2.1. Developing Hypothesis

Each generation has different work-related attitudes due to a different social [10] and
sub-cultural [11] identity. It is important to identify these differences as Gen Y (born 1980–1994)
is now gradually replacing Gen X (born 1964–1980) in management positions, and new Gen Z (born
from 1995) is gradually become adults and start their first jobs after schools and universities [2]. At the
same time, in ageing societies, the oldest generation, called the Baby Boomers (born 1946–1979) is
still active and continues its professional life. Previous studies have already proved that generation
determines some elements of wellbeing at work. For example, Gen Y can easily attribute their
emotions to their job [12] and are less satisfied with communicational environment at work than
other generations [13], whereas Gen Z enters a workplace not as prepared for the realities as past
generations [14] and is more prone to anxiety and depression [2,15,16], which may have a negative
impact on their subjective wellbeing. Notably, several studies have shown that each generation reports
lower subjective wellbeing at work than their predecessors [17]. At the same time, research results
not only support generational differences, but also rebut them. For example, the survey of sixty-four
European transport enterprises by Kampf et al. [18] did not confirm any differences among generations
in the perception of corporate culture and their components. Furthermore, research by Zabel et al. [19]
showed no effect of generational cohort on protestant work ethic endorsement. These findings
suggest that testing different dimensions of wellbeing yields different research results, and, therefore,
subjective wellbeing at work has to be understood as a multidimensional concept and tested by
considering the moderating impact of generation. Accordingly, we develop the first hypotheses:
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Hypothesis 1 (H1). The dimensions of subjective wellbeing at work are determined by generation.

To raise further hypotheses, we classified a theoretical framework existing in the literature and
identified three mainstems in subjective wellbeing at work: subjective health at work, cognitive job
satisfaction, and socio-emotional relationships at work. At the beginning we performed a keyword
search on the database. It should be noted that subjective wellbeing at work is still a recent area of
research, and a keyword search in the Web of Science database offers less than 150 scientific articles.
Significantly more developed areas of research related to subjective wellbeing are job satisfaction
(more than 36,000 scientific articles) and occupational health (more than 58,000 scientific articles).
Subjective wellbeing at work is a new concept that leads to a new perception of the work-related
environment [20]. One of the earliest definitions of subjective wellbeing at work emphasizes the overall
employee’s experience of his/her work relationships and performance [21]. Subsequent definitions
continue to be centered on performance and relationships. As noted by Pagán-Castaño [20,21] in his
literature meta-analysis, wellbeing at work is presented in the literature as a three-dimensional approach.
The first mainstream in the literature is related to health, both physical and mental, and includes a series
of studies in occupational health (see Cooper [22] for the review of 280 academic articles). The second
mainstream deals with attitudes towards job performance and includes professional satisfaction of
cognitive job elements. The third mainstream deals with relationships and indicates socio-emotional
wellbeing at work, and includes theories such as leader–member exchange [23–25] and attachment
theory [26]. From the perspective of the science of psychology, the employee’s subjective wellbeing
can be described as an experience throughout a life course [27]. Accordingly, we can define subjective
wellbeing at work as physical, cognitive, and socio-emotional experiences throughout a working life
course. Based on this analysis, we developed two hypothetical models (Figure 1). Model 1 represents
a holistic approach toward subjective wellbeing at work and connects all three types of experience,
while Model 2 reflects only cognitive and socio-emotional experiences. The later follows the tradition
of psychology and other social sciences and does not take into account the effects of the perceived
physical work environment. For example, Cote and Miners [28] empirically test an impact of emotional
and cognitive intelligence on job performance, while Gander et al. [29] check for placebo-effect of
emotional and cognitive components in their human happiness studies.
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Figure 1. Two models of subjective wellbeing at work.

As for the notion of physical experience, that refers to perceived physical work environment; there
is a broad research field on occupational safety and health. In addition to occupational safety and health,
it also includes occupational ergonomics and more advanced applied occupational ergonomics [30,31].
This area has long been addressed without analyzing generational differences or emphasizing the
physical capabilities and health of older workers [32]. In recent years, the number of studies in the
field increased because of the COVID-19 pandemic and demand for a risk-free work environment for
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different age groups [33]. Recent research in the field of workplace physical environment presents
different generational approaches to both infection-related risks [34] and risks related to new forms of
work [35]. Research results indicate that there are significant generational differences in perception
and experience related to the physical work environment. Thus, we can hypothesize that:

Hypothesis 2 (H2). Physical experience as an element of subjective wellbeing at work is of different importance
for generations.

The second dimension of employee wellbeing is related to cognitive experience or, as Fisher names
it, “cognitive judgments of work satisfaction” [36] (p. 1). Based on a social cognitive theory [37] and its
application in wellbeing studies [38], employees are active agents in promoting their own wellbeing.
For example, an employee consciously seeks meaningfulness in work and pursues meaningful personal
goals, creates a sustainable work environment around himself/herself, or engages in efficacy-building
and uses his/her social resources. Accordingly, cognitive wellbeing at work is associated with cognitive
job performance and (fair) appraisal of the performance. Developing the latter, Lam et al. [39] argue that
performance appraisal is one of the strongest determinants of positive attitude towards employees’ job.
Job performance appraisal could be measured by salary growth, career opportunities, interesting tasks,
etc., but the focus is on whether the assessment is transparent and timely.

It should be noted that the complex domain of job performance depends not only on the
remuneration system of the organization, but also on inherent expectations of generation. For example,
Gen Y is more responsive to performance appraisal (both extrinsic and intrinsic) than previous
generations because of their exceptional performance orientation [40]. Drawing from prior analysis by
Cleveland et al. [41], the age component and lifespan approaches can enrich our understanding of the
inter-linkage between job satisfaction and job performance and their appraisal, as well as subjective
wellbeing at work. Based on these considerations, the following hypothesis is formulated:

Hypothesis 3 (H3). Cognitive job performance as an element of subjective wellbeing at work is of different
importance for generations.

Hypothesis 4 (H4). Cognitive performance appraisal as an element of subjective wellbeing at work is of different
importance for generations.

The next dimension of subjective wellbeing at work is related to socio-emotional experience.
This is probably the most complex dimension, because it involves social relationships. On the one
hand, it depends on a person’s social relationship with other employees, and on the other hand on the
institutional support that leads to socio-emotional engagement. Social relationships among employees
of different generations is not a naturally emerging connection. According to Chaudhuri and Ghosh [42],
an organization has to apply appropriate strategies to create this connection, e.g., the organization must
maintain the engagement of the older generation and the commitment of the younger one. Moreover,
the skills and competences approach is no longer enough to hire a new generation, as these may be
emulated by an artificial system in the near future. Meanwhile, “social skills, interpersonal warmth,
empathy, compassion and a ‘personal touch’” [43] (p. 96) are what create emotional wellbeing at work.

Socio-emotional enablement varies from generation to generation. Using the classical Utrecht
Work Engagement Scale (UWES), Hoole and Bonnema [44] conducted cross-sectional quantitative
studies and found that each subsequent generation was characterized by declining engagement in work;
therefore, its active enablement is becoming increasingly important. When assessing socio-emotional
experience at work as a subjective factor, it is important not only to enable but also to meet individual
socio-emotional needs. These include esteem needs and needs for emotional support in coping with
work stressors, etc. [14]. These needs are likely to be different for generations, because, for example,
Gen Z is more prone to anxiety and depression [45], which may increase their need for social and
emotional support and may negatively affect their subjective socio-emotional experience, while Gen Y
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is more oriented toward performance, and therefore their needs are based on the need for recognition
(X). However, a large-scale study of socio-emotional skills throughout the life cycle and generations
shows the opposite result [46]. The authors argue that the magnitude of generational and social
emotional thresholds is smaller over time than the magnitude of other occupational factors and income.
Having different research results, we develop two additional hypotheses that need to be tested:

Hypothesis 5 (H5). Social relationships at work as an element of subjective wellbeing at work is of different
importance for generations.

Hypothesis 6 (H6). Socio-emotional enablement at work as an element of subjective wellbeing at work is of
different importance for generations.

Based on the hypotheses raised, we constructed a theoretical model that explains subjective
wellbeing at work through five variables: (1) PE—physical experience (referring to the perceived
physical work environment), (2) RP—cognitive job performance (referring to perceived job
performance), (3) AP—cognitive performance appraisal (referring to perceived fairness of appraisal),
(4) RL—social relationships at work, and (5) EN—socio-emotional enablement at work (Figure 2).
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Figure 2. Hypothesized theoretical model.

2.2. Sample and Data Collection

The sample of the study consisted of 890 professional military service soldiers. Professional military
service is favorable in organization studies, because (a) the number of representatives of each generation
is large, geographically distributed throughout the country, and therefore highly representative, and (b)
the army and its routine create similar conditions for different generations. The army routine can
be illustrated in a typical military unit with a firefighter environment [47], where work is done
according to general standing operating procedures as well as localized routine orders [48]. In our
research, the majority of respondents are men (94.6%); 37.8% of respondents are aged 25 or younger
(Gen Z), 48.2% of respondents aged 26–40 (Gen Y), and 14.0% of respondents aged 41–56 (Gen X).
Subjects older than 56 years were excluded from the study, because their stratum was too small for
statistical analysis. In the initial analysis, we found that other demographic characteristics do not affect
the distribution of the main data. This is most likely because soldiers constantly experience military
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training-related environmental disturbance [49] and periodic deployments [50]. The demographic
information according age and service length of the respondents is presented in detail in Table 1.

Table 1. Demographic information of the respondents.

Category Description Number of
Respondents, N Percentage, %

Age
18–25 336 37.8
26–40 429 48.2
41–56 125 14.0

Length of service

Up to 5 years 441 49.6
6–15 278 31.2

16–25 153 17.2
More than 26 18 2.0

Note: sample size N = 890.

The data are collected using an annual omnibus survey carried out in the Lithuanian Armed
Forces in early spring 2020. Military units and soldiers are selected using random sampling to represent
the general population of enlisted military service personnel (enlisted is any rank below that of a
commissioned officer) in Lithuanian Armed Forces. Research is performed using traditional paper
questionnaires presented in the Lithuanian language. Study participants know the purpose and
importance of the study; the anonymity of the respondents is maintained in the study.

2.3. Measures

The questionnaire is based on the 5-point Likert scale. In total, there are 29 grouped statements
related to subjective wellbeing at work (service). Physical experience (PE) is made up of seven statements
asking respondents to evaluate their physical environments, such as “environment to maintain physical
fitness”, “living conditions during exercise”, etc. Considering the fact that a career in the military
reflects “better rank, higher salary, and more status” [51] (p. 238) and is an ultimate manifestation of
performance [52,53], cognitive job performance (RP) is measured using five statements concerning the
impact of “personal effort”, “professional competence”, etc., on military career. Cognitive performance
appraisal (AP) is measured using seven out of 20 statements for performance appraisal [54,55]
such as satisfaction with the “performance feedback”, “recognition of individual performance”, etc.
Social relationships (RL) are measured using three statements about satisfaction with relationships
such as with “direct commanders”, “senior commanders”, and “other soldiers”. The last endogenous
variable is socio-emotional enablement (EN). It is based on JCQ social support factors [56] and is
composed of statements applying to military service. The respondents are asked to indicate whether
they agree or disagree with seven statements such as “when you take the initiative, you feel personal
support and approval of the commander”, etc. Subjective wellbeing at work (SW) is an endogenous
(dependent) variable in our research.

The five exogenous (independent) variables and their reliability (the Cronbach’s alpha—CA
coefficients) are presented in Table 2. All values of CA are above 0.7, indicating an acceptable level of
reliability of the questionnaire [57–59]. The calculated CA coefficients for all questions are presented in
Table 2.
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Table 2. Model construct data and construct reliability.

Construct
(Endogenous

Variable)

Exogenous
Variables Code Factor Loading Cronbach’s

Alpha (CA)

PE

a2.1 PE1 0.562

0.755

a2.3 PE2 0.611
a2.5 PE3 0.481
a2.9 PE4 0.729
a2.6 PE5 0.719
a2.8 PE6 0.724
a2.10 PE7 0.617

RP

a22_1 RP1 0.848

0.833
a22_3 RP2 0.693
a22_4 RP3 0.699
a22_7 RP4 0.592
a22_8 RP5 0.668

AP

a28_1 AP1 0.928

0.986

a28_2 AP2 0.927
a28_3 AP3 0.926
a28_4 AP4 0.922
a28_5 AP5 0.922
a28_6 AP6 0.919
a28_7 AP7 0.915

RL
a22_2 RL1 0.706

0.761a22_5 RL2 0.751
a22_6 RL3 0.630

EN

a29_1 EN1 0.895

0.868

a29_2 EN2 0.669
a29_3 EN3 0.666
a29_4 EN4 0.664
a29_5 EN5 0.629
a29_6 EN6 0.612
a29_7 EN7 0.567

Note: N = 890 for all items. The responses for all observed items range from 1 to 5. PE = physical
experience; RP = cognitive job performance; AP = cognitive performance appraisal; RL = social relationship;
EN = socio-emotional enablement.

2.4. Method for Data Analysis

Structural equation modelling (SEM) technique was used to test the research model. The modelling
was not only based on path analysis, factor analysis, and linear regression, but it also analyzed latent
constructs and measurable variables of the theoretical causal model [60]. The SEM tested causal
relationships between six constructs that all together contain 29 exogenous (independent) variables
and one endogenous (dependent) variable.

Firstly, we tested the measurement for convergent validity and verified our structural (theoretical)
model. For this purpose, we conducted confirmatory factor analysis (CFA) of scales and estimation of
fit using IBM SPSS AMOS 26.0v. CFA was conducted to estimate factor loading of all five constructs.
Thus, we tested how factor loading values followed the rule, which explained that path coefficient
measurement had to be above 0.5 (see Hair et al. [60]). The goodness-of-fit of the measurement model
provided specific evidence of construct validity. For this purpose, several fit indices were selected:
a χ2 test, the ratio of χ2 to degree of freedom, the root mean square error of approximation (RMSEA) [60],
the non-normed fit index (NNFI), the incremental fit index (IFI), and the comparative fit index (CFI) [61].
When conducting the comparison between the non-nested competing models, three information fit
indices were also included: the Akaike information criterion (AIC), the Browne–Cudeck criterion
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(BCC) in order to facilitate model comparison (when comparing two models the one with the smaller
BCC is preferred), and the expected cross-validation index (ECVI).

Secondly, we divided the full sample into three groups by age cohorts (generations) and
assessed construct’s convergent validity for each sample (generation) separately. Following CFA
methodology [62], construct convergent validity in this study was assessed by factor loading values,
Cronbach’s Alpha, composite reliability (CR), and average variance extracted (AVE) [63,64]. In this
way, we assessed the stability of the theoretical model by evaluating the construct’s convergent validity
for each sample.

Thirdly, we assessed discriminant validity. Confidence intervals were used to reveal evidence of
discriminant validity between two constructs [62,65]. Bootstrap was used for estimating a confidence
interval on a correlation coefficient at a 95% level in SEM [66]. IBM SPSS AMOS 26.0v was used for
bootstrapping, as it provides two methods for estimating confidence intervals: the bias-corrected
percentile method and the percentile method. The null hypothesis for discriminant validity between
two constructs is rejected if the confidence interval does not include the value of one [67]. Otherwise,
the null hypothesis has to be accepted, and evidence for discriminant validity is not proved.

Fourth, following the recommendations [59–61,63,64,68], the model was tested for its
goodness-of-fit. A good model fit indicates that the constructed model matrix is close to the sample
matrix [57]. To prove the goodness-of-fit, several indices were selected: a χ2 test, the ratio of χ2 to degree
of freedom, the root mean square error of approximation (RMSEA), the non-normed fit index (NNFI),
the incremental fit index (IFI), and the comparative fit index (CFI). When conducting the comparison
between the non-nested competing models, three information fit indices were also included: the Akaike
information criterion (AIC), the Browne–Cudeck criterion (BCC), and the expected cross-validation
index (ECVI). Finally, models are assessed for construct convergent validity for all three generations.

3. Results

3.1. Measurement and Structural Model Analysis Verification of Convergent Validity

CFA analysis was applied to all five constructs: PE (physical experience), RP (cognitive job
performance), AP (cognitive performance appraisal), RL (social relationships at work), and EN
(socio-emotional enablement at work). All five constructs showed levels of significance p < 0.01,
which varied at different intervals: PE ranged from 0.550 to 0.698, accordingly, RL from 0.701 to 0.783,
RP from 0.643 to 0.766, AP from 0.933 to 0.969, and EN from 0.585 to 0.745. Composite reliability
(CR) values ranged between 0.739 and 0.976, and the square root of average variance extracted (AVE)
was between 0.640 and 0.923, as presented in Table 3. Following the data requirements for SEM
analysis [59,60,64], all main indicators for model fit were 0.5 or higher: factor loadings were above 0.5;
composite reliability (CR) for each construct was above 0.6; square root of average variance extracted
(AVE) was above 0.5; and the square of the multiple correlation coefficient (SMC) mostly was above 0.5.
In summary, all five constructs showed an indication of convergent validity.
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Table 3. Convergent validity of constructs for all generations.

Construct Index Std.
Loading

Unstd.
Loading S.E. C.R.

(t-Value) p Value SMC CR AVE

PE

PE4 0.635 0.803 0.050 16.173 *** 0.462 0.780 0.640
PE5 0.698 0.910 0.056 16.115 *** 0.456
PE6 0.675 1 0.528
PE7 0.550 0.812 0.055 14.727 *** 0.358

RP

RP1 0.746 0.868 0.041 21.315 *** 0.567 0.830 0.705
RP2 0.766 1 0.611
RP3 0.721 0.918 0.044 20.743 *** 0.527
RP4 0.694 0.855 0.046 18.611 *** 0.430
RP5 0.643 0.838 0.052 16.011 *** 0.347

AP

AP1 0.955 0.984 0.013 72.888 *** 0.913 0.976 0.923
AP2 0.957 1 0.916
AP3 0.96 1.003 0.011 88.768 *** 0.921
AP4 0.969 1.005 0.014 72.676 *** 0.939
AP5 0.935 0.957 0.016 61.333 *** 0.873
AP6 0.940 0.961 0.015 63.184 *** 0.884
AP7 0.933 0.950 0.016 59.959 *** 0.870

RL
RL1 0.701 0.873 0.045 19.513 *** 0.488 0.739 0.698
RL2 0.742 1.02 0.048 21.149 *** 0.668
RL3 0.783 1 0.619

EN

EN1 0.719 1.073 0.055 19.494 *** 0.517 0.854 0.679
EN2 0.745 0.941 0.049 19.044 *** 0.556
EN3 0.657 0.865 0.048 17.892 *** 0.430
EN4 0.730 1.092 0.058 18.699 *** 0.535
EN5 0.690 0.982 0.046 21.273 *** 0.472
EN6 0.706 1 0.498
EN7 0.585 0.801 0.044 18.145 *** 0.344

Note: N = 890 for all items. The responses for all observed items range from 1 to 5. PE = physical experience; RP =
cognitive job performance; AP = cognitive performance appraisal; RL = social relationships; EN = socio-emotional
enablement. CR—composite reliability; AVE—average variance extracted; SMC—square of the multiple correlation
coefficient; ***—statistical significance at 1%.

Additionally, the sample data were examined for issues of normality using kurtosis and skewness.
The kurtosis values for this sample are below 7, indicating non-violation of a normal distribution [69],
and for skewness, values are below 2, indicating normal distribution [69]. Furthermore, SEM was
used to examine whether the hypothesized model is consistent with the collected sample data [70].
Missing data is handled with full information maximum likelihood (FIML) estimations [71] and is tested
prior to fitting the hypothesized models by using Little’s MCAR test. The amount of overall missing
data for all study variables was small (1.10%) and ranged from 0% to 4% missing responses per any
given individual indicator within a measure, indicating that there is no systematic pattern to the missing
data [72]. Finally, Little’s MCAR test was non-significant (Chi-Square = 488.783, DF = 107, Sig. = 0.097),
indicating the data were missing completely at random. 3.2. Discriminant Validity Assessment.

Two models were created to test discriminant validity. Model 1 represents our hypothesized
model and includes all five constructs of physical, cognitive, and socio-emotional experiences at
work. Model 2 represents cognitive and socio-emotional experiences at work and follows a narrower
paradigm of well-being at work (Figure 1).

Assessing discriminant validity, we tested whether two constructs (Model 1 and Model 2) differ
statistically for all generations. For this purpose, we used the bootstrap to construct confidence intervals.
In conducting bootstrapping procedures, the computer program was set to re-sample 1000 times
(minimum requirement is 250 times [66]) in order to assess the confidence interval of a standardized
correlation at a 95% confidence level. The results of the bias-corrected percentile method estimation
are shown in the Table 4. Following the rule, the “confidence interval between two constructs does
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not include 1” [67]. As we can see in Table 4, neither of the confidence intervals in the standardized
correlation includes 1; thus, discriminant validity between constructs is achieved.

Table 4. Discriminant validity between constructs for all generations.

Parameter

All Generations

Model 1 Model 2

RW 1 Bias-Corrected 2

[Lower; Upper] P 3 RW 1 Bias-Corrected 2

[Lower; Upper] P 3

AP <--- EN 0.667 [0.478; 0.819] 0.004 0.660 [0.467; 0.807] 0.003
RL <--- RP 0.516 [0.355; 0.680] 0.002 0.516 [0.355; 0.681] 0.002
RP <--- AP 0.042 [0.018; 0.067] 0.001 0.043 [0.020; 0.069] 0.001
RP <--- EN 0.340 [0.24; 0.481] 0.001 0.330 [0.231; 0.466] 0.001
SW <--- RP −0.058 [−0.286; 0.187] 0.675 −0.107 [−0.341; 0.140] 0.407
SW <--- EN 0.180 [0.032; 0.346] 0.022 0.113 [−0.036; 0.259] 0.125
SW <--- AP 0.028 [−0.013; 0.069] 0.172 0.028 [−0.014; 0.071] 0.192
SW <--- RL 0.182 [−0.061; 0.416] 0.158 0.191 [−0.055; 0.437] 0.139
SW <--- PE −0.220 [−0.336; −0.113] 0.002 --- ---- ----
PE <--> EN 0.164 [0.478; 0.819] 0.001 --- ---- ----

Notes: 1 Regression weight. 2 Bias-corrected percentile method [lower; upper]. 3 P—statistical significance.

3.2. Overall Fit for Models

To prove the goodness-of-fit, Model 1 and Model 2 were tested. According to the recommended
values for most indicators, Model 2 fits better than Model 1 (Table 5). Following the rule—the lower
the value, calculated values for χ2, ECVI, AIC, and BCC for Model 2 show better model fit compared
to Model 1. It should be noted that when analyzing other indicators (TLI, IFI, CFI, and PNFI), there is
not much difference between the models’ fit. For example, ∆CFI (between lower and upper) is 0.020
and thus does not exceed the critical value of 0.020 [73]) to indicate that one of these models has better
fit than the another. Most of the fit indices meet the requirements for SEM analysis (see Baumgartner
and Homburg [74], and Doll, Xia, and Torkzadeh [75]): the RMSEA value is acceptable if above 0.08,
and for all models this value is well below 0.08. Consequently, both of these models have good to great
goodness-of-fit according to the remediations provided by Hair [60].

Table 5. Overall models fit comparison.

Model fit Recommended Value
All Generations

Model 1 Model 2

χ2 Lower is better 619.605 (p = 0.000) 425.085 (p = 0.000)
χ2/df <3 2.093 (df = 296) 2.085 (df = 204)

RMSEA <0.08 0.035 0.035
1 CI [0.031; 0.039]1 [0.030; 0.040]1

TLI >0.9 0.979 0.984
IFI >0.9 0.982 0.987
CFI >0.9 0.967 0.987

PNFI Higher is better 0.815 0.787
ECVI Lower is better 0.941 0.691
AIC Lower is better 837.605 615.085
BCC Lower is better 844.686 620.351

Note: 1 90% Confidence Intervals, CI = [Lower; Upper].

Next, we analyzed models using standardized regression measurements. The models differ
substantially (Figure 3): in Model 1, the physical experience (PE) has a negative effect on subjective
wellbeing at work (SW), as regression coefficient is −0.83. This means that physical experience does not
contribute to subjective wellbeing at work and must therefore be eliminated from the theoretical model.
In Model 2, there is no negative regression coefficient that is approaching 1. In the following analysis,
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we relied only on Model 2 and continued to test it by breaking down the sample by generations.
By excluding physical experience (PE) from our theoretical model (Figure 1), we confirm H3 and
claim that subjective wellbeing at work is compound of cognitive and socio-emotional experiences.
Simultaneously, we refute H2 that subjective wellbeing at work is compound of all three (physical,
cognitive, and socio-emotional) experiences and exclude H4 form future examination.Sustainability 2020, 12, x FOR PEER REVIEW 11 of 21 
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3.3. Model 2 Construct Convergent Validity Assessment for Three Generations

All data were divided into three samples to examine the moderating impact of generation on
subjective wellbeing at work. Samples were created according to respondents’ age. Model Z presents
the sample of respondents 25 or younger (Gen Z). Accordingly, Model Y is the respondents from 26 to
40 years old (Gen Y generation), and Model X is the respondents from 41 to 55 years old (Gen X).

The square root for AVE of each construct is much greater than its correlation with any other
factor, and all AVE by the rule [76] are greater than 0.5, ranging from 0.522 to 0.961 (Table 6).
The constructs’ Cronbach’s Alpha and CR are above the recommended minimum of 0.70 [73]. In this
respect, the theoretical model is stable across samples and could be analyzed in more detail.

3.4. Path Coefficients for Generations

Hypothesis 1 suggests that the dimensions of subjective wellbeing at work are determined
by generation. To test his hypothesis, we analyzed path coefficients between constructs for each
model separately. First, we started with Model 2 (all generations together, 100% of collected data).
The regression coefficients between five constructs shows very strong statistical significance (<0.01).
It is also necessary to point out the connection between RL (social relationship at work) and RP
(cognitive job performance), where regression coefficient is 0.589 and constructs show very strong
statistical significance (<0.01). However, deeper analysis reveals that only the regression coefficients
between constructs SW (subjective wellbeing at work) and EN (socio-emotional enablement at work)
as well as SW (subjective wellbeing at work) and RL (social relationships at work) were statistically
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significant at 5%. In other words, the regression weight for EN and RL in the prediction of SW is
significantly different from zero at the 0.05 level (two-tailed) (see EN→SW, p = 0.044; and RL→SW,
p = 0.034 in Table 7).

Table 6. Construct convergent validity estimation of Model 2 for three independent samples.

Sample Z (n = 336)

Latent Variable’s
Code

Factor loading
[Lower; Upper]

Cronbach’s
Alpha CR AVE

RL (3) [0.533; 0.718] 0.825 0.685 0.651
RP (5) [0.411; 0.578] 0.813 0.658 0.530
AP (7) [0.943; 0.970] 0.988 0.977 0.961
EN (7) [0.408; 0.686] 0.871 0.753 0.522

Sample Y (n = 429)

Latent Variable Factor loading
[Lower; Upper]

Cronbach’s
Alpha CR AVE

RL (3) [0.574; 0.650] 0.812 0.636 0.607
RP (5) [0.610; 0.712] 0.845 0.791 0.657
AP (7) [0.910; 0.945] 0.984 0.960 0.931
EN (7) [0.607; 0.756] 0.869 0.836 0.601

Sample X (n = 125)

Latent Variable Factor loading
[Lower; Upper]

Cronbach’s
Alpha CR AVE

RL (3) [0.645; 0.685] 0.728 0.700 0.661
RP (5) [0.501; 0.743] 0.820 0.789 0.658
AP (7) [0.871; 0.965] 0.983 0.960 0.931
EN (7) [0.418; 0.791] 0.853 0.842 0.608

Note: PE = physical experience; RP = cognitive job performance; AP = cognitive performance appraisal; RL = social
relationships; EN = socio-emotional enablement; CR—composite reliability; AVE—average variance extracted.

Table 7. Path coefficients for all generations in Model 2.

Construct Std. Weight Unstd. Weight S. E. C.R.
(t-Value) p Value

AP <--- EN 0.260 0.66 0.092 7.170 ***
RP <--- AP 0.116 0.043 0.013 3.238 0.001
RP <--- EN 0.352 0.33 0.038 8.588 ***
RL <--- RP 0.589 0.516 0.038 13.636 ***
SW <--- RP −0.522 −0.107 0.093 −1.156 0.248
SW <--- EN 0.585 0.113 0.066 2.704 0.044
SW <--- AP 0.368 0.028 0.023 1.232 0.218
SW <--- RL 0.815 0.191 0.099 2.923 0.034

Note: ***—statistical significance < 0.01. PE = physical experience; RP = cognitive job performance; AP = cognitive
performance appraisal; RL = social relationships; EN = socio-emotional enablement, SW = subjective wellbeing
at work.

3.4.1. Subjective Wellbeing for GenX

Hypothesis 3 to 6 suggest that different elements of subjective wellbeing at work are of different
importance for generations. In case of Gen X, the most important is socio-emotional enablement
(EN), while cognitive performance appraisal referring to perceived fairness of appraisal (AP) is not
important, and cognitive job performance (RP) and social relationships at work (RL) have only an
indirect effect (Appendix A Figure A1). Table 8 shows the data for Gen X (Model 3) and indicates
that EN (socio-emotional enablement at work) effects SW (subjective wellbeing at work) not only
substantially (β = 0.715) but also highly significantly (<0.01), while RL (social relationships at work)
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effect is substantial (β = 0.671) and significant (p = 0.018). The other two constructs do not show
significance: RP (cognitive job performance) and AP (cognitive performance appraisal) effects on
SW (subjective wellbeing at work) are not significant (p = 0.506). In addition, EN (socio-emotional
enablement) impact on RP (cognitive job performance) and RP (cognitive job performance) impact on
RL (social relationship at work) should be noted, as this impact is highly significant (<0.01).

Table 8. Path coefficients for Gen X in Model 3.

Construct Std. Weight Unstd. Weight S. E. C.R.
(t-Value) p Value

AP <--- EN 0.201 0.479 0.233 2.055 0.040
RP <--- AP 0.213 0.087 0.038 2.271 0.023
RP <--- EN 0.353 0.342 0.104 3.297 ***
RL <--- RP 0.427 0.267 0.076 3.506 ***
SW <--- RP −0.078 −0.025 0.137 −0.179 0.858
SW <--- EN 0.715 0.218 0.114 3.917 ***
SW <--- AP −0.214 −0.027 0.041 −0.666 0.506
SW <--- RL 0.671 0.337 0.21 2.609 0.018

Note: ***—statistical significance <0.01. PE = physical experience; RP = cognitive job performance; AP = cognitive
performance appraisal; RL = social relationships; EN= socio-emotional enablement; SW = subjective wellbeing
at work.

3.4.2. Subjective Wellbeing for Gen Y

In the case of Gen Y, all four elements impact subjective wellbeing at work (SW) in one way or
another (Table 9). Socio-emotional enablement (EN)’s impact on SW is a little weaker than in the case
of Gen X; nevertheless, it remains a key element in the model (Appendix A Figure A2). The remaining
three elements make a significant indirect impact on subjective wellbeing at work. Model 4 for Gen Y is
similar to Model 3 for Gen X with only one substantial difference. In Model 4, EN has some (β = 0.338)
impact on AP, which is highly significant (<0.01). It should be noted that in the case of Gen Y, RP has a
very large effect on RL (Table 9).

Table 9. Path coefficients for Gen Y in Model 4.

Construct Std. Weight Unstd. Weight S. E. C.R.
(t-Value) p Value

AP<--- EN 0.338 0.832 0.131 6.366 ***
RP <--- AP 0.117 0.050 0.023 2.140 0.032
RP<--- EN 0.243 0.255 0.062 4.083 ***
RL<--- RP 0.676 0.553 0.052 10.727 ***
SW<--- RP −0.617 −0.105 0.117 −0.902 0.367
SW<--- EN 0.650 0.117 0.084 6.784 ***
SW<--- AP 0.461 0.034 0.031 1.075 0.282
SW<--- RL 0.651 0.136 0.141 2.967 0.024

Note: ***—statistical significance < 0.01. PE = physical experience; RP = cognitive job performance; AP = cognitive
performance appraisal; RL = social relationship; EN = socio-emotional enablement; SW = subjective wellbeing
at work.

3.4.3. Subjective Wellbeing for Gen Z

The element of Gen Z’s subjective wellbeing at work is different from that of Gen X and Gen
Y. The key element for Gen Z is social relationships at work. The bootstrap procedure is used to
test the standard errors for total, direct, and indirect effects following recommendations by Fox [77].
The significance of indirect effects is found for the path EN→RP→SW (β = 0.141, p < 0.01) and for the
path RP→RL→→SW (β = 0.174, p < 0.01). In other words, Model 5 (Appendix A Figure A3) for Gen Z
indicates a different composition of impacts, compared to Model 3 and Model 4: RL (social relationships
at work) has the greatest effect on SW (β = 0.642, p < 0.01); thus, the effects of other constructs are
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statistically not significant (Table 10). As in Model 3 (Table 8) and Model 4 (Table 9), the relationships
between the constructs (EN on RP and RP on RL) are statistically significant. Furthermore, it was
identified that EN (socio-emotional enablement) has the statistically significant indirect effect on WB
(subjective wellbeing) (EN→RP→SW for Model 4: the β = −0.150, p < 0.01; and EN→AP→SW for
Model 4: the β = 0.156, p < 0.01).

Table 10. Path coefficients for Gen Z in Model 5.

Construct Std. Weight Unstd. Weight S. E. C.R.
(t-Value) p Value

AP <--- EN 0.207 0.538 0.151 3.568 ***
RP <--- AP 0.127 0.038 0.017 2.310 0.021
RP <--- EN 0.480 0.375 0.053 7.131 ***
RL <--- RP 0.524 0.540 0.071 7.646 ***
SW <--- RP 0.333 0.107 0.193 0.553 0.580
SW <--- EN 0.293 0.074 0.123 0.598 0.55
SW <--- AP −0.096 −0.009 0.038 −0.245 0.807
SW <--- RL 0.642 0.200 0.158 9.268 ***

Note: ***—statistical significance < 0.01. PE = physical experience; RP = cognitive job performance; AP = cognitive
performance appraisal; RL = social relationships; EN = socio-emotional enablement; SW = Subjective wellbeing
at work.

4. Discussion

The study enlightens the effects different generations (age cohorts) have on subjective wellbeing at
work as an overall quality of working life. Though subjective wellbeing at work has been examined in
various aspects of scientific literature and various physical, cognitive, and socio-emotional components
of this phenomenon have been revealed, this study further demonstrates that the importance of
cognitive and socio-emotional components of subjective wellbeing at work varies between generations.

Before starting the discussion on the impact of generations on subjective wellbeing at work,
we first discuss why one of the subjective wellbeing components was discarded already in the first
stage of the study. Our study shows that physical experience is statistically significant for subjective
wellbeing at work, but has an opposite effect than cognitive and socio-emotional experience. This is
why we excluded physical experience from our hypothesized model of subjective wellbeing at work,
despite the fact that numerous studies have identified the importance of the physical environment
for wellbeing at work (see Cooper [22] for the review of 280 academic articles). We can assume that
this contradiction arises from the different perceptions of the physical and non-physical environments.
In essence, our study failed to demonstrate that subjective wellbeing at work is a composition of
complementary physical, cognitive, and socio-emotional experiences. This finding does not devaluate
the importance of the physical environment for wellbeing, but rather shows that physical and
cognitive–social–emotional experiences at work can be contradicting. Based on the findings of this
study, we propose to analyze physical experience at work separately from other experiences, as is done
in ergonomics [29] and other occupational health studies [78]. The results of the study suggest that
subjective wellbeing at work is difficult to analyze as a holistic phenomenon that includes all three
dimensions of work-related experiences.

The most important contribution our research makes is to show that socio-emotional enablement
is the most important factor in subjective wellbeing at work for Gen X and Gen Y, while social
relationships at work is the main contributor for Gen Z. In our literature review, we found evidence
that Gen Z enters the labour market with different attitudes and expectations than their predecessors
did [8]. Our research findings may help explain why Gen Z is different. Indeed, Maloni et al. [8]
argue that the older generation underestimates Gen Z’s demand for supervision and social interaction.
Our research complements these results by the fact that Gen Z perceives wellbeing at work primarily
as a relationship with colleagues and managers and only secondarily as cognitive job performance and



Sustainability 2020, 12, 10016 15 of 21

job appraisal. This can be explained by the fact that young people are more prone to socialization than
older ones [79].

Our results also contribute to the growing literature on social relationships at work and are
conducive to debate on leader–member exchange. Previous studies [23–25] have demonstrated that a
positive social leader–member exchange relationship contributes to job performance and job satisfaction
as well as to long-term commitments at [23–25] work. As this study shows significant differences
between generations, we suggest that the quality of leader–member exchange should be reconsidered,
and important interpersonal social support by leaders should be directed not to all employees, as stated
by Ellis [80], but mainly focused on younger ones.

Lastly, our results provide additional evidence for positive organizational psychology where
work engagement is seen as a fulfilling work-related state of mind [39]. As engagement involves
self-expression through work [26], it becomes more important for Gen X and Gen Y, which are
characterized by self-discipline and flexibility at work [81]. Basically, these two generations are related
to work emotionally, demonstrating the highest attachment to work [82]. It is interesting to note
that positive organisational psychology, as an academic thought and field of research, has evolved
in the studies of Gen X and Gen Y over the last twenty years [83,84]. In fact, positive organisational
psychology today can explain in detail the behavior of these two generations at work. Concerning Gen
Z, emotional work engagement is not as important for Gen Z as it is important for Gen X and Gen Y.
Therefore, future development of positive organizational psychology should explore these conceptual
differences in detail.

Although our research strongly supports the main hypothesis that the dimensions of subjective
wellbeing at work are determined by generation, it has some limitations that should be noted. First,
the study used single-source data. Although the single-source method is traditional and is used in
more than 80% of attitude research in organizations [85], there are some issues of common method
variance [86]. We performed a sophisticated data analysis to minimize these issues. Second, the data
were collected among male-dominated military units. On the one hand, such a sample choice eliminated
the gender impact and highlighted the generational impact on subjective wellbeing at work, and,
on the other hand, this sample choice eliminated women’s representation, and thus their attitudes
towards subjective wellbeing at work remained underexplored. Third, the survey was performed in
the Lithuanian army that typically represents the “small-state army”. This type of organization is
characterized not only by the typical military culture, where work is done according to general standing
operating procedures, but also by the fact that, due to relatively low human resources, according to
Nilsson [72], small-state armies are more affected by external environment than in comparably sized
large-state armies. It can be assumed that our study, which uses a small-state army for its research
sample, is more affected by generational change than others. Despite these limitations, the study is
meaningful, because it confirms statistically significant differences between generations.

5. Conclusions

Our theoretical rationale suggests that generation (age cohort) has a strong moderating impact on
the components of subjective wellbeing at work. Empirical findings support this theoretical rationale.
We can conclude that in a military as a specific organization, where work is done according to general
standing operating procedures as well as localized routine orders, there are fundamental differences
between generations in perceived well-being at work. There, social relationships, as a socio-emotional
experience, are the most important component of wellbeing at work for Gen Z. Gen Z perceives
wellbeing at work primarily as a relationship with colleagues and managers and only secondarily
as cognitive job performance and job appraisal. Accordingly, Gen Z needs to receive significant
interpersonal social support from leaders in organizations. Socio-emotional enablement plays a central
role in subjective wellbeing at work for Gen X and Gen Y, as these two generations are related to
work emotionally.
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It is important to emphasize that subjective wellbeing at work is still a recent area of research
that develops on three mainstreams in research literature: subjective health at work, cognitive job
satisfaction, and socio-emotional relationships at work. Our theoretical rationale and empirical findings
suggest that combining all three mainstreams into a single theoretical model is difficult, because the
contradiction arises from different perceptions of the physical and non-physical environment.
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