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Abstract: The influenza-specific antibody repertoire is continuously reshaped by infection and
vaccination. The host immune response to contemporary viruses can be redirected to preferentially
boost antibodies specific for viruses encountered early in life, a phenomenon called original antigenic
sin (OAS) that is suggested to be responsible for diminished vaccine effectiveness after repeated
seasonal vaccination. Using a new computational tool called Neutralization Landscapes, we tracked
the progression of hemagglutination inhibition antibodies within ferret antisera elicited by repeated
influenza A/H3 infections and deciphered the influence of prior exposures on the de novo antibody
response to evolved viruses. The results indicate that a broadly neutralizing antibody signature can
nevertheless be induced by repeated exposures despite OAS induction. Our study offers a new way
to visualize how immune history shapes individual antibodies within a repertoire, which may help
to inform future universal influenza vaccine design.

Keywords: mapping antibody repertoires; original antigenic sin; immune imprinting; repeated
influenza exposures; broadly neutralizing antibody; influenza A H3N2 virus

1. Introduction

Rapidly evolving pathogens such as influenza frequently change their antigenicity in
order to escape the host immune system, and the emergence of antigenically drifted strains
necessitates the annual update of seasonal influenza vaccine components. Despite efforts to
forecast which strain(s) will be most prevalent, a suboptimal or mismatched vaccine strain
may occasionally be selected for vaccine production, resulting in reduced protection [1–4].
In the US, influenza vaccine effectiveness in the past decades has fluctuated significantly
from 10% in the 2004–2005 season [1] to 60% in the 2010–2011 season (https://www.cdc.
gov/flu/vaccines-work/effectiveness-studies.htm) (accessed on 11 April 2021) [5]. While
vaccine mismatch directly accounts for this low efficacy, pre-existing host immunity also
influences vaccine performance [3,6–12].

An individual’s exposure history, acquired through recurrent infections and/or vacci-
nations, shapes their unique antibody repertoire and influences their response to newly
emerging influenza viruses [6,10–19]. For example, residual antibodies from prior expo-
sures may grant subsequent protection against viruses with similar antigenicity [15–17,20].
However, immune imprinting from viruses encountered early in life can also lead to in-
sufficient de novo antibody response to evolved viruses—a phenomenon called original
antigenic sin (OAS) [21]. While the exact mechanisms remain unknown, OAS has been
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associated with low antibody responses in individuals with repeated seasonal vaccination
and has been hypothesized to negatively affect vaccine effectiveness in frequent vacci-
nees [1,9,20,22–28]. These reports provide a glimpse of the complex interplay between
prior and current immunity, highlighting the influence of immune imprinting that must
be addressed in the field of vaccinology. Elucidating the impact of OAS on de novo an-
tibody responses will provide insights for future influenza vaccine development with
improved performance.

In this work, we used a newly developed computational tool—Neutralization Land-
scapes [29]—to track the progression of the hemagglutination inhibition (HAI) responses
in ferrets after repeated influenza A/H3 infections, and characterized the HAI antibody
patterns induced. By mapping the HAI responses at the single-antibody scale, we demon-
strated that repeated influenza A/H3 exposures, despite OAS induction, can expand the
breadth of de novo HAI antibody response.

2. Materials and Methods
2.1. Viruses

The panel of H3N2 viruses used for the study included A/Philippines/2/1982 (Philip-
pines 1982), A/Wisconsin/67/2005 (Wisconsin 2005), A/Uruguay/716/2007 (Uruguay 2007),
A/Perth/16/2009 (Perth 2009), A/Victoria/361/2011 (Victoria 2011), A/Texas/50/2012
(Texas 2012), A/Switzerland/9715293/2013 (Switzerland 2013) and A/Hong Kong/4801/2014
(Hong Kong 2014), each of which has served as the prototype for the H3N2 seasonal
influenza vaccine component in past decades. All H3N2 viruses were propagated in
9–10-day-old embryonated eggs, and aliquots were stored at −80 ◦C until use.

2.2. Ferret Antisera

Seronegative male ferrets (Triple F Farm) at 15–16 weeks old were infected intranasally
at two-week intervals with each of the four H3N2 viruses (V1 = A/Uruguay/716/2007 or
Uruguay 2007, V2 = A/Texas/50/2012 or Texas 2012, V3 = A/Switzerland/9715293/2013
or Switzerland 2013, and V4 = A/Hong Kong/4801/2014 or Hong Kong 2014) [6]. After
ferrets were anesthetized, approximately 105 focus-forming units of virus in a total of 1 mL
was delivered into both nostrils per ferret at 0.5 mL per nostril [6]. Ferrets were bled via
venipuncture of the cranial vena cava under anesthesia at 14 days after each infection. Sera
from four ferrets in each infection scheme were collected for HAI titer determination. All
procedures were carried out in accordance with a protocol approved by the Institutional
Animal Care and Use Committee of the Center for Biologics Evaluation and Research, US
Food and Drug Administration.

2.3. HAI Assay

Following pre-treatment with a receptor-destroying enzyme (Denka-Seiken), individ-
ual ferret sera were 2-fold serially diluted and were 1:1 (v/v) incubated with testing virus
solution containing 4 hemagglutinin (HA) units per 25 µL at room temperature for 30 min
before the addition of 50 µL of 0.75% guinea pig erythrocytes in the presence of 20 nM
oseltamivir, as previously described [6,14]. Wells containing PBS only or virus only served
as the negative and positive controls in each HAI assay performed. The endpoint HAI
titer was defined as the reciprocal of the highest serum dilution that yielded a complete
HA inhibition, and a titer 5 was assigned if no inhibition was observed at the starting 1:10
serum dilution. HAI geometric mean titers (GMTs) were calculated, along with the 95%
confidence intervals.

3. Neutralization Landscapes and Decomposition of Ferret Antisera

Neutralization Landscapes uses monoclonal antibody data to quantify viruses cross-
reactivity and enumerate the space of potential antibody inhibition profiles [29]. A land-
scape is a low-dimensional map where antibodies and viruses are represented as points
and antibody-virus distance translates into experimentally measurable neutralization. The
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positions of eight H3N2 viruses were determined using neutralizing titers from six human
monoclonal antibodies targeting the head of influenza HA [29]. Four antibodies (CH65 [30],
5J8 [31], C05 [32], and F045-092 [33]) target the receptor binding site, another antibody
(F005-126) cross-links between two monomers within a hemagglutinin trimer [34], and
the last binds to hemagglutinin’s lateral patch [35]. Previous serum-based efforts using
antigenic cartography suggest that these antibodies do not need to bind to the same epi-
tope [36], and that the landscape can include H1N1- and H3N2-specific antibodies [29].
Moreover, we posit that this landscape will become more accurate as more antibodies
targeting different epitopes are added. These assertions can be directly tested by assessing
the landscape’s ability to predict unmeasured interactions.

The 50% inhibitory concentrations (IC50s) were determined between each antibody
and virus pair, and their positions on the neutralization landscapes were fixed using two-
dimensional (2D) scaling on the log10(IC50) values, where an antibody–virus distance of
d unit translates into IC50 = 2d·10−10 Molar [29]. To accommodate the HAI titers used in
this study, a few cosmetic changes were made in computation. First, the spacing between
gridlines was decreased by a factor of log10( 1

2 ) = 3.3 so that 1 grid unit represents a two-fold
decrease in neutralization. Second, HAI titers were converted into absolute Molar units
by scanning across different conversion factors and minimizing the absolute mean error
between log2(measured HAI titers) and log2(inferred HAI titers from decomposition). The
optimal conversion factor translated an antibody–virus map distance of d units into an HAI
titer = 6000/2d. This global conversion factor had been applied to all antisera analyzed in
this work.

We decomposed each antiserum by determining which set of antibody coordinates
and stoichiometries best matched the measured HAI titers against the eight viruses in
the panel. Decomposition proceeded by considering n = 1, 2, 3 . . . antibodies until the
error of the decomposition decreased below a set threshold [29]. To prevent overfitting,
decomposition with an additional antibody was only accepted if it decreased the mean
fold-error between measured and inferred titers by ≥20% [29]. The relative fractions of
each antibody in the mixture were allowed to vary, although each antibody must comprise
≥10% of the mixture and the sum of all fractions must sum to 100%.

In any neutralization landscape, the abundance of each antibody in a mixture was
depicted by the size of the gray circle surrounding it. For any virus lying within a gray
circle, the antibody at the center of that circle was predicted to have an HAI titer ≥ 80
against it. If an antibody comprised a fraction f of a mixture, then its ability to inhibit
a virus decreased by f -fold. For example, a monoclonal antibody was surrounded by a
circle of radius dmAb = 6.2 grid units (6000/2dmAb = 80), while an antibody that comprised a
fraction f of the serum would be surrounded by a circle of radius rmAb − log2

(
1
f

)
. When

multiple antibodies were present in a serum, their collective inhibition or neutralization
against a virus was, thus, computed using a competitive binding model,

IC50,Competitive = (∑j fj/IC50
(j))−1,

where fj represented the fractional composition of the jth antibody and IC50
(j) denoted the

concentration at which this monoclonal antibody would neutralize the virus by 50% [29].
In this way, any combination of points (which determined IC50

(j) through antibody–virus
map distance) at any stoichiometry (fj) was translated into the mixture’s collective HAI
titer against the virus panel.

4. Results
4.1. Validation of Neutralization Landscapes

Neutralization Landscapes uses fixed virus coordinates to depict the location and
magnitude of constituent neutralizing antibodies within an antiserum elicited by natural
infection or vaccination [29]. A key assumption of Neutralization Landscapes is that the
neutralization profiles of all dominant antibodies within a serum can be represented as
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individual points on the map, where the Euclidean distance d between each antibody
coordinate and virus coordinate translates into an HAI titer of 6000/2d. This forms a
basis set of individual antibody behaviors from which we can determine the minimal
combination of antibodies that can replicate a serum’s measurements. This process was
previously validated by decomposing mixtures of 2–3 antibodies [29]; here, we extend this
work to analyze ferret sera for the first time.

The resulting decompositions predict the functional behavior of the dominant antibod-
ies within serum while neglecting the weaker or less frequent antibodies that do not affect
a serum’s HAI profile. Since sera may contain multiple functionally similar antibodies, we
call the resulting HAI profiles “antibody signatures” as they may represent one or multiple
antibodies within the response.

On the neutralization landscapes, the gray regions surrounding each antibody sig-
nature indicate an HAI titer ≥ 80 against any virus lying within (we refer to this virus as
strongly inhibited by the mixture), and stronger antibody signatures could overwhelm the
inhibition of weaker antibodies placed further out on the map.

To decompose each antiserum, we first determined which combination of coordinates
and stoichiometries best matched the experimental HAI titers against the eight H3N2
viruses whose coordinates had been previously fixed using a different antibody–virus
panel [37]. The results were validated in two ways. First, Figure 1A showed the de-
composition of a ferret antiserum elicited by sequential influenza A/H3 infections in a
neutralization landscape in which the HAI titers predicted were on average ≤2-fold off
from the experimental measurements (Figure 1A). The same analysis was extended to
include all 288 HAI measurements involved in this study, with each point representing
a pair of predicted titers and corresponding experimental values in Figure 1B. It yielded
a coefficient of R2 = 0.6 (Figure 1B), with only 2% (6/288) of map predicted titers being
≥10-fold off from the experimental measurements.
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Figure 1. Characterizing the accuracy of Neutralization Landscapes. (A) The decomposition of ferret
antiserum elicited by sequential H3N2 infections in a neutralization landscape (left) and the resulting
predicted/measured HAI titers (right). Larger antibody–virus distance on the landscape corresponds
to weaker antibody inhibition, with Euclidean distance d representing an HAI titer of 6000/2d. The
resulting antibody signatures represent the predicted inhibition profiles of the dominant antibodies
within the serum. (B) Cumulative analysis for all ferret antisera analyzed in this work. The inset
shows the distribution of fold-errors for these predictions.

Second, while we decomposed ferret antiserum using the HAI titers against all eight
viruses (Figure 2A), we also performed another decomposition by using the half set of
measurements to predict the HAI titers against the remaining four viruses in the panel
(Figure 2B; titers against red viruses were used for direct decomposition and titers against
gray viruses were inferred from the map). Despite the difficulties of triangulating the
coordinates and stoichiometries of multiple antibodies using a half set of the measurements,
the predicted HAI titers were on average 6.0-fold off from the experimental measure-
ments, only slightly larger than the 2.4-fold error when the full suite of titers was used for
decomposition (Figure 2C).
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Taken together, these validations demonstrated that the neutralization landscapes
accurately characterize the HAI profiles of ferret antisera.

4.2. Progression of HAI Responses Following Sequential Infections

We first conducted a sequential infection experiment to demonstrate how the antibody
repertoire in ferrets was shaped by recurring exposure. Figure 3A–D is the traditional
way to present the neutralizing activities of HAI antibodies developed in ferrets after
infection with first virus A/Uruguay/716/2007 (Uruguay 2007, denoted as V1 throughout
this work), then the second virus A/Texas/50/2012 (Texas 2012, V2) (V1→V2), third
A/Switzerland/9715293/2013 (Switzerland 2013, V3) (V1→V2→V3), and fourth A/Hong
Kong/4801/2014 (Hong Kong 2014, V4) (V1→V2→V3→V4). Uruguay 2007 (V1) infection
elicited V1-specific ferret HAI titers with limited cross-reactivity towards viruses that
emerged before 2005 or after 2007. Following each sequential infection with V2, V3, and V4,
the resulting ferret antisera gradually extended the HAI cross-reactivity from V1-specific
to inhibit (with geometric mean titers (GMTs) ≥ 80) all A/H3 viruses in the panel except
A/Philippines/2/1982 (Philippines 1982), which had disappeared from circulation more
than three decades earlier (Figure 3B–D). Sequential infections also induced typical OAS,
where ferret antisera always had lower HAI titers toward later exposed V2, V3 or V4 than
first encountered V1 (Supplementary Figure S1A–C). In contrast, infection by V2, V3 or V4
alone (without a priming V1 infection) elicited higher homologous HAI GMTs (Figure 4
and Supplementary Figure S1D–F).

We then used Neutralization Landscapes to track the progression of HAI antibodies
developed throughout these four infections (Figure 3E–H). Infection by V1 showed one anti-
body signature that strongly inhibited V1 and three nearby viruses—A/Wisconsin/67/2005
(Wisconsin 2005), A/Victoria/361/2011 (Victoria 2011), and Texas 2012 (note that Hong Kong
2014 also had a measured titer ≈ 80 (Figure 3A), although this is not seen on the landscape
(Figure 3E)). In each subsequent infection (V1→V2, V1→V2→V3, and V1→V2→V3→V4),
we detected two distinct antibody signatures; one “specific” antibody (i.e., that strongly
inhibited all infection strains) and another “non-specific” antibody signature (that inhibited
little-to-no infection strains).
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. HAI titers are shown for each step of the infection: (A) V1, (B) V1→V2, (C) V1→V2→V3, and
(D) V1→V2→V3→V4. Individual HAI titers are presented from four ferrets (points) with geometric
means (bar graphs) and 95% confidential intervals (error bars). * indicates p < 0.05 vs. Uruguay
2007 by Mann–Whitney test after data were log transformed. (E–H) These measurements were
decomposed to determine the antibody signatures (the HAI profiles of the dominant antibodies)
elicited after infection with (E) V1 followed by (F) V2, (G) V3, and (H) V4. Each antibody signature
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strains strongly inhibited. These antibody signatures represent the dominant inhibition
profiles within each serum: weaker antibody signatures (including those elicited by earlier
infections) may either be masked by these dominant profiles or the profiles of functionally
similar antibodies may be combined within one antibody signature. In a sense, these
landscapes provide an “Occam’s razor” description of each serum using the minimum
possible number of HAI profiles. Note that these landscapes do not perfectly reproduce all
titers, but they are highly consistent on average (Figure 1).

Despite OAS induction, ferret antisera after the V1→V2→V3→V4 infections had all
GMTs within four-fold of one another across the entire virus panel (except for the older
Philippines 1982 strain), indicating extended cross-reactivity (Figure 1B–D). The individual
maps of Ferrets #1–4 in this cohort also showed similar antibody patterns, i.e., that the
end antisera after the V1→V2→V3→V4 infections cross-reacted with most viruses in the
panel except Philippines 1982 (individual ferret traces shown in Supplementary Figures
S2–S4). These progressional maps collectively suggest that a broadly neutralizing antibody
signature (defined as an antibody with HAI titer ≥ 80 against multiple infection strains)
can be guided into place by sequential exposures despite OAS induction.

4.3. Influence of Prior Influenza Exposures on De Novo Antibody Response

We next compared the HAI response of ferrets infected with V4 alone with the responses
elicited after one (V3→V4), two (V2→V3→V4), or three prior infections (V1→V2→V3→V4),
to assess how exposure history affected the de novo HAI antibody response to the latest
infection by V4. Unlike infection by V4 alone, which elicited higher HAI titers toward itself
than to most viruses in the panel (Figure 5A), ferret antisera induced after additional prior
exposures had HAI GMTs toward V4 not higher than those toward the earlier infection
strains (Figure 5B–D), a typical OAS response that was also seen for every sequence of
infections in Figure 3B–D.
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We then used Neutralization Landscapes to discern how prior exposures impacted
subsequent antibody development at the single-antibody scale (average response shown in
Figure 5E–H and individual responses shown in Figure S2). Upon infection by V4 alone,
one specific antibody signature emerged that strongly inhibited V4 (Figure 5E). In fact, a
dominant antibody signature specific for the infecting strain was observed in all individual
ferrets after single infection (regardless of virus), although an additional minor antibody
signature may also be seen in some ferrets (Figure S3).

Ferrets infected by two or more strains consistently showed a polyclonal response,
with a specific antibody signature targeting the infection strains and a non-specific antibody
signature targeting other viruses in the panel (Figure 3F–H and Figure 5F–H). While
multiple infections often resulted in a single predicted antibody signature that strongly
inhibits all infection strains (Figure 5F,H), one triple infection resulted in a broad response
mediated by two distinct antibody signatures (Figure 5G: Switzerland 2013 and Hong Kong
2014 were strongly inhibited by the top antibody signature, while Texas 2012 was strongly
inhibited by the bottom signature). Multiple infections always resulted in OAS, since
any antibody signature that strongly inhibited a prior infection strain exhibited weaker
inhibition against V4 (i.e., V4 lies further from the center of the gray antibody circles than
the earlier infection strains, Figure 5F–H). Nevertheless, following the V1→V2→V3→V4
infections, ferrets developed antibodies that inhibited not only all four infection strains but
also the other H3 viruses in the panel, except Philippines 1982.

Taken together, these results suggest that prior exposures affect the antibody response,
but that a broadly neutralizing antibody signature can be induced by repeated exposures,
even in the presence of OAS.

5. Discussion

It is estimated that most humans are infected with influenza by the age of 3 and
continue to be reinfected by antigenically drifted strains every 5–10 years [38,39]. Given
the variability in infection histories and the stochastic processes involved in each specific
infection, it is exceedingly difficult to determine the composition of pre-existing immunity
and how it affects an individual’s antibody repertoire. Traditionally, antigenic cartography
recomputes the antigenic positions of viruses based on the inhibition capacity of sera used in
each study [3,6,14,40,41]. This does not take into account the relationships between viruses
inferred from previous studies and complicates efforts to map the antibody repertoire
within individual sera. In contrast, the newly developed Neutralization Landscapes uses
fixed virus coordinates (determined by a panel of well-defined monoclonal antibodies) to
characterize the polyclonal antibodies of the sera [29].

This framework utilizes serological assays to peer into the antibody response to
assess the number and inhibition profiles of the antibodies within. Such questions cannot
be directly addressed from serum measurements, yet they are crucial to resolve when
polyclonal serum is dominated by a single antibody signature (that can be highly susceptible
to virus escape mutants) versus multiple antibodies working together. Moreover, this
framework can assess the breadth and potency of the antibodies elicited by each virus
exposure, providing a vantage to study how preexisting immunity shapes the subsequent
antibody response.

These landscapes emphasize that knowing the cross-reactivity relationships between
viruses (i.e., the coordinates of each strain on the landscape) and a ferret’s infection history
is insufficient to fully predict the antibody response. Landscapes breaks this degeneracy
by using HAI titers to search through the space of antibody phenotypes and describes the
antibody signatures within sera.

In this study, we combined Neutralization Landscapes with a ferret reinfection model
to dissect the collective HAI antibody responses after repeated infections, and deciphered
the influence of prior exposures on de novo antibodies. Using four recent H3N2 vaccine
strains—Uruguay 2007 (V1) from the 2008 to 2010 seasons, Texas 2012 (V2) from 2013 to
2015, Switzerland 2013 (V3) from 2015 to 2016, and Hong Kong 2014 (V4) from 2016 to
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2018—we tracked ferret HAI antibody footprints after each step of the sequential infections
V1→V2→V3→V4 and mapped de novo HAI responses under four scenarios of prior
exposures (V4 alone, V3→V4, V2→V3→V4, and V1→V2→V3→V4). After two or more
infections, we found that the ferret antibody repertoire often contained at least one “specific”
antibody signature that strongly inhibited all infection strains, and at least one “non-
specific” antibody signature that weakly interacted with other H3 viruses in the panel.
Along each step of the exposures V1→V2→V3→V4, both the specific and non-specific
signatures tended to move closer to the infection strains. Eventually, a single cross-reactive
antibody signature emerged that potently inhibited all four infection strains and the rest
of the virus panel except Philippines 1982 (Figure 3H). These results are consistent with
the hypothesis that with each additional infection, antibodies are refocused on conserved
epitopes or structural regions across different infection strains [42–44].

In a classical immune response to the same antigen, the reaction from the primary
exposure is greatly magnified in subsequent encounters. OAS occurs upon exposure to
antigenically related viruses, where the response is skewed more heavily towards the earlier
infection strains than to the latest strain. While this OAS phenomenon has been suggested to
decrease vaccine effectiveness [9,18,27,45–47], seasonal vaccination can persistently extend
the number of strains that the human antibody repertoire potently inhibits even when
antibodies against earlier viruses are back-boosted [40]. In this study, we observed OAS
with each subsequent infection, regardless of the total number of exposures (Figure 3B–D
and Figure 5B–D). Despite the ubiquity of OAS, the cross-reactivity of ferret antisera
increased with each additional infection. Previously, we also demonstrated that repeated
A/H3 infections enhanced antibody avidity toward both early and later exposed viruses,
resulting in extended antibody cross-reactivity, despite the induction of OAS costs de novo
antibodies specific for contemporary viruses [6]. A recent study has also reported that
ferrets sequentially immunized with antigenically different recombinant H3 HAs develop
broadly neutralizing antibody responses and are more resistant to antigenically distinct
viruses [48]. In humans, seasonal vaccination can also persistently extend cross-reactive
antibody landscapes, especially with antigenically advanced vaccine strains, although
antibodies against early exposed viruses are back-boosted by seasonal vaccination as
well [40]. It is reported that both OAS and non-OAS antibodies originate from clonally
related B cells and target the same general regions of HA, although OAS antibodies bind
with low affinities [49]. Understanding the mechanisms that drive clonal selection of
non-OAS antibodies with broad cross-reactivity is crucial for next generation universal
influenza vaccine development.

In this study we also noticed that the inhibition profiles of ferret antibodies following
V1→V2 or V3→V4 infection were different, despite both schemes showing OAS. Antibodies
derived from V1→V2 infection strongly inhibited both V1 and V2 (Figure 3B,F), whereas
antibodies generated after V3→V4 infection produced a strong HAI response only against
V3 and a weak inhibition against V4 (Figure 5B,F). Since the first infection by V1 or V3
resulted in high homologous neutralizing titers (HAI ≥ 320) in all eight ferrets, we hy-
pothesize that the different outcomes for the subsequent infection are due to the antigenic
distance between the first and second infecting strains. In the neutralization landscapes, V1
(Uruguay 2007) and V2 (Texas 2012) are antigenically similar (within 0.6 antigenic units)
and, hence, resemble primary and secondary infections by nearly identical viruses, while
V3 (Switzerland 2013) and V4 (Hong Kong 2014) are separated by 4.6 antigenic units and
are analogous to infection by two distinct strains [29]. Further experiments are warranted
to verify whether similar antibody responses correlate with virus antigenic distances.

Of note, the Neutralization Landscapes in this study used fixed virus coordinates
that were pre-determined by human monoclonal antibodies, which may fundamentally
differ from those built on ferret antisera [29,37]. For example, Uruguay 2007 (V1) and
Texas 2012 (V2) are considered antigenically distinct by ferret antisera raised from a single
infection (Figures 3A and 4B), whereas these two strains are considered antigenically similar
and lie close together on the neutralization landscapes (Supplementary Figure S5) [3].
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These antigenic differences between human and ferret antibody-based characterizations
may arise because of differences between the HAI and neutralization assays, or because
humans have complex immune histories that imprint an antibody repertoire, whereas
reference ferret antisera are raised in naïve ferrets exposed to a single virus strain [3].
Moreover, some inconsistencies between the landscape titers and the measurements are
expected so to avoid overfitting the intrinsic noise of the HAI assay or the heterogeneous
responses between individual ferrets. Nevertheless, the full suite of HAI titers presented
on the neutralization landscapes shows an average two-fold error to the experimental
measurements (Figures 1B and 2C), demonstrating that the antigenic relationships among
the majority of the viruses in the panel are the same across humans and ferrets.

In summary, by tracking the changes in the inhibition profile of ferret antisera induced
by repeated influenza A/H3 infections, we demonstrated that a broadly neutralizing
antibody could be guided along the map after a series of infections. We further show that
prior immune history can heavily influence the ferret antibody repertoire. In ferrets exposed
to two or more viruses, a broadly neutralizing antibody signature that potently inhibited
all infection strains was, nevertheless, produced at the expense of de novo HAI antibodies
(Figure 3H). While our current work was focused on HA head-specific antibodies, it does
not consider antibodies directed towards the HA stem and neuraminidase that have also
been shown to exhibit OAS and may influence the dynamics of this system [50,51]. Hence,
complementing this framework with binding or neutralization landscapes would help to
resolve the head- versus stem-directed antibody response. Ongoing work will refine these
antibody trajectories across multiple infections and multiple regions of an influenza virus,
which will help to develop strategies that further expand the broadly neutralizing antibody
pool via vaccination to protect against emerging influenza strains.

Supplementary Materials: The following supporting information can be downloaded at: https:
//www.mdpi.com/article/10.3390/v15020374/s1, Figure S1: Hemagglutination inhibition (HAI)
responses in ferrets with sequential H3N2 infections; Figure S2: Tracing individual ferret responses
through four sequential infections; Figure S3: Tracing individual ferret responses with four dif-
ferent prior infection histories; Figure S4: Antibody repertoires from single infections of ferrets;
Figure S5: Comparing neutralization and HAI virus landscapes.

Author Contributions: H.X. conceived and designed the ferret study. M.K., P.R., H.X. and Y.-C.K.
conducted the ferret infection experiments. M.K., H.X., P.R. and H.J.K. performed the HAI assays.
T.E. conceived and designed Neutralization Landscapes. T.E., M.K. and H.X. analyzed the HAI data.
H.X., T.E. and M.K. wrote and finalized the paper. All authors have read and agreed to the published
version of the manuscript.

Funding: This work was supported in part by the intramural research fund of the Center for Biologics
Evaluation and Research, US Food and Drug Administration (to H.X.). Tal Einav is a Damon Runyon
Fellow supported by the Damon Runyon Cancer Research Foundation (DRQ 01-20).

Institutional Review Board Statement: Not Applicable.

Informed Consent Statement: Not Applicable.

Data Availability Statement: Raw HAI datasets generated in the study are available on request from
the corresponding author.

Conflicts of Interest: The authors declare no conflict of interest.

Disclaimer: The findings and conclusions in this article have not been formally disseminated by US
Food and Drug Administration and should not be construed to represent any Agency determination
or policy.

https://www.mdpi.com/article/10.3390/v15020374/s1
https://www.mdpi.com/article/10.3390/v15020374/s1


Viruses 2023, 15, 374 11 of 13

References
1. Belongia, E.A.; Kieke, B.A.; Donahue, J.G.; Greenlee, R.T.; Balish, A.; Foust, A.; Lindstrom, S.; Shay, D.K. Effectiveness of

inactivated influenza vaccines varied substantially with antigenic match from the 2004–2005 season to the 2006–2007 season.
J. Infect. Dis. 2009, 199, 159–167. [CrossRef] [PubMed]

2. Skowronski, D.M.; Janjua, N.Z.; De, S.G.; Sabaiduc, S.; Eshaghi, A.; Dickinson, J.A.; Fonseca, K.; Winter, A.L.; Gubbay, J.B.;
Krajden, M.; et al. Low 2012-13 influenza vaccine effectiveness associated with mutation in the egg-adapted H3N2 vaccine strain
not antigenic drift in circulating viruses. PLoS ONE 2014, 9, e92153. [CrossRef] [PubMed]

3. Xie, H.; Wan, X.F.; Ye, Z.; Plant, E.P.; Zhao, Y.; Xu, Y.; Li, X.; Finch, C.; Zhao, N.; Kawano, T.; et al. H3N2 Mismatch of 2014-15
Northern Hemisphere Influenza Vaccines and Head-to-head Comparison between Human and Ferret Antisera derived Antigenic
Maps. Sci. Rep. 2015, 5, 15279. [CrossRef]

4. Flannery, B.; Clippard, J.; Zimmerman, R.K.; Nowalk, M.P.; Jackson, M.L.; Jackson, L.A.; Monto, A.S.; Petrie, J.G.; McLean, H.Q.;
Belongia, E.A.; et al. Early estimates of seasonal influenza vaccine effectiveness—United States, January 2015. Morb. Mortal. Wkly.
Rep. 2015, 64, 10–15.

5. Treanor, J.J.; Talbot, H.K.; Ohmit, S.E.; Coleman, L.A.; Thompson, M.G.; Cheng, P.Y.; Petrie, J.G.; Lofthus, G.; Meece, J.K.; Williams,
J.V.; et al. Effectiveness of seasonal influenza vaccines in the United States during a season with circulation of all three vaccine
strains. Clin. Infect. Dis. 2012, 55, 951–959. [CrossRef] [PubMed]

6. Kosikova, M.; Li, L.; Radvak, P.; Ye, Z.; Wan, X.F.; Xie, H. Imprinting of Repeated Influenza A/H3 Exposures on Antibody
Quantity and Antibody Quality: Implications for Seasonal Vaccine Strain Selection and Vaccine Performance. Clin. Infect. Dis.
2018, 67, 1523–1532. [CrossRef]

7. Treanor, J. What Happens Next Depends on What Happened First. Clin. Infect. Dis. 2018, 67, 1533–1534. [CrossRef]
8. Henry, C.; Palm, A.E.; Krammer, F.; Wilson, P.C. From Original Antigenic Sin to the Universal Influenza Virus Vaccine. Trends

Immunol. 2018, 39, 70–79. [CrossRef]
9. Monto, A.S.; Malosh, R.E.; Petrie, J.G.; Martin, E.T. The Doctrine of Original Antigenic Sin: Separating Good From Evil. J. Infect.

Dis. 2017, 215, 1782–1788. [CrossRef]
10. Liu, F.; Tzeng, W.P.; Horner, L.; Kamal, R.P.; Tatum, H.R.; Blanchard, E.G.; Xu, X.; York, I.; Tumpey, T.M.; Katz, J.M.; et al. Influence

of Immune Priming and Egg Adaptation in the Vaccine on Antibody Responses to Circulating A(H1N1)pdm09 Viruses After
Influenza Vaccination in Adults. J. Infect. Dis. 2018, 218, 1571–1581. [CrossRef]

11. Andrews, S.F.; Kaur, K.; Pauli, N.T.; Huang, M.; Huang, Y.; Wilson, P.C. High preexisting serological antibody levels correlate
with diversification of the influenza vaccine response. J. Virol. 2015, 89, 3308–3317. [CrossRef] [PubMed]

12. Andrews, S.F.; Huang, Y.; Kaur, K.; Popova, L.I.; Ho, I.Y.; Pauli, N.T.; Henry Dunand, C.J.; Taylor, W.M.; Lim, S.; Huang, M.; et al.
Immune history profoundly affects broadly protective B cell responses to influenza. Sci. Transl. Med. 2015, 7, 316ra192. [CrossRef]
[PubMed]

13. Li, Y.; Myers, J.L.; Bostick, D.L.; Sullivan, C.B.; Madara, J.; Linderman, S.L.; Liu, Q.; Carter, D.M.; Wrammert, J.; Esposito, S.; et al.
Immune history shapes specificity of pandemic H1N1 influenza antibody responses. J. Exp. Med. 2013, 210, 1493–1500. [CrossRef]
[PubMed]

14. Xie, H.; Li, L.; Ye, Z.; Li, X.; Plant, E.P.; Zoueva, O.; Zhao, Y.; Jing, X.; Lin, Z.; Kawano, T.; et al. Differential Effects of Prior
Influenza Exposures on H3N2 Cross-reactivity of Human Postvaccination Sera. Clin. Infect. Dis. 2017, 65, 259–267. [CrossRef]
[PubMed]

15. Xie, H.; Jing, X.; Li, X.; Lin, Z.; Plant, E.; Zoueva, O.; Yang, H.; Ye, Z. Immunogenicity and cross-reactivity of 2009-2010 inactivated
seasonal influenza vaccine in US adults and elderly. PLoS ONE 2011, 6, e16650. [CrossRef] [PubMed]

16. Xie, H.; Li, X.; Gao, J.; Lin, Z.; Jing, X.; Plant, E.; Zoueva, O.; Eichelberger, M.C.; Ye, Z. Revisiting the 1976 “swine flu” vaccine
clinical trials: Cross-reactive hemagglutinin and neuraminidase antibodies and their role in protection against the 2009 H1N1
pandemic virus in mice. Clin. Infect. Dis. 2011, 53, 1179–1187. [CrossRef] [PubMed]

17. Linderman, S.L.; Chambers, B.S.; Zost, S.J.; Parkhouse, K.; Li, Y.; Herrmann, C.; Ellebedy, A.H.; Carter, D.M.; Andrews, S.F.;
Zheng, N.Y.; et al. Potential antigenic explanation for atypical H1N1 infections among middle-aged adults during the 2013–2014
influenza season. Proc. Natl. Acad. Sci. USA 2014, 111, 15798–15803. [CrossRef]

18. Choi, Y.S.; Baek, Y.H.; Kang, W.; Nam, S.J.; Lee, J.; You, S.; Chang, D.Y.; Youn, J.C.; Choi, Y.K.; Shin, E.C. Reduced antibody
responses to the pandemic (H1N1) 2009 vaccine after recent seasonal influenza vaccination. Clin. Vaccine Immunol. 2011,
18, 1519–1523. [CrossRef]

19. Sasaki, S.; He, X.S.; Holmes, T.H.; Dekker, C.L.; Kemble, G.W.; Arvin, A.M.; Greenberg, H.B. Influence of prior influenza
vaccination on antibody and B-cell responses. PLoS ONE 2008, 3, e2975. [CrossRef]

20. Zhang, A.; Stacey, H.D.; Mullarkey, C.E.; Miller, M.S. Original Antigenic Sin: How First Exposure Shapes Lifelong Anti-Influenza
Virus Immune Responses. J. Immunol. 2019, 202, 335–340. [CrossRef] [PubMed]

21. Francis, T., Jr. On the Doctrine of Original Antigenic Sin. Proc. Am. Philos. Soc. 1960, 104, 572–578.
22. McLean, H.Q.; Thompson, M.G.; Sundaram, M.E.; Meece, J.K.; McClure, D.L.; Friedrich, T.C.; Belongia, E.A. Impact of repeated

vaccination on vaccine effectiveness against influenza A(H3N2) and B during 8 seasons. Clin. Infect. Dis. 2014, 59, 1375–1385.
[CrossRef] [PubMed]

http://doi.org/10.1086/595861
http://www.ncbi.nlm.nih.gov/pubmed/19086915
http://doi.org/10.1371/journal.pone.0092153
http://www.ncbi.nlm.nih.gov/pubmed/24667168
http://doi.org/10.1038/srep15279
http://doi.org/10.1093/cid/cis574
http://www.ncbi.nlm.nih.gov/pubmed/22843783
http://doi.org/10.1093/cid/ciy327
http://doi.org/10.1093/cid/ciy330
http://doi.org/10.1016/j.it.2017.08.003
http://doi.org/10.1093/infdis/jix173
http://doi.org/10.1093/infdis/jiy376
http://doi.org/10.1128/JVI.02871-14
http://www.ncbi.nlm.nih.gov/pubmed/25589639
http://doi.org/10.1126/scitranslmed.aad0522
http://www.ncbi.nlm.nih.gov/pubmed/26631631
http://doi.org/10.1084/jem.20130212
http://www.ncbi.nlm.nih.gov/pubmed/23857983
http://doi.org/10.1093/cid/cix269
http://www.ncbi.nlm.nih.gov/pubmed/28369230
http://doi.org/10.1371/journal.pone.0016650
http://www.ncbi.nlm.nih.gov/pubmed/21304946
http://doi.org/10.1093/cid/cir693
http://www.ncbi.nlm.nih.gov/pubmed/21976461
http://doi.org/10.1073/pnas.1409171111
http://doi.org/10.1128/CVI.05053-11
http://doi.org/10.1371/journal.pone.0002975
http://doi.org/10.4049/jimmunol.1801149
http://www.ncbi.nlm.nih.gov/pubmed/30617114
http://doi.org/10.1093/cid/ciu680
http://www.ncbi.nlm.nih.gov/pubmed/25270645


Viruses 2023, 15, 374 12 of 13

23. Ohmit, S.E.; Petrie, J.G.; Malosh, R.E.; Fry, A.M.; Thompson, M.G.; Monto, A.S. Influenza vaccine effectiveness in households
with children during the 2012–2013 season: Assessments of prior vaccination and serologic susceptibility. J. Infect. Dis. 2015,
211, 1519–1528. [CrossRef] [PubMed]

24. Ohmit, S.E.; Thompson, M.G.; Petrie, J.G.; Thaker, S.N.; Jackson, M.L.; Belongia, E.A.; Zimmerman, R.K.; Gaglani, M.; Lamerato,
L.; Spencer, S.M.; et al. Influenza vaccine effectiveness in the 2011–2012 season: Protection against each circulating virus and the
effect of prior vaccination on estimates. Clin. Infect. Dis. 2014, 58, 319–327. [CrossRef]

25. Saito, N.; Komori, K.; Suzuki, M.; Morimoto, K.; Kishikawa, T.; Yasaka, T.; Ariyoshi, K. Negative impact of prior influenza
vaccination on current influenza vaccination among people infected and not infected in prior season: A test-negative case-control
study in Japan. Vaccine 2017, 35, 687–693. [CrossRef] [PubMed]

26. Rondy, M.; Launay, O.; Castilla, J.; Costanzo, S.; Puig-Barbera, J.; Gefenaite, G.; Larrauri, A.; Rizzo, C.; Pitigoi, D.; Syrjanen,
R.K.; et al. Repeated seasonal influenza vaccination among elderly in Europe: Effects on laboratory confirmed hospitalised
influenza. Vaccine 2017, 35, 4298–4306. [CrossRef]

27. Lewnard, J.A.; Cobey, S. Immune History and Influenza Vaccine Effectiveness. Vaccines 2018, 6, 28. [CrossRef] [PubMed]
28. Skowronski, D.M.; Chambers, C.; De Serres, G.; Sabaiduc, S.; Winter, A.L.; Dickinson, J.A.; Gubbay, J.B.; Fonseca, K.; Drews, S.J.;

Charest, H.; et al. Serial Vaccination and the Antigenic Distance Hypothesis: Effects on Influenza Vaccine Effectiveness During
A(H3N2) Epidemics in Canada, 2010–2011 to 2014-2015. J. Infect. Dis. 2017, 215, 1059–1099. [CrossRef] [PubMed]

29. Einav, T.; Creanga, A.; Andrews, S.F.; McDermott, A.B.; Kanekiyo, M. Harnessing Low Dimensionality to Visualize the Antibody-
Virus Landscape for Influenza. Nat. Comput. Sci. 2022. [CrossRef]

30. Whittle, J.R.; Zhang, R.; Khurana, S.; King, L.R.; Manischewitz, J.; Golding, H.; Dormitzer, P.R.; Haynes, B.F.; Walter, E.B.; Moody,
M.A.; et al. Broadly neutralizing human antibody that recognizes the receptor-binding pocket of influenza virus hemagglutinin.
Proc. Natl. Acad. Sci. USA 2011, 108, 14216–14221. [CrossRef]

31. Krause, J.C.; Tsibane, T.; Tumpey, T.M.; Huffman, C.J.; Basler, C.F.; Crowe, J.E., Jr. A broadly neutralizing human monoclonal
antibody that recognizes a conserved, novel epitope on the globular head of the influenza H1N1 virus hemagglutinin. J. Virol.
2011, 85, 10905–10908. [CrossRef] [PubMed]

32. Ekiert, D.C.; Kashyap, A.K.; Steel, J.; Rubrum, A.; Bhabha, G.; Khayat, R.; Lee, J.H.; Dillon, M.A.; O’Neil, R.E.; Faynboym,
A.M.; et al. Cross-neutralization of influenza A viruses mediated by a single antibody loop. Nature 2012, 489, 526–532. [CrossRef]
[PubMed]

33. Ohshima, N.; Iba, Y.; Kubota-Koketsu, R.; Asano, Y.; Okuno, Y.; Kurosawa, Y. Naturally occurring antibodies in humans can
neutralize a variety of influenza virus strains, including H3, H1, H2, and H5. J. Virol. 2011, 85, 11048–11057. [CrossRef] [PubMed]

34. Iba, Y.; Fujii, Y.; Ohshima, N.; Sumida, T.; Kubota-Koketsu, R.; Ikeda, M.; Wakiyama, M.; Shirouzu, M.; Okada, J.; Okuno, Y.; et al.
Conserved neutralizing epitope at globular head of hemagglutinin in H3N2 influenza viruses. J. Virol. 2014, 88, 7130–7144.
[CrossRef] [PubMed]

35. Kanekiyo, M.; Joyce, M.G.; Gillespie, R.A.; Gallagher, J.R.; Andrews, S.F.; Yassine, H.M.; Wheatley, A.K.; Fisher, B.E.; Ambrozak,
D.R.; Creanga, A.; et al. Mosaic nanoparticle display of diverse influenza virus hemagglutinins elicits broad B cell responses. Nat.
Immunol. 2019, 20, 362–372. [CrossRef]

36. Smith, D.J.; Lapedes, A.S.; de Jong, J.C.; Bestebroer, T.M.; Rimmelzwaan, G.F.; Osterhaus, A.D.; Fouchier, R.A. Mapping the
antigenic and genetic evolution of influenza virus. Science 2004, 305, 371–376. [CrossRef]

37. Creanga, A.; Gillespie, R.A.; Fisher, B.E.; Andrews, S.F.; Lederhofer, J.; Yap, C.; Hatch, L.; Stephens, T.; Tsybovsky, Y.; Crank,
M.C.; et al. A comprehensive influenza reporter virus panel for high-throughput deep profiling of neutralizing antibodies. Nat.
Commun. 2021, 12, 1722. [CrossRef]

38. Bodewes, R.; de Mutsert, G.; van der Klis, F.R.; Ventresca, M.; Wilks, S.; Smith, D.J.; Koopmans, M.; Fouchier, R.A.; Osterhaus,
A.D.; Rimmelzwaan, G.F. Prevalence of antibodies against seasonal influenza A and B viruses in children in Netherlands. Clin.
Vaccine Immunol. 2011, 18, 469–476. [CrossRef]

39. Kucharski, A.J.; Lessler, J.; Read, J.M.; Zhu, H.; Jiang, C.Q.; Guan, Y.; Cummings, D.A.; Riley, S. Estimating the Life Course of
Influenza A(H3N2) Antibody Responses from Cross-Sectional Data. PLoS Biol. 2015, 13, e1002082. [CrossRef] [PubMed]

40. Fonville, J.M.; Wilks, S.H.; James, S.L.; Fox, A.; Ventresca, M.; Aban, M.; Xue, L.; Jones, T.C.; Le, N.M.; Pham, Q.T.; et al. Antibody
landscapes after influenza virus infection or vaccination. Science 2014, 346, 996–1000. [CrossRef] [PubMed]

41. Fonville, J.M.; Fraaij, P.L.; de, M.G.; Wilks, S.H.; van, B.R.; Fouchier, R.A.; Rimmelzwaan, G.F. Antigenic Maps of Influenza
A(H3N2) Produced With Human Antisera Obtained after Primary Infection. J. Infect. Dis. 2015, 213, 31–38. [CrossRef] [PubMed]

42. Sahini, L.; Tempczyk-Russell, A.; Agarwal, R. Large-scale sequence analysis of hemagglutinin of influenza A virus identifies
conserved regions suitable for targeting an anti-viral response. PLoS ONE 2010, 5, e9268. [CrossRef]

43. Wong, T.M.; Allen, J.D.; Bebin-Blackwell, A.G.; Carter, D.M.; Alefantis, T.; DiNapoli, J.; Kleanthous, H.; Ross, T.M. Computationally
Optimized Broadly Reactive Hemagglutinin Elicits Hemagglutination Inhibition Antibodies against a Panel of H3N2 Influenza
Virus Cocirculating Variants. J. Virol. 2017, 91, e01581-17. [CrossRef] [PubMed]

44. Wu, K.W.; Chien, C.Y.; Li, S.W.; King, C.C.; Chang, C.H. Highly conserved influenza A virus epitope sequences as candidates of
H3N2 flu vaccine targets. Genomics 2012, 100, 102–109. [CrossRef] [PubMed]

45. Skowronski, D.M.; Chambers, C.; Sabaiduc, S.; De Serres, G.; Winter, A.L.; Dickinson, J.A.; Gubbay, J.B.; Drews, S.J.; Martineau, C.;
Charest, H.; et al. Beyond Antigenic Match: Possible Agent-Host and Immuno-epidemiological Influences on Influenza Vaccine
Effectiveness During the 2015-2016 Season in Canada. J. Infect. Dis. 2017, 216, 1487–1500. [CrossRef] [PubMed]

http://doi.org/10.1093/infdis/jiu650
http://www.ncbi.nlm.nih.gov/pubmed/25416812
http://doi.org/10.1093/cid/cit736
http://doi.org/10.1016/j.vaccine.2016.11.024
http://www.ncbi.nlm.nih.gov/pubmed/28043738
http://doi.org/10.1016/j.vaccine.2017.06.088
http://doi.org/10.3390/vaccines6020028
http://www.ncbi.nlm.nih.gov/pubmed/29883414
http://doi.org/10.1093/infdis/jix074
http://www.ncbi.nlm.nih.gov/pubmed/28180277
http://doi.org/10.1038/s43588-022-00375-1
http://doi.org/10.1073/pnas.1111497108
http://doi.org/10.1128/JVI.00700-11
http://www.ncbi.nlm.nih.gov/pubmed/21849447
http://doi.org/10.1038/nature11414
http://www.ncbi.nlm.nih.gov/pubmed/22982990
http://doi.org/10.1128/JVI.05397-11
http://www.ncbi.nlm.nih.gov/pubmed/21865387
http://doi.org/10.1128/JVI.00420-14
http://www.ncbi.nlm.nih.gov/pubmed/24719430
http://doi.org/10.1038/s41590-018-0305-x
http://doi.org/10.1126/science.1097211
http://doi.org/10.1038/s41467-021-21954-2
http://doi.org/10.1128/CVI.00396-10
http://doi.org/10.1371/journal.pbio.1002082
http://www.ncbi.nlm.nih.gov/pubmed/25734701
http://doi.org/10.1126/science.1256427
http://www.ncbi.nlm.nih.gov/pubmed/25414313
http://doi.org/10.1093/infdis/jiv367
http://www.ncbi.nlm.nih.gov/pubmed/26142433
http://doi.org/10.1371/journal.pone.0009268
http://doi.org/10.1128/JVI.01581-17
http://www.ncbi.nlm.nih.gov/pubmed/28978710
http://doi.org/10.1016/j.ygeno.2012.06.003
http://www.ncbi.nlm.nih.gov/pubmed/22698979
http://doi.org/10.1093/infdis/jix526
http://www.ncbi.nlm.nih.gov/pubmed/29029166


Viruses 2023, 15, 374 13 of 13

46. Smith, D.J.; Forrest, S.; Ackley, D.H.; Perelson, A.S. Variable efficacy of repeated annual influenza vaccination. Proc. Natl. Acad.
Sci. USA 1999, 96, 14001–14006. [CrossRef]

47. Yewdell, J.W.; Santos, J.J.S. Original Antigenic Sin: How Original? How Sinful? Cold Spring Harb. Perspect. Med. 2020, 11, a038786.
[CrossRef] [PubMed]

48. Chiba, S.; Hatta, M.; Pattinson, D.; Yasuhara, A.; Neumann, G.; Kawaoka, Y. Ferret model to mimic the sequential exposure of
humans to historical H3N2 influenza viruses. Vaccine 2022, 41, 590–597. [CrossRef]

49. Linderman, S.L.; Hensley, S.E. Antibodies with ‘Original Antigenic Sin’ Properties Are Valuable Components of Secondary
Immune Responses to Influenza Viruses. PLoS Pathog. 2016, 12, e1005806. [CrossRef]

50. Arevalo, C.P.; Le Sage, V.; Bolton, M.J.; Eilola, T.; Jones, J.E.; Kormuth, K.A.; Nturibi, E.; Balmaseda, A.; Gordon, A.; Lakdawala,
S.S.; et al. Original antigenic sin priming of influenza virus hemagglutinin stalk antibodies. Proc. Natl. Acad. Sci. USA 2020,
117, 17221–17227. [CrossRef]

51. Rajendran, M.; Nachbagauer, R.; Ermler, M.E.; Bunduc, P.; Amanat, F.; Izikson, R.; Cox, M.; Palese, P.; Eichelberger, M.; Krammer,
F. Analysis of Anti-Influenza Virus Neuraminidase Antibodies in Children, Adults, and the Elderly by ELISA and Enzyme
Inhibition: Evidence for Original Antigenic Sin. mBio 2017, 8, e02281-16. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

http://doi.org/10.1073/pnas.96.24.14001
http://doi.org/10.1101/cshperspect.a038786
http://www.ncbi.nlm.nih.gov/pubmed/31964645
http://doi.org/10.1016/j.vaccine.2022.12.005
http://doi.org/10.1371/journal.ppat.1005806
http://doi.org/10.1073/pnas.1920321117
http://doi.org/10.1128/mBio.02281-16

	Introduction 
	Materials and Methods 
	Viruses 
	Ferret Antisera 
	HAI Assay 

	Neutralization Landscapes and Decomposition of Ferret Antisera 
	Results 
	Validation of Neutralization Landscapes 
	Progression of HAI Responses Following Sequential Infections 
	Influence of Prior Influenza Exposures on De Novo Antibody Response 

	Discussion 
	References

