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Abstract:



The particle morphology and fabric of a granular soil influence its mechanical behavior. This study focuses on the evolution of the particle-level fabric and morphology of a uniformly graded sand sample subjected to one-dimensional compression up to 64 MPa. The microstructural changes with increased stresses were captured using in situ high-resolution X-ray computed tomography (X-ray CT) imaging. The processed images of particles were separated using the Monash Particle Separation Method (MPSM) for subsequent fabric and morphological analyses. The variations of various fabric parameters were studied using the separated particle volumes. New methods of assessing the morphology and crushability of particles were introduced including a comprehensive algorithm for determining coordination number, branch and contact normal vectors. Results of all fabric parameters were analyzed and discussed with reference to observed changes. Potential mechanisms were identified and relevant correlations were developed where warranted.
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1. Introduction


The macroscopic behavior of a granular soil subjected to loading is considered to be the reflection of its microscopic response, which is predominantly controlled by soil fabric [1,2]. Soil fabric, which consists of the spatial arrangement of pores, particles and particle groups, experiences continual changes due to load-induced deformation [3,4,5]. The fabric of soil can be described collectively by scalar (void and particle size, coordination number, branch vector length) and vector (particle and void orientation, branch and contact normal vectors) parameters. The influence of soil fabric on the strength and deformation properties of soils have been investigated [5,6,7,8,9,10].



The orientation of the contact normals parallel to the maximum principal stress in the strain hardening stage and a deviated orientation inside the shear zone were reported. Fabric anisotropy derived from the contact normals was found to increase up to the peak stress and then to decrease to a nearly constant value [9]. On the other hand, the mean value of the coordination number of particles was found to be related to the mean value of the void ratio of the assembly [11,12,13]. The standard deviation of the coordination number was linked to the heterogeneity of the fabric, where Hasan & Alshibli [12] reported lesser values of coordination number inside the shear zone compared to the values observed outside the shear zone. Moreover, the void ratios within and outside the shear zones were found to be considerably different from the final void ratio calculated using the global measurements [12,14,15]. The morphology of the particles (sphericity, roundness, surface roughness) is another important factor, which influences the soil fabric [1,16,17,18]. Therefore, an in-depth investigation into the morphology and fabric of soils is of utmost concern in pursuit of linking them to laboratory measured strength and deformation properties.



High stress conditions (c. 350 MPa) can be encountered in many geotechnical applications (deep well shaft, heavy earth dam, blast loading, deep driven pile), which may cause supporting granular soils to crush and develop new fabric and morphology [19,20,21,22]. Particle crushing, consisting of surface grinding, asperity breakage and particle splitting, is associated with applied stress levels [21,23,24,25,26]. A range of methods including experimental, analytical and numerical have been implemented to examine the response of sands under such high stresses [20,21,23,24,25,26,27,28,29,30,31]. However, the integration of modern high-resolution imaging modalities (X-ray, neutron and synchrotron tomography) to conventional geotechnical laboratory experiments is still challenging owing to the large sample sizes and inherent complexities associated with quantitative image analysis (i.e., limitations of segmentation and separation methods, large data handling time, limited fabric analyses tools). Some other techniques (e.g., shear wave velocity measurement) can also be used to assess the fabric anisotropy of soils [32,33].



The best possible separation outcome of granular particles subjected to external mechanical stresses is essential for an accurate morphological and fabric analysis [17]. The routinely used marker-controlled watershed separation method has been found to be inadequate in separating particles compressed one-dimensionally under high stresses [34]. The authors introduced the Monash Particle Separation Method (MPSM) based on a cluster analysis-marker-controlled watershed framework to overcome the particle separation issues involved with high stresses and crushing of particles [34]. It is envisaged that the MPSM would enable a positive outcome for morphological and fabric analyses of granular soils, which is one of the prime objectives of this paper.



Moreover, some recent articles reported results of fabric analysis by discarding smaller-sized particles (50–60 μm), which may evolve from the crushing of particles under high stresses [25,35] and others by accepting the errors [36]. This class of analysis may have a significant effect on both the scalar and vector parameters representing the granular fabric. Therefore, an improved method for analyzing the fabric of granular soils containing particles of smaller sizes is presented.



This paper investigates the evolution of fabric of sand particles subjected to insitu one-dimensional compression loading up to 64 MPa using X-ray computed tomography (X-ray CT). This load range would allow an in-depth study of granular soil fabric and morphology, where a significant challenge with the separation of particles including generation of fine particles from crushing is highly anticipated. Results of various particle-level fabric parameters were analyzed and appropriate correlations were sought where warranted.




2. Materials and In Situ Imaging


Bulk sand samples (medium to very dense, sub-rounded to rounded particles of fine to coarse sizes with uniform to poor gradations) were collected from 13 m depth of the basement excavation for the new Learning and Teaching Building, Monash University, Clayton Campus, Australia. Locally the sands are known as Red Bluff Sands (RBS) of the Brighton group consisting of quartz minerals with trace amounts of iron oxides [37,38]. The collected sand sample was initially wet-sieved using a 75 µm sieve [39] and the retained mass was oven dried for 24 h prior to sieving with 300 and 150 µm sieves [39]. In this study, the sand particles finer than 300 µm sieve and coarser than 150 µm sieve were selected. The average specific gravity of the quartz sand particles measured using a Multipycnometer [40] was 2.65.



A dry mass of sands of 0.30 g was poured from a height of about 15 mm using a small funnel into a newly designed double-walled (carbon fiber reinforced polymer (CFRP) inner wall and aluminum outer wall) compression cell of 8 mm of internal diameter. A solid rod and base made from CFRP were used as the load plunger and base support respectively. More details on the cell can be found elsewhere [34]. A mild vibration was applied to the cell to achieve a final height of 3.75 mm, which corresponded to an initial dry density of 1613.60 kg/m3 and void ratio of 0.64. The whole set up was then placed onto a CT5000 load-stage of 5 kN capacity [41], controlled by MICROTEST (V6.13) software [42] for insitu imaging using the Zeiss Xradia 520 Versa (Xradia, Pleasanton, CA, USA). The compressive load [43] was applied by the upward movement of the bottom platen of the load-stage at a rate of 0.1 mm/min. When the stress reached the desired level, the load was paused and the setup was left for about 30 min to stabilize prior to the imaging. The stress levels selected for this investigation were 0, 8, 16, 32 and 64 MPa (Figure 1). These stresses were selected to capture enough data points near the vicinity of the particle crushing stress [23,44]. The scanning was performed using source-energy and -power of 140 keV and 10 W respectively at 12 µm pixel size by rotating the load-stage 360° around its vertical axis. A total of 1601 projections were taken from which the required three-dimensional greyscale volume was automatically reconstructed using the XRM Reconstructor [45].


Figure 1. e-log σ’v plot for the specimen consisting of RBS particles tested under one-dimensional compression (Φ: diameter; e0: initial void ratio; CFRP: carbon fiber reinforced polymer).
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3. Post-Processing of Images


All images were post-processed using a commercially available image processing software, Avizo [46]. A cylindrical subvolume of 7.04 mm diameter and 2.84 mm height was selected for image analysis (Figure 1). A non-local means filter [46,47] was applied prior to image segmentation. The filtered image volume was then subjected to interactive thresholding by using the intensity threshold value obtained from averaging the threshold values of entropic [46,48,49], factorization [46,50], moment-preserving [46,51] and IsoData [46] methods. The segmented binary image data of the sand volumes were used for further analyses.




4. Particle-Level Fabric Analysis


4.1. Separation of Particles


In order to achieve the best possible separation outcome of the sand particles subjected to loading, the binary volumes were separated using the two-stage Monash Particle Separation Method (MPSM) [34]. Stage one determined the optimal contrast coefficient (h) to be used as an input in the routine marker-controlled watershed method [52,53] based on Calinski-Harabasz [54,55] and Davies-Bouldin [55,56] cluster evaluation criteria. The optimal contrast coefficient [34] for all image volumes was found to be unity (Figure 2). Stage two of the MPSM was implemented to particles, which remained unseparated after the stage one. In this stage, the clustering by Gaussian mixture models [55,57] was used to create cuboid markers for each unseparated particles, which were subsequently integrated to the watershed method for separating particles. Single disconnected voxels (maximum 0.0037% by volume) were removed from the separated volumes for subsequent analyses.


Figure 2. Variation of cluster evaluation criteria values with contrast coefficients (h-values) at different vertical stresses (square marked h-value represents the optimal condition; NL: No-load).
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4.2. Morphology of Particles


The morphological change of particles was investigated by determining the sphericity (Sp = volume-equivalent sphere’s surface area/surface area of the particle) [58] and convexity (Cx = particle volume/volume of the convex hull). Both sphericity and convexity are measures of compactness of a particle, which are sensitive to both form and roundness [59]. Sphericity calculation was performed in Avizo [46], while convexity was determined using MATLAB [55]. The theoretical values of both sphericity and convexity cannot be greater than unity. However, calculations based on the centroids of voxels may result in erroneous values when the voxel centroids lie on a single line (Figure 3a) or a single plane (Figure 3b). This could happen mostly for smaller-sized particles consisting of few voxels, which may evolve as a result of crushing of particles under high stresses. Therefore, avoidance of such small particles from the morphological analysis may not be appropriate. In this study, resampling of the volumes containing particles of diameter less than or equal to 60 µm was performed in Avizo by dividing a voxel into 8 equal voxels (Figure 3c). Sphericity calculation of the resampled image data produced an excellent sphericity result compared to the non-resampled data (Figure 3d). In addition, for convexity calculation, dividing the particle volume calculated from all of its voxels with the convex volume based on voxel centroids is not justified. Therefore, for all particles, convexity was calculated based on corner points of voxels rather than centroids as shown in Figure 3.


Figure 3. Reasons of erroneous morphological parameters and the proposed solutions: (a) voxel centroids on a single line; (b) voxel centroids on a single plane; (c) resampling; (d) comparison of sphericity results for 64 MPa (red and blue circular markers represent voxel centroids and voxel corners respectively).
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4.3. Coordination Number, Branch and Contact Normal Vectors


The contact voxels between particles were determined by subtracting the binary volume of the separated particles from the binary volume of the unseparated particles (Figure 4a–d). The binary volume containing the contact voxels (Figure 4c) and the labeled volume of the separated particles were exported to MATLAB, where the voxel IDs of the 26 neighborhood of each contact voxel were determined from the separated labeled particle data. Although it is expected that a contact voxel will have only two unique label IDs (except zero) in its 26 neighborhood, very few voxels were found to have more than two IDs, which were discarded. The resultant data was filtered for unique numbers except zero, which was used to identify a contact voxel containing the two unique IDs of the particles that were connected by the contact voxel. The data was then again filtered for unique combinations of 2 particle IDs and searched for the number of particle IDs connected to a specific particle ID, which determined the particle’s coordination number (Figure 4e). The label IDs of the particles, which were in contact with a specific labelled particle were extracted and branch vectors were determined by connecting the centroid of that particle and the centroids of the particles in contact. Subsequently, the branch vectors were converted to unit vectors (Figure 4f) for directional fabric analyses.


Figure 4. Demonstration of steps involved in determining coordination number, branch vector and contact normal vector: (a) unseparated binary particles; (b) separated binary particles; (c) contact voxels; (d) particles with contact voxels; (e) coordination numbers (yellow-1, green-2, blue-3, red-4); (f) branch vectors; (g) contact normal vectors.



[image: Materials 11 00919 g004]






The contact voxels having a specific combination of 2 particle IDs were extracted along with their coordinates. A point cloud object was created with those voxel points and their centroid (centroid is the mean of the points) using the intrinsic MATLAB class “pointCloud” [55]. Subsequently, the contact normal vector was calculated at the centroid of those points using the MATLAB built-in function “pcnormals“ by considering all of the points as the neighboring points [55,60]. A contact normal vector could not be found for a single contact voxel [9]. The entire process of developing the code is depicted in Figure 5.


Figure 5. Algorithm flowchart of the code for determining coordination number (CN), branch vector (BV) and contact normal vector (CNV).



[image: Materials 11 00919 g005]






The algorithm was initially tested on three regular-shaped aluminum blocks with a simple configuration (Figure 6a–c). As shown in Figure 6a, the contact voxels (red color) between the cylinder and the bottom (flat) cuboid were not properly rendered by Avizo, however, the actual contact surface was rightly shown in Figure 6c as plotted in MATLAB. For the fabric tensor and distribution density calculations, an opposite unit vector was assigned to every contact normal vector as shown in Figure 4g [61].


Figure 6. Validation of the code for determining coordination number, branch vector and contact normal vector: (a) three regular-shaped aluminum blocks in contact, (b) branch vectors, (c) contact normal vectors.
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4.4. Fabric Tensors and Distribution Densities


Directional data consisting of particle orientations, branch vectors and contact normal vectors (in terms of unit vectors) were analyzed for fabric tensors and distribution densities. The direction of the major inertia axis (long-axis) of a particle was used to define its orientation which could be extracted as a unit vector from Avizo [46]. In this study, the fabric tensors as described by Kanatani [62] were used. The 4th order approximation of the distribution density (termed as F4-DD) function as defined by Equation (1) was used to represent the intricate distributions of the directional data. In order to find the directional preference of the fabric, an Eigen decomposition was performed on the fabric tensor of the 1st kind of rank 2 as described by Kanatani [62].


[image: ]



(1)




where Fijkl is the fabric tensor of the 2nd kind of rank 4 [62].




4.5. Crushability of Particles from Contact Normal Vectors


An attempt was made to identify the presence of a strong force chain [26,63,64] from the distribution density of contact normal vectors, which is responsible for particle crushing. A cuboid region of interest (ROI) of 2.84 mm height along the loading direction (i.e., vertical) was formed around a particle by maintaining a fixed distance of 4 times the voxel size from the extreme points of the particle boundary (Figure 7). Contact normal vectors within this ROI were determined (Figure 7b) and the 4th order distribution densities of those vectors were calculated. The maximum value of the distribution density along the loading direction was divided by the minimum value of the two maximum values along the other two axes to define a parameter named as the ‘distribution density ratio (DDR)’. The combined effect of the distribution density and DDR was evaluated to identify the presence of a strong force chain affecting the crushability of a small number of particles. The extension of the ROI to 4 times the voxel size was selected based on the analysis considering the ROI extent up to 10 times, which produced DDR values matching the crushability of particles.


Figure 7. Finding contact normal vectors within a selected region of interest (ROI) around a particle: (a) XY view of a particle with the ROI; (b) 3D view of a particle with the contact normal vectors in the ROI.
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5. Results and Discussion


5.1. Particle Size Distributions and Morphological Parameters


Figure 8 shows the evolution of particle size distributions with increasing vertical stresses based on widely used frequencies and volumes of particles using the routine watershed method with optimum contrast coefficient (h = 1) (Figure 8a,b) and the MPSM (Figure 8c,d). Theoretically, the particle size distributions of the soil volume containing crushed particles should lie above the initial distribution curve due to the generation of fines unless the maximum possible separation of particles is not achieved. The particle size distributions for large-sized particles (zoom-in views of Figure 8a,b) clearly do not follow right trends, particularly noticeable at higher stresses (64 MPa). The presence of relatively coarser fractions could be a result of inaccurate separation of particles using the routine watershed method. The same particle volumes were separated using the MPSM, which resulted in superior particle size distributions (zoom-in views of Figure 8c,d). Therefore, all subsequent morphological and fabric parameters were calculated from the particle volumes separated by the MPSM only.


Figure 8. Particle size distributions of RBS particles at different vertical stresses based on: (a,b) the routine watershed separation method, (c,d) the Monash Particle Separation Method (MPSM).
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As expected, particle size distribution curves after 8 MPa gradually shifted toward the smaller size ranges due to crushing of particles with increasing vertical stresses [21,23,25,30,34,65]. No damage of particles was noticed at 8 MPa stress and a very insignificant damage was noticed at 16 MPa, indicating the crushing stress to be very close to 14 MPa (Figure 1) as reported by Nakata et al. [23] and Al Mahbub & Haque [44]. Significant damage to particles including major splitting occurred under stresses of 32 and 64 MPa, which exceeded the crushing stress. It is also noticeable that particles larger than 240 μm did not experience severe damage even at 64 MPa, which could have resulted from the uniform boundary stresses provided by the smaller particles around them [30].



The two morphological parameters (sphericity and convexity) for all separated particles are plotted in Figure 9. As expected, both the parameters did not show any noticeable variations up to 8 MPa stress (Figure 9a,b,f,g). However, a continuous increase of the size of the black-shaded areas toward the smaller size range of particles after 8 MPa stress was encountered (Figure 9c–e,h–j) due to the progressive crushing of particles with increasing vertical stresses. The newly generated particles after 8 MPa were less spherical and less convex than the original particles as indicated by the leftward shift of their distributions (Figure 10), which is in-line with other outcomes [25,35]. However, at 64 MPa, particles with higher convexity values (Cx > 0.8) were observed to increase (Figure 10b), which could be due to some kind of surface smoothening as reported by Altuhafi & Coop [25] and Al Mahbub & Haque [44]. The analysis also showed that most of the particles with convexity values larger than 0.8 existed in the lower range of particle sizes (Figure 9j). A close inspection of the image volumes revealed that the smaller size particles of few voxels lying on a single line or a single plane resulted in higher convexity values with lower sphericity values. A decreasing trend of median values of the sphericity and convexity parameters with increasing vertical stresses (post-crushing stage) was observed in this study (Figure 11a), which was also reported by Zhao et al. [35]. A plot of the convexity vs. sphericity values of all particles for the stress-range tested (Figure 11b) showed an acceptable correlation (R2 = 0.734) when compared with other researchers [35,36].


Figure 9. Shape parameters of RBS particles at different vertical stresses: (a–e) sphericity; (f–j) convexity.
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Figure 10. Distributions of shape parameters of RBS particles at different vertical stresses: (a) sphericity, (b) convexity.
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Figure 11. (a) Median values of shape parameters of RBS particles at different vertical stresses, (b) Correlation between sphericity and convexity of RBS particles (Line 1—Zhao et al. [35], Line 2—Fonseca et al. [36], Line 3—this study).
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5.2. Particle Long-Axis Orientations


The orientations of particles’ long-axes in XY, XZ and YZ planes along with their distribution densities for all applied stresses are plotted in Figure 12. The initial (no-load) orientations of particles (Figure 12a–d) showed a greater horizontal bias (perpendicular to the loading direction) resulting from the packing of particles under the action of gravity [8]. Moreover, some particles were found to have their major axes nearly vertical, which could have been occurred from the inclusion of cut-portion of particles in the subvolume analyzed. The dominance of horizontally biased orientations continued up to 32 MPa (Figure 12e–p) thereafter a vertical bias appeared at 64 MPa (Figure 12q–t). The severe crushing of particles at 64 MPa led to particles splitting [26] as evidenced in Figure 13.


Figure 12. Particle orientations at different vertical stresses for RBS particles (F4-DD: 4th order approximation of distribution density).
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Figure 13. Crushing of RBS particles with increasing vertical stresses: (a) no-load; (b) 8 MPa; (c) 16 MPa; (d) 32 MPa; (e) 64 MPa.
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5.3. Particle Coordination Numbers


The coordination number of a particle plays a vital role in its crushing behavior, which has also been confirmed by discrete element method [64,66]. Figure 14 shows the distributions of the coordination number of particles with their sizes at different vertical stresses (no-load, 8, 16, 32 and 64 MPa). In general, the coordination number was found to increase with the increase of particle size and applied stress (Figure 14a–e). An insignificant proportion (0.55–1.46% by number) of smaller particles was found to have a coordination number of zero up to 32 MPa and a relatively high proportion of 5.69% at 64 MPa (Figure 14f), which could be linked to unavoidable image noises, boundary effects, and minor errors in the marker-controlled watershed separation method. The number of unstable particles with coordination number less than 4 [11] remained almost unchanged (≈7%) up to 32 MPa, after which the number of unstable particles increased noticeably (≈11%) due to the severe crushing of particles at 64 MPa. The coordination number distributions with various stresses showed a gradual rightward shift indicating an overall increase of coordination number with the increase of vertical stresses (Figure 14f). The observed exponential variations of coordination number with particle sizes at various stresses could be correlated using an equation in the form of CN = a.expb.S, where a, b are constants, CN is coordination number and S is particle size in µm (Figure 15a). The data centroid locations plotted on Figure 14 and Figure 15a showed a gradual leftward and upward shift indicating the crushing and increase of coordination number of particles due to increasing vertical stresses. Interestingly, the value of the ”b“ parameter for the soil and stress-range investigated showed almost a constant value (0.0078–0.0085), which could be related to the narrow variations of median values of morphological parameters of sand particles (Figure 11a). However, the “a” parameter showed a noticeable change of values from 0.9987 to 1.8978 with increasing stresses. The variation of “a” parameter was found to linearly increase with the increase of vertical stress and decrease with the reduction of the void ratio (Figure 15b).


Figure 14. Coordination number of RBS particles at different vertical stresses: (a) No-load; (b) 8 MPa; (c) 16 MPa; (d) 32 MPa; (e) 64 MPa; (f) distributions of coordination number (X marks represent data centroids).
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Figure 15. (a) Correlation between particle size and coordination number at different vertical stresses for RBS particles; (b) Correlation between parameter “a”, vertical stress and void ratio of RBS particles.
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This study also found a good correlation between the void ratio (e) and average coordination number (CNave) in the form of e = c.exp−d.CNave (Figure 16), which fitted reasonably well within the upper and lower bound relationships of Hasan & Alshibli [12] and Fonseca et al. [13] respectively. Figure 17 shows a complete picture of the underlying micromechanics of particle crushing by combining the variations of coordination number with particle size distributions at various stresses. It is interesting to note that the coordination number only increased for particles larger than or equal to 240 μm, below which the distribution curves shifted outward with increasing stresses. This means that particles larger than or equal to 240 μm did not undergo severe damages due to the support provided by many neighboring crushed fragments [30].


Figure 16. Correlation between average coordination number and void ratio of RBS particles (Line 1—Hasan & Alshibli [12], Line 2—Fonseca et al. [13], Line 3—this study).
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Figure 17. Particle size dependent distributions of coordination number for RBS particles at different vertical stresses: (a) view-1; (b) view-2 (180° rotation of view-1).
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The interplay between coordination number and particle size has been further explained by tracking particles from the pre-crushing stress (8 MPa) and post-crushing stress (32 MPa). Eight particles of different sizes and coordination numbers were selected randomly (Figure 18a,j). It was very difficult to track corresponding particles at 64 MPa because of severe crushing. In the selected particle group, particle-3, 4 and 5 (Figure 18a,d–f) had the same coordination number of 10 at 8 MPa, but the smallest of them (particle-3) did not crush at 32 MPa (Figure 18m) because of being stronger [23,24] than the other two, which crushed (Figure 18n,o). Another important factor affecting the crushing of particles is their relative positions with respect to the loading piston position, where a particle close to the piston would have a greater chance of crushing assuming the size and coordination number are the same [26]. Particle-6 and 7 of nearly equal size had the same coordination number of 12 (Figure 18g,h) at 8 MPa, but particle-6 underwent crushing at 32 MPa (Figure 18p) due to its position near to the loading piston. Particle-3 and 6 (Figure 18d,g) were similar in size, but particle-6 crushed due to its position closer to the loading piston although it had higher coordination number (Figure 18m,p). Particle-2 and 8 (Figure 18c,i) had nearly the same size, but particle-2 crushed (Figure 18l) because of its lower coordination number (CN = 8) compared to particle-8 (CN = 14) (Figure 18r). Both particle-1 and 4 underwent crushing (Figure 18k,n) because they were very close to each other and crushing of any one of them instigated the crushing of the other one [26]. Because of this neighboring particle influence, particle-1 crushed (Figure 18k) although it was smaller and had the same coordination number (CN = 8) compared to particle-2 (Figure 18c).


Figure 18. Relation between coordination number and crushing of particle: (a) YZ view of selected particles at vertical stress of 8 MPa; (b–i) zoom-in views with coordination numbers and sizes of particles 1 to 8 respectively at 8 MPa; (j) YZ view of corresponding particles at vertical stress of 32 MPa; (k–r) zoom-in views of particles 1 to 8 respectively at 32 MPa.
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5.4. Branch and Contact Normal Vectors


Figure 19 and Figure 20 show the evolution of branch and contact normal vectors respectively in XY, XZ and YZ planes along with their distribution densities with the increase of vertical stress. It is clear that there was no significant preferred orientation of the fabric of branch vectors (i.e., nearly isotropic). However, the lengths of the branch vectors gradually decreased at post-crushing stresses (≥16 MPa) as shown in Figure 21a due to the crushing of particles, which resulted in a reduction of particle size, also observed by Fonseca et al. [13]. Strong proportional correlations existed between the average branch vector length (BVLave) and void ratio (e), BVLave and mean diameter of particles (d50) as shown in Figure 21b.


Figure 19. Branch vectors of RBS particles at different vertical stresses (F4-DD: 4th order approximation of distribution density).
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Figure 20. Contact normal vectors of RBS particles at different vertical stresses (F4-DD: 4th order approximation of distribution density).
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Figure 21. (a) Distributions of branch vector length of RBS particles at different vertical stresses; (b) Correlation between average branch vector length (BVLave), void ratio and mean diameter of RBS particles.
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Unlike branch vectors, contact normal vectors showed great horizontal and vertical biases at all vertical stresses (Figure 20). The vertical bias of contact normal vectors resulting from the formation of load columns in the loading direction is expected as has been reported by others [5,6,7,8,9]. However, the horizontal bias as observed under one-dimensional compression could also be possible due to the lateral confinement. The Eigen decomposition of the 1st kind-rank 2 fabric tensor [62] derived from the contact normal vectors resulted in a preferred direction of 3.73° from the horizontal plane (XY plane) at no-load condition. Interestingly, this angle became 63.45° when the stress increased to 8 MPa indicating the formation of strong vertical load columns in the system. This vertical bias continued up to 32 MPa, after which the angle became 8.14° at 64 MPa indicating again horizontal bias. At 64 MPa, many nearly vertical fractures were observed (Figure 13e), some of which might not fully separate the crushed fragments and some of which were just single or two voxels in width. Therefore, contact voxels might be found when watershed lines passed through those fractures resulting in nearly horizontally biased contact normal vectors. Many contact normal vectors at 32 and 64 MPa were found oriented in the directions between horizontal and vertical resulting in the bulged geometric shapes of distribution density compared to other stresses as evidenced in Figure 20m–t.




5.5. Effect of DDR on the Crushing Potential of Particles


Figure 22 presents the contact normal vectors within the ROI (Figure 7) for the eight particles considered in Figure 18 at 8 MPa. Careful observation of these vectors confirms that most of the vectors were nearly oriented toward the vertical loading direction for particle-1, 2, 4, 5 and 6, which crushed at 32 MPa. There were many horizontally biased contact normal vectors for particle-3, 7 and 8, which did not crush. The relatively dominant vertical bias of the contact normal vectors manifesting strong force chains could be responsible for crushing of particles, a phenomenon also successfully demonstrated with the help of discrete element modeling [26]. For further clarification, the distribution densities (F4-DD) for the contact normal vectors within the ROIs were calculated and are shown in Figure 23. The shapes of the distribution densities of the crushed particles were predominantly vertically biased with distribution density ratios (DDR) greater than unity except that of particle-2. Particle-2 is an elongated particle (Figure 18c), which made it vulnerable to crushing. Based on the limited analyses carried out, it can be hypothesized that DDR could be an important parameter for studying the crushability of particles.


Figure 22. Contact normal vectors within selected regions of interest around particles at vertical stress of 8 MPa (numbers with black background represent the particle IDs of Figure 18; red regions represent the particles’ positions).
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Figure 23. 4th order approximation of distribution density for contact normal vectors within selected regions of interest around particles at vertical stress of 8 MPa (numbers with black background represent the particle IDs of Figure 18).
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6. Conclusions


A one-dimensional compression test on a uniformly graded silica sand sample was conducted up to a vertical stress of 64 MPa and insitu X-ray computed tomography imaging was performed to capture the microstructural changes of soils. The image data was comprehensively analyzed for the particle-level morphology and fabric of granular soils, where the Monash Particle Separation Method (MPSM) played a significant role in separating the particles. The outcomes of the fabric analyses are summarized below:

	
The MPSM was capable of separating the granular particles subjected to high stress levels, whereas the routine marker-controlled watershed method failed to produce the maximum separation outcomes. The particle size distributions showed no/insignificant damaged particles in the pre-crushing stress range (<16 MPa) whereas major damage including splitting was noticed in the post-crushing stress range (≥16 MPa).



	
The proposed resampling of image data for the smaller-sized particles, whose voxel centroids might lie on a single line or a plane, was found to produce meaningful sphericity values (≤1), which otherwise been ignored for morphological analysis. In general, the morphological parameters (sphericity and convexity) showed significant changes in the post-crushing stress-range due to the creation of smaller-sized particles of smaller sphericity and convexity values. The median values of the convexity and sphericity were observed to decrease with the increase of vertical stresses. This study found a linear relationship between the convexity and sphericity values.



	
A comprehensive algorithm for determining the coordination number, branch and contact normal vectors of particles was developed. This study found a dominant horizontally biased orientation of particles’ long-axes up to 32 MPa, thereafter a vertical bias appeared at 64 MPa as a result of many nearly vertical splitting of particles. In general, the coordination number was found to increase with the increase of particle size and applied stress. A good correlation between the void ratio and the average coordination number was observed.



	
The micromechanics of particle crushing was described by combining the variations of coordination number with particle size distributions at various stresses, where an increase of coordination number for particles ≥240 µm was observed due to the additional support provided by the newly created particles as a result of crushing. The crushing potential of particles was explained with the help of coordination number, particle size and position relative to loading piston.



	
The evolution of branch vectors under one-dimensional compression was found to be nearly isotropic with a gradual decrease of length in the post-crushing stress range (≥16 MPa). A strong correlation was evident between average branch vector length and void ratio, and mean diameter of particles. The contact normal vectors, on the other hand, showed significant horizontal and vertical biases at all stress levels investigated. Analysis of 1st kind-rank 2 fabric tensors showed a significant shift of the orientation of contact normal vectors from the horizontal at no-load to nearly vertical (i.e., formation of load columns) up to 32 MPa, thereafter again horizontal bias at 64 MPa.



	
This study reports an innovative way of assessing the crushing potential of a particle by determining the distribution density of contact normal vectors around that particle. In general, prior to crushing, the distribution densities were predominantly vertically biased for crushed particles with distribution density ratios exceeding unity.








The outcomes of this study provide valuable insights of the evolution of particle-level morphology and fabric of granular soils subjected to one-dimensional compression. However, the void fabric, another important component of the granular fabric, requires equal attention. The authors are in the process of developing a new 3D scan-line method for studying the void fabric, which will be addressed in a separate paper.







Author Contributions


A.H. designed the new one-dimensional compression cell for insitu X-ray CT imaging. A.H. and M.F.A. acquired the X-ray CT images. M.F.A. accomplished image post-processing, development of methodologies including the algorithm and code in MATLAB and all subsequent analyses. The manuscript was written by M.F.A., A.H. and P.G.R. All authors reviewed the final manuscript.




Funding


This research received no external funding.




Acknowledgments


The Australian Research Council Linkage Infrastructure and Equipment Fund (LE130100006) for establishing the X-ray Microscopy Facility for Imaging Geo-materials (XMFIG) at the Department of Civil Engineering, Monash University, Melbourne, Victoria 3800, Australia is acknowledged. The Department of Education and Training of Australian Government is acknowledged for the Endeavour Postgraduate Scholarship (Ph.D.) awarded to the first author. The authors also acknowledge the financial support provided to A.H. by the Department of Civil Engineering Research Fund in the preparation of the publication.




Conflicts of Interest


The authors declare no conflict of interest.




References


	1. 
Mitchell, J.K.; Soga, K. Fundamentals of Soil Behavior, 3rd ed.; John Wiley & Sons, Inc.: Hoboken, NJ, USA, 2005; ISBN 978-0-471-46302-3. [Google Scholar]

	2. 
Brewer, R. Fabric and Mineral Analysis of Soils; John Wiley & Sons, Inc.: New York, NY, USA, 1964; pp. 129–158. [Google Scholar]

	3. 
Arthur, J.R.; Menzies, B.K. Inherent anisotropy in a sand. Géotechnique 1972, 22, 115–128. [Google Scholar] [CrossRef]

	4. 
Oda, M. Initial fabrics and their relations to mechanical properties of granular material. Soils Found. 1972, 12, 17–35. [Google Scholar] [CrossRef]

	5. 
Oda, M. The mechanism of fabric changes during compressional deformation of sand. Soils Found. 1972, 12, 1–18. [Google Scholar] [CrossRef]

	6. 
Oda, M. Deformation mechanism of sand in triaxial compression tests. Soils Found. 1972, 12, 45–63. [Google Scholar] [CrossRef]

	7. 
Oda, M. Stress-induced anisotropy in granular masses. Soils Found. 1985, 25, 85–97. [Google Scholar] [CrossRef]

	8. 
Fonseca, J.; O’Sullivan, C.; Coop, M.R.; Lee, P.D. Quantifying the evolution of soil fabric during shearing using directional parameters. Géotechnique 2013, 63, 487–499. [Google Scholar] [CrossRef]

	9. 
Druckrey, A.M.; Alshibli, K.A.; Al-Raoush, R.I. 3D characterization of sand particle-to-particle contact and morphology. Comput. Geotech. 2016, 74, 26–35. [Google Scholar] [CrossRef]

	10. 
Imseeh, W.H.; Druckrey, A.M.; Alshibli, K.A. 3D experimental quantification of fabric and fabric evolution of sheared granular materials using synchrotron micro-computed tomography. Granul. Matter 2018, 20, 24. [Google Scholar] [CrossRef]

	11. 
Oda, M. Co-ordination number and its relation to shear strength of granular material. Soils Found. 1977, 17, 29–42. [Google Scholar] [CrossRef]

	12. 
Hasan, A.; Alshibli, K.A. Experimental assessment of 3D particle-to-particle interaction within sheared sand using synchrotron microtomography. Géotechnique 2010, 60, 369–379. [Google Scholar] [CrossRef]

	13. 
Fonseca, J.; O’Sullivan, C.; Coop, M.R.; Lee, P.D. Quantifying the evolution of soil fabric during shearing using scalar parameters. Géotechnique 2013, 63, 818–829. [Google Scholar] [CrossRef]

	14. 
Desrues, J.; Chambon, R.; Mokni, M.; Mazerolle, F. Void ratio evolution inside shear bands in triaxial sand specimens studied by computed tomography. Géotechnique 1996, 46, 529–546. [Google Scholar] [CrossRef]

	15. 
Alshibli, K.A.; Hasan, A. Spatial variation of void ratio and shear band thickness in sand using X-ray computed tomography. Géotechnique 2008, 58, 249–257. [Google Scholar] [CrossRef]

	16. 
Cho, G.-C.; Dodds, J.; Santamarina, J.C. Particle shape effects on packing density, stiffness, and strength: Natural and crushed sands. J. Geotech. Geoenviron. Eng. 2006, 132, 591–602. [Google Scholar] [CrossRef]

	17. 
Alshibli, K.A.; Druckrey, A.M.; Al-Raoush, R.I.; Weiskittel, T.; Lavrik, N.V. Quantifying morphology of sands using 3D imaging. J. Mater. Civ. Eng. 2015, 27, 04014275. [Google Scholar] [CrossRef]

	18. 
Alshibli, K.A.; Jarrar, M.F.; Druckrey, A.M.; Al-Raoush, R.I. Influence of particle morphology on 3D kinematic behavior and strain localization of sheared sand. J. Geotech. Geoenviron. Eng. 2017, 143, 04016097. [Google Scholar] [CrossRef]

	19. 
Murphy, D.J. Stress, degradation, and shear strength of granular material. In Geotechnical Modeling and Applications; Sayed, S.M., Ed.; Gulf Publishing Co.: Houston, TX, USA, 1987; pp. 181–211. ISBN 0872017877. [Google Scholar]

	20. 
Yamamuro, J.A.; Bopp, P.A.; Lade, P.V. One-dimensional compression of sands at high pressures. J. Geotech. Eng. 1996, 122, 147–154. [Google Scholar] [CrossRef]

	21. 
Lade, P.V.; Yamamuro, J.A.; Bopp, P.A. Significance of particle crushing in granular materials. J. Geotech. Eng. 1996, 122, 309–316. [Google Scholar] [CrossRef]

	22. 
Miura, N. Point Resistance of Piles in Sand. In Proceedings of the Eleventh International Conference on Soil Mechanics and Foundation Engineering (ICSMFE); San Francisco, CA, USA, 12–16 August 1985, Balkema: Rotterdam, The Netherlands, 1985; pp. 1445–1448. [Google Scholar]

	23. 
Nakata, Y.; Hyodo, M.; Hyde, A.; Kato, Y.; Murata, H. Microscopic particle crushing of sand subjected to high pressure one dimensional compression. Soils Found. 2001, 41, 69–82. [Google Scholar] [CrossRef]

	24. 
Takei, M.; Kusakabe, O.; Hayashi, T. Time-dependent behavior of crushable materials in one-dimensional compression tests. Soils Found. 2001, 41, 97–121. [Google Scholar] [CrossRef]

	25. 
Altuhafi, F.N.; Coop, M.R. Changes to particle characteristics associated with the compression of sands. Géotechnique 2011, 61, 459–471. [Google Scholar] [CrossRef]

	26. 
Cil, M.B.; Alshibli, K.A. 3D evolution of sand fracture under 1D compression. Géotechnique 2014, 64, 351–364. [Google Scholar] [CrossRef]

	27. 
Terzaghi, K.; Peck, R.B. Soil Mechanics in Engineering Practice; John Wiley & Sons, Inc.: New York, NY, USA, 1948. [Google Scholar]

	28. 
De Souza, J.M. Compressibility of Quartz Sand at High Pressure. Master’s Thesis, Massachusetts Institute of Technology, Cambridge, MA, USA, 1958; pp. 63–64. [Google Scholar]

	29. 
Lee, D.-M. The Angles of Friction of Granular Fills. Ph.D. Thesis, University of Cambridge, Cambridge, UK, 1992. Available online: https://www.repository.cam.ac.uk/handle/1810/252312 (accessed on 1 May 2018). [Google Scholar]

	30. 
McDowell, G.R.; Bolton, M.D. On the micromechanics of crushable aggregates. Géotechnique 1998, 48, 667–679. [Google Scholar] [CrossRef]

	31. 
Coop, M.R.; Lee, I.K. The Behaviour of Granular Soils at Elevated Stresses. In Predictive Soil Mechanics, Proceedings of the Wroth Memorial Symposium, Oxford, UK, 1993; Houlsby, G.T., Schofield, A.N., Eds.; Thomas Telford: London, UK, 1993; pp. 186–198. Available online: https://www-icevirtuallibrary-com.ezproxy.lib.monash.edu.au/doi/full/10.1680/psm.19164.0012 (accessed on 2 March 2018).

	32. 
Kang, X.; Bate, B. Shear wave velocity and its anisotropy of polymer modified high-volume class-F fly ash–kaolinite mixtures. J. Geotech. Geoenviron. Eng. 2016, 142, 04016068. [Google Scholar] [CrossRef]

	33. 
Wang, Y.H.; Mok, C.B. Mechanisms of small strain shear-modulus anisotropy in soils. J. Geotech. Geoenviron. Eng. 2008, 134, 1516–1530. [Google Scholar] [CrossRef]

	34. 
Alam, M.F.; Haque, A. A new cluster analysis-marker-controlled watershed method for separating particles of granular soils. Materials 2017, 10, 1195. [Google Scholar] [CrossRef] [PubMed]

	35. 
Zhao, B.; Wang, J.; Coop, M.R.; Viggiani, G.; Jiang, M. An investigation of single sand particle fracture using X-ray micro-tomography. Géotechnique 2015, 65, 625–641. [Google Scholar] [CrossRef]

	36. 
Fonseca, J.; O’Sullivan, C.; Coop, M.R.; Lee, P.D. Non-invasive characterization of particle morphology of natural sands. Soils Found. 2012, 52, 712–722. [Google Scholar] [CrossRef]

	37. 
Kenley, P.R. Brighton Group-Geology. In Engineering Geology of Melbourne, Proceedings of the Seminar on Engineering Geology of Melbourne, Melbourne, Victoria, Australia, 16 September 1992; Peck, W.A., Neilson, J.L., Olds, R.J., Seddon, K.D., Eds.; Balkema: Rotterdam, The Netherlands, 1992; pp. 191–196. ISBN 90-5410-0834. [Google Scholar]

	38. 
Chandler, K.R. Brighton Group-Engineering Properties. In Engineering Geology of Melbourne, Proceedings of the Seminar on Engineering Geology of Melbourne, Melbourne, Victoria, Australia, 16 September 1992; Peck, W.A., Neilson, J.L., Olds, R.J., Seddon, K.D., Eds.; Balkema: Rotterdam, The Netherlands, 1992; pp. 197–203. ISBN 90-5410-0834. [Google Scholar]

	39. 
AS 1152-1993. Specification for Test Sieves; Standards Australia. 1993. Available online: https://www-saiglobal-com.ezproxy.lib.monash.edu.au/PDFTemp/osu-2018-02-12/7658163008/1152.PDF (accessed on 12 February 2018).

	40. 
Quantachrome Instruments. Multipycnometer; Quantachrome Instruments: Boynton Beach, FL, USA, 2011. [Google Scholar]

	41. 
Deben UK Ltd. CT5000; Deben UK Ltd.: Suffolk, UK, 2013. [Google Scholar]

	42. 
Deben UK Ltd. MICROTEST (V6.13); Deben UK Ltd.: Suffolk, UK, 2013. [Google Scholar]

	43. 
AS 1289.6.6.1-1998. Determination of the One-Dimensional Consolidation Properties of a Soil-Standard Method; Standards Australia. 1998. Available online: https://www-saiglobal-com.ezproxy.lib.monash.edu.au/online/Script/OpenDoc.asp?name=AS+1289%2E6%2E6%2E1%2D1998&path=https%3A%2F%2Fwww%2Esaiglobal%2Ecom%2FPDFTemp%2Fosu%2D2017%2D03%2D01%2F9773910904%2Fs661%2Epdf&docn=stds000021517 (accessed on 1 March 2016).

	44. 
Al Mahbub, A.; Haque, A. X-ray computed tomography imaging of the microstructure of sand particles subjected to high pressure one-dimensional compression. Materials 2016, 9, 890. [Google Scholar] [CrossRef] [PubMed]

	45. 
Xradia. XMReconstructor-Cone Beam-10; Xradia: Pleasanton, CA, USA, 2011. [Google Scholar]

	46. 
FEI Visualizations Sciences Group. Avizo 9.1.1; FEI Visualizations Sciences Group: Hillsboro, OR, USA, 2016. [Google Scholar]

	47. 
Buades, A.; Coll, B.; Morel, J.-M. A Non-Local Algorithm for Image Denoising. In Proceedings of the IEEE Computer Society Conference on Computer Vision and Pattern Recognition (CVPR’05), San Diego, CA, USA, 20–25 June 2005. [Google Scholar] [CrossRef]

	48. 
Pun, T. Entropic thresholding, a new approach. Comput. Graph. Image Process. 1981, 16, 210–239. [Google Scholar] [CrossRef]

	49. 
Kapur, J.N.; Sahoo, P.K.; Wong, A. A new method for gray-level picture thresholding using the entropy of the histogram. Comput. Vis. Graph. Image Process. 1985, 29, 273–285. [Google Scholar] [CrossRef]

	50. 
Otsu, N. A thresholding selection method from grayscale histogram. IEEE Trans. Syst. Man Cybern. 1979, 9, 62–66. [Google Scholar] [CrossRef]

	51. 
Tsai, W.H. Moment-preserving thresholding: A new approach. Comput. Vis. Graph. Image Process 1985, 29, 377–393. [Google Scholar] [CrossRef]

	52. 
Meyer, F.; Beucher, S. Morphological segmentation. J. Vis. Commun. Image Represent. 1990, 1, 21–46. [Google Scholar] [CrossRef]

	53. 
Soille, P. Morphological Image Analysis: Principles and Applications, 2nd ed.; Corrected 2nd Printing; Springer: Berlin/Heidelberg, Germany, 2004; ISBN 978-3-642-07696-1. [Google Scholar]

	54. 
Caliński, T.; Harabasz, J. A dendrite method for cluster analysis. Commun. Stat. 1974, 3, 1–27. [Google Scholar] [CrossRef]

	55. 
MathWorks. MATLAB 2017b; MathWorks: Natick, MA, USA, 2017. [Google Scholar]

	56. 
Davies, D.L.; Bouldin, D.W. A cluster separation measure. IEEE Trans. Pattern Anal. Mach. Intell. 1979, 1, 224–227. [Google Scholar] [CrossRef] [PubMed]

	57. 
McLachlan, G.; Peel, D. Finite Mixture Models; John Wiley & Sons, Inc.: New York, NY, USA, 2000; ISBN1 0-471-00626-2. Available online: http://onlinelibrary.wiley.com.ezproxy.lib.monash.edu.au/book/10.1002/0471721182 (accessed on 19 June 2016)ISBN2 0-471-00626-2.

	58. 
Wadell, H. Volume, shape, and roundness of rock particles. J. Geol. 1932, 40, 443–451. [Google Scholar] [CrossRef]

	59. 
Barrett, P.J. The shape of rock particles, a critical review. Sedimentology 1980, 27, 291–303. [Google Scholar] [CrossRef]

	60. 
Hoppe, H.; DeRose, T.; Duchamp, T.; McDonald, J.; Stuetzle, W. Surface Reconstruction from Unorganized Points. In Proceedings of the SIGGRAPH’92, 19th Annual Conference on Computer Graphics and Interactive Techniques, Chicago, IL, USA, 27–31 July 1992; ACM: New York, NY, USA, 1992; pp. 71–78. [Google Scholar] [CrossRef]

	61. 
Shertzer, R.H. Fabric Tensors and Effective Properties of Granular Materials with Application to Snow. Ph.D. Thesis, Montana State University, Bozeman, MT, USA, 2011. Available online: http://scholarworks.montana.edu/xmlui/bitstream/handle/1/2264/ShertzerR0811.pdf?sequence=1&isAllowed=y (accessed on 12 October 2016). [Google Scholar]

	62. 
Kanatani, K.-I. Distribution of directional data and fabric tensors. Int. J. Eng. Sci. 1984, 22, 149–164. [Google Scholar] [CrossRef]

	63. 
Cundall, P.A.; Strack, O. A discrete numerical model for granular assemblies. Géotechnique 1979, 29, 47–65. [Google Scholar] [CrossRef]

	64. 
Muir Wood, D. Critical State and Soil Modelling. In Deformational Characteristics of Geomaterials, Proceedings of the Fourth International Symposium on Deformation Characteristics of Geomaterials, Atlanta, GA, USA, 22–24 September 2008; Burns, S.E., Mayne, P.W., Santamarina, J.C., Eds.; IOS Press: Amsterdam, The Netherlands, 2008; pp. 51–72. [Google Scholar]

	65. 
Hardin, B.O. Crushing of soil particles. J. Geotech. Eng. 1985, 111, 1177–1192. [Google Scholar] [CrossRef]

	66. 
Muir Wood, D. Geomaterials with Changing Grading: A Route towards Modelling. In Geomechanics and Geotechnics of Particulate Media, Proceedings of the International Symposium on Geomechanics and Geotechnics of Particulate Media, Ube, Japan, 12–14 September 2006; Hyodo, M., Murata, H., Nakata, Y., Eds.; CRC Press, Taylor & Francis Group: London, UK, 2006; pp. 313–325. [Google Scholar]























































© 2018 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access article distributed under the terms and conditions of the Creative Commons Attribution (CC BY) license (http://creativecommons.org/licenses/by/4.0/).






media/file13.jpg
h=284mm

D =4 X Voxel size
Y

(a) (b)





media/file4.png
Davies-Bouldin value, DBV

1.5 -

---m---DBV-NL ---e¢---DBV-8

——-&---DBV-16 ---¥--- DBV-32
---@---DBV-64 ---m--- CHV-NL
~--4---CHV-8  ---&--- CHV-16

---¥--- CHV-32 ---@--- CHV-64

Contrast coefficient, h

Calinski-Harabasz value, CHV x 109





media/file39.jpg





media/file18.png
Sphericity, S,

Convexity, C,

Particle size, S (pm)

Particle size, S (um)

0

25 05 075 1

No-load 8 MPa 16 MPa 32 MPa 64 MPa

0 025 05 075 1 0 D25 85 0 1 0 82 05 45 1 0 05 05 075 1

-y

=

=
I

400 .

-l

=

=
1

400 -






media/file21.jpg
Median value

09

05

20 40

—e— Spheriiy
- 8- Convexty

o 80

Vertical stress, o; (MPa)

(@

Convexity, G,

075

05

025

Line 1
Line2

—nes

~Nodoad -8MPa
~32MPa -64MPa

16MPa

025

05

Sphericiy, S,
()

075





media/file44.png
Y

Lo
o

._" "y e
<) “
=

5000 4500
(um)

oA
U -
Tatn e

Vs

¥,
)

,,,,,,

L g

Ve =
Al/

-t
Iy

X(prm) Y (um)

4500 4+
8800 820
Y{pm)

X(pm)
(e)

n75m}~ Vet ‘

7000 o HE

0 70007900

8opg 8900
X(pm) - Y(um)

-----

4500 43

7500
X(pm) Y{pm)

(f)

4500 .-

7soo-~; i3
. k"

7000 of ik

,,,,

.....

o

7000 4200 4800

(@)

7500

7500 i+

R X [
7000 i

6500 i

Z(pm)

6000 ;i X7 e

5500 ;i3

5000 o:

4500 o
7000500

X(um) Y(um)

n 7500 ~- o

X(pm)

7000 _‘i_ .

4500 :“5..

5800
X(um)  Y(um)

.......
[

.....
-

8000
X(um)





media/file26.png





media/file7.jpg
(©

2pm)

©





media/file28.png
Coordination number, CN Coordination number, CN

Coordination number, CN

25

N
o

-
(&)

-h
o

3y}

25

20

25

20

0

100 200 300
Particle size, S (um)

(a)

400

400

200
Particle size, S (um)

(e)

300

400

25

Z 2 1
52 ]
.8 - o o
E 15 y oo o
- | - 0 Moo
[ = o OO0 E——T O
= O — O
9 g (T ———
© 10 A CT—
E 1 00 O DX —
i e
8 " D OO ——
o 5 :‘ m|_ulu
0 O COODDE— O
MR OO0 (O
0 L) L} L] L
0 100 200 300 400
Particle size, S (um)
(b)
25
z o
O o o
‘q') o znmm:g °
e} CXTO—
e 15 O Oeoe—
>
= [ (O
= 0 )
k= e
-E omo
o O S O -
8 5 Dm LI O
0.1—-—--—.- T T
0 100 200 300 400
Particle size, S (um)
(d)
100 -
| No load
] ——8MPa
80 A é
N 1 ) — 16 MPa
o 1 @ —32 MPa
B g0 5
= 4 = — 64 MPa
; ~
7] - ©
E 1 &8 o, CN=0" CN<4*
8 w3
[ 1 & No-load 05504 7.2867
e 15 8MPa 05969 6.9677
20 J 16 MPa 0.8825 7.2882
i 32 MPa 1.4586 7.5886
- 1 64 MPa 56864 109838
| * in percent
0 -
0 5 10 g L5 20 25
Coordination number, CN
(f)





media/file10.png
Unseparated binary
volume of particles

Subtracting

Separated binary
volume of particles

Contact voxels with
coordinates of
centroids (M2)

v

Voxel
centroids’
coordinates of
labelled

contact voxel in M2 (A)

volume of

v

particles (M1)

Forming matrix with rows
of only 2 nonzero IDs (B)

v

Finding rows having same
2 IDs and assigning a
unique combination for

those rows (C)

\4

v

Forming matrix having only

unique combinations
without repetitions (D)

v

v

CNs of
particles

CN of particle ID, | = No. of

rows having | in 1St and 2
columns of Matrix D

/

Determining 26 neighbour
voxel IDs from M1 of each

v

BVs of
particles

/
=

Determining vectors
connecting centroids of

particles in each row of D

v

Finding voxel coordinates
from M2 for each
combination in rows of D
from row indices of C
having the combination

v

Determining CNV forming
point cloud object

va

Centroids

of particles

(M3)

CNVs of
particles

/






media/file11.jpg
(@

*4m

X(um)






media/file6.png
0O Before resampling

1.5 - A After resampling

1:25 +

—_—
1

0.755

Sphericity, Sp
o
(93}

0.25

10 20 30 40 50 60 70
Particle size, S (um)

(d)






media/file36.png





media/file15.jpg
h=1

Percent iner

100

Percent finer

w©

»

Frequency-based

Percent iner

&

3

o w0
Partice size, S (um)

@

Percent iner

100

Paricle size, S (um)

®

0 0 w0
Partice size, S (um)

©

00 w0
Paricl size, S (um)

@





nav.xhtml


  materials-11-00919


  
    		
      materials-11-00919
    


  




  





media/file2.png
Void ratio, e

0.7

- [0 Scan
M €, = 0.64
06 - ---B~~
ﬂ\
\\
0.5 - N
CFRP Load
04 - Aluminum Subvolume Sand
0.3 -
. O
0.2 - -::'E
O
011 T2 &
XY:D=7.04mm XZ&YZ:7.04x2.84 mm?
0 v L L) T rrri rrm
1 10 100

Vertical stress, o, (MPa)





media/file23.jpg
oo {0 (0





media/file24.png
No-load

8 MPa

16 MPa

32 MPa

64 MPa






media/file29.jpg
Coordination number, CN

%

15

0

o -
=aexp’ BuPa Devs.a Acivs.a
— a=09097. b-00085 —— 16 MPa =
RI=07518  ——32mPa
— 2=1.0%03, b=0.0084 —— 64 WPa 08
Re=0.7454
— a1.1597, b-0.0082 08 /
Re=07449
o | e=016730407087
4535, b=00078 go4 R=0.0807
Re=07165 i
— a=1.0978,b=00080 X 3
RoC07ads e
Shiftof the 02
centroid o
01 0, =66.93-63.464
R?=0.9807
o .
100 20 %0 o8 12 16 2
Partcle size, S (ym) a
(@ ®)

Vertical stress, o, (MPa)





media/file1.jpg
Void ratio, e

0.5 4

0.4 1

0.3 4

024

0.1

C‘FRP Load
Subvolume Sand

L _
XY: ®=7.04mm XZ&YZ:7.04x2.84 mm?*

0+
1

10 100

Vertical stress, o', (MPa)





media/file12.png
3600 pm

10000

Y(um) 05 1 Y(um) s X(um)

(a) (b) (c)





media/file9.jpg
vone 108 fom M1 o
coniact v i M2 (A)

T

Forming i win rows
ooty 2nonzoro s (B

3

Fiang ows havng same.
2103 s assgnng &
i comtinaion for
hose ows (6]

1

Forming maix g ooy
ko combinaions
wihod repotions (D)

¥

O ofpare 0, 1o o
rowshavng i 1*and 2

P Mt
Chis of 1
paricios Detarminng vecos Coniros
comectng canvads of_[4—] of pricles
paricios i 05ch row el D o)

1

Bveot
parces

Fiving voel coonates
rom N for e
combiationin rows oD
Trom row ot of C

Paving thocombinaton
1

Determing CNV oy onvaol

ot cowt oot paricies






media/file42.png
Percent smaller

100

80

60

40

20

No load
——38 MPa

— 16 MPa
—232 MPa
— 64 MPa

100 200 300 400 500
Branch vector length, BVL (pm)
(a)

0.7 1e =0.0099BVL,,. - 1.9513 -
R2=0.9901
06 -
05 - i
@
S 0.4 -
© i
2 g3 - Oe vs. BVLave
=il
- Adso vs. BVLave
0.2 -
'l-‘ =
0.1 - d., = 0.5673BVL_,_+ 10121
Rz =0.9832
240 250 260 270

BVL,,e (HM)
(b)

255

2560

245

240

235

Mean diameter, de, (Hm)





media/file38.png
3
o
o
=z

16 MPa

32 MPa

64 MPa






media/file17.jpg
‘Sphericity, S,

Convexity, €,

-

parce s, 8 Gm)

No-doad

BMPa

|
|

:

4

©






media/file30.png
Coordination number, CN

25 -

bs Mo-load
CN =a.exp 3 MP3a

] = a=09987 b=0.0085 —— 16 MPa
20 - R2=0.7516 — 32 MPa

] = a=1.0303, b=0.0084 ——64 MPa

. R2 = 0.7454
15 ] = a=1.1537, b=0.0082

. R2 = (.7449

1 — a=1.4535 b=0.0078

_ R2=07165
10 { == a=1.8978 b=0.0080

[ R2 = 0.7346

i Shift of the
2 ) centroid
[I T T T T T T T T T T T T T T 1

0 100 200 300

Particle size, S (pm)

(a)

Oevs.a Agyvs.a

b s - 80
0.6 -
0.5 - [
o e=-0.1673a + 0.7987
,_g_ 0.4 - R? =0.9897
© L 40
b = |
*E DEI' "
=
0:2 =
17 Uv' = 66.93a - 63 464
R2 = 0.9897
{] ﬁ T T T T D
0.8 1.2 1.6 2

(b)

Vertical stress, o, (MPa)





media/file35.jpg
©:2i5um  ©:28ym  ©:2um  ©:28um
oN:e ) cN 10 oN
) © @

7

@

©:20ym  0:240um  ©:280um

on:z N1z oNite
® o

A0
§[eB






media/file27.jpg
10 U voamapoa)

H

L






media/file3.jpg
---¢---DBV-8
~=--%=-=- DB
---8--- CHV-NL

---m--- DBV-NL
---a---DBV-16
---8--- DBV-64

--—¢---CHV-8
--=%==- CHV-32

V-32

90l x AHO ‘@njeA zseqeieH-pjsulled

3

---k--- CHV-16
~---@--- CHV-64

15
0.9

A€Qd ‘anjeA uip|nog-saineq

Contrast coefficient, h





media/file22.png
Median value

0.9

o
o

0.5

—6— Sphericity
- H1- Convexity

20 40

60 80

Vertical stress, o, (MPa)

(a)

Convexity, Cy

0.75

o
o

0.25

- No-load -8 MPa
-32 MPa -64 MPa

- 16 MPa

0.25

0.5
Sphericity, Sp

(b)

0.75





media/file19.jpg
Percent smaller

100

0

E

100

—e—olond —e—Noad
——awPn —e—sMPa
—e—toMPa 80 —s—1omPa
——x2mPa —o—32MPa
——saMPa —e—saMPa

20

02 04 08 08 1 o o2 04 06 08 1
Sphericity, 5, Conveity, C.
@) (®)





media/file40.png
No-load






media/file33.jpg
16 MPa

i
g
i /





media/file32.png
Void ratio, e

O
©

O
oo

o
N

O
o

o
o

o
~

Average coordination number, CN_,





media/file14.png
> X

/ ROI

v D=4 XVoxel size
Y

(a)

-

—",
7

Contact normal
vector TN

2.84 mm

n's






media/file41.jpg
07 70 =0.0099BVL,,, - 1.9513 256

st
o8
T
05 20§
5 3
3 o J
§ e
H b Govs BVl
1 \ s BV 3
H 02 \ s §
01]  dgm0swrsev e 10121
prry
ot
W A . R
Branchvectrength, BVL () BVLon i)

(a) (b)





media/file37.jpg





media/file46.png
1 4

1 -

DDR=1.4836

DDR 0.9634

(b)

DDR -1.3432

-" L]
a1 I.|II. 1
o 5y
LT

DDR—‘1 3817

(c) (d)

1 -






media/file45.jpg





media/file16.png
Frequency-based Volume-based

100 ] ————————-... . 3 10017 ... .
....... : :
80 1 80 1
£ 60 1 £ 60
@ Q
= 2 40 4 No-load 8 MPa € 40 . No-load 8 MPa
& 32 MPa 8 ——— 16 MPa 32 MPa
——64 MPa
20 A 20 A
0 - —— 0 S—— —
10 100 400 10 100 400
Particle size, S (um) Particle size, S (um)
(a) (b)
1009 —m08 100 1 —mmm———--... :
80 A 80 A
§ 60 - :‘g_’ 60 -
5 = =
& S S No-load 8 MP
E — J — J O-l0a a
S 01 __i6mpa g 16 MPa 32 MPa
—— 64 MPa { ——64 MPa
20 A 20 A
0 - y—r— 0 ——————r y——r—
10 100 400 10 100 400
Particle size, S (um) Particle size, S (um)

(c) (d)





media/file20.png
Percent smaller

1085 —— No-load

1 —&—8 MPa
80 4 —©—16MPa
—— 32 MPa
= 64 MPa
60 -

40 -

20 -

Sphericity, Sp
(a)

0 0.2 0.4 0.6

Percent smaller

100

80

60

40

20

—8— No-load
—&— 8 MPa

= 16 MPa
—8— 32 MPa
=@ 64 MPa

- = - ES - - - -~ -

0.2 0.4 0.6 0.8

Convexity, Cx
(b)





media/file5.jpg
©

Before resampling

aAfier resampling

10 20 % 4 %0 6
Particle size, S (um)

@

Ll





media/file31.jpg
Void ratio, e
o o o o o
[$,] [« ~ (e ©

I
~

Average coordination number, CN,,,





media/file25.jpg





media/file0.png





media/file8.png
7400 .-

7000 §.-

8000

Y(um)

E :
N 7200 g

7500

(e)

E
7400

7800
600

X(um)

7400 £+

Z(pm)

7000 §. -

8000 T e 8000 o
2 7800

7600A7800 7600
Y(um) 7900 7400 yumy  Ym) 7500 7400 y(m)

(f) (9)





media/file43.jpg
0 T
xim) Vi)






media/file34.png
— MNo-lpad — 8 MPa =—

= 32MPa == 64 MPa

100 ..
gl g2
o s I::'rff s
@ e PR
£ 60 . ]ﬁ{ﬂf;ﬁ;ﬁﬂ |
- SR 11T
5 a0 |t N
S W
.".‘ i -l'-:‘...,, L

& 20 {7 P

04

0

16 MPa

Percent smaller

= No-load = 8 MPa
== 32 MPa = 64MPa

= 16 MPa






