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Abstract: The health and safety of lithium-ion batteries are closely related to internal parameters. The
rapid development of electric vehicles has boosted the demand for online battery diagnosis. As the
most potential automotive battery diagnostic technology, AC impedance spectroscopy needs to face
the problems of complex test environment and high system cost. Here, we propose a DC impedance
spectroscopy (DCIS) method to achieve low-cost and high-precision diagnosis of automotive power
batteries. According to the resistance–capacitance structure time constant, this method can detect
the battery electrolyte resistance, the solid electrolyte interphase resistance and the charge transfer
resistance by controlling the pulse time of the DC resistance measurement. Unlike AC impedance
spectroscopy, DCIS does not rely on frequency domain impedance to obtain battery parameters. It is
a time-domain impedance spectroscopy method that measures internal resistance through a time
function. Through theoretical analysis and experimental data, the effectiveness of the DCIS method
in battery diagnosis is verified. According to the characteristics of DCIS, we further propose a fast
diagnostic method for power batteries. The working condition test results show that this method can
be used to diagnose online battery life and safety.

Keywords: lithium-ion battery; real-time diagnosis; impedance spectroscopy; cycle aging; internal re-
sistance

1. Introduction

Environmental destruction and energy resource depletion are challenges faced by
most countries in the world. Electric vehicles increase the use of electricity but reduce the
demand for oil and help reduce greenhouse gas emissions. According to the International
Energy Agency (IEA) 2020 report, in the next 10 years, the global electric vehicle inventory
will increase by 36% annually, reaching 245 million units in 2030, which is 30 times the
current level [1]. As energy storage devices in most electric vehicles, lithium-ion batteries
need to be kept in good condition to meet the safety, reliability, and long-range requirements
of electric vehicles. Additionally, the secondary sale of electric vehicles as well as battery
maintenance and recycling services also require effective evaluation of lithium-ion battery
health. This brings challenges to the real-time diagnosis of lithium-ion batteries.

Lithium-ion batteries are rechargeable batteries that rely on lithium ions to move
between the positive and negative electrodes to work. This kind of battery uses carbon
material as the negative electrode and a lithium-containing compound as the positive
electrode. During charge/discharge, the lithium ions can be intercalated/deintercalated in
the electrode. The number of lithium ions in this process determines the capacity of the
battery and obtaining battery capacity is a major goal of battery diagnostics. Vehicle battery
real-time diagnosis is different from ordinary battery diagnosis in that it cannot be obtained
by battery discharge capacity. Compared with the estimation by historical data, there is
no accumulated error in the detection of battery internal parameters, which can better
reflect the real-time nature of diagnosis. At present, there are two methods mainly used
for battery real-time diagnosis: the DC resistance method and the AC impedance method.
The DC resistance method uses the charge/discharge pulse current to trigger the battery
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voltage response, and the resistance value (R = ∆V/I) is obtained according to Ohm’s law.
This method has a simple trigger signal and a short single test time, so it is widely used
in commercial battery diagnosis. For instance, Hybrid Pulse Power Characterization tests
are a conventional method for electric vehicle companies to diagnose battery systems, and
are widely used for battery power performance testing [2,3]. The resistance obtained by
the traditional DC resistance method includes various resistances inside the battery, such
as the electrolyte resistance, the solid electrolyte interphase (SEI) resistance, the charge
transfer resistance, the polarization resistance, etc. The effective acquisition of various
resistance values is very important for battery health and safety diagnosis. For example,
the charge transfer resistance can be used to characterize the battery health [4–6], and
the SEI structure resistance is closely related to the battery safety [7–9]. However, it is
difficult to separate each type of resistance from a single DC resistance value. Anup Barai
et al. studied the relationship between the current pulse time and the DC resistance value,
and tried to divide the resistance by the pulse time [10]. In their work, the short pulse
width (0.1 s) DC resistance value is regarded as a pure Ohmic resistance, and then the
charge transfer resistance and polarization resistance are obtained from the middle pulse
width (2 s) and the long pulse width (10 s) in turn. This resistance division method is
highly dependent on the choice of pulse width. The polarization resistance value separated
by this method is close to the low frequency (0.1 Hz) AC impedance result, while the
pure ohmic resistance and the charge transfer resistance are quite different from the high
frequency (251 Hz and 2 Hz) AC impedance result. As the battery’s safety and health status
are more dependent on the internal high-frequency structure of the battery, this method
of dividing the resistance by pulse time cannot meet the high-precision requirements of
battery diagnosis.

The AC impedance method is also called the electrochemical impedance spectroscopy
(EIS) method, which can use the frequency response difference to divide the internal re-
sistance of the battery. Currently, EIS is considered to be one of the technologies most
likely to be used for electric vehicle battery diagnosis, and many EIS-based technologies
have been invented. Among the many EIS technologies, the single-sine EIS method is the
most basic and the most commercially used offline technology [11,12]. This technology
uses sinusoidal low-amplitude signal currents (or potentials) of different frequencies to
trigger the response of the electrochemical system and simultaneously measures the output
potential (or current) signals of the system in response to obtain the AC impedance (or
admittance) of the system. Combined with the equivalent circuit model of the electrochem-
ical system [13,14], the relevant model parameters of the system are calculated according
to the impedance change with the excitation signal frequency. These parameters can be
used to analyze the reaction mechanism of the electrochemical system. The single-sine EIS
technology is widely used as an offline battery diagnostic technology, but it faces some
problems in the online diagnosis of electric vehicle batteries. For example, EIS technology
requires the device under test to maintain a linear state. However, the polarization pro-
duced by the working current of the car will make the battery enter a non-linear state. In
order to study the impedance characteristics during charging/discharging, a dynamic EIS
technique is proposed [15,16]. This technique superimposes the AC disturbance on the
DC current/voltage offset to ensure that the impedance test (through the AC disturbance
signal) itself still meets the linearity condition. However, the magnitude of the DC current
will non-linearly affect the impedance value obtained [17,18]. Therefore, the instability of
the system needs to be minimized in the dynamic EIS test.

In addition to the operating current, changes in battery status (the temperature and
the state of charge) will also affect EIS test results [19,20]. The single-sine EIS takes a long
time to obtain a complete impedance spectrum, and changes in the temperature and the
state of charge (SOC) during the test will affect the measurement results. Therefore, it is not
suitable for online testing requirements. In order to quickly obtain the impedance spectra
of lithium-ion batteries, a multisine EIS technology is proposed. This technology uses the
designed signal to detect the battery system. This signal is composed of multiple sine
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waves of different frequencies, and all sine waves have similar completion times [21,22]. In
this way, the impedance values of multiple frequency points can be obtained through one
test, which reduces the diagnosis time. However, in order to maintain good stability and
linearity in the test, the overall amplitude of the signal composed of multiple sine waves is
small, resulting in a smaller signal amplitude for each single sine wave. Therefore, com-
pared with single-sine EIS, the signal-to-noise ratio of multisine technology is usually lower.
In the multisine technology, it is also possible to directly use any time domain signal as the
trigger signal, and measure the system’s response to this signal. Then, through the mathe-
matical transformation (such as Fourier transform) of the signal function, the impedance
spectroscopy can be obtained in the frequency domain [23,24]. This method (time domain
signal + mathematical transformation + frequency domain impedance spectroscopy) can
be extended to a variety of detection techniques. For example, passive impedance spec-
troscopy is a derived technology that is expected to be used for the online diagnosis of
electric vehicles. This technology does not need to generate its own excitation source, but
only samples the current and voltage signals of the running vehicle, and then calculates
the impedance spectroscopy in the frequency domain through Fourier transform [25].

In this paper, we proposed a new battery parameter diagnosis method: DC impedance
spectroscopy (DCIS). In the electrochemical model, the internal structure of the battery
can be simplified into multiple resistance–capacitance (RC) networks, each of which has
its own time constant and frequency characteristics. The AC impedance spectroscopy
method utilizes the different frequency characteristics of these RC networks to obtain the
various parameters of the battery in the frequency domain. In DCIS, we obtain the various
resistances of the battery by changing the current pulse width according to the different
time constant characteristics of the RC network. When DC current pulse width changes
around the time constant, the RC network voltage will have an obvious capacitor charging
effect. Due to the limitation of the test equipment, the current pulse width used in the
traditional DC resistance method is between 0.1 s and 30 s [2,10], which is much larger than
the time constant of the high frequency RC network inside the battery. Therefore, even
if the current pulse width in the traditional DC resistance method is adjusted, the high-
frequency network characteristics cannot be obtained. Based on the previous short pulse
DC resistance research [26], we controlled the current pulse time from 0.25 ms to 400 ms in
this study, covering the time constant range of the RC network of lithium-ion batteries. By
collecting the DC resistance values of different pulse widths (near the time constant), and
then fitting these values according to the time function of the RC network, the time constant
and resistance value of the RC network can be obtained. DCIS has the convenience of the
DC resistance method, and can also distinguish the various resistances inside the battery
in the same way as the AC impedance method. In addition, DCIS is a complete battery
time domain diagnosis method. Although EIS technology can trigger the battery response
through various time-domain signals, these technologies must rely on Fourier, Laplace, or
other changes to obtain impedance spectra from the response signal [21,23,25]. Therefore,
although these technologies use time domain detection technology, they need the help
of another domain space (such as the frequency domain) to obtain the final diagnosis
result of the battery during data processing. The DCIS method can not only measure
time domain signals, but also directly obtain battery internal parameters according to the
time function of the response signal. By avoiding the data cross-domain conversion of the
time-domain EIS technology, the DCIS method reduces the difficulty of data processing
and accelerates the speed of diagnostic processing. This is in line with the low-cost and
high-speed requirements for the real-time battery diagnosis of electric vehicles.

This paper first compares the mathematical expressions of the DC resistance (time
domain) and AC impedance (frequency domain) of the RC network, and proposes to use the
time function of the DC resistance to form the DCIS. Secondly, the 18650 lithium-ion battery
was tested with DCIS and EIS, respectively, and the validity of DCIS was verified with
experimental results. Finally, through the improved fast DCIS, the relationship between
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battery aging and battery resistance was studied. The research results show that DCIS is a
method that can be used for health and safety diagnosis of on-board battery packs.

2. EIS vs. DCIS

Lithium-ion batteries consist of two electrodes, a cathode and an anode, separated
by an electrolyte. Lithium ions are conducted between the two electrodes through the
electrolyte, and electrons are transferred through an external circuit, as shown in Figure 1a.
During the charge/discharge cycle, the chemical reaction between the electrode and the
electrolyte and the electrode decomposition cause irreversible capacity loss [27]. This loss of
battery capacity is called cyclic aging of the battery. During this cyclic aging, the electrodes,
electrolytes and their interface states will change accordingly. By detecting these internal
state changes, battery aging information can be effectively obtained.
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Figure 1. Lithium-ion battery diagram: (a) Battery structure. (b) Battery equivalent circuit.

The lithium-ion battery, as an electrochemical system, has a common feature with
ordinary circuits, that is, an external voltage signal will generate a corresponding cur-
rent signal. Therefore, the equivalent circuit model is often used to describe the battery
structure in battery analysis, and the equivalent circuit model parameters are used to
obtain the relevant internal structure data of the battery [28,29]. As shown in Figure 1b,
the solution resistance (RΩ) is a pure ohmic resistance. The SEI layer capacitance (CSEI)
and resistance (RSEI) form an RC network. The electric double layer capacitance (Cd) and
Faradaic impedance (Zf) form another RC network. Here, Faradaic impedance (Zf) can be
decomposed into the charge transfer resistance (Rct) and diffusion impedance (Zd), which
represent the impedance behavior of electrochemical polarization and concentration po-
larization, respectively. The capacitance between battery electrodes (CAB) is much smaller
than the capacitance in these RC networks and is often ignored in electrochemical analysis.
If the value of each equivalent circuit parameter in the model can be obtained through
testing, the internal structural characteristics of the battery during the aging process can
be obtained.

The capacity decay and the internal resistance increase occur simultaneously in the
process of battery aging [30,31]. In most previous studies, the sum of all resistances in
the battery model is often used as the internal resistance of the battery. Since the internal
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structure of the battery is inconsistent with aging, it is necessary to study the effect of aging
on each internal parameter. Through internal parameters that are highly correlated with
the degree of aging, a scale for battery aging detection can be established.

The EIS measurement method uses a small AC signal as the trigger source to measure
the impedance of the electrochemical system to the AC signal. In the battery model, when
the polarization potential change |∆ϕ| caused by an external signal is less than 10 mV
and the signal time is short enough, the effect of concentration polarization (Zd in battery
model) can be ignored. At this time, for a small signal of angular frequency ω, according to
the battery model in Figure 1b, the impedance of the battery is

Z (ω) = RΩ +
1

jωCSEI +
1

RSEI

+
1

jωCd +
1

Rct

= RΩ +
RSEI

jωτ1 + 1
+

Rct

jωτ2 + 1
(1)

where, τ1 and τ2 are the time constants of the high-frequency and low-frequency RC
networks, respectively. A Nyquist plot records the impedance values of different frequency
signal responses on the impedance complex plane, as shown in Figure 2a. Here, defines
the x-axis value at ZIm = 0 as R0. There are two semicircles between R0 and Rd, where Rd
is close to the traditional battery internal resistance. The smaller semicircle at relatively
high frequencies is generally considered to be caused by the SEI film at the anode. The
larger semicircle at relatively low frequencies is generally considered to be related to the
interface charge transfer reaction and double layer capacitance [32,33]. The half-dome
point appears where the input signal resonates with the RC circuit. According to this input
signal frequency, the time constant τ of the RC circuit can be obtained. In addition, the
value of R can be obtained from the diameter of the semicircle.
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Through the frequency difference of RC networks, the EIS method can distinguish
the internal structure of the battery in the frequency domain. In addition to the frequency
difference, RC networks also have a different time constant τ. DCIS can use it to distinguish
different internal parameters in the time domain. In this method, a square wave pulse
current I is used to discharge the battery. The pulse time width is t. The battery voltage
change ∆V is measured at the end of the pulse signal. When the trigger signal is small
enough, diffusion impedance Zd can be ignored, and the equivalent DC resistance of the
battery at this moment is

R(t) =
∆V(t)

I
= RΩ + RSEI

(
1− e−

t
τ1

)
+ Rct

(
1− e−

t
τ2

)
(2)

where, τ1 and τ2 are the time constants of RC networks. Owing to the internal structure
of the battery, R(t) is a function of time t. When t is long enough, this resistance is the
sum of the resistances of all parts of the battery, which is the traditionally defined internal
resistance of the battery. As t decreases, the time-varying characteristics of this resistance
will show up. Figure 2b shows the R(t) value of a single RC network structure at different
t values. When the time variable t is close to the time constant τ, the characteristics of the
exponential function will be clearly demonstrated by R(t) value. For lithium-ion batteries,
as the time t decreases, the time constants of the low-frequency and high-frequency RC
networks will appear on the DCIS one after another. By exponentially fitting the data
around these times, the RC network time constant τ and the resistance value R can be
obtained. Furthermore, when t drops to zero, the RC network is almost in a short-circuit
state, and R(t) approaches the value of the pure resistance RΩ in the battery model.

Further research can establish a connection between the equivalent resistance R(t)
and the AC impedance Z(ω). When the pulse discharge current I flows through the RC
network in the equivalent circuit model, it is divided into the capacitor current IC and the
resistor current IR. Due to the RC network, IC decays exponentially with time. This leads
to the end of the pulse discharge, the voltage across the RC network is a function of the
pulse time tp.

U
(
tp
)
= R ∗ IR = R ∗ (I − IC) = R ∗ I

(
1− e−

tp
τ

)
(3)

Here, τ is the time constant of the RC network, which is the product of R and C.
Through Ohm’s law, we define the equivalent DC resistance of the RC network. Its value is

R(t) =
U
(
tp
)

I
= R

(
1− e−

tp
τ

)
=
∫ tp

0
(

R
τ

e−
t
τ )dt =

∫ tp

0
(

R
τ

e−
t
τ )u(t)dt (4)

where u(t) is the unit step function:

u(t) =
{

0 t < 0
1 t ≥ 0

(5)

The Fourier transform of the integral internal function can be obtained as follows:

F
[(

R
τ

e−
t
τ

)
u(t)

]
=
∫ +∞

−∞
{
[(

R
τ

e−
t
τ

)
u(t)

]
e−jωt}dt =

R
jωτ + 1

= Z(ω) (6)

This is the impedance value of the RC network in the frequency domain. It proves
that the equivalent DC resistance R(t) is actually the manifestation of impedance Z(ω) in
the time domain. Therefore, by measuring R(t) in the time domain, we can theoretically
obtain the same information as the frequency domain impedance measurement.
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Further, the Fourier transform of the entire R function is:

F
(

R
)
= F

[∫ tp

0
(

R
τ

e−
t
τ )u(t)dt

]
= F

[∫ tp

−∞
(

R
τ

e−
t
τ )u(t)dt

]
=

1
jω

Z(ω) + πZ(0)δ(ω) (7)

Here, πZ(0)δ(ω) is the initial term of the integration process. It is retained in the
frequency domain through DCIS. Through this item, DCIS can detect the pure ohmic
resistance value in the battery model, which cannot be tested by the EIS method. In EIS,
as the signal frequency changes, the battery exhibits different capacitive and inductive
reactance behaviors. In Figure 2a, the inductive behavior is fully compensated by the
capacitive behavior at R0. Owing to the limited ω, the impedance value at this point is
actually the sum of pure ohmic resistance and some additional resistance [4]. In addition,
there is an electrode capacitance CAB in parallel with the battery model. Owing to the small
value, this capacitance is often ignored in EIS analysis. However, when ω is large enough,
CAB and RΩ will constitute the new RC network impedance, which is:

Z(ω) =
1

jωCAB + 1
RΩ

(8)

When ω tends to infinite, this RC impedance value obtained by EIS is zero. At this
time, the RΩ signal in EIS will be short-circuited by CAB. In DCIS, RΩ is retained in the
frequency domain as the initial value of the integration. It can be obtained through DCIS
of a lower frequency RC network (such as the SEI layer). At this time, it is the intersection
point of R(t) function and the y-axis in the time domain in Figure 2b.

3. Experiment Results

In this work, through continuous charge/discharge cycles of 48 commercial 18650 bat-
teries, battery samples with different capacities can be obtained. The initial capacity of each
battery was 3100 mAh, and the chemical composition was LiCoO2/graphite. Experimental
sample preparation and testing were completed in a 25 ◦C temperature chamber. Each
cycle included a 1C rate (3.2 A) of constant current-constant voltage (CC-CV) charging to
4.2 V and a 1C rate (3.2 A) of constant current (CC) discharge to 3 V. The battery capacity
was obtained by the ampere-hour integration method with C/2 rate (1.6 A) CC discharge
from 4.2 V to 3 V. EIS and DCIS tests were performed when the battery was fully charged.
EIS used a 5 mA excitation current to test in the frequency range of 0.05–5 kHz. DCIS
used a 0.25 A discharge current for testing. The high-frequency test pulse width was
scanned from 0.25 ms to 10 ms in 0.25 ms steps, and the low-frequency test pulse width
was scanned from 10 ms to 400 ms in 10 ms steps. In this way, the high-frequency and
low-frequency DCIS lines each contain 40 test points. In order to allow the battery to have
sufficient recovery time between the two test points, the interval between two test points
was 10 s. The equivalent DC resistance R(t) was obtained by collecting the battery voltage
twice and combining the discharge current value. The voltage measurement used a 16-bit
commercial high-impedance input ADC chip. The first voltage acquisition was completed
when the battery was at rest, and then the battery was immediately discharged with a
t-width pulse. At the end of the discharge, the second voltage acquisition was performed.
The equivalent DC resistance R(t) was calculated as the ratio of the two voltage differences
to the discharge current.

To verify the effectiveness of our battery diagnostic method, we performed EIS and
DCIS measurements on a series of batteries and compared the test results. Three batteries
of different capacities were used as a comparative measurement experiment, namely cell
#1 (2650 mAh), cell #2 (2850 mAh) and cell #3 (3050 mAh). Figure 3 is a Nyquist plot
of three sample batteries. The two semicircles of high frequency and low frequency in
the frequency domain are clearly visible. The diameter of the low-frequency semicircle
increases significantly as the battery capacity decreases. According to the definition of
EIS, this diameter corresponds to Rct inside the battery. This shows that Rct can be used to
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indicate the capacity change caused by the aging of the battery, which is consistent with
the results reported in a large number of documents [4,5,23]. From the EIS diagram, we
can also ascertain that the time constant τ1 of the high-frequency RC is approximately
2 ms, while the time constant τ2 of the low-frequency RC changes from 20 ms to 80 ms.
This provides a reference for the time range of the DCIS test. Here, we set the pulse time
t range between τ/5 and 5τ. Such time range selection can not only cover the function
change around τ, but also distinguish low-frequency RC and high-frequency RC in the
time domain.
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Figure 3. Nyquist plot of EIS measurement for cell #1 (2650 mAh), cell #2 (2850 mAh) and cell #3
(3050 mAh).

In the DCIS measurement, we tested the R(t) value of three sample batteries at
various time points, as shown in Figure 4. The DCIS spectral line can be obtained by
exponential fitting multiple resistance values according to the R(t) time function. In
the DCIS diagram, the measured resistance value is represented by dots, and the fitted
spectrum is represented by lines. The low-frequency spectrum lines are mainly generated
by the Rct/Cd network. The time constant τ2, resistance value [Rct + RΩ + RSEI] (resistance
value at t = 5τ2) and [RΩ + RSEI] (resistance value at t = 0) of the network can be obtained
from low-frequency function RL(t), as Figure 4b. The high-frequency spectrum lines
are mainly generated by the RSEI/CSEI network. The time constant τ1, resistance value
[RΩ + RSEI] (resistance value at t = 5τ1) and RΩ (resistance value at t = 0) of the network
can be obtained from high-frequency function RH(t), as Figure 4a. Further, the value
of Rct is equal to [RL(5τ) − RL(0)], the value of RSEI is equal to [RH(5τ) − RH(0)], and
the value of RΩ is RH(0). In this DCIS, as the battery capacity decreases, Rct increases
significantly while RSEI remains unchanged. This result is consistent with the result of EIS
measurement. Moreover, we quantitatively compare the test results of EIS and DCIS. In
Figure 5, we use a histogram to compare the values of τ1, τ2, RSEI and Rct obtained by the
two test methods. The comparison results show that the battery parameters measured by
the DCIS method are basically consistent with the results measured by the EIS method.
Among them, the average deviations of RSEI and Rct are 3.2% and 4.2%, respectively, and
the average deviations of τ1 and τ2 are 7.5% and 6.8%, respectively. Since both methods
use the function fitting method when obtaining parameters, the deviation of this range
is acceptable.



Energies 2021, 14, 4396 9 of 16

Energies 2021, 14, x FOR PEER REVIEW 9 of 16 
 

 

represented by lines. The low-frequency spectrum lines are mainly generated by the Rct/Cd 
network. The time constant τ2, resistance value [Rct + RΩ + RSEI] (resistance value at t = 5τ2) 
and [RΩ + RSEI] (resistance value at t = 0) of the network can be obtained from low-fre-
quency function 𝑅 (𝑡), as Figure 4b. The high-frequency spectrum lines are mainly gen-
erated by the RSEI/CSEI network. The time constant τ1, resistance value [RΩ + RSEI] (resistance 
value at t = 5τ1) and RΩ (resistance value at t = 0) of the network can be obtained from high-
frequency function 𝑅 (𝑡) , as Figure 4a. Further, the value of Rct is equal to 
[𝑅 (5𝜏) − 𝑅 (0)], the value of RSEI is equal to [𝑅 (5𝜏) − 𝑅 (0)], and the value of RΩ is 𝑅 (0). In this DCIS, as the battery capacity decreases, Rct increases significantly while RSEI 
remains unchanged. This result is consistent with the result of EIS measurement. Moreo-
ver, we quantitatively compare the test results of EIS and DCIS. In Figure 5, we use a 
histogram to compare the values of τ1, τ2, RSEI and Rct obtained by the two test methods. 
The comparison results show that the battery parameters measured by the DCIS method 
are basically consistent with the results measured by the EIS method. Among them, the 
average deviations of RSEI and Rct are 3.2% and 4.2%, respectively, and the average devia-
tions of τ1 and τ2 are 7.5% and 6.8%, respectively. Since both methods use the function 
fitting method when obtaining parameters, the deviation of this range is acceptable. 

 
Figure 4. DCIS measurement for cell #1 (2650 mAh), cell #2 (2850 mAh) and cell #3 (3050 mAh). (a) 
High frequency RC network DCIS. (b) Low frequency RC network DCIS. 
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The difference between the two measurement results is caused by many factors. For
example, in EIS measurement, a single trigger signal only contains a sine wave with a fixed
frequency, whereas in DCIS measurement, each trigger square wave pulse is a collection of
multiple frequency signals. This may cause the resonance point of the signal to shift. In
addition, the discharge current (0.25 A) used in the DCIS method is much larger than the
excitation current (5 mA) in EIS. This increases the risk of diffusion, resulting in a different
time constant and different resistance. However, because the test pulse time is short, and
the potential change caused by the polarization impedance in the DCIS experiment is less
than 5 mV, this indicates that the charge transfer process still dominates the polarization
and the static test conditions have not changed. Despite the above factors, the similar
time constant range can strongly indicate that DCIS uses RC network to obtain battery
parameters, which is an effective measurement method.
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In addition to comparing the value of battery parameters, we also compared the
impedance spectra of the two methods. By substituting the values of τ and R obtained by
DCIS into Equation (1), the impedance value of each frequency point can be calculated.
Since EIS cannot obtain pure ohmic resistance, we intentionally removed the pure ohmic
resistance part of DCIS when comparing the frequency domain impedance of the two
methods, and only compared the impedance value generated by the two-stage RC network
inside the battery. At this time, the frequency points in the EIS test are brought into Equation
(1), and the frequency domain impedance value of DCIS can be obtained. Figure 6 shows
the frequency domain impedance spectra of the two-order RC network of three battery
samples. The solid dotted line is the EIS result, and the hollow dotted line is the DCIS result.
In the figure, the DCIS spectral line approximately possesses the spectral line characteristics
of EIS. The difference between the two mainly comes from the semicircle shape of the
impedance spectrum. DCIS presents an ideal semicircle in the frequency domain, while
EIS does not. This is because DCIS uses an ideal plate capacitor model, which has only one
time constant τ for each RC network. In EIS, the unevenness of the capacitor surface will
be shown in the multifrequency point measurement, and it does not have the fixed τ value
of the ideal RC model.
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4. Fast DCIS

According to the time constant of the RC network, the R(t) function divides the
internal resistance of the battery. For an RC network, when the pulse time is greater than
5τ, the R(t) function reaches saturation. After entering the saturation state, the value
of R(t) will remain fixed, as in Figure 2b. In actual measurement, the R(t) value will
continue to increase due to the influence of the low-frequency resistance (such as Rct or the
polarization resistance). However, due to the different τ, the low-frequency function RL(t)
has a limited impact on high-frequency function RH(t) value at the high-frequency RC
saturation point. The resistance value at this point can still be regarded as the saturation
value of R(t). According to the characteristics of the R(t) function, the resistance value
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of the RC network can be obtained by directly measuring the saturation point resistance
R(5τ) and the near-zero-point resistance R(τ/5).

For a two-stage RC lithium-ion battery, the values of RΩ, RSEI and Rct can be obtained
by fast DCIS with three short pulse discharges. In the experiment, considering the time
constants τ1 (≈2 ms) and τ2 (between 20 ms to 80 ms) of sample batteries, the three pulse
widths were set as t1 (0.25 ms), t2 (10 ms) and t3 (400 ms), respectively. The interval between
every two pulses was 250 ms and the discharge current was 0.25 A. Through the fast DCIS
test, three equivalent DC resistances can be obtained in one second. They are R(t1), R(t2),
and R(t3)), respectively. Since t1 < τ1/5, the value of R(t1) was close to RΩ. When t2
> 5τ1, R(t2) was the high-frequency RC saturation resistance and [

(
R(t2)− R(t1)

]
was

close to RSEI. When t3 > 5τ2, R(t3) was the low-frequency RC saturation resistance and
[
(

R(t3)− R(t2)
]

was close to Rct.
Due to the particularity of electric vehicle battery diagnosis, we propose a fast DCIS

method that only measures resistance parameters. Through fast DCIS, we measured the
internal resistance parameters of 48 lithium-ion batteries with different life spans, as shown
in Figure 7a–c. Through different times of battery cycle aging, the sample battery capacity
is distributed between 2600 mAH and 3100 mAH. A low-aging battery has a high battery
capacity, and a high-aging battery has a low battery capacity. The purpose of battery aging
diagnosis is to obtain battery capacity by detecting changes in internal parameters caused
by battery aging. In this way, the aging state of the battery can be obtained without fully
discharging the battery.

The experimental results show that when the battery capacity drops from 3100 mAH
to 2600 mAH due to aging, the value of RΩ rises from 44 mΩ to 51 mΩ, the value of Rct
rises from 6 mΩ to 20 mΩ, and the value of RSEI remains between 6 mΩ and 7 mΩ. Here,
the change trend of RΩ and Rct with battery aging is consistent with the reports of related
research [4,34]. In the electrochemical model, the Rct value can be used to indicate the
characteristics of the electrode–electrolyte interface layer during the aging process, while
the solution resistance RΩ value can indirectly indicate the decomposition of the electrode
during the aging process. Although Rct and RΩ reflect the response of different battery
structures to aging, they can both be used as cell aging indicators. In addition, RSEI did not
change significantly during the aging process, indicating that the SEI film on the graphite
surface was relatively stable during the cyclic aging process. Although the results show
that RSEI has a low correlation with battery aging, it can be used to indicate battery safety
performance and is also an important parameter for battery diagnosis.

Since the DCIS method is based on the battery equivalent circuit model, it has the
same dynamic measurement problem as the EIS. When the car is working, the diffusion
impedance Zd produced by the current cannot be ignored. This impedance that varies with
current density makes the battery model complicated. In this case, it is very difficult to
separate the charge transfer resistance Rct from Zd. Fortunately, in the battery model, Zd
has a limited impact on RΩ and RSEI. These two resistances can, respectively, indicate the
cycle life and safety of the battery. Therefore, in the dynamic DCIS battery diagnosis, the
low-frequency RC can be ignored, and only the high-frequency RC is used as the test item.
This further reduces the DCIS test time, making a single dynamic fast DCIS measurement
time less than 20 ms. At this time, the influence of temperature and SOC changes during
the measurement can be ignored.
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Figure 7. Internal parameters of different capacity batteries: (a) RΩ, (b) RSEI, (c) Rct. The data are
measured by static fast DCIS.

In this study, a dynamic fast DCIS measurement produced two consecutive pulse
discharges. The pulse widths were 0.25 ms and 10 ms, respectively. The pulse interval
was 5 ms and the discharge current was 0.25 A. During the test, a dynamic fast DCIS
measurement was performed on the battery every 2 s. In order to simulate the state of
the battery under the working conditions of the car, the dynamic battery test adopted
the IM240 automobile working condition, which is a kind of automobile inspection and
maintenance driving schedule formulated by the United States Environmental Protection
Agency [35]. In the IM240 test, the output power of the car is changed according to the
designed working conditions, and the entire test time is 240 s. In our experiment, because
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the battery voltage did not change much during the test time, the change in output power
could be simulated by the change in discharge current. Here, the battery discharge current
was set in the range of 0–3.2 A according to the IM240 standard, as shown in Figure 8.
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dynamic fast DCIS.

In the dynamic fast DCIS experiment, we collected RΩ and RSEI of three battery
samples. Their capacities are 2650 mAh, 2850 mAh and 3050 mAh, respectively. In Figure 8,
the value of RΩ increases as the battery capacity decreases, while the value of RSEI does
not change with battery capacity. This experimental result is the same as the result of
static fast DCIS, indicating that the variation of the working current has little influence
on RΩ and RSEI. This is consistent with the judgment obtained from the battery model.
In summary, fast dynamic DCIS is an effective diagnostic method for battery health and
safety in working conditions.

5. Conclusions

In this work, we proposed a DCIS battery diagnosis method. This method uses the
time constant characteristic of the internal RC network structure to realize the measurement
of battery parameters. By analyzing the time function of the equivalent DC resistance of the
RC network, we theoretically prove that DCIS is a manifestation of the impedance spectrum
in the time domain. Unlike various EIS technologies that use frequency domain impedance
to obtain battery parameters, the DCIS method directly obtains battery parameters from
the equivalent DC resistance time function. Therefore, DCIS is a method independent
of frequency domain impedance. Then, we compared the two battery diagnosis results
of DCIS and EIS, and verified the effectiveness of the DCIS method with experimental
data. On this basis, we propose a fast DCIS method according to the characteristics of
the saturation point and near zero point of the time function, and use it for battery aging
diagnosis. Through the static battery diagnosis results, we found that both RΩ and Rct can
indicate battery life. Since RΩ is not affected by current polarization, it can be directly used
for dynamic battery diagnosis. The experimental results of the working conditions also
proved this.

In the diagnosis of electric vehicle batteries, DCIS has all the advantages of the DC
resistance method. For example, the pulse current value can be flexibly adjusted according
to the battery capacity. In this way, a good measurement signal-to-noise ratio can be
obtained in a complex automotive electromagnetic environment. In addition, since the
batteries of electric vehicles are connected in series, only one pulse discharge module can
detect the DCIS of all batteries. This hardware can be integrated into the current car battery
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management system at a very low cost. These indicate that the DCIS method has high
potential value in the diagnosis of electric vehicle batteries. The battery life test also needs
to consider the difference in temperature and SOC, which we will consider in future work.

Author Contributions: Methodology, Y.B.; validation, Y.C.; writing—original draft preparation, Y.B.;
writing—review and editing, Y.B. and Y.C.; funding acquisition, Y.B. All authors have read and
agreed to the published version of the manuscript.

Funding: This research was funded by Shanghai Municipal Natural Science Fund under Grant No.
19ZR1402200.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. IEA. Global EV Outlook 2020. Available online: https://www.iea.org/reports/global-ev-outlook-2020 (accessed on 20 June 2021).
2. Belt, J.R. Battery Test Manual for Plug-In Hybrid Electric Vehicles; Idaho National Laboratory: Idaho Falls, ID, USA, 2010.
3. British Standards Institution. Electrically Propelled Road Vehicles—Test Specification for Lithium-Ion Traction Battery Packs and Systems:

Part 2: High-Energy Applications; ISO 12405-2:2012; British Standards Institution: London, UK, 2012.
4. Waag, W.; Käbitz, S.; Sauer, D.U. Experimental investigation of the lithium-ion battery impedance characteristic at various

conditions and aging states and its influence on the application. Appl. Energy 2013, 102, 885–897. [CrossRef]
5. Jalkanen, K.; Karppinen, J.; Skogström, L.; Laurila, T.; Nisula, M.; Vuorilehto, K. Cycle aging of commercial NMC/graphite pouch

cells at different temperatures. Appl. Energy 2015, 154, 160–172. [CrossRef]
6. Zhang, B.; Qin, X.; Li, G.R.; Gao, X.P. Enhancement of long stability of sulfur cathode by encapsulating sulfur into micropores of

carbon spheres. Energy Environ. Sci. 2010, 3, 1531–1537. [CrossRef]
7. Liu, Y.; Liu, Q.; Xin, L.; Liu, Y.; Yang, F.; Stach, E.A.; Xie, J. Making Li-metal electrodes rechargeable by controlling the dendrite

growth direction. Nat. Energy 2017, 2, 17083. [CrossRef]
8. Bieker, G.; Winter, M.; Bieker, P. Electrochemical in situ investigations of SEI and dendrite formation on the lithium metal anode.

Phys. Chem. Chem. Phys. 2015, 17, 8670–8679. [CrossRef] [PubMed]
9. Wu, B.; Lochala, J.; Taverne, T.; Xiao, J. The interplay between solid electrolyte interface (SEI) and dendritic lithium growth. Nano

Energy 2017, 40, 34–41. [CrossRef]
10. Barai, A.; Uddin, K.; Widanage, W.D.; McGordon, A.; Jennings, P. A study of the influence of measurement timescale on internal

resistance characterisation methodologies for lithium-ion cells. Sci. Rep. 2018, 8, 1–13. [CrossRef]
11. Barsoukov, E.; Macdonald, J.R. Impedance Spectroscopy: Theory, Experiment, and Applications, 3rd ed.; Wiley: Hoboken, NJ,

USA, 2018.
12. Guo, D.; Yang, G.; Zhao, G.; Yi, M.; Feng, X.; Han, X.; Lu, L.; Ouyang, M. Determination of the Differential Capacity of Lithium-Ion

Batteries by the Deconvolution of Electrochemical Impedance Spectra. Energies 2020, 13, 915. [CrossRef]
13. Farmann, A.; Sauer, D.U. Comparative study of reduced order equivalent circuit models for on-board state-of-available-power

prediction of lithium-ion batteries in electric vehicles. Appl. Energy 2018, 225, 1102–1122. [CrossRef]
14. Rastegarpanah, A.; Hathaway, J.; Stolkin, R. Rapid Model-Free State of Health Estimation for End-of-First-Life Electric Vehicle

Batteries Using Impedance Spectroscopy. Energies 2021, 14, 2597. [CrossRef]
15. Zhang, S.; Xu, K.; Jow, T. Charge and discharge characteristics of a commercial LiCoO2-based 18650 Li-ion battery. J. Power Sources

2006, 160, 1403–1409. [CrossRef]
16. Huang, J.; Li, Z.; Zhang, J. Dynamic electrochemical impedance spectroscopy reconstructed from continuous impedance

measurement of single frequency during charging/discharging. J. Power Sources 2015, 273, 1098–1102. [CrossRef]
17. Huang, J.; Ge, H.; Li, Z.; Zhang, J. Dynamic Electrochemical Impedance Spectroscopy of a Three-Electrode Lithium-Ion Battery

during Pulse Charge and Discharge. Electrochim. Acta 2015, 176, 311–320. [CrossRef]
18. Ernst, S.; Heins, T.P.; Schlüter, N.; Schröder, U. Capturing the Current-Overpotential Nonlinearity of Lithium-Ion Batteries by

Nonlinear Electrochemical Impedance Spectroscopy (NLEIS) in Charge and Discharge Direction. Front. Energy Res. 2019, 7, 1–13.
[CrossRef]

19. Momma, T.; Matsunaga, M.; Mukoyama, D.; Osaka, T. Ac impedance analysis of lithium ion battery under temperature control. J.
Power Sources 2012, 216, 304–307. [CrossRef]

20. Gomez, J.; Nelson, R.; Kalu, E.E.; Weatherspoon, M.H.; Zheng, J.P. Corrigendum to “Equivalent circuit model parameters of a
high-power Li-ion battery: Thermal and state of charge effects”. J. Power Sources 2012, 218, 5. [CrossRef]

21. Zappen, H.; Ringbeck, F.; Sauer, D.U. Application of Time-Resolved Multi-Sine Impedance Spectroscopy for Lithium-Ion Battery
Characterization. Batteries 2018, 4, 64. [CrossRef]

22. Widanage, W.; Barai, A.; Chouchelamane, G.; Uddin, K.; McGordon, A.; Marco, J.; Jennings, P. Design and use of multisine signals
for Li-ion battery equivalent circuit modelling. Part 2: Model estimation. J. Power Sources 2016, 324, 61–69. [CrossRef]

23. Lohmann, N.; Weßkamp, P.; Haußmann, P.; Melbert, J.; Musch, T. Electrochemical impedance spectroscopy for lithium-ion cells:
Test equipment and procedures for aging and fast characterization in time and frequency domain. J. Power Sources 2015, 273,
613–623. [CrossRef]

https://www.iea.org/reports/global-ev-outlook-2020
http://doi.org/10.1016/j.apenergy.2012.09.030
http://doi.org/10.1016/j.apenergy.2015.04.110
http://doi.org/10.1039/c002639e
http://doi.org/10.1038/nenergy.2017.83
http://doi.org/10.1039/C4CP05865H
http://www.ncbi.nlm.nih.gov/pubmed/25735488
http://doi.org/10.1016/j.nanoen.2017.08.005
http://doi.org/10.1038/s41598-017-18424-5
http://doi.org/10.3390/en13040915
http://doi.org/10.1016/j.apenergy.2018.05.066
http://doi.org/10.3390/en14092597
http://doi.org/10.1016/j.jpowsour.2006.03.037
http://doi.org/10.1016/j.jpowsour.2014.07.067
http://doi.org/10.1016/j.electacta.2015.07.017
http://doi.org/10.3389/fenrg.2019.00151
http://doi.org/10.1016/j.jpowsour.2012.05.095
http://doi.org/10.1016/j.jpowsour.2012.06.026
http://doi.org/10.3390/batteries4040064
http://doi.org/10.1016/j.jpowsour.2016.05.014
http://doi.org/10.1016/j.jpowsour.2014.09.132


Energies 2021, 14, 4396 16 of 16

24. Takano, K.; Nozaki, K.; Saito, Y.; Kato, K.; Negishi, A. Impedance Spectroscopy by Voltage-Step Chronoamperometry Using the
Laplace Transform Method in a Lithium-Ion Battery. J. Electrochem. Soc. 2000, 147, 922–929. [CrossRef]

25. Liebhart, B.; Komsiyska, L.; Endisch, C. Passive impedance spectroscopy for monitoring lithium-ion battery cells during vehicle
operation. J. Power Sources 2020, 449, 227297. [CrossRef]

26. Wang, D.; Bao, Y.; Shi, J. Online Lithium-Ion Battery Internal Resistance Measurement Application in State-of-Charge Estimation
Using the Extended Kalman Filter. Energies 2017, 10, 1284. [CrossRef]

27. Goodenough, J.B.; Park, K.-S. The Li-Ion Rechargeable Battery: A Perspective. J. Am. Chem. Soc. 2013, 135, 1167–1176. [CrossRef]
28. Zhu, Y.; Xu, Y.; Liu, Y.; Luo, C.; Wang, C. Comparison of electrochemical performances of olivine NaFePO4in sodium-ion batteries

and olivine LiFePO4in lithium-ion batteries. Nanoscale 2013, 5, 780–787. [CrossRef]
29. Forsyth, M.; Yoon, H.; Chen, F.; Zhu, H.; MacFarlane, D.; Armand, M.; Howlett, P. Novel Na+ Ion Diffusion Mechanism in Mixed

Organic–Inorganic Ionic Liquid Electrolyte Leading to High Na+ Transference Number and Stable, High Rate Electrochemical
Cycling of Sodium Cells. J. Phys. Chem. C 2016, 120, 4276–4286. [CrossRef]

30. Schmalstieg, J.; Käbitza, S.; Eckera, M.; Sauer, D.U. A holistic aging model for Li(NiMnCo)O2 based 18650 lithium-ion batteries. J.
Power Sources 2014, 257, 325–334. [CrossRef]

31. Oyarbide, M.; Arrinda, M.; Sánchez, D.; Macicior, H.; McGahan, P.; Hoedemaekers, E.; Cendoya, I. Capacity and Impedance
Estimation by Analysing and Modeling in Real Time Incremental Capacity Curves. Energies 2020, 13, 4855. [CrossRef]

32. Deng, Z.; Zhang, Z.; Lai, Y.; Liu, J.; Li, J.; Liu, Y. Electrochemical impedance spectroscopy study of alithium/sulfur battery:
Modeling and analysis of capacity fading. J. Electrochem. Soc. 2013, 160, A553–A558. [CrossRef]

33. Zhang, S.S. The effect of the charging protocol on the cycle life of a Li-ion battery. J. Power Sources 2006, 161, 1385–1391. [CrossRef]
34. Bao, Y.; Dong, W.; Wang, D. Online Internal Resistance Measurement Application in Lithium Ion Battery Capacity and State of

Charge Estimation. Energies 2018, 11, 1073. [CrossRef]
35. United States Environmental Protection Agency. IM240 & Evap Technical Guidance; United States Environmental Protection

Agency: Washington, DC, USA, 1998.

http://doi.org/10.1149/1.1393293
http://doi.org/10.1016/j.jpowsour.2019.227297
http://doi.org/10.3390/en10091284
http://doi.org/10.1021/ja3091438
http://doi.org/10.1039/C2NR32758A
http://doi.org/10.1021/acs.jpcc.5b11746
http://doi.org/10.1016/j.jpowsour.2014.02.012
http://doi.org/10.3390/en13184855
http://doi.org/10.1149/2.026304jes
http://doi.org/10.1016/j.jpowsour.2006.06.040
http://doi.org/10.3390/en11051073

	Introduction 
	EIS vs. DCIS 
	Experiment Results 
	Fast DCIS 
	Conclusions 
	References

