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Abstract: For the integrated energy system of coupling electrical, cool and heat energy and gas and
other forms of energy, the medium- and long-term integrated demand response of flexible load,
energy storage and electric vehicles and other demand side resources is studied. It is helpful to
mine the potentials of demand response of various energy sources in the medium- and long-term,
stimulate the flexibility of integrated energy system, and improve the efficiency of energy utilization.
Firstly, based on system dynamics, the response mode of demand response resources is analyzed
from different time dimensions, and the long-term, medium-term and short-term behaviors of users
participating in integrated demand response are considered comprehensively. An integrated demand
response model based on medium-and long-term time dimension is established. Then the integrated
demand response model of integrated energy system scheduling and flexible load, energy storage
and electric vehicles as the main participants is established to simulate the response income of users
participating in the integrated demand response project, and to provide data sources for the medium-
and long-term integrated demand response system dynamics model. Finally, an example is given
to analyze the differences in response behaviors of flexible load, energy storage and electric vehicle
users in different time dimensions under the conditions of policy subsidy, regional location and user
energy preferences in different stages of the integrated energy system.

Keywords: integrated energy system; integrated demand response; medium- and long-term; system
dynamics; user decision

1. Introduction

In recent years, in order to improve energy use efficiency and deal with problems such as
the deterioration of the ecological environment, an integrated energy system [1-3] for the energy
interconnected network has been established, and the mutual conversion between different energy
sources [4,5] has become a hot topic for research in various countries around the world [6-8]. Integrated
demand response (IDR) provides an important entry direction for the two-way interaction between
supply and demand sides in an integrated energy system. At the end of consumption, users can
achieve the same effect by selecting different types of energy. The user’s short-term, medium-term,
and even long-term energy use has been broadened, and the impact of integrated demand response on
the medium- and long-term load curve and integrated energy system planning is increasing. Therefore,
it is of great significance to study the integrated demand response for integrated energy systems.

For integrated demand response, existing studies can consider the response type, participation
equipment, and participation method [9-14] of the IDR from the system operation level. Based on the
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reduction of load, transfer of load, and alternative load [15], analyze the cost of the IDR resource to
the overall system operation or the impact of integrated energy utilization efficiency; at the system
planning level, there have been studies that can comprehensively consider the peak-cutting and
valley-filling effect of the coordinated operation of combined heat and power units and electricity to
gas, but focus more on the impact of IDR on equipment capacity and typical loads. Most are still from
the perspective of the power system, and analyze the impact of other forms of energy supply on the
power load [10,16]. At present, most of them are based on the typical load day or random scenarios
to establish the IDR model and analyze its impact on planning and operation. It is a short-term
integrated demand response, and there is not much research on the medium- and long-term integrated
demand response.

Generally speaking, the user’s long-term investment in integrated energy-consuming equipment
behavior will affect the maximum potential and flexibility of its IDR, and this maximum potential will
affect the user’s recognition and participation in the IDR, which ultimately determines the user of an
IDR event. The actual participation effect [17,18], system dynamics can integrate the analysis of the
long-term potential, medium-term potential, and short-term response of demand response resources
into the same model [19], but currently analyzes the factors affecting integrated demand response
resources from different time dimensions. Research is not integrated, and it is not integrated in terms
of the coupling between long-, medium-, and short-term user behavior and the time-varying nature of
demand response resources.

In response to the above problems, based on the existing research, based on system dynamics,
this paper analyzes the response methods of demand response resources in different time dimensions,
comprehensively considers the user’s long-term investment, updates and behaviors of integrated
energy equipment, whether to sign integrated demand response contracts in the medium- term.
A dynamic model of integrated demand response system based on the medium and long-term time
dimension is established according to system dynamics. In the short-term time scale, an integrated
demand response model of integrated energy system scheduling and flexible loads, energy storage,
and electric vehicles were established as participants. Based on the long-term incentives of policy
subsidy, the example analyzes the policy subsidy at different stages of the integrated energy system,
regional location, and user energy preferences; flexible load, energy storage, and response behavior of
electric vehicle users in different time dimensions.

2. Multi-Energy Load-Oriented Integrated Demand Response Model for Integrated
Energy Systems

2.1. Modeling Principles

The medium- and long-term integrated demand response model for integrated energy systems
includes three parts: a long-term integrated demand response decision model, a medium-term
integrated demand response decision model, and a short-term integrated demand response decision
model. The modeling principle is shown in Figure 1.

In the long-term integrated demand response decision model, users compare the utility value that
can be provided during the life cycle of integrated energy equipment with their own expectations,
decide whether to invest in integrated energy equipment, and invest in integrated energy equipment
can enhance users’ long-term potential. That is, the maximum capacity that users can respond to. In the
medium-term integrated demand response decision-making model, users decide whether to sign an
integrated demand response contract based on the integrated demand response revenue accumulated
during the validity period of the contract, and users who sign an integrated demand response contract
have medium-term potential, and only users with medium-term integrated demand response potential
can make short-term response decisions. In the short-term integrated demand response decision
model, a simulated response is run based on the integrated energy system scheduling and integrated
demand response to determine the response capacity and response revenue, and whether the decision
is to respond.
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For a user, if an integrated demand response contract is not signed, whether it responds and the
response capacity is not considered. If the user signs an integrated demand response contract, the
response decision is made. If the user has also invested in an integrated energy equipment, contact the
compared with other users who have not made long-term decisions, the long-term integrated demand
response potential and medium-term integrated demand response potential are higher, and this user
has more respond capacity.
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Figure 1. Medium- and long-term integrated demand response modeling process for integrated
energy systems.
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2.2. Dynamic Model of Integrated Demand Response System Based on Medium- and Long-Term
Time Dimension

A system dynamics model that can effectively characterize different time dimensions and step
sizes is used to study the integrated demand response behavior at different time scales. The causal
circuit diagram is shown in Figure 2. Where, “—” represents the main circuit, which reflects the
long-term integrated user response. The interrelationships among decision-making, medium-term
decision-making and short-term decision-making, “+” indicates positive correlation between variables,
and “-” indicates negative correlation between variables.
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Figure 2. Causal loop diagram.

The dynamic cause-effect circuit diagram of the integrated demand response system based
on the medium- and long-term time dimension is divided into three major modules: long-term
integrated demand response decision module, medium-term integrated demand response decision
module, and short-term integrated demand response decision module. The short-term integrated
demand response decision module is divided into Run simulation and short-term integrated demand
response decision-making for short-term integrated demand response. The user’s gas-to-electricity
ratio and heat-to-electricity ratio change as the user’s load increases. The integrated demand response
income is given by the integrated demand response model based on electricity, gas, and heat loads.
Demand response contract revenue and integrated energy equipment performance are provided by the
integrated demand response operation simulation based on the cumulative demand response contract
time and equipment usage time cumulatively. The user’s expected response revenue, medium-term
expected revenue, and long-term expected revenue are affected by the user’s own characteristics. Users
with different electricity, gas, and heat load ratios expect different response returns, and the expected
response returns will affect the medium-term expected returns, which in turn affects long-term expected
returns with equipment costs and policy subsidy in different periods.

2.2.1. Long-Term Integrated Demand Response Decision Model

The user’s long-term integrated demand response decision, considers whether to replace
high-efficiency integrated energy equipment, increase inventory or modify production lines, and
other technological transformation projects that increase the potential of integrated demand response.
The user’s long-term decision model considers the capacity of integrated energy equipment, equipment
costs, and policy subsidy. Medium-term expected returns, long-term expected returns and other
variables, among which policy subsidy as long-term incentives will have a greater impact on users’
decisions. Users comprehensively consider the effectiveness of integrated energy-use equipment
and long-term expected returns, and make the long-term decision-making that whether to invest
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in integrated energy-use equipment. The specific stock flow diagram is shown in Figure 3, and the
mathematical model is shown in formula.

S—{ 1/uie>Rle

0, other M)

where S represents whether to invest in integrated energy equipment. U, represents integrated energy
equipment utility. R, represents long-term expected return.

Uie = I @)
where I,; represents integration of integrated demand response income with equipment life.
Rje = Rine X (1 + Rpy) +Ps + C, ©)

where Ry, represents medium-term expected return. Ry, represents long—term user expectation
improvement rate. P; represents policy subsidy. C, represents equipment cost.

Pj = Py X (1 + Ry X S) 4)

where Py, represents long-term integrated demand response potential. P;, represents initial response
potential. R,; represents response improvement rate after investing in integrated energy equipment.
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Utility of integrated

energy equipment | Equipment cost |

Figure 3. Long-term integrated demand response decision module stock flow chart.

2.2.2. Medium-Term Integrated Demand Response Decision Model

The user’s medium-term decision considers whether to sign a medium-term integrated demand
response contract. The user’s medium-term decision model considers variables such as contract
duration, long-term integrated demand response potential, integrated demand response income,
and expected response income, among which the long-term integrated demand response potential
determines the medium-term integrated demand In response to the maximum capacity of the contract,
the user comprehensively considers the medium-term integrated demand response contract revenue
and medium-term expected revenue to make a medium-term decision on whether to sign an integrated
demand response. The specific inventory flow chart is shown in Figure 4, and the mathematical model
is shown in formula.

©)

C.— 1, Ripe > Rye
"0, other
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where, C,,; represents whether to sign a medium-term integrated demand response contract. Ry
represents medium-term integrated demand response contract revenue.

Rmc:Pic+PerRc (6)

where, P;, represents points for integrated demand response income over the duration of the contract.
R represents revenue coefficient.
Rme = Er X (1 +Rmu) (7)

where, E, represents expected response revenue. R, represents long-term user expectation
improvement rate.
Pl Cmu
Py = i 8
" { 0, other ®)
where, P;,;; represents medium-term integrated demand response potential. C;;;, represents user sign
medium-term integrated demand response contracts.

Contract period \ / Integrated demand response

return

Medium-term integrated —
demand response ;
contract revenue Whether to.31gn a
medium-term integrated
demand response contract

Long-term integrated
demand response potential

Medium-term integrated
demand response potential

Long-term expected

return Expected

\ Medium-term response return

expected return <

Figure 4. Medium-term integrated demand response decision module stock flow chart.

2.2.3. Short-Term Integrated Demand Response Decision Model

The user’s integrated demand response decision model considers whether to participate in
responding to IDR events on a daily scheduling time scale.

1, Cmu &&Rid > Er
R =
{ 0, other ©)
where, R represents whether to respond. R;; represents integrated demand response revenue.
Rsi = u(Cy, Pe), Vsr (10)

where, Ry; represents short-term integrated demand response revenue. C; represents response capacity.
P, represents energy price. Vs, represents short-term integrated demand response simulation value.

Rse = u(cer/ Pex, up) (11)

where, Rq, represents short-term expected response revenue. C,, represents expected response capacity
P,y represents expected energy price. U, represents user preference.



Energies 2020, 13, 710 7 of 24

The short-term integrated demand response decision model considers whether to sign a
medium-term integrated demand response contract, the expected energy price, the user’s own
preferences, the expected response capacity, the gas-electricity ratio and the thermoelectric ratio of
the self-load, response capacity, energy prices and other variables. Among them, different users have
different sensitivity to gas-electricity ratio and thermoelectricity ratio and users consider short-term
integrated demand response income and expected response income to make a short-term decision
on whether to respond. The specific inventory flow chart is shown in Figure 5, and the mathematical
model is shown in formula.

- Response
Energy price capacity Whether to sign a
; v medium-term integrated
Natural q 1nte3;rated demand response contract
3 emand response
lNa;“rﬁl gas” | gasload \ return \> '/
oad change K
rate Toctric Gas-electri city Whether to respond
ratio X s
Electric load e Thermoelectric Expected
change rate . g P “ Expectefl
ratio response return energy price
Heatload| __—" b U
Heat load Expected response Ser
change rate capacity preference

Figure 5. Short-term integrated demand response simulation module stock flow chart.

3. Short-Term Integrated Demand Response Operation Simulation

The short-term integrated demand response operation simulation in the short-term integrated
demand response decision model is a data source for the dynamic model of the integrated demand
response system based on the medium- and long-term time dimension.

Based on the regional electric-pneumatic interconnected integrated energy system network, the
coupling nodes connect the park-level heat network through combined cooling, heat and power (CCHP)
to build a park-level cool-heat-electric-gas integrated energy system. Regional-level electricity-gas
interconnection network is used as the input/output of CCHP in the park-level integrated energy
system to provide a network architecture for connecting the park-level integrated energy system.
Establish an integrated energy system and establish a scheduling model to obtain node energy
prices and then use the energy network Node multi-energy load users are targeted, considering
gas-electricity/thermal-electricity replaceable loads, establishing an integrated demand response model,
simulating the short-term response capacity and short-term response benefits of users participating
in integrated demand response, and passing them to users for response decisions. The simulated
short-term integrated demand response income of the user is integrated according to the integrated
demand response contract cycle and the integrated energy equipment usage cycle, and is used as an
indicator for the user’s medium-term and long-term decisions. The linkage principle is shown in
Figure 6.



Energies 2020, 13, 710

Energy
consumption

Gas-electric

load model

Optimal dispatch model of integrated
energy system combining regional
electricity-gas network and park-level
heating network

Price of energy nodes in regional
electric-gas integrated energy system

Integrated demand response model
considering substitutional load

Heat-electric
substitutional substitutional
load model

3.1. Integrated Energy System Scheduling Model

|
P 1
| 1
P 1
[ i
N |
[ |
N i term time dimension
[ |
B |
[ |
B Equipment | Long-term integrated
Lo atility . .
n ! demand response decision
| i model(Whether to invest in
I . o
1 i | integrated energy equipment)
| |
@ Node price i i
| |
| ! q .
. | Contract | Medium-term integrated
[
B revente | demand response decision
] i model(Whether to sign a
|
|l | response contract)
P ‘
1 |
N |
[
' Respond ! .
| ret':.m 3 User integrated demand
User utility ! ! i . g
] 3 3:>3 response simulation
[
P 1
i 1
! i

Figure 6. Modeling schematic.

Dynamic model of integrated
demand response system
based on medium and long-

model(Whether to respond)

8 of 24

The CCHP equipment of the coupling node in this paper mainly includes the use of combined
heat and power, gas boilers, electric refrigerators, and absorption refrigerators. There are many related
models [20,21], which are not repeated here. The electric-pneumatic network is connected to the
park-level heating network to supply power and cooling while heating users. The structure of the

integrated energy system is shown in Figure 7.
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Figure 7. Integrated energy system structure.
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3.1.1. Heat Network Model

The main considerations are node flow balance, node power fusion, load taking characteristics,
temperature constraints of water supply and return water, and heat transfer characteristics of the pipe
section [22].

1. Node traffic balance

For any node in the heat network, the sum of the incoming hot water flow is equal to the sum of

Y, Q=) < 12)

jesrret kes!Pe
1 1

the outgoing flow, that is:

where, S’: T and Sf " is a set of pipes connected to node i and starting and ending from node i

respectively; Q]‘g ; is the mass flow of hot water in pipe j during period .
2. Node temperature fusion

Hot water of different temperatures flows from different pipes to the same node and is mixed. After
mixing, the hot water flowing into the different pipes from the same node has the same temperature,

that is:
O0Nn8 _—_ 7l 14
Y, T =T Y, 9 (13)
jES?lp(ur kES?lW—
where, T;)t is the hot water outlet temperature of pipe j in period ¢; T]I( ; is the temperature of the hot
water in the pipeline k for period .
3. Load taking characteristics

For a heat network branch that contains hot users, the load node i consumes heat at time t as the
mass flow through the load node is water temperature reduced to return water temperature, which is:

L _ . ~S(18 _h
hiy = CQi,t(Ti,t - Tz',t) (14)

where, C is the specific heat capacity of hot water, taking 4.2 kJ/(kg-°C).
4. Variable supply and return water temperature constraints

In order to ensure the heat supply quality of heat sources and heat users, the supply and return
water temperatures of heat sources and heat users need to be limited, that is:

T8 i < T3y < Thax (15)
Tilnin S Tgt < Tilnax (16)

5. Heat transfer characteristics of pipe sections

According to the modelling of heat transfer characteristics in [23], the steady-state heat transfer

characteristics are as follows:
x

Repf
where x is the distance between a point on the pipe section and the head of the pipe section; R is the
thermal resistance per unit length of the pipe section; T's, T e, T a are the head end temperature of a
pipe section, x is the temperature and outside temperature; f is the flow of hot water.

The transient heat transfer characteristics are as follows:

T, = (T, - Ts) T, (17)
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For places near the heat source, the transient process is short. After one adjustment and before the
next adjustment, the temperature of the pipe section has reached a steady state. The transient heat
transfer characteristics of the pipe section at these points can be expressed as:

Ti1-Ti2) (1-
( - ﬁx)( o) (t_ti—1>

T t) =4 +(Ty~ T2)ax + T2t € [tig, biq + ] (18)
(T,Z - Té‘l)ocx + Tl t e (tiog + B, ti]

where T'(x, t) is the temperature of the heat network pipe at time ¢ from the heat source x during the
i-th period; Té‘l and Té‘z are the temperature of the heat source at time t;_; and time ¢;_5;i=1,2,3, ...

For places far away from the heat source, the steady state has not been reached during the
adjustment process. The transient heat transfer characteristics of the pipe section at these points can be
expressed as:

(To = Tiax + T = T (x, 1)

Ti(x,t) = i

X (E=tio1) + T (x, tio1) t € [tio1, b] (19)

where, T?(x, t) is the temperature of the heat network pipe at time t;_1 from the heat source x during
thei — 1 period; i1 =123, ...
3.1.2. Natural Gas Network Model

It mainly includes pipeline flow constraints, gas source point constraints, flow balance constraints,
compressor constraints, and node pressure constraints [22].

1. Pipeline flow constraints

For an ideal adiabatic gas pipeline, considering the two-way flow of natural gas, the flow equation
can be expressed as:

Qijt

Qg Qije| = Coi(P? — ) (20)

where, Q:;, = (Q" + Q%) /2, which represents the average flow through pipe ij at time ¢, where
ij,t ij,t ij,t 1% & gh pipe j
in Qo are the first section of natural gas injection flow and the final natural gas output flow of
ijt’ =ijt g ] g P

pipeline 7j at time ¢; C;; is the constants related to the efficiency, temperature, length, inner diameter,

and compression factor of pipeline ij; p; , pj+, respectively the pressure value of the first and last nodes

iand j at time t.

2. Natural gas source point constraint

Qild\{min < Q{’l\l,'t < Q%max (21)

where, QY .., QQ{ nin’ er:{ ; are the upper and lower limits of the natural gas supply flow at the gas

source point n and the output of the gas source at time .
3. Traffic balance constraint

QN+ Y Qe+ QPC - Q- Qh - QP = 0 (22)

ZGQ]'

where, Qﬁ supply gas flow for node i at time ¢; QE tZG is the gas-to-electricity gas supply flow at node i
at time ¢; QZ.GtZP is the natural gas flow consumed by the gas turbine at node i at time ¢; QI.Lt is the natural

gas load at node 7 at time £. QiCtCHP is the natural gas flow consumed by CCHP at node i at time £.
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4. Compressor constraint

Using a simplified compressor model [24] is

Pri < BeomPit (23)

where, fcom is the compression coefficient of the compressor, and p; ; and p; ; are the pressure values of
nodes [ and 1.

5. Node pressure constraint
Pt < pie < P (24)

max ,,min

where, pi@, p™™ are the upper and lower limits of the pressure value at node i.

3.1.3. Grid Model

Node power balance, unit output constraints, climbing constraints, branch flow constraints, and
electrical model gas and gas turbine related model constraints can be referred to in the literature [24,25],
and will not be described here.

3.1.4. Objective Function

The park-level heat network is coupled to the regional-level electric-pneumatic interconnected
integrated energy system network through CCHP equipment. The heat load is consumed by CCHP
to supply electricity and natural gas. It only needs to consider the system’s dispatching costs for
electricity and natural gas, mainly including the cost of thermal power generation, the cost of natural
gas supply and the cost of electricity to gas, that is:

minF =) | 3 A(PG)+ ), (@) + ) (PR 25)

teT | €O neQn 1eQprg

where, F is the integrated operating cost of the system; T is the number of time sections; ()¢ is thermal
power units; Oy is a set of natural gas source points; ()gyp is gas turbine unit; oG is a unit for gas to

electricity. f; (Pg,t) is the power generation cost function of thermal power unit ¢ at time ¢, expressed as:

f 1<P g,t) = ”g(P E,t)z + PG+ g (26)

where ag, bg, cg are the parameters of the ¢ consumption curve of the thermal power unit. Pg ; is the
active output of the thermal power unit g at time ¢.
fz(ij t) is the cost function of gas supply point n at time ¢, which is expressed as:

A(Q) = Qs 27)

where, CnN ; is the gas supply cost coefficient of gas source point n at time ¢, Qg’ ; is the natural gas supply
flow at gas source point n at time ¢.
fg,(Pf tZG) is the running cost function of electric gas [ at time ¢, which is expressed as:

P2G\ _ ~P2G pP2G
f3(P Lt )*Cl,t P (28)

where,

CPZG
Lt
from electricity to gas [ at time .

is the operating cost coefficient of electric gas [ at time t, Pf tZG

is the active power converted
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3.2. Integrated Demand Response Model Considering Flexible Loads, Energy Storage, and Electric Vehicle
as Participants

The multi-energy synergy of the integrated energy system expands the form of user participation
in integrated demand response. Based on the difference in energy prices, users can choose different
energy consumption methods to maximize their own energy efficiency. The main body is divided
into flexible loads, energy storage and electric vehicles. In the power demand response, the response
methods of flexible loads mainly include interruptible, translational, and transferable types, which are
not described here, mainly considering the coupling and substitution relationship between multiple
energy sources According to different ways of energy replacement, establish gas-electricity replacement
load and heat-electricity replacement load model. For energy storage, in addition to considering
traditional electric energy storage, you also need to establish models for gas storage systems and heat
storage systems. For cars, the user’s electric vehicle driving characteristics are considered to establish a
charge and discharge model for electric vehicles.

3.2.1. Node Energy Price

First, determine the node energy price according to the node energy balance constraints of the 3.1
integrated energy system scheduling model, as shown below:

G w CCHP G2P P2G _ plL
Pi,t+Pi,t+Pi,t +Pi,t _Pi,t _Zpi]}f_Pi,t (29)
jEQi
QN+ Y Qi+ Q6 - QG - Q5P = @t (30)
iGQ]'

The right side of the above formula is the node power load and the node natural gas load. PiLt
increasing 1, the objective function value F (system operating cost) will correspondingly generate a
marginal value corresponding to the power network node, and use this value to represent the node

electricity price, which is recorded as:
p, = OF/ 9P}, (1)

Similarly, whenever the node natural gas load QiLt increasing 1, the value of the objective function
will also generate a marginal value corresponding to the natural gas network node. Use this value to
represent the natural gas price of the node and record it as:

pS, = 9F/9Q;, (32)
3.2.2. Flexible Load Response Model
For user i, at time ¢, the electric load adjusted by the energy replacement project can be expressed as:
] y gy rep pP10) p
g, = q;, ~ L5 — L (33)
The adjusted natural gas load is expressed as:

Ty = T+ PersLis 4
The adjusted heat load is expressed as:
gy = qt, + pesnL) (35)

where: L replace the electric load with gas for the user at time t; L replace the electric load with heat
it p g 1t P

for the user at time ¢; K The user’s power load value before participating in the energy replacement
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project; ng ; is the user’s natural gas load value before participating in the energy replacement project; q? ;
is the user’s heat load value before participating in the energy replacement project; p,,  is gas-electricity
substitution coefficient; p,/j, is the thermo-electric substitution factor.

3.2.3. Multi-Type Energy Storage Response Model

The electric energy storage system, gas storage system, and heat storage system can all participate
in the integrated demand response, and the response can be achieved by switching the charging and
discharging mode [26]. The dynamic mathematical model of electric energy storage is expressed as:

) ESS,dis
EESS = (1— o )EESS + [Pfss"”nech - ] X At (36)
TNedis
where Efss is the storage capacity of electric energy storage during ¢ period, . is the loss rate of electric

energy storage, Pfss’i", Pfss’dis are the storage charge and discharge power during t period, and 1,
and 7,4;s represent the charge and discharge efficiency.

The mathematical model of gas storage dynamics is expressed as:

) FGS,dis
EPS = (1-ug)ESS + (Pfsfmngch - }x At (37)

Tgdis

where Efss is the gas storage capacity of gas storage during t period, i is the loss rate of gas storage,

F fs’i" and FtGS’diS are the injection and extraction flow of the gas storage facility during the period ¢,
and 1yc; and 7445 Tepresent the injection and extraction efficiency.

The mathematical model of thermal storage dynamics is expressed as:

) HS,dis
H® = (1- ) Hi +[ Fo e~ —— ]xAt (38)
Nhdis

where Hf{S is the heat storage capacity of thermal energy storage during ¢ period, yy is the heat
dissipation loss rate of heat storage, Q?S’m, ?S’dls are the heat storage and endothermic power during

the period ¢, and 7, and 1y, represent the efficiency of heat absorption and heat release.

3.2.4. Electric Vehicle Response Model

Electric vehicle can be used as mobile energy storage to participate in integrated demand response,
and the response is closely related to travel rules, mileage and atmospheric conditions such as sunlight.
While achieving energy storage, it can meet users’ travel requirements. Frequent discharge of batteries
will cause a certain amount of battery life for electric vehicles. In order to slow down the degradation
of battery life, it is necessary to minimize the number of charge and discharge switching times [27] of
the battery. It is assumed that the electric vehicle is only discharged once a day. The electric vehicle
charge and discharge limit time t;;,,, can be expressed as:

A Pty + Pet;— (1= 5,)Cs
lim — P+ P,

(39)

where, Py, P., Cs are the charging and discharging power and rated capacity of the electric vehicle, t;,
f;, and S, are the current time and off-grid, respectively. Time and state of charge of the current time.
The state of charge when the electric vehicle leaves is satisfied by the following formula:

> dnext X W+ Qmin
= Cs

S, (40)



Energies 2020, 13, 710 14 of 24

where, d;cx represents the next mileage of the electric vehicle, W is the power consumed per kilometer,
and Q min is the minimum power of the electric vehicle.
Discharge capacity of electric vehicle P";V. It can be expressed as:

P
EV d

Charging capacity of electric vehicle PtV can be expressed as:
PCEV = Cs(sn + Sl - Sa - Smin) (42)

where, S, 54, and S,,;, are the state of charge when offline, the state of charge when connected, and the
lowest state of charge, respectively.

3.2.5. Objective Function

Based on microeconomics theory, users’ satisfaction with electricity, gas and heat is expressed

as [28,29]:
q¢ 1
. it q e
o= [ (2) (43)
9 ¢
& 1
qit -
¢ o \eg
Ui = fng (5) dq (44)
i
h 1
qjt o
no (4 \en
= [ (2) (45)
iy
where v¢, ¥ as well as ¢ Satisfaction of electricity, gas and heat for user i, ¢, 4°, g For user i’s pure
(MRS i L’ it it

electrical load, pure gas load, pure thermal load, 4}, q?f , ql”f represent the rigid load of electricity,
natural gas, and heat, respectively of user i at time interval ¢; ¢, &g, € represent the user’s electricity,
gas, and heat demand-price elasticity coefficient.

Maximizing node user utility is expressed as:

h
{Ae[ef,(a,) — a5 ] + Ag[of (@) — a5 |+ Aul ol (aly) — (alp + aispd)]) o)

T
maxU; =

t=1

where U; is the integrated energy efficiency of node user i, A,, A as well as Aj,. The weight coefficients
h

i
for pure thermal load, pf, p‘tg are the node electricity price and the node gas price obtained from the
integrated energy system scheduling model. Finally, the short-term response income is classified

for user electricity, gas and heat use, g q?‘tg are electric energy and natural gas consumed by CCHP

according to the proportion of electricity, gas, and heat load. According to the short-term response
income and short-term response corresponding to different gas-to-electricity ratios and thermoelectric
ratios, expected returns make short-term response decisions [30-32].

4. Analysis of Examples

4.1. Study Data

In the underlying integrated energy system dispatching network, the improved IEEE24-node
power grid and the Belgian 20-node gas network are coupled by electricity-to-gas, gas turbines and
other equipment to form an upper-layer electric-pneumatic interconnected network. The improved
campus-level heat network will pass CCHP according to [17]. It is connected to the electricity-gas
network to form a park-level cool-heat-electricity-gas integrated energy system as shown in Figure 8,
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where, the IEEE24 node system has eight generating units; nodes 2 and 22 are gas turbines, which
are respectively connected to the natural gas network. Anderlues is connected to the Mons node;
nodes 13 and 18 are combined cooling and heating power units, which are connected to the Liege
and Zomergem nodes of the natural gas network, eight nodes of the thermal network I and eight
nodes of the thermal network II; power nodes 8, 19 and 21 each connected to a wind power unit with a
rated output of 100 MW. In order to maximize the wind power and avoid the natural gas network line
blockage, the input end of the electricity to gas is also connected to nodes 8, 19 and 21 of the power
network, and the output end is connected to the Loenhout, Peronnes, and Voeren nodes in the natural
gas network are connected. The 20-node natural gas system in Belgium includes 21 gas pipelines,
two pressurized stations, and two gas source points W1 and W2. The heating networks I and II are
connected to an electric boiler at 11 nodes, respectively. The upper and lower limits of output are 300
MW and 40 MW, and the efficiency is 0.95.

From storage

8 % Gas unit

@ Coal fired

unit
CCHP

@ Electric
10 T-7 boiler

Figure 8. Integrated energy system example diagram of combined power grid, gas network and
heat network.

4.1.1. Equipment Related Parameters

The relevant parameters of the gas turbine are shown in Table 1. The relevant parameters of the
electric-to-gas conversion are shown in Table 2. The CCHP on the heating network I and the heating
network II have the same configuration parameters, as shown in Table 3. On this basis, take coupling
node 13 and coupling node 18 in the power grid for comparison and analysis. It is assumed that the
two nodes have the same load before the response, corresponding to user 1 and user 2, respectively.
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And their energy consumption preferences and expected response benefits to the integrated demand
response are different.

Table 1. Gas turbine related parameters.

Active Active .
Unit Power Natural Gas Upper Limit Lower Limit Conversion
- o
Network Node Network Node (MW) (MW) Efficiency (%)
GT1 2 Anderlues 104 0 43%
GT2 18 Liege 80 0 43%
GT3 22 Mons 80 0 43%
Table 2. P2G related parameters.
Power Natural Gas Enter Enter Ch/i:e:hsrilen Run Cost
Unit Network Network Upper Limit Lower Limit ];) i ie rsl N (;/M‘zf
Node Node (MW) (MW) (C/e) o
o
P2G1 8 Loenhout 88 0 60% 1.5
P2G2 19 Peronnes 88 0 60% 1.6
P2G3 21 Voeren 66 0 60% 15
Table 3. CCHP related parameters.
Name Maximum Output (MW) Lower Output Limit (MW) Effectiveness (%)
Electric refrigerator 200 0 4
Absorption 200 0 11
refrigeration
Cogeneration 350 0 0.75
Gas boiler 500 0 0.9
Heat Exchanger 10,000 0 0.9

4.1.2. Flexible Load Data

Take the load of four weeks in a month in the second year of winter to analyze the response of
flexible load users to the integrated demand response project. The growth of gas load, heat load, and
electrical load over time in one month is shown in Figure 9. The growth from Monday to Friday was
relatively stable, and the load increased significantly every weekend.

Natural gas load (MW) 7 30. 10

------- Electric load (MW) 30. 087}
0.1 ----Heat load (MW) i 1.

IR ¢ - 30. 06 30. 06

T~aal

30. 08

;”}_‘ A S 30. 044 30. 04

! ;

} T ] - 30.02
Vo ] - 30.00
29.98
aa f - 29. 947 29-96

- 29. 927 29. 94

39.9 . ; . L . L . L . L — 29.90d 29, 92
5 10 15 20 25

7(day)

Figure 9. Flexible load growth in a month.
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4.1.3. Energy Storage Load Data

17 of 24

Take the load of four quarters in a year to analyze the participation of energy storage users in
integrated demand response projects. The change of electricity, gas and heat load over time in a year is

shown in Figure 10.

1200.08 - — Natural gas load (MW)
| — Electric load (MW)
—— Heat load (MW)

1200.07

1200.06

1200.05

1200.04

1200.03

1200.02

T(quarter)
Figure 10. Quarterly load change.

4.1.4. Changes in Mileage of Electric Vehicle

900.06

900.04

900.02

900.00

899.98

899.96

899.94

The daily response of electric vehicle users is affected by the satisfaction of the mileage and
the response income. The daily mileage is approximately log-normally distributed. The random
distribution of the mileage of the user 1 within a month and the responses are shown in Figure 11.

70

—m— Driven distance
.

o
AR _/'\_/'\_/ |

J\ -_/ '

60

Driven distance (km)

50

n

0I2 4 6 8
T(day)

Figure 11. Electric vehicle mileage.

4.1.5. Changes in Policy Subsidy

10 12 14 16 18 20 22 24 26 28 30

Assume that the integrated demand response project has been implemented for five years, and
the policy subsidy reflects the long-term incentive level. In order to compare and analyze the impact
of different long-term incentive levels on the medium- and long-term integrated demand response
decision, it is assumed that the policy subsidy changes are shown in Figure 12.
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1.7

—— Policy subsidy

Policy subsidy (¥ /kw-h)

12 24 36 48 60
T(month)

Figure 12. Policy subsidy change.

In the second year, the policy subsidy increased compared to the first year, but in the third year,
the policy subsidy fell to a trough due to some reasons, and in the fourth and fifth years, it returned to

the high subsidy level.

4.1.6. Changes in Policy Subsidy

According to the short-term integrated demand response operation simulation, the short-term
expected response benefits are shown in Table 4, and the different parameters of different types of
users’ response to the long-term integrated demand are shown in Table 5.

Table 4. Short-term expected response income.

Short-Term Expected Response

Gas-Electricity Ratio Thermoelectric Ratio Returns ($)
Greater than 1.1875 and Greater than 0.9375 and
Less than 1.33 less than 1 26,931.453
Greater than 1.1875 and
Less than 1.33 Greater than 1 25,435.261
Greater than 1.1875 and
Less than 1.33 Less than 0.9375 25,435.261
Greater than 1.33 / 26,931.453
Less than 1.1875 / 17,954.302

Table 5. Differential parameters for medium- and long-term response.

Medium-Term Yield Long-Term Yield

User Improvement Improvement Rate Equipment Cost ($)
Flexible load user 1 9 0.15 835
Flexible load user 2 9 0.2 835
Energy storage user 1 9 0.15 17,167
Energy storage user 2 9 0.2 17,167
Electric vehicle usersl 9 0.15 33,335
Electric vehicle users 2 9 0.2 33,335
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4.2. Analysis of Short-Term Integrated Demand Response Simulation Results

Due to the continuous use characteristics of the energy storage equipment, the investment period
of the energy storage equipment is set to half a year, and the investment equipment will be used.
Therefore, the long-term energy storage equipment investment decision is not considered to analyze
the short-term response benefits of energy storage users. It mainly analyzes the short-term response of
flexible loads and electric vehicle users. The short-term response income simulation results are shown
in Table 6.

Table 6. Short-term response benefit simulation results.

Gas-Electricity Ratio Thermoelectric Ratio Short-Term Response Income ($)
Greater than 1.1875 and Greater than 0.9375 and
Less than 1.33 less than 1 28,427.645

Greater than 1.1875 and

Less than 1.33 Greater than 1 26,931.453
Greater than 1.1875 and
Less than 1.33 Less than 0.9375 26,931.453
Greater than 1.33 / 25,435.261
Less than 1.1875 / 13,465.727

4.2.1. Analysis of Short-Term Response of Flexible Load Users

For flexible loads, the response situation is more closely related to time. The changes in weekday
and holiday loads make users’ changes in expected response revenue more obvious. Therefore, this
article analyzes the response of flexible load users to participate in integrated demand response from
weekly load changes. The response within four weeks is shown in Figure 13. Among them, “1” on
the ordinate represents the user’s participation in the response, and the abscissa is the number of
days. In the four weeks shown in Figure 12, users have higher responsiveness from Monday to Friday
and relatively few weekends. The main reason is that users have higher requirements for energy
consumption on weekends and higher expected returns on integrated demand response projects, so
they have fewer response times.

I \Whether to respond

Whether to respond

O 2 4 6 8 10 12 14 16 18 20 22 24 26 28
T(day)

Figure 13. Short-term response of flexible load users.
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4.2.2. Analysis of Short-Term Response of Electric Vehicle Users

The response of the electric vehicle is shown in Figure 14. In conjunction with Figures 11 and 14,
when the electric vehicle’s mileage did not exceed 58 km, the user chose to respond. This is mainly
because when the mileage did not exceed 58 km, the user’s travel satisfaction was within the acceptable
range. However, when the mileage exceeded 58 km, the response was not enough to make up for the
user’s request for travel satisfaction, and it did not respond.

I Whether to respond

Whether to respond

0 2 4 6 8 10 12 14 16 18 20 22 24 26 28 30
T(day)

Figure 14. Short-term response of electric vehicle users.

4.3. Long-Term Integrated Demand Response Analysis of Flexible Loads, Energy Storage, and Electric Vehicle

4.3.1. Analysis of Medium- and Long-Term Decisions for Flexible Load Users

Vensim software was used to simulate the long-term integrated demand response project. The
medium- and long-term integrated demand response situation of flexible load users is shown in
Figure 15, where the red block is the subsidy level, and the long-term decision of users 1 and 2 is 1 for
integrated investment. Energy equipment, when it was 0, did not invest. When the medium-term
decision was 1, it means that it sighed a medium-term integrated demand response contract, and when
it was 0, it means that it did not sign a contract. User 1 started to invest in integrated energy-use
equipment after the second year subsidy policy was raised, and A medium-term integrated demand
response contract was signed, but its sensitivity to policy subsidy was not high, and even if the subsidy
slightly declined in the third year, its investment decision on integrated energy-using equipment
was unchanged, and an integrated demand response contract was also signed. User 2 first began to
invest in integrated energy equipment in 2015, actively participated in integrated demand response
projects and signed medium-term integrated demand response contracts, but its sensitivity to policy
subsidy was high. When the subsidy fell in the third year, it was decided not to invest in integrated
energy equipment. However, a medium-term contract is still signed to ensure integrated demand
response participation.
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Policy subsidy

Jser 1 long—term decision
User 1 mediumterm decision
User 2 'longjternl decision
User 2 medillfjm—tem decision
o

Figure 15. Medium- and long-term decision-making of flexible load users.

4.3.2. Medium- and Long-Term Decision Analysis of Energy Storage

The response of energy storage is greatly related to seasonal changes, and the changes in winter and
summer make the response gains of energy storage significantly different, so this section analyzes the
medium-to-long-term decisions of energy storage users from the changes in seasonal load. According
to Figure 10 quarterly load changes of energy storage users, and the medium-to-long-term integrated

demand response of energy storage users including electricity storage, gas storage, and heat storage
systems are shown in Figure 16.

B Policy subsidy

— User 1 electricity storage
Bl User 1 heat storage

e User 1 gas storage

B User 2)electricity storage

|

é [ ] User 2/ heat storage

PRt 2 gas storage

o |

pucd |

Zv |

57 i |

5 |

2

Z

Figure 16. Long-term decision-making of energy storage users.
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Combining Figures 12 and 16, User 1 had a higher preference for the energy consumption of
electric loads, and has been investing in electric energy storage equipment since the first year, but did
not invest in heat and gas storage in the season when the heat load and gas load were small. Equipment,
after the policy subsidy rose sharply in the later period, began to invest in energy storage equipment
regardless of the season. User 2’s preference for electricity, heat, and gas was relatively balanced, and
in the first year of policy subsidy levels, no energy storage equipment was invested. After the subsidy

rose in the second year, it has been investing in energy storage equipment and responded positively.

4.3.3. Analysis of Medium- and Long-Term Integrated Decision of Electric Vehicle

According to Table 5, it can be seen that the long-term profit improvement rate of electric vehicle
user 2 is higher than that of user 1, which reflects that user 2’s travel satisfaction is higher than that of

user 1. The medium-to-long-term integrated demand response of electric vehicle users is shown in
Figure 17.

I Policy subsidy

[ User 1 long—term decision
I User 1 medium—term decision
[[77] User 2-long-term decision
B User 2 medjum*term decision

Figure 17. Medium- and long-term decision-making of electric vehicle.

Faced with the first year of policy subsidy, users with low travel satisfaction 1 began to invest in
electric vehicles. Until the third year, subsidies fell, and the upgrading of electric vehicles was stopped,
but investment was resumed after the subsidy rose. The travel satisfaction of 2 was high. In the face

of the first to third year of subsidy, they were reluctant to invest in electric vehicles. After the sharp
increase in the fourth year, they began to invest in electric vehicles.

5. Conclusions

Based on system dynamics, this paper analyzes the long-term, medium-term, and short-term
integrated demand response behavior of demand response resources in different time dimensions, and
establishes an integrated demand response model based on the long-term time dimension. Considering
flexible loads, energy storage, and electric vehicles as IDR participation, the main body, established an
integrated energy system scheduling and integrated demand response model, simulates the benefits of
user participation in IDR, and provides a data source for the long-term integrated demand response
model. The example is based on long-term incentives based on policy subsidy, and compares and
analyzes different long-term incentive levels and regions: location, user energy preferences, and
other characteristics of flexible load, energy storage, and electric vehicle users’ response behavior in
different time dimensions. When users of different types and locations face incentive signals from
policy subsidy, their response decisions are significantly different. In the future, the uncertain impact
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of user response can be considered, and the user energy consumption behavior will continue to be
deepened. We will analyze the multiple behaviors of different users, and do further research on a good
source-charge interaction mechanism, considering issues such as economics, environmental protection,
voltage quality and safety.
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