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Abstract: In 2018, the revised Energy Performance of Buildings Directive (EPBD) included for the
first time the application of a smart readiness indicator (SRI). Based on the fact that load shifting in
and across buildings plays an increasingly important role to improve efficiency and alleviate the
integration of renewable energy systems, the SRI is also aimed at providing an indication of how
well buildings can interact with the energy grids. With the clustering of buildings into larger entities,
synergies related to the integration of renewable energy and load shifting can be efficiently exploited.
However, current proposals for the SRI focus mainly on qualitative appraisals of the smartness of
buildings and do not include the wider context of the districts. Quantitative approaches that can be
easily applied at an early planning stage are still mostly missing. To optimize infrastructure decisions
on a larger scale, a quantifiable perspective beyond the building level is necessary to evaluate and
leverage the larger load shifting capacities. This article builds on a previously published methodology
for smart buildings with the aim to provide a numerical model-based approach on the assessment
of whole districts based on their overall energy storage capacity, load shifting potential and their
ability to actively interact with the energy grids. It also delivers the equivalent CO2 savings potential
compared to a non-interactive system. The methodology is applied to theoretical use cases for
validation. The results highlight that the proposed quantitative model can provide a meaningful and
objective assessment of the load shifting potentials of smart districts.

Keywords: smart buildings; smart districts; smart grids; smart readiness indicator; energy efficiency;
energy performance of buildings directive; energy flexibility; load shifting; demand response

1. Introduction

At the end of 2019, the newly elected President of the European Commission published the
European Green Deal [1], a roadmap for transforming the EU’s economy towards sustainability. The goal
is for the EU to be climate neutral in 2050 by boosting the efficiency and use of resources, moving to a
clean and circular economy and restoring biodiversity and cutting pollution. The de-carbonization of
the energy sector, as well as ensuring that buildings become more energy efficient, is amongst the key
actions in this long-term strategy. The subsequent proposal for the first European Climate Law [2] aims
to ensure that all EU policies contribute to the European Green Deal and that all sectors of the economy
and society will play their part. With over 40% of the global energy consumption being attributed to

Energies 2020, 13, 3507; doi:10.3390/en13133507 www.mdpi.com/journal/energies

http://www.mdpi.com/journal/energies
http://www.mdpi.com
https://orcid.org/0000-0001-5466-8485
https://orcid.org/0000-0003-3988-4889
http://dx.doi.org/10.3390/en13133507
http://www.mdpi.com/journal/energies
https://www.mdpi.com/1996-1073/13/13/3507?type=check_update&version=2


Energies 2020, 13, 3507 2 of 23

the construction and use of buildings [3,4] and the European building sector being responsible for an
estimated 39% of final energy consumption [5] it is evident, that any future oriented government must
include buildings and their associated infrastructure at the core of its roadmaps.

Currently EU legislation related to energy use in buildings is based on the Energy Efficiency
Directive [6], the Renewable Energy Directive [7], and Energy Performance of Buildings Directive
(EPBD) [8], with each directive providing the framework conditions for the national regulations and
standards. The EPBD, which came into force for the first time in 2002 has since then be twice revised
in 2010 and 2018 [9], with each new version imposing yet stricter regulations on energy efficiency in
buildings. In the last amendment the EPBD included for the first time the development and application
of a so-called smart readiness indicator (SRI), which should describe how well the building can
interact with the grid, manage and optimize itself, and relate information to and from its occupants.
Since the SRI has not been fully elaborated in the regulative document, a study has subsequently been
commissioned by the EC in order to provide guidance and a coherent framework for the member
states [10,11]. The study provides a calculation framework for the assessment of the SRI that is based
on qualitative indicators in a matrix approach that covers a series of impact criteria, domains and
domain services. The framework focuses mostly on a qualitative assessment that is dependent on
certified assessors, thus adding the danger of subjectivity to the process. Since its publication the
consortium has carried out several tests to validate the process. An independent study also concluded
that the approach shows limitations, particularly when applied to colder climates [12]. Another recently
published analysis highlights the inherent subjectivity of the proposed solution as it documents how
two independent research groups carrying out the assessment on the same buildings came to highly
diverging results [13]. It is expected that more appraisals will follow to assess whether the initial
proposal poses a viable way forward. The member states of the European Union will finally have to
jointly or individually decide on the specific process to be implemented in their countries.

In a position paper of the “Annex 67: Energy Flexible Buildings” of the International Energy
Agency (IEA) the authors argue, that there is a need for a quantitative analysis of buildings’ energy
flexibility [14]. Whilst a market model is proposed as an assessment, this is not considered entirely
future proof, as costs and markets are subject to change [15]. One of the key objectives of the SRI
is the assessment of the load shifting potentials of buildings, however this aspect is not explicitly
quantified within the above-discussed study [10,11]. Also, the district is not considered, even though
the clustering of larger entities becomes more important as load shifting capabilities increase. In a
previous publication [16], the authors of this article have already proposed a methodology to integrate
a quantitative assessment of the load shifting potential of buildings in order to support an objective
judgment and subsequent implementation of the SRI. Based on the definition of the SRI in that paper,
conclusions can be drawn on the load shifting potential of buildings. Following the publication,
the authors have consulted with relevant stakeholders to gather feedback on the proposed methodology
and to identify relevant research gaps.

This article consequently builds on the previously published methodology with the aim to provide
a coherent assessment to support the optimization of infrastructure decisions on a larger scale based
on the hypothesis that a perspective beyond the building level is necessary to leverage potential load
shifting capacities of the built environment. The underlying hypothesis is, that the methodology for
the SRI can also be expanded to larger entities, such as districts or cities and that it can provide an
adequate approximation for the potential CO2 savings. The subsequent research questions follow
this hypothesis and can be summarized as follows: (1) How can the definition of the SRI be extended
in terms of an efficiency limit? (2) Can the assessments for buildings be meaningfully extended to
groups of buildings and larger districts? (3) Can the equivalent CO2 savings potential be derived from
the methodology?

As a result, the objective of this study is the adaptation and enlargement of the methodology to
also include larger entities as well as infrastructure and CO2 assessments on a district scale. The aim
is to provide a numerical model-based approach on the assessment of whole districts based on their
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overall energy storage capacity, load shifting potential and their ability to actively interact with the
energy grids. In addition to the district SRI and the district load shifting potential it also provides an
estimation of the equivalent CO2 savings compared to a system that does not include the building’s
load shifting potential. Comparably to the first publication, the approach is applied to theoretical use
cases for validation. It shows that a comprehensive quantitative approach can provide meaningful
result also on a district level, thus delivering important answers to the question of how much buildings
can contribute to actively store and dispatch energy within a district or larger urban quarter.

The following Section 2 highlights the current state of the art and subsequent research gap this
publication is addressing in the context of the assessments of smart districts. The regulative framework
conditions are briefly outlined, followed by an account of state-of-the-art research related to the load
shifting potential in buildings in combination with the increased use of renewable energy systems
(RES). The particular focus on smart districts is seen as the logical intermediate step between smart
buildings and smart cities. Section 3 describes the overall methodology, respective equations and
derivations for the assessment. In Section 4 the approach is tested on a theoretical use case on a small
representative district in the City of Vienna. The discussion in Section 5 finally provides a review of
this extended methodology, its limitations, as well as potential for a wider application with the goal
that the member states include an objective and quantitative assessment within their new regulations
related to the Smart Readiness Indicator.

2. Background

Buildings play undoubtedly a crucial role within a sustainable and fossil-free energy system.
Whilst the focus on the single entity is hugely relevant in order to develop highly efficient materials,
structures and system, the enlargement of the perspective to bigger entities can be crucial to leverage
the full potential of connected systems. Especially in dense urban environments, buildings cannot
only be viewed as detached elements, but must be perceived within a wider neighborhood in their
urban morphological and societal context. Resilient urban development thus sets a particular focus on
concepts for sustainable, efficient, and green districts [17]. The de-carbonization of the energy systems
will heavily rely on the widespread integration of RES. But since demand and supply can be deeply
asynchronous, demand response management and storage potentials must be implemented to match
the scale of renewables. Energy grids can provide the required transfer for electrical and thermal
energy. Whilst on the building level infrastructure considerations are mostly dependent on the already
existing infrastructure on a particular building site, planning on a district scale offers a broader range
of options. In addition to larger urban or regional networks, small-scale infrastructure, such as district
heating or cooling networks, can be included at this scale.

2.1. Regulative Background and Current Developments on the SRI

Within the latest revision of the EPBD the regulators also foresee a Smart Readiness Indicator (SRI)
that rates a building to use information and communication technology (ICT) to adapt the operation of
the building to the needs of the occupants and the grid [9]. As a support mechanism, the European
Commission has funded a study to provide a coherent methodology for the assessment of the SRI for the
member states [10]. After the publication of the original findings in 2018, the consortium subsequently
started a stakeholder consultation process to review the applicability of their proposal. This process
included the review of a series of topics, including cost and cost-benefits, climatic specificities, scoring
system and testing. They also implemented two expert topical stakeholder working groups focused
on SRI value proposition and implementation as well as SRI calculation methodology. The findings
of the process and adaptations have been summarized in the interim report of the Second Technical
Support Study on the Smart Readiness Indicator for Buildings [11]. Related to their Task 1 on the
technical support for the consolidation of the definition and the calculation methodology of the SRI,
the study concludes that the proposed SRI methodology builds on assessing the smart readiness service
in a building. These services improve the performance of the building in regard to energy efficiency,
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responds to user requirements and support the interaction with the grid. The proposal includes both a
simplified and detailed assessment method and the overall methodology has also been tested on 112
test cases [11]. Compared to the initial study, the revised version after the consultation process has not
significantly changed other than refinement of the indicators as outlined above. The methodology still
relies heavily on qualified assessors and thus on a subjective and quantitative approach. The latest
report states that the reliability of and trust in the experts to deliver the scheme will be a key success
factor and that high-quality training will be required [11]. It should also be noted that the methodology
relates mostly to the electricity demand (as outlined under point 3 in the reference stated above) and
does not equally consider flexibility in thermal demand.

Whilst the implementation of the EPBD is up to the individual member states, the Concerted
Action on Energy Performance of Buildings Directive (CA EPBD), which is funded under the European
Unions’ Horizon 2020 program, aims at exchanging knowledge and best practices in the field of
energy efficiency amongst the European member countries [18]. Subsequently the SRI and potential
methodologies associated with its integration into national building codes will also most likely be
discussed within this working group. As the CA EPBD also publishes country reports on the status of
the implementation of the EPBD in the member states, it remains to be seen how the SRI methodology
as proposed in the above study will be applied throughout Europe.

Nevertheless, it is clearly understood, that the Energy Performance certificates (EPCs), which are
an inherent part of the EPBD play a crucial role in transforming the building market and that the
directive as such already has been shown to be an effective policy [19,20]. Education and training
as well as interdisciplinarity are essential cornerstones in driving the EPBD forward to improve the
performance of buildings [21]. The EPCs should ideally provide easily accessible data on building
performance and can support the identification and subsequent refurbishment of underperforming
buildings [22]. The recently added SRI can also serve as a useful source of information to enhance
public awareness on the smartness of a building, however similarly to the EPC, it is key that the
indicator is easy to use, transparent and based on reliable data.

The discussion of the regulatory background shows, that policy related to the assessments of
buildings are both highly relevant, but there is an evident need for easily applicable and reliable tools
that provide an objective assessment. Currently, this aspect is still mostly missing within the context of
the SRI.

2.2. Smart Districts

The terminology “smart” has in recent years been extensively used and elaborated on. There are
several definitions, when it comes to the labelling of smart buildings or smart districts. Wiggington and
Harris conclude that there exist more than 30 separate definitions on the term intelligence in relation to
buildings [23]. Other literature on the subject states that intelligent buildings are clearly multi-faceted
and whilst they can be summarized by a series of characteristics that include aspects ranging from user
safety and comfort to resources, a universal description is challenging [24]. Whilst smartness has been
mainly used as a label for buildings and cities, the intermediate scale of the district gains in importance
as local energy solutions emerge.

Within the contact of this approach, the smartness mostly related to the efficient use of resources
and energy. From an architectural perspective, the planning of a building is mostly limited and defined
by the actual plot of the construction. Nevertheless, urban planning considerations as well as scale,
morphology and societal setting amongst others heavily influence the design. Energy efficiency is
also largely dependent on the immediate context relating to climate, resources, and infrastructure.
Incorporating a systemic view beyond the building’s edge towards the district can provide added
value, as concepts for sustainable neighborhoods play a fundamental role in the development of
resilient cities [17].

Following the logic of resource and energy efficient design on a buildings scale [25], the district
offers the benefit of the systemic perspective and can subsequently deliver optimization beyond the
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single entity. Especially when it comes to building renovation, clustering buildings with different
thermal qualities and connected energy generation, supply and storage systems can achieve significant
primary energy savings with minimal physical intervention compared to the renovation of single
entities alone [26].

The steps as outlined in Figure 1 describe the methodology for the development of energy concepts
at district scale. In step 1, the passive aspects, defined by the architecture (shape, form, envelope,
mass) are the first key measures to reduce the actual energy demand for heating, cooling, lighting and
ventilation. At the district scale the influencing factors include the orientation of the building blocks,
the density and the functional mix of the various entities. The 2nd step relates to the energy systems
and focus on the energy networks, the use of waste heat potential and the efficient control management
across buildings. In step 3 the adequate selection of RES and respective energy storage solutions is key
to move towards zero-carbon district solutions. The overall load management as well as small scale
district heating or cooling grids are relevant aspects in step 4, where the overall district in connection
to the larger urban entity or region signifies the move towards smart district and subsequently smart
city solutions.
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There is however still the question how the domains of the smart buildings can be connected to
the district and subsequently to the city to ensure interoperability, especially when it comes to digital
planning tools but also for operational purposes. In a recent publication where the interoperability
of smart buildings into smart city platforms was evaluated, the authors concluded that the five
aspects of smart energy, smart mobility, smart life, smart environment and smart data were the key
domains related to the interconnectivity between the scales. Subsequently, smart building integration
into a smart city has been defined to set out the framework for the various integration levels [27].
On a building scale there are already several assessments in place that are aimed at quantifying
the intelligence or smartness of a building, several of which have been analyzed within the context
of the named publication. The building intelligent quotient (BIQ) program developed by the BIQ
Consortium consisting of CABA (Continental Automated Building Association) members, is a program
aimed at evaluating building intelligence. Whilst it is mainly focused on building automation and
control, it should function by its own definition as an evaluation tool for a buildings’ smartness [28].
The Honeywell Smart Building Score (HSBS) provides a rating on 15 technology asset groups that
make a building green, safe, and productive, and similarly offers a broad approach on the rating of
devices, software, and control mechanisms within a building [29]. Both ratings encompass a rather
complex and elaborate process and mainly focus on intelligent control mechanism and appliances
rather than on load management, which provides an entirely different approach as outlined in this
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paper. In addition, they are also focused on a technology and device-oriented approach, which would
need to be adapted as new technologies emerge.

Whilst the assessment of energy flows in buildings is already mostly considered standard practice
with more or less detail, the district scale requires a different set of models as other aspects, such as
mobility, networks and other infrastructure (e.g., waste heat from industrial processes) need to be
factored in. In order to identify optimal strategies at the district level, methodologies should include
qualitative and quantitative evaluation procedures based on reciprocal impacts [30]. However, there is
also a need for district and energy models that go beyond the scientific community to be applied
in practical design developments. Focusing especially on the planning community, the CityCalc
tool has been developed to provide a quick assessment for urban planning competitions and initial
planning phases [31,32]. Spatial-temporal modeling and thus dynamic assessments on a district scale
can also be carried out by the CEA (city energy analyst) [33], a free open-source GIS-(geographic
information systems) integrated system that has been conceived as an urban building simulation
platform for the analysis and scenario comparison of energy demand, associated CO2 emissions,
financial benefits and production optimization for districts [34,35]. GIS based data analysis coupled
with energy workflow modelling can be of particular importance for integrated urban platforms,
that aim at modelling a diverse range of CO2 emission related domains such as energy, resources
and mobility. Such multi-domain tools can help to identify, e.g., high impact districts in need of
modernization within the different urban sectors [36].

In a recent study, several urban energy-planning tools have been assessed based on their overall
user friendliness related to spatial scale, output time and energy services with a few having been
considered suitable for widespread use [37]. District energy modeling also supports the development
of adequate technical and economical solutions for the existing building stock, as energy efficiency and
renewable energy measures can be potentially more cost-effectively integrated at a multi-building scale.
IEA Task 75 is specifically dedicated to the development of solutions for existing urban districts [38].
These developments show, that there is a noticeable shift towards the system perspective, which becomes
ever more important, as with the exponential increase in information and communication technology,
buildings act as distributed consumers, producers and storage of energy and thus develop into active
players in the energy system. Similarly, the clustering of buildings to larger entities becomes more
relevant as synergies related to energy efficiency and renewable energy sources can be exploited [14,15].

In his recently published book on the Green New Deal, the economist Jeremy Rifkin argues that
a factor in his so called third industrial revolution towards a de-carbonized energy system lies in
the digitalization of the energy networks. He stipulates that paradigm changes can occur when new
communication technology converges with new energy sources and new forms of mobility. Thus he
concludes that the world is on verge of a third industrial revolution as the Internet is connected to the
energy system and to the mass transport systems of e-mobility [39]. Consequently, the assessment of
the flexibility of buildings is significant in this context.

2.3. The Potential of Load Shifting in Buildings for the Integration of RES

The transition towards a sustainable energy system relies heavily both on the lowering of the
overall demand and the provision of the required energy by renewable sources. The transformation
from a centralized market to an intelligent smart grid requires a fundamental change in how we
conceive the production, distribution, storage, and supply of energy [40]. As outlined above, in this
context, buildings play a crucial role as they are significant consumers of energy but can at the same
time provide surface areas for the integration of de-centralized solar energy systems and storage
potential by means of their thermal mass and building services systems.

Aggregating buildings for cooperative energy management can yield substantial energy savings by
exploiting their load shifting capabilities and utilizing shared energy systems. Aggregating buildings
to clusters allow the exploitation of the variation in energy demand in different building types [15].
Determining efficient control strategies to allow a data driven and robust optimization strategy are
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necessary to use the potentials at a larger scale [41]. For electrical smart grids (SGs) the integration of
renewable energy (RE) generation also depends largely on efficient demand response (DR). Increasing
the share of RES implies that both storage systems and DR have to be jointly considered as with an
increasingly higher share of RES the flexibility in the grids decrease without adequate management of
demand and supply. Studies undertaken in specific micro-grids analyzing the effects of high renewable
energy penetration highlight that adequate methods must be applied for an effective demand response
management [42]. In order to provide de-centralized storage devices in buildings that increase the
participation of end-users in the operation of the grids, micro-storage solutions must be properly
planned and managed in order to provide optimized results [43]. Peer to peer (P2P) energy trading
can also enable direct energy trading between energy consumers and prosumers. This reduces the
exchange between the microgrid and the large-scale utility grids and can subsequently support the
wide-ranging penetration of renewable energy into the power grid [44].

Whilst the electrical load shifting undoubtedly dominates the discussions related to smart grids,
the thermal integration and consideration of intelligent thermal grids must not be neglected. Integrating
PV (photovoltaic) systems in buildings, the so-called building integrated PVs (BIPVs) can, from an
architectural and building technical point of view, more easily be achieved compared to solar thermal
systems. There is nevertheless still a demand to also incorporate thermal renewables into the urban
fabric. Solar thermal collectors, heat pumps, systems based on biomass or waste heat from auxiliary
sources can all provide low emission alternatives to fossil-based systems. In a forecast scenario for
the European heating and cooling fuel deployment an increase in the share of renewable energy from
16.7% in 2012 to 25.9% in 2030 is possible under the current policy scenario. This is driven mostly by
an increased deployment of RES and a simultaneously falling final energy demand due to stricter
building efficiency [45].

There is a growing awareness, that district heating networks should also react to the de-centralization of
the energy market and subsequently allow the integration of small-scale supply, mostly based on RES,
into their systems [46]. This would also allow the use of so-called waste heat (usually low temperature
heat) from industrial processes, wastewater or reject heat from cooling systems. Several studies suggest
that there is a significant potential to exploit these yet untapped resources [47,48]. Especially data
centers, with their large demand in power and cooling energy represent both a potential for waste heat
as well as renewable energy integration. A recent study has found that regional climate studies can
provide an effective way of improving the efficiency of data centers in both the upstream renewable
energy supply and the downstream waste heat reuse [48].

Although supply temperature from so called prosumers (customers that consume as well as
produce energy) is usually lower than typical supply temperature, the thermal networks need
to effectively manage and control their system to increase the share of decentralized renewable
integration [49]. A thorough analysis on the exact scale and potential of the renewable input is
however crucial to determine the feasibility of the de-centralized option. Defining a model that
combines prosumers, central supply as well as market and emissions aspects can be accomplished
by applying stochastic optimization algorithms. However, achieving a fair distribution of economic
benefits between a central heat plant and multiple consumers remains a challenging task [50].

A study comparing several scenarios from the (classical) central heat-plant setup, to an agent-based
approach and prosumer centric solutions comes to the conclusions that no approach has emerged
as superior to the others and that each solution is justified under certain circumstances. It stresses
subsequently that mathematical optimization is crucial in determining the best way forward [51].
While economic benefits are achieved in most scenarios, it is a non-trivial task to construct a market
model that distributes these benefits in a fair way between the central heat plant and the prosumers.

Focusing on exergy with the aim to use energy efficiently and reduce carbon emissions presents
yet another modelling approach. By considering the match between the grade of energy on the demand
and supply side analytical models can provide useful decision support for the planning of low- or
zero energy districts [52]. Combining heating and power models by providing modeling solutions
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for the design of co-generation is an essential cornerstone on the development of decision support
mechanisms at the district scale. Multi-criteria optimization allows the focus not just on minimization
of operation and maintenance system costs, but also taking into account time-varying loads, tariffs,
and ambient conditions [53]. The intelligent coupling of heat and power demand and supply and
subsequent co-generation is of particular importance on that scale as thermal and electrical loads
can more efficiently be balanced on multiple and different building types with varying demands.
Integrating renewable energy systems thus requires a multi-objective approach that considers both
economical as well as environmental functions [54]. Quantifying relevant characteristics regarding the
generation, distribution, and storage of energy in districts consequently represents a highly relevant
aspect in the increased integration of RES into the urban environment. Current assessments and
simulation tools on a district scale address the energy related aspects, however load shifting is still
mostly considered from the perspective of the utility provider and thus mostly neglected in appraisals
focusing on the characteristics of smart buildings and districts.

3. Methodology

Following the initial concept for the development of a quantitative approach on a building scale,
the below outlined methodology aims at upscaling the concept to a bigger dimension. The numerical
model-based approach provides an assessment of whole districts (or even larger entities) based on
their overall energy storage capacity, load shifting potential and their ability to actively interact with
the energy grids. With this methodology, districts or larger conglomerates of buildings can be rated
and subsequently categorized with a single indicator per energy type. In addition, the resulting
CO2 savings potential compared to an equivalent non-interactive system can be defined, which in
turn highlights the probable benefits of the load shifting. This last aspect is of particular importance
for future funding schemes or other incentives tied to CO2 emission savings. Since load shifting
increases the efficiency of the overall system and subsequently the efficient use of renewable energy,
the equivalent savings should be calculated and highlighted. Subsequently the proposed methodology
aims at providing an answer to the following questions:

“What is the potential of the district to take energy from the grid, store it over a certain period
of time and again dispatch it back to the grid? What are the potential CO2 emission savings
associated with the load shifting potential of the district?”

In a first step, the previously published methodology is improved based on stakeholder feedback.
Based on the adapted equations, the approach is enlarged from the single building to multiple buildings
thus allowing the application on a whole district or any bigger logically connected series of buildings.
The last sub-section finally provides an estimation for the equivalent CO2 savings, which might be of
particular importance for the communication of the benefits of increasing the load shifting capabilities
in buildings.

3.1. Adaptation of the Previously Published Methodology

Following the publication of the initial methodology on the quantitative assessment of the load
shifting potentials in buildings [16], a series of discussions were held with relevant stakeholders to
gain insight related to the usefulness and potential application of the methodology. Whilst the overall
approach to provide a simplified numerical assessment has been positively acknowledged, it has
been critically reviewed, that the proposed calculation does not require minimum efficiency standards
related to the storage system. It was noted that this could essentially mean that a series of highly
inefficient (and potentially environmentally adverse) storage technologies could result in an equally
good SRI as highly efficient (and less ecologically detrimental) systems. This could be of particular
importance if the SRI is used in future application for any funding mechanisms. Thus, in order not to
favor cheap and inefficient storage technologies via the definition of the SRI, the original approach has
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been extended by a simple extension to include a barrier in regard to minimal efficiency related to the
storage type and system.

The preceding equation with the variables as outlined below has been originally published [16]
and reads as follows:

SRI =
AC(

1 + e−6(( SC
ED ∗ηSC∗(1−ζSC))−1)

) (1)

where ED refers to the energy demand of the building per energy source for the selected time period τ,
SC, the storage capacity of the respective storage in the building, and ηSC, the efficiency factor of the
storage capacity (here the efficiency for loading as well as unloading the storage must be considered).
ηSC = ηC * ηD. ηC denotes the efficiency factor of the storage capacity for charge. ηD refers to the
efficiency factor of the storage capacity for discharge, ζSC, the storage loss during the selected period
in full storage (e.g., through self-discharge or associated heat losses), and AC the activity coefficient for
the building.

Depending on the activity of the building, four different activity coefficients have previously been
distinguished: (1) no grid available n/a; (2) no interaction with the grid, the activity coefficient is 0;
(3) passive interaction with the grid, the activity coefficient is 1; (4) active interaction with the grid the
activity coefficient is 2. (“ . . . In this context “no interaction with the grid” means that no storage or
load shifting potential is available, the building is a simple consumer. A “passive interaction with
the grid” requires the building to offer storage and/or load shifting potential to the grid. The load
shifting is however only one-directional from the grid to the building. The “active interaction with
the grid” stands for an energy flexible building that provides storage and/or load shifting capabilities
and offers bi-directional load shifting from the grid to the building as well as from the building to
the grid. This building would be able to produce as well as consume energy and consequently be
a prosumer . . . ”) [16].

From this equation the required characteristics for the SRI methodology can be achieved. An initial
validation of the methodology has also been described in the previous publication [16]. Following the
comments for improvements as outlined above, a function has been added to regulate the SRI regarding
the storage efficiency. The following variables are necessary for the amendment of the equation:

AF: Attenuation Factor to regulate the SRI related to storage efficiency.
EPmin: Definition of the required minimal efficiency of the storage system. Substitute for the definition:
EPmin := ηmin·(1− ζmax) with ηmin the minimal required efficiency factor and ζmax the maximal
required losses.
Λ: Definition point of the minimal efficiency λ = 1/EPmin. At this point the Attenuation Factor (AF) is
always 0.63.
k: defines how fast the SRI veers with a low efficiency towards 0. With a low k the SRI is slowly reduced.
With a high k the AF (SRI will be cut off) is rapidly reduced with minimal efficiency from 1 to 0.
EP: Energy Performance, i.e., the efficiency of the system EP := ηSC·(1− ζSC).

AF = 1− e−(λ·EP)k
(2)

As shown in Figure 2 the pinch-off characteristics of k influence the overall energy performance as
there is a vast difference if k = 5 or k = 100 as displayed in the figure. The graphic shows the main
properties of the function used to calculate the Attenuation Factor (AF). The x shows the definition
point for the minimum acceptable efficiency of the storage system. Based on this limit, the parameter k
can be used to define how quickly the SRI approaches zero when the EP decreases. A version for a
slow decline is shown for the curve k = 5. The curve with k = 100 shows a rapid decline of the SRI for a
decreasing EP. That means with a large k a cut off of the SRI, by a continuous function, is achieved at
the definition limit for the minimal EP. In this case, if the EP is greater than EPmin, the SRI remains the
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same as in the first definition and consequently the basic properties are retained. In Figure 2, Equation
(2) has been applied.
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Following this logic, the SRI including the above outlined function for the regulation of the storage
efficiency can be derived as follows based on Equations (1) and (2):

SRI =
AC · e

−(
ηSC ·(1−ζSC)

ηmin ·(1−ζmax)
)

k

(
1 + e−6(( SC

ED ·ηSC·(1−ζSC))−1)
) (3)

Based on this adapted equation the required characteristics for the SRI methodology can be achieved.
The new function now considers the regulation of the storage efficiency and thus avoids the use of
potentially inefficient storage technologies.

Figure 3 below depicts the SRI curves based on the modified Equation (3) for the various activity
coefficients. Graph (a) shows the SRI curves with the activity coefficient 1 and (b) shows the SRI curves
with the activity coefficient 2. Both SRIs are calculated with a k = 100.
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It is shown that, with a high k, the curve with the EPmin (definition of the minimal efficiency and
maximum losses, yellow curve) reaches a maximum exactly at 0.63 with the AC = 1 and 1.26 with the
AC = 2. However, with the same k, an EP lower than EPmin results in a SRI = 0. Consequently, a bad
storage efficiency cannot be compensated with a high storage capacity. In Figure 3, Equation (3) has
been applied.

3.2. Enlargement to the District Scale

In order to enlarge the methodology to the district scale, the following variables are added:

N Number of buildings
EDi Energy demand of the building i per energy source for the selected time period τ.
SRIi SRI for the building i.
EDDist Energy demand for the whole district.
SRIDist SRI for the whole district.

SRIDist :=
N∑

i=1

ωi·SRIi (4)

With the weighting factor as follows:

ωi :=
EDi

EDDist
(5)

The weighting factor has been included in order to ensure a fair comparability of districts with
different characteristics. Therefore, this does not represent an average of the district’s SRI, but rather a
weighted average based on the respective share of energy consumption in relation to the total energy
consumption of the district. For example, if a commercial entity has a low SRI with a very high ED,
then a single building with a high SRI and low ED does not compensate for this.

The EDDist can subsequently defined as follows:

EDDist :=
∑N

i=1
EDi (6)

Out of the above equations, the load shifting potential for the whole district can be derived. Based
on the calculation as outlined in the previous publication [16], the equation to estimate the storage
potential reads as follows:

SP = min

5
2

, max

0,−
ln

(
2

SRI − 1
)

6
+ 1


 (7)

The estimation of the storage potential of a building is derived from the SRI. The reverse function is
based on the following assumption: The losses and efficiencies were already taken into account when
calculating the SRI. For this reason, and the fact that the SRI is monotonically increasing in terms of
storage efficiency a higher efficiency subsequently implies a higher SRI. The efficiency for the inverse
was chosen with 1, thus the equation is defined as:

ηSC·(1− ζSC) = 1 (8)

Subsequently the energy that can be taken from storage is calculated based on the time τ. Also, the
storage potential of the building is defined with:

SP :=
SC
ED

(9)

In order to maintain the properties of the SRI with regard to the building as consumer (one-directional)
or prosumer (bi-directional) the activity coefficient for the inverse is set to 2 (AC = 2). This is following
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the assumption that a storage with an AC = 1 is expected to be less active in shifting loads than a
storage with an AC = 2. Based on the definition of the SRI and the above assumptions:

SRI =
AC(

1 + e−6(( SC
ED ·ηSC·(1−ζSC))−1)

) =
2

1 + e−6(SP−1)
(10)

Following these equations, the SP can be derived as follows:

SP = 1−
ln

(
2

SRI − 1
)

6
(11)

In the extreme areas of SRI = 0 and SRI = 2 the estimate obtained needs to be reasonably
limited. This means that since the approach function is defined on R, it must still be restricted to
R+

0 . Furthermore, due to rounding errors in the range of SRI ≈ 2, errors could occur which should
be limited by an upper bound. As a suggestion 2.5 was chosen as the upper bound for this study.
Based on these assumptions, the storage potential for buildings can be defined as follows:

SP = min

5
2

, max

0, 1−
ln

(
2

SRI − 1
)

6


 (12)

With the equation to calculate the storage potential for the whole district:

LPDist :=
N∑

i=1

SPi · EDi (13)

With the individual coefficients as follows:

SP Storage potential of the building (Relationship of SC/ED; dimensionless).
LPDist Load shift potential for the whole district.
Bi Building i.
SPi Storage potential for building i.
EDi Energy demand for building i.
N Number of Buildings.

The load shifting potential for the whole district serves as an approximation as derived from the
SRI, the SP and the ED as outlined in the above equations and displayed in Figure 4 In this figure,
in field 2 Equation (3) has been applied, in field 3 Equation (12) has been applied, and in field 4 Equation
(13) has been applied.
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The general assumption is that only buildings with an activity coefficient of 2 (active interaction)
can fully and actively contribute to the load shifting potential in grids. An activity coefficient of
1 (passive interaction) could only contribute to peak shaving but cannot be considered to be fully
contributing to the load shifting potential of the district.

• Step 1: At this first step the level of the individual i-number of building includes the data from the
energy performance certificate.

• Step 2: At this second step, the SRI has been calculated for the i-number of buildings with the
interaction between the energy grid and the building considered separately at this point.

• Step 3: In the third step an a-priori assessment of the storage potential is created from the SRI,
which is based on the storage capacity (SC) and energy demand (ED) of the i-number of buildings.
At this step the proportion of the storage potential (SP) of the building that is available for a load
shifting for the grid is calculated. A building that cannot feed any energy back into the grid is
related to a low SP. Thus, a building that cannot shift loads bi-directionally has to consume the
stored energy itself, which is less beneficial to the network.

• Step 4: In this fourth step, the product of the storage potential (SP) and energy demand (ED)
over all buildings within the district delivers an a priori assessment of the load shifting potential
(LPDist) for a whole district.

As outlined above, the SRI and its subsequent calculations are solely derived from planning data
and does not include any monitoring or real time measured data. It gives decision making support in
the planning phase and provides answers to the question of how much energy can be theoretically
shifted from the grids to the building in addition to the district’s own consumption in the time span
τ. The calculation provides an approximate order to magnitude for planning purposes only. Thus,
this assessment is intended to be applied for a preliminary load shifting analysis of whole districts in
regard to their various networks (electrical, thermal, gas).

3.3. Approximation of CO2 Savings Potential

Whilst the load sifting potential (LP) provides a relevant number for the assessment of whole
districts and cities, it will remain closely linked to infrastructure planning decisions. Arguably, load
shifting alone does not necessarily increase efficiency of the system. However, if it is linked with the
potential to store and dispatch renewable energy, emissions related savings can evidently be made.
Especially wind and solar energy is heavily dependent on current and regionally localized weather
occurrences. Thus, at times there can either be too much or not enough renewable energy in the system,
which would result in wind or solar system being switched off to prevent an overload for the former or
fossil-based systems to substitute the remaining demand for the latter. As outlined in the background
section, in this context, storage plays an existential role.

Subsequently the assumption is, that a widespread expansion of energy storage enables a higher
proportion of renewable energy to be efficiently used. In the area of thermal energy sources, it is also
possible to use waste heat (i.e., low temperature heat from buildings or processes) through sufficient
storage distribution in the network. Centered on this logic, the following procedure is recommended
as a basis for presenting a possible CO2, saving potential based on the SRI. From the estimate of the
load shift potential (LP), an estimate for the potential CO2 savings can be derived:

CO2a = (CO2Curr −CO2renew) · LPDist ·
year
τ

(14)

With the individual coefficients as follows:

CO2Curr Actual CO2 emissions per kWh.
CO2renew CO2 emissions per kWh from renewable energy sources.
CO2a Potential total CO2 savings per year.



Energies 2020, 13, 3507 14 of 23

The calculation follows the postulation that currently renewable energy production cannot be
fully exploited due to limited storage capacities. Thus e.g., wind turbines must be switched off in
times of energy overload in the grid. On the other hand, when there is no wind, the energy must
be produced from conventional, mostly fossil-based sources. With a SRI > 0, the district can store
renewable energy in the amount of LPDist if the grid cannot take up any more energy. If subsequently
energy is in demand again, it can be re-loaded back from the districts to the grid. The extent of the
potential total CO2 savings per year can thus be calculated based on the difference between the CO2

amount of the type of energy produced multiplied by the amount of energy that can be additionally
produced due to the storage capacities of the district.

It should be noted that, since the methodology is focused on load shifting, the resulting CO2

savings are equivalent to potential savings only. That means, without a corresponding renewable
energy generation, there are obviously no CO2 savings in this context.

4. Application of the Methodology in Theoretical District Use Case

Following the testing of the previously published methodology on the building scale with the
use of different building types, the extended methodology has subsequently been applied to a whole
district. The selected theoretical use case should include multiple buildings of different size, type and
age. For this purpose, a building block situated in the 12th district of the City of Vienna has been
used as the SRI has also previously been tested on these buildings [55]. The small district includes
nine buildings, differing in type and age, ranging from an erection date of the 1900s to a building
constructed in 2010. One of the buildings is for office use while the others are multi-family residential
buildings. To simplify the assessment the inner courtyard buildings have been omitted (as no specific
use could be determined for these edifices) and the retail areas on the ground floor have been left out.
Figure 5 shows a partial land use plan of the City of Vienna, highlighting the selected district as well as
an aerial view of the building block.
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4.1. Description of Theorectical District Use Case

The building data for this district has been derived from a series of publicly available data, such
as the land use plan of the City of Vienna [56] and imagery derived from Google maps [57]. Data on
typical energy usage depending on the type and age of the building as well as the assumptions on
typical heating, cooling and ventilation systems have been based on the Tabula database [58]. It should
be noted that, for planning purposes, actual building data derived from, e.g., the Energy Performance
Certificate (EPC) or monitored data, should be given preference to proxy data derived from generic
databases. However, for the purpose of this study, the accuracy of the energy figures for the base case
are of lesser importance, as the aim is solely to assess, whether the proposed methodology can be
applied for different types of scenarios for whole districts.



Energies 2020, 13, 3507 15 of 23

For the assessment of the load shifting potential of the selected district, various scenarios have
been defined to cover a wide range of possibilities. The selected options follow a previously carried
out study on the SRI validation and are expanded in regard to the scenarios as well as the calculation
for the whole district assessment as described in Section 3 above.

• Base Case: For the base case the buildings have been assessed according to the generic data as
outlined above. For this case it is assumed that the buildings cannot store, actively load or unload
energy to and from the grid. The activity coefficient (AC) is subsequently assumed to be either not
available (n/a) in case of e.g., a thermal energy network or (0) where there is no active interaction
with the grid, e.g., relating to power or gas.

• Scenario 1: For the first new scenario, a moderate refurbishment of the building envelope is
assumed with a 50% improvement compared to the base case. In addition, the gas connection is
substituted with a one-directional thermal grid connection and electrical batteries are considered
for residential as well as office buildings.

• Scenario 2: In this scenario, the building shell is improved by 90% compared to the base case,
thus a high-performance building shell has been implemented. Similar to scenario 1, the gas
connection has been severed and the buildings are connected to a low temperature bi-directional
district heating system. RES and batteries are included in all buildings.

• Scenario 3: For this scenario the district is doubled in size (18 buildings compared to 9 buildings
of the above scenarios) and constitutes a mix of the Base Case and Scenario 1. It is assumed that
half of the buildings remain as described in the base case (i.e., un-refurbished) and the other half
is considered with a moderate refurbishment as described in Scenario 1.

• Scenario 4: In this scenario, the district is tripled in size (27 buildings) and constitutes a mix of
the Base Case, Scenario 1 and Scenario 2. It is assumed that one third of the buildings remains
as described in the base case (i.e., un-refurbished), one third is refurbished and follows the
characteristics of Scenario 1 and the remaining third follows Scenario 2.

For Scenarios 3 and 4 a double and triple size of the original Base Scenario has been defined.
This has been done in order to demonstrate the overall weighting of the SRI across the district.
As outlined in Equations (4)–(6) above, a specific weighting factor has been integrated to ensure
that districts with different characteristics can be fairly compared. As the SRIDist is a single number
it needed to be avoided that the SRI represents a simple average across all buildings but rather a
weighted average based on the respective share of energy consumption in relation to the total energy
consumption of the district.

In Table 1, a description of the energy related properties for the base case as well as subsequent
scenarios is outlined.

Table 1. Description of energy related properties for base case and scenarios, extended from [55].

Scenario No. of
Buildings Building Envelope Electrical

Storage/Grid Thermal Storage/Grid Gas Storage/Grid

Base Case 9 Un-refurbished No active storage; one
directional connection

No active storage; no
thermal grid

No active storage;
one directional

connection

Scenario 1 9 Improved by 50%
Active storage
bi-directional

connection

No active storage;
one-directional connection

(thermal grid)
No connection

Scenario 2 9 Improved by 90%
Active storage
bi-directional

connection

Active storage
bi-directional connection

(thermal grid)
No connection

Scenario 3 18 Half of the district (9 buildings) as per Base Case/other half of the district (9 buildings) as per Scenario 1

Scenario 4 27 One third of the district (9 buildings) as per Base Case/one third of the district (9 buildings) as per
Scenario 1/one third of the district (9 buildings) as per Scenario 2
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4.2. Results of Theoretical District Use Case

The results of the theoretical use case comprising of the base case and four scenarios are displayed
in the following figures. In Figure 6, the SRI is shown per building for each scenario. It can be seen that,
whilst the base case, Scenario 1 and 2, is comprised of nine buildings in the district (N = 9), in Scenario
3, the district is doubled in size with 18 buildings (N = 18), and in Scenario 4, tripled with 27 buildings
(N = 27). The SRIi for the base case is “0” as the activity coefficient is also “0” (i.e., no interaction with
the grid, buildings are simple consumers). The SRI for all other buildings varies dependent on type,
size, interaction potential and storage capacity. In Figure 6, Equation (3) has been applied.
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and Scenarios 1–4.

In Figure 7 the SRIDist for the various scenarios is displayed on a district scale. Since the base
case has an activity coefficient of “0” the SRI for the base case for the district is equally “0”. Scenario 1
rates already better, however Scenario 2, with the optimized refurbishment option and active storage
potential for both electrical and thermal provides the best result. The mix of base case and Scenario 1
which is displayed in Scenario 3 is obviously less good than Scenario 1 as the SRI is weighted across
the district. With half the buildings in Scenario 3 being un-refurbished and offering no load shifting
potential, the results are poorer. Scenario 4, which is a mix of the Base Case, Scenario 1 and Scenario 2
rates second best, as the base case takes up only a third of the overall scenario and the SRI is weighted
across the district. The results highlight that the above described weighting factor does ensure an
objective comparability across the various scenarios. In Figure 7, Equation (4) after Equation (5) after
Equation (6) after Equation (3) have been applied.

The load shifting potential for the overall district is displayed in Figure 8. The LPDist represents,
different to the SRIDist, a total figure. The results show, that Scenario 4 can provide with a total number
of 27 buildings based on a mix of the base case, Scenario 1 and 2 the highest amount of load shifting
in kWh. The base case obviously has no load shifting potential, as there is no interaction with the
grid and the SRIDist as shown above is consequently “0”. Scenario 1 and Scenario 3 have exactly the
same load shifting potential, as they have the same amount of buildings that offer the same storage
capacities, as the base case buildings in Scenario 3 do not contribute at all to the load shifting. Scenario
4 offers the best results due to the highest number of buildings in the district (N = 27) and the relatively
high storage capacity due to the mix of Scenario 1 and 2 (the base case buildings in this scenario equally
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do not contribute to the LPDist). In Figure 8, Equation (13) after Equation (12) after Equation (3) have
been applied.Energies 2020, 13, x FOR PEER REVIEW 17 of 24 
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Figure 8. Load Shifting Potential (LPDist) for the Base Case and Scenarios 1–4.

In Figure 9, the potential CO2 savings for the district are displayed. The results follow in tendency
the results for LPDist as a higher load shifting potential results in increased CO2 savings. Similar to the
above results, the Base Case does not save any emissions due to the lack of load shifting potential.
Scenario 1 and Scenario 3 show the same results (as is also the case with LPDist) as they both feature the
same load shifting potential and subsequently the same potential for emission savings. Scenario 2 and
4 also feature higher equivalent savings due to their higher storage capacity and improved activity
(bi-directional connection).
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Evidently, these figures vary, depending on the actual emissions of the energy system (CO2Curr,
actual CO2 emissions per kWh) and the emissions from renewables in the energy system (CO2renew,
CO2 emissions per kWh from renewable energy sources) as outlined in Equation (14). Since this
theoretical use case is based in Vienna, the figures for electrical and thermal energy have been taken from
the Austrian standards [59] with a noted power mix of 417 g/kWh CO2 and district heating from highly
efficient CHP (combined heat and power) with 73 g/kWh CO2. Emissions from renewables have been
calculated with 0 g/kWh CO2. Since the emissions from the current power mix are substantially higher
than the emissions from the current thermal sources, the savings on the electrical side subsequently
exceed the savings from the thermal side, even though the thermal load shifting potential as outlined
in Figure 8 is higher in all four scenarios than the electrical load shifting potential. In Figure 9,
Equation (14) after Equation (13) after Equation (12) after Equation (3) have been applied.

5. Discussion

In this study, an expanded methodology aims at providing a coherent quantitative assessment
of whole districts based on their overall energy storage capacity, load shifting potential, their ability
to actively interact with the energy grids and the resulting CO2 emission savings compared to a
non-interactive system. As the previously published methodology has been discussed with selected
stakeholders, an improvement has been undertaken in order to better adjust the SRI to efficiency
standards. In the new version a cut-off for the efficiency of the storage system has been introduced so
that large scale, but potentially inefficient storage systems cannot easily substitute smaller, but efficient
ones. This is of particular importance in order to avoid that outdated and potentially environmentally
harmful technologies are rewarded with a good result. Thus, the efficiency limit, as stated as one of the
research questions, has been addressed.

The subsequent enlargement towards a district assessment demonstrates that the methodology
can be adapted to bigger and spatially logical entities. The application of the methodology in a
theoretical case study shows that the approach is suitable to define relevant indications of the load
shifting potential by means of SRIDist and LPDist as both indicators deliver meaningful results in this
context. A weighting factor that has been introduced for the SRIDist ensures that districts with different
characteristics in terms of size, type and quality can be fairly compared. With this measure, an entity
that has a low SRI can be avoided, but high energy demand cannot at the same time within a district
be easily compensated with a single entity that has a high SRI but low energy demand. Consequently,
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the methodology has shown to be meaningfully extended to groups of buildings, thus answering to
the second research question.

The SRIDist can also function as a benchmark as whole districts can be assessed based on their
possibility for further development without relying on measured or monitored data from the energy
providers. As outlined in Figures 7 and 8, for example Scenario 1 and Scenario 3 can be compared
based on their potential for expansion. Whilst Scenario 3 features twice as many buildings as Scenario
1, the LPDist is the same for both scenarios as the load shifting potential is the same across both districts
as only half of the buildings in Scenario 3 provide storage capacity. However, from the SRIDist it can be
clearly seen, that in Scenario 3 there is a considerable higher potential for further load shifting as the
SRIDist is considerably lower in Scenario 3 than in Scenario 1. This shows that the SRIDist can provide a
meaningful assessment and comparison of districts that usually greatly differ in size, type, as well as
quality and number of buildings.

The approach is however solely focused on the load shifting potential and ability of the district to
actively interact with the grid. This differentiates the methodology from other more interdisciplinary
approaches such as those outlined, for example, by Garcia-Ayllon [60] and Sharifi [61] where many
other factors such as, e.g., resources and governance, have been taken into account. Also, other schemes
such as the BIQ [28] and the HSBS [29] rating, that have been comprehensively compared to the SRI by
Apanaviciene et al. [27], deliver a much larger, complex set of indicators that are rather dependent
on system and device assessment. Our observation offers information targeted on load shifting,
thus providing a very focused assessment. The approach outlined in this paper is also not technology
specific, but is based on certain qualities, that need to be achieved. This is crucial, as it decouples the
methodology from the technology used and makes the approach future proof, as any new technology
or device can be similarly represented within this novel approach. The methodology in this paper
might therefore serve as one of a series of other quantitative indicators that can be integrated into
broader assessments.

In relation to the possible CO2 savings as stated in the last research question, the methodology
also provides a workable approach. When considering the systems of energy generation, energy
transmission and consumers in relation to the same three systems and adding energy storage, a potential
for CO2 savings can be generated. The assumption is that energy which comes from renewable sources
cannot be produced on demand, but when it can be stored, it can be subsequently released on demand.
It follows that there is the possibility that the magnitude of the LP energy from CO2 neutral but not
demand-driven energy sources can be used. This results in a reduction in CO2-related energy and thus
an indirect reduction in CO2 emissions from energy production. This definition provides a quantitative
assessment of the proportional CO2 savings in relation to the load shifting potential.

Whilst the proposed indicators can be applied for different queries, the following key questions
can be answered with the proposed approach: In which area does a high potential for load shifting
measures in buildings exist? Which areas already provide enough smart buildings and renewable
energy capacity in order to improve the network infrastructure? Is there enough load shifting potential
from buildings near, e.g., a wind farm, in order to actively use it as storage? What are the prospective
CO2 savings associated with the potential load shifting capacity of the district? For those and similar
questions, the proposed initial assessment can provide meaningful results.

There are however also certain limitations to this approach. For one, the assessment of the LPDist
is not based on actual load profiles and should therefore not be used as a substitute for an exact
analysis. Whilst the methodology serves very well for an initial and quick assessment of the load
shifting potential within a defined district it is neither intended nor suitable for detailed capacity sizing
of energy infrastructure. Care should also be taken related to the choice and extent of the area (system
boundaries of the district) under consideration. The SRIDist evaluates only the load shifting potential
of buildings and does not take any information regarding the respective electrical, thermal or gas grids
into account. Thus, any bottlenecks in the network infrastructure are not recognized. This means that
just because the buildings are able to move a certain amount of energy it is not necessarily the case
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that the networks are also able to accommodate this. It is subsequently evident that the proposed
indicators are centered around the assessment of buildings (or multiple buildings) rather than the
energy infrastructure.

For further research, a verification of the indicator could be done with a comprehensive dynamic
building simulation for the assessment of load shifting capacities, which is based on monitoring data
from a wide range of different buildings types. Based on this assessment, the discrepancies of the
monitored and subsequently simulated data with the results from the SRI methodology could be
calculated. With this, the functions of the model could be calibrated in order to match the actual
requirements. In addition, monitoring data derived from buildings varying in typology and energy
profiles could be used to assess how well the calculated approximation matches the actual building
data. A validation of that kind is planned for the future, once the SRI has to be implemented for
Building Regulations purposes. Additionally, a similar indicator that assesses and highlights the free
capacities in different network areas or network nodes could be considered. Conversely, one could also
estimate for an area which SRIDist_Max or LPDist_Max the network infrastructure can endure and thus
monitor the development of load shifting potentials and renewable integration in the area in order to
be vigilant of potentially critical conditions related to the energy infrastructure.

6. Conclusions

This paper proposes a novel quantitative approach for the rating of the load shifting potential of
smart districts and discusses qualitative and quantitative assessments related to energy load shifting at
building and district level. The topic emerged from the new regulations in the Energy Performance
of Buildings Directive (EPBD) where a smart readiness indicator (SRI) has been defined in order to
rate buildings according to their ability to operate and communicate efficiently with energy grids.
Current proposal on the rating of the SRI are mainly focused on qualitative approaches based on
the assessments of experts. Also, they mainly focus on buildings without taking larger entities into
account. As previous studies have shown, there is a clear need for a quantitative approach to allow
objectivity and comparability of the results. The methodology proposed in this publication addresses
this research gap. It builds on a previously published quantitative approach for smart buildings and
extends the application to bigger entities. It also includes findings from stakeholder consultation
and provides an improved version, taking efficiency standards related to energy storage systems into
account. The novel SRIDist can be used to assess whole districts based on their overall energy storage
capacity, load shifting potential and their ability to actively interact with the energy grids. In addition,
it provides an approximation for CO2 savings in relation to a non-interactive system. The key aspect of
the methodology is an application that integrates the use of building and energy data, that is relatively
easily available without the need for monitored data that is either difficult to access or not available at
all at an early planning stage. The methodology also does not rely on specific systems, but rather on
qualities of a system, thus making the approach suitable for future technologies. The application in a
theoretical district use case shows a logical distribution of SRI results across the different scenarios
and supports the meaningfulness of an approximation of complex data within a comparable indicator.
With a simple rating, load shifting potentials in districts can be more easily assessed, thus leading
to a potentially higher integration of renewable energy sources with a volatile generation capacity.
The research subsequently contributes with a theoretical framework to the increased exploitation of
load shifting capacities in building and districts.
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