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Abstract: The new electric power generation scenario, characterized by growing variability due to the
greater presence of renewable energy sources (RES), requires more restrictive dynamic requirements
for conventional power generators. Among traditional power generators, gas turbines (GTs) can
regulate the output electric power faster than any other type of plant; therefore, they are of considerable
interest in this context. In particular, the dynamic performance of a GT, being a highly nonlinear and
complex system, strongly depends on the applied control system. Proportional-integral-derivative
(PID) controllers are the current standard for GT control. However, since such controllers have
limitations for various reasons, a model predictive control (MPC) was designed in this study to enhance
GT performance in terms of dynamic behavior and robustness to model uncertainties. A comparison
with traditional PID-based controllers and alternative model-based control approaches (feedback
linearization control) found in the literature demonstrated the effectiveness of the proposed approach.

Keywords: gas turbine control; model-based control; model predictive control; constrained
nonlinear systems

1. Introduction

Alternative methods for electric power generation with respect to conventional fossil-fuel-based
plants have attracted an increasing amount of interest over the last decades. Indeed, climate change on
the one hand and constant depletion of fossil fuels on the other have encouraged the development of
renewable energy sources (RES) in the energy sector [1-3]. RES, being stochastic and unplannable,
make managing the electric system harder, especially in terms of stability.

In light of this, since conventional energy sources have to meet more stringent requirements,
gas turbine (GT) units play a key role thanks to their characteristics of high flexibility and fast
response [4]. In order to best exploit GT features, the employed control system is of paramount
importance. Regarding heavy-duty GTs, there are two main control objectives: making the power
generated follow its reference as fast as possible, and keeping the exhaust gas temperature (EGT) exiting
the machine constant. Today, traditional proportional-integral-derivative (PID)-based controllers are
used for controlling GTs; however, they cannot effectively achieve the control objectives for different
reasons. As a matter of fact, these linear controllers are not able to handle the nonlinearities of the GT
system and the coupling between the power and temperature channels.

Therefore, model-based control techniques have been increasingly explored in this field. The
feedback linearization (FBL) approach [5] first appeared in [6], where the authors proved the
effectiveness of the model-based technique with respect to traditional controllers. However, such
work is affected by some major limitations. For instance, one can observe that such a controller needs
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measurements of all the state variables to solve the control problem. In most cases, EGT measurement
is a difficult task due to the relevant time constant of a thermometer that can endure such a high-stress
installation environment.

In order to deal with a system state measure that is not exactly known, a robust approach has to
be carried out. In this context, the sliding mode (SM) control theory of [5] was used for a reduced-order
GT model in [7], while a more accurate fifth-order SM controller was designed in [8], which performed
well. Given the complexity of the system, further efforts have to be made to overcome some current
difficulties by exploring other modern control theories.

Hence, the aim of this study was to develop a controller according to the model predictive control
(MPC) technique in order to investigate the feasibility and the potential of this approach for heavy-duty
GTs. In particular, the controller was developed following the theory presented in [9,10]. Some MPC
approaches can be found in this line of research. For instance, an explicit MPC controller was designed
for transient stability in a power system in [11]. An elementary predictive control was designed in [12]
on the basis of a simplified single-input single-output (SISO) model developed in [13]. Two MPC-based
strategies for a micro-GT-based combined cooling, heating, and power system are presented in [14],
while an MPC strategy was applied to obtain micro-GT speed control in [15]. In [16], a multi-input
multioutput (MIMO) nonlinear MPC control was developed. Other MPC applications can be found
in the field of thrust engines for aircrafts, such as in [17,18]. However, very few MPC applications
for heavy-duty GTs have been designed. For instance, [19] used a nonlinear MPC (NMPC) based
on a simplified heavy-duty GT MIMO model for frequency and temperature control. In [20], the
authors proposed an MPC approach for frequency control and NO, emission reduction, while in [21],
an MPC strategy was applied to a heavy-duty gas turbine but based on a linear approximate model
of the plant. Except for the research mentioned above, most authors have focused their attention
on the application of innovative control systems to microturbines, where the combustion chamber
temperature (CCT) does not assume a critical behavior and, therefore, there are far fewer restrictive
dynamic performance limitations.

The main contributions of this paper can be summarized as follows:

e  Design of an MPC controller able to minimize the power response time to rapid reference variations
compatibly with the dynamic limitations imposed by the CCT.

e Development of an MPC controller based on a reduced-order GT model that can handle
model uncertainties.

Finally, the performance determined by the MPC are compared with the ones given by traditional
PID controllers (which are currently employed in actual GTs) and the FBL control designed in [6].

The paper is structured as follows: Section 2 states the control problem and describes the GT
model used for the MPC design, Section 3 describes the controller synthesis, Section 4 shows the results,
and Section 5 discusses the main conclusions.

2. Gas Turbine Modeling

This section illustrates the GT model and the approximations carried out in order to achieve the
simplified model used to design the proposed MPC controller. For the sake of brevity, in the definition
of the accurate GT model, only the main steps are reported; the interested reader can refer to [6] for
more details.

2.1. Accurate Gas Turbine Model

The GT system can be conceptually split into three main macrocomponents: compressor,
combustion chamber (CC), and turbine. A symbolic scheme is shown in Figure 1.
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Figure 1. Typical heavy-duty gas turbine (GT) schematic layout.

In particular, the following assumptions were made for the GT modeling:

e A single control volume is assumed regarding the CC and only two state variables describe the
thermodynamic characteristics of the fluid inside it (i.e., the combustion chamber Pressure (CCP)
and the CCT).

e  The fluid inside the CC follows the ideal gas law.

e The fuel valve and the inlet guide vanes (IGV) can be modeled according to a linear
first-order dynamic.

Considering the CC volume, the mass balance equation can be written as

dpec(t) )

e )

Tha “l‘mf _me = Vcc(
where m,, m fr and m, are the air, fuel, and high-temperature exhaust gas mass flows, respectively, in
kg/s; Vi is the CC volume in m?3; and Pec is the CC air density in kg/m3. Thanks to the ideal gas law,
Pcc can be expressed as
_ Pee ()

ReTec(t)

where p. is the CCP in Pa, T, is the CCT in K, and R, is the exhaust gas constant in J/kgK. Differentiating
Equation (2) with respect to time, considering Equation (1), and applying the energy balance equation
to the CC, one has

Pec (t) )

dpec(t)
. . . t) dTe(t
titg + titf it = Vee| m—ttr — p“()z ce(t) @)
ReTec (1) ReTee(t) dt
Applying the energy balance equation to the CC, one obtains
. . . d
muCpaTa =+ Mfo - mgHg = E(Vccpcc(t)u(t)) (4)

where ¢y, is the specific heat at constant pressure in J/kgK, T, is the air temperature entering the CC in
K, Hy is the fuel lower heating value, H, is the enthalpy of the exhaust gas at the CC outlet in J/kgK,
and U is the internal energy of the control volume in J/kg. Thanks to the ideal gas assumption and
recalling Equation (2), the following relation can be obtained:

dpec(t)  dTee(t) pec(t) Vee
dt it RTe(t)

4 Vepee(HU(E)) = (cpe = Re)Tee () Vee (cpe - Re) ®)

dt

where cpe is the exhaust gas specific heat at constant pressure in J/kgK.
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Finally, replacing Equation (1) in Equation (5) and considering Equation (4), one gets the dynamic
equation of the CCT:

ATec(t) _ Tee(t)Re [ [(Re = cpe)Tee(t) +epaTalpita ~[(Re = cpe)Tee(t) +Hy [ty = ReTec(t)rne ©
it Pcc(t) Vcc(Cpg - Rg) Vcc(cpe - Re)

In addition, combining Equations (3) and (6), one obtains the dynamic equation of the CCP:

dpcc(t) _ R, (
dt Vcc(cpe - Re)

mucpuTu + mef - mecpech) (7)

where T, and m, can be expressed as [6]

\} chN Pec

m, = M, 8
e 0 PeeN ,—TCC ( )
Rg
T pcc Cpa
T, = —amb (—) +10-1 9
“ TNc Pamb e ©)

where T, and p,,, are the ambient temperature and pressure, respectively; My, peen, and Teen the
rated values of the compressor air flow in kg/s, CCP in Pa, and temperature in K, respectively; and 7,
is the compressor efficiency.

With a good rate of accuracy, one can model the inlet systems according to the following dynamics:

dig _ 1 ¢ 1
dt Tigy @ Tl‘gvma
dmf 1 . % 1 .
&= T T Y

(10)

where 711, and m} are the desired air and fuel flows in kg/s, respectively, and 7;¢, and 74 are the IGV and
fuel valve time constant, respectively. In addition, as detailed later in the paper, the IGV is characterized
by a maximum opening and closing speed which can be modeled only as a saturation-limiting drm, /dt.

The control objective for a heavy-duty GT installed in a combined cycle is to regulate the generated
power (i.e., follow a power reference provided by the external primary controller) and to keep the
EGT constant for the correct operation of the heat recovery steam generator (HRSG). The EGT can be
computed considering an adiabatic transformation, leading to

Tex = ch(t)m[( Pamb )” PN 1} (11)

Pec(t) uli

where 7; is the turbine adiabatic efficiency. In addition, if the control architecture needs to measure the
EGT, the meter dynamics cannot be neglected, since the measurement of the EGT is quite challenging
due the relevant mass flow and results in a very slow meter time constant 7.
The dynamics of the EGT measurement can be easily defined as follows:
AT exm 1 1

= —Tp— —T, 12
dt th ex th exm ( )
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On the other hand, the electric power can be obtained considering a simple balance between the
mechanical power available at the turbine shaft and the power drained by the compressor. After a few
passages, the electric power output as a function of the state variable becomes

VTN ge|
Pgt( ) My———— Deen CpeT]tUechc( ) ch(t>[1 - (ppmgh)) ’ ] macpa(Ta - Tamb)’?el (13)

where 7,; is the efficiency of the electric generator. As a general comment, the measurement of the
electrical power is neglected since the time constant of power meters are much smaller than the thermal
dynamics of the system.

Consequently, the accurate GT model results in a fifth-order nonlinear system, which can be
written in the normal form as follows:

=f(x)+G(x)u (14)
y =h(x)
where the state vector x is
X1 Pcc
X2 Tec
x=|x3 [=| my (15)
X4 mf
X5 Texm
while the input vector is
u_[”l]_|’_”z] (16)
Uus mf
and the system outputs are
n P
= = . ].7
=] <>

In particular, one has

[XSCpaTa(x1> +x4Hp ~ cpesze(X1,Xz)]

Vee (Cpe_Re
xR, [(Rp—cp,g)xz +epaTa(x1 )]X3+ [(R,g—cpe)xz+Hf]X4—Rgxzmg(xl,xz)
X1 Vee (Cpe_Re)
1
flx) = T (18)

th( XoM: [(pumb)g;i’ 4 ;]lt _ 1] —X5)

0 0
0 0
1
G(x) = Tigv 0 (19)
1
0 =
0 0

Re

hl (x) ] _ Moo ﬁcﬁentnelxl \/_( (pnmb)cpe) X3Cpa (Tﬂ (xl) - Tamh)nEl . (20)

X5
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2.2. Heavy-Duty Gas Turbine Approximate Model

This section describes the approximations carried out on the model presented in the previous
section to obtain a simpler model for the MPC controller design. These assumptions are generally
valid for heavy-duty GTs and are introduced in order to simplify the design of the MPC controller and
thus simplify implementation in industrial controllers. It is worth pointing out that these assumptions
were only used to define the MPC control law, while the validation of the proposed control was done
by providing the controller output to the accurate model of the GT. This also allowed us to prove the
robustness of the proposed control approach.

The considered simplifications are:

e  The actuator dynamics are neglected; hence, one obtains

S

uy =m, = My (21)
Uy = mjc = mf (22)

e  The dependence on the square root of the T, in Equation (8) is approximated with a simple inverse
dependence, whereas the multiplicative coefficient becomes proportional to the rated CCT:

. X1
=k — 2
me 1 X (23)
where T
ki = Mo—, (24)
PecN

e In Equation (6), the fuel lower heating value is much higher than the product xz(cpg—Re) ; that is,
Hf >> x)(cpe = R.) (25)

which leads to
Rexp(H, = x2(cpe = Re)) = ReHoxs. (26)

e  The MPC controller allows regulation of the desired quantities using only state measurements,
which are necessary to predict the evolution of the desired output. For this reason, one could
notice from Equation (11) that the evaluation of the EGT can only be done thanks to T, and Pe..
Since T,y is not present in any other equation necessary to predict the dynamic evolution of the
GT, this measurement is not necessary to perform the MPC control. This approximation is very
important since it is well known that for a heavy-duty GT, EGT is a very limiting element due to
the relevant meter units time constant [4].

Thanks to the approximations discussed above, the GT simplified model becomes

X
Y= h, (X ) @7)
where
| X1 | _ | Peca
X_[XZ ]_[ Teca ] (28)
| w | ma
o= @

— Ebl _ p gt,a:|
R 6
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where peca, Tecar Pgta, and Tex s are approximations of pec, Tee, Pgt, and Ty, respectively. In addition,

one has
fa1(x) ] [ A1xa ]
folx) [ fa2(X) Bix2 (1)
ArTa(x1) A ]
G = 32
) [ Z(Box2 +ATa(x1)) Asi? 2
T Re
hat (X) My ng Cpentnel)(l(l - (pj(_r;]b) e ) — W1Cpa (Ta (Xl) - Tamb)nel
100 = by | R )
a amb '\ cpe
mf[(?) C T 1]
where the new constant parameters are defined as follows:
R
Vcc(cpe - Re)
R
Ay = —ecpa (35)
Vcc(cpe - Re)
Ay= —Re g (36)
Vcc(cpe - Re)
B = —L&kl (37)
Vcc<cpe - Re)
R
B, = —E(Rg - cpg). (38)

) Vcc<cpe - Re)

Thanks to the model described in Equation (27), the MPC controller can now be designed on a
second-order dynamic system where the nonlinearities are much reduced with respect to system in
Equation (14).

3. MPC Controller Design
3.1. Overview of the Model Predictive Control
Considering the following time-invariant affine discrete-time system,
X1 = Axg +Bu +d (39)

where x; € R" and u#; € R™ denote states and inputs, respectively, at time kT, with Ts as the
sampling time.

The MPC controller acts to regulate system states to a reference value x"*/ by solving a constrained
quadratic programming (QP) problem:

N-1

mLiIn e,LNQekJrN + Z{eliileekJrilk + u,eriRukH} (40)
i—0

St Xppivi = AXkrik + Butgyip +d (41)

Hu.; <Kyi=0,...,N-1 42)

Hoxp;<Kyi=0,...,N-1 (43)
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where ;= x; — x™/ is the state vector error, Xi1ij refers to the prediction of the state at time (k +1)T,

T
calculated at time kT, and N is the prediction horizon. U = [u,{ . uZ +N—1] is the vector containing

the optimal input vector u;, while @ = QT and R = R” are symmetric and positive semidefinite
weighting matrices. The Hy, K,;, Hy, and K, matrices define the constraints for the controlled system.
The control actions are generated by the MPC controller using this strategy: the quadratic optimization
problem in Equation (40) is solved by the controller at each time step predicting the time evolution of
the state variables and finally calculating the optimal input for the system within the control horizon.
Then, only the first step uy is applied to the system while the rest of the solution U is just discarded.
The control actions calculation process is then repeated at each time step kT5.

If the considered model is not linear, a linearization procedure is required in order to obtain the
system described in Equation (39). More details can be found in [10].

3.2. MPC Controller Design for a Heavy-Duty GT

The state dynamic Equation (27) of the heavy-duty GT can be rewritten as follows:

Fﬂl(xlw) ] (44)

x=Filxw) = [ Fo(x, w)

The mathematical model for prediction in the MPC controller of Equation (39) can be obtained
performing the so-called “successive linearization” procedure used in [22]. This method consists of
linearizing Equation (44) around a point at every sampling time step t*. Please note that such a point
may not be a system equilibrium point. Performing the linearization procedure, system in Equation (44)
can be reduced to the form

xX=Ax+Bw+D* (45)

where the system matrices A*, B*, and D" at the considered sampling time step ¢* are defined as follows:

[ OF  OF;1 ]
. dx1  dxa
A" = (46)
JF,, OJFp
L da dx2 =p
[ OFn  JF; ]
" awl 8w2
B = (47)
dFp  JFp
|l Jw; dwy =+
_ aPal _ aF!Il _ 8Pal _ aFal
X Fn T K17 Tpp K27 Jooy W17 Fg, W2
b= oF oF oF oF ' 48
_ a2 _ a2 _ a2 _ a2
Faz 1 X7 90 X277 50 W1 G, 02 ]y

Then, due to the fact that the MPC control works in the discrete-time domain, Equation (45) needs
to be discretized, and the zero-order hold discretization is performed as follows:

Xir1 = (I + TsA") xic + TsB*wy + TsD* (49)

where the subscript k denotes system variables discretized at the sampling time kTs.

In order to consider the physical bounds on air and fuel flow inlet systems, it is possible to insert
into Equation (49) two new dynamic equations, where the inputs w are transformed into state variables
and their derivatives ], and J,,¢ are considered as control variables for the system as follows:

mu,k—i—l = ma,k + Ts]mu,k (50)

mf,k+1 = ﬁ1f,k + Ts]mf,k- (51)
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Therefore, the resulting GT affine time-invariant discrete-time model for the prediction computed
by the controller is

Xir1 = AgXx + By + Dy (52)
where .
}k = [ Pec,ak ch,a,k ma,k m fk ] (53)
_ T
Wy :[ Jmak  Tmf ] (54)
~x I T,AY) TsB*
Ad:[(ZJrs ) T ] (55)
022 ¥ )
= 02x2
B; = 56
d [ A } (56)
D, = [ LD ] (57)
0251

As stated before, dynamic Equation (52) is used to predict the evolution of the system in the
MPC controller in order to satisfy the control goals of following a particular power reference and
keeping the EGT constant. In order to satisfy control objectives, it is necessary to transform the system
output references P gf and Texj; into state-variables references in order to calculate the state error for
the quadratic optimization problem described by Equation (40). This is possible by implementing a
look-up table which is calculated by solving an algebraic system for each combination of P f and Tzfcj;
in steady-state conditions as follows:

(58)

The solution of system in Equation (58) is

T
7 = | veh el | 59)

and it can be implemented in the quadratic optimization problem of Equation (40). It is important to
highlight that the values mjff and mzef coming from the solution of Equation (58) are not relevant in
the optimization procedure because the corresponding state errors are not weighted in the control
symmetric matrix Q (see Section 5).

Then, it is possible to define state and input limits with respect to the physical dynamic behavior
of the heavy-duty GT as

Mg min < Mgk < Ma,max (60)
Mfmin < Mpg < Mfmax (61)
Jmamin < Jmajk < Jma,max (62)
Jimf,min < Jmfk < Jimf,max (63)

which can be easily rewritten into the form described by the relations shown in Equations (42) and (43).

In summary, the heavy-duty GT MPC controller computes the optimal control action wy by
minimizing the cost function in Equation (40), where the state error is defined as X —x'. The solution
of the QP problem is carried out using Equation (52) as a prediction model and Equations (60)—(63)
as input and state constraints. Then, 1,1 = Mgk + Ts[yax and Mg 1 = gy + Ts]y g i are applied
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to the nonlinear controlled system defined by Equation (14). For the sake of clarity, the control block
diagram is reported in Figure 2.

MPC Regulator Process Model
p cc YZ c
MPC GT [Heavy-duty GT Accurate Model|
» p' o Prediction model m: B
Pé:tbfi 0ut5;:ztate ref.erence CCvfI T = A:, T+ B;ﬁlk o ﬁ; »
: sformation Tre/ .
cca x¥=f(x)+G(x)u
_ Eq. (58) n',lref
ref a =
Toca — y=h(x)
L Optimization problem 7 ]
Eq. (40) »
Eq. (60)-(63) Eq. 14

Figure 2. Heavy-duty GT model predictive control (MPC) block scheme.
4. Simulation Results

The aim of this section is to evaluate the performance of the proposed MPC controller under
realistic operational transients. As already pointed out in Section 2.2, the proposed controller was
tested using as a testbed the accurate GT model defined in Section 2.1. This allowed determining
the robustness of the proposed MPC controller in the presence of modeling uncertainties and against
the assumption made for the controller design. In order to exhaustively assess the proposed MPC
controller, its performances were evaluated in comparison with a traditional PID-based controller and
an alternative model-based control technique, namely, the FBL technique, which has already been
applied to control heavy-duty GTs [6]. As a matter of fact, the FBL procedure leads to an equivalent
linear relationship between the controlled outputs and the fictitious inputs, as shown in Figure 3 [5].

P

Vi 1 1 &
— - ] - —
S S

exm

IR BN
N S S

Figure 3. Equivalent relation between fictitious inputs and the controlled quantities.

Considering this, the following equations can be written:
A3+ KppAp + Ky =0 (64)

A3+ Kr3Af + Kot + Krp = 0 (65)

where A, and A7 represent the poles of the two closed loop dynamics. By choosing Ap; = Ay, = =1.25,
Ar1 = Az = Az = —0.67, the resulting control gains K,; and Kr; can be easily calculated.

It is worth mentioning that the FBL controller proposed in [6] was designed on a fifth-order GT
model and, thus, it has an intrinsic drawback related to the complexity of the control law definition
that could make it impractical for industrial controller device implementation.
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The parameters of the proposed MPC controller are reported in Table 1, while the parameters
used for the FBL controller are reported in Table 2.

Table 1. MPC controller parameters.

Q Diag (20, 80, 0, 0) g, max 670 (kg/s) Jimamax 67 (kg/s?)
R Diag (0.1, 2 x 10%) o, min 400 (kg/s) Jona,min -67 (kg/s?)
N 3 11 15 (kg/s) Jmf max 1.5 (kg/s%)
Ts 20 (ms) £ min 4 (kg/s) T min -15 (kg/s%)

Table 2. Feedback linearization (FBL) controller parameters [6].

Kpl KpZ Kn K1, K3

1.6s72 25571 0.3s73 13572 2057}

As far as PID controllers are concerned, two different sets of parameters have been defined in
Table 3, since heavy-duty GT operation is usually a trade-off between the time response of the power
channel and the preservation of the machine lifetime by avoiding CCT spikes. Thus, the first set of
PID parameters were proposed in order to achieve a quick power response leading to dangerous CCT
dynamics (hereinafter referred to as PID;), while the second set of parameters were defined in order to
preserve the CCT dynamics and thus provide a slower power response (hereinafter referred to as PID).

Table 3. Proportional-integral-derivative (PID) controller parameters.

Kpa Kiq Kyr Ki
PID, 6.0 25 9.0x10 73 35x10 72
PID, 1.1 x 101 4.0 1.0x 1073 1.5% 10 2

The GT model parameters defined at T,,,;;, = 15 °C and p,;;, = 1.013 bar are reported in Table 4.

Table 4. GT system model parameters.

nc 0.92 R, 288 (J/kgK) H, 5x 100 (J/kg)
1 0.865 Cpa 1015 (J/kgK) Moo 660 (kg/s)
Nel 0.95 Re 292 (J/kgK) TeeN 1660 (°C)
Vee 4 (m?®) Cpe 1155 (J/kgK) PecN 17.5 (bar)
Tie 4.5 (s) Tigo 0.2 (s) Tat 0.12 (s)

The proposed controller was tested in two different operational conditions: a power reference
step increase and a power reference step decrease.

4.1. Power Reference Step Increase

For this simulation test case, the machine was initially operated with a power production of
150 MW, and after 2 s, a step power increase to 250 MW was provided. The EGT reference was kept
constant at 570 °C.

As one can observe from Figure 4, the MPC controller action provided the fastest power response
(continuous red line) with respect to the FBL controller (dash dot green line), which provided a slightly
lower performance, and both the PID controllers (dotted blue and magenta lines). Also, the EGT
behavior was preferable in the MPC case, as shown in Figure 5, since it was the one characterized by
the lower variation (less than 1 °C).
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Figure 5. Exhaust gas temperature (EGT) time profile.

Figure 6 reports the CCP and one can notice how none of the proposed control techniques
provided critical time profiles. The same cannot be said for the CCT, shown in Figure 7, where one
can observe the relevant peak provided by the PID; controller and the slight peak provided by the
FBL controller. On the contrary, the MPC controller provided a smoother profile characterized by no
overshoot. The same result was obtained by the PID; controller, which was designed to avoid such
behavior; however, this resulted in a drastic reduction of the power performances, as shown in Figure 4.
The MPC controller was able to accomplish both control objectives, achieving a fast power response
and avoiding dangerous stresses in the CC at the same time.

oo

~

wm

w

S}

1 1 1 1 1

10 12 14 16 18 20
Time [s]

Combustion Chamber Pressure [bar]
=

=
S
IS
o
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Figure 6. Combustion chamber pressure (CCP) time profile.
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Figure 7. Combustion chamber temperature (CCT) time profile.
Finally, for the sake of completeness, Figures 8 and 9 show the air and fuel flow time profiles,

respectively, in order to show the feasibility of the controllers request and the inclusion of actuators in
the model used for simulating the GT process (neglected in the MPC controller design).
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Figure 8. Air flow time profile.
T T T T T T T T T
T Y, A ,
=~
o0
=
E ]
- ——MPC
;5 ----- FBL | |
.......... PID,
.......... PID, | |
1 1 1 1 1 1 1 1 1
0 2 4 6 8 10 12 14 16 18 20

Time [s]

Figure 9. Fuel flow time profile.

On balance, the MPC controller provided the best results in terms of response speed and CCT
profile, even if it neglected some system dynamics considered instead by the FBL controller of [6].

4.2. Power Reference Step Decrease

For the power reference step decrease test case, the GT was initialized with a power production of
250 MW, and after 2 s, a step power decrease was provided which led to a final power production of
180 MW. As before, the EGT reference was kept constant at 570 °C.
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This second scenario was less critical, since CCT dynamics are not dangerous for negative
gradients. For this reason, the most important aspect for power load decrease is the fast time response
of the electric power.

As one can see from Figure 10, the MPC controller provided the quickest power response, reaching
the final reference value in almost 2 s. The EGT time profile again slightly changed, providing a good
time response, as one can see from Figure 11.
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Figure 11. EGT time profile.

The CCP and CCT dynamics, reported in Figures 12 and 13, respectively, highlight the best
performances of the MPC controller even if no particular requirements were provided for power
reduction transients.
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Figure 12. CCP time profile.
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Finally, Figures 14 and 15 depict the system inputs dynamics for the sake of completeness.
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Figure 14. Air flow time profile.
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Figure 15. Fuel flow time profile.

As a final comment, the reported results show improved performances of the MPC controller
under all considered operation transients with respect to traditional PID-based controllers, while the
comparison with the FBL control technique is similar, even if in many cases the MPC controller dynamics
are faster and smoother. Nevertheless, the major simplicity of the MPC controller implementation
would make its application far more appealing than FBL.

5. Conclusions

This paper proposed the design of an MPC for heavy-duty GTs based on a simplified second-order
nonlinear model. The effectiveness of this controller was proved by applying it on a more complex
GT model (i.e., a fifth-order model). The performances obtained thanks to the MPC were compared
with those determined by state-of-the-art regulators (PID-based controllers) and a more sophisticated
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model-based control technique (based on the FBL control technique). Simulations highlighted that
that the proposed MPC provided much higher performance with respect to the FBL controller, even
if the FBL controller had been designed using a more complex model, namely, the fifth-order GT
model. In addition, the PID controllers had lower performances and required finding a trade-off
between different tuning assets (i.e., fast power response tuning and CCT peak avoidance tuning).
In both cases, the electrical power and the CCT dynamic behaviors resulting from the MPC were
significantly improved.
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