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Abstract: Microgrids (MGs) in which power generation and consumption occur locally have gained
prominence, and MG demonstration tests have been widely carried out. In accordance with the
increase in the number of MG installations, studies regarding the cooperative control of multiple MGs
are proceeding in various forms. In this paper, the distributed control strategy of a multi-microgrid
(MMG) is proposed. Distributed control is the method in which agents of the electric power facility
autonomously control their facility through communication with the neighboring agents only. In this
process, a consensus algorithm is utilized to obtain the global information required to control the
overall system. In this distributed control strategy, a single MG is operated at an optimal economic
point using the equality incremental cost constraints while maintaining the balance between the
generation and demand. The control strategy of a MMG is that the flow of the point of common
coupling (PCC) is maintained at a particular value needed by the utility and the internal change in
power is distributed to the MGs according to their reserves. The proposed algorithm is verified in
the MG level and the MMG level through a simulation model using PSCAD/EMTDC software in
the C language.

Keywords: consensus algorithm; distributed control; microgrid; multi agent system; multi-microgrid

1. Introduction

Difficulties in selecting locations for large-scale power plants, transmission facilities, and an
increase in small-scale generating units such as rooftop photovoltaic generators and micro combined
heat-and-power systems in close proximity to the electricity demand site, have caused a paradigm
shift in power systems of late. Power systems have now switched from the conventional sequence of
power generation, transmission, distribution, and consumption through large-scale plants to a new
sequence of power generation, distribution, and consumption through generation facilities located in
the demand area. In accordance with this trend, researches and demonstration tests of the microgrid
(MG) have been conducted widely [1–5].

With the increase in MG installations, integrated operation strategies for multiple MGs have been
presented in several studies [6–11]. In community MGs, an optimal economic operating method is
introduced through hierarchical optimization in [7]. In reference [8], distributed economic optimization
of the power transaction between the MGs is proposed by employing the game theory. Unlike the
above literatures that consider economics, reference [11] focuses on the resilience of multiple MGs by
power sharing between the MGs.
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Owing to the increase in control elements such as distributed generators (DGs) and energy storage
system (ESS) in the total system, the burden of the central control center that manages these elements
also increases. To relieve the burden of the central control center, studies regarding the distributed
method wherein each element controls itself through communication with the neighboring components
have been proposed in many papers. Mainly, the distributed control strategy based on a consensus
algorithm has been introduced in several studies [12–18]. In previous studies, they manage the single
level system using consensus algorithm. This paper suggests the dual level control strategy based on
consensus algorithm, that is economic operation in microgrid level and output distribution according
to output margin of microgrid in multi-microgrid level. In references [12,13], an optimal operating
method for the distributed resources in the MG is proposed by applying a consensus algorithm to
the equality incremental cost constraints. Reference [14] proposes a control strategy to distribute the
output of the resources in the frequency control of the MG by a dispersive method. In this paper,
the analysis of plug and play is carried out on the supposition that a random generator is connected
or disconnected to or from a power system network. A control method to share current between the
resources and to maintain the voltage at the point of common coupling (PCC) is introduced in the DC
MG using a consensus algorithm in [15].

In this paper, a real-time control scheme for a multi-microgrid (MMG) based on a consensus
algorithm is proposed. Droop control is the representative distributed control. Droop control is that
supplies output power set by droop coefficient responding to frequency deviation. This control is
useful to stabilize frequency, but it is difficult to manage the economic power distribution. In case
of distributed control through consensus algorithm, economic operation is possible through equality
incremental cost condition or output extra data of whole system are acquired under constrained
communication condition. These characteristics are possible flexible system operation; therefore, it is
utilized in this paper. When distributed control is performed, global information to control the system
is shared by communicating only with the neighboring facilities and the necessary control is carried
out autonomously in each facility by sharing information. Basically, the purpose of an MG and MMG
is to maintain the power flow of each PCC at target values as scheduled. In the case of significant
imbalances between the generation and demand, the operating point of the DGs is changed to a new
optimal point according to the incremental cost constraints in tandem with maintaining the power
flow of the PCC in the MG. The MMG has a control strategy that divides the unbalanced power of the
MMG to each MG in accordance with the surplus or the current output of a single MG through the
consensus algorithm.

The methods of selecting the weighted factor in the consensus algorithm proposed in existing
studies are compared. Unlike the application of the consensus algorithm to the MG in previous studies,
the distributed control scheme is extended and applied to the MMG. To verify the proposed control
scheme, electric power facilities are modelled using PSCAD/EMTDC, and the agent module that
directs the output reference and communicates with the neighboring agent is modelled in C language.
The simulation is carried out in PSCAD/EMTDC using C language. In Section 2, the consensus
algorithm is introduced for obtaining the convergence value. The distributed control strategy is
described in Section 3, where hierarchical structure of a Multi-Microgrid is considered. The results of
case study are verified in Section 4, based on distributed control strategy using consensus algorithms.

2. Consensus Algorithm

2.1. Basic Concepts of the Consensus Algorithm

The consensus algorithm is a method to obtain the convergence value of the information of each
agent by communication with the adjacent agent only. The consensus algorithm has advantages in the
absence of a central control mechanism and unreliable communication capabilities. It is possible to
acquire global information in a distributed communication network using the consensus algorithm;
therefore, it can be utilized as such in a distributed control scheme.
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For n agents, the formula to update information in a consensus algorithm is as follows [16,17].

xi[t + 1] =
n

∑
j=1

ωijxj[t] (1)

X[t + 1] = WX[t] (2)

where xi[t]: shared information of agent i at iteration t; wij: weighting factor between agent i and agent
j; X[t]: matrix of agent information at iteration t; W: matrix of weighting factors.

Equation (2) is the matrix form of Equation (1). The convergence characteristic is altered according
to the weighted factor of the consensus algorithm. The method to select the weighted factor is
introduced in [12,14,15].

2.2. Weighted Factor of the Consensus Algorithm

Prior to the introduction of the weighted factor, the Laplacian matrix that is used to mathematically
express the connection state between the agents in graph theory is explained. In a non-directional
graph, the degree of each agent is the number of connected agents, and adjacency represents the
connection status between the agents. The components of the degree matrix and the adjacency matrix
are defined as follows:

dij =

{
deg(i),

0,
i = j

otherwise
(3)

adjij =

{
1,
0,

i 6= j and j ∈ Ni
otherwise

(4)

where dij: row i, column j component of the degree matrix; adjij: row i, column j component of the
adjacency matrix; Ni: agent set connected with agent i.

The Laplacian matrix is decided through the degree matrix and the adjacency matrix.

L = D−A (5)

where L: Laplacian matrix; D: degree matrix; A: adjacency matrix.
In this paper, we introduce three methods to choose the weighted factor: Fast Linear Iterations,

Local Adjacency, and Metropolis.
First, the weighted factor of the Fast Linear Iteration is as follows [15]:

W = I− αL (6)

α =
2

λ1(L) + λn−1(L)
(7)

where I: identity matrix; α: convergence constant in the Fast Linear Iteration method; λm(L): m largest
eigenvalue of the Laplacian matrix.

Through Equations (2) and (6), the information x of each agent is converged to the average of
all agents’ information after several iterations. Fast Linear Iteration can find the optimal weighted
factor analytically through the calculation of α, but to calculate α, the Laplacian matrix is known in
advance, implying that the connection status of the total network system is recognized. Therefore,
central settlement is needed in the first design of the weighted factor.

Next, Equation (8) shows the weighted factor of the Local Adjacency [12]:

ωij =
∣∣lij∣∣/ n

∑
j=1

∣∣lij∣∣ (8)
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where lij: row i, column j component of the Laplacian matrix.
The components of the weighted factor to update agent i, are the row i components of the weighted

factor matrix; the row i components of the weighted factor matrix are in turn calculated by the row i
components of the Laplacian matrix. In other words, information needed to find the weighted factor
of agent i through Local Adjacency is the degree of agent i and the information of adjacency with the
neighbouring agents. Therefore, in Local Adjacency, the weighted factor can be calculated locally by
the connection information that each agent has.

Finally, the weighted factor in Metropolis is as follows [14]:

ωij =


1/(max[lii, ljj] + 1),

1− ∑
k∈Ni

1/(max[lii, lkk] + 1),

0,

j ∈ Ni
j = i

otherwise
(9)

In order to calculate the weighted factor using Metropolis, the necessary information is the degree
of agent i and agent j connected with agent i. Therefore, by sharing the degree information between
agents the weighted factor can be calculated in the distributed method similar to Local Adjacency.

2.3. Convergence Analysis

In this section, the convergence characteristics of the consensus algorithm are analysed by
considering the three weighted factor selection methods and the network topology of the agents.
The network topology is classified into three cases as seen in Figure 1, and the initial value of each
agent is 8, 7, 6, and 11.
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Figure 1. Convergence characteristic according to the weighted factor selection method and the 
network topology. 

It is a remarkable characteristic that complex communication with the agents results in a fast 
convergence speed as seen Figure 1. In the case of line topology, the Local Adjacency method has the 
fastest convergence. However, the Local Adjacency method has a convergence value of 7.67 while 
the other methods have a convergence value of 8 that is the average of the initial values. It indicates 
that the information of the convergence value in the Local Adjacency method can be unclear and 
unsuitable for usage in various areas. In comparison with the Fast Linear Iteration and the Metropolis 
method, the Metropolis method has a low convergence speed than the Fast Linear Iteration in line 
topology. However, the Metropolis method has a similar convergence speed in the ring and full 
topology. 

Figure 1. Convergence characteristic according to the weighted factor selection method and the
network topology.

It is a remarkable characteristic that complex communication with the agents results in a fast
convergence speed as seen Figure 1. In the case of line topology, the Local Adjacency method has the
fastest convergence. However, the Local Adjacency method has a convergence value of 7.67 while the
other methods have a convergence value of 8 that is the average of the initial values. It indicates that
the information of the convergence value in the Local Adjacency method can be unclear and unsuitable
for usage in various areas. In comparison with the Fast Linear Iteration and the Metropolis method,
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the Metropolis method has a low convergence speed than the Fast Linear Iteration in line topology.
However, the Metropolis method has a similar convergence speed in the ring and full topology.

Fast Linear Iteration needs to know the connection of the total network to select the weighted
factor as mentioned, and responding flexibly to a network topology change is difficult. Therefore,
the Local Adjacency and the Metropolis method that calculate the weighted factor in a distributed
form are suitable in order to facilitate plug and play or as robust algorithms for communication
faults. Local Adjacency is the most dispersive method to select the weighted factor because the
Local Adjacency method calculates the weighted factor only through the information with each agent.
However, the application area is limited because uncertainty in the convergence value exists. In order
to calculate the weighted factor through the Metropolis, the connection information owned by each
agent and the degree information from the adjacency agents is required, which can be obtained through
a single communication with the neighboring agents. Though the Metropolis method requires an
additional communication to calculate the weighted factor in comparison with Local Adjacency, it has
an advantage that the convergence value is the accurate average of the initial values and the Metropolis
method has a similar convergence speed when the network topology becomes complicated.

3. Distributed Control Strategy for a Multi-Microgrid

In the operating process of a power system, it is optimal if the system is operated as per the
fixed schedule through a complete prediction of the generation of the renewable energy sources such
as solar, wind, and the demand. However, a prediction always has an uncertainty, and therefore,
a proper change of the operating status is needed in real-time operation. In this paper, we propose
a control strategy that can operate flexibly according to the variable system status in real-time. It is
possible to economically operate the individual microgrid, and when an unexpected event occurs in
the microgrid, the entire MMG shares it, so that MMG can be regarded as a controllable element for the
entire system operator. Removing uncertainty from the utility’s point of view is the biggest advantage
of this system. And one of the contributions is that the system is composed of a decentralized control
structure. The concept of distributed control for a MMG is represented in Figure 2.
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In the MG level, the battery energy storage system (BESS) conducts the flow control of the MG
responding to internal changes, and each DG operates at the economic optimal point depending upon
the equality incremental cost constraints that is the convergence value obtained by the consensus
algorithm. Considering the state of charge (SOC) of the BESS, the control strategy to distribute the BESS
output to each DG is proposed in the case of significant internal disturbances. Finally, information
about the current output and the output margin of the DG is shared through the consensus algorithm
for use in the control strategy in the MMG level.

Similar to the MG operation strategy, the main BESS in the MMG level controls the flow of the
MMG PCC responding to the internal change in the MMG and the external change in the target flow
requested by the utility. The output of the main BESS is distributed to the MGs according to the output
status of each MG.

3.1. Control Strategy in the Microgrid Level

The main control strategy in the MG level is to maintain the flow of the MG PCC using the rapid
operation characteristics of the BESS and to distribute the large output change of the BESS that is due to
drastic variations in load or failure of facilities, to each DG at an optimal operation point. The control
block of the BESS for managing the flow of the MG PCC is represented in Figure 3.
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Figure 3. Control block of the BESS to manage flow of the MG PCC. PMG: measured value of the power
flow from the MMG to the MG; PMG

target_ f low : target flow of the MG; PMG
FFC_ref : output reference needed

to maintain the flow of the MG; PMG_BESS
BP : base point of the MG BESS necessary to restore the SOC of

the BESS; PMG_BESS
re f : output reference of the MG BESS.

Proportional and Integral (PI) control is used to generate the feeder flow control reference needed
to maintain the flow of the MG; the sum of the generated feeder flow control reference and the
basepoint of the BESS is the final output reference of the BESS. The basepoint of the BESS is the point
set to restore the SOC of the BESS when it is out of operating range.

In order to operate the DG at an economic optimal point, we utilize the equality incremental cost
constraints. When the cost function of the generator is expressed as a quadric equation, the economic
optimal output of the DG is determined at a point where the incremental cost of the generation cost
function of the DGs is equalized and the generation and consumption match up [18,19].

dC1

dP1
=

dC2

dP2
=

dC3

dP3
= · · · = dCn

dPn
= λ (10)

n

∑
k=1

Pk = Pdemand (11)

where Ck: generation cost of generator k; Pk: output power of generator k; λ: incremental cost of the
generator; Pdemand: total power demand. The diagram of Equation (11) is represented in Figure 4.
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In distributed control, the equation to find the equality incremental cost constraints based on the
consensus algorithm is as follows:

λDGi[t + 1] = λDGi[t] + ∑
j∈Ni

ωij(λ
DGj[t]− λDGi[t]) (12)

λDGi[1] = aiPDGi
outputinit

+ bi (13)

where λDGi[t]: convergence information about the incremental cost of the DG i at iteration t. ai, bi:
coefficient of the incremental cost function; PDGi

outputinit
: initial value of the output power of DG i.

If the convergence of λ is found only through the initial power of the DGs, the total generation
does not match up with the consumption. Therefore, it is necessary to add a correction term to adjust
the convergence of λ for the generation and consumption to be identical.

λDGi[t + 1] = λDGi[t] + ∑
j∈Ni

ωij(λ
DGi[t]− λDGi[t]) + εPMG

FFC (14)

PMG
FFC = PMG_BESS − PMG_BESS

BP (15)

where ε: convergence constant that determines the convergence speed of λ; PMG
FFC: output power used

in maintaining the flow of the MG; PMG_BESS: measured value of the MG BESS output.
In case of deficiency in generation, λ is increased by the correction term until the generation and

consumption have the same values and in case of excess in generation, λ is decreased.
If each agent has the same λ, the output reference of the DG is generated as follows:

PDGi
re f =

λDG∗ − bi
ai

(16)

PDGi
min ≤ PDGi

re f ≤ PDGi
max (17)

where PDGi
re f : output reference of DG I; λDG∗: convergence value of the incremental cost of the DGs.

PDGi
min : minimum output power of DG I; PDGi

max : maximum output power of DG i.
It is possible to operate at an economic optimal point by setting the output reference of each DG

according to the equality incremental cost constraints.
In the MMG level, if excess quantity is to be shared or if there is a deficiency of power in an MG,

information about the power margin and the current power of the MG is needed to decide the amount
of power allocation. The MG output information is generated by sharing the output information of
the DGs.

PDGi
margin[t + 1] = PDGi

margin[t] + ∑
j∈Ni

ωij(PDGj
margin[t]− PDGi

margin[t]) (18)
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PDGi
output[t + 1] = PDGi

output[t] + ∑
j∈Ni

ωij(PDGj
output[t]− PDGi

output[t]) (19)

cDGi[t + 1] = cDGi[t] + ∑
j∈Ni

ωij(cDGj[t]− cDGi[t]) (20)

PDGi
margin[1] = PDGi

margininit
(21)

PDGi
output[1] = PDGi

outputinit
(22)

cDGi[1] =

{
cinit,

0,
i ∈ S

otherwise
(23)

n =
cinit

cDG∗ (24)

PMG
margin = n× PDG∗

margin (25)

PMG
output = n× PDG∗

output (26)

where PDGi
margin[t]: convergence value about the power margin of DG i at iteration t; PDGi

output[t]:

convergence value about the current output of DG i at iteration t; cDGi[t]: convergence value needed to
count the number of agents at iteration t; PDGi

margininit
: initial value of the power margin of DG I; PDGi

outputinit
:

initial value of the output power of DG I; cinit: initial value needed to count the number of agents; cDG∗:
convergence value of the information needed to count the number of agents; S: set of agents connected
to the MG BESS; n: the number of agents; PMG

margin: power margin of the MG; PDG∗
margin: convergence value

of the power margin of the DGs; PMG
output: current output of the MG; PDG∗

output: convergence value of the
current output of the DGs.

Equations (18) and (19) are about sharing the output information and Equation (20) is needed to
distinguish the number of the DG agent. The convergence values of each equation are used in (24)–(26)
to calculate the number of the DG agents and the power output information of the MG.

3.2. Control Strategy in the Multi-Microgrid Level

The objective of the control strategy in the MMG level is to maintain the power flow targeted
values in the MMG PCC that connects the MMG with the utility. Because the BESS has rapid control
characteristics, it is suitable for controlling the flow fluctuation induced by frequent changes in load or
in the renewable energy sources. The control block of the BESS for managing flow of the MMG PCC is
represented in Figure 5.
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Figure 5. Control block of the BESS to manage flow of the MMG PCC. PMMG: measured value of
the power flow from the utility to the MMG; PMMG

target_ f low : target flow of the MMG; PMMG
FFC_re f : output

reference needed to maintain the flow of the MMG; PMMG_BESS
BP : base point of the MMG BESS necessary

to restore the SOC of the BESS; PMMG_BESS
re f : output reference of the MMG BESS.

Similar to the BESS control in the MG level, the reference value for the flow control is generated
by the PI control and the output reference of the MMG BESS is obtained by the sum of the flow control
reference and the base point of the BESS.
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When significant disturbances caused by the failure of the DG or the electrical line and drastic
fluctuation in load or renewable energy sources occur, the BESS cannot continuously sustain the output
power induced by the disturbance because the BESS has energy limits. Therefore, the distribution of
the BESS output to each MG is needed according to the output state of the MGs.

Information about the output margin, the current output of each MG and the MMG BESS output
is shared based on the consensus algorithm. The equation for updating the information is as follows:

PMGi
margin[t + 1] = PMGi

margin[t] + ∑
j∈Ni

ωij(PMGj
margin[t]− PMGi

margin[t]) (27)

PMGi
output[t + 1] = PMGi

output[t] + ∑
j∈Ni

ωij(PMGj
output[t]− PMGi

output[t]) (28)

PMGi
share[t + 1] = PMGi

share[t] + ∑
j∈Ni

ωij(PMGj
share[t]− PMGi

share[t])) (29)

PMGi
margin[1] = PMGi

margininit
(30)

PMGi
output[1] = PMGi

outputinit
(31)

PMGi
share[1] =

{
−(PMMG_BESS − PMMG_BESS

BP ),
0,

i ∈ S
otherwise

(32)

where PMGi
margin[t]: convergence value about the power margin of the MG i at iteration t; PMGi

output[t]:

convergence value about the current output of the MG i at iteration t; PMGi
share[t]: convergence value

about the shared power of the MG i at iteration t; PMGi
margininit

: initial value of the power margin of MG I;

PMGi
outputinit

: initial value of the output power of MG I; PMMG_BESS: measured value of the MMG BESS
output; S: set of agents connected to the MMG BESS.

Equations (27)–(29) are to update the information and (30)–(32) are the initial values of each
information. The initial values of the output margin and the current output are the measured value
at each MG at the time of the algorithm operation and the initial information about the distribution
amount is difference between the BESS actual output and the basepoint of the BESS that is output to
restore the SOC of the BESS. In (32) a minus sign is present because the flow direction of the MG and
the output direction of the BESS are opposite.

Information about the output state of the MG and the distribution amount is converged to an
average of the initial values through the consensus algorithm and each MG calculates the amount to
be shared through the convergence information.

∆PMGi
target_ f low =


nPMG∗

share

PMGi
margininit
nPMG∗

margin
= PMG∗

share

PMGi
margininit
PMG∗

margin
, PMG∗

share ≤ 0

nPMG∗
share

PMGi
outputinit
nPMG∗

output
= PMG∗

share
PMGi

outputinit
PMG∗

output
, PMG∗

share ≥ 0

(33)

where ∆PMGi
target_ f low: variation amount of the target flow of MG I; PMG∗

share : convergence value of the

sharing power of the MGs; PMG∗
margin: convergence value of the power margin of the MGs; PMG∗

output:
convergence value of the current output of the MGs.

If an output power increase is required, the sharing amount is decided as per the output margin
of the MG and in the opposite case the current output of each MG determines the amount power to
be shared.

Finally, the target flow of each MG is set by Equation (34) according to the amount to be shared,
calculated in Equation (33).

PMGi
target_ f low

′
= PMGi

target_ f low + ∆PMGi
target_ f low (34)
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where PMGi
target_ f low

′: update value of the target flow of MG i.

4. Case Study

In this research, the MMG simulation model is constructed based on an IEEE 13 Node Test
Feeder [20] and the parameters of the DGs in a single MG are utilized in [18]. The Metropolis method
is applied in the simulation to find the weighted factor of the consensus algorithm.

The MMG consists of four MGs, five loads, and a BESS; the capacities of the MG components are
shown in Table 1. The communication networks between the MGs are ring shaped and MG 1 has an
additional communication line with the BESS in the MMG level.

In order to verify the control strategy in the MG level, MG 1 is constructed with the parameters as
per Table 2. The network topology between the DGs in MG 1 is line shaped and a communication line
between DG 1 and the BESS is added.

Table 1. Parameters of the MMG elements.

Components Capacity (Generation/
Internal Load Peak) Components Load Peak

MMG BESS 600 kW/- 646 Load 120 kW
MG1 600 kW/450 kW 634 Load 100 kW
MG2 600 kW/500 kW 652 Load 150 kW
MG3 300 kW/350 kW 692 Load 70 kW
MG4 400 kW/300 kW 675 Load 140 kW

Table 2. Parameters of the DGs in the MG1.

Components aDGi bDGi PMGi
min PMGi

max

DG1 0.084 2.0 60 kW 200 kW
DG2 0.056 3.0 20 kW 100 kW
DG3 0.070 4.0 20 kW 100 kW
DG4 0.060 4.0 60 kW 200 kW

MG BESS - - −300 kW 300 kW

In this simulation, the consensus algorithm has a 2.5 s operation cycle and an 8.33 ms solution
time. The consensus algorithm operates alternately at intervals of 1.25 s in the MMG and MG level.
The performance of the proposed control strategy is confirmed through two simulation cases of step
change that include a change of load and PCC flow in the MMG level and the MG level, respectively.
The analysis of the control characteristic with respect to the time varying load is carried out through
load data of 24 h downsized to 24 s data.

4.1. Simulation in the Microgrid Level

Case 1: Change of target flow in the MG PCC
Case 1 confirms the operating characteristics when the target flow in the MG PCC is changed by

virtue of power sharing in the MMG level. The target flow is set from 0 kW to −150 kW. Because the
power inflow into the MG is a plus flow as indicated in Figure 6, the minus flow indicates a supply of
power from the MG to the MMG.
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Figure 6. Test system. (a) MMG simulation model; (b) MG simulation model.

Initially, the DGs have an arbitrary output power and then the DGs change their output to operate
in the equality incremental cost constraints during the first consensus algorithm operation. At about
2.75 s, the target flow of MG 1 is changed from 0 kW to −150 kW and the output power of the BESS is
increased to adjust the changed target flow. The BESS output is then distributed to the DGs maintaining
the equality incremental cost constraints at about 3.75 s. The outputs of DG 2 and DG 3 are restricted
to 100 kW because of the generation limit.

In Figure 7b, the convergence of the incremental cost λ begins at about 1.25 s, and at 4.25 s,
the incremental cost converges to a value higher than the former value to share the target flow.
The convergence pattern of the incremental cost λ shows that the incremental cost of DG 1 leads to
other incremental costs, in the second operation of the consensus algorithm. This is because DG 1
receives prior information regarding the output change to be shared. After the increase in the DG
output, we can see that the power margin of the DGs decrease, in Figure 7b.
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Figure 7. Simulation result in the MG level (Case 1). (a) Power of the MG flow, the MG BESS, the DGs 
and load; (b) Convergence of the incremental cost and the power margin of DGs. 
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Figure 7. Simulation result in the MG level (Case 1). (a) Power of the MG flow, the MG BESS, the DGs
and load; (b) Convergence of the incremental cost and the power margin of DGs.

4.2. Simulation in the Multi-Microgrid Level

Case 2: Internal load change in the MMG
Control of the MMG PCC flow and the distribution of power to each MG are confirmed when

there is a change in the load connected to the feeder of the MMG directly. The total average load of the
MMG is increased from 400 kW to 500 kW and the target flow of the MMG contracted for by the utility
is 400 kW. Each MG has target flow of 0 kW initially.

The MMG BESS increases its output power to 100 kW to maintain the flow of the MMG PCC
contracted for by the utility. The output power of the MMG BESS is then distributed to the MGs
according to the power margin of each MG, and the average output of the BESS becomes 0 kW.

The convergence characteristic of the consensus algorithm with respect to the power margin and
the sharing power of the MG is represented in Figure 8b. Information about the power margin of the
MGs converges to an average value of the initial power margin of the MGs. The share information
converges to 25 kW that is the average of the 100 kW output power covered by the BESS for four
agents. The minus sign in the power share of the MGs results because of the opposing directions
of flow between the MMG BESS and the MGs. In the second operation of the consensus algorithm,
the convergence value of the power margin is slightly decreased because the information about the
sharing power of the MGs converges to almost 0 kW. Figure 8c shows that the target flow of the MMG
PCC is changed according to the margin of the MGs.
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Figure 7. Simulation result in the MG level (Case 1). (a) Power of the MG flow, the MG BESS, the DGs 
and load; (b) Convergence of the incremental cost and the power margin of DGs. 

4.2. Simulation in the Multi-Microgrid Level 

Case 2: Internal load change in the MMG 
Control of the MMG PCC flow and the distribution of power to each MG are confirmed when 

there is a change in the load connected to the feeder of the MMG directly. The total average load of 
the MMG is increased from 400 kW to 500 kW and the target flow of the MMG contracted for by the 
utility is 400 kW. Each MG has target flow of 0 kW initially. 

The MMG BESS increases its output power to 100 kW to maintain the flow of the MMG PCC 
contracted for by the utility. The output power of the MMG BESS is then distributed to the MGs 
according to the power margin of each MG, and the average output of the BESS becomes 0 kW. 

The convergence characteristic of the consensus algorithm with respect to the power margin and 
the sharing power of the MG is represented in Figure 8b. Information about the power margin of the 
MGs converges to an average value of the initial power margin of the MGs. The share information 
converges to 25 kW that is the average of the 100 kW output power covered by the BESS for four 
agents. The minus sign in the power share of the MGs results because of the opposing directions of 
flow between the MMG BESS and the MGs. In the second operation of the consensus algorithm, the 
convergence value of the power margin is slightly decreased because the information about the 
sharing power of the MGs converges to almost 0 kW. Figure 8c shows that the target flow of the MMG 
PCC is changed according to the margin of the MGs. 

Time [s] 1.00 1.50 2.00 2.50 3.00 3.50 4.00 4.50 5.00 5.50 6.00 

-50 

0 

50 

100 

150 

200 

250 

300 

350 

400 

450 

P
o
w

e
r 
[k

W
]

P_MMG P_BESS P_MG1 P_MG2 P_MG3 P_MG4

Time [s] 2.00 2.50 3.00 3.50 4.00 4.50 5.00 5.50 6.00 

-50 

-40 

-30 

-20 

-10 

0 

10 

P
ow

e
r 
[k

W
]

P_MMG P_BESS P_MG1 P_MG2 P_MG3 P_MG4

Time [s] 1.00 1.50 2.00 2.50 3.00 3.50 4.00 4.50 5.00 5.50 6.00 

0 

100 

200 

300 

400 

500 

600 

P
ow

er
 [

kW
]

Load_SUM P_646 P_634 P_652 P_692 P_675

 

(a)

Figure 8. Cont.



Energies 2017, 10, 1017 13 of 16
Energies 2017, 10, 1017 13 of 16 

 

Time [s] 1.00 1.50 2.00 2.50 3.00 3.50 4.00 4.50 5.00 5.50 6.00 

0 

50 

100 

150 

200 

250 

C
o

ns
en

su
s 

In
fo

. 
o

f 
M

a
rg

in
 [

kW
]

PmarginMG1 PmarginMG2 PmarginMG3 PmarginMG4

Time [s] 2.490 2.500 2.510 2.520 2.530 2.540 2.550  
 
 

0 

50 

100 

150 

200 

250 

C
on

se
n

su
s 

In
fo

. 
o

f 
M

a
rg

in
 [

kW
]

PmarginMG1 PmarginMG2 PmarginMG3 PmarginMG4

Time [s] 4.990 5.000 5.010 5.020 5.030 5.040 5.050 

0 

20 

40 

60 

80 

100 

120 

140 

160 

180 

C
on

se
n

su
s 

In
fo

. 
o

f 
M

a
rg

in
 [

kW
]

PmarginMG1 PmarginMG2 PmarginMG3 PmarginMG4

Time [s] 1.00 1.50 2.00 2.50 3.00 3.50 4.00 4.50 5.00 5.50 6.00 

-225 

-200 

-175 

-150 

-125 

-100 

-75 

-50 

-25 

0 

25 

C
o

n
se

n
su

s 
In

fo
. 

o
f 

S
h

a
re

 [
kW

]

PshareMG1 PshareMG2 PshareMG3 PshareMG4

Time [s] 2.490 2.500 2.510 2.520 2.530 2.540 2.550 

-225 

-200 

-175 

-150 

-125 

-100 

-75 

-50 

-25 

0 

25 

C
on

se
ns

u
s 

In
fo

. 
of

 S
ha

re
 [

kW
]

PshareMG1 PshareMG2 PshareMG3 PshareMG4

Time [s] 4.990 5.000 5.010 5.020 5.030 5.040 5.050 

-60 

-50 

-40 

-30 

-20 

-10 

0 

10 

C
on

se
ns

u
s 

In
fo

. 
of

 S
ha

re
 [

kW
]

PshareMG1 PshareMG2 PshareMG3 PshareMG4

(b)
 

Time [s] 0.50 1.00 1.50 2.00 2.50 3.00 3.50 4.00 4.50 5.00  
 
 

-45.0 

-40.0 

-35.0 

-30.0 

-25.0 

-20.0 

-15.0 

-10.0 

-5.0 

0.0 

5.0 

T
a

rg
et

 F
lo

w
 [

kW
]

targetflowMG1 targetflowMG2 targetflowMG3 targetflowMG4

 
(c) 

Figure 8. Simulation result in the MMG level (Case 2). (a) Power of the MMG flow, the MMG BESS, 
the MGs and load; (b) Convergence of the power margin and sharing power of the MGs; (c) Target 
flow of each MG PCC. 

4.3. Integrated Simulation in the Microgrid Level and the Multi-Microgrid Level 

Case 3: Integrated simulation with Time Varying Loads 
In Case 3, the operating characteristics of the proposed algorithm in the case that the MMG and 

the MG have time varying loads, is verified. Both the internal load of the MG and external load that 
is connected directly to the MMG have the same variation properties. 

The output of the elements of the MMG is represented in Figure 9a. The target flow of the MMG 
PCC is set at 318 kW that is the average of the time-varying load. The MMG BESS responds to the 
load change first, after which the output of the MMG BESS is distributed to each MG according to 
the convergence values of the power margin or the current output power of the MGs. The 
convergence characteristic of the information needed to distribute the MMG BESS to the MGs is 
represented in Figure 9b. The convergence value in Figure 9b changes according to the output status 
of each MG and MMG BESS. Figure 9c shows the target flow of each MG calculated by Equation (33). 
The total power generation, the load and the BESS output power in each MG are depicted in  
Figure 9d. The total generation of each MG is varied according to the changed load and the target 
flow and the BESS of each MG has an output power to the maintain flow of the MG PCC at target 
flow. 

Figure 8. Simulation result in the MMG level (Case 2). (a) Power of the MMG flow, the MMG BESS,
the MGs and load; (b) Convergence of the power margin and sharing power of the MGs; (c) Target
flow of each MG PCC.

4.3. Integrated Simulation in the Microgrid Level and the Multi-Microgrid Level

Case 3: Integrated simulation with Time Varying Loads
In Case 3, the operating characteristics of the proposed algorithm in the case that the MMG and

the MG have time varying loads, is verified. Both the internal load of the MG and external load that is
connected directly to the MMG have the same variation properties.

The output of the elements of the MMG is represented in Figure 9a. The target flow of the MMG
PCC is set at 318 kW that is the average of the time-varying load. The MMG BESS responds to the
load change first, after which the output of the MMG BESS is distributed to each MG according to the
convergence values of the power margin or the current output power of the MGs. The convergence
characteristic of the information needed to distribute the MMG BESS to the MGs is represented in
Figure 9b. The convergence value in Figure 9b changes according to the output status of each MG
and MMG BESS. Figure 9c shows the target flow of each MG calculated by Equation (33). The total
power generation, the load and the BESS output power in each MG are depicted in Figure 9d. The total
generation of each MG is varied according to the changed load and the target flow and the BESS of
each MG has an output power to the maintain flow of the MG PCC at target flow.
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Figure 9. Simulation result in the MMG level (Case 3). (a) Power of the MMG flow, the MMG BESS, 
the MGs and load; (b) Convergence of the power margin, the current power, and sharing power of 
the MGs; (c) Target flow of each MG PCC; (d) Total generation power, load, and the MG BESS output 
of each MG. 

Figure 10 shows the operating characteristics of MG 1. The MG 1 BESS first responds to a time-
varying load after which the distribution of the output power of the MG BESS is carried out 
repeatedly. The incremental cost increases on a load increment and vice versa. Convergence 
information about the power margin and the current power of DGs is altered in accordance with the 
variation in the DG output. The output patterns of the MG 1 BESS before operation of the consensus 
algorithm are the sum of the load pattern and target flow. 

Figure 9. Simulation result in the MMG level (Case 3). (a) Power of the MMG flow, the MMG BESS,
the MGs and load; (b) Convergence of the power margin, the current power, and sharing power of the
MGs; (c) Target flow of each MG PCC; (d) Total generation power, load, and the MG BESS output of
each MG.

Figure 10 shows the operating characteristics of MG 1. The MG 1 BESS first responds to a
time-varying load after which the distribution of the output power of the MG BESS is carried
out repeatedly. The incremental cost increases on a load increment and vice versa. Convergence
information about the power margin and the current power of DGs is altered in accordance with the
variation in the DG output. The output patterns of the MG 1 BESS before operation of the consensus
algorithm are the sum of the load pattern and target flow.
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Figure 10. Simulation result in the MG level (Case 3). (a) Power of the MG flow, the MG BESS, the 
DGs, and load in the MG1; (b) Convergence of the incremental cost, the power margin, and the current 
power of the DGs in the MG1. 

5. Conclusions 

This paper investigates a distributed coordination control strategy between the DGs in the MG 
level and between the MGs in the MMG level based on the consensus algorithm. The rapid dynamic 
characteristic of the BESS is used for controlling the flow of the MG and the MG PCC, responding to 
a momentary change of power, and the output power of the BESS is distributed to the DGs and the 
MGs. The output distribution to the DG is carried out at optimal economic point by equalizing the 
incremental cost of each DG. The output distribution between the MGs is divided in proportion to 
the power margin or the current power of the MG according to the sign of the BESS output. The 
verification of the proposed algorithm is conducted through a PSCAD simulation model using C 
language. 

As the flow of the PCC is controlled to accurate values, the utility recognizes the MMG as a 
controllable generation or consumption facility. Therefore, the utility has an advantage of decreasing 
the unforeseen variability of power in the whole system requesting additional generation or 
consumption as the need arises. Dependence of a high-ranking system can be decreased in case the 
system elements are controlled by the distributed control strategy. Moreover, in this distributed 
control, connection and disconnection of elements to and from the system are relatively free because 
the system is operated through communication only with the neighboring agents. 

The proposed algorithm in this paper is a control strategy concerning real-time changes under a 
condition that the system scheduling was already decided. It may be possible in future to construct a 
completely distributed control system scheduling the distributed resources locally. 
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Figure 10. Simulation result in the MG level (Case 3). (a) Power of the MG flow, the MG BESS, the
DGs, and load in the MG1; (b) Convergence of the incremental cost, the power margin, and the current
power of the DGs in the MG1.

5. Conclusions

This paper investigates a distributed coordination control strategy between the DGs in the MG
level and between the MGs in the MMG level based on the consensus algorithm. The rapid dynamic
characteristic of the BESS is used for controlling the flow of the MG and the MG PCC, responding to
a momentary change of power, and the output power of the BESS is distributed to the DGs and the
MGs. The output distribution to the DG is carried out at optimal economic point by equalizing the
incremental cost of each DG. The output distribution between the MGs is divided in proportion to the
power margin or the current power of the MG according to the sign of the BESS output. The verification
of the proposed algorithm is conducted through a PSCAD simulation model using C language.

As the flow of the PCC is controlled to accurate values, the utility recognizes the MMG
as a controllable generation or consumption facility. Therefore, the utility has an advantage of
decreasing the unforeseen variability of power in the whole system requesting additional generation
or consumption as the need arises. Dependence of a high-ranking system can be decreased in case
the system elements are controlled by the distributed control strategy. Moreover, in this distributed
control, connection and disconnection of elements to and from the system are relatively free because
the system is operated through communication only with the neighboring agents.

The proposed algorithm in this paper is a control strategy concerning real-time changes under a
condition that the system scheduling was already decided. It may be possible in future to construct a
completely distributed control system scheduling the distributed resources locally.

Acknowledgments: This work was supported by the Korea Institute of Energy Technology Evaluation
and Planning (KETEP) and the Ministry of Trade, Industry & Energy (MOTIE) of the Republic of Korea
(No. 20151210200080).

This research was supported by Basic Science Research Program through the National Research Foundation
of Korea (NRF) funded by the Ministry of Education, Science and Technology (Grant no. NRF-2013R1A1A1012667).

Author Contributions: Sang-Ji Lee carried out the main research tasks and wrote the full manuscript, Jin-Young Choi
provided technical support to verify the proposed algorithm in simulation software, and Hyung-Joo Lee suggested
a precious insight in the revising process. Dong-Jun Won validated and double-checked the proposed algorithm,
the results, and the whole manuscript.

Conflicts of Interest: The authors declare no conflict of interest.



Energies 2017, 10, 1017 16 of 16

References

1. Lasseter, R.H. Microgrids. In Proceedings of the IEEE Power Engineer Society Winter Meeting, New York,
NY, USA, 27–31 January 2002; pp. 305–308.

2. Barnes, M.; Kondoh, J.; Asano, H.; Oyarzabal, J.; Ventakaramanan, G.; Lasseter, R.H.; Hatziargyriou, N.;
Green, T. Real-world micromrids-an overview. In Proceedings of the IEEE International Conference on
System of Systems Engineering, San Antonio, TX, USA, 16–18 April 2007.

3. Olivares, D.E.; Mehrizi-Sani, A.; Etemadi, A.H.; Canizares, C.A.; Iravani, R.; Kazerani, M.; Hajimiragha, A.H.;
Gomis-Bellmunt, O.; Saeedifard, M.; Palma-Behnke, R.; et al. Trends in microgrid control. IEEE Trans.
Smart Grid 2014, 5, 1905–1919. [CrossRef]

4. Parhizi, S.; Lotfi, H.; Khodaei, A.; Bahramirad, S. State of the art in research on microgrids: A review.
IEEE Access 2015, 3, 890–925. [CrossRef]

5. Guerrero, J.M.; Chandorkar, M.; Lee, T.; Loh, P.C. Advanced control architectures for intelligent
microgrids—part I: Decentralized and hierarchical control. IEEE Trans. Ind. Electron. 2013, 60, 1254–1262.
[CrossRef]

6. Lasseter, R.H. Smart distribution: Coupled microgrids. Proc. IEEE 2011, 99, 1074–1082. [CrossRef]
7. Tian, P.; Xiao, X.; Wang, K.; Ding, R. A hierarchical energy management system based on hierarchical

optimization for microgrid community economic operation. IEEE Trans. Smart Grid 2016, 7, 2230–2241.
[CrossRef]

8. Joohyung, L.; Jun, G.; Jun-Kyun, C.; Zukerman, M. Distributed energy trading in microgrids:
A game-theoretic model and its equilibrium analysis. IEEE Trans. Ind. Electron. 2015, 62, 3524–3533.

9. Wang, Z.; Chen, B.; Wang, J.; Begovic, M.M.; Chen, C. Coordinated energy management of networked
microgrids in distribution systems. IEEE Trans. Smart Grid 2015, 6, 45–53. [CrossRef]

10. Ouammi, A.; Dagdougui, H.; Dessaint, L.; Sacile, R. Coordinated model predictive-based power flows
control in a cooperative network of smart microgrids. IEEE Trans. Smart Grid 2015, 6, 2233–2244. [CrossRef]

11. Wang, Z.; Chen, B.; Wang, J.; Chen, C. Networked microgrids for self-healing power systems. IEEE Trans.
Smart Grid 2016, 7, 310–319. [CrossRef]

12. Zhang, Z.; Chow, M.Y. Convergence analysis of the incremental cost consensus algorithm under different
communication network topologies in a smart grid. IEEE Trans. Power Syst. 2012, 27, 1761–1768. [CrossRef]

13. Yinliang, X.; Zhicheng, L. Distributed optimal resource management based on the consensus algorithm in a
microgrid. IEEE Trans. Ind. Electron. 2015, 62, 2584–2592.

14. Wei, L.; Wei, G.; Wanxing, S.; Xiaoli, M.; Zaijun, W.; Wu, C. Decentralized multi-agent system-based
cooperative frequency control for autonomous microgrids with communication constraints. IEEE Sustain.
Energy 2014, 5, 446–456.

15. Meng, L.; Dragicevic, T.; Roldan-Perez, J.; Vasquez, J.C.; Guerrero, J.M. Modeling and sensitivity study of
consensus algorithm-based distributed hierarchical control for dc microgrids. IEEE Trans. Smart Grid 2016, 7,
1504–1515. [CrossRef]

16. Yinliang, X.; Wenxin, L. Novel multiagent based load restoration algorithm for microgrids. IEEE Trans.
Smart Grid 2011, 2, 152–161.

17. Wei, R.; Beard, R.W.; Atkins, E.M. Information consensus in multivehicle cooperative control. IEEE Trans.
Control Syst. 2007, 27, 71–82.

18. Hug, G.; Kar, S.; Chenye, Wu. Consensus + innovations approach for distributed multiagent coordination in
a microgrid. IEEE Trans Smart Grid 2015, 6, 1893–1903. [CrossRef]

19. Allen, J.W.; Bruce, F.W.; Gerald, B.S. Power Generation, Operation, and Control, 3rd ed.; IEEE Wiley: Hoboken,
NJ, USA, 2016; pp. 63–68.

20. Distribution Test Feeders. Available online: http://ewh.ieee.org/soc/pes/dsacom/testfeeders (accessed on
14 July 2017).

© 2017 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1109/TSG.2013.2295514
http://dx.doi.org/10.1109/ACCESS.2015.2443119
http://dx.doi.org/10.1109/TIE.2012.2194969
http://dx.doi.org/10.1109/JPROC.2011.2114630
http://dx.doi.org/10.1109/TSG.2015.2470551
http://dx.doi.org/10.1109/TSG.2014.2329846
http://dx.doi.org/10.1109/TSG.2015.2396294
http://dx.doi.org/10.1109/TSG.2015.2427513
http://dx.doi.org/10.1109/TPWRS.2012.2188912
http://dx.doi.org/10.1109/TSG.2015.2422714
http://dx.doi.org/10.1109/TSG.2015.2409053
http://ewh.ieee.org/soc/pes/dsacom/testfeeders
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Consensus Algorithm 
	Basic Concepts of the Consensus Algorithm 
	Weighted Factor of the Consensus Algorithm 
	Convergence Analysis 

	Distributed Control Strategy for a Multi-Microgrid 
	Control Strategy in the Microgrid Level 
	Control Strategy in the Multi-Microgrid Level 

	Case Study 
	Simulation in the Microgrid Level 
	Simulation in the Multi-Microgrid Level 
	Integrated Simulation in the Microgrid Level and the Multi-Microgrid Level 

	Conclusions 

