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Abstract: In this article, inspired by Shi et al., we investigate the optimal portfolio selection with
one risk-free asset and one risky asset in a multiple period setting under the cumulative prospect
theory (CPT) risk criterion. Compared with their study, our novelty is that we consider a stochastic
benchmark and portfolio constraints. By performing a numerical analysis, we test the sensitivity of
the optimal CPT investment strategies to different model parameters.
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1. Introduction

Expected utility theory (EUT) was a popular decision making model in finance and economics.
In reality, however, various decision makers’ behaviour deviates from the implications of expected
utility. Substantial experimental and empirical evidence points out that expected utility theory is
incompatible with observed human behaviour. The abundant paradoxes lead to the development of a
more realistic theory. One of them is prospect theory (PT) (see Tversky and Kahneman 1979). Later,
PT was extended to cumulative prospect theory (CPT), since CPT is consistent with the first-order
stochastic dominance (see Tversky and Kahneman 1992).

Let us go over some of the literature on CPT. In a continuous-time setting, Jin and Zhou (2008)
formulated a general behavioural portfolio selection model under Kahneman and Tversky’s cumulative
prospect theory. In a discrete-time setting, Bernard and Ghossoub (2010) considered how a CPT
investor chooses his/her optimal portfolio in a single period setting with one risky and one riskless
asset. In the same vein, He and Zhou (2011a, 2011b) addressed and formulated the well-posedness of
the CPT criterion and investigated the case in which the reference point is different from the risk-free
return. The extension to a multi-asset paradigm was done in Pirvu and Schulze (2012) and Kwak and
Pirvu (2018). To the best of our knowledge, Carassus and Rasonyi (2015) and Shi et al. (2015) are the
only papers to consider the CPT allocation problem in a multi-period framework.

In this paper, we study the optimal portfolio of a CPT investor. Inspired by Shi et al. (2015),
we focus on the allocation problem with one risk-free asset and one risky asset in the multiple
period setting and with CPT risk criterion. Shi et al. (2015) pointed out that the optimal strategies
are time consistent in their setting due to probability distortions. Compared to Shi et al. (2015),
one of the contributions of the present article is to allow for time changing benchmark and portfolio
constraints. A time changing benchmark is a more realistic model of portfolio management. The work
of Strub and Li (2017) investigated weather or not reference point updating led to time-inconsistent
investment. They analysed both the time-consistent and time-inconsistent frameworks and concluded
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that the updating of the reference point non-recursively leads to realistic trading behaviour, which is
time inconsistent, and it embeds the disposition effect.

We have to face the time inconsistency of optimal investment strategies in our setting.
Due to this predicament, we consider a special type of benchmarking, which renders the
optimal strategy time consistent. The optimal strategy is computed by backward induction
(see, e.g., Kwak et al. (2014) and Pirvu and Zhang (2013) for similar techniques). Our main result is a
recursive formula to characterize the optimal strategies. The stochastic model we consider for the stock
return is fairly general. One interesting feature of our recursive formulas characterizing the optimal
strategies is that they allow for any distribution specification of stock returns. This is explained by
the fact that optimal strategies are computed by backward induction. Our numerical experiments
reveal the effect of time on the optimal strategies (this effect cannot be observed in one-period models).
The main numerical finding in this regard is that the effect of the model parameters on optimal
strategies diminishes slightly as time goes by and it gets closer to maturity.

The remainder of this paper is organized as follows: In Section 2, we present the model. Section 3
outlines the objective, the results and a numerical experiment. The conclusions are presented in
Section 4. The paper ends with Appendices A-C containing the proofs.

2. The Model

We consider a financial market with two investment opportunities: one risk-free asset and one
risky asset. The investment horizon is [0, T|, where T is a finite deterministic positive constant. Let ¢
denote the time of investment, which takes on discrete values (t = 0,1, ..., T — 1). The future evolution
of risky assets’s price is modelled on a probability space (Q), F;, F, P). The information set at the
beginning of period t is F;. Let r; denote the return of the risk-free asset from time ¢ to time ¢ 4 1, and let
x¢ denote the return of the risky asset from time t — 1 to time . We assume that an investor has wealth
W; at time f and that he/she invests the amount v; in the risky asset and all of remaining wealth W; — v;
in the risk-free asset. The investor’s wealth W, at time ¢ + 1 is given by the self-financing equation:

Wirt = (T+7r)(We—or) +0e(1 + xp11)
= (1 + Tt)Wt + Z)t(xt+1 — T’t) (@)
= (1 + Vt)Wt + UtYig1-

Here, y;1 is a random variable that represents the dollar excess return on the risky asset over the
risk-free asset from time t to time t + 1. The excess return process {y:}q1,. 7-1), the interest
rate process {r:}(;—g1,.,7—1} and the amount invested in the risky asset process {v;},—o 1., 71} are
adapted stochastic processes, i.e., y; € Fy, 1t € Frand vy € Fy.

2.1. The Benchmarked Wealth

Investors assess the performance of their investments in comparison to a benchmark. This
approach is modelled by a benchmark process, which at any point in time divides investment outcomes
into gains and losses as follows: a gain occurs whenever the investment outcomes are above the
benchmark, and a loss occurs whenever the investment outcomes are below the benchmark.

Let B;,0 <t < T, be a positive benchmark process. The benchmarked wealth at time ¢ + 1, given
initial time ¢, is:

—t+1
W, =W B, )

Given the initial time ¢, the benchmarked wealth at time t + 2 is:

—tp2
W'~ =W — By (3)
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In general, the benchmarked wealth is given by:
W?:Wf_Bs/5:t+1,t+2,...,T. (4)

Examples of the Benchmark

One benchmark process is the constant throughout time benchmark B, where B is a constant.
This kind of benchmark is considered in Shi et al. (2015). Another benchmark process is obtained by
investing the initial /current wealth in the risk-free asset. Other examples of benchmarks are an index
of stochastic assets and the expected wealth (for more on this, see Pirvu and Schulze 2012).

2.2. Portfolio Constraints

It is often the case that managers impose risk limits on the trading strategies. The risk control
mechanism has two components: one internal (imposed by risk management departments) and one
external (accredited regulatory institutions). Thus, it is only natural to consider portfolio constraints.
In the following, we introduce the class of admissible strategies.

Definition 1. The set of admissible strategies at time t is Ay,
Ar = f{or € Fi|  A[Wi| <ot < BWi[} )
for some constants A < 0 < B.

This formal definition is saying that the investments in the risky asset are acceptable if the
corresponding portfolio proportion invested in the risky asset is bounded.

The fact that A < 0 is saying that short selling is allowed in this market. In practice, there are
rules about short selling; for the special case of Chinese financial markets: “The underlying stocks
for short selling should have more than 200 million shares or the market value in circulation should
have more than 800 million RMB; the number of shareholders should be more than 4000,” page 263 in
Gregoriou (2011).

The portfolio constraint A|W;| < v; sets a (negative) floor on the portfolio proportion invested in
the risky asset, which is the same as limiting the short selling amount (some portfolio managers tend to
do that). On the other hand, the constraint v; < B|W;| limits the exposure to the risky asset, which is in
line with the industry practice: “In 1991, the National Association of Insurance Commissioners (NAIC)
imposed higher reserve requirements on insurance companies holdings of junk bonds, specifying a
20% cap on the assets insurers may hold in junk bonds. Many pension funds place limits on the fraction
of a portfolio that can be invested in junk bonds,” Da and Gao (2009) (junk bonds are a special type of
risky assets that have a high return, but also posses a high risk). Other types of portfolio constraints are:
bound constraints on specific assets, cardinality constraints, and turnover constraints, just to mention
a few (see Guijarro (2018) for more on cardinality constraints). We also point the interested reader to
Garcia et al. (2018).

2.3. The CPT Risk Criterion

The investor gets utility from gains and disutility from losses. The benchmark differentiates gains
from losses. Let us introduce the following formal definitions.

Definition 2 (See Tversky and Kahneman 1979, 1992). The value function u is defined as follows:

u(x) = ut(x) ifx>0,
| —u(=x) ifx<0,

whereut : R — R andu= R — R satisfy:
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i) u(0)=u"(0)=u"(0)=0;

(i)  ut(+00) =u (+00) = +o0;
(iii)  uT(x)=x% with0 < a < landx > 0;
(iv)  u (x) =Ax*with A > 1and x > 0.

It is important to point out that the CPT objective considers deviation from the benchmark,
so the argument x in the utility function u(x) is not a wealth level, but a deviation of wealth from
the benchmark.

Definition 3. Let Fx(-) be the cumulative distribution function (CDF) of a random variable X. The probability
distortions are denoted by T and T~. We define the two probability weight functions (distortions) TT :
[0,1] — [0,1] and T~ : [0,1] — [0, 1] as follows:

FX(x .
T*+(Fx(x)) = G (1X_( F)X(x))v)l/V’ with 028 < v < 1,
T~ (Fx(x)) = () with 028 < 6 < 1.

(Fg(x) + (1 = Fx(x))0)1/%
The choice of 7y, 8 > 0.28 guarantees that T*, T~ are increasing Ingersoll (2008).

Definition 4. Define the objective function of the CPT investor, denoted by U(W), as:

uw) = [T - Ry @) - [T R0 (), ©

where W is the benchmarked wealth. U(W) is a sum of two Choguet integrals (see Choquet 1953 and
Chateauneuf et al. 2000). 1t is well-defined when:

a < 2min(4, ),
(see Proposition 2 in Pirvu and Schulze (2012)).

From Definition 4, it follows that an objective function of the CPT investor at time ¢ is:

W’ = /O - Fygr () du™ (x) - /0 e (Fyyr (—x))du™ (x). %)

As we mention in Section 3.3, this risk criterion is time inconsistent; thus, we propose a special
case of benchmarked wealth; that is, perform benchmarking at time T — 1 onlyl. Thus, if the initial
timeist (t =0,1,2,..., T — 1), then the benchmarked wealth at T is:

th =or_1yr given that the initial time is ¢. (8)

The objective function is then defined as follows:

uwh ) = [T Ry ()~ [T (R (—x))du (), ©

and:
U(W]) = E[U(WT_q)|Fi]- (10)

1 This assumption is made to render the portfolio problem tractable.
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The above equation naturally extends U(ﬂ%_l) at earlier times, and this makes sense in light of (8).

3. Methodology

Let us begin with formulating the CPT investor objective. In a first step, we consider the
one-period model.

3.1. Single Period Objective

We assume that the current time is T — 1. Recall that the benchmarked wealth at time T is:

WI | =or_1yr. (11)

The CPT investor objective is to find the portfolio that leads to the highest possible prospect value;
consequently, the investor solves the following portfolio problem:

(P)
maxy, jed; , UWT ) (12)
= maxy, . AH[ T = Fyr (x))dut(x) =[5 T*(ngil(—x))du*(x)].

T
WT*l R

The portfolio yielding the highest possible prospect value, i.e., the optimal portfolio, is v}_; given by:

vk, = arg maxy, e A; , uwrl )
—+o00 400 —
= argmax,, e AH[ T THA = By (0)dut (x) = [y T (Fyr  (—x))du (x)].

(13)

3.2. Multiple Period Objective

Let us consider a multiple period model. In order to get a time-consistent optimal strategy,
we work with the benchmarked wealth W], defined in (8). The CPT investor objective is to solve the
following portfolio problem:

(P)
maxg,e A i=tt41,..7-1 UWT) (14)
= maxgeu oo 11 B TH1 = Ry (0)du () = 7 T (Fyp (—x))du™ (x)| ]

Having stated the objectives, let us turn to the issue of time inconsistency.

3.3. Time Inconsistency

As already pointed out in Shi et al. (2015), the optimal strategy is time inconsistent due to the
nonlinear distortions. That is, the optimal strategy computed in the past is not implemented unless
there is a commitment mechanism. Let us define v}._; the time T — 1 portfolio and (97—, o7_1) the
time T — 2 optimal portfolio:

vj =arg max UW] ),
vr_1€AT_1
and
(Z/}sz, @Tfl) = ar max U(wa )
gvT—ZeAT—erT—IEAT—l T2
It turns out that v7_; # d7_1, which means that the investor is time inconsistent, i.e., the time T — 2
optimal portfolio is not implemented at time T — 1 when another portfolio is optimal.

3.4. Results

After formulating the objective, we are ready to present our results. Our exposition starts with
the single period case. We manage to analyse the investor portfolio optimization problem in terms of
the wealth being positive/negative. The result is summarized in the following proposition.
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Proposition 1. The optimal prospect value is:

max U(WT_;)=WE At 1Dy, >0 — (=Wr_1)*Br_1lw, ,<0, (15)
vr_1€AT_1
where:
Ar_q = max, gr-1(2), (16)
Bro1=— max Ir_q(z), 17)
ze[—B,—A]
gr-1(2) = 2°k(T — 1) Lo, + (—2)*h(T — 1) Lc[a )
It_1(z) = (—2)*k(T — 1)126[73,0} +z*h(T — 1)126[0,714]
0 +o00
1) = +(1_ i _— _
KT=1)= [ T 0= Ry ) () = [ T (Fyy (=)™ ()
and:

—+oo

+o0
BT —1) = /O T* (1 — F_y, (x))du* (x) — /O T (F_y, (—x))du~ (x)
Proof. The proof is given in Appendix A. O

Theorem 1. The optimal CPT investment strategy is:

ot kr  Wr1 ifWrq 20,
= kr_{Wr—1 if Wr_1 <0,

where:
k%_; = ar¢g max ¢7_1(2), ki . =ar¢ max Ir_1(2).
T-1 8ZE[A,B]8T 1(2) T-1 gze[_B,_A] r-1(2)
Proof. The above conclusion is derived from Proposition 1. [

Subsequently, we consider the optimal strategies in the multiple periods. In order to ease the
exposition, we present the two-period model case; when the initial time is T — 2, the following result
is established.

Proposition 2. The maximum CPT value is given recursively by:

max UWT ,) = Ar—aW§ 5Iw, .50 — Broo(=Wr—2)*Iw,_, <o, (18)
or_2€AT 2,vT_1€EAT_1
where:
A7_» = max Qr_7(2), 19
T2 ZE[A,B]gT 2(2) (19)
Bro=— max It_s(z), (20)

z€[—B,—A]
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81-2(2) = E[Ar1(L+r7—2 + y1-12)" I{1 10y ytyr 1220}
— Broa(=1=rr2—y1-12)" 14 rr yiypyz<0y [ FT-2]

It—2(z) = E[Ar—1(—=1 =172 = y1-12) " L1471 4yr z<0}

— Broa(L+rr—a+yr-12)" Ijngry ytyp 1220y [ FT—2)-

and At_1, Br_q are given by (16), (17).

Proof. The proof is done in Appendix B. O

As a consequence of this, we can obtain the following key proposition and theorem for multiple
periods. They provide an algorithm to compute iteratively backward (starting from the last time
period [T — 1, T] and then going to [T — 2, T], etc.) the optimal prospect value and the corresponding
optimal portfolio.

Proposition 3. Given the initial time t, the optimal CPT value is given recursively by:

UWD) = AW w,>o — Bi(—Wi)*Iiy, <o, 21
e, 20, 71 (Wi) tWi Iy, >0 — Bt (—Wi)* Iy, <o (21)
where:
A; = max z),
' z€[A,B] gt( )
Bi=— max [(z),
z€[—B,—A]

8t(z) = E[Ar1 (L +re + ye12) I 1y, 1220}

— Bya(-1—-r— yt+1z)“1{1+rt+yf+1z<0} | ]

I1(z) = E[Ar1 (=1 =7t = Y+12) L1414y, 2<0)

- Bt+1(1 +ret+ ytJrlZ)“I{l—'rrt—i-yleZO} |-7:t],
Ar_1,Br_1 are given by (16), (17), At_p, Br_p are given by (19), (20), etc.
Proof. We prove this in Appendix C. [

The following theorem is our main result of the paper.

Theorem 2. The optimal CPT investment strategy (v(,v;,..,v}) is given recursively for
t=T-1,T—-2,...,0by:

. _{ KW if W >0,

B ]ACEKWt l'th <0,

*

ki =arg max, 8t(z)

and:

ki = arg i [1315’)5/‘] Ii(z).
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Proof. The above result is derived from Proposition 3. [

3.5. Numerical Simulation

We assumed that the excess return y; follows a normal distribution N (y, 0). The interest rate was
set to follow the Ho and Lee model (see Ishimura et al. 2013):

r =003+ 0.003vtZ,  Z~ N(0,1).

This choice of modelling the excess return and the interest rate was to make the model tractable.
The S-shaped utility, the probability distortions and especially the multiple periods increase the
computational complexity.

Let the risk limits be A = —5, B = 5. We tested the sensitivity of the optimal solution to different
parameters «, y and 6. Moreover, we analysed how CPT investors’ psychology and the characteristics
of the stock influence the optimal CPT investment strategies. When we tested sensitivity, we set
Wp = 0.8 and discussed the sensitivity of the t" period (t = 0, 1, ..., 10). Following Tversky and
Kahneman (1992), we set A = 2.25,y = 0.61, and 6 = 0.69. Let 4 = 0.045,0 = 1.69 in Figures 1 and 2
and « = 0.88 in Figures 3 and 4 (this choice is taken from Tversky and Kahneman (1992)).

In order to reveal the effect of CPT investors” psychology on the optimal portfolio choice,
we analysed the sensitivity of the optimal solution to the parameter « (see Figures 1 and 2).
The ratio of wealth invested in the risky asset was increasing in «. This trend was also observed
in Pirvu and Schulze (2012), and it is explained by an increased risk appetite produced by a higher «.
Indeed, 1 — & is the Arrow—Pratt measure of relative risk aversion (RRA) or the coefficient of relative
risk aversion, so higher « means less risk aversion. We see from Figure 2 that a 10% decrease in « led
to a 50% decrease in the ratio invested in the risky asset. For high values of «, the ratio invested in the
risky asset was slowly decreasing in time.

0.5\- :
0.44.-
0.3\

0.2

The ratio invested in the risky asset

10

0.9
4

The parameter a 0.8 0 The time t

Figure 1. The sensitivity for the parameter «.



J. Risk
Fi .
inancial Manag. 2
,12,83

ted i
in the risky asset

io inves

The rat

ted i
in the risky asset

io inves

The rat

5<
A\
AN
‘}\}Q&\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\
\ \“‘\\\\\\\\\\\\\\\ \\\\\\\\\\\\\\\\\\\\\\\\
MR \\\\\\\\\\\\\\\\ \\\\\\\\\\\“
RN
0 \§‘\\\{}"“‘““‘““““““““‘“‘“\“““‘“‘“
. \{‘\\“{“““““‘““““““““‘“&‘“““““““‘“‘ XN
~ Q\‘“‘}\\\\\\\\\\\\\\\\\\\\\\\\\\\\\ \\\\“\“\\“\\\\\\\\ AN\ X
NhRR At \\\\\\\\\\ \“““\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\“ CORRNSNY
§\\"{\\\\\\\\\\\\\\\\\“\“\\\“\\\\\\\\\\\\\\\\\“\\\\\ \\\\\\\\\\\\\\\\\\ QORTRY
}\\\‘\\\\\\\\\\\\\\\\\\“\“\‘\\\\\\\\\\\\\\““\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\
\\\‘§§\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\
\‘{\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\
AN “"“&‘““"‘:‘“t“““‘“"“%‘“t““‘“‘““““k‘?““ st .

0.35

0.3

0.9

‘\\««‘\\\“\ms\\«s
\.««s«»««s««s\
\‘\\\\\\‘s\‘\\‘
“‘\\“\«\
SO,

N
N
SN
RN

N

The
par
ameter o
The ti
time
t

Th
e parameter
[s2

re 2. Th
. The sensiti
ensitivity for th
€ para
meter
o.

The time t

re 3. Th

. The sensiti
nsitivity for th

€ param

eter o

‘\««\\\"\\‘\«‘¢‘\\‘¢‘«\\\\"\\\\“\\¢‘\\‘s‘«\‘\\«\‘
"‘«.««‘m\‘\«‘“"‘“"“"“‘“‘m‘m‘,‘“““‘«
m‘,‘.““«“‘“‘“‘»‘w»“‘«,“«“‘“‘“ﬂ“““‘m
\\\\\\\t\\\\‘\\\\‘\t\\\\\\‘\\\\\\\\‘\\»\\\\\\\\\\\\\\\s‘\\\\\\s
R “““...“‘m“\““m\““‘“““«“““.“““m
R “““..m“.‘.“‘ SRR “«““‘.“““«“\“““
R i SN “\“m“‘““.“.““ SRR
SRR “"“‘““““““.\“.‘..m..“,
‘.“‘\“‘“.““m‘“““m “.mm.“““““m
“““““«““.m S RS
R ,.“.“.‘“““wm“m“m“
S R SRS SRR
1 .‘““m“mm“.mm‘ %
SN .‘“\“m‘“..“m“.“.
‘“““.‘““.m“...“m R
s.“‘“.‘.“““.““.m.‘“
\Nm“..«“.«m R
m».‘..“».“mm.
S
R

10

9 0of 15



J. Risk Financial Manag. 2019, 12, 83 10 of 15

D 0.25 -
(2]

[%2]

«

>

X

2 0.2
(&)

<

k=

S 0154
o

n

[0)

>

£ 014
Qo

©

2 0.05.
= 0.1

0.05

4
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Figure 4. The sensitivity for the parameter p.

As expected, the investment in the risky asset was decreasing in ¢ since a higher ¢ makes the
risky asset a less attractive investment opportunity. The effect of o on the ratio invested in the risky
asset is more pronounced for higher values of o, a fact explained by the CPT agent being conservative.
The investment in the risky asset was increasing in y, and this is justified since a higher y makes the
risky asset more attractive. We see from Figure 4 that as y increased from 5-10%, the ratio increased
from 10-25%.

Let us have a closer look at the time variability of the ratio of wealth invested in the risky asset
we see in these plots. There are two points to make here: (1) there was not much variation over time
of this ratio (a similar phenomenon can be observed in Example 2, page 403, in Li and Ng (2000));
(2) the ratio was slowly decreasing in time; and this monotonicity is explained by the fact that the CPT
agent becomes more conservative as the time to maturity comes closer, and there is less time to adjust
the trade.

4. Conclusions

This paper studied the optimal portfolio problem of a CPT investor in the multiple period setting
with one risk-free asset and one risky asset. The risk free return was stochastic, and constraints were
imposed on the trading portfolios. The optimal strategies were time consistent in this paradigm
due to probability distortions. In order to get around this problem, we imposed a special portfolio
benchmarking, which made the optimal strategy time consistent. Our main result was a recursive
formula, which led to the optimal portfolio strategies.

A numerical experiment revealed the effect of CPT investors’ psychology on the optimal portfolio
choice. We found out that, as expected, the ratio of wealth invested in the risky asset was decreasing
when the coefficient of relative risk aversion increased. Moreover, as expected, the investment in the
risky asset was decreasing in the risky asset volatility and increasing in the risky asset return. The effect
of the model parameters on optimal strategies was slightly diminishing as time went by.

The recursive formula yielding the optimal portfolios was general, and it did not depend on
the distribution of the risky asset. However, in our numerical experiment, because of computational
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tractability issues, we assumed that the risky asset’s return was normally distributed, which is a quite
restrictive assumption. The choice of other return distributions, not necessarily symmetric, such as the
Student t-distribution, we leave as a topic of future research. Another limitation of our work was the
special type of benchmarking proposed. This was done to overcome the difficulties caused by the time
inconsistency (due to the nonlinear portfolio distortions). A future research direction is to investigate
this portfolio allocation problem under other types of benchmarking as well.
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Funding: This research was funded by the Humanities and Social Science Project of the Ministry of Education
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Appendix A. Proof of Proposition 1

Proof. When Wr_; > 0 and 0 < vr_1 < BWr_q, we directly employ the result of Bernard and
Ghossoub (2010) in order to get:

U(WT )
= o /0+°° T (1 = By (3))du* (x) — /0+°° T~ (Fyr (—2)du™ (x)). (A1)
Letor 1 = Wy_12 50:
U(WT )
= w2 ([T B )it ) - [ T (R (), (A2)

= W75 _z"%(T—-1)
Similarly, when Wr_; > 0 and AWr_; < vr_; <0, we can show that:
UWr_,)
af [T+ +
= (om0t ([ TPt - |

= Wi 2 ([T = Ey ()t () -
W (—2)*h(T ~1).

+oo

T~ (Foyp(-x)du™(x))  (A3)

+00
T (Fyy (—x))du™(x))

Hence, when Wy_1 > 0, we have that:

UWr_q) = WE 2T —1)Lejop + (—2) (T — 1) Lea)] (A4)
= Wi_187-1(2).

When Wr_1 < 0and 0 < v7_1 < —BWr_1, one easily gets:
UWi_q)

= (W[ T Byt () - [
= (W) (—2)%(T — 1)

—+00
T~ (Fyp(—x))du™(x))  (AS)
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When Wr_1 < 0and —AWr_1 < v1r_1 < 0, we show that:
U(WT_y)
af [T + e -
= (cor0)( | Ty ()it (x) = [T (P (-3 (x)

= W ([T e () = [T () ()
= (—WTfl)aZah(T—l).

[e9)

Therefore, when Wr_1 < 0, we have that:

UWT_q) = (=Wr)*[(=2)K(T = 1) Le_po) + 2 (T — 1) Lejo,— a]]
= (=Wr_1)"lr-1(2).

O

Appendix B. Proof of Proposition 2

Proof. Since:

W%fz =or_1yr given that the initial timeis T — 2,

and:
U(WT ) = ElUWT )| Fr—a),
then:
max UWEL )= max E[ max U(WEL_ Fr_sl.
or—2€AT_ 2,07 1€AT (Wr—2) vr_2€AT 2 [vr,leAT,l (Wr_y)l ]

By applying Proposition 1 to the above equation, one gets:
max uwsr ,)
vr_2€AT_2,0T_1€EAT_ T2

= max E[Wr_ At 1lw, >0 — (=Wr—1)"Br_1lw;_, <ol F1—2].
vr_2€AT 2

From Equation (1), it follows that:
Wr_o1 = (1+r72)Wr_2 + vr_2yr-1.

Let
vr—2 = Wr_skr_».

When Wr_, > 0, it is straightforward to show that:

max U(Wt )

T 2€AT 2,07 1€EAT 1

= W%*Z max E[(l + 7172+ kaz]/Tfl)txAT,l 11+7’T—2+kT—2yT—120
kT,ze[A,B]

— (=1—=rr—2—kr—oyr—1)*Br-1liyrr_pikr oy <0l FT-2]

= W#% max _o(kp_
T’sz_ze[A,B]gT 2(kr—2)

= W'IIX—'72AT—2‘

12 0f 15

(A6)

(A7)

(A8)

(A9)

(A10)
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When Wr_, < 0, similarly, we confirm that:

U(WT_,)
_ _ o 1 7 o .
= (=Wr) ;zT,zgff)é,fA]E[( 1—rra—kroyr-1)"Ar-1li i Ly <0
— (1+rr—2 +kr_oyr—1)"Br_1 Liry yikr sy y>0lFT2] (A11)
= (=Wr2)* max It _p(kr—2)
kr_p€[—B,—A]
= —(=Wr_2)"Br_».

Therefore, Proposition 2 holds. [

Appendix C. Proof of Proposition 3

Proof. We use mathematical induction to prove this proposition. Propositions 1 and 2 display that the
conclusion of Proposition 3 holds at times T — 1 and T — 2. We suppose the conclusion holds at time
t + 1. Namely,

T _
vieAi,i:ﬁe},);JrZ...Tfl UWiq) = AraWiiIw, >0 — Biy1(=Wip1)" I, <o- (A12)
Since:
th =vr_1yr given that the initial time is ¢, (A13)
and:
UMW) = E[UWr_q)|F,
then:
max uwy)
v;€A;, i=tt+1..T—1
= E uwr Al4
max B, e 4, B3 pog T W) (A14)
= max E[Ar W1 Tw,, >0 — Bt (= Wig1)* T, <o| Fi-
t t
Let
0y = Wtkt.
Since:
Wit = (14 71)Wi + 01y111,
we have:

Wt+1 = Wt(l “+ 71+ ktyt+1)-
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Therefore, when W; > 0,
max uwy)
UiGAi,i:t,t%*l..‘T*l

= W ktren[%g] E[(T+ 7t + keyre1) Arr1 Iy 1k 020

— (=1 =7t —kys+1)" Brs1 lir, kg <01 Ft] (A15)

— W k
L max gt (ki)

= W[A,.
When W; < 0, we can similarly find that:
max Uwy)
vieA;, i=tt+1..T—1

= (*Wt)tx max E[(*l — Tt — ktyt+1)aAt+111+Vt+f<fyf+1<0

kie[-B,—A]
— (147t +kpyi1)* B L by a0 2] (Al6)
= (—Wy* max 1i(ky)

kie[—B,—A]
= —(—W;)*B;.

Thus, Proposition 3 holds. [
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