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Abstract: The material foundation of sustainable agricultural development is cultivated land re-
sources, and their sustainable use is critical to fostering agricultural sustainability and guaranteeing
national food security. In this paper, the multifunctional evaluation framework of the cultivated
land system based on the “GESEL” model at the grid scale (5 km × 5 km) is constructed to explore
the spatiotemporal evolution characteristics of a multifunctional cultivated land system in two lake
plains and the trade-off and synergy between the functions. The five functions are all unstable in
time scales, and their spatial distribution characteristics are also different. The trade-off and synergy
between the multiple functions of the cultivated land system in the two lake plains from 2000 to 2019
showed significant spatial heterogeneity. Most of the functions were mainly collaborative, and a
few were trade-offs. The two lake plains can be divided into four multi-functional cultivated land
zones: a grain production leading zone, a distinctive agricultural planting zone, a high-efficiency
agricultural development zone, and an ecological agricultural construction zone. This research puts
forward some countermeasures and suggestions to promote the sustainable utilization of cultivated
land resources.

Keywords: cultivated land multifunction; trade-off and synergy; function zoning; Jianghan and
Dongting Lake Plain

1. Introduction

A cultivated land system is a semi-natural and semi-artificial composite system pro-
duced by the mutual cooperation and resistance between nature and human beings in a
specific region [1]. It is a joint production system with the dual attributes of commodity
output and non-commodity output [2]. The stability and completeness of the structure
and operation of the cultivated land system have an important impact on supporting the
long-term growth of the social economy and maintaining food security [3]. China’s rapid
urbanization and industrialization have resulted in substantial changes in the utilization of
agricultural land. Due to overemphasizing the production function of the cultivated land
system and ignoring other derivative functions, some problems and the continuous loss of
the supply value of the cultivated land system have been caused, such as the decline of soil
fertility, soil erosion, system overload, etc. [4]. A cultivated land system is an important spa-
tial carrier for human beings to engage in social and economic activities, and its economic,
social, and ecological functions are characterized by synergy and symbiosis [5–8]. Against
the background of the continuous improvement of China’s ecological construction and the
accelerated transformation of urban and rural spatial structure, population structure, indus-
trial structure and consumption structure, in the face of increasingly scarce cultivated land
resources, people’s understanding and demand for the multifunction of cultivated land
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systems also begin to change [9,10]. As a result, carrying out the multifunctional evaluation
of cultivated land systems is useful for analyzing the diversity and spatial differences of
the functional types of cultivated land systems, exploring a scientific, reasonable, intensive,
and efficient model of cultivated land management, and providing important theoretical
support for promoting rural revitalization, comprehensive utilization of cultivated land,
and long-term social and economic sustainability.

The multifunctionality of cultivated land means that in addition to the material supply
functions such as food production, cultivated land also has the functions of environmen-
tal purification, soil conservation, climate regulation, biodiversity maintenance, cultural
inheritance, social security and so on [11,12]. The research on multifunction arose from
the United Nations Conference on Environment and Development’s thorough analysis of
“agricultural multifunction” in the 1990s [13,14] and then gradually expanded to social,
economic, ecological, and other fields [15–18]. At present, the academic community is
currently particularly interested in researching the multifunctionality of cultivated land.
Some researchers concentrate primarily on the theoretical framework, index system cre-
ation, multifunction assessment, and pattern identification of cultivated land [18]. Other
researchers are primarily concerned with the connotation and protection of multi-function
cultivated land, the development of evaluation systems and multifunction evaluation,
the study of time-space difference and driving mechanism, multi-function categorization
and zoning, and so on [19,20]. In terms of multifunction measurement of cultivated land,
the comprehensive evaluation method of indicators [10,21], material quality evaluation
method [20,22], value evaluation method [23,24], and other methods are used. At the
national [9,25], provincial [26], municipal [27], county [10,28], village [29,30], and grid
levels [31], the multi-functional evaluation and zoning of cultivated land are investigated
using the methods of full arrangement polygons [32], spatial autocorrelation [33], coupling
coordination degree modeling [5,34], and Spearman level correlation coefficients [35].

Research on cultivated land multifunctionality has progressed from the qualitative
description of function connotations to the quantitative assessment of functions and then
to multifunction coupling analysis, effect mechanism analysis, categorization, and zon-
ing. However, current research on the development of a multifunction assessment index
system of cultivated land in the plain lake area is not flawless. The functional links and
spatiotemporal variability of farmed land in typical plain geomorphic types need to be
paid more attention to. The assessment units are mostly county administrative areas, and
the geographical resolution is quite coarse, making meeting the demands of cultivated
land resource management and sustainable exploitation challenging. In light of this, this
paper employs the grid as the evaluation unit, creates the multifunctional evaluation index
system, quantitatively evaluates the multifunction of the cultivated land system in the two
lake plains, and systematically analyzes the spatial-temporal characteristics and evolution
law of the multifunction of the cultivated land system by using Kernel density estimation
and mathematical statistics, and uses K-means spatial clustering to study the multifunc-
tion of the cultivated land system. The study findings are projected to offer a scientific
theoretical foundation for multifunctional management in the two lake plains.

2. Materials and Methods
2.1. Methods
2.1.1. GESEL Model

The multifunction of cultivated land refers to the commodity products and non-
commodity services that can be provided by the cultivated land system under the human
land coupling effect in a specific region, showing the comprehensive functional status of
food production, economic contribution, social security, ecological regulation, landscape
bearing, etc. It is a critical concept and methodological system for assessing the influence
of changes in the cultivated land system on its functions [25]. The primary function
varied significantly across regions and time periods [34,36]. With the chaotic growth of
urban construction land and the rapid development of agricultural modernization, the
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contradiction between people and land has grown more visible, as have the problems of soil
erosion and soil pollution. The effectiveness of system restoration and vitality, as well as
the ability to guarantee system functional integrity, depend not only on the system’s ability
to play its ecological regulation and landscape-bearing functions but also on the positive
or negative intervention ability of human activities on the system [37–40]. As a result,
based on the idea of system theory, this paper constructs a multifunctional evaluation
system based on a grid-scale and “GESEL” framework from the five aspects of grain
production, economic contribution, social security, ecological regulation, and landscape
carrying (Figure 1).
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Figure 1. Multifunctional evaluation framework of cultivated land (GESEL).

2.1.2. Multifunctional Evaluation Index System of Cultivated Land

(1) Grain production function (GPF). Cultivated land resources are the basic means of
production for humans to engage in food production [41]. The rate of land reclamation,
grain yield per unit cultivated area, and cultivated land productivity can all represent the
supply capacity of agricultural products given by this region’s cultivated land system. The
greater the level of agricultural mechanization, the greater the grain production efficiency
and the greater the degree of agricultural modernization. The irrigation assurance rate
can reflect the farming conditions and grain production assurance capacity of the region.
The following is the calculation process for cultivated land productivity. The average NPP
and cultivated land area of 2790 grids were extracted from 2000 to 2019 using the zoning
statistics and superposition analysis tools in ArcGIS (v10.7, ESRI, Redlands, CA, USA), and
the total cultivated land productivity of each grid in different years is estimated.

Pi = NPPi ∗ Ai (1)

where: Pi is the total cultivated land productivity of the ith grid, and its unit is t/(hm2·a);
NPPi is the NPP average value of the ith grid, representing the cultivated land productivity
per unit area, and its unit is gC/m2/yr; Ai is the total area of cultivated land in the ith grid.

The gridding process of grain production function indicators is as follows. Indicators
include land reclamation rate, irrigation assurance rate, grain output per unit cultivated
land area, agricultural mechanization level, per capita grain occupancy, per capita cultivated
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land area, pesticide application intensity, chemical fertilizer application intensity, and plastic
film use intensity. ArcGIS (v10.7, ESRI, Redlands, CA, USA) was used to generate vector
data from statistical data of relevant indicators for 40 counties and urban areas in the 2 lake
plains from 2000 to 2019, which was then superimposed with 2790 grids, the cultivated
land area of counties and urban areas included in each grid in different years was counted,
and the area weighting method was used to calculate the indicator data of each grid in
different periods.

Zi =
n

∑
i=1

n

∑
j=1

aijFj/
n

∑
j=1

Aj (2)

where: Zi is the index value of the ith grid; aij is the total land area of the jth county and
city included in the ith grid; Fj is the index data of the jth county; Aj is the total land area
of the jth county.

(2) Economic contribution function (ECF). The per capita GDP (Gross Domestic Prod-
uct), per capita gross agricultural output value, the proportion of gross agricultural output
value to GDP, economic density, and other indicators are used to characterize the contribu-
tion of the economic output benefits of the cultivated land system to the national economy
and the economic output level after the input of various production factors. The process of
the economic index grid is as follows. The indicators include per capita GDP, economic
density, per capita gross agricultural output value, per capita net income of farmers, the
proportion of gross agricultural output value in GDP, and the proportion of agricultural,
forestry, animal husbandry and fishery employees. First, the ArcGIS (v10.7, ESRI, Redlands,
CA, USA) was used to generate vector data from the statistical data of 40 counties and ur-
ban areas in the 2 lake plains from 2000 to 2019. Then it was superimposed with 2790 grids,
and the total land area of counties and urban areas included in each grid in different years
was counted, and then the area weighting method was used to calculate the index data of
each grid in different periods.

Yi =
n

∑
i=1

n

∑
j=1

aijXj/
n

∑
j=1

Aj (3)

where: Yi is the index value of the ith grid; aij is the total land area of the jth county and
city included in the ith grid; Xj is the index data of the jth County; Aj is the total land area
of the jth county.

(3) Social security function (SSF). Cultivated land resources can play a role in ensuring
the production and life of farmers. The per capita cultivated land area and per capita grain
occupation reflect the ability of the cultivated land system to ensure food security. The
proportion of agriculture, forestry, animal husbandry, and fishery employees reflect the
carrying capacity of the cultivated land system to provide employment for farmers and
the employment dependence of farmers on the cultivated land system. The per capita
net income of farmers reflects the ability of the cultivated land system to ensure farmers’
living standards.

(4) Ecological regulation function (ERF): the indexes of pesticide application intensity,
chemical fertilizer application intensity and plastic film use intensity were used to reflect
the ecological environment pollution and damage degree of the cultivated land system.
The waste treatment and climate regulation functions demonstrate the capability of the
cultivated land system to regulate climate, purify the environment, treat waste, and pre-
serve ecological security. The equivalent factor method proposed by Xie [42] was used
to calculate the ecological service value of the 2 lake plains, including waste treatment
value, climate regulation value, aesthetic landscape function, biodiversity maintenance
function, and soil conservation function. Assuming that the economic value of the national
average farmland food production of 1 hm2 equals 1, the ecological service value of other
ecosystems is related to the farmland food production service value. The following is the
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formula for calculating the economic value of the agricultural food production function
and the overall ecological service value of the evaluation unit [43]:

Ej = 1/7
n

∑
i=1

aiPiQi
A

(4)

where: Ej refers to the economic value of food production function provided by farmland
ecosystem per unit area (yuan/hm2); i refers to the ith crop; ai refers to the area of the ith
crop; Pi refers to the average market price of the ith crop (yuan/kg); Qi refers to the unit
yield of the ith crop (kg/hm2); A represents the total area of food crops.

According to data from the Hunan Rural Statistical Yearbook, the Hubei Rural Sta-
tistical Yearbook, and the China Agricultural Product Price Survey Yearbook, the aver-
age yield per unit area of major grain crops in the 2 lake plains from 2000 to 2019 was
6546.377 kg/hm2, with an average market price of 2.76 yuan/kg. According to the afore-
said formula, the economic value of the farmland ecosystem’s grain yield in the 2 lake
plains was around 2581.143 kg/hm2. Finally, the service value coefficient of the farmland
ecosystem per unit area was rectified in the 2 lake plains (Table 1).

Table 1. Equivalent table of farmland ecosystem service value per unit area (yuan·hm2·a−1).

Primary Ecological
Service

Secondary Ecological
Services

Ecological Value
Coefficient

Supply Service Food production 2581.143
Raw material 1006.646

Regulation Service

Gas regulation 1858.423
Climate regulation 2503.709
Water regulation 1987.48
Waste disposal 3587.789

Support Service Soil formation and protection 3794.28
Biodiversity conservation 2632.766

Cultural Service Aesthetic landscape function 438.794

(5) Landscape carrying function (LCF). The fragmentation of the cultivated landscape
not only affects the beauty of the cultivated landscape but also affects the energy exchange
between subsystems of the cultivated land system, reflecting the positive and negative
effects of human activities on the cultivated land system. The aesthetic landscape function
can reflect the integrity and harmony of the cultivated land system, and the aesthetic value
derived from the cultivated landscape can meet the needs of the human spirit. Maintaining
biodiversity, soil conservation function, and ecological abundance reflect the ability to
maintain the structural stability of the cultivated land system, enhance system resilience,
and reduce system vulnerability. The calculation formula of landscape fragmentation of
cultivated land (LFCL) is as follows. This index was primarily used to assess the complexity
of patches in cultivated land landscapes, the degree of patch fragmentation, and the stability
of the landscape.

AWMSI =
m

∑
i=1

n

∑
j=1

[(
0.25pij
√aij

)( aij

A

)]
(5)

MPFD =
∑m

i=1 ∑n
j=1

[
2 ln(0.25pij)

ln(aij)

]
N

(6)

DIVISION =

[
1−

m

∑
i=1

n

∑
j=1

( aij

A

)2
]

(7)

LFCL = α× AWMSI + β× MPFD + γ× DIVISION + δ × LSI (8)
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where: landscape fragmentation of cultivated land (LFCL) refers to the landscape frag-
mentation of cultivated land; AWMSI means area-weighted mean shape index; MPFD
represents the mean patch fractal dimension; Division refers to the landscape separation
degree; LSI refers to landscape shape index; aij represents the area of patch type ij; pij
represents the perimeter of patch type ij in the landscape; A represents the total area of
the cultivated landscape, and N represents the total number of patches; Combined with
expert opinions [44] and Analytic Hierarchy Process (AHP), α, β, γ, δ indicates that the
factor weights are 0.35, 0.27, 0.21 and 0.17 respectively.

The stability and sustainability of cultivated land system structure are characterized
by ecological richness. Its calculation process refers to the biological abundance index in the
technical specification for ecological environment assessment (HJ/T 192-2015) to measure
the rich and poor levels of biodiversity in the study area.

Ibio = Abio

n

∑
i=1

0.11 ∗ ai
Ai

(9)

where: Abio is the normalization coefficient of biological abundance, and the reference
value is 511.2642131067; ai is the cultivated land area of the ith grid; Ai represents the total
area of the ith grid.

(6) Index normalization. On this basis, in order to test the reliability of the multifunc-
tional evaluation index system of cultivated land, SPSS (v26.0, IBM, New York, NY, USA)
and Stata (v15.1, StataCorp, College Station, TX, USA) are used to assess the multicollinear-
ity of the evaluation indexes. The results show that the reliability coefficient was 0.79
and the variance expansion coefficient (VIF) was 6.8, indicating that the multifunctional
evaluation index system of cultivated land constructed in this paper had high reliability
and there was no multi-collinearity problem between the evaluation indexes.

According to their characteristics, multifunctional evaluation indicators of cultivated
land can be categorized into positive and negative indexes. The greater the positive
indicator value, the easier it is to enhance the multifunctional condition of the cultivated
land system, whereas the greater the negative indicator value, the more difficult it is
to develop the multifunctional state of the cultivated land system. Due to variances in
dimensions and orders of magnitude between distinct indicators, the original data of the
evaluation indicators must be standardized. The formula is as follows:

Zij =
xij −minxij

max xij −minxij
(10)

Zij =
max xij − xij

max xij −minxij
(11)

where: Zij and xij, respectively, represent the standardized value and original value of the
jth single index in the ith year. max xij and minxij, respectively, represent the maximum
value and minimum value of the jth single index in all years.

This study uses Analytic Hierarchy Process (AHP) and CRITIC weight method to
determine the comprehensive weight of evaluation indicators. First, we used a question-
naire to interview ten experts from Huazhong Normal University, Huazhong Agricultural
University, and Hunan Agricultural University. They assigned weights to the specified
indicators. To compute the weight coefficient, we mixed the expert survey data with the an-
alytic hierarchy process (AHP). Then, we used the CRITIC method to calculate the objective
weight of the evaluation index. Its idea is to use it in 2 indexes, namely the contrast intensity
and conflict indexes. The contrast intensity is expressed by the standard deviation. If the
standard deviation of the data is larger, the fluctuation will be larger, and the weight will
be higher. Conflict is expressed by the correlation coefficient. If the correlation coefficient
between the indicators is larger, it means that the conflict is smaller and its weight is lower.
When calculating the weight, the contrast intensity was multiplied by the conflicting index,
and the final weight was obtained after normalization. Finally, according to the results
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calculated by AHP and CRITIC, the weight of the final evaluation index was obtained by
the average of the 2 subjective and objective confirmation results (Table 2).

2.1.3. Multifunctional Evaluation Method of Cultivated Land

The weighted summation approach is used to determine the functional indexes of the
cultivated land system of each evaluation unit in the research area based on the standard-
ized value of the evaluation index and its comprehensive weight. The formula is:

FGPF =
n

∑
i=1

W(GPF)i ×V(GPF)i (12)

FECF =
n

∑
i=1

W(ECF )i ×V(ECF)i (13)

FSSF =
n

∑
i=1

W(SSF)i ×V(SSF)i (14)

FERF =
n

∑
i=1

W(ERF)i ×V(ERF)i (15)

FLRF =
n

∑
i=1

W(LRF)i ×V(LRF)i (16)

where: FGPF , FECF , FSSF , FERF , FLRF respectively represent the grain production function
index, economic contribution function index, social security function index, ecological regu-
lation function index, and landscape bearing function index. W(GPF)i, W(ECF )i, W(SSF )i,
W(ERF )i, W(LRF )i, respectively, represents the weight. V(GPF)i, V(ECF )i, V(SSF)i,
V(ERF)i, V(LRF)i, respectively, represents the standardized value of the ith index of differ-
ent functions.

2.1.4. Kernel Density Estimation

By describing the distribution equilibrium degree and distribution shape of ran-
dom variables using continuous density curves, kernel density estimation was applied
to estimate the probability density of random variables as a nonparametric estimation
method [45–47]. In order to study the distribution characteristics and change trend of the
cultivated land multifunction index, the kernel density estimation method was used to fit
and combine the cultivated land multifunction index to get the probability distribution
curve [48,49]. The formula is as follows:

f (x) =
1

nh

n

∑
i=1

k
(

x− Xi
h

)
(17)

where: k
(

x−Xi
h

)
is the kernel function; h is broadband; n represents the number of samples.

When the shape of the Kernel density estimation curve and the height of the wave crest
remain unchanged, but the overall position changes to the left or right, it indicates that the
overall functional state of the cultivated land system is declining or improving. When the
shape and position of the kernel density estimation curve remain constant while the peak
height of the curve changes, it shows that the difference in the multifunctional status of
cultivated land is narrowing or expanding. When the kernel density estimation curve’s
position and peak height remain constant while the curve shape and number of peaks
change to a single peak, double peak, or multi-peak, it indicates that the multifunction
of cultivated land exhibits the evolution trend of convergence, polarization, or multi-
polarization [50].
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Table 2. Multifunctional evaluation index system of cultivated land in the two lake plains.

Target Layer Criterion Layer Index Layer Indicator Property Objective
Weight

Subjective
Weight

Comprehensive
Weight

Multifunctional
evaluation of

cultivated land

Grain production
function (GPF)

Land reclamation rate (%) + 0.0740 0.0791 0.0765
Irrigation assurance rate (%) + 0.0377 0.0343 0.0360

Agricultural mechanization level
(KW/10,000 people) + 0.0150 0.0374 0.0262

Cultivated land productivity
(ton/(hm2·a)) + 0.0116 0.0266 0.0191

Grain output per unit cultivated area
(ton/hm2) + 0.0978 0.0855 0.0916

Economic contribution
function (ECF)

Per capita GDP (yuan/person) + 0.0128 0.0125 0.0127
Per capita gross agricultural output

value (yuan/person) + 0.0144 0.0143 0.0143

Proportion of total agricultural output
value in GDP (%) + 0.0852 0.0892 0.0872

Economic density (10,000 yuan/hm2) + 0.0057 0.0220 0.0138

Social security
function (SSF)

Grain per capita (ton/10,000 people) + 0.0333 0.0454 0.0394
Per capita cultivated land area

(hm2/10,000 people) + 0.0086 0.0305 0.0195

Proportion of agriculture, forestry,
animal husbandry and fishery

employees (%)
+ 0.0024 0.0201 0.0112

Per capita net income of farmers (yuan) + 0.0036 0.0634 0.0335

Ecological regulation
function (ERF)

Pesticide application intensity (ton) − 0.0111 0.0191 0.0151
Fertilizer application intensity (ton) − 0.0155 0.0163 0.0159

Plastic film application intensity (ton) − 0.0217 0.0352 0.0284
Waste treatment value (yuan) + 0.0813 0.0468 0.0641

Climate regulation value (yuan) + 0.0818 0.0547 0.0682

Landscape carrying
function (LCF)

Landscape fragmentation of cultivated
land (LFCL) (*) − 0.0640 0.0681 0.0660

Aesthetic landscape function (yuan) + 0.0816 0.0629 0.0723
Maintain biodiversity function (yuan) + 0.0816 0.0478 0.0647

Soil conservation function (yuan) + 0.0816 0.0459 0.0638
Ecological abundance (*) + 0.0783 0.0428 0.0605

Note: “−“ indicates a negative indicator; “+” indicates a positive indicator; “*” indicates no unit.
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2.1.5. Spearman Rank Correlation

Spearman rank correlation was used to investigate the correlation, correlation degree,
and correlation direction between the 5 functions in order to discern the trade-off and
synergy between the various functions [35]. The formula is:

rs =
6 ∑ d2

i
n(n2 − 1)

(18)

where: rs is the rank correlation coefficient; di represents the grade difference of each pair
of samples of two variables; n is the number of samples. Among them, when the rs rank
phase relation value is greater than 0 and passes the significance test, it indicates that
there is a significant synergistic relationship between the 2 functions; otherwise, it is a
trade-off relationship.

2.1.6. K-Means Spatial Clustering

The K-means spatial clustering approach may quantify the degree of similarity be-
tween samples based on sample properties, with the Euclidean distance serving as the
similarity assessment measure. Based on this, the samples were spatially clustered, and the
sample data sets were divided into different clustering types through the iterative process
so as to obtain compact and independent clusters [50–52]. The formula is as follows:

L(Ym, Yn) =

√
z

∑
i=1

(Ymi −Yni)
2 (19)

SSE =
i

∑
m=1

∑
P∈Ym

p− c2
m (20)

where: L represents the distance between samples Ym and Yn, and the closer the distance,
the smaller the difference; i is the total number of clusters; Ymi and Yni represent the sample
set in the ith cluster; m and n denote clustering elements; both z and p represent clustering
objects; SSE represents the sum of square errors of all samples; c2

m represents the cluster
center of the cluster subset Ym.

2.2. Research Area

The 2 lake plains defined in this study spanned 110◦51′–114◦22′ E and 27◦58′–31◦12′ N,
mainly including 40 counties and urban areas, with a total area of about 63,700 km2 (see
Figure 2). The 2 lake plains area is an important functional area of grain production and
agricultural product protection in China, with superior natural conditions, a good match
between light and warm water, and a long history of agricultural production. It is also 1
of the areas with a high degree of agricultural economic growth. In 2019, the total output
of grain crops in the 2 lake plains area was about 17.3242 million tons, accounting for
about 30.39% of the total output of grain crops in Hunan and Hubei provinces. With the
expansion of regional urbanization and the intensification of cultivated land utilization,
some issues have arisen in this region, such as a mismatch between supply and demand
for cultivated land resources, increased vulnerability of the environment and ecology,
inadequate multi-function planning and spatial differences of functional types of cultivated
land systems and investigate a scientific, rational, intensive, and efficient management and
control mode of cultivated land has become a hot topic in the field of sustainable utilization
of cultivated land resources.
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Figure 2. Topographic map of two lake plains and distribution map of County Administrative Region.

2.3. Data Resource

The data are primarily from the Hunan Province statistical yearbook, the Hubei
Province statistical yearbook, the Hunan Province rural statistical yearbook, the Hubei
Province rural statistical yearbook, the price survey yearbook of China’s agricultural
products, and the statistical yearbook of prefecture-level cities from 2000 to 2019. Sources
and spatial resolution of these data are shown in Table 3. In order to ensure the accuracy and
precision of the evaluation index data, vector and grid data were projected and transformed,
then unified into the CGCS2000_ 3_Degree_ GK_ Zone_ 38 projection coordinate system
and the GCS_ China_ Geodetic_ Coordinate_ System_ 2000, and topological errors in
vector data were checked and corrected. Secondly, in the process of superposition analysis
and assignment of vector data, when the area of the area statistical unit was larger than
the evaluation unit, the evaluation unit was used as the minimum unit to segment the
statistical unit, and the area weighting method was used to compute the comprehensive
value of the evaluation unit. The index values of the grain production function, economic
contribution function, social security function, ecological regulation function, and landscape
carrying function of 2790 grids (5 km ∗ 5 km) in the 2 lake plains from 2000 to 2019 were
calculated using the zoning statistical tool and area weighting method of ArcGIS (v10.7,
ESRI, Redlands, CA, USA), and the average value was obtained. Figure 3 is the research
route of this article.
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Table 3. Type, sources and spatial resolution of data used in this study.

Type Source Spatial Resolution

Land cover data Resource and Enviroment Science and
Data Center, CAS 30 m × 30 m

Landsat 8 Geospatial Data Cloud 30 m × 30 m

Agricultural production data Statistical Yearbook of Hubei and
Hunan Provinces County scale

NDVI National Earth System Science Data
Sharing Platform in China 500 m × 500 m

NPP National Earth System Science Data
Sharing Platform in China 1 km × 1 km

DEM Geospatial Data Cloud 30 m × 30 m
Temperature and
precipitation data Chian meteorological data network —

Soil data Soil Science Database of China 1:1,000,000

Waters and Roads data National basic geographic information
center of China 1:250,000

3. Results
3.1. Spatiotemporal Pattern Evolution of Multifunction-Cultivated Land
3.1.1. Temporal Pattern Evolution of Multifunction-Cultivated Land

(1) The temporal variation characteristics of the grain production function.
Figures 4 and 5 demonstrate that the average value of the grain production function
index in 2000, 2005, 2010, 2015, and 2019 was 0.109, 0.107, 0.139, 0.122, and 0.127, indicating
an “increase-decrease-increase” fluctuation trend. From 2000 to 2019, the kernel density
curve of the grain production function has shown a changing trend of “double peak-double
peak-single peak-slow double peak-single peak,” and the curve waveform width and
peak value also change. Moreover, the main peak and box median of the kernel density
curve of the grain production function are greater than the mean value, indicating that
the grain production function level is greater than the average level in most regions of
the two lake plains. At the same time, the regional differences show an unstable trend of
“expansion-contraction-expansion-contraction.”
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(2) The time series change characteristics of the economic contribution function. The
average value of the economic contribution function index in 2000, 2005, 2010, 2015, and
2019 was 0.055, 0.05, 0.053, 0.039, and 0.042, respectively, indicating a fluctuating trend of
“decrease-increase-decrease-increase.” From 2000 to 2019, the shape of the Kernel density
curve of the economic contribution function has shown a changing trend of “double peak-
multi peak-slow double peak-multi peak-double peak,” and the curve waveform width
and peak value also change accordingly. The main peak of the kernel density curve of the
economic contribution function from 2000 to 2019 and the median line of the box were
both greater than the mean value in 2000, but less than the mean value from 2005 to 2019,
suggesting that the economic contribution function level of the cultivated land system was
less than the average level in most parts of the two lake plains, and regional disparities
revealed a changing and unstable trend of “shrinking-expanding-shrinking.”
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(3) The characteristics of the social security function. In 2000, 2005, 2010, 2015, and
2019, the average social security function index was 0.031, 0.033, 0.032, 0.031, and 0.024,
indicating an overall “rise-decrease” fluctuation tendency. From 2000 to 2019, the shape of
the kernel density curve of the economic contribution function has shown a changing trend
of “double peak-double peak-slow double peak-double peak-double peak,” and the curve
waveform width and peak value also change accordingly. From 2000 to 2019, the main peak
of the kernel density curve of the social security function and the median line of the box
are near the mean value, revealing that the social security function level is at the average
level in most areas of the two lake plains, and regional differences show a fluctuating and
unstable trend of “narrowing-expanding-narrowing.”

(4) The time series change characteristics of the ecological regulation function.
Figures 4 and 5 demonstrate that the average value of the ecological regulation function
index was 0.092, 0.091, 0.091, 0.089, and 0.085, respectively, from 2000 to 2019, indicating a
negative trend overall. The Kernel density curve of the cultivated land ecological regulation
function remained bimodal from 2000 to 2019, with little change in the curve waveform
width and peak value. From 2000 to 2019, the main peak of the Kernel density curve of
ecological regulation function and the median line of the box were greater than the mean
value, indicating that the ecological regulation function level in most areas of the two lake
plains was greater than the average level, and the regional differences showed a fluctuating
and unstable trend of “shrinking-expanding-shrinking.”

(5) The temporal variation characteristics of landscape bearing function. Figures 4 and 5
demonstrate that the average value of the ecological regulation function index in 2000,
2005, 2010, 2015, and 2019 was 0.176, 0.176, 0.181, 0.178, and 0.175, indicating an overall
“increase—decrease” trend. From 2000 to 2019, the shape of the kernel density curve of
the landscape carrying function changed in a pattern of “slow double peaks-slow double
peaks-slow double peaks-single peak-single peak,” and the curve waveform width and
peak value also changed appropriately. From 2000 to 2019, the predominant height of the
Kernel density curve of the landscape carrying function and the median line of the box
are increased than the average, indicating that the landscape carrying function level in
most areas of the two lake plains is larger than the common level. At the identical time,
the regional variations exhibit a fluctuating and unstable trend of “shrinking-increasing-
shrinking-expanding.”

3.1.2. Spatial Change Characteristics of Cultivated Land Multifunction

(1) Spatial evolution characteristics of the grain production function. From 2000 to 2019,
the functional level of grain production generally displayed a spatial distribution pattern
of being high in the southeast, low in the northwest and central east (Figure 6). The regions
with improved grain production function levels show the distribution characteristics of
centralized and contiguous and gradually merge from scattered and fragmented regions to
contiguous regions. With the acceleration of urbanization, the regions with declining grain
production functions have shown the characteristics of spatial expansion from built-up
areas to surrounding areas. In terms of quantity structure (Figure 6), from 2000 to 2019,
the cultivated land area with a gradually increased food production function level was
2.9883 million hm2, accounting for 91.78% of the total cultivated land area. Between 2005
and 2010, the amount of cultivated land in the area where the functional level of grain
production was enhanced increased to 3.5887 million hm2, accounting for 97.46% of the
total. From 2010 to 2015, the cultivated land area in the area where the functional level
of grain production was enhanced was only 58,100 hm2, accounting for 1.63% of the total
cultivated land area.
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(2) The spatial evolution characteristics of economic contribution function. From 2000
to 2019, the overall level of economic contribution function revealed a regional distribution
pattern of high in the central and southwest and low in the northeast and southeast
(Figure 7). The rising level of the economic contribution function demonstrates a very
evident aspect of contiguity, and as time passes, the region’s distribution gradually shifts
from the southwest to the Middle East. The regions with declining economic contribution
function levels are mainly distributed in Yingcheng, Xiantao, and Songzi in the north and
Miluo, Nanxian, Wuling, and other counties and cities in the south. From the perspective
of quantity structure (Figure 7), the cultivated land area whose economic contribution
function level gradually increased from 2000 to 2019 was 1.1105 million hm2, constituting
34.11% of the total cultivated land area. Among them, from 2000 to 2005, the cultivated
land whose economic contribution function level was improved reached 2.2222 million hm2

at most, accounting for 59.97%.
(3) The spatial evolution characteristics of the social security function. From the stand-

point of spatial distribution (Figure 8), the overall level of social security functions exhibits a
gradually decreasing circle distribution pattern, with “Jianli—Jiangling Gongan—Shayang—
Dangyang” as the northern center and “Dingcheng—Wuling Hanshou—Ziyang—Huarong—
Nanxian” as the southern center. The area where the social security function level has been
improved shows a downward trend year by year. From 2000 to 2019, the number of regions
in the two lake plains where the degree of the social security function of cultivated land
systems dropped greatly and was broadly dispersed. From the perspective of quantity
structure (Figure 8), 111,100 hm2 of cultivated land was gradually improved in the level of
social security function from 2000 to 2019, accounting for 3.41% of the total cultivated land.
Among them, from 2000 to 2005, the cultivated land whose social security function level
was improved reached 2.217 million hm2 at most, accounting for 57.4%.

(4) Spatial evolution characteristics of the ecological regulation function. In terms of
spatial distribution (Figure 9), the level of ecological regulation function of the cultivated
land system in the two lake plains generally exhibits a spatial distribution pattern of high
in the northeast, low in the southwest, and gradually decreasing from the middle to the
surrounding areas. The distribution pattern of the regions with the rising level of ecological
regulation function has little change, showing the characteristics of concentration and
contiguity. The deteriorating ecological regulation function regions are mostly dispersed in
the northwest, center, and southwest of the two lake plains, with a growing tendency year
by year. In terms of quantity structure, from 2000 to 2019, the cultivated land area with
steadily increased ecological regulation function level was 1.2405 million hm2, accounting
for 38.1% of the total cultivated land area. From 2005 to 2010, the cultivated land area
in the area where the ecological regulation function level was improved increased to
2.0917 million hm2, accounting for 56.81% of the total.

(5) The spatial evolution characteristics of landscape bearing function. According to
Figure 10, the overall level of landscape carrying function has a geographical distribution
pattern of being high in the northeast, low in the southwest, and gradually decreasing from
the middle to the surrounding areas. The distribution pattern of the area with the rising
level of landscape carrying function has little change and also shows the characteristics
of concentration and contiguity. In these areas, the agricultural foundation is good, the
biodiversity of the system is good, the cultivated land is concentrated and connected, and
the degree of fragmentation is low, which improves the level of the landscape carrying
function. The places with obvious declines in landscape carrying function are mostly found
in the two lake plains’ southwest, northwest, and southeast.
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Figure 10. Spatial distribution of landscape carrying function index.

The regional distribution scope where the level of landscape bearing function has
decreased significantly has expanded. These places have been substantially impacted
by urbanization, with a high degree of cultivated land fragmentation, continuing loss of
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cultivated land, and decreased landscape aesthetic value. In terms of quantity structure, the
cultivated land area in the two lake plains, whose landscape-carrying function level was
gradually enhanced from 2000 to 2019 and was 1.7597 million hm2, accounting for 54.05%
of the total cultivated land area. Between 2000 and 2005, the region where the landscape
carrying function level of the cultivated land system in the two-lake plain was improved
accounted for the greatest proportion, with a cultivated land area of 3.225 million hm2

accounting for 87.03% of the total cultivated land area. From 2010 to 2015, the cultivated
land area in the two-lake plain area where the landscape carrying function level of the
cultivated land system was improved was the smallest, accounting for 1.268 million hm2,
or 35.45% of the total cultivated land area.

3.2. Evolution Characteristics of Multifunction Trade-Off and Synergy of Cultivated Land

The preservation and alteration of multifunctional cultivated land are influenced by
the human cognitive level and behavioral level during the course of cultivated land use. The
functions and changes of the cultivated land system demonstrate a trade-off relationship
or a mutual gain synergistic relationship. The stability of the system structure is a key
supporting factor in the characterization of system function, and changes in system function
will have an impact on the stability of the system structure. Based on the multifunctional
evaluation of cultivated land, this paper calculates the Spearman rank correlation coefficient
between different functions of the cultivated land system from 2000 to 2019 using Stata
software, GeoDa 1.2 software, and ArcGIS (v10.7, ESRI, Redlands, CA, USA) and creates
a visual expression to analyze the trade-off, synergy, and change characteristics between
different functions of the cultivated land system in the two lake plains. The value of the
Spearman rank phase connection can be used to determine the multifunctional trade-off
and synergy of the cultivated land system. If there is a significant positive correlation, it
means that there is a significant synergy between the two functions. If there is a significant
negative correlation, it means that there is a significant trade-off relationship. If there is no
significant positive correlation or negative correlation, it means that there is a weak synergy
or weak trade-off relationship.

In general, there was a significant spatial correlation between different functions of the
cultivated land system from 2000 to 2019. There is a certain evolution law in the trade-off
and collaborative space-time change relationship between various functions. Most of the
functions are mainly collaborative relationships, and a few are trade-off relationships.
Figures 11 and 12 show that there is a considerable synergistic link between the grain
production function and the social security function, as well as the ecological regulatory
function. The correlation coefficient shows a downward trend, and the degree of synergy
also decreases. The economic contribution function, ecological regulation function, and
landscape carrying function have all shifted from a major trade-off connection to a signifi-
cant synergy relationship, and the correlation coefficient has also risen. From 2000 to 2019,
there was considerable synergistic interaction between the cultivated land system’s social
security function, ecological regulation function, and landscape carrying function. The
correlation coefficient fell, as did the degree of synergy. There was a substantial synergistic
relationship between the ecological regulation function and the landscape carrying func-
tion of the cultivated land system from 2000 to 2019. However, the correlation coefficient
declined from 0.967 to 0.94, reducing the degree of synergy. The association between grain
production function and economic contribution function, as well as between economic
contribution function and social security function, ecological regulation function, and
landscape bearing function, has become increasingly synergistic throughout time.

3.3. Multifunctional Comprehensive Zoning of Cultivated Land

The goal of analyzing the spatiotemporal evolution of cultivated land multifunction
and its trade-off and synergy relationships is to fully understand the coupling mechanisms
between different functions of the cultivated land system, and based on this, in conjunction
with the local natural environmental conditions and the needs of social and economic de-
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velopment, carry out the multifunctional spatial classification and zoning of the cultivated
land system. As a result, this article employs GeoDa 1.2 software to perform bivariate
spatial autocorrelation analysis on five different types of functions (Figure 13) in order to
examine the spatial heterogeneity of trade-off and synergy between the various functions
of cultivated land in the two lake plains.

The K-means spatial clustering method is used to cluster the multifunction of the
cultivated land system and identify the leading roles of the functions of the cultivated
land system, such as food production, economic contribution, social security, ecological
regulation, and landscape carrying, on the basis of the balance of different functions
of the cultivated land system and the results of coordinated spatial distribution under
the grid scale of the two lake plains. Based on this, this article defines four types of
zoning with varying development orientations to serve as a guideline for the sustainable
exploitation and management of cultivated land resources in the two lake plains. The
grain production leading area, the unique agricultural planting area, the high-efficiency
agricultural development region, and the ecological agricultural construction area are the
four zones (Figure 14).
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(1) Grain production leading area. This type of area is mainly distributed in Yuanjiang,
Nanxian, Huarong, Anxiang, and Gongan in the middle of the flat two lake plain and
Jiangling, Jianli, Qianjiang, Tianmen, Honghu, Xiantao, Hanchuan, and other areas in the
northeast. The cultivated land area is 1.4716 million hm2, accounting for 45.2% of the total
cultivated land area.

(2) Characteristic agricultural planting area. This type of area is mainly distributed in
Zhijiang, Jingzhou, Songzi, Linli, Jinshi, Dingcheng, and Anxiang in the west of the two
lake plains, and Ziyang, Xiangyin, Wangcheng, Miluo, and Yueyang in the southeast. The
cultivated land area is 1.1088 million hm2, accounting for 34.05% of the total cultivated
land area.

(3) High-efficiency agricultural development area. This type of area is mainly dis-
tributed along rivers, lakes, and urban clusters. Surrounding the characteristic agricultural
planting areas, they are scattered in Dingcheng, Hanshou, Heshan, Wangcheng, Junshan,
and Yunxi in the south of the two lake plains and Shashi, Caidian, Jiayu, and other areas in
the north of the two lake plains. The cultivated land area is 0.5236 million hm2, accounting
for 16.08% of the total cultivated land area.

(4) Ecological agriculture construction area. This type of area is mainly distributed
along rivers and lakes, as well as along town groups and hilly areas. It is scattered in
Taoyuan, Wuling, Dingcheng, Heshan, Yueyanglou, Linxiang, Jiayu, Caidian, Dangyang,
Songzi, and other areas around the two lake plains. The cultivated land area is 152,000 hm2,
accounting for 4.67% of the total cultivated land area.
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4. Discussion
4.1. Deficiency and Prospect

The multi-functional multi-scale evaluation of cultivated land is a complex and thor-
ough procedure, and existing macro data makes it impossible to explain all connected
elements of cultivated land. For the multi-functional evaluation of cultivated land, the
usability of evaluation indicators, data quality, and modeling approach for multi-functional
quantification of cultivated land are critical [53,54]. The economic, social, and ecological
systems are all interwoven with the functions of cultivated land, and macro-statistical and
spatial data can only reflect a portion of the entire functions of farmed land. The changes in
source data and geographic methodologies between data sets will affect the correctness of
cultivated land multi-functional evaluation outcomes [55,56].

Previously, the multi-function of cultivated land was most often quantified using
simple statistical methods and regional-scale value evaluation methods, but few studies
used more detailed spatial data to evaluate the multi-function of cultivated land, and
spatial representation of socio-economic data can improve the reliability and scientificity of
the evaluation results [5]. These statistics can not only give a consistent record of each city’s
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actual social and economic production but also some information (such as social security)
that is impossible to gather by remote sensing. As a result, we can more accurately monitor
and analyze the changing features of cultivated land functions by merging remote sensing
data, statistical data, and geospatial data, as well as integrating multiple model approaches
to quantify various cultivated land functions on a grid.

These statistics can not only give a consistent record of each city’s actual social and
economic production but also some information (such as social security) that is impossible
to gather by remote sensing. As a result, we can more accurately monitor and analyze the
changing features of cultivated land functions by merging remote sensing data, statistical
data, and geospatial data, as well as integrating multiple model approaches to quantify
various cultivated land functions on a grid. On this basis, we use the K-means spatial
clustering method to cluster the multi-functions of cultivated land and identify the leading
roles of the functions of the cultivated land system, such as grain production, economic
contribution, social security, ecological adjustment, and landscape-bearing, in different clas-
sifications, in order to delimit four types of zones with different development orientations
and to provide a reference for sustainable utilization and planning management.

4.1.1. Temporal Pattern Evolution of Multifunctional Cultivated Land

(1) Selection of spatialization variables and limitations of spatialization methods

For humans to engage in food production, cultivated land resources are the primary
means of production [41]. Most farmers in China are primarily engaged in planting opera-
tions, and improving agricultural production conditions is critical to food production [57].
For example, land consolidation can improve grain planting conditions, and newly com-
bined land can boost total crop output and unit grain output by upgrading cultivated
field infrastructure [58]. We believe that, in the context of modern agricultural production,
the function of grain production should pay attention not only to corn, wheat, potatoes,
vegetables, and so on produced by cultivated land as the carrier but also to cultivated
land production conditions such as soil fertility, irrigation guarantee rate, land reclamation
rate, agricultural mechanization level, and convenient transportation, among other things,
which serve grain production [21]. Because if all other parameters remain constant, the
more components of production per unit of cultivated land area, the greater the output [2].
Similarly, as agricultural mechanization increases, so does the productivity of cultivated
land resources [59].

In the multi-function research of cultivated land, the uncertain and unevenly dis-
tributed socio-economic data are merged with multi-source geographical components so
that the spatial socio-economic data may be suitable data indicating the association between
nature and society [60,61]. This spatial processing method involves transferring statistics
data from administrative regions to regular grids of a specific scale [62–64]. Because most
socioeconomic data are classified and counted by administrative units with varying cov-
erage and each administrative unit has only one attribute value, there are deviations and
precision flaws among socioeconomic data sources used in the multi-functional evalua-
tion of cultivated land and the continuous spatial distribution of natural elements [63].
Administrative units cannot directly and efficiently depict these activities, and the spatial
difference of grid-scale is more visible in reflecting internal characteristics. Therefore,
the spatialization of socioeconomic data is an effective means of connecting cross-scale
units [65]. Socioeconomic grid spatial data may directly represent the genuine distribution
patterns of the social economy on various scales, meeting the needs of spatial calculation
and analysis in the multi-functional evaluation of cultivated land.

In general, the spatial model can better identify the spatial distribution pattern of so-
cioeconomic data despite combining socioeconomic statistical data with the geographically
distributed environment and remote sensing data [66–68]. However, official statistics are
the primary source of social and economic statistics, and flaws in the statistical process
cannot be avoided. The association between per capita gross agricultural output value,
per capita GDP, single crop yield, and diverse land use areas varies by region [69]. Over-
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estimation of cultivated land area in remote sensing data, for example, may result in an
overestimation of potential grain production capacity or an underestimation of cultivated
land use intensity. The structural difference across data sources, for instance, may be
substantially more than the change in land cover in one year or several decades, which may
have an impact on the final evaluation results [64]. In this study, we employ the area of
different land use types in grid units as variable weights to allocate different index values
to ensure that the spatial model error is dispersed in the 5 km*5 km grid. The spatialization
outcome may not accurately match the scope of the county-level administrative region,
but this method can control the error of the spatial model in the minimal allocation unit
and improve the geographic model’s correctness. In order to conduct a multi-functional
analysis of cultivated land in the future, it will be necessary to investigate and quantify a
more comprehensive and systematic index system.

(2) Rationality of spatial grid scale

The cultivated land system has certain scale features as an organic aspect of the natural
environment and social economic system. Its spatial scale from large to small is shown as
regional scale, plain landscape scale, grid scale and parcel scale [70]. There are substantial
discrepancies in the abstraction and expression of cultivated land systems at different
space-time scales [70]. The basic elements of the cultivated land system fluctuate with the
time-space change rate, and the rate of change reflects the characteristics of human causes
> biological variables > soil variables > geological variables [71]. The pattern, process,
mechanism, and effect analysis of the cultivated land system, as well as its management,
all exhibit major multi-scale characteristics [72–74]. In this study, according to the research
purpose and task, it is more meaningful to define the spatial scale at the 5 km × 5 km grid
scale level.

Because statistical data at the municipal level cannot reflect differences between
counties within a city, a grid, as an effective representation scale of spatial analysis and
cultivated land planning and management, can adapt to the precision of multi-functional
evaluation of cultivated land in the study area by adjusting the grid size and application
scope based on the different needs of stakeholders [30]. Grid data from different dimensions
of socioeconomic statistics data processed by the geographic model varied somewhat.
The grid scale allows for the multi-functional evaluation of cultivated land since it can
properly reflect more information about cultivated land properties [75]. In general, the
better the precision, the more comprehensive and complicated the elements and their
relationships in the grid. As a result, it is regarded as critical to investigate the suitability of
the grid scale for the spatialization of socioeconomic statistical data [76]. To prevent data
redundancy in the geospatial calculation process, it is more significant to define the spatial
scale at the hierarchical level of a 5 km × 5 km grid scale based on the study objective and
task. Furthermore, the trade-offs and synergies between the multi-functions of farmed
land will shift as time, and spatial scales change. Future research must compare and
analyze the dominant functions of cultivated land at multiple spatial scales, investigate the
effective connection method of dominant functions of cultivated land at different levels, and
investigate the regional balance method of cultivated land use planning and management.

4.1.2. Limitations of Selecting Multifunctional Evaluation Index of Cultivated Land

The multi-functional evaluation of cultivated land evolves in real-time when study
objectives, tasks, model methodologies, and evaluation indicators change [73]. There is
currently no uniform standard or unified guide to assist in selecting the best representative
multi-functional evaluation indicators of cultivated land. It is also difficult to completely
consider multiple indicators due to the complexity and availability of multi-source data,
as well as disparities in the objectives and needs of stakeholders at different levels [54].
To maintain national food security, policymakers must examine the grain production
capability of cultivated land resources at the national level. At the level of social life, the
public hopes that the cultivated land resources in this area will retain a decent state of
production, living, and ecology. Farmers prioritize the productivity and sustainability of
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cultivated land resources at the level of agricultural output. Therefore, the multi-functional
evaluation of cultivated land and the division of leadership functions should consider both
macro-level control and micro-level implementation feasibility. As a result, the importance
of a multi-functional assessment index of cultivated land at different scales is dynamic, and
it must be altered in response to changes in index features and the goal of cultivated land
resource management.

At the moment, the evaluation of cultivated land function has progressed from fo-
cusing solely on the production function of cultivated land in the early stages to a more
comprehensive evaluation of cultivated land function. The indicators and applications of
multi-function evaluation of cultivated land at various spatial scales have distinct prop-
erties [77]. The multi-functional classification of cultivated land makes people aware of
the various uses of cultivated land as well as the impact of environmental interference
and human activities on cultivated land functions. One of the most difficult tasks at the
moment is determining how to quantify the ecosystem services of cultivated land in order
to maximize the assessment index system of cultivated land bio-physiology [78]. The
availability of data is congruent with the choice of indicators in terms of spatial scale dis-
parities. For example, at the macro level, more attention should be paid to the biodiversity
of cultivated land because biodiversity not only provides abundant food resources for
humans but also plays an important role in climate regulation, air purification, and water
and soil conservation [79]; at the micro level, attention should be paid to the quantity and
activities of soil organisms, which can sensitively reflect changes in cultivated land health
and human management and can be used as a proxy for human management [80]. In the
following research, we need to collect more on-the-spot investigation data and precise
statistical data to enrich the multi-functional evaluation index system of cultivated land as
well as to help develop a more detailed cultivated land zoning management plan.

4.1.3. Applicability of Multifunctional Evaluation Methods for Cultivated Land

Aside from food production, the cultivated land system also provides biodiversity,
landscape beauty, air pollutant removal, and groundwater recharge. In essence, quan-
tifying and mapping the functions of these farmed fields is extremely challenging. The
quantification of these cultivated land functions, on the other hand, is an important job of
cultivated land system research [81]. At the moment, academic circles mostly represent the
ecological adjustment and landscape carrying function of farmed land through valuing
ecosystem services. The equivalent value approach is primarily used in this research to
assess the value of ecosystem services. This approach has the benefits of being intuitive and
simple to use, as well as requiring fewer data points. It can be used as a simple accounting
method for evaluating the value of ecosystem services on a regional scale, which aids in
the construction of a bridge between the cultivated land system and the ecosystem, linking
human progress, well-being, and ecosystem protection [82]. This strategy, however, has
certain drawbacks. The value equivalent evaluation method’s market-based evaluation
method is subjective, and it primarily evaluates its value in terms of human society’s
demand for ecosystem services. For example, the unit area ecosystem service value (unit
area equivalent factor) is based on prior research, and the parameters’ timeliness is un-
known; thus, it cannot accurately reflect the current unit area ecosystem service value. In
comparison, the functional quantity evaluation method can estimate the material quality
of the final products and services obtained directly or indirectly from the ecosystem, and
it can objectively reflect the structure, function, and ecological process of the ecosystem
with no data loss [83,84]. In future research, we will focus on the role of biophysical models
in the assessment of key ecosystem services and further optimize the model method of
multi-functional assessment of cultivated land.

4.2. Policy Enlightenment

Cultivated land use change is the most important factor of spatial balance and synergy
among cultivated land’s multi-functions, and the game between different stakeholders
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has an obvious impact on the decision-making of cultivated land use, which makes the
various functions of cultivated land not independent but interdependent, resulting in
balance and synergy [25,85]. Based on the balance and coordination of multi-functional
space in cultivated land, this paper reconstructs the zoning scheme primarily based on the
difference in internal structural characteristics between different functions within the same
area. The result of the zoning process is intended to maximize the dominant functional
advantages of cultivated land in different regions and achieve the objective of “fostering
strengths and avoiding weaknesses.” In light of the obvious regional differences in the
multi-functionality of cultivated land, it is necessary to propose differentiated and diverse
multi-function utilization and management policies in order to optimize the functional
layout of cultivated land [86].

Significantly more emphasis is placed on grain production in the leading grain-
producing regions. These regions have fertile soil, a concentration of cultivated land,
and a well-developed agricultural infrastructure. This division should maximize the grain
production benefits of cultivated land resources, increase investment in grain production
infrastructure [87], enhance the convenience, accessibility, and fertility of cultivated land irri-
gation, promote mechanized, intensive, and large-scale grain production development [88],
and boost agricultural production efficiency [89].

In typical agricultural planting areas, the various functions of the cultivated land
system are fundamentally coordinated. Under the influence of high-intensity cultivated
land use, this region faces issues such as sluggish growth of the economic contribution
function, declining social security function, overall ecological adjustment, and weakening
of the landscape carrying function [90]. In the future, this sub-region must improve agri-
cultural production conditions, enhance cultivated land quality and soil fertility, increase
investment in agricultural science and technology, develop distinctive agriculture, ensure
the production efficiency of superior varieties, and pursue product benefits [91].

The economic contribution and social security functions of high-efficiency agricultural
development regions are emphasized more. Due to the proximity to cities, rivers, and
lakes, the rapid expansion of urbanization and industrialization, and the resulting impact
on the natural environment [92], cultivated land fragmentation has increased, agricul-
tural pollution is relatively severe [93], and the ecological adjustment level and landscape
carrying function are low [94]. In general, this subregion must innovate the cultivated
land production and management mode and vigorously develop high-value-added urban
agriculture, high-efficiency ecological agriculture, and green organic agriculture, utilizing
the cultivated land resources, regional conditions, and advanced agricultural technology of
the entire region [95].

The ecological construction area is expansive and dispersed, and its food produc-
tion function is gradually diminishing while other functions are relatively strengthening.
This sub-region must prioritize environmental protection and ecological restoration as
constraint objectives [96], improve the level of ecological restoration and environmen-
tal governance [97], maintain the biodiversity and soil and water conservation capacity
of cultivated land [65], strengthen agricultural pollution control and supervision, vigor-
ously develop green agriculture and ecological agriculture, and increase the proportion of
ecological agriculture in total agricultural production [89].

Changes on multiple scales are multi-functional spatial equilibrium and coordination
of cultivated land [30,31]. To meet the diverse needs of people in the context of specific
social and economic development, management policies must be adapted in a timely
manner [98]. In future research, we will continue to improve the precision of data, conduct
cross-scale research on the multifunctional balance and coordination of cultivated land
and its action mechanisms, and serve as a reference for regional cultivated land use and
planning management.
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5. Conclusions

Based on the overall goal of sustainable utilization of cultivated land resources, this
paper quantitatively evaluates the multifunction of cultivated land system in the two lake
plains from 2000 to 2019, and analyzes the spatiotemporal evolution characteristics of
multifunction of cultivated land system and its trade-off and synergy relationship by using
kernel density estimation, Spearman rank correlation and other methods, and studies the
multifunction of a cultivated land system by using K-means spatial clustering method. The
main conclusions are as follows:

(1) The five functions, including grain production, economic contribution, social
security, ecological regulation, and landscape carrying, are all unstable in time scale, and
their spatial distribution characteristics are also different.

(2) In the past 20 years, the trade-off and synergy between the multiple functions of the
cultivated land system in the two lake plains have shown significant spatial heterogeneity.
There is a certain evolution law in the trade-off and synergy between the functions. Most
of the functions are mainly synergistic, and a few are trade-offs.

(3) The K-means spatial clustering method is used to cluster and partition the multiple
functions of the cultivated land system, including four types of partitions: grain production
leading area, characteristic agricultural planting area, high-efficiency agricultural devel-
opment area, and ecological agricultural construction area, based on the trade-off and
coordination relationship between the multiple functions of the cultivated land system and
its change characteristics.

(4) The study area can be divided into four sub-areas, including the grain production
leading area, the unique agricultural planting area, the high-efficiency agricultural devel-
opment region, and the ecological agricultural construction area. In order to achieve food
security and social stability, the grain production leading area is the region that deserves
the most attention.

According to the regional characteristics of multi-function and cluster zoning of the
cultivated land system, this paper can put forward corresponding countermeasures and
suggestions for promoting the sustainable utilization of cultivated land resources in the
plain area.

Author Contributions: Conceptualization, X.L. and Y.Z.; methodology, J.X.; software, P.X.; data
curation, Q.W.; writing—original draft preparation, X.L.; writing—review and editing, P.X. All
authors have read and agreed to the published version of the manuscript.

Funding: This work was supported by a research grant from the Hunan Provincial Department of
Education, China (Grant No. 21b0194), the National Natural Science Foundation of China (Grant No.
42171061) and the Open Foundation of Regional Development and Environmental Response, Key
Laboratory of Hubei Province (Grant No. 2021(C)002).

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Data Availability Statement: Not applicable.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Chen, L.; Song, G.; Meadows, M.E.; Zou, C. Spatio-temporal evolution of the early-warning status of cultivated land and its

driving factors: A case study of Heilongjiang Province, China. Land Use Policy 2018, 72, 280–292. [CrossRef]
2. Wiggering, H.; Dalchow, C.; Glemnitz, M.; Helming, K.; Müller, K.; Schultz, A.; Stachow, U.; Zander, P. Indicators for multifunc-

tional land use—Linking socio-economic requirements with landscape potentials. Ecol. Indic 2006, 6, 238–249. [CrossRef]
3. Chen, L.; Zhao, H.; Song, G.; Liu, Y. Optimization of cultivated land pattern for achieving cultivated land system security: A case

study in Heilongjiang Province, China. Land Use Policy 2021, 108, 105589. [CrossRef]
4. Liu, L.; Zhou, D.; Chang, X.; Lin, Z. A new grading system for evaluating China’s cultivated land quality. Land Degrad. Dev. 2020,

31, 1482–1501. [CrossRef]

http://doi.org/10.1016/j.landusepol.2017.12.017
http://doi.org/10.1016/j.ecolind.2005.08.014
http://doi.org/10.1016/j.landusepol.2021.105589
http://doi.org/10.1002/ldr.3547


Int. J. Environ. Res. Public Health 2022, 19, 15040 31 of 34

5. Zhou, D.; Xu, J.; Lin, Z. Conflict or coordination? Assessing land use multi-functionalization using production-living-ecology
analysis. Sci. Total Environ. 2017, 577, 136–147. [CrossRef]

6. Zhang, Y.; Liu, X.; Ren, J.; Xu, Y. Study on cultivated land use transformation based on multi-functional trade-off and collaborative
analysis of cultivated land – A case study of Beijing. Chin. J. Agric. Resour. Reg. Plan. 2020, 41, 25–33.

7. Ran, C.; Li, Y.; Liang, X. Evolution Characteristics and Occurrence Mechanisms of Cultivated Land Use Transition in Chongqing.
J. Chongqing Norm. Univ. (Nat. Sci. Ed.) 2020, 37, 119–128.

8. Wu, M.; Ren, L.; Gan, C.; Chen, Y. Performance Evaluation and Obstacle Factor Diagnosis of Farmers’ Land Investment Behavior
in Suburbs: A Contrastive Analysis Based on MVCL. China Land Sci. 2020, 34, 37–45.

9. Song, X.; Huang, Y.; Wu, Z.; Ouyang, Z. Does cultivated land function transition occur in China. J. Geogr. Sci. 2015, 25, 817–835.
[CrossRef]

10. Zhang, Y.; Long, H.; Ma, L.; Ge, D.; Tu, S.; Qu, Y. Farmland function evolution in the Huang-Huai-Hai Plain: Processes, patterns
and mechanisms. J. Geogr. Sci. 2018, 28, 759–777. [CrossRef]

11. Song, X.; Ouyang, Z. The connotation of cultivated land protection and Its Enlightenment to cultivated land multi-function. Prog.
Geogr. 2012, 31, 859–868.

12. Kong, X.; Zhang, B.; Wen, L.; Hu, Y.; Lei, M.; Yao, J.; Xin, Y. Theoretical Framework and Research Trends of Cultivated Land
Quality based on Elements-Process-Function. China Land Sci. 2018, 32, 14–20.

13. Yu, M.; Yang, Y.; Chen, F.; Zhu, F.; Qu, J.; Zhang, S. Response of agricultural multifunctionality to farmland loss under rapidly
urbanizing processes in Yangtze River Delta, China. Sci. Total Environ. 2019, 666, 1–11. [CrossRef]

14. Sal, A.G.; García, A.G. A comprehensive assessment of multifunctional agricultural land-use systems in Spain using a multi-
dimensional evaluative model. Agric. Ecosyst. Environ. 2007, 120, 82–91.

15. Mastrangelo, M.E.; Weyland, F.; Villarino, S.H.; Barral, M.P.; Nahuelhual, L.; Laterra, P. Concepts and methods for landscape
multifunctionality and a unifying framework based on ecosystem services. Landsc. Ecol. 2014, 29, 345–358. [CrossRef]

16. Renting, H.; Rossing, W.A.H.; Groot, J.C.J.; Van der Ploeg, J.D.; Laurent, C.; Perraud, D.; Stobbelaar, D.J.; Van Ittersum, M.K.
Exploring multifunctional agriculture. A review of conceptual approaches and prospects for an integrative transitional framework.
J. Environ. Manag. 2009, 90, S112–S123. [CrossRef]

17. Zasada, I. Multifunctional peri-urban agriculture—A review of societal demands and the provision of goods and services by
farming. Land Use Policy 2011, 28, 639–648. [CrossRef]

18. Aubry, C.; Ramamonjisoa, J.; Dabat, M.H.; Rakotoarisoa, J.; Rakotondraibe, J.; Rabeharisoa, L. Urban agriculture and land use in
cities: An approach with the multi-functionality and sustainability concepts in the case of Antananarivo (Madagascar). Land Use
Policy 2012, 29, 429–439. [CrossRef]

19. Wang, X.; Wang, D.; Wu, S.; Yan, Z.; Han, J. Cultivated land multifunctionality in undeveloped peri-urban agriculture areas in
China: Implications for sustainable land management. J. Environ. Manag. 2022, 325, 116500. [CrossRef]

20. He, S.; Su, Y.; Shahtahmassebi, A.R.; Huang, L.; Zhou, M.; Gan, M.; Deng, J.; Zhao, G.; Wang, K. Assessing and mapping cultural
ecosystem services supply, demand and flow of farmlands in the Hangzhou metropolitan area, China. Sci. Total Environ. 2019,
692, 756–768. [CrossRef]

21. Qian, F.; Chi, Y.; Lal, R. Spatiotemporal characteristics analysis of multifunctional cultivated land: A case-study in Shenyang,
Northeast China. Land Degrad. Dev. 2020, 31, 1812–1822. [CrossRef]

22. Su, Y.; Su, C.; Xie, Y.; Li, T.; Li, Y.; Sun, Y. Controlling Non-Grain Production Based on Cultivated Land Multifunction Assessment.
Int. J. Environ. Res. Public Health 2022, 19, 1027. [CrossRef] [PubMed]

23. Hu, R.; Qiu, D.; Xie, D.; Wang, X.; Zhang, L. Assessing the Real Value of Farmland in China. J. Mt. Sci. Engl. 2014, 11, 1218–1230.
[CrossRef]

24. Zhang, S.; Hu, W.; Huang, L.; Du, H. Exploring the Effectiveness of Multifunctional Cultivated Land Protection Linking Supply
to Demand in Value Engineering Theory: Evidence from Wuhan Metropolitan Area. Sustainability 2019, 11, 6229. [CrossRef]

25. Jiang, G.; Wang, M.; Qu, Y.; Zhou, D.; Ma, W. Towards cultivated land multifunction assessment in China: Applying the
“influencing factors-functions-products-demands” integrated framework. Land Use Policy 2020, 99, 104982. [CrossRef]

26. Peng, J.; Liu, Y.; Liu, Z.; Yang, Y. Mapping spatial non-stationarity of human-natural factors associated with agricultural landscape
multifunctionality in Beijing–Tianjin–Hebei region, China. Agric. Ecosyst. Environ. 2017, 246, 221–233. [CrossRef]

27. Liu, C.; Xu, Y.; Huang, A.; Liu, Y.; Wang, H.; Lu, L.; Sun, P.; Zheng, W. Spatial identification of land use multifunctionality at grid
scale in farming-pastoral area: A case study of Zhangjiakou City, China. Habitat Int. 2018, 76, 48–61. [CrossRef]

28. Lian, G.; Hu, C.; Liu, W. The public’s perception and willingness to cultivated land conservation and its multifunctional value.
Ecol. Environ. Sci. 2008, 17, 1908–1913.

29. Hu, W.; Zhang, S.; Song, Y.; Liu, T.; Lin, Y.; Zhang, A. Effects of Multifunctional Rural Land Use on Residents’ Wellbeing: Evidence
from the Xinzhou District of Wuhan City, China. Sustainability 2018, 10, 3787. [CrossRef]

30. Wilson, G.A. The spatiality of multifunctional agriculture: A human geography perspective. Geoforum 2009, 40, 269–280.
[CrossRef]

31. Zhang, S.; Hu, W.; Li, M.; Guo, Z.; Wang, L.; Wu, L. Multiscale research on spatial supply-demand mismatches and synergic
strategies of multifunctional cultivated land. J. Environ. Manag. 2021, 299, 113605. [CrossRef] [PubMed]

32. Ma, C.; Jin, Y.; Ke, X.; Ma, Y. Study on the Typical Modes of Farmland Multi-functional Intensity and Coordination in Hubei
Province based on the Entire-array-polygon Indicator Method. China Land Sci. 2018, 32, 51–58.

http://doi.org/10.1016/j.scitotenv.2016.10.143
http://doi.org/10.1007/s11442-015-1204-9
http://doi.org/10.1007/s11442-018-1503-z
http://doi.org/10.1016/j.scitotenv.2019.02.226
http://doi.org/10.1007/s10980-013-9959-9
http://doi.org/10.1016/j.jenvman.2008.11.014
http://doi.org/10.1016/j.landusepol.2011.01.008
http://doi.org/10.1016/j.landusepol.2011.08.009
http://doi.org/10.1016/j.jenvman.2022.116500
http://doi.org/10.1016/j.scitotenv.2019.07.160
http://doi.org/10.1002/ldr.3576
http://doi.org/10.3390/ijerph19031027
http://www.ncbi.nlm.nih.gov/pubmed/35162051
http://doi.org/10.1007/s11629-013-2924-x
http://doi.org/10.3390/su11226229
http://doi.org/10.1016/j.landusepol.2020.104982
http://doi.org/10.1016/j.agee.2017.06.007
http://doi.org/10.1016/j.habitatint.2018.05.010
http://doi.org/10.3390/su10103787
http://doi.org/10.1016/j.geoforum.2008.12.007
http://doi.org/10.1016/j.jenvman.2021.113605
http://www.ncbi.nlm.nih.gov/pubmed/34454203


Int. J. Environ. Res. Public Health 2022, 19, 15040 32 of 34

33. Meng, J.; Cheng, H.; Li, F.; Han, Z.; Wei, C.; Wu, Y.; You, N.W.; Zhu, L. Spatial-temporal trade-offs of land multi-functionality and
function zoning at finer township scale in the middle reaches of the Heihe River. Land Use Policy 2022, 115, 106019. [CrossRef]

34. Gao, J.; Zhu, Y.; Zhao, R.; Sui, H. The Use of Cultivated Land for Multiple Functions in Major Grain-Producing Areas in Northeast
China: Spatial-Temporal Pattern and Driving Forces. Land 2022, 11, 1476. [CrossRef]

35. Zhu, Q.; Hu, W.; Zhao, Z. Dynamic Analysis on Spatial-Temporal Pattern of Trade-Offs and Synergies of Multifunctional
Cultivated Land——Evidence from Hubei Province. Econ. Geogr. 2018, 38, 143–153.

36. He, Q.; Xie, D.; Wang, S.; Chen, L. Spatio-Temporal Evolution of Cultivated Land Multi-function Based on a Fuzzy Optimization
Model in Beibei District, Chongqing. J. Nat. Sci. Hunan Norm. Univ. 2020, 42, 79–87.

37. Ke, X.; Ma, Y.; Song, X.; Tang, L.; Liu, S.; Jin, Y. Identification of Synergy and Tradeoffs Among Functions of Cultivated Land
Based on PCA——A Case Study in Hubei Province. Bull. Soil Water Conserv. 2018, 38, 329–336.

38. Fang, Y.; Jing, W.; Kong, X.; Wu, R.; Li, B.; Liu, J. Trade-off relation Measurement and Zoning Optimization of Multi-functionality
of Cultivated Land Use: A Case Study of Henan Province. China Land Sci. 2018, 32, 57–64.

39. Shi, X.; Li, Y. Transformation evaluation and differences evolution analysis of cultivated land functional in Guizhou Province in
recent 40 years. Carsologica Sin. 2018, 37, 722–732.

40. Chen, L.; Liu, J.; Hao, J.; Wang, H.; Yin, Y.; Zhu, C.; Wang, M. Comprehensive evaluation of multi-function operation effect in
cultivated land in metropolitan Beijing. J. Beijing Norm. Univ. (Nat. Sci.) 2018, 54, 284–291.

41. Cheng, Q.; Jiang, P.; Cai, L.; Shan, J.; Zhang, Y.; Wang, L.; Li, M.; Li, F.; Zhu, A.; Chen, D. Delineation of a permanent basic
farmland protection area around a city centre: Case study of Changzhou City, China. Land Use Policy 2017, 60, 73–89.

42. Xie, G.; Zhen, L.; Lu, C.; Xiao, Y.; Chen, C. Expert Knowledge Based Valuation Method of Ecosystem Services in China. J. Nat.
Resour. 2008, 23, 911–919.

43. Tang, J.; Huang, L.; Wang, B. Analysis of ecosystem service value based on LUCC of Liao River Basin of Jilin Province. Acta Sci.
Circumstantiae 2015, 35, 2633–2640.

44. Pei, H.; Wei, Y.; Wang, X.; Qin, Z.; Hou, C. Method of cultivated land landscape ecological security evaluation and its application.
Trans. Chin. Soc. Agric. Eng. 2014, 30, 212–219.

45. Guo, J.; Chen, Y.; Yu, X.; Wang, H. Rank-size distribution and mechanism of port system in the Bohai Rim during the past thirty
years. Acta Geogr. Sin. 2017, 72, 1812–1826.

46. Qiu, W.; Zhong, S.; Yuan, C.; Li, Z. Spatial differences and dynamic evolution of agricultural non-point source pollution in China.
J. China Agric. Univ. 2018, 23, 152–163.

47. Zhang, W.; Hao, J. Study on Regional Differences and Convergence of Energy Efficiency in China from the Perspective of
Ecological Footprint. J. China Univ. Geosci. (Soc. Sci. Ed.) 2020, 20, 76–90.

48. Jiao, G.; Yang, X.; Huang, Z.; Zhang, X.; Lu, L. Evolution characteristics and possible impact factors for the changing pattern and
function of “Production-Living-Ecological” space in Wuyuan county. J. Nat. Resour. 2021, 36, 1252–1267. [CrossRef]

49. Lin, Y.; Zhao, J.; Zhang, M.; Chen, G. Identification of Territory Space Pattern and Spatio-temporal Evolution Analysis of Urban
Agglomeration in Central Yunnan. Trans. Chin. Soc. Agric. Mach. 2019, 50, 176–191.

50. Yuan, H. Dynamic Evolution of Cultivated Land Multifunction for Major Function-Oriented Zones in Hunan Province. J. Nat. Sci.
Hunan Norm. Univ. 2020, 43, 1–7.

51. LV, Z.; Sun, X.; Liu, F. Application of K-means Clustering Method in Regionalization of Slope Farmland in Low Mountain and
Hill Area of Heilongjiang Province. Bull. Soil Water Conserv. 2015, 35, 124–127.

52. Zhou, M.; Wang, Z. Spatial Distribution of Primary Farmland Based on Cultivated Land Quality and Spatial Clustering at County
Scale – A Case of Tuanfeng County, Hubei Province. Res. Soil Water Conserv. 2016, 23, 316–321.

53. Guerry, A.D.; Polasky, S.; Lubchenco, J.; Chaplin-Kramer, R.; Daily, G.C.; Griffin, R.; Ruckelshaus, M.; Bateman, I.J.; Duraiappah, A.;
Elmqvist, T.; et al. Natural capital and ecosystem services informing decisions: From promise to practice. Proc. Natl. Acad. Sci. USA
2015, 112, 7348–7355. [CrossRef] [PubMed]

54. Zhao, R.; Li, J.; Wu, K.; Kang, L. Cultivated Land Use Zoning Based on Soil Function Evaluation from the Perspective of Black
Soil Protection. Land 2021, 10, 605. [CrossRef]

55. Chen, R.; Yan, H.; Liu, F.; Du, W.; Yang, Y. Multiple global population datasets: Differences and spatial distribution characteristics.
ISPRS Int. J. Geo-Inf. 2020, 9, 637. [CrossRef]

56. Peng, J.; Liu, Z.; Liu, Y.; Hu, X.; Wang, A. Multifunctionality assessment of urban agriculture in Beijing City, China. Sci. Total
Environ. 2015, 537, 343–351. [CrossRef]

57. Siciliano, G. Urbanization strategies, rural development and land use changes in China: A multiple-level integrated assessment.
Land Use Policy 2012, 29, 165–178. [CrossRef]

58. Cay, T.; Uyan, M. Evaluation of reallocation criteria in land consolidation studies using the Analytic Hierarchy Process (AHP).
Land Use Policy 2013, 30, 541–548. [CrossRef]

59. Chai, J.; Wang, Z.; Yang, J.; Zhang, L. Analysis for spatial-temporal changes of grain production and farmland resource: Evidence
from Hubei Province, central China. J. Clean. Prod 2019, 207, 474–482. [CrossRef]

60. Zhao, S.; Liu, Y.; Zhang, R.; Fu, B. China’s population spatialization based on three machine learning models. J. Clean. Prod 2020,
256, 120644. [CrossRef]

61. Li, K.; Chen, Y.; Li, Y. The Random Forest-Based Method of Fine-Resolution Population Spatialization by Using the International
Space Station Nighttime Photography and Social Sensing Data. Remote Sens. 2018, 10, 1650. [CrossRef]

http://doi.org/10.1016/j.landusepol.2022.106019
http://doi.org/10.3390/land11091476
http://doi.org/10.31497/zrzyxb.20210513
http://doi.org/10.1073/pnas.1503751112
http://www.ncbi.nlm.nih.gov/pubmed/26082539
http://doi.org/10.3390/land10060605
http://doi.org/10.3390/ijgi9110637
http://doi.org/10.1016/j.scitotenv.2015.07.136
http://doi.org/10.1016/j.landusepol.2011.06.003
http://doi.org/10.1016/j.landusepol.2012.04.023
http://doi.org/10.1016/j.jclepro.2018.10.008
http://doi.org/10.1016/j.jclepro.2020.120644
http://doi.org/10.3390/rs10101650


Int. J. Environ. Res. Public Health 2022, 19, 15040 33 of 34

62. Huang, D.; Yang, X.; Dong, N.; Cai, H. Evaluating Grid Size Suitability of Population Distribution Data via Improved ALV
Method: A Case Study in Anhui Province, China. Sustainability 2017, 10, 41. [CrossRef]

63. Verburg, P.H.; Eickhout, B.; van Meijl, H. A multi-scale, multi-model approach for analyzing the future dynamics of European
land use. Ann. Reg. Sci. 2008, 42, 57–77. [CrossRef]

64. Pontius, R.G.; Boersma, W.; Castella, J.; Clarke, K.; de Nijs, T.; Dietzel, C.; Duan, Z.; Fotsing, E.; Goldstein, N.; Kok, K.; et al.
Comparing the input, output, and validation maps for several models of land change. Ann. Reg. Sci. 2008, 42, 11–37. [CrossRef]

65. Linard, C.; Kabaria, C.W.; Gilbert, M.; Tatem, A.J.; Gaughan, A.E.; Stevens, F.R.; Sorichetta, A.; Noor, A.M.; Snow, R.W. Modelling
changing population distributions: An example of the Kenyan Coast, 1979-2009. Int. J. Digit. Earth 2017, 10, 1017–1029. [CrossRef]
[PubMed]

66. Liang, H.; Guo, Z.; Wu, J.; Chen, Z. GDP spatialization in Ningbo City based on NPP/VIIRS night-time light and auxiliary data
using random forest regression. Adv. Space Res 2020, 65, 481–493. [CrossRef]

67. Olander, L.P.; Johnston, R.J.; Tallis, H.; Kagan, J.; Maguire, L.A.; Polasky, S.; Urban, D.; Boyd, J.; Wainger, L.; Palmer, M. Benefit
relevant indicators: Ecosystem services measures that link ecological and social outcomes. Ecol. Indic. 2018, 85, 1262–1272.
[CrossRef]

68. Reichstein, M.; Camps-Valls, G.; Stevens, B.; Jung, M.; Denzler, J.; Carvalhais, N.; Prabhat. Deep learning and process understand-
ing for data-driven Earth system science. Nature 2019, 566, 195–204. [CrossRef]

69. Xiao, G.; Zhu, X.; Hou, C.; Liu, Y.; Xu, K. A Spatialization Method for Grain Yield Statistical Data: A Study on Winter Wheat of
Shandong Province, China. Agron. J. 2019, 111, 1892–1903. [CrossRef]

70. Xiao, P.; Qian, P.; Xu, J.; Lu, M. A Bibliometric Analysis of the Application of Remote Sensing in Crop Spatial Patterns: Current
Status, Progress and Future Directions. Sustainability 2022, 14, 4104. [CrossRef]

71. Zhao, C.; Zhou, Y.; Li, X.; Xiao, P.; Jiang, J. Assessment of Cultivated Land Productivity and Its Spatial Differentiation in Dongting
Lake Region: A Case Study of Yuanjiang City, Hunan Province. Sustainability 2018, 10, 3616. [CrossRef]

72. Fan, Y.; Jin, X.; Xiang, X.; Yang, X.; Liu, J.; Zhou, Y. Evaluation and spatial characteristics of arable land multifunction in southern
Jiangsu. Resour. Sci. 2018, 40, 980–992.

73. Hu, W.; Zhu, Q.; Zhang, A.; Karnwie, G.A.; Li, J. Impacts of Multifunctional Farmland on Agricultural Economic Growth at
County-level from the Perspective of Quantity and Structure:Evidence from Hubei Province. China Land Sci. 2018, 32, 62–70.

74. Qin, S.; Guo, Y.; Tang, C. Evaluation and spatial difference analysis on the arable land multifunction in Changsha city. Sci. Surv.
Mapp. 2018, 43, 50–56.

75. Xiao, P.; Muhtar, A.; Li, R.; Xu, J. Analysis on the carrying capacity of cultivated land resources and the demand for grain land in
Hubei Province. Jiangsu Agric. Sci. 2020, 48, 326–332.

76. Peng, J.; Chen, X.; Liu, Y.; Lü, H.; Hu, X. Spatial identification of multifunctional landscapes and associated influencing factors in
the Beijing-Tianjin-Hebei region, China. Appl. Geogr. 2016, 74, 170–181. [CrossRef]

77. Li, X.; Zhao, H.; Nan, X. Analysis on the path of new institutional economics for the multi-function manifestation of cultivated
land. Rural Econ. 2017, 6, 64–68.

78. Hauck, J.; Albert, C.; Fürst, C.; Geneletti, D.; La Rosa, D.; Lorz, C.; Spyra, M.; Hauck, J.; Albert, C.; Fürst, C.; et al. Developing and
applying ecosystem service indicators in decision-support at various scales. Ecol. Indic. 2016, 61, 1–5. [CrossRef]

79. Zheng, X.; Yang, Q. Progress of agricultural biodiversity conservation in China. Biodivers. Sci. 2021, 29, 167–176. [CrossRef]
80. De Deyn, G.B.; Van der Putten, W.H. Linking aboveground and belowground diversity. Trends Ecol. Evol. 2005, 20, 625–633.

[CrossRef]
81. Costanza, R. A vision of the future of science: Reintegrating the study of humans and the rest of nature. Futures 2003, 35, 651–671.

[CrossRef]
82. Costanza, R.; de Groot, R.; Sutton, P.; van der Ploeg, S.; Anderson, S.J.; Kubiszewski, I.; Farber, S.; Turner, R.K. Changes in the

global value of ecosystem services. Glob. Environ. Chang. 2014, 26, 152–158. [CrossRef]
83. Ouyang, Z.; Zheng, H.; Xiao, Y.; Polasky, S.; Liu, J.; Xu, W.; Wang, Q.; Zhang, L.; Xiao, Y.; Rao, E.; et al. Improvements in ecosystem

services from investments in natural capital. Science 2016, 352, 1455–1459. [CrossRef] [PubMed]
84. Sannigrahi, S.; Zhang, Q.; Joshi, P.K.; Sutton, P.C.; Keesstra, S.; Roy, P.S.; Pilla, F.; Basu, B.; Wang, Y.; Jha, S.; et al. Examining effects

of climate change and land use dynamic on biophysical and economic values of ecosystem services of a natural reserve region. J.
Clean. Prod. 2020, 257, 120424. [CrossRef]

85. Fan, Y.; Gan, L.; Hong, C.; Jessup, L.H.; Jin, X.; Pijanowski, B.C.; Sun, Y.; Lv, L. Spatial identification and determinants of trade-offs
among multiple land use functions in Jiangsu Province, China. Sci. Total Environ. 2021, 772, 145022. [CrossRef]

86. Wang, M.; Yu, B.; Zhuo, R.; Li, Z. A Geographic Analysis on Rural Reconstruction-Transformation-Revitalization: A Case Study
of Jianghan Plain in China. Land 2022, 11, 616. [CrossRef]

87. Zhong, L.; Liu, L.; Liu, Y. Natural Disaster Risk Assessment of Grain Production in Dongting Lake Area, China. Agric. Agric. Sci.
Procedia 2010, 1, 24–32. [CrossRef]

88. Yin, G.; Liu, L.; Chang, X.; Sun, J. A comprehensive assessment of agricultural intensification scenarios for the Dongting Lake
basin in south-central China in 2030. Environ. Sci. Pollut. Res. 2016, 23, 14018–14033. [CrossRef]

89. Yang, X.; Shang, G. Smallholders’ Agricultural Production Efficiency of Conservation Tillage in Jianghan Plain, China-Based on a
Three-Stage DEA Model. Int. J. Environ. Res. Public Health 2020, 17, 7470. [CrossRef]

http://doi.org/10.3390/su10010041
http://doi.org/10.1007/s00168-007-0136-4
http://doi.org/10.1007/s00168-007-0138-2
http://doi.org/10.1080/17538947.2016.1275829
http://www.ncbi.nlm.nih.gov/pubmed/29098016
http://doi.org/10.1016/j.asr.2019.09.035
http://doi.org/10.1016/j.ecolind.2017.12.001
http://doi.org/10.1038/s41586-019-0912-1
http://doi.org/10.2134/agronj2018.09.0555
http://doi.org/10.3390/su14074104
http://doi.org/10.3390/su10103616
http://doi.org/10.1016/j.apgeog.2016.07.007
http://doi.org/10.1016/j.ecolind.2015.09.037
http://doi.org/10.17520/biods.2020077
http://doi.org/10.1016/j.tree.2005.08.009
http://doi.org/10.1016/S0016-3287(02)00105-2
http://doi.org/10.1016/j.gloenvcha.2014.04.002
http://doi.org/10.1126/science.aaf2295
http://www.ncbi.nlm.nih.gov/pubmed/27313045
http://doi.org/10.1016/j.jclepro.2020.120424
http://doi.org/10.1016/j.scitotenv.2021.145022
http://doi.org/10.3390/land11050616
http://doi.org/10.1016/j.aaspro.2010.09.004
http://doi.org/10.1007/s11356-016-6510-y
http://doi.org/10.3390/ijerph17207470


Int. J. Environ. Res. Public Health 2022, 19, 15040 34 of 34

90. Li, J.; Zhou, K.; Dong, H.; Xie, B. Cultivated Land Change, Driving Forces and Its Impact on Landscape Pattern Changes in the
Dongting Lake Basin. Int. J. Environ. Res. Public Health 2020, 17, 7988. [CrossRef]

91. Zhu, Y.; Zhou, X.; Gan, Y.; Chen, J.; Yu, R. Spatio-Temporal Differentiation and Driving Mechanism of the “Resource Curse” of the
Cultivated Land in Main Agricultural Production Regions: A Case Study of Jianghan Plain, Central China. Int. J. Environ. Res.
Public Health 2021, 18, 858. [CrossRef] [PubMed]

92. Qi, X.; Fu, Y.; Wang, R.Y.; Ng, C.N.; Dang, H.; He, Y. Improving the sustainability of agricultural land use: An integrated
framework for the conflict between food security and environmental deterioration. Appl. Geogr. 2018, 90, 214–223. [CrossRef]

93. Tang, L.; Deng, S.; Tan, D.; Long, J.; Lei, M. Heavy metal distribution, translocation, and human health risk assessment in the
soil-rice system around Dongting Lake area, China. Environ. Sci. Pollut. Res. 2019, 26, 17655–17665. [CrossRef] [PubMed]

94. Chen, Y.; Li, S.; Cheng, L. Evaluation of Cultivated Land Use Efficiency with Environmental Constraints in the Dongting Lake
Eco-Economic Zone of Hunan Province, China. Land 2020, 9, 440. [CrossRef]

95. Yin, G.; Liu, L.; Jiang, X. The sustainable arable land use pattern under the tradeoff of agricultural production, economic
development, and ecological protection-an analysis of Dongting Lake basin, China. Environ. Sci. Pollut. Res. 2017, 24, 25329–25345.
[CrossRef] [PubMed]

96. Yuan, B.; Fu, L.; Zou, Y.; Zhang, S.; Chen, X.; Li, F.; Deng, Z.; Xie, Y. Spatiotemporal change detection of ecological quality and the
associated affecting factors in Dongting Lake Basin, based on RSEI. J. Clean. Prod. 2021, 302, 126995. [CrossRef]

97. Su, X.; Zhou, Y.; Li, Q. Designing Ecological Security Patterns Based on the Framework of Ecological Quality and Ecological
Sensitivity: A Case Study of Jianghan Plain, China. Int. J. Environ. Res. Public Health 2021, 18, 8383. [CrossRef]

98. Fan, Y.; Jin, X.; Gan, L.; Jessup, L.H.; Pijanowski, B.C.; Lin, J.; Yang, Q.; Lyu, L. Dynamics of spatial associations among multiple
land use functions and their driving mechanisms: A case study of the Yangtze River Delta region, China. Environ. Impact Assess.
Rev. 2022, 97, 106858. [CrossRef]

http://doi.org/10.3390/ijerph17217988
http://doi.org/10.3390/ijerph18030858
http://www.ncbi.nlm.nih.gov/pubmed/33498442
http://doi.org/10.1016/j.apgeog.2017.12.009
http://doi.org/10.1007/s11356-019-05134-w
http://www.ncbi.nlm.nih.gov/pubmed/31028622
http://doi.org/10.3390/land9110440
http://doi.org/10.1007/s11356-017-0132-x
http://www.ncbi.nlm.nih.gov/pubmed/28932955
http://doi.org/10.1016/j.jclepro.2021.126995
http://doi.org/10.3390/ijerph18168383
http://doi.org/10.1016/j.eiar.2022.106858

	Introduction 
	Materials and Methods 
	Methods 
	GESEL Model 
	Multifunctional Evaluation Index System of Cultivated Land 
	Multifunctional Evaluation Method of Cultivated Land 
	Kernel Density Estimation 
	Spearman Rank Correlation 
	K-Means Spatial Clustering 

	Research Area 
	Data Resource 

	Results 
	Spatiotemporal Pattern Evolution of Multifunction-Cultivated Land 
	Temporal Pattern Evolution of Multifunction-Cultivated Land 
	Spatial Change Characteristics of Cultivated Land Multifunction 

	Evolution Characteristics of Multifunction Trade-Off and Synergy of Cultivated Land 
	Multifunctional Comprehensive Zoning of Cultivated Land 

	Discussion 
	Deficiency and Prospect 
	Temporal Pattern Evolution of Multifunctional Cultivated Land 
	Limitations of Selecting Multifunctional Evaluation Index of Cultivated Land 
	Applicability of Multifunctional Evaluation Methods for Cultivated Land 

	Policy Enlightenment 

	Conclusions 
	References

