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To calculate the expected values and their prediction intervals, we applied the Farrington algorithm, which uses a quasi-Poisson regression model and is commonly used to study the annual and seasonal trends in the burden of disease attributable to seasonal pandemics.[1] The major characteristic of Farrington algorithm is to restrict the data used for the estimation: the expected values at a calendar month  is estimated using only the data during  to  months of years  and , where  and  are pre-fixed values and  is the year of . In this study, we considered  and  [2]. The limited data is referred to as a reference period data. Finally, to consider seasonality in the model, data that is not included in the reference period is equally divided into four periods and included in the regression model as dummy variables. Then, the regression model is written as:

	(1)

where  is the values at a certain month ,  and  are regression parameters,  is a regression parameter vector representing the seasonality, and is a vector of dummies that equally divides the time points outside the reference period (into four periods in this study to divide into four equal parts of three months). The parameters, including the regression coefficients and overdispersion parameter , were estimated by the quasi-likelihood approach. More details can be found in Farrington et al. (1996), Noufaily et al. (2013) and Bedubourg and Strat (2017).[2-4]

Once the regression parameters were estimated, the expected value is predicted for the week of interest . The two-sided 95% prediction intervals are then estimated by assuming that the data follows the negative binomial distribution as , where  is the mean of the distribution and  is its dispersion parameter. Note that, although we used data during 2010–2020 for the estimation, the results during 2016–2020 were shown in Figures for simplicity. 
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