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Abstract: (1) Background: Mathematical exposure modeling of volatile organic compounds (VOCs)
in consumer spray products mostly assumes instantaneous mixing in a room. This well-mixed
assumption may result in the uncertainty of exposure estimation in terms of spatial resolution. As
the inhalation exposure to chemicals from consumer spray products may depend on the spatial
heterogeneity, the degree of uncertainty of a well-mixed assumption should be evaluated under
specific exposure scenarios. (2) Methods: A room for simulation was divided into eight compart-
ments to simulate inhalation exposure to an ethanol trigger and a propellant product. Real-time
measurements of the atmospheric concentration in a room-sized chamber by proton transfer reaction
mass spectrometry were compared with mathematical modeling to evaluate the non-homogeneous
distribution of chemicals after their application. (3) Results: The well-mixed model overestimated
short-term exposure, particularly under the trigger spray scenario. The uncertainty regarding the
different chemical proportions in the trigger did not significantly vary in this study. (4) Conclusions:
Inhalation exposure to aerosol generating sprays should consider the spatial uncertainty in terms of
the estimation of short-term exposure.

Keywords: micro environmental modeling; volatile organic compounds (VOCs); inhalation exposure;
spray product; proton transfer reaction mass spectrometry (PTR-MS)

1. Introduction

Volatile organic compounds (VOCs) are commonly used in consumer spray products
for various purposes, such as personal care and biocides [1-3]. Estimating the exposure to
VOCs is important for their safe use, and some VOCs in products are known to be harmful
when inhaled. Indoor VOCs, including formaldehyde, aromatics, and aliphatics, are
known to exhibit positive correlations with respiratory or immune diseases in children [4].
Increase of oxidative stress markers in murine brain and damage of learning and memory
functions of mice by exposure to VOCs was observed and implies potential neurobehavioral
disturbance by VOCs [5]. Additionally, the frequent use of spray products containing
volatile disinfectants could potentially result in the development of health-related effects,
such as adult asthma [2,6]. Children living nearby petrochemical plant emitting VOCs in
Argentina were observed to have more asthma and respiratory symptoms compared to the
control [7].

Exposure assessment of these products has been requested by several regulatory
authorities for the product’s evaluation and authorization [8]. As the chemical analysis
of active ingredients for the exposure assessment can only be conducted for certain cases
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due to time and cost, mathematical modeling is commonly employed for VOCs in such
products [3,9]. Models for the exposure assessment are divided into two parts: physical
models for estimating the chemical concentration and exposure models for simulating the
activity of a person [10,11]. Most physical models for assessing the personal exposure to
consumer products (i.e., ConsExpo [9]) are based on mass-balance equations in a microen-
vironment where instantaneous mixing is assumed [12]. Depending on the conditions
at which the consumer spray products are used, this simplifying assumption often fails
to predict the exposure concentration [13]. For example, a study on hotel housekeepers
attached with personal samplers reported nearly double the amount of VOC exposure
compared to that calculated based on the concentration of the room assuming complex
mixing [14]. This deviation could be explained by the heterogeneity of the ambient con-
centration during the use of consumer products. Computational fluid dynamics (CFD)
techniques, which divide a space into extremely fine grid cells, can be used to predict the
precise spatial distribution of target chemicals from spray products [15]. Despite providing
detailed information on fine spatial scales, CFD-applied models are not effective for generic
population exposure modeling owing to their high cost and demanding inputs such as the
heat transfer coefficient, room scale, supplied air velocity, and occupant behavior [12,15].

Microenvironmental models were thus suggested to supplement the mass-balance
models based on the well-mixed assumption but were adjusted to reduce the number of
microenvironments to avoid complexity, such as in CFD techniques. The near field-far field
(NF-FF) model divides a room into two well-mixed zones: a near-field where the emission
source is placed and a far-field where the air exchange occurs with the near-field zone and
the outdoor air [16]. Exposure estimates based on the NF-FF model agreed well with the
measurement data; however, greater uncertainty between the actual measurement and
modeling data is inevitable unless the input parameters are specified in experiments [17].

Thus, the uncertainty of inhalation exposure should be considered when investigating
the spatial resolution for the better application of models based on well-mixed assumptions.
In this study, a model dividing an entire room into eight microenvironments (henceforth
referred to as compartments) was used to estimate the uncertainty of prevalent models as-
suming well-mixed conditions. Exposure scenarios using a VOC-containing spray product
were simulated in a room-sized chamber, considering the factors contributing to the spatial
uncertainty, i.e., the type of spray and volume fraction of VOCs in the solution. Spatial
uncertainty was monitored real-time in each compartment using a proton-transfer-reaction
quadrupole mass spectrometer (PTR-qMS). The concentration deviation in each compart-
ment was compared to evaluate the spatial uncertainty of the measured and estimated
exposure concentrations, and factors contributing to uncertainty in the scenarios were
evaluated for future use.

2. Materials and Methods
2.1. Materials

Ethanol (HPLC solvent grade) was purchased from Sigma-Aldrich (St. Louis, MO,
USA). An empty trigger-type spray was used for experiments with a known ethanol
emission amount. A dust cleaner containing n-butane was purchased from a local market
in Seoul, Korea.

2.2. Test Chambers

Changes in the ambient air concentration of test VOCs were measured in real-time
using a custom-made chamber [18] (Figure Sla). A 30 m? stainless room-sized chamber
was manufactured to meet the criteria set by the American Society for Testing and Materials
(ASTM), and United States Environmental Protection Agency (U.S. EPA) [19,20]. Relative
humidity (range: 38-41%) and temperature (range: 21.5-23.6 °C) were adjusted using a
carbon and high efficiency particulate air (HEPA) filter, and the air change rate (ACR; A\, h™1)
of the chamber was adjusted to 1.0 h~! using a heating, ventilation, and air conditioning
(HVAC) system.
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A small custom-made acrylic chamber was used to calibrate the PTR-qMS using
a standard chemical (Figure S1b). The detailed description of the PTR-qMS is found
in Section 2.5. The volume of the acrylic chamber was 0.29 m3, and a fan was used to
homogeneously mix the evaporated chemical.

2.3. Exposure Scenarios

One of the default exposure scenarios offered by ConsExpo Web (version 1.0.5) was
chosen as a representative commercially available VOC-containing spray product in Seoul,
Korea. The surrogate VOCs for evaluating the uncertainty were selected for the experiment
considering the ease of real-time monitoring using a PTR-qMS. In this study, the scenario
using an all-purpose cleaning spray was selected and divided into two, a trigger-type
spray emitting mostly liquid aerosols (exposure scenario 1) and a propellant-type spray
emitting gas (exposure scenario 2). In exposure scenario 1, a trigger-type spray containing
an ethanol/water mixture at 20, 50, and 80% (v/v) was used to evaluate the effects of
solution composition on the spatial uncertainty. For a propellant-type spray in exposure
scenario 2, a commercial dust cleaner containing n-butane was used, as almost no aerosols
were detected using an optical particle sizer (OPS 3330; TSI Incorporated, Shoreview, MN,
USA) in a room-sized chamber. Size distributions of aerosol from the application of the
trigger-type and the propellant-type spray are depicted in Figures 52 and S3.

2.4. Modeling

Two models with different spatial resolutions were used to estimate the atmospheric
concentration of VOCs in a test chamber. In model 1, instantaneous and complete mixing
in the whole chamber after the application of the products was assumed (Figure 1a).
Conversely, the test chamber was divided into eight completely mixed air compartments
in model 2, as shown in Figure 1b,c.

(b) Compartment model - lower layer

source
N4

Con
(a) Well-mixed model —
o=t
(& "‘Nf’ Ci21

— Cair _

(c) Compartment model - upper layer

N4
Coo &> Cy,
o=t
N4
Con *’ Ciz

Figure 1. The schematic design of (a) model 1 which assumed a well-mixed condition and (b,c)
model 2 which divided the space into eight compartments for the validation of uncertainty. C,;, and
Cy are atmospheric concentrations in a room in model 1 and in each compartment (1) in model 2,
respectively. A indicates the total air exchange rate in the room (A). The exchange rate (A.y) between
the vertical compartments was not depicted in (b,c) but was considered in equation 2.

Assuming that VOC losses are dominated by ventilation and their concentration in
the infiltrating air is negligible, the mass-balance equation for model 1 is expressed as

dcuir
dt

14 = _Qcm'r + Rem (1)
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where V is the room volume (m?3), C;, is the atmospheric concentration of the target VOC
(mg m—3), t is the time (h), Q is the air flow rate to the chamber (m3 h™1; Q = V-A), and R,
is the emission rate of the VOC from the product (mg h™1).

In model 2, the product is applied to the source compartment, 111, while the other
seven compartments contain no sources. The notation of the compartments is numbered
according to the xyz-coordination (x = 1,2; y = 1,2; z = 1,2). It was assumed that the overall
air flows in one direction and the concentration of compartments at y = 2 is affected by
one-fourth of A compared to that in its upstream compartment (y = 1). The air exchange
rate between two adjacent compartments (Q.x M3 h1]; Qex = %-Agx) are all equal and
independent from A. Model 2 considered the vertical air exchange between adjacent
compartments as well as the horizontal air exchange. The chemical concentration in each
compartment was estimated using the following equation:

g% - _%Ci“‘Qex ' Z l(Cj_Ci) +%Ck:upstream ofi+Rem,i (2)
j = neighbor of i

where C; is the atmospheric concentration of the target VOC in a compartment (mg m~3), G
and Cy are three neighboring compartments and one upstream compartment, respectively,
and R, ; is the emission rate in compartment i (mg h=1).

Differential equations for the compartments were simultaneously solved in R-Studio
with the deSolve package, and parameter A,, was fitted by each experimental data using the
Leveberg-Marquardt nonlinear least-squares algorithm with the “minpack.lm” package [21,22].

2.5. Real-Time Monitoring of VOCs in the Test Chamber

Spatial variation of VOCs after the use of selected consumer products was evaluated
by real-time monitoring using a PTR-gMS (Ionicon GmbH, Innsbruck, Austria). PTR-gMS
was used for the detection of ethanol and PTR-qMS combined with switchable reagent ions
(SRI) was used for the detection of n-butane, owing to the difference in sensitivity [23,24].
PTR-gMS measures real-time concentration of VOCs by monitoring ions produced from
reactions of primer ions (H3O" and O,*, in this study) with VOCs in a drift tube [25].
The temperature of the drift tube was maintained at 80 °C and its operating conditions
were 2.3 mbar (p-Drift) and 600 V (Ug,if) to maintain the electric field per gas number
density (E/N) at 136 Td [1 Td = 10~ V em? molecule™!]. The current of the ion source
(Ihc) was 4.0 mA with HyO flow at 6 sccm (standard cubic centimeter per minute). The
ethanol concentration was monitored at m/z 21.00 and 47.00 for H3O* (primary ion) and
C,HsOH-H*, respectively. The n-butane concentration was monitored at m/z 34.00 and
57.00 for isotopic O,* (primary ion) and C4Hg™", respectively. The scan speed of each mass
was 100 ms.

Each spray product was positioned at a height of 1.1 m from the floor and placed par-
allel to the direction of air flow along the x-axis of the chamber. The weight of the product
was measured before and after application. The chamber was considered to consist of eight
compartments of the equal volume. The center of each compartment was designated as a
sampling point, and its distance from the nearest and farthest compartment is 1.2 m and
1.95 m, respectively. Concentrations of VOCs in eight compartments of the room chamber
were monitored triplicate for the exposure scenario 1 and once for the exposure scenario 2.
The concentration of ethanol or n-butane was measured for 20 min after the application
of the product at eight sampling points, as described in Figure 1b,c. The chamber was
sufficiently ventilated between tests to maintain the background concentration at least for
5 min before the application lower than 10 mg/m? and 1 mg/m?3 for exposure scenario 1
and 2, respectively. An inlet line fixed at the desired sampling point was used to send air
to a PTR instrument located outside the chamber. The experiments were repeated in all
eight compartments to evaluate spatial variability.

The instrument was calibrated using a standard chemical in the acryl chamber. Ethanol
was injected into the chamber attached to a running fan, and the concentration was mea-
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Concentration [mg/m°]

sured after no liquid was observed on the floor. The ambient concentration was calculated
assuming complete evaporation and negligible losses; a good linearity was observed in
the experimental range. The observed concentration by PTR-qMS was then calibrated and
subtracted by each background concentration measured before the application. Next, it was
smoothened with a running average of 2.5 min to decrease the instrumental noise [26]. The
measured concentrations in different experiments were normalized based on the weight
of the product applied to compare the independent measurements. The 0.1- and 0.3-h
time-weighted averages (TWA) were calculated based on both the measured and modeled
concentration data in each exposure scenario.

The coefficient of variation (CV) was used as an indicator for the spatial uncertainty
of different scenarios over time. CV was calculated based on the standard deviation of the
concentration of eight compartments divided by their normalized mean concentration at
time .

3. Results

Exposure scenario 1 with a trigger-type spray was simulated in a room-sized chamber,
and the ethanol concentration was measured in triplicate at eight sampling points in the
chamber (Figure 2). After a certain amount of time following the application (0.15 to
0.25 h), the measured values in each compartment deviated less from the well-mixed
estimation (bold line). For the short-term exposure less than 0.10 h, model 1 overestimated
the concentration, except in C111 and Cyp1. As the duration of exposure was 20 min, the
concentrations in all compartments converged to the predicted value within the range of
15 to 30 mg m 3.

Caa1

60 100

20

000 0.10 0.20

0.30 000 010 020 0.30

0.00 0.10 0.20 0.30 0.00 0.10 0.20 0.30 0.00 0.10 0.20 0.30
time [h]
set 1 A set 2 f set3
= well mixed model ---- compartment model

Figure 2. Simulation of a trigger spray containing 50% ethanol solution in the room chamber. The concentration of each

compartment was measured in real-time. The scan speed of the instrument was 100 ms (millisecond).

Temporal variation of CV in modeling the eight compartments was estimated using
different .y values (Figure 3). As A,y increases (e.g., when A,y is 10 times larger than
A), it is plausible to say that mixing occurs rigorously between compartments. Based on
the real-time concentrations in the eight compartments shown in Figure 2, the trimmed
average of the best-fitted A,y values was 4.64 h~1. Although the A value fits well with the
modeled concentration, the spatial uncertainty of the real-time concentration is larger than
that estimated using the mathematical prediction when A,y is 4.64 h! (Figure 3).
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Figure 3. Coefficient of variation (CV) by time using the eight-compartment measurement data in a
room-sized chamber (black line) and R simulation (blue lines). A is the total air flow rate (h~1) and
Aeyx is the air exchange rate between the adjacent compartments (h™1). The CV line at gy /A is 4.64 is
when A,y was fitted with the triplicate measurement data.

The n-butane concentration was measured in the room chamber in the simulated ex-
posure scenario 2, in which a propellant spray containing n-butane is employed (Figure 4a).
Despite fluctuations in the concentration of the short-term exposure, the concentration in
each compartment eventually reached a similar level, ranging between 0.05 and 0.15 mg m 3.
Figure 4b shows the decreasing trends in CV values over time in two exposure scenarios.
At shorter exposure times (<0.10 h), the spatial uncertainty is considerably larger in sce-
nario 1 than that in scenario 2, but the discrepancy between the two exposure scenarios is
negligible subsequently.

(b) Coefficient of Variation

(a) Exposure scenario 2 o
o | =. a — = =
%13 ! el 1) Bl 1 N I B A Exposure scenario 1
E § o= C211 === Ca1z o _| — Exposure scenario 2
: w=e= Cpp === C220 o "
3 -
< o |
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£ 81 0
= -
5 -
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3 v |
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' ’ 1 ! : : L 000 005 0.10 015 020 025 030
000 005 010 015 020 025 030
time [h] time [h]

Figure 4. Measurement of (a) simulated exposure scenario 2, a propellant spray containing n-butane,
and (b) its comparison to exposure scenario 1, a trigger spray containing ethanol.

The composition of the VOC in the product is another factor that might influence
the spatial uncertainty of the model. To test the effects of the ethanol fraction in the
solution on the spatial uncertainty, three different mixing ratios of ethanol in a product
were tested under exposure scenario 1 using a trigger spray. Figure 5a—c shows the real-
time concentration after applying each solution. The concentration in each compartment
reached a level similar to that predicted by model 1 in all three solutions, except for Cy1;
with 80% ethanol solution spray. The decreasing trend of uncertainty upon using different
concentrations of ethanol solution is shown in Figure 6.
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Figure 5. Measurement of exposure scenario 1, a trigger spray containing ethanol mixture at (a) 20%,
(b) 50%, and (c) 80% of the volume ratio.
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TWA exposure values were estimated based on the measured and modeled concen-
trations in each exposure scenario (Table 1). Cq11 represents the point where the product
was used, and Cpp, represents the farthest compartment, which is expected to have the
lowest concentration among them. The discrepancy among the compartments at the short-
term exposure (0.1 h) existed up to 40-fold in scenario 1, and to approximately 10-fold in
scenario 2. The deviation of TWA among the compartments decreased after 0.3 h in both
scenarios. Additionally, the well-mixed modeling underestimated the TWA by a factor of
1.7 compared to Cq11 in the eight-compartment measurement.

Table 1. Time-weighted average (TWA) exposure values from the two models using two exposure scenarios with an ethanol

trigger (scenario 1) and n-butane propellant spray (scenario 2).

TWA Exposure (mg m—3)

S . Exposure . : :
pray Type Chemical Duration (h) Real-Time Measurement in Compartments Well-Mixed
Modeli
Cin Cinz Cax odeling
. 0.1 40.1 4.9 1.7 25.2
Trigger Ethanol 0.3 23 134 16.1 229
0.1 0.91 1.0 10.3 -
Propellant n-butane 03 23 17 45 )

4. Discussion

Spatial uncertainty was evaluated by simulating the concentration of the eight com-
partments. Overall, the CV of both exposure scenarios in this study was less than 0.5
within 20 min, while higher variations appeared at the short-term exposure. The initial
exposure time during which the spatial uncertainty is significant may differ depending
on the conditions of the room. In this model, A,y is an indicator that represents the mixing
of air in the chamber by convection and dispersion. As shown in Figure 3, increasing the
Aex/A value, for example with a thermal gradient using an air conditioner or heater to
increase the convectional flow, can shorten the time required for almost complete mixing.
Additionally, human occupants introduce a thermal gradient that contributes to a higher
spatial uncertainty [27,28].

The most plausible factor contributing to the spatial uncertainty is the generation of
aerosols from the spray. Deposition of heavier aerosols on the floor occurs easily, and a
phase transition into the gaseous phase is necessary for suspended VOC aerosols. A dust
cleaner produces less aerosols (Figure S3) and thus its use is appropriate for discovering the
effect of phase transition on the uncertainty. As shown in Figure 3b, the spatial uncertainty
of exposure scenario 2 using a propellant spray decreases due to convection, dispersion,
and air mixing through the air injected into the chamber. However, in exposure scenario 1
using a trigger-type spray, the phase transition from liquid aerosols to vapor occurs after
the application of the product, and eventually appears to have greater spatial uncertainty
during the initial stage (<0.10 h) compared to exposure scenario 2. Based on the results
of this study, VOCs must undergo a phase transition to a gaseous state when applied as
liquid aerosols. Several studies using engineered nanoparticle (ENP) sprays (e.g., silver
nanoparticles) observed that the spray nozzle types and size distribution of aerosols are
important for estimating the inhalation exposure [29-33], although VOCs are expected to
vaporize faster and achieve even distribution more easily than ENPs in spray products.
The results of this study suggest that the estimation of inhalation exposure to VOCs should
consider the spatial uncertainty, particularly regarding short-term exposure.

The composition of an active chemical in the spray content was also expected to
contribute to the spatial uncertainty. Most VOCs in consumer products are mixed with
other components such as solvents and surfactants. The fate of VOCs could be affected by
the properties of the mixture. For instance, the vapor pressure of ethanol differs with its
mole fraction in a water—ethanol mixture [34]. A larger portion of ethanol in the solution
is expected to contribute to a more even distribution due to the higher vapor pressure.
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However, the uncertainty did not significantly vary among the three different ethanol
solutions used in this study. The vapor pressure of ethanol in each solution is not markedly
different. The volume fraction of ethanol in water is not linearly proportional to the vapor
pressure of ethanol, as the mixture demonstrates a non-ideal behavior. The vapor pressure
of ethanol from 20 to 80% solution ranges from 5.7 to 7.6 kPa at 25 °C [34]. Thus, the
increase in ethanol composition showed less correlation with the spatial uncertainty.

Other factors such as the structure of a room may affect the spatial uncertainty. Studies
using CFD techniques have estimated that articles in the room are likely to affect the
spatial distribution. For instance, furniture and walls act as obstacles for the well-mixing
condition [27,35]. They affect the homogeneity by hampering the convection along with
absorbing the chemical from the indoor air. The ventilation system of the chamber also
affects the well-mixing condition. Differences in the opening locations for the inflow and
outflow may affect the ventilation efficiency of the chamber [35,36].

Future study is suggested to conduct with other exposure scenarios. As this study
conducted two exposure scenarios of spray products in which active substances are instan-
taneously mixed after application, the exposure scenarios of the products emitting VOCs
constantly to the air can be conducted. For example, a naphthalene deodorant ball emits
constantly and may be distributed unevenly due to the ventilation flow or the location
of the product [37]. The evaporated substance may reach the steady state in a room after
long-term use of the product. Partitioning properties are also important in the indoor
distribution of substances with high octanol-air partition coefficient. [38]

The results of this study show that spatial uncertainty during short-term exposure
is shown to be important when comparing the TWA among compartments. The TWA
exposure concentration in the breathing zone of the spray user could deviate from those
in other test chamber compartments. The short-term deviation of TWA in this study may
provide scientific grounds to investigators monitoring indoor chemicals when uneven
distribution of chemicals was observed. The type of spray also affected the short-term
spatial uncertainty, as the different size distributions of generated aerosols depend on the
spray type. For considering the spatial uncertainty, application of an additional safety
factor for liquid aerosol sprays used for a short time could be included in the exposure
assessment of these products.

5. Conclusions

In this study, the spatial uncertainty of exposure to VOCs during the use of spray
products was simulated in a room divided by eight compartments. Measurement and
mathematical exposure modeling both resulted in large spatial uncertainty in the short-
term exposure. Exposure scenarios using different type of spray showed their contribution
to the spatial uncertainty. Thus, this study suggests that the spatial uncertainty due to
spray products requires consideration for a short-term exposure assessment. Because only
two exposure scenarios were evaluated in this study, future research using more possible
scenarios is needed for the implementation of the additional assessment factor with more
specific and practical considerations.

Supplementary Materials: The following are available online at https://www.mdpi.com/article/10
.3390/ijerph18105334 /51, Figure S1. (a) Interior of the room-size chamber and (b) the acrylic chamber
used in this study. Figure S2. Size distribution of aerosols from an application of a trigger spray
and the background of the room-sized chamber. Figure S3. Size distribution of aerosols from an
application of a propellant spray and the background of the room-sized chamber.

Author Contributions: Conceptualization, Y.J., YK., and ]J.-H.K.; methodology, Y.J. and Y.K; valida-
tion, Y.J. and J.-H.K.; formal analysis, Y.J.; investigation, Y.J. and Y.K.; resources, H.-S.S. and J.-H.L;
data curation, Y.J.; writing—original draft preparation, Y.J.; writing—review and editing, J.-H.K,;
visualization, Y.J.; supervision, J.-H.K_; project administration, Y.J.; funding acquisition, J.-H.K. All
authors have read and agreed to the published version of the manuscript.


https://www.mdpi.com/article/10.3390/ijerph18105334/s1
https://www.mdpi.com/article/10.3390/ijerph18105334/s1

Int. J. Environ. Res. Public Health 2021, 18, 5334 10 of 11

Funding: This work was supported by the Korea Environment Industry & Technology Institute
(KEITI) through the Technology Development Project for Safety Management of Household Chemical
Products Program, funded by the Korea Ministry of Environment (MOE) (2020002970001).

Institutional Review Board Statement: Not applicable.
Informed Consent Statement: Not applicable.
Data Availability Statement: The data presented in this study are available on request.

Conflicts of Interest: The authors declare no conflict of interest.

References

1.

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

Singer, B.C.; Coleman, B.K; Destaillats, H.; Hodgson, A.T.; Lunden, M.M.; Weschler, C.J.; Nazaroff, W.W. Indoor secondary
pollutants from cleaning product and air freshener use in the presence of ozone. Atmos. Environ. 2006, 40, 6696-6710. [CrossRef]
Rahman, M.M.; Kim, K.H. Potential hazard of volatile organic compounds contained in household spray products. Atmos.
Environ. 2014, 85, 266-274. [CrossRef]

Clausen, P.A.; Morck, T.A,; Jensen, A.C.0.; Schou, T.W.; Kofoed-Serensen, V.; Koponen, LK.; Frederiksen, M.; Detmer, A.; Fink,
M.; Norgaard, A.W.; et al. Biocidal spray product exposure: Measured gas, particle, and surface concentrations compared with
spray model simulations. J. Occup. Environ. Hyg. 2020, 17, 15-29. [CrossRef] [PubMed]

Mendell, M.]. Indoor residential chemical emissions as risk factors for respiratory and allergic effects in children: A review. Indoor
Air 2007, 17, 259-277. [CrossRef] [PubMed]

Wang, F; Li, C.; Liu, W.; Jin, Y. Potential mechanisms of neurobehavioral disturbances in mice caused by sub-chronic exposure to
low-dose VOCs. Inhal. Toxicol. 2014, 26, 250-258. [CrossRef]

Zock, ].P; Plana, E ; Jarvis, D.; Ant6, ].M.; Kromhout, H.; Kennedy, S.M.; Kiinzli, N.; Villani, S.; Olivieri, M.; Torén, K.; et al. The
use of household cleaning sprays and adult asthma: An international longitudinal study. Am. J. Respir. Crit. Care Med. 2007, 176,
735-741. [CrossRef]

Wichmann, FA.; Miiller, A.; Busi, L.E.; Cianni, N.; Massolo, L.; Schlink, U.; Porta, A.; Sly, P.D. Increased asthma and respiratory
symptoms in children exposed to petrochemical pollution. J. Allergy Clin. Immun. 2009, 123, 632-638. [CrossRef]

OECD (Organisation for Economic Co-operation and Development). Report on International Consumer Product Safety Risk
Assessment Practices. Working Party on Consumer Product Safety, Directorate for Science, Technology, and Innovation Com-
mittee on Consumer Policy. 2016. Available online: https://www.oecd.org/sti/consumer/Report%20on%20International %20
Consumer%?20Product%20Safety %20Risk%20Assessment%20Practices.pdf (accessed on 8 May 2021).

Delmaar, ].E.; Schuur, A.G. ConsExpo Web, Consumer Exposure Models. Model Documentation, Update for ConsExpo Web 1.0.2. RIVM
Report 2017-0197; National Institute for Public Health and the Environment (RIVM): Bilthoven, The Netherlands, 2017.

Jayjock, M.A.; Chaisson, C.F.; Arnold, S.; Dederick, E.J. Modeling framework for human exposure assessment. J. Expo. Sci.
Environ. Epidemiol. 2007, 17, S81-589. [CrossRef] [PubMed]

Dimitroulopoulou, C.; Ashmore, M.R.; Byrne, M.A.; Kinnersley, R.P. Modelling of indoor exposure to nitrogen dioxide in the UK.
Atmos. Environ. 2001, 35, 269-279. [CrossRef]

Milner, J.; Vardoulakis, S.; Chalabi, Z.; Wilkinson, P. Modelling inhalation exposure to combustion-related air pollutants in
residential buildings: Application to health impact assessment. Environ. Int. 2011, 37, 268-279. [CrossRef]

Delmaar, C.; Meesters, ]. Modeling consumer exposure to spray products: An evaluation of the ConsExpo Web and ConsExpo
nano models with experimental data. J. Expo. Sci. Environ. Epidemiol. 2020, 30, 878-887. [CrossRef] [PubMed]

Lin, N.; Rosemberg, M.-A.; Li, W.; Meza-Wilson, E.; Godwin, C.; Batterman, S. Occupational exposure and health risks of volatile
organic compounds (vocs) of hotel housekeepers field measurements of exposure and health risks. Indoor Air 2020, 31, 26-39.
[CrossRef] [PubMed]

Yang, L.; Ye, M.; He, B.J. CFD simulation research on residential indoor air quality. Sci. Total Environ. 2014, 472, 1137-1144.
[CrossRef]

US EPA (United States Environmental Protection Agency) Consumer Exposure Model (CEM) Version 2.0 User’s Guide. 2017.
Available online: https:/ /www.epa.gov/tsca-screening-tools/consumer-exposure-model-cem-version-20-users-guide (accessed
on 12 April 2021).

Hofstetter, E.; Spencer, J.W.; Hiteshew, K.; Coutu, M.; Nealley, M. Evaluation of recommended reach exposure modeling tools and
near-field, far-field model in assessing occupational exposure to toluene from spray paint. Ann. Occup. Hyg. 2013, 57, 210-220.
[PubMed]

Park, S.-K.; Seol, H.-S.; Park, H.-].; Kim, Y.-S.; Ryu, S.-H.; Kim, J.; Kim, S.; Lee, ].-H.; Kwon, ].-H. Experimental determination of
indoor air concentration of 5-chloro-2-methylisothiazol-3(2H)-one/2-methylisothiazol-3(2H)-one (CMIT/MIT) emitted by the use
of humidifier disinfectant. Environ. Anal. Health Toxicol. 2020, 35, €2020008. [CrossRef]

American Society for Testing and Materials (ASTM). Standard Practice for Full-Scale Chamber Determination of Volatile Organic
Emissions from Indoor Material /Products. 2007. Available online: https://www.astm.org/Standards/D6670.htm (accessed on 6
June 2019).


http://doi.org/10.1016/j.atmosenv.2006.06.005
http://doi.org/10.1016/j.atmosenv.2013.12.001
http://doi.org/10.1080/15459624.2019.1689247
http://www.ncbi.nlm.nih.gov/pubmed/31815607
http://doi.org/10.1111/j.1600-0668.2007.00478.x
http://www.ncbi.nlm.nih.gov/pubmed/17661923
http://doi.org/10.3109/08958378.2014.882447
http://doi.org/10.1164/rccm.200612-1793OC
http://doi.org/10.1016/j.jaci.2008.09.052
https://www.oecd.org/sti/consumer/Report%20on%20International%20Consumer%20Product%20Safety%20Risk%20Assessment%20Practices.pdf
https://www.oecd.org/sti/consumer/Report%20on%20International%20Consumer%20Product%20Safety%20Risk%20Assessment%20Practices.pdf
http://doi.org/10.1038/sj.jes.7500580
http://www.ncbi.nlm.nih.gov/pubmed/17505502
http://doi.org/10.1016/S1352-2310(00)00176-X
http://doi.org/10.1016/j.envint.2010.08.015
http://doi.org/10.1038/s41370-020-0239-x
http://www.ncbi.nlm.nih.gov/pubmed/32555302
http://doi.org/10.1111/ina.12709
http://www.ncbi.nlm.nih.gov/pubmed/32609907
http://doi.org/10.1016/j.scitotenv.2013.11.118
https://www.epa.gov/tsca-screening-tools/consumer-exposure-model-cem-version-20-users-guide
http://www.ncbi.nlm.nih.gov/pubmed/23002273
http://doi.org/10.5620/eaht.e2020008
https://www.astm.org/Standards/D6670.htm

Int. J. Environ. Res. Public Health 2021, 18, 5334 11 of 11

20.

21.
22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

38.

US EPA (United States Environmental Protection Agency). Large Chamber Test Protocol for Measuring Emissions of VOCs and
Aldehydes; United States Environmental Protection Agency: Research Triangle Park, NC, USA, 1999.

Soetaert, K.; Petzoldt, T.; Setzer, R. Solving Differential Equations in R: Package deSolve. |. Stat. Softw. 2010, 33, 1-25. [CrossRef]
RStudio Team. RStudio: Integrated Development for R. 2015. Available online: https://www.rstudio.com/products/rstudio/
download/ (accessed on 18 January 2019).

Amador-Murioz, O.; Misztal, PK.; Weber, R.; Worton, D.R.; Zhang, H.; Drozd, G.; Goldstein, A.H. Sensitive detection of n-alkanes
using a mixed ionization mode proton-transfer-reaction mass spectrometer. Atmos. Meas. Tech. 2016, 9, 5315-5329. [CrossRef]
Warneke, C.; Veres, P.; Murphy, S.M.; Soltis, J.; Field, R.A.; Graus, M.G.; Koss, A.; Li, S.-M.; Li, R.; Yuan, B.; et al. PTR-QMS versus
PTR-TOF comparison in a region with oil and natural gas extraction industry in the Uintah Basin in 2013. Atmos. Meas. Tech. 2015,
8, 411-420. [CrossRef]

Hewitt, C.N.; Hayward, S.; Tani, A. The application of proton transfer reaction- mass spectrometry (PTR-MS) to the monitoring
and analysis of volatile organic compounds in the atmosphere. . Environ. Monit. 2002, 5, 1-7. [CrossRef] [PubMed]

Taipale, R.; Ruuskanen, T.M.; Rinne, J.; Kajos, M.K.; Hakola, H.; Pohja, T.; Kulmala, M. Technical note: Quantitative long-term
measurements of VOC concentrations by PTR-MS—Measurement, calibration, and volume mixing ratio calculation methods.
Atmos. Chem. Phys. 2008, 8, 6681-6698. [CrossRef]

Nielson, P.V. Numerical Predictions of Air Distribution in Rooms—Status and Potentials: Status and Potentials; Indoor Environmental
Technology; Department of Building Technology and Structural Engineering, Aalborg University: Aalborg, Denmark, 1988;
Volume R8823.

Srebric, J.; Vukovic, V.; He, G.; Yang, X. CFD boundary conditions for contaminant dispersion, heat transfer and airflow
simulations around human occupants in indoor environments. Build. Environ. 2008, 43, 294-303. [CrossRef]

Hagendorfer, H.; Lorenz, C.; Kaegi, R.; Sinnet, B.; Gehrig, R.; Goetz, N.V.; Scheringer, M.; Ludwig, C.; Ulrich, A. Size-fractionated
characterization and quantification of nanoparticle release rates from a consumer spray product containing engineered nanoparti-
cles. J. Nanopart. Res. 2010, 12, 2481-2494. [CrossRef]

Nazarenko, Y.; Han, T.W.; Lioy, PJ.; Mainelis, G. Potential for exposure to engineered nanoparticles from nanotechnology-based
consumer spray products. J. Expo. Sci. Environ. Epidemiol. 2011, 21, 515-528. [CrossRef] [PubMed]

Quadros, M.E.; Marr, L.C. Silver nanoparticles and total aerosols emitted by nanotechnology-related consumer spray products.
Environ. Sci. Technol. 2011, 45, 10713-10719. [CrossRef] [PubMed]

Park, J.; Ham, S.; Jang, M.; Lee, J.; Kim, S.; Kim, S.; Lee, K.; Park, D.; Kwon, J.; Kim, H.; et al. Spatial-temporal dispersion of
aerosolized nanoparticles during the use of consumer spray products and estimates of inhalation exposure. Environ. Sci. Technol.
2017, 51, 7624-7638. [CrossRef]

Park, J.; Ham, S.; Kim, S.; Jang, M.; Lee, J.; Kim, S.; Park, D.; Lee, K.; Kim, H.; Kim, P; et al. Physicochemical characteristics of
colloidal nanomaterial suspensions and aerosolized particulates from nano-enabled consumer spray products. Indoor Air 2020,
30, 925-941. [CrossRef] [PubMed]

Miller, EA. Activities of Aliphatic Acids and Alcohols in Binary Aqueous Solutions. Ph.D. Thesis, Iowa State University, Ames,
IA, USA, 1953.

Posner, ].D.; Buchanan, C.R.; Dunn-Rankin, D. Measurement and prediction of indoor air flow in a model room. Energy Build.
2003, 35, 515-526. [CrossRef]

Lim, E.; Sagara, K.; Yamanaka, T.; Kotani, H. CFD analysis of airflow characteristics inside office room with hybrid air-conditioning
system. In Proceedings of the 29th AIVC Conference, Advanced Building Ventilation and Environmental Technology for
Addressing Climate Change Issues, Kyoto, Japan, 14-16 October 2008; pp. 89-94.

Hagyard, J.; Brimmell, J.; Edwards, E.J.; Vaughan, R.S. Inhibitory control across athletic expertise and its relationship with sport
performance. J. Sport Exerc. Psychol. 2021, 43, 14-27. [CrossRef] [PubMed]

Salthammer, T.; Schripp, T. Application of the Junge- and Pankow-equation for estimating indoor gas/particle distribution and
exposure to SVOCs. Atmos. Environ. 2015, 106, 467-476. [CrossRef]


http://doi.org/10.18637/jss.v033.i09
https://www.rstudio.com/products/rstudio/download/
https://www.rstudio.com/products/rstudio/download/
http://doi.org/10.5194/amt-9-5315-2016
http://doi.org/10.5194/amt-8-411-2015
http://doi.org/10.1039/b204712h
http://www.ncbi.nlm.nih.gov/pubmed/12619749
http://doi.org/10.5194/acp-8-6681-2008
http://doi.org/10.1016/j.buildenv.2006.03.023
http://doi.org/10.1007/s11051-009-9816-6
http://doi.org/10.1038/jes.2011.10
http://www.ncbi.nlm.nih.gov/pubmed/21364702
http://doi.org/10.1021/es202770m
http://www.ncbi.nlm.nih.gov/pubmed/22070550
http://doi.org/10.1021/acs.est.7b00211
http://doi.org/10.1111/ina.12668
http://www.ncbi.nlm.nih.gov/pubmed/32201992
http://doi.org/10.1016/S0378-7788(02)00163-9
http://doi.org/10.1123/jsep.2020-0043
http://www.ncbi.nlm.nih.gov/pubmed/33383568
http://doi.org/10.1016/j.atmosenv.2014.09.050

	Introduction 
	Materials and Methods 
	Materials 
	Test Chambers 
	Exposure Scenarios 
	Modeling 
	Real-Time Monitoring of VOCs in the Test Chamber 

	Results 
	Discussion 
	Conclusions 
	References

