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Abstract: Under the rapid development of urbanization, fire service becomes one of the biggest
contributive factors to personal health and property safety. A reasonable plan of fire services should
first address the issue of service area delimitation for fire emergency facilities. Specifically, there are
two key factors for fire services including rescue efficiency and load balancing, which are usually
handled by the space partitioning methods (e.g., Voronoi diagram). The traditional methods tend to
model the space in a homogeneous plane with Euclidean distance, while in reality, the movement of
rescuing is constrained by the street network. In addition, the built environment is complex by its
variation of fire risk across places. Therefore, we propose a novel constrained Voronoi diagram for
fire service area delimitation by adding the datasets of street network and historical fire incidents.
Considering the prior knowledge that a fire engine is expected to reach the location of incident within
five minutes, which is also called Golden 5 min, we propose a network partitioning algorithm which
is able to increase the five-minute coverage of fire stations. Through a case study in Nanjing, China,
we demonstrate the practicability of the proposed method in delimitating service areas of fire stations
across time.

Keywords: fire stations; fire incident; service area; emergency facilities

1. Introduction

The demarcation of service area is one of the most important issues in spatial partitioning, as a
reasonable service area delimitation always increases the efficiency of facilities service. It has been
widely studied in various fields, for example, trade zones planning [1–5], medical services area
planning [6–8], and police patrol areas planning [9–12]. Although many methods have been developed
to deal with spatial partitioning and service area delimitation problems, it remains a challenging task
when establishing a spatial proximity model independent of the coordinate geometry.

Voronoi diagrams are widely used to deal with spatial optimization and spatial partitioning
problems, especially in delimiting the service area of facilities [13–16]. Recently, Qiao et al. [17] used
the Voronoi diagram to create service areas for the charging stations in Shanghai and then identified
the one with the highest time cost to locate the new facility. Despite the planning of urban services
being extensively studied in the past, the balancing between service demand and supply remains
a challenging task in the new complex environment. In the rapid development of urbanization,
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the unbalanced built environment leads to the spatial heterogeneity of service demand. At the same
time, the intricate roads have greatly affected the ability of urban services. Therefore, the traditional
Voronoi diagram that models the urban space as a homogeneous environment is no longer suitable for
delimiting the service areas of current urban facilities.

In the literature, many extensions of the Voronoi diagram have been developed to adapt to the
complexity of real-world geographic scenes. For example, Okabe et al. [18] formulate six Voronoi
diagrams defined on the network, termed generalized network Voronoi diagrams, to precisely represent
service areas in urban areas. The extension of the Voronoi diagram to a network space is more in
line with the real characteristics of a street network service transmission and more suitable for urban
activities, e.g., retail services. With considering the geographic distribution of demands and the
socioeconomic context, Wang et al. [19] apply the hexagon-based adaptive crystal growth Voronoi
diagrams to delimit middle school service areas. The results indicate that, compared with the
raster-based method, the hexagon grid method is more accurate in measuring continuous weighted
planes. Furthermore, the weighted Voronoi diagram allows for a more detailed modeling of services
by introducing the varied capabilities of a facility. It is widely used in urban planning applications
including trade zone design [20], transportation and logistics problems [21–23], political districting [24],
substation planning [25,26], and school districting [19,27].

However, there are few studies on the service division applied to urban emergency facilities,
especially fire stations. As a critical emergency facility in cities, a fire station aims at providing timely
services to cover nearby fire incidents and associated events. However, the current emergency system
in China delimits the service areas of fire stations based mainly on a 2D polygon, such as block units,
which is hard to take into account the variation of fire risk across regions. In addition, the existing
service areas of fire stations ignore the actual route of rescue vehicles, which may consume a large
amount of rescue time. Therefore, a reasonable division of fire station service area should consider
three aspects including rescue accessibility, balanced workload, and related legal requirements.

Under the context of fire rescue, fire engines reach the locations of incidents through the route of a
street network, and in practical applications, the main attention of planners is also paid to the division
of network segments for understanding the accessibility of fire emergency service. Hence, it may be
more appropriate to define the service areas of fire stations using the constraint of the street network.
Besides rescue accessibility, the constraint of balanced workload should also be considered in the region
partitioning method. According to the studies in resource allocation [28], the unbalanced workload
could lead to some areas becoming overstaffed while others become understaffed. It is believed that the
unbalanced workload can even lead to morale problems and span-of-control issues. In this paper, we
quantify the workload by the density of events. Kernel density estimation (KDE) is a popular method
in analyzing the first-order properties of point event distributions [29–31]. KDE generates smooth
density surfaces of point events in space by calculating the intensity of events as density estimation.
With much attention paid to the network analysis, network kernel density estimation was also used in
analyzing urban point events, e.g., traffic accidents [32].

Furthermore, according to the regulations of the Ministry of Public Security, an important principle
of fire station planning is that fire engines can reach the locations of fire events in 5 min [33]. Such
Golden 5 min constraint can ensure that the fire damage is efficiently controlled by the fire fighters
before residents suffer a great loss in the fire. However, the constraint of workload requires assigning
a place to a fire station according to fire risk, and there is a need to improve the Voronoi model by
increasing the cumulative coverage area of 5 min of all the Voronoi generators.

With the abovementioned three issues considered, we propose a constrained Voronoi diagram
(C-VD) to detect the service area for emergency facilities (e.g., fire station). In general, our method is
more effective than the traditional method by introducing three constraints including street network
constraint, fire risk constraint, and Golden 5 min fire rescuing constraint. More specifically, considering
that the interaction between demand and supply of fire service is along the street network, we adopt
the network shortest-path distance in proximity analysis and obtain the service area of fire stations as
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the network section consisting of segments and nodes. In addition, since the fire risk varies across
locations of urban space, the regions with the same area may have different workloads in the emergency
service system, and thus, we propose to weigh the network distance by quantifying the workload of
locations on the street network. This process is realized by adding the data of historical fire incidents.
Furthermore, in order to increase the cumulative 5-min coverage area of fire stations, we propose
a new algorithm for generating a C-VD. Specifically, all the generators of the fire station expand
along the street network simultaneously, and when an operator reaches the boundaries of the 5-min
neighborhood, it stops until all the other operators meet the time threshold of 5 min. Our algorithm
introduces the fire risk into distance calculating, and at the same time, it takes into account the specific
requirement of fire rescuing, i.e., increasing the cumulative coverage area of 5 min of fire stations.
In this way, the space tessellation of a C-VD can be very different from the result of the general
Voronoi diagram.

The paper is organized as follows: Section 2 details the methodology of C-VD. Section 3 describes
the study area and data. Section 4 analyzes and discusses the experimental results. Section 5 concludes
the research and provides future directions.

2. Methodology

Although our proposed C-VD is still based on the principle of assigning a place to the nearest
generator, it introduces three additional constraints (i.e., street network constraint, fire risk constraint,
and Golden 5 min constraint) to obtain a more practical result of the service area division for fire
emergency facilities. To incorporate all the constraints, we first project fire stations to the nearest
locations on the street network and define their service area as a set of network segments and nodes
(Section 2.1). In this way, the fire station provides emergency service along the network distance rather
than Euclidean distance. Second, the fire risk on network segments is quantified by using the kernel
density analysis of historical fire incidents, and then, the network distance is weighted by such a
variable to calculate the workload on each network segment (Section 2.2). Finally, an extended network
expanding algorithm is used to help increase the 5-min coverage areas of C-VD of the fire stations
(Section 2.3).

2.1. Constraint of Street Network

In order to model the constraint of network distance, we use a graph structure to represent the
street network. Specifically, a street network is formalized as G = (V, E) where V is the set of nodes
and E is the set of edges in the street network. For simplicity of concept demonstration, we assume the
graph G is planar and non-directed.

In addition, the expanding operation of generator points in the C-VD is carried out along the
street network, and thus, the next step is to project the generator points S = {S1, S2 . . . Sn } onto their
corresponding nearest locations on the street network. This process can be realized by calculating the
Euclidean distance between generator points (i.e., locations of fire stations) and network segments.
At the end of this stage, the projected points on the network are detected as the proxy of fire stations
for further analysis. Figure 1 presents a comparison between the traditional Voronoi diagram and our
division method with adding street network restriction.
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Figure 1. The comparison between two partitioning methods: (a) the traditional Voronoi diagram
based on planar partitioning and (b) the street-based partitioning model.

2.2. Constraint of Fire Risk

In addition to the geometric distance, fire risk is another important factor that constrains the
service area of a fire station by representing the demand in urban space. In general, the more likely the
fire events could occur, the larger workload the neighboring fire stations have. Hence, it is critical to
quantify the distribution of fire risk across the space. Actually, there are many factors contributing
to fire risk, e.g., population age, building age, building density, land use, etc. The result of fire risk
variation can be directly reflected by the density patterns of historical fire event points. The more fire
incidents a local region has, the higher fire risk it has and, then, the larger the workload covered for it
should be. In addition, fire risk should be distributed around the location of the fire incident. More
specifically, the actual location where a fire incident occurs has the largest risk, and with the increase of
distance from the incident location, the neighboring locations have a decreased risk. This conforms to
the requirement of a “distance decay effect”, which is a specific form of the First Law of Geography in
spatial analysis research. Taking into account these factors, we adopt the kernel density method to
calculate the fire risk in space.

The kernel density estimation (KDE) method uses a kernel function to model the “distance decay
effect”, in which the point density value decreases gradually with increasing distance from the focus.
Many studies have proved that the network kernel density estimation (N-KDE) is more suitable for
analyzing hot spots occurred inside the network space than traditional planar KDE [32]. They suggest
that the planar KDE (Figure 2a) could possibly over-detect clustering patterns [32].

Therefore, we propose to use the N-KDE to calculate the spatial density values of fire incidents
on the street network (Figure 2b). In order to obtain the kernel density distribution of the entire
road network, we need to split all the links in the network by a predefined segment size. The link
segmentation has been a common practice for network-based analyses that need to capture the
distribution of events across street network [30–32,34]. Therefore, we firstly divide each street segment
into basic linear units of a predefined network length, and then, for a point p j on the network, its kernel
density value f

(
p j

)
is given by the following:

f
(
p j

)
=

n∑
i=1

1
h2 K

(p j − ei

h

)
(1)
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where n is the total number of event points within the range of network distance threshold h, h is
the search bandwidth, ei is the projection point of event located in the catchment of p j, p j − ei is the
network distance between point p j and point ei, and K is the kernel function that models the “distance
decay effect” of the density. In the literature, there are many forms of the kernel function such as the
Gaussian, Quartic, and Conic. Although these functions weigh the density values in different forms,
they are all based on the same process that the weight value decays from the center to the surrounding
locations according to distance. In addition, it has been widely accepted that the choice of function
is less important than the choice of an appropriate search bandwidth (i.e., catchment size) [31,32].
Therefore, this paper chooses a quadratic function (Equation (2)), which is one of the most commonly
used functions in spatial analysis.

K
(p j − ei

h

)
=

3
4

1−

(
p j − ei

)2

h2

 (2)

It should be noted that there is no standard method to determine the bandwidth and the threshold
should be adjusted according to the application context [31]. In general, a large bandwidth emphasizes
the global pattern of point distribution while a small bandwidth can help detect the detailed variations
of point pattern. Our research determines the bandwidth according to the specific context of fire
emergency service (please see Section 4.1).
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Figure 2. The comparison between planar kernel density method (a) and network kernel density
method (b): The point P represents a sample point on the street network; h is the bandwidth; and dot
points represent events, among which red dots represent events that fall within the catchment of P.

In order to integrate the two indicators (i.e., geometric distance and fire risk) into the cost (Wi) of
a street segment, we use the weighting method as follows.

Wi = a ·
Li∑

L
+ (1− a) ·

Ri∑
R

(3)

where L = {L1, L2 . . . Ln } and R = {R1, R2...Rn } respectively represent the geometric length and the
fire risk of each segment in the street network and where a is a factor that determines the weight
of the geometric length in integration. In the practical applications, the parameter a represents the
degree to which users attach importance to the constraint of geometric distance. Some applications
emphasize the influence of distance on workload, while others may turn to the fire risk. In general,
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the contribution of the indicators should be determined under the specific application context, and in
our research, we would evaluate the behavior of a C-VD with the change of the weight a (please see
Section 4.1). An example is presented in Figure 3, where the VDs with considering fire risk and without
considering fire risk are compared. It can be found that, after adding the fire risk constraint, the fire
stations having frequent fire accidents in their neighborhoods have a reduced service area, and that
means the workloads are balanced via reducing the geometric coverage in our model (Figure 3).
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Figure 3. The generating process of the Voronoi diagram with (or without) considering fire risk variation
across space: (a) the original data of fire stations (red symbols), fire accidents (black symbols), and street
network (black lines); (b,c) the Voronoi diagram constructed by considering only the geometric length
of street segment; (d) the fire risk calculated by network kernel density estimation of fire accidents; and
(e) the constrained Voronoi diagram constructed by considering both the geometric length and fire risk.

2.3. Implementation

The procedure of generating a network-constrained Voronoi diagram is based on the network
expansion operation, which starts from the locations of the generator points and expands outwards
along the network gradually and synchronously. During this process, the node that has the minimum
cost in the current iteration will be assigned to the service area of the corresponding generator. It should
be noted that the general operation of network expansion does not take into account the specific
requirement of fire rescuing (i.e., Golden 5 min constraint): that is, the fire engine should reach the
location of the fire incident within 5 minutes. Hence, we propose a new algorithm to increase the 5-min
coverage area of the general Voronoi diagram. According to the official report by the Fire Department
of Ministry of Public Security, the average speed of urban fire truck is about 30–35 km/h. In addition,
we analyzed the GPS track data of fire trucks in Nanjing and found that the average speed of fire trucks
was 32 km/h. Therefore, the time threshold of 5 min in our method can be converted into the geometric
distance of about 2667 m.

Based on the context mentioned above, the following steps are implemented to generate the
proposed C-VD with the Golden 5 min constraint (Figure 4).

(1) Construct the graph structure of the street network by modeling the street segments and the street
intersections as edges and nodes, respectively. Based on this graph, each point of a fire station is
projected to its nearest location on the street network according to the Euclidean distance.

(2) Densify the street network by adding equidistant points on the street segments, and calculate the
network kernel density values of the fire incident points on these sampled locations according
to Equations (1) and (2). Then, the geometric length and the fire risk of a street segment are
integrated into the cost measure of an edge according to Equation (3).
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(3) Expand the network from the locations of fire stations. This step generates a network-expanding
operator for each fire station, and all the operators would expand along the network
simultaneously; the nodes that are traversed by an operator would be assigned as the part
of the service area of the corresponding fire station (Figure 4a).

(4) Perform Step (3) repeatedly until one of the operators reaches the boundaries of Golden
5 min coverage.

(5) Stop the network-expanding operators that reach the Golden 5 min boundaries of fire stations,
and continue to perform the other operators (Figure 4b).

(6) Perform all of the operators synchronously when they reach the Golden 5 min boundaries
(Figure 4c).

(7) Generate the service area of fire station which consists of the nodes and segments traversed by
the corresponding expansion operator (Figure 4d).
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Figure 4. The implementing of the constrained Voronoi diagram: (a) expanding along the network
simultaneously from the locations of fire stations, (b) stopping the operator that reaches the boundaries
of Golden 5 min coverage and continuously expanding the others, (c) re-executing the operators
synchronously when all of them reach the boundaries of Golden 5 min coverage, and (d) obtaining the
final result.

Compared to the traditional algorithm, our algorithm obtains the service areas in the form of
segments and nodes. The proposed algorithm not only can introduce the constraints of the street
network and the fire risk into the Voronoi cost measure but also can take into account the specific
application of fire rescuing that aims at increasing the coverage area of 5 min in the constructed
Voronoi cells.

3. Data and Study Area

With the rapid development of the economy in the last 30 years, a large volume of rural land space
of China has moved to the urban areas, thus bringing massive population in the major cities in China
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such as Nanjing. The urbanization process also brings about the increase of fire risk in high-density
areas. In the built environment of China, for the effective use of urban space, buildings tend to be
closely connected, which usually occupy fire exits [35]. In recent years, urban fire accidents have
become more and more costly and this situation has attracted great attention from urban managers.
The Chinese government attaches great importance to the impact of fire accidents and has further
revised the national fire control law in 2019 [36].

Our study area is located in Nanjing, capital of the Jiangsu province. As a central city, Nanjing is
one of the most important scientific research and education bases and comprehensive transportation
hubs in the east of China. It has jurisdiction over 11 districts with a total area of 6587 square kilometers.
Nanjing is the only megalopolis in the Yangtze river delta of east China. According to the National
Bureau of Statistics of China, the average population density of Nanjing is about 1034 persons/km2,
which is 7.2 times the national average in 2017. Such a high density of population brings enormous
pressure on fire risk prevention in Nanjing, which is also faced by other cities in the Jiangsu province.
Hence, in recent years, Jiangsu province has promulgated the Fire Safety Index System of Jiangsu
Province [37], which is the first national fire work evaluation system in the name of a provincial
government. Such policy specifies that the fire accident rate of 10,000 people should be lower than
2 and that the fire death rate should be lower than 0.019. Therefore, although Nanjing faces an increased
risk of fire accident in recent years, it acts as a pioneer in the field of fire control in China.

This research selects the nine most densely populated urban districts of Nanjing as the study area,
including Liuhe, Qixia, Pukou, Gulou, Xuanwu, Jianye, Qinhuai, Yuhuatai, and Jiangning (Figure 5a).
Our data is obtained from the Fire Department of the Public Security of Nanjing, which contains street
network data, fire station data, and fire incident data. More specifically, there are 8636 edges/links
and 6248 street intersections/nodes in our street network data. We obtain 24 fire station points and
2503 historical fire accident points from March to December 2015 (Figure 5b).
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4. Results and Analysis

4.1. Impact of Parameters

This section discusses the important parameters mentioned above and tries to analyze their
impacts on our results of service area delimitation. Since our method uses the network kernel density
method to quantify the fire risk across space, it is important to evaluate the impact of the bandwidth on
the service area delimitation. In our experiments, we term the network Voronoi diagram without fire
risk constraint as N-VD, and then, we compared the N-VD result with our C-VD result, as presented
in Figure 6. It can be observed that the sum of the length of different service areas generated by our
C-VD and the general N-VD shows a decreasing trend for an increasing bandwidth. With a smaller
bandwidth, the difference of service areas decreases more rapidly, and when the bandwidth is larger
than 1500 m, the difference between our results and the N-VD result does not change much. The reason
may be that, the smaller the bandwidth is, the more details the kernel density distribution has. A large
bandwidth emphasizes the global distribution of point density and smooths the local differences of
fire risk. Hence, in order to produce stable results, we chose a bandwidth of 1500 m for the following
experiments. In addition, for integrating the two factors geometric distance and fire risk (Equation (3)),
the weight of a determines the degree to which the accessibility or workload affects the service area
division of fire stations. With a larger value of a, the service area division depends more on the
accessibility, while with a smaller value of a, our result depends more on the variation of workload
across space. In order to evaluate our results with different weights, we calculated the total length of
the network segments that could be covered by the fire service areas within 5 minutes. As presented
in Figure 7, the length of the 5-min coverage area decreases with decreasing weight a. The reason
may be that a small value of a increases the weight of fire risk in the cost measure of street segments,
and thus, the fire stations that have high fire risk in their neighborhoods are hard to expand outwards
to obtain a large service area in the Voronoi structure. In our experiments, to balance the contributions
of geometric distance and fire risk, we chose the weight a = 0.5.
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method with different bandwidths: a is the parameter for comparing geometric distance to fire risk in
the cost measure of street segment.
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Figure 7. The 5-min coverage length of service areas of fire stations in our result by using different
weights (a) for geometric distance and fire risk.

4.2. Results and Analysis

Based on the fire records from March to December 2015, our next experiment compared the result
of C-VD without the Golden 5 min constraint to that with the Golden 5 min coverage constraint. First,
as presented in Figure 6a, even without the Golden 5 min constraint, our C-VD method can still generate
reasonable service areas for fire stations, which take into account the accessibility constraint and the
workload constraint. The emergency facilities located in the central areas have larger workloads in
their neighborhoods, and thus, their service areas become more compact in the tessellation space.
In addition, with the introduction of the Golden 5 min constraint, the service areas become more
balanced in terms of geometric length. In Figure 8a, some locations are assigned to a facility with
travel cost larger than 5 min, while in Figure 8b, they are assigned to a facility with travel cost less than
5 min (please see the locations marked by red ellipses). Our algorithm based on the 5-min threshold of
fire-fighting time would help increase the proportion of locations in C-VD that can be reached by fire
stations within effective time, and in this way, it can improve the efficiency of fire rescuing.
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Since fire risk may vary across time, the service area division with addition of fire incident data
can be implemented for different time periods. Compared to the static result for a fixed time range,
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the dynamic results are more suitable for the environments that have significant temporal features.
In addition, many applications need to allocate resources according to the change of fire risk across
time, and thus, the dynamic service area division may be very valuable for these contexts. Specifically,
in the study region, both the frequency and spatial distribution of fire incidents have time dependence.
In this respect, we applied our method to generate dynamic service areas of fire stations by using
monthly fire incident data. As presented in Figure 9, compared to the result in the whole time period,
some significant changes of service area across the time slices are marked using the red ellipses. It can
be observed that the maximum change of service area across the time slices is in the central areas of the
city. These areas have a relatively high density of fire incidents, and the associated fire risk changes
more frequently with time.
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Figure 9. Dynamic service areas of fire stations by using monthly fire incident data from March to
December 2015: (a) March, (b) April, (c) May, (d) June, (e) July, (f) August, (g) September, (h) October,
(i) November, and (j) December. In each subgraph, the red ellipses highlight the difference between the
results of this month and the results of the whole period (Figure 8b).

In addition, based on the results generated from March to December 2015, we obtained the statistics
of change of service area division for different administrative regions, as presented in Figure 10. It can
be observed that, in all the months, the trend of service area change is similar for different regions.
The service area division in Pukou and Jiangning experienced great changes during the whole time
period, while those in Liuhe and Yuhuatai were relatively stable. It indicates that the workloads in
Pukou and Jiangning change rapidly across most of the time and that managers should adjust their fire
services according to the changing environment.
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Next, we obtained the statistics of the service path length for each fire station (Table 1). It can
be observed that the two fire stations of No.9 and No.14 have the longest service areas in most of the
time. It indicates that the challenge for the two fire stations is to drive a longer distance to cover all the
demands. As a comparison, the fire station of No.12 has the shortest length of fire service area. Hence,
there may be high fire risk in the neighborhood of this fire station, and the main challenge is to handle
the frequent fire accidents in the narrow region. In addition, as presented in Figure 8, the fire station
of No.12 is surrounded by many fire stations and the geometric restriction can also contribute to the
small service area.

Table 1. The fire stations that have the longest and shortest service lengths in different time slices.

The Longest Services Areas The Shortest Services Areas

Month Fire Station ID Length (m) Fire Station ID Length (m)

Mar. 14 327,036.66 12 22,247.96
Apr. 14 324,476.68 12 5614.32
May. 9 329,084.45 12 13,652.2
Jun. 9 349,962.72 12 20,544.32
Jul. 9 345,481.59 12 31,356.93

Aug. 9 351,839.45 12 11,471.45
Sep. 14 324,335.48 12 11,364.70
Oct. 9 318,165.59 12 12,147.06
Nov. 9 311,006.02 12 9315.43
Dec. 9 300,725.39 12 16,042.00

4.3. Evaluation and Discussion

First, we compared the result of C-VD to that of the traditional planar Voronoi diagram, as
presented in Figure 11. Both the planar method and C-VD can generate a complete and nonoverlapping
division of the entire study region. However, the service area generated by C-VD is constrained
to the street network, while that by the planar Voronoi method is an equidistant division in the
two-dimensional plane. In addition, we partitioned the street network according to the service area
division generated by the planar Voronoi diagram (Figure 11b). It can be observed that the street
segments in a single service area are not always contiguous, and there exist enclaves in the service
area division (please see the segments marked by red circles). This means that this fire station may
need to pass through the service area of other fire stations to reach the destination. In this respect,
the noncontiguous segments do not meet the continuity of service area and may hinder fire rescuing
efficiency. As a comparison, the result generated by our C-VD is based on the actual route directly,
and thus, it can maintain the continuity of service areas of fire stations. Another advantage of preserving
the continuity of service areas is that the route from any location in a service area to the corresponding
fire station can be clearly presented.

Then, we compared our result to the official division of service area of fire stations (Figure 12a),
which are based mainly on the administrative division. In order to present the difference between the
official division and our division clearly, we overlap the two divisions as presented in Figure 12b. We
can find that, although the official plan is also based on the two-dimensional plane like the traditional
planar Voronoi diagram, it can preserve the continuity of service area. In addition, the official division
is closer to the division generated by our C-VD than the planar Voronoi division. However, there are
two issues that should be paid attention to: (1) as presented in Figure 12a, there are some service areas,
each of which contain two or more fire stations; (2) some service areas do not have fire stations. These
issues could result in difficulty of task allocation in practical fire rescuing.
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Since fire rescuing aims at reaching the destination within 5 min, we then compared the 5-min
coverage length in the service areas generated by the traditional Thiessen polygon method (i.e., planar
Voronoi method), the official division method, the general network Voronoi method without the Golden
5 min constraint, and the proposed C-VD with the Golden 5 min constraint. The Thiessen polygon
method and the official division method are based only on the geometric distance in 2D plane, and thus,
they obtain a larger 5-min coverage length than the general network Voronoi method, which takes
into account both the network distance and the spatial variation of fire risk (Figure 13). With addition
of the Golden 5 min constraint, our proposed C-VD can significantly increase the effective coverage
area in the constrained Voronoi structure. It generates the largest 5-min coverage area among all the
results. Furthermore, in order to examine the effectiveness of our method in different time slices, we
also obtained the statistics of monthly C-VD. As presented in Figure 14, the 5-min coverage length of
C-VD is always larger than that of the general network Voronoi diagram during the whole time period.
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Through the above comparative analysis, we can draw a conclusion that the proposed C-VD
provides a reasonable service area partitioning scheme for emergency facilities by adding street
network data and fire incident data. The traditional planar method is hard to incorporate both of the
constraints accessibility and workload, and that limits its application in practical emergency events.
However, although the network Voronoi diagram inherits the merit of the general Voronoi diagram
that partitions the study region equally, it takes little account of the Golden 5 min constraint of fire
rescuing. Thus, we further improve the network Voronoi diagram by introducing a balance strategy
into the network expansion operation. More specifically, during the process of constructing the network
Voronoi diagram, the expansion operators of the generator that reach the distance equal to 5 min would
be stopped until the other operators reach the 5-min boundaries. In this way, besides the addition of
workload, the proposed method can also ensure the efficiency of emergency rescuing in fire events.

All of the above results are based on two assumptions. One is that the distance from the fire station
to the street is ignorable with regard to the whole street network, and the other is that the service
area of fire stations is constrained by a threshold of 5 minute. We have conducted two additional
experiments to test the validity of the hypothesis.

4.4. The Effect of Projection Distance

In the previous experiment, we directly projected the fire station onto the street network and used
its projection point as the starting generator but neglected the distance from the original location to the
projection point. There are two main reasons for ignoring such distance. First, in the data we obtained,
the fire station locations are recorded as points. Although all fire stations have a certain distance from
the road, this distance effect would be roughly counteracted since the Voronoi diagram is constructed
as a competitive relationship between generators. Second, the locations of the fire stations are quite
close to the road network. Compared with the network distance between two fire stations, the distance
from the fire station to its projection point is so small that it can be ignored in C-VD.

Nevertheless, we also verified the impact of this projection distance on the C-VD. Specifically, when
constructing the general network Voronoi diagram and the proposed C-VD with a 5-min constraint,
we firstly measured the projection distance as the distance from each projection point to the network
and then expanded these generators to obtain a Voronoi diagram as described in Section 2.3. For the
general network Voronoi diagram, we can barely see the difference between the original result without
projection distance (Figure 8a) and the result with projection distance (Figure 15a). Then, we calculated
the length of the service area of each fire station under the two conditions (Figure 15b). The result
shows that there are some very tiny changes to the service areas of the fire stations, e.g., fire station
No. 5, No. 6, No. 21, No. 22, and No. 23. Furthermore, compared with the C-VD without projection
distance (Figure 8b), the C-VD with projection distance also shows small changes (Figure 16a). We
calculated the statistics of these projection distances of fire stations and found that most of these
projection distances approximately equal to 30 m. Since the Voronoi diagram is a reflection of the
competitive relationship among fire stations, such small differences would not have a large impact on
our result (Figure 16b).
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4.5. The Effect of Different Thresholds

In order to evaluate the behavior of our method with different travel cost thresholds, we extended
the time requirement using the thresholds of 10 min (Figure 17a) and 15 min (Figure 17b). Comparing
with Figure 8b, we find that the service area of some fire stations has changed significantly. Specifically,
such change increases with the increase of the threshold. For example, in Figure 17b, the service area
of fire station No. 19 is significantly smaller than that in Figure 17a. The reason is that, with a relatively
small threshold, the C-VD would be largely constrained by the time threshold but that, with a relatively
large threshold, the C-VD would depend mainly on the original neighboring relationships of fire
stations. Some of the travel costs between fire stations are larger than 5 min but most of them are less
than 15 min, and that means that different travel time thresholds have different impacts on the C-VD.
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Figure 17. The result of service area delimitation of fire stations using the proposed C-VD with 10-min
constraint (a) and 15-min constraint (b).

In addition, as presented in Figure 18, we compared the results of the traditional Thiessen polygon
method, the official division method, the general network Voronoi method, and the proposed C-VD
based on different time constraints. When the threshold value is 10 min, the statistics (Figure 18a) do
not change much with respect to the result based on the threshold value of 5 min (Figure 13). When
the threshold is 15 min, the difference generated by the four methods becomes smaller (Figure 18b).
Nevertheless, no matter which time threshold we take, the C-VD can serve the largest area within the
time threshold.
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5. Conclusions and Future Work

Emergency services are closely related to people’s lives and property in built environments. How
to delimit the service areas of emergency facilities effectively is a critical component in this process.
However, due to the lack of relevant event data, research of emergency facilities mainly focuses on the
general computing method, and there is little research on the investigation of service area delimitation
of emergency facilities by combining the actual emergency rescuing constraints. In our work, we
obtained the data sets of fire stations, street network, and historical fire events in Nanjing, and with
these data, a new method, the constrained Voronoi diagram (C-VD), is proposed to delimit the service
areas of fire stations by considering the constraints of accessibility, fire risk, and coverage area.

The proposed C-VD provides an effective service area division of fire stations through adding
three constraints to the traditional planar Voronoi diagram. First, since the movement of vehicles in
urban areas depends on the alignment of street network, we propose to use the network shortest-path
distance rather than Euclidean distance to analyze the neighboring relationships between locations.
This is particular useful for managing emergency facilities (e.g., fire stations) because the network
route is the main transport for fire engines. In this respect, we obtain the service area as a set of street
segments and intersections, which can facilitate the path planning of fire rescuing on the basis of our
result. Second, besides the geometric distance, the variation of fire risk across the space can also impact
the service area partitioning of fire stations. In general, the higher fire risk a place has, the more fire
protection resources should be allocated to this place. Under our context, this constraint would result in
a fire station near high-risk locations having a relatively small service area for the effective management
of fire events. Considering the distance decay effect of fire risk, our proposed method calculates
the network kernel density values of historical fire event points to quantify the fire risk along street
network. Hence, the service areas delimited by our C-VD can take into account the spatial variation of
demand in fire rescuing. Finally, in order to introduce the constraint of fire rescuing that fire engines
should arrive at the location of fire event within 5 min, the proposed C-VD extends the traditional
network expansion operation by increasing the 5-min coverage areas in a Voronoi tessellation. Since
fire risk changes across time and space, our method can generate dynamic service area division with
the addition of fire events data in different time periods. Such dynamic result may be very valuable for
the applications that need to allocate rescuing resources according to time. Actually, the occurrence of
fire events in urban areas has a significant characteristic of “time dependence” (please see Figure 9).

In addition to the abovementioned issues, there are more constraints to consider in the service
area division of fire services. For example, although we have considered the network distance in
the spatial analysis, the constraints of traffic congestion, multiple lanes, and road direction are not
added [38,39]. In the future, we plan to obtain the actual trajectory data of fire engines to estimate the
travel time on different routes. Besides, with more semantic properties of fire stations (e.g., number of
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firefighters and number of fire engines), we can improve the effectiveness of our result further. In this
way, the relationship between supply and demand can be better modeled in our proposed C-VD with
the Golden 5 min constraint.

Author Contributions: Methodology development and implementation, data acquisition, and analysis: W.Y.,
Y.C., and Z.C.; writing and revision: W.Y., Y.C, Z.X., and Q.Z. All authors have read and agreed to the published
version of the manuscript.

Funding: The project was supported by the National Natural Science Foundation of China (No. 41701440,
41871305); by the Natural Science Foundation of Hubei Province (No. 2018CFB513); by the Fundamental Research
Funds for the Central Universities, China University of Geosciences (Wuhan) (No. CUG170640); by the National
Key Research and Development Program of China (No. 2017YFB0503500); by the Opening Fund of Key Laboratory
of Geological Survey and Evaluation of Ministry of Education (No. GLAB2019ZR02); and by a grant from State
Key Laboratory of Resources and Environmental Information System.

Acknowledgments: We are grateful to the editors and the anonymous referees for their valuable comments
and suggestions.

Conflicts of Interest: The authors declare no conflict of interest.

References

1. Cui, C.; Wang, J.; Pu, Y.; Ma, J.; Chen, G. GIS-based method of delimitating trade area for retail chains. Int. J.
Geogr. Inf. Sci. 2012, 26, 1863–1879. [CrossRef]

2. Ríos-Mercado, R.Z.; Fernández, E. A reactive GRASP for a commercial territory design problem with multiple
balancing requirements. Comput. Oper. Res. 2009, 36, 755–776. [CrossRef]

3. Ding, P.F. A chain store trade area analysis based on Voronoi diagram and Relly law. J. Shanghai Bus. Sch.
2005, 6, 12–16. [CrossRef]

4. Yu, W.; Ai, T.; He, Y.; Shao, S. Spatial co-location pattern mining of facility points-of-interest improved by
network neighborhood and distance decay effects. Int. J. Geogr. Inf. Sci. 2017, 31, 280–296. [CrossRef]

5. Wang, Y.; Jiang, W.; Liu, S.; Ye, X.; Wang, T. Evaluating trade areas using social media data with a calibrated
huff model. ISPRS Int. J. Geo-Inf. 2016, 5, 112. [CrossRef]

6. Wing, P.; Reynolds, C. The availability of physican services: A geographic analysis. Health Serv. Res. 1988,
23, 649–667. [CrossRef]

7. Luo, W. Using a GIS-based floating catchment method to assess areas with shortage of physicians. Health Place
2004, 10, 1–11. [CrossRef]

8. Ray, N.; Ebener, S. Accessmod 3.0: Computing geographic coverage and accessibility to health care services
using anisotropic movement of patients. Int. J. Health Geogr. 2008, 7, 63. [CrossRef]

9. Curtin, K.M.; Karen, H.-M.; Fang, Q. Determining optimal police patrol areas with maximal covering and
backup covering location models. Netw. Spat. Econ. 2010, 10, 125–145. [CrossRef]

10. Chen, H.; Cheng, T.; Ye, X. Designing efficient and balanced police patrol districts on an urban street network.
Int. J. Geogr. Inf. Sci. 2018, 33, 269–290. [CrossRef]

11. Yu, W.; Zhang, Y.; Chen, Z. Automated generalization of facility points-of-interest with service area
delimitation. IEEE Access 2019, 7, 63921–63935. [CrossRef]

12. D’Amico, S.J.; Wang, S.; Batta, R.; Rump, C.M. A simulated annealing approach to police district design.
Comput. Oper. Res. 2002, 29, 667–684. [CrossRef]

13. Voronoi, G. Nouvelles applications des paramètres continus à la théorie des formes quadratiques. deuxième
mémoire. recherches sur les parallélloèdres primitifs. Journal Fur Die Reine Und Angewandte Mathematik 1908,
134, 198–287. [CrossRef]

14. Okabe, A.; Boots, B.; Sugihara, K.; Chiu, S.N. Spatial tessellations: Concepts and applications of Voronoi
diagrams. Coll. Math. J. 2000, 43, 671. [CrossRef]

15. Lee, I.; Lee, K. A generic triangle-based data structure of the complete set of higher order Voronoi diagrams
for emergency management. Comput. Environ. Urban Syst. 2009, 33, 90–99. [CrossRef]

16. Zhu, H.H.; Yan, H.W.; Li, Y. An optimization method for the layout of public service facilities based on
Voronoi diagrams. Sci. Surv. Mapp. 2008, 33, 72–74.

17. Qiao, Y.; Huang, K.; Jeub, J.; Qian, J.; Song, Y. Deploying electric vehicle charging stations considering time
cost and existing infrastructure. Energies 2018, 11, 2436. [CrossRef]

http://dx.doi.org/10.1080/13658816.2012.661058
http://dx.doi.org/10.1016/j.cor.2007.10.024
http://dx.doi.org/10.3969/j.issn.1673-324X.2005.04.003
http://dx.doi.org/10.1080/13658816.2016.1194423
http://dx.doi.org/10.3390/ijgi5070112
http://dx.doi.org/10.1016/0168-851090062-0
http://dx.doi.org/10.1016/S1353-8292(02)00067-9
http://dx.doi.org/10.1186/1476-072X-7-63
http://dx.doi.org/10.1007/s11067-007-9035-6
http://dx.doi.org/10.1080/13658816.2018.1525493
http://dx.doi.org/10.1109/ACCESS.2019.2916977
http://dx.doi.org/10.1016/S0305-0548(01)00056-9
http://dx.doi.org/10.1515/crll.1908.134.198
http://dx.doi.org/10.2307/2687299
http://dx.doi.org/10.1016/j.compenvurbsys.2009.01.002
http://dx.doi.org/10.3390/en11092436


Int. J. Environ. Res. Public Health 2020, 17, 2030 24 of 24

18. Okabe, A.; Satoh, T.; Furuta, T.; Suzuki, A.; Okano, K. Generalized network Voronoi diagrams: Concepts,
computational methods, and applications. Int. J. Geogr. Inf. Sci. 2008, 22, 965–994. [CrossRef]

19. Wang, J.; Kwan, M. Hexagon-based adaptive crystal growth Voronoi diagrams based on weighted planes for
service area delimitation. ISPRS Int. J. Geo-Inf. 2018, 7, 257. [CrossRef]

20. Boots, B.; South, R. Modeling retail trade areas using higher-order, multiplicatively weighted Voronoi
diagrams. J. Retail. 1997, 73, 519–536. [CrossRef]

21. Galvão, L.C.; Novaes, A.G.; De Cursi, J.S.; Souza, J.C. A multiplicatively-weighted Voronoi diagram approach
to logistics districting. Comput. Oper. Res. 2006, 33, 93–114. [CrossRef]

22. Novaes, A.G.N. Solving continuous location—Districting problems with Voronoi diagrams. Comput. Oper. Res.
2009, 36, 40–59. [CrossRef]

23. Moreno-Regidor, P.; García López de Lacalle, J.; Manso-Callejo, M. Zone design of specific sizes using
adaptive additively weighted Voronoi diagrams. Int. J. Geogr. Inf. Sci. 2012, 26, 1811–1829. [CrossRef]

24. Ricca, F.; Scozzari, A.; Simeone, B. Drawing political districts by weighted Voronoi regions and local search.
Math. Comput. Model. 2008, 48, 1468–1477. [CrossRef]

25. Wen-Xia, L.; Jian-Hua, Z.; Xu, Y.; Yong-Feng, F. The dynamic planning of urban substation based on weighted
Voronoi diagram. In Proceedings of the Asia-Pacific Power & Energy Engineering Conference, Macao, China,
1–4 December 2009.

26. Ge, S.Y.; Li, H.; Liu, H. Substation Optimization Planning Based on the Weighted Voronoi Diagram.
Autom. Electr. Power Syst. 2007, 31, 29–34. [CrossRef]

27. Ahmadi Nejad Masouleh, F. A geographical study of school attendance areas using multiplicatively weighted
Voronoi diagrams: A case of Rasht City, Iran. Geogr. Rev. Jpn. 2006, 79, 236–250.

28. Kistler, A. Tucson police officers redraw division boundaries to balance their workload. Geogr. Public Saf.
2009, 1, 3–5.

29. Tang, L.; Kan, Z.; Zhang, X.; Sun, F.; Yang, X.; Li, Q. A network kernel density estimation for linear features
in space-time analysis of big trace data. Int. J. Geogr. Inf. Sci. 2016, 30, 1717–1737. [CrossRef]

30. Yu, W.; Ai, T.; Shao, S. The analysis and delimitation of central business district using network kernel density
estimation. J. Transp. Geogr. 2015, 45, 32–47. [CrossRef]

31. She, B.; Zhu, X.; Ye, X.; Guo, W.; Su, K.; Lee, J. Weighted network Voronoi diagrams for local spatial analysis.
Comput. Environ. Urban Syst. 2015, 52, 70–80. [CrossRef]

32. Xie, Z.X.; Jun, Y. Kernel Density Estimation of traffic accidents in a network space. Comput. Environ. Urban
Syst. 2008, 32, 396–406. [CrossRef]

33. The Urban Fire Station Construction Standard. Available online: http://www.mohurd.gov.cn/wjfb/201710/

W020171017021316.pdf (accessed on 1 September 2017).
34. Ai, T.; Yu, W.; He, Y. Generation of constrained network Voronoi diagram using linear tessellation and

expansion method. Comput. Environ. Urban Syst. 2015, 51, 83–96. [CrossRef]
35. Guo, T.N.; Fu, Z.M. The fire situation and progress in fire safety science and technology in China. Fire Saf. J.

2007, 42, 171–182. [CrossRef]
36. The National Fire Control Law. Available online: http://www.jhsafety.gov.cn/02/aqscfl_2167/201905/

t20190505_3911703_1.html (accessed on 23 April 2019).
37. The Fire Safety Index System of Jiangsu Province. Available online: http://js.119.gov.cn/news/pnews/2013-08-

13/73288.html (accessed on 1 February 2013).
38. Yu, W. Discovering frequent movement paths from taxi trajectory data using spatially embedded networks

and association rules. IEEE Trans. Intell. Transp. Syst. 2019, 20, 855–866. [CrossRef]
39. Yu, W.; Zhang, Y.; Ai, T.; Guan, Q.; Chen, Z.; Li, H. Road network generalization considering traffic flow

patterns. Int. J. Geogr. Inf. Sci. 2020, 34, 119–149. [CrossRef]

© 2020 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1080/13658810701587891
http://dx.doi.org/10.3390/ijgi7070257
http://dx.doi.org/10.1016/S0022-4359(97)90033-6
http://dx.doi.org/10.1016/j.cor.2004.07.001
http://dx.doi.org/10.1016/j.cor.2007.07.004
http://dx.doi.org/10.1080/13658816.2012.655742
http://dx.doi.org/10.1016/j.mcm.2008.05.041
http://dx.doi.org/10.3321/j.issn:1000-1026.2007.03.007
http://dx.doi.org/10.1080/13658816.2015.1119279
http://dx.doi.org/10.1016/j.jtrangeo.2015.04.008
http://dx.doi.org/10.1016/j.compenvurbsys.2015.03.005
http://dx.doi.org/10.1016/j.compenvurbsys.2008.05.001
http://www.mohurd.gov.cn/wjfb/201710/W020171017021316.pdf
http://www.mohurd.gov.cn/wjfb/201710/W020171017021316.pdf
http://dx.doi.org/10.1016/j.compenvurbsys.2015.02.001
http://dx.doi.org/10.1016/j.firesaf.2006.10.005
http://www.jhsafety.gov.cn/02/aqscfl_2167/201905/t20190505_3911703_1.html
http://www.jhsafety.gov.cn/02/aqscfl_2167/201905/t20190505_3911703_1.html
http://js.119.gov.cn/news/pnews/2013-08-13/73288.html
http://js.119.gov.cn/news/pnews/2013-08-13/73288.html
http://dx.doi.org/10.1109/TITS.2018.2834573
http://dx.doi.org/10.1080/13658816.2019.1650936
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Methodology 
	Constraint of Street Network 
	Constraint of Fire Risk 
	Implementation 

	Data and Study Area 
	Results and Analysis 
	Impact of Parameters 
	Results and Analysis 
	Evaluation and Discussion 
	The Effect of Projection Distance 
	The Effect of Different Thresholds 

	Conclusions and Future Work 
	References

