

  ijerph-16-04328




ijerph-16-04328







Int. J. Environ. Res. Public Health 2019, 16(22), 4328; doi:10.3390/ijerph16224328




Article



Why Do Homeless Families Exit and Return the Homeless Shelter? Factors Affecting the Risk of Family Homelessness in Salt Lake County (Utah, United States) As a Case Study



Keuntae Kim * and Ivis Garcia[image: Orcid]





Department of City and Metropolitan Planning, University of Utah, 375 South 1530 East, Suite 235, Salt Lake City, UT 84112, USA









*



Correspondence: keuntae.kim@utah.edu







Received: 2 October 2019 / Accepted: 4 November 2019 / Published: 6 November 2019



Abstract

:

Previous quantitative research on family homelessness has addressed a question of why some households become homeless. However, why some homeless families return the shelter to repeat their homelessness has not been explored well. This study aims at providing a comprehensive insight into the dynamics of homeless families by identifying the physical, social, and economic characteristics of a homeless family affecting the likelihood of their decision to stay, exit, and return the shelter. The relationships of factors with shelter exit and return were examined using Kaplan-Meier estimates of survival times and Cox Proportional Hazard regression analysis. This study employs a sample of 2348 historical records for 1462 homeless families registered to the Homeless Management Information System (HMIS) database between January 1, 2015 and December 31, 2017. The results indicate that structural factors such as subsidized housing program enrollment during a homeless episode and prior income play a significant role in reducing the risks of shelter exit and return rather than physical characteristics of a homeless family. Additionally, results show that variations in prior residence and exit destination of homeless families serve as factors determining the length of their shelter stay and the likelihood to return to the shelter. Integration of both shelter exit and return analysis results make policymakers and urban planners think about developing policies for coordination of housing and economic stability to address family homelessness.
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1. Introduction


For most people, homelessness is not a permanent condition. Most individuals or families at risk of homelessness overcome their homeless situations within one or two years. Still, some of them remain homeless for an extended period of time because of various reasons—such as disability status, loss of income sources due to the economic crisis, the collapse of their social support networks, trauma from domestic violence, and so on. In the academic literature on homelessness, chronic homelessness has been one of the major issues in urban planning, social work, public health, and sociology. Although many factors are affecting the increase in the risk of homelessness—such as job loss, medical crisis, crime involvement, substance abuse, eviction, and so on—most families can get back on their feet and stay in permanent housing. Nevertheless, annual point-in-time count data by the U.S. Department of Housing and Urban Development indicate that about one-fourth of families that were homeless once are at the high risk of being homeless again [1].



As of 2017, homeless families make up about one-third of the national homeless population in the United States. Over the past decade, change in the national trends of family homelessness has affected how homeless services are planned and delivered. These include an emphasis on addressing the needs of chronically homeless people and a focus on increasing supportive housing, which combines permanently affordable housing with supportive services for persons who need assistance to remain housed. Another national trend in dealing with homelessness includes a “Housing First,” or rapid rehousing approach, rather than a transitional “housing readiness” approach. These approaches incorporate mainstream systems—such as health care, mental health, foster care, and criminal justice—in planning for the prevention of homelessness and meeting the service needs of homeless people. Recent national efforts now include a “coordinated impact approach” that places greater responsibility on government and community-based services working together to address homelessness. As a result of adopting these approaches to address the risk of family homelessness, national figures for homelessness have started to decline over the past decade; For instance, in Utah, the reported point-in-time count for homeless families measured by the Department of Housing and Urban Development (HUD) reached the highest point in 2009, but the number of homeless families began to decline after 2009. The reported point-in-time count for homeless families in Utah dropped by 20.2% between 2015 and 2017, from 1216 to 970.



These national trends of decline in homeless families have been reflected in homeless shelter practices in Salt Lake County (UT, USA). For example, The Road Home (TRH), a major homeless shelter organization in Utah, has adopted various homeless prevention and subsidized housing programs to address homelessness. Like those of homeless shelters across the nation, priorities of the TRH plan include helping homeless people to regain affordable housing quickly, providing appropriate services and housing subsidies for long-term stability, helping people gain employment, and linking homeless families with housing, treatment, and services. In addition to these priorities, several other local concerns and trends contribute to the context for developing a homeless assistance plan that addresses families who return to the shelter after receiving assistance. These include the emphasis on scattered-site housing programs, and anticipated permanent loss of shelter beds, and a nationwide shortage of resources for homeless programs and housing development—notably, the scarcity of resources to support homeless shelters like TRH. Given these national trends of reducing shelter, it is crucial to develop housing search assistance, case management, and other interventions to facilitate the fastest possible transition to permanent housing for families facing repeated homelessness.



In the academic fields—such as sociology, public policy, social work, urban planning, and so on, many studies have been dedicated to understanding why households become homeless in the first place. Nevertheless, there is still a lack of research dedicated to understanding why families return to the shelter. The Housing First initiative and its housing programs have reduced homelessness nationwide. This successful program has missed the mark in reducing the re-occurrence of homelessness on these chronically homeless families. Previous research has explored policy changes and their effectiveness in reducing homelessness. Nevertheless, the TRH, like many other homeless service providers, worries about 30% of families who are returning to the shelter after having received assistance under this new model.



Under these contexts, this study aims at analyzing factors affecting the risks of homeless family’s shelter exit and returns by using microdata on homeless families in Salt Lake City (UT, USA) as a case study. Microdata used in this study includes detailed information on historical records of shelter stays and homeless program enrollment for each homeless family as well as their demographic, social, and economic characteristics. Research questions in this study focus on identifying: (1) which families are exiting or returning to the shelter; (2) which specific strategies—primarily housing programs—can improve hazard risks of shelter exits and returns for homeless families.



The contents of this study are organized as follows: The next section briefly summarizes existing literature on factors affecting family homelessness and revisits methodological approaches used in past studies. Based on methodological approaches identified through the literature review, the data and method sections briefly explain procedures for data processing for the longitudinal data of homeless families in Salt Lake City, Utah, and how to specify and analyze factors affecting the risk of exiting and returning the homeless shelter over time. Interpretation and discussion of analysis results are articulated through a set of tables and hazard risk curves. This study ends with conclusions, limitations, and further research to understand the dynamics of family homelessness.




2. Literature Review


2.1. Understanding the Dynamics of Family Homelessness


As one of the long-time subjects in urban sociology, interest in exploring the dynamics of homelessness has been gradually grown in parallel to rapid urbanization and development of estimating the homeless population since the 1980s. In the earlier literature, exploring and analyzing the dynamics of homelessness have relied on the changing definition of the term “homelessness” over time. The dictionary’s definition of the term homelessness is people who live on the streets without having their home or places suitable for habitation. However, the operational definition of homelessness in urban sociology research includes a much broader population group—for example, including people who live in the homeless shelter, subsidized housing, hotel and motel vouchers provided by social service providers or stay with their friends’ or relatives’ houses. How the homeless population is defined and counted for analysis influenced policies to decrease the number of the homeless population and allowed for developing targeted homeless service programs [2,3,4].



Due to limited microdata availability, earlier studies focused on describing characteristics of the homeless population and identifying factors based on single-wave survey data at a specific point of time [5,6,7,8,9]. When time-series datasets tracking histories of shelter use and subsidized housing program enrollment for homeless individuals and families became available since the mid-1990s, many studies examined the characteristics of homeless families apart from the homeless population. They found that the dynamics of family homelessness is different from those of single homeless adults [10]. The patterns of homeless families are similar to those of other low-income families or households under poverty. For example, most of the homeless families have a female head who is young, belongs to an ethnic minority group, and has many children. Also, homeless families are suffering from housing instability and have limited mobility [11,12,13].



The fact that housing instability and unaffordability have a significantly negative impact on overcoming family homelessness enabled policymakers to adopt a “Housing First,” or rapid rehousing approach to decrease or end family homelessness. National efforts to address homeless include a “coordinated impact approach” that places greater responsibility on government and community-based services working together to deal with family homelessness. Throughout the existing literature and homeless policies, the dynamics of causal pathways to family homelessness involve complex interactions of individual and structural factors.




2.2. Identifying Factors Affecting the Risk of Family Homelessness


Existing literature on homelessness has classified the primary causes of homelessness into two groups—individual and structural factors. Individual factors include demographic characteristics (i.e., gender, age, race, and ethnicity) and personal physical status (physical disabilities, mental health, family dynamics, and abuse experience) associated with the risk of homelessness.



Many earlier studies examined the effects of individual factors on the risk of entering into or returning to homelessness because personal backgrounds or demographic characteristics led to prevent obtaining economic opportunities and maintaining their housing stability. In case studies of New York City and Philadelphia, Culhane and Metraux analyzed the effects of race, ethnicity, age, and gender on the public shelter use. They found that there were significant disparities among age groups and across racial/ethnic groups [14]. Using two-wave longitudinal data, the authors found decreasing trends of the overall shelter use in the two cities. Yet, analysis results also revealed that the public shelter use of homeless families with a female head and children under five years old did not show as a similar decrease as that of single adults. Through multivariate regression models of sample survey data tracking homeless families over time, research suggests that the heterogeneity of demographic characteristics among homeless families is one major component of the pathways to homelessness [15] and determines typologies of homelessness in terms of shelter use—the transitionally, episodically, and chronically homeless [16,17].



A few studies suggest that the effects of physical and mental barriers of a homeless family head on the risk of family homelessness may be another contributing factor to increasing the risk of family homelessness for homeless families belonging to the minority population groups [7,18]. Mainly, mental health problems among homeless mothers or family heads affect risks to mental health and development of children in homeless families [19,20]. Therefore, the effects of promoting mothers’ and children’s mental health on decreasing the occurrence of family homelessness have been examined so far [21,22,23,24].



Literature review studies have summarized the effects of individual factors on the dynamics of family homelessness. These literature review studies argued that the prevalence of family homelessness is higher for young families with small children, and a female household head and African American homeless families tend to remain homeless longer than other race homeless families [13,25,26,27]. Recent studies of the empirical literature on family homelessness argue that the impacts of individual factors on the risk of homelessness were examined in the 1980s and 1990s, but using the longitudinal data of tracking detailed information on homeless episodes for each homeless individual allowed researchers and policymakers to identify another group of factors more directly associated with the dynamics of homelessness (i.e., entering into, exiting from, and returning to homelessness)—that is, structural factors [28,29].



Structural factors are factors associated with the risk of homelessness that measures social and economic conditions of homeless families before entering the shelter and becoming homeless. Many structural factors affecting the risk of family homelessness have been identified in the existing literature. Structural factors include unemployment/employment [4,8,16], income levels [30,31], housing subsidies [32,33,34], education attainment [35,36], and prior residential experience [37,38]. Research suggests that an increase in family homelessness in the U.S. was attributed to increasing rates of income inequality, child poverty, and lack of affordable housing. Weak economic conditions occurred across different spatial levels—national, state, and local levels—made many homeowners in the high-poverty or low-income neighborhoods hard to maintain their housing stability, further abandoning their home to either double up with their relatives/friends or end up with staying at the emergency shelter until they obtain opportunities to move to stable housing with subsidies [8,28].



Longitudinal research since the late 1990s began to include economic condition factors in predicting the probability of homeless families exiting from or returning to homelessness. By investigating structural effects on the risk of homelessness through case studies of large metropolitan cities with data available, many studies now argue that structural factors are more directly associated with the risk and causes of exiting from or recurring family homelessness than individual factors [4,39].



Previous research has attempted to understand the effects of income stability on the risk of family homelessness, but results are quite mixed depending on what dependent variable of interest researchers use to address the dynamics of homelessness. Earlier qualitative research suggested that struggle with stabilizing homeless family’s income level for their self-sufficiency was significantly associated with recovery of homelessness. However, from quantitative research perspectives, some studies found that monthly income level before being homeless was not statistically significant [8,40], while a few studies argue that prior income levels of homeless families played a vital role in predicting the general rates of homelessness [41]. In a typology of family homelessness through case studies of four jurisdictions (Philadelphia, New York City, Columbus, and Massachusetts State), Culhane et al. finds a positive relationship between the mean cost per family and shelter stay—homeless families whose mean cost per family was high prior to entering shelter tend to stay longer in the shelter than the other two groups—temporary and episodic homeless family groups whose mean cost per family is lower than the “long stay” homeless family group [16].



Unlike analysis results on the effects of income on homelessness, much of the literature mentions that lack of affordable housing and housing instability are directly associated with the risk of being and returning to homelessness. At the aggregate level, earlier studies assumed that the rapid increase in homelessness since the 1980s was the result of losing the balance between the number of households below the poverty line and the number of affordable housing units available in the fair housing market [42,43]. Based on this assumption, McChesney suggested the “low-income housing ratio”—a ratio by dividing the number of households below the poverty line by the number of affordable housing units available—and argued that increase in the rate of homeless people could be analyzed in terms of change in the ratio [6].



Many quantitative studies found that homeless families who moved to transitional housing or received housing services with subsidies were less likely to return to the shelter. However, much of the literature also argues that homeless families who received housing services had tendencies to stay longer in the shelter until they got opportunities to enroll in housing service programs [14,39]. Bassuk and Geller reviewed quantitative studies about the role of housing and services on exiting homelessness and confirmed the existing finding that access to housing vouchers or subsidies play a significant role in increasing residential stability [32]. When combined with case management and other services such as job training, homeless prevention programs, and child foster care, housing programs can also contribute to pursuing self-sufficiency and family reunification.



A recent research synthesis study also admits the overall positive impact of housing interventions and housing on exiting family homelessness. Nonetheless, the study argues that this effect may be limited because improving the housing circumstances of homeless families do not necessarily mean that they are residentially stable and economically self-sufficient to support their needs [29]. A few studies attempted to estimate the optimized delivery time of housing interventions and service programs—for example, Metarux and Culhane argue that decrease in the number of repeated family shelter stay days was the greatest when homeless families received subsidized housing less than 180 days (6 months) [9]. However, the modeling results of optimizing the number of days for supporting subsidized housing for homeless families are inconsistent because of the difference in managing these housing intervention programs and lack of information about the nature of the interventions.



Other than income and housing instability, a few recent studies examine the environmental determinism approach to address the pathways of homelessness. For example, after hurricane Katrina, Unity of Greater New Orleans found that increase in the fair-market rent price (from $676 in 2005 to $990 in 2007) forced about 12,000 people to be homeless in New Orleans. A few studies analyzed characteristics of neighborhoods that could produce homeless families and found that neighborhoods with more public housing units, more people who moved in 15 months or less, and more households without telephone service tend to produce the higher number of homeless families than other neighborhoods [44,45].



Qualitative studies have used housing histories to understand the vulnerability of being homeless and identify the reasons people move from place to place [46]. Collecting biographical or in-depth housing life histories has enabled researchers to examine how job loss, medical crisis, incarceration, and other events across the life-span have influenced the likelihood of homeless families being evicted and becoming homeless due to housing instability [47,48,49,50]. Through the careful documentation of housing histories, particular attention is given to address how those who have experienced housing instability or homelessness describe and interpret their experiences [51,52]. Qualitative analysis on housing histories of homeless families not only reveals their difficulties being poor but also explains how being involved in crimes, being a veteran, having a disability, or being a member of a racial or ethnic group might have contributed to their risk of housing instability. These qualitative studies have substantially informed our quantitative analysis—particularly, selecting individual and structural factors to examine the risk of being homelessness and returning to the shelter for another homeless experience.





3. Data and Methods


3.1. Data


3.1.1. Data Sample


To address the pathway of family homelessness, this study uses the Homeless Management Information System (HMIS) database. As a federal-level and comprehensive homeless database system administered by the U.S. Department of Housing and Urban Development, the HMIS database is the most reliable and valid database that allows us to estimate the risk of homeless families being homeless again. Use of the longitudinal data enables researchers and policymakers to compare the demographic, social, economic status of homeless individuals or families over time and understand the effects of different public interventions—especially subsidized housing program interventions—on reducing the risk of returning to homelessness [53].



Since the HMIS data are highly confidential data that covers detailed historical records of each homeless family registered in the shelter, the authors worked closely with the Road Home shelter to coordinate HMIS data access and manipulation for analysis. Under the permission from the Road Home shelter, the authors were able to obtain the HMIS data for the recent three years—historical records of homeless families registered in the Road Home HMIS database system between January 1, 2015, and December 31, 2017. These two dates also compromise the start and end dates of the periods in this study.




3.1.2. Data Processing for Homeless Family Selection


The initial HMIS data were extracted into eleven relational data tables, and each table was produced at either the client- or program-specific level. These eleven tables need to be joined to one another for further analysis. Fortunately, each table provides several types of identifiers, such as program enrollment identifiers, homeless family identification numbers, and identifiers for assessment of the status of a homeless family. Using these identifiers, the authors wrote R codes that allow querying and joining tables together into one big table by using data table joining techniques such as one-to-one, one-to-many, and many-to-many join.



Based on the homeless family identifiers, 1614 unique homeless families were identified, but there are 141 homeless families having records of entering the shelter before January 1, 2015. Uncertain identification of an initial homeless shelter stay record would cause left-censoring bias—showing less intense shelter use or return patterns in the analysis. Therefore, client- and program-specific HMIS data records for these 141 homeless families were excluded to minimize the effects of left-censoring bias and ensure confidence that homeless families starting an initial spell of their homelessness after January 1, 2015, were used in this study.



Another data processing step before conducting analysis is to define metrics of time in our longitudinal datasets. Suggested by Metraux and Culhane, two types of metrics of time are commonly used for the analysis of shelter use and reentry dynamics in homelessness studies—stay and episode [54]. The term “stay” means a single record of shelter stays. In the HMIS data of this study, one single stay has a unique “program enrollment” identifier. If one or more shelter stays are consecutive, we can group them into one discrete period of shelter use. It is called “a shelter episode.” During a single episode, a homeless family can enroll one or more programs provided by the homeless shelter organization. While aggregating the HMIS records at the homeless episode level, additional eleven homeless family records were removed because of missing information on the date of exiting each homeless stay. After data aggregation at the homeless episode level, the table, including 2348 homeless episode records for the 1462 homeless families is produced for shelter exit analysis.



Similar but separate data processing steps are executed for shelter reentry analysis. To analyze the risk of shelter reentry, previous studies divided homeless family data into one or several cohorts and explored shelter reentry patterns before developing a prediction model for hazard risk of homelessness [35,44]. These studies identified cohorts of homeless families based on their dates of exiting the homeless episode and tracked reentry patterns over the follow-up period. This study adopts this methodology to study patterns of shelter reentry for homeless families in Salt Lake City, Utah. From the 2015–2017 HMIS data, two distinct homeless family cohorts can be extracted such as (1) homeless families exiting the shelter between January 1, 2015 and December 31, 2015 (2015 cohort); (2) homeless families exiting the shelter between January 1, 2016 and December 31, 2016 (2016 cohort). By splitting the HMIS data sample into two cohorts, we were able to investigate reentry patterns over several different periods. For the 2015 cohort, we tracked their reentry pattern over two years; for the 2016 cohorts, we tracked reentry patterns over one year. For both 2015 and 2016 cohorts, we track shelter reentry patterns of both cohorts over a one-year follow-up period. The use of cohort data over different follow-up periods produces three distinct regression models, which allows us to understand the dynamics of homeless family reentry patterns over time, depending on the characteristics of different homeless family cohorts. The data sample size for shelter reentry analysis after data processing includes 1726 homeless episodes for 1140 homeless families, which is about 62.7 percent of the total homeless people throughout Utah State.





3.2. Case Study Selection: Salt Lake County, Utah


As the central county of the Salt Lake City Metropolitan Statistical Area (MSA), Salt Lake County is the most populous and urbanized county in Utah, where 1.1 million population live. The population density of the county is 490/km2, but the high population and urban density are identified in Salt Lake City which is the capital municipality city in Utah State.



The large population and the non-uniform population density have created a large number of homeless people in the county and Salt Lake City. Utah State has three Continuum of Care (CoC)—a regional or local planning organization that allocates housing and services funding for homeless individuals and families—, and Salt Lake County occupies one independent CoC. According to the 2018 Point-In-Time estimates by the U.S. Department of Housing and Urban Development (HUD), there are 1,804 people experiencing homelessness on a given night, which is about 62.7 percent of the total homeless people in Utah on a given night. Although Utah is one of the U.S. states having the lowest rate of homelessness (9 homeless people per 10,000 people in the general population), the rate of homeless per 10,000 people in the “Salt Lake City & County” CoC is 15.4, which is the largest among the three CoCs in Utah. As with other U.S. States, Utah and Salt Lake County has more female-head homeless families than homeless families with a male head. However, more than two-thirds of homeless families are ones with a White family head, which is different from the other U.S. States. This is because approximately 75 percent of the population in Utah is White. Still, the risk ratio of homelessness is the largest for Black population, which may imply a mixed result of the racial effect on the risk of homelessness.



To reduce or end homelessness, the “Housing First” initiative has been adopted across the U.S. since 2007. Utah and Salt Lake County also adopt programs and strategies in the initiative. The “Housing First” initiative suggests four types of housing service programs for homeless individuals and families. They include emergency shelter, transitional housing, rapid rehousing, and permanent supportive housing. Currently, emergency shelter and rapid rehousing are the most common housing options that homeless people frequently use, but the rapid rehousing program has been considered the best option to protect homeless people from being homeless again. Due to the “Housing First” initiative, the total number of homeless people has declined since 2012, but the number of homeless people in families has remained constant over time, suggesting that addressing individual and structural factors affecting the risk of family homelessness allows policymakers to devise policy options or programs for reducing the number of homeless families and ending family homelessness in the long term. Using the HMIS databased of homeless families between 2015 and 2017, this study focuses on identifying the relationships between individual and structural factors and the risk of homeless families exiting their homeless episode and returning to the shelter for a subsequent homeless episode. Figure 1 illustrates three CoCs jurisdictions in Utah. Characteristics of homelessness for three CoCs in Utah are found in Table 1.




3.3. Methods


In alignment with previous studies on homelessness, this study uses Cox Proportional Hazard regression and Kaplan-Meier estimates of the survival times to describe and analyze factors affecting the risk of exiting family homelessness and shelter re-entry. Like a difference-of-means test, the Kaplan-Meier estimates of the survival times test difference in the days spent exiting the shelter across different groups, so it will be used to evaluate impacts of various homeless programs or homeless family status on shelter exits or reentry of homeless households. As a specific type of regression model for survival data, a Cox Proportional Hazard model allows us to address questions about the occurrence and timing of events by using longitudinal data whose probability of event occurrence varies over time [55]. A Cox Proportional Hazard model assumes that the covariates (all variables in the model) have the same proportional effects on the ratio as a function of time and event variables. In this study, however, the event variable is about whether a homeless household exits the Road Home program. Unlike an adverse event or status variable used in the model, the event in this study is a positive event—that is, exiting the shelter to overcome or end their homelessness. Therefore, interpretation of the ratio in our model is the proportional effect on exiting the Road Home service program in response to a one-unit change in the corresponding covariates.



While cleaning up the HMIS data, the “time-to-event” and “status” outcome variables were defined to perform survival data analysis using a Cox Proportional Hazard model. Existing studies illustrate an exit from the shelter lasting a certain number of consecutive days, so this study adopts this definition—going out of the Road Home shelter by completing the Road Home programs a homeless household receive and no longer enrolling it. Similarly, re-entry to shelter is defined as returning the Road Home shelter and re-enrolling the Road Home program after exiting the shelter for days. Specifically, this study defines shelter reentry estimates as the risk of returning the shelter after being rehoused through TRH’s housing programs because research questions in this study are about whether and if so when a homeless household returned to the Road Home shelter after being rehoused. Based on these definitions, enroll and exit dates of the Road Home program use were aggregated into episodes of shelter use and allowed calculating the amount of time (i.e., the total number of days throughout episodes) until a homeless household no longer enrolled the program and exited the shelter. The difference in the number of days between episodes is time a homeless family spent outside the shelter until a homeless household returned the shelter. The Cox Proportional Hazard model represents and predicts a change in the likelihood that a homeless household exited the program to overcome their homelessness or returned the shelter after being rehoused through the rapid rehousing (RRH) program, given that a homeless family did not exit the shelter or returned the shelter by the point of time.





4. Results


4.1. Descriptive Statistics of the HMIS Data Sample


Table 2 shows descriptive statistics for homeless families according to whether they repeated their homeless episodes or not. Among the 1462 homeless families starting their homeless episode between January 1, 2015, and December 31, 2017, the table indicates that approximately 86.5 percent of the data sample was female, and 73.1 percent of homeless families were families with a White family head. 78.6 percent of homeless families were families whose age of a homeless family head was between 20 and 39. The average family size was 3.5, and the number of adults within a homeless family was either one or two adults regardless of repeated homeless episodes. Approximately 48.1 percent of homeless families had a family head with a physical disability.



More than half the homeless families responded to no domestic violence issues before starting their homeless episode, and 7.5 percent of homeless families in the sample data have no information on their local violence experience. Among the 34.4 percent of homeless families reporting their domestic violence, 16.8 percent of homeless families mentioned that they had domestic violence experience more than one year ago. Homeless families with domestic violence issues are more likely to repeat their homeless episodes.



The health status of a family head shows that approximately 24 percent of homeless families had a family head with chronic health problems, while 27 percent had a family head with mental health problems. Overall, family-level sample descriptive results show that homeless families not repeating their homeless episodes seem to be more female, more likely to be White, had a larger family size, and spent more days for their homeless episode than those who repeat their homeless episodes after exits.



Descriptive results from the episode-level sample data show that homeless families were more likely to either double up with their relatives’ or friends’ house or stay at the emergency shelter before their shelter return. The highest percentages of unknown exit destinations are because some homeless families suddenly disappeared while staying at the shelter or other homeless families were still in their homeless episodes. Approximately 20.9 percent of homeless families exited to their rental housing, but 12.6 percent of homeless families exiting their rental housing also returned the shelter for another homeless episode. The average amounts of rental assistance a homeless family received were almost the same regardless of whether a homeless family returned the shelter or not. However, the average total monthly and earned incomes of homeless families returning the shelter tend to be lower than homeless families not repeating their homeless episodes during the study period.



Finally, cohort-based descriptive statistics results show that 48.7 percent of homeless families exiting their homeless episode in 2015 returned the shelter within one year, while 42.4 percent of homeless families exiting the shelter in 2016 returned the shelter within one year. This suggests that the shelter reentry rate slightly declined when tracking historical records of reentry patterns between 2015 and 2016 cohorts over the same follow-up period.



Figure 2 shows Kaplan-Meier (KM) curves for estimates of survival times based on a group. Figure 2a illustrates the probability of exiting a homeless episode depending on the housing program a homeless family spent their time the most during their homeless episode. Homeless families enrolling the permanent supportive housing (PSH) program are more likely to stay in their homeless episodes than any other housing program because it provides housing and intensive services for chronically homeless families with a disability. Among the other three subsidized housing programs, homeless families receiving the rapid rehousing (RRH) program stay their homeless episode longer than homeless families staying at an emergency shelter (ES) or transitional housing (TH). The p-value from the log-rank test also shows that differences in the number of days of staying the homeless episode are statistically significant across all housing programs.



Figure 2b illustrates the likelihood of shelter return for the 2015 homeless family cohort over a two-year follow-up period depending on exit destination types in their previous episode. Except for the KM curve for exiting to housing owned by a homeless family, shapes of the other five KM curves suggest that the probabilities of returning the shelter seem to decline exponentially. These exponential decays of KM curves also show that the hazard risks of shelter return for the five KM curves as gradient functions were high right after the episode exit but became lower as a homeless family spent a longer time out of the shelter. The mean survival time of exiting to housing owned by a homeless family is shortest (222.5 days), while the median survival time of exiting to doubling up with relative’s or friend’s house is longest (630.2 days). The mean survival times of exit destination types for the 2015 homeless family cohort suggests that homeless families exiting to their housing are more likely to return the shelter for their subsequent homeless episode, whereas homeless families exiting to their relative’s or friend’s house are least likely to return the shelter. As with the KM curve for Figure 2a of shelter exits, the p-value less than 0.001 from the log-rank test shows that differences in the number of days out of shelter are significant across the exit destination groups.




4.2. Multivariate Analyses


4.2.1. Factors Affecting Shelter Exit


Table 3 presents the Cox Proportional Hazard regression model results for shelter exit. The dependent variable is “shelter exit,” which is a binary variable of whether, and if so, how long a homeless family stayed the Road Home shelter for their homeless episode. Cox proportional hazard regression was applied here to estimate the likelihood of exiting the shelter depending on the number days a homeless family stayed the shelter. Two regression models with different model specifications are implemented, and coefficients of the models represent the hazard ratio, which is defined as the proportional effect of a one-unit change or shift from one category to another in each variable on the likelihood of exiting the shelter. Model 1 shows estimates from a model that includes controls for demographic characteristics and health status of a family head as individual factors of shelter exit. The estimates of each variable in Model 1 suggests that shelter exit is significantly associated with household configuration, health status, and domestic violence. Holding all other variables constant, one additional person in household size or one additional adult is less likely to exit their homeless episode by 9.6 percent and 21 percent, respectively. Having drug abuse and mental health problems also leads to a lower probability of exiting the homeless episode by 26.4 percent for drug abuse and 17.9 percent for mental health. Compared to homeless families having no domestic violence experience, homeless families having memories of domestic violence are less likely to exit their episodes regardless of how long ago domestic violence occurred.



Model 2 shows estimates of a model that includes both individual and structural factor variables. When structural variables are added as controls for the hazard ratio of shelter exit, the household size variable is not significant, but the effects of the number of adults within a homeless family on shelter exit remain significant. Gender and veteran status variables are found to be significant at the 0.05 level; Holding all other variables constant, homeless families with a male family head are less likely to exit the shelter compared to homeless families with a female head. Homeless families whose head of a family is a veteran are 1.5 times more likely to exit the shelter than homeless families without a veteran family head. Having drug abuse problems seems to decrease the likelihood of shelter exit by 28.6 percent. Still, instead of mental health, the estimate of the alcohol abuse status variable indicates that homeless families with alcohol abuse problems are approximately 1.6 times more likely to exit the shelter than homeless families without alcohol abuse issues. Estimates of the domestic violence variable indicate that homeless families experiencing domestic violence at least three months ago are less likely to exit the shelter compared to homeless families without any domestic violence experience. Except for the domestic violence variable, magnitudes of individual factor variables on shelter exit in Model 2 get stronger compared to estimates of the same variables in Model 1.



Among all structural factor variables used in this study, the housing programs a homeless enrolled during their homeless episode play significant roles in decreasing the likelihood of shelter exit. Magnitudes of estimates for each housing program suggest that permanent supportive housing programs decrease the probability of shelter exit among all four housing programs, while transitional housing programs are least likely to decrease the likelihood of shelter exit. Difference in estimates of shelter exit between permanent supportive housing and transitional housing program comes from the characteristics of each housing program; permanent housing programs are targeted to homeless families that need subsidized housing with intensive service care, while transitional housing programs are for homeless families who temporarily are at risk of homelessness or need a short-term stay at subsidized housing.



Prior experience of staying at their housing or doubling up with their relative’s or friend’s houses also affects the probability of shelter exit. Homeless families living in their housing for either one to three months or more than one year are 1.6 and 1.5 times more likely to exit the shelter than homeless families not living in their housing prior to shelter entry. In the case of doubling up, homeless families staying at their relative’s or friend’s houses before entering the shelter are more likely to exit the shelter by 1.2 times to 1.6 times, depending on their length of stay.



Higher levels of specific income sources reported by homeless families affect the likelihood of shelter exit. The HMIS sample data provide detailed information on various income sources reported by homeless families. Among these income sources, having higher levels of average earned income and family support income decrease the probability of shelter exit by about 1.9 and 3.2 percent, respectively. For homeless families enrolling subsidized housing programs, one hundred dollars increase in the average monthly rent assistance decrease the probability of exiting the homeless episode by about 14.5 percent, meaning that homeless families receiving housing with sufficient rental assistance tend to remain enrolled in that housing for their long-term housing stability.



Finally, the categorical variable indicating seasons of entering into their homeless episode is not statistically significant across all seasons. On the other hand, the categorical variable on where a homeless family came from is statistically significant and has a positive effect on increasing the probability of shelter exit. Compared to the reference group of the variable—unknown locations of their origins, comparison of magnitudes of coefficient values between homeless families coming outside and from Salt Lake County suggests that homeless families coming outside Salt Lake County tend to have the higher probability of exiting the homeless episode than homeless families within Salt Lake County.



Figure 3 shows a plot of the hazard rate estimated from Model 2—that is, the conditional probability that a homeless family exits their homeless episode, given that a homeless family has not exited their homeless episode yet. Although many noises exist in the graph due to daily hazard rate estimates of episode exit, the “bath-tub” shape of the hazard function curve illustrates that the hazard rates of exiting shelter rapidly decrease in the first 100 days. After the first 100 days, however, the hazard rates gradually increase as the length of the homeless episode increases, meaning that the longer a homeless household enrolls the Road Home program, the higher risk the household exit the shelter by not enrolling the program any longer.




4.2.2. Factors Affecting Shelter Reentry


From univariate survival analysis results from Kaplan-Meier curves of survival function, another set of multivariate Cox Proportional Hazard regression model was implemented to examine the effects of individual and structural factors on the hazard risk of returning the shelter for another homeless episode. Data for shelter reentry analysis are produced by “subsetting” the HMIS sample data based on the memberships of each cohort and follow-up period. Three different survival analysis models are implemented for each homeless family cohort data—the first model for the 2015 cohort over a two-year follow-up period, the second model using the 2016 homeless family cohort over one year, and the third model using 2015 and 2016 cohort data tracking shelter reentry patterns over one year.



Table 4 shows the results of these analyses. In three regression models, the memory of domestic violence a homeless family had before shelter reentry plays a significant role in increasing the hazard risk of returning the shelter for another homeless episode. Compared with the reference category of “No domestic violence occurred,” homeless families experiencing domestic violence are more likely to return the shelter regardless of how long they experienced it. One possible explanation of the highest hazard risk of shelter return for homeless families not reporting their domestic violence may be that there might be many homeless families curtailing or hiding their trauma of domestic violence among that group. In the regression model for the 2016 cohort over a one-year follow-up period, homeless families with a male head are less likely to return the shelter than homeless families with a female head by 46.7 percent, holding all other variables constant. This gender effect on the risk of shelter reentry in the 2016 cohort regression model confirms a consensus that female-headed homeless families tend to be more vulnerable to the hazard risk of becoming homeless again. The 2016 cohort regression model also shows that homeless families having alcohol abuse problems have a lower probability of returning the shelter than homeless families without alcohol abuse problems.



Structural factor variables included in three shelter return models show a significant association with the risk of shelter return. In the regression models for the 2015 cohort over a two-year follow-up period, exit to either housing owned by a homeless family or emergency shelter increases the likelihood of shelter return, while exit to rental housing subsidized by the shelter organization decreases the probability of shelter reentry by 28.5 percent compared to homeless families with no information on their exit destinations. In the all cohort regression model over a one-year follow-up period, homeless families exiting to their relative’s or friend’s houses or subsidized housing are less likely to return the shelter than homeless families with missing information on exit destinations. No significant associations between types of exit destinations and the risk of shelter return are found in the 2016 cohort regression model. However, hazard ratios of average monthly and earned income variables suggest that additional hundred dollar increase in the monthly income increases the likelihood of shelter return by 1.4 percent, while additional hundred dollar increase in the earned income decreases the probability of returning the shelter by 4.4 percent, holding all other variables constant. The similar coefficient trends are identified in income variables of the all cohort regression model, but odds ratios show more significant impacts on the risk of shelter reentry than those in the 2016 cohort regression model.



Finally, in the 2016 and all cohort regression models, homeless families exiting their homeless episode during the winter season between November and February are more likely to return the shelter—by 63.2 for the 2016 cohort and 18.9 percent for the 2015 and 2016 cohort over a one-year follow-up period. The origin of a homeless family in the regression models for the 2015 and all cohorts show a significant association with the risk of shelter reentry; Compared to homeless families coming to the shelter outside Utah State, homeless families whose origins are within Salt Lake County—a jurisdiction of Continuum of Care—are more likely to return the shelter for a subsequent homeless episode by 53.8 percent for the 2015 cohort and 40.5 percent for all cohorts respectively.



Figure 4 illustrates three plots of the hazard rates estimated from each shelter return regression model. The hazard rates in these plots represent the conditional probability that a homeless family returns the shelter for their subsequent homeless episode, given that a homeless family is still out of the shelter.



The overall hazard curve trends in three plots show that a relatively high risk of return in the period right after a homeless family exits their previous homeless episode. However, “flat” curves followed by a sharp decline in the hazard risk in the plots suggest that the longer a homeless family stayed out of the episode, the lower risk of returning to the episode they have. A hazard curve of shelter return over two years for the 2015 cohort (Figure 3a) shows a high risk of shelter return right after the exit, a rapid decline in the first 12 weeks (3 months), and a stabilized risk curve after about 20 weeks. A similar hazard curve trend is identified in the all cohort model, but a sharp decline in the hazard rate of shelter return lasts slightly longer (20 weeks) than the hazard rate curve for the 2015 cohort. The overall hazard curve trend for the 2016 cohort (Figure 3b) is similar to the other two curves, but the hazard rates fluctuate much more than the other two curves. Also, the hazard rate of shelter reentry becomes high again three weeks and eleven weeks after the exit. The difference in the Y-axis scale compared to the hazard curves of the 2015 cohort suggests that the overall hazard rates of episode return are relatively lower than those for the 2015 cohort.






5. Discussion


5.1. Estimates of Time for Staying and Exiting the Shelter


Univariate analysis of Kaplan-Meier (KM) curves for shelter exits indicates that homeless families spending a long time for their homeless episode are more likely to exit their homeless episode. As with existing literature, the decreasing KM curve of estimated survival times—that is, the number of days homeless families staying the shelter—confirms the fact that pressure or motivation for a homeless family to exit the shelter gets higher the longer time they spent in the shelter. However, differences in the median survival times—the number of days staying the shelter for the average homeless family—by types of the housing program clearly show that types of subsidized housing can play significant roles in determining the length of shelter stay of homeless families. Particularly, the KM curves of shelter exit suggest that homeless families under the permanent supportive housing program are the most likely to spend a longer time in the shelter, while homeless families staying emergency shelter for their homeless episode spend the least time in the shelter. For homeless families, a longer stay in their subsidized housing through the housing programs provided by the homeless service provider helps improve their housing stability, which in turn can affect seeking other opportunities to stabilize their life—especially economic stability.



Another KM curves of the shelter reentry rates by different exit destinations in this study supports the fact that subsidized housing program—both permanent supportive housing and rapid rehousing programs—play significant roles in decreasing the rates of shelter returns compared to the other types of exit destinations. Considering that permanent supportive housing is targeted to homeless families who need intensive services due to disability, the KM curve of shelter return clearly shows that a rapid rehousing program is the best option to protect homeless families against the risk of restarting their homeless episode.



Combined with these two findings, this study argues that homeless families receiving subsidized housing tend to spend a longer time exiting the shelter, but homeless families assigned to subsidized housing are less likely to return the shelter for another homeless episode. This is also a clear indication that improving housing stability through the “Housing First” approach works well.




5.2. Effects of Individual Factors on Shelter Exit and Return


The multivariate regression modeling results of shelter exits for homeless families clearly show that some individual factors affect the likelihood of shelter exit. Model 1 and 2 of shelter exits in Table 2 indicate that overall homeless household structure rather than demographic characteristics of a homeless family head is directly associated with the probability of exiting the shelter. Although there are disparities in shelter exit between male- and female-head homeless families in Model 2, the multivariate analysis of shelter exits shows that characteristics of family structure such as household size and the number of adults within a homeless family play significant roles in determining their length of shelter stay, which is opposite to findings in earlier studies like Culhane and Metraux (1999) but consistent to those in recent studies. The reason veteran homeless families are more likely to exit the shelter is that the “Housing First” initiative provides a subsidized housing program targeting for veteran families only, and various veteran benefits enable them to exit their homeless situation faster than homeless families without a veteran family head.



Earlier studies in the 1980s and 1990s argued that the relationship between the risk of homelessness and substance abuse was bidirectional [56,57,58,59]. The shelter exit and return models in this study also show mixed results of how substance abuse affects the risk of shelter exit or return, meaning that additional complicated relationships may exist in the causal pathways of the risk of family homelessness. The low probabilities of shelter exit for homeless families having a family head with drug abuse and mental health problems reflect reality that homeless families with drug abuse or mental health problems may have negative impacts on competing for scarce employment and housing opportunities when they are out of shelter—that is, the higher risk of having barriers against maintaining their quality of life after shelter exits. Although there may be several explanations about the relationship between alcohol abuse and the high probability of exiting the shelter, one possible reason would be due to a lack of patience to stay their homeless episode under strict regulations. Also, family heads having alcohol addiction issues frequently cause conflicts with other homeless families or shelter staff, which causes termination of their shelter stays.




5.3. Effects of Structural Factors on Shelter Exit and Return


Most of the structural factors included in both shelter exit and reentry models show significant associations with the risk of exiting and returning the shelter for a homeless episode. An independent variable of interest in the shelter exit analysis of this study is how housing affects shelter exit or return for a homeless family, and the shelter exit model indicates that types of subsidized housing program enrollment significantly affect the likelihood of exiting the shelter. Among four different types of subsidized housing programs, a permanent supportive housing program significantly decreases the probability of exiting the shelter, meaning that it would be the best housing option for homeless families to secure their housing stability for a long time and end family homelessness. Given that permanent supportive housing program is targeted to specific homeless families requiring intensive services due to severe disability, coefficients and statistical significance of the other subsidized housing program in the shelter exit model suggests that rapid rehousing program is the best option to provide housing stability to homeless families in general. In the shelter reentry model, impacts of exiting to subsidized rental housing also confirm the fact that subsidized rental housing programs such as rapid rehousing and permanent supportive housing play significant roles in reducing the risk of returning to the shelter for another homeless episode.



Some types of prior residence a homeless family stayed before entering the shelter affect the probability of exiting the shelter. As previous studies found, staying at an emergency shelter or hotel or motel with vouchers does not significantly affect the risk of exiting the shelter. In the shelter exit model, statistically significant prior residence types are housing owned or rented by a homeless family and doubling up with their relative’s or friend’s house. Having experience of staying privately-owned or privately-rented housing for a short period of time or staying in their housing for a long time gives a homeless family strong motivation to overcome their homeless situations and go back to their normal life, which leads to increase the likelihood of exiting the shelter. In the case of the doubling-up, having relatives or friends who can provide housing motivates homeless families into ending their homelessness, which suggests the importance of encouraging community-based actions and social support networks to end family homelessness.



Another critical structural factor affecting the likelihood of exiting and returning the shelter is prior to income status. However, the interpretation of results regarding its influence on the shelter exit and return models is quite mixed. Although eligibility for receiving a housing subsidy is determined regardless of prior income status, having experience of earning money through employment can give homeless families motivation to be less dependent on the shelter stay. An increase in family support income and rental housing assistance can provide homeless families with economic stability to end their family homelessness. However, given that the average monthly income of a homeless family is mostly based on subsidized income resources such as family support income and rent housing subsidies, significance of the average monthly income in the shelter reentry model suggests that excessive dependence on subsidized income sources may lead to repeating their homeless episodes, not helping them overcome their homelessness.





6. Conclusions


There have been many studies on family homelessness to identify factors affecting their decisions and behaviors during a homeless episode, but the research that analyzes the relationships between their physical and socioeconomic characteristics and the risk of both shelter exit and return is not widely studied due to limited microdata availability. Using historical records of homeless families registered to the HMIS database during the recent three years, this study contributes to taking both individual and structural factors affecting family homelessness into account for understanding the dynamics of patterns of shelter exits and returns for homeless families. Shelter exit and cohort-based shelter reentry analyses in this study confirm three things: First, structural factors like change in socioeconomic status rather than individual physical characteristics are primary interventions to determine the length of shelter stay and the time a homeless family spends before returning the shelter. Second, this study confirms the finding of previous literature that subsidized housing programs play significant roles in addressing family homelessness effectively. Third, adding structural factor variables to the regression model changed statistical significance levels of gender, veteran status, substance abuse, and experience of domestic violence, which implies variations in the effects of structural factor variables depending on some individual factor variables. Overall, this study confirms the empirical fact that the “Housing First” approach and strategies work well for family homelessness in the U.S.



In addition to confirmation of findings in previous literature on family homelessness, this study examined the effects of new structural factors on the risk of shelter stay and return—that is, income status and the length and experience of prior residence. Due to detailed information on income sources and prior residence of a homeless family over time, this study argues that programs for supporting the economic stability of a homeless family are also necessary to end their homeless situations. Particularly, shelter reentry modeling result of income status in this study suggests that providing homeless families with opportunities for making earned income rather than depending on subsidized income sources is a key to help homeless families maintain their quality of life after exiting the shelter. Integration of results of homeless episode exits and shelter reentry is another contribution of this study to understand the dynamics of family homelessness from quantitative perspectives. Although this study only uses the HMIS data from one region—Salt Lake County in Utah, findings about the impacts of different subsidized housing programs on the likelihood of shelter exit and return for homeless families might be helpful to understand the effects of housing service programs in other states because these housing service programs have been implemented based on guidelines of the “Housing First” initiative. However, differences in statistical significance and magnitudes of some individual and structural factors in regression models of this study suggest that geographical generalizability of the likelihood of shelter exit and return can be achieved through additional HMIS data collection from other states in the U.S.



Despite these findings, this study is subject to several limitations. First, while processing the HMIS data, there are incomplete historical records of some homeless families found in the database. These records were deleted from the regression analysis. Second, this paper does not include some factors such as educational attainment and crime records as factors affecting family homelessness. The Road Home HMIS database does not contain these data, so this study could not examine the effects of educational attainment and criminal status on the risk of being homeless. Controlling for additional variables may make shelter exit and reentry analyses more solid than the models in this study, but education attainment and criminal records are somewhat challenging to catch accurately because homeless families tend to curtail or hide education and crime records. Third, due to limited data availability, historical records of homeless families in Salt Lake County, Utah were used as a single case study for measuring the risk of family homelessness, so additional family homelessness data from the HMIS in other states would help develop generalizable findings of the dynamics of family homeless across the U.S. as a whole. Finally, this paper does not account for variables that monitor the life of homeless families between their homeless episodes. Measures on activities and behaviors of homeless families between shelter exit and subsequent shelter reentry may provide more insights into why they return the shelter. There are a few qualitative studies on the life of homeless families after exiting the shelter, but quantitative approach to analyze this potential association requires the development of a monitoring system of homeless families exiting the shelter, which would be a future research topic on homelessness.







Author Contributions


Conceptualization, I.G.; methodology, K.K.; software, K.K.; validation, I.G. and K.K.; formal analysis, K.K.; investigation K.K.; resources, I.G.; data curation, K.K.; writing—original draft preparation, K.K.; writing—review and editing, I.G.; visualization, K.K.; supervision, I.G.; project administration, I.G.; funding acquisition, I.G.




Funding


This research was funded by the University of Utah Incentive Seed Grant Program, grant number 51900340. The APC was funded by the Incentive Seed Grant Program.




Acknowledgments


We would like to thank The Road Home staffs for sponsoring this research and giving permission for using the Homeless Management Information System (HMIS) database to conduct quantitative analyses. Particularly, we like to thank Christopher Gomez for working on the initial Road Home data extraction and Dee Norton for sharing his expertise on subsidized housing programs for homeless families.




Conflicts of Interest


The authors declare no conflict of interest.




References


	



U.S. Department of Housing and Urban Development. Family Options Study: Short-Term Impacts of Housing and Services Interventions for Homeless Families, 2016. Available online: https://www.huduser.gov/portal/sites/default/files/pdf/FamilyOptionsStudy_final.pdf (accessed on 5 November 2019).

	



Hopper, K. Homelessness old and new: The matter of definition. Hous. Policy Debate 1991, 2, 755–813. [Google Scholar] [CrossRef]

	



Hopper, K. Definitional quandaries and other hazards in counting the homeless: An invited commentary. Am. J. Orthopsychiatry 1995, 65, 340–346. [Google Scholar] [CrossRef] [PubMed]

	



Gould, T.E.; Williams, A.R. Family Homelessness: An Investigation of Structural Effects. J. Hum. Behav. Soc. Environ. 2010, 20, 170–192. [Google Scholar] [CrossRef]

	



Piliavin, I.; Entner Wright, B.R.; Mare, R.D.; Westerfelt, A.H. Exits from and Returns to Homelessness. Soc. Serv. Rev. 1996, 70, 33–57. [Google Scholar] [CrossRef]

	



McChesney, K.Y. Family Homelessness: A Systemic Problem. J. Soc. Issues 1990, 46, 191–205. [Google Scholar] [CrossRef]

	



Bassuk, E.L.; Rosenberg, L. Why does family homelessness occur? A case-control study. Am. J. Public Health 1988, 78, 783–788. [Google Scholar] [CrossRef]

	



Nunex, R.; Fox, C. A Snapshot of Family Homelessness Across America. Polit. Sci. Q. 1999, 114, 289–307. [Google Scholar] [CrossRef]

	



Metraux, S.; Culhane, D.P. Family Dynamics, Housing, and Recurring Homelessness among Women in New York City Homeless Shelters. J. Fam. Issues 1999, 20, 371–396. [Google Scholar] [CrossRef]

	



Cunningham, M. Preventing and Ending Homelessness: Next Steps for Policymakers; The Urban Institute: Washington, DC, USA, 2009. [Google Scholar]

	



Shinn, M.; Weitzman, B.C.; Stojanovic, D.; Knickman, J.R.; Jiménez, L.; Duchon, L.; James, S.; Krantz, D.H. Predictors of homelessness among families in New York City: From shelter request to housing stability. Am. J. Public Health 1998, 88, 1651–1657. [Google Scholar] [CrossRef]

	



Rog, D.; Buckner, J.C. Homeless families and children. In Toward Understanding Homelessness, Proceedings of the 2007 National Symposium on Homelessness Research, Washington, DC, USA, 1–2 March 2007; Dennis, D., Locke, G., Khadduri, J., Eds.; U.S. Department of Housing and Urban Development and Department of Health and Human Services: Washington, DC, USA, 2007. [Google Scholar]

	



Shinn, M.B.; Rog, D.; Culhane, D. Family Homelessness: Background Research Findings and Policy Options. Dep. Pap. 2005, 83, 28. [Google Scholar]

	



Culhane, D.; Metraux, S. One-year rates of public shelter utilization by race/ethnicity, age, sex and poverty status for New York City (1990 and 1995) and Philadelphia (1995). Popul. Res. Policy Rev. 1999, 18, 219–236. [Google Scholar] [CrossRef]

	



Weitzman, B.C.; Knickman, J.R.; Shinn, M. Pathways to Homelessness among New York City Families. J. Soc. Issues 1990, 46, 125–140. [Google Scholar] [CrossRef]

	



Culhane, D.P.; Metraux, S.; Park, J.M.; Schretzman, M.; Valente, J. Testing a typology of family homelessness based on patterns of public shelter utilization in four U.S. jurisdictions: Implications for policy and program planning. Hous. Policy Debate 2007, 18, 1–28. [Google Scholar] [CrossRef]

	



Kuhn, R.; Culhane, D.P. Applying Cluster Analysis to Test a Typology of Homelessness by Pattern of Shelter Utilization: Results from the Analysis of Administrative Data. Am. J. Community Psychol. 1998, 26, 207–232. [Google Scholar] [CrossRef]

	



Tischler, V.; Rademeyer, A.; Vostanis, P. Mothers experiencing homelessness: Mental health, support and social care needs. Health Soc. Care Community 2006, 15, 246–253. [Google Scholar] [CrossRef]

	



Zima, B.T.; Wells, K.B.; Benjamin, B.; Duan, N. Mental Health Problems Among Homeless Mothers. Arch. Gen. Psychiatry 1996, 53, 332. [Google Scholar] [CrossRef]

	



Masten, A.S.; Miliotis, D. Children in homeless families: Risks to mental health and development. J. Consult. Clin. Psychol. 1993, 61, 335–343. [Google Scholar] [CrossRef]

	



Rafferty, Y.; Shinn, M. The impact of homelessness on children. Am. Psychol. 1991, 46, 1170–1179. [Google Scholar] [CrossRef]

	



Buckner, J.C.; Bassuk, E.L.; Zima, B.T. Mental health issues affecting homeless women: Implications for intervention. Am. J. Orthopsychiatry 1993, 63, 385–399. [Google Scholar] [CrossRef]

	



Koegel, P.; Sullivan, G.; Burnam, A.; Morton, S.C.; Wenzel, S. Utilization of mental health and substance abuse services among homeless adults in Los Angeles. Med. Care 1999, 37, 306–317. [Google Scholar] [CrossRef]

	



Gewirtz, A.; Hart-Shegos, E.; Medhanie, A. Psychosocial Status of Homeless Children and Youth in Family Supportive Housing. Am. Behav. Sci. 2008, 51, 810–823. [Google Scholar] [CrossRef]

	



McChesney, K.Y. A Review of the Empirical Literature on Contemporary Urban Homeless Families. Soc. Serv. Rev. 1995, 69, 429–460. [Google Scholar] [CrossRef]

	



Burt, M.R.; Aron, L.Y.; Douglas, T.J.E.B. Homelessness: Programs and the People They Serve; Summary Report. Findings of the National Survey of Homeless Assistance Providers and Clients; Urban Institute: Washington, DC, USA, 1999. [Google Scholar]

	



Meanwell, E. Experiencing Homelessness: A Review of Recent Literature. Sociol. Compass 2012, 6, 72–85. [Google Scholar] [CrossRef]

	



Grant, R.; Gracy, D.; Goldsmith, G. Twenty-five years of child and family homelessness: Where are we now? Am. J. Public Health 2013, 103 (Suppl. 2), e1–e10. [Google Scholar] [CrossRef]

	



Bassuk, E.L.; DeCandia, C.J.; Tsertsvadze, A.; Richard, M.K. The effectiveness of housing interventions and housing and service interventions on ending family homelessness: A systematic review. Am. J. Orthopsychiatry 2014, 84, 457–474. [Google Scholar] [CrossRef]

	



Bassuk, E.L.; Weinreb, L.F.; Buckner, J.C.; Browne, A.; Salomon, A.; Bassuk, S.S. The Characteristics and Needs of Sheltered Homeless and Low-Income Housed Mothers. J. Am. Med. Assoc. 1996, 276, 640. [Google Scholar] [CrossRef]

	



Lehmann, E.R.; Kass, P.H.; Drake, C.M.; Nichols, S.B. Risk factors for first-time homelessness in low-income women. Am. J. Orthopsychiatry 2007, 77, 20–28. [Google Scholar] [CrossRef]

	



Bassuk, E.L.; Geller, S. The role of housing and services in ending family homelessness. Hous. Policy Debate 2006, 17, 781–806. [Google Scholar] [CrossRef]

	



Stojanovic, D.; Weitzman, B.C.; Shinn, M.; Labay, L.E.; Williams, N.P. Tracing the path out of homelessness: The housing patterns of families after exiting shelter. J. Community Psychol. 1999, 27, 199–208. [Google Scholar] [CrossRef]

	



Burt, M.R.; Pearson, C.; Montgomery, A.E. Community-Wide Strategies for Preventing Homelessness: Recent Evidence. J. Prim. Prev. 2007, 28, 213–228. [Google Scholar] [CrossRef]

	



Wong, Y.-L.I.; Piliavin, I. A Dynamic Analysis of Homeless-Domicile Transitions. Soc. Probl. 1997, 44, 408–423. [Google Scholar] [CrossRef]

	



Ansderson, C.L. Opening doors: Prenvnting youth homelessness through housing and education collaboration. Seattle J. Soc. Just 2012, 11, 457–522. [Google Scholar]

	



Fisher, B.W.; Mayberry, L.S.; Shinn, M.; Khadduri, J. Leaving Homelessness Behind: Housing Decisions Among Families Exiting Shelter. Hous. Policy Debate 2014, 24, 364–386. [Google Scholar] [CrossRef]

	



Hanratty, M. Family Homelessness in Hennepin County: A Mixed Methods Examination of the Rapid Exit Program and Patterns of Shelter Mobility; Humphrey School of Public Affairs, University of Minnesota: Minneapolis, MN, USA, 4 May 2011. [Google Scholar]

	



Rodriguez, J.M.; Eidelman, T.A. Homelessness Interventions in Georgia: Rapid Re-Housing, Transitional Housing, and the Likelihood of Returning to Shelter. Hous. Policy Debate 2017, 27, 825–842. [Google Scholar] [CrossRef]

	



Vaclavik, D.; Brown, M.; Adenuga, P.; Scartozzi, S.; Watson, D.P. Permanent Housing Placement and Reentry to Services Among Family Recipients of Homelessness Prevention and Rapid Re-Housing Program (HPRP) Assistance. J. Prim. Prev. 2018, 39, 591–609. [Google Scholar] [CrossRef]

	



Link, B.; Phelan, J.; Bresnahan, M.; Stueve, A.; Moore, R.; Susser, E. Lifetime and five-year prevalence of homelessness in the United States: New evidence on an old debate. Am. J. Orthopsychiatry 1995, 65, 347–354. [Google Scholar] [CrossRef]

	



Dolbeare, C.N. Homelessness and the Low Income Housing Crisis. J. Sociol. Soc. Welf. 1992, 19, 151–176. [Google Scholar]

	



Elliott, M.; Krivo, L.J. Structural Determinants of Homelessness in the United States. Soc. Probl. 1991, 38, 113–131. [Google Scholar] [CrossRef]

	



Smith, N.; Flores, Z.D.; Lin, J.; Markovic, J. Understanding Family Homelessness in New York City: An In-Depth Study of Families’ Experiences Before and After Shelter; Vera Institute of Justice: New York, NY, USA, 2005. [Google Scholar]

	



Lee, C.M.; Culhane, D.P. The Spatial Distribution of Homelessness Occurrence and the Efficacy of Shelter Programs in Philadelphia; Wharton Real Estate Center Working Paper Series, No. 213; University of Pennsylvania: Pennsylvania, PA, USA, 1995. [Google Scholar]

	



García, I.; Rúa, M.M. ‘Our interests matter’: Puerto Rican older adults in the age of gentrification. Urban Stud. 2018, 55, 3168–3184. [Google Scholar] [CrossRef]

	



Desmond, M. Evicted: Poverty and Profit in the American City; Broadway Books: New York, NY, USA, 2016. [Google Scholar]

	



Desmond, M. Eviction and the reproduction of urban poverty. Am. J. Sociol. 2012, 118, 88–133. [Google Scholar] [CrossRef]

	



Desmond, M. Unaffordable America: Poverty, Housing, and Eviction. Fast Focus Inst. Res. Poverty 2015, 22, 1–6. [Google Scholar]

	



Desmond, M.; Gershenson, C.; Kiviat, B. Forced relocation and residential instability among urban renters. Soc. Serv. Rev. 2015, 89, 227–262. [Google Scholar] [CrossRef]

	



May, J. Housing histories and homeless careers: A biographical approach. Hous. Stud. 2000, 15, 613–638. [Google Scholar] [CrossRef]

	



Tejani, N.; Rosenheck, R.; Tsai, J.; Kasprow, W.; McGuire, J.F. Incarceration histories of homeless veterans and progression through a national supported housing program. Community Ment. Health J. 2014, 50, 514–519. [Google Scholar] [CrossRef]

	



U.S. Department of Housing and Urban Development. HMIS Standards Data Dictionary (Version 1.3). Available online: https://files.hudexchange.info/resources/documents/HMIS-Data-Dictionary-2018.pdf (accessed on 15 May 2018).

	



Metraux, S.; Culhane, D.P. Analyzing Shelter Stays and Shelter Stay Patterns Using Administrative Data: An Overview of Practical Methods. In Proceedings of the Homeless Service Data Users Meeting, Washington, DC, USA, 13–14 September 1999. [Google Scholar]

	



Singer, J.D.; Willett, J.B. Applied Longitudinal Data Analysis: Modeling Change and Event Occurrence; Oxford University Press: New York, NY, USA, 2003; ISBN 0195152964. [Google Scholar]

	



McCarty, D.; Argeriou, M.; Huebner, R.B.; Lubran, B. Alcoholism, drug abuse, and the homeless. Am. Psychol. 1991, 46, 1139–1148. [Google Scholar] [CrossRef]

	



Robertson, M.J. Homeless women with children: The role of alcohol and other drug abuse. Am. Psychol. 1991, 46, 1198–1204. [Google Scholar] [CrossRef]

	



Breakey, W.R.; Fischer, P.J.; Kramer, M.; Nestadt, G.; Romanoski, A.J.; Ross, A.; Royall, R.M.; Stine, O.C. Health and Mental Health Problems of Homeless Men and Women in Baltimore. J. Am. Med. Assoc. 1989, 262, 1352. [Google Scholar] [CrossRef]

	



Johnson, T.P.; Freels, S.A.; Parsons, J.A.; Vangeest, J.B. Substance abuse and homelessness: Social selection or social adaptation? Addiction 1997, 92, 437–445. [Google Scholar] [CrossRef]








[image: Ijerph 16 04328 g001 550] 





Figure 1. Continuum of Care (CoC) in Utah (Salt Lake City & County CoC in dark gray). 






Figure 1. Continuum of Care (CoC) in Utah (Salt Lake City & County CoC in dark gray).



[image: Ijerph 16 04328 g001]







[image: Ijerph 16 04328 g002a 550][image: Ijerph 16 04328 g002b 550] 





Figure 2. Kaplan-Meier (KM) Curves of the Survival Function: (a) Episode Exits; (b) Episode Return; Censored data are indicated by the plus sign (‘+’) symbol. 
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Figure 3. A Hazard Rate Curve for Homeless Episode Exit in Salt Lake City, Utah (2015–2017) 
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Figure 4. Weekly Hazard Rates of Shelter Return: (a) 2015 cohort over a two-year follow-up period; (b) 2016 cohort over a one-year follow-up period; (c) All cohorts (2015 and 2016 cohorts) over a one-year follow-up period 
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Table 1. Characteristics of Homelessness of Three CoCs in Utah (2018).
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