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Abstract

:

People explosion and fast economic growth are bringing a more serious land resource shortage crisis. Rational land-use allocation can effectively reduce this burden. Existing land-use allocation models may deal with a lot of challenges of land-use planning. This study proposed a hybrid quantitative and spatial optimization land-use allocation model that could enrich the land-use allocation method system. This model has three advantages compared to former methods: (1) this model can simultaneously solve the quantitative land area optimization problem and spatial allocation problem, which are the two core aspects of land-use allocation; (2) the land suitability assessment method considers various geographical, economic and environmental factors which are essential to land-use allocation; (3) this model used an interval stochastic fuzzy programming land-use allocation model to solve the quantitative land area optimization problem. This model not only considers three uncertainties in the natural system but also involves various economic, social, ecological and environmental constraints—most of which are specifically put into the optimization process. The proposed model has been applied to a real case study in Liannan county, Guangdong province, China. The results could help land managers and decision makers to conduct sound land-use planning/policy and could help scientists understand the inner contradiction among economic development, environmental protection, and land use.
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1. Introduction


Due to population expansion and rapid economic growth, land resource is becoming more valuable in China and most developing countries. However, the land area of every country is limited; it is impossible to enlarge the land area, except that people migrate to other areas to live. The only way to solve this problem is to conduct sound land-use planning. Land-use allocation is the key point of land-use planning. Scientific land-use allocation could promote sustainable development all over the world.



Rational land-use allocation involves two essential problems: quantitative land area optimization and spatial optimization. In previous studies, different disciplines and methods have been used to try to solve the land-use allocation problem. In these exploratory endeavors, mathematical models play a vital role in quantitative analysis and decision making. Based on the review and sorting of existent related literature, these models could be divided into the following categories: first, spatial optimization models [1,2,3,4,5,6,7,8,9,10,11,12,13,14]—the core problem of which lies in how to properly adjust and control the spatial relations among land-use resources so as to make their spatial structure reaches an optimal status which best meets the requirement of a sustainable development target. Second, programming models [15,16,17,18,19,20,21,22], including linear programming models, multi-objective programming models, and non-linear programming models, generally apply mathematical models to achieve the best outcome such as maximum profit or lowest cost. Third, simulation models [12,23,24,25,26,27,28,29,30,31,32], which provide the process of creating and analyzing a digital land-use prototype of a model to predict its performance in the real world. Forth, intelligent models [8,33,34,35,36,37,38,39,40,41], which is a class of computational models, such as the agent-based model (ABM) and the cellular automata model. Models in this category can evaluate their impact by simulating individual land-use agents’ actions and their interactions, enabling knowledge of the overall system characteristics.



In most of the above methods, a geographic information system (GIS) has been employed in different degrees, which provide a solid foundation for spatial data of land-use storing and analyzing. Further, a number of mathematical models built upon the foundation of geospatial interactions different land-use with various spatial scales are included [42]. In addition, the scope of the spatial scale generally determines the framework of model [21,22]. Each of the above models has its strengths, such as explicating the land-use structure, handling the optimizing land-use management or predicting land-use future trends. However, exciting models also have some deficiencies such as the assumptions of the models are strict and have poor adaptation to the variation of practical conditions. Moreover, the accuracy of the model results is always affected by uncertain or big-scale factors of real-world environment. Compared with these models, uncertain mathematical models go forward with small limitations of assumptions and conditions and could determine how likely certain outcomes are if some factors are not exactly known. Uncertain models have been effectively applied in simulating and optimizing resource management problems, such as water resource management [43,44], plant resource management [45], energy management [46,47], and so on. Nevertheless, insufficient consideration is given to uncertainties and environment-affecting factors in land-use allocation models [20,22], and an uncertain model is rarely used in current studies of land-use allocation problems.



In this study, we combine a spatial optimization method and an uncertain model into the same framework to solve a land-use allocation problem. This model is based on a spatial land suitability assessment method and an interval stochastic fuzzy programming model. It has three main advantages compared to previous methods: first, the model can simultaneously solve the quantitative land area optimization problem and spatial allocation problem which are the two core aspects of land-use allocation; second, the land suitability assessment method considers various geographical, economic and environmental factors which are essential to land-use allocation; third, the model used an interval stochastic fuzzy programming land-use allocation model to solve the quantitative land area optimization problem. This model not only considers three uncertainties in the natural system but also involves various economic, social, ecological and environmental constraints—most of which are specifically put into the optimization process. The proposed model has been applied to a real case study in Liannan county, Guangdong province, China. The results could help land managers and decision makers to conduct sound land-use planning/policy and could help scientists understand the inner contradiction among economic development, environmental protection, and land use.




2. The Study Area


Liannan, a county in Qingyuan city, is located in 112°2′2′′~108°38′ E, 24°17′16′′~24°56′2′′ N, China (Figure 1). The area of Liannan is 1240.91 km2, occupying 0.69% of the land area of Guangdong province, China. Liannan contains seven towns (Damaishan, Daping, Huoshui, Sanjiang, Sanpai, Xiangping, and Zhaigang) and the population is approximately 170,791 (2015). Due to the fact that Liannan is an ethnic minority autonomous county, its residents are mostly Yao minority. Liannan’s gross domestic product (GDP) increased rapidly from 1.82 × 109 CNY in 2000 to 3.59 × 109 CNY in 2015, in concert with a population increase from 0.164 million to 0.171million. Liannan is a subtropical monsoon climate, with an annual average temperature of 19.5 °C, and an average annual rainfall of 1660.5 mm. Liannan’s terrain is long and narrow in north to south, where there are mostly mountainous areas and little rivers and streams.



According to the results of the second national land survey of Liannan, the total land area of the county is 124,091.46 hm2, the total land area is 118,846.55 hm2, and the land-use rate is 95.77%. Liannan’s agricultural land is 114,975.02 hm2 (89.55% are forest land), accounting for 92.65% of the total land area; and construction land is 3871.53 hm2, accounting for 3.12% of the total land area (Figure 2). In general, land-use in Liannan has the following characteristics and problems: first, natural conditions of land-use are poor. Liannan is located in the mountainous region, with steep terrain and poor soil. Second, Liannan’s average per person arable land area is scarce (0.063 hm2), which is lower than the average level of Qingyuan city (0.071 hm2). Third, the total land-use rate of Liannan is high, reaching 95.77%, and accounting for 92.65% of the total land area that has been used as agricultural land—of which, the vast majority is forest land. Forth, while the population of Liannan is growing, and the cultivated land continues to decrease, reserve cultivated land resources are poor in both quantity and quality.



At present, Guangdong province implements the new strategies of the Pan-Pearl River Delta regional cooperation [48] and the coordinated development of mountainous areas. Further, Liannan implements the “eco-economic” development strategy for the Yao minority autonomous county. All of these designate Liannan’s land-use direction for the future. According to Liannan land-use planning (2010–2020), authorized by the Guangdong province in 2010, the following goals were put forward: first, based on the macro-control functions of land-use planning, coordinate the land resources demand from different industries, restructure the industrial layout and establish of the overall spatial layout model that adapting to regional socio-economic development. Second, improve the rationality of land-use structure adjustment, protect primary farmland and guarantee the reasonable needs of construction lands for economic and social development. Third, strengthen ecological protection, improve the ecological environment and land-use efficiency, and establish “eco-economic” urban and rural construction land-use model.




3. Land Suitability Evaluation


3.1. GIS-Based Land Suitability Evaluation Model


Land suitability evaluation as one of the foundations of the land-use management process [49], can not only determine the spatial pattern of future land-use in the study area but can also reduce environmental quality degradation under the premise of guaranteeing the maximum economic benefit [18]. The land suitability evaluation could make a quantitative assessment for a particular land-use in the study area, which relates to multi-attributes including physics, location or institution [50]. The evaluating results of suitability level for each spatial unit in different land-use types could provide a scientific basis for the subsequent optimization of land-use allocation [51].




3.2. Suitability Evaluation Factors


The selection of a set of key factors including geography, economy, and environment is essential and important to land suitability evaluation [17]. The selection of evaluation factors is related to the collection and processing of large amounts of data—not only the most basic part of the land suitability assessment, but also the most important and time-consuming part of the overall evaluation process. Selection of evaluation factors requires comprehensive, representative, quantifiable measurements and source data available [52]. Referring to the indicators selected in previous studies [17,18,20], and considering the characteristics of the study area and data availability, key assessment factors for major land-use categories were selected and are listed as following (Table 1).



In the cultivated land category, suitability evaluating factors include four groups and eleven attributes. Topography, including elevation, slope gradient, and aspect, play an important role in the redistribution of hydrothermal conditions and the migration of matter. This is especially important for mountainous counties such as Liannan, which largely determines the difficulty and economic benefits of land development. Ground conditions, including soil organic matter, contains, soil thickness, topsoil texture, and soil PH value, determine the quality of the soil which is the most basic material of agricultural production. Geological hazards, the susceptibility of hazards and the distance to fault may influence or pose threats to agricultural production activities, which are especially important to mountainous areas. Hydrology conditions, including distance to water area and irrigation conditions, are crucial guarantees for crop growth.



In the commercial land, residential land, and industrial land cultivated category, suitability evaluating factors include four groups and nine attributes. Among them, factors of topography geological hazards are selected in keeping with the cultivated land category. Beyond that, in ground conditions and hydrology conditions, the factors affect the quality of cultivated soils, which may be related to the conversion of agricultural land to construction land. Further, spatial locations, including the distance to main roads and the distance to core towns, reflect the levels of accessibility and basic infrastructure.



The spatial distribution map for each factor is developed separately by employing a GIS tool, which can be convenient to calculate the terrain’s slope gradient and aspect, calculate and re-classify the various Euclidean distances of different spatial units.




3.3. Factor Weighting and Overlap Analysis


Factor weighting not only relates to the relative importance of each factor but also determines whether the results of the land suitability evaluation are scientific and reasonable. Here, the Delphi approach [53] is applied to weight each factor depending on its relative importance in the evaluation system based on fifteen experts’ knowledge. Further, the criterion values in each factor are standardized in order to adapt to five levels (S1, S2, S3, N1, N2) which assigned integer scores ranging from 100 to 0.



Based on overlap analysis in GIS, a set of layers with different factor values and criteria can be respectively formed to a single suitability map according to land-use categories (Figure 3 and Figure 4). In this process, a common weighted linear method [17,18] is used to calculate the results of land suitability through the following formula:


   S j  =   ∑  i = 1  n    W  i j    x  i j      



(1)




where Sj represents the level of suitability to the land-use category j, n is the number of criteria related to category j, Wij (0–1) represents the weight of criterion i of category j, and Xij represents scores of criterion i in category j. The values of Wij and Xij are presented in Table 1. Figure 5 respectively shows the final land suitability results for cultivated land (Figure 5a), commercial land, residential land, and industrial land (Figure 5b).





4. Interval Stochastic Fuzzy Programming and Land Suitability Evaluation Based Land-Use Allocation Model


A typical land-use allocation system may consider three types of factors: (1) Economic factors, such as GDP, investment, benefit, product, resource consumption, and so on; (2) Social factors, such as population, labor, and so on; (3) Ecological and environmental factors, such as wastewater, solid waste, waste gas, forest and grass coverage, soil erosion, fertilizer application, and so on. After analyzing these influence factors, we can conclude four characters of the land-use allocation system: (1) Systematicness. A land-use allocation system is an organic integrity; all factors of the integrity will interplay with each other; (2) Dynamic. All factors will change all the time with the natural and artificial variations; (3) Complexity. The influencing mechanism among these factors is very complicated; every factor will influence other factors, and feedback mechanisms could have many forms; (4) Uncertainty. Every factor is not certain, because the time, spatial location and external environment are always different.



Based on the above analysis and existing theoretical land-use allocation models, this study integrates an interval stochastic fuzzy programming model (present in Section 3) and a land suitability assessment model (present in Section 4) into one framework.



4.1. Objective Function


The objective function is the benefit from the land-use system, and it equals all benefits from cultivated land, garden land, forest land, grassland, construction land, transportation land and water land minus costs from all types of land use. In detail, benefit is from the industries on the lands. For example, benefit from cultivated land comes from all farmland industries (e.g., planting industry); benefit from construction land comes from all construction industries such as the coal industry, paper industry, textile industry, and so on. Cost is from the maintenance fees of all types of land use. For example, we must afford cultivated land and construction land with energy and water; furthermore, these two types of land use will generate wastewater, solid waste and air pollution, which are needed to handle. Based on the above settings, our objective function can be expressed as:


    M a x   NB  L ±     = ≈    ∑  k   =   1  4     ∑  j = 1  7    (   b    j   ,   k  ±    ×    x    j ,   k  ±   )             −   ∑  k   =   1  4     ∑  j = 1  7    [   (  UWT  C  j ,   k  ±  + UST  C  j ,   k  ±  + UGT  C  j ,   k  ±  + UWS  C  j ,   k  ±  + UES  C  j ,   k  ±   )  ×  x  j ,   k  ±   ]             − UM  C  i ,   j = 8    ±  ×  x  i ,   j = 8  ±  − UD  C  i ,   j   =   9  ±    ×    x  i ,   j   =   9  ±     



(2)




where the detailed descriptions of the symbols are shown in Table 2.




4.2. Economic Constraints


(i) Government investment constraints



In Liannan county, all costs will be afforded by government investment, and so the government investment constraints can be expressed as:


      ∑  k   =   1  4     ∑  j = 1  7    [   (  UWT  C  j ,   k  ±  + UST  C  j ,   k  ±  + UGT  C  j ,   k  ±  + UWS  C  j ,   k  ±  + UES  C  j ,   k  ±   )  ×  x  j ,   k  ±   ]          + UM  C  j  = 8     ±  ×  x  j  = 8   ±  + UD  C  j   =   9  ±    ×    x  j   =   9  ±   ≤ ≈  MG  I ±     



(3)




where MGI = maximum government investment in Liannan county; “   ≤ ≈   ” means fuzzy less than.



(ii) Grain input–output constraints



Grain security is the main issue of Liannan County. In the model, the grain is produced by cultivated land. The grain production should afford the demand of Liannan County:


    ∑  k   =   1  4    (  UG  P  j   =   1 ,   k  ±    ×    x  j   =   1 ,   k  ±   )     ≥ ≈  DG  P ±   



(4)




where UGP = unit grain production from cultivated land; DGP = demand grain production in Liannan county; “   ≥ ≈   ” means fuzzy greater than.



(iii) Water production input–output constraints



In Liannan county, water production should afford the demand in this area and satisfy the demand of industries. In the model, water production is provided by water land:


  UW  P  j   =   7  ±    ×    x  j   =   7  ±   ≥ ≈  DW  P ±   



(5)




where UWP = unit water production from water land; DWP = demand water production in Liannan county.



(iv) Available water consumption constraints



All land use need water; water supply comes from the rivers and lakes in Liannan county. In the model, the water consumption of all types of land use should not exceed the available water supply:


    ∑  k   =   1  4     ∑  j = 1  6    (  UW  C  j   ,   k  ±    ×    x  j ,   k  ±   )      +   ∑  j = 8  9    (  UW  C j ±    ×    x j ±   )     ≤ ≈  AW  S ±   



(6)




where UWC = unit water consumption of land use (j = 1–6, 8, 9); AWS = available water supply in Liannan county.



(v) Available electricity power consumption constraints



Similarly, all types of land use need electricity power; the total electrical power consumption should not exceed the available supply capacity:


    ∑  k   =   1  4     ∑  j = 1  6    (  UE  C  j ,   k  ±    ×    x  j ,   k  ±   )      +   ∑  j = 8  9    (  UE  C j ±    ×    x j ±   )     ≤ ≈  AE  S ±   



(7)




where UEC = unit electric power consumption of all types of land use; AES = available electric power supply in Liannan county.




4.3. Social Constraints


(i) Land Carrying Capacity constraints



In Liannan county, the Land Carrying Capacity (LCC) is limited; the maximum population in a unit area should not exceed maximum LCC in a unit area:


    P P  /   (    ∑  k   =   1  4     ∑  j = 1  6    x   j ,    k  ±      +   ∑  j = 7  9      x j ±     )     ≤ ≈  MLC  C ±   



(8)




where PP = planning population; MLCC = maximum LCC in a unit area in Liannan county.



(ii) Available labor constraints



In Liannan county, all industries related to land use need labor; planning labor in Liannan county should not exceed the available labor:


    ∑  k   =   1  4     ∑  j = 1  6    (  P L  U  j   ,   k  ±    ×    x   j ,    k  ±   )      +   ∑  j = 7  9    (  P L  U j ±    ×    x j ±   )     ≤ ≈  A  L ±   



(9)




where PLU = planning labor in a unit land area; AL = available labor in Liannan county.




4.4. Land Suitability Constraint


Land suitability assessment is indispensable for land-use allocation. Land areas of some types of land use (j = 1–6) should be in accordance with the results of land suitability assessment (water land, landfill, and unused land do not need land suitability assessment):


    ∑  j = 1  6    x j ±     ≤ ≈    ∑  j = 1  6   HS  L j ±     



(10)




where HSL = highly suitable land areas for land-use j.




4.5. Environmental Constraints


(i) Wastewater treatment capacity constraints



In the model, wastewater produced by some land types (j = 1–6) should not exceed the wastewater treatment capacity in Liannan county:


    ∑  k   =   1  4     ∑  j = 1  6    (  WD  F  j   ,   k  ±    ×    x   j ,    k  ±   )      ≤ WP  C p   



(11)




where WDF = wastewater discharging factors of some types of land use (j = 1–6); WPC = wastewater treatment plant capacity in Liannan county; p = probability of violating the constraints of environmental capacities, and p ∈ [0,1].



(ii) Solid waste treatment capacity constraints



Similarly, solid waste produced by some land types (j = 1–6) should not exceed the solid waste treatment capacity and solid waste handle abilities of the landfill in Liannan county:


    ∑  k   =   1  4     ∑  j = 1  6    (  SD  F  j   ,   k  ±    ×    x   j ,    k  ±   )      − SH  L  j   = 8  ±    ×    x   j =  8  ±  ≤ ST  C p   



(12)




where SDF = solid waste discharging factors of some types of land use (j = 1–6); SHL = solid waste handled by unit area of landfill; STC = solid waste treatment plant capacity (except landfill) in Liannan county.



(iii) Air pollutant discharge capacity constraints



Similarly, air pollutants produced by some land types (j = 1–6) should not exceed the air pollutant discharge capacity in Liannan county:


    ∑  k   =   1  4     ∑  j = 1  6    (  AD  F  j   ,   k  ±    ×    x     j ,    k  ±   )      ≤ AD  C p   



(13)




where ADF = air pollutant discharge factors of some types of land use (j = 1–6); ADC = air pollutant discharge capacity in Liannan county (the air pollutant in this model is dust).




4.6. Ecological Constraints


(i) Available Soil Erosion constraints



Soil Erosion (SE) must be considered in cultivate land-use planning. In the model, we should consider the speed and impacts of cultivated land SE; the planning cultivate land SE area should not exceed available SE area in Liannan county:


    ∑  k   =   1  4    (  SE  R   j =  1   ,   k  ±    ×    x   j =  1 ,   k  ±   )    ≤ AS  E p   



(14)




where SER = SE rate of cultivated land; ASE = available cultivate land SE area in Liannan county.



(ii) Fertilizer consumption constraints



The cultivated land involves a key problem which is fertilizer application. Fertilizer supply is limited in Liannan county. In the model, fertilizer consumption should not exceed the maximum fertilizer consumption in Liannan county:


    ∑  k   =   1  4    (  FC  U   j =  1   ,   k  ±    ×    x   j =  1 ,   k  ±   )    ≤ MF  C p   



(15)




where FCU = fertilizer consumption in unit cultivate land; MFC = maximum fertilizer consumption in Liannan county.




4.7. Technical Constraints


(i) Total land areas constraints




     ∑  k   =   1  4     ∑  j = 1  6    x   j ,    k  ±      +   ∑  j = 7  9    x j ±    = TL  A ±    



(16)





TLA = total land area of Liannan county.



(ii) Non-negative constraints




    x ±  ≥ 0   



(17)






4.8. Parameters


Parameters of the proposed model are of four types: benefit/cost parameters, land-use suitability assessment parameters, social/economical parameters, and ecological/environmental parameters. Benefit parameters can be obtained from land price assessment, where the basic data could be acquired from the Overall Plan of Land Utilization of Liannan county (2010–2025) (Table 3); land-use suitability evaluation parameters can be obtained from Section 3; social/economical parameters can be obtained by data from the Statistical Yearbook of Liannan county (1995–2015) (Table 4); ecological/environmental parameters can be obtained fromEnvironmental Conditions Bulletin of Liannan county (1995–2015) (Table 5).




4.9. Model Solving


According to the model solution algorithm listed in formulas 18–24, using an interactive algorithm, the proposed model can be transformed into two deterministic sub-models, which correspond to the upper and lower bounds for the desired objective function value under different p levels. By arithmetic programming in software MATLAB 2016a, we can solve the model and obtain a series of land-use patterns, environmental emission scenarios, and ecological results. The framework of the proposed model is shown in Figure 6.



A general interval stochastic fuzzy programming (ISFP) model is coupled with interval mathematics programming, stochastic programming and fuzzy linear programming [54]:


  M  ax     f ±   = ≈   C ±   x ±   



(18a)







Subject to:


   C ±   x ±   ≥ ≈   b  o p t  ±   



(18b)






   A i ±   x ±   ≤ ≈   b i ±    i = 1 ,   2 ,   … ,   m ,   i ≠ s  



(18c)






   A s ±   x ±   ≤ ≈   b s  (  p s  )     s = 1 ,   2 ,   … ,   n ,   s ≠ i  



(18d)




where x is a n × 1 alternative set; C is a 1 × n coefficient of an objective function; Ai is a m × n matrix of coefficients of constraints; and bi is a m × 1 matrix (right-hand side (RHS)). “±” represents intervals; “   = ≈   ” represents fuzzy equality; “   ≥ ≈   ” and “   ≤ ≈   ” represents fuzzy inequality. ps denotes the probability that the constraints s are violated.    b s  (  p s  )     represents corresponding values given the cumulative distribution function of bs and the probability of violating constraint s (ps).



On the basis of the principle of fuzzy flexible programming, let    λ ±    value correspond to the membership grade of satisfaction for a fuzzy decision. Specifically, the flexibility in the constraints and fuzziness in the system objective, which are represented by fuzzy sets and denoted as “fuzzy constraints” and a “fuzzy goal”, are expressed as membership grades    λ ±   , corresponding to the degrees of overall satisfaction for the constraints/objective. Thus, model (1) can be converted to:


  M  ax       λ ±   



(19a)







Subject to:


   C ±   x ±  ≤  f  o p t  −  + ( 1 −  λ ±  ) (  f  o p t  +  −  f  o p t  −  )  



(19b)






   A i ±   x ±  ≤  b i −  + ( 1 −  λ ±  ) (  b i +  −  b i −  ) ,   i = 1 ,   2 ,   … ,   m ,   i ≠ s  



(19c)






   A s ±   x ±   ≤ ≈   b s  (  p s  )     s = 1 ,   2 ,   … ,   n ,   s ≠ i  



(19d)






   x ±  ≥ 0  



(19e)






  0 ≤  λ ±  ≤ 1  



(19f)




where    f  o p t  +    and    f  o p t  −    denote the upper and lower bounds of the objective’s aspiration level as designated by decision makers;    λ ±    denotes the control decision variable corresponding to the degree (membership grade) to which    x ±    solution fulfills the fuzzy objective or constraints. Model (2) can be solved through a two-step method, where a sub-model corresponding to    λ −    is first formulated and solved. In the second step, the other sub-model corresponding to    λ +    can then be formulated supported by the solution of the first sub-model. If    b i ±    ≥ 0 and    f ±    ≥ 0, the sub-model corresponding to    λ −    can be formulated as follows:


  M  ax       λ −   



(20a)







Subject to:


    ∑  j = 1    k 1      C j +   x j +    +   ∑  j =  k 1  + 1  n    C j +   x j −    ≤  f  o p t  −  + ( 1 −  λ −  ) (  f  o p t  +  −  f  o p t  −  )  



(20b)






    ∑  j = 1    k 1        |   a  i j    |   −   Sign (   a  i j  −  )  x j +    +   ∑  j =  k 1  + 1  n      |   a  i j    |   +   Sign (   a  i j  +  )  x j −    ≤  b i −  + ( 1 −  λ −  ) (  b i +  −  b i −  ) ,   ∀ i  



(20c)






    ∑  j = 1    k 1        |   a  s j    |   −   Sign (   a  s j  −  )  x j +    +   ∑  j =  k 1  + 1  n      |   a  s j    |   +   Sign (   a  s j  +  )  x j −    ≤  b s   p s    ,   ∀ s ,   s ≠ i  



(20d)






   x j −  ≥ 0 ,   j = 1 ,   2 ,   … ,    k 1   



(20e)






   x j +  ≥ 0 ,   j =  k 1  + 1 ,    k 1  + 2 ,   … ,   n  



(20f)






  0 ≤  λ −  ≤ 1  



(20g)




where Sign is a signal function, which is defined as:


  S  ign (   x ±  ) =  {    1 ,   i f    x ±  ≥ 0     − 1 ,   i f    x ±  ≤ 0      











Let    x  j   o p t  +    (j = 1, 2, …, k1) and    x  j   o p t  −    (j = k1 + 1, k1 + 2, …, n) be solutions of sub-model (3). Then, the second sub-model corresponding to    λ +    can be formulated supported by the solution of sub-model (4):


  M  ax       λ +   



(21a)







Subject to:


    ∑  j = 1    k 1      C j −   x j −    +   ∑  j =  k 1  + 1  n    C j −   x j +    ≤  f  o p t  −  + ( 1 −  λ +  ) (  f  o p t  +  −  f  o p t  −  )  



(21b)






    ∑  j = 1    k 1        |   a  i j    |   +   Sign (   a  i j  +  )  x j −    +   ∑  j =  k 1  + 1  n      |   a  i j    |   −   Sign (   a  i j  −  )  x j +    ≤  b i −  + ( 1 −  λ +  ) (  b i +  −  b i −  ) ,   ∀ i  



(21c)






    ∑  j = 1    k 1        |   a  s j    |   +   Sign (   a  s j  +  )  x j −    +   ∑  j =  k 1  + 1  n      |   a  s j    |   −   Sign (   a  s j  −  )  x j +    ≤  b s   p s    ,   ∀ s ,   s ≠ i  



(21d)






   x  j   o p t  +  ≥  x j −  ≥ 0 ,   j = 1 ,   2 ,   … ,    k 1   



(21e)






   x j +  ≥  x  j   o p t  −  ,   j =  k 1  + 1 ,    k 1  + 2 ,   … ,   n  



(21f)






  0 ≤  λ +  ≤ 1  



(21g)







Let    x  j   o p t  −    (j = 1, 2, …, k1) and    x  j   o p t  +    (j = k1 + 1, k1 + 2, …, n) be the solutions of sub-model (4). Thus, we can obtain the interval solutions as follows:


   λ  o p t  ±  =  [   λ  o p t  −  ,    λ  o p t  +   ]   



(22a)








    x  j   o p t  ±  =  [   x  j   o p t  −  ,    x  j   o p t  +   ]  ,   ∀ j   



(22b)





Then, the optimized objective    f  o p  t ′   −    and    f  o p  t ′   +    can be calculated as follows:


   f  o p  t ′   −  =   ∑  j = 1    k 1      C j −     x j −  +   ∑  j =  k 1  + 1  n    C j −     x j +   



(23a)






   f  o p  t ′   +  =   ∑  j = 1    k 1      C j +     x j +  +   ∑  j =  k 1  + 1  n    C j +     x j −   



(23b)







Thus, we have:


   f  j   o p  t ′   ±  =  [   f  o p  t ′   −  ,    f  o p  t ′   +   ]  ,   ∀ j  



(24)









5. Result Analysis


5.1. Optimized Land-Use Patterns


Here, we report the interval results from the proposed model under different k levels (p = 0.01) as follows. Optimized land-use patterns have been obtained under different scenarios. Under a high land suitability level (k = 1), optimized areas of cultivate land, garden land, forest land, grassland, construction land, transportation land, r water land, landfill and unused land are (10,825,11,958) hectare, (378,390) hectare, (102,469,113,695) hectare, (4203,4504) hectare, (3268,3891) hectare, (550,580) hectare, (1789,1890) hectare, (112,125] hectare and (550,600) hectare; similarly, under k = 2, the values will change to (10,750,11,210) hectare, (360,384) hectare, (102,411,113,214) hectare, (4106,4458) hectare, (3120,3785) hectare, (512,564) hectare, (1789,1890) hectare, (112,125) hectare and (550,600) hectare; when k = 3, land areas will be (10,213,10,650) hectare, (342,365) hectare, (97,290,107,553) hectare, (3901,4235) hectare, (2964,3596) hectare, (486,536) hectare, (1789,1890) hectare, (112,125) hectare and (550,600) hectare; when k = 4, the results are (9702,10,117) hectare, (325,347) hectare, (92,426,102,176) hectare, (3706,4023) hectare, (2816,3416) hectare, (462,509) hectare, (1789,1890) hectare, (112,125) hectare and (550,600) hectare. From the results, we can see that the model generates a series of interval results of land-use patterns. The interval results provide two extreme values for each result, which means the lower bound value and the upper bound value of the variables. Interval values do not give the distribution of the variables and objective but can reflect the amplitude of variation. Thus, the interval results could describe the various characters and can effectively support scenario analysis because various planning schemes can be generated by selecting a random value between the lower bound and the upper bound according to the demand. To generate detail and a common land-use planning scheme for change trend analysis, we can select the average value of the intervals.




5.2. Relationship between Land Suitability Level and System Benefit


Figure 7 shows the relationship between the land suitability level and NBL. When k = 1, NBL is (8.98, 15.14) × 109 CNY; when k = 2, NBL will change to (6.23, 7.16) × 109 CNY; when k = 3, NBL will reduce to (5.97,6.14) × 109 CNY; and if k = 4, NBL is only (4.54, 5.94) × 109 CNY. The results indicate that the land suitability level has a noteworthy influence on NBL. The land suitability level in Liannan county is influenced by many factors (see Section 4). The features of these factors will have an impact on all types of land use; therefore, the benefit from the land-use system will be influenced by these factors which respect the land suitability levels. The quantitative results from the optimization model could help land managers to give an exact insight into the relationship between land suitability level and benefit from land-use system.




5.3. Tradeoff between Economic Development and Environment Capacity


Figure 8 shows that NBL and the p levels have a relationship of positive correlation. When p = 0.01, NBL is (6.12,7.02) × 109 CNY; when p = 0.05, NBL will change to (9.02,11.05) × 109 CNY; when p = 0.10, NBL will rise to (12.68,19.24) × 109 CNY; and when p = 0.15, NBL will be (22.91,30.57) × 109 CNY. p level represents the probability of violating the ecological environment constraints. Any change in p level would yield different waste management capacities and thus results in different land-use patterns and different system benefits. From the results, if the environmental risk increases at 10%, the system benefit will increase at 3.0 × 109 CNY in Liannan county.




5.4. Fuzzy Relationship between Objective and Constraints


The results also indicate that the optimized λ values are in the range of (0.36, 0.88). λ represents the possibility of satisfying all objectives and constraints under the given system conditions. The solutions correspond to conservative strategies when their λ values tend toward the lower bound; in comparison, the solutions become more optimistic when their λ values tend toward the upper bound. The relationship between λ values and NBL is shown in Figure 9. From this figure, we can see that λ values and NBL have a relationship of positive correlation. The optimization model is to achieve a maximized satisfaction degree (λ value) for system objectives and constraints under uncertainty. Under λ = 0.36, NBL will be (6.04,6.57) × 109 CNY; while under λ = 0.88, NBL will be (8.98,15.14) × 109 CNY. The λ values indicate the tradeoff between system benefit and all the constraints. Lower λ values would guarantee all the requirements are met, resulting in a stricter constraint and a lower system benefit; in comparison, higher λ values lead to more flexible constraints and a higher system benefit. For example, higher available electrical power, water, and soil erosion correspond to higher λ values and give a higher system benefit.





6. Discussion


The study of the land-use allocation model will be endless because of the complexity of the land-use system. Some limitations of the current study may be the direction for us to continue our research in the future. First, our study case comes from a county in China, which may have unique characteristics in some areas, such as mountainous terrain, large ethnic groups in the population, and so on. The proposed model has been successfully applied to a land-use allocation problem at a county scale; however, the application of this model to larger scales including more diverse regional differences such as watershed, regional and national scale needs to be studied. Second, due to the limitations of data sources, we did not consider climate change in the design of the model, and the factors related to environmental services were not considered adequately. Based on the proposed model, we will plan to further explore new design options, which will take into account climate change, environmental services, and ecological factors. Third, a multi-objective programming method could be coupled into the proposed model so as to solve multi-objective optimization problems; and the proposed model could be embedded to an intelligent model (such as the cellular automata model, multi-agent model, artificial immune system, ant colony model, and so on) so as to handle more complex land-use allocation problems. Last but not least, another possible area of future work would be to develop the proposed model into the corresponding software and improve accessibility through a user-friendly interface.




7. Conclusions


Previous land-use allocation models have two main problems: one is the inability to reflect the uncertainties in the land-use system [54,55], and the other is the lack of comprehensiveness and diversity of the constraints considered in the model [56,57]. In this study, we proposed an interval stochastic fuzzy programming mixed land suitability evaluation method-based land-use allocation model for land-use planning and the ecological environment management of Liannan county. This model is based on the interval stochastic fuzzy programming model and a land suitability evaluation method. Compared to the model in the previous studies, the model proposed in this study can effectively handle uncertainties expressed as discrete intervals, probabilities and fuzzy sets and thus can effectively support a policy analysis, tradeoff analysis and uncertain quantitative analysis. Furthermore, the model considers various economic, social, environmental and ecological factors in the land-use system which can give a series of land-use patterns, system benefits and ecological environmental protection strategies for sustainable development at a typical county level.The proposed optimization has been applied to a land-use planning practice in Liannan county and has obtained a series of results. These results can effectively support the government and land decision makers to formulate appropriate policies for land-use planning and ecological environmental management in Liannan county. First, with the growth of the population of Liannan County, the cultivated land is decreasing, and the reserve land is not sufficient. The proposed model is conducive to the local authorities to develop policies to protect cultivated land and to rationally determine the amount of cultivated land in different regions. Second, with the current Chinese government’s increasing emphasis on the ecological environment, the proposed model can support Liannan county’s policy development for environmental protection and improvement. Third, with the need for the further development of Liannan county, the proposed model can also support the formulation of policies to optimize land use and achieve sustainable development. Furthermore, this case study has proved the effectiveness, superiority, and practicability of the proposed model. The model may be applied to other regional scales when inputting corresponding parameters and conditions.







Author Contributions


Conceptualization, Z.Z., G.O., S.T., L.Z. and X.N.; Data curation, G.O. and Y.S.; Formal analysis, Z.Z. and G.O.; Funding acquisition, G.O.; Methodology, Z.Z., M.Z. and G.O.; Software, M.Z.; Writing – original draft, Z.Z. and M.Z.




Funding


This research was funded by National Natural Science Foundation of China (71774066, 71974071), Humanity and Social Science Key Program Foundation of Ministry of Education in China (19JZD012), Self-determined Research Funds of CCNU from the Colleges’ Basic Research and Operation of MOE in China (CCNU19TD004).




Conflicts of Interest


The authors declare no conflict of interest.




References


	



Jeroen, A.; Marjan, V.H.; Ron, J.; Theodor, S. Evaluating Spatial Design Techniques for Solving Land-use Allocation Problems. J. Environ. Plan. Manag. 2005, 48, 121–142. [Google Scholar]

	



Arciniegas, G.; Janssen, R.; Omtzigt, N. Map-based multicriteria analysis to support interactive land use allocation. Int. J. Geogr. Inf. Sci. 2011, 25, 1931–1947. [Google Scholar] [CrossRef]

	



Chakir, R.; Le Gallo, J. Predicting land use allocation in France: A spatial panel data analysis. Ecol. Econ. 2013, 92, 114–125. [Google Scholar] [CrossRef]

	



Chu, H.J.; Lin, Y.P.; Huang, C.W.; Hsu, C.Y.; Chen, H.Y. Modelling the hydrologic effects of dynamic land-use change using a distributed hydrologic model and a spatial land-use allocation model. Hydrol. Process. 2010, 24, 2538–2554. [Google Scholar] [CrossRef]

	



Cromley, R.G.; Hanink, D.M. Coupling land use allocation models with raster GIS. J. Geogr. Syst. 1999, 1, 137–153. [Google Scholar] [CrossRef]

	



Eldrandaly, K. A GEP-based spatial decision support system for multisite land use allocation. Appl. Soft Comput. 2010, 10, 694–702. [Google Scholar] [CrossRef]

	



Jenerette, G.D.; Wu, J. Analysis and simulation of land-use change in the central Arizona–Phoenix region, USA. Landsc. Ecol. 2001, 16, 611–626. [Google Scholar] [CrossRef]

	



Parra Paitan, C.; Verburg, P.H. Methods to assess the impacts and indirect land use change caused by telecoupled agricultural supply chains: A review. Sustainability 2019, 11, 1162. [Google Scholar] [CrossRef]

	



Liang, J.; Zhong, M.; Zeng, G.; Chen, G.; Hua, S.; Li, X.; Yuan, Y.; Wu, H.; Gao, X. Risk management for optimal land use planning integrating ecosystem services values: A case study in Changsha, Middle China. Sci. Total Environ. 2017, 579, 1675–1682. [Google Scholar] [CrossRef]

	



Ligmann-Zielinska, A.; Church, R.L.; Jankowski, P. Spatial optimization as a generative technique for sustainable multiobjective land-use allocation. Int. J. Geogr. Inf. Sci. 2008, 22, 601–622. [Google Scholar] [CrossRef]

	



Santé-Riveira, I.; Boullón-Magán, M.; Crecente-Maseda, R.; Miranda-Barrós, D. Algorithm based on simulated annealing for land-use allocation. Comput. Geosci. 2008, 34, 259–268. [Google Scholar] [CrossRef]

	



Verburg, P.H.; Koning, G.H.J.D.; Kok, K.; Veldkamp, A.; Bouma, J. A spatial explicit allocation procedure for modelling the pattern of land use change based upon actual land use. Ecol. Model. 1999, 116, 45–61. [Google Scholar] [CrossRef]

	



Verburg, P.H.; Soepboer, W.; Veldkamp, A.; Limpiada, R.; Espaldon, V.; Mastura, S.S. Modeling the spatial dynamics of regional land use: The CLUE-S model. Environ. Manag. 2002, 30, 391–405. [Google Scholar] [CrossRef] [PubMed]

	



Zhang, H.; Zeng, Y.; Jin, X.; Shu, B.; Zhou, Y.; Yang, X. Simulating multi-objective land use optimization allocation using Multi-agent system—A case study in Changsha, China. Ecol. Model. 2016, 320, 334–347. [Google Scholar] [CrossRef]

	



Aerts, J.C.J.H.; Eisinger, E.; Heuvelink, G.B.M.; Stewart, T.J. Using Linear Integer Programming for Multi-Site Land-Use Allocation. Geogr. Anal. 2003, 35, 148–169. [Google Scholar] [CrossRef]

	



Diamond, J.T.; Wright, J.R. Efficient Land Allocation. J. Urban Plan. Dev. 1989, 115, 81–96. [Google Scholar] [CrossRef]

	



Lu, S.; Zhou, M.; Guan, X.; Tao, L. An integrated GIS-based interval-probabilistic programming model for land-use planning management under uncertainty-a case study at Suzhou, China. Environ. Sci. Pollut. Res. 2015, 22, 4281–4296. [Google Scholar] [CrossRef]

	



Ma, C.; Zhou, M. A GIS-Based Interval Fuzzy Linear Programming for Optimal Land Resource Allocation at a City Scale. Soc. Indic. Res. 2016, 135, 143–166. [Google Scholar] [CrossRef]

	



Mendoza, G.A. A mathematical model for generating land-use allocation alternatives for agroforestry systems. Agrofor. Syst. 1987, 5, 443–453. [Google Scholar] [CrossRef]

	



Ou, G.; Tan, S.; Zhou, M.; Lu, S.; Tao, Y.; Zhang, Z.; Zhang, L.; Yan, D.; Guan, X.; Wu, G. An interval chance-constrained fuzzy modeling approach for supporting land-use planning and eco-environment planning at a watershed level. J. Environ. Manag. 2017, 204 Pt 1, 651–666. [Google Scholar] [CrossRef]

	



Zhou, M.; Cai, Y.; Guan, X.; Tan, S.; Lu, S. A Hybrid Inexact Optimization Model for Land-use Allocation of China. Chin. Geogr. Sci. 2015, 25, 62–73. [Google Scholar] [CrossRef]

	



Zhou, M.; Tan, S.; Tao, L.; Zhu, X.; Akhmat, G. An interval fuzzy land-use allocation model (IFLAM) for Beijing in association with environmental and ecological consideration under uncertainty. Qual. Quant. 2015, 49, 2269–2290. [Google Scholar] [CrossRef]

	



Brath, A.; Montanari, A.; Moretti, G. Assessing the effect on flood frequency of land use change via hydrological simulation (with uncertainty). J. Hydrol. 2006, 324, 141–153. [Google Scholar] [CrossRef]

	



Brown, D.G.; Goovaerts, P. Stochastic Simulation of Land-Cover Change Using Geostatistics and Generalized Additive Models. Photogramm. Eng. Remote Sens. 2002, 68, 1051–1062. [Google Scholar]

	



Gao, X.; Luo, Y.; Lin, W.; Zhao, Z.; Giorgi, F. Simulation of effects of land use change on climate in China by a regional climate model. Adv. Atmos. Sci. 2003, 20, 583–592. [Google Scholar]

	



Ito, A.; Oikawa, T. A simulation model of the carbon cycle in land ecosystems (Sim-CYCLE): A description based on dry-matter production theory and plot-scale validation. Ecol. Model. 2002, 151, 143–176. [Google Scholar] [CrossRef]

	



Kamusoko, C.; Aniya, M.; Adi, B.; Manjoro, M. Rural sustainability under threat in Zimbabwe-simulation of future land use/cover changes in the Bindura district based on the Markov-cellular automata model. Appl. Geogr. 2009, 29, 435–447. [Google Scholar] [CrossRef]

	



Polhill, J.G.; Gotts, N.M.; Law, A.N.R. Imitative versus nonimitative strategies in a land-use simulation. Cybern. Syst. 2001, 32, 285–307. [Google Scholar]

	



Stéphenne, N.; Lambin, E.F. A dynamic simulation model of land-use changes in Sudano-sahelian countries of Africa (SALU). Agric. Ecosyst. Environ. 2001, 85, 145–161. [Google Scholar] [CrossRef]

	



Tang, W. FUTURES: Multilevel Simulations of Emerging Urban–Rural Landscape Structure Using a Stochastic Patch-Growing Algorithm. Ann. Assoc. Am. Geogr. 2013, 103, 785–807. [Google Scholar]

	



Wu, F. A linguistic cellular automata simulation approach for sustainable land development in a fast growing region. Comput. Environ. Urban Syst. 1996, 20, 367–387. [Google Scholar] [CrossRef]

	



Parker, D.C.; Manson, S.M.; Janssen, M.A.; Hoffmann, M.J.; Deadman, P. Multi-Agent Systems for the Simulation of Land-Use and Land-Cover Change: A Review. Ann. Assoc. Am. Geogr. 2015, 93, 314–337. [Google Scholar] [CrossRef]

	



Braithwaite, W.; Belbin, L.; Ive, J.; Austin, M. Land use allocation and biological conservation in the Batemans Bay Forests of New South Wales. Aust. For. 1993, 56, 4–21. [Google Scholar] [CrossRef]

	



Liu, X.; Li, X.; Shi, X.; Huang, K.; Liu, Y. A multi-type ant colony optimization MACO method for optimal land use allocation in large areas. Int. J. Geogr. Inf. Sci. 2012, 26, 1325–1343. [Google Scholar] [CrossRef]

	



Riveiro, J.A.; Alvarez, C.J.; Pereira, J.M.; Miranda, D. Profitability and production requirements for land use allocation of farming and forestry land. Biosyst. Eng. 2005, 90, 477–484. [Google Scholar] [CrossRef]

	



Tang, W.; Bennett, D.A.; Wang, S. A parallel agent-based model of land use opinions. J. Land Use Sci. 2011, 6, 121–135. [Google Scholar] [CrossRef]

	



Tang, W.; Bennett, D.A. In Parallel Agent-Based Modelling of Land-Use Opinion Dynamics Using Graphics Processing Units. In Proceedings of the 10th International Conference on GeoComputation, Sydney, Australia, 16–19 November 2009. [Google Scholar]

	



Verburg, P.H.; Eickhout, B.; Meijl, H.V. A multi-scale, multi-model approach for analyzing the future dynamics of European land use. Ann. Reg. Sci. 2008, 42, 57–77. [Google Scholar] [CrossRef]

	



Wang, S.H.; Huang, S.L.; Budd, W.W. Integrated ecosystem model for simulating land use allocation. Ecol. Model. 2012, 227, 46–55. [Google Scholar] [CrossRef]

	



Liu, X.; Ou, J.; Li, X.; Ai, B. Combining system dynamics and hybrid particle swarm optimization for land use allocation. Ecol. Model. 2013, 257, 11–24. [Google Scholar] [CrossRef]

	



Liu, Y.; Cai, Y.P.; Huang, G.H.; Dong, C. Interval-parameter chance-constrained fuzzy multi-objective programming for water pollution control with sustainable wetland management. Procedia Environ. Sci. 2012, 13, 2316–2335. [Google Scholar] [CrossRef]

	



Dempsey, J.A.; Plantinga, A.J.; Kline, J.D.; Lawler, J.J.; Martinuzzi, S.; Radeloff, V.C.; Bigelow, D.P. Effects of local land-use planning on development and disturbance in riparian areas. Land Use Policy 2017, 60, 16–25. [Google Scholar] [CrossRef]

	



Li, Y.P.; Huang, G.H.; Nie, S.L. An interval-parameter multi-stage stochastic programming model for water resources management under uncertainty. Adv. Water Resour. 2006, 29, 776–789. [Google Scholar] [CrossRef]

	



Wilby, R.L. Uncertainty in water resource model parameters used for climate change impact assessment. Hydrol. Process. 2010, 19, 3201–3219. [Google Scholar] [CrossRef]

	



Nuttle, T.; Bredeweg, B.; Salles, P.; Neumann, M. Simulating an uncertain world: Using qualitative reasoning to model a plant-resource system. In Proceedings of the 2008 Iemss Fourth Biennial Meeting: International Congress on Environmental Modelling and Software, Barcelona, Spain, 14–16 December 2008; pp. 2001–2002. [Google Scholar]

	



Cai, Y.P.; Huang, G.H.; Lin, Q.G.; Nie, X.H.; Tan, Q. An optimization-model-based interactive decision support system for regional energy management systems planning under uncertainty. Expert Syst. Appl. 2009, 36, 3470–3482. [Google Scholar] [CrossRef]

	



Tan, Z.F.; Ju, L.W.; Li, H.H.; Li, J.Y.; Zhang, H.J. A two-stage scheduling optimization model and solution algorithm for wind power and energy storage system considering uncertainty and demand response. Int. J. Electr. Power Energy Syst. 2014, 63, 1057–1069. [Google Scholar] [CrossRef]

	



Jiang, X.U.; Yeh, A.G.O.; Jiang, X.U. Regional Cooperation in the Pan-Pearl River Delta: A Formulaic Aspiration or A New Imagination? Built Environ. 2008, 34, 408–426. [Google Scholar]

	



FAO. A Frame Work for Land Evaluation; FAO: Rome, Italy, 1976. [Google Scholar]

	



Wang, X.; Yu, S.; Huang, G.H. Land allocation based on integrated GIS-optimization modeling at a watershed level. Landsc. Urban Plan. 2004, 66, 61–74. [Google Scholar] [CrossRef]

	



Dai, F.C.; Lee, C.F.; Zhang, X.H. GIS-based geo-environmental evaluation for urban land-use planning: A case study. Eng. Geol. 2001, 61, 257–271. [Google Scholar] [CrossRef]

	



Zhang, X.; Fang, C.; Wang, Z.; Haitao, M.A. Urban Construction Land Suitability Evaluation Based on Improved Multi-criteria Evaluation Based on GIS(MCE-GIS): Case of New Hefei City, China. Chin. Geogr. Sci. 2013, 23, 740–753. [Google Scholar] [CrossRef]

	



McKenna, H.P. The Delphi technique: A worthwhile research approach for nursing? J. Adv. Nurs. 1994, 19, 1221–1225. [Google Scholar] [CrossRef]

	



Zhou, M. An interval fuzzy chance-constrained programming model for sustainable urban land-use planning and land use policy analysis. Land Use Policy 2015, 42, 479–491. [Google Scholar] [CrossRef]

	



Dalla-Nora, E.L.; Aguiar, A.P.D.D.; Lapola, D.M.; Woltjer, G. Why have land use change models for the Amazon failed to capture the amount of deforestation over the last decade? Land Use Policy 2014, 39, 403–411. [Google Scholar] [CrossRef]

	



Karrasch, L.; Klenke, T.; Woltjer, J. Linking the ecosystem services approach to social preferences and needs in integrated coastal land use management–A planning approach. Land Use Policy 2014, 38, 522–532. [Google Scholar] [CrossRef]

	



Kanianska, R.; Kizekova, M.; Novacek, J.; Zeman, M. Land-use and land-cover changes in rural areas during different political systems: A case study of Slovakia from 1782 to 2006. Land Use Policy 2014, 36, 554–566. [Google Scholar] [CrossRef]








[image: Ijerph 16 04124 g001 550] 





Figure 1. The study area. 
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Figure 2. Current land-use classification. 
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Figure 3. Overlap analysis of suitability factors. 
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Figure 4. Details of Figure 3: Land suitability assessment for each factor (exciting land use see Figure 3). 
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Figure 5. Suitability assessment maps for different land-use categories. 
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Figure 6. Framework of the proposed model. 






Figure 6. Framework of the proposed model.



[image: Ijerph 16 04124 g006]







[image: Ijerph 16 04124 g007 550] 





Figure 7. Relationship between land suitability level and system benefit. 
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Figure 8. Tradeoff between economic development and environmental capacity. 
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Figure 9. Fuzzy relationship between objective and constraints. 
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Table 1. Selection of suitability factors for different land-use categories and their weights.






Table 1. Selection of suitability factors for different land-use categories and their weights.





	
Physical Characteristics

	
Suitability Rating Score

	
S1 100–90

	
S2 90–80

	
S3 80–60

	
N1 60–30

	
N2 30






	
Cultivated land




	
Topography

	
Slope gradient (°) (0.5)

	
<1.0 (100)

	
1.0–2.0 (90)

	
2.0–5.0 (80)

	
5.0–15.0 (40)

	
>15.0 (0)




	
Elevation (meter) (0.3)

	
<30 (90)

	
30–50 (80)

	
50–100 (70)

	
100–200 (50)

	
>200 (10)




	
Aspect (0.2)

	
Flat (100)

	
135–225 (90)

	
90–135,225–270 (80)

	
45–90, 270–315 (60)

	
0–45, 315–360 (50)




	
Ground conditions

	
Soil organic matter (%) (0.3)

	
>3.0 (100)

	
2.0–3.0 (90)

	
1.0–2.0 (80)

	
0.6–1.0 (60)

	
<0.6 (50)




	
Soil thickness (centimeter) (0.3)

	
>100 (100)

	
60–100 (90)

	
-

	
30–60 (60)

	
<30 (30)




	
Topsoil texture (0.2)

	
Medium loam (100)

	
Heavy/light loam (90)

	
Sandy loam (80)

	
Clay (60)

	
-




	
Soil PH value (0.2)

	
6.0–7.9 (100)

	
5.5–6.0 (90)

	
5.0–5.5,7.9–8.5 (60)

	
4.5–5.0(50)

	
<4.5, >8.5 (30)




	
Geological hazards

	
Susceptibility of hazards (0.5)

	
Low (100)

	
Medium (90)

	
-

	
High (60)

	
-




	
Distance to fault (meter) (0.5)

	
>300 (100)

	
100–300 (90)

	
50–100 (60)

	
30–50 (30)

	
<30 (10)




	
Hydrology conditions

	
Distance to water area (kilometer) (0.5)

	
0–0.5 (100)

	
0.5–1.0 (90)

	
1.0–2.0 (60)

	
2.0–5.0 (50)

	
>5.0 (30)




	
Irrigation conditions (0.5)

	
High (100)

	
Medium (90)

	
Low (60)

	
No (30)

	
-




	
Commercial land, residential land, and industrial land




	
Topography

	
Slope gradient (°) (0.5)

	
<1.0 (100)

	
1.0–2.0 (90)

	
2.0–5.0 (80)

	
5.0–15.0 (40)

	
>15.0 (0)




	
Elevation (meter) (0.3)

	
<30 (90)

	
30–50 (80)

	
50–100 (70)

	
100–200 (50)

	
>200 (10)




	
Aspect (0.2)

	
Flat

	
135–225

	
90–135, 225–270

	
45–90, 270–315

	
0–45, 315–360




	
Ground conditions

	
Existing land-use (0.6)

	
Construction land (100)

	
Cultivated land (90)

	
-

	
Forest land (40)

	
Water area (30)




	
Topsoil texture (0.4)

	
Medium loam (100)

	
Heavy/light loam (90)

	
Sandy loam (80)

	
Clay (60)

	
-




	
Geological hazards

	
Susceptibility of hazards (0.5)

	
Low (100)

	
Medium (90)