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Abstract: Bread wheat is an essential crop with the second-highest global production after maize.
Currently, wheat diseases are a serious threat to wheat production. Therefore, efficient breeding for
disease resistance is extremely urgent in modern wheat. Here, we identified 2012 NLR genes from
hexaploid wheat, and Ks values of paired syntenic NLRs showed a significant peak at 3.1-6.3 MYA,
which exactly coincided with the first hybridization event between A and B genome lineages at
~5.5 MYA. We provided a landscape of dynamic diversity of NLRs from Triticum and Aegilops and
found that NLR genes have higher diversity in wild progenitors and relatives. Further, most NLRs
had opposite diversity patterns between genic and 2 Kb-promoter regions, which might respectively
link sub/neofunctionalization and loss of duplicated NLR genes. Additionally, we identified an alien
introgression of chromosome 4A in tetraploid emmer wheat, which was similar to that in hexaploid
wheat. Transcriptome data from four experiments of wheat disease resistance helped to profile the
expression pattern of NLR genes and identified promising NLRs involved in broad-spectrum disease
resistance. Our study provided insights into the diversity evolution of NLR genes and identified
beneficial NLRs to deploy into modern wheat in future wheat disease-resistance breeding.
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1. Introduction

Infectious diseases are the main challenge in agricultural production and lead to heavy
yield losses of many crops [1,2]. Bread wheat (Triticum aestivum) is one of the top three
global food security crops, providing ~20% of calories and protein in modern human
diets [3]. Global demand for wheat production has increased along with human population
growth and is projected to require a yield increase of ~60% by 2050 [4,5]. Currently, bread
wheat production is seriously threatened by varied diseases, such as Fusarium head blight
(Fhb), powdery mildew, rust, and root rot, which are projected to lead to 20-30% yield loss,
even up to 50% in wheat every year [6,7].

Nucleotide-binding leucine-rich repeat (NLR) proteins, encoded by one of the most
variable gene families in plants, are intracellular immune receptors involved in disease
resistance through their recognition of pathogen proteins [8]. For most plants, the N
terminus of the NLR protein contains a Toll/interleukin-1 receptor (TIR) or a coiled-coil
(CC) domain along with a central nucleotide-binding (NB) domain [9,10]. Plant NLR
proteins can indirectly detect pathogen effectors by monitoring how they modify host
targets. NLR proteins can also directly detect pathogen effectors through interactions
between effectors and NLR domains or integrated domains [11]. The first NLR gene
identified, Hm1, was cloned from maize (Zea mays) over 29 years ago [12]. Since then,
many highly variable NLR gene loci that provide resistance to a variety of pathogens have
been identified and isolated [11]. The release of high-throughput sequencing data enables
genome-wide identification and analysis of NLR proteins [13,14] as well species-wide
inventories of these proteins [8,15]. Release of the wheat reference genome (IWGSC RefSeq
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v1.0) [16] and mass resequencing data [17-20] have allowed us to identify the genome-wide
repertoire of NLRs in wheat, determine their diversity in wheat relatives, and recover the
diverse NLR gene pool through breeding and improvement of disease resistance in wheat.

Here, we identified genome-wide NLR genes and investigated the diversity of NLRs
within/between Triticum and Aegilops based on whole-genome sequencing data. NLR
genes in selective sweeps during domestication and improvement were further captured,
and transcriptome data was used to identify promising functional NLRs for multiple
disease resistance. This study lays a foundation for investigations of NLR diversity at the
genus level in Triticum and Aegilops and will provide important gene resources of disease
resistance for future wheat resistance breeding and improvement.

2. Materials and Methods
2.1. Identification of NLR Genes in Wheat

First, all protein sequences (FASTA file) and information about genomic positions (GFF
file) of the hexaploid wheat reference genome “Chinese Spring” (IWGSC RefSeq v1.1) were
downloaded from Unité de Recherche Génomique Info (URGI, https:/ /urgi.versailles.inra.
fr/download/iwgsc/IWGSC_RefSeq_Annotations/v1.1/, (accessed on 10 June 2021)). To
get the NLR genes of wheat, the strategy of HMMsearch (hidden Markov model) with the
NB-ARC domain HMM profile (PF00931) was carried out. We obtained the seed alignment
file for the NB-ARC domain from the Pfam database (http://pfam.xfam.org, (accessed on
18 June 2021)) [21] and built an HMM file based on the obtained seed file using HMMER
version 3.3.2 (http:/ /www.hmmer.org, (accessed on 18 June 2021)) [22]. Next, we used the
HMMsearch function of HMMER to search the annotated protein database of “Chinese
Spring”. Genes on scaffolds were removed from subsequent analyses, and 2012 reliable
NLR proteins were ultimately retained.

2.2. Chromosome Locations and Distribution of NLR Gene Clusters

The genomic distribution of identified wheat NLR proteins was displayed using TGT
(Triticeae-Gene Tribe, http:/ /wheat.cau.edu.cn/TGT/, (accessed on 20 June 2021)) [23].
We then split the wheat genome into 200 Kb slide windows using a Python script created
in-house and counted the number of NLRs in each 200 Kb window using the BEDtools
software (https://bedtools.readthedocs.io/en/latest/, (accessed on 20 June 2021)). We
defined a window with at least two NLRs as the distribution of gene clusters. The genomic
distribution of 200 Kb windows with different numbers of NLR proteins in 21 chromosomes
was displayed using R package “Rldeogram” [24].

2.3. Identification of NLRs Synteny and Ka/Ks Evaluation

We extracted the syntenic wheat NLR pairs based on the high confidence syntenic
triads published by Cristobal’s group and further verified them using TGT. The Ka (number
of substitutions per nonsynonymous site) and Ks (number of substitutions per synonymous
site) values of each NLR pair were calculated using TBtools (https://github.com/CJ-Chen/
TBtools, (accessed on 20 June 2021)) [25]. The divergence time based on Ks was calculated
asT=(2 x 6.1 x107%) x 107° [26].

2.4. Evaluation of Dynamic Diversity of NLR Genes in Triticum and Aegilops

The genotyping data of Triticum and Aegilops populations was downloaded from the
Genome Variation Map (https://bigd.big.ac.cn/gvm, (accessed on 1 June 2021)) published
by Lu’s group [18]. The number of SNPs in each group was counted using the VCFtools
software (version 0.1.16) (https://github.com/vcftools/vcftools, (accessed on 1 June 2021)).
We defined the upstream 2 Kb sequence of a gene as the promoter region and counted the
number of SNPs in the genic and promoter regions of each NLR gene using BEDtools (v2.30.0)
(https:/ /bedtools.readthedocs.io/en/latest/, (accessed on 1 June 2021)). The occurrence rate
of SNPs (ORS) was calculated using the number of SNPs on each NLR gene or its promoter
region divided by number of SNPs on the chromosome where the gene is located.
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2.5. Detection of Selective Signal during Domestication and Improvement

Four comparisons were conducted to identify selective sweeps across the whole
genome: wild einkorn vs. domesticated einkorn; wild emmer vs. domesticated em-
mer; domesticated emmer vs. durum; landrace vs. cultivar. The levels of nucleotide
diversity () and genetic differentiation (Fst) between groups were quantified in 50 Kb
sliding windows with 5 Kb steps using the VCFtools software (version 0.1.16) (https:
/ /github.com/vcftools/vcftools, (accessed on 1 June 2021)). The 7 ratios were calcu-
lated using 7tyi1d / Ttdomesticated (dOomestication process) or Tyomesticated / Teultivar (iMprove-
ment process). The windows with the top 5% of m ratios and top 5% of Fst values
were considered simultaneously as candidate windows under strong selective sweeps.
All candidate windows were assigned to corresponding genes using BEDtools v2.30.0
(https:/ /bedtools.readthedocs.io/en/latest/, (accessed on 1 June 2021)).

2.6. Transcriptome Data from the Pathogen Inoculation Experiment

The transcriptome data from the disease resistance experiment was downloaded from
WheatOmics (http://202.194.139.32 /expression/wheat.html, accessed on 28 June 2021)
using the “requests” module in Python. All heatmap figures were generated using the
“pheatmap” package (https:/ /cran.r-project.org/web/packages/pheatmap/, (accessed on
30 June 2021)) in the R environment (https:/ /www.r-project.org, (accessed on 30 June 2021)).
The “scale = row” option was used to standardize the transcripts per million (TPM) values,
and “cluster_row = TRUE” was used to perform gene clustering.

For the Fusarium graminearum inoculation experiment, the spikelet and rachis tissue
inoculation with F. graminearum, DON, or water from the wheat resistant line (Fhb1+) and
susceptible line (Fhb1—) was used for this study. In F. graminearum-inoculated samples,
spikes were inoculated with F. graminearum, and the inoculated spikelet and corresponding
rachis were sampled at 96 h after inoculation (hai). In the DON- and water-inoculated
samples, spikes were inoculated with DON and water, and the inoculated spikelets were
sampled at 12 hai. Three biological replications were carried out for each experiment [27].
RNA was extracted using the RNeasy Plant Mini Kit (QIAGEN, Valencia, CA, USA) from
each replication of the experiments, and sequencing was performed using the Illumina
HiSeq 2000 (Illumina, Inc., San Diego, CA, USA).

For the stripe rust and powdery mildew experiment, the wheat leaves inoculated with
stripe rust or powdery mildew were collected at 0, 24, 48, and 72 hai. The experiment was
carried out with three biological replications. Inoculated leaves were collected and frozen
immediately in liquid nitrogen. The cDNA libraries were constructed by PCR amplification
and sequenced using the Illumina HiSeq™ 2000 platform. The expression level of each
gene model in each sample was measured using the reads per kilobase of exon model per
million of aligned reads (RPKM) values [28].

For the Xanthomonas translucens inoculation experiment, leaves of 49-day-old plants
were inoculated using Xanthomonas translucens suspension in water and inoculated with
water as controls. Leaves and root tissues were then harvested 1 day after inoculation.
Three biological replications were carried out for each treatment, and each with pooled
samples from two independent plants of each replication. Total RNA was isolated from
leaves and roots inoculated with Xanthomonas translucens, and RNA-seq libraries were
constructed using the MGX-Montpellier GenomiX platform. Sequencing was performed
using an Illumina Hiseq 2500 (Illumina Inc., San Diego, CA, USA) [29].

3. Results
3.1. Genome-Wide Identification of NLR Proteins in Wheat

A total of 2012 high-confidence NLR proteins were identified in the hexaploid wheat
reference genome “Chinese Spring” (IWGSC RefSeq v1.1) [16], and 625 (31.06%), 785 (39.02%),
and 602 (29.92%) NLRs were identified in the A, B, and D subgenomes, respectively (Table S1).
As noted in previous reports, NLR genes are generally divided into four classes based on
their conserved domain: TIR-NLR, CC-NLR, CCR-NLR, and NB-LRR, which are canonical
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NLR domains TIR, CC, RPW8-like coiled-coil (CCR), and leucine-rich repeats (LRRs), respec-
tively [8]. Details of the conserved domain and gene annotation of each NLR protein, which
provide basic gene resources for subsequent analyses, are in Table S1. Based on the genomic
position, we mapped each NLR to 21 chromosomes of the wheat genome and found that
NLRs are frequently distributed on telomeres of each chromosome (Figure 1 and Figure S1).
We also observed that NLRs were most enriched in chromosome 1B, accounting for 3.05%
of total genes on 1B (Table S2), in which a large chromosome segment introgressed from rye
(Secale cereale L.) has been reported [30,31]. The fewest NLRs were identified on chromosomes
4B (26 NLRs, 0.65%) and 4D (21 NLRs, 0.57%) (Table S2; Figure S2).
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Figure 1. The summary of identified NLR proteins in wheat. (a) The Circos plot displays the genomic
distribution of NLRs in 21 chromosomes; (b) the red bar represents the number of annotated high-
confidence genes in each 200 Kb window and was plot using Circos; (c) the blue bar represents the
number of NLRs in each 200 Kb window; (d) the synteny of paired NLR proteins on A, B, and D
subgenomes. Red lines connect A and B subgenome; yellow lines connect B and D subgenome; blue
lines connect A and D subgenome. This figure was plotted using Circos-0.69-9.

Considering that NLRs are distributed in the genome as gene clusters [32], we further
split the wheat genome into 200 Kb-based slide windows and counted the number of NLRs
in each window. Results showed that 2012 NLRs were distributed in 1389 200 Kb windows
and 407 of these windows had at least two NLR proteins (accounting for 53.58% of total
NLRs); 147 had at least three NLRs (accounting for 27.73% of total NLRs); 68 had at least
four NLRs (accounting for 15.91% of total NLRs); and 29 had at least five NLRs (accounting
for 8.20% of total NLRs) (Figure 2a, Figure S3 and Table S3). This is consistent with the
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observation from Arabidopsis, in which an average of 59% of NLRs are distributed in the
genome as clusters [8].
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Figure 2. The distribution of NLRs in 200 Kb windows and the calculation of Ka (number of
substitutions per nonsynonymous site) and Ks (number of substitutions per synonymous site) values
of paired NLRs. (a) The proportion of NLR proteins distributed on each 200 Kb slide window as gene
clusters; the distribution of Ks values (b) and Ka/Ks ratio (c) of paired NLRs.

Further, we identified syntenic wheat NLR pairs based on the high-confidence syntenic
triads published by Cristobal’s group [33]. A total of 200 NLR pairs (Figure 1; Table S4) and
91 1:1:1 (on A, B, and D subgenomes) high-confidence syntenic NLR triads were identified
among A, B, and D subgenomes (Table S5). We also calculated the Ka (number of substi-
tutions per nonsynonymous site) and Ks (number of substitutions per synonymous site)
values of each NLR pair using TBtools (https://github.com/CJ-Chen/TBtools, (accessed
on 20 June 2021)) [25]. The distribution of Ks values showed a significant peak at 0.04-0.08
(Figure 2b; Table S4), indicating about 3.1-6.3 MYA (million years ago) calculated using [26]:

T=Ks =+ (2 x 6.1 x107%) x 107°.

This coincides with the first hybridization event between A and B genome lineages
that occurred ~5.5 MYA, which directly led to the origin of the D genome lineage [34].
Moreover, the Ka/Ks ratios of all NLR pairs are less than 1 (Figure 2¢; Table S4), suggesting
that many deleterious mutations have occurred and these NLR proteins are undergoing
purifying selection [35].

3.2. Dynamic Diversity of NLR Proteins in Evolution of Triticum and Aegilops

The release of resequencing data at the genus level of wheat allows us to survey
the dynamic diversity of key genes associated with important agronomic traits during
domestication and improvement. In this study, we downloaded genotyping data of Triticum
and Aegilops populations from the Genome Variation Map (https:/ /bigd.big.ac.cn/gvm,
accessed on (1 June 2021)) published by Lu’s group [18]. The genotypes of 261 wheat
accessions and wheat relatives were selected for subsequent analysis (Table S6). In these
accessions, a total of four lineages were included: AA lineage (T. monococcum/T. urartu,
91 accessions), AABB lineage (T. turgidum, 70 accessions), AABBDD lineage (T. aestivum,
70 accessions), and DD lineage (Ae. tauschii, 30 accessions). These lineages were further
assigned to nine groups: wild einkorn (31, AA), domesticated einkorn (31, AA), urartu
(29, AA), wild emmer (28, AABB), domesticated emmer (29, AABB), durum (13, AABB),
landrace (45, AABBDD), cultivar (25, AABBDD), and diploid DD (30, DD, including
strangulata, meyeri, and anathera) (Table S6) [18].

Based on the genotyping data, we evaluated the diversity of each of the nine groups
using single nucleotide polymorphism (SNP) counts in each subgenome (Table S7). Results
showed that wild einkorn and wild emmer had higher numbers of SNPs in the A genome
lineage, and tetraploid wild emmer and domesticated emmer had higher numbers of SNPs
in the B genome lineage (Figure 3a). For the D genome lineage, the diploid DD group
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consisting of subspecies strangulata and varieties meyeri and anathera had many more
SNPs than the D genome from hexaploid wheat (Figure 3a). These findings suggest that
wild progenitors and wheat relatives have maintained higher diversity, which might have
been lost during polyploidization (only a few accessions of Ae. tauschii contributed to the
origin of hexaploid wheat) and domestication of wheat [36,37]. Investigating the diversity
patterns of NLRs based on the genotyping data of Triticum and Aegilops populations is thus
beneficial for the discovery of new elite NLR genes to improve the resistance of wheat.

subgenome subgenome Groups
m A ﬁ A group1. Wild einkorn
a b group2. Domesticated einkorn
m B ‘ B group3. Urartu

group4. Wild emmer
. group5. Domesticated emmer
3 D 15.0 ‘ D group6. Durum
% group?. Landrace
group8. Cultivar
group9. Diploid DD

Occurrence rate of SNP (10°)

Number of SNP (107)

Figure 3. The total number of SNPs in each group and occurrence rate of SNP on NLRs for nine groups in different
subgenomes. (a) The total number of SNPs in each group. Green bars represent the A subgenome; blue bars represent the
B subgenome; red bars represent the D subgenome; (b) the occurrence rate of SNP on NLRs for nine groups in different
subgenomes. Green boxes represent the A subgenome; blue boxes represent the B subgenome; red boxes represent the D
subgenome. The rhombic point in each bar represents the average value. Occurrence rate = number of SNPs on each NLR
gene/number of SNPs on the chromosome in which the gene is located.

To investigate the diversity variation of NLRs from different lineages in the nine
groups, we calculated the occurrence rate of SNP (ORS = number of SNPs on each NLR
gene/number of SNPs on the chromosome where the gene is located) of each NLR gene
(Table S8) and its 2 Kb-promotor region (Table S9). Fewer NLR genes lacking SNPs (27.67%
in genic region and 38.17% in promoter region of NLRs) were observed for the D genome
lineage (Table S510; Figure S4), suggesting that NLRs are more conserved in A and B
genome lineages than in D genome lineages. In D genome lineages, a significantly high
proportion (12.44%) of NLRs with SNPs occurred only in the Diploid DD group, indicating
that more unexplored diversity of NLRs was stored in diploid DD relatives (strangulata,
meyeri, and anathera). Further, we calculated the ORS of each NLR with SNPs. As
expected, the diversity of NLR genes has been maintained in wild progenitors and wheat
relatives (Figure 3b). The heatmap showed that most NLRs with SNPs had an opposite
pattern between the genic region and 2 Kb-promoter region in A and B genome lineages
(Figure 4a,b), such as higher ORS in the genic region and lower ORS in the promoter region.
In the D genome lineage, most NLRs with SNPs had an opposite pattern between the genic
region and 2 Kb-promoter region only in landrace and cultivar groups; a similar pattern
was observed in the diploid DD group (Figure 4c). This may be due to the evolution of
different genome lineages, as well as sub/neofunctionalization and loss of duplicated
genes, with SNPs in the genic region potentially contributing to the gene loss, while SNPs
in the promoter region contributed to the differential gene expression [38].
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Figure 4. The heatmap of ORS (occurrence rate of SNP) on genic regions and 2 Kb-promoter regions of all NLRs with SNPs
for nine groups in different subgenomes. (a) The heatmap for A genome lineages in wild einkorn, domesticated einkorn,
urartu, wild emmer, domesticated emmer, durum, landrace, and cultivar groups; (b) the heatmap for B genome lineages
in wild emmer, domesticated emmer, durum, landrace, and cultivar groups; (c) the heatmap for D genome lineages in
landrace, cultivar, and diploid DD groups. Red cells represent the higher ORS, and blue cells represent the lower ORS.

3.3. NLRs Carried Selective Signals during Wheat Domestication and Improvement

In our analysis, studied accessions included wild einkorn, domesticated einkorn,
wild emmer, domesticated emmer, durum, landrace, and cultivars, which allowed us to
capture the genomic selective signals during domestication and improvement. To identify
the selected wheat NLR genes, we scanned the whole genome to identify the genomic
windows carrying selective signals using two thresholds to define the regions: (1) top
5% of 7 (nucleotide diversity) ratio, using wild type divided by domesticated type or
domesticated type divided by improved type; and (2) top 5% of Fst value, an index of
genetic differentiation between two groups.

In this study, four comparisons were used to perform this analysis: wild einkorn
vs. domesticated einkorn; wild emmer vs. domesticated emmer; domesticated emmer
vs. durum; and landrace vs. cultivar. For Fst, the highest degree of differentiation was
observed between domesticated emmer and durum for A (0.213) and B (0.207) genome
lineages, while the lowest was observed between landrace and cultivar (A: 0.033; B: 0.017).
For the three subgenomes, the A genome had the highest degree of differentiation, followed
by the B genome, then the D genome (Figure 5a). As expected, the nucleotide diversity
showed that wild and progenitor types have higher diversity and the B subgenome has
the highest diversity in tetraploid and hexaploid wheat. In contrast, the D subgenome
has relatively low diversity in hexaploid wheat (Figure S5), which had been reported in a
previous study [18].

Further, a total of 142.97 Mbp, 215.21 Mbp (168.09 Mbp in the A genome and 47.12 Mbp
in the B genome), 51.18 Mbp (30.65 Mbp in the A genome and 20.53 Mbp in the B genome),
and 226.57 Mbp (210.30 Mbp in the A genome, 13.25 Mbp in the B genome, and 3.02 Mbp
in the D genome) genomic windows were identified as candidate regions carrying selec-
tive signals from wild einkorn vs. domesticated einkorn, wild emmer vs. domesticated
emmer, domesticated emmer vs. durum, and landrace vs. cultivar, respectively (Figure 5b,
Figures S6 and S7; Table S11). A larger region had undergone selection after domestication
(wild einkorn vs. domesticated einkorn, wild emmer vs. domesticated emmer) rather than
after improvement (domesticated emmer vs. durum, and landrace vs. cultivar). We found
that chromosome 4A contributed to 75.14% of selective sweeps of the A genome in the
wild emmer vs. domesticated emmer comparison and 86.86% in the landrace vs. cultivar
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comparison (Table S11), which is due to the large introgression from wild emmer reported
in previous studies [17,20].
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Figure 5. The genetic differentiation (Fst) between two groups and the identification of selective sweeps. (a) The evaluation
of genetic differentiation between two groups using Fst values. Circles with number represent the different groups. The
values on the lines represent the Fst values; (b) the size of selective sweeps in the A, B, and D genomes from four comparisons;
(c) the overlapped annotated genes among four comparisons; (d) the overlapped NLR genes among four comparisons. Blue
represents wild einkorn vs. domesticated einkorn; yellow represents eild emmer vs. domesticated emmer; red represents
domesticated emmer vs. durum; green represents landrace vs. cultivar.

In these candidate selective regions, a total of 1824, 836, 466, and 744 annotated genes
were respectively identified from wild einkorn vs. domesticated einkorn, wild emmer
vs. domesticated emmer, domesticated emmer vs. durum, and landrace vs. cultivar
(Table S12), including eight, three, five, and seven NLR genes (Table S13). NLR genes were
not significantly enriched in genomic regions carrying selective signals (p > 0.05). Addi-
tionally, we found fewer selected annotated genes shared in four comparisons (Figure 5c;
Table S12) occurring, at best, in two comparisons, and each of the selected NLR genes were
unique for each of the four comparisons (Figure 5d). Moreover, five selected NLR genes
(TraesCS3A02G095700, TraesCS3B02G111400, TraesCS5A02G069600, TraesCS7B02G024800,
and TraesCS2B02G284500) appeared in 1:1:1 high-confidence syntenic NLRs triads, and only
genes TraesCS3A02G095700 and TraesCS3B02G111400 were paired (Table S5), suggesting a
preference effect of genome selection.

3.4. Transcriptome Profiles of the Beneficial NLR Alleles for Disease Resistance

Transcriptome data from four experiments of pathogen inoculation were used to
identify candidate functional NLRs for disease resistance in wheat, including Fusarium
head blight (Fhb), powdery mildew, stripe rust, and Xanthomonas translucens. In the
Fusarium graminearum inoculation experiment, Fhb-resistant (Fhb1+) and Fhb-susceptible
(Fhb1l—) wheat lines were separately inoculated with F. graminearum and deoxynivalenol
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(DON), and samples were inoculated with water as the control (https://www.ncbi.nlm.
nih.gov/bioproject/PRJNA273659, (accessed on 28 June 2021)). The transcriptome data
was downloaded and average values of three replications was used to plot the heatmap.
We performed gene clustering using “cluster_row = TRUE” and the clustering tree showed
four clades, suggesting four expression patterns from expressions of 2012 NLR genes
(Figure S8A; Table S14). In pattern 1, NLR genes had a high expression level in Fhb1+
and Fhbl— wheat lines inoculated with water, while in pattern 2, NLR genes had a high
expression level in Fhbl+ and Fhbl— lines inoculated with DON after 12 h. In pattern
3, NLR genes were only highly expressed in Fhbl— wheat lines inoculated with water
after 12 h. In pattern 4, four expression cases were observed in the NLR genes: (1) high
expression only in Fhbl+ lines with first-round F. graminearum inoculation after 96 h;
(2) high expression only in Fhbl— lines with first-round F. graminearum inoculation after
96 h; (3) high expression only in Fhb1+ lines with second-round F. graminearum inoculation
after 96 h; and (4) high expression only in Fhb1l— lines with second-round F. graminearum
inoculation after 96 h (Figure S8A). These results suggested that diverse defense response
mechanisms of NLR genes have evolved for Fhb in Fhb1l+ and Fhb1l— wheat lines.

In the powdery mildew inoculation experiment, wheat lines were inoculated with
powdery mildew for 24, 48, and 72 h, and noninoculation lines were used as a control [28]. A
total of five expression patterns of NLR genes were observed (Figure S8B; Table 515). In pattern
1, NLR genes only had a high expression level after 24 h of inoculation with the powdery
mildew pathogen, and NLR genes only had high expression after 48 h of inoculation with
the powdery mildew pathogen in pattern 4. In pattern 2, NLR genes had a high expression
level in the noninnoculation control and after 72 h of inoculation with the powdery mildew
pathogen, while pattern 3 only had a high expression level in the noninnoculation control.
In pattern 5, NLR genes (77.43%) were highly expressed after 48 and 72 h of inoculation,
and higher expression levels occurred with longer inoculation time, suggesting the positive
response of NLRs to the powdery mildew pathogen in wheat. Similarly, in the stripe rust
inoculation experiment, most NLR genes had higher expressions after 24, 48, and 72 h of
inoculation than in the noninoculation control (Figure S8C; Table S16).

In the X. translucens inoculation experiment, wheat leaf and root were inoculated with
X. translucens, and water was used as a control (https:/ /www.ncbi.nlm.nih.gov /bioproject/
PRJEB21835/, (accessed on 28 June 2021)). As expected, the heatmap of expression showed
that most NLR genes had high tissue-specific expression in the root (Figure S8D; Table 517),
and compared with the control, a higher expression level was observed in wheat root
inoculated with X. translucens. This suggests that X. translucens causes greater harm to the
wheat root and NLR genes are involved in the positive response.

Additionally, we found that 195 of the 2012 identified NLR genes were reported to
be associated with abiotic and/or disease stress [33], including two NLRs that responded
to Fhb, 43 that responded to powdery mildew, and 118 that responded to stripe rust
(Table S18). We also profiled the expression patterns of selected genes from four compar-
isons: wild einkorn vs. domesticated einkorn, wild emmer vs. domesticated emmer, domes-
ticated emmer vs. durum, and landrace vs. cultivar (Figure 6). The expression patterns of
selected NLR genes were similar to patterns of all annotated NLR genes, and no significant
differences were observed for each selected NLR gene in four comparisons. Three selected
NLR genes, TraesCS1A02G437200, TraesCS3A02G085200, and TraesCS5D02G532400, have
been reported to be involved in stripe rust resistance by Cristobal’s group [33]. We also
found that these three genes not only positively responded to stripe rust (Figure 6¢) but also
responded to powdery mildew (Figure 6b and Figure S9) yet had no significant response
to Fhb (Figure 6a) or X. translucens (Figure 6d). Further, the dominant effect of genome
selection for disease resistance was significant in the B genome lineage (Figure 6).
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Figure 6. The expression heatmaps of selected NLR genes from four comparisons. Red cells indicate higher expression
levels and blue cells represent lower expression levels. Blue circles represent wild einkorn vs. domesticated einkorn;
yellow circles represent wild emmer vs. domesticated emmer; red circles represent domesticated emmer vs. durum; green
circles represent landrace vs. cultivar. The asterisks beside the gene IDs represent the NLR genes involved in stripe rust
resistance reported by Cristobal’s group (Ramirez-Gonzaélez et al., 2018). (a) The expression heatmap from the Fusarium
graminearum infects wheat spikes and causes Fusarium head blight (FHB). Fhb1+ represents resistant lines and Fhbl—
represents susceptible lines. —1 and —2 represent two replications; (b) the expression heatmap from the powdery mildew
pathogen innoculation; (c) the expression heatmap from stripe rust pathogen innoculation; (d) the expression heatmap from
Xanthomonas translucens (Xt) pathogen infection. Plants inoculated with water were used as controls. Data was downloaded
from http://202.194.139.32 /expression/wheat.html (accessed on 28 June 2021). This figure was generated using the R
package “pheatmap”. Genes without expression data are not shown. The experiment was carried out with three biological
replications, and average values of the three replications were used to plot the heatmap.

Our analysis indicates that NLR genes function directly in wheat disease resistance,
and some have broad-spectrum resistance for multiple wheat diseases. The transcriptome
profiles of NLR genes for different wheat diseases will provide guidance for future breeding
and identified functional and beneficial NLR alleles can be used directly in the disease-
resistance breeding of wheat.

4. Discussion

In this study, we identified the NLR gene atlas from the hexaploid wheat reference
genome “Chinese Spring” (IWGSC RefSeq v1.1) and investigated the landscape of diversity
of NLRs in Triticum and Aegilops populations. Consistent with previous studies [39,40], we
found that wild progenitors and wheat relatives constitute reservoirs of genetic diversity of
NLR genes, which can be exploited and deployed in modern wheat for disease resistance,
especially for diploid DD relatives (strangulata, meyeri, and anathera). Furthermore, we
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quantified the genetic diversity of annotated NLR genes using ORS and constructed a
map of dynamic diversity at the genus level for Triticum and Aegilops. This will provide
important guidance for choosing NLR genes in future wheat disease-resistance breeding.

Based on the genotyping data of Triticum and Aegilops populations, we reanalyzed the
allele frequency changes in NLR genes on A, B, and D genome lineages during domestica-
tion and improvement. Similar to previous studies [17,18], we found the A genome lineage
has undergone the strongest selection in wheat evolution, and a large genomic region con-
tributed to most allele frequency changes of 4A in tetraploid emmer and hexaploid wheat.
This is consistent with previous reports showing that a large alien segment introgressed
into 4A from wild emmer to hexaploid wheat, which also explains the maintenance of
genetic diversity in the A and B genomes [20]. Two questions arise from these findings:
(1) what sources have contributed to the diversity of tetraploid emmer? (2) How can the
genomic effects of introgression and selection be distinguished? Collection of additional
resources and methodological development are required to further explore these questions.

Transcriptome data from four pathogen inoculation experiments enabled us to profile
the expression patterns of annotated NLRs in wheat. We verified three NLR genes reported
to be associated with stripe rust resistance, and broad-spectrum resistance for multiple
wheat diseases was observed. Moreover, these three NLR genes have also undergone
strong selection in wheat evolution, and thus should be deployed into modern wheat as
candidate-beneficial alleles to satisfy the broad-spectrum and effective long-term resistance
goals of future resistance breeding and improvement of wheat.

A limitation of this study is that all NLR genes were identified from a single reference
genome, which severely limited the discovery of new NLR alleles. How to fully capture
the reservoir of NLR genes in the genera level is thus a focal issue for future studies. In
Arabidopsis, resistance gene enrichment sequencing (RenSeq) analysis has been carried out
for 64 accessions and a complete species-wide pan-NLRomes was constructed [8]. In wild
diploid wheat, RenSeq was performed to fully retrieve disease-resistance genes from wild
relatives [15]. Combined with associated genetic data, pan-genome variation was exploited
to rapidly clone resistance genes. Considering the limitation of the single reference genome,
more high-quality genomes and a pan-genome of wheat and its relatives will be required
to reveal the global diversity. In 2020, the release of 10+ wheat genomes provided a
landscape of global variation and a basis for the discovery of functional genes [41], but
only for modern wheat cultivars. The genomes of wild progenitors and wheat relatives,
especially for the pan-genome, are still required to identify new NLRs, such as diploid DD
lineage strangulata, meyeri, and anathera. Song’s group has assembled four new reference
genomes for the diploid DD lineage and established a rapid introgression platform for
wheat breeding and improvement [42]. This will help to restore the diversity of the modern
wheat D genome, which seriously restricts current selective breeding. Additionally, Kong’s
group first provided a complete genome assembly of Thinopyrum elongatum, which was
used for hybridization breeding of wheat as a distant species, and cloned the Fhb7 gene
involved in Fhb resistance [43]. Further, evidence supports that the Fhb7 gene of T. elongatum
was gained from an endophytic Epichloe species via horizontal gene transfer (HGT). It is
likely that more of these events will be traced with the release of more genomes and the
pan-genome of wheat progenitors and relatives.

5. Conclusions

In this study, we provide a repertoire of NLR genes from hexaploid wheat and a
landscape of dynamic diversity of NLRs in Triticum and Aegilops. We found that NLR genes
have higher genetic diversity in wheat progenitors and wild relatives. Further, selection
analysis suggests that fewer NLR genes carry a selective signal, and each of the selected
NLRs is unique. Moreover, we identified an alien introgression of chromosome 4A in
tetraploid emmer, which was similar to that occurring in hexaploid wheat. We also profiled
the expression pattern using transcriptome data from four experiments of disease resistance
and identified promising NLR genes involved in the broad-spectrum resistance to multiple
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wheat diseases. Our study provides insights into the diversity evolution of NLR genes
in wheat and identifies beneficial NLR alleles to deploy into modern wheat for future
disease-resistance breeding.

Supplementary Materials: The following are available online at https://www.mdpi.com/article/10
.3390/cimb43020069 /s1.

Author Contributions: X.L. and S.C. proposed the research idea; X.L. performed all data analyses
and prepared the figures and tables; X.L. wrote the manuscript. All authors have read and agreed to
the published version of the manuscript.

Funding: This research was funded by the China Postdoctoral Science Foundation, (2020M672900),
The Agricultural Science and Technology Innovation Program (ASTIP), and the Guangdong Science
and Technology Foundation, (2019ZT08N628).

Institutional Review Board Statement: Not applicable.
Informed Consent Statement: Not applicable.
Data Availability Statement: Not applicable.

Acknowledgments: The authors are thankful to all team members in Cheng’s lab, Agricultural
Genomics Institute at Shenzhen, Chinese Academy of Agricultural Sciences, for helpful discussion
and suggestions.

Conflicts of Interest: The authors declare no conflict of interest.

References

1.  Ning, Y; Liu, W,; Wang, G.-L. Balancing Immunity and Yield in Crop Plants. Trends Plant. Sci. 2017, 22, 1069-1079. [CrossRef]

2. Bailey-Serres, J.; Parker, J.E.; Ainsworth, E.A.; Oldroyd, G.E.D.; Schroeder, ].I. Genetic Strategies for Improving Crop Yields.
Nature 2019, 575, 109-118. [CrossRef] [PubMed]

3. Brinton, J.; Uauy, C. A Reductionist Approach to Dissecting Grain Weight and Yield in Wheat. J. Integr. Plant. Biol. 2019,
61, 337-358. [CrossRef]

4. Godfray, H.C]J.; Beddington, J.R.; Crute, LR.; Haddad, L.; Lawrence, D.; Muir, J.E; Pretty, J.; Robinson, S.; Thomas, S.M.;
Toulmin, C. Food Security: The Challenge of Feeding 9 Billion People. Science 2010, 327, 812-818. [CrossRef] [PubMed]

5. Tadesse, W.; Sanchez-Garcia, M.; Assefa, S.G.; Amri, A ; Bishaw, Z.; Ogbonnaya, F.C.; Baum, M. Genetic Gains in Wheat Breeding
and Its Role in Feeding the World. Crop. Breed. Genet. Genom. 2019, 1, €190005. [CrossRef]

6.  Singh, R.P; Singh, PK.; Rutkoski, J.; Hodson, D.P,; He, X.; Jorgensen, L.N.; Hovmeller, M.S.; Huerta-Espino, J. Disease Impact on
Wheat Yield Potential and Prospects of Genetic Control. Annu. Rev. Phytopathol. 2016, 54, 303-322. [CrossRef]

7. Ficke, A,; Cowger, C.; Bergstrom, G.; Brodal, G. Understanding Yield Loss and Pathogen Biology to Improve Disease Management:
Septoria Nodorum Blotch—A Case Study in Wheat. Plant Dis. 2018, 102, 696-707. [CrossRef]

8. Van de Weyer, A.-L.; Monteiro, F,; Furzer, O.].; Nishimura, M.T.; Cevik, V.; Witek, K.; Jones, ].D.G.; Dangl, J.L.; Weigel, D.;
Bemm, F. A Species-Wide Inventory of NLR Genes and Alleles in Arabidopsis Thaliana. Cell 2019, 178, 1260-1272.e14. [CrossRef]

9.  Jones, ].D.G,; Vance, R.E.; Dangl, J.L. Intracellular Innate Immune Surveillance Devices in Plants and Animals. Science 2016, 354,
aaf6395. [CrossRef] [PubMed]

10. Monteiro, F.; Nishimura, M.T. Structural, Functional, and Genomic Diversity of Plant NLR Proteins: An Evolved Resource for
Rational Engineering of Plant Immunity. Annu. Rev. Phytopathol. 2018, 56, 243-267. [CrossRef] [PubMed]

11. Kourelis, J.; van der Hoorn, R.A.L. Defended to the Nines: 25 Years of Resistance Gene Cloning Identifies Nine Mechanisms for R
Protein Function. Plant Cell 2018, 30, 285-299. [CrossRef] [PubMed]

12. Johal, G.; Briggs, S. Reductase Activity Encoded by the HM1 Disease Resistance Gene in Maize. Science 1992, 258, 985-987.
[CrossRef]

13.  Sun, M.; Zhang, M,; Singh, J.; Song, B.; Tang, Z.; Liu, Y.; Wang, R.; Qin, M.; Li, J.; Khan, A.; et al. Contrasting Genetic Variation
and Positive Selection Followed the Divergence of NBS-Encoding Genes in Asian and European Pears. BMC Genom. 2020, 21, 809.
[CrossRef] [PubMed]

14. Li, Q. Jiang, X.-M.; Shao, Z.-Q. Genome-Wide Analysis of NLR Disease Resistance Genes in an Updated Reference Genome of
Barley. Front. Genet. 2021, 12, 694682. [CrossRef] [PubMed]

15. Arora, S.; Steuernagel, B.; Gaurav, K.; Chandramohan, S.; Long, Y.; Matny, O.; Johnson, R.; Enk, J.; Periyannan, S.; Singh, N.; et al.
Resistance Gene Cloning from a Wild Crop Relative by Sequence Capture and Association Genetics. Nat. Biotechnol. 2019,
37,139-143. [CrossRef]

16. The International Wheat Genome Sequencing Consortium (IWGSC); Appels, R.; Eversole, K.; Stein, N.; Feuillet, C.; Keller, B.;

Rogers, ]J.; Pozniak, C.J.; Choulet, F,; Distelfeld, A.; et al. Shifting the Limits in Wheat Research and Breeding Using a Fully
Annotated Reference Genome. Science 2018, 361, eaar7191. [CrossRef] [PubMed]


https://www.mdpi.com/article/10.3390/cimb43020069/s1
https://www.mdpi.com/article/10.3390/cimb43020069/s1
http://doi.org/10.1016/j.tplants.2017.09.010
http://doi.org/10.1038/s41586-019-1679-0
http://www.ncbi.nlm.nih.gov/pubmed/31695205
http://doi.org/10.1111/jipb.12741
http://doi.org/10.1126/science.1185383
http://www.ncbi.nlm.nih.gov/pubmed/20110467
http://doi.org/10.20900/cbgg20190005
http://doi.org/10.1146/annurev-phyto-080615-095835
http://doi.org/10.1094/PDIS-09-17-1375-FE
http://doi.org/10.1016/j.cell.2019.07.038
http://doi.org/10.1126/science.aaf6395
http://www.ncbi.nlm.nih.gov/pubmed/27934708
http://doi.org/10.1146/annurev-phyto-080417-045817
http://www.ncbi.nlm.nih.gov/pubmed/29949721
http://doi.org/10.1105/tpc.17.00579
http://www.ncbi.nlm.nih.gov/pubmed/29382771
http://doi.org/10.1126/science.1359642
http://doi.org/10.1186/s12864-020-07226-1
http://www.ncbi.nlm.nih.gov/pubmed/33213380
http://doi.org/10.3389/fgene.2021.694682
http://www.ncbi.nlm.nih.gov/pubmed/34108996
http://doi.org/10.1038/s41587-018-0007-9
http://doi.org/10.1126/science.aar7191
http://www.ncbi.nlm.nih.gov/pubmed/30115783

Curr. Issues Mol. Biol. 2021, 43 977

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.
33.

34.

35.

36.

37.

38.

39.
40.

41.

42.

43.

Cheng, H,; Liu, J.; Wen, J.; Nie, X.; Xu, L.; Chen, N.; Li, Z.; Wang, Q.; Zheng, Z.; Li, M.; et al. Frequent Intra- and Inter-Species
Introgression Shapes the Landscape of Genetic Variation in Bread Wheat. Genome Biol. 2019, 20, 136. [CrossRef]

Zhou, Y.; Zhao, X.; Li, Y.; Xu, J.; Bi, A,; Kang, L.; Xu, D.; Chen, H.; Wang, Y.; Wang, Y.; et al. Triticum Population Sequencing
Provides Insights into Wheat Adaptation. Nat. Genet. 2020, 52, 1412-1422. [CrossRef]

Przewieslik-Allen, A.M.; Wilkinson, P.A.; Burridge, A.]J.; Winfield, M.O.; Dai, X.; Beaumont, M.; King, ].; Yang, C.; Griffiths, S.;
Wingen, L.U.; et al. The Role of Gene Flow and Chromosomal Instability in Shaping the Bread Wheat Genome. Nat. Plants 2021,
7,172-183. [CrossRef]

He, E; Pasam, R; Shi, F.; Kant, S.; Keeble-Gagnere, G.; Kay, P.; Forrest, K,; Fritz, A.; Hucl, P.; Wiebe, K,; et al. Exome Sequencing
Highlights the Role of Wild-Relative Introgression in Shaping the Adaptive Landscape of the Wheat Genome. Nat. Genet. 2019,
51, 896-904. [CrossRef] [PubMed]

Bateman, A. The Pfam Protein Families Database. Nucleic Acids Res. 2000, 28, 263-266. [CrossRef]

Eddy, S.R. Accelerated Profile HMM Searches. PLoS Comput. Biol. 2011, 7, €1002195. [CrossRef]

Chen, Y.; Song, W.; Xie, X.; Wang, Z.; Guan, P,; Peng, H ; Jiao, Y.; Ni, Z.; Sun, Q.; Guo, W. A Collinearity-Incorporating Homology
Inference Strategy for Connecting Emerging Assemblies in the Triticeae Tribe as a Pilot Practice in the Plant Pangenomic Era.
Molecular Plant 2020, 13, 1694-1708. [CrossRef]

Hao, Z.; Lv, D,; Ge, Y,; Shi, ].; Weijers, D.; Yu, G.; Chen, ]. RIdeogram: Drawing SVG Graphics to Visualize and Map Genome-Wide
Data on the Idiograms. Peer] Comput. Sci. 2020, 6, €251. [CrossRef] [PubMed]

Chen, C.; Chen, H.; Zhang, Y.; Thomas, H.R.; Frank, M.H.; He, Y.; Xia, R. TBtools: An Integrative Toolkit Developed for Interactive
Analyses of Big Biological Data. Mol. Plant 2020, 13, 1194-1202. [CrossRef] [PubMed]

Lynch, M. The Evolutionary Fate and Consequences of Duplicate Genes. Sciernce 2000, 290, 1151-1155. [CrossRef] [PubMed]
Hofstad, A.N.; Nussbaumer, T.; Akhunov, E.; Shin, S.; Kugler, K.G.; Kistler, H.C.; Mayer, K.FX.; Muehlbauer, G.J. Examining the
Transcriptional Response in Wheat Fhb1 Near-Isogenic Lines to Fusarium Graminearum Infection and Deoxynivalenol Treatment.
Plant Genome 2016, 9, 1-15. [CrossRef]

Zhang, H.; Yang, Y.; Wang, C.; Liu, M.; Li, H.; Fu, Y.; Wang, Y.; Nie, Y,; Liu, X; Ji, W. Large-Scale Transcriptome Comparison
Reveals Distinct Gene Activations in Wheat Responding to Stripe Rust and Powdery Mildew. BMC Genom. 2014, 15, 898.
[CrossRef]

Garcia-Seco, D.; Chiapello, M.; Bracale, M.; Pesce, C.; Bagnaresi, P; Dubois, E.; Moulin, L.; Vannini, C.; Koebnik, R. Transcriptome
and Proteome Analysis Reveal New Insight into Proximal and Distal Responses of Wheat to Foliar Infection by Xanthomonas
translucens. Sci. Rep. 2017, 7, 10157. [CrossRef] [PubMed]

Koebner, R.M.D.; Shepherd, K.W. Controlled Introgression to Wheat of Genes from Rye Chromosome Arm 1RS by Induction of
Allosyndesis: 1. Isolation of Recombinants. Theor. Appl. Genet. 1986, 73, 197-208. [CrossRef]

Ko, J.M,; Seo, B.B.; Suh, D.Y.; Do, G.S.; Park, D.S.; Kwack, Y.H. Production of a New Wheat Line Possessing the 1BL.1RS
Wheat-Rye Translocation Derived from Korean Rye Cultivar Paldanghomil. Theor. Appl. Genet. 2002, 104, 171-176. [CrossRef]
Holub, E.B. The Arms Race Is Ancient History in Arabidopsis, the Wildflower. Nat. Rev. Genet. 2001, 2, 516-527. [CrossRef]
Ramirez-Gonzalez, R.H.; Borrill, P; Lang, D.; Harrington, S.A.; Brinton, J.; Venturini, L.; Davey, M.; Jacobs, J.; van Ex, E;
Pasha, A.; et al. The Transcriptional Landscape of Polyploid Wheat. Science 2018, 361, eaar6089. [CrossRef]

The International Wheat Genome Sequencing Consortium (IWGSC); Mayer, K.EX.; Rogers, J.; Dole el, J.; Pozniak, C.; Eversole, K.;
Feuillet, C.; Gill, B.; Friebe, B.; Lukaszewski, A.].; et al. A Chromosome-Based Draft Sequence of the Hexaploid Bread Wheat
(Triticum aestivum) Genome. Science 2014, 345, 1251788. [CrossRef]

Yang, Z.; Bielawski, ].P. Statistical Methods for Detecting Molecular Adaptation. Trends Ecol. Evol. 2000, 15, 496-503. [CrossRef]
Yu, K; Feng, M.; Yang, G.; Sun, L.; Qin, Z.; Cao, J.; Wen, J.; Li, H.; Zhou, Y.; Chen, X,; et al. Changes in Alternative Splicing in
Response to Domestication and Polyploidization in Wheat. Plant Physiol. 2020, 184, 1955-1968. [CrossRef]

Yang, G.; Liu, Z.; Gao, L.; Yu, K.; Feng, M.; Yao, Y.; Peng, H.; Hu, Z.; Sun, Q.; Ni, Z.; et al. Genomic Imprinting Was Evolutionarily
Conserved during Wheat Polyploidization. Plant Cell 2018, 30, 37—47. [CrossRef] [PubMed]

Lan, X,; Pritchard, ].K. Coregulation of Tandem Duplicate Genes Slows Evolution of Subfunctionalization in Mammals. Science
2016, 352, 1009-1013. [CrossRef] [PubMed]

Feuillet, C.; Langridge, P.; Waugh, R. Cereal Breeding Takes a Walk on the Wild Side. Trends Genet. 2008, 24, 24-32. [CrossRef]
Hafeez, A.N.; Arora, S.; Ghosh, S.; Gilbert, D.; Bowden, R.L.; Wulff, B.B.H. Creation and Judicious Application of a Wheat
Resistance Gene Atlas. Mol. Plant 2021, 14, 1053-1070. [CrossRef]

Walkowiak, S.; Gao, L.; Monat, C.; Haberer, G.; Kassa, M.T.; Brinton, J.; Ramirez-Gonzalez, R.H.; Kolodziej, M.C.; Delorean, E.;
Thambugala, D.; et al. Multiple Wheat Genomes Reveal Global Variation in Modern Breeding. Nature 2020, 588, 277-283.
[CrossRef] [PubMed]

Zhou, Y.; Bai, S.; Li, H.; Sun, G.; Zhang, D.; Ma, F,; Zhao, X.; Nie, E; Li, ].; Chen, L.; et al. Introgressing the Aegilops Tauschii
Genome into Wheat as a Basis for Cereal Improvement. Nat. Plants 2021, 7, 774-786. [CrossRef] [PubMed]

Wang, H.; Sun, S.; Ge, W.; Zhao, L.; Hou, B.; Wang, K.; Lyu, Z.; Chen, L.; Xu, S.; Guo, J.; et al. Horizontal Gene Transfer of Fhb7
from Fungus Underlies Fusarium Head Blight Resistance in Wheat. Science 2020, 368, eaba5435. [CrossRef] [PubMed]


http://doi.org/10.1186/s13059-019-1744-x
http://doi.org/10.1038/s41588-020-00722-w
http://doi.org/10.1038/s41477-020-00845-2
http://doi.org/10.1038/s41588-019-0382-2
http://www.ncbi.nlm.nih.gov/pubmed/31043759
http://doi.org/10.1093/nar/28.1.263
http://doi.org/10.1371/journal.pcbi.1002195
http://doi.org/10.1016/j.molp.2020.09.019
http://doi.org/10.7717/peerj-cs.251
http://www.ncbi.nlm.nih.gov/pubmed/33816903
http://doi.org/10.1016/j.molp.2020.06.009
http://www.ncbi.nlm.nih.gov/pubmed/32585190
http://doi.org/10.1126/science.290.5494.1151
http://www.ncbi.nlm.nih.gov/pubmed/11073452
http://doi.org/10.3835/plantgenome2015.05.0032
http://doi.org/10.1186/1471-2164-15-898
http://doi.org/10.1038/s41598-017-10568-8
http://www.ncbi.nlm.nih.gov/pubmed/28860643
http://doi.org/10.1007/BF00289275
http://doi.org/10.1007/s00122-001-0783-2
http://doi.org/10.1038/35080508
http://doi.org/10.1126/science.aar6089
http://doi.org/10.1126/science.1251788
http://doi.org/10.1016/S0169-5347(00)01994-7
http://doi.org/10.1104/pp.20.00773
http://doi.org/10.1105/tpc.17.00837
http://www.ncbi.nlm.nih.gov/pubmed/29298834
http://doi.org/10.1126/science.aad8411
http://www.ncbi.nlm.nih.gov/pubmed/27199432
http://doi.org/10.1016/j.tig.2007.11.001
http://doi.org/10.1016/j.molp.2021.05.014
http://doi.org/10.1038/s41586-020-2961-x
http://www.ncbi.nlm.nih.gov/pubmed/33239791
http://doi.org/10.1038/s41477-021-00934-w
http://www.ncbi.nlm.nih.gov/pubmed/34045708
http://doi.org/10.1126/science.aba5435
http://www.ncbi.nlm.nih.gov/pubmed/32273397

	Introduction 
	Materials and Methods 
	Identification of NLR Genes in Wheat 
	Chromosome Locations and Distribution of NLR Gene Clusters 
	Identification of NLRs Synteny and Ka/Ks Evaluation 
	Evaluation of Dynamic Diversity of NLR Genes in Triticum and Aegilops 
	Detection of Selective Signal during Domestication and Improvement 
	Transcriptome Data from the Pathogen Inoculation Experiment 

	Results 
	Genome-Wide Identification of NLR Proteins in Wheat 
	Dynamic Diversity of NLR Proteins in Evolution of Triticum and Aegilops 
	NLRs Carried Selective Signals during Wheat Domestication and Improvement 
	Transcriptome Profiles of the Beneficial NLR Alleles for Disease Resistance 

	Discussion 
	Conclusions 
	References

