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Abstract: The development of Industry 4.0 (I4.0) and the digitization and automation of manufac-
turing processes have created a demand for designing smart warehouses to support manufacturing
processes. Warehousing is one of the fundamental processes in the supply chain, and is responsible
for handling inventory. Efficient execution of warehouse operations often determines the effective-
ness of realized goods flows. Therefore, digitization and its use in exchanging information between
partners, especially real-time inventory levels, is critical. For this reason, the digital solutions of
Industry 4.0 have quickly found application in internal logistics processes and enabled the design
of smart warehouses, also known as Warehouse 4.0. The purpose of this article is to present the
results of the conducted review of publications on the design and operation of warehouses using the
concepts of Industry 4.0. A total of 249 documents from the last 5 years were accepted for analysis.
Publications were searched for in the Web of Science database using the PRISMA method. The article
presents in detail the research methodology and the results of the biometric analysis. Based on the
results, a two-level classification framework was proposed, which includes 10 primary categories
and 24 subcategories. Each of the distinguished categories was characterized based on the analyzed
publications. It should be noted that in most of these studies, the authors’ attention primarily focused
on the implementation of (1) Industry 4.0 technological solutions, such as IoT, augmented reality,
RFID, visual technology, and other emerging technologies; and (2) autonomous and automated
vehicles in warehouse operations processes. Critical analysis of the literature also allowed us to
identify the current research gaps, which will be the subject of further research by the authors.

Keywords: Warehouse 4.0; Industry 4.0; literature review; PRISMA; classification framework

1. Introduction

The main goal of any supply chain management is to achieve coordination and link-
ages between all processes and cooperating entities [1]. The impact of information exchange
on the development of supply chains has become more significant with advances in Infor-
mation Technology (IT) [1]. Lotfi et al. [2] note explicitly that with advances in information
technology, different network structures can be modeled to make the coordination within
supply chain partners even closer. In addition, increasing the amount and scope of informa-
tion exchanged reduces uncertainty. As a result, customers receive a higher quality product
at a lower cost in a shorter period. A significant trend aimed at improving information
flows in supply chains is the digital transformation observed for several years. In the
initial phase of the transformation, digitization was equated with an electronic version of a
document or sound [3]. However, the process is now seen from a broader perspective and is
identified with the various sociotechnical phenomena and processes of adopting and using
digital technologies in a broader individual, organizational, and societal context [4]. Indeed,
digitization introduces changes in supply chain operations that affect equally [5] (1) the
organization’s technical capabilities and technological infrastructure, (2) the organization’s
strategies and directions, (3) the potential of the human factor, and (4) the integration
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of all stakeholders around the organization. Digitization also supports the integration
of management structures [6] and increases the transparency and traceability of supply
chain processes [7]. Therefore, its implementation is usually focused mainly on the use
of multiple techniques that monitor real-time items, reduce the idle time in production,
visualize a smart interconnected network, make more efficient use of resources, optimize
supply chain inventories to enable supplier risk assessment, and provide excellent visibility
along the supply chain [8].

Digitization of logistics processes enables companies to monitor real-time material
flows and handle units better. However, the application of new technologies in logistics
should be based on the following four principles [9]:

• Decision support and decision-making—this refers to the potential of artificial intelli-
gence and big data analysis to automate decision-making processes or support human
decisions using a data-based approach;

• Identification and interconnectivity—this refers to IoT (Internet of Things) technolo-
gies and intelligent sensors that are able to unambiguously identify products and
materials and improve product tracking inside and outside companies, including
intercommunication;

• Information flow—this refers to the integration of IT systems (vertical integration),
which also uses cloud computing to provide access to data from multiple sources in
real time to better respond to real-time production planning;

• Automation, robotics, and new production technologies—introduction of new equip-
ment and intelligent transportation systems capable of replacing or duplicating human
labor in manual activities.

Integrating physical logistics processes with digital data and increasing the visibility
of each link throughout the supply chain are forcing the transformation from traditional to
digital supply chains [8]. However, implementing Industry 4.0 (I4.0) solutions in manufac-
turing processes has naturally accelerated the digital transformation, primarily in internal
logistics processes, particularly in the material and finished goods warehouse handling
processes. This is because these processes significantly affect the efficiency [10] and con-
tinuity of manufacturing processes and are of dominant importance for the operation of
automated production [1].

Warehousing is one of the fundamental processes implemented in supply chain man-
agement. According to [1], it is an essential part of the integration of all operations in
supply chains. It is considered an essential part of product flows due to its involvement in
achieving optimum and continuous operation of the production and distribution processes.
According to [11], warehousing has been playing a new role for several years and can
make all chain processes better integrated, not only in storing goods but also in providing
better service visibility. Through this function, it becomes possible to avoid overstocking
throughout the supply chain. Therefore, digitization and its use in exchanging information
between partners, especially real-time inventory levels, is critical. For this reason, the digital
solutions of Industry 4.0 have quickly found their way into internal logistics processes
and enabled the design of intelligent warehouses, also known as Warehouse 4.0. These
warehouses are designed and function following the basic principles of I4.0, which include,
in particular, interoperability, virtualization, decentralization, real time, service orientation,
modularity, and reconfigurability [12]. These warehouses address the current need to
effectively manage all warehouse processes and design a dynamic warehouse facility that
is easily accessible [13].

Changes related to the digitization and automation of warehouse operations and
the changing role of the warehouse in effective supply chain management increase the
demand for research in this area. This is confirmed by the growing number of recent
publications related to this topic. This observed upward trend was also confirmed in the
studies presented in this article (in Section 3). For this reason, there is a need to identify
the dominant research areas related to the design and operation of Warehouse 4.0 and to
organize (classify) the increasing number of publications.
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Therefore, it is reasonable to conduct a literature review aimed at finding answers to
the following research questions:

• Q1: What are the research directions related to the adaptation of warehouses to the
needs of Industry 4.0 and digital supply chains over the last five years (2018–2022)?

• Q2: Which research areas are particularly interesting to the scientific community (high
publication rate), and which are still in the early stages of development or less popular?

• Q3: Is there a research gap that should be analyzed, particularly in connection with
the digitization and automation of warehouse processes?

Therefore, the article aims to present the results of the literature review from 2018–2022,
which was the basis for identifying research areas related to Warehouse 4.0 and defining
the current research gap. The presented literature review, in addition to the answers to the
research questions posed above, makes an essential scientific contribution in the form of:

• Development of a two-level classification framework for research from the analyzed
area according to the assumptions of the concept map;

• Conducting the qualification procedure following the adopted distribution criteria
based on the results of the literature research covering 220 articles from the last five
years;

• Detailed characteristics of research trends described in articles belonging to the 10 high-
lighted primary categories.

The structure of the article is shown in Figure 1.
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2. Methodology

The choice of method for implementing the literature review depends on the research
objectives set at the initial stage. The systematic literature review method was chosen for
the research due to the research questions that were posed in the introduction and the
related purpose of the article. According to the research presented in [14], this is the most
effective method of logical exploration of the current state of knowledge and development
of existing scientific knowledge on a given topic The choice was also determined because it
is considered the gold standard among review methods [15]. Many authors recommend
this method to identify, collect, and classify related studies in a more structured, nuanced,
and reproducible manner (among others [16]). Thanks to its application, the conducted
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research procedure will identify all empirical evidence that fits the prespecified inclusion
criteria to answer a particular research question [17].

The entire research procedure carried out for the article included five stages of the
investigation. A detailed characterization of the steps taken in each stage is shown in
Figure 2.
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Figure 2. Stages of the research procedure.

The research procedure used the Preferred Reporting Items for Systematic Reviews
and Meta-Analyses (PRISMA) and the Four-Phase Flow Diagram, which allows us to
create a systematic and unambiguous review with established methods for identification,
selection, and evaluation [18]. The entire procedure consists of four stages: identification,
screening, qualification, and inclusion. The results of the procedure carried out are shown
in Figure 3.

2.1. Identification

The database chosen for the study was the Web of Science, the most significant
technical research repository typically used in literature reviews [19]. This database was also
chosen because of the high quality of the documents that are recorded in it. Identification
of publications was carried out through three independent searches that included the
following sets of keywords:

• “warehouse” AND “industry 4.0”;
• “intelligent warehouse”;
• “warehouse 4.0”.
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An analysis of review articles preceded the selection of the keywords used (among
others [20–22]), which identified the most commonly used terms for warehouses designed
and operated following the Industry 4.0 concept. The keywords were searched under
“Topic”, which includes title, abstract, author’s keywords, and Keywords Plus.

After this first stage of the PRISMA method, 336 documents were selected for the
screening stage.

2.2. Screening

In the second stage, the screening was carried out according to the adopted inclusion
criteria of the documents for further analysis. The first inclusion criterion was the date
of publication of the document. The period of 1 January 2018 to 31 December 2022 was
adopted as the primary qualification dates. This period was chosen because, since 2017,
development of the Industry 4.0 concept and related changes in the design and operation
of warehouses have been observed. The second criterion included documents registered as
proceeding papers or articles in the study. Both of the indicated criteria made it possible to
limit the document base to publications reflecting the latest scientific research results and,
at the same time, meet the requirements of peer-reviewed publications proving the quality
of the presented results.

2.3. Eligibility

The third stage of the procedure aims to eliminate records that do not meet the
substantive and qualitative requirements for the analysis being carried out. In this case,
records that occurred multiple times (and that were repeated in at least two initial searches)
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were eliminated at this stage. The second exclusion criterion was thematic compatibility
assessed based on the published contents of the documents. In the case of five documents,
the content of the abstract did not confirm thematic compliance and access to the full
text was limited. This ruled out the possibility of verifying substantive compliance and
qualification proceedings thoroughly.

2.4. Included

Based on the identification, inclusion, and exclusion procedure thus carried out for
publications related to magazines in Industry 4.0, 249 records were accepted for analysis.
In the subsequent stages of the research, these documents became the basis for developing
a two-level publication qualification framework for the analyzed area.

3. Bibliometric Analysis

A bibliometric analysis was prepared for the 249 documents accepted for analysis.
This study makes it possible to present the results of the conducted literature review in
quantitative and qualitative sets describing the analyzed documents. Due to the require-
ments introduced for the publication period of the documents accepted for analysis, it is
crucial to assess the trends associated with the number of publications appearing each year
(Figure 4). As can be seen, there is a clear upward trend in the analyzed period and an
increasing number of publications from period to period. However, while the increase in
the number of documents in 2019 relative to 2018 has more than doubled, this upward
trend flattens out in subsequent periods. Given the continued development of technologies
related to Industry 4.0 and the accompanying digital transformation, the observed upward
trend will also continue in the next few years. The novelty of our research is the analysis of
the global approach to Warehouse 4.0 also including publications that appeared by the end
of 2022. So this is the current state of knowledge as of the beginning of 2023, which can be
referred to in subsequent updates.
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The number of documents published by the largest publishing houses is shown in
Figure 5. The leading publisher is IEEE, with 61 publications (including 13 articles and
48 conference papers). This is understandable, as this publishing house is a leader in
innovative technologies and engineering solutions publications. At the same time, it
publishes conference materials from leading international conferences where the latest
development trends are presented. In second place was the MDPI publishing house, with
a total number of 41 publications. This publishing house has many journals related to
modern technologies and their implementation in technical systems. For this reason, many
researchers publish their research results there due to the faster review process than in
other journals. This is important for publications on the latest technological solutions,
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which new ones quickly replace. Elsevier ranked third with 39 publications (13 articles and
48 conference papers).
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Table 1 shows the publication research area related to warehouse and industry 4.0.
The most significant number of articles came from journals and conferences related to
automation and control systems—58 articles; business and economics—55 articles; and
computer science—30 articles. Most were related to emerging technologies that influenced
warehouse development, such as IoT, RFID (Radio-Frequency Identification), digital twins,
machine learning, artificial intelligence, mixed reality, etc. However, eight articles and con-
ference papers also came from the operation research and management field, as warehouse
activities are inseparable from logistic processes.

Table 1. Research area.

Research Area Number of Publications Percent (%)

Automation & Control System 58 23.3%
Business & Economics 55 22.1%

Computer Science 30 12.0%
Education & Educational Research 23 9.2%

Energy & Fuels 20 8.0%
Engineering 15 6.0%

Instrument & Instrumentation 11 4.4%
Material Science 9 3.6%

Operation Research & Management 8 3.2%
Remote Sensing 5 2.0%

Robotics 5 2.0%
Science & Technology 3 1.2%

Social Science 3 1.2%
Telecommunication 2 0.8%

Transportation 2 0.8%

Total Articles 249 100%

An analysis of the authors’ origins and institutions allows us to map the publications
we obtain by region with 50 countries in total. Most of the publications were prepared
by authors from China. It should therefore be pointed out that publications from this
region account for 20.4% of all analyzed articles; India—8.4%; Portugal—7.6%; Italy—6.4%;
Poland—4.4%; Czech Republic and Greece—3.6% each; Spain—3.2%; Brazil and Germany
with 2.0% each; France, Hong Kong, Morocco, Turkey, and the US with 2% each. Therefore,
those countries are under 2.0% each. This is shown in Figure 6.
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4. Results

After analysis, the total number of articles related to Warehouse 4.0, intelligent ware-
house, and Industry 4.0 obtained was 249 articles. Based on the analysis of these publica-
tions, a new classification framework for research related to Warehouse 4.0 was developed.
The proposed classification distinguishes 10 primary categories, of which 5 categories
are additionally divided into 24 subcategories. When the number of publications in the
primary category was small, or the subject matter was very diverse, no subcategories were
created in this case. Some subcategories could exist in multiple primary categories due
to the interpenetration of specific thematic groups. However, an article that could not
be categorized into the distinguished category was assigned to the ‘uncategorized’ cate-
gory. All basic categories and subcategories are mapped in Figure 7 and are presented in
Table S1 in the Supplementary Materials.

4.1. Literature Review

The literature review is an essential part of the research, collecting key sources and
discussing those to gain insight into the state of the art. The literature review commonly
presents challenges, solutions, benefits, and tools in a general way. Based on the findings
and analyzed article, 49 articles were categorized in this category, divided into 8 subcate-
gories based on the focus topic presented by authors. Those subcategories are:

1. Artificial Intelligence (AI) [23–25];
2. Augmented reality (AR) [26–29];
3. Emerging technologies as a major discussion [30–35];
4. Internet of Things (IoT) [36–39];
5. Manufacturing related with warehousing [40–42];
6. Storage system [43–45];
7. Supply chain management [46–49];
8. Other topics that covered research related to:

• Current state of discrete event simulation and digital twins [50];
• Improvement in industry 4.0 for business process [51];
• Wireless communication behavior in warehouse [52];
• Material handling [53];
• 5G in digital supply chain [54];
• Impact of industry 4.0 on logistics [55];
• Automated logistic system [56];
• Technology related to industry 4.0 for safety [57];
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• Production logistic and human–computer interaction [58];
• Mixed reality in intralogistics [59];
• Using CPS (cyber-physical system) for smart warehouse [60]
• Overview of the risk value in logistics [61];
• Design of intelligent warehouse management [20];
• Spare parts and logistics management [62];
• Intelligent warehouse stocking system [21];
• Smart factory [63];
• Issue of port logistics and developing conceptual framework [64];
• Application blockchain technology [65];
• Implementation AGV (Automated Guided Vehicle) related risk analysis [66];
• Identifying challenge and strategy related smart warehouse [67]; and asset interoper-

ability [68];
• Summarizing discussion at conference on emerging technology and factory automa-

tion about distributed warehousing and localized kitting systems [69].

4.2. Assessment/Evaluation

Assessment or evaluation is a method for reviewing something, which is then used
as a benchmark to improve performance, a work result, or a process that is more efficient
in the future. Based on the analyzed articles’ findings, 19 articles were found in this
category. After further study, these articles can be categorized into subcategories. The first
subcategory is case studies. Articles from this group present an assessment or performance
evaluation of the use of emerging technologies [70–76] or articles that discuss a work
process of Warehouse 4.0 [77–81]. The second subcategory is the maturity model. In this
subcategory, the article discussed assessing a readiness model in the implementation of
Warehouse 4.0. Articles that fall into this subcategory are [82–86]. The last subcategory is
other. Some articles presented validation [87], testbed [88], or tool/system evaluation [89]
applied to the system of Warehouse 4.0.

4.3. Design/Model

The model is the basis of the designed tool or system. It can have a physical form
but also intangible, e.g., a process flow diagram or mathematical formula. In this category,
43 articles were categorized and divided into 5 subcategories based on analysis. The first
subcategory is algorithm. In these articles, the authors designed a new or developed an
existing algorithm/model relating to warehouse operation in the concept of Industry 4.0.
Papers in this subcategory describe optimization algorithms relating to:

• Dijkstra approach [90];
• Mathematical model for cloud-based drone routing problem [91];
• Mathematical modeling of cross-docking based on MVA for AGV [92];
• Defining linear programing model for decision support [93];
• Graph-based context tier model for flexible production system [94], and designing

SBS/RS using ML-based algorithm [95].
• Designing MCDM (multiple-criteria decision model) for evaluating ERP software in

warehouse and inventory management [96];
• Model predictive control of multiple AGV fault tolerance for increasing the agility [97],

and developing a deep neural network for optimization transmission power of
AGV [98].
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The second subcategory is layout. In examining issues about layout warehouse, the
authors focus their attention primarily on the design of the warehouse environment so that
the use of emerging technologies can be supported. Studies in this subcategory include:
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• Creating an environment for rapid prototyping robotic [99];
• Designing of intelligent warehouse based on tracking goods and dynamic data on a

real-time basis [100];
• Layout design process for automated warehouse [101], or new plant based on industry

4.0 [102].

The third subcategory is tool/system. This category includes studies in which the
authors designed:

• An automated machine sweeper [103];
• Smart counting for unboxed stock [104];
• Collaborative robot and AGV [105], robot for industry 4.0 [106], health and safety

inspection autonomously robot for detecting hazard event [107], mechatronic interface
for mobile robot [108];

• Lean Value Stream Mapping 4.0 tool for logistic process [109];
• Novel shuttle for picking system [110];
• StoreMe-Mr for intelligent warehouse control [111];
• Software framework of IoT [112];
• Indoor positioning system [113];
• Intelligent logistics warehousing and handling robot from mechanical perspective [114];
• Comprehensive monitoring system for intelligent warehouse [115];
• Architecture for developing smart warehouse [22];
• Warehouse management system using MySQL [116];
• Automating cross-docking system [117];
• Indoor UAV (Unmanned Aerial Vehicle) equipped with an onboard autonomous

navigation system [118].

This subcategory also includes studies in which the authors presented models of tools
or systems supporting work in the warehouse. This group includes studies on:

• Intelligent warehouse monitoring model using distributed system and edge comput-
ing [119];

• Modeled task assignment model of automation for scheduling technology [120];
• Modeling robot automatic task [121];
• Modeling UAV interconnection mechanism [122];
• Modeling intelligent software for warehouse management [123];
• Creating robot communication model in ROS [124];
• Dynamic model warehouse automation [125];
• Improving position measurement and corresponding path planning of AGV guided

using visual sensor [126];
• Build a model for implementation of logistics 5.0 [127].

The last subcategory is other. This subcategory includes a publication whose au-
thors presented a general model that could not be assigned to the distinguished subcate-
gories. However, these publications were related to Warehouse 4.0 as they were concerned
with modeling mixed assembly line [128], and modeling smart factory based on Industry
4.0 [129].

4.4. Framework

A framework is a proposal of assumptions for a system or an organizational concept
formulated as part of the conducted research. Its task is to present the general mechanisms
of operation and identify the key elements/components that make up this system. Many
researchers describe general assumptions for the system/organizational solution, which
are then adapted to the needs of the client and the specificity of the functioning of a given
warehouse. The analyzed publications referred to the conceptual framework for:

• Digital Twin for industry automated system [130];
• Distributed semantic for collaborative robot [131];
• For intelligent automation [132], and autonomous robot [133];
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• Agent-oriented smart factory for problem and domain definition AOSR (agent-oriented
storage and retrieval) in warehouse [134];

• Of warehouse resource management system based on Industry 4.0-driven technolo-
gies [135], and IoT for warehousing [136];

• For assessment of sustainable warehousing [137], and for a smart and sustainable
supply chain [138];

• Fault-tolerant design for forklift [139];
• Of order picking 4.0 concept [140];
• For new logistic center [141], and logistics 4.0 concept [12].

4.5. Implementation

The biggest challenge in the development of intelligent warehouses is the imple-
mentation of Industry 4.0 solutions. This implementation requires infrastructural and
organizational changes and mental changes in some cases. The results of research indicate
that this topic has been critical in recent years and often appears in published documents
from the area studied. Considering the number of publications on implementing each
technology, it is reasonable to divide them into leading and other emerging technologies.
Articles belonging to each group are presented in Table 2.

Table 2. Articles belonging to category “Implementation”, source: own work.

Emerging Technology Articles

Leading Emerging Technologies

Augmented Reality [142–144]
Internet of Things [1,13,145–152]

RFID [153–160]
Visual Technology [161–164]

Other Emerging Technologies

Ultra-Wideband [165]
Platform [166]

Machine Learning [167,168]
Autonomous Vehicle [169]

Real-Time Location System [170]
Shuttle [171]

Blockchain [172]
Digital Twin [173]

Digitalization Work Environment [174]

4.6. Improving Knowledge

Along with the changing era and the development of existing technology, humans
must continuously improve their knowledge and skills. Moreover, with the era shifting
from traditional warehouse to Warehouse 4.0, human ability is needed for balance. There-
fore, in the last three years, there have been many articles on new learning techniques
and the development of new training programs on the required competencies in Industry
4.0 systems. Concerning new learning techniques, a key innovation is the use of virtual
reality in the process of competence improvement by trainees. Examples of such arti-
cles are [175,176]. The latter also uses the concept of a digital twin. The curricula and
training programs being developed deal with new technologies and their application to
Warehouse 4.0 and intelligent manufacturing [177–179]. This increases participants’ interest
in theoretical knowledge and encourages practical skills.

Meanwhile, the authors of [180] developed a project that intends to replicate the
processes applied in a manufacturing factory, helping students to develop new technologies
and solutions to real industry problems. New technologies also enable the creation of
educational tools that reflect the natural working environment. An example of this is
RobotAtFactory 4.0, presented by [181], which mimics a solution dedicated to a fully
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automated industrial logistics warehouse and helps identify related challenges in the
execution of maintenance operations.

4.7. Method

A method is a particular procedure for accomplishing or approaching something,
especially a systematic or established one. In this category, 59 articles were discovered and
divided into 3 subcategories.

The first subcategory is algorithm. In this subcategory, researchers analyzed algorithms
whose task is to optimize the use of 4.0 technology and increase the efficiency of warehouse
processes. Studies assigned to this subcategory concern:

• Algorithm for improving storage system [182–187];
• Algorithm for optimization routes or path planning of AGVs or multi-robot [188–196];
• Algorithm for optimization indoor positioning, tracking, or localization [197–204], and

anti-collision algorithm for intelligent warehouse [205];
• Scheduling algorithm [206–210], and algorithm for task assignment [211–218];
• Algorithm to gain efficiency [219,220];
• Algorithm for developing 3D or dynamic environment [221–224].

The second subcategory is data analysis, which is those focused on studying data
analysis approaches for decision making/support, such as:

• Proposing intelligent logistic inspection system based on big data [225];
• Analyzing big data for decision support [226], or big data warehouse [227] for decision

making;
• Self-adapted SWARM Architecture [228];
• Analyzing data of predictive model for shipment delay and demand forecasting [229];
• Knowledge-based mining data analysis [230];
• Analyzing big data with a simulation model for a decision support system [231], or

hybrid simulation model [232].

Other articles on methods, but not directly related to algorithms or data analysis, are
classified in the subcategory other. The study that appeared in this group concerned:

• Developing versatile procedure for eliminating time waste in picking process [233];
method of digital transition [234];

• Developing intelligent logistic system based on ubiquitous information [235];
• Uses interval Type-2 Fuzzy approach for demand and order quantities with multi-

objective vendor [236];
• Defining new control algorithm for real-time replenishment [237];
• Defining method of use of data to optimize lean manufacturing practices in the era of

digitization and Industry 4.0 [238];
• Uses non-negative discriminative collective target nearest-neighbor representation

algorithm for classifying data image [239].

4.8. Network

In Warehouse 4.0, many operations previously performed manually are supported by
autonomous solutions such as AGVs (Automated Guided Vehicles), AMRs (Autonomous
Mobile Robots), or UAVs (Unmanned Aerial Vehicles). These devices, in line with Industry
4.0, should be adequately connected to each other, and a properly prepared network of
connections enables this. Extending the standard ETSI NFV reference architecture [240]
proposed an implementation and orchestration mechanism to enable Cross-Slice Commu-
nication (CSC) in industrial environments. Experimental results using Warehouse Robotics
show significant improvements in expected mission completion delay and transmission
time using the proposed CSC approach compared to other cross-slice communication
methods. This proposal applies to 5G (mobile communication) technology. In contrast,
the results presented by [241] address a scenario moving toward 6G, where ultra-high
performance backbone network slicing is associated with the part of an end-to-end solution
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to address ultra-reliable, low-latency communications for critical industrial operations
for smart factories and manufacturing, intelligent warehouses and other Industry 4.0
applications and beyond.

4.9. Safety

Occupational health and safety are a significant part of all activities, including in the
industrial world. Digital transformation and associated new technologies are bringing
many changes to anthropotechnical systems, changing people’s working conditions and
modifying the risks involved. Warehouse 4.0 operations increasingly use visual technology
such as augmented reality, mixed reality, global vision, and virtual reality. An example
of such a solution is the support of a picking worker through smart glasses to increase
the efficiency of his work. However, it is necessary to observe that this could impair the
comfort of his work and create occupational health and safety risks. For this reason, there
are also publications on the assessment of this impact in the literature, such as the effects of
smart glasses on eyesight [242], and visual and optometric issues of smart glasses [243].

4.10. Uncategorized

The uncategorized group has been supplemented with articles presenting research
results unrelated to the distinguished areas because of the focus on another field instead of
warehousing. Those articles focus more on industrial, mechanical design, aircraft manage-
ment, etc. The warehouse appears in these publications as a testing ground, a link in the
analyzed process, or possibly an area supporting manufacturing processes. Nevertheless,
these articles were included in the analysis because they appeared in the search results and
are related to Warehouse 4.0. The scope of the research included the following:

• The solution to extend the autonomy of machining centers by using a six-axis robot to
replace the operator on work piece feeding operation [244];

• Implementing AR with gamification on order picking [245];
• Research about first report of driver injuries [246];
• Developing cost in logistics related industry 4.0 [247];
• Optimizing production related smart manufacturing process [248];
• Studying storage shelf deformation with FEA [249];
• Benchmarking of three low-cost and one medium-cost inertial analysis [250];
• Tracking asset and production [251];
• Create a system for localizing people being evacuated from a building when a disaster

occurred in a workplace [252];
• Implementation RFID-based data for establishing inspection and maintenance interval

of machine in production line [253];
• Big data analysis in EoL aircraft management [254];
• Trajectory planning for smart mobile robot [255];
• Designing model smart wearable devices for disabilities related to industry 4.0 [256];
• HMDFF (Heterogeneous Medical Data Fusion Framework) for medical data [257];
• Discover new algorithm for stress distribution [258];
• Designing automatic feed machine in fishponds [259];
• Single side priority-based algorithm for 3D printing center integration [260];
• Analyzing big data for risk management [261];
• Innovating operation exhibition of e-commerce by internet celebrity [262];
• Framework of a heterogenous multi-modal medical data fusion [263];
• Assessment of safety culture in major hazard industries [264].

5. Discussion

The development of technologies supporting Industry 4.0 systems has accelerated
digital transformation in both manufacturing and logistics processes. This has significantly
affected the technological transformation of peri-manufacturing systems, such as warehous-
ing and internal logistics. This trend has caused more and more research on Industry 4.0 to
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focus on aspects of Manufacturing 4.0 and Warehouse 4.0. Strong trends toward developing
digital supply chains also support implementing new digital solutions and 4.0 technologies
in warehouses. These chains are oriented toward implementing techniques to improve their
information exchange and supply chain management’s transparency, reliability, traceability,
and efficiency [7]. It is impossible to achieve these goals without digitizing warehouse
operations.

5.1. Analysis of the Obtained Results

Our literature review highlighted 10 leading research areas and 24 subcategories. It
should be noted that in most of these studies, the authors’ attention was primarily focused
on the implementation of (1) Industry 4.0 technological solutions, such as IoT, augmented
reality, RFID, visual technology, and other emerging technologies; and (2) autonomous
and automated vehicles, such as automated/autonomous guided vehicles, autonomous
robots, drones, etc., in warehouse operations processes. The presented research results
reveal the challenges of implementing Industry 4.0 solutions in warehouse processes
(Sections 4.3 and 4.5) define the framework for the implementation and operation of these
systems (Section 4.4), and opportunities are sought to optimize or increase the efficiency
of warehouse processes implemented using new technologies (Sections 4.3 and 4.7). At
the same time, it should be emphasized that the scope of research related to the opera-
tion of smart warehouses is very comprehensive, as evidenced by the many highlighted
primary categories and subcategories and the many individual publications included in
the “Uncategorized” group. Some of these research areas are already well recognized,
as evidenced by the large number of publications within a given subcategory and even
the occurrence of review articles on a given topic. Examples of such research areas are
IoT implementation (review articles) [36–39], augmented reality (review articles [26–29]),
and other emerging technologies (review articles [30–35]). However, the large number of
individual articles in the “Uncategorized” group indicates that many topics related to smart
warehouses are only in the early stages of research. Such a conclusion is justified. The first
period of development of the Industry 4.0 concept was focused primarily on the digitiza-
tion and automation of manufacturing processes. Only their digitization forced changes
in the next stage of the transformation and also in the processes supporting production
systems, including warehouses. The COVID-19 pandemic has also reinforced the need for
digitization and automation in supply chains [265]. The disruption resulting from high
worker absenteeism has forced organizational and technological changes in the current
implementation of warehouse operations. As a result, it can be expected that the number
of publications on smart warehouses will continue to increase in the coming years.

It should also be noted that most articles focus primarily on the benefits of implement-
ing Industry 4.0 solutions in logistics processes. The implemented technologies may be
a way to eliminate human errors occurring in traditional warehouses, standardize pro-
cesses and operations, improve the efficiency and effectiveness of operations, and improve
communication and information exchange between the cooperating links of the supply
chain [266]. In [267], the author also emphasizes that Industry 4.0 significantly improves
sustainable practices if an organization focuses on humans. However, Bai et al. [268] indi-
cate that autonomous robots, big data, blockchain, sensors, and analytics can positively
influence the organization’s environmental sustainability practices.

However, because Warehouse 4.0 promotes a new approach to cargo handling in
internal logistics, it is worth paying attention to the existing barriers to its implementation.
Matt et al. [3] distinguished four groups of obstacles related to implementing Industry
4.0 solutions in the internal processes of enterprises. These are organizational, market,
institutional, social, and ethical barriers. From the point of view of digital transformation in
warehouses, organizational barriers highlighted in [3] should be considered critical, among
which it is worth pointing out:
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1. A skeptical attitude toward the advantages envisaged by a digitalized industry.
2. Lack of commitment and motivation within the company.
3. Substantial implementation and opportunity costs of integrating digital systems into

existing IT solutions and databases.

Particularly noteworthy are the barriers to implementing Industry 4.0 solutions in the
warehouse, highlighted by Kumar et al. [269]. The authors identified 17 such barriers and
limitations in their research. Some of them coincide with the results presented by Matt
et al. In this case, it is worth highlighting additionally [269]: (1) long return on investment;
(2) high market competition and uncertainty; (3) lack of dynamic environment/systems
and scalability; (4) lack of technical knowledge and support; (5) lack of skilled manpower;
(6) lack of physical infrastructure; (7) lack of IT infrastructure; (8) lack of financial support.
Analyzing existing limitations and barriers should be the starting point for the designed and
implemented solutions. For this reason, these factors need to be considered, particularly in
publications belonging to groups 4.3, 4.4, and 4.5.

5.2. Identification of the Research Gap

Our literature review allowed us to identify the research gaps that still exist, even
though, as we have highlighted, the area of current research related to warehouses op-
erating according to the 4.0 concept is broad. First, the small number of publications
assessing the risks in smart warehouses is surprising. Only two articles dealt with the risks
associated with using augmented reality and its impact on the health and safety of workers
(Section 4.9). However, Industry 4.0 technologies also generate other risks for workers
and various adverse events that can disrupt the warehouse’s product and material flows.
This aspect should be the subject of detailed research since smart warehouse safety and
efficiency depend on the enterprise’s risk management system. We considered the second
research gap to be the lack of publications related to the maintenance of technical systems in
Warehouse 4.0. One can find publications on the maintenance of Industry 4.0 systems in the
literature—an example is a review article [270]. However, our search found no publication
on maintaining specific 4.0 systems in the warehouse area. There is also a lack of studies
on using 4.0 technologies in warehouse maintenance processes (e.g., augmented reality
and virtual reality in increasing maintenance operations’ efficiency and the maintenance
staff’s competence).

5.3. Summary of the Discussion

Summarizing the results of our research, it is important to indicate the novelty of the
results obtained. They can be described in terms of three main achievements:

1. General nature of the conducted literature review.

In Section 4.1, we presented a compilation of review articles related to the operation of
warehouses in the era of Industry 4.0. Most of these papers presented results focused on a
specific research problem—applying specific technological solutions (Internet of Things,
emerging technologies, augmented reality, artificial intelligence). On the other hand, in
these reviews, the smart warehouse appeared only as one element of a broader research
area (supply chain management, improvement in industry 4.0, impact of industry 4.0 on
logistics). Our research focused on articles describing the functioning of smart warehouses,
and the scope of the proposed classification framework covers all aspects related to the
design, operation, and maintenance of Warehouse 4.0, which have been the subject of
publications so far.

2. Identification of two research gaps in the analyzed literature review

The critical analysis of the literature made it possible to identify significant research
gaps from the point of view of further development of the Warehouse 4.0 concept and the
reported demand for scientific analyses. From the point of view of our further activities, we
have identified two critical research gaps regarding the lack of studies on (1) risk assessment
and management in warehouses, taking into account specific operating conditions related
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to the Industry 4.0 environment; and (2) selection of maintenance strategies for technical
systems supporting logistics processes in Warehouse 4.0.

3. Development of a new classification framework for Warehouse 4.0 publications.

Our framework for classifying research related to Industry 4.0 in magazines covers
a wide range of topics. Despite this, we still see the potential for further development in
these areas, also based on the identified research gaps. For this reason, in the next step, it is
desirable to publish research results that will allow us to supplement our framework with
two additional basic categories, namely:

(a) “Risk assessment”, which should consider security issues (cyber security, em-
ployee health, and life) and disruptions affecting the logistics service level pro-
vided by the warehouse.

(b) “Maintaining smart warehouses”, which should include selecting appropriate
maintenance strategies for modern technical systems, using digital technolo-
gies in maintenance processes, changing the requirements, and improving the
competence of maintenance staff.

Our future activities aim to achieve results that fit into both of the above categories.

6. Conclusions and Future Work

The analyses presented in the article concerned the group of 249 publications identified
in a research investigation using the PRISMA method. All of these publications dealt
directly or indirectly with the warehouse operation concerning the concept of Industry
4.0. The results presented in the article consider the wide range of research in this area.
As a result, they can be used by both theoreticians and practitioners. The classification
framework we have proposed represents the most important directions of research work
published over the past 5 years in journals worldwide. This enables industry representatives
to gain knowledge of the leading technologies used in smart warehouses and the challenges
and good practices associated with their implementation. The classification procedure
carried out in the article points them to specific documents they can use to acquire this
knowledge. At the same time, the results of our research indicate to theorists the dominant
directions of research work that have been undertaken in recent years. The research gaps
identified, on the other hand, indicate to them the need for the results of future analyses,
the fulfilling of which will allow them to improve the operation of Warehouse 4.0.

The five-stage research procedure we adopted was comprehensive. We used a rec-
ognized journal database that registers high-profile and peer-reviewed publications to
search for documents in line with the stated goal. In this way, we ensured the documents
accepted for analysis were high quality. Our proposed selection of keywords to search
for relevant records was preceded by a thorough analysis of review articles in the area.
However, the focus of attention only on articles and proceedings papers, and the lack of
non-reviewed documents in the analysis, which often appear in magazines and on industry
websites, can be considered a limitation. However, such action is justified by our care for
the quality of published results accepted for analysis. The selection of keywords and the
type of documents also resulted in only English-language documents being indicated for
analysis by the search engine. Consequently, the study did not include documents prepared
in other language versions. However, it should be emphasized that their absence from
the identified group means that such publications did not even have an English-language
version of the title, abstract, and keywords.

The results in the article allow us to answer all the research questions posed in the
Introduction. From the point of view of further work, it is important to answer question
Q3, which allowed us to identify the existing research gaps. Our future research will
therefore focus on assessing risk factors, the effects of adverse events, and methods of risk
analysis for improving the current operation of intelligent warehouses. On the other hand,
the second direction of our work will be the development of maintenance strategies for
technical systems that support goods flows in Warehouse 4.0.
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35. Żuchowski, W. The Smart Warehouse Trend: Actual Level of Technology Availability. Logforum 2022, 18, 227–235. [CrossRef]
36. El Kho, F.Z.; Aknin, N. Thing-Based Service-Oriented Architecture for Industry 4.0. In Advanced Intelligent Systems for Sustainable

Development (AI2SD’2019) Volume 6—Advanced Intelligent Systems for Networks and Systems; Springer: Berlin/Heidelberg, Germany,
2020; pp. 289–300.

37. Ponis, S.T.; Efthymiou, O.K. Cloud and IoT Applications in Material Handling Automation and Intralogistics. Logistics 2020, 4, 22.
[CrossRef]

38. Rejeb, A.; Keogh, J.G.; Treiblmaier, H. Leveraging the Internet of Things and Blockchain Technology in Supply Chain Management.
Futur. Internet 2019, 11, 161. [CrossRef]

39. Fatima, Z.; Tanveer, M.H.; Waseemullah; Zardari, S.; Naz, L.F.; Khadim, H.; Ahmed, N.; Tahir, M. Production Plant and Warehouse
Automation with IoT and Industry 5.0. Appl. Sci. 2022, 12, 2053. [CrossRef]

40. Ammar, M.; Haleem, A.; Javaid, M.; Walia, R.; Bahl, S. Improving Material Quality Management and Manufacturing Organizations
System through Industry 4.0 Technologies. Mater. Today Proc. 2021, 45, 5089–5096. [CrossRef]

41. Erdei, E.; Popp, J.; Oláh, J. Comparison of Time-Oriented Methods to Check Manufacturing Activities and an Examination of
Their Efficiency. Logforum 2018, 14, 371–386. [CrossRef]

42. Vlachos, I.; Pascazzi, R.M.; Ntotis, M.; Spanaki, K.; Despoudi, S.; Repoussis, P. Smart and Flexible Manufacturing Systems Using
Autonomous Guided Vehicles (AGVs) and the Internet of Things (IoT). Int. J. Prod. Res. 2022, 1–22. [CrossRef]

43. Cinar, Z.M.; Zeeshan, Q. Design and Optimization of Automated Storage and Retrieval Systems: A Review. In Industrial
Engineering in the Internet-of-Things World: Selected Papers from the Virtual Global Joint Conference on Industrial Engineering and Its
Application Areas, GJCIE 2020, 14–15 August 2020; Springer: Berlin/Heidelberg, Germany, 2022; pp. 177–190.

44. Edouard, A.; Sallez, Y.; Fortineau, V.; Lamouri, S.; Berger, A. Automated Storage and Retrieval Systems: An Attractive Solution
for an Urban Warehouse’s Sustainable Development. Sustainability 2022, 14, 9518. [CrossRef]

45. Pahl, J. Integrated Production Lot Size and Distribution Planning with Shared Warehouses. In Proceedings of the Computational
Logistics: 10th International Conference, ICCL 2019, Barranquilla, Colombia, 30 September–2 October 2019; pp. 332–349.

46. Choudhury, A.; Behl, A.; Sheorey, P.A.; Pal, A. Digital Supply Chain to Unlock New Agility: A TISM Approach. Benchmarking Int.
J. 2021, 28, 2075–2109. [CrossRef]

47. Chupanova, L.; Otrokov, O.; Mosina, N.; Sekerin, V.; Zharov, A.; Garnik, S. Supply Chain Management Concept and Digital
Economy: Digital Supply Chain Technological Innovation. Indian J. Econ. Dev. 2021, 17, 928–933. [CrossRef]

https://doi.org/10.1016/j.compind.2020.103343
https://doi.org/10.17270/J.LOG.2019.354
https://doi.org/10.1080/23311975.2021.1965459
https://doi.org/10.30657/pea.2022.28.07
https://doi.org/10.22306/al.v8i2.212
https://doi.org/10.1016/j.ifacol.2022.09.408
https://doi.org/10.1016/j.promfg.2020.10.227
https://doi.org/10.3390/su131910929
https://doi.org/10.3390/app12167965
https://doi.org/10.3390/logistics5010002
https://doi.org/10.1108/IJLM-02-2022-0068
https://doi.org/10.17270/J.LOG.2022.702
https://doi.org/10.3390/logistics4030022
https://doi.org/10.3390/fi11070161
https://doi.org/10.3390/app12042053
https://doi.org/10.1016/j.matpr.2021.01.585
https://doi.org/10.17270/J.LOG.2018.290
https://doi.org/10.1080/00207543.2022.2136282
https://doi.org/10.3390/su14159518
https://doi.org/10.1108/BIJ-08-2020-0461
https://doi.org/10.35716/IJED/21272


Sensors 2023, 23, 4105 20 of 28

48. Henao-Hernández, I.; Muñoz-Villamizar, A.; Solano-Charris, E.L. Connectivity Through Digital Supply Chain Management:
A Comprehensive Literature Review. In Service Oriented, Holonic and Multi-Agent Manufacturing Systems for Industry of the Future:
Proceedings of SOHOMA LATIN AMERICA 2021; Springer: Berlin/Heidelberg, Germany, 2021; pp. 249–259.

49. Nguyen, V.T.T.; Nguyen, T.T.T. Supply Chain Management Toward Industry 4.0: A Literature Review. In Proceedings of the
DOKBAT 2019—15th International Bata Conference for Ph.D. Students and Young Researchers, Zlín, Czech Republic, 6–7
November 2019; pp. 811–820.

50. Agalianos, K.; Ponis, S.T.; Aretoulaki, E.; Plakas, G.; Efthymiou, O. Discrete Event Simulation and Digital Twins: Review and
Challenges for Logistics. Procedia Manuf. 2020, 51, 1636–1641. [CrossRef]

51. Dantas, R.; Barbalho, S.C.M. The Effect of Islands of Improvement on the Maturity Models for Industry 4.0: The Implementation
of an Inventory Management System in a Beverage Factory. Braz. J. Oper. Prod. Manag. 2021, 18, 1–17. [CrossRef]

52. Behera, S.; Panigrahi, B.; Rath, H.K.; Pal, A. Wireless Characteristics Study for Indoor Multi-Robot Communication System. In
Proceedings of the 1st Workshop on Complex Networked Systems for Smart Infrastructure, New Delhi, India, 29 October 2018;
ACM: New York, NY, USA, 2018; pp. 1–6.

53. Dobos, P.; Cservenák, Á.; Skapinyecz, R.; Illés, B.; Tamás, P. Development of an Industry 4.0-Based Analytical Method for the
Value Stream Centered Optimization of Demand-Driven Warehousing Systems. Sustainability 2021, 13, 11914. [CrossRef]

54. Dolgui, A.; Ivanov, D. 5G in Digital Supply Chain and Operations Management: Fostering Flexibility, End-to-End Connectivity
and Real-Time Visibility through Internet-of-Everything. Int. J. Prod. Res. 2022, 60, 442–451. [CrossRef]

55. El Hamdi, S.; Abouabdellah, A. Logistics: Impact of Industry 4.0. Appl. Sci. 2022, 12, 4209. [CrossRef]
56. Ezzy, A.S.; Khan, F.Z.; Akram, M.; Agha, J.; Saeed, A. Automated Logistic Systems: Needs and Implementation. 3C Tecnol. Innov.

Apl. Pyme 2020, 2020, 27–45. [CrossRef]
57. Forcina, A.; Falcone, D. The Role of Industry 4.0 Enabling Technologies for Safety Management: A Systematic Literature Review.

Procedia Comput. Sci. 2021, 180, 436–445. [CrossRef]
58. Klumpp, M.; Hesenius, M.; Meyer, O.; Ruiner, C.; Gruhn, V. Production Logistics and Human-Computer Interaction—State-of-

the-Art, Challenges and Requirements for the Future. Int. J. Adv. Manuf. Technol. 2019, 105, 3691–3709. [CrossRef]
59. Kurschl, W.; Pimminger, S.; Schönböck, J.; Augstein, M.; Altmann, J. Using Mixed Reality in—Are We Ready Yet? Procedia Comput.

Sci. 2021, 180, 132–141. [CrossRef]
60. Liu, X.; Cao, J.; Yang, Y.; Jiang, S. CPS-Based Smart Warehouse for Industry 4.0: A Survey of the Underlying Technologies.

Computers 2018, 7, 13. [CrossRef]
61. Maniah; Milwandhari, S. Risk Analysis of Cloud Computing in the Logistics Process. In Proceedings of the 2020 Third

International Conference on Vocational Education and Electrical Engineering (ICVEE), Surabaya, Indonesia, 3 October 2020;
pp. 1–5.

62. Mouschoutzi, M.; Ponis, S.T. A Comprehensive Literature Review on Spare Parts Logistics Management in the Maritime Industry.
Asian J. Shipp. Logist. 2022, 38, 71–83. [CrossRef]

63. Puviyarasu, S.A.; da Cunha, C. Smart Factory: From Concepts to Operational Sustainable Outcomes Using Test-Beds. Logforum
2021, 17, 7–23. [CrossRef]

64. Sarkar, B.D.; Shankar, R.; Kar, A.K. Port Logistic Issues and Challenges in the Industry 4.0 Era for Emerging Economies: An India
Perspective. Benchmarking An Int. J. 2023, 30, 50–74. [CrossRef]

65. Song, J.M.; Sung, J.; Park, T. Applications of Blockchain to Improve Supply Chain Traceability. Procedia Comput. Sci. 2019, 162,
119–122. [CrossRef]

66. Tubis, A.A.; Poturaj, H. Challenges in the Implementation of Autonomous Robots in the Process of Feeding Materials on the
Production Line as Part of Logistics 4.0. Logforum 2021, 17, 411–423. [CrossRef]

67. Van Geest, M.; Tekinerdogan, B.; Catal, C. Smart Warehouses: Rationale, Challenges and Solution Directions. Appl. Sci. 2021,
12, 219. [CrossRef]

68. Jepsen, S.C.; Mork, T.I.; Hviid, J.; Worm, T. A Pilot Study of Industry 4.0 Asset Interoperability Challenges in an Industry 4.0
Laboratory. In Proceedings of the 2020 IEEE International Conference on Industrial Engineering and Engineering Management
(IEEM), Singapore, 14 December 2020; pp. 571–575.

69. Harrison, R. Dynamically Integrating Manufacturing Automation with Logistics. In Proceedings of the 2019 24th IEEE In-
ternational Conference on Emerging Technologies and Factory Automation (ETFA), Zaragoza, Spain, 10–13 September 2019;
pp. 21–22.

70. Binar, T.; Vasikova, S.; Safl, P. Evaluation of the Use of Smart Glasses in IRS Logistics. Sci. J. Silesian Univ. Technol. Ser. Transp.
2022, 117, 23–42. [CrossRef]

71. Fernández-Caramés, T.M.; Blanco-Novoa, O.; Froiz-Míguez, I.; Fraga-Lamas, P. Towards an Autonomous Industry 4.0 Warehouse:
A UAV and Blockchain-Based System for Inventory and Traceability Applications in Big Data-Driven Supply Chain Management.
Sensors 2019, 19, 2394. [CrossRef]

72. Keivanpour, S. Sustainability Balanced Scorecard Approach to Internet of Things Enabled Logistics Systems. Eng. Manag. J. 2022,
34, 450–474. [CrossRef]

73. Motroni, A.; Bernardini, F.; Vaiani, S.; Buffi, A.; Nepa, P. Performance Assessment of a UHF-RFID Robotic Inventory System for
Industry 4.0. In Proceedings of the 2022 16th European Conference on Antennas and Propagation (EuCAP), Madrid, Spain, 27
March 2022; pp. 1–5.

https://doi.org/10.1016/j.promfg.2020.10.228
https://doi.org/10.14488/BJOPM.2021.011
https://doi.org/10.3390/su132111914
https://doi.org/10.1080/00207543.2021.2002969
https://doi.org/10.3390/app12094209
https://doi.org/10.17993/3ctecno.2020.specialissue5.27-45
https://doi.org/10.1016/j.procs.2021.01.260
https://doi.org/10.1007/s00170-019-03785-0
https://doi.org/10.1016/j.procs.2021.01.136
https://doi.org/10.3390/computers7010013
https://doi.org/10.1016/j.ajsl.2021.12.003
https://doi.org/10.17270/J.LOG.2021.545
https://doi.org/10.1108/BIJ-08-2021-0499
https://doi.org/10.1016/j.procs.2019.11.266
https://doi.org/10.17270/J.LOG.2021.611
https://doi.org/10.3390/app12010219
https://doi.org/10.20858/sjsutst.2022.117.2
https://doi.org/10.3390/s19102394
https://doi.org/10.1080/10429247.2021.1946320


Sensors 2023, 23, 4105 21 of 28

74. Nunes, V.A.; Barbosa, G.F. Simulation-Based Analysis of AGV Workload Used on Aircraft Manufacturing System: A Theoretical
Approach. Acta Sci. Technol. 2020, 42, e47034. [CrossRef]

75. Prabhu, P.; Chowdhury, A.R. Feasibility Study of Multi Autonomous Mobile Robots (AMRs) Motion Planning in Smart Warehouse
Environment. In Proceedings of the 2021 18th International Conference on Ubiquitous Robots (UR), Gangneung, Republic of
Korea, 12 July 2021; pp. 380–385.

76. Murauer, N.; Pflanz, N. A Full Shift Field Study to Evaluate User-and Process-Oriented Aspects of Smart Glasses in Automotive
Order Picking Processes. Interact. Des. Archit. J. 2018, 38, 64–82. [CrossRef]

77. Abideen, A.; Mohamad, F.B. Improving the Performance of a Malaysian Pharmaceutical Warehouse Supply Chain by Integrating
Value Stream Mapping and Discrete Event Simulation. J. Model. Manag. 2021, 16, 70–102. [CrossRef]

78. Costa, C.; Santos, M.Y. Evaluating Several Design Patterns and Trends in Big Data Warehousing Systems. In Advanced Information
Systems Engineering: 30th International Conference, CAiSE 2018, Tallinn, Estonia, 11–15 June 2018; Proceedings 30; Springer:
Berlin/Heidelberg, Germany, 2018; pp. 459–473.

79. Kattepur, A. Towards Structured Performance Analysis of Industry 4.0 Workflow Automation Resources. In Proceedings of the
2019 ACM/SPEC International Conference on Performance Engineering, Mumbai, India, 7–11 April 2019; ACM: New York, NY,
USA, 2019; pp. 189–196.

80. Kattepur, A.; Mukherjee, A.; Balamuralidhar, P. Verification and Timing Analysis of Industry 4.0 Warehouse Automation
Workflows. In Proceedings of the 2018 IEEE 23rd International Conference on Emerging Technologies and Factory Automation
(ETFA), Turin, Italy, 4–7 September 2018; pp. 1297–1304.

81. Zhou, Y.; Xu, L.; Muhammad Shaikh, G. Evaluating and Prioritizing the Green Supply Chain Management Practices in Pakistan:
Based on Delphi and Fuzzy AHP Approach. Symmetry 2019, 11, 1346. [CrossRef]

82. Alhazred, A.; Dee, J. Logistics Audit 9a in the Assessment of Supply Chain Efficiency of Companies Operating in the In-
dustry 4.0. In Proceedings of the 8th Carpathian Logistics Congress CLC, Prague, Czech Republic, 3–5 November 2018;
ISBN 978-80-87294-88-8.

83. Porsani, G.B.; Del Valle de Lersundi, K.; Sánchez-Ostiz Gutiérrez, A.; Bandera, C.F. Interoperability between Building Information
Modelling (BIM) and Building Energy Model (BEM). Appl. Sci. 2021, 11, 2167. [CrossRef]

84. Zoubek, M.; Michal, Š. Logistics 4.0: Readiness and Technology of Internal Logistics Processes of Companies and Design of a
Maturity Model for Warehousing. In Proceedings of the 35th IBIMA Conference, Seville, Spain, 1–2 April 2020.

85. Zoubek, M.; Simon, M. Evaluation of the Level and Readiness of Internal Logistics for Industry 4.0 in Industrial Companies. Appl.
Sci. 2021, 11, 6130. [CrossRef]

86. Zoubek, M.; Simon, M.; Poor, P. Overall Readiness of Logistics 4.0: A Comparative Study of Automotive, Manufacturing, and
Electronics Industries in the West Bohemian Region (Czech Republic). Appl. Sci. 2022, 12, 7789. [CrossRef]

87. Ud Din, F.; Paul, D.; Ryan, J.; Henskens, F.; Wallis, M. AOSR 2.0: A Novel Approach and Thorough Validation of an Agent-Oriented
Storage and Retrieval WMS Planner for SMEs, under Industry 4.0. Futur. Internet 2021, 13, 155. [CrossRef]

88. Ridolfi, M.; Macoir, N.; Gerwen, J.V.-V.; Rossey, J.; Hoebeke, J.; de Poorter, E. Testbed for Warehouse Automation Experiments
Using Mobile AGVs and Drones. In Proceedings of the IEEE INFOCOM 2019—IEEE Conference on Computer Communications
Workshops (INFOCOM WKSHPS), Paris, France, 29 April–2 May 2019; pp. 919–920.

89. Val, I.; Fernandez, Z.; Almeida, L. Performance Analysis of STDMA and RA-TDMA Wireless Protocols in Industrial Scenarios. In
Proceedings of the 2020 16th IEEE International Conference on Factory Communication Systems (WFCS), Porto, Portugal, 27–29
April 2020; pp. 1–8.

90. Dharmasiri, P.; Kavalchuk, I.; Akbari, M. Novel Implementation of Multiple Automated Ground Vehicles Traffic Real Time
Control Algorithm for Warehouse Operations: Djikstra Approach. Oper. Supply Chain Manag. An Int. J. 2020, 13, 396–405.
[CrossRef]

91. Farajzadeh, F.; Moadab, A.; Valilai, O.F.; Houshmand, M. A Novel Mathematical Model for a Cloud-Based Drone Enabled Vehicle
Routing Problem Considering Multi-Echelon Supply Chain. IFAC-PapersOnLine 2020, 53, 15035–15040. [CrossRef]

92. He, X.; Prabhu, V.V. Design and Analysis of AGV-Based Cross-Docking Operations Using Analytical Models. Prod. Manuf. Res.
2022, 10, 428–449. [CrossRef]

93. Palominos, P.; Quezada, L.; Donoso, J.; Gonzalez, M. A Model of Economic Evaluation for the Acquisition of Flexible Manufactur-
ing Technologies. Procedia Manuf. 2019, 39, 565–573. [CrossRef]

94. Sahlab, N.; Braun, D.; Jung, T.; Jazdi, N.; Weyrich, M. A Tier-Based Model for Realizing Context-Awareness of Digital Twins. In
Proceedings of the 2021 26th IEEE International Conference on Emerging Technologies and Factory Automation (ETFA), Vasteras,
Sweden, 7 September 2021; pp. 1–4.

95. Ekren, B.Y.; Arslan, B. A Reinforcement Learning Approach for Transaction Scheduling in a Shuttle-based Storage and Retrieval
System. Int. Trans. Oper. Res. 2022, 1–22. [CrossRef]

96. Thanh, N. Van Designing a MCDM Model for Selection of an Optimal ERP Software in Organization. Systems 2022, 10, 95.
[CrossRef]

97. Witczak, M.; Majdzik, P.; Stetter, R.; Lipiec, B. Multiple AGV Fault-Tolerant within an Agile Manufacturing Warehouse. IFAC-
PapersOnLine 2019, 52, 1914–1919. [CrossRef]

https://doi.org/10.4025/actascitechnol.v42i1.47034
https://doi.org/10.55612/s-5002-038-004
https://doi.org/10.1108/JM2-07-2019-0159
https://doi.org/10.3390/sym11111346
https://doi.org/10.3390/app11052167
https://doi.org/10.3390/app11136130
https://doi.org/10.3390/app12157789
https://doi.org/10.3390/fi13060155
https://doi.org/10.31387/oscm0430279
https://doi.org/10.1016/j.ifacol.2020.12.2004
https://doi.org/10.1080/21693277.2022.2083714
https://doi.org/10.1016/j.promfg.2020.01.420
https://doi.org/10.1111/itor.13135
https://doi.org/10.3390/systems10040095
https://doi.org/10.1016/j.ifacol.2019.11.482


Sensors 2023, 23, 4105 22 of 28

98. Zhai, D.; Wang, C.; Cao, H.; Garg, S.; Hassan, M.M.; AlQahtani, S.A. Deep Neural Network Based UAV Deployment and Dynamic
Power Control for 6G-Envisioned Intelligent Warehouse Logistics System. Futur. Gener. Comput. Syst. 2022, 137, 164–172.
[CrossRef]

99. Chaudhuri, S.R.; Banerjee, A.; Swaminathan, N.; Choppella, V.; Pal, A.; Balamurali, P. A Knowledge Centric Approach to
Conceptualizing Robotic Solutions. In Proceedings of the 12th Innovations on Software Engineering Conference (formerly known
as India Software Engineering Conference), Pune, India, 14–16 February 2019; ACM: New York, NY, USA, 2019; pp. 1–11.

100. El Ouadaa, S.; Bah, S.; Berrado, A. Design of Intelligent Warehouse Based on RFID and WSNs Technologies. In Proceedings of the
12th International Conference on Intelligent Systems: Theories and Applications, Rabat, Morocco, 24–25 October 2018; ACM:
New York, NY, USA, 2018; pp. 1–6.

101. Zhang, H.; Guo, Z.; Zhang, W.; Cai, H.; Wang, C.; Yu, Y.; Li, W.; Wang, J. Layout Design for Intelligent Warehouse by Evolution
with Fitness Approximation. IEEE Access 2019, 7, 166310–166317. [CrossRef]

102. Tiefeng, Z.; Yifei, T.; Yuanhao, Z.; Xu, Z. Comprehensive Planning of New Plant Under Industry 4.0. IOP Conf. Ser. Mater. Sci. Eng.
2020, 758, 012077. [CrossRef]

103. Abubakkar, A.; Achuthan, R.; Yeasigan, S.K.; Kumar, M. Design and Fabrication of Mobile App-Controlled Floor Sweeper. Mater.
Today Proc. 2022, 55, 365–369. [CrossRef]

104. Balaska, V.; Folinas, D.; Konstantinidis, F.K.; Gasteratos, A. Smart Counting of Unboxed Stocks in the Warehouse 4.0 Ecosystem.
In Proceedings of the 2022 IEEE International Conference on Imaging Systems and Techniques (IST), Kaohsiung, Taiwan, 21–23
June 2022; pp. 1–6.

105. D’Souza, F.; Costa, J.; Pires, J.N. Development of a Solution for Adding a Collaborative Robot to an Industrial AGV. Ind. Robot Int.
J. Robot. Res. Appl. 2020, 47, 723–735. [CrossRef]

106. Limeira, M.A.; Piardi, L.; Kalempa, V.C.; de Oliveira, A.S.; Leitao, P. WsBot: A Tiny, Low-Cost Swarm Robot for Experimentation
on Industry 4.0. In Proceedings of the 2019 Latin American Robotics Symposium (LARS), 2019 Brazilian Symposium on Robotics
(SBR) and 2019 Workshop on Robotics in Education (WRE), Rio Grande, Brazil, 23–25 October 2019; pp. 293–298.

107. Konstantinidis, F.K.; Balaska, V.; Symeonidis, S.; Mouroutsos, S.G.; Gasteratos, A. AROWA: An Autonomous Robot Framework
for Warehouse 4.0 Health and Safety Inspection Operations. In Proceedings of the 2022 30th Mediterranean Conference on
Control and Automation (MED), Vouliagmeni, Greece, 28 June 2022; pp. 494–499.

108. Vitolo, F.; Rega, A.; Di Marino, C.; Pasquariello, A.; Zanella, A.; Patalano, S. Mobile Robots and Cobots Integration: A Preliminary
Design of a Mechatronic Interface by Using MBSE Approach. Appl. Sci. 2022, 12, 419. [CrossRef]

109. El Kihel, Y.; El Kihel, A.; Embarki, S. Optimization of the Sustainable Distribution Supply Chain Using the Lean Value Stream
Mapping 4.0 Tool: A Case Study of the Automotive Wiring Industry. Processes 2022, 10, 1671. [CrossRef]

110. Fernandes, J.; Silva, F.J.G.; Campilho, R.D.S.G.; Pinto, G.F.L.; Baptista, A. Intralogistics and Industry 4.0: Designing a Novel
Shuttle with Picking System. Procedia Manuf. 2019, 38, 1801–1832. [CrossRef]

111. Forte, A.; Ruiz, M.D.; Fernandez, C.; Lopez, M.A.; Alvarez-Leon, D. StoreMe-MR: Toolbox for Intelligent Warehouse Control in
the Industry 4.0 with Mixed Reality. In Proceedings of the 2022 17th Iberian Conference on Information Systems and Technologies
(CISTI), Madrid, Spain, 22–25 June 2022; pp. 1–6.

112. Grecuccio, J.; Giusto, E.; Fiori, F.; Rebaudengo, M. Combining Blockchain and IoT: Food-Chain Traceability and Beyond. Energies
2020, 13, 3820. [CrossRef]

113. Huo, G.; Yu-Cheng, C.; Wang, L.; Zhao, Y.; Jin, Y. Design of a High Accuracy and Real-Time Indoor Positioning System Based on
Coding Point Identification and Its FPGA Implementation. In Proceedings of the 2020 4th IEEE Electron Devices Technology &
Manufacturing Conference (EDTM), Penang, Malaysia, 6–21 April 2020; pp. 1–4.

114. Sun, H.; Qiu, X.; Lin, A.; Zhang, Y. Research and Design of Automated Pharmacy Handling Robot. In Proceedings of the 2020 3rd
International Conference on Control and Robots (ICCR), Tokyo, Japan, 26 December 2020; pp. 48–56.

115. Xi-Kun, W.; Jing, Y.; Yi-Xin, W.; Xiao-Han, Z. Integrated Monitoring System of Intelligent Warehouse Based on Wireless Sensor
Network. In Proceedings of the 2020 5th International Conference on Electromechanical Control Technology and Transportation
(ICECTT), Nanchang, China, 15–17 May 2020; pp. 256–258.

116. Zhang, Y.; Pan, F. Design and Implementation of a New Intelligent Warehouse Management System Based on MySQL Database
Technology. Informatica 2022, 46, 355–364. [CrossRef]

117. Rocha, P.; Ramos, A.G.; Silva, E. CrossLog: Automatic Mixed-Palletizing for Cross-Docking Logistics Centers. In Computational
Logistics: 13th International Conference, ICCL 2022, Barcelona, Spain, 21–23 September 2022, Proceedings; Springer: Cham, Switzerland,
2022; pp. 351–365.

118. Alajami, A.A.; Moreno, G.; Pous, R. Design of a UAV for Autonomous RFID-Based Dynamic Inventories Using Stigmergy for
Mapless Indoor Environments. Drones 2022, 6, 208. [CrossRef]

119. Lin, S.; Huang, J.; Chen, W.; Zhou, W.; Xu, J.; Liu, Y.; Yao, J. Intelligent Warehouse Monitoring Based on Distributed System and
Edge Computing. Int. J. Intell. Robot. Appl. 2021, 5, 130–142. [CrossRef]

120. Gao, F.; Cheng, Y. Research on Scheduling Strategy of Intelligent Warehouse and Automatic Verification Line. In Proceedings of
the 2020 5th Asia Conference on Power and Electrical Engineering (ACPEE), Chengdu, China, 4–7 June 2020; pp. 112–115.

121. Kattepur, A.; Dey, S.; Balamuralidhar, P. Knowledge Based Hierarchical Decomposition of Industry 4.0 Robotic Automation Tasks.
In Proceedings of the IECON 2018—44th Annual Conference of the IEEE Industrial Electronics Society, Washington, DC, USA,
21–23 October 2018; pp. 3665–3672.

https://doi.org/10.1016/j.future.2022.07.011
https://doi.org/10.1109/ACCESS.2019.2953486
https://doi.org/10.1088/1757-899X/758/1/012077
https://doi.org/10.1016/j.matpr.2021.09.557
https://doi.org/10.1108/IR-01-2020-0004
https://doi.org/10.3390/app12010419
https://doi.org/10.3390/pr10091671
https://doi.org/10.1016/j.promfg.2020.01.078
https://doi.org/10.3390/en13153820
https://doi.org/10.31449/inf.v46i3.3968
https://doi.org/10.3390/drones6080208
https://doi.org/10.1007/s41315-021-00173-4


Sensors 2023, 23, 4105 23 of 28

122. Khan, M.A.; Noor, F.; Ullah, I.; Rehman, S.U.; Nisar, S.; Ahmad, M. An Efficient Medium Access Control Mechanism for Flying
Ad-Hoc Networks. Comput. Syst. Sci. Eng. 2021, 38, 47–63. [CrossRef]

123. Lorenc, A.; Lerher, T. PickupSimulo–Prototype of Intelligent Software to Support Warehouse Managers Decisions for Product
Allocation Problem. Appl. Sci. 2020, 10, 8683. [CrossRef]

124. Panigrahi, B.; Behera, S.; Shailendra, S.; Rath, H.K.; Pal, A. Delay-Sensitive Wireless Relaying in Multi-Robot Indoor Networks. In
Proceedings of the 2019 11th International Conference on Communication Systems & Networks (COMSNETS), Bangalore, India,
7–11 January 2019; pp. 577–582.

125. Lototsky, V.; Sabitov, R.; Smirnova, G.; Sirazetdinov, B.; Elizarova, N.; Sabitov, S. Model of the Automated Warehouse Management
and Forecasting System in the Conditions of Transition to Industry 4.0. IFAC-PapersOnLine 2019, 52, 78–82. [CrossRef]

126. Lian, Y.; Xie, W.; Yang, Q.; Liu, Y.; Yang, Y.; Wu, A.-G.; Eisaka, T. Improved Coding Landmark-Based Visual Sensor Position
Measurement and Planning Strategy for Multiwarehouse Automated Guided Vehicle. IEEE Trans. Instrum. Meas. 2022, 71, 1–16.
[CrossRef]
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