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Abstract: Potentiometric sensors are attractive tools for the fabrication of various
electronic tongues that can be used in wide area of applications, ranging from foodstuff
recognition to environmental monitoring and medical diagnostics. Their main advantages
are the ability to modify their selectivity (including cross-sensitivity effects) and the
possibility of miniaturization using appropriate construction methods for the transducer
part (e.g., with the use of solid-state technology). In this overview various examples of the
design, performance, and applications of potentiometric electronic tongues are presented.
The results summarize recent research in the field conducted in the Department of
Microbioanalytics, Warsaw University of Technology (WUT).
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1. Introduction

Electronic Tongues (ETs) are systems composed of a set of sensors (a sensor array) and a data
analysis system (Pattern Recognition block, PARC), which allows one to extract useful information
from sensor responses [1-7]. Such systems are dedicated to the automatic, fast, qualitative and/or
quantitive analysis of samples with complex matrices. Their task is usually to recognize characteristic
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properties such as taste, origin or nutritional value, to estimate the content of key components, to
detect abnormalities, etc.

A wide variety of chemical sensors can be employed in the design of electronic tongues:
electrochemical (voltammetric [8-11], potentiometric [6,12], impedimetric [13,14]), optical [15] or
enzymatic sensors (biosensors, [16]). However, most of these systems are based on potentiometric
sensors, especially lon-Selective Electrodes (ISEs). All commercially available systems, i.e., the Taste
Sensing System from Anritsu Corp., Atsugi (Japan), ASTREE from Alpha MOS (France), the
Multiarray chemical sensor from McScience (Korea), are based on potentiometric measurements [1].
Beside ISEs, nowadays ISFETs are also gaining bigger interest as sensors forming ET sensor
arrays—they are used in ASTREE, as well as in other devices [17].

The main disadvantages of potentiometric measurements are their temperature dependence, the
influence of solution changes, and adsorption of solution components on membrane surfaces, that can
affect the nature of the charge transfer. The effect of those factors can be minimized by controlling the
temperature, washing of the electrodes with solvents limiting the adsorption, application of
anti-fouling layers, efc. The advantages of ISEs, i.e., their well-known principle of operation, low cost,
easy fabrication, simple set-up, the possibility of selectivity modification to detect many various
species, and their close similarity to the natural mechanism of molecular recognition—have made them
the most popular in the development of sensor arrays for ET applications.

In this overview, we summarize the research conducted in the Department of Microbioanalytics at
Warsaw University of Technology, aimed at the development of potentiometric electronic tongues.
First, various architectures of potentiometric sensor arrays are presented, then data analysis procedures
that were used in a variety of analysis, and finally a few examples of analytical problems solved with
the use of ET systems are discussed.

2. Sensor Arrays Based on Various Architectures

Most early models of electronic tongue systems were based on sensors with classical architectures.
Potentiometric, as well as voltammetric ETs were built as sets of electrodes in Philips bodies or sets of
disc electrodes. The research on sensor arrays in the Department of Microbioanalytics, WUT, also
started with the use of classical Ion-Selective Electrodes, however, in contrast to the usually applied
cross-sensitivity approach, selective sensors were used. Such sensor arrays [Figure 1(A)] combined
with pattern recognition tools, were applied to the qualitative analysis of mineral waters and apple
juices [18]. The procedure of quantitative evaluation of a particular sensor to discriminate between
different classes of samples was proposed (F-factor). Electrodes characterized by higher F-factors were
chosen to form the final sensor arrays, whose classification capabilities were enhanced—after reducing
of number of the sensors, and the device was capable of reliable discrimination between different
brands of mineral waters and apple juices [18].

The same sensor array architecture was applied to the qualitative analysis of various brands of
orange juice, tonic, and milk. A new approach was proposed for such tasks—the fusion of two types of
sensors: classical selective and partially selective ones in one versatile array [19]. The processing of
the sensor array’s response by means of Principal Component Analysis (PCA) and Back Propagation
Neural Networks (BPNN) allowed the discrimination between different brands of various beverages
with very high accuracy [20].
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Figure 1. Sensor arrays composed of potentiometric electrodes (A) ISEs in Philips bodies
(B) flow-through system with circular measurement cell and miniaturized SSEs (C), (D)
linear flow-through systems with (C) SSEs (D) miniaturized ISEs with classical

architecture (E), (F) integrated microelectrode arrays based on (E) epoxy-glass laminate (F)
LTCC.
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The presented systems based on classical ISEs were used in stationary measurements. For
monitoring of foodstuff production, flow-through analysis can be more advantageous, thanks to the
resulting shortening of response time, convenience of calibration and possibility of miniaturization.
Moreover, in such dedicated flow systems, miniaturized transducers can be applied, which demand
less chemicals and smaller sample volumes, leading to significant reductions of the analysis costs.
Miniaturized electronic tongues can be also coupled with various miniaturized pretreatment systems, if
the samples to be analyzed need any special preparation (e.g., filtering, dilution, etc.). Recently,
electronic tongues working as flow injection- and sequential injection analysis systems have been used
in a variety of applications which were summarized in a review by M. del Valle ef al. [21].

Our first works on flow-through electronic tongues were based on the use of miniaturized
solid-state potentiometric sensors [22] and circular flow-through cells [Figure 1(B)] [23-25]. A simple
technique, i.e., membrane solution casting on the surface of the planar Au transducers, was applied for
the preparation of classical ion-selective and partially selective microelectrodes. The performance of
the designed system was again tested in the qualitative analysis of various brands of beverages such as
beer, juice and milk. The sensor array responses were processed by BPNN or Partial Least
Squares—Discriminant Analysis (PLS-DA), which lead to high classification results for the set of
testing samples [19,23,24].

The circular flow-through cell was however equipped with classical flow channels, which were
suitable for foodstuff monitoring, where the volume of the sample is not a crucial issue. According to
large number of samples needed to calibrate ET systems, it would be desirable to reduce sample
volume. There is a need to develop flow-through systems with minimized flow and consumption of the
sample on the order of few milliliters. A modular flow-cell system [26] has been developed by
MEDBRYT (Warsaw), in cooperation with our group, within the framework of the FP6 WARMER
project. The main element of this system is a sensor housing, presented in Figure 1(C). It is provided
with two arms, enabling horizontal connection with other housings—or with flow-input/output pieces.
A set of modules can be connected into a measurement loop-flow [27]. Each element of the system can
be connected and disconnected quickly and easily, allowing us to construct various sensor arrays
dedicated to specific types of analysis. Such a sensor array architecture equipped with Solid-State
Electrodes (SSEs) was used for the analysis of samples obtained during methane fermentation
(anaerobic digestion) of whey in a sequencing batch bioreactor. The investigated samples, measured in
modular flow-cell system, were discerned according to their Volatile Fatty Acid (VFA) content and
Chemical Oxygen Demand (COD) [28]. In this way ET was used as a tool capable of estimation of the
stage of fermentation and stability of the process, which can be thrown out of balance by some of the
compounds present in culture medium.

The modular flow-through cell was dedicated for various planar sensors (mainly for SSEs [22,27]).
Due to some disadvantages of planar sensors, e.g., the necessity of the formation of solid contact, a
new miniaturized ion-selective electrode design compatible with the flow-through array was
proposed [29]. Such an electrode has a classical architecture, in which ion-selective membrane is in
contact with the inner electrolyte that is placed in an electrode body and the transducer part is based on
a Ag/AgCl electrode connected to a multiplexer that passes the amplified signal to a computer
[Figure 1(D)]. The system was applied to the monitoring of periodic anaerobic digestion [29]. The
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applied flow-through array allowed on-line process control, and regarding future applications, its
modular architecture is advantageous when assembling a sensor set.

Miniaturization of single sensors is one of two main strategies towards miniaturization of sensor
arrays in ET systems. The second is the development of integrated sensor arrays, fabricated on a single
substrate [2,30,31]. In our works, we proposed 16- or 20-electrode sensor arrays for ET applications [32].
The integrated microelectrode arrays were fabricated on the basis of two materials: epoxy-glass laminate
[Figure 1(E)] and Low Temperature Cofired Ceramics (LTCC) support [Figure 1(F)]. Their architecture,
dimensions, and multilayer structure are similar. Various polymeric membranes based on poly(vinyl
chloride) (PVC) or polyurethane (PU) formed the chemosensitive polymeric layers of the
potentiometric sensors of the arrays [33].

The performance of the integrated system based on epoxy-glass laminate and PVC membranes was
checked in the recognition of various juice brands. PLS was used as a classifier, and the results of the
classification were very satisfactory—all the samples from the training set and the testing set, were
correctly recognized [34]. In another example, the same device was used for the classification of milk
originating from various producers. The system was capable of recognition of such milk samples with
high correctness. Moreover, the introduction of miniaturized reference electrode on the same substrate,
also provided satisfactory results, which could be helpful in future construction of hand-held electronic
tongue systems [35]. Different types of polymeric materials, i.e., PU doped with various electroactive
components, were applied in integrated ETs on epoxy-glass laminate for the recognition of tea and
herbal products. The responses of the prepared integrated sensor array were analyzed with the use of
PCA and Principal Components Regression (PCR), in order to differentiate between various types of
beverages (black tea/red tea/green tea/herbals) and to discriminate among various kinds of them [36].
Integrated sensor arrays were also fabricated on a ceramic support, with the use of LTCC technology.
The array of microelectrodes covered with polymeric layers of various selectivities was applied as an
electronic tongue to differentiate between various diet supplements [37] and for monitoring of cell
cultures in microbioreactors [38]. The presented integrated arrays, based on epoxy-glass laminate
support as well as LTCC, with microelectrodes exhibiting high and partial selectivity, can be used in
portable electronic tongue systems and for the analysis of small volume samples.

3. Data Analysis for Potentiometric Sensor Arrays

Sensor array measurements produce large amounts of data that must be analyzed with the use of
various numerical techniques. If the classes of the samples are unknown, or basic differentiation ability
of the sensors is checked, unsupervised data mining methods are used. The most popular procedures,
that allow one to visualize clustering of chemical images of similar samples, are PCA and PLS-DA for
qualitative recognition [18,29] and PLS for quantitative analysis [39] (Figure 2).

The main task for ET system is the recognition of unknown samples and the estimation of their
characteristic parameters. Therefore two stage data analysis based on pattern recognition methods for
supervised learning are usually performed. First, the data matrix is divided into two sets: training set
and testing set. Then, a model is built by tuning the parameters of the procedure in order to produce
appropriate target vectors in response to sensor signals obtained for the training set. Then the testing
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set is applied to validate the system (Figure 2), and final classification ability (in qualitative analysis)
or error of concentration, fat content, nutrition value, COD, efc. (in quantitative analysis), is estimated.

So far, many pattern analysis techniques for data analysis of sensor array measurements were
presented [1]. The most popular are: PCA, PLS, PLS-DA, PCR, Artificial Neural Networks (ANN),
and Soft Independent Modeling of Class Analogy (SIMCA) [2,4,5]. There is no single, optimal
procedure to analyze sensor array data, giving both reliable and low level of error results, which can be
applied in any classification problem. Some general remarks on strategy of choosing a most
appropriate data treatment method can be found in [3,4,6]. Comparisons of various pattern recognition
methods for electronic tongue systems were presented in [40] and [41]. An ET was applied to the
qualitative analysis of various brands of milk. The classification results obtained for five PARC tools
were compared. The most straightforward method—K-Nearest Neighbors (KNN) was used as a
reference for other classifiers, because of its high accuracy and no necessity of training. Other PARC
techniques, i.e., PLS and Soft Independent Modeling of Class Analogy (SIMCA) also demonstrated
satisfactory results. The general rule of reliability and accuracy of neural networks for the analysis of
sensor array responses was confirmed, which is linked with their nonlinear functioning and the
capability to model the overlapping of classes of the measured data. Although BPNN are the common
type of neural networks used in ET systems, we found that Learning Vector Quantization (LVQ)
nets [41] and Support Vector Machines (SVM) [25] demonstrated even better performance.

Figure 2. Data analysis procedures for potentiometric sensor arrays.
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A novel strategy of data analysis for ET system was presented in [42]. It was proved that the use of
a supervised method also in the feature extraction phase enhanced the fruit juice classification
capability of a sensor array fabricated with classical ISEs. Comparison of direct processing with the
use of BPNN, raw data processed by PLS-DA, and two-stage processing (PCA outputs processed by
BPNN, PLS-DA outputs processed by BPNN) showed that a considerable increase of classification
capability occurred in the case of the new method. Fusion of linear and nonlinear processing closely
simulates the natural signal processing and the application of a classifier combination helps to discern
various classes of samples in more complicated regions of pattern space.

Signal stability of SSEs can be insufficient for some ET applications, when very long measurement
times are necessary. However, in such cases, various technical and chemometric procedures have been
proposed in the literature to solve this problem (e.g., correction of the baseline, drift modeling, the
use of recalibration solutions). A simple method to overcome the signal instability of developed SSEs
(integrated on a ceramic support) was proposed in our group and presented in [37]. The eventual sensor
drift was effectively compensated using the signal of the sensor array measured in a reference solution.

4. New Challenges for Applications of Potentiometric ETs

In contrast to their natural counterparts, ET systems are usually adapted to specific tasks. The most
evident application is the automatic quality control in the foodstuffs industry, however during the last
few years many more were proposed: environmental and industrial analysis (monitoring of water
contamination, detection of chemical weapons, drugs...), non-invasive medical diagnostics (analysis
of human saliva, urine, sweat...), the detection of toxigenic fungi, other contaminations in feed,
monitoring of bacterial growth, ezc. [1-8].

In our works, the presented ET systems were mainly used for the classification of various
beverages [18-20,23-25,34,35,40-42], however we also proposed some new applications, e.g., the
monitoring of methane fermentation [28,29,43]. In the last few years ETs were applied for various
fermentation monitoring, such as Aspergillus niger fermentation, light cheese production, batch
Escherichia coli fermentation, as systems capable of fast, inexpensive, automated and on-line control
of the process [7]. As pointed out in [7], till now only a few attempts were made to apply sensor arrays,
both electronic noses and tongues, to the monitoring of biogas production. The main reason is the very
complex and poorly reproducible composition of process media in comparison to other fermentations.
In our works a modular flow-through array of SSEs [28] and a modular flow-through array of
miniaturized ISEs of classical architecture [29] were used for the analysis of samples obtained during
methane fermentation (anaerobic digestion) of whey in sequencing batch and periodic bioreactor. The
samples were classified according to their COD and VFA content in liquid phase of process media, in
order to estimate the stage of fermentation process. Exemplary results of COD determination are
presented in Figure 3.

A bioelectronic tongue composed of classical ISEs and biosensors was used in non-invasive
monitoring of dialysis treatment [39]. The measurements of dialysate fluids containing creatinine and
urea additives at concentrations commonly present in post-dialysate fluids were conducted and the
responses of sensors were processed using PLS analysis. The device was capable of determining urea
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and creatinine with satisfactory correctness (Figure 4). Moreover, simulated samples typical of the

initial and final phases of dialysis could be differentiated.

Figure 3. PLS prediction of Chemical Oxygen Demand (COD) in methane fermentation
media. The prediction was based on the analysis of sensor array responses obtained from
modular flow-through cell ET (Copyright Elsevier B.V.) [29].
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Figure 4. Predicted responses of bioelectronic tongue in the case of dialysis fluids containing
various amounts of urea (With kind permission from Springer Science+Business Media:

Microchim) [39].
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Monitoring of cell cultures in microbioreactors is a crucial task in cell bioassays and toxicological

tests. For such purpose we proposed a miniaturized sensor array fabricated using LTCC technology [38].

The developed device was applied to the monitoring of cell-culture media change, detection of the

growth of various species, and in toxicological studies performed with the use of cells [38]. A PCA

plot of the toxic effects of 1,4-dioxane on Vero cells is presented in Figure 5. Noninvasive monitoring

performed with the LTCC microelectrode array can be applied for future cell-engineering purposes.
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Figure 5. PCA plot of the toxic effects of 1,4-dioxane on Vero cells: (a) Vero cells
cultured in a routine way, (b, ¢, d) Vero cells treated with different concentrations of
1,4-dioxane. The application of PI (marker of dead cells) and FDB (marker of living cells)
showed nearly 100% (a), 70% (b), 40% (c) and 0% (d) of living cells (With kind
permission from Springer Sciencet+Business Media: Analytical and Bioanalytical
Chemistry) [38].

Some properties of food products, such as nutritive value and consumption usability are hard to
investigate by classical analytical techniques. We presented the first attempts toward the estimation of
quality of edible plants with a sensor array system in [44].

An electronic tongue based on an array of ISEs was applied to the study of the type of plant
metabolism (distinguishing between two types of cereals), and to recognize the cultivation time and
light intensity during growth. Those factors influence the development of edible plants and thus affect
their quality as food components. High ability of the electronic tongue system to distinguish among
various subtypes of C4 plants, plants cultivated in various light conditions and for different periods of
time was observed (exemplary results are presented in Figure 6), and thus usability of ET systems to
the monitoring of crops and estimation of the quality of plants was proved [44].

Potentiometric ETs can produce chemical images of samples, whose changes can be correlated
with taste sensations. In [45] we presented a sensor array coupled with PCA for the detection of
effect of microencapsulation of two Active Pharmaceutical Ingredients (APIs)—ibuprofen and
roxithromycin—which influenced their taste properties. PCA allowed one to distinguish medicine
samples by the presence of changing-taste substance criterion/standard, i.e., chemical images obtained
from the measurements of pure API solutions and API encapsulated with taste-masking additives
(eudragit and hypromellose) were significantly different. Moreover, the character of change obtained
thanks to microencapsulation was the same in both APIs, proving, that the “sensed taste” becomes
similar in both formulations after eudragit modification (Figure 7). The obtained results showed that
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potentiometric ET can be used for analysis of masking effects in drugs and detection of encapsulation
effect [45].

Figure 6. PLS plot of guinea grass samples cultivated for various time in high light (HL)
and low light (LL) conditions (Copyright Wiley-VCH Verlag GmbH & Co. KGaA.

Reproduced with permission) [44].
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Figure 7. PCA plot of unmodified and modified API samples—eudragit modification
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5. Summary

Recently, many research works have been undertaken in the field of electronic tongue systems and
many different samples were analyzed with such systems. The advantages of ETs surpassing the
natural sense of taste can be noticed: ETs are not subjective, they are adaptive and they do not become
tired or infected, things which can always influence human panellists. Moreover, with the use of such
systems, a whole range of samples can be analyzed (including nonedible and toxic samples), and not
detectable by their natural counterparts substances can be detected.

Potentiometric electrodes are the most widely used sensors in electronic tongue systems. This
review summarizes the research that was conducted in the Department of Microbioanalytics at Warsaw
University of Technology, that aimed at the development of potentiometric electronic tongues. Various
potentiometric sensor array architectures, new propositions of procedures for analysis of
potentiometric array responses, and new, non-typical applications of potentiometric ETs are presented.
Many possible applications and many advantages of ET systems, make them an interesting research
topic whose further development in the coming years is expected.

Acknowledgements

This work was supported by National Center for Research and Development within a framework of
LIDER programme, NO. LIDER/17/202/L-1/09/NCBiR/2010.

References

1. Ciosek, P.; Wroblewski, W. Sensor arrays for liquid sensing—Electronic tongue systems. Analyst
2007, 132, 963-978.

2. Bratov, A.; Abramova, N.; Ipatov, A. Recent trends in potentiometric sensor arrays—A review.
Anal. Chim. Acta 2010, 678, 149-159.

3. Riul A, Jr.; Dantas, C.A.R.; Miyazaki, C.M.; Oliveira O.N., Jr. Recent advances in electronic
tongues. Analyst 2010, 135, 2481-2495.

4. Woertz, K.; Tissen, C.; Kleinebudde, P.; Breitkreutz, J. Taste sensing systems (electronic tongues)
for pharmaceutical applications. Int. J. Pharm. 2011, in press.

5. Escuder-Gilabert, L.; Peris, M. Review: Highlights in recent applications of electronic tongues in
food analysis. Anal. Chim. Acta 2010, 665, 15-25.

6. del Valle, M. Electronic tongues employing electrochemical sensors. Electroanalysis 2010, 22,
1539-1555.

7. Rudnitskaya, A.; Legin, A. Sensor systems, electronic tongues and electronic noses, for the
monitoring of biotechnological processes. J. Microbiol. Biotechnol. 2008, 35, 443—451.

8.  Winquist, F. Voltammetric electronic tongues—Basic principles and applications. Microchim.
Acta 2008, 163, 3-10.

9. Cetd, X.; Gutiérrez, J.M.; Moreno-Bardn, L.; Alegret, S.; Del Valle, M. Voltammetric electronic
tongue in the analysis of cava wines. Electroanalysis 2011, 23, 72-78.



Sensors 2011, 11 4699

10.

1.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

Parra, V.; Arrieta, A.; Fernadndez-Escudero, J.A.; Rodriguez-Méndez, M.L.; de Saja, J.A.
Electronic tongue based on chemically modified electrodes and voltammetry for the detection of
adulterations in wines. Sens. Actuat. B 2006, 118, 448—453.

Apetrei, C.; Rodriguez-Méndez, M.L.; de Saja, J.A. Modified carbon paste electrodes for the
discrimination of vegetable oils. Sens. Actuat. B 2005, 111-112, 403—409.

Vlasov, Y.G.; Ermolenko, Y.E.; Legin, A.V.; Rudnitskaya, A.M.; Kolodnikov, V.V. Chemical
sensors and their systems. J. Anal. Chem. 2010, 65, 890—-898.

Pioggia, G.; Di Francesco, F.; Marchetti, A.; Ferro, M.; Ahluwalia, A. A composite sensor array
impedentiometric electronic tongue—Part 1. Characterization. Biosens. Bioelectron. 2007, 22,
2618-2623.

Cortina-Puig, M.; Munoz-Berbel, X.; Alonso-Lomillo, M.A.; Munoz-Pascual, F.J.; del Valle, M.
EIS multianalyte sensing with an automated SIA system—An electronic tongue employing the
impedimetric signal. Talanta 2007, 72, 774-779.

Collins, B.E.; Anslyn, E.V. Pattern-based peptide recognition. Chem. Eur. J. 2007, 13,
4700-4708.

Gutiérrez, M.; Alegret, S.; del Valle, M. Bioelectronic tongue for the simultaneous determination
of urea, creatinine and alkaline ions in clinical samples. Biosens. Bioelectron. 2008, 23, 795-802.
Codinachs L.M.L; Kloock, J.P.; Schoning, M.J.; Baldi, A.; Ipatov, A.; Bratov, A,
Jimenez-Jorquera, C. Electronic integrated multisensor tongue applied to grape juice and wine
analysis. Analyst 2008, 133, 1440-1448.

Ciosek, P.; Brzozka, Z.; Wroblewski, W. Classification of beverages using a reduced sensor array.
Sens. Actuat. B 2004, 103, 76-83.

Ciosek, P.; Wroblewski, W. Performance of selective and partially selective sensors in the
recognition of beverages. Talanta 2007, 71, 738-746.

Ciosek, P.; Augustyniak, E.; Wréblewski, W. Polymeric membrane ion-selective and
cross-sensitive electrodes-based electronic tongue for qualitative analysis of beverages. Analyst
2004, 129, 639—-644.

Gutes A.; Cespedes, F.; del Valle, M. Electronic tongues in flow analysis. Anal. Chim. Acta 2007,
600, 90-96.

Ciosek, P.; Chudy, M.; Gorski, L.; Grabowska, 1.; Grygotowicz-Pawlak, E.; Malinowska, E.;
Wroblewski, W. Potentiometric studies and various applications of solid state electrodes based on
silicon and epoxy glass structures—An overview. Electroanalysis 2009, 21, 1895-1905.

Ciosek, P.; Wroblewski, W. The recognition of beer with flow-through sensor array based on
miniaturized solid-state electrodes. Talanta 2006, 69, 1156-1161.

Ciosek, P.; Brzozka, Z.; Wroblewski, W. Electronic tongue for flow-through analysis of
beverages. Sens. Actuat. B 2006, 118, 454—460.

Ciosek, P.; Brudzewski, K.; Wroblewski, W. Milk classification by means of an electronic tongue
and SVM neural network. Meas. Sci. Technol. 2006, 17, 1379-1384.

Markiewicz, J.; Taff, J.; Wysocki, B.; Wroblewski, W. Modular Flow-Through Cell of the
Ion-Selective Electrode for Water Quality Monitoring. Polish Patent 384364, 21 July 2008.



Sensors 2011, 11 4700

27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

Mimendia, A.; Gutierrez, J.M.; Opalski, L.; Ciosek, P.; Wroblewski, W.; del Valle, M. SIA
System employing the transient response from a potentiometric sensor array—Correction of a
saline matrix effect. Talanta 2010, 82, 931-938.

Buczkowska, A.; Witkowska, E.; Gorski, L.; Zamojska, A.; Szewczyk, K.W.; Wroblewski, W.;
Ciosek, P. The monitoring of methane fermentation in sequencing batch bioreactor with
flow-through array of miniaturized solid state electrodes. Talanta 2010, 81, 1387-1392.
Witkowska, E.; Buczkowska, A.; Zamojska, A.; Szewczyk, K.W.; Ciosek, P. Monitoring of
periodic anaerobic digestion with flow-through array of miniaturized ion selective electrodes.
Bioelectrochemistry 2010, 80, 87-93.

Gutierrez, M.; Moo, V.M.; Alegret, S.; Leija, L.; Hernandez, P.R.; Munoz, R.; del Valle, M.
Electronic tongue for the determination of alkaline ions using a screen-printed potentiometric
sensor array. Microchim. Acta 2008, 163, 81-88.

Dias, L.A.; Peres, A.M.; Vilas-Boas, M.; Rocha, M.A.; Estevinho, L.; Machado, A.A.S.C. An
electronic tongue for honey classification. Microchim. Acta 2008, 163, 97-102.

Chudy, M.; Grabowska, I.; Ciosek, P.; Filipowicz-Szymanska, A.; Stadnik, D.; Wyzkiewicz, 1.;
Jedrych, E.; Juchniewicz, M.; Skolimowski, M.; Ziolkowska, K.; Kwapiszewski, R. Miniaturized
tools and devices for bioanalytical applications: An overview. Anal. Bioanal. Chem. 2009, 395,
647-668.

Toczytlowska-Maminska, R.; Ciosek, P.; Ciok, K.; Wroblewski, W. Development of the
miniaturised electrochemicall cell integrated on epoxy-glass laminate. Microchim. Acta 2008, 163,
89-95.

Ciosek, P.; Maminska, R.; Dybko, A.; Wréblewski, W. Potentiometric electronic tongue based on
integrated array of microelectrodes. Sens. Actuat. B 2007, 127, 8—14.

Ciosek, P.; Wroblewski, W. Miniaturized electronic tongue with an integrated reference
microelectrode for the recognition of milk samples. Talanta 2008, 76, 548-556.

Ciosek, P.; Kraszewska, Z.; Wroblewski, W. Polyurethane membranes used in integrated
electronic tongue for the recognition of tea and herbal products. Electroanalysis 2009, 21,
2036-2043.

Ciosek, P.; Zawadzki, K.; Stadnik, D.; Bembnowicz, P.; Golonka, L.; Wroblewski, W.
Microelectrode array fabricated in low temperature cofired ceramic (LTCC) technology, J. Solid
State Electrochem. 2009, 13, 129-135.

Ciosek, P.; Zawadzki, K.; Lopacinska, J.; Skolimowski, M.; Bembnowicz, P.; Golonka, L.J.;
Brzozka, Z.; Wroblewski, W. Monitoring of cell cultures with LTCC microelectrode array. Anal.
Bioanal. Chem. 2009, 393, 2029-2038.

Ciosek, P.; Grabowska, I.; Brzozka, Z.; Wroblewski, W. The analysis of dialysate fluids with the
use of potentiometric electronic tongue. Microchim. Acta 2008, 163, 139—145.

Ciosek, P.; Sobanski, T.; Augustyniak, E.; Wroblewski, W. ISE-based sensor array for
classification of foodstuffs. Meas. Sci. Technol. 2006, 17, 6-11.

Ciosek, P.; Wroblewski, W. The analysis of sensor array data with various pattern recognition
techniques. Sens. Actuat. B 2006, 114, 85-93.



Sensors 2011, 11 4701

42.

43.

44,

45.

Ciosek, P.; Brzozka, Z.; Wroblewski, W.; Martinelli, E.; Di Natale, C.; D’Amico, A. Direct and
two stage data analysis procedures based on PCA, PLS-DA and ANN for ISE-based electronic
tongue—Effect of supervised feature extraction. Talanta 2005, 67, 590-596.

Ciosek, P.; Buczkowska, A.; Witkowska, E.; Zamojska, A.; Szewczyk, K.; Wréblewski, W.
Miniaturized Flow-Through Sensor Array for Methane Fermentation Monitoring. In Proceedings
of IEEE Sensors, Christchurch, New Zealand, October 25-28, 2009; pp. 1502—1505.

Ciosek, P.; Pokorska, B.; Romanowska, E.; Wroblewski, W. The recognition of growth conditions
and metabolic type of plants by a potentiometric electronic tongue. Electroanalysis 2006, 18,
1266-1272.

Janczyk, M.; Kutyla, A.; Soltohub, K.; Wosicka, H.; Cal, K.; Ciosek, P. Electronic tongue for the
detection of taste-masking microencapsulation of active pharmaceutical substances.
Bioelectrochemistry 2010, 80, 94-98.

© 2011 by the authors; licensee MDPI, Basel, Switzerland. This article is an open access article

distributed under the terms and conditions of the Creative Commons Attribution license

(http://creativecommons.org/licenses/by/3.0/).




<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /All
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000500044004600206587686353ef901a8fc7684c976262535370673a548c002000700072006f006f00660065007200208fdb884c9ad88d2891cf62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef653ef5728684c9762537088686a5f548c002000700072006f006f00660065007200204e0a73725f979ad854c18cea7684521753706548679c300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020b370c2a4d06cd0d10020d504b9b0d1300020bc0f0020ad50c815ae30c5d0c11c0020ace0d488c9c8b85c0020c778c1c4d560002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken voor kwaliteitsafdrukken op desktopprinters en proofers. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create Adobe PDF documents for quality printing on desktop printers and proofers.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /NA
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /LeaveUntagged
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


