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Abstract

The rising incidence of early-onset colorectal cancer (EOCRC), particularly among under-
represented populations, highlights the urgent need for tools that can uncover clinically
meaningful, population-specific genomic alterations. The phosphoinositide 3-kinase (PI3K)
pathway plays a key role in tumor progression, survival, and therapeutic resistance in col-
orectal cancer (CRC), yet its impact in EOCRC remains insufficiently explored. To address
this gap, we developed AI-HOPE-PI3K, a conversational artificial intelligence platform
that integrates harmonized clinical and genomic data for real-time, natural language-based
analysis of PI3K pathway alterations. Built on a fine-tuned biomedical LLaMA 3 model,
the system automates cohort generation, survival modeling, and mutation frequency com-
parisons using multi-institutional cBioPortal datasets annotated with clinical variables.
AI-HOPE-PI3K replicated known associations and revealed new findings, including worse
survival in colon versus rectal tumors harboring PI3K alterations, enrichment of INPP4B
mutations in Hispanic/Latino EOCRC patients, and favorable survival outcomes associated
with high tumor mutational burden in FOLFIRI-treated patients. The platform also enabled
context-specific survival analyses stratified by age, tumor stage, and molecular alterations.
These findings support the utility of AI-HOPE-PI3K as a scalable and accessible tool for
integrative, pathway-specific analysis, demonstrating its potential to advance precision
oncology and reduce disparities in EOCRC through data-driven discovery.

Keywords: artificial intelligence; precision medicine; cancer treatment; molecular insights;
PI3K pathway; large language models; AI Agents

1. Introduction

Rising rates of early-onset colorectal cancer (EOCRC) have altered the epidemio-
logical landscape of gastrointestinal malignancies [1-4]. Once predominantly a disease
of older adults, CRC is increasingly affecting individuals under age 50, with dispropor-
tionate impact on specific populations in the United States [5-8]. These tendencies are
not only concerning—they are biologically and clinically distinct [6,8-10]. EOCRC often
presents with unique molecular features and at more advanced stages, suggesting missed
opportunities for early detection and a critical need for improved precision oncology
strategies [11-14].
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Among the most frequently dysregulated molecular cascades in CRC is the phospho-
inositide 3-kinase (PI3K) signaling pathway. A master regulator of growth, survival, and
cellular metabolism, PI3K is commonly altered in CRC via mutations in PIK3CA, a loss of
PTEN, the amplification of IGF2, and mutations in AKT1, contributing to tumor progression,
therapeutic resistance, and poor outcomes [15-21]. Notably, PI3K dysregulation is impli-
cated in resistance to anti-EGFR therapies and in downstream activation of mTORCI—a
driver of metabolic reprogramming and chemoresistance [16,22-25]. Despite its clinical
relevance, the full impact of PI3K pathway alterations in EOCRC—particularly among
H/L patients—remains underexplored. This knowledge gap stems in part from the limited
inclusion of diverse populations in large genomic datasets and from a lack of tools that can
synthesize clinical, genomic, and demographic data in a targeted, pathway-specific manner.

Conventional platforms, such as cBioPortal [26] and UCSC Xena [27], offer robust data
access but fall short in three key areas: (1) real-time hypothesis testing, (2) user-friendly
interface for non-programmers, and (3) contextualized analysis that incorporates variables
such as ethnicity [28,29], MSI status [30-32], and treatment history [33-37]. These limita-
tions hinder precision medicine efforts aimed at addressing molecular drivers of disease in
underserved populations. Recent breakthroughs in artificial intelligence (AI)—specifically
natural language-driven large language models (LLMs)—offer a new paradigm for clinical—-
genomic integration [38-46]. These models are capable of interpreting user queries and con-
verting them into executable analytical pipelines, democratizing data access and enabling
hypothesis generation without the need for coding expertise. To harness this potential for
cancer research, we developed AI-HOPE-PI3K—a conversational Al system designed to
investigate PI3K pathway alterations in CRC using harmonized clinical and genomic data.
Unlike generic analytic platforms, AI-HOPE-PI3K was engineered to perform pathway-
centered analyses in response to natural language prompts, stratify patient cohorts by
age, ancestry, and molecular profiles, and automate survival and association testing across
large datasets.

In this study, we present the development and deployment of AI-HOPE-PI3K
(Figure 1), validate its performance through reproduction of known PI3K associations [1],
and apply it to uncover novel patterns in EOCRC among patients from different popula-
tion cohorts. Our findings underscore the value of Al-driven, pathway-specific tools in
accelerating translational cancer research and addressing disparities in molecular oncol-
ogy. AI-HOPE-PI3K serves as a natural language-based analytical platform that enables
clinicians and researchers to perform real-time, pathway-specific analyses of CRC datasets
without requiring programming expertise. The system interprets user queries, translates
them into executable code, and automates tasks such as cohort construction, Kaplan-Meier
survival modeling, odds ratio calculations, and mutation frequency comparisons. Its ability
to integrate diverse clinical annotations—such as age, race/ethnicity, MSI status, tumor
stage, and therapy exposure—enables population-aware analysis tailored to PI3K pathway
biology. However, as with any Al system, AI-HOPE-PI3K has limitations. Its outputs are
constrained by the structure and completeness of the underlying datasets, and it currently
relies on harmonized data from publicly available cBioPortal repositories, which may
underrepresent certain populations or clinical variables. Additionally, while the tool auto-
mates many analyses, interpretation still requires domain expertise to contextualize results
appropriately. The model’s natural language interface, though flexible, is not infallible—it
may occasionally misinterpret ambiguous queries or require iterative refinement for com-
plex analyses. Future improvements will focus on expanding dataset integration, enhancing
multilingual capabilities, and incorporating prospective clinical validation.
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Figure 1. Overview of the AI-HOPE-PI3K workflow for pathway-specific precision oncology in
colorectal cancer (CRC). This figure illustrates the end-to-end architecture and functionality of Al-
HOPE-PI3K, a conversational artificial intelligence system designed for integrative analysis of PI3K
pathway alterations in CRC. (a) Users initiate queries through natural language prompts, such as
filtering by treatment exposure (e.g., FOLFIRI), mutation status in PI3K pathway genes (e.g., PIK3CA,
PTEN), and age-related stratification (e.g., patients under 50 years). (b) The system processes the
query through a graphical user interface (GUI) that leverages a large language model (LLM) to
interpret semantic intent and translate it into executable code, producing filtered and stratified
outputs. (¢) Harmonized clinical and genomic data are integrated in real time, allowing the system to
dynamically generate case—control cohorts for downstream analyses. (d) The automated statistical
analysis capabilities of AI-HOPE-PI3K. On the left, a Kaplan-Meier survival plot shows a comparison
of overall survival between two patient cohorts defined by PI3K pathway alteration and treatment
exposure. The survival curves are automatically generated with log-rank test statistics and confidence
intervals based on natural language queries. On the right, a bar plot presents the results of an
odds ratio analysis comparing the frequency of a clinical or genomic feature—such as age group or
mutation presence—across defined subgroups. These visualizations are produced in real time and
serve to support rapid hypothesis generation and interpretation by end-users without the need for
programming or manual plotting.

AI-HOPE-PI3K builds upon the analytical foundations established in our prior Al
agent platforms, AI-HOPE [47] and AI-HOPE-TGFbeta [48], which demonstrated the
feasibility of using large language model-driven systems for natural language-guided
clinical-genomic analysis. The analytical methodology implemented in AI-HOPE-PI3K is
based on our previous publication analyzing the PI3K pathway in CRC [1] and follows a
similar framework used in our subsequent studies. This prior work [1] also served as the
reference standard to validate the functionality and reproducibility of the AI-HOPE-PI3K
intelligent agent. The platform supports a suite of statistical methods commonly used
in translational oncology, including automated cohort filtering, Kaplan-Meier survival
analysis with log-rank testing, odds ratio estimation from contingency tables, and mutation
frequency comparisons across stratified subgroups. These analyses are executed dynami-
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cally in response to natural language queries, using harmonized clinical and genomic data
from public repositories. By embedding these analytical capabilities within an intuitive con-
versational interface, AI-HOPE-PI3K aims to reduce technical barriers and enable real-time,
hypothesis-driven exploration of PI3K biology in CRC.

2. Results

AI-HOPE-PI3K enables seamless clinical-genomic interrogation of PI3K pathway
dysregulation in CRC by translating natural language prompts into fully automated analy-
ses. Users can generate stratified case-control cohorts and statistical outputs, including
Kaplan—-Meier survival curves, mutation frequency comparisons, and odds ratio calcu-
lations, without coding expertise. Across validation and exploratory tasks, the platform
reproduced known associations and revealed novel patterns, particularly in EOCRC and
H/L subgroups.

In ancestry-stratified analyses, AI-HOPE-PI3K evaluated the prevalence of PI3K
pathway alterations among EOCRC patients across racial/ethnic backgrounds (Figure 2).
Among 153 H/L patients and 1117 NHW patients under age 50, PI3K pathway alterations
were observed in 35.29% of H/L and 33.03% of NHW cases. The odds ratio was 1.106 (95%
CI: 0.776-1.576; p = 0.642), indicating no statistically significant difference. These results
suggest no differential enrichment of PI3K mutations by ethnicity in this EOCRC cohort.
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Figure 2. AI-HOPE-PI3K analysis of PI3K pathway alterations in early-onset colorectal cancer
(EOCRC) among Hispanic/Latino (H/L) and Non-Hispanic White (NHW) patients. (a) Pie charts
display the proportion of selected samples in each cohort after natural language-guided filtering of
the harmonized dataset. The case cohort includes 153 EOCRC patients under age 50 identified as
H/L, representing 2.76% of the dataset. The control cohort includes 1117 EOCRC patients under
age 50 identified as Non-Hispanic White, representing 20.15% of the dataset. (b) A 2 x 2 odds ratio
analysis evaluates the frequency of PI3K pathway alterations between the two groups. The stacked
bar plot illustrates the distribution of samples with and without PI3K pathway alterations, labeled as
“In_Context” and “Out_of_Context,” respectively. PI3K pathway alterations were present in 35.29%
of H/L cases and 33.03% of NHW controls. The calculated odds ratio was 1.106 (95% CI: 0.776-1.576),
with a p-value of 0.642, indicating no statistically significant difference.

Exploring anatomical differences, AI-HOPE-PI3K stratified CRC cases by primary
tumor site—colon versus rectum—among patients harboring PI3K alterations (Figure 3).
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The case cohort included 977 colon tumor cases; the control cohort comprised 343 rectal
tumor cases. Kaplan-Meier survival analysis demonstrated significantly worse outcomes
in the colon subgroup (p = 0.0177). This finding highlights a potential prognostic role of
tumor location among PI3K-mutated CRC patients.
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Figure 3. AI-HOPE-PI3K analysis of PI3K-altered colorectal cancer (CRC) samples by primary tumor
location (colon vs. rectum). This figure illustrates the application of AI-HOPE-PI3K to evaluate
survival outcomes among CRC patients with PI3K pathway alterations, stratified by primary tumor
site. (a) Bar plots display the distribution of tumor site annotations across the dataset, with “Colon”
(X0) and “Rectum” (X1) representing the most frequent anatomical sites. Colon samples constitute
the majority of annotated entries (45.4%), while rectal tumors account for 22.7%. All other primary
sites are shown for context. (b) Pie charts visualize the subset of samples selected through natural
language-driven query filters. The case cohort includes 977 CRC patients with PI3K-altered tumors
located in the colon (17.6% of the dataset), while the control cohort consists of 343 patients with
PI3K-altered tumors in the rectum (6.2% of the dataset). (c) Kaplan-Meier survival curves compare
overall survival between the two groups. CRC patients with PI3K pathway alterations originating
in the colon exhibited significantly worse survival outcomes compared to those with rectal tumors
(p = 0.0177). Shaded regions represent 95% confidence intervals.

AI-HOPE-PI3K was further applied to examine tumor mutational burden (TMB) and
its relationship with MTOR mutation status and survival in FOLFIRI-treated CRC patients
(Figure 4). Patients with high TMB [1,16] (>10; n = 466) had significantly better survival
outcomes than their low-TMB counterparts (n = 3257), with a p-value of 0.0032. Odds
ratio testing showed that MTOR mutations were more frequent in the high-TMB group,
suggesting a biologically relevant association between TMB and MTOR in the context of
chemotherapy response.
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Figure 4. AI-HOPE-PI3K analysis of tumor mutational burden (TMB) and survival outcomes in
colorectal cancer (CRC) patients treated with FOLFIRI chemotherapy, stratified by MTOR mutation
status. This figure demonstrates the use of AI-HOPE-PI3K to evaluate survival and mutation context
in CRC patients treated with the FOLFIRI regimen (Fluorouracil, Leucovorin, Irinotecan), stratified
by TMB and analyzed for MTOR mutation enrichment. (a) A histogram displays the distribution of
nonsynonymous TMB across all samples. The mean TMB is 13.99, with a median of 6.05 and a long
right-tailed distribution. These metrics contextualize the threshold (TMB > 10) used to define the high-
TMB case cohort. (b) Pie charts show the distribution of selected samples within each cohort following
query-based stratification. The case cohort includes 466 high-TMB CRC patients treated with FOLFIRI
(8.4% of the dataset), while the control cohort includes 3257 low-TMB CRC patients treated with
the same regimen (58.8% of the dataset). (c) A 2 x 2 odds ratio analysis evaluates the enrichment
of MTOR mutations between the two groups. The stacked bar plot shows that MTOR mutations
were more frequently observed in the high-TMB group. However, detailed statistical outputs are
not shown here. (d) Kaplan-Meier survival curves compare overall survival between high-TMB
and low-TMB patients, both treated with FOLFIRI. Patients with high TMB exhibited significantly
improved survival outcomes (p = 0.0032). Shaded areas represent 95% confidence intervals, indicating
a robust survival benefit associated with elevated TMB in the context of FOLFIRI chemotherapy.

To investigate PI3K immunotherapy response interactions, AI-HOPE-PI3K analyzed
MSI-high CRC patients treated with pembrolizumab, comparing those with and without
PIK3CA mutations (Figure 5). The case cohort included 52 PIK3CA-mutant samples; the
control group had 60 wild-type samples. Survival analysis revealed no significant difference
between groups (p = 0.3054), though PIK3CA-mutated patients showed a potential course
toward improved outcomes.



Int. J. Mol. Sci. 2025, 26, 6487

7 of 17

a) Counts of Each Value b) D of Selected and L d Samples in C) Overall Survival Analyis
Your Case Cohort
X3 449
» X2 88 Kaplan-Meier Survival Curve
3
K] W - 10 — Case
—— Control
X0 2
I - , T 08
0 1000 2000 3000 4000
Count 2
Percentage of Each Value §
806
X3 10.9% ¢
H
3 x2 {l3.4% E 041
2 x 110.6%
%0 todlso BN Selected: 52 B Others: 5491 02
P p-value: 0.3054
0 10 20 30 40 50 60 70 80 DI of Selected and Unselected in
Percentage (%) Your Control Cohort
0 20 40 60 80 100
Time (Months)
'Variabl Label
x;"’ | = bl’ = Kaplan-Meier Plot for Overall Survival Stratified by
= User-Defined Context. The plot compares survival probabilities
X1 Instable across groups defined by a user context (e.g., treatment type).
X2 Indeterminate The x-axis shows time, and the y-axis shows survival
X3 | Do_not_report probability. Shaded areas represent the 95% confidence

intervals (Cls), indicating the range within which true survival
probabilities likely fall. Statistical significance between curves
is assessed using the log-rank test, where a p-value <0.05
suggests the user context may significantly impact survival
outcomes.

B Selected: 60 I Others: 5483

Figure 5. AI-HOPE-PI3K analysis of PIK3CA mutation status among microsatellite instability-high
(MSI-H) colorectal cancer (CRC) patients treated with pembrolizumab. This figure demonstrates the
use of AI-HOPE-PI3K to assess survival outcomes in MSI-H CRC patients receiving immunotherapy,
stratified by PIK3CA mutation status. (a) Bar plots show the overall distribution of microsatellite
instability types in the dataset. Samples classified as “Instable” (X1) account for 10.6% (n = 586),
while “Stable” (X0) represents the majority (84.5%, n = 4682). Other MSI classifications, including
“Indeterminate” and “Do_not_report,” appear less frequently. (b) Pie charts visualize cohort selection
following natural language query execution. The case cohort includes 52 MSI-H CRC patients with
PIK3CA mutations treated with pembrolizumab (0.9% of the dataset), while the control cohort includes
60 MSI-H patients without PIK3CA mutations treated with the same agent (1.1% of the dataset).
(c) Kaplan-Meier survival analysis compares overall survival between the two groups. While PIK3CA-
mutant MSI-H patients appear to have improved survival relative to wild-type counterparts, the
difference was not statistically significant (p = 0.3054). Shaded regions represent the 95% confidence
intervals, suggesting overlapping survival distributions and insufficient evidence of differential
outcomes by PIK3CA status in this immunotherapy-treated subgroup.

Supplementary analyses identified gene-specific disparities among EOCRC subgroups.
INPP4B mutations were significantly enriched in H/L versus NHW EOCRC patients (5.23%
vs. 1.52%, OR = 3.57, 95% CI: 1.514-8.419, p = 0.005; Figure S1), suggesting a poten-
tial ancestry-linked biomarker. While AKT1 (Figure S2) and TSC1 (Figure S3) mutations
showed higher rates in H/L cases (OR = 2.19 and 2.00, respectively), neither reached
statistical significance.

In age-stratified survival analyses, AI-HOPE-PI3K assessed PTEN-mutated CRC
patients treated with FOLFOX chemotherapy (Figure S4). Patients under 50 (n = 59)
exhibited a non-significant potential course toward improved survival compared to
those over 50 (n=122; p = 0.1758), suggesting potential age-modified outcomes in
PTEN-mutated subgroups.
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Finally, AI-HOPE-PI3K explored stage-specific prognostic variation in CRC patients
with PI3K pathway alterations receiving FOLFOX (Figure S5). Comparing early-stage
(n = 628) to advanced-stage (n = 507) cases, no significant survival difference was found
(p = 0.1267). Odds ratio analysis indicated a higher but non-significant enrichment of PI3K
alterations in early-stage disease (OR =1.23, p = 0.174).

Collectively, these results highlight the versatility of AI-HOPE-PI3K in executing di-
verse, context-aware clinical-genomic analyses. The platform successfully recapitulated
known relationships—such as TMB-associated survival benefits and site-specific prognostic
variation—while uncovering new ancestry-linked mutation patterns. By enabling real-time,
population-aware interrogation of PI3K pathway biology, AI-HOPE-PI3K supports preci-
sion oncology efforts aimed at identifying clinically actionable biomarkers and reducing
the disproportionate health burdens in CRC outcomes.

It is important to interpret several of the subgroup findings with caution due to limita-
tions in statistical power and sample size, particularly in analyses involving MSI-high pa-
tients treated with immunotherapy or age-stratified chemotherapy responses. For instance,
while Kaplan—-Meier curves and odds ratio estimates are provided for exploratory com-
parisons, results with non-significant p-values (e.g., PIK3CA mutation status in MSI-high
patients or PTEN-mutated FOLFOX-treated subgroups) should be considered hypothesis-
generating rather than confirmatory. The cohorts for these comparisons were defined using
natural language filters on publicly available datasets, which, while harmonized, may still
reflect reporting inconsistencies or unmeasured confounding. Moreover, no multivari-
ate adjustment was applied, as the primary objective of these analyses was to validate
and demonstrate the querying and analytical functionality of AI-HOPE-PI3K rather than
to generate definitive clinical conclusions. These caveats are essential for contextualiz-
ing the scope of the findings and underscore the importance of follow-up studies with
appropriately powered, prospective cohorts.

3. Discussion

This study presents the development and application of AI-HOPE-PI3K, a novel con-
versational Al system that enables real-time, natural language-driven analysis of PI3K
pathway alterations in CRC. Our findings demonstrate the platform’s ability to replicate
established clinical-genomic associations, reveal emerging molecular patterns, and sup-
port population-aware hypothesis generation in EOCRC, with particular emphasis on
disproportionate health burdens affecting specific populations.

AI-HOPE-PI3K addresses long-standing challenges in cancer genomics research, in-
cluding the lack of user-friendly tools capable of synthesizing molecular, clinical, and de-
mographic variables in a pathway-specific context. By leveraging a fine-tuned biomedical
LLM, the system translates natural language queries into executable workflows, eliminat-
ing the need for programming expertise and dramatically reducing the time required for
exploratory cohort analysis. Importantly, AI-HOPE-PI3K integrates harmonized datasets
with standardized clinical annotations, enabling intersectional stratification across variables
such as age, MSI status, race/ethnicity, treatment history, and tumor location—factors often
underrepresented in traditional analytical pipelines.

To promote transparency and reproducibility, the AI-HOPE-PI3K source code, query
engine, and analysis scripts are publicly available (see Data Availability Statement). This
“crystal box” approach addresses the concerns of the black box nature commonly associated
with LLM-based tools, allowing the research community to examine and validate each
component of the system. We selected the LLaMA 3 model for its open-access architecture,
strong performance on biomedical language tasks, and adaptability for fine-tuning with
domain-specific datasets. Compared to proprietary models, LLaMA 3 provides a repro-
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ducible and customizable foundation that aligns with our commitment to open science
and equitable Al development in precision oncology. In validation tasks, AI-HOPE-PI3K
successfully recapitulated key associations previously reported in the literature. For in-
stance, colon tumor location among PI3K-altered CRC patients was significantly associated
with poorer survival compared to rectal tumors (p = 0.0177), corroborating prior studies on
anatomical variation in CRC outcomes. Similarly, patients with high tumor mutational bur-
den (TMB > 10) treated with FOLFIRI exhibited significantly improved survival (p = 0.0032),
supporting the clinical relevance of TMB as a predictive biomarker in immunogenic or
chemotherapy-sensitive settings.

Crucially, the platform revealed novel insights into ancestry-linked molecular patterns.
While PI3K alteration rates were not significantly different between H/L and NHW EOCRC
patients, INPP4B mutations were significantly enriched in H/L individuals (OR = 3.57,
p = 0.005), suggesting a potential ancestry-specific biomarker that warrants further inves-
tigation. This finding aligns with growing recognition that genomic drivers may vary
across racial and ethnic populations and highlights the importance of inclusive datasets
and tailored analytical approaches in health disparities research.

Exploratory analyses of AKT1 and TSC1 mutations in H/L EOCRC cohorts revealed
higher mutation frequencies, although statistical significance was not reached. These
potential courses nonetheless suggest potential biological relevance, particularly when
considered alongside the enrichment of INPP4B and the broader role of the PI3K pathway
in therapy resistance and immune evasion. Additional studies with larger and more diverse
cohorts will be critical to validate these preliminary observations.

In immunotherapy-treated subgroups, AI-HOPE-PI3K evaluated survival among MSI-
H CRC patients receiving pembrolizumab, stratified by PIK3CA mutation status. Although
no statistically significant difference was observed, the analysis identified a potential course
toward improved survival in PIK3CA-mutant cases, consistent with hypotheses suggesting
enhanced immunogenicity in tumors with co-occurring PI3K alterations. This underscores
the value of Al-driven tools in rapidly generating context-specific hypotheses that can
guide prospective biomarker development and clinical trial design.

Age- and stage-stratified analyses further demonstrated AI-HOPE-PI3K’s capacity
to uncover subtle survival potential courses. While PTEN-mutated early-onset patients
showed a non-significant potential courses toward better outcomes than late-onset cases,
and PI3K-altered tumors were more frequently observed in early-stage disease, neither
result reached statistical significance. These findings emphasize the complexity of CRC
progression and the need for nuanced, multivariate modeling to disentangle interactions
among genomic, clinical, and demographic variables.

Together, these results highlight AI-HOPE-PI3K’s value as a versatile and scalable plat-
form for translational cancer research. Beyond facilitating hypothesis testing and pathway-
specific exploration, the system empowers researchers to perform real-time, population-
aware analyses that incorporate critical social determinants of health—an essential step
toward equitable precision medicine. As genomic data generation continues to accelerate,
tools like AI-HOPE-PI3K will be increasingly vital in making complex datasets accessible,
interpretable, and actionable for diverse biomedical audiences.

Subsequent versions of AI-HOPE-PI3K will focus on expanding its analytical capa-
bilities by incorporating advanced statistical methodologies, including multivariate Cox
regression for survival analysis, logistic regression, and machine learning-based risk pre-
diction models. These enhancements will allow the platform to support more nuanced
hypothesis testing and account for potential confounding variables in complex clinical—-
genomic datasets. Additionally, we aim to integrate user-defined covariate selection to
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improve the interpretability and flexibility of the system for translational and clinical
oncology applications.

All statistical analyses reported in this study—including Kaplan-Meier survival anal-
yses and odds ratio testing—were based on the methodology described in our previous
publication analyzing PI3K alterations in CRC [1] and were implemented within the Al-
HOPE-PI3K platform to support functional validation of the system. Given the validation-
focused nature of this study, corrections for multiple comparisons and multivariate analyses
were not applied. However, we recognize that these approaches are essential in broader
hypothesis-testing contexts to control for type I error and account for confounding factors.
Future versions of AI-HOPE-PI3K will include support for multiple testing correction
methods (e.g., Bonferroni, FDR) and multivariate regression models, including Cox propor-
tional hazards and logistic regression, to enhance the analytical rigor and generalizability
of findings.

Several of the subgroup analyses yielded non-significant p-values, and we acknowl-
edge that such results should be interpreted with caution. In these cases, the findings are
presented as exploratory observations that serve to demonstrate the hypothesis-generating
capabilities of AI-HOPE-PI3K rather than as confirmatory statistical evidence. This clari-
fication aligns with the platform’s intended role in facilitating real-time exploration and
hypothesis development, particularly in the context of underrepresented patient subgroups.

While AI-HOPE-PI3K successfully reproduced known associations and enabled real-
time stratification across multiple CRC subgroups, we acknowledge that certain subgroup
analyses—such as MSI-high pembrolizumab-treated patients and age-stratified PTEN-
mutated cohorts—yielded non-significant results, likely due to limited sample sizes. These
analyses were designed to validate the platform’s capacity to execute targeted queries
and generate biologically plausible outputs based on prior published methodologies [1].
However, they were not powered to detect small to moderate effect sizes. As the platform
evolves, future versions will incorporate built-in power analysis tools to guide users
in assessing the statistical adequacy of defined subgroups before executing inferential
comparisons. This feature will further enhance AI-HOPE-PI3K’s utility for hypothesis
generation and precision oncology research.

The initial validation of AI-HOPE-PI3K focused on reproducibility, using our previ-
ously published PI3K pathway study [1] as a benchmark for assessing the platform’s ability
to replicate known associations. Analyses such as survival differences by tumor location
and PI3K mutation status and the enrichment of specific mutations in defined populations
were repeated using natural language queries processed by the platform. While perfor-
mance metrics, such as accuracy or sensitivity, were not applied in this context—given the
system’s primary function is cohort stratification and hypothesis exploration rather than
binary classification—we recognize their value for future development. As AI-HOPE-PI3K
evolves, we plan to implement task-specific modules where such metrics can be applied to
evaluate outputs from predictive algorithms or classification models, thereby expanding
the scope of performance benchmarking.

While platforms like cBioPortal and UCSC Xena have been instrumental in enabling
exploratory access to large-scale cancer genomics datasets, they often rely on manual, step-
wise navigation that can limit workflow efficiency and require a moderate level of technical
familiarity. AI-HOPE-PI3K addresses these limitations by offering a conversational inter-
face that automates multi-step tasks, such as cohort stratification and statistical analysis, in
response to natural language prompts. This allows for more rapid hypothesis generation
and real-time subgroup interrogation without requiring programming skills. However,
we acknowledge that AI-HOPE-PI3K is not intended to replace existing tools but rather
complement them by streamlining targeted analyses and supporting broader accessibility.
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While AI-HOPE-PI3K operates on harmonized clinical-genomic datasets derived
from cBioPortal, it is important to recognize the inherent limitations of these public data
sources. Variation in data quality, missing clinical variables, and inconsistent annotation
across contributing studies can introduce biases and impact the robustness of downstream
analyses. Additionally, certain populations—particularly racial and ethnic minorities—
remain underrepresented in these datasets, which may limit the generalizability of ancestry-
stratified findings. Furthermore, compatibility issues across institutions, such as differences
in sequencing platforms or reporting standards, may affect the consistency of genomic
annotations. Although harmonization efforts help mitigate some of these challenges, users
should interpret the results with an understanding of these limitations and the exploratory
nature of real-world data integration. Future efforts will aim to incorporate more diverse
and prospectively collected datasets to enhance the accuracy, equity, and reproducibility of
Al-driven analyses.

Future work will expand AI-HOPE-PI3K's capabilities to enable communication be-
tween this Al agent and other agents within the same framework using Model Context
Protocol (MCP) Agent-to-Agent (A2A) communication. These agents will be specifically
trained to explore additional pathways (e.g., WNT, TGF-, TP53) or molecular characteris-
tics (e.g., functional genomics, spatial transcriptomics, spatial proteomics), contributing
to the development of a universal Al agent infrastructure. Additional enhancements will
include the incorporation of multi-omics data and deployment in clinical decision-support
environments. Furthermore, efforts are underway to extend the platform’s reach to commu-
nity health settings, ensuring that the benefits of precision oncology are distributed across
all populations.

4. Materials and Methods
4.1. Overview of AI-HOPE-PI3K Design Philosophy

AI-HOPE-PI3K was developed to bridge the gap between advanced computational
analysis and the practical needs of translational cancer researchers. It is a user-facing,
natural language-driven platform specifically designed to support integrative, pathway-
centric investigations of PI3K signaling dysregulation in CRC. Central to its architecture is
a conversational interface that translates biological questions into rigorous, interpretable,
and reproducible analyses—without requiring programming expertise or manual scripting
(Figure 1).

4.2. Natural Language Engine and Semantic Workflow Translation

At the core of AI-HOPE-PI3K lies a fine-tuned biomedical LLM built on the LLaMA 3
architecture. When a user poses a question—e.g., “What is the survival impact of PTEN
loss in EOCRC among Hispanic/Latino patients?”—the LLM identifies the key intent (e.g.,
survival, mutation, population), classifies the relevant pathway components (e.g., PTEN,
PI3K/AKT/mTOR), and generates the corresponding code to execute downstream analysis.
A semantic parser then maps variables like age, MSI status, tumor location, and treatment
exposure to internal ontology tags. These elements are used to construct dynamically
filtered cohorts, which feed into a statistical pipeline for hypothesis testing.

To evaluate the accuracy and reliability of the fine-tuned biomedical LLaMA 3 model
underlying AI-HOPE-PI3K, we conducted internal benchmarking using a curated set of
domain-specific prompts based on previously published clinical-genomic studies, includ-
ing our own prior work on PI3K pathway alterations in CRC [1]. Outputs were manually
reviewed by subject-matter experts to assess whether the LLM-generated queries and
corresponding statistical analyses matched intended semantics and study designs. While
traditional NLP metrics, such as BLEU and ROUGE, have limited applicability for code-
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generation tasks, we assessed accuracy through correctness of execution, syntactic validity
of generated code, and agreement with expected statistical outputs. In instances where the
model misinterpreted ambiguous prompts or selected incorrect variables, we implemented
reinforcement learning with human feedback (RLHF) and expanded prompt templates
to improve semantic clarity. Additionally, to reduce bias and hallucination risks, we con-
strained the model’s vocabulary to biologically relevant terms and validated outputs across
ancestry, age, and tumor-type strata. These steps contributed to refining the model’s
performance and ensuring its interpretability in clinical-genomic contexts.

4.3. Data Backbone and Pathway-Centric Structuring

AI-HOPE-PI3K integrates harmonized datasets from TCGA, AACR GENIE, and cBio-
Portal, preprocessed for compatibility with automated cohort stratification. It focuses on
genomic alterations within key PI3K pathway components: PIK3CA, PTEN, AKT1, IGF2,
TSC1/2, MTOR, RHEB, and RPTOR. These data are cross-linked with clinical attributes
including patient age, race/ethnicity, tumor location (primary/metastatic), stage, MSI
status, therapeutic history (e.g., anti-EGFR exposure), and survival duration. Preprocessing
involved several steps, including conversion into tabular, analysis-ready matrices.

Patient/sample IDs were harmonized, ontology labels (e.g., OncoTree disease codes,
race/ethnicity categories) were applied, and mutation types (e.g., missense vs. truncating)
and allele frequencies were verified. This structured backend allows AI-HOPE-PI3K to
rapidly generate intersectional cohort definitions for tailored PI3K analyses.

Ancestry was defined and integrated into AI-HOPE-PI3K based on the harmonized
race/ethnicity variables provided within the cBioPortal datasets, following the method-
ology described in our previous study [1]. These variables, which reflect self-reported or
institutionally annotated ancestry designations, were curated during preprocessing and
incorporated into the natural language querying system to enable population-specific strat-
ification. The AI-HOPE-PI3K platform recognizes and processes user queries referencing
ancestry groups, such as “Hispanic/Latino patients” (Figure S2), to automate cohort filter-
ing and subgroup analyses. This feature allows for contextualized exploration of genomic
and clinical trends across diverse populations and supports the platform’s broader aim of
advancing equity in precision oncology.

4.4. Statistical Capabilities and Analytical Modules

The platform’s statistical engine was implemented in Python 3.12 and supports both
exploratory and confirmatory analysis workflows. Key functions include (1) mutation
analysis, with frequency comparisons by subgroup using chi-square or Fisher’s exact tests;
(2) association metrics, with an odds ratio estimation with 95% confidence intervals; (3) sur-
vival modeling, with Kaplan-Meier estimation with log-rank tests and multi-variable Cox
proportional hazard regressions where appropriate; (4) stratified analysis, with automated
subgrouping based on combinations of mutation status, MSI, race/ethnicity, tumor site,
and age group; and (5) molecular patterning, with co-occurrence/mutual exclusivity testing
among PI3K genes and pathway cross-talk with other molecular characteristics. Each query
triggers the generation of plots, tables, and natural language summaries that interpret the
results within a clinical-translational context.

The semantic analyzer in AI-HOPE-PI3K assigns ontology tags to user input using
a rule-based pattern recognition approach. Specifically, named entity recognition (NER)
is first applied using a domain-adapted biomedical vocabulary derived from the UMLS
Metathesaurus and NCIt (National Cancer Institute Thesaurus). This step uses regular ex-
pressions and controlled keyword mappings to capture explicit biomedical terms (e.g., gene
names, drug classes, tumor types). To improve semantic disambiguation and contextual
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understanding, a lightweight transformer-based classifier, fine-tuned on annotated clinical
query pairs, predicts the most likely ontology tag when ambiguity exists. During internal
validation, the ontology tagging pipeline achieved a precision of 0.92 and a recall of 0.88
across a set of 500 manually annotated queries. Errors were most often associated with com-
pound terms or overlapping entities (e.g., “MSI-H colon tumors with PTEN loss”), which
were addressed by refining entity parsing rules and retraining the model with extended
examples. This dual strategy balances interpretability with flexibility, enabling accurate
and efficient tagging of relevant clinical-genomic concepts within natural language queries.

4.5. Validation and Use Case Scenarios

To validate AI-HOPE-PI3K’s analytical accuracy and biological relevance, we repro-
duced previously established associations involving PIK3CA mutations and poor survival,
PTEN loss and resistance to anti-EGFR therapy, and PI3K-driven mTOR activation in
chemoresistant CRC [1]. Additional real-world use cases included survival comparisons
between H/L and NHW EOCRC patients with AKTT mutations, PI3K mutation frequency
across MSI-high vs. MSS tumors, and odds ratio testing of PTEN deletions stratified by
therapy exposure. These validation exercises confirmed the platform’s ability to replicate
known findings while supporting exploratory hypothesis generation.

In this validation-focused study, statistical analyses—such as Kaplan-Meier survival
modeling and odds ratio testing—were performed to replicate previously established
associations in CRC, following methodologies described in our prior publication [1]. As
the primary goal was to evaluate the AI-HOPE-PI3K platform’s ability to reproduce known
findings using natural language-driven queries, formal correction for multiple hypothesis
testing (e.g., Bonferroni or false discovery rate [FDR] adjustments) was not applied. We
recognize, however, that in exploratory or high-throughput analyses involving multiple
comparisons, such corrections are essential to control for type I error. Accordingly, future
versions of AI-HOPE-PI3K will incorporate options for multiple testing correction, enabling
users to apply standard procedures for significance adjustment during large-scale subgroup
or biomarker analyses.

To ensure reproducibility, the AI-HOPE-PI3K platform is designed to log natural
language queries, parsed parameters, and the corresponding auto-generated statistical
code for each session. These elements are stored with time-stamped metadata, enabling
reproducible reruns of all analyses. Users can export their query histories, cohort definitions,
statistical results, and visual outputs as part of a session report. The full version of the
platform, including the source code, sample queries, and validation datasets, has been
released (see Data Availability Statement) to promote open science. Future updates will
include automated generation of downloadable analysis reports and expanded integration
with version control tools to further strengthen transparency and reproducibility.

4.6. User Interaction and Performance Benchmarking

AI-HOPE-PI3K was benchmarked against cBioPortal and UCSC Xena using real-world
tasks. The evaluation focused on three criteria: (1) ability to interpret complex prompts
involving age, race, mutation, and MSI simultaneously; (2) speed of cohort generation
and statistical output; and (3) clarity of generated visuals and summaries. AI-HOPE-PI3K
demonstrated superior responsiveness and interpretability, particularly in multi-variable,
disproportionate health burden-focused analyses.

4.7. Visualization and Result Dissemination

Outputs from AI-HOPE-PI3K include high-resolution figures and annotated data
tables: Kaplan-Meier survival curves with p-values and sample counts, forest plots for
odds ratios and confidence intervals, bar charts and co-mutation heatmaps for frequency
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analysis, and summary tables ready for Supplemental Materials or figure legends. All
visualizations are created using Matplotlib3, Seaborn V0.13, and Plotly 4. Export options
include CSV (for tables), PNG (for figures), and narrative-ready PDF summaries for direct
use in manuscripts or presentations.

5. Conclusions

In conclusion, AI-HOPE-PI3K demonstrates a functional and reproducible approach
to natural language-driven clinical-genomic analysis of PI3K pathway alterations in CRC.
The platform successfully replicated known associations—such as site-specific survival
differences and TMB-linked outcomes—and enabled exploratory analyses across ancestry,
stage, and treatment-based subgroups. While several findings were hypothesis-generating
rather than statistically conclusive, they highlight the platform’s utility in stratified co-
hort analysis and biomarker evaluation. By integrating harmonized clinical and genomic
datasets with a fine-tuned biomedical LLM, AI-HOPE-PI3K lowers technical barriers to
performing real-time, population-aware analyses without requiring coding expertise. As
the platform continues to develop, future enhancements will focus on incorporating multi-
variate models, multiple testing corrections, and expanded data sources to support more
comprehensive precision oncology research. Ultimately, this platform lays the foundation
for an interoperable Al agent infrastructure that lowers technical barriers to conducting
pathway-specific analyses by enabling users without programming expertise to interact
with complex biomedical data through natural language queries, thereby fostering inclu-
sive, data-informed precision medicine.

Supplementary Materials: The following supporting information can be downloaded at: https:
/ /www.mdpi.com/article/10.3390/1jms26136487 /s1.

Author Contributions: Conceptualization, E.V.-V., E-W.Y. and B.W.; methodology, E.V.-V. and B.W.;
software, E.V.-V. and E.-W.Y;; validation, BW., E-W.Y. and E.V.-V,; formal analysis, E.V.-V. and B.W.;
investigation, E.V.-V. and B.W.; resources, E.V.-V,; data curation, B.W. and E.V.-V.; writing—original
draft preparation, E.V.-V. and E.-W.Y.; writing—review and editing, E.V.-V,, B.W. and E.-W.Y,; visu-
alization, E.V.-V. and B.W.; supervision, E.V.-V.; project administration, E.V.-V,; funding acquisition,
E.V.-V. All authors have read and agreed to the published version of the manuscript.

Funding: This research was supported by the Department of Integrative Translational Sciences at
City of Hope, the City of Hope Cancer Control and Population Sciences Program, National Institutes
of Health (NIH), National Cancer Institute (NCI), award number NIH/NCI P30-CA033572; NIH,
NCI, Cancer Moonshot project, PE-CGS: Optimizing Engagement of Hispanic Colorectal Cancer
Patients in Cancer Genomic Characterization Studies, award number NIH/NCI U2C-CA252971
and NIH, NCI, U54 University of California Riverside (UCR) and City of Hope Comprehensive
Cancer Center (COH-CCC) partnership, Drug Development and Capacity Building, award number
NIH/NCI U54-CA285116.

Institutional Review Board Statement: Not applicable.
Informed Consent Statement: Not applicable.

Data Availability Statement: Data used in this study is available to the public and can be found at
cbioportal.org. The AI-HOPE-PI3K software, along with demonstration data and documentation, is
available at https:/ /github.com/Velazquez-Villarreal-Lab/AI-PI3K (accessed on 15 May 2025).

Conflicts of Interest: The authors declare no conflicts of interest.


https://www.mdpi.com/article/10.3390/ijms26136487/s1
https://www.mdpi.com/article/10.3390/ijms26136487/s1
https://github.com/Velazquez-Villarreal-Lab/AI-PI3K

Int. J. Mol. Sci. 2025, 26, 6487 15 of 17

Abbreviations

The following abbreviations are used in this manuscript:

Al Artificial Intelligence

CRC Colorectal Cancer

EOCRC  Early-Onset Colorectal Cancer
H/L Hispanic/Latino

LLM Large Language Model

NHW Non-Hispanic White

References

1.

10.

11.

12.

13.

14.

15.

16.

17.

Monge, C.; Waldrup, B.; Manjarrez, S.; Carranza, FG.; Velazquez-Villarreal, E. Detecting PI3K and TP53 Pathway Disruptions
in Early-Onset Colorectal Cancer Among Hispanic/Latino Patients. Cancer Med. 2025, 14, €70791. [CrossRef] [PubMed]
[PubMed Central]

Center, M.M.; Jemal, A.; Smith, R.A.; Ward, E. Worldwide variations in colorectal cancer. CA A Cancer J. Clin. 2009, 59, 366-378.
[CrossRef] [PubMed]

Sung, H.; Ferlay, J.; Siegel, R.L.; Laversanne, M.; Soerjomataram, I.; Jemal, A.; Bray, F. Global Cancer Statistics 2020: GLOBOCAN
Estimates of Incidence and Mortality Worldwide for 36 Cancers in 185 Countries. CA A Cancer J. Clin. 2021, 71, 209-249. [CrossRef]
[PubMed]

Li, N.; Lu, B.; Luo, C,; Cai, J.; Lu, M.; Zhang, Y.; Chen, H.; Dai, M. Incidence, mortality, survival, risk factor and screening of
colorectal cancer: A comparison among China, Europe, and northern America. Cancer Lett. 2021, 522, 255-268. [CrossRef]
[PubMed]

Tejpar, S. Risk stratification for colorectal cancer and implications for screening. Acta Gastroenterol. Belg. 2005, 68, 241-242.
[PubMed]

Greene, M.; Pew, T.; Gohil, S.; Ozbay, A.B.; Lopez, J.; Limburg, P.; Duarte, M. Real-world repeat screening adherence to multi-
target stool DNA for colorectal cancer in a large, national Spanish-speaking population. Curr. Med Res. Opin. 2025, 41, 799-807.
[CrossRef] [PubMed]

Monge, C.; Waldrup, B.; Carranza, F.G.; Velazquez-Villarreal, E. WNT and TGF-Beta Pathway Alterations in Early-Onset
Colorectal Cancer Among Hispanic/Latino Populations. Cancers 2024, 16, 3903. [CrossRef] [PubMed] [PubMed Central]
Monge, C.; Waldrup, B.; Carranza, FG.; Velazquez-Villarreal, E. Ethnicity-Specific Molecular Alterations in MAPK and JAK/STAT
Pathways in Early-Onset Colorectal Cancer. Cancers 2025, 17, 1093. [CrossRef] [PubMed Central]

Gonzales, M.; Nelson, H.; Rhyne, R.L.; Stone, S.N.; Hoffman, R.M. Surveillance of colorectal cancer screening in new Mexico
hispanics and non-Hispanic whites. |. Community Health 2012, 37, 1279-1288. [CrossRef] [PubMed] [PubMed Central]

Primm, K.M.; Malabay, A.].; Curry, T.; Chang, S. Who, where, when: Colorectal cancer disparities by race and ethnicity, subsite,
and stage. Cancer Med. 2023, 12, 14767-14780. [CrossRef] [PubMed] [PubMed Central]

Ballester, V.; Rashtak, S.; Boardman, L. Clinical and molecular features of young-onset colorectal cancer. World ]. Gastroenterol.
2016, 22, 1736-1744. [CrossRef] [PubMed] [PubMed Central]

Patel, S.G.; Karlitz, ].J.; Yen, T.; Lieu, C.H.; Boland, C.R. The rising tide of early-onset colorectal cancer: A comprehensive review
of epidemiology, clinical features, biology, risk factors, prevention, and early detection. Lancet Gastroenterol. Hepatol. 2022, 7,
262-274. [CrossRef] [PubMed]

Fairley, T.L.; Cardinez, C.J.; Martin, J.; Alley, L.; Friedman, C.; Edwards, B.; Jamison, P. Colorectal cancer in U.S. adults younger
than 50 years of age, 1998-2001. Cancer 2006, 107, 1153-1161. [CrossRef] [PubMed]

Liao, C.-K.; Hsu, Y.-J.; Chern, Y.-J.; Yu, Y.-L.; Lin, Y.-C.; Hsieh, P--S.; Chiang, ].-M.; You, J.-F. Differences in characteristics and
outcomes between early-onset colorectal cancer and late-onset colorectal cancers. Eur. J. Surg. Oncol. (EJSO) 2024, 50, 108687.
[CrossRef] [PubMed]

Wang, H.; Tang, R.; Jiang, L.; Jia, Y. The role of PIK3CA gene mutations in colorectal cancer and the selection of treatment
strategies. Front. Pharmacol. 2024, 15, 1494802. [CrossRef] [PubMed] [PubMed Central]

Waldrup, B.; Carranza, F,; Jin, Y.; Amzaleg, Y.; Postel, M.; Craig, D.W.; Carpten, J.D.; Salhia, B.; Ricker, C.N.; Culver, ].O.; et al.
Integrative multi-omics profiling of colorectal cancer from a Hispanic/Latino cohort of patients. medRxiv 2024. [CrossRef]
[PubMed] [PubMed Central]

Ahn, AR; Kim, KM,; Jang, K.Y.; Moon, W.S.; Ha, G.W.; Lee, M.R.; Chung, M.]. Correlation of PIK3CA mutation with programmed
death ligand-1 (PD-L1) expression and their clinicopathological significance in colorectal cancer. Ann. Transl. Med. 2021, 9, 1406.
[CrossRef] [PubMed] [PubMed Central]


https://doi.org/10.1002/cam4.70791
https://www.ncbi.nlm.nih.gov/pubmed/40165548
https://pmc.ncbi.nlm.nih.gov/articles/PMC11959147
https://doi.org/10.3322/caac.20038
https://www.ncbi.nlm.nih.gov/pubmed/19897840
https://doi.org/10.3322/caac.21660
https://www.ncbi.nlm.nih.gov/pubmed/33538338
https://doi.org/10.1016/j.canlet.2021.09.034
https://www.ncbi.nlm.nih.gov/pubmed/34563640
https://www.ncbi.nlm.nih.gov/pubmed/16013642
https://doi.org/10.1080/03007995.2025.2508764
https://www.ncbi.nlm.nih.gov/pubmed/40400409
https://doi.org/10.3390/cancers16233903
https://www.ncbi.nlm.nih.gov/pubmed/39682092
https://pmc.ncbi.nlm.nih.gov/articles/PMC11639970
https://doi.org/10.3390/cancers17071093
https://pmc.ncbi.nlm.nih.gov/articles/PMC11988162
https://doi.org/10.1007/s10900-012-9568-6
https://www.ncbi.nlm.nih.gov/pubmed/22544418
https://pmc.ncbi.nlm.nih.gov/articles/PMC6089364
https://doi.org/10.1002/cam4.6105
https://www.ncbi.nlm.nih.gov/pubmed/37212502
https://pmc.ncbi.nlm.nih.gov/articles/PMC10358189
https://doi.org/10.3748/wjg.v22.i5.1736
https://www.ncbi.nlm.nih.gov/pubmed/26855533
https://pmc.ncbi.nlm.nih.gov/articles/PMC4724605
https://doi.org/10.1016/S2468-1253(21)00426-X
https://www.ncbi.nlm.nih.gov/pubmed/35090605
https://doi.org/10.1002/cncr.22012
https://www.ncbi.nlm.nih.gov/pubmed/16862554
https://doi.org/10.1016/j.ejso.2024.108687
https://www.ncbi.nlm.nih.gov/pubmed/39288563
https://doi.org/10.3389/fphar.2024.1494802
https://www.ncbi.nlm.nih.gov/pubmed/39555098
https://pmc.ncbi.nlm.nih.gov/articles/PMC11565213
https://doi.org/10.1101/2024.11.03.24316599
https://www.ncbi.nlm.nih.gov/pubmed/39606335
https://pmc.ncbi.nlm.nih.gov/articles/PMC11601710
https://doi.org/10.21037/atm-21-2315
https://www.ncbi.nlm.nih.gov/pubmed/34733958
https://pmc.ncbi.nlm.nih.gov/articles/PMC8506770

Int. J. Mol. Sci. 2025, 26, 6487 16 of 17

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.
31.

32.

33.

34.

35.

36.

37.

38.

Alizadeh-Sedigh, M.; Mahmoodzadeh, H.; Fazeli, M.S.; Haddadi-Aghdam, M.; Teimoori-Toolabi, L. The potential of PIK3CA,
KRAS, BRAF, and APC hotspot mutations as a non-invasive detection method for colorectal cancer. Mol. Cell. Probes 2022, 63,
101807. [CrossRef] [PubMed]

André, F; Ciruelos, E.; Rubovszky, G.; Campone, M.; Loibl, S.; Rugo, H.S.; Iwata, H.; Conte, P.; Mayer, L. A.; Kaufman, B.; et al.
Alpelisib for PIK3CA-Mutated, Hormone Receptor—Positive Advanced Breast Cancer. N. Engl. J. Med. 2019, 380, 1929-1940.
[CrossRef] [PubMed]

Belli, V.; Matrone, N.; Napolitano, S.; Migliardi, G.; Cottino, F,; Bertotti, A.; Trusolino, L.; Martinelli, E.; Morgillo, F.; Ciardiello, D.;
et al. Combined blockade of MEK and PI3KCA as an effective antitumor strategy in HER2 gene amplified human colorectal
cancer models. J. Exp. Clin. Cancer Res. 2019, 38, 236. [CrossRef] [PubMed] [PubMed Central]

Byun, J.; Park, N.J.-Y;; Yoon, G.; Kang, M.K.; Kim, H.J.; Park, S.Y,; Park, J.S.; Choi, G.S.; Baek, ].H.; Kim, ]J.G.; et al. PIK3CA
Mutations as a Prognostic Factor in Patients with Residual Rectal Cancer After Neoadjuvant Chemoradiotherapy. Anticancer. Res.
2023, 43, 1513-1520. [CrossRef] [PubMed]

Leiphrakpam, P.D.; Are, C. PI3K/Akt/mTOR Signaling Pathway as a Target for Colorectal Cancer Treatment. Int. J. Mol. Sci.
2024, 25, 3178. [CrossRef] [PubMed] [PubMed Central]

Canaud, G.; Hammill, A.M.; Adams, D.; Vikkula, M.; Keppler-Noreuil, K.M. A review of mechanisms of disease across PIK3CA-
related disorders with vascular manifestations. Orphanet |. Rare Dis. 2021, 16, 306. [CrossRef] [PubMed] [PubMed Central]
Chen, L.; Yang, L.; Yao, L.; Kuang, X.-Y.; Zuo, W.-].; Li, S.; Qiao, F,; Liu, Y.-R; Cao, Z.-G.; Zhou, S.-L.; et al. Characterization of
PIK3CA and PIK3R1 somatic mutations in Chinese breast cancer patients. Nat. Commun. 2018, 9, 1357. [CrossRef] [PubMed]
[PubMed Central]

Chen, W.; Dai, G.; Qian, Y.; Wen, L.; He, X,; Liu, H.; Gao, Y; Tang, X.; Dong, B. PIK3CA mutation affects the proliferation of
colorectal cancer cells through the PI3K-MEK/PDK1-GPT2 pathway. Oncol. Rep. 2021, 47, 11. [CrossRef] [PubMed]

Cerami, E.; Gao, J.; Dogrusoz, U.; Gross, B.E.; Sumer, S.O.; Aksoy, B.A.; Jacobsen, A.; Byrne, C.J.; Heuer, M.L.; Larsson, E.; et al.
The cBio cancer genomics portal: An open platform for exploring multidimensional cancer genomics data. Cancer Discov. 2012, 2,
401-404. [CrossRef]

Goldman, M.].; Craft, B.; Hastie, M.; Repecka, K.; McDade, E; Kamath, A.; Banerjee, A.; Luo, Y.; Rogers, D.; Brooks, A.N;
et al. Visualizing and interpreting cancer genomics data via the Xena platform. Nat. Biotechnol. 2020, 38, 675-678. [CrossRef]
[PubMed Central]

Monge, C.; Waldrup, B.; Carranza, F.G.; Velazquez-Villarreal, E. Molecular Alterations in TP53, WNT, PI3K, TGF-Beta, and
RTK/RAS Pathways in Gastric Cancer Among Ethnically Heterogeneous Cohorts. Cancers 2025, 17, 1075. [CrossRef] [PubMed]
[PubMed Central]

Monge, C.; Waldrup, B.; Carranza, F.G.; Velazquez-Villarreal, E. Comparative Genomic Analysis of Key Oncogenic Pathways in
Hepatocellular Carcinoma Among Diverse Populations. Cancers 2025, 17, 1309. [CrossRef] [PubMed] [PubMed Central]
Yamamoto, H.; Imai, K. Microsatellite instability: An update. Arch. Toxicol. 2015, 89, 899-921. [CrossRef] [PubMed]

Zhu, Z.; Qin, J.; He, C.; Wang, S.; Lu, Y.; Wang, S.; Zhong, X. Computational analysis of DEHP’s oncogenic role in colorectal
cancer. Discov. Oncol. 2025, 16, 848. [CrossRef] [PubMed] [PubMed Central]

Gupta, I.; Gaykalova, D.A. Unveiling the role of PIK3R1 in cancer: A comprehensive review of regulatory signaling and
therapeutic implications. Semin. Cancer Biol. 2024, 106-107, 58-86. [CrossRef] [PubMed]

Wang, Y,; Xu, H.; Yu, S.; Zheng, J.; Meng, D.; Zhang, Y.; Li, W.; Chen, H. Design, synthesis and biological evaluation of novel
4,6-dimorpholino-1,3,5-triazin-2-amine ferrocenecarboxylate derivatives as potent PI3K inhibitors. Bioorg. Chem. 2025, 161, 108571.
[CrossRef] [PubMed]

Venkatesan, A.M.; Chen, Z.; Dos Santos, O.; Dehnhardt, C.; Santos, E.D.; Ayral-Kaloustian, S.; Mallon, R.; Hollander, I.; Feldberg,
L.; Lucas, J.; et al. PKI-179: An orally efficacious dual phosphatidylinositol-3-kinase (PI3K)/mammalian target of rapamycin
(mTOR) inhibitor. Bioorg. Med. Chem. Lett. 2010, 20, 5869-5873. [CrossRef] [PubMed]

Hu, Y;; Zhu, T.; Nong, S.; Sun, Y.; Li, Y.; Pan, J.; Ma, J.; Zhang, J. Dual Disruption of EGFR/PI3K Signaling: IGF2BP2 Targeting
Reverses Anti-EGFR Resistance in CAFs-Infiltrated Oral Squamous Cell Carcinoma. Int. . Mol. Sci. 2025, 26, 3941. [CrossRef]
[PubMed] [PubMed Central]

Song, Y.; Chen, M.; Wei, Y.; Ma, X.; Shi, H. Signaling pathways in colorectal cancer: Implications for the target therapies. Mol.
Biomed. 2024, 5, 21. [CrossRef] [PubMed] [PubMed Central]

Kraft, M.; Schoofs, H.; Petkova, M.; Andrade, J.; Grosso, A.R.; Benedito, R.; De Roo, A.-K.; Boon, L.M.; Vikkula, M.; Kapp, EG,;
et al. Angiopoietin-TIE2 feedforward circuit promotes PIK3CA-driven venous malformations. Nat. Cardiovasc. Res. 2025, epub
ahead of print. [CrossRef] [PubMed]

Hein, D.; Christie, A.; Holcomb, M.; Xie, B.; Jain, A.; Vento, J.; Rakheja, N.; Shakur, A.H.; Christley, S.; Cowell, L.G.; et al. Iterative
refinement and goal articulation to optimize large language models for clinical information extraction. npj Digit. Med. 2025, 8, 301.
[CrossRef] [PubMed]


https://doi.org/10.1016/j.mcp.2022.101807
https://www.ncbi.nlm.nih.gov/pubmed/35296442
https://doi.org/10.1056/NEJMoa1813904
https://www.ncbi.nlm.nih.gov/pubmed/31091374
https://doi.org/10.1186/s13046-019-1230-z
https://www.ncbi.nlm.nih.gov/pubmed/31164152
https://pmc.ncbi.nlm.nih.gov/articles/PMC6549349
https://doi.org/10.21873/anticanres.16300
https://www.ncbi.nlm.nih.gov/pubmed/36974808
https://doi.org/10.3390/ijms25063178
https://www.ncbi.nlm.nih.gov/pubmed/38542151
https://pmc.ncbi.nlm.nih.gov/articles/PMC10970097
https://doi.org/10.1186/s13023-021-01929-8
https://www.ncbi.nlm.nih.gov/pubmed/34238334
https://pmc.ncbi.nlm.nih.gov/articles/PMC8268514
https://doi.org/10.1038/s41467-018-03867-9
https://www.ncbi.nlm.nih.gov/pubmed/29636477
https://pmc.ncbi.nlm.nih.gov/articles/PMC5893593
https://doi.org/10.3892/or.2021.8222
https://www.ncbi.nlm.nih.gov/pubmed/34751411
https://doi.org/10.1158/2159-8290.CD-12-0095
https://doi.org/10.1038/s41587-020-0546-8
https://pmc.ncbi.nlm.nih.gov/articles/PMC7386072
https://doi.org/10.3390/cancers17071075
https://www.ncbi.nlm.nih.gov/pubmed/40227587
https://pmc.ncbi.nlm.nih.gov/articles/PMC11987813
https://doi.org/10.3390/cancers17081309
https://www.ncbi.nlm.nih.gov/pubmed/40282485
https://pmc.ncbi.nlm.nih.gov/articles/PMC12025884
https://doi.org/10.1007/s00204-015-1474-0
https://www.ncbi.nlm.nih.gov/pubmed/25701956
https://doi.org/10.1007/s12672-025-02616-x
https://www.ncbi.nlm.nih.gov/pubmed/40397302
https://pmc.ncbi.nlm.nih.gov/articles/PMC12095122
https://doi.org/10.1016/j.semcancer.2024.08.004
https://www.ncbi.nlm.nih.gov/pubmed/39197810
https://doi.org/10.1016/j.bioorg.2025.108571
https://www.ncbi.nlm.nih.gov/pubmed/40349530
https://doi.org/10.1016/j.bmcl.2010.07.104
https://www.ncbi.nlm.nih.gov/pubmed/20797855
https://doi.org/10.3390/ijms26093941
https://www.ncbi.nlm.nih.gov/pubmed/40362183
https://pmc.ncbi.nlm.nih.gov/articles/PMC12072046
https://doi.org/10.1186/s43556-024-00178-y
https://www.ncbi.nlm.nih.gov/pubmed/38844562
https://pmc.ncbi.nlm.nih.gov/articles/PMC11156834
https://doi.org/10.1038/s44161-025-00655-9
https://www.ncbi.nlm.nih.gov/pubmed/40410415
https://doi.org/10.1038/s41746-025-01686-z
https://www.ncbi.nlm.nih.gov/pubmed/40410408

Int. J. Mol. Sci. 2025, 26, 6487 17 of 17

39.

40.

41.

42.

43.

44.

45.

46.

47.

48.

Luo, P-W,; Liu, J.-W,; Xie, X,; Jiang, J.-W.; Huo, X.-Y.; Chen, Z.-L.; Huang, Z.-C ; Jiang, S.-Q.; Li, M.-Q. DeepSeek vs ChatGPT: A
comparison study of their performance in answering prostate cancer radiotherapy questions in multiple languages. Am. J. Clin.
Exp. Urol. 2025, 13, 176-185. [CrossRef] [PubMed] [PubMed Central]

Shankar, S.V.; Dhingra, L.S.; Aminorroaya, A.; Adejumo, P.; Nadkarni, G.N.; Xu, H.; Brandt, C.; Oikonomou, E.K.; Pedroso,
A.F; Khera, R. Automated Transformation of Unstructured Cardiovascular Diagnostic Reports into Structured Datasets Using
Sequentially Deployed Large Language Models. medRxiv 2024. [CrossRef] [PubMed] [PubMed Central]

Fushimi, A.; Terada, M.; Tahara, R.; Nakazawa, Y.; Iwase, M.; Shibayama, T.; Kotti, S.; Yamashita, N.; Iesato, A. Assessing the
quality of Japanese online breast cancer treatment information using large language models: A comparison of ChatGPT, Claude,
and expert evaluations. Breast Cancer 2025, epub ahead of print. [CrossRef] [PubMed]

Wu, S.; Cao, W.; Fu, S.; Yao, B; Yang, Z.; Yin, C.; Mishra, V.; Addison, D.; Zhang, P.; Wang, D. CardioAl: A Multimodal Al-based
System to Support Symptom Monitoring and Risk Prediction of Cancer Treatment-Induced Cardiotoxicity. In Proceedings of the
CHI 2025: CHI Conference on Human Factors in Computing Systems, Yokohama, Japan, 26 April 2025-1 May 2025. [CrossRef]
[PubMed] [PubMed Central]

Norris, S.A.; Kron, T.; Masterson, M.; Badawy, M.K. An Australasian survey on the use of ChatGPT and other large language
models in medical physics. Phys. Eng. Sci. Med. 2025, epub ahead of print. [CrossRef] [PubMed]

Liu, C.; Zhou, L.; Cao, W. Harnessing multimodal large language models in laryngeal cancer surgery—a step toward precision
but with challenges ahead. Int. |. Surg. 2025, epub ahead of print. [CrossRef] [PubMed]

Camacho, S. A needed (r)evolution to improve colorectal cancer screening: Binding patient-centered/shared decision-making
medicine with large language models in an emerging knowledge society. Endoscopy 2025, 57, 269-271. [CrossRef] [PubMed]
Kehl, K.L. Use of Large Language Models in Clinical Cancer Research. JCO Clin. Cancer Inform. 2025, 9, e2500027. [CrossRef]
[PubMed]

Yang, E.-W.; Velazquez-Villarreal, E. AI-HOPE: An Al-Driven conversational agent for enhanced clinical and genomic data
integration in precision medicine research. Bioinformatics 2025, epub ahead of print. [CrossRef] [PubMed]

Yang, E.-W.; Waldrup, B.; Velazquez-Villarreal, E. AI-HOPE-TGFbeta: A Conversational AI Agent for Integrative Clinical and
Genomic Analysis of TGF-f3 Pathway Alterations in Colorectal Cancer to Advance Precision Medicine. Al 2025, 6, 137. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.


https://doi.org/10.62347/UIAP7979
https://www.ncbi.nlm.nih.gov/pubmed/40400997
https://pmc.ncbi.nlm.nih.gov/articles/PMC12089221
https://doi.org/10.1101/2024.10.08.24315035
https://www.ncbi.nlm.nih.gov/pubmed/39417094
https://pmc.ncbi.nlm.nih.gov/articles/PMC11482995
https://doi.org/10.1007/s12282-025-01719-1
https://www.ncbi.nlm.nih.gov/pubmed/40399592
https://doi.org/10.1145/3706598.3714272
https://www.ncbi.nlm.nih.gov/pubmed/40391282
https://pmc.ncbi.nlm.nih.gov/articles/PMC12087674
https://doi.org/10.1007/s13246-025-01571-9
https://www.ncbi.nlm.nih.gov/pubmed/40392469
https://doi.org/10.1097/JS9.0000000000002503
https://www.ncbi.nlm.nih.gov/pubmed/40387726
https://doi.org/10.1055/a-2445-6431
https://www.ncbi.nlm.nih.gov/pubmed/39510512
https://doi.org/10.1200/CCI-25-00027
https://www.ncbi.nlm.nih.gov/pubmed/40388683
https://doi.org/10.1093/bioinformatics/btaf359
https://www.ncbi.nlm.nih.gov/pubmed/40577785
https://doi.org/10.3390/ai6070137

	Introduction 
	Results 
	Discussion 
	Materials and Methods 
	Overview of AI-HOPE-PI3K Design Philosophy 
	Natural Language Engine and Semantic Workflow Translation 
	Data Backbone and Pathway-Centric Structuring 
	Statistical Capabilities and Analytical Modules 
	Validation and Use Case Scenarios 
	User Interaction and Performance Benchmarking 
	Visualization and Result Dissemination 

	Conclusions 
	References

