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Abstract: Urokinase plasminogen activator receptor (uPAR) encoded by the PLAUR gene is known as
a clinical marker for cell invasiveness in glioblastoma multiforme (GBM). It is additionally implicated
in various processes, including angiogenesis and inflammation within the tumor microenvironment.
However, there has not been a comprehensive study that depicts the overall functions and molecular
cooperators of PLAUR with respect to intra-tumoral subtypes of GBM. Using single-cell RNA se-
quencing data from 37 GBM patients, we identified PLAUR as a marker gene for two distinct subtypes
in GBM. One subtype is featured by inflammatory activities and the other subtype is marked by ECM
remodeling processes. Using the whole-transcriptome data from single cells, we are able to uncover
the molecular cooperators of PLAUR for both subtypes without presuming biological pathways. Two
protein networks comprise the molecular context of PLAUR, with each of the two subtypes character-
ized by a different dominant network. We concluded that targeting PLAUR directly influences the
mechanisms represented by these two protein networks, regardless of the subtype of the targeted cell.

Keywords: uPAR; PLAUR; single-cell RNA sequencing; GBM cell invasiveness; CD44; FN1; ECM
degradation; inflammatory microenvironment

1. Introduction

Glioblastoma multiforme (GBM) is notorious for its poor prognosis and low survival
rate [1–3]. One of the most deadly features of GBM is the infiltration of tumor cells into
the surrounding tissue. Although migration beyond the brain is rare [4,5], intracranial
migration can cause irreversible damage to the functional brain cells and hamper the
complete surgical removal of tumor cells, leading to future recurrence [4,6]. Urokinase
plasminogen activator receptor (uPAR), encoded by the PLAUR gene, is highlighted as a
diagnostic marker for cell invasion in GBM [4,7]. uPAR has been reported to assist cell
migration and angiogenesis, participate in the proteolytic process of extracellular matrix
(ECM), regulate cell adhesion [8], and cell–matrix communication [9]. uPAR mediates
the inflammatory responses within tumors by not only activating immune cells, such as
neutrophils and macrophages, but also promoting immune cell infiltration [10]. Preclinical
studies have shown its potential in peptide-based imaging [11], targeted radionuclide
therapy [12,13], surgery [14], photothermal therapy [15], etc. The clinical feasibility of
uPAR has also been widely recognized [16,17], leading to its advancement into phase II
clinical trials with uPAR targeting positron emission tomography (uPAR-PET) [18–24].

Previous studies have primarily focused on specific aspects of uPAR, utilizing tar-
geted assays like western blotting [25], cell transfection [25,26], and targeted RNA sequen-
cing [27]. These approaches are adept at identifying molecular interactions among a group
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of proteins. However, they may confine the understanding of its molecular interactions to
selected biological processes and pose a risk of partial or biased interpretation towards the
selected molecules. In recent years, the single-cell RNA sequencing (scRNA-seq) platform
has identified the invasive subtype of GBM [28–30] with a whole-transcriptome profile.
This high-throughput technique made it possible to explore all the major biological features
and molecular context of a marker gene with respect to the intra-tumoral subtypes. Despite
this advantage, uPAR has not been specifically investigated regarding its subtype attributes
in GBM.

In this study, we attempt to utilize PLAUR in GBM as a case study to establish a
framework for exploring a particular biomarker using scRNA-seq datasets, regarding its
molecular context and the biological hallmarks of the represented intra-tumoral subtypes.
Using the scRNA-seq datasets from 37 GBM patients, we discovered that PLAUR is a marker
gene for two main subtypes that feature ECM remodeling and inflammatory processes.
PLAUR was found to be connected with two distinct protein networks in both subtypes,
one associated with neutrophil activities and the other with cell migration.

2. Results
2.1. PLAUR Shows High Relative Expression within Single Cells

All 37 samples possess PLAUR-expressing cells. The abundance ranges from 1.6%
to 56.7% (Figure 1a), showing high between-sample variations. The percentage rank is
over 50% for 73.4% of all the PLAUR-expressing cells (Figure 1b). In 75.7% of the total
37 samples, the median percentage rank of PLAUR is over 50%. This implies a generally
higher expression of PLAUR compared to other expressed genes.
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Figure 1. Expression level of PLAUR among patients. (a) The abundance of PLAUR-expressing cells
across samples. (b) The percentage rank of PLAUR across samples. This calculation only includes
cells that express PLAUR.
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2.2. Differential Expression Analysis of High-PLAUR Cells Reveals Involvement in Angiogenesis
and Immune Response/Activation

A differential expression (DE) analysis was conducted between the high and low
PLAUR-expressing cells to obtain differentially expressed genes (DEGs) in high PLAUR-
expressing cells. Most of the cells express zero values of PLAUR; accordingly, we decided
the criteria for high PLAUR expression to be the top 75% in the range between zero and the
highest PLAUR level across the sample (Figure 2). The criteria were as follows: logFC > 2,
and FDR < 0.05 were applied to select the DEGs. The DEGs in the high PLAUR cells from
each sample were used to conduct enrichment analysis. The DEGs in the high PLAUR cells
from samples P4, N3, N5, N11, N12, N14, N15, N16, N17, N18, N20, N21, and N22 reveal
prominent Gene Ontology (GO) terms such as immune response and leukocyte activation
(Table 1). In samples N2 and N4, the DEGs within the high PLAUR cells are characterized
by key GO terms such as blood vessel development and angiogenesis (Table 1). The rest of
the samples did not provide significant enrichment terms.
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Figure 2. An example to illustrate the high PLAUR cells and low PLAUR cells for DE analysis in
sample D2.

Table 1. Top 2 GO:BP enrichment results based on DEGs.
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2.3. PLAUR Is Recognized as an Intratumoral Subtype Marker across Various Samples

The cells from each sample were clustered using the Louvain algorithm, followed by
marker gene identification using Scanpy [31]. Only the clusters with the highest proportion
of PLAUR-expressing cells were considered for further analysis. The marker genes for each



Int. J. Mol. Sci. 2024, 25, 1998 4 of 13

of these clusters were selected using the following criteria: logFC > 2 and p-value < 0.05.
PLAUR passes these criteria for 10 clusters from the following samples: N2, N5, N6,
N12, N14, N17, N20, N21, N22, and D2 (Figure 3a,b). The over-expression of PLAUR
by the PLAUR cluster is explicitly shown by an example from sample N20 in Figure 3c.
For the 10 PLAUR-featuring clusters, PLAUR ranks in the top 1.3%, 2.7%, 3.1%, 5.6%, 5.9%,
8.9%, 28.3%, 37.3%, and 56.8%, 75.4% in terms of the p-value among all the marker genes
(Figure 3d).
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Figure 3. Discovering PLAUR-represented clusters. (a) Examples of PLAUR expression in respect
to clusters. Each black dot represents a cell. The red arrows point to the clusters with the highest
percentage of PLAUR-expressing cells. Note that the normalized reads are only comparable within
the same sample. (b) A PLAUR-featuring cluster illustrated in TSNE from sample N20. (c) Log-fold
changes versus the adjusted p-value of PLAUR as a cluster marker for the clusters that have the
highest percentage of PLAUR-expressing cells in each sample. The horizontal red dash line is the
adjusted p-value criteria p < 0.05 and the vertical red dashed line is logFC > 2. Selected clusters
exhibiting PLAUR as their marker gene are in the right bottom corner. (d) Volcano plots for the
clusters in which PLAUR passes the marker gene criteria. The criteria for the marker genes are
logFC > 2 and p-value < 0.05. Markers that pass these criteria are colored in yellow. Over-expressed
marker genes are on the right side of the coordinate.
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2.4. PLAUR Is a Marker Gene for Two Distinct Intra-Tumoral Subtypes

The clusters in which PLAUR meets the marker gene criteria logFC > 2 and
p-value < 0.05 were further analyzed using a gene enrichment analysis using g:Profiler [32].
Only the top 200 marker genes ranked by p-value were used for the enrichment. The clusters
from samples D2 and N2 showed similar biological features, and the clusters from samples
N14, N20, N21, N12, N17, N22, and N5 share another feature. We named them “ECM-
interaction subtype” and “Inflammatory subtype”, respectively. The PLAUR-represented
cluster from N6 was found to undergo cell cycle activities (Figure S1) and thus removed
from further studies.

To concisely present the biological features of these two subtypes, the criteria of the
marker genes were tightened to logFC > 2 and p-value < 0.01, and only the shared marker
genes between all the clusters of each subtype were used for the overall enrichment analysis.
There are in total 147 shared markers between the clusters of the ECM-interaction subtype,
and 192 shared markers between the clusters of the Inflammatory subtype.

For the Inflammatory subtype, the acute inflammatory condition is indicated by the
predominating GO:BP terms associated with immune responses: “leukocyte activation”,
“cell activation”, and “immune response”. The KEGG pathway suggested a more specific
condition: “Staphylococcus aureus infection” (Figure 4). The ECM-interaction subtype
is depicted by “extracellular matrix organization”, “cell adhesion”, and “wound healing”
(Figure 4). The KEGG pathway describes a typical PLAUR-mediated cell–ECM interaction
with “Focal adhesion”, “Complement and coagulation cascades”, and “Proteoglycans in
cancer (Figure 4). In addition, angiogenesis and cell migration were indicated by “vas-
culature development” (p = 3 × 10−6), “blood vessel morphogenesis” (p = 1.7 × 10−5),
“angiogenesis” (p = 3.4 × 10−5), and “cell migration” (p = 9.5 × 10−4, shown in Supplemen-
tary Table S1). It is worth noting that some typical features of the ECM-interaction subtype
appear in the Inflammatory subtype with a slightly lower significance, and vice versa for
the Inflammatory subtype (Supplementary Table S1).
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Figure 4. Enrichment results for the PLAUR-marked subtypes. GO:BP stands for GO terms: biological
process. KEGG means KEGG pathways. The Inflammatory subtype results came from the shared
marker genes across samples: N14, N20, N21, N12, N17, N22, and N5. The ECM-interaction subtype
results are from samples D2 and N2. Only the top 15 terms ranked by p-value are shown. And there
are only 6 significant KEGG terms for the ECM-interaction subtype. Only the top terms with sufficient
significance (p-value < 0.05) are shown.
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2.5. PLAUR Primarily Operates within Two Protein Networks in Both Subtypes

A protein network analysis was conducted to unveil the molecular context of PLAUR
in both subtypes. By combining the unique markers of all the clusters for each subtype
under the criteria logFC > 2 and p-value < 0.01, we obtained 1870 unique marker genes
for the Inflammatory subtype and 1792 for the ECM-interaction subtype. These marker
genes were imported into Cytoscape using STRING App [33], and only the first neighbors
of PLAUR were selected for further analysis. geneMANIA force-directed layout [34] was
applied to visualize the different networks connected with PLAUR.

For both the Inflammatory and the ECM-interaction subtype, two protein networks
were found to connect with PLAUR and its ligand, PLAU (Figure 5). An enrichment
analysis was conducted using the nodes from each of the networks for both subtypes
(Figure 6). Two networks featuring “neutrophil degranulation” and “positive regulation
of cell migration” are the main connections of PLAUR regardless of the subtype. They
were named “Neutrophil-activation network” and “Cell-migration network”, respectively.
Nevertheless, the dominant network (the one with more nodes) is different for the two sub-
types. The Neutrophil-activation network dominates the Inflammatory subtype (Figure 5a),
and the Cell-migration network dominates the ECM-interaction subtype (Figure 5b).

These results are consistent with the fact that “regulation of cell-cell adhesion”
(p = 3 × 10−16) and “cell migration” (p = 1 × 10−13) appear in the less significant range of the
enrichment for the Inflammatory subtype, as does “neutrophil degranulation” (p = 3 × 10−6)
for the ECM-interaction subtype (Supplementary Table S1).
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directed layout. (b) The two protein networks connected with PLAUR in the ECM-interaction subtype.
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Figure 6. Enrichment analysis of the two protein networks for both of the PLAUR-represented
subtypes. Only the top terms with sufficient significance (p-value < 0.05) are shown.

3. Discussion

As a biomarker advances in clinical use, verifying its represented subtype and molec-
ular context becomes increasingly vital for validating its feasibility and managing risks.
ScRNA-seq offers complete, impartial whole-transcriptome data without the necessity for
pre-selected molecules, as in targeted assays. However, scRNA-seq-based analysis normally
defines a subtype with a large set of marker genes. In a clinical setup of molecular imaging
or targeted therapies, it is rare to find applications using more than two biomarkers [35–37].
Using the high-dimensional data of scRNA-seq, refining the information of one specific
biomarker with a tolerable noise-to-signal ratio is challenging, since the information that we
are looking for always blends with irrelevant signals, either from real biological processes
or from noise. The fact that PLAUR exhibits an above-average expression level in the
majority of cells, as indicated by the percentage rank, extricates its true characteristics from
noise. This study demonstrated the possibility of obtaining valuable insights regarding one
particular biomarker from scRNA-seq data. These results can find solid validations from
previous studies.

The DE analysis was to simulate a bulk sequencing that compares two groups based
on the PLAUR expression level. Although some major biological traits of PLAUR were
found, the limitation persists in linking these features to specific cell subtypes, which is
crucial for precise clinical targeting. Yet, it serves effectively as a concise overview of the
marker alone.



Int. J. Mol. Sci. 2024, 25, 1998 8 of 13

In agreement with the biological features of the Inflammatory subtype, PLAUR expres-
sion was shown to correlate with the elevated inflammatory condition in the tumor [38].
A higher level of PLAUR has been reported in tumor-associated macrophages (TAMs)
and other stromal cells in tumor microenvironments [39]. PLAUR-expressing cancer cells
also facilitate macrophages to infiltrate tumor mass [40], and macrophages can promote
PLAUR expression in tumor cells in return [41]. The KEGG pathway enrichment of the
Inflammatory subtype presents a specific complication: “Staphylococcus aureus infection”.
In fact, intracranial Staphylococcus aureus infection has been reported in GBM patients,
caused by bacteremia via venous thromboembolism (VTE) [42]. VTE is an often-reported
complication for tumors [43,44]. As a well-known fibrinolysis gene, PLAUR plays an
essential role in the pro-coagulation state and highly correlates with immune response
checkpoint genes, probably by interacting with leukocyte infiltration through VTE [45].

Regarding the ECM-interaction subtype characteristics, PLAUR is known to take an
active role in the proteolytic degradation of ECM [46], and promoting the angiogenesis
process [47,48]. It also favors cell migration either indirectly by ECM degradation or directly
inducing pro-migratory activities [49]. Its connections with integrins plays a major role in
focal adhesion [38], as shown by the KEGG pathways of the ECM-interaction subtype.

Using a protein network analysis, we speculate that PLAUR activates immune cells
and assists their migration/adhesion to the inflammatory sites, and promotes tumor cell
migration, mainly through ECM remodeling. PLAUR promotes neutrophil activation and
degranulation while expressed on neutrophils [50,51], and also assists neutrophil infiltration
to the inflammatory sites while expressed on cancer cells [52]. The Neutrophil-activation
network highlights multiple integrins as major connections with PLAUR. The direct influ-
ence of uPAR–integrin complexes in neutrophil degranulation is yet to be discovered [51].
The migration network features multiple crucial cooperators of PLAUR in tumor cell mi-
gration. Among all of these, MMP2, MMP9, FN1, CD44, SERPINE1, and CAV1 are the most
famous collaborators with PLAUR in the cell migration of multiple cancer types [53–58].
The protein network analysis revealed the correlations of PLAUR with two major groups of
proteins, regardless of the cell subtype. Although different studies have shown the func-
tions of PLAUR and its interaction with different molecules, we present a comprehensive
result including the primary roles and cooperators of PLAUR in GBM.

While scRNA-seq analysis has been effective in elucidating biological features, trans-
lating these findings into practical applications poses a challenge, since real-world appli-
cations often target proteins rather than RNA due to discrepancies in RNA and protein
expression levels [59].

Future studies could explore the possibility of a better treatment response if combined
with treatment with a second marker identified within the protein networks associated
with PLAUR. This holds the potential to target pro-oncogenic signaling pathways in several
subtypes and in both a receptor-dependent and -independent way. Treating more targets
at once could lead to better treatment outcomes. In addition, if any of the proteins in the
PLAUR-associated protein networks identified here are already targeted with an existing
chemotherapeutic agent, it would allow clinicians to utilize treatments already in use in
combination with other first-line treatments of GBM. Moreover, we recommend that any
biomarker undergoing preclinical testing or earlier stages of testing utilize the developed
pipeline in this study to ensure the precise targeting of the intended cell subtype.

4. Materials and Methods
4.1. Data Source and Pre-Processing

The datasets used for this study are 4 samples (1091 cells) from Darmanis et al.
(GSE84465) [29], 5 samples (875 cells) from Patel et al. (GSE57872) [60], and 28 samples
(7930 cells) from Neftel et al. (GSE131928) [28]. These samples are denoted as D1-D4, P1-P5,
and N1-N28, respectively. FastQC [61] was applied to conduct quality control on FASTQ
files of D1-D4 and P1-P5. The reads were trimmed using Trimmomatic [62]. Original reads
were aligned using STAR [63]. The reference genome is the nucleotide sequence of the
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GRCh38 primary genome assembly downloaded from GENECODE database [64]. Adap-
tive criteria from Scater [65] were used to delete cells with too few reads or detected genes,
and cells with excessively high mitochondrial genes. In addition, the mitochondria genes
starting with “MT-” in their names and the genes summing up to less than 100 across all the
cells were removed. The pre-processed data were normalized and log-transformed using the
library size normalization provided by Scater [66]. The data from Neftel et al. (GSE131928) [28]
were preprocessed by the authors and is available as Transcripts Per Million (TPM).

4.2. Calculation of Percentage Rank and Abundance

Two parameters were defined to characterize the expression level of a gene. “Abun-
dance” is defined as the percentage of cells in a sample that has non-zero reads of the
gene; “Percentage-rank”, represents the percentage of genes that express lower values
than the gene in the same cell. We adopted the rank-based method to integrate datasets
from different studies [67,68]. The percentage rank of genes for each cell was obtained by
ranking all the non-zero gene reads ascendingly and multiplying by 100%. The abundance
of a certain gene was defined as the percentage of cells expressing non-zero values of the
gene from each sample.

4.3. Differential Expression Analysis

Differential expression (DE) was conducted between high and low PLAUR-expressing
cells for each sample using edgeR [69]. The analysis was done using normalized data.
Likelihood ratio test was applied and all the p-values were adjusted using the Benjamini–
Hochberg (BH) method.

4.4. Cell Clustering and Enrichment Analysis

buildSNNGraph function from Scran [70] was used to find the nearest gene neighbors.
Louvain clustering method from igraph [71] was applied to identify gene clusters. Ten near-
est neighbors were applied during clustering. The clusters with the highest proportion of
PLAUR-expressing cells were selected for further identification of PLAUR-represented clus-
ters. The function “scanpy.tl.rank_genes_groups” from Scanpy [31] was used to calculate
marker gene parameters. Marker genes were briefly selected using the following criteria:
log fold change (logFC) > 2 and p-value < 0.05. Enrichment analysis was conducted using
g:Profiler [32], and confirmed using DAVID database [72]. The p-values used in this study
are all Benjamini–Hochberg adjusted.

4.5. Protein Network Analysis

The protein networks were formed using STRING APP [33] in Cytoscape [73]. Gene-
MANIA force-directed layout was used to visualize the networks [34]. Both the color and
size of each node in the networks show the “degree” (the number of connections to other
nodes) [74]. The bigger the node size and the redder the color both indicate a higher degree
of the node.

4.6. Data Visualization

The box plots, bar plots, violin plots, and scatter plots were made using ggplot2 [75].
The volcano plots were made using EnhancedVolcano [76]. The t-distributed stochastic
neighbor embedding (TSNE) plot was made by Scater [66]. The code for the entire study is
available on GitHub (https://github.com/Emma920/scRNAseq-study-of-uPAR-PLAUR.git
(accessed on 4 July 2023)).

5. Conclusions

By using two independent variables to assess PLAUR expression, our findings indicate
that, while the ratio of the PLAUR-expressing cells varies among patients, it consistently
demonstrates a higher expression level among the spectrum of expressed genes across the
majority of samples. We discovered a correlation between elevated PLAUR expression and

https://github.com/Emma920/scRNAseq-study-of-uPAR-PLAUR.git
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tumor angiogenesis and inflammatory activities through a differential expression analysis.
The subsequent cell clustering unveiled PLAUR as a distinctive marker gene for specific cell
subtypes within GBM. Further enrichment analysis revealed two cell subtypes characterized
by PLAUR: one demonstrating intricate interactions with ECM, and the other highlighting
notable inflammatory features. Delving into the protein network analysis further elucidated
the molecular context surrounding PLAUR, revealing its primary connections with proteins
that regulate cell migration and neutrophil activation in both cell subtypes of GBM. We
concluded that targeting PLAUR directly influences the processes regulated by these
two protein networks, independent of the cell subtype.
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com/article/10.3390/ijms25041998/s1.

Author Contributions: Conceptualization, Y.H. and A.K.; methodology, Y.H.; validation, Y.H. and
K.B.V.D.; formal analysis, Y.H.; resources, A.K.; data curation, Y.H.; writing—original draft prepara-
tion, Y.H.; writing—review and editing, K.B.V.D., M.R., F.O.B. and A.K.; visualization, Y.H.; super-
vision, M.R., K.B.V.D., F.O.B. and A.K.; project administration, A.K.; funding acquisition, A.K. All
authors have read and agreed to the published version of the manuscript.

Funding: This project received funding from the European Union’s Horizon 2020 research and
innovation programme under grant agreements no. 670261 (ERC Advanced Grant) and 668532
(Click-It), the Lundbeck Foundation, the Novo Nordisk Foundation, the Innovation Fund Denmark,
the Neuroendocrine Tumor Research Foundation, the Danish Cancer Society, Arvid Nilsson Founda-
tion, the Neye Foundation, the Sygeforsikringen danmark, the Research Foundation of Rigshospitalet,
the Danish National Research Foundation (grant 126)—PERSIMUNE, the Research Council of the
Capital Region of Denmark, the Danish Health Authority, the John and Birthe Meyer Foundation, and
the Research Council for Independent Research. Andreas Kjaer is a Lundbeck Foundation Professor.

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Data Availability Statement: Publicly available datasets were analyzed in this study. The data can
be found here: https://www.ncbi.nlm.nih.gov/geo/ with accession numbers: GSE84465, GSE57872,
GSE131928.

Conflicts of Interest: The authors declare no conflicts of interest.

References
1. Omuro, A.; DeAngelis, L.M. Glioblastoma and other malignant gliomas: A clinical review. JAMA 2013, 310, 1842–1850. [CrossRef]
2. Gately, L.; McLachlan, S.A.; Philip, J.; Ruben, J.; Dowling, A. Long-term survivors of glioblastoma: A closer look. J. Neuro-Oncol.

2018, 136, 155–162. [CrossRef]
3. Delgado-López, P.; Corrales-García, E. Survival in glioblastoma: A review on the impact of treatment modalities. Clin. Transl.

Oncol. 2016, 18, 1062–1071. [CrossRef]
4. Hatoum, A.; Mohammed, R.; Zakieh, O. The unique invasiveness of glioblastoma and possible drug targets on extracellular

matrix. Cancer Manag. Res. 2019, 11, 1843. [CrossRef]
5. Seker-Polat, F.; Pinarbasi Degirmenci, N.; Solaroglu, I.; Bagci-Onder, T. Tumor Cell Infiltration into the Brain in Glioblastoma:

From Mechanisms to Clinical Perspectives. Cancers 2022, 14, 443. [CrossRef]
6. Velásquez, C.; Mansouri, S.; Mora, C.; Nassiri, F.; Suppiah, S.; Martino, J.; Zadeh, G.; Fernández-Luna, J.L. Molecular and clinical

insights into the invasive capacity of glioblastoma cells. J. Oncol. 2019, 2019, 1740763. [CrossRef]
7. Raghu, H.; Gondi, C.S.; Dinh, D.H.; Gujrati, M.; Rao, J.S. Specific knockdown of uPA/uPAR attenuates invasion in glioblastoma

cells and xenografts by inhibition of cleavage and trafficking of Notch-1 receptor. Mol. Cancer 2011, 10, 130. [CrossRef] [PubMed]
8. Madsen, C.D.; Ferraris, G.M.S.; Andolfo, A.; Cunningham, O.; Sidenius, N. uPAR-induced cell adhesion and migration:

Vitronectin provides the key. J. Cell Biol. 2007, 177, 927–939. [CrossRef]
9. Ferraris, G.M.S.; Schulte, C.; Buttiglione, V.; De Lorenzi, V.; Piontini, A.; Galluzzi, M.; Podestà, A.; Madsen, C.D.; Sidenius, N.

The interaction between uPAR and vitronectin triggers ligand-independent adhesion signaling by integrins. EMBO J. 2014,
33, 2458–2472. [CrossRef] [PubMed]

10. Al-Hassan, N.N.; Behzadian, A.; Caldwell, R.; Ivanova, V.S.; Syed, V.; Motamed, K.; Said, N.A. Differential roles of uPAR in
peritoneal ovarian carcinomatosis. Neoplasia 2012, 14, 259–270. [CrossRef] [PubMed]

https://www.mdpi.com/article/10.3390/ijms25041998/s1
https://www.mdpi.com/article/10.3390/ijms25041998/s1
https://www.ncbi.nlm.nih.gov/geo/
http://doi.org/10.1001/jama.2013.280319
http://dx.doi.org/10.1007/s11060-017-2635-1
http://dx.doi.org/10.1007/s12094-016-1497-x
http://dx.doi.org/10.2147/CMAR.S186142
http://dx.doi.org/10.3390/cancers14020443
http://dx.doi.org/10.1155/2019/1740763
http://dx.doi.org/10.1186/1476-4598-10-130
http://www.ncbi.nlm.nih.gov/pubmed/22004682
http://dx.doi.org/10.1083/jcb.200612058
http://dx.doi.org/10.15252/embj.201387611
http://www.ncbi.nlm.nih.gov/pubmed/25168639
http://dx.doi.org/10.1593/neo.12442
http://www.ncbi.nlm.nih.gov/pubmed/22577342


Int. J. Mol. Sci. 2024, 25, 1998 11 of 13

11. Persson, M.; Nedergaard, M.K.; Brandt-Larsen, M.; Skovgaard, D.; Jørgensen, J.T.; Michaelsen, S.R.; Madsen, J.; Lassen, U.;
Poulsen, H.S.; Kjaer, A. Urokinase-type plasminogen activator receptor as a potential PET biomarker in glioblastoma. J. Nucl.
Med. 2016, 57, 272–278. [CrossRef]

12. Persson, M.; Rasmussen, P.; Madsen, J.; Ploug, M.; Kjaer, A. New peptide receptor radionuclide therapy of invasive cancer
cells: In vivo studies using 177Lu-DOTA-AE105 targeting uPAR in human colorectal cancer xenografts. Nucl. Med. Biol. 2012,
39, 962–969. [CrossRef]

13. Persson, M.; Juhl, K.; Rasmussen, P.; Brandt-Larsen, M.; Madsen, J.; Ploug, M.; Kjaer, A. uPAR targeted radionuclide therapy with
177Lu-DOTA-AE105 inhibits dissemination of metastatic prostate cancer. Mol. Pharm. 2014, 11, 2796–2806. [CrossRef]

14. Kurbegovic, S.; Juhl, K.; Sørensen, K.K.; Leth, J.; Willemoe, G.L.; Christensen, A.; Adams, Y.; Jensen, A.R.; von Buchwald,
C.; Skjøth-Rasmussen, J.; et al. IRDye800CW labeled uPAR-targeting peptide for fluorescence-guided glioblastoma surgery:
Preclinical studies in orthotopic xenografts. Theranostics 2021, 11, 7159. [CrossRef] [PubMed]

15. Simón, M.; Jørgensen, J.T.; Juhl, K.; Kjaer, A. The use of a uPAR-targeted probe for photothermal cancer therapy prolongs survival
in a xenograft mouse model of glioblastoma. Oncotarget 2021, 12, 1366. [CrossRef] [PubMed]

16. C Boonstra, M.; W Verspaget, H.; Ganesh, S.; JGM Kubben, F.; L Vahrmeijer, A.; JH van de Velde, C.; JK Kuppen, P.; HA Quax, P.;
FM Sier, C. Clinical applications of the urokinase receptor (uPAR) for cancer patients. Curr. Pharm. Des. 2011, 17, 1890–1910.
[CrossRef]

17. Persson, M.; Kjaer, A. Urokinase-type plasminogen activator receptor (uPAR) as a promising new imaging target: Potential
clinical applications. Clin. Physiol. Funct. Imaging 2013, 33, 329–337. [CrossRef] [PubMed]

18. Persson, M.; Skovgaard, D.; Brandt-Larsen, M.; Christensen, C.; Madsen, J.; Nielsen, C.H.; Thurison, T.; Klausen, T.L.; Holm, S.;
Loft, A.; et al. First-in-human uPAR PET: Imaging of cancer aggressiveness. Theranostics 2015, 5, 1303. [CrossRef]

19. Skovgaard, D.; Persson, M.; Brandt-Larsen, M.; Christensen, C.; Madsen, J.; Klausen, T.L.; Holm, S.; Andersen, F.L.; Loft, A.;
Berthelsen, A.K.; et al. Safety, dosimetry, and tumor detection ability of 68Ga-NOTA-AE105: First-in-human study of a novel
radioligand for uPAR PET imaging. J. Nucl. Med. 2017, 58, 379–386. [CrossRef]

20. Fosbøl, M.Ø.; Kurbegovic, S.; Johannesen, H.H.; Røder, M.A.; Hansen, A.E.; Mortensen, J.; Loft, A.; Petersen, P.M.; Madsen, J.;
Brasso, K.; et al. Urokinase-type plasminogen activator receptor (uPAR) PET/MRI of prostate cancer for noninvasive evaluation
of aggressiveness: Comparison with Gleason score in a prospective phase 2 clinical trial. J. Nucl. Med. 2021, 62, 354–359.
[CrossRef]

21. Fosbøl, M.Ø.; Mortensen, J.; Petersen, P.M.; Loft, A.; Madsen, J.; Kjaer, A. uPAR PET/CT for prognostication and response
assessment in patients with metastatic castration-resistant prostate cancer undergoing radium-223 therapy: A prospective phase
II study. Diagnostics 2021, 11, 1087. [CrossRef]

22. Risør, L.M.; Clausen, M.M.; Ujmajuridze, Z.; Farhadi, M.; Andersen, K.F.; Loft, A.; Friborg, J.; Kjaer, A. Prognostic Value of
Urokinase-Type Plasminogen Activator Receptor PET/CT in Head and Neck Squamous Cell Carcinomas and Comparison with
18F-FDG PET/CT: A Single-Center Prospective Study. J. Nucl. Med. 2022, 63, 1169–1176. [CrossRef]

23. Carlsen, E.A.; Loft, M.; Loft, A.; Berthelsen, A.K.; Langer, S.W.; Knigge, U.; Kjaer, A. Prospective phase II trial of prognostication
by 68Ga-NOTA-AE105 uPAR PET in patients with neuroendocrine neoplasms: Implications for uPAR-targeted therapy. J. Nucl.
Med. 2022, 63, 1371–1377. [CrossRef]

24. Lawaetz, M.; Christensen, A.; Juhl, K.; Lelkaitis, G.; Karnov, K.; Carlsen, E.A.; Charabi, B.W.; Loft, A.; Czyzewska, D.; Buchwald,
C.v.; et al. Diagnostic Value of Preoperative uPAR-PET/CT in Regional Lymph Node Staging of Oral and Oropharyngeal
Squamous Cell Carcinoma: A Prospective Phase II Trial. Diagnostics 2023, 13, 3303. [CrossRef] [PubMed]

25. Li, D.; Wei, P.; Peng, Z.; Huang, C.; Tang, H.; Jia, Z.; Cui, J.; Le, X.; Huang, S.; Xie, K. The critical role of dysregulated
FOXM1–PLAUR signaling in human colon cancer progression and metastasis. Clin. Cancer Res. 2013, 19, 62–72. [CrossRef]
[PubMed]

26. Narayanaswamy, P.B.; Tkachuk, S.; Haller, H.; Dumler, I.; Kiyan, Y. CHK1 and RAD51 activation after DNA damage is regulated
via urokinase receptor/TLR4 signaling. Cell Death Dis. 2016, 7, e2383. [CrossRef]

27. Gilder, A.S.; Natali, L.; Van Dyk, D.M.; Zalfa, C.; Banki, M.A.; Pizzo, D.P.; Wang, H.; Klemke, R.L.; Mantuano, E.; Gonias, S.L. The
urokinase receptor induces a mesenchymal gene expression signature in glioblastoma cells and promotes tumor cell survival in
neurospheres. Sci. Rep. 2018, 8, 2982. [CrossRef] [PubMed]

28. Neftel, C.; Laffy, J.; Filbin, M.G.; Hara, T.; Shore, M.E.; Rahme, G.J.; Richman, A.R.; Silverbush, D.; Shaw, M.L.; Hebert, C.M.; et al.
An integrative model of cellular states, plasticity, and genetics for glioblastoma. Cell 2019, 178, 835–849. [CrossRef] [PubMed]

29. Darmanis, S.; Sloan, S.A.; Croote, D.; Mignardi, M.; Chernikova, S.; Samghababi, P.; Zhang, Y.; Neff, N.; Kowarsky, M.; Caneda,
C.; et al. Single-cell RNA-seq analysis of infiltrating neoplastic cells at the migrating front of human glioblastoma. Cell Rep. 2017,
21, 1399–1410. [CrossRef] [PubMed]

30. Pang, B.; Xu, J.; Hu, J.; Guo, F.; Wan, L.; Cheng, M.; Pang, L. Single-cell RNA-seq reveals the invasive trajectory and molecular
cascades underlying glioblastoma progression. Mol. Oncol. 2019, 13, 2588–2603. [CrossRef]

31. Wolf, F.A.; Angerer, P.; Theis, F.J. SCANPY: Large-scale single-cell gene expression data analysis. Genome Biol. 2018, 19, 15.
[CrossRef] [PubMed]

32. Raudvere, U.; Kolberg, L.; Kuzmin, I.; Arak, T.; Adler, P.; Peterson, H.; Vilo, J. g: Profiler: A web server for functional enrichment
analysis and conversions of gene lists (2019 update). Nucleic Acids Res. 2019, 47, W191–W198. [CrossRef] [PubMed]

http://dx.doi.org/10.2967/jnumed.115.161703
http://dx.doi.org/10.1016/j.nucmedbio.2012.05.007
http://dx.doi.org/10.1021/mp500177c
http://dx.doi.org/10.7150/thno.49787
http://www.ncbi.nlm.nih.gov/pubmed/34158842
http://dx.doi.org/10.18632/oncotarget.28013
http://www.ncbi.nlm.nih.gov/pubmed/34262647
http://dx.doi.org/10.2174/138161211796718233
http://dx.doi.org/10.1111/cpf.12037
http://www.ncbi.nlm.nih.gov/pubmed/23701192
http://dx.doi.org/10.7150/thno.12956
http://dx.doi.org/10.2967/jnumed.116.178970
http://dx.doi.org/10.2967/jnumed.120.248120
http://dx.doi.org/10.3390/diagnostics11061087
http://dx.doi.org/10.2967/jnumed.121.262866
http://dx.doi.org/10.2967/jnumed.121.263177
http://dx.doi.org/10.3390/diagnostics13213303
http://www.ncbi.nlm.nih.gov/pubmed/37958201
http://dx.doi.org/10.1158/1078-0432.CCR-12-1588
http://www.ncbi.nlm.nih.gov/pubmed/23136192
http://dx.doi.org/10.1038/cddis.2016.291
http://dx.doi.org/10.1038/s41598-018-21358-1
http://www.ncbi.nlm.nih.gov/pubmed/29445239
http://dx.doi.org/10.1016/j.cell.2019.06.024
http://www.ncbi.nlm.nih.gov/pubmed/31327527
http://dx.doi.org/10.1016/j.celrep.2017.10.030
http://www.ncbi.nlm.nih.gov/pubmed/29091775
http://dx.doi.org/10.1002/1878-0261.12569
http://dx.doi.org/10.1186/s13059-017-1382-0
http://www.ncbi.nlm.nih.gov/pubmed/29409532
http://dx.doi.org/10.1093/nar/gkz369
http://www.ncbi.nlm.nih.gov/pubmed/31066453


Int. J. Mol. Sci. 2024, 25, 1998 12 of 13

33. Szklarczyk, D.; Gable, A.L.; Nastou, K.C.; Lyon, D.; Kirsch, R.; Pyysalo, S.; Doncheva, N.T.; Legeay, M.; Fang, T.; Bork, P.;
et al. The STRING database in 2021: Customizable protein–protein networks, and functional characterization of user-uploaded
gene/measurement sets. Nucleic Acids Res. 2021, 49, D605–D612. [CrossRef]

34. Warde-Farley, D.; Donaldson, S.L.; Comes, O.; Zuberi, K.; Badrawi, R.; Chao, P.; Franz, M.; Grouios, C.; Kazi, F.; Lopes, C.T.; et al.
The GeneMANIA prediction server: Biological network integration for gene prioritization and predicting gene function. Nucleic
Acids Res. 2010, 38, W214–W220. [CrossRef]

35. Rosbach, K.J.; Williams, M.D.; Gillenwater, A.M.; Richards-Kortum, R.R. Optical molecular imaging of multiple biomarkers of
epithelial neoplasia: Epidermal growth factor receptor expression and metabolic activity in oral mucosa. Transl. Oncol. 2012,
5, 160–171. [CrossRef]

36. Ulaner, G.A.; Riedl, C.C.; Dickler, M.N.; Jhaveri, K.; Pandit-Taskar, N.; Weber, W. Molecular imaging of biomarkers in breast
cancer. J. Nucl. Med. 2016, 57, 53S–59S. [CrossRef] [PubMed]

37. Wang, Y.W.; Doerksen, J.D.; Kang, S.; Walsh, D.; Yang, Q.; Hong, D.; Liu, J.T. Multiplexed molecular imaging of fresh tissue
surfaces enabled by convection-enhanced topical staining with SERS-coded nanoparticles. Small 2016, 12, 5612–5621. [CrossRef]

38. Smith, H.W.; Marshall, C.J. Regulation of cell signaling by uPAR. Nat. Rev. Mol. Cell Biol. 2010, 11, 23–36. [CrossRef]
39. de Bock, C.E.; Wang, Y. Clinical significance of urokinase-type plasminogen activator receptor (uPAR) expression in cancer. Med.

Res. Rev. 2004, 24, 13–39. [CrossRef]
40. Hu, J.; Jo, M.; Eastman, B.M.; Gilder, A.S.; Bui, J.D.; Gonias, S.L. uPAR induces expression of transforming growth factor β and

interleukin-4 in cancer cells to promote tumor-permissive conditioning of macrophages. Am. J. Pathol. 2014, 184, 3384–3393.
[CrossRef]

41. Lindsten, T.; Hedbrant, A.; Ramberg, A.; Wijkander, J.; Solterbeck, A.; Eriksson, M.; Delbro, D.; Erlandsson, A. Effect of
macrophages on breast cancer cell proliferation, and on expression of hormone receptors, uPAR and HER-2. Int. J. Oncol. 2017,
51, 104–114. [CrossRef] [PubMed]

42. Kalita, O.; Kala, M.; Svebisova, H.; Ehrmann, J.; Hlobilkova, A.; Trojanec, R.; Hajduch, M.; Houdek, M. Glioblastoma multiforme
with an abscess: Case report and literature review. J. Neuro-Oncol. 2008, 88, 221–225. [CrossRef] [PubMed]

43. Tawil, N.; Spinelli, C.; Bassawon, R.; Rak, J. Genetic and epigenetic regulation of cancer coagulome–lessons from heterogeneity of
cancer cell populations. Thromb. Res. 2020, 191, S99–S105. [CrossRef]

44. Rak, J.; Joanne, L.Y.; Luyendyk, J.; Mackman, N. Oncogenes, trousseau syndrome, and cancer-related changes in the coagulome
of mice and humans. Cancer Res. 2006, 66, 10643–10646. [CrossRef]

45. Saidak, Z.; Soudet, S.; Lottin, M.; Salle, V.; Sevestre, M.A.; Clatot, F.; Galmiche, A. A pan-cancer analysis of the human tumor
coagulome and its link to the tumor immune microenvironment. Cancer Immunol. Immunother. 2021, 70, 923–933. [CrossRef]

46. Ingram, K.G.; Curtis, C.D.; Silasi-Mansat, R.; Lupu, F.; Griffin, C.T. The NuRD chromatin-remodeling enzyme CHD4 promotes
embryonic vascular integrity by transcriptionally regulating extracellular matrix proteolysis. PLoS Genet. 2013, 9, e1004031.
[CrossRef]

47. Reing, J.E.; Zhang, L.; Myers-Irvin, J.; Cordero, K.E.; Freytes, D.O.; Heber-Katz, E.; Bedelbaeva, K.; McIntosh, D.; Dewilde, A.;
Braunhut, S.J.; et al. Degradation products of extracellular matrix affect cell migration and proliferation. Tissue Eng. Part A 2009,
15, 605–614. [CrossRef] [PubMed]

48. Montuori, N.; Ragno, P. Role of uPA/uPAR in the modulation of angiogenesis. Angiogenesis Lymphangiogenesis Clin. Implic. 2014,
99, 105–122. [CrossRef]

49. Gorrasi, A.; Petrone, A.M.; Li Santi, A.; Alfieri, M.; Montuori, N.; Ragno, P. New Pieces in the Puzzle of uPAR Role in Cell
Migration Mechanisms. Cells 2020, 9, 2531. [CrossRef]

50. Mehra, A.; Ali, C.; Parcq, J.; Vivien, D.; Docagne, F. The plasminogen activation system in neuroinflammation. Biochim. Biophys.
Acta (BBA)-Mol. Basis Dis. 2016, 1862, 395–402. [CrossRef]

51. Stavrou, E.X.; Fang, C.; Bane, K.L.; Long, A.T.; Naudin, C.; Kucukal, E.; Gandhi, A.; Brett-Morris, A.; Mumaw, M.M.; Izadmehr,
S.; et al. Factor XII and uPAR upregulate neutrophil functions to influence wound healing. J. Clin. Investig. 2018, 128, 944–959.
[CrossRef]

52. Dong, L.; Younhee, P.; Taftaf, R.; Liu, J.; Cristofanilli, M. Tumor Cell-Secreted Soluble uPAR Functions as a Neutrophil Chemoattractant
to Promote Triple-Negative Breast Cancer Metastasis; Research Square Platform LLC: Durham, NC, USA, 2022. [CrossRef]

53. Shi, H.; Liu, L.; Liu, L.; Geng, J.; Zhou, Y.; Chen, L. β-Elemene inhibits the metastasis of B16F10 melanoma cells by downregulation
of the expression of uPA, uPAR, MMP-2, and MMP-9. Melanoma Res. 2014, 24, 99–107. [CrossRef] [PubMed]

54. Veeravalli, K.K.; Rao, J.S. MMP-9 and uPAR regulated glioma cell migration. Cell Adhes. Migr. 2012, 6, 509–512. [CrossRef]
[PubMed]

55. Park, E.J.; Lee, Y.M.; Oh, T.I.; Kim, B.M.; Lim, B.O.; Lim, J.H. Vanillin suppresses cell motility by inhibiting STAT3-mediated
HIF-1α mRNA expression in malignant melanoma cells. Int. J. Mol. Sci. 2017, 18, 532. [CrossRef]

56. Pavón, M.A.; Arroyo-Solera, I.; Céspedes, M.V.; Casanova, I.; Leon, X.; Mangues, R. uPA/uPAR and SERPINE1 in head and neck
cancer: Role in tumor resistance, metastasis, prognosis and therapy. Oncotarget 2016, 7, 57351–57366. [CrossRef]

57. Montgomery, N.; Hill, A.; McFarlane, S.; Neisen, J.; O’Grady, A.; Conlon, S.; Jirstrom, K.; Kay, E.W.; Waugh, D.J. CD44 enhances
invasion of basal-like breast cancer cells by upregulating serine protease and collagen-degrading enzymatic expression and
activity. Breast Cancer Res. 2012, 14, R84. [CrossRef] [PubMed]

http://dx.doi.org/10.1093/nar/gkaa1074
http://dx.doi.org/10.1093/nar/gkq537
http://dx.doi.org/10.1593/tlo.11310
http://dx.doi.org/10.2967/jnumed.115.157909
http://www.ncbi.nlm.nih.gov/pubmed/26834103
http://dx.doi.org/10.1002/smll.201601829
http://dx.doi.org/10.1038/nrm2821
http://dx.doi.org/10.1002/med.10054
http://dx.doi.org/10.1016/j.ajpath.2014.08.003
http://dx.doi.org/10.3892/ijo.2017.3996
http://www.ncbi.nlm.nih.gov/pubmed/28498427
http://dx.doi.org/10.1007/s11060-008-9557-x
http://www.ncbi.nlm.nih.gov/pubmed/18317688
http://dx.doi.org/10.1016/S0049-3848(20)30405-9
http://dx.doi.org/10.1158/0008-5472.CAN-06-2350
http://dx.doi.org/10.1007/s00262-020-02739-w
http://dx.doi.org/10.1371/journal.pgen.1004031
http://dx.doi.org/10.1089/ten.tea.2007.0425
http://www.ncbi.nlm.nih.gov/pubmed/18652541
http://dx.doi.org/10.1159/000353310
http://dx.doi.org/10.3390/cells9122531
http://dx.doi.org/10.1016/j.bbadis.2015.10.011
http://dx.doi.org/10.1172/JCI92880
http://dx.doi.org/10.21203/rs.3.rs-2076549/v1
http://dx.doi.org/10.1097/CMR.0000000000000043
http://www.ncbi.nlm.nih.gov/pubmed/24535052
http://dx.doi.org/10.4161/cam.21673
http://www.ncbi.nlm.nih.gov/pubmed/23076139
http://dx.doi.org/10.3390/ijms18030532
http://dx.doi.org/10.18632/oncotarget.10344
http://dx.doi.org/10.1186/bcr3199
http://www.ncbi.nlm.nih.gov/pubmed/22621373


Int. J. Mol. Sci. 2024, 25, 1998 13 of 13

58. Nunez-Wehinger, S.; Ortiz, R.; Diaz, N.; Diaz, J.; Lobos-Gonzalez, L.; Quest, A. Caveolin-1 in cell migration and metastasis. Curr.
Mol. Med. 2014, 14, 255–274. [CrossRef]

59. Edfors, F.; Danielsson, F.; Hallström, B.M.; Käll, L.; Lundberg, E.; Pontén, F.; Forsström, B.; Uhlén, M. Gene-specific correlation of
RNA and protein levels in human cells and tissues. Mol. Syst. Biol. 2016, 12, 883. [CrossRef]

60. Patel, A.P.; Tirosh, I.; Trombetta, J.J.; Shalek, A.K.; Gillespie, S.M.; Wakimoto, H.; Cahill, D.P.; Nahed, B.V.; Curry, W.T.; Martuza,
R.L.; et al. Single-cell RNA-seq highlights intratumoral heterogeneity in primary glioblastoma. Science 2014, 344, 1396–1401.
[CrossRef]

61. Andrews, S. Babraham Bioinformatics-FastQC a Quality Control Tool for High throughput Sequence Data. 2010. Available
online: https://www.bioinformatics.babraham.ac.uk/projects/fastqc (accessed on 1 March 2023).

62. Bolger, A.M.; Lohse, M.; Usadel, B. Trimmomatic: A flexible trimmer for Illumina sequence data. Bioinformatics 2014, 30, 2114–2120.
[CrossRef]

63. Dobin, A.; Davis, C.A.; Schlesinger, F.; Drenkow, J.; Zaleski, C.; Jha, S.; Batut, P.; Chaisson, M.; Gingeras, T.R. STAR: Ultrafast
universal RNA-seq aligner. Bioinformatics 2013, 29, 15–21. [CrossRef] [PubMed]

64. Frankish, A.; Diekhans, M.; Ferreira, A.M.; Johnson, R.; Jungreis, I.; Loveland, J.; Mudge, J.M.; Sisu, C.; Wright, J.; Armstrong, J.;
et al. GENCODE reference annotation for the human and mouse genomes. Nucleic Acids Res. 2019, 47, D766–D773. [CrossRef]
[PubMed]

65. Amezquita, R.A.; Lun, A.T.; Becht, E.; Carey, V.J.; Carpp, L.N.; Geistlinger, L.; Marini, F.; Rue-Albrecht, K.; Risso, D.; Soneson, C.;
et al. Orchestrating single-cell analysis with Bioconductor. Nat. Methods 2020, 17, 137–145. [CrossRef] [PubMed]

66. McCarthy, D.J.; Campbell, K.R.; Lun, A.T.; Wills, Q.F. Scater: Pre-processing, quality control, normalization and visualization of
single-cell RNA-seq data in R. Bioinformatics 2017, 33, 1179–1186. [CrossRef] [PubMed]

67. Vargo, A.H.; Gilbert, A.C. A rank-based marker selection method for high throughput scRNA-seq data. BMC Bioinform. 2020,
21, 477. [CrossRef] [PubMed]

68. Wilfinger, W.W.; Miller, R.; Eghbalnia, H.R.; Mackey, K.; Chomczynski, P. Strategies for detecting and identifying biological
signals amidst the variation commonly found in RNA sequencing data. BMC Genom. 2021, 22, 322. [CrossRef] [PubMed]

69. Robinson, M.D.; McCarthy, D.J.; Smyth, G.K. edgeR: A Bioconductor package for differential expression analysis of digital gene
expression data. Bioinformatics 2010, 26, 139–140. [CrossRef]

70. Lun, A.T.; McCarthy, D.J.; Marioni, J.C. A step-by-step workflow for low-level analysis of single-cell RNA-seq data with
Bioconductor. F1000Research 2016, 5, 2122. [CrossRef]

71. Csardi, G.; Nepusz, T. The igraph software package for complex network research. InterJournal 2006, 1695, 1–9.
72. Sherman, B.T.; Hao, M.; Qiu, J.; Jiao, X.; Baseler, M.W.; Lane, H.C.; Imamichi, T.; Chang, W. DAVID: A web server for functional

enrichment analysis and functional annotation of gene lists (2021 update). Nucleic Acids Res. 2022, 50, W216–W221. [CrossRef]
73. Shannon, P.; Markiel, A.; Ozier, O.; Baliga, N.S.; Wang, J.T.; Ramage, D.; Amin, N.; Schwikowski, B.; Ideker, T. Cytoscape: A

software environment for integrated models of biomolecular interaction networks. Genome Res. 2003, 13, 2498–2504. [CrossRef]
[PubMed]

74. Hou, J. New Approaches of Protein Function Prediction from Protein Interaction Networks; Academic Press: Cambridge, MA, USA, 2017.
75. Wickham, H. ggplot2: Elegant Graphics for Data Analysis; Springer: New York, NY, USA, 2016.
76. Blighe, K.; Rana, S.; Lewis, M. EnhancedVolcano: Publication-ready volcano plots with enhanced colouring and labeling. R

Package Version 2019, 19, 5735–5740.

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

http://dx.doi.org/10.2174/1566524014666140128112827
http://dx.doi.org/10.15252/msb.20167144
http://dx.doi.org/10.1126/science.1254257
https://www.bioinformatics.babraham.ac.uk/projects/fastqc
http://dx.doi.org/10.1093/bioinformatics/btu170
http://dx.doi.org/10.1093/bioinformatics/bts635
http://www.ncbi.nlm.nih.gov/pubmed/23104886
http://dx.doi.org/10.1093/nar/gky955
http://www.ncbi.nlm.nih.gov/pubmed/30357393
http://dx.doi.org/10.1038/s41592-019-0654-x
http://www.ncbi.nlm.nih.gov/pubmed/31792435
http://dx.doi.org/10.1093/bioinformatics/btw777
http://www.ncbi.nlm.nih.gov/pubmed/28088763
http://dx.doi.org/10.1186/s12859-020-03641-z
http://www.ncbi.nlm.nih.gov/pubmed/33097004
http://dx.doi.org/10.1186/s12864-021-07563-9
http://www.ncbi.nlm.nih.gov/pubmed/33941086
http://dx.doi.org/10.1093/bioinformatics/btp616
http://dx.doi.org/10.12688/f1000research.9501.2
http://dx.doi.org/10.1093/nar/gkac194
http://dx.doi.org/10.1101/gr.1239303
http://www.ncbi.nlm.nih.gov/pubmed/14597658

	Introduction
	Results
	PLAUR Shows High Relative Expression within Single Cells
	Differential Expression Analysis of High-PLAUR Cells Reveals Involvement in Angiogenesis and Immune Response/Activation
	PLAUR Is Recognized as an Intratumoral Subtype Marker across Various Samples
	PLAUR Is a Marker Gene for Two Distinct Intra-Tumoral Subtypes
	PLAUR Primarily Operates within Two Protein Networks in Both Subtypes

	Discussion
	Materials and Methods
	Data Source and Pre-Processing
	Calculation of Percentage Rank and Abundance
	Differential Expression Analysis
	Cell Clustering and Enrichment Analysis
	Protein Network Analysis
	Data Visualization

	Conclusions
	References

