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Abstract: DNA-based enzymes, or DNAzymes, are single-stranded DNA sequences with the ability to
catalyze various chemical reactions, including the cleavage of the bond between two RNA nucleotides.
Lately, an increasing interest has been observed in these RNA-cleaving DNAzymes in the biosensing
and therapeutic fields for signal generation and the modulation of gene expression, respectively.
Additionally, multiple efforts have been made to study the effects of the reaction environment and the
sequence of the catalytic core on the conversion of the substrate into product. However, most of these
studies have only reported alterations of the general reaction course, but only a few have focused on
how each individual reaction step is affected. In this work, we present for the first time a mathematical
model that describes and predicts the reaction of the 10–23 RNA-cleaving DNAzyme. Furthermore,
the model has been employed to study the effect of temperature, magnesium cations and shorter
substrate-binding arms of the DNAzyme on the different kinetic rate constants, broadening the range
of conditions in which the model can be exploited. In conclusion, this work depicts the prospects
of such mathematical models to study and anticipate the course of a reaction given a particular
environment.
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1. Introduction

Enzymes are naturally occurring molecules exhibiting a catalytic functionality, which
play a crucial role in biological and industrial processes, placing them at the heart of enzyme-
based biosensors [1]. For many years, the scientific dogma that only proteins could have
enzymatic activity was widely accepted. However, in 1982, Cech et al. showed evidence of
a self-splitting RNA, named ribozyme, causing a transformation in the field [2]. A decade
later, the work from Santoro and Joyce revolutionized the field again by synthesizing
the first DNA-based enzyme [3]. DNA enzymes, also known as DNAzymes, are DNA
sequences able to catalyze chemical reactions in a similar manner as protein enzymes.
However, contrary to ribozymes or protein enzymes, DNAzymes cannot be found in
nature and are generated through an in vitro selection process [4]. Since their discovery,
many DNAzymes have been selected, exhibiting a wide variety of functionalities, such as
redox [5], ligation [6], phosphorylation [7] or RNA cleavage [8].

In the biosensing field, RNA-cleaving DNAzymes have attracted significant atten-
tion [9] as signal generation elements due to their numerous advantages compared to
protein or RNA analogues [10]. Some of these advantages include low manufacturing cost,
their stability over a wide condition range and their ability to work at different tempera-
tures [11,12]. They have been used for the detection of metal ions in different samples [13],
nucleic acid detection [14,15] and proteins, the last when combined with aptamers [16,17].
Furthermore, their high specificity makes DNAzymes an excellent choice for multiplex
target detection [18,19]. Another important field of application is therapeutics, in which
RNA-cleaving DNAzymes are a promising tool to modulate the expression of certain
genes [20,21]. Nevertheless, in this field, some challenges still need to be overcome, the
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main one being the fact that the low concentrations of cofactors present inside cells hinder
the performance of DNAzymes [22,23].

Among the several selected RNA-cleaving DNAzymes, the 10–23 is the most exten-
sively studied [8]. It has a catalytic loop of 15 nucleotides, flanked on both sides by the
substrate-binding arms, and catalyzes the cleavage of RNA sequences and DNA/RNA
hybrids [24]. For many years, researchers have studied the reaction and the structure–
function relation [25–27], but due to a lack of sufficient structural information, its reaction
mechanism has not been unraveled until recently [28]. Furthermore, relevant information
about the performance of this DNAzyme has been obtained over the years, such as the
dependence on a divalent cation (i.e., magnesium, Mg2+), pH and temperature [11]. Many
studies have focused on the functionality and role of each core nucleotide [29,30], and even
their different functional groups [31]. Additionally, some studies have identified relations
between the hybridization free energy of the substrate-binding arms and the rate of the
reaction [32]. However, most of these studies are based on the overall enhancement or
reduction of signal generation to describe the kinetics of the reaction, and, to the best of our
knowledge, none of the available studies have investigated how the reaction conditions
influence each reaction step individually. Having insight on how the different reaction steps
are affected by the reaction conditions would allow for a better and more precise control
of the reaction, as changing the conditions (e.g., increasing the temperature or decreasing
the concentration of the cofactor) might lead to opposite effects on different reaction steps,
resulting in an undesired output. Besides the reaction conditions, the relation between
the length of the substrate-binding arms and the reaction temperature is a relevant aspect
to study, especially in the biosensing field, since there are some applications that work at
room temperature [16,33,34]. Additionally, the possibility to observe which reaction step is
affected provides a deeper understanding of the reaction mechanism.

Therefore, in this work, we present for the first time a mathematical model to describe
the cleavage reaction catalyzed by the 10–23 DNAzyme. The reaction mechanism employed
has been defined based on the available studies and the similarities between RNA-cleaving
DNAzymes and hammerhead ribozymes (Figure 1A,B) [11,26,28,35,36]. Through the fitting
of experimental curves for different substrate concentrations and the estimation of the rate
constants, the proposed reaction mechanism is validated. Finally, we expand the model
by implementing the dependence of the reaction kinetics on the temperature and the con-
centration of the reaction cofactor Mg2+, and estimating the rate constants for a DNAzyme
with shorter substrate-binding arms that cleaves its substrate at room temperature.
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arms, adjacent to the catalytic core, which bind the substrate (S). The hybridization of E and S forms 
a complex (ES), which cleaves the phosphodiester bond between the RNA bases positioned in the 
middle of the substrate sequence (depicted in A with an orange cross), resulting in EP. After cleav-
age, the catalytic core stretches, increasing the end-to-end distance. Subsequently, the product se-
quences are released, and E is able to initiate a new reaction. In this kinetic scheme, P refers to the 

Figure 1. Overview of the procedure for development and validation of the mathematical model.
(A,B) Proposed reaction mechanism of the RNA-cleaving 10–23 DNAzyme, illustrated schematically
and by the minimal kinetic scheme, respectively. DNAzymes (E) contain two substrate-binding arms,
adjacent to the catalytic core, which bind the substrate (S). The hybridization of E and S forms a
complex (ES), which cleaves the phosphodiester bond between the RNA bases positioned in the
middle of the substrate sequence (depicted in A with an orange cross), resulting in EP. After cleavage,
the catalytic core stretches, increasing the end-to-end distance. Subsequently, the product sequences
are released, and E is able to initiate a new reaction. In this kinetic scheme, P refers to the product
strand that dissociates most slowly. The reaction is monitored by labeling the ends of the S with a
fluorophore (F) and a quencher (Q). Upon cleavage of the S sequence, the distance between the F and
Q increases, resulting in a fluorescent signal increase. The association and dissociation of E and S are
indicated by kon and koff. The cleavage and ligation rates are defined by kclv and klig, and the rates for
release and binding of P are represented by krls and kbin.
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To accomplish this, we measure the product generation over time by labeling the
substrate sequence (i.e., single-stranded DNA sequence with two RNA bases on the cleav-
age site) labeled with a fluorophore (F) and a quencher (Q) on both ends. Upon cleavage,
the distance between them increases, resulting in an increase in the fluorescent signal
(Figure 1A) [37]. The kinetic curves are monitored for several concentrations of substrate,
while keeping a fixed concentration of DNAzyme. By means of ordinary differential equa-
tions (ODEs) describing the reaction in Figure 1B, we estimate the rate constants using
an enhanced scatter search (ESS) and the least-squares nonlinear optimization (lsqnonlin)
method. Next, the 95% confidence interval (CI) of these parameters is calculated from the
distribution after bootstrap resampling. Lastly, Monte Carlo simulations are carried out to
assess the output based on the variability of the input variables. Following the develop-
ment of the model, we demonstrate the feasibility of predicting unknown conditions by
simulating the model output of a specific condition, not included during the optimization
process, and comparing it with the experimental data obtained under the same conditions.
Moreover, we study the robustness of the model by executing a sensitivity analysis and
identify the rate-limiting steps of the reaction. Lastly, we demonstrate the usefulness of the
model by fitting curves measured under several temperatures and concentrations of Mg2+

next to those measured for DNAzyme with shorter substrate-binding arms to investigate
the dependence of the different reaction steps on these conditions. As such, we describe
the first mathematical model to extract the rate constants of each individual reaction step
from the fluorescent signal generated over time. Additionally, the model can be used to
predict the velocity of the reaction for specific experimental conditions. Understanding the
role of the different steps in the overall reaction is essential to select which steps should be
modified in order to further optimize or tailor the speed of the reaction to specific needs.

2. Results and Discussion
2.1. Activity Measurements

To study the kinetics of the 10–23 DNAzyme catalyzed reaction, we monitored the con-
version of a DNA–RNA hybrid substrate into product by fluorescently labeling the substrate
as depicted in Figure 1A. The reaction was studied for 10 nmol/L of the DNAzyme with
long substrate-binding arms (DNAzymeLg) and several concentrations of the corresponding
long substrate (SubstrateLg, 100–1000 nmol/L), and the measurements were calculated at the
suggested working temperature of 55 ◦C [38] and 20 mmol/L of Mg2+ (Figure 2, symbols).
In order to determine whether all substrate sequences had been converted into product, we
compared the fluorescence intensity of the reaction curves with the intensity of a sequence
representing half of the original substrate (i.e., one of the generated products). The result of
such comparison confirmed full completion of the reaction (Figure S1).
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2.2. Model Optimization

To model the DNAzyme reaction, we divided the reaction into several steps following
the mechanism of the reaction instead of using a general parameter to describe the whole
reaction course (kobs). In this manner, we obtained kinetic information for each reaction step
and a more detailed characterization of the DNAzyme activity. The reaction mechanism
employed here was based on the similarities with the hammerhead ribozyme, the initial
work performed by Santoro and Joyce and the recent findings from Borggräfe et al., shown
in Figure 1B. The reaction starts with the hybridization of the substrate and the DNAzyme,
thereby forming the DNAzyme–Substrate complex (ES). This is followed by the cleavage
of the phosphodiester bond between the RNA bases and stretching of the catalytic core,
resulting in the DNAzyme–Product complex (EP). Although the study by Borggräfe et al.
proposes several intermediate steps between the ES and EP complexes, we opted for a
reduced version, in which these intermediate steps are described by kclv. Their mechanism
includes the stabilization and activation of the ES complex via ion binding, resulting in a
too complex model for the experimental data we had available. Finally, the two reaction
products dissociate from the DNAzyme, allowing the latter to start a new cycle. Although
the reaction generates two products, for simplicity, the last step of the reaction (i.e., the
release of the product strands) refers only to the slowest one, which, according to the
Gibbs free energy, happens at the 5′ side of the substrate sequence (P). As mentioned
earlier, upon cleavage of the substrate sequence, the DNAzyme catalytic core changes the
conformation [28,36], increasing the distance between the F and Q. Therefore, assuming
that both EP and P contribute equally to the final measured fluorescence (Figure 1A), we
constructed the model considering the sum of the EP and P concentrations to be compared
with the experimental data.

Considering the aspects mentioned in the previous paragraph and using the law of
mass action, we wrote the ODEs (Equations (1)–(5)) describing the reaction mechanism,
where each step was formalized by the forward and the backward reaction, and the
corresponding rate constant (Figure 1B). To start with, we assumed equilibrium reactions
for all the steps. To optimize the parameter estimates for the full-equilibrium model version,
we followed the steps described in the corresponding section of Materials and Methods.
From the estimates obtained (Full Equilibrium column in Table S3), we could observe
that the rate constant of the ligation reaction (klig) was hundred times smaller than the
forward reaction, i.e., the cleavage of the substrate (kclv). These results suggested that
the reaction had a stronger preference for the cleavage of the substrate than the ligation
of the product strands, which was consistent with the observations from Santoro and
Joyce [11]. Additionally, the estimated klig was not significantly different from zero due
to the large standard deviation. Therefore, we excluded this reaction step and refitted the
model (No Ligation, Figure S2A). To compare the performance between model versions,
we used the estimates and standard deviation of the parameters and Akaike’s information
criterion (AIC), which is a measure to evaluate the goodness of fit, including a penalty
for the number of parameters to estimate [39]. As can be seen from the obtained results
(No Ligation column in Table S3), excluding klig from the model resulted in a slightly
larger AIC, but all the parameters estimates were significant since the standard deviation
of the estimates was lower. Similarly, we also observed that in both models, the release
rate constant (krls) was a hundred times larger than the one referring to the binding of
the product and the DNAzyme (kbin). Thus, we estimated the rate constants, excluding
kbin, as well (No Binding, Figure S2B), which caused an increase in the AIC and larger
standard deviations and non-significant estimates (No Binding column in Table S3). A
possible explanation for this decrease in the performance could be that, by removing two
reaction parameters, we were excessively simplifying the model, and, as such, it was not
able to provide a good fit. Based on the results obtained, we could infer that only removing
the ligation step led to the best fit of the experimental data, while maintaining a significant
estimation of the rate constants. Additionally, this model version was in agreement with
the previous findings [11]. Therefore, we selected the No Ligation version of the model for
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subsequent fittings. To account for pipetting inaccuracies and variability during the manual
preparation of the reaction solutions, we introduced two terms describing the relative error
between the target and the actual concentration of DNAzyme and substrate, named ErrE
and ErrS. We estimated the value of these errors for each reaction curve independently and
used them to initiate the state variables using Equations (6) and (7), resulting in a model
able to follow each reaction curve with good accuracy (Figure 2, solid lines).

The CI of the parameter estimates obtained during the calibration of the model using
the lsqnonlin were calculated under the assumption of normality, which, in the case of
nonlinear models, is often not true. Therefore, to obtain a more accurate CI, we ran the
bootstrapping feature of the software, which applies an error-based resampling method
to resample the original data, generating random look-a-like data sets, which were subse-
quently used for model fitting [40]. During this step, we generated one hundred bootstrap
data sets, resulting in one hundred sets of parameter estimates, from which we calculated
their 95% CI (Table 1), thus accounting for any non-normality in the parameters’ distribu-
tions (Table S4), and their possible correlation (Figure S3). Additionally, this step provided
information about the variation of the reaction input. Regarding the ErrS, as depicted in
Figure S4A, the values were between 0.89 and 1.12, indicating less than a 12% error in terms
of the substrate. Similarly, focusing on ErrE (Figure S4B), the values observed were slightly
larger than for ErrS, being between 0.74 and 5.38. Nevertheless, we could observe that
these larger relative errors were only obtained for the lowest concentration of substrate
(100 nmol/L), while for the upper value, hardly any large relative error was present. A
possible explanation could be that due to the short duration of the reaction, the information
content was too low for a more accurate estimation.

Table 1. Overview of the rate constants for the DNAzymeLg catalyzed reaction and the 95% confidence
interval (CI) determined from 100 randomly generated bootstrap data sets.

Parameter 95% CI
kon ((nmol/L)−1·s−1) 4.32 × 10−3–4.73 × 10−3

koff (s−1) 1.46 × 10−1–1.65 × 10−1

kclv (s−1) 2.10 × 10−1–2.34 × 10−1

krls (s−1) 1.91 × 101–2.22 × 101

kbin ((nmol/L)−1·s−1) 1.07 × 10−1–1.19 × 10−1

To further understand the significance of each reaction step in the global product
generation, we performed a sensitivity analysis where we systematically increased or
decreased one of the rate constants and simulated the output of the reaction. Although the
analysis was performed for all the substrate concentrations included in the training data
set, the most significant changes were observed for the highest substrate concentration,
1000 nmol/L (Figure 3). From the results obtained, we could see that koff and kbin are the
most robust parameters, as not much change in the output was observed when applying
up to a 60% change in these rate constants. Considering these two parameters refer to
backward steps, it is interesting to see that even if their value varies up to 60%, the outcome
of the reaction is not much affected. Thus, the reaction conditions could be modified to
favor the forward steps, without significant impact on the backward steps. On the other
hand, the most sensitive parameter was kclv, followed by kon, as a variation of their value
resulted in a large alteration of the reaction output. Interestingly, we noticed a different
change of the global reaction rate, depending on whether the rate constant was increased
or decreased. A possible explanation for this behavior would be that when increasing
a rate constant, the overall increase might be limited by another rate constant, and, as
such, accelerating that step would not lead to an additional increase in the total reaction
rate. From the biological point of view, the upper limit of kclv could be explained by the
maximal speed achievable with the chemical groups available in the nucleotides of the core
sequence, as shown by Breaker et al. [41]. Based on the results obtained, the DNAzyme
catalyzed reaction was most likely limited by the speed of the cleavage, closely followed
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by the hybridization step. The findings from this sensitivity analysis are in accordance
with the results from Borggräfe et al. since the step they determined as potentially rate
limiting is part of the step captured by kclv [28]. Notwithstanding, in multiple turnover
conditions (i.e., excess of substrate), in order to substantially increase the overall rate of
the DNAzyme reaction, multiple reaction steps should be accelerated. Modifying the
experimental conditions would have an impact on several reaction steps, thus being a
prospective approach to modulate the velocity of the reaction.
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for a SubstrateLg concentration of 1000 nmol/L. To perform this analysis, the rate constants were
systematically evaluated in a range of ±60%, based on the estimate values shown in Table S4. The
process was performed for each of the rate constants independently: (A) kon, (B) koff, (C) kclv, (D) krls

and (E) kbin.

2.3. Model Validation

With the aim of evaluating the predictive value of the model, we predicted the response
of the reaction for four concentrations not included in the training set: one within the
concentration range studied and three outside. To achieve that, we first simulated the
product generation for 400 nmol/L of SubstrateLg and 10 nmol/L of DNAzymeLg using
Monte Carlo simulations, a technique to simulate the probability of the model outcome
based on the uncertainty of the model parameter values [42]. In this case, we simulated the
product increase over time based on the possible variability introduced by the distribution
of ErrS and ErrE. Afterwards, we compared the corresponding experimental curves with the
probability of the simulated reaction output. As can be observed in Figure 4, we obtained a
good agreement between the model predictions and the experimental data, demonstrating
in this manner the possibility to predict the time course of the DNAzymeLg reaction given
a specific set of reaction conditions. In a next step, to stretch the limits of the model, we
simulated the reaction kinetics for three additional SubstrateLg concentrations that fell
outside the range used in the fitting process (i.e., 50, 1250 and 1500 nmol/L). From the
comparison with the experimental data, we could observe that for smaller concentrations
(Figure S5A), the model was able to predict reasonably well the course of the reaction.
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Nevertheless, for higher concentrations (Figure S5B,C), discrepancies were noticed, as the
model predicted a faster reaction than what was observed in the experimental data. Based
on the results obtained, we could conclude that the model is able to appropriately anticipate
the product generation up to a concentration of 1000 nmol/L of SubstrateLg. Since the
differences observed increase with larger concentrations of substrate, we hypothesized that
these results are due to a saturation of the DNAzymes by the substrate available in the
solution, which was not covered by the current model approach. Thus, from the signal
amplification point of view, large ratios between the DNAzyme and the substrate could
decrease the speed at which the signal is being generated, resulting in a lower performance
of the bioassay.
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Figure 4. Validation of the model by predicting the time course of the DNAzymeLg reaction for a test
concentration of 400 nmol/L of SubstrateLg and 10 nmol/L of DNAzymeLg. The colormap represents
the frequency of the distributions of the modeled product as a function of time; for each time point,
the sum of all the frequencies equals to 1. The three orange symbols indicate the three validation
experiments, and the blue solid lines depict the 95% CI. The reaction was performed at 55 ◦C and in
the presence of 20 mmol/L of Mg2+.

2.4. Temperature Dependence

Temperature is an important factor in the kinetics of any enzymatic reaction [43]. Thus,
we extended the model to study such dependency by monitoring the DNAzyme reaction
at four additional temperatures (50, 52, 58 and 60 ◦C), which were below the melting
temperature (Tm) of the DNAzyme–Substrate complex (67 ◦C) and above the Tm of the
DNAzyme–Product complex (42.4 and 40.6 ◦C for the 5′ and the 3′ side, respectively).
Overall, we observed an increase in the reaction speed when increasing the temperature
(Figure 5A). Additionally, we modified the ODEs to include the temperature dependence
on each rate constant using the relation defined by Arrhenius (Equation (8)) and estimated
the Ea for each reaction step following the process described in the Materials and Methods
section. DNA hybridization studies have determined that the association of two DNA
strands has a high temperature dependence and follows an anti-Arrhenius behavior, mean-
ing that the rate of the reaction diminishes when increasing the temperature [44–46]. This
behavior is associated with the instability increase in initial contacts between two DNA
strands. Hence, in accordance with these findings, we performed the estimation of the Ea
starting with much lower initial values for the association and product binding steps.
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20 mmol/L of Mg2+. The error bars represent the standard deviation from three independent repe-
titions. (B) Comparison of the product increase between the experimental curves (circles) and the
model (solid lines) for different temperatures: (i) 50 ◦C, (ii) 52 ◦C, (iii) 55 ◦C, (iv) 58 ◦C and (v) 60 ◦C.
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(100–1000 nmol/L) in the presence of 20 mmol/L of Mg2+. The parameters estimated can be found
in Table S6. (C) Scatter plot depicting the relationship between (i) koff, (ii) kclv and (iii) krls with the
temperature.

From the estimated values (column named All Ea in Table S5), we could observe
a larger Ea value for the substrate dissociation step than for the association, indicating
that the formation of the ES complex would be more impacted by the larger dissociation
rates when the temperature increases. We observed a similar effect for the Ea values
referring to the release and binding of the product. Consequently, since kon and kbin showed
minimal temperature dependence, we evaluated the ability of the model to fit the data
when removing either one parameter or both, reducing in this manner the complexity of
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the model. The comparison of the different model variations was performed using the
estimates and standard deviations of Ea, and the AIC values (Table S5). We observed
an improvement in the goodness of fit between the model considering a temperature
dependence on all the reaction steps (All Ea) and when excluding the dependence from the
substrate association and product binding steps (No Ea,on and Ea,bin column in Table S5).
Additionally, we noticed an improvement of the parameter estimation, as the standard
deviations were overall smaller. Thus, considering the improvement in the quality of
the fit and on the estimation of the parameters, we continued the process, excluding the
temperature dependency of kon and kbin. Considering the narrow range of temperatures
used for estimating the Ea values, the Arrhenius equation behaves linearly, which could
disregard any temperature dependences of Ea [47]. Based on the results obtained, we
could claim that, despite the increase in the dissociation rate, increasing the temperature
would favor a faster generation of signal. Nevertheless, as can be seen in Figure 5C, at
60 ◦C, the dissociation rate is comparable to the cleavage rate. Hence, any further increase
in the temperature would negatively affect the cleaving capabilities of the DNAzyme,
probably caused by approximation to the Tm of the ES complex, which would promote the
dissociation of the complex.

Subsequently, to benefit from all the additional information among the temperatures
tested, we re-estimated kref of the different reaction steps using the Arrhenius equation
and the Ea estimated. Additionally, we estimated the relative error of the SubstrateLg and
DNAzymeLg concentration caused by the manual preparation of the reaction samples. As
can be seen in Figure 5B, the developed model was able to properly fit the experimental
curves obtained at the different temperatures. Then, using bootstrapping, we determined
the 95% CI of the kref, the Ea parameters and their actual distribution (Table S6); the
correlation among the estimates (Figure S6); and the distribution of the errors (Figure S7).

The impact of the temperature on the rate-limiting step was studied by calculating the
rate constant of each reaction step for the different temperatures using the Arrhenius equa-
tion and the parameters estimated during the bootstrapping process. Then, we performed
the sensitivity analysis for the five temperatures included in the model (Figures S8–S12).
From the results obtained, we could see that at lower temperatures, the system was more
sensitive to changes in the rate constants. Nevertheless, similar to the previous results,
koff was the most robust parameter across the whole temperature and substrate concentra-
tion range. Regarding krls and kbin, we noticed that the higher the temperature, the less
sensitive the reaction was to these parameters, which could be explained from the DNA
hybridization point of view, as the temperature was well above the Tm of the EP complex,
promoting, as such, the dehybridization of the strands. Interestingly, regarding kon and kclv,
we observed that kclv showed to be the most sensitive parameter for all the temperatures.
However, at higher temperatures, we noticed that for lower concentrations of SubstrateLg
(100 nmol/L), the reaction was mainly limited by kon. A possible explanation for these
results may be related to the opposite behavior of kon and kclv with the temperature. Thus,
for low concentrations of substrate from a certain temperature onwards, kclv becomes larger
than kon, resulting in the latter being able to become the rate-determining rate constant.
Additionally, the differences depending on the substrate concentration might be related to
the fact that the hybridization step is a first-order reaction, whereas the cleavage step is a
zero-order reaction.

2.5. Magnesium Dependence

The 10–23 DNAzyme was selected in the presence of Mg2+, and, as such, its activity
depends on the concentration of this cation [8]. In order to study the Mg2+ dependence
of the rate constants, we monitored the DNAzyme reaction at additional concentrations
of Mg2+ (0, 2, 10, 60 and 100 mmol/L). An absence of Mg2+ resulted in no product being
generated, while for the other concentrations, we observed an overall increase in the velocity
of the reaction when increasing the concentration of Mg2+ (Figure 6A). Additionally, Mg2+

being a positive ion, it stabilizes the interaction between two DNA strands [48], influencing
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also the rate of association and dissociation of the DNAzyme with the substrate and the
product. Such relationships were implemented in the model using an exponential function
(Equations (9) and (10)), which was selected taking into account the following: (1) an initial
optimization we performed by estimating the rate constants for each Mg2+ concentration;
(2) the fact that we could still observe if the dependence was in the linear range and adjust
it accordingly; and (3) the limited number of binding spots on the DNAzyme sequence for
the Mg2+ to interact with, thus reaching a saturation level.
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for 10 nmol/L DNAzymeLg and 750 nmol/L of SubstrateLg for several concentrations of Mg2+

(2–100 mmol/L) and at 55 ◦C. The error bars represent the standard deviation from three indepen-
dent repetitions. (B) Comparison of the product generation in the experimental curves (circles) and
the model (solid lines) for different concentrations of magnesium cation: (i) 2 mmol/L, (ii) 10 mmol/L,
(iii) 20 mmol/L, (iv) 60 mmol/L and (v) 100 mmol/L. The reaction was measured for 10 nmol/L of
DNAzymeLg and several SubstrateLg concentrations (100–1000 nmol/L) at 55 ◦C. The parameters
estimated can be found in Table S8. (C) Scatter plot depicting the relationship between kon (i), kclv (ii)
and krls (iii) with the concentration of Mg2+.
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From the initial model optimization, we could observe a very small dependence of
koff and kbin on the concentration of Mg2+. With the aim of simplifying the model, we
removed the dependency on these parameters and optimized the model again, leading
to an improvement of the goodness-of-fit parameters and the estimated values, as can
be seen in Table S7. Intermediate steps were also evaluated (no dependency on koff or
kbin, not shown), which resulted in a decrease in the quality of the fit. Therefore, we
decided to continue the fitting, excluding the Mg2+ dependence on koff and kbin. Next,
following the methodology detailed in the corresponding section of Materials and Methods
and Equations (9) and (10), the 95% CI of the parameters for the exponential functions
(Table S8), the correlation among the parameters (Figure S13) and the distribution of errors
on the DNAzymeLg and SubstrateLg concentration were obtained (Figure S14). As shown
in Figure 6B, the implemented Mg2+ dependence on the reaction steps yielded a model able
to rigorously fit the kinetic curves obtained at different cation concentrations. For a deeper
analysis of the dependence under study, we calculated and plotted the rate constants
against the concentration of cofactor. As can be observed in Figure 6C, krls reached a
saturation at much lower concentrations of Mg2+ than kon and kclv, which were still in
the more linear part. Focusing on krls and taking into account the difference between the
concentrations measured in the lowest range, we could not discern between a gradual
change or a switch between the two extreme values. Nevertheless, from the point of view
of implementing this reaction in, for example, a biosensor, such low concentrations of Mg2+

would not be contemplated, as they result in low kon and kclv values, decreasing the overall
rate of the reaction and, as such, negatively affecting the performance of the biosensor.

To further study the effect of the cofactor on the reaction, we simulated the reaction
output after applying a change of up to 60% in each rate constant. An important aspect to
consider when interpreting the results of the sensitivity analysis is the assumption that the
different reaction steps behave independently. Thus, as can be observed in Figures S15–S19,
krls was a parameter with high sensitivity across the concentration range studied, especially
at low concentrations of Mg2+. A possible explanation for these results could be the fact
that if the release of the products is slower, the DNAzyme is not able to start a new reaction
cycle, affecting in this manner the overall reaction velocity. Moreover, we could observe
that for larger ratios between the DNAzyme and the substrate, and when increasing the
concentrations of Mg2+, inhibition due to rehybridization of the products could affect
the reaction. Taking all the observations into account, we could infer that in Mg2+ rich
environments, the reaction could be limited by interactions between the DNA strands
rather than the cleavage step.

2.6. Model Implementation for DNAzyme with Shorter Substrate-Binding Arm Sequences

As mentioned earlier, one of the important application fields of DNAzymes is the
development of biosensors, which are often desired to perform at room temperature. To
study the kinetic behavior of the 10–23 DNAzyme in these conditions, we firstly short-
ened the sequence of the DNAzyme and the substrate-binding arms by removing four
nucleotides on each side (DNAzymeSh and SubstrateSh in Table S1 in Supplementary Infor-
mation), following the work by Ven et al. [12]. Then, the product generation was monitored
for several SubstrateSh concentrations (100–1000 nmol/L) at 25 ◦C, in the presence of
20 mmol/L of Mg2+. As can be seen by comparing Figures 2 and 7, differences between the
two working temperatures become more pronounced for higher substrate concentrations
(i.e., 750 and 1000 nmol/L), with the product generation of the shorter DNAzyme at 25 ◦C
being overall faster.

To further characterize the kinetics, the rate constants for the DNAzymeSh at room
temperature were estimated employing the No Ligation model previously selected and
using the values from Table S3 (No Ligation column) to start the optimization. As can be
seen in Figure 7 (solid lines), the model was able to accurately fit the experimental data
obtained for DNAzymeSh, which demonstrates the generic aspect of the model. Based on
the estimated rate constants for both DNAzymes (Tables S4 and S9 for the long and short
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sequences, respectively), we observed that kon and kclv were in the same order of magnitude
for both DNAzymes. However, for krls, we obtained a difference of one order of magnitude
between the two sequences, being larger for DNAzymeSh, which indicates that the product
sequences are released faster. The results are in agreement with the opposing effect of
lowering the temperature and shortening the substrate-binding arms on the stability of a
double strand. Thus, the obtained results indicate that shortening the sequence has a greater
influence on the rate constant. Moreover, similar to before, the correlation among the rate
constants (Figure S20) and the distribution of the errors for the DNAzyme and substrate
concentrations (Figure S21) were obtained based on one hundred bootstrap data sets.
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Figure 7. Product generation measured experimentally (symbols) and fitted curves (solid lines) for
several concentrations of SubstrateSh (100–1000 nmol/L), 10 nmol/L of DNAzymeSh and 20 mmol/L
of Mg2+ at 23 ◦C. For each substrate concentration, there were three independent repetitions. All
experimental curves were fitted simultaneously, using the No Ligation model described in Figure S2B.
The parameters estimated can be found in Table S9.

Furthermore, to obtain information on the rate-limiting steps, we looked at the signifi-
cance of each reaction step by simulating the reaction course when applying a change of up
to 60% in each rate constant. The results obtained showed that kclv and kon were the most
sensitive rate constants, in accordance with the results from the DNAzymeLg. Comparing
the results obtained for the lowest and highest substrate concentration (Figure S22), we
observed that for large ratios between the DNAzyme and the substrate, cleavage of the
substrate would be the rate-limiting step. Nevertheless, at lower concentrations of substrate,
due to the hybridization step being a first-order reaction, kon and kclv have a comparable
effect on the overall reaction rate. Therefore, based on the results obtained, we could say
that similar to the DNAzymeLg, the catalytic activity of the DNAzymeSh is determined by
kclv and kon, and depends on the ratio between the substrate and the DNAzyme.

2.7. Implementation of the Model for New Sequences

To facilitate the transferability and use of the presented model by other researchers,
we provide a few guidelines and aspects to take into account when implementing the
model. In order to estimate the kinetic rate constants for new DNAzyme sequences or new
experimental conditions, it would be necessary to have experimental data of a minimum of
four substrate concentrations distributed between 100 and 1000 nmol/L and at least three
repetitions. The more repetitions, the more information for the model to estimate the rate
constants. If Monte Carlo simulations are of interest, at least one additional concentration
of substrate, not included in the optimization data set, is needed for the validation. A link
to download the software and the script files can be found in the Data Availability section.

An additional aspect to take into account is the fact the model has been validated
using certain experimental conditions; thus, any new temperature or Mg2+ tested must
be within the ranges mentioned in the manuscript. Nevertheless, conditions outside the
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range for optimization can be tested, but it is not guaranteed that the model can accurately
explain them.

3. Materials and Methods
3.1. Reagents

The oligonucleotides used in this work, summarized in Table S1 in SI, were obtained
from Integrated DNA Technologies (IDT, Leuven, Belgium) and used without further
purification. Potassium chloride (KCl) was obtained from Acros Organics (Geel, Belgium).
Magnesium chloride solution (MgCl2) was purchased from Fisher Scientific (Leicester-
shire, England), and trident Tris-HCl (pH 8.8) was obtained from Genetex Inc. (Irvine, CA,
USA). Tris-ethylenediaminetetraacetic acid (TE, 100×) was acquired from Sigma-Aldrich
(St. Louis, MO, USA). The pH of the buffers was adjusted using hydrochloric acid (HCl)
from Sigma-Aldrich (St. Louis, MO, USA). TE was used to prepare the working solu-
tions of all DNA sequences after being diluted 100×. All dilutions were prepared using
UltraPure distilled water (DNAse-RNAse free, Invitrogen, Carlsbad, CA, USA), unless
stated otherwise. All reaction mixes were prepared in DNA LoBind tubes (Eppendorf,
Hamburg, Germany), pre-heated at the working temperature in a thermomixer (Eppendorf,
Hamburg, Germany), and the fluorescence signal was measured in 384-well black–clear
bottom microplates (Glasatelier Saillart, Meerhout, Belgium) using the SpectraMax ID3
microplate reader (Molecular Devices LLC, San Jose, CA, USA).

Unless stated otherwise, all measurements were performed in 10 mmol/L Tris-HCl
containing 50 mmol/L KCl and 20 mmol/L MgCl2 (pH 8.3) at 55 ◦C. Moreover, all the
concentrations of different reaction elements refer to the concentration in the final volume,
unless stated otherwise.

3.2. Activity Measurements

The cleavage activity of the DNAzyme was measured in 25 µL containing 10 nmol/L of
the long or short DNAzyme (DNAzymeLg and DNAzymeSh in Table S1 in Supplementary
Information) and several concentrations (100, 250, 500, 750 and 1000 nmol/L) of long or
short substrate (SubstrateLg or SubstrateSh in Table S1 in Supplementary Information),
which is dually labeled with F on the 5′ end and Q on the 3′ end. The activity of the
DNAzyme was monitored on a microplate reader, measuring the fluorescence signal every
30 s for at least 25 min, using 485 nm and 535 nm as excitation and emission wavelengths,
respectively. Before the measurement, all solutions were incubated for 15 min at the
working temperature. Each substrate concentration was measured separately, and the delay
between the substrate addition and the start of the measurement was taken into account.
Additionally, when adding the substrate, 10 s were timed in between each repetition.

A solution containing only the substrate was used as a negative control when building
a calibration curve, which was fitted with a linear regression. In this context, the baseline
corresponding to only the substrate signal was calculated for each concentration and sub-
tracted from the reaction curves. Then, a calibration curve was made using the fluorescence
intensity at the plateau of the reaction curves; the slope of the linear regression was used to
normalize the fluorescence intensity.

3.3. Derivation of the ODEs

The equations used to fit the kinetic curves were derived based on the reaction mecha-
nism depicted in Figure 1 and by implementing the law of mass action for each reaction
element (Equations (1)–(5)). An overview of the units for the different equation parameters
can be found in Table S2.

d[S]
dt

= −kon·[S]·[E] + ko f f ·[ES] (1)

d[E]
dt

= −kon·[S]·[E] + ko f f ·[ES] + krls·[EP]− kbin·[E]·[P] (2)
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d[ES]
dt

= kon· [S]·[E]− ko f f ·[ES]− kclv·[ES] + klig·[EP] (3)

d[EP]
dt

= kclv·[ES]− klig·[EP]− krls·[EP] + kbin· [E]·[P] (4)

d[P]
dt

= krls·[EP]− kbin·[E]·[EP] (5)

where the association, dissociation, cleavage, ligation, release and binding rate constants
are defined by kon, koff, kclv, klig, krls and kbin, respectively.

3.4. Model Optimization
3.4.1. Model Selection and Optimization

The reaction curves were fitted with Equations (1)–(5) using an in-house developed
software, OptiPa v6.2p [49]. The optimization process consisted of several steps. Firstly, an
enhanced scatter search (ESS) [50] was performed by scanning two orders of magnitude
around the initial values. Secondly, the estimates of the scatter search were used as initial
values for an optimization with the lsqnonlin method. For the calculation of the root-mean-
square error (RMSE), the sum of the concentration of EP and P was used as the predicted
value. Upon selection of the final model structure, the experimental error originating from
pipetting variabilities was accounted for in the concentration of substrate and DNAzyme
by introducing the terms ErrE and ErrS, respectively.

S(0) = ErrS · S0 (6)

E(0) = ErrE ·E0 (7)

Keeping the rate constants at a fixed value, the error terms were estimated for each
experimental curve separately and used to initiate the state variables (Equations (6) and (7)),
also using the lsqnonlin method. Finally, a last optimization step was performed estimating
the kinetic parameters and the error terms together.

3.4.2. CI Determination

The 95% CI of the model parameters were obtained by creating 100 bootstrap data sets
based on the original data set, using the error-based re-sampling technique implemented in
OptiPa. For each bootstrap data set, the rate constants and the error terms were estimated,
using the parameter values estimated for the original data set as initial values. The 95%
CI of each parameter was determined by OptiPa, from the distribution of the 100 sets of
parameter estimates on the individual bootstrap data sets.

3.4.3. Monte Carlo Simulation of the Model Output

The calculation of the model output based on the variability of the ErrE and ErrS was
performed by means of Monte Carlo simulations, using OptiPa. The CIs of ErrE and ErrS
obtained for each experimental curve in the previous step were combined in a unique set
for ErrE and ErrS. Next, a random set of 1000 combinations of both errors was drawn from
their corresponding distributions and used together with the estimated values of the rate
constants to simulate the output of the reaction for the specified substrate and DNAzyme
concentrations. Then, the probability density functions for the simulated outputs were
computed.
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3.5. Temperature Dependence

The kinetic rate constants were assumed to depend on temperature following the
Arrhenius law (Equation (8)).

k = kre f · e
Ea
R · (

1
Tre f
− 1

T ) (8)

where k is the rate constant at the temperature of interest (T) and kref the rate constant at the
reference temperature (Tref). Ea refers to the activation energy, and R is the universal gas
constant. The estimation of the parameters was achieved by performing an initial ESS of
two orders of magnitude, followed by a lsqnonlin optimization of Ea while keeping kref as
constants. After the final selection of the model structure and estimation of the Ea values,
the kref values were estimated again using the data for all temperatures. Then, the errors on
the DNAzyme and substrate concentrations were determined, followed by the calculation
of the 95% CI using the bootstrap data sets.

3.6. Magnesium Dependence

The kinetic rate constants were assumed to depend on magnesium in an exponential
fashion, either decreasingly (Equation (9)) or increasingly (Equation (10)).

k = a + b·e−c[Mg] (9)

k = a + b·(1− e−c[Mg]) (10)

where k is the rate constant at the Mg2+ concentration of interest ([Mg]). Equation (9) was
applied to the rate constants koff and krls, while Equation (10) was applied to kon, kclv and
kbin. In the case of kclv, taking into account that the DNAzyme is not able to cleave in the
absence of Mg2+, the y-intercept was forced to zero by implying a = 0. The fitting of all
the parameters was conducted with an ESS of one order of magnitude, succeeded by a
lsqnonlin optimization step. Next, another fitting was performed to estimate the errors on
the DNAzyme and substrate.

4. Conclusions

In this work, we have developed a mathematical model capable of describing and
predicting the cleavage reaction catalyzed by the 10–23 DNAzyme under several reaction
conditions. To achieve this, we have established a reaction mechanism based on literature
information and used the law of mass action to derive the kinetic equations. Starting from
the full equilibrium on all the reaction steps, we determined that the ligation could be
excluded from the model, resulting in a better fit of the experimental data. Next, we tested
the feasibility of the model to predict the outcome of the reaction, based on the variability
of the SubstrateLg and DNAzymeLg concentrations using Monte Carlo simulations, which
resulted in an outstanding agreement between the experimental and simulated curves
for a concentration of SubstrateLg up to 1000 nmol/L. Furthermore, we demonstrated the
usefulness of the model to analyze how the experimental conditions affect each individual
reaction step. In this context, we studied the dependence of the rate constants on the
temperature using the Arrhenius equation, observing that koff, kclv and krls are significantly
more sensitive to temperature changes. The relation obtained was included in the model,
thereby becoming temperature independent. Similarly, we implemented an exponential
dependence of the kinetic rate constants on Mg2+ as the reaction cofactor, which showed sat-
uration at low Mg2+ concentrations for krls, but a fairly linear relation for kon and kclv within
the range studied. We also investigated the impact of lowering the working temperature
and shortening the substrate-binding arms. Additionally, we used the model to evaluate
the sensitivity of the reaction rates and identify the rate-limiting step. Although there is not
a unique answer, the results obtained indicated the cleavage and association steps as main
determinants of the overall reaction speed. Moreover, when changing the experimental
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conditions, additional rate constants, such as krls, became more relevant. Therefore, under
multiple turnover conditions, the cleavage activity of the DNAzyme is not only determined
by the catalytic core, but the association/dissociation kinetics of the substrate and product
sequences are also important factors. Accordingly, differences in cleavage activity among
DNAzymes with different compositions of the substrate-binding arms could be mostly
explained by the rate constants referring to the hybridization kinetics between the substrate
and the DNAzyme.

The results shown in this work reveal the potential of the mathematical model to
understand and characterize an enzymatic reaction. In the case of the 10–23 RNA-cleaving
DNAzymes, this tool is extremely interesting for both diagnostic and therapeutic applica-
tions, as it would allow for predicting whether specific experimental conditions are viable
without having to perform an extensive set of experiments. Consequently, the process
would benefit from a reduction in the time and cost of optimization. Additionally, this work
depicts the premises of the numerous possibilities that could be exploited with mathemati-
cal models. By providing guidelines to implement the presented model, we aim to facilitate
its use for researchers and its further development. Further research could elaborate on the
experimental conditions included in the model, such as pH, different metal cations or the
composition of the substrate-binding arms. In addition, the combined effect of different
reaction conditions, such as temperature and Mg2+, would also be an interesting subject to
study, as it would widen the applicability of the model.

Supplementary Materials: The following are available online at https://www.mdpi.com/article/
10.3390/ijms241813686/s1, Supporting information contains the DNA sequences, the overview of
parameter estimates and correlation matrixes for the different models, together with the distribution
of the error values. Moreover, it includes the Monte Carlo simulations for substrate concentration
outside the training range, and the plots for all the conditions evaluated during the sensitivity analysis.
Finally, the minimal set of experiments necessary to estimate the rate constants for new sequences
is indicated.

Author Contributions: Conceptualization, A.M.P., D.S. and J.L.; methodology, A.M.P., D.S. and
M.H.; software, A.M.P. and M.H.; validation, A.M.P.; formal analysis, A.M.P.; investigation, A.M.P.;
resources, J.L. and M.H.; data curation, A.M.P.; writing—original draft preparation, A.M.P. and D.S.;
writing—review and editing, A.M.P., D.S., M.H., J.L. and B.N.; visualization, A.M.P.; supervision,
D.S., M.H. and J.L.; project administration, D.S. and J.L.; funding acquisition, J.L. and D.S. All authors
have read and agreed to the published version of the manuscript.

Funding: This work received funding from the European Union’s Horizon 2020 research and innova-
tion programme under the Marie Skłodowska-Curie grant agreement No 675412 (H2020-MSCA-ITN-
ND4ID) and from the Research Foundation-Flanders (FWO G082522N).

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Data Availability Statement: OptiPa is a free tool and can be downloaded from www.optipa.be
(accessed on 30 August 2023). The script files used in OptiPa can be downloaded from https:
//github.com/AiidaMP/DNAzyme-kinetics-model (accessed on 30 August 2023). The experimental
data are available on request.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Copeland, R.A. Enzymes. A Practical Introduction to Structure, Mechanism, and Data Analysis, 2nd ed.; Wiley-VCH: New York, NY,

USA, 2000; ISBN 0471359297.
2. Kruger, K.; Grabowski, P.J.; Zaug, A.J.; Sands, J.; Gottschling, D.E.; Cech, T.R. Self-Splicing RNA: Autoexcision and Autocyclization

of the Ribosomal RNA Intervening Sequence of Tetrahymena. Cell 1982, 31, 147–157. [CrossRef]
3. Breaker, R.R.; Joyce, G.F. A DNA Enzyme That Cleaves RNA. Chem. Biol. 1994, 1, 223–229. [CrossRef]
4. Joyce, G.F. Directed Evolution of Nucleic Acid Enzymes. Annu. Rev. Biochem. 2004, 73, 791–836. [CrossRef]
5. Zhu, X.; Gao, X.; Liu, Q.; Lin, Z.; Qiu, B.; Chen, G. Pb2+-Introduced Activation of Horseradish Peroxidase (HRP)-Mimicking

DNAzyme. Chem. Commun. 2011, 47, 7437–7439. [CrossRef]

https://www.mdpi.com/article/10.3390/ijms241813686/s1
https://www.mdpi.com/article/10.3390/ijms241813686/s1
www.optipa.be
https://github.com/AiidaMP/DNAzyme-kinetics-model
https://github.com/AiidaMP/DNAzyme-kinetics-model
https://doi.org/10.1016/0092-8674(82)90414-7
https://doi.org/10.1016/1074-5521(94)90014-0
https://doi.org/10.1146/annurev.biochem.73.011303.073717
https://doi.org/10.1039/c1cc11349f


Int. J. Mol. Sci. 2023, 24, 13686 17 of 18

6. Yin, H.; Kuang, H.; Liu, L.; Xu, L.; Ma, W.; Wang, L.; Xu, C. A Ligation Dnazyme-Induced Magnetic Nanoparticles Assembly for
Ultrasensitive Detection of Copper Ions. ACS Appl. Mater. Interfaces 2014, 6, 4752–4757. [CrossRef]

7. Camden, A.J.; Walsh, S.M.; Suk, S.H.; Silverman, S.K. DNA Oligonucleotide 3′-Phosphorylation by a DNA Enzyme. Biochemistry
2016, 55, 2671–2676. [CrossRef]

8. Santoro, S.W.; Joyce, G.F. A General Purpose RNA-Cleaving DNA Enzyme. Biochemistry 1997, 94, 4262–4266. [CrossRef]
9. Safdar, S.; Lammertyn, J.; Spasic, D. RNA-Cleaving NAzymes: The Next Big Thing in Biosensing? Trends Biotechnol. 2020, 38,

1343–1359. [CrossRef]
10. Silverman, S.K. Catalytic DNA: Scope, Applications, and Biochemistry of Deoxyribozymes. Trends Biochem. Sci. 2016, 41, 595–609.

[CrossRef]
11. Santoro, S.W.; Joyce, G.F. Mechanism and Utility of an RNA-Cleaving DNA Enzyme. Biochemistry 1998, 37, 13330–13342.

[CrossRef]
12. Ven, K.; Safdar, S.; Dillen, A.; Spasic, D.; Lammertyn, J. Re-Engineering 10–23 Core DNA- and MNAzymes for Applications at

Standard Room Temperature. Anal. Bioanal. Chem. 2018, 411, 205–215. [CrossRef] [PubMed]
13. McGhee, C.E.; Loh, K.Y.; Lu, Y. DNAzyme Sensors for Detection of Metal Ions in the Environment and Imaging Them in Living

Cells. Curr. Opin. Biotechnol. 2017, 45, 191–201. [CrossRef] [PubMed]
14. Safdar, S.; Ven, K.; van Lent, J.; Pavie, B.; Rutten, I.; Dillen, A.; Munck, S.; Lammertyn, J.; Spasic, D. DNA-Only, Microwell-Based

Bioassay for Multiplex Nucleic Acid Detection with Single Base-Pair Resolution Using MNAzymes. Biosens. Bioelectron. 2020, 152.
[CrossRef] [PubMed]

15. Peeters, B.; Safdar, S.; Daems, D.; Goos, P.; Spasic, D.; Lammertyn, J. Solid-Phase PCR-Amplified DNAzyme Activity for Real-Time
FO-SPR Detection of the MCR-2 Gene. Anal. Chem. 2020, 92, 10783–10791. [CrossRef]

16. Zhou, Z.; Xiao, L.; Xiang, Y.; Zhou, J.; Tong, A. A General Approach for Rational Design of Fluorescent DNA Aptazyme Sensors
Based on Target-Induced Unfolding of DNA Hairpins. Anal. Chim. Acta 2015, 889, 179–186. [CrossRef]

17. Huang, J.; He, Y.; Yang, X.H.; Quan, K.; Wang, K.M. Inhibited Aptazyme-Based Catalytic Molecular Beacon for Amplified
Detection of Adenosine. Chin. Chem. Lett. 2014, 25, 1211–1214. [CrossRef]

18. Zhang, L.; Guo, S.; Zhu, J.; Zhou, Z.; Li, T.; Li, J.; Dong, S.; Wang, E. Engineering DNA Three-Way Junction with Multifunctional
Moieties: Sensing Platform for Bioanalysis. Anal. Chem. 2015, 87, 11295–11300. [CrossRef]

19. Montserrat Pagès, A.; Safdar, S.; Ven, K.; Lammertyn, J.; Spasic, D. DNA-Only Bioassay for Simultaneous Detection of Proteins
and Nucleic Acids. Anal. Bioanal. Chem. 2021, 413, 4925–4937. [CrossRef]

20. Singh, N.; Ranjan, A.; Sur, S.; Chandra, R.; Tandon, V. Inhibition of HIV-1 Integrase Gene Expression by 10–23 DNAzyme. Proc. J.
Biosci. 2012, 37, 493–502. [CrossRef]

21. Fokina, A.A.; Stetsenko, D.A.; François, J.C. DNA Enzymes as Potential Therapeutics: Towards Clinical Application of 10–23
DNAzymes. Expert. Opin. Biol. Ther. 2015, 15, 689–711. [CrossRef]

22. Zhang, J. RNA-Cleaving DNAzymes: Old Catalysts with New Tricks for Intracellular and in Vivo Applications. Catalysts 2018, 8,
550. [CrossRef]

23. Victor, J.; Steger, G.; Riesner, D. Inability of DNAzymes to Cleave RNA in Vivo Is Due to Limited Mg2+ Concentration in Cells.
Eur. Biophys. J. 2018, 47, 333–343. [CrossRef] [PubMed]

24. Ota, N.; Warashina, M.; Hirano, K.N.I.; Hatanaka, K.; Taira, K. Effects of Helical Structures Formed by the Binding Arms of
DNAzymes and Their Substrates on Catalytic Activity. Nucleic Acids Res. 1998, 26, 3385–3391. [CrossRef] [PubMed]

25. Nowakowski, J.; Shim, P.J.; Prasad, G.S.; Stout, C.D.; Joyce, G.F. Crystal Structure of an 82-Nucleotide RNA-DNA Complex
Formed by the 10–23 DNA Enzyme. Nat. Struct. Biol. 1999, 6, 151–156. [CrossRef]

26. Jung, J.; Han, K.Y.; Koh, H.R.; Lee, J.; Choi, Y.M.; Kim, C.; Kim, S.K. Effect of Single-Base Mutation on Activity and Folding of
10–23 Deoxyribozyme Studied by Three-Color Single-Molecule ALEX FRET. J. Phys. Chem. B 2012, 116, 3007–3012. [CrossRef]

27. Dolot, R.; Sobczak, M.; Mikołajczyk, B.; Nawrot, B. Synthesis, Crystallization and Preliminary Crystallographic Analysis of a
52-Nucleotide DNA/2′-OMe-RNA Oligomer Mimicking 10–23 DNAzyme in the Complex with a Substrate. Nucleosides Nucleotides
Nucleic Acids 2017, 36, 292–301. [CrossRef]

28. Borggräfe, J.; Victor, J.; Rosenbach, H.; Viegas, A.; Gertzen, C.G.W.W.; Wuebben, C.; Kovacs, H.; Gopalswamy, M.; Riesner, D.;
Steger, G.; et al. Time-Resolved Structural Analysis of an RNA-Cleaving DNA Catalyst. Nature 2022, 601, 144–149. [CrossRef]

29. Zaborowska, Z.; Schubert, S.; Kurreck, J.; Erdmann, V.A. Deletion Analysis in the Catalytic Region of the 10–23 DNA Enzyme.
FEBS Lett. 2005, 579, 554–558. [CrossRef]

30. Zaborowska, Z.; Fürste, J.P.; Erdmann, V.A.; Kurreck, J. Sequence Requirements in the Catalytic Core of the “10–23” DNA Enzyme.
J. Biol. Chem. 2002, 277, 40617–40622. [CrossRef]

31. Li, P.; Du, S.; Li, Y.; He, J. Studies on the Two Thymine Residues in the Catalytic Core of 10–23 DNAzyme: The Impact on the
Catalysis of Their 5-Substituted Functional Groups. Molecules 2017, 22, 1011. [CrossRef]

32. Cairins, M.J.; Hopkins, T.M.; Witherington, C.; Sun, L.-Q. The Influence of Arm Length Asymmetry and Base Substitution on the
Activity of the 10–23 DNA Enzyme. Antisense Nucleic Acid Drug Dev. 2000, 10, 323–332. [CrossRef] [PubMed]

33. Li, N.; Ho, C.M. Aptamer-Based Optical Probes with Separated Molecular Recognition and Signal Transduction Modules. J. Am.
Chem. Soc. 2008, 130, 2380–2381. [CrossRef]

34. Wu, D.; Gao, T.; Lei, L.; Yang, D.; Mao, X.; Li, G. Colorimetric Detection of Proteins Based on Target-Induced Activation of
Aptazyme. Anal. Chim. Acta 2016, 942, 68–73. [CrossRef]

https://doi.org/10.1021/am405482a
https://doi.org/10.1021/acs.biochem.6b00151
https://doi.org/10.1073/pnas.94.9.4262
https://doi.org/10.1016/j.tibtech.2020.04.012
https://doi.org/10.1016/j.tibs.2016.04.010
https://doi.org/10.1021/bi9812221
https://doi.org/10.1007/s00216-018-1429-4
https://www.ncbi.nlm.nih.gov/pubmed/30341659
https://doi.org/10.1016/j.copbio.2017.03.002
https://www.ncbi.nlm.nih.gov/pubmed/28458112
https://doi.org/10.1016/j.bios.2020.112017
https://www.ncbi.nlm.nih.gov/pubmed/31941617
https://doi.org/10.1021/acs.analchem.0c02241
https://doi.org/10.1016/j.aca.2015.06.036
https://doi.org/10.1016/j.cclet.2014.05.039
https://doi.org/10.1021/acs.analchem.5b02468
https://doi.org/10.1007/s00216-021-03458-6
https://doi.org/10.1007/s12038-012-9216-4
https://doi.org/10.1517/14712598.2015.1025048
https://doi.org/10.3390/catal8110550
https://doi.org/10.1007/s00249-017-1270-2
https://www.ncbi.nlm.nih.gov/pubmed/29248953
https://doi.org/10.1093/nar/26.14.3385
https://www.ncbi.nlm.nih.gov/pubmed/9649623
https://doi.org/10.1038/5839
https://doi.org/10.1021/jp2117196
https://doi.org/10.1080/15257770.2016.1276291
https://doi.org/10.1038/s41586-021-04225-4
https://doi.org/10.1016/j.febslet.2004.12.008
https://doi.org/10.1074/jbc.M207094200
https://doi.org/10.3390/molecules22071011
https://doi.org/10.1089/oli.1.2000.10.323
https://www.ncbi.nlm.nih.gov/pubmed/11079572
https://doi.org/10.1021/ja076787b
https://doi.org/10.1016/j.aca.2016.09.010


Int. J. Mol. Sci. 2023, 24, 13686 18 of 18

35. Warashina, M.; Takagi, Y.; Sawata, S.; Zhou, D.M.; Kuwabara, T.; Taira, K. Entropically Driven Enhancement of Cleavage Activity
of a DNA-Armed Hammerhead Ribozyme: Mechanism of Action of Hammerhead Ribozymes. J. Org. Chem. 1997, 62, 9138–9147.
[CrossRef]

36. Kenward, M.; Dorfman, K.D. Coarse-Grained Brownian Dynamics Simulations of the 10–23 DNAzyme. Biophys. J. 2009, 97,
2785–2793. [CrossRef]

37. Meng, X.X.; Yang, X.H.; Wang, K.M.; Tan, W.H.; Guo, Q.P. Real-Time Monitoring of DNAzyme Cleavage Process Using Fluorescent
Assay. Chin. Chem. Lett. 2009, 20, 990–994. [CrossRef]

38. Bone, S.M.; Hasick, N.J.; Lima, N.E.; Erskine, S.M.; Mokany, E.; Todd, A.V. DNA-Only Cascade: A Universal Tool for Signal
Amplification, Enhancing the Detection of Target Analytes. Anal. Chem. 2014, 86, 9106–9113. [CrossRef] [PubMed]

39. Cavanaugh, J.E.; Neath, A.A. The Akaike Information Criterion: Background, Derivation, Properties, Application, Interpretation,
and Refinements. Wiley Interdiscip. Rev. Comput. Stat. 2019, 11, e1460. [CrossRef]

40. Jain, A.K.; Dubes, R.C.; Chen, C.C. Bootstrap Techniques for Error Estimation. IEEE Trans. Pattern Anal. Mach. Intell. 1987, PAMI-9,
628–633. [CrossRef] [PubMed]

41. Breaker, R.R.; Emilsson, G.M.; Lazarev, D.; Nakamura, S.; Puskarz, I.J.; Roth, A.; Sudarsan, N. A Common Speed Limit for
RNA-Cleaving Ribozymes and Deoxyribozymes. RNA 2003, 9, 949–957. [CrossRef]

42. Kroese, D.P.; Brereton, T.; Taimre, T.; Botev, Z.I. Why the Monte Carlo Method Is So Important Today. Wiley Interdiscip. Rev.
Comput. Stat. 2014, 6, 386–392. [CrossRef]

43. Bisswanger, H. Enzyme Kinetics: Principles and Methods; John Wiley & Sons: Hoboken, NJ, USA, 2009; Volume 46, ISBN 9783527342518.
44. Ouldridge, T.E.; Šulc, P.; Romano, F.; Doye, J.P.K.; Louis, A.A. DNA Hybridization Kinetics: Zippering, Internal Displacement

and Sequence Dependence. Nucleic Acids Res. 2013, 41, 8886–8895. [CrossRef]
45. Sorgenfrei, S.; Chiu, C.Y.; Gonzalez, R.L.; Yu, Y.J.; Kim, P.; Nuckolls, C.; Shepard, K.L. Label-Free Single-Molecule Detection of

DNA-Hybridization Kinetics with a Carbon Nanotube Field-Effect Transistor. Nat. Nanotechnol. 2011, 6, 126–132. [CrossRef]
46. Chen, C.; Wang, W.; Wang, Z.; Wei, F.; Zhao, X.S. Influence of Secondary Structure on Kinetics and Reaction Mechanism of DNA

Hybridization. Nucleic Acids Res. 2007, 35, 2875–2884. [CrossRef]
47. Peleg, M.; Normand, M.D.; Corradini, M.G. The Arrhenius Equation Revisited. Crit. Rev. Food Sci. Nutr. 2012, 52, 830–851.

[CrossRef] [PubMed]
48. Tan, Z.J.; Chen, S.J. Nucleic Acid Helix Stability: Effects of Salt Concentration, Cation Valence and Size, and Chain Length. Biophys.

J. 2006, 90, 1175–1190. [CrossRef]
49. Hertog, M.; Verlinden, B.E.; Lammertyn, J.; Nicolaï, B.M. OptiPa, an Essential Primer to Develop Models in the Postharvest Area.

Comput. Electron. Agric. 2007, 57, 99–106. [CrossRef]
50. Egea, J.A.; Vazquez, E.; Banga, J.R.; Martí, R. Improved Scatter Search for the Global Optimization of Computationally Expensive

Dynamic Models. J. Glob. Optim. 2009, 43, 175–190. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.1021/jo9712411
https://doi.org/10.1016/j.bpj.2009.09.003
https://doi.org/10.1016/j.cclet.2009.03.028
https://doi.org/10.1021/ac501811r
https://www.ncbi.nlm.nih.gov/pubmed/25157928
https://doi.org/10.1002/wics.1460
https://doi.org/10.1109/TPAMI.1987.4767957
https://www.ncbi.nlm.nih.gov/pubmed/21869421
https://doi.org/10.1261/rna.5670703
https://doi.org/10.1002/wics.1314
https://doi.org/10.1093/nar/gkt687
https://doi.org/10.1038/nnano.2010.275
https://doi.org/10.1093/nar/gkm177
https://doi.org/10.1080/10408398.2012.667460
https://www.ncbi.nlm.nih.gov/pubmed/22698273
https://doi.org/10.1529/biophysj.105.070904
https://doi.org/10.1016/j.compag.2007.02.001
https://doi.org/10.1007/s10898-007-9172-y

	Introduction 
	Results and Discussion 
	Activity Measurements 
	Model Optimization 
	Model Validation 
	Temperature Dependence 
	Magnesium Dependence 
	Model Implementation for DNAzyme with Shorter Substrate-Binding Arm Sequences 
	Implementation of the Model for New Sequences 

	Materials and Methods 
	Reagents 
	Activity Measurements 
	Derivation of the ODEs 
	Model Optimization 
	Model Selection and Optimization 
	CI Determination 
	Monte Carlo Simulation of the Model Output 

	Temperature Dependence 
	Magnesium Dependence 

	Conclusions 
	References

