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Abstract: Development of non-alcoholic fatty liver disease (NAFLD) is linked to obesity, adipose
tissue inflammation, and gut dysfunction, all of which depend on diet. So far, studies have mainly
focused on diet-related fecal microbiota changes, but other compartments may be more informative on
host health. We present a first systematic analysis of microbiota changes in the ileum and colon using
multiple diets and investigating both fecal and mucosal samples. Ldlr−/−.Leiden mice received
one of three different energy-dense (ED)-diets (n = 15/group) for 15 weeks. All of the ED diets
induced obesity and metabolic risk factors, altered short-chain fatty acids (SCFA), and increased gut
permeability and NAFLD to various extents. ED diets reduced the diversity of high-abundant bacteria
and increased the diversity of low-abundant bacteria in all of the gut compartments. The ED groups
showed highly variable, partially overlapping microbiota compositions that differed significantly
from chow. Correlation analyses demonstrated that (1) specific groups of bacteria correlate with
metabolic risk factors, organ dysfunction, and NAFLD endpoints, (2) colon mucosa had greater
predictive value than other compartments, (3) correlating bacteria differed per compartment, and (4)
some bacteria correlated with plasma SCFA levels. In conclusion, this comprehensive microbiota
analysis demonstrates correlations between the microbiota and dysfunctions of gut, adipose tissue,
and liver, independent of a specific disease-inducing diet.
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1. Introduction

Non-alcoholic fatty liver disease (NAFLD) has become a major health problem worldwide [1].
Ample evidence shows that an increased intake of calories from saturated fat and carbohydrates such
as sucrose and fructose contribute to the development of NAFLD [2,3]. Furthermore, important
drivers of the disease are dysmetabolism (e.g., dyslipidemia, hyperinsulinemia), white adipose
tissue (WAT) inflammation [4], and gut dysfunction [5,6]. Gut dysfunction includes dysbiosis,
alterations of microbiota-derived metabolites such as short-chain fatty acids (SCFAs), and increased gut
permeability [7]. Together, these dysfunctions are thought to propel the progression of NAFLD from
the relative benign hepatic lipid accumulation (steatosis) toward non-alcoholic steatohepatitis (NASH),
which is the severe stage of NAFLD that is characterized by steatosis and liver inflammation [8].

The reported alterations of the gut microbiota in obese and NAFLD/NASH patients are typically
based on the analysis of the fecal colonic microbiota, which is an easily accessible gut site. However,
it is known that different bacteria dominate in the various regions of the intestinal tract [9,10], and that
the microbiota of the fecal and mucosal compartment is composed of different bacteria [11]. Hence,
it is possible that an analysis of specific gut microbial compartments may be more informative on host
health than the conventional analysis, which is solely based on fecal microbiota. However, a systematic
analysis of multiple microbial compartments of the gut in relation to obesity and NAFLD endpoints
has not been performed to date.

In the present study, we examined microbiota changes evoked by energy-dense (ED) diets in the
colon and ileum during obesity-associated NAFLD development. In the colon and ileum, fecal and
mucosal compartments were analyzed by 16S rRNA gene sequencing. We complemented this with
the analysis of SCFAs, which constitute potential mediators between the microbiota and host health.
We studied NAFLD development in Ldlr−/−.Leiden mice through an established translational model
for NAFLD/NASH [12–14]. Upon the feeding of ED diets, these mice developed metabolic dysfunction
and features of human NAFLD (obesity, dyslipidemia, insulin resistance, WAT inflammation, hepatic
steatosis, lobular inflammation, and fibrosis) [12].

Since diets can alter microbiota composition [15], we evaluated the generic effects of three
different ED diets containing macronutrients that are frequently present in human diets, i.e., diets rich
in saturated fat (butter or lard), as well as rapidly metabolizable carbohydrates (fructose and sucrose).
These three diets were compared with a reference chow-fed group, which did not develop obesity
and NAFLD. The chosen approach allowed us to investigate general diet-independent changes in
specific gut microbial compartments that inform on readouts of metabolic dysfunction and NAFLD
development (e.g., fat mass, WAT inflammation, gut permeability, macrovesicular steatosis, hepatic
inflammation). We demonstrate that specific bacteria correlate with these readouts, independent of the
NAFLD-inducing diet used, and that these correlations differ between gut compartments and involve
different bacteria in different compartments.

2. Results

2.1. All ED Diets Resulted in NAFLD in the Context of Obesity, White Adipose Tissue Dysfunction,
and Gut Dysfunction

After 15 weeks, all of the ED diets induced hepatic steatosis, as shown in Figure 1A. More
specifically, quantitative histopathological analysis revealed that a butter fat with fructose diet (BF),
lard fat with sucrose diet (LS), and the same LS diet with 10% fructose in the drinking water (LS+FW)
induced extensive macrovesicular steatosis (Figure 1B) relative to chow-fed controls (0.0 ± 0.0% in
chow; 19.3 ± 2.8% in BF, p < 0.001; 22.1 ± 3.5%, p < 0.001 in LS; 24.8 ± 1.9% in LS+FW, p < 0.001). Hepatic
inflammation, which was expressed as number of inflammatory aggregates per mm2 (Figure 1C), was
induced by all of the ED diets in varying degrees, which reached statistical significance in BF-fed
mice (3.4 ± 0.5 per mm2, p < 0.001). Furthermore, plasma levels of the liver damage marker alanine
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aminotransferase (ALT) were significantly increased in BF; while in LS, a slight (non-significant)
increase was observed, and levels were significantly increased in LS+FW (Table 1).
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Figure 1. Different energy-dense diets induced liver and white adipose tissue (WAT) dysfunction,
and was associated with increased gut permeability. (A) Representative photomicrographs of
HE-stained liver sections of chow, butter fat–fructose (BF), lard fat–sucrose (LS), and a diet
with LS and fructose water (LS+FW); arrows indicate inflammatory aggregates. Histological
quantification of (B) macrovesicular steatosis and (C) inflammatory aggregates per mm2 in the liver
and (D) crown-like structures (CLS) per mm2 in WAT; (E) Functional gut permeability analysis using
a fluorescein isothiocyanate-labeled dextran (FD4) assay; (F) Representative photomicrographs of
hematoxylin-phloxine-saffron-stained gonadal WAT sections, arrows indicate CLS. Data are presented
as mean ± SEM, * p ≤ 0.05 or ** p ≤ 0.01, or *** p ≤ 0.001 compared to the chow control group.

Table 1. Metabolic parameters. ALT: alanine aminotransferase.

Chow BF LS LS+FW

Body weight (g) 29.1 ± 2.2 34.5 ± 3.8 ** 37.8 ± 6.0 *** 40.1 ± 5.1 ***
Total caloric intake (kcal/day) 11.0 ± 0.7 11.7 ± 1.1 11.5 ± 0.5 12.6 ± 0.8

Total fat mass (g) 3.7 ± 1.0 9.1 ± 1.9 *** 11.8 ± 4.0 *** 13.4 ± 4.8 ***
Plasma cholesterol (mM) 8.9 ± 1.8 50.9 ± 10.9 *** 20.3 ± 6.2 *** 24.3 ± 10.8 ***

Plasma triglycerides (mM) 1.6 ± 0.4 10.3 ± 2.4 *** 4.9 ± 1.9 *** 4.5 ± 2.6 ***
Plasma insulin (ng/mL) 1.3 ± 0.6 4.2 ± 1.2 4.6 ± 2.1 * 8.0 ± 6.8 *

Blood glucose (mM) 7.2 ± 1.0 6.3 ± 0.9 7.6 ± 2.1 7.7 ± 1.5 **
ALT (U/L) 32.6 ± 7.3 139.7 ± 76.4 *** 78.9 ± 50.0 137.1 ± 99.3 ***

Data are presented as mean ± SD, * p ≤ 0.05 or ** p ≤ 0.01 or *** p ≤ 0.001 compared to chow.

These characteristics of liver dysfunction were observed in the context of an obese phenotype
with pronounced hyperinsulinemia, hypertriglyceridemia, and hypercholesterolemia (Table 1). Body
weight was significantly increased relative to the chow-fed controls after 15 weeks on all of the ED diets.
Blood glucose on the ED diets did not significantly differ from the chow-fed controls; however, insulin
was markedly elevated, with all the ED reaching statistical significance in the LS and LS+FW diets
indicating a reduction in insulin sensitivity (Table 1). Furthermore, plasma cholesterol and triglycerides
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(TG) levels were higher in the ED diet groups, and BF was the strongest inducer of dyslipidemia
(Table 1).

In line with the observed increase in body weight, total fat mass was significantly increased on
the ED diets (Table 1) compared with the control diet. In addition to this increase in adipose tissue
mass, quantitative histological analysis of inflammation in the gonadal white adipose tissue depot
(representative images shown in Figure 1F) demonstrated that the number of CLS in the BF group was
comparable to chow (Figure 1D) (0.1 ± 0.0 in chow; 0.4 ± 0.2 in BF, p = 0.45). By contrast, treatment
with LS and LS+FW resulted in pronounced CLS formation in WAT (0.8 ± 0.2, p = 0.02; 0.9 ± 0.2,
p = 0.03).

In addition, gut barrier function measured with an fluorescein isothiocyanate-labeled dextran
(FD4) assay for gut permeability (Figure 1E) was significantly elevated on BF, LS, and LS+FW relative
to chow (0.8 ± 0.1 in chow; 1.4 ± 0.1 in BF, p < 0.001; 1.2 ± 0.1, p = 0.04 in LS; 1.4 ± 0.2 in LS+FW,
p < 0.001). Furthermore, the plasma levels of gut-derived metabolites (SCFAs) were quantified by
high-performance LC-MS (Table 2). These metabolites may be potential bioactive mediators in host
health, and 90% are absorbed from the gut [16]; therefore, their plasma levels may be more informative
than conventionally studied fecal levels. Plasma levels of the SCFA propionate were markedly elevated
in LS-fed mice only, while acetate and butyrate were reduced in BF and LS+FW. Plasma levels of the
SCFAs isobutyrate, methylbutyrate, isovalerate, and valerate (also known as the isoacid SCFAs) were
all significantly increased in LS and LS+FW.

Collectively, these data show that all of the ED diets induced NAFLD in varying degrees of
severity in the context of obesity, WAT inflammation, and gut dysfunction.

Table 2. Plasma levels of gut-derived metabolites (short-chain fatty acids, or SCFAs).

Chow BF LS LS+FW

Acetate (nM) 5966.6 ± 874.1 4828.2 ± 891.8 ** 6468.3 ± 1361.3 4977.9 ± 810.9 **
Butyrate (nM) 123.7 ± 67.1 55.6 ± 14.4 ** 142.3 ± 90.7 45.8 ± 7.3 **

Propionate (nM) 257.8 ± 103.3 310.8 ± 127.1 464.6 ± 214.9 ** 388.3 ± 171.6
Isobutyrate (nM) 33.5 ± 7.3 45.7 ± 11.6 88.9 ± 42.7 *** 57.6 ± 12.2 *

Methylbutyrate (nM) 36.6 ± 8.5 46.9 ± 8.7 81.9 ± 34.6 *** 54.8 ± 8.9 *
Isovalerate (nM) 26.9 ± 4.6 33.3 ± 7.7 66.7 ± 16.7 *** 60.9 ± 19.8 ***

Valerate (nM) 10.8 ± 5.7 19.9 ± 11.8 36.4 ± 14.4 *** 23.7 ± 10.2 **

Data are presented as mean ± SD, * p ≤ 0.05, or ** p ≤ 0.01, or *** p ≤ 0.001 compared to chow.

2.2. Global Analysis of Fecal and Mucosal Microbiota Composition in Colon and Ileum

To investigate whether the observed diet-induced metabolic dysfunction in liver, white adipose
tissue, and gut may be linked to changes in bacterial colonization in specific gut compartments,
we performed a 16S rRNA gene microbiota analysis of the fecal and mucosal compartments of both
the colon and ileum.

First, we investigated whether these four gut compartments differ in their colonization using
permutation tests, which enable the statistical testing of differences between the groups. This analysis
revealed a clear difference in microbiota composition between the colon and ileum (Figure 2A, p < 0.05),
which is consistent with their different physiological roles. Furthermore, we observed significant
differences between the mucosal and the fecal compartments in both regions of the gut (Figure 2B,
colon p < 0.05; Figure 2C, ileum p < 0.05).
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Figure 2. Refined microbiota analysis reveals marked composition differences between the gut
compartments. Permutation tests were used to calculate statistical differences in microbiota
composition, and group distances were visualized between (A) the colon and ileum; (B) colon feces
and mucosa; and (C) ileum feces and mucosa.

Next, we investigated whether the microbiota composition was affected by ED feeding and
whether there were differences in microbiota composition between the three ED diet groups, in which
the dissimilarity in composition was visualized with non-metric multidimensional scaling analysis
(NMDS). This NMDS plot (Figure 3) demonstrated that the chow animals formed a discrete cluster,
in which ileum feces differed the most from the other compartments. The microbiota composition
of the ED diet groups was clearly different from that of the chow diet group (i.e., did not overlap
with the chow cluster), and showed pronounced variation with no clear separation of the different
ED diets. Similarly to what was observed in chow-fed animals, the ileum feces compartment was the
most dissimilar and most variable in comparison with the other compartments. These observations
were statistically confirmed by permutation tests, which revealed that the microbiota composition
of the chow group clearly differed from the other groups in all of the compartments (p = 0.002)
(see also Figure S1), whereas the composition of the ED diets was statistically comparable in all of the
compartments (Figure 4; colon feces p = 0.09, colon mucosa p = 0.32, ileum feces p = 0.60, ileum mucosa
p = 0.07).
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Figure 3. Effects of the non-alcoholic fatty liver disease (NAFLD)-inducing energy-dense diets on
microbiota composition of the colon and ileum in both the feces and mucosa. 16S rRNA gene sequencing
analysis was performed on the luminal and mucosal contents of both the ileum and colon, and was
used to visualize microbiota ordination with non-metric multidimensional scaling (NMDS) using
the Bray–Curtis index. Complementary statistical analysis were performed with permutation tests
and visualized in the previous figure to show the differences in microbiota composition between gut
compartments. The following Figure Shows the differences in microbiota composition between the
energy-dense diets.
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Figure 4. Microbiota composition between the energy-dense diets was comparable in all of the
gut compartments. Permutation tests were used to calculate statistical differences in microbiota
composition, and group distances were visualized between ED diets in the colon feces, colon mucosa,
ileum feces, and ileum mucosa.

To gain more insight into how the microbiota of the ED diets differed from those of the chow-fed
controls, we next investigated the effects of the NAFLD-inducing diets on microbiota diversity
using the Shannon index (sensitive to high-abundant bacteria) and tail-statistic analysis (sensitive
to low-abundant bacteria). The Shannon index analysis demonstrated that the ED diets consistently
reduced the microbiota diversity of high-abundant bacteria in all of the compartments that were
studied (Figure 5A), which reached statistical significance by BF in colon feces, ileum feces, and ileum
mucosa (p = 0.01; p < 0.001; and p = 0.02), LS only in the ileum feces (p < 0.001), and LS+FW in all
of the compartments (p < 0.001; p < 0.001; p < 0.001; and p < 0.001). This reduction in diversity was
more pronounced in the feces than in the mucosa in both the colon and ileum, suggesting a more
robust microbiota in the mucosal compartments compared with feces. Complementary to this analysis,
the Pielou evenness index was calculated, which represents species evenness (Figure S2). A high
number indicates that an equal number of bacteria belong to each species, while a low number indicates
the presence of dominant species. The results of the Pielou evenness index show a similar trend as the
Shannon index, and confirm that the ED diets reduce species diversity. In contrast, the tail-statistic
analysis showed that the diversity of low-abundant bacteria was increased by the ED diets in all of the
compartments (Figure 5B) (p < 0.001 for all of the ED diets in all of the gut compartments). These results
suggest that abundant bacteria decreased, while low abundant bacteria increased on the ED diets.
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Figure 5. All of the energy-dense (ED) diets reduced diversity in high-abundant bacteria and increased
diversity in low-abundant bacteria in all of the gut compartments. 16S rRNA gene sequencing analysis
was performed on the luminal and mucosal contents of both the ileum and colon, and was used
to calculate alpha diversity using the (A) Shannon index (sensitive for high-abundant bacteria) and
(B) the tail statistic (sensitive for low-abundant bacteria). Data are presented as mean ± SD, * p ≤ 0.05,
** p ≤ 0.01, or *** p ≤ 0.001 compared to chow.

In order to study general disease-associated microbiota changes, independent of the specific ED
diet used, we investigated the microbiota abundance on the genus level in all four gut compartments
using heat maps as a visualization tool (Figure 6). These heatmaps illustrate that several of the
top most abundant genera increased in abundance on all of the ED diets, independent of the gut
microbial compartment, including Lactococcus, Allobaculum, Bifidobacterium, Clostridium sensu stricto,
and Clostridium_XI.

Altogether, these analyses show that there were significant differences in composition between
the gut microbial compartments studied, and that the three NAFLD-inducing ED diets resulted in a
microbiota composition that is significantly different from chow, but did not differ between the ED diets,
thus allowing us to study diet-independent disease-associated changes in the microbiota composition.
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Figure 6. Diet-independent changes of the microbiota composition after 15 weeks of energy-dense diet
treatment. 16s rRNA gene sequencing analysis was performed on the luminal and mucosal contents
of both the ileum and colon, and the abundance of the 25 most dominant genera were expressed in a
heat map.
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2.3. Microbiota Composition Associations with NAFLD Disease Endpoints

Next, we investigated whether there are correlations between the microbiota composition and
histological and functional readouts of metabolic dysfunction and NAFLD development (body weight,
fat mass, WAT inflammation, gut permeability, macrovesicular steatosis, hepatic inflammation) or
plasma levels of gut-derived metabolites (SCFAs: acetate, propionate, butyrate, methylbutyrate,
isobutyrate isovalerate, and valerate), independent of the specific ED diet that was employed. For this,
we performed a comprehensive regularized canonical correlation analysis (rCCA), which allows the
study of relationships between sets of variables. This analysis revealed that correlations exist between
the gut microbiota composition and histological and functional readouts in all of the compartments
that were studied (Table 3). The strength of this correlation (expressed in the cross-validation score (CV
score), which is a total (weighted) correlation score, where a higher score implies a stronger relation)
was highest for the colon mucosa (CV scores of 0.71 for endpoints and 0.62 for metabolites), while
colon feces (the typically used sampling compartment) showed weaker correlations (CV scores of 0.56
and 0.43 for endpoints and metabolites, respectively). In contrast, in the fecal compartment of the
ileum, both the endpoints and metabolites correlated better (CV scores of 0.60 and 0.62, respectively)
than the mucosal compartment (CV scores of 0.52 and 0.41, respectively).

Table 3. Correlation strength.

Histological and Functional Readouts Metabolites

Colon
Feces 0.56 0.43

Mucosa 0.71 0.62

Ileum
Feces 0.60 0.62

Mucosa 0.52 0.41

Data represents cross-validation score (CV score) from the regularized canonical correlation analysis (rCCA).

Consistent with our previous finding that each compartment exhibited a different microbiota
composition, bacteria with the strongest correlations differed, to a large extent, in each of the
compartments. However, correlation analysis between microbiota and histological and functional
readouts showed strong positive correlations for Allobaculum and Bifidobacterium, and strong negative
correlations for the Roseburia and Anaerostipes bacteria, in all of the compartments (Figure 7A).
Interestingly, correlation analysis between the microbiota and plasma levels of gut-derived metabolites
(Figure 7B) revealed that the bacteria that positively correlated with disease readouts (indicating
an unfavorable metabolic state) also positively correlated with the isoacid SCFAs (isobutyrate,
methylbutyrate, isovalerate, and valerate).

Altogether, we identified diet-independent correlations between specific bacteria and the
histological and functional readouts of NAFLD development, in which the strongest correlations
were found for the colon mucosa compartment.
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Figure 7. Diet-independent correlations between the microbiota and NAFLD-associated readouts
or gut-derived metabolites. Regularized canonical correlation analysis (rCCA analysis) results were
visualized in a heat map for positive (red) and negative (blue) correlations between the microbiota
composition and (A) histological and functional readouts of non-alcoholic fatty liver disease (NAFLD)
development or (B) gut-derived metabolites for each gut compartment analyzed. Correlations with CV
scores >0.03 are shown.
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3. Discussion

The objective of the present study was to investigate whether there are generic changes in specific
gut microbial compartments that correlate with metabolic risk factors, organ dysfunction, and NAFLD
endpoints, independent of the specific energy-dense diet (ED diet) that was used to induce disease.
We demonstrated that all of the ED diets induced obesity and NAFLD during 15 weeks of ED diet
feeding, but the severity of liver pathology, WAT dysfunction, and gut dysfunction varied between the
individual ED diets. Microbiota composition analysis revealed significant differences between the gut
compartments, but not between the ED diets. The diversity of highly abundant bacteria decreased,
while the diversity of low-abundant bacteria increased on the ED diets. Independent of the type of ED
diet used, we identified correlations between certain bacteria and readouts of metabolic dysfunction
and NAFLD development, and correlating bacteria differed per gut compartment. The colon mucosa
had the greatest predictive value when compared with the other compartments. Interestingly, plasma
levels of SCFAs (isoacids) may function as a possible reflective marker of disease-associated microbiota
changes and a less beneficial metabolic state.

We found that all of the ED diets that were used induced NAFLD, but diets differed with
respect to the severity of liver pathology that was induced. The pronounced induction of liver
inflammation with BF cannot be explained by an increase in caloric intake or gut permeability in this
group, because the other ED diets had a comparable caloric intake and developed a similar level of
gut permeability. Thus, it is likely that hepatic inflammation in BF is a consequence of the quality
of calories, i.e., a macronutrient-mediated effect. One possible explanation may be the difference in
the type of carbohydrates in the ED diets; the BF diet only contains fructose, while LS and LS+FW
are high in sucrose (i.e., consisting of both fructose and glucose). Furthermore, fructose intake was
higher (1.3 g of fructose/day) in animals on the BF diet than in the other ED diet groups (0.5 g/day
in LS and 0.9 g/day in LS+FW). Studies have shown that while both fructose and glucose are able to
induce hepatic steatosis and steatohepatitis [17], liver injury is typically much worse in fructose-treated
mice [17,18], which is in line with the findings herein. Another possible explanation for the pronounced
hepatic inflammation observed with BF is the fat source of the diet: BF contains butter fat, while LS
and LS+FW contain lard. Butter fat contains more saturated fat than lard, and saturated fatty acids
(SFA) have been shown to induce liver inflammation [19,20].

The choice of the diet was made based on previous studies with these diets (unpublished
data), and the knowledge that these diets would induce different levels of obesity, adipose tissue
inflammation, and NAFLD pathology in this mouse model. Furthermore, many NASH studies
use experimental diets that are difficult to translate to human diets, because experimental diets are
supplemented with supraphysiological levels of cholesterol (e.g., 2% w/w cholesterol) or experimental
diets with extremely high fat content are used (e.g., >50% energy from fat). The diets that were used in
this study were not supplemented with dietary cholesterol, and contained a level of dietary fat that
can also be found in traditional diets, for instance those of Finland and Greece ([21] and references
therein). A recent study showed that the LS diet employed herein results in a plasma metabolome and
a liver transcriptome disease profile that recapitulates the metabolome and gene expression profile of
NASH patients [13,22], which supports the use of such diets, the more so because more extreme diets
did not induce human-like gene expression changes [23].

The NAFLD-inducing ED diets also significantly altered the composition of the microbiota
relative to chow. However, the composition within the ED diet groups was very variable, and there
was no significant difference between the three ED diets in microbiota composition. These findings
may seem unexpected, since dietary macronutrient composition is thought to be a very important
determinant of microbiota composition [15,24]. However, earlier studies did not compare the total
microbiota composition between diet treatments, but rather focused on specific bacterial changes
by macronutrients [25–28]. Other reasons for the absence of significant differences between the ED
diets used herein may be a) that not all of the macronutrients were changed (e.g., the protein source
was casein in all of the ED diets) and b) that the relative content of each macronutrient (e.g., protein,
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carbohydrate, fat) was comparable among the ED diets. Consistent with this view, the macronutrient
composition of the chow-control diet did markedly differ from the ED diets, and chow-fed mice also
had a microbiota that significantly differed from the ED diets.

The diversity of the microbiota was also similarly affected by the three ED diets, with a reduction
in the diversity of high abundant bacteria in all of the gut compartments. These findings are consistent
with previous findings using high-fat diets in both humans [29,30] and mice [30,31]. Yet, while these
studies only focus on the fecal compartment, we now also show that this reduction in diversity also
occurs in the mucosal compartments of the ileum and colon. Conversely, we observed an increase in the
diversity of low-abundant bacteria. This is in line with studies that focused on microbiota abundance
during aging [32,33], which is accompanied by a general decline in health status and metabolic
disease development. These studies, together with our observations, indicate that the reduction in
diversity of high-abundant bacteria is a generic pattern in all gut compartments during metabolic
disease development. Together with an increase in the diversity of low-abundant bacteria, this may
serve as an indicator of an unfavorable metabolic state. In addition, we observed that the mucosal
microbiota composition was more stable in terms of diversity than the fecal compartment, which may
be a consequence of the functional differences between gut compartments [34,35]. The mucosal
microbiota is in closer proximity to the gut barrier; therefore, it is assumed that these bacteria (and
their metabolites) are in more direct contact with the host than the fecal microbiota [36].

A strength of this study is that we used three different NAFLD-inducing ED diets, allowing us
to study correlations between the microbiota and NAFLD that are not dependent on one specific
disease-inducing diet. We found that there are correlations between the microbiota and readouts
of metabolic dysfunction and NAFLD development, which were strongest for the colon mucosa.
Remarkably, we observed a strong positive correlation of Bifidobacterium with NAFLD-associated
readouts, suggesting an adverse role. The observed positive correlation between Bifidobacterium and
NAFLD endpoints may be related to specific strains of Bifidobacterium, as shown by Yin et al. [37] in
a rat model of HFD obesity. The authors found that body weight development upon Bifidobacterium
treatment is strain-dependent, suggesting that different strains may affect energy metabolism and fat
distribution in a different way. Furthermore, an open label pilot trial in adult human subjects with
NAFLD (n = four) showed that participants treated with the probiotic VSL#3 (which also contains
Bifidobacterium) experienced a significant increase in liver fat after four months, and this was reversed
in three subjects after washout [38]. The authors concluded that the results of this trial did not support
their hypothesis (probiotics would reduce hepatic steatosis in humans). Notably, the effect of HFD
on Bifidobacterium abundance also varies among studies, because some studies report an increased
abundance upon HFD feeding [25], while others report a reduction in its abundance [30,39]. Similarly,
the role of Lactobacillus is unclear: Jiang et al. showed that the abundance of Lactobacillus was increased
in the microbiota of NAFLD patients [40], suggesting a role in disease development, whereas probiotic
treatment with Lactobacillus has been associated with beneficial effects in clinical NAFLD trials [6].
Hence, associative findings should be treated with caution, and even correlations should be interpreted
carefully. The positive correlations between bacteria and endpoints on the genera level that were
observed in our study indicate a tight relationship between gut microbiota and NAFLD development,
yet follow-up intervention studies with specific species (e.g., Bifidobacterium strains as in Yin et al. [37])
are necessary to define the disease-augmenting or disease-attenuating role of particular bacteria to
demonstrate their causal role. It is possible that the composition of bacterial species that underlie
a correlation on genera level may change in response to an intervention (and remain unnoticed on
genera level), but may result in an altered production of metabolites and altered gut functioning.

We found that increased gut permeability positively correlated with higher levels of the
Hydrogenoanaerobacterium in the colon feces and mucosa. In this study, we measured gut permeability
after four hours of fasting, which is a time span that mainly reflects colonic permeability based on
time-resolved analyses with the tracer (FD4) used herein [41]. Associations between gut permeability
and Hydrogenoanaerobacterium have not been reported before. However, Hydrogenoanaerobacterium
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is increased in fecal microbiota in both obese mice [42] and humans [43], which is consistent with
our findings.

Interestingly, our correlation analyses revealed that bacteria that were positively correlated
with disease-associated readouts were also strongly positively correlated with the isoacid SCFAs
(isobutyrate, methylbutyrate, isovalerate, and valerate) of which physiological effects have hardly
been investigated so far. Isoacids are a product of protein fermentation by the microbiota, for which
branched-chain amino acids (positively associated with insulin resistance and metabolic disease
development [44,45]) are one of the sources to synthesize them [46]. Hence, the elevated plasma
isoacids levels that were observed herein may indicate enhanced protein fermentation, which is
associated with the production of potential toxic by-products, and has been linked to intestinal
disease [47,48].

4. Materials and Methods

4.1. Animals, Diets, and Study Design

Ethics approval: Approval was granted by the ethics committee on animal experiments (approval
reference number DEC-3682, 11 December 2014) and the institutional animal welfare body (approval
reference number TNO-136, 29 March 2016).

All of the animal experiments were performed in accordance with the Animal Care
and Use Committee of The Netherlands Organization of Applied Research (TNO), Leiden,
The Netherlands. All of the mice were group-housed (four to five mice per cage) in Macrolon cages
in clean-conventional animal rooms in the American Association for Accreditation of Laboratory
Animal Care (AAALAC)-accredited animal facility at TNO Leiden (relative humidity 50–60%,
temperature ~21 ◦C, light cycle 07:00 to 19:00) and had ad libitum access to food and water. Male
Ldlr−/−.Leiden mice were obtained from the breeding facility of TNO Metabolic Health Research,
Leiden, The Netherlands, and were kept on a low-fat control diet (chow; Sniff-R/M-V1530, Uden,
The Netherlands, containing 23 kcal% protein (soy and cereal grains), 67 kcal% carbohydrate (mainly
starch), 9 kcal% fat (grain cereals and soy products) and 4.9 w/w% fiber) until the start of the study
(six weeks of age). The mice were then matched into four groups (n = 15/group) based on body
weight and blood glucose. The first group remained on chow, while the other groups were switched
to energy-dense (ED) diet regimens, as shown in Table 4. For a total of 15 weeks, groups of mice
were fed a butter fat with fructose diet (BF; D16032401, Research Diets Inc., New Brunswick, NJ, USA;
with 14 kcal% protein, 44 kcal% carbohydrate (mainly fructose), and 41 kcal% butter fat, 5.1 w/w%
fiber) or a lard fat with sucrose diet (LS; D12451, Research Diets Inc.; with 20 kcal% protein, 35 kcal%
carbohydrate (mainly sucrose), 45 kcal% lard fat, 5.8 w/w% fiber), or the same LS diet with 10% fructose
in the drinking water (LS+FW). Body weight was measured at set intervals, and body composition
was determined using echoMRI. After 12 weeks, gut permeability was analyzed using an FD4 test.
In week 15, five-hour fasted tail blood plasma (Ethylenediaminetetraacetic acid; EDTA) was collected
to measure cholesterol, TG, glucose, insulin, ALT, and SCFAs. After 15 weeks, five hour-fasted animals
were terminated by gradual fill CO2 asphyxiation, and a terminal blood sample (for EDTA plasma)
was collected by cardiac puncture. Isolated liver and epidydimal adipose tissue were fixed in formalin
and paraffin-embedded for histological analysis. At sacrifice, microbiota from four different regions of
the intestinal tract were sampled, i.e., the feces were collected and the mucosa was scraped in both the
colon and ileum.
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Table 4. Diet composition.

Chow BF LS LS+FW

Fat 9% kcal (Cereal
grains and soy)

41% kcal
(Butter fat) 45% kcal (Lard) Same as LS

Protein 24% kcal (Soy and
cereal grains) 14% kcal (Casein) 20% kcal (Casein) Same as LS

Carbohydrate 67% kcal (Starch) 44% kcal (Fructose) 35% kcal (Sucrose) Same as LS
Cholesterol - - - -
kcal/gram 3.2 kcal/g 4.5 kcal/g 4.7 kcal/g Same as LS

Fiber 4.9% w/w 5.1% w/w 5.8% w/w Same as LS

Drink Water Water Water 10% w/v fructose
in water

Ldlr−/−.Leiden mice were fed Chow, butter fat–fructose (BF), lard fat–sucrose (LS) or a diet with LS and fructose
water (LS+FW) for 15 weeks (n = 15/diet grp). (-) = not present; (w/w) = weight per weight; (w/v) weight per
volume; (% kcal) = percent of energy.

4.2. Blood Chemistry

Plasma lipids (cholesterol and TGs), ALT levels, and insulin were assessed in a fasted
(five-hour) blood sample (100 µL, tail incision). Plasma total cholesterol and TGs were measured
spectrophotometrically with enzymatic assays (Roche diagnostics, Almere, The Netherlands) according
to the manufacturer’s instructions. Plasma ALT levels were measured by reflectance photometry
(Reflotron-Plus system, Roche diagnostics). Blood glucose was measured during blood sampling using
a hand-held glucose analyzer (Freestyle Disectronic, Vianen, The Netherlands). Plasma insulin levels
were determined by ELISA (Mercodia, Uppsala, Sweden).

Plasma SCFAs were analyzed using ultra performance liquid chromatography (UPLC, Ultimate
3000 UPLC system, Thermo Scientific, Waltham, MA, USA) coupled to high-resolution mass
spectrometry (HR-MS, Q-Exactive mass spectrometer equipped with an electro-spray ionization
probe (Thermo Scientific)). Briefly, plasma was mixed with MilliQ water and deuterated internal
standard solution was added. Subsequently, three M of zinc sulfate solution was used to precipitate
proteins. After vortexing and centrifugation, the supernatant was used for derivatization with
glycidyltrimethylammonium chloride solution (diluted in 100 mM of Tris-HCl buffer pH = 7.2) which
was incubated for 90 min at 70 ◦C. After derivatization, the SCFAs were separated on an Acquity HSS
T3 column (150 × 2.1 mm, 1.8 µm; Waters Corporation, Milford, MA, USA) using a mobile phase
gradient from 99.5% mobile phase A (0.1% formic acid in MilliQ) to 100% mobile phase B (0.1% formic
acid in acetonitrile). Mass detection was carried out using electrospray ionization in the positive mode
(spray voltage three kV, scan range m/z 150–700).

4.3. Histological Analysis of Adipose Tissue and Liver

Paraffin-embedded cross sections (five-µm thick) of gonadal WAT were stained with
hematoxylin-phloxine-saffron to blindly score the number of crown-like structures (CLS) in three
non-overlapping fields (100× magnification) per mouse and data were expressed as number
of CLS/mm2 [4]. Histopathological analysis of NAFLD was performed on five-µm thick
hematoxylin-eosin stained cross-sections of the medial lobe. NAFLD was scored blindly by a
board-certified pathologist using an adapted grading method for human NASH [12,49]. Briefly,
two cross-sections per mouse were examined to assess the level of macrovesicular steatosis relative to
the hepatocyte area, which was expressed as a percentage. Hepatic inflammation was evaluated by
counting the number of inflammatory cell aggregates per field at a 100× magnification [12,50] in five
non-overlapping fields per mouse, and expressed as the average number of cell aggregates per mm2.
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4.4. FD4 Gut Permeability Assay

In vivo gut permeability was assessed by measuring the ability of the relatively impermeant
fluorescein isothiocyanate-labelled dextran (three to five kDa FD4; Sigma, St. Louis, MO, USA) to
cross from the intestinal lumen into the circulation, which is a test employed in human [51] and
rodent studies [52,53]. Mice were fasted for four hours, after which a baseline blood sample was
taken by tail incision. Then, FD4 was administered by oral gavage (900 mg/kg) and four hours later,
a second blood sample was taken to determine the plasma concentration of FD4 using a fluorometer
(FLUOstar Galaxy, BMG labtech, Offenburg, Germany). The baseline blood sample was used to correct
for autofluorescence.

4.5. Statistical Analysis

Data is presented as mean ± standard error of the mean (SEM). Significance of differences between
the control diet (chow) and the ED diet groups were tested using a one-way ANOVA with Dunnett’s
post hoc test. Differences with p ≤ 0.05 were considered to be statistically significant. The statistics of
the microbiota data analysis is described below.

4.6. Gut Microbiota Analysis

4.6.1. Collection and DNA Isolation

Microbiota samples from both the colon and ileum collected from the feces or mucosa were
collected at the end of the study and frozen immediately at −80 ◦C. Samples were mechanically
homogenized and genomic DNA was isolated using the AGOWA mag mini kit (DNA Isolation Kit,
AGOWA, Berlin, Germany) according to the manufacturer’s instructions.

4.6.2. Metagenomic Sequencing and Data Analysis

A fragment of the 16S rRNA gene (~270 bp), spanning the V4 hypervariable regions, was amplified
by PCR within 30 cycles using F515/R806 primers. Seventeen purified PCR products were paired-end
sequenced on an Illumina MiSeq platform (Illumina, Eindhoven, The Netherlands). The sequences
were classified by the RDP-II Naïve Bayesian Classifier (‘Wang method’) [54]. In addition, taxa that
were not observed in at least 5% of the samples or had a total count of less than five were removed.
Microbiota data analysis and visual representation was performed with R [55]: To address differences
in sequencing depth and heteroscedasticity, the data was normalized by DESeq2 using the variance
stabilization transformation [56]. Community profiles were analyzed on the genus level, compared
by Bray–Curtis dissimilarity and visualized in non-metric multidimensional scaling (NMDS) plots.
The minimum-entropy decomposition algorithm, which clusters 16S rRNA gene amplicons in a
sensitive manner, was used to calculate the Shannon index, Pielou evenness index, and the tail-statistic
for alpha diversity on the sequence level with the vegan package in R [57]. Significance of differences in
diversity between chow and the ED diets was tested using a one-way ANOVA with Dunnett’s post hoc
test. Statistical permutation tests were performed to compare composition level differences [58–60] with
the phyloseq GraphTest package in R [61]. Correlation analysis between the microbiota composition
and histological and functional readouts of NAFLD development were performed with regularized
canonical correlation analysis (rCCA analysis) [62] using MixOmics in R [63].

5. Conclusions

Taken together, this first systematic analysis of different gut microbial compartments demonstrates
with three different ED diets that a limited group of bacteria correlates with NAFLD endpoints.
The comprehensive analysis of multiple gut compartments indicates that the colon mucosa may have
added value above other compartments when it comes to prediction of the metabolic health state of
organs such as the liver. Lastly, generic changes were observed in all of the compartments regarding
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microbiota diversity and changes in plasma SCFAs (isoacids), which may be used as a marker of the
metabolic state.

Supplementary Materials: Supplementary materials can be found at http://www.mdpi.com/1422-0067/20/1/
1/s1. Figure S1: Microbiota composition of chow differs from the ED diets. Figure S2: All of the ED diets reduced
species evenness in all of the gut compartments. The 16S dataset can be accessed at https://dashin.eu/download/.
For details, please contact the corresponding author.
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NAFLD Non-alcoholic fatty liver disease
NASH Non-alcoholic steatohepatitis
Ldlr−/− Low-density lipoprotein receptor knockout
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LS Lard fat sucrose
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HFD High-fat diet
SCFA Short-chain fatty acid
ALT Alanine-aminotransferase
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CLS Crown-like structures
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CV-score Cross-validation score
rCCA Regularized canonical correlation analysis
IR Insulin resistance
UPLC Ultraperformance liquid chromatography
HR-MS High-resolution mass spectrometry

References

1. Estes, C.; Anstee, Q.M.; Arias-Loste, M.T.; Bantel, H.; Bellentani, S.; Caballeria, J.; Colombo, M.; Craxi, A.;
Crespo, J.; Day, C.P.; et al. Modeling NAFLD disease burden in China, France, Germany, Italy, Japan, Spain,
United Kingdom, and United States for the period 2016–2030. J. Hepatol. 2018. [CrossRef] [PubMed]

2. Abdelmalek, M.; Suzuki, A.; Guy, C.; Unalp-Arida, A.; Colvin, R.; Johnson, R.D.A. Increased fructose
consumption is associated with fibrosis severity in patients with nonalcoholic fatty liver disease. Hepatology
2011, 51, 1961–1971. [CrossRef] [PubMed]

3. Jang, C.; Hui, S.; Lu, W.; Cowan, A.J.; Morscher, R.J.; Lee, G.; Liu, W.; Tesz, G.J.; Birnbaum, M.J.;
Rabinowitz, J.D. The Small Intestine Converts Dietary Fructose into Glucose and Organic Acids. Cell Metab.
2018, 27, 351–361. [CrossRef] [PubMed]

http://www.mdpi.com/1422-0067/20/1/1/s1
http://www.mdpi.com/1422-0067/20/1/1/s1
https://dashin.eu/download/
http://dx.doi.org/10.1016/j.jhep.2018.05.036
http://www.ncbi.nlm.nih.gov/pubmed/29886156
http://dx.doi.org/10.1002/hep.23535
http://www.ncbi.nlm.nih.gov/pubmed/20301112
http://dx.doi.org/10.1016/j.cmet.2017.12.016
http://www.ncbi.nlm.nih.gov/pubmed/29414685


Int. J. Mol. Sci. 2019, 20, 1 18 of 20

4. Mulder, P.; Morrison, M.C.; Wielinga, P.Y.; Van Duyvenvoorde, W.; Kooistra, T.; Kleemann, R. Surgical
removal of inflamed epididymal white adipose tissue attenuates the development of non-alcoholic
steatohepatitis in obesity. Int. J. Obes. 2016, 40, 675–684. [CrossRef] [PubMed]

5. Boursier, J.; Mueller, O.; Barret, M.; Machado, M.; Fizanne, L.; Araujo-Perez, F.; Guy, C.D.; Seed, P.C.;
Rawls, J.F.; David, L.A.; et al. The severity of nonalcoholic fatty liver disease is associated with gut dysbiosis
and shift in the metabolic function of the gut microbiota. Hepatology 2016, 63, 764–775. [CrossRef] [PubMed]

6. Altamirano-Barrera, A.; Uribe, M.; Chávez-Tapia, N.C.; Nuño-Lámbarri, N. The role of the gut microbiota in
the pathology and prevention of liver disease. J. Nutr. Biochem. 2018, 60, 1–8. [CrossRef]

7. Boursier, J.; Diehl, A.M. Nonalcoholic Fatty Liver Disease and the Gut Microbiome. Clin. Liver Dis. 2016, 20,
263–275. [CrossRef] [PubMed]

8. Lonardo, A.; Nascimbeni, F.; Targher, G.; Bernardi, M.; Bonino, F.; Bugianesi, E.; Casini, A.; Gastaldelli, A.;
Marchesini, G.; Marra, F.; et al. AISF position paper on nonalcoholic fatty liver disease (NAFLD): Updates
and future directions. Dig. Liver Dis. 2017, 49, 471–483. [CrossRef]

9. Korpela, K. Diet, Microbiota, and Metabolic Health: Trade-Off Between Saccharolytic and Proteolytic
Fermentation. Annu. Rev. Food Sci. Technol. 2018, 9. [CrossRef]

10. Aron-Wisnewsky, J.; Doré, J.; Clement, K. The importance of the gut microbiota after bariatric surgery.
Nat. Rev. Gastroenterol. Hepatol. 2012, 9, 590–598. [CrossRef]

11. Rangel, I.; Sundin, J.; Fuentes, S.; Repsilber, D.; de Vos, W.M.; Brummer, R.J. The relationship between
faecal-associated and mucosal-associated microbiota in irritable bowel syndrome patients and healthy
subjects. Aliment. Pharmacol. Ther. 2015, 42, 1211–1221. [CrossRef] [PubMed]

12. Liang, W.; Menke, A.L.; Driessen, A.; Koek, G.H.; Lindeman, J.H.; Stoop, R.; Havekes, L.M.; Kleemann, R.;
van den Hoek, A.M. Establishment of a general NAFLD scoring system for rodent models and comparison
to human liver pathology. PLoS ONE 2014, 9. [CrossRef] [PubMed]

13. Morrison, M.C.; Kleemann, R.; van Koppen, A.; Hanemaaijer, R.; Verschuren, L. Key inflammatory processes
in human NASH are reflected in Ldlr−/−.Leiden mice: A translational gene profiling study. Front. Physiol.
2018, 9. [CrossRef] [PubMed]

14. van Koppen, A.; Verschuren, L.; van den Hoek, A.M.; Verheij, J.; Morrison, M.C.; Li, K.; Nagabukuro, H.;
Costessi, A.; Caspers, M.P.; van den Broek, T.J.; et al. Uncovering a Predictive Molecular Signature for the
Onset of NASH-Related Fibrosis in a Translational NASH Mouse Model. CMGH 2018, 5, 83–98. [CrossRef]
[PubMed]

15. Graf, D.; Di Cagno, R.; Fåk, F.; Flint, H.J.; Nyman, M.; Saarela, M.; Watzl, B. Contribution of diet to the
composition of the human gut microbiota. Microb. Ecol. Health Dis. 2015, 26, 26164. [CrossRef] [PubMed]

16. den Besten, G.; van Eunen, K.; Groen, A.K.; Venema, K.; Reijngoud, D.-J.; Bakker, B.M. The role of short-chain
fatty acids in the interplay between diet, gut microbiota, and host energy metabolism. J. Lipid Res. 2013, 54,
2325–2340. [CrossRef] [PubMed]

17. Pickens, M.K.; Ogata, H.; Soon, R.K.; Grenert, J.P.; Maher, J.J. Dietary fructose exacerbates hepatocellular
injury when incorporated into a methionine-choline-deficient diet. Liver Int. 2010, 30, 1229–1239. [CrossRef]

18. Ishimoto, T.; Lanaspa, M.A.; Rivard, C.J.; Roncal-Jimenez, C.A.; Orlicky, D.J.; Cicerchi, C.; McMahan, R.H.;
Abdelmalek, M.F.; Rosen, H.R.; Jackman, M.R.; et al. High-fat and high-sucrose (western) diet induces
steatohepatitis that is dependent on fructokinase. Hepatology 2013, 58, 1632–1643. [CrossRef]

19. Morrison, M.C.; Mulder, P.; Stavro, P.M.; Suárez, M.; Arola-Arnal, A.; Van Duyvenvoorde, W.; Kooistra, T.;
Wielinga, P.Y.; Kleemann, R. Replacement of dietary saturated fat by PUFA-rich pumpkin seed oil attenuates
non-alcoholic fatty liver disease and atherosclerosis development, with additional health effects of virgin
over refined oil. PLoS ONE 2015. [CrossRef]

20. Kiziltas, S. Toll-like receptors in pathophysiology of liver diseases. World J. Hepatol. 2016, 8, 1354–1369.
[CrossRef]

21. Liang, W.; Lindeman, J.H.; Menke, A.L.; Koonen, D.P.; Morrison, M.; Havekes, L.M.; Van Den
Hoek, A.M.; Kleemann, R. Metabolically induced liver inflammation leads to NASH and differs from
LPS-or IL-1β-induced chronic inflammation. Lab. Investig. 2014, 94, 491–502. [CrossRef] [PubMed]

22. Morrison, M.C.; Verschuren, L.; Salic, K.; Verheij, J.; Menke, A.; Wielinga, P.Y.; Iruarrizaga-Lejarreta, M.;
Gole, L.; Yu, W.M.; Turner, S.; et al. Obeticholic Acid Modulates Serum Metabolites and Gene Signatures
Characteristic of Human NASH and Attenuates Inflammation and Fibrosis Progression in Ldlr−/−.Leiden
Mice. Hepatol. Commun. 2018. [CrossRef] [PubMed]

http://dx.doi.org/10.1038/ijo.2015.226
http://www.ncbi.nlm.nih.gov/pubmed/26499443
http://dx.doi.org/10.1002/hep.28356
http://www.ncbi.nlm.nih.gov/pubmed/26600078
http://dx.doi.org/10.1016/j.jnutbio.2018.03.006
http://dx.doi.org/10.1016/j.cld.2015.10.012
http://www.ncbi.nlm.nih.gov/pubmed/27063268
http://dx.doi.org/10.1016/j.dld.2017.01.147
http://dx.doi.org/10.1146/annurev-food-030117-012830
http://dx.doi.org/10.1038/nrgastro.2012.161
http://dx.doi.org/10.1111/apt.13399
http://www.ncbi.nlm.nih.gov/pubmed/26376728
http://dx.doi.org/10.1371/journal.pone.0115922
http://www.ncbi.nlm.nih.gov/pubmed/25535951
http://dx.doi.org/10.3389/fphys.2018.00132
http://www.ncbi.nlm.nih.gov/pubmed/29527177
http://dx.doi.org/10.1016/j.jcmgh.2017.10.001
http://www.ncbi.nlm.nih.gov/pubmed/29276754
http://dx.doi.org/10.3402/mehd.v26.26164
http://www.ncbi.nlm.nih.gov/pubmed/25656825
http://dx.doi.org/10.1194/jlr.R036012
http://www.ncbi.nlm.nih.gov/pubmed/23821742
http://dx.doi.org/10.1111/j.1478-3231.2010.02285.x
http://dx.doi.org/10.1002/hep.26594
http://dx.doi.org/10.1371/journal.pone.0139196
http://dx.doi.org/10.4254/wjh.v8.i32.1354
http://dx.doi.org/10.1038/labinvest.2014.11
http://www.ncbi.nlm.nih.gov/pubmed/24566933
http://dx.doi.org/10.1002/hep4.1270
http://www.ncbi.nlm.nih.gov/pubmed/30556039


Int. J. Mol. Sci. 2019, 20, 1 19 of 20

23. Teufel, A.; Itzel, T.; Erhart, W.; Brosch, M.; Wang, X.Y.; Kim, Y.O.; von Schönfels, W.; Herrmann, A.;
Brückner, S.; Stickel, F.; Dufour, J.F. Comparison of Gene Expression Patterns Between Mouse Models
of Nonalcoholic Fatty Liver Disease and Liver Tissues From Patients. Gastroenterology 2016. [CrossRef]
[PubMed]

24. Tidjani Alou, M.; Lagier, J.C.; Raoult, D. Diet influence on the gut microbiota and dysbiosis related to
nutritional disorders. Hum. Microbiome J. 2016, 1, 3–11. [CrossRef]

25. Neyrinck, A.M.; Possemiers, S.; Druart, C.; Van de Wiele, T.; De Backer, F.; Cani, P.D.; Larondelle, Y.;
Delzenne, N.M. Prebiotic effects of wheat Arabinoxylan related to the increase in bifidobacteria, roseburia
and bacteroides/prevotella in diet-induced obese mice. PLoS ONE 2011. [CrossRef] [PubMed]

26. Brinkworth, G.D.; Noakes, M.; Clifton, P.M.; Bird, A.R. Comparative effects of very low-carbohydrate,
high-fat and high-carbohydrate, low-fat weight-loss diets on bowel habit and faecal short-chain fatty acids
and bacterial populations. Br. J. Nutr. 2009. [CrossRef] [PubMed]

27. Russell, W.R.; Gratz, S.W.; Duncan, S.H.; Holtrop, G.; Ince, J.; Scobbie, L.; Duncan, G.; Johnstone, A.M.;
Lobley, G.E.; Wallace, R.J.; et al. High-protein, reduced-carbohydrate weight-loss diets promote metabolite
profiles likely to be detrimental to colonic health. Am. J. Clin. Nutr. 2011. [CrossRef]

28. Aguirre, M.; Eck, A.; Koenen, M.E.; Savelkoul, P.H.M.; Budding, A.E.; Venema, K. Diet drives quick changes
in the metabolic activity and composition of human gut microbiota in a validated in vitro gut model.
Res. Microbiol. 2016. [CrossRef]

29. David, L.A.; Maurice, C.F.; Carmody, R.N.; Gootenberg, D.B.; Button, J.E.; Wolfe, B.E.; Ling, A.V.; Devlin, A.S.;
Varma, Y.; Fischbach, M.A.; et al. Diet rapidly and reproducibly alters the human gut microbiome. Nature
2014, 505, 559–563. [CrossRef]

30. Mulders, R.J.; de Git, K.C.G.; Schéle, E.; Dickson, S.L.; Sanz, Y.; Adan, R.A.H. Microbiota in obesity:
Interactions with enteroendocrine, immune and central nervous systems. Obes. Rev. 2018. [CrossRef]

31. De Wit, N.; Derrien, M.; Bosch-Vermeulen, H.; Oosterink, E.; Keshtkar, S.; Duval, C.; de Vogel-van den
Bosch, J.; Kleerebezem, M.; Müller, M.; van der Meer, R. Saturated fat stimulates obesity and hepatic
steatosis and affects gut microbiota composition by an enhanced overflow of dietary fat to the distal intestine.
AJP Gastrointest. Liver Physiol. 2012, 303, G589–G599. [CrossRef]

32. Vaiserman, A.M.; Koliada, A.K.; Marotta, F. Gut microbiota: A player in aging and a target for anti-aging
intervention. Ageing Res. Rev. 2017, 35, 36–45. [CrossRef] [PubMed]

33. O’Toole, P.W.; Jeffery, I.B. Gut microbiota and aging. Science 2015, 350, 1214–1215. [CrossRef] [PubMed]
34. Cornick, S.; Tawiah, A.; Chadee, K. Roles and regulation of the mucus barrier in the gut. Tissue Barriers 2015.

[CrossRef]
35. Li, H.; Limenitakis, J.P.; Fuhrer, T.; Geuking, M.B.; Lawson, M.A.; Wyss, M.; Brugiroux, S.; Keller, I.;

Macpherson, J.A.; Rupp, S.; et al. The outer mucus layer hosts a distinct intestinal microbial niche.
Nat. Commun. 2015, 6. [CrossRef] [PubMed]

36. Tang, M.S.; Poles, J.; Leung, J.M.; Wolff, M.J.; Davenport, M.; Lee, S.C.; Lim, Y.A.; Chua, K.H.; Loke, P.N.;
Cho, I. Inferred metagenomic comparison of mucosal and fecal microbiota from individuals undergoing
routine screening colonoscopy reveals similar differences observed during active inflammation. Gut Microbes
2015. [CrossRef]

37. Yin, Y.N.; Yu, Q.F.; Fu, N.; Liu, X.W.; Lu, F.G. Effects of four Bifidobacteria on obesity in high-fat diet induced
rats. World J. Gastroenterol. 2010. [CrossRef]

38. Solga, S.F.; Buckley, G.; Clark, J.M.; Horska, A.; Diehl, A.M. The effect of a probiotic on hepatic steatosis.
J. Clin. Gastroenterol. 2008, 42, 1117–1119. [CrossRef] [PubMed]

39. Liu, Y.; Gibson, G.R.; Walton, G.E. Impact of high fat diets, prebiotics and probiotics on gut microbiota and
immune function, with relevance to elderly populations. Nutr. Aging 2016, 3, 171–192. [CrossRef]

40. Jiang, W.; Wu, N.; Wang, X.; Chi, Y.; Zhang, Y.; Qiu, X.; Hu, Y.; Li, J.; Liu, Y. Dysbiosis gut microbiota associated
with inflammation and impaired mucosal immune function in intestine of humans with non-alcoholic fatty
liver disease. Sci. Rep. 2015. [CrossRef]

41. Woting, A.; Blaut, M. Small Intestinal Permeability and Gut-Transit Time. Nutrients 2018, 10, 685. [CrossRef]
42. Jung, M.J.; Lee, J.; Shin, N.R.; Kim, M.S.; Hyun, D.W.; Yun, J.H.; Kim, P.S.; Whon, T.W.; Bae, J.W. Chronic

Repression of mTOR Complex 2 Induces Changes in the Gut Microbiota of Diet-induced Obese Mice. Sci. Rep.
2016. [CrossRef]

http://dx.doi.org/10.1053/j.gastro.2016.05.051
http://www.ncbi.nlm.nih.gov/pubmed/27318147
http://dx.doi.org/10.1016/j.humic.2016.09.001
http://dx.doi.org/10.1371/journal.pone.0020944
http://www.ncbi.nlm.nih.gov/pubmed/21695273
http://dx.doi.org/10.1017/S0007114508094658
http://www.ncbi.nlm.nih.gov/pubmed/19224658
http://dx.doi.org/10.3945/ajcn.110.002188
http://dx.doi.org/10.1016/j.resmic.2015.09.006
http://dx.doi.org/10.1038/nature12820
http://dx.doi.org/10.1111/obr.12661
http://dx.doi.org/10.1152/ajpgi.00488.2011
http://dx.doi.org/10.1016/j.arr.2017.01.001
http://www.ncbi.nlm.nih.gov/pubmed/28109835
http://dx.doi.org/10.1126/science.aac8469
http://www.ncbi.nlm.nih.gov/pubmed/26785481
http://dx.doi.org/10.4161/21688370.2014.982426
http://dx.doi.org/10.1038/ncomms9292
http://www.ncbi.nlm.nih.gov/pubmed/26392213
http://dx.doi.org/10.1080/19490976.2014.1000080
http://dx.doi.org/10.3748/wjg.v16.i27.3394
http://dx.doi.org/10.1097/MCG.0b013e31816d920c
http://www.ncbi.nlm.nih.gov/pubmed/18936646
http://dx.doi.org/10.3233/NUA-150058
http://dx.doi.org/10.1038/srep08096
http://dx.doi.org/10.3390/nu10060685
http://dx.doi.org/10.1038/srep30887


Int. J. Mol. Sci. 2019, 20, 1 20 of 20

43. Mathur, R.; Amichai, M.; Chua, K.S.; Mirocha, J.; Barlow, G.M.; Pimentel, M. Methane and hydrogen
positivity on breath test is associated with greater body mass index and body fat. J. Clin. Endocrinol. Metab.
2013. [CrossRef] [PubMed]

44. Boursier, J.; Diehl, A.M. Implication of gut microbiota in nonalcoholic fatty liver disease. PLoS Pathog. 2015,
11, e1004559. [CrossRef]

45. Newgard, C.B. Interplay between lipids and branched-chain amino acids in development of insulin resistance.
Cell Metab. 2012, 15, 606–614. [CrossRef]

46. Beck, H.C. Branched-chain fatty acid biosynthesis in a branched-chain amino acid aminotransferase mutant
of Staphylococcus carnosus. FEMS Microbiol. Lett. 2005. [CrossRef] [PubMed]

47. Windey, K.; de Preter, V.; Verbeke, K. Relevance of protein fermentation to gut health. Mol. Nutr. Food Res.
2012, 56, 184–196. [CrossRef] [PubMed]

48. Jakobsdottir, G.; Bjerregaard, J.H.; Skovbjerg, H.; Nyman, M. Fasting serum concentration of short-chain
fatty acids in subjects with microscopic colitis and celiac disease: No difference compared with controls, but
between genders. Scand. J. Gastroenterol. 2013. [CrossRef]

49. Kleiner, D.E.; Brunt, E.M. Nonalcoholic fatty liver disease: Pathologic patterns and biopsy evaluation in
clinical research. Semin. Liver Dis. 2012, 32, 3–13. [CrossRef]

50. Schoemaker, M.H.; Kleemann, R.; Morrison, M.C.; Verheij, J.; Salic, K.; van Tol, E.A.; Kooistra, T.; Wielinga, P.Y.
A casein hydrolysate based formulation attenuates obesity and associated nonalcoholic fatty liver disease
and atherosclerosis in Ldlr−/−.Leiden mice. PLoS ONE 2017, 12. [CrossRef]

51. Nejdfors, P.; Ekelund, M.; Weström, B.R.; Willén, R.; Jeppsson, B. Intestinal permeability in humans is
increased after radiation therapy. Dis. Colon Rectum 2000, 43, 1582–1587. [CrossRef]

52. Patel, R.M.; Myers, L.S.; Kurundkar, A.R.; Maheshwari, A.; Nusrat, A.; Lin, P.W. Probiotic bacteria induce
maturation of intestinal claudin 3 expression and barrier function. Am. J. Pathol. 2012, 180, 626–635.
[CrossRef]

53. Dong, C.X.; Zhao, W.; Solomon, C.; Rowland, K.J.; Ackerley, C.; Robine, S.; Holzenberger, M.; Gonska, T.;
Brubaker, P.L. The intestinal epithelial insulin-like growth factor-1 receptor links glucagon-like peptide-2
action to gut barrier function. Endocrinology 2014, 155, 370–379. [CrossRef]

54. Wang, Q.; Garrity, G.M.; Tiedje, J.M.; Cole, J.R. Naïve Bayesian classifier for rapid assignment of rRNA
sequences into the new bacterial taxonomy. Appl. Environ. Microbiol. 2007, 73, 5261–5267. [CrossRef]

55. McMurdie, P.J.; Holmes, S. Phyloseq: An R Package for Reproducible Interactive Analysis and Graphics of
Microbiome Census Data. PLoS ONE 2013, 8. [CrossRef] [PubMed]

56. Love, M.I.; Huber, W.; Anders, S. Moderated estimation of fold change and dispersion for RNA-seq data
with DESeq2. Genome Biol. 2014, 15. [CrossRef]

57. Oksanen, J. Vegan: Community Ecology Package, Version 1.17-2; R Package 2010. Available online: http:
//cran.r-project.org (accessed on 7 May 2018).

58. Friedman, J.H.; Rafsky, L.C. Multivariate Generalizations of the Wald-Wolfowitz and Smirnov Two-Sample
Tests. Ann. Stat. 1979, 7, 697–717. [CrossRef]

59. Schilling, M.F. Multivariate two-sample tests based on nearest neighbors. J. Am. Stat. Assoc. 1986, 81, 799–806.
[CrossRef]

60. Methods, B.; Tests, P. Bootstrap Methods and Permutation Tests. Introd. Pract. Stat. 2005, 5, 1–70.
61. Fukuyama, J.; Holmes, S. phyloseqGraphTest: Graph-Based Permutation Tests for Microbiome Data. R

Package Version 0.0.2. 2018. Available online: https://cran.r-project.org/package=phyloseqGraphTest
(accessed on 7 May 2018).

62. Rencher, A.C. Canonical Correlation. Methods Multivar. Anal. 2003, 361–379. [CrossRef]
63. González, I.; Lê Cao, K.A.; Déjean, S. MixOmics: Omics Data Integration Project. 2011. Available online:

http://www.mixomics.org (accessed on 7 May 2018).

© 2018 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1210/jc.2012-3144
http://www.ncbi.nlm.nih.gov/pubmed/23533244
http://dx.doi.org/10.1371/journal.ppat.1004559
http://dx.doi.org/10.1016/j.cmet.2012.01.024
http://dx.doi.org/10.1016/j.femsle.2004.11.041
http://www.ncbi.nlm.nih.gov/pubmed/15667998
http://dx.doi.org/10.1002/mnfr.201100542
http://www.ncbi.nlm.nih.gov/pubmed/22121108
http://dx.doi.org/10.3109/00365521.2013.786128
http://dx.doi.org/10.1055/s-0032-1306421
http://dx.doi.org/10.1371/journal.pone.0180648
http://dx.doi.org/10.1007/BF02236743
http://dx.doi.org/10.1016/j.ajpath.2011.10.025
http://dx.doi.org/10.1210/en.2013-1871
http://dx.doi.org/10.1128/AEM.00062-07
http://dx.doi.org/10.1371/journal.pone.0061217
http://www.ncbi.nlm.nih.gov/pubmed/23630581
http://dx.doi.org/10.1186/s13059-014-0550-8
http://cran.r-project.org
http://cran.r-project.org
http://dx.doi.org/10.1214/aos/1176344722
http://dx.doi.org/10.1080/01621459.1986.10478337
https://cran.r-project.org/package=phyloseqGraphTest
http://dx.doi.org/10.1002/0471271357.ch11
http://www.mixomics.org
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Results 
	All ED Diets Resulted in NAFLD in the Context of Obesity, White Adipose Tissue Dysfunction, and Gut Dysfunction 
	Global Analysis of Fecal and Mucosal Microbiota Composition in Colon and Ileum 
	Microbiota Composition Associations with NAFLD Disease Endpoints 

	Discussion 
	Materials and Methods 
	Animals, Diets, and Study Design 
	Blood Chemistry 
	Histological Analysis of Adipose Tissue and Liver 
	FD4 Gut Permeability Assay 
	Statistical Analysis 
	Gut Microbiota Analysis 
	Collection and DNA Isolation 
	Metagenomic Sequencing and Data Analysis 


	Conclusions 
	References

