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Abstract

Temu has become a prominent cross-border e-commerce platform combining low-price
positioning, personalized recommendations, and mobile-based shopping, but its platform
features may create both perceived value and digital risk concerns. This study examines
how perceived price advantage, personalized recommendation quality, and platform usabil-
ity are associated with Korean Generation Z consumers’ purchase intentions toward Temu
through perceived value, trust, platform attitude, perceived manipulation concern, privacy
concern, and perceived risk. Survey data were collected from 676 Korean Generation Z
consumers between December 2025 and February 2026 and were analyzed using structural
equation modeling (SEM) and fuzzy-set qualitative comparative analysis (fsQCA). The
SEM results show that perceived price advantage, personalized recommendation quality,
and platform usability were positively associated with perceived value. Perceived value
was positively associated with trust and platform attitude, and platform attitude was
positively associated with purchase intention, whereas perceived risk was negatively asso-
ciated with purchase intention. However, trust was not directly associated with purchase
intention, perceived manipulation concern was not significantly associated with perceived
risk, and perceived risk was not significantly associated with platform attitude. The fsQCA
identified four configurations for high purchase intention, with overall solution consis-
tency of 0.892 and coverage of 0.642. These configurations particularly involved perceived
value, favorable platform attitude, low perceived risk, and recommendation quality. The
findings indicate that perceived risk was directly associated with lower purchase intention,
whereas manipulation and privacy concerns did not operate through uniformly expected
risk mechanisms.

Keywords: Temu; cross-border e-commerce; Generation Z; perceived price advantage;
personalized recommendation; perceived value; digital risk; purchase intention; SEM; fsQCA

1. Introduction
Cross-border e-commerce has become an important form of digital consumption,

allowing consumers to access overseas products through online platforms with lower
search and transaction barriers [1,2]. In South Korea, young consumers are highly familiar
with mobile shopping, social media-based product discovery, and app-based promotional
campaigns [3,4]. However, they also operate in a mature domestic e-commerce environment
where local platforms often emphasize fast delivery, local service reliability, and established
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payment systems [5–7]. Temu differs from these local platforms by combining cross-border
sourcing, low-price positioning, intensive promotions, personalized product exposure, and
mobile-based shopping [8,9]. This makes Temu a useful context for examining how young
Korean consumers evaluate a platform that offers strong price appeal while also involving
uncertainties related to product quality [8,10], delivery, returns, payment security, privacy,
and platform accountability [2,4,8].

Temu is not simply a low-price shopping channel; it is also an algorithm-enabled
consumption environment [8,11]. Consumers encounter price-related promotions, personal-
ized recommendations, promotional framing, and interface-based convenience when using
the platform [11–15]. These platform features may be associated with stronger perceived
value by helping consumers find lower-priced products, discover relevant items, and com-
plete purchases with less effort [3,12,15]. At the same time, they may also be associated with
digital risk concerns when consumers perceive that product exposure, recommendations,
or promotional cues are designed to influence their choices [5,6,16]. Korean Generation Z
consumers represent a particularly relevant group for examining this tension [8,13,17]. In
this study, Generation Z refers to consumers born between 1997 and 2007, corresponding
approximately to adult young consumers aged 18–29 during the survey period, depending
on birth month. This cohort is particularly relevant because Generation Z consumers are
generally familiar with mobile commerce, personalized digital content, social media-based
shopping information, cross-border consumption, and algorithm-supported platform envi-
ronments. At the same time, their digital familiarity may also make them more aware of
data use, platform influence, privacy issues, and online transaction uncertainty [16–18]. As
a result, their purchase intention toward Temu may be shaped by both value-oriented and
risk-oriented evaluations [3,6,8,17].

Despite the growing popularity of Temu and similar cross-border e-commerce plat-
forms, several research gaps remain [2,4,8]. First, existing research has not sufficiently
distinguished perceived platform value from algorithm-related concerns and generalized
transaction risk in the Temu context. Price advantage, recommendation quality, usability,
trust, privacy concerns, manipulation concerns, and perceived risk are often discussed
separately, but their different roles in shaping purchase intention remain underdevel-
oped [5,8,15]. Second, research on cross-border e-commerce often emphasizes average
linear relationships among variables, while less attention has been given to whether dif-
ferent combinations of value-related and risk-related conditions may be associated with
the same behavioral intention [3,6,11,16]. Third, Korean Generation Z consumers pro-
vide a theoretically meaningful context because they are both highly familiar with digital
platforms and sensitive to platform influence, privacy issues, and online transaction uncer-
tainty [19–21]. As a result, the mechanisms through which Korean Generation Z consumers
evaluate and adopt algorithm-driven cross-border platforms remain insufficiently under-
stood [4,8,15]. Addressing these gaps requires an integrated framework that simultaneously
considers platform value mechanisms, digital risk perceptions, and multiple pathways
associated with purchase intention [11,19–21].

To address these gaps, this study examines Korean Generation Z consumers’
purchase intention toward Temu through a value–risk framework grounded in the
Stimulus–Organism–Response perspective [2,8]. The SEM component tests the associ-
ations among perceived price advantage, personalized recommendation quality, platform
usability, perceived value, trust, platform attitude, manipulation concern, privacy con-
cern, perceived risk, and purchase intention [4–6,16]. The fsQCA component addresses
the following research question: What configurations of platform value, trust, platform
attitude, and digital risk conditions are associated with high purchase intention among
Korean Generation Z consumers [2,5,8,16]?
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To address these objectives, this study develops an integrated model that combines the
value-related pathway and the digital risk-related pathway [4–6,16]. Using survey data from
Korean Generation Z consumers, the study applies structural equation modeling to test the
direct and indirect relationships among platform features, perceived value, trust, risk percep-
tions, attitude, and purchase intention [6,22]. It further uses fsQCA to identify alternative
configurations leading to high purchase intention [19–21]. More importantly, it shows that
platform value mechanisms and digital risk perceptions are not associated with purchase
intention in the same way among Korean Generation Z consumers. This study makes three
contributions. First, it distinguishes perceived platform value from algorithm-related concerns
and generalized transaction risk in the Temu context [2,8]. Second, it examines how these
value- and risk-related mechanisms are associated with purchase intentions among Korean
Generation Z consumers [4–6,16]. Third, it complements the net-effect analysis with a configu-
rational examination of alternative pathways associated with high purchase intention [19–22].
By doing so, the study provides a more cautious and differentiated explanation of Temu
purchase intention in algorithm-enabled cross-border e-commerce.

2. Literature Review
2.1. Cross-Border E-Commerce and the Rise of Temu

Cross-border e-commerce has reshaped online consumption by enabling consumers
to purchase products from overseas sellers with relatively low search and transaction
costs [1,2]. However, this form of shopping also involves a higher degree of uncertainty.
Issues such as product quality, delivery reliability, payment security, return procedures,
and platform accountability may affect consumers’ confidence and willingness to pur-
chase [5,6]. For this reason, cross-border e-commerce is often evaluated through a trade-off
between expected value and perceived risk [3,6,16]. Temu has become a particularly visible
example of this new platform model [8,10]. Unlike conventional online retailers, Temu
combines low-price positioning, personalized product exposure, mobile-based interfaces,
and intensive promotional strategies [8,10–12]. These features allow the platform to at-
tract consumers quickly, especially those who are sensitive to price and accustomed to
app-based shopping [11,12,18]. At the same time, Temu’s platform logic also makes it
different from a simple discount marketplace. Prices, recommendations, and product visi-
bility are continuously shaped by data-driven mechanisms, which means that consumers
encounter Temu as both a cross-border shopping channel and an algorithmic consumption
environment [10–12].

Korean Generation Z consumers offer a useful context for studying this phe-
nomenon [8,17,18]. They are familiar with mobile commerce, personalized content, social
media marketing, and overseas shopping platforms [17,18]. Yet this familiarity does not
mean that they automatically trust algorithm-driven platforms. Many young consumers
may enjoy Temu’s low prices and product variety while still being aware of privacy issues,
algorithmic influence, and transaction uncertainty [10,12,17]. Examining Temu in this con-
text therefore helps explain how young consumers balance value attraction and digital risk
when forming purchase intentions toward cross-border e-commerce platforms [4,6,8,17].

2.2. Platform Features in Algorithm-Enabled E-Commerce

The operation of e-commerce platforms has increasingly moved beyond simple online
product display. In many contemporary platforms, algorithms are embedded in pricing,
product ranking, recommendations, promotions, and interface design [11,23–25]. These
mechanisms shape not only what consumers see, but also how they compare alternatives
and make purchase decisions [12,24–26]. In this sense, platform features are no longer
neutral background conditions; they actively structure the shopping experience [12,25,26].
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Price-related promotions are especially visible in platforms that compete through
frequent discounts and dynamic promotional cues [11,23]. Consumers may not fully know
how prices are calculated, but they can still form a perception that a platform offers price
advantages when discounts appear attractive and repeated [3,23]. This perception is im-
portant in cross-border e-commerce, where low prices often reduce consumers’ hesitation
toward unfamiliar products or sellers [2,4]. Personalized recommendation systems work
in a different way. Rather than lowering monetary cost directly, they reduce search effort
by presenting products that appear relevant to consumers’ interests or previous behav-
ior [12,24–26]. For users facing a large number of products, good recommendations can
make the platform feel more efficient and responsive [12,25,26].

Platform usability provides the practical foundation for these algorithmic features
to work. If the search process is confusing, product information is unclear, or payment
is inconvenient, price advantages and recommendations may not be enough to create
a positive shopping experience [15]. A smooth interface, clear navigation, and conve-
nient transaction process help consumers transform platform features into perceived ben-
efits [27–29]. Therefore, this study focuses on perceived price advantage, personalized
recommendation quality, and platform usability as three core features of the Temu shopping
experience [2,11,15].

2.3. Perceived Value, Trust, Attitude, and Purchase Intention

The relationships among perceived value, trust, attitude, and purchase intention are
also consistent with major technology acceptance and e-commerce adoption models. The
Technology Acceptance Model (TAM) argues that users’ acceptance of information systems
is shaped by perceived usefulness and perceived ease of use, which influence attitude
and behavioral intention [15]. TAM2 further extends this logic by emphasizing that users’
acceptance is affected not only by instrumental evaluations but also by social influence
and cognitive processes [30]. Similarly, the Unified Theory of Acceptance and Use of
Technology (UTAUT) explains technology use through performance expectancy, effort
expectancy, social influence, and facilitating conditions [27]. Although the present study
does not directly test the full TAM, TAM2, or UTAUT models, these perspectives support
the view that consumers’ purchase intention toward Temu is shaped by perceived platform
benefits, usability, trust, and overall attitude.

Perceived value is widely used to explain online purchase behavior because consumers
usually evaluate a platform by comparing what they gain with what they sacrifice [3,31]. In
e-commerce, this evaluation is not limited to monetary savings. Consumers may also con-
sider whether the platform saves time, reduces search effort, provides relevant products, or
makes the overall shopping process easier [4,15,31]. In cross-border e-commerce, perceived
value becomes even more important because consumers often need to weigh attractive
prices against uncertainties related to delivery, product quality, and after-sales service [2,4].

Trust is closely connected to this evaluation process [6,7]. Online consumers cannot
directly inspect products before purchase, and cross-border transactions further increase
the distance between consumers, sellers, and platforms [2,6]. As a result, consumers need
to believe that the platform can provide reliable information, protect transactions, and
handle possible problems [5–7]. Trust may not always lead directly to purchase, but it can
make the platform feel more dependable and reduce psychological hesitation [6,7].

Attitude captures consumers’ overall evaluation of purchasing from the platform [32].
A favorable attitude is likely to emerge when consumers perceive strong value and feel that
the platform is sufficiently reliable and acceptable [4,6]. Purchase intention then represents
the behavioral tendency to use the platform for future shopping. For Korean Generation
Z consumers, the decision to purchase from Temu is therefore likely to depend not only
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on price appeal, but also on whether the platform feels valuable, reliable, convenient, and
suitable for their shopping habits [17,18].

2.4. Digital Risk, Privacy Concern, and Algorithmic Manipulation

Algorithm-driven e-commerce also creates new forms of digital risk [16,33,34]. Con-
sumers may benefit from personalized services and promotional pricing, but these same
mechanisms depend on data collection, behavioral tracking, and automated decision-
making [16,35]. In cross-border e-commerce, this risk perception can become stronger
because consumers may have limited knowledge of sellers, logistics processes, refund
procedures, data practices, and platform accountability [2,6]. Risk is therefore not only a
technical issue; it is also part of how consumers interpret the fairness and reliability of the
platform [16,34].

Perceived manipulation concern reflects this tension. When prices, rankings, dis-
counts, and recommendations appear to be strongly shaped by algorithms, consumers
may feel that the platform is not simply helping them make choices, but also guiding their
attention and encouraging certain purchases [33,34,36]. This does not necessarily mean
that consumers reject the platform. Many digitally experienced users accept algorithmic
influence as a normal part of online shopping [16,33]. However, they may still become
more aware of how platform design can steer their decisions.

Privacy concern is another important issue because personalization depends on the
collection and use of consumer data. Highly accurate recommendations may be con-
venient, but they can also remind consumers that their browsing behavior, preferences,
and purchase records are being monitored [16,35,37]. For Generation Z consumers, pri-
vacy concern may operate in a more complex way [17,18]. For Generation Z consumers,
privacy concern may operate in a more complex way. It may reflect awareness of data
collection and platform monitoring, but the present study does not directly measure pri-
vacy literacy, privacy-protective behavior, or active information-control practices [18,37].
Therefore, privacy concern is treated as a risk-related perception rather than as direct
evidence of self-protection behavior. Therefore, digital risk in the Temu context should be
understood as a selective mechanism that may shape purchase intention differently across
consumers [2,16,17].

3. Model Development and Hypotheses
3.1. Theoretical Foundation of the Research Model

This study develops its research model based on the Stimulus–Organism–Response
(S–O–R) framework. The S–O–R framework explains how external environmental stimuli
shape individuals’ internal cognitive and affective states, which subsequently relate to
behavioral responses. This logic is suitable for the present study because Temu provides
consumers with several platform-level stimuli, including perceived price advantage, per-
sonalized recommendation quality, and platform usability. These stimuli may be associated
with consumers’ internal evaluations of the platform, including perceived value, trust, per-
ceived manipulation concern, privacy concern, perceived risk, and platform attitude. These
internal evaluations are then associated with the behavioral intention to purchase via Temu.
Recent applications of the S–O–R framework in digital consumer and marketing contexts
further support its suitability for this study. For example, prior research has used S–O–R
theory to explain how online platform stimuli, social media marketing efforts, and digital
interface cues influence consumers’ internal cognitive or affective states and subsequent
behavioral responses. These studies show that digital environments can be meaningfully
organized into stimulus conditions, organismic evaluations, and behavioral outcomes. Ac-
cordingly, the S–O–R framework is appropriate for structuring the present model, in which
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Temu’s platform-level features are treated as stimuli, value- and risk-related perceptions
are treated as internal evaluations, and behavioral intention to purchase via Temu is treated
as the response [38–40].

In this model, perceived price advantage, personalized recommendation quality, and
platform usability are conceptualized as stimulus conditions. Perceived price advantage
reflects consumers’ evaluation of Temu’s low-price positioning, discounts, promotional
benefits, and cost-saving opportunities. Personalized recommendation quality reflects
the perceived relevance and usefulness of product suggestions provided by the platform.
Platform usability captures the ease, convenience, and efficiency of using Temu. Although
recommendation quality is closely related to algorithm-enabled personalization, perceived
price advantage and platform usability are treated more broadly as platform-level features
rather than as purely algorithmic features.

The organism component includes both value-related and risk-related internal eval-
uations. Perceived value, trust, and platform attitude represent favorable evaluations of
Temu, whereas perceived manipulation concern, privacy concern, and perceived risk cap-
ture consumers’ concerns about platform influence, data use, and transaction uncertainty.
Technology acceptance research provides additional support for this logic [3–6,15]. TAM
highlights perceived usefulness and ease of use as central antecedents of attitude and
behavioral intention, whereas TAM2 and UTAUT broaden the explanation by incorpo-
rating social, cognitive, and facilitating conditions [27,30]. In the present study, platform
usability reflects the ease-related aspect of technology acceptance, perceived value captures
consumers’ benefit evaluation, and trust and perceived risk reflect uncertainty-reduction
mechanisms that are especially important in cross-border e-commerce.

Privacy calculus and persuasion knowledge are used as complementary explana-
tions for the risk-related mechanisms [4–6]. Privacy calculus suggests that consumers
may evaluate digital platforms by weighing perceived benefits against privacy-related
concerns [8,11,16]. Persuasion knowledge explains why consumers may become aware of
persuasive platform tactics, such as promotional framing and personalized recommenda-
tions, and interpret them as attempts to influence their choices [3,8]. These perspectives
help explain why Temu’s platform features may be associated not only with perceived
value but also with manipulation concerns [16], privacy concerns, and perceived risks [6,8].

The response component is behavioral intention to purchase via Temu. Because this
study uses cross-sectional survey data, the model does not claim causal effects or actual
purchase behavior. Instead, it examines how platform-level stimuli are associated with
consumers’ internal evaluations and how these evaluations are associated with purchase
intention. This S–O–R-based structure provides a coherent theoretical foundation for inte-
grating perceived price advantage, recommendation quality, platform usability, perceived
value, trust, digital risk concerns, platform attitude, and purchase intention in the context
of Korean Generation Z consumers.

3.2. Platform Features and Perceived Value

In this study, perceived price advantage refers to consumers’ perception that Temu
offers attractive prices, discounts, promotional benefits, and cost-saving opportunities
compared with alternative shopping platforms [41,42]. In cross-border e-commerce, price
competitiveness is often a key reason why consumers try unfamiliar platforms. For Korean
Generation Z consumers, who are highly familiar with online comparison shopping, per-
ceived price advantage may strengthen the feeling that Temu offers better economic value
than alternative platforms. When consumers perceive that prices are favorable and pro-
motions are worthwhile, they are more likely to evaluate the platform as valuable [23,41].
Therefore, the following hypothesis is proposed:
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H1. Perceived price advantage is positively associated with perceived value.

Personalized recommendation quality captures the extent to which Temu pro-
vides product suggestions that match consumers’ interests, preferences, and shopping
needs [43,44]. In algorithm-driven platforms, personalized recommendations can reduce in-
formation overload and help consumers discover relevant products more efficiently [43,45].
This is especially important in cross-border e-commerce, where product variety is large,
and search effort can be high. For Generation Z consumers, relevant recommendations
may make the shopping process feel easier, smarter, and more enjoyable. When recommen-
dations are perceived as useful and accurate, consumers are more likely to recognize the
platform’s value [44,45]. Thus, the following hypothesis is proposed:

H2. Personalized recommendation quality is positively associated with perceived value.

Platform usability refers to the perceived ease, convenience, and efficiency of using
Temu [46,47]. A usable platform allows consumers to search for products, compare options,
read information, make payments, and complete transactions without unnecessary diffi-
culty. In mobile-oriented shopping environments, Generation Z consumers often expect
platforms to be intuitive, fast, and visually clear. If the platform is easy to navigate and
reduces transaction effort, consumers may perceive the shopping experience as more worth-
while [47]. Therefore, platform usability can strengthen perceived value by combining
functional convenience with a smoother user experience [46]. Based on this reasoning, the
following hypothesis is proposed:

H3. Platform usability is positively associated with perceived value.

3.3. Platform Features and Digital Risk Concerns

Perceived price advantage may also be associated with perceived manipulation con-
cern [41,42]. Although consumers may appreciate low prices and discounts, they may
also suspect that prices and promotions are strategically adjusted to influence their deci-
sions [16,42]. In the Temu context, frequent discounts, limited-time offers, and promotional
price cues may make consumers feel that the platform is guiding their choices rather than
simply offering neutral price information [16,33]. For Korean Generation Z consumers,
who are familiar with digital marketing tactics, attractive pricing may therefore create both
value and concern [17,33]. Thus, the following hypothesis is proposed:

H4. Perceived price advantage is associated with perceived manipulation concern.

Personalized recommendation quality can improve shopping efficiency, but it may
also increase perceived manipulation concern [36,45]. When recommendations are highly
ac-curate or repeatedly aligned with consumers’ interests, users may feel that the platform
is not only helping them but also steering their attention toward certain products [45].
In cross-border e-commerce, where consumers face many unfamiliar sellers and product
options, personalized recommendations may become a strong decision cue. However, if
consumers perceive these recommendations as overly persuasive or commercially biased,
they may feel manipulated by the platform’s algorithmic system [33,36]. Therefore, the
following hypothesis is proposed:

H5. Personalized recommendation quality is associated with perceived manipulation concern.
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Personalized recommendation quality may also increase privacy concern because
recommendation accuracy often depends on the collection and analysis of user data [35,37].
When consumers receive highly targeted product suggestions, they may become more
aware that their browsing behavior, purchase history, preferences, and interaction patterns
are being tracked [35]. For Generation Z consumers, personalization is familiar, but this
does not mean privacy concern disappears [17,35]. In the Temu context, cross-border
data use may further increase sensitivity to how personal information is collected and
processed [37]. Based on this reasoning, the following hypothesis is proposed:

H6. Personalized recommendation quality is associated with privacy concerns.

3.4. Value, Trust, Attitude, and Purchase Intention

Perceived value reflects consumers’ overall evaluation of the benefits they receive
from using Temu compared with the costs, effort, and possible uncertainty involved [31,48].
When consumers believe that Temu provides attractive prices, useful recommendations,
and convenient shopping functions, they are more likely to view the platform as worth-
while [48,49]. Such value perception can strengthen trust because consumers may interpret
the platform as capable of delivering expected benefits [7,49]. In cross-border e-commerce,
where consumers may face uncertainty about sellers, delivery, and after-sales service,
perceived value can help build confidence in the platform [2,4]. Therefore, the following
hypothesis is proposed:

H7. Perceived value is positively associated with trust.

Perceived value is also expected to enhance consumers’ attitudes toward Temu [32,48].
A favorable attitude is more likely to develop when consumers feel that the platform
offers meaningful benefits, such as cost savings, shopping convenience, and product rele-
vance [48,49]. For Korean Generation Z consumers, value is not only about low prices but
also about whether the platform makes the shopping experience efficient and enjoyable [17].
When consumers perceive Temu as providing strong overall value, they are more likely to
form a positive evaluation of using the platform [17,32]. Thus, the following hypothesis
is proposed:

H8. Perceived value is positively associated with platform attitude.

Trust refers to consumers’ belief that Temu is reliable, capable, and able to provide
a satisfactory shopping experience [7,50]. In cross-border e-commerce, trust is especially
important because consumers may not directly know sellers or product sources [2,4]. When
consumers trust the platform, they are more likely to feel comfortable using it and to
evaluate it positively. Trust can reduce uncertainty and make the platform appear more
dependable. For Generation Z consumers, who are used to digital platforms but still
sensitive to reliability, trust may strengthen their favorable attitude toward Temu [17,51].
Therefore, the following hypothesis is proposed:

H9. Trust is positively associated with platform attitude.

Trust may also directly influence purchase intention [7,50,51]. When consumers believe
that Temu is reliable and can deliver products, protect transactions, and handle shopping
problems properly, they may be more willing to purchase from the platform [4,7,50]. Trust
can reduce hesitation and make consumers feel that the potential benefits of buying from
Temu are achievable [7]. This is particularly relevant in cross-border e-commerce, where
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delivery time, product quality, and after-sales service may create uncertainty [2,4]. If
consumers trust the platform, they are more likely to move from positive evaluation to
actual purchase intention [50,51]. Thus, the following hypothesis is proposed:

H10. Trust is positively associated with behavioral intention to purchase via Temu.

3.5. Digital Risk, Attitude, and Purchase Intention

Perceived manipulation concern refers to consumers’ perception that the platform
may strategically influence their decisions through promotional pricing cues, promotional
framing, or personalized recommendations [16,33,36]. In cross-border e-commerce, such
concern may increase uncertainty because consumers cannot always clearly understand
how prices, rankings, and recommendations are generated [2,33]. When consumers feel that
Temu is guiding their choices too strongly, they may become more cautious about product
information, platform fairness, and transaction reliability [16,36]. Therefore, perceived
manipulation concern is expected to increase perceived risk.

H11. Perceived manipulation concern is positively associated with perceived risk.

Privacy concern reflects consumers’ concern about how their personal data, browsing
behavior, and purchase preferences may be collected and used by the platform [35,37]. In
many e-commerce studies, privacy concern is expected to be positively associated with
perceived risk because consumers who worry about data collection may also perceive
greater uncertainty in online transactions. However, in algorithm-enabled platform con-
texts, this relationship may be more complex. Privacy concern should not be treated as
equivalent to privacy literacy or privacy-protective behavior, because the present study
does not directly measure consumers’ digital literacy, information-control practices, or
protective actions [35,52]. Therefore, rather than proposing a predetermined negative
relationship, this study examines the association between privacy concern and perceived
risk in a non-directional way [52].

H12. Privacy concern is associated with perceived risk.

Perceived risk refers to consumers’ uncertainty about possible negative outcomes
when purchasing from Temu, such as product quality problems, delivery uncertainty,
payment security, or after-sales service concerns [6,53]. When consumers perceive higher
risk, they may evaluate the platform less favorably, even if it offers attractive prices or
convenient functions [5,6]. In cross-border e-commerce, risk perception can weaken con-
sumers’ emotional and cognitive evaluation of the platform because purchase outcomes are
less predictable [2,53]. Therefore, perceived risk is expected to reduce consumers’ attitude
toward Temu.

H13. Perceived risk is negatively associated with platform attitude.

Perceived risk may also directly reduce purchase intention [5,6,53]. Even when con-
sumers are interested in Temu’s low prices and personalized recommendations, they may
hesitate to purchase if they feel uncertain about product authenticity, delivery reliability,
refund procedures, or personal data protection [2,6,53]. Purchase intention requires not
only perceived value but also a sense that the transaction is manageable and safe [5,6].
If perceived risk is high, consumers may delay purchasing, reduce purchase frequency,
or choose alternative platforms [5,53]. Thus, perceived risk is expected to be negatively
associated with behavioral intention to purchase via Temu.
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H14. Perceived risk is negatively associated with behavioral intention to purchase via Temu.

Attitude represents consumers’ overall favorable or unfavorable evaluation of pur-
chasing from Temu [32,54]. When consumers hold a positive attitude toward the platform,
they are more likely to perceive shopping on Temu as worthwhile, enjoyable, and accept-
able [32]. For Korean Generation Z consumers, attitude may be shaped by value perception,
trust, convenience, and risk evaluation [17]. A favorable attitude can reduce hesitation and
strengthen consumers’ willingness to act [54]. Therefore, consumers with a more positive
attitude toward Temu are expected to show stronger purchase intention.

H15. Platform attitude is positively associated with behavioral intention to purchase via Temu.

4. Research Methodology
4.1. Research Model

Figure 1 presents the hypothesized research model. Consistent with the S–O–R frame-
work, perceived price advantage, personalized recommendation quality, and platform
usability are specified as platform-level stimulus conditions [4,8]. Perceived value, trust,
perceived manipulation concern, privacy concern, perceived risk, and platform attitude are
specified as organismic evaluations, while behavioral intention to purchase via Temu is
specified as the response [4,12,32,35].

Figure 1. Proposed S–O–R-based research model of Korean Generation Z consumers’ behavioral
intention to purchase via Temu. Note: The figure displays the hypothesized structural paths. In the
CB-SEM estimation, covariances among exogenous variables were freely estimated, and measurement
errors were included for observed indicators.

The model includes two related mechanisms [11,12]. The first is the value-related
mechanism [8,11], in which perceived price advantage, personalized recommendation
quality, and platform usability are associated with perceived value [12]. Perceived value is
then associated with trust and platform attitude, while trust is associated with platform
attitude and behavioral intention to purchase via Temu [4,12]. Platform attitude is also
associated with behavioral intention to purchase via Temu [4,32].

The second mechanism is the digital risk-related mechanism. Perceived price ad-
vantage and personalized recommendation quality are examined in relation to perceived
manipulation concern, and personalized recommendation quality is examined in relation
to privacy concern [11,35]. Perceived manipulation concern is associated with perceived
risk [11,12]. Privacy concern is examined as a non-directional association with perceived
risk because the present study does not directly measure privacy literacy or privacy-
protective behavior. Finally, perceived risk is associated with both platform attitude and
behavioral intention to purchase via Temu [35].
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In the CB-SEM estimation, covariances among the exogenous variables were freely
estimated. Error terms were included for the observed indicators, while Figure 1 displays
the hypothesized structural paths for clarity [4,32]. Because the data are cross-sectional, the
model is interpreted in terms of associations rather than causal effects [4,8].

4.2. Measurement Items

The measurement items were developed by adapting validated scales from previous
studies and modifying them to fit the context of Temu and cross-border e-commerce in
South Korea. The questionnaire included ten latent constructs: perceived price advantage,
personalized recommendation quality, platform usability, perceived value, trust, perceived
manipulation concern, privacy concern, perceived risk, attitude, and purchase intention.
Each construct was measured using three observed items, resulting in 30 measurement
items in total.

All items were assessed using a five-point Likert scale ranging from 1 = strongly
disagree to 5 = strongly agree. The wording of the items was adjusted to reflect consumers’
actual experiences with Temu, especially its low-price strategy, personalized recommenda-
tions, platform interface, privacy-related concerns, and cross-border shopping risks. Before
the formal survey, the questionnaire was reviewed to ensure clarity, contextual relevance,
and consistency with the research model. Table 1 presents the constructs, item codes,
measurement items, and supporting literature. Because consumers generally cannot di-
rectly observe Temu’s proprietary pricing algorithms, this study does not claim to measure
algorithmic pricing perceptions directly. Perceived price advantage was operationalized
as consumers’ perceived pricing benefits associated with Temu’s low-price positioning,
discounts, promotional prices, and cost-saving opportunities.

Table 1. Measurement items and sources.

Construct Code Adapted Measurement Item Source

Perceived Price
Advantage (PPA)

PPA1 Temu often offers prices that seem more
attractive than those on other platforms. Priester et al. (2020) [42]

PPA2 Temu’s discounts and promotional prices
provide strong economic benefits to me. Haws & Bearden (2006) [41]

PPA3 The pricing strategy used by Temu makes
shopping there feel cost-effective. Kim et al. (2012) [55]

Personalized
Recommendation
Quality (PRQ)

PRQ1 Temu’s recommended products usually
match my interests well. Xiao & Benbasat (2007) [26]

PRQ2 The recommendations I receive on Temu
are relevant to my shopping needs. Nilashi et al. (2016) [56]

PRQ3 Temu’s recommendation system helps me
find suitable products efficiently. Chandra et al. (2022) [57]

Platform Usability (PUSE)

PUSE1 Temu is easy to use when I search
for products. Davis (1989) [15]

PUSE2 The layout and functions of Temu make
shopping convenient. Davis (1989) [15]

PUSE3 It is easy for me to complete transactions
on Temu. Gefen et al. (2003) [7]
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Table 1. Cont.

Construct Code Adapted Measurement Item Source

Perceived Value (PV)

PV1 Shopping on Temu provides good value
for the money. Sweeney & Soutar (2001) [31]

PV2 Considering what I receive, using Temu
is worthwhile. Zeithaml (1988) [3]

PV3
Overall, Temu offers favorable benefits
compared with the effort and
cost involved.

Chiu et al. (2014) [58]

Trust (TR)

TR1 I believe Temu is a trustworthy
shopping platform. Gefen et al. (2003) [7]

TR2 I feel confident that Temu will handle
transactions properly. Pavlou (2003) [5]

TR3 I believe Temu is reliable in fulfilling its
shopping-related promises. Gefen et al. (2003) [7]

Perceived Manipulation
Concern (PMC)

PMC1
I sometimes feel that Temu’s pricing and
recommendations are designed to push
me toward unplanned purchases.

Wu et al. (2022) [59]

PMC2
Temu’s algorithmic features make me feel
that my shopping decisions are being
strategically influenced.

Hufnagel et al. (2022) [60]

PMC3
The platform’s promotional and
recommendation tactics sometimes feel
overly controlling.

Karwatzki et al. (2017) [61]

Perceived Privacy
Concern (PC)

PC1 I am concerned about how Temu collects
my personal data. Awad & Krishnan (2006) [62]

PC2 I worry about how Temu stores and uses
my shopping information. Lee & Cranage (2011) [63]

PC3 Personalized services on Temu make me
more aware of privacy risks. Sutanto et al. (2013) [64]

Perceived Risk (PR)

PR1 Shopping on Temu involves a certain
degree of risk. Pavlou (2003) [5]

PR2 I am uncertain about the safety and
reliability of transactions on Temu. Verhagen et al. (2006) [65]

PR3 Using Temu may expose me to possible
losses or negative outcomes. Verhagen et al. (2006) [65]

Attitude (AT)

AT1 I have a favorable overall impression
of Temu. Ajzen (1991) [32]

AT2 Using Temu is a good idea for
online shopping. Pavlou (2003) [5]

AT3 Overall, I view Temu positively as a
shopping platform. Monsuwé et al. (2004) [66]

Purchase Intention (PI)

PI1 I intend to purchase products from Temu
in the future. Pavlou (2003) [5]

PI2 I am likely to use Temu when I
shop online. Lu et al. (2016) [67]

PI3 I would consider Temu as a platform for
future purchases. Chiu et al. (2014) [58]
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4.3. Survey Design and Data Collection

This study used a structured online questionnaire to collect empirical data from Korean
Generation Z consumers. Since the research focuses on consumer responses to Temu in
cross-border e-commerce, the target respondents were Korean residents who belonged
to Generation Z and had prior usage experience with Temu. In this study, Generation Z
was defined as respondents born between 1997 and 2007, corresponding approximately to
adult Generation Z consumers aged 18–29 during the survey period, depending on birth
month. Respondents were screened to ensure that they were Korean residents, belonged to
the defined Generation Z range, and had used Temu before. Respondents who had only
heard of Temu but had no usage experience were not included, because they could not
reliably evaluate the platform’s recommendation quality, usability, transaction-related trust,
perceived risk, or purchase intention.

The questionnaire consisted of three main parts. The first part included eligibility screen-
ing and demographic questions. Age or birth-year information was used to confirm whether
respondents belonged to the defined Generation Z range, while gender, education, occupation,
online shopping frequency, Temu usage frequency, and cross-border e-commerce experience
were used to describe the final sample. The second part measured the core constructs in the
proposed model, including perceived price advantage, personalized recommendation quality,
platform usability, perceived value, trust, perceived manipulation concern, privacy concern,
perceived risk, platform attitude, and behavioral intention to purchase via Temu. The third
part asked respondents to evaluate all measurement items using a five-point Likert scale
ranging from 1 = strongly disagree to 5 = strongly agree.

Before the formal data collection, the questionnaire was reviewed to ensure clarity,
contextual relevance, and consistency with the Temu context. Particular attention was paid
to whether respondents could understand terms related to perceived price advantage, per-
sonalized recommendations, privacy concerns, perceived manipulation, and cross-border
shopping risk. The questionnaire was administered in Korean through Google Forms. The
Korean wording was checked to ensure that the items were understandable and contextu-
ally appropriate for Korean Generation Z respondents. Minor wording adjustments were
made to improve clarity and reduce possible misunderstanding.

Data were collected through Google Forms between December 2025 and February 2026
using an online panel sampling approach. Participation was voluntary, and no monetary or
material incentives were provided. A total of 800 responses were initially collected. Several
screening and quality-control procedures were applied before the final analysis. First, re-
spondents were required to meet the Korean residence, Generation Z age-range, and prior
Temu usage criteria. Second, responses with a completion time of less than five minutes
were excluded because they suggested insufficient attention to the questionnaire. Third,
responses showing abnormal or inconsistent response patterns were removed. After these
screening and data-quality checks, 124 responses were excluded, and 676 valid question-
naires were retained for analysis. Because some exclusion criteria overlapped, the excluded
responses are reported as an aggregated number rather than mutually exclusive categories.
The exclusion criteria were applied sequentially during data screening. However, some
excluded responses met more than one exclusion criterion, such as failing the eligibility
screen and also showing abnormal response patterns. Therefore, the final excluded cases
are reported as an aggregated number to avoid double counting across overlapping cat-
egories. Temu usage experience refers to prior use of the Temu platform or application,
rather than verified completed purchases. The survey screened respondents based on prior
Temu usage experience because respondents needed to have sufficient familiarity with
the platform to evaluate its recommendation quality, usability, trust, risk, and purchase
intention. Actual completed purchase frequency was not collected as a separate variable;
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therefore, Temu usage frequency should be interpreted as platform usage frequency rather
than purchase frequency.

The final dataset was used for descriptive statistics, common method bias testing,
reliability and sampling adequacy tests, confirmatory factor analysis, structural equation
modeling, mediation analysis, and fsQCA. Overall, the data collection procedure provided
an appropriate empirical basis for examining how platform value mechanisms and digital
risk perceptions are associated with Korean Generation Z consumers’ behavioral intention
to purchase via Temu.

4.4. Profile of Respondents

Table 2 presents the profile of the 676 valid respondents, all of whom met the Korean
Generation Z and prior Temu usage screening criteria. The gender distribution was rela-
tively balanced, with 319 male respondents (47.2%) and 357 female respondents (52.8%).
In terms of education, most respondents had a bachelor’s degree (47.0%), followed by
junior college education (30.2%), high school or below (12.6%), and master’s degree or
above (10.2%). Respondents aged 21–23 formed the largest group, accounting for 31.8%
of the sample, followed by those aged 24–26 (27.4%), 18–20 (26.2%), and 27–29 (14.6%).
Because age was retained in grouped categories in the final dataset, exact mean age and
standard deviation could not be calculated. The eligible age range was 18–29 during the
survey period, and the grouped age distribution is reported in Table 2.

Regarding occupation, students formed the largest group, accounting for 50.1% of the
sample, followed by office workers (19.4%), professionals (12.9%), others (8.9%), self-
employed respondents (5.8%), and unemployed respondents (3.0%). The behavioral
profile also shows that the sample was suitable for this study. Most respondents re-
ported regular online shopping activity, with 50.0% shopping online 6–9 times per month
and 29.1% shopping online more than 9 times per month. Temu usage was also evident,
as 50.6% used Temu 6–9 times per month. In addition, most respondents had at least
three years of cross-border e-commerce experience. Overall, the sample provides an appro-
priate empirical basis for examining Korean Generation Z consumers’ purchase intention
toward Temu.

Table 2. Sample characteristics (n = 676).

Variable Category Frequency Percentage (%)

Gender
Male 319 47.2
Female 357 52.8

Age

18–20 years old 177 26.2
21–23 years old 215 31.8
24–26 years old 185 27.4
27–29 years old 99 14.6

Education

High school or below 85 12.6
Junior college 204 30.2
Bachelor’s degree 318 47
Master’s degree or above 69 10.2

Occupation

Student 339 50.1
Office worker 131 19.4
Professional 87 12.9
Self-employed 39 5.8
Unemployed 20 3
Others 60 8.9
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Table 2. Cont.

Variable Category Frequency Percentage (%)

Online shopping
frequency

Fewer than 3 times per month 26 3.8
3–6 times per month 115 17
6–9 times per month 338 50
More than 9 times per month 197 29.1

Temu usage frequency

Fewer than 3 times per month 83 12.3
3–6 times per month 177 26.2
6–9 times per month 342 50.6
More than 9 times per month 74 10.9

Cross-border
e-commerce
experience

Less than 1 year 34 5
1–2 years 113 16.7
3–5 years 341 50.4
More than 5 years 188 27.8

Note: Percentages may not total exactly 100.0 because of rounding.

4.5. Data Analysis Method

This study employed a combined SEM–fsQCA analytical strategy to examine both
net-effect relationships and configurational pathways associated with purchase intention.
The statistical analyses were conducted using SPSS and AMOS. SPSS was used for descrip-
tive statistics, common method bias assessment, reliability analysis, KMO and Bartlett’s
test, multicollinearity assessment, and preliminary data screening. AMOS was used for
confirmatory factor analysis (CFA), structural equation modeling (SEM), and mediation
analysis [19,22,68]. The analyses were conducted using IBM SPSS Statistics 27 and IBM SPSS
AMOS 26. Maximum likelihood estimation was used for both CFA and SEM in AMOS.

The analysis began with data screening and descriptive statistics. Missing data were
not imputed because incomplete questionnaires were removed during the screening process
before the final analysis. The five-point Likert-scale items were treated as continuous
observed indicators, which is commonly applied in covariance-based SEM when Likert
scales include multiple items per construct and the sample size is sufficiently large. Before
SEM estimation, the data were checked for abnormal response patterns, extremely short
completion times, and inconsistent responses. Univariate distributional characteristics
were inspected before SEM estimation. In addition, potential influential observations were
screened through completion-time checks and abnormal response-pattern checks. Because
the final dataset was obtained after these data-quality procedures, no additional cases
were removed during the SEM estimation stage. Multivariate outlier screening based
on Mahalanobis distance was not separately retained as a formal exclusion record, and
this is acknowledged as a limitation of the data-screening procedure. Responses with a
completion time of less than five minutes or abnormal response patterns were excluded
from the final dataset [69].

Common method bias was assessed using Harman’s single-factor test because all
measurement items were collected through the same questionnaire. Reliability and sam-
pling adequacy were assessed using Cronbach’s alpha, the Kaiser–Meyer–Olkin (KMO)
measure, and Bartlett’s test of sphericity. The adequacy of the measurement model was
then evaluated through CFA [69]. Model fit was assessed using χ2/df, RMR, GFI, AGFI,
NFI, IFI, TLI, CFI, RMSEA, PCLOSE, PNFI, and PCFI. Reliability and convergent validity
were examined using standardized factor loadings, composite reliability (CR), and average
variance extracted (AVE). Discriminant validity was evaluated using the Fornell–Larcker
criterion, while multicollinearity was assessed using tolerance and variance inflation factor
(VIF) values [70].
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Structural equation modeling was then used to test the hypothesized associations
among perceived price advantage, personalized recommendation quality, platform usabil-
ity, perceived value, trust, perceived manipulation concern, privacy concern, perceived risk,
platform attitude, and behavioral intention to purchase via Temu. Because the study used
cross-sectional survey data, the SEM results were interpreted as associations rather than
causal effects [22]. To examine the indirect mechanisms proposed in the model, mediation
effects were tested using the bootstrapping method with 2000 resamples and bias-corrected
confidence intervals. The mediation results were interpreted cautiously, particularly when
confidence intervals approached zero [71].

To complement the SEM results, fuzzy-set qualitative comparative analysis (fsQCA)
was conducted to identify alternative configurations associated with high purchase inten-
tion. Construct scores were calibrated into fuzzy-set membership scores using the direct
calibration method, with the 95th percentile, 50th percentile, and 5th percentile serving
as the thresholds for full membership, crossover point, and full non-membership. Truth
table analysis and Boolean minimization were applied to identify sufficient configurations,
and robustness was checked by comparing the intermediate solution with the conservative
solution. This analytical design allowed the study to capture both average net associations
and multiple configurational pathways [19,68].

5. Results
5.1. Preliminary Data Analysis
5.1.1. Construct Descriptive Statistics

Table 3 reports the descriptive statistics of the constructs used in this study. All
constructs were measured using a five-point Likert scale, and the mean values ranged
from 2.17 to 4.04. Overall, the results suggest that Korean Generation Z consumers showed
relatively positive evaluations of Temu’s value proposition, while their perceived risk
remained comparatively low. Among the constructs, perceived value recorded one of the
highest mean values (M = 4.04, SD = 0.92), indicating that respondents generally perceived
Temu as offering attractive value in terms of price, convenience, and shopping benefits.
Perceived manipulation concern also showed a high mean value (M = 4.04, SD = 0.96),
suggesting that respondents were not only attracted by Temu’s platform features but also
aware of the possible influence of algorithmic mechanisms. Privacy concern was similarly
high (M = 3.96, SD = 0.95), reflecting respondents’ sensitivity to data collection and privacy-
related issues in cross-border e-commerce. Purchase intention (M = 3.84, SD = 1.03), attitude
(M = 3.73, SD = 1.05), and trust (M = 3.62, SD = 1.05) were all above the midpoint, showing
a generally favorable but still cautious response toward Temu. By contrast, perceived
risk had the lowest mean value (M = 2.17, SD = 0.99), indicating that respondents did not
strongly perceive purchasing from Temu as risky. These descriptive results provide an
initial basis for further examining the value and risk pathways in the structural model.

Table 3. Descriptive statistics.

Construct Code N Mean SD Min Max

Perceived price advantage PPA 676 3.47 0.94 1 5
Personalized Recommendation Quality PRQ 676 3.74 1.05 1 5

Platform Usability PUSE 676 3.33 0.95 1 5
Perceived Value PV 676 4.04 0.92 1 5

Trust TR 676 3.62 1.05 1 5
Perceived Manipulation Concern PMC 676 4.04 0.96 1 5

Privacy Concern PC 676 3.96 0.95 1 5
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Table 3. Cont.

Construct Code N Mean SD Min Max

Perceived Risk PR 676 2.17 0.99 1 5
Attitude AT 676 3.73 1.05 1 5

Purchase Intention PI 676 3.84 1.03 1 5

5.1.2. Common Method Bias Test

Common method bias was examined using Harman’s single-factor test. The ex-
ploratory factor analysis results showed that the first unrotated factor explained 22.414% of
the total variance, which is below the commonly used threshold of 50%. In addition,
multiple factors with eigenvalues greater than 1 were extracted, and the cumulative ex-
plained variance reached 83.755%. These results suggest that no single factor dominated
the variance structure of the data. These results provide preliminary evidence that common
method bias was not dominated by a single factor. Nevertheless, because all constructs were
measured using self-reported responses from the same questionnaire, common method
bias cannot be completely ruled out and is acknowledged as a methodological limitation.

5.1.3. Reliability and Sampling Adequacy Tests

Before conducting confirmatory factor analysis, additional reliability and sampling
adequacy tests were performed. Cronbach’s alpha was used to assess the internal consis-
tency of each construct. The Cronbach’s alpha values were examined before CFA, and the
full reliability and convergent validity results are reported in Table 4. All Cronbach’s alpha
values ranged from 0.821 to 0.945, exceeding the recommended threshold of 0.700 and indi-
cating satisfactory internal reliability. In addition, the Kaiser–Meyer–Olkin (KMO) measure
and Bartlett’s test of sphericity were conducted to examine whether the data were suitable
for factor analysis. The KMO value was 0.816, exceeding the commonly recommended
threshold of 0.600, and Bartlett’s test of sphericity was significant, χ2 = 14,742.899, df = 435,
p < 0.001. These results indicate that the correlation matrix was appropriate for factor anal-
ysis and provide additional support for the subsequent measurement model assessment.

Table 4. Reliability and convergent validity results.

Construct Item Loading Cronbach’s Alpha CR AVE

PPA PPA1 0.840 0.821 0.821 0.606
PPA2 0.802
PPA3 0.686

PRQ PRQ1 0.963 0.945 0.946 0.853
PRQ2 0.906
PRQ3 0.901

PUSE PUSE1 0.804 0.894 0.896 0.741
PUSE2 0.897
PUSE3 0.879

PV PV1 0.921 0.921 0.923 0.799
PV2 0.905
PV3 0.855

TR TR1 0.906 0.943 0.943 0.846
TR2 0.953
TR3 0.900

PMC PMC1 0.842 0.854 0.858 0.668
PMC2 0.767
PMC3 0.841
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Table 4. Cont.

Construct Item Loading Cronbach’s Alpha CR AVE

PC PC1 0.761 0.836 0.837 0.632
PC2 0.830
PC3 0.792

PR PR1 0.839 0.895 0.897 0.745
PR2 0.812
PR3 0.934

AT AT1 0.811 0.909 0.913 0.779
AT2 0.952
AT3 0.879

PI PI1 0.843 0.911 0.912 0.777
PI2 0.870
PI3 0.929

5.2. Measurement Model Analysis
5.2.1. Confirmatory Factor Analysis

Confirmatory factor analysis (CFA) was conducted to evaluate the measurement model
before testing the structural relationships. As shown in Table 5, the measurement model
demonstrated a good fit to the data. The value of χ2/df was 2.284, which was below the
recommended threshold of 3.000. The incremental fit indices were also satisfactory, with
NFI = 0.945, IFI = 0.968, TLI = 0.962, and CFI = 0.968, all exceeding the commonly accepted
0.900 criterion. In addition, GFI = 0.927 and AGFI = 0.906 indicated acceptable absolute fit.
The RMSEA value was 0.044, and the PCLOSE value was 0.996, suggesting a close model fit.
The RMR value was also low at 0.038. Overall, these results indicate that the measurement
model adequately represented the observed data and was suitable for further reliability,
validity, and structural model assessment.

Table 5. Model fit indices of the measurement model.

Fit Index Recommended Threshold Result

χ2/df <3.000 2.284
RMR <0.050 0.038
GFI >0.900 0.927

AGFI >0.900 0.906
NFI >0.900 0.945
IFI >0.900 0.968
TLI >0.900 0.962
CFI >0.900 0.968

RMSEA <0.080 0.044
PCLOSE >0.050 0.996

PNFI >0.500 0.782
PCFI >0.500 0.801

5.2.2. Reliability and Convergent Validity

Reliability and convergent validity were assessed using standardized factor loadings,
composite reliability (CR), and average variance extracted (AVE). As shown in Table 4, all
standardized factor loadings exceeded 0.680, indicating acceptable item reliability. The
CR values ranged from 0.821 to 0.946, all above the recommended threshold of 0.700. In
addition, AVE values ranged from 0.606 to 0.853, exceeding the 0.500 criterion. These
results indicate that all constructs achieved satisfactory reliability and convergent validity.
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5.2.3. Discriminant Validity

Discriminant validity was examined using the Fornell–Larcker criterion. According
to this criterion, the square root of AVE for each construct should be greater than its
correlations with other constructs. As shown in Table 6, the diagonal values represent the
square roots of AVE, while the off-diagonal values represent inter-construct correlations.
The results show that all diagonal values were higher than the corresponding correlations
in the same row and column. For example, the square root of AVE for PPA was 0.778,
which was higher than its highest correlation with PMC (r = 0.584). Similarly, the square
roots of AVE for PRQ, PUSE, PV, TR, PMC, PC, PR, AT, and PI were all greater than their
correlations with other latent variables. These findings indicate that each construct was
empirically distinct from the others. Therefore, the measurement model demonstrated
satisfactory discriminant validity.

Table 6. Discriminant validity (Fornell–Larcker criterion).

Construct PPA PRQ PUSE PV TR PMC PC PR AT PI

PPA 0.778
PRQ 0.151 0.924
PUSE 0.473 0.104 0.861

PV 0.347 0.212 0.321 0.894
TR 0.317 0.316 0.278 0.200 0.920

PMC 0.584 0.225 0.404 0.433 0.299 0.817
PC 0.256 0.131 0.173 0.160 0.167 0.273 0.795
PR −0.107 0.039 −0.035 0.005 −0.061 0.002 −0.117 0.863
AT 0.293 0.005 0.256 0.191 0.151 0.345 0.280 0.036 0.883
PI 0.138 0.088 0.132 0.149 0.089 0.186 0.284 −0.255 0.364 0.881

Note: Diagonal values in bold indicate the square root of AVE.

5.2.4. HTMT Assessment of Discriminant Validity

To further assess discriminant validity, the heterotrait–monotrait ratio of correlations
(HTMT) was calculated for all construct pairs. HTMT provides a stricter assessment of
discriminant validity than the Fornell–Larcker criterion because it compares the average
correlations across constructs with the average correlations within constructs. As shown in
Appendix A, Table A1, all HTMT values were below the recommended threshold of 0.850.
The highest HTMT value was 0.578 for the relationship between perceived price advantage
and perceived manipulation concern, which was still well below the threshold. Therefore,
the HTMT results provide additional evidence that the constructs in the measurement
model were empirically distinct.

5.2.5. Multicollinearity Assessment

Multicollinearity was assessed using tolerance and variance inflation factor (VIF)
values for the predictor variables in each endogenous construct equation. As shown in
Table 7, all tolerance values ranged from 0.844 to 0.996, which were above the recommended
minimum threshold of 0.100. In addition, the VIF values ranged from 1.004 to 1.185, far
below the commonly accepted threshold of 5.000. These results indicate that the predic-
tor variables did not show serious multicollinearity problems. Therefore, the structural
relationships among the constructs could be further examined without concern that the
regression estimates were distorted by high intercorrelations among predictors.
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Table 7. Multicollinearity assessment results.

Dependent Construct Predictor Tolerance VIF

PV PPA 0.844 1.185
PV PRQ 0.985 1.015
PV PUSE 0.848 1.180

PMC PPA 0.988 1.013
PMC PRQ 0.988 1.013
PR PMC 0.943 1.060
PR PC 0.943 1.060
AT PV 0.963 1.038
AT PR 0.996 1.004
AT TR 0.960 1.042
PI AT 0.976 1.025
PI TR 0.973 1.027
PI PR 0.994 1.006

Note: VIF = variance inflation factor. The VIF values were calculated based on the predictor variables
for each endogenous construct.

5.3. Structural Model Results

The structural model was estimated using maximum likelihood estimation in AMOS.
The model showed acceptable fit to the data: χ2 = 1134.389, df = 387, p < 0.001, χ2/df = 2.931,
RMR = 0.119, GFI = 0.901, AGFI = 0.881, NFI = 0.924, IFI = 0.949, TLI = 0.942, CFI = 0.949,
RMSEA = 0.053, 90% CI for RMSEA = [0.050, 0.057], and PCLOSE = 0.055. Although RMR
was relatively high, the incremental fit indices and RMSEA suggested that the structural
model provided an acceptable representation of the data.

A sample adequacy check was also conducted using a medium anticipated effect size
(f2 = 0.15), α = 0.05, desired statistical power = 0.80, and three predictors, which was the
maximum number of predictors for any endogenous construct in the structural model. The
required minimum sample size was substantially lower than the final sample size of 676.
Therefore, the sample size was considered adequate for detecting medium-sized structural
associations in the SEM.

Table 8 presents the structural path results. The value-related pathway received
consistent empirical support. Perceived price advantage was positively associated with
perceived value (β = 0.276, p < 0.001), supporting H1. Personalized recommendation quality
was also positively associated with perceived value (β = 0.157, p < 0.001), supporting
H2. Platform usability was positively associated with perceived value as well (β = 0.175,
p < 0.001), supporting H3. These results suggest that Korean Generation Z consumers’
perceived value of Temu was associated with price advantage, recommendation relevance,
and ease of platform use.

The digital risk-related pathway was partially supported. Perceived price advantage
was significantly associated with perceived manipulation concern, and the observed asso-
ciation was positive (β = 0.588, p < 0.001), supporting H4. Personalized recommendation
quality was also significantly associated with perceived manipulation concern (β = 0.135,
p < 0.001) and privacy concern (β = 0.132, p = 0.002), supporting H5 and H6. However, per-
ceived manipulation concern was not significantly associated with perceived risk (β = 0.022,
p = 0.609), so H11 was not supported. Privacy concern was significantly associated with per-
ceived risk, and the observed association was negative (β = −0.125, p = 0.004), supporting
H12 in terms of statistical significance. Because H12 was formulated as a non-directional
hypothesis, this negative association should be interpreted as an empirical finding rather
than as a predetermined directional effect.

Regarding the value–trust–attitude mechanism, perceived value was positively associ-
ated with trust (β = 0.213, p < 0.001) and platform attitude (β = 0.175, p < 0.001), supporting
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H7 and H8. Trust was also positively associated with platform attitude (β = 0.115, p = 0.005),
supporting H9. However, trust was not directly associated with behavioral intention to
purchase via Temu (β = 0.019, p = 0.610), so H10 was not supported. This suggests that
trust may be more closely related to purchase intention through platform attitude than
through a direct association.

Finally, platform attitude was positively associated with behavioral intention to pur-
chase via Temu (β = 0.370, p < 0.001), supporting H15. Perceived risk was negatively
associated with behavioral intention to purchase via Temu (β = −0.269, p < 0.001), support-
ing H14. However, perceived risk was not significantly associated with platform attitude
(β = 0.041, p = 0.315), so H13 was not supported. Overall, 12 of the 15 hypothesized associ-
ations were statistically significant. These results indicate that Temu purchase intention
among Korean Generation Z consumers was more consistently associated with perceived
value and platform attitude, while perceived risk was directly and negatively associated
with behavioral intention to purchase via Temu.

The explained variance values were also examined. The model explained 19.8% of
the variance in perceived value, 38.8% of the variance in perceived manipulation concern,
1.7% of the variance in privacy concern, 1.6% of the variance in perceived risk, 4.5% of
the variance in trust, 5.4% of the variance in platform attitude, and 20.4% of the variance
in behavioral intention to purchase via Temu. These results indicate that the model had
stronger explanatory power for perceived manipulation concern, perceived value, and
behavioral intention than for privacy concern, perceived risk, trust, and platform attitude.

Standardized total effects were further examined to assess the overall contribution of
each predictor to behavioral intention to purchase via Temu. Platform attitude showed the
strongest positive total effect on behavioral intention (β = 0.370), followed by perceived
value (β = 0.078) and trust (β = 0.062). Perceived risk showed the strongest negative
total effect on behavioral intention (β = −0.254). The total effects of perceived price
advantage, personalized recommendation quality, platform usability, privacy concern, and
perceived manipulation concern on behavioral intention were comparatively small. The full
standardized total effects for behavioral intention are reported in Appendix A, Table A7.

Table 8. Structural path results and hypothesis testing.

Hypothesis Path Estimate S.E. C.R. β p Result

H1 PPA → PV 0.294 0.053 5.539 0.276 *** Supported
H2 PRQ → PV 0.125 0.030 4.106 0.157 *** Supported
H3 PUSE → PV 0.152 0.040 3.767 0.175 *** Supported
H4 PPA → PMC 0.674 0.056 12.051 0.588 *** Supported; positive association observed
H5 PRQ → PMC 0.116 0.032 3.673 0.135 *** Supported; positive association observed
H6 PRQ → PC 0.119 0.039 3.081 0.132 ** Supported; positive association observed
H7 PV → TR 0.271 0.052 5.247 0.213 *** Supported
H8 PV → AT 0.218 0.052 4.205 0.175 *** Supported
H9 TR → AT 0.112 0.040 2.799 0.115 ** Supported

H10 TR → PI 0.020 0.040 0.510 0.019 0.610 Not supported
H11 PMC → PR 0.026 0.051 0.512 0.022 0.609 Not supported
H12 PC → PR −0.143 0.050 −2.848 −0.125 ** Supported; negative association observed
H13 PR → AT 0.039 0.039 1.005 0.041 0.315 Not supported
H14 PR → PI −0.276 0.040 −6.983 −0.269 *** Supported
H15 AT → PI 0.396 0.042 9.465 0.370 *** Supported

Note: *** p < 0.001, ** p < 0.01. PPA = perceived price advantage; PRQ = personalized recommendation
quality; PUSE = platform usability; PV = perceived value; TR = trust; PMC = perceived manipulation
concern; PC = privacy concern; PR = perceived risk; AT = platform attitude; PI = behavioral intention
to purchase via Temu. Standardized coefficients are reported as β. H12 was formulated as a non-
directional hypothesis; therefore, the negative coefficient is interpreted as an observed empirical
association rather than as a predicted negative effect. To improve transparency, standard-error-based
95% confidence intervals for the main structural coefficients are reported in Appendix A, Table A8.
The standardized SEM results are illustrated in Figure 2.
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Figure 2. SEM analysis results. **, p < 0.01; ***, p < 0.001, ns = not significant.

5.4. Mediation Effect Analysis

Mediation effects were examined using the bootstrapping method with 2000 resamples
and bias-corrected 95% confidence intervals. An indirect association was considered
statistically significant when the confidence interval did not include zero. Table 9 and
Appendix A: Table A9 reports selected standardized indirect association results separately
according to their outcome variables. Table 9 reports indirect associations ending in
behavioral intention to purchase via Temu, while Table A9 reports upstream indirect
associations ending in perceived risk. Some rows represent aggregated or combined
indirect associations rather than fully separated specific indirect paths; therefore, the
mediation results are interpreted as supplementary evidence.

Table 9. Indirect associations ending in behavioral intention to purchase via Temu.

Mediation Pathway Type of Indirect
Association

Std. Indirect
Effect 95% BC CI Lower 95% BC CI Upper p Result

PPA → value-related
mechanism → PI Aggregated/combined 0.018 0.000 0.044 0.050 Not interpreted

as robust
PRQ → value-related

mechanism → PI Aggregated/combined 0.016 0.007 0.030 <0.001 Significant

PUSE → value-related
mechanism → PI Aggregated/combined 0.014 0.005 0.029 0.001 Significant

PV → trust/platform
attitude mechanism → PI Aggregated/combined 0.078 0.039 0.128 0.001 Significant

TR → AT → PI Specific 0.042 0.014 0.076 0.006 Significant
PC → PR → PI Specific 0.032 0.007 0.069 0.008 Significant

PMC → PR → PI Specific −0.006 −0.027 0.020 0.622 Not significant
PR → AT → PI Specific 0.015 −0.019 0.047 0.363 Not significant

Note: BC CI = bias-corrected confidence interval; PPA = perceived price advantage; PRQ = per-
sonalized recommendation quality; PUSE = platform usability; PV = perceived value; TR = trust;
AT = platform attitude; PC = privacy concern; PR = perceived risk; PMC = perceived manipulation
concern; PI = behavioral intention to purchase via Temu.

The value-related indirect associations provided additional support for the role of per-
ceived value, trust, and platform attitude in the model. Personalized recommendation qual-
ity showed a significant positive indirect association with behavioral intention to purchase
via Temu through the value-related mechanism (standardized indirect association = 0.016,
95% BC CI [0.007, 0.030], p < 0.001). Platform usability also showed a significant positive
indirect association with behavioral intention to purchase via Temu through the same
mechanism (standardized indirect association = 0.014, 95% BC CI [0.005, 0.029], p = 0.001).
By contrast, the indirect association between perceived price advantage and behavioral
intention to purchase via Temu through the value-related mechanism was not treated
as statistically robust because the lower bound of the confidence interval touched zero
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(standardized indirect association = 0.018, 95% BC CI [0.000, 0.044], p = 0.050). Therefore,
this result is reported but not interpreted as strong evidence of mediation.

Perceived value showed a significant positive indirect association with behavioral
intention to purchase via Temu through trust and platform attitude (standardized indirect
association = 0.078, 95% BC CI [0.039, 0.128], p = 0.001). Trust also showed a significant
positive indirect association with behavioral intention to purchase via Temu through
platform attitude (standardized indirect association = 0.042, 95% BC CI [0.014, 0.076],
p = 0.006). These findings are consistent with the structural results, in which platform
attitude was more directly associated with purchase intention than trust.

The risk-related indirect associations were more limited. Privacy concern showed a
significant positive indirect association with behavioral intention to purchase via Temu
through perceived risk (standardized indirect association = 0.032, 95% BC CI [0.007, 0.069],
p = 0.008). This positive sign should be interpreted mechanically as the product of two neg-
ative associations: privacy concern was negatively associated with perceived risk, and
perceived risk was negatively associated with behavioral intention to purchase via Temu.
However, this result should not be interpreted as direct evidence of privacy-protective
behavior, privacy literacy, or active risk management, because these mechanisms were not
measured in the present study. Perceived manipulation concern did not show a significant
indirect association with behavioral intention through perceived risk, and perceived risk
did not show a significant indirect association with behavioral intention through platform
attitude. Overall, the mediation results suggest that the value-related mechanism received
more consistent empirical support than the proposed risk-related mechanism. However,
because some indirect associations were combined rather than fully decomposed into all
possible specific indirect paths, these findings should be interpreted as supplementary
evidence rather than as a complete test of all specific mediation chains.

5.5. fsQCA Results
5.5.1. Calibration and Necessary Condition Analysis

The fsQCA conditions were selected according to the S–O–R-based theoretical struc-
ture of the research model and the need to maintain configurational parsimony. Perceived
price advantage, personalized recommendation quality, and platform usability were in-
cluded as platform-level stimulus conditions. Perceived value, trust, perceived risk, and
platform attitude were included as organismic evaluation conditions because they represent
the main value-related, trust-related, risk-related, and evaluative states linking platform
stimuli to behavioral intention to purchase via Temu. Behavioral intention to purchase via
Temu was used as the outcome condition.

Perceived manipulation concern and privacy concern were not included in the main
fsQCA model for theoretical and methodological reasons. Theoretically, these two con-
structs represent more specific antecedent risk-concern constructs, whereas perceived risk
represents the broader risk-related organismic evaluation in the S–O–R model. Methodolog-
ically, including all constructs in the configurational model would substantially increase
truth-table complexity and limited diversity relative to the sample size. Therefore, the main
fsQCA model focused on a parsimonious set of theoretically selected conditions: platform
stimuli, organismic value/risk evaluations, platform attitude, and purchase intention.

Before conducting fsQCA, the original construct scores were calibrated into fuzzy-
set membership scores using the direct calibration method. Because all constructs were
measured using five-point Likert-type scales and no external theoretical cut-off values were
available, percentile-based direct calibration was used. The 95th percentile, 50th percentile,
and 5th percentile were used as anchors for full membership, crossover point, and full
non-membership, respectively. These anchors distinguish respondents with relatively high,
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moderate, and low membership in each condition. Table 10 reports the raw calibration
anchors. Values equal to 0.50 were slightly adjusted to 0.501 before truth-table analysis to
avoid ambiguity around the crossover point.

Table 10. Raw calibration anchors for fsQCA.

Condition Full Non-Membership, 5th Percentile Crossover Point, 50th Percentile Full Membership, 95th Percentile

fsPPA 1.667 3.667 5.000
fsPRQ 2.000 4.000 5.000
fsPUSE 1.667 3.667 4.667

fsPV 2.000 4.000 5.000
fsTR 2.000 4.000 5.000
fsPR 1.000 2.000 4.000
fsAT 1.667 4.000 5.000
fsPI 1.667 4.000 5.000

Note: PPA = perceived price advantage; PRQ = personalized recommendation quality; PUSE = plat-
form usability; PV = perceived value; TR = trust; PR = perceived risk; AT = platform attitude;
PI = behavioral intention to purchase via Temu.

A necessary condition analysis was first conducted for high behavioral intention to
purchase via Temu. A condition is generally considered necessary when its consistency
exceeds 0.90. The results showed that no single condition or its absence reached this
threshold. Therefore, no individual condition can be regarded as necessary for high
purchase intention. This result supports the use of configurational analysis because high
purchase intention appears to depend on combinations of conditions rather than on one
isolated factor. A necessary condition analysis was also conducted for low behavioral
intention to purchase via Temu to examine causal asymmetry. Again, none of the individual
conditions or their absence reached the commonly recommended consistency threshold
of 0.90. Therefore, no single condition can be regarded as necessary for low purchase
intention either. These findings indicate that both high and low purchase intention are
better understood through configurational combinations rather than through individual
conditions alone.

5.5.2. Sufficiency Analysis for High Purchase Intention

After the necessary condition analysis, a sufficiency analysis was conducted to identify
configurations associated with a high behavioral intention to purchase via Temu. The truth
table was constructed using a frequency threshold of 5, a consistency threshold of 0.90, and
a PRI threshold of 0.70. These criteria were selected to retain configurations with sufficient
empirical relevance and consistency.

To distinguish core and peripheral conditions, the parsimonious solution was com-
pared with the intermediate solution. The parsimonious solution was fsPV * ~fsPR * fsAT.
This solution had consistency of 0.924 and raw coverage of 0.490. Therefore, perceived
value, the absence of perceived risk, and platform attitude were interpreted as solution-
level core conditions. Conditions that appeared only in the intermediate solution, including
perceived price advantage, personalized recommendation quality, platform usability, and
trust, were interpreted as peripheral conditions. The configurations associated with high
behavioral intention to purchase via Temu are reported in Table 11.

The intermediate solution identified four configurations associated with high behav-
ioral intention to purchase via Temu. The overall solution consistency was 0.892, and the
overall solution coverage was 0.642. These results indicate that the identified configura-
tions explain a meaningful proportion of high purchase intention cases with a high level
of consistency.
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Table 11. Configurations associated with high behavioral intention to purchase via Temu.

Condition H1 H2 H3 H4

PPA ⊗ • •
PRQ • • •
PUSE • ⊗ •

PV • • •
TR • ⊗ ⊗
PR ⊗• ⊗• ⊗•
AT • •

Consistency 0.910 0.938 0.945 0.926
Raw coverage 0.570 0.263 0.254 0.259

Unique coverage 0.249 0.012 0.033 0.014
Note: • indicates the presence of a core condition; ⊗• indicates the absence of a core condition;
• indicates the presence of a peripheral condition; ⊗ indicates the absence of a peripheral condition;
blank cells indicate “do not care” conditions. Core conditions were identified by comparing the
parsimonious and intermediate solutions. PPA = perceived price advantage; PRQ = personalized
recommendation quality; PUSE = platform usability; PV = perceived value; TR = trust; PR = perceived
risk; AT = platform attitude.

Configuration H1 represents a low-risk attitude configuration. The combination of
low perceived risk and favorable platform attitude was associated with high purchase
intention. This configuration had the highest raw coverage, indicating that it captured a
relatively large proportion of high purchase intention cases. Configuration H2 represents
a recommendation–usability–value–trust configuration under low perceived risk. In this
configuration, high personalized recommendation quality, high platform usability, high per-
ceived value, high trust, and low perceived risk were jointly associated with high purchase
intention, even when perceived price advantage was absent. Configuration H3 represents a
price–recommendation–value–attitude configuration. In this configuration, perceived price
advantage, personalized recommendation quality, perceived value, and platform attitude
were present, while platform usability and trust were absent. This suggests that favorable
platform attitude and perceived value may still be associated with high purchase intention
when recommendation quality and perceived price advantage are present. Configuration
H4 represents a price–recommendation–usability–value configuration under low perceived
risk. In this configuration, perceived price advantage, personalized recommendation qual-
ity, platform usability, perceived value, and low perceived risk were jointly associated with
high purchase intention despite the absence of trust. Overall, the high-PI sufficiency results
indicate equifinality. High behavioral intention to purchase via Temu was associated with
different combinations of low perceived risk, favorable platform attitude, perceived value,
recommendation quality, perceived price advantage, platform usability, and trust rather
than with one single condition.

5.5.3. Low-Purchase-Intention Sufficiency Analysis

To examine causal asymmetry, a sufficiency analysis was also conducted for low
behavioral intention to purchase via Temu. The outcome was defined as the absence of
high purchase intention (~fsPI), while the same seven conditions were retained: perceived
price advantage, personalized recommendation quality, platform usability, perceived value,
trust, perceived risk, and platform attitude. The same truth-table thresholds used in the
high-PI analysis were applied: frequency threshold = 5, consistency threshold = 0.90, and
PRI threshold = 0.70.

Under these criteria, no sufficient configuration for low purchase intention met all
three thresholds. This result indicates that low purchase intention was not simply the mirror
image of high purchase intention. In other words, the absence of favorable value-related
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conditions or the presence of perceived risk did not form a stable sufficient configuration
under the same strict analytical criteria. Therefore, the findings support the asymmetric
logic of fsQCA by showing that configurations associated with high purchase intention
should not be automatically reversed to explain low purchase intention.

As an exploratory check, the PRI threshold was relaxed to 0.60. Under this less restrictive
criterion, one configuration emerged: ~PPA * ~PRQ * ~PUSE * ~PV * ~TR * PR * ~AT.
This exploratory configuration had consistency of 0.931, raw coverage of 0.229, and PRI
of 0.615. However, because its PRI value was below the main analysis threshold of 0.70,
this configuration was not interpreted as a robust main result. It is reported only as
supplementary evidence. The strict and exploratory sufficiency results for low purchase
intention are summarized in Table 12.

Table 12. Sufficiency analysis for low purchase intention.

Outcome Frequency Threshold Consistency Threshold PRI Threshold Result

~fsPI 5.000 0.900 0.700 No sufficient configuration identified
~fsPI, exploratory check 5.000 0.900 0.600 One exploratory configuration identified

Note: ~fsPI indicates low behavioral intention to purchase via Temu. The exploratory configuration
was not interpreted as a main result because its PRI value was below the main analytical threshold.

5.5.4. Robustness Check

To further evaluate the stability of the fsQCA findings, several robustness checks were
conducted by varying calibration anchors, truth-table thresholds, and the condition set.
First, the main model was re-estimated using alternative calibration anchors based on the
90th, 50th, and 10th percentiles instead of the original 95th, 50th, and 5th percentiles. The
alternative calibration produced a substantively similar pattern, with solution consistency
of 0.884 and solution coverage of 0.631. Although the solution consistency was slightly
lower than that of the main model, the main configurational interpretation remained stable,
especially the importance of perceived value, low perceived risk, platform attitude, and
recommendation-related conditions.

Second, a supplementary fsQCA model was estimated by excluding platform attitude
from the condition set. This analysis was conducted because platform attitude is conceptu-
ally close to behavioral intention to purchase via Temu. The supplementary model included
perceived price advantage, personalized recommendation quality, platform usability, per-
ceived value, trust, and perceived risk as conditions, with high behavioral intention to
purchase via Temu as the outcome. The results identified two configurations associated
with high purchase intention. The first configuration was ~PPA * PRQ * PUSE * PV * ~PR,
with consistency of 0.934 and raw coverage of 0.300. The second configuration was ~PRQ *
PUSE * PV * ~TR * ~PR, with consistency of 0.939 and raw coverage of 0.284. The overall
solution consistency was 0.923, and the overall solution coverage was 0.401. These results
indicate that meaningful configurations associated with high purchase intention remained
identifiable even after platform attitude was removed from the model. In particular, plat-
form usability, perceived value, and low perceived risk appeared across both configurations,
suggesting that the fsQCA findings were not solely driven by the conceptual proximity
between platform attitude and purchase intention.

Third, the conservative solution was reported in full to improve transparency. Unlike
the intermediate solution, the conservative solution does not use logical remainders and
therefore provides a stricter assessment of observed configurations. The conservative solu-
tion identified three configurations associated with high behavioral intention to purchase
via Temu. The overall solution consistency was 0.927, and the overall solution coverage
was 0.444. Across all three conservative configurations, perceived value, low perceived
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risk, and favorable platform attitude appeared consistently, which is consistent with the
parsimonious solution. The full conservative solution is reported in Appendix A.

Fourth, additional threshold checks were conducted by varying the frequency thresh-
old, consistency threshold, and PRI threshold. Specifically, the robustness checks consid-
ered alternative frequency thresholds of 4, 5, and 6, alternative consistency thresholds
of 0.85, 0.90, and 0.92, and alternative PRI thresholds around the main threshold of 0.70.
These checks were used to examine whether the substantive interpretation depended on
a single truth-table specification. The number of retained configurations varied across
specifications, which is expected in fsQCA, but the main interpretation remained stable
because perceived value, low perceived risk, recommendation quality, platform usability,
and platform attitude repeatedly appeared in the robust solution patterns. Across these
alternative settings, the main configurational interpretation remained broadly stable. The
exact number of configurations and coverage values varied across specifications, which
is expected in fsQCA. However, the repeated appearance of perceived value, low per-
ceived risk, recommendation quality, platform usability, and platform attitude supports the
robustness of the main interpretation.

Additional threshold checks were also conducted by varying the analytical parameters.
Specifically, the robustness checks considered alternative frequency thresholds of 4, 5, and 6,
alternative consistency thresholds of 0.85, 0.90, and 0.92, and alternative PRI thresholds
around the main threshold of 0.70. These checks were used to examine whether the
substantive interpretation depended on a single truth-table specification. As summarized
in Table 13, the exact number of retained configurations varied across specifications, which
is expected in fsQCA, but the main interpretation remained broadly stable.

Table 13. fsQCA robustness summary.

Robustness Test Setting Solution Consistency Solution Coverage Interpretation

Main model
95/50/5 calibration;

consistency = 0.90; PRI = 0.70;
frequency = 5

0.892 0.642 Baseline solution

Alternative calibration
90/50/10 calibration;

consistency = 0.90; PRI = 0.70;
frequency = 5

0.884 0.631 Substantively similar to
the main model

Consistency threshold
variation

Consistency = 0.85/0.90/0.92;
PRI = 0.70; frequency = 5 Summarized check Summarized check

Main interpretation
remained stable; stricter

thresholds retained
fewer configurations

Frequency threshold
variation

Frequency = 4/5/6;
consistency = 0.90; PRI = 0.70 Summarized check Summarized check

Main interpretation
remained broadly

stable across
case-frequency settings

PRI threshold variation PRI varied around the main
threshold of 0.70 Summarized check Summarized check

Main interpretation
remained stable under

plausible PRI adjustment

Excluding platform
attitude

AT removed from the
condition set 0.923 0.401

Meaningful configurations
remained without the

most proximal
attitudinal condition

Conservative solution No logical remainders used 0.927 0.444 Stricter observed-case
solution

Low-PI strict model
Outcome = ~fsPI;

consistency = 0.90; PRI = 0.70;
frequency = 5

— — No sufficient
configuration identified
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Table 13. Cont.

Robustness Test Setting Solution Consistency Solution Coverage Interpretation

Low-PI exploratory model
Outcome = ~fsPI;

consistency = 0.90; PRI = 0.60;
frequency = 5

0.931 0.229 Exploratory only

Note: AT = platform attitude; PI = behavioral intention to purchase via Temu; ~ indicates the absence
of a condition. “Summarized check” indicates that the threshold variation was used as a sensitivity
check, but separate solution consistency and coverage values are not tabulated for each threshold
combination. The low-PI exploratory model is not interpreted as a main result because its PRI value
was below the main analytical threshold.

5.6. Additional Measurement Validation and Common Method Bias Checks

To further strengthen measurement validation and address the concern that the ten
constructs may not be sufficiently distinguishable, additional CFA-based model compar-
isons were conducted. The proposed ten-factor measurement model was compared with
three theoretically plausible alternative models: a single-factor model, a model combin-
ing the risk-related constructs, and a model combining platform attitude and behavioral
intention to purchase via Temu.

As shown in Table 14, the proposed ten-factor model showed good fit to the
data: χ2 = 822.073, df = 360, χ2/df = 2.284, RMR = 0.038, GFI = 0.927, AGFI = 0.906,
CFI = 0.968, TLI = 0.962, RMSEA = 0.044, and 90% CI for RMSEA = [0.040, 0.048]. By con-
trast, the single-factor model showed very poor fit: χ2 = 11,545.698, df = 405, χ2/df = 28.508,
RMR = 0.189, GFI = 0.467, AGFI = 0.388, CFI = 0.234, TLI = 0.178, RMSEA = 0.202, and
90% CI for RMSEA = [0.199, 0.205]. This result indicates that the covariance structure of the
measurement items could not be adequately explained by one general factor.

Two additional combined-construct models were also tested. The model combining
perceived manipulation concern, privacy concern, and perceived risk into one risk-related
factor showed poorer fit than the proposed ten-factor model: χ2 = 2895.694, df = 377,
χ2/df = 7.681, RMR = 0.107, GFI = 0.778, AGFI = 0.727, CFI = 0.827, TLI = 0.800, RM-
SEA = 0.099, and 90% CI for RMSEA = [0.096, 0.103]. The model combining platform
attitude and behavioral intention to purchase via Temu into one factor also showed
poorer fit: χ2 = 2138.171, df = 369, χ2/df = 5.795, RMR = 0.085, GFI = 0.829, AGFI = 0.784,
CFI = 0.878, TLI = 0.857, RMSEA = 0.084, and 90% CI for RMSEA = [0.081, 0.088]. These
results indicate that the proposed ten-factor model provided a substantially better represen-
tation of the data than the alternative models. Therefore, perceived manipulation concern,
privacy concern, perceived risk, platform attitude, and behavioral intention to purchase via
Temu were retained as empirically distinguishable constructs.

Table 14. Alternative measurement model comparison.

Model Description χ2 df χ2/df RMR GFI AGFI CFI TLI RMSEA RMSEA 90% CI

M1 Proposed ten-factor model 822.073 360 2.284 0.038 0.927 0.906 0.968 0.962 0.044 [0.040, 0.048]
M2 Single-factor model 11,545.698 405 28.508 0.189 0.467 0.388 0.234 0.178 0.202 [0.199, 0.205]

M3 Risk-related
constructs combined 2895.694 377 7.681 0.107 0.778 0.727 0.827 0.8 0.099 [0.096, 0.103]

M4 Platform attitude and
purchase intention combined 2138.171 369 5.795 0.085 0.829 0.784 0.878 0.857 0.084 [0.081, 0.088]

Note: M1 = proposed ten-factor model; M2 = single-factor model; M3 = model combining perceived
manipulation concern, privacy concern, and perceived risk; M4 = model combining platform attitude
and behavioral intention to purchase via Temu.

The single-factor CFA model also provides an additional diagnostic for common
method bias. Although this test cannot completely rule out common method bias in a
single-source survey design, the very poor fit of the single-factor model suggests that a
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single common factor did not adequately account for the covariance structure among the
measurement items. Therefore, the results provide supplementary evidence that common
method bias was unlikely to fully explain the observed measurement structure.

As an additional item-level sensitivity analysis, PC3 was excluded from privacy con-
cern and PI2 was excluded from behavioral intention to purchase via Temu. Because
privacy concern became a two-item construct after excluding PC3, the error variances
of PC1 and PC2 were constrained to equality to obtain a proper measurement solution.
The revised SEM showed acceptable overall fit: χ2 = 945.345, df = 333, χ2/df = 2.839,
GFI = 0.911, AGFI = 0.892, CFI = 0.954, TLI = 0.947, RMSEA = 0.052, and 90% CI for
RMSEA = [0.048, 0.056]. As reported in Appendix A, Table A5, the main structural paths
remained substantively stable in direction and significance. Therefore, the main SEM
conclusions were not driven by PC3 or PI2.

In addition to the HTMT point estimates, bootstrapped HTMT confidence intervals
were examined using 5000 bootstrap samples. As reported in Appendix A, Table A6,
the results showed that no 95% HTMT confidence interval included 1.00. The highest
HTMT value was observed between perceived price advantage and perceived manipu-
lation concern (HTMT = 0.578, 95% CI = [0.497, 0.650]), which remained clearly below
the recommended threshold. These results provide additional evidence of discriminant
validity among the constructs.

6. Discussion and Conclusions
6.1. Discussion of Key Findings
6.1.1. Stronger Empirical Support for the Value-Related Pathway

The findings first show that the value-related pathway received more consistent em-
pirical support than the proposed risk-related pathway in explaining Korean Generation Z
consumers’ behavioral intention to purchase via Temu. In the structural model, perceived
price advantage, personalized recommendation quality, and platform usability were all
positively associated with perceived value. This indicates that respondents did not eval-
uate Temu only as a low-price shopping channel [8,11,12]. Rather, their value perception
was associated with a broader platform experience in which attractive prices, relevant
recommendations, and ease of use jointly mattered.

Among these platform features, perceived price advantage showed the strongest asso-
ciation with perceived value. This finding is understandable in the Temu context because
the platform is widely associated with low prices, discounts, and promotional offers. How-
ever, the present study does not interpret this construct as a direct measure of algorithmic
pricing [8,11]. Instead, perceived price advantage reflects consumers’ perceived pricing
benefits, discounts, and cost-saving opportunities [4,12]. Personalized recommendation
quality and platform usability were also positively associated with perceived value, sug-
gesting that respondents valued not only price benefits but also relevant product discovery
and convenient platform interaction.

The downstream relationships further clarify the role of perceived value. Perceived
value was positively associated with both trust and platform attitude, while platform
attitude was positively associated with behavioral intention to purchase via Temu. Trust
was positively associated with platform attitude, but it was not directly associated with
purchase intention [4,49]. This pattern suggests that trust may be more closely linked
to consumers’ overall evaluation of the platform than to purchase intention by itself. In
other words, respondents who perceived Temu as valuable and trustworthy tended to
evaluate the platform more favorably, and this favorable platform attitude was more
directly associated with purchase intention.
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The mediation results provide supplementary support for this interpretation. Person-
alized recommendation quality and platform usability showed significant positive indirect
associations with behavioral intention to purchase via Temu through the value-related
mechanism [4,12,49]. However, the indirect association between perceived price advantage
and purchase intention was not interpreted as statistically robust because the lower bound
of the confidence interval touched zero. Therefore, the value-related pathway should not
be described as uniformly dominant. A more cautious interpretation is that value-related
mechanisms, especially perceived value and platform attitude, received more consistent
empirical support than the proposed risk-related mechanism [4,8,49].

6.1.2. The Selective Role of Digital Risk

The second important finding concerns the selective role of digital risk. The results
show that risk-related concerns were present in respondents’ evaluations, but they did not
operate through a simple or fully linear chain. Perceived price advantage and personal-
ized recommendation quality were significantly associated with perceived manipulation
concern, and personalized recommendation quality was also significantly associated with
privacy concern. These results suggest that Korean Generation Z consumers may recognize
both the benefits and the persuasive nature of platform features. They may appreciate low
prices and personalized recommendations while also being aware that promotional cues
and product exposure can influence their choices [16,33,36].

However, the downstream associations of these concerns were more limited. Per-
ceived manipulation concern was not significantly associated with perceived risk. This
suggests that respondents’ awareness of persuasive platform tactics did not automatically
translate into generalized transaction risk. One possible explanation is that digitally expe-
rienced consumers may perceive persuasive platform design as a normal part of online
shopping [10]. However, this explanation should be treated cautiously because the present
study did not directly measure consumers’ persuasion knowledge, digital literacy, or coping
strategies [10,33].

Privacy concern was significantly and negatively associated with perceived risk. Be-
cause H12 was formulated as a non-directional hypothesis, this result should be interpreted
as an observed empirical association rather than as support for a predetermined negative
effect. One possible explanation, which could not be tested in the present model, is that
privacy concern may coexist with greater digital awareness, more cautious information eval-
uation, or protective behaviors [6,35]. However, the study did not directly measure privacy
literacy, privacy settings management, secure payment behavior, or other privacy-protective
actions. Therefore, the negative association between privacy concern and perceived risk
should not be interpreted as direct evidence of active risk management [35,52].

Perceived risk was negatively associated with behavioral intention to purchase via
Temu, but it was not significantly associated with platform attitude. This means that per-
ceived risk was more directly connected to purchase intention than to respondents’ overall
platform attitude [6,8]. A possible interpretation is that young consumers may still hold a
favorable attitude toward Temu because of low prices, product variety, or platform con-
venience, while perceived risk may directly reduce their willingness to purchase. Overall,
the results suggest that digital risk operates selectively and non-uniformly: manipulation
concern and privacy concern do not automatically become generalized perceived risk, but
perceived risk itself remains important for purchase intention [8,10].

6.1.3. Configurational Understanding of High Purchase Intention

The fsQCA results complement the SEM findings by showing that a high behavioral
intention to purchase via Temu was associated with multiple configurations rather than a
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single pathway [19,20,68]. The intermediate solution identified four configurations for high
purchase intention, with an overall solution consistency of 0.892 and solution coverage
of 0.642. These configurations commonly involved perceived value, favorable platform
attitude, low perceived risk, and personalized recommendation quality [20,21].

The configurational results are useful because they show equifinality. Some respon-
dents may show high purchase intention when a favorable platform attitude and low
perceived risk are both present [20,21]. Others may show high purchase intention when
recommendation quality, platform usability, perceived value, and trust are combined with
low perceived risk. Still others may show high purchase intention when perceived price
advantage, recommendation quality, perceived value, and platform attitude are jointly
present. These findings suggest that Korean Generation Z consumers’ purchase intention
toward Temu cannot be explained only by one isolated factor [21,68].

At the same time, the fsQCA results should be interpreted as configurational asso-
ciations rather than causal recipes. The study does not claim that these configurations
prove actual adoption behavior or actual purchasing behavior [21,72]. Instead, the SEM
and fsQCA results together suggest that behavioral intention to purchase via Temu is
associated with both average net associations and multiple combinations of value-related
and risk-related conditions [20,68,72].

6.2. Theoretical Implications

This study offers three theoretical implications for research on cross-border e-
commerce, algorithm-enabled platforms, and Generation Z consumer behavior. First, the
study provides a conceptual contribution by distinguishing perceived manipulation con-
cern, privacy concern, and generalized perceived risk [8,11]. Previous research often treats
digital risk-related constructs as closely connected or interchangeable. The present findings
suggest that these constructs should be separated. Perceived manipulation concern and
privacy concern capture specific concerns about platform influence and data use, whereas
perceived risk captures broader uncertainty about shopping outcomes, transaction safety,
delivery, payment, and possible losses [11,12]. The non-significant association between
perceived manipulation concern and perceived risk, together with the negative association
between privacy concern and perceived risk, indicates that specific digital concerns do not
necessarily translate into generalized transaction risk in a uniform way [4,12].

Second, the study contributes to mechanism-level understanding by showing that
value-related and risk-related mechanisms were associated with purchase intention in
different ways. Perceived value was associated with purchase intention mainly through
platform attitude, while perceived risk was directly and negatively associated with purchase
intention [16,35]. Trust was associated with platform attitude, but not directly with purchase
intention. This pattern suggests that favorable evaluations and risk perceptions may not
operate symmetrically [35]. For Korean Generation Z consumers in the Temu context, value
perception appears to be more closely connected to attitude formation, whereas perceived
risk is more directly associated with behavioral intention to purchase.

Third, the study identifies an important contextual boundary. The findings are based
on Korean Generation Z consumers who had prior Temu usage experience and were
relatively familiar with online shopping and cross-border e-commerce. Therefore, the
observed value–risk dynamics may be specific to digitally experienced young consumers in
a Korean market context [7]. This boundary is theoretically important because Generation
Z consumers may be simultaneously attracted to platform value and aware of privacy,
personalization, and platform influence issues. Future research should examine whether the
same relationships appear among older consumers, less digitally experienced consumers,
consumers in other countries, or users of other cross-border platforms [4,7].
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The combination of SEM and fsQCA also offers a theoretical insight beyond the use of
two methods alone [68]. SEM shows the average net associations among constructs, while
fsQCA shows that high purchase intention can be associated with different configurations
of conditions. This combined evidence suggests that purchase intention toward algorithm-
enabled cross-border platforms should be understood not only as a linear evaluation
process but also as an equifinal and path-dependent outcome [19,68].

6.3. Practical Implications

The findings also provide several practical implications for Temu and similar cross-
border e-commerce platforms. First, platforms should recognize that perceived price
advantage is important, but not sufficient by itself. Respondents’ perceived value was
associated not only with price advantage, but also with recommendation quality and
platform usability. Therefore, platform managers should avoid relying only on aggressive
low-price appeals [8,12,29]. A more sustainable approach is to combine attractive prices
with relevant product recommendations, clear product information, convenient search
functions, and smooth transaction processes [8,29].

Second, personalized recommendations require careful management. Personalized
recommendation quality was positively associated with perceived value, but it was also
associated with perceived manipulation concern and privacy concern. Although trans-
parency and user-control mechanisms were not directly measured in this study, the simulta-
neous positive associations of recommendation quality with perceived value, manipulation
concern, and privacy concern suggest that these mechanisms warrant managerial atten-
tion [12,16]. Platforms may consider making recommendation processes more understand-
able, allowing users to adjust recommendation preferences, and avoiding recommendation
designs that appear overly intrusive or overly persuasive [16,35].

Third, perceived risk should be treated as an important barrier to purchase intention.
Perceived risk was directly and negatively associated with behavioral intention to purchase
via Temu, and low perceived risk appeared repeatedly in the fsQCA configurations associ-
ated with high purchase intention. This suggests that cross-border platforms should make
risk-reduction mechanisms visible to consumers [6]. Clear refund policies, reliable delivery
tracking, secure payment systems, transparent seller information, and accessible customer
service may help reduce uncertainty in cross-border shopping. However, these managerial
actions should be understood as practical implications derived from the perceived risk
finding, not as mechanisms directly tested in the present model [8].

Fourth, platform attitude remains central to purchase intention. Platform attitude
showed the strongest direct positive association with behavioral intention to purchase via
Temu. For Korean Generation Z consumers, a favorable platform attitude may be shaped
by perceived value, trust, convenience, product relevance, and manageable risk [8,29].
Therefore, platforms should focus not only on transaction-level incentives but also on the
overall platform experience. The practical message is that purchase intention is more likely
to be associated with a balanced platform experience in which consumers perceive value,
convenience, relevance, and manageable risk at the same time [6,16].

6.4. Limitations and Future Research

This study has several limitations that provide opportunities for future research. First,
the study used online panel sampling through Google Forms and focused on Korean
Generation Z consumers with prior Temu usage experience [17]. Although this sampling
approach was appropriate for the research context, it was not a probability sampling
design. Therefore, the findings may be affected by self-selection bias and may not be
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fully generalizable to all Korean consumers, older consumers, consumers in other national
markets, or less digitally experienced consumers [8].

Second, the sample included many active online shoppers and frequent Temu users.
This is useful for examining respondents who could meaningfully evaluate Temu’s price
advantage, recommendation quality, usability, trust, perceived risk, and purchase inten-
tion [73]. However, it also means that the sample may overrepresent heavy digital platform
users and relatively active Temu users. Future research should compare light users, heavy
users, former users, and non-users with sufficient platform awareness to better understand
differences in purchase intention [11].

Third, the study measured behavioral intention to purchase via Temu rather than
verified actual purchase behavior. Although respondents reported Temu usage frequency
and cross-border e-commerce experience, the study did not verify actual shopping histories,
purchase records, product categories, spending levels, or return experiences. Future studies
could combine survey data with behavioral data, transaction records, platform log data, or
experimental designs to examine whether the same mechanisms explain actual purchasing
behavior [8].

Fourth, the study used cross-sectional and single-source self-reported survey data.
Therefore, the SEM results should be interpreted as associations rather than causal effects.
Harman’s single-factor test provides only a limited diagnostic and cannot establish the
absence of common method bias. Although additional reliability, validity, HTMT, and
sensitivity checks were conducted, future research should apply stronger approaches, such
as marker variables, common latent factor analysis, time-lagged data collection, multi-
source data, or experimental manipulation, to further reduce common method concerns.

Fifth, although this study reconceptualized algorithmic pricing advantage as perceived
price advantage, the measurement does not directly capture consumers’ perceptions of
algorithmic pricing, dynamic pricing, or personalized pricing. The PPA items measured
perceived pricing benefits, discounts, promotional prices, and cost-saving opportunities.
Future research could develop more direct measures of algorithmic pricing awareness,
perceived dynamic pricing, promotional pressure, or personalized pricing perception.

Sixth, privacy concern was measured as concern about data collection and data use,
but the study did not measure privacy literacy, privacy-protective behavior, secure payment
behavior, privacy setting management, or information-control practices. Therefore, the
negative association between privacy concern and perceived risk should not be interpreted
as evidence that privacy-concerned consumers actively reduce risk through protective
behavior. Future studies could include privacy literacy and protective behavior as separate
constructs to examine whether they explain this relationship.

Seventh, the SEM model did not include all possible control variables, and potential
endogeneity cannot be fully ruled out. Although demographic and behavioral characteris-
tics were reported, the structural model did not systematically estimate alternative models
with controls such as online shopping frequency, Temu usage frequency, cross-border e-
commerce experience, gender, education, or occupation. Future studies could include these
variables as controls, compare controlled and uncontrolled models, and apply longitudinal
or experimental designs to strengthen causal interpretation.

Eighth, the fsQCA model focused on a parsimonious set of theoretically selected con-
ditions. Although this helped reduce truth-table complexity, it also meant that perceived
manipulation concern and privacy concern were not included in the main sufficiency
model [17,74]. In addition, the main fsQCA interpretation focused primarily on config-
urations associated with high purchase intention. Future studies could test alternative
fsQCA models including perceived manipulation concern and privacy concern, examine
low purchase intention configurations more fully, compare models excluding platform
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attitude, and assess robustness under different calibration anchors, PRI thresholds, and
frequency thresholds [19].

Ninth, the study was conducted in the Korean context using a Korean-language ques-
tionnaire. Although the wording was reviewed for clarity and contextual appropriateness,
cross-cultural scale equivalence was not formally tested. Future research could conduct
translation–back-translation procedures, measurement invariance tests, and cross-cultural
comparisons to examine whether the same constructs operate similarly across countries.
Finally, this study focused on platform-level trust rather than device-specific trust. Respon-
dents may experience Temu through mobile phones, tablets, laptops, or desktop computers,
and these access channels may differ in perceived control, convenience, payment confi-
dence, and information visibility. Future research could distinguish trust in the platform
from trust in the device or access channel used for online shopping.

6.5. Conclusions

This study examined factors associated with Korean Generation Z consumers’
purchase intention toward Temu in the context of algorithm-enabled cross-border e-
commerce [4,8]. Based on 676 valid survey responses, the study used SEM and fsQCA to
examine how perceived price advantage, personalized recommendation quality, platform
usability, perceived value, trust, platform attitude, perceived manipulation concern, pri-
vacy concern, and perceived risk were associated with behavioral intention to purchase via
Temu [19].

The SEM results showed that perceived price advantage, personalized recommen-
dation quality, and platform usability were positively associated with perceived value.
Perceived value was positively associated with trust and platform attitude, and platform
attitude was positively associated with behavioral intention to purchase via Temu. By
contrast, trust was not directly associated with purchase intention. The risk-related results
were more selective [4,11,12]. Perceived manipulation concern was not significantly associ-
ated with perceived risk, privacy concern showed a significant negative association with
perceived risk, and perceived risk was directly and negatively associated with purchase
intention but was not significantly associated with platform attitude [16].

The fsQCA results further showed that high purchase intention was associated with
multiple configurations rather than one single pathway. These configurations commonly
involved perceived value, favorable platform attitude, low perceived risk, and personalized
recommendation quality. Taken together, the findings suggest that Korean Generation Z
consumers’ purchase intention toward Temu is more consistently associated with value-
related evaluations and platform attitude, while digital risk operates in a selective and
non-uniform way [19].

Overall, this study contributes to cross-border e-commerce research by distinguishing
platform value, specific digital concerns, generalized perceived risk, platform attitude, and
purchase intention within a single S–O–R-based framework. It also shows that purchase
intention toward Temu should not be interpreted as actual platform use or actual purchasing
behavior. Instead, it reflects consumers’ stated behavioral intention to purchase via Temu.
Future research can build on these findings by using longitudinal, experimental, cross-
cultural, and behavioral data to examine how value and risk evaluations develop into
actual purchasing behavior over time.

Author Contributions: Conceptualization, X.Z., M.C. and L.T.; methodology, X.Z., M.C. and L.T.;
software, X.Z.; validation, X.Z., M.C. and L.T.; formal analysis, X.Z.; investigation, X.Z.; resources,
X.Z.; data curation, X.Z. and M.C.; writing—original draft preparation, X.Z.; writing—review and
editing, M.C.; visualization, X.Z., M.C. and L.T.; supervision, M.C. All authors have read and agreed
to the published version of the manuscript.

https://doi.org/10.3390/jtaer21090306

https://doi.org/10.3390/jtaer21090306


J. Theor. Appl. Electron. Commer. Res. 2026, 21, 306 35 of 41

Funding: This research received no external funding.

Institutional Review Board Statement: This study was carried out in accordance with the Declaration
of Helsinki. The Department of Global Convergence at Kangwon National University exempted
this study from a formal ethics review. The department concluded that the research was scientif-
ically appropriate, ethically acceptable, and posed no harm to participants, as it did not involve
invasive procedures.

Informed Consent Statement: Informed consent was obtained from all participants.

Data Availability Statement: The raw data supporting the conclusions of this article will be made
available by the authors on request.

Acknowledgments: The authors would like to express their sincere gratitude to Guan Wang for his
valuable guidance, constructive comments, and insightful suggestions during the initial development
of this study. His intellectual input and academic support contributed to the improvement of the
manuscript. The authors greatly appreciate his generous assistance throughout the research process.

Conflicts of Interest: The authors declare no conflicts of interest.

Appendix A

Table A1. HTMT results.

Construct PPA PRQ PUSE PV TR PMC PC PR AT PI

PPA
PRQ 0.127
PUSE 0.452 0.098

PV 0.349 0.207 0.329
TR 0.308 0.319 0.274 0.207

PMC 0.578 0.225 0.413 0.445 0.308
PC 0.251 0.143 0.171 0.170 0.166 0.284
PR 0.116 0.045 0.049 0.036 0.067 0.031 0.116
AT 0.285 0.032 0.242 0.198 0.161 0.357 0.296 0.041
PI 0.131 0.095 0.137 0.158 0.101 0.205 0.289 0.270 0.387

Note: PPA = perceived price advantage; PRQ = personalized recommendation quality; PUSE = platform
usability; PV = perceived value; TR = trust; PMC = perceived manipulation concern; PC = privacy
concern; PR = perceived risk; AT = platform attitude; PI = behavioral intention to purchase via Temu.

Table A2. Necessary condition analysis for low purchase intention.

Condition Consistency Coverage

fsPPA 0.658 0.614
~fsPPA 0.711 0.631
fsPRQ 0.624 0.573

~fsPRQ 0.676 0.608
fsPUSE 0.613 0.599

~fsPUSE 0.717 0.609
fsPV 0.750 0.573

~fsPV 0.606 0.680
fsTR 0.603 0.606

~fsTR 0.721 0.598
fsPR 0.778 0.749

~fsPR 0.668 0.576
fsAT 0.655 0.581

~fsAT 0.711 0.664
Note: The symbol “~” indicates the absence of a condition.
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Table A3. Conservative fsQCA solution for high purchase intention.

Configuration PPA PRQ PUSE PV TR PR AT Consistency Raw Coverage Unique Coverage

C1 • • ⊗ • 0.927 0.369 0.066
C2 • • • ⊗ • 0.945 0.346 0.014
C3 • • ⊗ ⊗ • 0.948 0.314 0.011

Overall
solution 0.927

Note: • indicates the presence of a condition; ⊗ indicates the absence of a condition; blank cells
indicate “do not care” conditions. PPA = perceived price advantage; PRQ = personalized recommen-
dation quality; PUSE = platform usability; PV = perceived value; TR = trust; PR = perceived risk;
AT = platform attitude.

Table A4. Supplementary fsQCA model excluding platform attitude.

Configuration PPA PRQ PUSE PV TR PR Consistency Raw Coverage Unique Coverage

E1 ⊗ • • • ⊗ 0.934 0.300 0.118
E2 ⊗ • • ⊗ ⊗ 0.939 0.284 0.101

Overall
solution 0.923

Note: • indicates the presence of a condition; ⊗ indicates the absence of a condition; blank cells indi-
cate “do not care” conditions. PPA = perceived price advantage; PRQ = personalized recommendation
quality; PUSE = platform usability; PV = perceived value; TR = trust; PR = perceived risk.

Table A5. Sensitivity analysis after excluding PC3 and PI2.

Path Full SEM β Full SEM p Sensitivity SEM β Sensitivity SEM p Stability Conclusion

PPA → PV 0.276 <0.001 0.276 <0.001 Stable
PRQ → PV 0.157 <0.001 0.157 <0.001 Stable
PUSE → PV 0.175 <0.001 0.174 <0.001 Stable
PPA → PMC 0.588 <0.001 0.588 <0.001 Stable
PRQ → PMC 0.135 <0.001 0.135 <0.001 Stable
PRQ → PC 0.132 0.002 0.102 0.017 Stable, slightly weaker
PV → TR 0.213 <0.001 0.213 <0.001 Stable
PV → AT 0.175 <0.001 0.175 <0.001 Stable
TR → AT 0.115 0.005 0.115 0.005 Stable
TR → PI 0.019 0.610 0.013 0.740 Stable, non-significant

PMC → PR 0.022 0.609 0.013 0.756 Stable, non-significant
PC → PR −0.125 0.004 −0.110 0.012 Stable
PR → AT 0.041 0.315 0.041 0.314 Stable, non-significant
PR → PI −0.269 <0.001 −0.289 <0.001 Stable
AT → PI 0.370 <0.001 0.369 <0.001 Stable

Note: PPA = perceived price advantage; PRQ = personalized recommendation quality; PUSE = platform
usability/ease of use; PV = perceived value; TR = trust; PMC = perceived manipulation concern;
PC = privacy concern; PR = perceived risk; AT = platform attitude; PI = behavioral intention to purchase
via Temu. The sensitivity SEM excluded PC3 and PI2. Because privacy concern became a two-item
construct, the error variances of PC1 and PC2 were constrained to equality.

Table A6. HTMT bootstrap confidence intervals.

Construct 1 Construct 2 HTMT 95% CI Lower 95% CI Upper

PPA PRQ 0.127 0.064 0.212
PPA PUSE 0.452 0.370 0.530
PPA PV 0.349 0.256 0.435
PPA TR 0.308 0.218 0.392
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Table A6. Cont.

Construct 1 Construct 2 HTMT 95% CI Lower 95% CI Upper

PPA PMC 0.578 0.497 0.650
PPA PC 0.251 0.149 0.350
PPA PR 0.116 0.041 0.206
PPA AT 0.285 0.192 0.377
PPA PI 0.131 0.066 0.230
PRQ PUSE 0.098 0.030 0.184
PRQ PV 0.207 0.125 0.288
PRQ TR 0.319 0.240 0.396
PRQ PMC 0.225 0.132 0.321
PRQ PC 0.143 0.072 0.237
PRQ PR 0.045 0.030 0.122
PRQ AT 0.032 0.024 0.103
PRQ PI 0.095 0.030 0.180
PUSE PV 0.329 0.242 0.411
PUSE TR 0.274 0.191 0.352
PUSE PMC 0.413 0.325 0.491
PUSE PC 0.171 0.081 0.259
PUSE PR 0.049 0.028 0.132
PUSE AT 0.242 0.157 0.325
PUSE PI 0.137 0.064 0.224

PV TR 0.207 0.106 0.299
PV PMC 0.445 0.341 0.539
PV PC 0.170 0.070 0.271
PV PR 0.036 0.024 0.103
PV AT 0.198 0.109 0.284
PV PI 0.158 0.066 0.254
TR PMC 0.308 0.214 0.392
TR PC 0.166 0.076 0.255
TR PR 0.067 0.020 0.149
TR AT 0.161 0.084 0.240
TR PI 0.101 0.030 0.191

PMC PC 0.284 0.172 0.388
PMC PR 0.031 0.024 0.117
PMC AT 0.357 0.269 0.439
PMC PI 0.205 0.112 0.297
PC PR 0.116 0.036 0.212
PC AT 0.296 0.198 0.390
PC PI 0.289 0.188 0.384
PR AT 0.041 0.022 0.130
PR PI 0.270 0.180 0.364
AT PI 0.387 0.294 0.472

Table A7. Standardized total effects on behavioral intention to purchase via Temu.

Predictor Standardized Total Effect on PI

PPA 0.018
PRQ 0.016
PUSE 0.014

PC 0.032
PMC −0.006
PV 0.078
PR −0.254
TR 0.062
AT 0.370

Note: PPA = perceived price advantage; PRQ = personalized recommendation quality; PUSE = platform
usability; PC = privacy concern; PMC = perceived manipulation concern; PV = perceived value;
PR = perceived risk; TR = trust; AT = platform attitude; PI = behavioral intention to purchase via Temu.
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Table A8. Standard-error-based 95% confidence intervals for structural coefficients.

Path Estimate S.E. 95% CI Lower 95% CI Upper

PPA → PV 0.294 0.053 0.190 0.398
PRQ → PV 0.125 0.030 0.066 0.184
PUSE → PV 0.152 0.040 0.074 0.230
PPA → PMC 0.674 0.056 0.564 0.784
PRQ → PMC 0.116 0.032 0.053 0.179
PRQ → PC 0.119 0.039 0.043 0.195
PV → TR 0.271 0.052 0.169 0.373
PV → AT 0.218 0.052 0.116 0.320
TR → AT 0.112 0.040 0.034 0.190
TR → PI 0.020 0.040 −0.058 0.098

PMC → PR 0.026 0.051 −0.074 0.126
PC → PR −0.143 0.050 −0.241 −0.045
PR → AT 0.039 0.039 −0.037 0.115
PR → PI −0.276 0.040 −0.354 −0.198
AT → PI 0.396 0.042 0.314 0.478

Note: Confidence intervals were calculated using the unstandardized estimate ± 1.96 × S.E.
PPA = perceived price advantage; PRQ = personalized recommendation quality; PUSE = platform
usability; PV = perceived value; TR = trust; PMC = perceived manipulation concern; PC = privacy
concern; PR = perceived risk; AT = platform attitude; PI = behavioral intention to purchase via Temu.

Table A9. Upstream indirect associations ending in perceived risk.

Mediation Pathway Type of Indirect
Association Std. Indirect Effect 95% BC CI Lower 95% BC CI Upper p Result

PPA → PMC → PR Specific 0.013 −0.044 0.063 0.631 Not significant
PRQ → risk-concern

mechanism → PR Aggregated/combined −0.014 −0.041 0.004 0.115 Not significant

Note: BC CI = bias-corrected confidence interval; PPA = perceived price advantage; PRQ = person-
alized recommendation quality; PMC = perceived manipulation concern; PR = perceived risk. The
second row is an aggregated/combined upstream indirect association rather than a fully separated
specific indirect path.
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