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Abstract

As video-based influencer marketing becomes central to digital brand communication,
understanding what drives consumer engagement on interactive platforms is increasingly
critical. This study examines how content and contextual features influence engagement
behavior in influencer-sponsored videos on Bilibili. Drawing on the theory of conversation
and the customer-perceived-value framework, we propose a four-part framework—Who
(influencer characteristics), What (message content), How (presentation strategy), and
When (timin g)—to explain engagement variation. Using a manually coded dataset of
457 sponsored videos, we find that hedonic appeal, comparative messaging, and message
sidedness significantly enhance engagement, while signals of brand control, promotional
incentives, and technical features (e.g., plug-ins, progress bars) have no significant effect.

7

Notably, perceived expertise and posting during the platform’s “golden period” also do not
affect engagement, underscoring the importance of relatability and content salience over
authority or timing. By integrating message strategy with interactive design, this study
advances marketing communication theory in digital contexts and offers practical insights

for optimizing content strategy on social video platforms.

Keywords: consumer engagement; influencer marketing; sponsored video; video
content marketing

1. Introduction

On a typical Saturday evening, millions of Gen Z users in China are glued not to TV
screens but to influencer videos on platforms like Bilibili. In one such video, a beauty creator
showcases a red-and-gold eyeshadow palette, with the Maybelline logo subtly visible as she
highlights its festive color scheme (Figure 1). As she speaks, viewer comments, commonly
known as bullet comments, scroll across the screen with spontaneous reactions such as “I've
tried this one!” or “Where can I get it?” Viewers respond by liking, saving, and reposting
the video. These forms of engagement go far beyond passive consumption [1,2]. This scene
illustrates a broader shift in brand communication: from traditional one-way messaging to
dynamic, influencer-driven interactions. As engagement behaviors such as likes, shares,
and comments become key metrics of campaign effectiveness, a critical question emerges:
What drives consumers to engage with influencer-sponsored video content?
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Figure 1. A typical sponsored video content.

Prior research has explored how influencer attributes (e.g., expertise, credibility) [3,4]
and message features (e.g., emotional versus informational appeals) [5,6] influence con-
sumer responses such as brand attitude and purchase intention [7,8]. More recently, the
focus has shifted from persuasion outcomes to engagement behaviors as key indicators
of influencer marketing effectiveness [9,10]. However, most of these studies are grounded
in static media environments like images or text-based posts [11] and offer limited insight
into how engagement operates in more dynamic, video-based contexts where advertising
creativity is pivotal for capturing consumer attention [12]. Mid-to-long-form pre-recorded
videos, now prevalent on platforms like Bilibili or YouTube, present unique affordances in
terms of message complexity, pacing, and viewer interaction [13]. However, existing re-
search lacks a unified theoretical framework to explain how content design and contextual
factors jointly influence consumer engagement in these richer media settings.

To address this gap, we propose a conceptual framework that combines Gricean
conversational maxims with a cost-benefit trade-off perspective informed by the customer-
perceived-value framework [14]. The framework organizes engagement drivers around
four questions central to sponsored video communication. “Who” captures influencer
characteristics, operationalized by perceived expertise [15]. “What” refers to message
content, including brand control [16], promotional incentives [17], practical knowledge [9],
and hedonic appeal [5,18]. “How” concerns content presentation strategy, including com-
parative messaging [19,20], message sidedness [21], sponsorship disclosure [22], interaction
cues [23], plug-in use, and progress bar signposting. “When” reflects temporal placement,
particularly posting during the platform’s “golden period” of heightened user activity.
By linking conversational maxims with viewers’ perceived benefits and costs, the frame-
work explains how sender-side communication choices become engagement-relevant in
interactive sponsored video settings.

We test this framework using a manually coded dataset of 457 influencer-sponsored
videos on Bilibili. Results show that perceived expertise (Who) does not significantly
affect engagement, suggesting that relatability may matter more than authority on peer-
driven platforms. Among content features (What), hedonic appeal strongly enhances
engagement, while signals of brand control and promotional incentives are ineffective,
likely due to viewers” high tolerance for commercial content. In terms of presentation
(How), comparative strategy and message sidedness significantly increase engagement by
enhancing message clarity and relevance, while interaction cues have a marginal effect.
However, technical features such as plug-ins and progress bars show no effect, possibly due
to poor usability or limited adoption. Finally, timing (When) does not significantly influence
engagement, as the benefits of high-traffic periods are offset by heightened competition
for attention.

This research makes three key contributions to the influencer marketing, digital en-
gagement, and Gen Z consumer literature. First, while individual Gricean maxims have
been applied to isolated message attributes in prior marketing research—assertive lan-
guage [24], figurative language [25], two-sided messaging [26], and sponsorship disclo-
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sure [27,28]—the four maxims have not been operationalized jointly as a predictor structure,
nor has the sender-side pragmatic logic been paired with a receiver-side value calculus.
This study addresses both gaps by integrating Grice’s theory of conversation with the
customer-perceived-value framework [14], linking sender-side communication features
with receiver-side benefit—cost evaluations to explain how each pragmatic choice in a
sponsored video shapes the viewer’s decision to engage. Second, it contextualizes Gricean
conversational maxims within a Who-What-How—-When framework for examining influ-
encer characteristics, message content, presentation strategy, and timing in mid-to-long
sponsored videos [29]. Third, it introduces platform-specific variables such as interaction
plug-ins and chapter progress bars and adopts a comprehensive engagement metric that
includes both conventional indicators (likes, comments, and shares) and native platform
behaviors (coins, live comments). Together, these contributions provide practical implica-
tions for brands, influencers, and platforms seeking to optimize communication strategies
for Gen Z consumers in emerging social commerce environments.

2. Conceptual Framework and Hypotheses
2.1. Conceptual Framework

Influencer marketing can be understood as a communication process in which influ-
encers act as senders of brand-related messages and viewers act as receivers who evaluate,
interpret, and respond to those messages. In sponsored video campaigns, this communica-
tion process is especially complex because the influencer must simultaneously maintain
authenticity, deliver brand information, and invite viewer participation. Accordingly, the ef-
fectiveness of influencer communication can be examined from two connected perspectives:
the sender-side organization of the message and the receiver-side evaluation of its value.

Sender-side logic: Grice’s theory of conversation. On the sender side, Grice’s theory
of conversation provides a useful language for organizing sponsored video communica-
tion. The maxim of quantity concerns whether a message provides sufficient and useful
information; quality concerns credibility, truthfulness, and perceived authenticity; relation
concerns the fit between the message and viewers’ interests, needs, or comparison context;
and manner concerns clarity, structure, and ease of processing. Prior research on online
posts similarly suggests that audience reactions depend on what is communicated, who
communicates it, how the message is delivered, and when it reaches the audience [30].
These maxims therefore help organize the Who-What-How-When framework: influencer
cues relate to the sender of the message, content features reflect what is communicated,
presentation strategies capture how the message is delivered, and timing captures the
contextual moment in which the message reaches viewers.

Earlier discourse-analytic work established that ad copy systematically exploits
Gricean implicature [31]. Building on this tradition, empirical marketing research has
tested individual maxims against persuasion outcomes: assertive language as a manner-
related signal [24], figurative language as a quality and manner signal [25], two-sided
messaging as a quality signal [26], and sponsorship disclosure as a quantity signal in both
native [27] and influencer [28] contexts. What this stream has not done is treat the four
maxims as a joint predictor structure, pair them with a receiver-side value calculus, or test
them against engagement-behavior outcomes in interactive mid-to-long sponsored video.
The present study is positioned in this gap.

Receiver-side logic: customer perceived value. On the receiver side, engagement
behaviors such as likes, comments, shares, coins, and live comments can be understood
as responses to viewers’ perceived value from the video. Consistent with the customer-
perceived-value framework [14], viewers evaluate content by weighing perceived benefits,
such as utility, enjoyment, credibility, and social connection, against perceived sacrifices,
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such as time, cognitive effort, distraction, or psychological discomfort [32]. Engagement
becomes more likely when the video increases perceived benefits or reduces perceived
costs.

Conceptual framework: Integrating these two perspectives, Figure 2 presents a con-
ceptual framework for explaining consumer engagement with sponsored mid-to-long-form
videos. At the communication level, Grice’s conversational maxims [33] provide the theo-
retical basis for organizing engagement predictors into Who, What, How, and When. At
the viewer-evaluation level, the customer-perceived-value framework explains why these
predictors may encourage or discourage engagement by changing the perceived benefits
and costs of responding to the video. For example, perceived expertise may increase func-
tional value, hedonic appeal may increase emotional value, strong brand control may raise
psychological costs, and timing may affect the opportunity cost of attention. In this way, the
framework links message organization with the viewer’s engagement decision before the
empirical variables and hypotheses are specified. Notably, this sender X receiver pairing is
the specific theoretical move that the prior Gricean-advertising literature reviewed above
has not undertaken that literature stops at the message-pragmatic level and does not specify
how a viewer converts pragmatic compliance into the benefit—cost calculus that determines
whether and how to engage.

Main 1V Main DV Sub-DV
Who Infl uenc'er' 1 I Expertise
characteristic
I Brand control
I Promotional Incentive
What Wessige -
8 I Practical knowledge B
I Comparative strategy Engagement 8
I Message sidedness Collects
Content | Sponsorship disclosure _
How .
strategies
I Interaction signal
’ Interaction add-in
Progress bar
L signposting
When Timing il I Golden ti
characteristic | o'den ime

Figure 2. Conceptual framework.

Based on this framework, we identify four sets of explanatory variables correspond-
ing to the Who-What-How—-When structure. Table 1 summarizes these variables and
their associated hypotheses, classifying them according to whether they primarily func-
tion as perceived benefits or perceived costs. This structured approach enables a theory-
driven examination of the factors that shape consumer engagement in influencer-sponsored
video content.
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Table 1. Summary of variables and the cost-benefit trade-off assessment.

Variable Benefits Costs Engagement
Influencer characteristics (Who)

Expertise +functional benefit +
Content message (What)

Brand control +psychological cost —
Promotional incentives +economic benefit —monetary cost +
Practical knowledge +functional benefit +
Hedonic appeal +psychological benefit +
Content strategies (How)

Comparative strategy +functional benefit —energy cost +
Message sidedness +functional benefit +
Sponsorship disclosure +psychological cost —
Interaction signal +psychological benefit +
Interaction add-in —energy cost

Progress bar signposting —time cost +
Timing characteristic (When)

Golden time N.A.

2.2. Hypotheses Development
2.2.1. Influencer Characteristic (Who)

Expertise. According to cooperative principle in the theory of conversation, the
initiator of a conversation plays a key role in its relevance. In influencer videos, this
initiator is the spokesperson, whose perceived expertise shapes audience engagement.
Prior studies have demonstrated that high source expertise enhances persuasion, elicits
favorable brand attitudes, and promotes behavioral change [34]. Expertise encourages
deeper message processing [35], which enhances perceived functional value and encourages
engagement from information-seeking audiences. Thus, viewers are more likely to respond
positively to expert influencers who deliver credible content, especially when it fulfills their
underlying social and interactive motivations [36].

H1. Influencer expertise positively affects consumer engagement. The higher the influencer’s
expertise, the more total engagements the video receives.

2.2.2. Content Message (What)

Brand control. When brands impose strict control over influencer content through
prescriptive briefs, script checks, or promotional framing, consumer engagement tends
to decrease. Excessive control often signals overt commercial intent, which may trigger
skepticism and reduce perceived authenticity [16]. In contrast, allowing influencers creative
flexibility improves message acceptance by reducing psychological resistance and perceived
persuasion costs [35]. Therefore, stronger brand control likely lowers perceived value
and engagement.

H2. Brand control negatively affects engagement; videos with high control receive fewer engage-
ments than those with low control.

Promotional incentive. Incentives such as giveaways, discount codes, or exclusive
offers are direct marketing actions designed to trigger consumer responses [9,17]. These
incentives reduce monetary cost and increase perceived value, prompting audiences to
engage in exchange-based behaviors like liking, commenting, or reposting.
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H3. Promotional incentives are positively associated with engagement. Content offering incentives
leads to more user interactions.

Practical knowledge. Informative content that provides utility such as product tutorials
or skincare tips enhances perceived functional value [26] and aligns with quantity maxim
in the theory of conversation. Consumers are more likely to collect or save content they
find educational. Influencers themselves recognize this pattern, often embedding such
knowledge to sustain audience interest and content longevity.

H4. Practical knowledge increases total engagement. More practical knowledge leads to more user
responses.

Hedonic appeal. Emotional, entertaining, or humorous content brings hedonic value,
positively influencing consumer mood and lowering resistance to branded messages [37].
Prior studies have shown that emotional arousal facilitates social sharing and online
participation [5,38].

H5. Hedonic appeal positively affects engagement. Higher emotional appeal leads to more user
responses.

2.2.3. Content Strategies (How)

Comparative strategy. Comparative appeals, such as direct or indirect comparisons
with competing products, have proven effective in eliciting consumer responses on social
media [19]. This strategy helps consumers save cognitive effort by consolidating product
information in one video, offering functional value. It also encourages viewers to contribute
their own product experiences, enriching the information environment and fostering
engagement. Common formats include “product battle” or “collection” videos comparing
items across categories.

He6. Comparative strategies positively influence consumer engagement. Comparing products or
brands in influencer videos generates more user interactions.

Message sidedness. Grice’s maxim of manner suggests that clarity improves commu-
nication. Two-sided messages highlighting both pros and cons align with this norm and
increase perceived credibility [21,39]. In influencer marketing, videos that acknowledge
drawbacks appear more authentic and less commercially biased, increasing perceived
trustworthiness and aiding decision-making. Compared to one-sided content, two-sided
messages are seen as more genuine, enhancing functional value and engagement [40].

H7. Message sidedness positively affects engagement. Two-sided messages elicit more engagement
than one-sided messages.

Sponsorship disclosure. Under Grice’s maxim of quantity, supplying the commercial
nature of a message provides information viewers need to interpret the speaker’s cooper-
ativeness, whereas withholding it leaves that information underspecified. Across native
advertising and social media influencer marketing, explicit disclosure has been shown to
activate persuasion knowledge and dampen favorable consumer responses, with effect
magnitudes shaped by disclosure position and wording [27,28]. In China, where disclo-
sure practices remain inconsistent and Bilibili leaves it largely to influencers’ discretion to
verbally note sponsorships or mark products with asterisks, open disclosure increases the
salience of commercial intent [36,37] and can reduce trust and dampen engagement [22].
Consequently, influencers often withhold disclosure to maintain perceived authenticity.
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HS8. Sponsorship disclosure reduces consumer engagement. Visible disclosure of sponsorship
information negatively impacts viewer response.

Interaction signal. Verbal cues such as “please like or comment” serve as interaction
prompts that reinforce the influencer’s desire for dialogue. These cues enhance parasocial
identification [23,41] and increase user arousal and perceived connectedness. Studies
on other platforms (e.g., LinkedIn) also confirm that interaction cues promote response
behavior [30].

H9. Verbal interaction signals positively affect engagement. Influencer encouragement increases
viewer interaction.

Interaction add-ins. Bilibili’s unique features such as floating buttons for likes or “coin”
submissions and voting widgets (see Figure 3) lower behavioral costs and facilitate seamless
engagement. According to the Elaboration Likelihood Model [42], these peripheral cues
trigger effortless participation by minimizing user effort. These add-ins are especially
effective in mobile or full-screen viewing contexts, as they eliminate the need for typing or
screen switching.

Influencer A

Top live comment
S ¢t }/\ Y <
2 # * p S . 4 y
7y B N N

Floating add-in

m | Influencer C

Choices made are
transformed into
live comments

‘Which option do you prefer?

Rate this suit

8 8 &

1 Affordable and good quality
OEE— 62%

2 Not expensive and good quality

{. = 38%

|‘ . w + Follow
Likes  Coins Collections

Figure 3. Floating add-in shortcut in full-screen mode and multiple-choice voting and rating add-in.

H A The rating add-in
Multiple-choice voting =

L w | “

How would you rate this suit? 436 participants >

H10. Interaction add-ins enhance engagement. The presence of engagement widgets increases user
interactions with the video.

Chapter Progress Bar. On Bilibili, chapter progress bars, whether self-designed by
influencers or automatically generated through the platform’s slicer function, visually
divide mid-to-long-form videos into labeled sections (see Figure 4). This structural aid
allows viewers to quickly locate content of interest, reducing the time cost associated
with navigating longer videos. As a peripheral cue [43], chapter segmentation enhances
the perceived utility and efficiency of video consumption, thereby increasing viewers’
perceived value. Given its role in facilitating selective attention and minimizing cognitive
effort, we expect chapter progress bars to positively influence consumer engagement.

H11. Chapter progress bars have a positive impact on consumer engagement.
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Figure 4. Progress bar slicer signpost and annotated progress bar in full-screen mode.

2.2.4. Timing Characteristic (When)

Golden Period. Although the golden period (Friday afternoon through the weekend)
corresponds to peak platform traffic, it also brings heightened competition due to a flood
of new uploads from multiple influencers. While this may increase overall visibility, the
saturated content environment dilutes individual video attention, limiting the incremental
benefit for engagement. As a result, the timing advantage of the golden period may not
translate into higher consumer engagement.

H12. Golden period release has no significant effect on consumer engagement.

3. Methods

3.1. Data
3.1.1. Data Source

This study examines the drivers of consumer engagement in influencer marketing by
analyzing video data from Bilibili, a leading Chinese video-sharing platform. Known for
its interactive features (e.g., likes, comments, bullet chats, coins, collections, and reposts),
Bilibili has evolved from an ACG-focused community into a Gen Z-oriented hub of mid-
to-long-form user-generated content. Established in 2009, Bilibili reached 102 million
daily active users (DAU) in the first quarter of 2024, with users spending an average of
105 min on the platform [44]. Focusing on the fashion sector—where influencer marketing
is most prominent, particularly among FMCG brands—we collected video content with
recognizable brand exposure, reflecting sponsored video campaigns typical of this vertical.
Similar to prior studies examining sponsored videos on Bilibili [22], we used Python 3.9 to
collect engagement indicators and control variables from publicly accessible Bilibili video
pages and uploader profiles.

3.1.2. In-Depth Interviews

To inform the empirical design, we conducted ten semi-structured interviews using
purposive sampling with key stakeholders: four digital marketing experts, three fashion
influencers on Bilibili, and three active viewers. Interviewees were selected based on
their direct experience with sponsored video campaigns on Bilibili, including marketers
responsible for influencer collaborations, influencers with sponsored content experience
and varying follower scales, and active viewers with extensive experience consuming
fashion-related content. Each interview lasted at least 45 min. These interviews provided
insights into industry practices, influencer selection criteria, and campaign evaluation
mechanisms (see Supplementary Files S1-53). The findings helped identify valid indicators
of branding effort and shaped the sampling framework for subsequent data analysis.
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3.1.3. Data Collection

Based on insights from in-depth interviews, we applied a set of screening criteria to
identify videos that best reflect influencer-driven brand promotion. First, we included
only those influencers with more than 10,000 followers to distinguish professional key
opinion leaders (KOLs) from general users or key opinion customers (KOCs), who typically
lack video-based promotional capacity. To ensure the data reflected current and relevant
engagement, only influencers who uploaded content during the week of 10-16 January
2022, were considered. We used a one-week sampling window to construct a cross-sectional
dataset in which videos were observed under the same platform and market conditions.
The selected week was a regular week without major public holidays or shopping festivals,
which helps reduce abnormal traffic fluctuations. In line with standard marketing evalua-
tion practices, we tracked engagement outcomes for at least 30 days post-release, capturing
the full interaction cycle. To further isolate potential branding efforts, we retained videos
with more than 10,000 views, as these are more likely to involve commercial exposure.
Finally, given that Bilibili emphasizes mid-to-long-form content while short-form videos
are often directed to platforms like Douyin, we restricted our sample to videos exceeding
five minutes in duration. Applying these criteria yielded a final dataset of 457 videos. Using
Python, we extracted engagement metrics—including likes, comments, coins, bullet chats,
shares, and collections—along with influencer follower counts and video length as control
variables. Supplementary File S5 presents the descriptive statistics of the final sample. All
variables used in the main regression models had complete observations after screening,
and no additional observations were excluded because of missing values (N = 457).

3.2. Variables and Measurements
3.2.1. Dependent Variables

The dependent variables, including likes, comments, bullet chats (live comments),
coins, collections, and reposts, were extracted from publicly accessible Bilibili video pages
using Python. These indicators capture observable consumer engagement behaviors gen-
erated by each sponsored video. Following prior research on digital engagement behav-
ior [22], we constructed aggregate engagement as the sum of likes, comments, bullet chats,
coins, collections, and reposts to capture the overall volume of engagement activity directed
toward the focal video.

Because the six engagement indicators are count variables and exhibit substantial
right skewness, we further examined their dimensionality using log(x + 1)-transformed
and standardized indicators. This transformation is appropriate for count-based behav-
ioral measures because it reduces the influence of extreme observations while retaining
zero values and preserving the relative ordering of engagement levels. The dimensionality
analysis supported a clear one-factor structure. The KMO statistic was 0.883, and Bartlett’s
test of sphericity was significant, x?(15) = 2808.289, p < 0.001. Only the first eigenvalue
exceeded 1 (eigenvalue = 4.658), and the first factor explained 77.64% of the total variance.
All six indicators loaded strongly on this factor, with loadings ranging from 0.801 to 0.942.
Cronbach’s alpha was 0.942.

These results indicate that the six behaviors exhibit a strong common engagement
dimension. Accordingly, we retain aggregate engagement as the main dependent vari-
able and interpret it as the overall volume of observable consumer engagement activ-
ity directed toward the focal sponsored video. Full diagnostic results are reported in
Supplementary File S8.
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3.2.2. Independent and Control Variables

Several independent variables reflecting subjective perceptions (e.g., perceived exper-
tise, hedonic appeal, practical knowledge) and platform-specific features embedded within
the video (e.g., interaction plug-ins and progress bar signposting) could not be directly
retrieved and thus required manual coding.

To capture these dimensions, we recruited 101 independent coders who were active
Bilibili users and regular viewers of fashion-related content. Coders were recruited from a
large university and selected based on their familiarity with Bilibili and regular consump-
tion of fashion-related videos, ensuring familiarity with the platform context and content
genre under evaluation. Each coder assessed a small subset of 4-5 videos, and each video
was independently evaluated by two coders. All coders received standardized training,
followed a detailed coding protocol, and were blind to the study’s hypotheses.

Inter-rater reliability was evaluated using intraclass correlation coefficients (ICC). As
reported in Table 2, all manually coded variables demonstrated excellent agreement, with
ICC values ranging from 0.945 to 0.979. For subjective rating scales, the average of the
two coders’ scores was used to construct the final measure. For objective observations,
any discrepancies were resolved through adjudication based on the predefined coding
protocol and verification against the original video content. Table 2 presents the definitions
and measurements of all variables, while detailed coding instructions are provided in
Supplementary File 54.

Table 2. Variables and measurement.

Variables Definition Measurement ICC

Dependent Variable
Consumer engagement behavior in online

Engagement video platforms. Aggregate count N/A

Independent Variables

Who

. Expertise refers to the perceived professionalism and .

Expertise level of experience of the influencer of the posted video. Three-item scale 0946

What

Brand Control The perc.:elved bran.d presence and commercial Three-item scale 0.945
orientation of the video content.

Promotional Incentives or the possibility of winms free g(?ods (lucky draw) Binary indicator 0.979
are regarded as promotional incentives.
The perceived practical utility, usefulness, or

Practical Knowledge 1nformat1vene§s of the Yldeo, including dressing skills, Three-item scale 0.955
makeup techniques, skincare knowledge, product
screening, and recommendations.

Hedonic Appeal The enjoyment and entertainment a potential consumer Three-item scale 0.951
experiences from watching the video.

How

Comparative Strategy Whether ’.the influencer compares the focal product with Binary indicator 0.947
a competitor product.
Whether the video contains either one-sided

Message Sidedness information (advantages only) or two-sided Binary indicator 0.959
information (both advantages and disadvantages).

Sponsorship Disclosure Whether the influencer discloses the partnership or Binary indicator 0.951

sponsorship in the video or accompanying notes.
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Table 2. Cont.

Variables

Interaction Signal
Interaction Add-in

Chapter Progress Bar
When

Golden Period

Definition Measurement ICC
The -numb‘er of tnpes the influencer verbally encourages Count variable 0.970
audience interaction.
Whether the video contains built-in interaction tools . L

. . . Binary indicator 0.961
such as voting, rating, or one-click engagement buttons.
Whethgr a clear signpost in the 'progress.bar is mseljted Binary indicator 0.978
in the video for navigation and information processing.
High traffic on Bilibili is observed on Friday afternoon
and night, Saturday, and Sunday, which are regarded as  Archival variable N/A

the golden period.

Note. Engagement was operationalized as the sum of likes, collections, coins, comments, live comments, and
reposts. All three-item scales were measured on five-point Likert scales (1 = strongly disagree, 5 = strongly agree).
Binary indicators were coded as 1 = presence and 0 = absence. ICC = intraclass correlation coefficient.

3.3. Models

The dependent variables comprising individual engagement metrics such as likes,
comments, reposts, collects, live comments, and coins along with their aggregate sum
consist of non-negative integers representing count data. These variables represent inde-
pendent events that do not follow a normal distribution. Preliminary analysis revealed
that the distribution of total engagement is long-tailed with high variability, suggesting
overdispersion.

Given that the variance of the response variable significantly exceeds its mean, the
equidispersion assumption of Poisson regression is violated. Consequently, a negative
binomial (NB) regression model was adopted, as it incorporates a latent heterogeneity term
to account for overdispersion. For each video i, the model is specified as follows:

log(Y;) = Bo + B1 * Expertise; + By * Brand control; 4+ B3 * Promotional incentive;
+PB4 * Practical knowledge; + Bs * Hedonic appeal; + Be * Comprative strategy;
+B7 * Message sidedness; + Bg * Sponsorship disclosure; + Bg * Interaction signal;
+B1o * Interaction addin; + B11 * Progress bar signposting; + B12 * Golden period,
+B13 * N.of Followers; + B14 * Video length,

where Y; refers to the number of engagements video 7 received.

3.4. Results and Discussion

Diagnostic tests using Variance Inflation Factors (VIFs) and tolerance levels indicated
no significant multicollinearity issues. However, the correlation between expertise and
practical knowledge was 0.58, considered moderately high. To ensure estimate stability,
separate regression models were constructed using a backward stepwise approach.

As shown in Table 3, all models yielded consistent results regarding the direc-
tion and significance of the coefficients. Furthermore, the models exhibited negligible
variations in goodness-of-fit statistics, including Deviance/df, AIC, BIC, and the Like-
lihood Ratio Chi-Square value. Robustness checks were also performed by redefining
the dependent variable and adjusting for platform-specific mechanical relationships (see
Supplementary Files S6 and S7).

https:/ /doi.org/10.3390/jtaer21070212


https://doi.org/10.3390/jtaer21070212

J. Theor. Appl. Electron. Commer. Res. 2026, 21, 212 12 of 20

Table 3. Model results.

Engagement
1) (2) 3
(Intercept) 6.869 *** 6.870 *** 6.869 ***
(0.3190) (0.3534) (0.3536)
Who
Expertise —0.007 —9.318 x 107°
(0.0665) (0.0825)
What
Brand control —0.006 —0.005 —0.006
(0.0583) (0.0578) (0.0583)
Promotional incentive —0.137 —0.141 —0.137
(0.1650) (0.1632) (0.1655)
Practical knowledge (6%(5);}) (?)%%;)
Hedonic appeal 0.273 *** 0.270 *** 0.273 ***
(0.0663) (0.0630) (0.0665)
How
Comparative strategy 0.218 * 0.217 ™ 0.218 *
(0.1052) (0.1052) (0.1053)
Message sidedness 0.252 ™ 0.246 0.252
(0.1163) (0.1098) (0.1163)
Sponsorship disclosure —0.119 —0.120 —0.119
P p (0.1643) (0.164) (0.1643)
Interaction signal 0.048 % 0.048 * 0.048 *
(0.0282) (0.0284) (0.0284)
Interaction add-in 0.091 0.090 0.091
(0.1228) (0.1228) (0.1233)
Chapter progress bar —0.080 —0.079 —0.080
(0.1324) (0.1329) (0.1330)
When
. 0.099 0.099 0.099
Golden period (0.0993) (0.0997) (0.0997)

Control variables

N. of followers 2.77 x 1076 2.77 x 1076 »* 2.766 x 1076 ***

(2.32 x 1077) (2.30 x 1077) (2.3262 x 1077)
. —0.010 —0.010 —0.010

Video length (0.0091) (0.0091) (0.0091)
Likelihood Ratio 353.253 *** 353.231 *** 353.253 ***
Chi-Square
Deviance/df 1.214 1.214 1.217
AIC 8795.649 8795.672 8797.649
AICC 8796.600 8796.622 8798.738
BIC 8853.395 8853.418 8859.520
CAIC 8867.395 8867.418 8874.520

Notes. All columns control for N. of followers and video length; model (1) excludes variable expertise retaining
practical knowledge, model (2) excludes variable practical knowledge retaining expertise. Coefficients are not
transformed into exponential parameter estimates, and standard errors are in parentheses. Likelihood Ratio
Chi-Square is in a “larger-is-better” form; information criteria (deviance/df, AIC, AICC, BIC, CAIC) are in
“smaller-is-better” form. *** p < 0.01, ** p < 0.05, * p < 0.1.

Control variables (followers and video length) were significantly positive (p < 0.01),
confirming that a larger fandom and longer duration facilitate greater engagement exposure.
Overall, four main predictors significantly drive engagement: hedonic appeal, comparative
strategy, message sidedness, and interaction signals.
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Who

Influencer expertise was not significant (8 = —9.318 x 10~°), with an incidence rate
ratio close to 1, rejecting H1. This may reflect the platform’s Gen Z-oriented UGC culture.
On Bilibili, influencers, despite their commercial role, are still primarily perceived as fellow
users and product users rather than as authoritative experts. Viewers tend to value genuine
sharing, real usage experience, and feedback from an equal consumer perspective. As a
result, they are more likely to treat favored influencers as relatable peers than as distant
professionals. This pattern also aligns with current influencer selection logic, in which
brands may prioritize fit with the target audience over professional expertise. Greater
professionalism may reduce perceived closeness and identification, whereas engagement is
more likely to occur when the influencer-viewer relationship feels socially balanced and
friend-like.

What

Brand control was not statistically significant (8 = —0.006), rejecting H2. This likely
reflects Gen Z users’ relatively low sensitivity to sponsored content on Bilibili. Because
sponsored videos are a common and accepted monetization format on the platform, users
are generally familiar with influencer-brand collaborations and do not appear to react
strongly against commercial intent. Although the coefficient is negative, its magnitude is
very small, suggesting little backlash toward perceived brand presence.

Similarly, promotional incentive showed a non-significant negative coefficient
(B = —0.137), rejecting H3. While coupons, giveaways, or discount codes may increase
perceived benefit, they are usually presented directly to all viewers through video de-
scriptions or pinned comments and therefore do not require engagement as a prerequisite.
Interested viewers may also leave the platform to redeem the offer, reducing subsequent
engagement within Bilibili. In addition, promotional incentive is positively correlated with
brand control (r = 0.219, p < 0.01), suggesting that it also serves as a cue of commercial
intent, which helps explain its similar pattern of insignificance.

Practical knowledge was also statistically insignificant (8 = —0.011), rejecting H4. Its
incidence rate ratio is close to 1, indicating a negligible effect on total engagement. This may
partly reflect its moderately high correlation with expertise (r = 0.580, p < 0.01), but it also
fits the entertainment-oriented nature of Bilibili. Users may appreciate useful information,
yet overly informational content may be less effective in stimulating engagement when
leisure and enjoyment are primary motives.

By contrast, hedonic appeal significantly increased engagement (p < 0.001), supporting
H5. Creative thematic settings can provide novel viewing experiences, evoke emotional
resonance, and enhance perceived hedonic value. This finding is consistent with prior
works, who similarly found that hedonic value significantly drives engagement, whereas
functional value does not [9].

How

Both comparative strategy (8 = 0.218, p < 0.05) and message sidedness (B = 0.252,
p < 0.05) are positively associated with engagement, supporting H6 and H7. These results
suggest that viewers respond more favorably to messages perceived as balanced, objective,
and authentic. Comparative and two-sided messages may enhance trust because they
appear less tightly controlled by brands, which are typically reluctant to present negative
product information. Consistent with this interpretation, message sidedness is negatively
correlated with brand control (r = —0.216, p < 0.01), indicating that highly controlled brand
messages are more likely to be one-sided.

Sponsorship disclosure is not significant, although its coefficient is negative, rejecting
HS8. A clear disclosure makes commercial intent more explicit, but Gen Z users on Bilibili
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appear relatively accustomed to sponsored content and therefore do not react strongly
against it. This interpretation is consistent with the positive correlation between spon-
sorship disclosure and brand control (r = 0.435, p < 0.01), which suggests that disclosure
functions as another cue of brand presence. Thus, despite the negative sign, disclosure
does not materially reduce engagement.

Interaction signal is marginally significant (8 = 0.048, p < 0.1), supporting H9. This
is consistent with prior works who found that encouraging users to respond can increase
engagement [30]. By contrast, interaction add-in is not significant, rejecting H10, although
its coefficient remains positive (8 = 0.091). A likely explanation is that the feature was
still relatively new and not fully optimized, whereas verbal prompts are more natural and
persuasive than interface-based cues in encouraging viewer response.

Progress bar signposting is also not significant, rejecting H11, and its coefficient is
negative. This may reflect two possibilities. First, progress bars give viewers an immediate
preview of the video structure, which may reduce curiosity and encourage early exit if the
upcoming content appears uninteresting. Second, as a newly introduced feature, progress
bar signposting may not yet have been well integrated into the viewing experience and may
even interfere with content display. Together, these results suggest that communication
style matters more than technical design features in stimulating engagement.

When

Lastly, posting during the platform’s golden period is not statistically significant,
although the coefficient is positive. This suggests that higher traffic may increase exposure
but does not necessarily translate into active engagement. Unlike views, which reflect
passive consumption, engagement requires additional user initiative. As a result, the
benefits of higher traffic may be offset by intensified competition among newly uploaded
videos during peak periods. This finding supports our initial caution that the most crowded
posting window may not always be the most effective for generating engagement. Table 4
summarizes the results of the hypothesis tests.

Table 4. Summary of hypothesis testing results.

Hypothesis Expected Effect Result in Main Model = Conclusion
H1 Expertise Positive Not significant Not supported
H2 Brand control Negative Not significant Not supported
H3 Promotional incentive ~ Positive Not significant Not supported
H4 Practical knowledge Positive Not significant Not supported
H5 Hedonic appeal Positive Positive, p < 0.01 Supported
H6 Comparative strategy Positive Positive, p < 0.05 Supported
H7 Message sidedness Positive Positive, p < 0.05 Supported
H8 Sponsorship disclosure  Negative Not significant Not supported
HO Interaction signal Positive Positive, p < 0.10 Marginally
supported
H10 Interaction add-in Positive Not significant Not supported
H11 Chapter progressbar  Positive Not significant Not supported
H12 Golden period No significant effect  Not significant Supported

3.5. Robustness Check

To enhance confidence in the robustness of our findings, we conducted additional
analyses by modifying the model specification and redefining the dependent variable, with
detailed results presented in Supplementary File S6. First, to address potential omitted
variable bias, we incorporated two additional control variables: influencer gender and
nationality. The negative binomial regression results remained consistent, with hedo-
nic appeal (p < 0.01), comparative strategy (p < 0.05), and message sidedness (p < 0.05)
continuing to exert significant positive effects on engagement, while interaction signals
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maintained marginal significance (p < 0.1). Critically, the newly added controls (gender
and nationality) were statistically insignificant, confirming that our core findings are not
confounded by these demographic factors. Second, we re-specified the total engagement
metric by adjusting for the platform’s automatic conversion feature, where two “coins”
equate to one “like.” By subtracting half the number of coins from total likes to account
for this mechanical relationship, we re-ran the analysis. These results further validated
our primary conclusions, as the significance levels and coefficient directions of the key
predictors remained unchanged, reinforcing the stability of our model. Collectively, these
robustness checks provide strong assurance that our findings are not sensitive to model
specification or measurement choices.

4. Discussion
4.1. Findings

This study uses negative binomial regression to examine the drivers of engagement in
457 fashion-related sponsored videos on Bilibili, a Gen Z-oriented mid-to-long-form video
platform. Drawing on Grice’s theory of conversation [33] and the customer-perceived-value
framework [14], we analyze engagement across four dimensions: influencer characteris-
tics (Who), content message (What), content strategy (How), and timing (When), while
controlling for follower count and video duration.

The findings reveal a clear pattern in this Bilibili sample: Gen Z engagement is driven
more by content experience than by commercial cues, technical features, or posting sched-
ules. Hedonic appeal is the strongest predictor of engagement, followed by comparative
strategy, two-sided message framing, and verbal interaction cues. These results suggest
that viewers are more likely to engage when sponsored content is entertaining, balanced,
and explicitly inviting.

Another notable finding is that several factors commonly assumed to improve cam-
paign performance do not significantly increase engagement. Brand control, promotional
incentives, and sponsorship disclosure show no significant effects. Likewise, influencer
expertise and practical knowledge do not predict higher overall engagement. These null
findings suggest that Gen Z viewers on Bilibili respond less to professionalism or overt
persuasion and more to relatability and communication style. Notably, practical knowledge
does predict “collects,” indicating that informational value still matters for low-effort,
utility-oriented engagement.

A third finding concerns the limited role of platform mechanics and timing. Interaction
add-ins, progress bar signposting, and golden-period posting do not significantly affect
engagement. This suggests that how the message is communicated matters more than
when it is posted or which technical tools accompany it. Viewers appear to respond
more strongly to authentic verbal cues than to interface-based prompts, and peak traffic
does not automatically translate into interaction when attention is fragmented by content
competition.

4.2. Theoretical Contributions

This research makes three key contributions to the influencer marketing, digital en-
gagement, and Gen Z consumer literature. First, it integrates Grice’s (1975) conversa-
tional maxims with the customer-perceived-value framework [14] to explain engagement
with influencer-sponsored videos. Pragmatic-advertising research to date has applied
the Gricean toolkit one maxim at a time and largely against classical persuasion out-
comes such as attitude or purchase intent—through assertive-language [24] and figurative-
language [25] work testing the manner maxim, through two-sided message research
grounded in the Quality maxim [35], and through native-ad [27] and influencer-ad [28]
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disclosure studies invoking the quantity maxim. The present integration moves beyond
this fragmentation in three respects. It operationalizes all four maxims as a single Who-
What-How—When predictor structure for the engagement-behavior outcome family; it
connects the sender-side maxim structure to a receiver-side perceived-value calculus, mak-
ing explicit how pragmatic features shape engagement by shifting viewers’ perceived
benefits (functional, emotional, credibility, interaction) and costs (cognitive effort, distrac-
tion, psychological discomfort); and it extends the analysis to mid-to-long-form interactive
sponsored video and to platform-native engagement behaviors such as coins and live com-
ments. The findings suggest that Gen Z viewers are especially responsive to content that
is emotionally engaging [38], relatable, balanced, and interaction-oriented [45]. In doing
so, this study situates engagement behavior within the communicative and psychological
logic of Gen Z-oriented social media environments.

Second, this study contextualizes the Who-What-How-When framework for mid-to-
long sponsored videos by connecting influencer characteristics, content message, content
strategy, and timing to specific engagement behaviors. By examining a richer and more
interactive video setting, the framework explains how conversational features are opera-
tionalized through concrete video design choices, such as comparative strategy, message
sidedness, interaction cues, plug-ins, and progress bar signposting. This provides a more
fine-grained account of influencer effectiveness in mid-to-long-form video platform envi-
ronments, where engagement depends not only on who delivers the message, but also on
how the message is structured and experienced.

Third, this study introduces platform-specific variables such as interaction plug-ins
and chapter progress bars and adopts a more comprehensive measure of engagement
that includes not only likes, comments, and shares, but also native platform behaviors
such as coins and live comments. This approach advances the literature by capturing the
multifaceted and platform-embedded nature of Gen Z engagement, which is expressed not
only through conventional social media metrics but also through behaviors shaped by the
norms and affordances of interactive video platforms. As such, the study offers a more
nuanced account of how Gen Z consumers respond to branded content in emerging social
commerce settings.

4.3. Managerial Implications

This study offers practical implications for three key stakeholders seeking to engage
Gen Z consumers through influencer marketing: platforms, brands, and influencers, espe-
cially in sponsored video campaigns on mid-to-long-form video platforms such as Bilibili.

For platforms, the findings suggest that adding new technical features alone is un-
likely to increase engagement unless those features are intuitive and improve the viewing
experience. The non-significant effects of interaction add-ins and progress bar signposting
indicate that adoption depends not only on availability but also on usability and platform
fit. Platforms should therefore refine these functions based on viewer and creator feedback.
They may also improve campaign evaluation by providing more granular performance
metrics, such as cost per like or cost per live comment.

For brands, the non-significance of brand control, promotional incentives, and spon-
sorship disclosure suggests that Gen Z users on Bilibili are relatively tolerant of commercial
content when it is integrated naturally into the viewing experience. Rather than concealing
sponsorship, brands should focus on embedding branded messages in ways that fit the
distinctive interaction practices, effective campaigns should align with platform language,
community expectations, and content genres rather than rely on overt persuasion.
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For influencers, the results highlight the value of entertaining, relatable, and
interaction-oriented content. Hedonic appeal is the strongest driver of engagement, while
comparative strategy, two-sided messaging, and verbal interaction cues also improve
performance. This suggests that influencers should embed branded messages into ev-
eryday or emotionally engaging scenarios, present products in a balanced way, and use
direct verbal invitations to encourage participation. Compared with technical prompts,
such communication-based strategies appear more effective in motivating Gen Z viewers
to respond.

4.4. Limitations and Future Research Directions

This study has several limitations that suggest directions for future research. First,
the analysis is conducted at the video level using publicly available data and therefore
cannot link engagement behaviors to specific user profiles. Future research could collabo-
rate with platforms to examine user-level motivations and audience heterogeneity more
directly. Second, although this study incorporates four major predictor categories and
several controls, it does not examine interaction effects or underlying mechanisms. Future
studies could explore mediating or moderating processes such as trust, parasocial relation-
ships, or perceived authenticity. Third, the engagement measures are based on interaction
counts rather than the content of user responses. Future research could apply linguistic
tools such as LIWC or NLP methods to analyze comment sentiment, thematic focus, or
brand perception, thereby providing a richer understanding of consumer reactions and
campaign effectiveness. Fourth, the data were collected during a specific period in early
2022, which may limit the temporal generalizability of the findings. Since then, Bilibili has
continued to evolve, including growth in its user base, increasing commercialization, and
the expansion of short-form video features [44]. Although the platform remains centered
on user-generated video content and interactive engagement mechanisms, future research
could examine whether the observed relationships remain stable under these evolving
platform conditions. Relatedly, because the empirical setting is limited to a specific platform
and observation window, the broader generalizability of the proposed framework remains
to be further examined. Future studies could extend the framework to other platforms,
product categories, video formats, user groups, and multi-period datasets to assess whether
the same engagement logic applies across settings.
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