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Abstract

Returnee entrepreneurs connect rural communities with wider markets and contribute to
local development. Digital platforms expand their market reach but intensify competi‑
tion for audience attention amid similar rural content. Existing research explains how
resources and local embeddedness shape returnee entrepreneurial performance, but of‑
fers less insight into how entrepreneurs present these advantages to external audiences.
Drawing on cultural entrepreneurship theory, we distinguish village connection narra‑
tive from market operation narrative and examine the role of narrative activity. We anal‑
yse 1922 account‑month observations from 476 returnee entrepreneurs on Douyin using
dictionary‑based measures and panel fixed‑effects models. Village connection narrative
was positively associated with performance. The association between market operation
narrative and performance weakened as narrative emphasis increased, and a complete in‑
verted U‑shaped pattern was evident only at low narrative activity. Narrative activity did
not significantly strengthen the VCN–performance relationship, whereas higher narrative
activity was associated with a flatter MON–performance relationship. These findings ex‑
tend understanding of how returnee entrepreneurs present their village relationships and
market operations through narratives, and how narrative content and activity relate to
entrepreneurial performance.

Keywords: returnee entrepreneurship; entrepreneurial narratives; cultural entrepreneur‑
ship; digital platforms; China

1. Introduction
In China, returnee entrepreneurship offers an important setting for examining how

urban–rural connections shape rural economic development [1–5]. Returnee entrepreneurs
combine experience acquired elsewhere with village relationships and local production.
Digital platforms enable them to bring these locally grounded ventures into wider mar‑
kets through short videos and livestream commerce [6–11]. However, competition among
similar presentations of village life and local products makes it difficult for returnee en‑
trepreneurs to convey what distinguishes their ventures [12,13]. Their central challenge
extends beyond reaching distant consumers to communicating the value of their village
connections and operating practices.

Research on returnee entrepreneurship explains howmigration experience, local embed‑
dedness, and resource mobilisation shape venture formation and development [3,4,14,15].
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Digital entrepreneurship research shows how platforms reduce spatial barriers and ex‑
pand access to external markets [6,16,17]. Together, these studies explain how returnee
ventures develop and reach wider markets, but give less attention to how entrepreneurs
use narratives to present the village relationships and operating practices underlying their
ventures. Cultural entrepreneurship provides a theoretical perspective for examining
how entrepreneurial narratives give meaning to these venture foundations. It views en‑
trepreneurial narratives as cultural tools that connect venture resources and activities to
broader systems of meaning [18–20]. Narratives can make entrepreneurial action and re‑
source use more intelligible to external audiences [21–23]. Different narratives may em‑
phasise different foundations of the same venture, making narrative content important to
its relationship with performance. On digital platforms, entrepreneurial narratives unfold
through successive short posts that compete for attention alongside visible audience re‑
sponses and opportunities to purchase [10,11,24,25]. Narrative activity may also condition
how different forms of narrative content relate to performance.

Building on this perspective, we distinguish village connection narrative (VCN) from
market operation narrative (MON). VCN presents village relationships and contributions
to local development, whereas MON presents operating practices and market value. We
examine how these narratives relate to returnee entrepreneurial performance andwhether
narrative activity (NA) moderates their relationships with performance. Using an unbal‑
ancedmonthly panel of 1922 account‑month observations from 476 returnee entrepreneurs
on Douyin, we estimate models with entrepreneur and time fixed effects. VCN was pos‑
itively associated with performance. MON was also positively associated with perfor‑
mance at lower levels, but this association weakened as MON increased. A complete in‑
verted U‑shaped pattern was evident only at low NA. NA did not significantly strengthen
the VCN–performance relationship, whereas higher NA was associated with a flatter
MON–performance relationship.

This study makes three contributions. First, it shows that entrepreneurial narratives
have distinct performance associations depending on the venture foundations they empha‑
sise. Second, it connects village relationships andmarket operations to entrepreneurial nar‑
ratives, adding a narrative perspective to explanations of returnee entrepreneurial perfor‑
mance. Third, it clarifies the role of narrative activity in digital entrepreneurship. Higher
activity was associated with a flatter MON–performance relationship, while the expected
strengthening of the VCN–performance relationship was not supported. These findings
show why narrative content and activity need to be examined together without assuming
that greater activity strengthens every narrative–performance relationship.

2. Literature Review and Hypothesis Development
2.1. Returnee Entrepreneurship

Returnee entrepreneurship refers to venture creation by individuals who return to
their home regions after gaining experience elsewhere [2–4,26]. In China, it is closely asso‑
ciated with rural–urban mobility. Many returnee entrepreneurs leave their home villages
for cities, where they acquire experience and knowledge that are less readily available lo‑
cally. After returning, they apply these resources within the relationships and production
conditions of their home villages. Returnee entrepreneurship therefore combines experi‑
ence acquired elsewhere with renewed village embeddedness.

Existing research has examined both entrepreneurial return and venture develop‑
ment. Experience gained away from home can influence the decision to return and enter
entrepreneurship [2,27], while individual circumstances and post‑return conditions also
shape these choices [14,28,29]. After return, external experience can support opportu‑
nity recognition and new operating practices, although its value depends on its fit with
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local relationships and production conditions [4,15,30]. Ties to home also shape the mo‑
tives and meanings attached to entrepreneurial return [31]. Returnee entrepreneurship
has further been associated with employment, rural incomes, and local industry develop‑
ment [32–34]. More recent studies examine digitalisation, showing that digital platforms
connect returnee entrepreneurs with consumers beyond their home regions and reduce
barriers to market participation [6,16,17].

Taken together, this literature explains entrepreneurial return, the use of externally
acquired experience, renewed village embeddedness, and expanding market access. Less
attention has been given to how returnee entrepreneurs present the significance of these en‑
trepreneurial foundations after entering wider digital markets. Village relationships, prior
experience, and operating practices can shape venture development but remain difficult
for distant consumers to observe directly. This gap directs attention to entrepreneurial nar‑
ratives as a means through which returnee entrepreneurs communicate the meaning and
relevance of their venture activities to external audiences.

2.2. Entrepreneurial Narratives

Entrepreneurial narratives are cultural tools through which entrepreneurs organ‑
ise and present their ventures, actions, and aspirations to external audiences [18,22,35].
Cultural entrepreneurship emphasises how narratives connect entrepreneurial activity to
broader systems of meaning and make ventures intelligible to potential supporters [18].
Narratives can explain how resources are mobilised, how entrepreneurial actions acquire
significance, and how current activities relate to future possibilities [19,20,36]. They thus
help audiences understand the foundations and development of a venture.

Research has examined both the content and presentation of entrepreneurial narra‑
tives. Narratives may establish entrepreneurial identity and opportunity [18,20], explain
resource use and entrepreneurial action [21,22], or situate ventures within local relation‑
ships and histories [23]. Their rhetorical, linguistic, emotional, and multimodal forms also
shape how entrepreneurial claims are expressed and interpreted [19,37–40]. These studies
connect entrepreneurial narratives to venture evaluation and external support [37,41–43].
However, less is known about how narratives presenting different foundations of the same
venture relate to entrepreneurial performance.

Digital platforms introduce a further question concerning narrative activity. On‑
line entrepreneurial communication can unfold through multiple brief messages rather
than a single, complete account [24]. Short narrative fragments can also convey en‑
trepreneurial meanings without forming complete narratives individually [25]. In plat‑
form commerce, entrepreneurs communicate alongside audience interaction and com‑
mercial exchange [10,11]. Narrative activity may therefore matter alongside the content
being presented. Yet it remains unclear whether greater activity conditions the perfor‑
mance associations of different narratives in the same way. We address these questions
by distinguishing VCN from MON and examining how NA relates to their respective
performance associations.

2.3. Hypothesis Development

Returnee entrepreneurs draw on village relationships and experience acquired else‑
where to establish and operate their ventures. Entrepreneurial narratives can present these
foundations through different explanatory functions. VCN communicates the venture’s re‑
lationshipswith the homevillage and its contribution to local development. MONpresents
how entrepreneurs organise resources, develop products, and undertake market opera‑
tions. We examine whether these narratives have distinct relationships with performance.
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VCN presents an enduring relationship between the returnee entrepreneur and the
home village. It communicates the entrepreneur’s return, continued participation in vil‑
lage life, and contribution to local development. Village relationships can provide access to
local knowledge and actors and support participation in local production systems [15,44].
These relationships may underpin venture activity, yet external audiences cannot readily
observe their entrepreneurial significance.

VCNmakes these foundationsmore intelligible by connecting village relationships to
current entrepreneurial activities. Accounts of return establish the entrepreneur’s relation‑
shipwith the village, while accounts of continued participation showhow that relationship
is expressed in practice. Narratives can help audiences interpret entrepreneurial claims by
locating venture activity within a recognisable social setting [19]. Place narratives can sim‑
ilarly make the entrepreneurial relevance of local relationships visible to outsiders [23].
VCN also presents contributions to local producers and communities alongside the en‑
trepreneur’s commercial activities. Entrepreneurial narratives can attract support when
they communicate benefits for others and connect venture activity to meanings valued by
audiences [45–47].

VCN therefore presents village relationships and local contribution as meaningful
foundations of returnee ventures. Greater emphasis on VCN should provide external au‑
diences with stronger grounds for supporting these ventures and be positively associated
with entrepreneurial performance.

Hypothesis 1a. Village connectionnarrative is positively related to returnee entrepreneurial performance.

MON presents how returnee entrepreneurs organise and apply resources in current
venture operations. Entrepreneurs bring knowledge, skills, and market experience ac‑
quired away from home into their ventures [2,4]. After returning, they combine these
resources with local production conditions [4,15]. The resulting operating processes are
difficult for external audiences to observe directly, particularly in digital markets where
product characteristics and expected performance cannot be readily inspected [48]. MON
makes these processes more intelligible by presenting product development, production
practices, quality control, and responses to market demands.

At low to moderate levels, MON should be positively associated with performance.
Information about production and operating practices can help audiences assess how en‑
trepreneurs use resources, address practical problems and create product value. Such cues
strengthen the informational basis for product judgement and purchase decisions in dig‑
ital commerce [49,50]. By connecting resources, actions and expected outcomes, MON
provides a more intelligible account of how the venture operates and creates value [18–21].
Greater emphasis on MON should therefore be associated with more favourable perfor‑
mance at low to moderate levels.

The positivemarginal association should diminish asMONbecomesmore prominent.
Once a venture’s operating practices and product value are sufficiently clear, additional op‑
erating information may offer less new information. Continued emphasis on sales, expan‑
sion, and commercial returns may also make the venture’s market orientation increasingly
salient. Audience responses to creator content can depend on how commercial cues are
embedded alongside relational content [51]. This interplay is particularly relevant to re‑
turnee entrepreneurship, where venture activity can also signify village relationships and
local development. As commercial‑return cues accumulate, audiences may place greater
weight on market‑oriented motives when interpreting these broader meanings. Research
suggests that prominent commercial return cues canweaken favourable responses to activ‑
ities associated with broader social value [52,53]. Diminishing informational value should
reduce MON’s positive marginal association with performance, while accumulating com‑
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mercial cues may contribute to a negative association at higher levels. Together, these
processes suggest an inverted U‑shaped relationship.

Hypothesis 1b. Market operation narrative has an inverted U‑shaped relationship with returnee
entrepreneurial performance.

Digital platforms allow entrepreneurial communication to unfold through successive
brief posts rather than a single communication event [22,24]. Individual fragments can
convey entrepreneurial meanings without forming complete narratives on their own [25].
This communication pattern makes narrative activity relevant alongside narrative content.
NA captures how frequently entrepreneurs publish short videos and may condition the
performance associations of VCN and MON.

NA may strengthen the positive relationship between VCN and performance. VCN
presents village relationships and local contribution as continuing foundations of en‑
trepreneurial activity. Greater NA situates VCN within a more active stream of venture
communication. Such communication can convey relational orientation alongside other
venture attributes [24]. This broader context may help audiences connect the village rela‑
tionships and local contribution conveyed by VCNwith current venture practices, making
them more recognisable as continuing foundations of the venture. We therefore expect
greater NA to strengthen the positive association between VCN and performance.

Hypothesis 2a. Higher narrative activity strengthens the positive relationship between village
connection narrative and returnee entrepreneurial performance.

NA may also flatten the nonlinear relationship between MON and performance. At
low to moderate levels of MON, information about operating practices helps audiences as‑
sess the venture’s capability and product value. When narrative activity is limited, MON
may provide an important source of such information. At higher NA, MON is encoun‑
tered within a more active stream of venture communication. Because the benefits of com‑
munication do not increase indefinitely with activity [54], further emphasis on operating
practices may add less to audiences’ understanding of the venture. The positive marginal
association between MON and performance should therefore become weaker at higher
levels of NA.

At higher levels of MON, greater NAmay also attenuate the negative marginal associ‑
ation with performance. Strong MON makes commercial returns increasingly prominent
while providing diminishing additional information about operations. As commercial‑
return cues become more salient, audiences may place greater weight on selling motives
when interpreting the venture. Heightened recognition of persuasive intent can be asso‑
ciated with weaker purchase responses in digital commerce [55]. Greater NA, however,
expands the communication context in which these cues are interpreted. Entrepreneurial
communication can convey multiple venture attributes [24], making commercial‑return
cues less likely to dominate the interpretation of the venture’s wider development. The
negative marginal association may consequently become less pronounced. A weaker posi‑
tive marginal association at lowerMON levels and a weaker negative association at higher
levels together imply a flatter nonlinear relationship.

Hypothesis 2b. Higher narrative activity flattens the nonlinear relationship between market op‑
eration narrative and returnee entrepreneurial performance.

Figure 1 summarises the theoretical model and proposed relationships.
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Figure 1.Theoretical model.

3. Materials and Methods
3.1. Sample and Data Collection

This study used monthly data on returnee entrepreneurs operating on Douyin (Bei‑
jing Douyin Technology Co., Ltd., Beijing, China) from January to July 2025. Data were
collected from two sources. Profile biographies and video content were obtained directly
from Douyin through a web crawler, while sales and product information were obtained
from XinDou (Shanghai Newrank Information Technology Co., Ltd., Shanghai, China), a
third‑party Douyin analytics platform. The two sources were matched at the account and
month levels.

Returnee entrepreneurs were defined as individuals who had acquired experience
away from home, returned to their home village or place of origin, and subsequently en‑
gaged in entrepreneurial activity. Candidate accounts were initially identified using four
Chinese search terms in account names and profiles: “返乡创业” (return entrepreneur‑
ship), “新农人创业” (new‑farmer entrepreneurship), “乡村守护人” (village guardian), and
“回乡创业” (return‑home entrepreneurship). Three of these search terms contained ex‑
pressions that also appeared in the VCN dictionary:“返乡” (returning to one’s hometown),
“新农人” (new‑farmer), and “乡村” (village). The terms were used only for initial screen‑
ing; final inclusion required manual verification of prior experience away from home,
subsequent return to the home area, and current entrepreneurial activity. Duplicate, in‑
active, invalid, and unverifiable accounts were excluded. We identified 700 eligible re‑
turnee entrepreneur accounts for the January–July 2025 observation period. Sales rev‑
enue was available for 2366 account‑month observations from 576 accounts. Applying
the data‑availability requirements for the remaining analysis variables yielded an unbal‑
anced panel of 1922 account‑month observations from 476 entrepreneurs. This reduction
reflects the availability of XinDou sales data and other analysis variables and may intro‑
duce sample selection that affects the representativeness of the analytical sample. Among
these entrepreneurs, 371 contributed at least two usable monthly observations, whereas
105 contributed only one observation. The fixed‑effects estimator retained these singleton
observations in the reported estimation sample, but they provided nowithin‑entrepreneur
variation and therefore did not contribute to identification of the focal coefficients. The ef‑
fective sample contributing to within‑entrepreneur identification comprised 1817 observa‑
tions from 371 entrepreneurs. Within this effective sample, the within‑entrepreneur stan‑
dard deviations were 0.0425 for VCN and 0.0260 for MON. The full sample‑construction
process and panel structure are reported in Supplementary Table S4.

At eachmonthly observation, the crawler recorded the account biography and textual
content associated with the first three videos displayed on its profile. Selection followed
display position rather than publication date. Pinned videos were included if they occu‑
pied those positions, and displayed videos were not necessarily posted during the preced‑
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ing 30 days. The combined texts measure narrative themes prominently presented on the
profile at the observation point, rather than all content posted during themonth. The same
collection protocol was applied across monthly observations. Douyin profile information
was publicly accessible at the time of collection.

3.2. Measures
3.2.1. Dependent Variable

Returnee entrepreneurial performance reflects the commercial performance of the
venture on the platform. We measured performance using merchandise sales revenue
during the preceding 30 days, obtained from XinDou. Sales revenue was recorded in Chi‑
nese yuan, and PERF was calculated as the natural logarithm of sales revenue plus one.
The transformation retains observations with zero sales, while missing sales values were
treated as missing rather than as zero.

3.2.2. Independent Variables

We measured village connection narrative and market operation narrative using cus‑
tomised Chinese dictionaries. Dictionary measures capture the relative frequency of theo‑
retically defined content in entrepreneurial texts [13,45,56]. Because existing dictionaries
do not reflect the meanings specific to returnee entrepreneurship, we developed separate
dictionaries for the two constructs.

Dictionary development combined theory‑guided seed selection, corpus‑based se‑
mantic expansion, andmanual screening. Seed termswere derived from the construct defi‑
nitions and relevant research. The village connection dictionary covered return experience,
village relationships, production practices, collaboration with farmers, local culture, and
contributions to village development [12,57–59]. The market operation dictionary covered
product development, production processes, quality improvement, marketing, customer
service, and market operations [60]. AWord2Vec model was used to identify semantically
related candidate terms, which were then reviewed in their textual contexts for conceptual
relevance. The final dictionaries contained 116 VCN terms and 110 MON terms. The com‑
plete Chinese dictionaries are provided in Supplementary Table S1; a concise account of
their development is given in Table S2.

Texts were segmented using Jieba, and Chinese stop words were removed. For each
account‑month text, VCNandMONscoreswere calculated as dictionary‑term occurrences
divided by the total number of retained tokens. Higher scores indicate greater relative em‑
phasis on the corresponding narrative content. Two doctoral coders independently rated
a month‑stratified random sample of 105 account‑month texts. VCN andMONwere rated
separately on an ordered five‑point scale from 0 to 4 based on the extent and elaboration
of substantively relevant content. VCN ratings considered return experience, continuing
village relationships, participation in village production, and contribution to village de‑
velopment, whereas MON ratings considered production organisation, product develop‑
ment, quality control, marketing, and other market operations. Inter‑coder agreement was
good, with ICC(2,2) values of 0.858 for VCN and 0.811 for MON (Table S3). However, con‑
vergence between the mean human ratings and the corresponding dictionary scores was
modest, with Spearman’s ρ = 0.245 (p = 0.012) for VCN and ρ = 0.333 (p < 0.001) for MON
(Table S3). Table 1 presents illustrative terms from the two dictionaries.

3.2.3. Moderating Variable

Narrative activity captures the frequency of account‑level content updates through
which entrepreneurial narratives are presented. We measured NA as the number of short
videos posted during the preceding 30 days and transformed the count using ln(x + 1).
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Table 1. Examples of village connection narrative and market operation narrative dictionary terms.

Narrative Narrative Content Illustrative Dictionary Terms (Chinese and
English Glosses)

Village connection
narrative (VCN)

Return experience, village
relationships, local production, and
contributions to village development

返乡 (returning home);家乡 (hometown);
乡亲 (fellow villagers);村民 (villagers);

合作社 (cooperative);助农 (supporting farmers);
振兴 (revitalisation)

Market operation
narrative (MON)

Production, product quality,
market engagement, and
commercial operations

生产 (production);品质 (quality);品牌 (brand);销售
(sales);价格 (price);发货 (shipping);服务 (service)

3.2.4. Control Variables

We grouped the controls into audience composition, commercial activity, and plat‑
form engagement and audience size. Audience composition was measured by the pro‑
portion of male followers. Commercial activity included livestream activity and product
count. Platform engagement and audience size included likes, shares, and follower count.
Non‑negative count variables were transformed using ln(x + 1). Because the latter mea‑
sures may evolve jointly with narratives and sales, the control groups were introduced
sequentially to assess the stability of the focal estimates across specifications. Table 2 sum‑
marises the definitions and operationalisation of all variables used in the analyses.

Table 2.Variable definitions and measures.

Variable Type Variable Abbreviation Measure

Dependent variable
Returnee en‑
trepreneurial per‑
formance

PERF
Merchandise sales revenue during the preceding
30 days, measured in RMB and calculated as ln(sales
revenue + 1)

Independent
variables

Village connection
narrative VCN Relative frequency of village connection dictionary

terms in the account‑month text

Market operation
narrative MON Relative frequency of market operation dictionary terms

in the account‑month text

Moderating variable Narrative activity NA Number of short videos posted during the preceding
30 days, calculated as ln(video count + 1)

Control variables Like count Like Number of likes received, calculated as ln(like count + 1)

Follower count Follower Total follower count, calculated as ln(follower count + 1)

Share count Share Number of short‑video shares, calculated as ln(share
count + 1)

Livestream count Live Number of livestreams conducted, calculated as
ln(livestream count + 1)

Product count Product Number of products offered, calculated as ln(product
count + 1)

Follower gender
composition Gender Proportion of male followers

Notes. VCN and MON are relative dictionary‑term frequencies calculated from an account profile
biography and the first three displayed videos at each monthly observation. PERF and NA refer to
the preceding 30 days. All logarithmic transformations of non‑negative counts use ln(x + 1).

3.3. Model Specification

We estimated entrepreneur fixed‑effects models using the monthly panel data. En‑
trepreneur fixed effects account for time‑invariant differences across entrepreneurs, while
time fixed effects capture shocks common to all accounts. Standard errorswere clustered at
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the entrepreneur level. We introduced the control variables sequentially to assess the sensi‑
tivity of the focal estimates to alternative control sets. The baseline specifications included
entrepreneur and time fixed effects. Subsequent specifications added the control groups
described above, with platform engagement introduced last because these measures may
evolve jointly with entrepreneurial narratives and performance.

H1awas tested by estimating the association between village connection narrative and
returnee entrepreneurial performance. For H1b, we included both the linear and squared
terms of market operation narrative. We evaluated the proposed inverted U‑shaped re‑
lationship using the quadratic term, slopes at the lower and upper bounds, an inverse‑U
test, and the estimated turning point [61]. We also examined whether the turning point
lay within the observed range and whether sufficient observations occurred on both sides.
The moderation models included narrative activity and its interactions with the focal nar‑
rative terms. H2a was tested using the interaction between village connection narrative
and narrative activity. For H2b, we included both MON×NA andMON2 ×NA. Because
moderation of a quadratic relationship cannot be inferred from either interaction coeffi‑
cient alone, we evaluated the conditional curves at low, mean, and high levels of narrative
activity. We examined their slopes, quadratic terms, turning points, and inverse‑U tests to
assess whether higher narrative activity flattened the relationship.

4. Results
4.1. Descriptive Statistics, Correlations, and Multicollinearity

Table 3 reports the descriptive statistics and pairwise correlations for the study vari‑
ables. The mean values of VCN and MON were 0.082 and 0.054, respectively, while the
mean of narrative activity was 2.760. VCN and MONwere moderately and positively cor‑
related (r = 0.345, p < 0.01), indicating that the two themes tended to co‑occur. Among the
control variables, likes and shares showed the strongest correlation (r = 0.809, p < 0.01). Fol‑
lower countwas also positively correlatedwith likes (r = 0.664, p < 0.01) and shares (r = 0.557,
p < 0.01). The remaining correlations were generallymoderate. These patterns suggest that
platform engagement and audience size are related but not interchangeable dimensions of
account activity. Variance inflation factors ranged from 1.04 to 3.85, suggesting no serious
multicollinearity.

Table 3.Descriptive statistics and correlations.

Variable Mean SD Min Max 1 2 3 4 5 6 7 8 9 10

1. PERF 10.172 3.285 0.000 18.089 1
2. VCN 0.082 0.062 0.000 0.429 −0.004 1

3. MON 0.054 0.040 0.000 0.423 0.015 0.345
*** 1

4. NA 2.760 1.066 0.693 6.756 0.0550
** 0.017 0.076

*** 1

5. Gender 0.525 0.195 0.113 0.954 −0.184
*** −0.008 0.031 −0.051

** 1

6. Live 2.503 1.241 0.000 5.468 0.261
*** 0.007 0.068

*** −0.010 0.007 1

7. Product 3.029 0.996 0.693 5.694 0.062
***

−0.067
***

−0.094
***

0.207
***

−0.194
*** 0.008 1

8. Like 8.001 2.615 0.000 14.552 0.236
*** −0.019 −0.160

***
0.306
*** 0.025 −0.159

***
0.218
*** 1

9. Follower 11.694 1.689 6.999 17.322 0.287
***

−0.071
***

−0.064
***

0.145
***

−0.135
***

−0.165
***

0.232
***

0.664
*** 1

10. Share 4.928 2.647 0.000 13.431 0.257
*** −0.033 −0.127

***
0.297
*** 0.005 −0.115

***
0.197
***

0.809
***

0.557
*** 1

Notes. N = 1922 account‑month observations. Pearson correlations are shown below the diagonal.
** p < 0.05, *** p < 0.01. Significance markers refer to two‑sided tests.
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4.2. Main Effects

Table 4 reports sevenfixed‑effects specifications for themain effects. Models 1–3 exam‑
ine H1a using progressively richer control sets. Model 1 includes entrepreneur and time
fixed effects only. Model 2 adds audience composition and commercial activity, while
Model 3 further includes platform engagement and audience size. Models 4–6 follow the
same sequence for H1b by including the linear and squared terms ofMON.Model 7 jointly
includes VCN, MON, and MON squared as a sensitivity specification.

Table 4.Main effects of entrepreneurial narratives on returnee entrepreneurial performance.

Variable (1) (2) (3) (4) (5) (6) (7)

VCN 3.775 *** 3.106 *** 2.915 *** 2.379 **
(1.118) (1.059) (1.024) (1.022)

MON 6.947 ** 7.785 ** 7.083 ** 5.517 *
(3.322) (3.123) (3.068) (3.024)

MON squared −17.604 −21.570 ** −18.436 * −18.239 *
(10.756) (9.822) (9.685) (9.693)

Audience composition No Yes Yes No Yes Yes Yes
Commercial activity No Yes Yes No Yes Yes Yes
Platform engagement and
audience size No No Yes No No Yes Yes

Entrepreneur fixed effects Yes Yes Yes Yes Yes Yes Yes
Time fixed effects Yes Yes Yes Yes Yes Yes Yes
Observations 1922 1922 1922 1922 1922 1922 1922
Entrepreneurs 476 476 476 476 476 476 476
Effective FE observations 1817 1817 1817 1817 1817 1817 1817
Entrepreneurs contributing
within variation 371 371 371 371 371 371 371

Within R‑squared 0.044 0.135 0.154 0.041 0.134 0.154 0.156

Notes. Entrepreneur‑clustered standard errors are reported in parentheses. Audience composition is
the proportion ofmale followers; commercial activity comprises livestream count and product count;
platform engagement and audience size comprise likes, shares, and followers. All specifications
include entrepreneur and time fixed effects. Model 7 jointly includes VCN,MON, andMONsquared.
* p < 0.10, ** p < 0.05, *** p < 0.01 (two‑sided tests).

VCNwas positively associatedwith PERF acrossModels 1–3. The coefficient declined
from 3.775 (SE = 1.118, p < 0.01) in Model 1 to 3.106 (SE = 1.059, p < 0.01) in Model 2 and
2.915 (SE = 1.024, p < 0.01) in Model 3. In the joint specification, the VCN coefficient re‑
mained positive and significant (b = 2.379, SE = 1.022, p < 0.05). These results support H1a.
ForH1b, the linearMON coefficientwas positive and the squared termwas negative across
Models 4–7, indicating a consistently concave relationship. In Model 6, the most exten‑
sively adjusted hypothesis‑specific specification, the linear coefficientwas 7.083 (SE = 3.068,
p < 0.05) and the squared coefficient was −18.436 (SE = 9.685, p < 0.10).

Table 5 reports the endpoint slopes, inverse‑U tests, and turning points. In Model
6, the slope at the lower bound was positive and significant (b = 7.083, p = 0.011), while
the slope at the upper bound was negative but only marginally significant (b = −8.517,
p = 0.060). The full‑range inverse‑U test produced p = 0.060. The estimated turning point
was 0.192, with a 95% confidence interval of [0.115, 0.269], and lay within the observed
MONrange of 0 to 0.423. However, the P1–P99 inverse‑U testwas not significant (p = 0.548),
and only 11 observations, or 0.57% of the sample, lay above the estimated turning point.
The joint specification yielded stronger full‑range evidence (p = 0.038), but the P1–P99 test
remained nonsignificant (p = 0.194). These results indicate a diminishing marginal associ‑
ation: MON was positively associated with performance at lower levels, but its marginal
association weakened as MON increased. The unconditional models did not establish a
complete inverted U‑shaped relationship over the central P1–P99 range.
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Table 5.U test for the market operation narrative and returnee entrepreneurial performance.

Diagnostic (4) (5) (6) (7) Joint

MON 6.947 ** 7.785 ** 7.083 ** 5.517 *
(3.322) (3.123) (3.068) (3.024)

MON squared −17.604 −21.570 ** −18.436 * −18.239 *
(10.756) (9.822) (9.685) (9.693)

VCN included No No No Yes
Observed MON range 0.000–0.423 0.000–0.423 0.000–0.423 0.000–0.423
Lower‑bound slope 6.947 7.785 7.083 5.517
Lower‑bound slope p 0.019 0.007 0.011 0.034
Upper‑bound slope −7.949 −10.467 −8.517 −9.916
Upper‑bound slope p 0.101 0.029 0.060 0.038
Full‑range inverse‑U test p 0.101 0.029 0.060 0.038
Turning point 0.197 0.180 0.192 0.151
Turning‑point 95% CI [0.096, 0.299] [0.121, 0.240] [0.115, 0.269] [0.083, 0.219]
Turning point within observed range Yes Yes Yes Yes
MON P1–P99 range 0.000–0.188 0.000–0.188 0.000–0.188 0.000–0.188
P1–P99 inverse‑U test p 0.581 0.413 0.548 0.194
Turning point within P1–P99 No Yes No Yes
Observations above turning point 9 23 11 73
Observations above turning point (%) 0.47 1.20 0.57 3.80

Notes. Endpoint slope p‑values are one‑sided tests of a positive lower‑bound slope and a negative
upper‑bound slope. The inverse‑U test evaluates these conditions jointly. The P1–P99 assessment
covers the central observed MON range. TP denotes the estimated turning point; confidence inter‑
vals refer to the turning point. Model 7 includes VCN. * p < 0.10, ** p < 0.05 for coefficient estimates
(two‑sided).

Table 6 reports the substantive magnitude of the two main relationships. Moving
VCN from its 25th percentile (0.041) to its 75th percentile (0.102) was associated with a
19.5% increase in predicted performance (95% CI [5.7%, 35.2%], p = 0.005). Moving MON
from its 25th percentile (0.025) to its 75th percentile (0.073) was associated with a 28.6%
increase in predicted performance (95%CI [4.5%, 58.4%], p = 0.018). BothMONpercentiles
lie below the estimated turning point, so this comparison represents the increasing portion
of the estimated relationship. Figure 2 illustrates the estimated relationships between the
two narrative measures and performance.

Figure 2. Estimated relationships between entrepreneurial narratives and returnee entrepreneurial
performance. Notes. Panel (a) shows the estimated relationship between village connection narra‑
tive and performance over the P1–P99 empirical range of VCN. Panel (b) shows the estimated rela‑
tionship between market operation narrative and performance over the full observed MON range.
Shaded areas indicate 95% confidence intervals. In Panel (b), the long‑dashed vertical line marks the
estimated turning point and the short‑dashed vertical line marks the 99th percentile of MON.
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Table 6. Substantive effect sizes for the main relationships.

Hypothesis Narrative P25 P75 Predicted Change 95% CI p‑Value

H1a VCN 0.041 0.102 19.5% [5.7%, 35.2%] 0.005

H1b MON 0.025 0.073 28.6% [4.5%, 58.4%] 0.018
Notes. Predicted changes compare the 25th and 75th percentiles of each narrative measure, using
Model 3 for VCNandModel 6 forMON. PERF is ln(sales revenue + 1); the percentage change in (sales
revenue + 1) is 100 × [exp(∆PERF) − 1]. The MON calculation incorporates its linear and squared
terms. Confidence intervals use entrepreneur‑clustered standard errors. Estimates are associational,
not causal.

4.3. Moderating Effects

Table 7 reports themoderating effects of narrative activity. VCN,MON, andNAwere
mean‑centred before constructing the interaction and quadratic terms. Models 8 and 10 in‑
clude entrepreneur and time fixed effects only. Models 9 and 11 additionally include audi‑
ence composition, commercial activity, and platform engagement and audience size. For
H2a, the interaction between VCN and NA was positive but not statistically significant
in either Model 8 (b = 1.204, SE = 0.859) or Model 9 (b = 0.800, SE = 0.736). The condi‑
tional VCN slope increased from 2.049 at low NA to 2.902 at mean NA and 3.755 at high
NA. However, the interaction term itself remained nonsignificant. H2a was therefore not
supported. For H2b, Model 11 showed a negative but nonsignificant MON × NA coef‑
ficient (b = −3.065, SE = 1.864) and a positive and significant MON squared × NA coef‑
ficient (b = 42.926, SE = 18.893, p = 0.024). Model 11 allows the MON curve to vary with
NA, whereas Model 6 estimates a common MON curve, which accounts for the different
curvature and turning‑point estimates across the two models.

Table 7.Moderating effects of narrative activity.

Variable (8) (9) (10) (11)

VCN (centred) 3.679 *** 2.902 ***
(1.121) (1.043)

MON (centred) 5.520 ** 5.761 **
(2.396) (2.243)

MON squared (centred) −41.913 ** −41.512 **
(19.061) (17.943)

NA (centred) 0.573 *** 0.188 0.505 *** 0.106
(0.157) (0.186) (0.164) (0.191)

VCN × NA 1.204 0.800
(0.859) (0.736)

MON × NA −2.834 −3.065
(2.059) (1.864)

MON squared × NA 44.438 ** 42.926 **
(20.439) (18.893)

Audience composition No Yes No Yes
Commercial activity No Yes No Yes
Platform engagement and audience size No Yes No Yes
Entrepreneur fixed effects Yes Yes Yes Yes
Time fixed effects Yes Yes Yes Yes
Observations 1922 1922 1922 1922
Entrepreneurs 476 476 476 476
Effective FE observations 1817 1817 1817 1817
Entrepreneurs contributing within variation 371 371 371 371
Within R‑squared 0.062 0.156 0.060 0.157

Notes. VCN, MON, and NA were mean‑centred before constructing polynomial and interaction
terms. Models 8 and 10 include entrepreneur and time fixed effects; Models 9 and 11 addition‑
ally include all reported control groups. Entrepreneur‑clustered standard errors are in parentheses.
** p < 0.05, *** p < 0.01 (two‑sided tests).
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Table 8 reports conditional diagnostics derived fromModel 11 at low, mean, and high
levels of NA. At lowNA, the conditional quadratic coefficientwas−87.272, and the P1–P99
inverse‑U test was significant (p = 0.027). At mean NA, the quadratic coefficient weakened
to −41.512, and the P1–P99 inverse‑U test became marginally significant (p = 0.068). At
high NA, the conditional quadratic coefficient was 4.249 and was no longer negative. The
complete inverted U‑shaped pattern predicted in H1b was therefore supported within the
central MON range at low NA, received only marginal support at mean NA, and was
not evident at high NA. Formal contrasts provide direct evidence of this flattening pat‑
tern. Moving from low to high NA increased the quadratic coefficient by 91.521 (p = 0.024),
reduced the slope at the lower end of the MON distribution by 16.496 (p = 0.036), and
increased the slope at the upper end by 17.824 (p = 0.028). Higher NA therefore weak‑
ened the positive marginal association at lower levels of MON and attenuated the negative
marginal association at higher levels. The turning point shifted from 0.106 at low NA to
0.124 at mean NA, although this shift was only marginally significant (∆ = 0.018, p = 0.090).
No turning point was interpreted at high NA because the conditional relationship was no
longer concave. Taken together, the significant MON2 × NA interaction and the formal
contrasts in Table 8, Panel C, support H2b. Figure 3 illustrates the conditional relationships
at low and high levels of NA.

Table 8. Conditional moderation diagnostics. Panel (A). Simple slopes for H2a. Panel (B). Condi‑
tional nonlinear relationship for H2b. Panel (C). Formal tests of flattening.

(A)

NA Level NA Value VCN Slope 95% CI p‑Value

Low NA (−1 SD) 1.694 2.049 [−0.790, 4.888] 0.157

Mean NA 2.760 2.902 [0.852, 4.952] 0.006

High NA (+1 SD) 3.826 3.755 [1.497, 6.013] 0.001

(B)

Diagnostic Low NA Mean NA High NA

Conditional quadratic coefficient −87.272 ** −41.512 ** 4.249
95% CI [−158.429, −16.116] [−76.770, −6.254] [−19.322, 27.820]
Slope at MON P1 18.528 *** 10.280 *** 2.032
p‑value 0.004 0.004 0.281
Slope at MON P99 −14.199 ** −5.287 * 3.625
p‑value 0.027 0.068 0.971
Full‑range inverse‑U test p 0.011 0.017 n/a
P1–P99 inverse‑U test p 0.027 0.068 n/a
Turning point 0.106 0.124 n/a
Turning‑point 95% CI [0.077, 0.135] [0.081, 0.167] n/a
Turning point within P1–P99 Yes Yes n/a
Observations above turning point 189 (9.83%) 130 (6.76%) n/a

(C)

Contrast Estimate 95% CI p‑value

Change in quadratic curvature, high NA − low NA 91.521 [12.368, 170.674] 0.024
Change in slope at MON P1, high NA − low NA −16.496 [−31.940, −1.052] 0.036
Change in slope at MON P99, high NA − low NA 17.824 [1.945, 33.704] 0.028
Turning‑point shift, mean NA − low NA 0.018 [−0.003, 0.038] 0.090

Notes. Low, mean, and high NA equal the sample mean minus one standard deviation, the mean,
and the mean plus one standard deviation. Endpoint slope p‑values and inverse‑U tests are one‑
sided; other p‑values are two‑sided. P1–P99 is the central empirical MON range. Turning‑point con‑
fidence intervals and the shift use the deltamethod. At highNA, the conditional quadratic coefficient
is not negative, so an inverted‑U turning point is not interpreted. * p < 0.10, ** p < 0.05, *** p < 0.01 for
displayed conditional estimates.
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Figure 3.Moderating effects of narrative activity. Notes. Panel (a) shows the conditional relationship
between village connection narrative and performance at low and high levels of narrative activity.
Panel (b) shows the corresponding conditional relationship for market operation narrative. Low and
high narrative activity represent one standard deviation below and above the mean. Boundary lines
indicate 95% confidence intervals. Both panels are shown over the P1–P99 empirical range of the
focal narrative variable.

4.4. Robustness Tests

We conducted four sets of robustness analyses to assess whether the main findings
were sensitive to alternative outcome measurement, textual characteristics, unobserved
time‑varying conditions, and extreme values. First, we replaced the primary sales‑revenue
measure with monthly sales volume monitored by the same third‑party platform. Sales
volume was measured as the number of product units sold during the month and trans‑
formed as ln(sales volume + 1). This alternative measure changes the operationalisation
of entrepreneurial performance while holding the data source constant. Second, we addi‑
tionally controlled for narrative scale and narrative sentiment to examinewhether the focal
associations reflected differences in the amount of textual material or general textual va‑
lence rather than narrative content itself. Third, we estimatedmore restrictive fixed‑effects
specifications that absorbed province‑by‑time, product‑category‑by‑time, and province‑
by‑product‑category‑by‑time effects. These models account for time‑varying conditions
shared by entrepreneurs in the same province or product category, while retaining en‑
trepreneur fixed effects. Fourth, we examined sensitivity to extreme observations by win‑
sorising the dependent variable and continuous covariates at the 1st and 99th percentiles.
VCN, MON, and NAwere left unchanged so that the empirical ranges used to identify the
nonlinear and moderating relationships were not mechanically compressed.

Table 9 summarises the robustness analyses. Table 10 reports the corresponding
nonlinear diagnostics for H1b. The positive association between VCN and PERF was
stable across all specifications, with coefficients ranging from 2.077 to 3.488 and remain‑
ing statistically significant throughout. The VCN × NA interaction remained nonsignifi‑
cant in every specification, providing no additional support for H2a. The positive MON
squared × NA interaction was similarly stable, ranging from 35.603 to 43.293 and remain‑
ing statistically significant across all robustness tests. These results indicate that the pos‑
itive VCN association and the flattening pattern proposed in H2b are not confined to the
benchmark specification. The evidence for H1b was more sensitive to model specification.
The MON quadratic coefficient remained negative across all robustness tests, indicating
that its marginal association with performance weakened as MON increased. Full‑range
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inverse‑U tests provided significant or marginal evidence in the benchmark model, the
specification controlling for narrative scale and sentiment, all three high‑dimensional fixed‑
effects models, and the winsorised specification. The alternative performance measure,
however, did not reproduce the full inverted‑U pattern. More importantly, none of the
robustness specifications established a statistically significant downturn over the P1–P99
range of MON. The robustness evidence therefore supports a weakening marginal MON–
PERF association rather than a robust unconditional inverted U‑shaped relationship. Ad‑
ditional dictionary sensitivity analyses are reported in Supplementary Table S5. The VCN
association remained positive across the alternative dictionaries; the MON estimates re‑
tained negative curvature, but evidence of a complete inverted U‑shaped relationship re‑
mained limited.

Table 9.Robustness of the main and moderating effects.

Specification VCN MON MON
Squared VCN × NA MON × NA MON

Squared × NA N

Benchmark 2.915 *** 7.083 ** −18.436 * 0.800 −3.065 42.926 ** 1922
(1.024) (3.068) (9.685) (0.736) (1.864) (18.893)

Alternative perfor‑
mance measure 2.077 ** 3.773 −7.242 0.926 −2.154 35.603 ** 1922

(0.836) (2.431) (8.845) (0.623) (1.513) (15.168)
+Narrative scale
and sentiment 3.488 *** 6.784 ** −17.087 * 0.860 −2.943 41.963 ** 1922

(1.240) (3.247) (9.761) (0.743) (1.885) (18.981)
Province × time FE 2.976 *** 7.687 ** −19.809 ** 0.758 −2.661 38.043 ** 1817

(1.043) (3.081) (9.663) (0.719) (1.866) (18.711)
Product category
× time FE 2.831 *** 7.173 ** −18.368 * 0.818 −3.260 * 43.030 ** 1817

(1.021) (3.101) (9.832) (0.761) (1.882) (19.165)
Province × product
category × time FE 3.041 *** 9.135 *** −24.868 ** 0.409 −3.072 37.281 * 1817

(1.107) (3.228) (10.219) (0.748) (1.911) (19.695)
Winsorised out‑
come and covariates 2.898 *** 7.000 ** −18.293 * 0.811 −3.050 43.293 ** 1922

(1.022) (3.059) (9.658) (0.735) (1.853) (18.854)
Notes. Columns report estimates from separate models for each hypothesis, not coefficients from a
single joint regression. The alternative outcome is monthly sales volume from XinDou, measured in
product units and transformed as ln(sales volume + 1). Specifications with province‑ and product‑
category‑interacted fixed effects use 1817 observations from 371 entrepreneurs after removal of sin‑
gleton observations. The winsorised specification adjusts the outcome and continuous covariates at
P1 and P99 but leaves VCN, MON, and NA unchanged. Entrepreneur‑clustered standard errors are
in parentheses. * p < 0.10, ** p < 0.05, *** p < 0.01 (two‑sided).

Table 10.Nonlinear diagnostics for H1b across robustness specifications.

Specification Lower Slope Upper Slope Full‑Range
U‑Test p

Turning Point
[95% CI]

Slope at
MON P99

TP Within
P1–P99

P1–P99
Assessment

Benchmark 7.083 −8.517 0.060 0.192 [0.115,
0.269] 0.170 No

Not
supported
(p = 0.548)

Alternative perfor‑
mance measure 3.773 −2.355 0.334 0.261 [−0.114,

0.635] 1.058 No

TP > P99; no
downturn
within
P1–P99
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Table 10.Cont.

Specification Lower Slope Upper Slope Full‑Range
U‑Test p

Turning Point
[95% CI]

Slope at
MON P99

TP Within
P1–P99

P1–P99
Assessment

+ Narrative scale
and sentiment 6.784 −7.675 0.080 0.199 [0.107,

0.290] 0.376 No

TP > P99; no
downturn
within
P1–P99

Province × time FE 7.687 −9.074 0.051 0.194 [0.115,
0.273] 0.259 No

Not
supported
(p = 0.567)

Product category ×
time FE 7.173 −8.369 0.067 0.195 [0.114,

0.276] 0.285 No
Not

supported
(p = 0.579)

Province × product
category × time FE 9.135 −11.907 0.022 0.184 [0.121,

0.246] −0.191 Yes
Not

supported
(p = 0.453)

Winsorised
outcome and
covariates

7.000 −8.478 0.061 0.191 [0.114,
0.269] 0.141 No

TP > P99; no
downturn
within
P1–P99

Notes. The full‑range inverse‑U test evaluates positive and negative MON slopes at the observed
lower and upper bounds, respectively, with one‑sided endpoint tests. Turning‑point confidence
intervals use the delta method. The P1–P99 assessment covers the central empirical MON range.
Specifications correspond to Table 9. The alternative outcome is monthly sales volume from XinDou,
measured in product units and transformed as ln(sales volume + 1).

Wealso examined persistence in the profile‑facing textualmeasures. Among 1225 con‑
secutive account‑month pairs, 112 (9.14%) contained identical cleaned texts. Excluding
these repeated snapshots left the MON squared × NA interaction positive (b = 43.358,
SE = 20.073, p = 0.031). Excluding 332 observations with high textual overlap yielded a sim‑
ilar estimate (b = 41.542, SE = 19.748, p = 0.036). These checks suggest that highly persistent
profile text does not account for the estimated flattening pattern, although the three‑video
snapshots do not represent complete monthly posting histories.

4.5. Temporal Ordering and Reverse‑Direction Analyses

To address concerns about temporal ordering and overlapping measurement win‑
dows, we estimated one‑period‑ahead fixed‑effects models in which narrative measures
at t − 1 predicted PERF at t. As shown in Table 11, lagged VCN remained positively asso‑
ciated with subsequent performance both without lagged covariates (b = 3.062, SE = 1.135)
and after lagged covariates were included (b = 3.007, SE = 1.141). These estimates are
consistent with the VCN–performance association extending beyond contemporaneous
measurement.

The corresponding evidence for MON was weaker. Neither the lagged linear MON
term nor its squared term was statistically significant, and the quadratic coefficient was
positive rather than negative. The hypothesised nonlinear relationship was therefore not
reproduced in the one‑period‑ahead models. The contemporaneous MON specification
was likewise unsupported in the same consecutive‑month subsample. The weaker lagged
estimates should therefore not be attributed solely to the introduction of a temporal lag.
This result provides no additional support for the complete inverted U‑shaped prediction
in H1b. We also estimated reverse‑direction fixed‑effects models in which prior perfor‑
mance predicted subsequent narrative content. PERF at t − 1 was not significantly asso‑
ciated with VCN at t (b = −0.001, p = 0.188) or MON at t (b ≈ 0, p = 0.765). We therefore
found no evidence in these specifications that prior performance systematically predicted
subsequent narrative emphasis. These tests improve the temporal interpretation of the
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observed associations, but they do not rule out reverse relationships operating over other
time horizons or other forms of time‑varying endogeneity.

Table 11.Temporal‑ordering and reverse‑direction analyses. Panel (A). Lagged narratives predicting
subsequent performance. Panel (B). Prior performance predicting subsequent narratives.

(A)

Variable (1) H1a (2) H1a (3) H1b (4) H1b

VCN (t − 1) 3.062 *** 3.007 ***
(1.135) (1.141)

MON (t − 1) 3.790 3.741
(3.520) (3.517)

MON squared (t − 1) 11.195 10.507
(16.012) (15.578)

Lagged covariates No Yes No Yes
Entrepreneur fixed effects Yes Yes Yes Yes
Time fixed effects Yes Yes Yes Yes
Observations 1225 1225 1225 1225
Entrepreneurs 336 336 336 336
Within R‑squared 0.012 0.023 0.014 0.025

(B)

Variable (5) VCN (t) (6) MON (t)

PERF (t − 1) −0.001 −0.000
(0.001) (0.000)

p‑value 0.188 0.765
Entrepreneur fixed effects Yes Yes
Time fixed effects Yes Yes
Observations 1225 1225
Entrepreneurs 336 336
Within R‑squared 0.057 0.026

Notes. Panel A regresses performance at t on narrative measures at t − 1; Panel B regresses nar‑
rative measures at t on performance at t − 1. Models include entrepreneur and time fixed ef‑
fects. Entrepreneur‑clustered standard errors are shown in parentheses. The Panel B coefficient for
MON rounds to −0.000; interpret with its p‑value rather than the rounded magnitude. *** p < 0.01
(two‑sided).

5. Discussion
5.1. Theoretical Contributions

This study makes three contributions to research on cultural entrepreneurship, re‑
turnee entrepreneurship, and digital entrepreneurial narratives.

First, the study advances cultural entrepreneurship research by clarifying how dif‑
ferent narrative functions relate to entrepreneurial performance. Existing research shows
how narratives convey entrepreneurial identity, future possibilities, resource use, and the
significance of place [18,20–23]. We extend this work by examining two functions within
the same venture setting. VCN presents the venture’s village relationships and local con‑
tribution, whereas MON explains its operating practices and market value. Their distinct
performance associations suggest that the entrepreneurial foundations made intelligible
through narratives matter for how narrative content relates to performance. VCN was
positively associated with performance, whereas the positive association of MON weak‑
ened as its emphasis increased. A complete inverted U‑shaped pattern emerged only at
low narrative activity.

Second, the study extends explanations of returnee entrepreneurial performance
by incorporating the narrative presentation of entrepreneurial resources and relation‑

https://doi.org/10.3390/jtaer21100342

https://doi.org/10.3390/jtaer21100342


J. Theor. Appl. Electron. Commer. Res. 2026, 21, 342 18 of 22

ships. Prior research explains how migration experience, resource endowments, local em‑
beddedness, and digital opportunities support venture formation and market participa‑
tion [2,4,6,15]. These perspectives establish the importance of the resources and relation‑
ships on which returnee ventures depend. Our findings add that narratives presenting
village relationships and market operations have distinct associations with performance.
This directs attention to how returnee entrepreneurs present the significance of their lo‑
cally embedded relationships and externally acquired experience to consumers beyond
their home villages. It connects cultural entrepreneurship with a central concern in re‑
turnee entrepreneurship research: how ventures combine resources acquired elsewhere
with relationships rooted in the home village.

Third, the study advances research on digital entrepreneurial narratives by exam‑
ining narrative activity alongside narrative content. Existing research shows that en‑
trepreneurial meanings can be communicated through multiple brief messages and nar‑
rative fragments [24,25]. Our findings extend this perspective by showing that the perfor‑
mance implications of narrative activity differ across narrative functions. The expected
strengthening of the VCN–performance relationship was not supported, whereas higher
NA was associated with a flatter MON–performance relationship. These contrasting re‑
sults indicate that greater narrative activity does not uniformly strengthen the performance
associations of entrepreneurial narratives. Its role must be understood in relation to the
narrative content being emphasised.

5.2. Practical Implications

The findings offer practical insights for returnee entrepreneurs, digital platforms, and
entrepreneurship support organisations.

For returnee entrepreneurs, thefindingshighlight thevalueof grounding entrepreneurial
narratives in actual village relationships and operating practices. Village connection narra‑
tives can draw on experiences of returning home, cooperation with local producers, and
contributions to village development. Market operation narratives can explain product de‑
velopment, production processes, quality control, and responses to customer needs. Such
accounts can provide audiences with concrete information about the venture’s operations
and products. Entrepreneurs can also plan short‑video content around ongoing venture
activities rather than treatingmore frequent posting as a goal in itself. This approach gives
attention to both narrative content and activity while allowing entrepreneurs to develop
narratives suited to their ventures.

For digital platforms, the findings suggest opportunities to improve creator analytics.
Creator tools could help entrepreneurs review village connection and market operation
content alongside posting activity and available sales indicators. For example, monthly
summaries could show how narrative emphasis and short‑video activity vary alongside
merchandise sales. Such feedbackwould help creators assess their own narrative practices
without prescribing a particular narrative mix or posting frequency.

For entrepreneurship support organisations, narrative training could complement
existing assistance with venture operations and market access. Training could help re‑
turnee entrepreneurs develop short‑video content from their actual migration experi‑
ences, village relationships, and operating practices. Practical exercises could involve
documenting cooperation with local farmers, explaining product quality, or showing
how experience acquired elsewhere informs current operations. Such training would
help entrepreneurs present the distinctive foundations of their ventures through concrete
entrepreneurial activities.
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5.3. Limitations and Future Research

This study has several limitations. First, the dictionary measures capture the focal
narrative constructs imperfectly. Although inter‑coder agreement was good, correspon‑
dence between human ratings and dictionary scores was modest, with Spearman’s ρ of
0.245 for VCN and 0.333 for MON. Measurement error may therefore attenuate the es‑
timated associations. Dictionary‑based analysis also omits visual and audio information
contained in short videos. Future research could combine text, visual, and audiomeasures
to capture entrepreneurial narratives more fully. Second, sample construction may limit
representativeness. Keyword‑based identification may omit returnee entrepreneurs who
use different self‑descriptions, while some sampling terms overlap with the VCN vocabu‑
lary. The availability of XinDou sales data and other analysis variables may introduce fur‑
ther selection. In addition, 105 entrepreneurs contributed only one usable observation and
therefore did not contribute to within‑entrepreneur identification. Future studies could
use broader sampling strategies and more complete longitudinal coverage. Third, the tim‑
ing of the measures constrains interpretation. VCN and MON were measured from pro‑
file biographies and the first three displayed videos, whereas NA and performance refer
to the preceding 30 days. Displayed videos could be pinned or posted outside the same
30‑day period. NA therefore captures overall posting activity rather than the frequency
of VCN‑ or MON‑specific content. The seven‑month panel and overlapping measurement
windows also limit assessment of longer‑term dynamics and temporal ordering. Longer
panels with non‑overlapping windows and content‑specific activity measures could ad‑
dress these limitations. Fourth, the observational design does not establish causal mecha‑
nisms. Entrepreneur and time fixed effects cannot eliminate time‑varying omitted factors
or fully rule out reverse relationships. The study also does not directly observe how audi‑
ences interpret village relationships, operating practices, or commercial cues. Moreover,
evidence for a complete inverted U‑shaped MON relationship was limited outside low‑
activity accounts. Finally, the focus on Douyin and short‑term merchandise sales limits
generalisability to other platforms anddimensions of entrepreneurial performance. Future
research could use audience‑based designs, longer observation periods, and comparative
platform settings to examine these boundaries.

6. Conclusions
This study examined how VCN and MON relate to returnee entrepreneurial per‑

formance on Douyin and whether NA conditions these relationships. VCN was posi‑
tively associated with performance, whereas MON showed a concave relationship with
limited evidence for its declining segment. NA did not significantly strengthen the
VCN–performance relationship but was associated with a flatter MON–performance re‑
lationship. These findings highlight the importance of distinguishing how returnee en‑
trepreneurs present village relationships and market operations through narratives. They
also show that narrative activity does not have the same implications across different forms
of narrative content. By examining narrative content and activity together, the study ex‑
tends understanding of how returnee entrepreneurs present their ventures and how these
narratives relate to performance in digital markets.

Supplementary Materials: The following supporting information can be downloaded at: https:
//www.mdpi.com/article/10.3390/jtaer21100342/s1. Table S1, Complete Chinese dictionaries and cor‑
pus frequencies; Table S2, Dictionary development andmeasurement; Table S3, Independent human‑
coding assessment of dictionarymeasures; Table S4, Analytical sample and panel structure; Table S5,
Dictionary sensitivity analyses.
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