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Abstract: With a burgeoning market and a multitude of on-demand food delivery (OFD) platforms
offering diverse options, comprehending the reasons that drive consumers to switch between plat-
forms is paramount. The push-pull-mooring (PPM) theory provides a comprehensive framework
for assessing why and how consumers navigate, guiding strategic decisions for service providers
seeking to optimize their offerings and retain their customer base. This research employs the PPM
theory to rigorously analyze how these elements influence consumers’ intentions to switch between
OFD platforms in Taiwan. Findings from a comprehensive survey of 441 OFD users reveal that both
pull and mooring factors exert a significant influence on consumers’ inclination to switch platforms,
collectively explaining about 42% of the switching intention. Recognizing these critical factors em-
powers managers to make judicious decisions aimed at enhancing platform offerings and refining
marketing strategies, ultimately fortifying customer retention and bolstering satisfaction levels.

Keywords: push-pull-mooring theory; on-demand food delivery platform; food delivery service;
switching intention

1. Introduction

Due to the COVID-19 epidemic, many industries have been affected, and their perfor-
mance has declined. However, the on-demand food delivery (OFD) industry is an exception.
Many countries around the world, including Taiwan, have seen rapid growth in the food
delivery market. With the unexpected outbreak of the epidemic in 2020, the “delivery to
home service” that can extend to reach consumers has become a must-have option for
catering and retailers. The OFD can be roughly divided into two categories: (1) Restaurant-
to-Consumer Delivery and (2) Platform-to-Consumer Delivery. Restaurant-to-Consumer
Delivery refers to take-out meals from restaurants (e.g., Pizza Hut). Platform-to-Consumer
Delivery focuses on delivery services of multiple restaurants. Consumers place orders on
an OFD platform, and the platform is responsible for uploading menus from partner restau-
rants, processing orders, picking up prepared meals, and delivering them to consumers [1].
The global food platform-to-consumer delivery market is expected to register a compound
annual growth rate of 11.6% during the period of 2022–2027 [2], and the competition is quite
fierce. Retaining and attracting customers become an important issue for the practitioners
of this industry. Most of the prior research of OFD focused on adopting various algorithms
to enhance efficiency [3–5], devising pricing policies aimed at improving the profits and
welfare of the platform [6], altering restaurant and menu option positions [7], or exploring
the profiles of young customers [8]. Chan et al. conducted a systematic literature review
and identified five future areas, including technologies, behaviors and decisions of the
restaurants, risk management, TBL, and post-coronavirus pandemic [9]. However, there is
limited relevant research concerning customer switching behavior and loyalty.
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Researchers have applied the push-pull-mooring (PPM) theory to examine consumer
behavioral transformations, such as the switching of virtual social networks [10], online
games [11], and the choice of airlines [12]. Meanwhile, previous research has primarily con-
centrated on either online or offline settings separately, examining various research factors
to achieve distinct objectives. These factors include delivery services [13], service quality,
perceived value, and trust [14], as well as delivery services and behavioral intention [15].
Since the consumers in this study faced the integration of online and offline services, from
the provision of online ordering services to the delivery service of deliverymen, appropriate
factors should be carefully assessed.

The purpose of this study is to investigate consumers’ intentions to switch OFD plat-
forms using the PPM theory as a base and including online service quality (OSQ) and
offline courier service quality (OCSQ) to strengthen the knowledge of the subject area.
The research framework was validated using empirical data collected from Taiwan, where
there are more than five diversified OFD platforms for customers to easily switch between.
Taiwan’s 5G peak download speed ranked top, and the extent of 5G services, consider-
ing the size of the market and the nature of its geography, ranked 5th worldwide [16].
Meanwhile, Taiwan’s revenue in the OFD segment is expected to show an annual growth
rate (compound annual growth rate 2022–2026) of 10.65% [1], which is close to the global
rate [2]. The market is growing remarkably. In summary, the research gap lies in the limited
exploration of consumer switching behavior and loyalty within the context of OFD. There-
fore, this study applies the PPM theory, a comprehensive framework for assessing why and
how consumers navigate, to investigate the factors influencing consumers’ intentions to
switch OFD platforms. The research question is answered by using a survey. The article is
structured into the following sections: literature review, conceptual model and hypothesis
development, research methodology, results, discussion, conclusion, and limitations.

2. Literature Review
2.1. O2O Online Food Delivery Service

There are two types of food retailers that provide food delivery services. One is the re-
tailer itself. This category mainly includes fast-food chains such as McDonalds, KFC, Pizza
Hut, and so on. The other includes multiple restaurant intermediaries that can provide
delivery services for various restaurants, such as Foodpanda, UberEats, Deliveroo, and
Foodomo using an OFD. In this study, we focus on the second category of delivery service.

Previous research in the realm of Online Food Delivery (OFD) has primarily em-
phasized the adoption of diverse algorithms to optimize operational efficiency [16–21],
crafting pricing policies geared towards enhancing both the platform’s profits and users’
welfare [22], and strategically altering the positioning of restaurants and menu options [7].
Additionally, specific studies within the OFD domain have offered valuable insights into
understanding consumer behavior and the intricate decision-making processes involved.
Leung’s research on how customers process information to make decisions about digital
restaurant deliveries offers a deep understanding of this aspect [17]. Certain research
emphasizes the critical role of consumers’ mindsets in their engagement with online food
delivery services, particularly heightened during the COVID-19 pandemic [18,20,23]. Ad-
ditionally, studies have shed light on crucial factors influencing consumers’ usage of online
food delivery, encompassing convenience, affordability [19,20], system design [21], food
quality, and variety of choices [23].

However, a notable research gap exists in these studies, specifically the lack of a vital
component of the online food delivery system, which is the actual delivery of food to the
consumers. The deficiency in focusing specifically on the aspects related to physical offline
side delivery, is also pointed out as one of the future research directions as businesses
interact and transform between online (virtual) and offline (virtual) food [22]. Therefore,
addressing the identified research gap is crucial.
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2.2. Consumer Switching Behavior of Online Services/Products

Similar to studies investigating customers’ switching behavior in physical stores,
various studies have tried to define online switching behavior. Liao et al. examined
371 university-level programming and information technology students who used Google
Plus, exploring important factors like Social Interaction, Service Quality, Switching Costs,
Attractiveness of new services, Social Effect, and Enjoyment, aiming to understand the
students’ Switching Intention [24]. Liang et al. analyzed 395 Airbnb consumers, studying
Transaction-Based Satisfaction, Experience-Based Satisfaction, Trust in Company and Host,
alongside Switching and Repurchase Intentions [25]. Similarly, other researchers investi-
gated factors affecting consumers, such as Service Quality and Product Quality, Perceived
Value and Habit, and Brand Loyalty and Switching Intentions. Liu focused on online
traders in Taiwan, analyzing E-Service Quality, Satisfaction, and Switching Intentions [26].
Lastly, Zhang et al. investigated Hong Kong bloggers to understand factors like Satisfaction,
Attractive Alternatives, Sunk Costs, and Intention to Switch [27].

The critical variables examined in prior studies on consumer switching behavior can
be categorized into three main groups. The first group processes underlying customer
switching decisions. This pertains to the steps and considerations consumers go through
before deciding to switch from one product or service to another. The second group involves
heterogeneous characteristics of switchers and continuers. This focuses on understanding
the diverse traits and features that distinguish individuals who switch from those who
remain with their current choices. The third group constitutes factors driving consumers
to switch. This involves identifying the factors that compel consumers to switch. The
existing research on consumer switching behavior often lacks a systematic exploration
of a solid theoretical foundation. Since the push-pull-mooring (PPM) theory provide a
comprehensive framework for assessing why and how consumers navigate and guiding
strategic decisions for service providers seeking to optimize their offerings and retain
their customer base, this study adopts the push-pull-mooring (PPM) theory to provide the
theoretical base of the research framework.

2.3. PPM Theory

PPM theory describes that individuals’ migration from one place to another at a
specific time is affected by three factors, including pull, push, and mooring factors. Pull
factors are positive effects attracting individuals toward a destination, while push factors
are the negative influences that force individuals to leave their origin. Pull factors are the
attractive aspects of an alternative or a new behavior that entice the consumer to consider
making a change. In the context of prior research, a new social network with better features,
an enhanced user interface, or improved customer service acts as a pull factor for users to
switch from their current network. Push factors, on the other hand, refer to the internal
or external stimuli that motivate a consumer to leave their current state or adopt a new
behavior. In the context of prior research, push factors could be dissatisfaction with the
current virtual social network, online game, or airline. This dissatisfaction may stem from
various issues, such as poor user experience, lack of desired features, or unsatisfactory
service quality. The mooring dimension in migration theory might hinder or facilitate a
migratory decision. Mooring factors are elements that act as stabilizing forces, making it
harder for consumers to switch or change their behavior. In this integrated online-offline
scenario, mooring factors could be the familiarity and convenience of the current online
platform. In addition, mooring factors can exert either positive or negative effects that
moderate pull and push factors. Previous research has demonstrated the validity of PPM
theory across a wide range of migration [10]. Since switching to other OFD platforms
can also be regarded as migration, this study establishes a research framework based on
the theory.

Understanding the dynamics through the lens of PPM theory aids in navigating and
predicting consumer decisions. This study summarizes important variable of research
applying PPM to online services/products in Table 1.
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Table 1. Review of related constructs of PPM to online services/products.

Author Research Context Push Factor Pull Factor Mooring Factor

[28] AR/VR Content
Services

Low Usefulness,
Functional
Simplicity,
Perceived

Inefficiency

Interactivity,
Experience

ability,
Amplified
Enjoyment

Personal
Innovativeness

[29]
Switching Behaviors
in Mobile Payment

Applications
Privacy Concern

Monetary
Re-wards of
Alterna-tives

Perceived
Eco-nomic Value,

Past
Investments,

Tech-nical
Self-efficacy

[30] Subscription-Based
Online Music Service

Inconvenience,
Low Utilitarian

Value

Alternative
At-tractiveness,
Word of Mouth,

Trust

Sunk Cost,
In-ertia

[24] Social Network-Based
Learning Platforms

Social
Interaction,

Service Quality

Attractiveness of
New Services,
Social Effect

Switching Costs,
Prior Switch-ing

Experience

Among them, service quality and subjective norms are related in the content of OFD.
In the service industry, service quality (SQ) is a critical issue for service providers. It reflects
the company’s positioning and performance in the marketplace [31]. Perceived value
(PV) is the aggregate value perception of consumers who collectively judge the efficiency
value, purchase value, quality value, and other intrinsic and extrinsic values of a service
or product [32]. Both SQ and PV would affect customers’ satisfaction, a vital element that
can increase customer loyalty [32,33], studied and identified as a significant element in the
service industry. In addition, the existence of comparable alternatives provides users with
more choices, and thus, the attractiveness of alternatives may constitute a barrier to repeat
purchases [34,35]. Subjective norms are a person’s point of view that most people important
to him/her believe that he/she should or should not act [36]. Subjective norms influence
an individual’s adoption of online shopping [37] or switching behavior [38], which play an
important role when consumers face different services or technologies.

Meanwhile, previous research has primarily concentrated on either online or offline
settings separately, examining various research factors to achieve distinct objectives. Since
the consumers in this study faced the integration of online and offline services, from the
provision of online ordering services to the delivery service of deliverymen, appropriate
factors should be carefully assessed.

Due to market competition, we believe that the PPM can also explain consumers’
intentions to switch from the original OFD service provider to competitors. Therefore, we
have established a research model based on the PPM. Specifically, push factors are related
to the satisfaction, PV, and SQ of the original OFD service providers, while pull factors are
associated with the attractiveness of alternative choices. Mooring factors include social
variables that may moderate consumers’ switching decisions.

3. Conceptual Model and Hypotheses Development

As mentioned, previous research in OFD primarily emphasized customer retention
factors rather than delving into their switching behavior and loyalty. The PPM theory
proves effective in understanding consumer behavioral shifts. In this study, consumers
navigated the integration of both online and offline services, encompassing online ordering
and delivery services by drivers. It is crucial to carefully evaluate and integrate pertinent
factors from both the online and offline domains. We construct a research framework in the
context of OFD platforms. Customers’ satisfaction, PV, and SQ are considered push factors,
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pull factors are associated with the attractiveness of alternative choices, and subjective
norms are employed as mooring factors. Figure 1 illustrates the framework.
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Figure 1. The research framework.

The framework asserts that switching intention is a function of satisfaction, attractive
alternatives, and subjective norms. Switching intention is the extent to which a consumer
would like to switch from the currently used OFD platform to available alternatives.
Satisfaction is defined as the level of personal satisfaction with the currently used OFD
platform. The variables of OSQ, PV, and OCSQ are hypothesized as being directly related
to satisfaction. OSQ is described as the quality of online service a customer perceives while
operating the currently used OFD platform. PV denotes the perceived value of consumers
received from both OSQ and OCSQ. Additionally, OCSQ is defined as the quality of offline
courier service a customer feels is received from the currently used OFD platform. We also
propose that OSQ and OCSQ directly affect PV.

The associated hypotheses of the research framework are as follows.

Hypothesis 1 (H1). Customer satisfaction with the currently used OFD platform is negatively
associated with their switching intentions to other OFD platforms.

Consumers who have unsatisfactory consumption have the propensity to switch away
from the incumbent provider of services or products [39]. Migration researchers have also
postulated that satisfaction/dissatisfaction has a push effect on individuals’ migration
decisions [39,40]. This hypothesis suggests that consumer dissatisfaction with their current
consumption may act as a push factor, motivating them to switch to an alternative provider.
Therefore, we propose a negative relationship between satisfaction and switching intention
in the research model.

Hypothesis 2 (H2). Customer PV with the currently used OFD platform positively influences
their satisfaction with the platform.

Customers will probably be more satisfied and have more intention to repurchase
from the same provider if they believe that the benefits derived from a product or service
are greater than its sacrifices/costs [41]. Kim et al. [28] found that PV positively influences
customer satisfaction, which, in turn, leads to continuous intention. Yang et al. proved that
Perceived Value has a positive impact on use intension [11]. Therefore, we propose that
perceived value influences customer satisfaction and repurchase intentions.
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Hypothesis 3 (H3). Customers’ perceived OSQ with the currently used OFD platform positively
influences their PV with the platform.

Hypothesis 4 (H4). Customers’ perceived OCSQ with the currently used OFD platform positively
influences their PV with the platform.

Hypothesis 5 (H5). Customers’ perceived OSQ with the currently used OFD platform positively
influences their satisfaction with the platform.

Hypothesis 6 (H6). Customers’ perceived OCSQ with the currently used OFD platform positively
influences their satisfaction with the platform.

Delivering high quality is not only considered a tool to attain satisfaction, but it
also creates value for customers. Prior studies have demonstrated that Service Quality
(SQ) positively influences Perceived Value (PV) and satisfaction [41]. Valaei et al. have
demonstrated that courier service quality (CSQ) positively influences customer PV and
satisfaction [42]. In this study, the perspective of CSQ as Offline courier quality (OCSQ) is
adopted. Therefore, this study assumes that OSQ and OCSQ have significant impacts on
both customer satisfaction and perceived value in the OFD context.

Hypothesis 7 (H7). Customers’ perceived attractive alternative is positively related to their
switching intentions to other OFD platforms.

Liao et al. found a strong positive relationship between the attractiveness of new ser-
vices and user switching intention [24]. Consumers would turn to more reliable, attractive,
or higher-quality services, which was empirically proved by prior studies [24]. Therefore,
we propose that if a consumer discovers attractive alternative online food delivery services,
then he/she will likely be pulled and shall try the new online food delivery services to
better fulfill their needs.

Hypothesis 8 (H8). Customers’ perceived subjective norms are positively related to their switching
intention to other OFD platforms.

Various research regards subjective norms as the under pressure from society re-
questing or unwilling to carry out a certain activity [36]. Subjective norms affect people’s
behavioral intentions in many different contexts [37]. This hypothesis suggests that subjec-
tive norms, representing the influence of social opinions and norms, impact individuals’
behavioral intentions. Therefore, we propose that subjective norms act as mooring factors
in the research model.

These hypotheses collectively form a framework for understanding consumer behavior,
encompassing factors like dissatisfaction, perceived value, service quality, and subjective
norms that influence the propensity to switch services or products. The hypotheses are
grounded in previous research, aiming to provide valuable insights into consumer decision-
making processes.

Partial least square (PLS) is a powerful analytical method due to the minimum require-
ments for sample size, measurement scales, and residual distributions. PLS can be used
for theoretical confirmation. This study employed PLS to test the validity of the research
framework and proposed hypotheses.

4. Research Methodology
4.1. Measurement

The questionnaire instrument was adopted from related literature with slight modi-
fications to fit the OFD scenario. Table 2 lists the sources of scale items. An expert panel,
consisting of three scholars in the field of management information systems and three
managers with years of experience in the OFD industry, validated the research framework,
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instrument, and wording of each item. Finally, forty-six items were included in the ques-
tionnaire. Each item was measured on a five-point Likert scale, ranging from 1 to 5 (degree
of agreement; the higher the score, the higher the level of agreement). The list of the items
is displayed in Appendix A. An online survey was conducted.

Table 2. Sources of scale items.

Factors Number of Items Sources

Satisfaction 5 Liang et al. [25]

PV 7 Lee & Overby [43]

OSQ 12 Lee & Lin [30]

OCSQ 11 Valaei et al. [42]

Attractive alternative 5 Cheng et al. [27]

Subjective norms, switching Intention 6 Alotaibi [44]

4.2. Data Collection

Empirical data were collected through a field survey of OFD platform customers.
Invitations describing the purpose of the study and incentives for participating in the
survey were placed on large social media such as Facebook and Line apps. Subjects were
self-selected by placing messages on a website. The research questionnaire was sent to
people using OFD platforms via Facebook or Line. The survey yielded 441 usable responses.
About 57.14% of the respondents were male, and 42.86% were female; 34.92% were below
30 years old and 36.51% were between 31–39 years old. The sample distribution of this
study is consistent with the profiles of delivery service application users in Taiwan [45].
Table 3 summarizes the profiles of the respondents.

Table 3. Profile of respondents.

Items Categories
All (N = 441)

Frequency Percentage

Gender
Male 252 57.14

Female 189 42.86

Age

20–29 years old 154 34.92

30–39 years old 161 36.51

40–49 years old 107 24.26

50–59 years old 12 2.72

60 and above Years Old 7 1.59
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Table 3. Cont.

Items Categories
All (N = 441)

Frequency Percentage

Living Area

Taipei, New Taipei, Keelung, Yilan 138 31.29

Taoyuan, Hsinchu, Miaoli 78 17.69

Taichung, Changhua, Nantou 88 19.95

Yunlin, Chiayi, Tainan 85 19.27

Kaohsiung, Pingtung 40 9.07

Hualien, Taitung 12 2.72

Average monthly
income

No income 38 8.62

Under NTD 20,000 50 11.34

NTD 20,001–40,000 159 36.05

NTD 40,001–70,000 143 32.43

NTD 70,001–100,000 38 8.62

1,000,001 and above 13 2.95

Education

High school or below 34 7.71

College or university 309 70.07

Graduate school or above 98 22.22

Occupation

Student 68 15.42

Medical 54 12.24

Information and communication
technology service 100 22.68

Finance, insurance, real estate and
industrial and commercial service 65 14.74

Education, public administration, social
service and individual service 39 8.84

Manufacturing 36 8.16

Unemployed and Housekeeper 28 6.35

Based on the collected 441 responses, the most popular OFD platform is Foodpanda
(57.37%), followed by UberEats (36.73%). Most of the respondents are frequent users
(52.15%) and own more than two delivery platforms (63.04%). The experiences of the
respondents are summarized in Table 4.

Table 4. Experiences of the respondents.

Items
All (N = 441)

Frequency Percentage

Have you ever used OFD platforms?

Frequent use (on average 3–5 times a week, or more) 230 52.15

Occasional use (on average 1–2 times a week) 129 29.25

Used rarely (on average 1–3 times a month, or longer) 82 18.59

Which one is your most frequently used OFD platform?
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Table 4. Cont.

Items
All (N = 441)

Frequency Percentage

FoodPanda 253 57.37

UberEats 162 36.73

LINE SPOT 9 2.04

Deliveroo 4 0.91

Foodomo 10 2.27

Yowoo 3 0.68

Have you ever used more than two OFD platforms?

More than 2 delivery platforms 278 63.04

Just only one 163 36.96

Reasons for using OFD platforms (Multiple choice).

Time saving 319 72.01

Convenience 413 93.23

Inexpensive price 26 5.87

More food choices 151 34.09

More discounts (ex: free shipping) 260 58.96

COVID-19 63 14.22

Average monthly meal expenses spent on OFD platforms.

1000 and below 142 32.20

NTD 1001–2000 148 33.56

NTD 2001–3000 96 21.77

NTD 3001–4000 33 7.48

4001 and above 22 4.99

5. Results

The construct reliability of the developed scale in this study was evaluated using
composite reliability (CR) and Cronbach’s alpha. In this study, CR values for the latent
factors ranged from 0.790 to 0.944. Consistent with the suggestions of Hair et al. [46], all
values of CR exceeded the threshold value of 0.7. Additionally, the values of Cronbach’s α
for factors are greater than 0.7, except for subjective norms (0.619) and switching intention
(0.674). Although the values are less than 0.7, they are acceptable. Convergent validity
was assessed by factor loadings and average variance extracted (AVE). The factor loadings
ranged from 0.557 to 0.922, and most of them exceed 0.7. The AVE for each construct
exceeds 0.5, indicating adequate convergent validity. Discriminant validity meets the
requirements of Fornell and Larcker [47], in that the shared variance among variables was
less than the variances extracted by the constructs and the values on the diagonals. This
shows that constructs are distinct. Thus, the measurement model is satisfactory. The details
of validation are shown in Table 5.
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Table 5. Assessing the measurement model.

Constructs CR
(>0.7)

AVE
(>0.5)

Constructs

PV OSQ OCSQ SAT AA SN SI

PV 0.897 0.559 0.748

OSQ 0.944 0.587 0.668 0.766

OCSQ 0.940 0.588 0.597 0.760 0.767

SAT 0.895 0.630 0.561 0.677 0.747 0.794

AA 0.937 0.748 0.348 0.366 0.262 0.279 0.865

SN 0.790 0.563 0.557 0.675 0.700 0.699 0.339 0.750

SI 0.822 0.612 0.584 0.712 0.482 0.453 0.454 0.574 0.782

Cronbach’s Alpha 0.863 0.935 0.929 0.856 0.915 0.619 0.674

Off-diagonal elements represent the correlation between constructs. Diagonal elements (in bold) represent the
square root of the AVE. PV = Perceived Value; OSQ = Online Service Quality; OCSQ = Offline Courier Service
Quality; SAT = Satisfaction; AA = Attractive Alternative; SN = Subjective Norms; SI= Switching Intention.

The results of structural modeling analysis show that the hypothesized paths from
attractive alternative and subjective norms are significant in predicting switching intention.
Hypotheses 7 and 8 are supported. However, satisfaction has no effect on switching
intention. Thus, Hypothesis 1 is not supported. PV, OSQ, and OCSQ were significant and
have positive effects on satisfaction, which support Hypotheses 2, 5, and 6. The path from
OSQ and OCSQ explains 46.8% of the observed variance in PV. Therefore, Hypotheses 3
and 4 were supported. Finally, the overall explanatory power of this evaluation model
is 42.0%. The results of the structural model with the standardized path coefficients
between constructs are shown in Figure 2. In addition, the dotted line represents a non-
significant path.
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Table 6. Results of hypotheses testing.

No. Path Coefficients SD T-Value Significant

H1 0.071 0.053 1.332 Rejected

H2 0.110 0.042 2.600 Accepted

H3 0.508 0.053 9.584 Accepted

H4 0.213 0.056 3.837 Accepted

H5 0.210 0.071 2.984 Accepted

H6 0.522 0.067 7.906 Accepted

H7 0.328 0.048 7.069 Accepted

H8 -0.405 0.051 8.100 Accepted

6. Discussion

The results revealed that attractive alternative and subjective norms significantly and
directly affected the intention to switch from the currently used OFD platform to another.
Sozer [48] found that intensive advertising through different social media will increase
customers’ willingness to switch to different brands. Therefore, the continuous broadcast of
advertisements of rival OFD platforms by the media will impress consumers. The finding
that subjective norms significantly and negatively affected the intention to switch from the
currently used OFD platform was contradictory to prior studies. The impact of subjective
norms on intention may vary depending on situational conditions. Therefore, subjective
norms were found to be insignificant. In this study, more than half of the subjects are
well-educated with decent jobs, are frequent users of OFD platforms, and own at least
two OFD platforms for time-saving and convenience purposes. For them, downloading
an application (app) is just a matter of a finger. Therefore, these consumers can easily
receive promotional advertisements sent directly by the OFD platform through an app
or e-mail; in addition, consumers can also obtain information through keyword searches.
Their information literacy makes them less likely to rely on subjective normative opinions
than users in prior studies.

Notably, the results of this study indicate that satisfaction has no effects on consumer
retention or switching to other OFD platforms, which is contradictory to prior studies. In
other words, consumers are satisfied with the platform they are using with an average
score of 3.89, but they are neutral about switching to other platforms. The possible reasons
are that the push effects of the OFD platform, including SQ and PV, are deemed as basic
quality. Satisfaction with the basic qualities is important but has no significant influence
on customers’ switching intentions. In other words, if consumers are satisfied with the
expected quality of the currently used OFD platform, they may still want to switch if the
surprising qualities of other OFD platforms attract them. The results show that OSQ, PV,
and OCSQ are important for satisfaction, confirming the results of prior studies. Among
them, OCSQ has a more significant effect on consumer satisfaction than that of OSQ and
PV. The quality of service provided by couriers has an impact on consumer satisfaction,
especially whether the delivery is on time or not, because there is a link between hunger
and anger.

7. Conclusions and Limitations

The PPM theory offers a robust framework for understanding why and how con-
sumers make choices. Specifically, the study investigates how the PPM theory factors affect
consumers’ intentions to switch between OFD platforms and aids service providers in
making strategic decisions to improve their offerings and retain customers. The study
involved a survey of 441 OFD users and found that both “pull” factors and “mooring”
factors significantly impact consumers’ inclination to switch platforms. Collectively, these
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factors explained approximately 42% of the intention to switch. The contribution of this
study can be categorized into two main aspects: theoretical and practical.

7.1. Theoretical Contribution

The widespread PPM was used to identify the three constructs that influence cus-
tomers’ switching behavior intentions. Since the services provided by OFD platforms are
different from those of non-OFD E-commerce websites or platforms, both online and offline
factors were considered to fit the circumstances. The results proved that PPM can explain
customers’ intentions to switch to other OFD platforms, extending the known knowledge
of PPM to the O2O area.

7.2. Practical Contribution

Both pull and mooring constructs had significant effects on switching intention, while
the push effects were insignificant. A notable finding is that push effects have become a
must under the fierce competition of the OFD industry. Therefore, OFD platform owners
need to carefully assure the expected qualities, both online quality (easy to complete,
error-free, secure, trustworthy) and offline quality (on-time delivery and good handling
without damage or loss). In other words, high push effects are inevitable, while low push
effects would lead to a loss of market shares. Significant pull effects are a survival tool
in the fierce OFD market. Hence, OFD platform owners need to pay close attention to
the rivalries’ strategies to keep up with the attractiveness of competitors and maintain
existing customers. Finally, due to the characteristics of our participants, subjective norms
have significant but negative effects on their intention to switch to other OFD platforms.
Therefore, OFD platform owners need to segment their customers and provide appropriate
promotions; for example, direct promotion instead of going rival may be suitable for the
sample of this study.

7.3. Limitations and Future Study

Applying the findings of this study should be done with caution. For example, there
is a lack of respondents under the age of 20. Using the study results to interpret consumers’
switching intentions under 20 may be biased. Secondly, this study is conducted in Taiwan,
and the findings may apply to countries similar to Taiwan. Finally, all the factors were
adopted from related references. This study suggests that future researchers may explore
other important factors to further understand the switching behavior intentions of OFD
platform consumers.

Since the study results show that only “pull” and “mooring” factors significantly
impact consumers’ inclination to switch platforms, this suggests that the variables in the
“push” factors may serve as the expected quality that would improve customer satisfaction.
However, the impact of customer satisfaction on switching behavior might not be as
significant as previously assumed. Therefore, in the future, it could be worthwhile to
explore and invest in surprising or unexpected qualities or features to enhance the “push”
factors. These unexpected qualities could be key in preventing platform switching and
promoting customer loyalty, even in the face of strong “pull” and “mooring” factors.
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Appendix A

Please circle a score from a scale of 1 to 5 (degree of agreement; the higher the score,
the higher the level of agreement) below, which most closely corresponds with how you
perceive switching to an on-demand food delivery (OFD) platform.

(a) Perceived value:

(P1) Overall, I’m happy with the price of meals provided by [name of the currently
used OFD platform].

(P2) The meals and services I purchased from [name of the currently used OFD
platform] have a high cost-performance ratio.

(P3) Purchasing meals through [name of the currently used OFD platform] makes
it easier to eat.

(P4) It saves my time when I buy meals from [name of the currently used OFD
platform].

(P5) I can get excellent service from [name of the currently used OFD platform].
(P6) [Name of the currently used OFD platform] offers a wide variety of meals and

services to meet my needs.
(P7) Purchasing meals from [name of the currently used OFD platform] helps me

forget about the bad day.

(b) Online service quality (OSQ)

(O1) [Name of the currently used OFD platform] provides good meals for me to
choose from.

(O2) The user interface of [name of the currently used OFD platform] is very attrac-
tive to me.

(O3) The user interface of [name of the currently used OFD platform] is clear to me
at a glance.

(O4) For me, ordering at [name of the currently used OFD platform], the process of
completing the transaction is fast and easy.

(O5) [Name of the currently used OFD platform] demonstrates sincerity in solving
customers’ problems.

(O6) In my trading experience with [name of the currently used OFD platform], no
errors have occurred.

(O7) Using [name of the currently used OFD platform], my personal-related infor-
mation has sufficient security.

(O8) I think [name of the currently used OFD platform] provides prompt service.
(O9) I believe [name of the currently used OFD platform] is always willing to assist

customers.
(O10) I believe that [name of the currently used OFD platform] is trustworthy.
(O11) [Name of the currently used OFD platform] will recommend meals to me

according to my preferences.
(O12) My overall rating for the online service provided by [name of the currently

used OFD platform] is good.

(c) Offline courier service quality (OCSQ)

(C1) The deliverymen of [name of the currently used OFD platform] can always
deliver meals to me very quickly.

(C2) The deliverymen of [name of the currently used OFD platform] can quickly
respond to customer requests through the Internet or by phone.

(C3) The deliverymen of [name of the currently used OFD platform] can deliver
meals to me on time.
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(C4) The deliverymen of [name of the currently used OFD platform] will handle
it well according to the characteristics of the meal to ensure the safety of my
order.

(C5) The deliverymen of [name of the currently used OFD platform] provide good
meal protection measures so that I can get a good meal.

(C6) The food delivered to me by the deliverymen of [name of the currently used
OFD platform] was not damaged.

(C7) When I need to know the location of the deliverymen of [name of the currently
used OFD platform] who delivered my meal, it is very easy to track them
through the Internet or by phone.

(C8) I think the deliverymen of [name of the currently used OFD platform] have
good equipment to provide service.

(C9) I think the deliverymen of [name of the currently used OFD platform] have a
good image.

(C10) I rate the deliverymen of [name of the currently used OFD platform] higher
than I expected.

(C11) The overall service quality of the deliverymen of [name of the currently used
OFD platform] is good.

(d) Satisfaction

(S1) I am satisfied with the recent transaction process of [name of the currently
used OFD platform].

(S2) I am satisfied with the information provided by [name of the currently used
OFD platform].

(S3) I am satisfied with the operation of [name of the currently used OFD platform].
(S4) I am satisfied with the experience of using [name of the currently used OFD

platform].
(S5) My experience with purchasing meals using [name of the currently used OFD

platform] has been pleasant.

(e) Attractive alternative

(A1) I have found that other OFD platforms can better meet my dietary needs than
[name of the currently used OFD platform].

(A2) I have found other OFD platforms operate more attractively than [name of the
currently used OFD platform].

(A3) I have found the delivery services of other OFD platforms more attractive than
[name of the currently used OFD platform].

(A4) I have found the deals and promotions on other OFD platforms more attractive
than [name of the currently used OFD platform].

(A5) Overall, I have found other OFD platforms more attractive than [name of the
currently used OFD platform].

(f) Subjective norms

(N1) People who influence my behavior (friends, colleagues, etc.) think that I should
use other OFD platforms.

(N2) People who influence my behavior (friends, colleagues, etc.) think I should
switch from [name of the currently used OFD platform] to other OFD plat-
forms.

(N3) People who influence my behavior (friends, colleagues, etc.) expect me to
switch from [name of the currently used OFD platform] to other OFD plat-
forms.

(g) Switching intention

(I1) I am going to use another OFD platform frequently shortly.
(I2) I plan to devote my time and energy to another OFD platform.
(I3) I intend to reduce the use of [name of the currently used OFD platform].
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