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Abstract: The quality of the fiber orientation of injection molding simulations and the transferred fiber
orientation content, due to the process–structure coupling, influence the material modeling and thus
the prediction of subsequently performed structural dynamics simulations of short-fiber reinforced,
thermoplastic components. Existing investigations assume a reliable prediction of the fiber orientation
in the injection molding simulation. The influence of the fiber orientation models and used boundary
conditions of the process–structure coupling is mainly not investigated. In this research, the influence
of the fiber orientation from injection molding simulations on the resulting structural dynamics
simulation of short-fiber reinforced thermoplastic components is investigated. The Advani–Tucker
Equation with phenomenological coefficient tensor is used in a 3- and 2.5-dimensional modeling ap-
proach for calculating the fiber orientation. The prediction quality of the simulative fiber orientations
is evaluated in comparison to experiments. Depending on the material modeling and validation
level, the prediction of the simulated fiber orientation differs in the range between 7.3 and 347.2%
averaged deviation significantly. Furthermore, depending on the process–structure coupling and
the number of layers over the thickness of the model, the Kullback–Leibner divergence differs in a
range between 0.1 and 4.9%. In this context, more layers lead to higher fiber orientation content in
the model and improved prediction of the structural dynamics simulation. This is significant for local
and slightly for global structural dynamics phenomena regarding the mode shapes and frequency
response behavior of simulative and experimental investigations. The investigations prove that the
influence of the fiber orientation on the structural dynamics simulation is lower than the influence
of the material modeling. With a relative average deviation of 2.8% in the frequency and 38.0% in
the amplitude of the frequency response function, it can be proven that high deviations between
experimental and simulative fiber orientations can lead to a sufficient prediction of the structural
dynamics simulation.

Keywords: short-fiber reinforced thermoplastic components; injection molding simulation; fiber
orientation; structural dynamics; material modeling

1. Introduction

Short-fiber reinforced thermoplastics are an essential group of engineering materials
in modern vehicle powertrains due to their significant lightweight potential. Under Noise-
Vibration-Harshness (NVH) aspects, short-fiber reinforced plastics offer good vibration
isolation and thus noise isolation behavior. This is due to the favorable stiffness and damp-
ing behavior. For efficient prediction of the stiffness and damping of short-fiber reinforced
plastics, established material models are based on multi-stage homogenization methods.
The principle of all methods is that the microstructure and thus the properties of the com-
posite are described with mathematical–physical models. Thereby, the consideration of
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the fiber orientation via the process–structure coupling is fundamental. By conditioning
the material models with direction-dependent properties, discrete material parameters are
assigned to each element of the simulation depending on the local fiber orientation tensor.
Therefore, the quality of the prediction of the fiber orientation in the injection molding
simulation influences the prediction quality of the structural dynamics simulation. Further
information corresponding to the homogenization methods and the process–structure
coupling is provided in [1–8]. Glaser shows in [9] that the prediction quality of structural
dynamics simulations of a short glass fiber reinforced thermoplastic intake pipe can be
significantly increased by considering the fiber distribution and thus the anisotropic stiff-
ness and damping. The main focus of this study is on the procedure and advantages of the
process–structure coupling. However, information and boundaries to calculate the fiber ori-
entation are not provided. Studies by Schmachtenberg et al. [10] additionally use advanced
experimental methods to calibrate the simulation models. Arping [11] and Kremer [12] use
a similar method to homogenize the properties of the fiber-reinforced plastic component
and recalibrate the models of the structural dynamics simulation through reverse engineer-
ing. Thereby, material modeling is the focus of the research. The simulative fiber orientation
is considered a fixed boundary condition. The disadvantage is that errors caused by an
insufficient simulative fiber orientation are compensated by the reverse engineering of
the material model. Influences on the results caused by the quality of the simulative fiber
orientation are largely not considered. State-of-the-art extended approaches additionally
pursue the consideration of the material properties depending on the boundary conditions,
such as frequency, temperature or humidity. There exists a large number of publications
dealing with the structural dynamics design of fiber-reinforced plastic components under
NVH aspects [13–18]. However, all existing publications have in common that the reliable
prediction of the fiber orientation in the injection molding simulation is assumed. The
boundary conditions and fiber orientation models used by the injection molding simu-
lations are mainly not explained. However, there can be significant differences in the
prediction quality of the fiber orientation, depending on which fiber model is used and how
the models are calibrated. Furthermore, as a result of the process–structure coupling, there
is always a loss of information about the fiber orientation between the injection molding
model and the finite element (FE) model, which is not sufficiently considered in existing
publications [1].

The aim of this research is to investigate the influence of the fiber orientation from
the injection molding simulation on the resulting structural dynamics FE simulation of
short-fiber reinforced thermoplastic components. In the first section of this paper, the state
of art and the applied method for calculating the fiber orientation using injection molding
simulations are explained. Furthermore, the method used to investigate the influence of
the fiber orientation on the prediction quality of the structural dynamics simulation is
presented. In the last section, the results of the simulative and experimentally investigated
fiber orientation, as well as the prediction quality of the corresponding structural dynamics
investigations, are discussed.

2. State of Art and Methods

In the first part of this section, the state of art for fiber orientation calculation with
injection molding simulations is discussed. Following the proposed method for the simula-
tive and experimental characterization of the fiber orientation is presented. In the last part,
the focus is on the method for the experimental characterization by modal analysis and
the structural dynamics simulation model of the short-fiber reinforced plastic components.
In this research, the proposed methods are implemented for two types of short-fiber rein-
forced thermoplastics. On the one hand, polyamide 6.6 (PA66) is a common engineering
plastic, and on the other hand, polyphthalamide (PPA) is a high-performance plastic, each
with 50 wt.% short glass fiber reinforcement (GF50) [19,20]. As a representative composite
component for investigating the influence of fiber orientation on structural dynamics, the
so-called engine bracket is investigated. In modern combustion engines, the engine bracket
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is mounted on the crankcase and transmits the powertrain-induced operating vibrations
into the vehicle structure. For further information about the functionality of the engine
bracket, please refer to [15–18,21,22].

2.1. State of Art of Injection Molding Simulations for Fiber Orientation Calculation

The prediction of the fiber orientation in injection molding simulations is based on the
so-called continuity equation according to Fokker-Planck [23,24]. This is derived from the
velocity field of the fluid and thus the hydrodynamic forces acting on the fiber. Extended
by a diffusion term to describe the fiber interaction in the fluid field, the Folgar–Tucker
equation [25] is formed:

dψ

dt
= −∇·

( .
pψ
)
+ Di∇2ψ, (1)

ψ corresponds to the fiber probability density function (PDF) at time t,∇ is the gradient
operator,

.
p is the change of the fiber orientation and Di is the fiber interaction coefficient.

The first part of the equation can be summarized as a hydrodynamic term and the other
as a diffusion term. Applied to injection molding simulations of composite components,
solving Equation (1) is numerically extremely cost-intensive. For this reason, the PDF is
mainly substituted by an evolution equation of the fiber orientation tensor A:

dψ

dt
≈ dA

dt
=

.
A =

.
A

h
+

.
A

d
, (2)

with

A = AN =
∫ 2π

0

∫ π

0
pNψ(Θ, Φ) sin ΘdΘdΦ. (3)

Thus,
.

A
h

corresponds to the hydrodynamic part and
.

A
d

to the diffusion part of
the Folgar–Tucker Equation. Equation (2) is numerically stable for calculating the fiber
orientation of plastic components in injection molding simulations. On this basis, a large
number of publications exist which follow different approaches for the formulation of
the hydrodynamic and diffusive parts. Advani and Tucker formulate in [26] an extension
of the Fokker–Planck Equation to consider the rate of change of the second-order fiber
orientation tensor A, which is calibrated by a phenomenological approach via the parameter
CI . Huynh shows in [27] that the prediction of the calculated fiber orientation can be further
improved by a scalar reduction factor κ. Wang et al. [28] extend this reduction factor by a
reformulation of the second-order fiber orientation tensor A through a decomposition of
the eigenvalues λ and eigenvectors e. This forms the reduced strain closure (RSC) model,
which is an established method for calculating fiber orientation. A comparable established
approach is shown by Phelps and Tucker in [29], whereby the phenomenological parameter
CI is replaced by a rotary diffusion tensor C. This forms the so-called anisotropic rotary
diffusion (ARD) model and thus the basis of advanced models [29–32]. An overview of
macroscopic fiber orientation models is discussed in [24].

Furthermore, the decomposition of the second-order fiber orientation tensor dAN
dt is

dependent on the fiber orientation tensor of the next higher-order AN :

dAN
dt

= f (AN). (4)

Established methods use the formulation of a closure approximation. This approxi-
mation of the higher-order fiber orientation tensor AN is based on mathematical assump-
tions [23,24,33]. In general, the increased information of the higher-order tensors is usually
not fully captured by the closure formulations. Advani and Tucker show in [26] a linear
summation of all products from the components of the second-order fiber orientation
tensor Aij and the Kronecker delta δij to approximate the higher-order tensor. By neglect-
ing the linear terms, the quadratic closure is formed and by combining the linear and
quadratic approach, the hybrid closure is formed [26]. Furthermore, the so-called natural
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closure of Verleye and Dupret should be mentioned [34], where the fourth-order orientation
tensor Aijkl is defined as a function of the second-order tensor f

(
Aij
)
. This forms the

basis of various advanced approximations methods [24,35]. Advanced models pursue
an exact formulation of the fourth-order fiber orientation tensor [36,37], the use of neural
networks [38,39], distribution reconstruction methods [23,33,40,41] or the reconstruction of
even higher-order fiber orientation tensors [33,42]. However, to ensure numerically cost-
effective fiber orientation calculations in injection molding simulation, hybrid or natural
closures are still widely used today [24]. An overview of existing closure formulations is
discussed in [23,24,33].

2.2. Methodology for Simulative and Experimental Fiber Orientation Investigations

According to the state of art, the Advani–Tucker Equation is used as the basis for
calculating the fiber orientation in this research. The hydrodynamic part is defined as:

.
A

h
= (W·A−A·W) + ξ(D·A + A·D− 2A : D), (5)

and the diffusion part as
.

A
d
= 2

.
γ·Cv·(I−A), (6)

with W as vorticity tensor, ξ as particle shape function, D as strain rate tensor,
.
γ as the

magnitude of the strain rate tensor and I as a unit tensor. Cv corresponds to a phenomeno-
logical coefficient tensor for describing the fiber interaction and is calibrated through
experimentally determined fiber orientations. Thus, the diffusion part is equivalent to a
rotary diffusion approach by the appropriate definition of Cv. To evaluate and calibrate
the phenomenological parameters of the injection molding model, µCT investigations are
carried out. For this purpose, material plates are created by varying the geometry or the
process parameters, and µCT specimens are investigated at selected positions according
to the fiber orientation. It is important to choose specimen positions that allow a repre-
sentation of the microstructure and thus a reliable investigation of the fiber orientation.
Under the usage of simple plate geometry, a small number of µCT specimens are taken
in an evenly distributed way. When transferred to the injection molding simulation of
short-fiber reinforced plastic components, significant differences in the prediction qual-
ity of the fiber orientation can occur [4,8,21]. As a result, extended methods include a
recalibration of the default parameters of the simulation in comparison to µCT specimens
taken from plastic components [8,43]. At the component level, µCT specimen positions are
selected with significantly different geometric or material-specific characteristics in order
to calibrate the simulation for robustness. The geometric aspects include, for example,
different wall thicknesses, ribs or triple points. This allows a direct recalibration of the
injection molding model. On the other hand, material-specific aspects are, for example, in-
or ejection positions or impact points of the plastic melt. These aspects allow a recalibration
of the injection molding model in case of process-related errors or damage analyses. Based
on the experimentally determined fiber orientations, the simulation model parameters
are calibrated with numerical or mechanistic methods. The injection molding material
model is sufficient if the deviation between simulated and experimentally determined fiber
orientation is minimized for several parameter variations [8,43]. Figure 1 schematically
shows the procedure for a multi-stage calibration of the calculated fiber orientation from
injection molding simulations.

In this research, injection molding simulations are performed using two commercial
software programs. On the one hand, 2.5-dimensional (2.5D) injection molding simulations
were conducted with the software CADMOULD®from SIMCON. The simulations were
conducted in the scope of contract simulations by PART Engineering respectively. Thereby,
the hydrodynamic part of the Advani–Tucker Equation equals a natural closure (NC)
formulation to approximate the fourth-order tensor Aijkl . Furthermore, the fiber interaction
tensor Cv = CNC in the diffusion part depends on the alignment factor in the middle layer
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αK, in the boundary layer αR and on the rotational velocity factor βR. This corresponds to
the phenomenological coefficients in CADMOULD®, which are calibrated in comparison
to µCT results. The initial coefficient tensors CNC,S

0,CM for the respective material S originating
from a database of the CADMOULD® software. These are defined as default values for both
the PA66GF50 and the PPAGF50 material as αK = 0.92, αR = 0.92, βR = 0.15. To maximize
the calculated information of the fiber orientation from the injection molding simulation,
10 elements are defined uniformly over each wall thickness. In comparison, 3-dimensional
(3D) injection molding simulations were conducted with the software MOLDFLOW®

from AUTODESK. The simulations were conducted in the scope of contract simulations
by Daimler Trucks AG respectively. Here, an orthotropic closure (OC) is defined in the
hydrodynamic part and the coefficient tensor Cv = COC depends on the scalar interaction
coefficient CI and the asymmetric coefficients of the rotational diffusion D1, D2, D3. This
corresponds to the phenomenological coefficients in MOLDFLOW®. The initial coefficient
tensors COC,S

0,MF originated from a database of the company BASF SE. These are defined as
default values CI = 1.0, D1 = 1.0, D2 = 0.8, D3 = 0.15. To maximize the fiber orientation
information from the injection molding simulation with MOLDFLOW®, 14 elements are
defined uniformly over each wall thickness.
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Figure 1. Method for calibrating the calculated fiber orientation of injection molding simulations in
comparison to experimental µCT investigations.

To evaluate the prediction quality of the simulative fiber orientation, experimental
µCT investigations are evaluated in comparison at the plate and component level, as seen
in Figure 2. At the plate level, the µCT specimens are extracted equally distributed from
the plate geometry. The dimensions (length × width × thickness) of the plate geometry
are (180 mm × 180 mm × 2 mm). In comparison, µCT specimens at the component level
are extracted with a focus on geometric aspects of the engine bracket. As a result, a µCT
specimen is extracted from a side rib and the upper end of the bracket. The approximate
dimensions of the engine bracket are (215 mm × 135 mm × 135 mm) with a thickness of
the surfaces and ribs between 2–5 mm. In the current case, the dimensions of the µCT
specimens both at the plate and component level are approximate (5 mm × 5 mm × 2 mm).
Figure 2 provides an overview of the geometry on the plate and component level and
shows the specimen positions. For evaluation, A11 corresponds to the component of the
second-order orientation tensor Aij in the main flow direction. A22 corresponds to the
component transverse to the main flow direction and A33 to the component in the thickness
direction. Figure 2 schematically shows the evaluation directions of the components of the
second-order orientation tensor Aij. The µCT investigations are performed with the 3D-
nanoCT Phoenix Nanotom from GE Sensing Technologies GmbH. The fiber orientation is
evaluated using VGSTUDIO MAX software from Volume Graphics GmbH. To compare the
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simulative and experimentally determined fiber orientations, a process–structure coupling
to FE models of the geometry of the µCT specimens is performed. Regarding the injection
molding simulations, a discretization of 10 elements through the wall thickness of the FE
model is defined to ensure comparability. The process–structure coupling is performed with
the software CONVERSE® from PART Engineering GmbH. Figure 3 shows the proposed
approach for evaluating and recalibrating the simulative fiber orientation from injection
molding simulations in comparison to the experimental µCT results.

Figure 2. Geometry of the plate (a) and component level (b) and corresponding µCT specimen
positions (P1–P5, B1–B2). Evaluation directions of the fiber orientation (c).
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2.3. Methodology for Experimental and Simulative Structural Dynamics Investigations

To investigate the structural dynamics of the short-fiber reinforced plastic components,
modal analyses are carried out. Excitation of the system forces a structural response at
the resonant frequency. This is characterized by transfer behavior. The response function
represents the relationship between the out and input signals of the system. According to
existing investigations, modal analyses are carried out with an elastic bearing of the plastic
components [21]. The aim of the elastic bearing is that the impact effects of the surrounding
system on the plastic component are minimized. Thus, the stiffness and damping of
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the bearing are defined, that there is no superposition on the resonance frequencies and
amplitude of the response function of the plastic component. By applying the plastic
component with bearing in a climate chamber, the temperature and humidity can be
set reproducible.

The basis for the simulation of the structural dynamics of short-fiber reinforced,
thermoplastic components is the material model of stiffness, damping and viscoelasticity.
According to existing investigations, the Arbitrary-Reconsidered-Double-Inclusion (ARDI)
material model is applied [4]. This corresponds to a two-stage homogenization method of
the stiffness and damping from the properties of the composite. In the first step, the effective
stiffness and damping are calculated from the properties of the fibers, the matrix and the
interphase properties between them. In the second step, a material database is generated
by transforming the effective stiffness and damping tensors over a discrete number of fiber
distribution functions (ODF). An assignment of the properties is based on the minimum
error deviation between the discrete orientation tensors of the material database and the
orientation tensor of each element of the composite component. The orientation tensors of
the component are taken from corresponding injection molding simulations, Section 2.2.
Next, the geometry of the plastic component is discretized into an FE model. Here, the
number of elements of the discretized model controls the provided fiber orientation tensor
significantly from the injection molding simulation [1]. As a result, to investigate the
influence of the fiber orientation on the prediction quality of the structural dynamics
simulation, the surface mesh remains identical, and the number of elements over the wall
thickness is iteratively increased. In the last step, the boundary conditions of excitation and
bearing are modeled. To avoid additional simulative impacts, a two-dimensional node-force
excitation is applied. Furthermore, an unbound numerical bearing is assumed. Figure 4
provides an overview of the method for the experimental and simulative characterization
of the structural dynamics of the short-fiber reinforced plastic components.
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Figure 5a shows the experimental setup for investigating the structural dynamics
of the short-fiber reinforced, thermoplastic engine bracket by modal analyses in free-
supported bearing. The engine bracket is suspended with 4 aramid ropes. Preliminary
investigations confirmed that this leads to an optimum between stiffness and damping
of the bearing method and thus minimizes a reaction on the engine bracket [44–46]. An
electrodynamic shaker from BRÜEL & KJAER type 4809 [47] is used for excitation. This
is equipped with a BRÜEL & KJAER type 8001 impedance measuring head and stinger
to record the excitation force [48]. The structural dynamics response is recorded with a
3D laser vibrometer type PSV-500 from Polytec [49]. The measurement mesh consists of
145 scanning points with a focus on the qualitative evaluation of the mode shapes, as well
as quantitative evaluation of the force reaction function (FRF), as shown in Figure 5b. In the
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present case, the experimental FRF is defined as the ratio between the spatially averaged
acceleration spectrum of all scanning points on the front surface of the engine bracket and
the excitation force. The experimental modal analysis is performed at constant conditioning
of 23 ◦C and 0% relative humidity. To simulate the structural dynamics of the engine
bracket, the surface geometry is discretized into 137,128 elements in the first step, as shown
in Figure 5c. Next, the number of FE elements is varied via the component thickness to
investigate the resulting influence. The simulative FRF is defined as the ratio between the
spatially averaged acceleration spectrum of all nodes on the front surface of the engine
bracket and the excitation force, as shown in Figure 5d. Figure 6 shows the proposed
approach for evaluating and comparing the experimental and structural dynamics of the
short-fiber reinforced thermoplastic engine bracket.

Figure 5. (a) Setup for the experimental investigation of the structural dynamics of the engine bracket.
(b) Experimental scanning point mesh. (c) Simulative surface mesh of the engine bracket geometry.
(d) Evaluation nodes for simulative FRF.
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3. Results
3.1. Simulative and Experimental Fiber Orientation Investigations

Figure 7 shows the experimental fiber orientation tensors (CT) in comparison to the
simulative fiber orientation tensors with CADMOULD® (CM) and MOLDFLOW® (MF)
over the normalized position for the initial coefficient tensors CNC,1

0,CM and COC,1
0,MF for the
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material PA66GF50 and for an evaluation on plate level. For quantitative comparison of
the calculated fiber orientation with CM and MF to the CT results, the relative deviation of
the averaged fiber orientation tensors is shown in Table 1.
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plotted over normalized position for PA66GF50 at plate level (P1–P5).

Table 1. Relative deviation of the averaged orientation tensors from experiment Aij,CT and simulation
Aij,CM, Aij,MF of PA66GF50 on plate level (P1–P5).

Comp.
Nr.

P1 P2 P3 P4 P5 Average

A11,CT → A11,CM 8.9% 5.9% 2.9% 14.5% 4.0% 7.3%
A22,CT → A22,CM 29.2% 21.9% 15.4% 60.4% 16.3% 28.7%
A33,CT → A33,CM 16.9% 15.4% 4.5% 13.3% 15.5% 13.1%

A11,CT → A11,MF 6.2% 5.7% 6.9% 20.4% 7.4% 9.3%
A22,CT → A22,MF 21.9% 20.2% 18.9% 65.5% 11.3% 27.6%
A33,CT → A33,MF 88.3% 91.9% 126.3% 117.4% 97.8% 104.4%

Figure 7 shows that the boundary layer equals the main part of the fiber orientation
tensor of the µCT results. Furthermore, the majority of the µCT results have a pronounced
middle layer. P1 and P4 even show a change in the main fiber orientation A11,CT , whereby
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the fibers in the middle layer are oriented transverse to the main flow direction. The
comparison between A11,CT , A22,CT and A11,CM, A22,CM shows, in general, a good predic-
tion of the fiber orientation by the simulation with CM approach, as shown in Table 1.
The comparison between A11,CT , A22,CT and A11,MF, A22,MF shows a good prediction, too.
However, both the CM and MF results show, in general, that the development of the middle
layer is not sufficiently represented. On the one hand, according to the evaluation method,
elements are missing in the middle of the FE model. This results in a loss of information
in the process–structure coupling since only a weighted average of the calculated fiber
orientation tensor from the injection molding simulation is transferred [1]. On the other
hand, the Advani—Tucker Equation with the rotary diffusion approach only allows a
limited representation of the fiber orientation in the middle layer [8,34,38]. Furthermore,
Figure 7 shows that the component A33,MF has a high deviation compared to A33,CT . This
difference can be explained by the method used to calculate the fiber orientation of the
highly filled material coupled with the 3D modeling. As a result, the fiber orientation
tensor is not only influenced by the phenomenological coefficient tensors, but also by the
three-dimensional flow field and thus by the hydrodynamic part of the Advani–Tucker
Equation, see [8]. Figure 8 shows the experimental (CT) and simulative (CM, MF) fiber
orientation tensors for the coefficient tensors CNC,1

0,CM, COC,1
0,MF for the material PA66GF50 at

the component level. Table 2 shows the corresponding deviations of the averaged fiber
orientation tensors.
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plotted over normalized position for PA66GF50 at component level (B1–B2).

Table 2. Relative deviation of the averaged orientation tensors from experiment Aij,CT and simulation
Aij,CM, Aij,MF of PA66GF50 on component level (B1–B2).

Comp.
Nr.

B1 B2 Average

A11,CT → A11,CM 22.8% 7.9% 15.3%
A22,CT → A22,CM 20.1% 29.0% 24.6%
A33,CT → A33,CM 20.7% 30.9% 25.8%

A11,CT → A11,MF 16.9% 9.4% 13.1%
A22,CT → A22,MF 16.3% 36.1% 26.2%
A33,CT → A33,MF 162.8% 281.2% 221.9%

Figure 8 shows the CT results of B1, where a pronounced boundary layer with a change
in the main fiber orientation occurs. In comparison, no middle layer can be identified.
Thus, a significantly different trend of the fiber orientation compared to the plate level
can be determined at specimen position B1. Figure 8 also shows that the fiber orientation
tensors of the CT result B2 are comparable to those in the plate level. Following this
allows a robust check of the injection molding simulations according to the calculated
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fiber orientation. Figure 8 shows differences in the prediction quality of the CM and
MF results compared to the CT results of specimen B1. Thereby, the CM results show
a good prediction of the boundary layer, while the prediction of the MF results is not
sufficient. An inverse prediction quality can be identified for the middle layer. On the
other hand, the CM and MF results show a good prediction of the CT results at specimen
B2. Thus, it can be assumed that good predictions of the fiber orientation can be achieved
at the component level for similar flow conditions compared to the plate geometry. The
quantitative comparison between A11,CT , A22,CT and A11,CM, A22,CM and A11,MF, A22,MF
shows a sufficient prediction of the fiber orientation, Table 2. Furthermore, it can be shown
on the component level that A33,MF has a high deviation compared to A33,CT . Finally, it
should be mentioned that both at the plate and component level, the prediction quality
of the CM and MF results could not be further improved by a parameter study of CNC,1

i,CM

and COC,1
i,MF .

Next, the robustness of the injection molding simulations is checked in the presence of
a material variation. Figure 9 shows the CT, CM and MF fiber orientation tensors for the
coefficient tensors CNC,2

0,CM and COC,2
0,MF for the material PPAGF50 at plate level. The CT results

show a small boundary and significant middle layer. Thereby, the CM and MF results show
a significant deviation compared to the CT results. It is assumed that this deviation is due
to the loss of information of the evaluation method and the process–structure coupling.
Further, the coefficient tensors CNC,2

0,CM and COC,2
0,MF are insufficient. The evaluation of the

relative deviation of A11,CT , A22,CT , A33,CT to A11,CM, A22,CM, A33,CM and A11,MF, A22,MF,
A33,MF also show an insufficient prediction of the fiber orientation, as shown in Table 3.
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plotted over normalized position for PPAGF50 at plate level (P1–P5).

Table 3. Relative deviation of the averaged orientation tensors from experiment Aij,CT and simulation
Aij,CM, Aij,MF of PPAGF50 on plate level (P1–P5).

Comp.
Nr.

P1 P2 P3 P4 P5 Average

A11,CT → A11,CM 14.9% 15.4% 19.0% 10.8% 10.5% 14.1%
A22,CT → A22,CM 42.7% 49.6% 58.4% 29.4% 24.9% 41.0%
A33,CT → A33,CM 48.9% 40.9% 40.5% 27.8% 43.0% 40.2%

A11,CT → A11,MF 18.2% 20.4% 19.9% 12.3% 10.7% 16.3%
A22,CT → A22,MF 37.9% 37.9% 44.4% 41.4% 30.6% 38.4%
A33,CT → A33,MF 232.9% 299.2% 300.2% 219.4% 232.4% 256.8%

Figure 10 shows the CT, CM and MF fiber orientation tensors for the coefficient tensors
CNC,2

0,CM and COC,2
0,MF for the material PPAGF50 at the component level. The CT results of B1

show a significant boundary layer with a change of the main fiber orientation and a small
developed middle layer. The CT results of B2 show a pronounced boundary and middle
layer comparable to the PA66GF50. The comparison between CT and CM results shows
with the difference in the relative deviation of ∆

(
Aij,CT → Aij,CM

)
= 15.0% an improved
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prediction of the fiber orientation in comparison to the investigations at the plate level,
Tables 3 and 4. In this context, with a difference of ∆

(
Aij,CT → Aij,MF

)
= −25.5% the

comparison between CT and MF results shows an increased deviation compared to the
plate level. Thereby, it can be shown that the boundary and middle layer of specimen
B1 are sufficiently predicted by the CM results but not by the MF results, as shown in
Figure 10. However, the CM and MF results show a comparable prediction of the fiber
orientation of specimen B2. The quantitative comparison between A11,CT , A22,CT , A33,CT
and A11,CM, A22,CM, A33,CM shows a sufficient prediction of the fiber orientation, Table 4.
In this context, the comparison between A11,CT , A22,CT , A33,CT and A11,MF, A22,MF, A33,MF
shows an increased deviation due to the insufficient prediction quality of A33,MF.
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Figure 10. Experimental (CT) and simulative (CM, MF) components of the fiber orientation tensor
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A parametrical study of the coefficient tensor CNC,2
i,CM shows, that the prediction quality

of the fiber orientation can be improved at the plate level. The phenomenological coef-
ficients of the optimized coefficient tensor CNC,2

i,CM are redefined as αK = 0.11, αR = 0.9,
βR = 0.05 Figure 11 shows the CT and CM fiber orientation tensors for the optimized
coefficient tensor CNC,2

i,CM of the PPAGF50 material at plate level. Figure 11 shows that the
prediction quality of the CM results of the boundary and middle layer is sufficiently im-
proved. Furthermore, the comparison between A11,CT , A22,CT to A11,CM, A22,CM confirms
that the prediction quality of the fiber orientation can be optimized, as shown in Table 5.

Table 4. Relative deviation provided in [23,50]. Figure averaged orientation tensors from experiment
Aij,CT and simulation Aij,CM, Aij,MF of PPAGF50 on component level (B1–B2).

Comp.
Nr.

B1 B2 Average

A11,CT → A11,CM 9.7% 10.9% 10.3%
A22,CT → A22,CM 14.1% 15.3% 14.7%
A33,CT → A33,CM 14.6% 33.1% 23.9%

A11,CT → A11,MF 28.2% 12.6% 20.4%
A22,CT → A22,MF 21.8% 18.6% 20.2%
A33,CT → A33,MF 276.9% 417.6% 347.2%
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Figure 11. Experimental (CT) and simulative (CM) components of the fiber orientation tensor Aij

plotted over normalized position for PPAGF50 at plate level (P1–P5) in optimized condition CNC,2
i,CM .

Table 5. Relative deviation of the averaged orientation tensors from experiment Aij,CT and simulation

Aij,CM of PPAGF50 on plate level (P1–P5) in optimized condition CNC,2
i,CM .

Comp.
Nr.

P1 P2 P3 P4 P5 Average

A11,CT → A11,CM 10.1% 11.2% 15.9% 9.0% 9.5% 11.2%
A22,CT → A22,CM 29.4% 43.2% 49.1% 29.0% 23.4% 34.8%
A33,CT → A33,CM 49.0% 40.9% 40.5% 27.8% 43.0% 40.2%

Next, the robustness of the CM simulation for PPAGF50 with optimized coefficient
tensor CNC,2

i,CM is tested on the component level, as shown in Figure 12. Specimen B1 shows
higher deviations between CT and CM results in the expression of the middle layer. Further-
more, the comparison between the CT and CM results at specimen B2 shows significantly
higher deviations. This is due to the significant adjustment of the alignment factor αK
which leads to a higher deviation between CT and CM results, as shown in Table 6. In
summary, it can be shown that an optimized coefficient tensor at the plate level does
not necessarily constitute an improved prediction quality of the fiber orientation at the
component level. Thus, limits of the calculation method of the fiber orientation and the
modeling in injection molding simulation are reached. The default values of the initial
coefficient tensors CNC,S

0,CM and COC,S
0,MF are therefore considered as balanced optimum for
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the calculation of the fiber orientation at plate and component level with an averaged
relative deviation of

(
Aij,CT → Aij,CM

)PA66
= 19.2%,

(
Aij,CT → Aij,MF

)PA66
= 67.1% and(

Aij,CT → Aij,CM
)PPA

= 24.1%,
(

Aij,CT → Aij,MF
)PPA

= 116.6%. This is an expected re-
sult since the suppliers of the material databases provide an extensive optimization of
the phenomenological fiber interaction coefficient tensors, see [8,43]. If a significantly
increased prediction quality of the simulative fiber orientation is necessary, case-specific
optimizations of the component in injection molding simulations are required.
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i,CM .

Table 6. Relative deviation of the averaged orientation tensors from experiment Aij,CT and simulation

Aij,CM of PPAGF50 on component level (B1–B2) in optimized condition CNC,2
i,CM .

Comp.
Nr.

B1 B2 Average

A11,CT → A11,CM 12.4% 31.7% 22.1%
A22,CT → A22,CM 18.6% 45.1% 31.9%
A33,CT → A33,CM 14.6% 33.1% 23.9%

Finally, the influence of the process–structure coupling is investigated. Thereby, the
Kullback–Leibner divergence between the experimental and simulative orientation distri-
bution is evaluated. The Kullback–Leiber divergence represents the similarity between
probability distributions. Thus, low divergence equals a high similarity and vice versa. For
simulative reconstruction of the orientation distribution, the maximum entropy method
(MEM) is used. Further information on the Kullback–Leiber divergence and the MEM is
provided in [23,50]. Figure 13 shows Kullback–Leibner divergences DKL between CT, CM
and MF fiber orientation distribution for PA66GF50 and PPAGF50 at the component level
(B1–B2) plotted over the layers of the FE model. Figure 13 shows that the CM results at
10 layers have the smallest deviation compared to the CT results. In comparison, the devia-
tion of the MF results at 10 layers is significantly increased due to a high deviation between
A33,CT and A33,CM. Furthermore, this influence is more pronounced for the PPAGF50.
By reducing the number of layers in the process–structure coupling, the transferred fiber
orientation content is reduced. This leads to an increased deviation between experimental
and simulated fiber orientation distribution. In general, from 10 layers to 1 layer, there
is an increased deviation due to a loss of fiber orientation content originating from the
injection molding simulation. This is due to the process–structure coupling. By reducing
the number of FE layers, a weighted average of the simulative fiber orientation tensors
from the injection molding simulation is transferred. This averaging method significantly
influences the deviation regardless of the material, the specimen position and the type of
injection molding simulation.
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component level (B1–B2) and plotted over the number of layers of the FE-model.

3.2. Experimental and Simulative Structural Dynamics Investigations

Figure 14 shows the experimental FRF of the PA66GF50 and PPAGF50 engine bracket.
The first relevant mode shape in the frequency range between 400–500 Hz corresponds to a
global torsional mode, as shown in Table 7. Due to the higher stiffness of the PPAGF50, the
resonance frequency of the torsional mode is shifted by 6.0% towards higher frequencies
compared to the PA66GF50. Furthermore, the amplitude is increased by 5.7% due to
the lower damping of the PPAGF50. A comparison via the Modal Assurance Criterion
(MAC) shows comparability of 90.2% between the experiments. Above 1900 Hz, the second
relevant mode shape is a global bending mode of the engine bracket, as shown in Table 7.
Comparable to the first mode shape, the higher stiffness of the PPAGF50 leads to a shift of
the resonance frequency by 5.5% towards higher frequencies. However, compared to the
previous trend, the amplitude of the PPAGF50 is 61.3% lower than the PA66GF50. It can
be assumed that the frequency-dependent structural damping is more pronounced than
the material damping. This assumption is reliable by the fact that the MAC analysis shows
comparability of 82.6% only. A similar comparison can be shown for the third relevant
mode shape, a local surface vibration, as shown in Table 7.

Comparable to the second mode shape, the PPAGF50 shows a stiffer behavior and
higher structural damping. Thus, the resonance frequency is shifted by 5.1% towards higher
frequencies and the amplitude is 40.3% lower compared to the PA66GF50. Furthermore,
the MAC analysis shows comparability of only 69.9%. This results in significantly different
mode shapes. Pronounced mixed, local mode shapes characterize frequency ranges above
2300 Hz. A definite evaluation and interpretation of the resonance peaks are no longer
ensured. Following, the three identified resonances according to Table 7 are used for further
comparison with the simulation. Considering the deviations between the experimental
results, it is assumed that not only a superposition of material and component proper-
ties occurs, but also the overall structure influences the results, see Section 2.3, Figure 5
and [21,46,51]. Thus, the experimental structural dynamics investigations represent a trend
and not an exact behavior.
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Concerning the proposed approach of Section 2.3 and the results of Section 3.1, more
than six elements over the thickness do not lead to an increase in the fiber information
content in the FE model, as shown in Figure 13. Furthermore, the engine bracket in the
simulation is considered with a discretization between 1 to 6 element layers over the
component thickness in this results section. The evaluation of the FRF of the simulations
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in the relevant frequency range allows the identification of the mode shapes, as shown
in Table 8. Comparable to the experiment, the relevant global torsion and bending mode
of the engine bracket can be identified in the simulation. Both in the simulation with
fiber orientation from CM and MF results, a high MAC value can be verified for all
layers. Furthermore, local surface mode shape can also be identified. However, with an
average MAC value of 74.0%, the simulation shows noticeable differences compared to
the experiment. Nevertheless, a comparison of all performed simulations with numerical
fiber orientation from CM and MF results is sufficient. The evaluation of the simulations
of the PPAGF50 engine bracket provides comparable mode shapes and MAC values for
all layers. Corresponding to the experiments, this is an expected result, as the stiffness,
damping and viscoelasticity of the PPAGF50 cause a shift in the resonance frequency and
amplitude. Thus, the mode shape is only slightly affected. Furthermore, the mode shapes
and MAC values of the simulation of the PPAGF50 engine bracket are not displayed.

Table 8. Mode shapes of the structural dynamics simulation and MAC values in comparison to the
experiment of the PA66GF50 engine bracket.

Mode-Shape
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CM

1 Layer
82.4

2 Layer
82.7

3 Layer
83.8

4 Layer
83.8

5 Layer
84.1

6 Layer
84.7

MF

1 Layer
80.8

2 Layer
80.1

3 Layer
80.7

4 Layer
80.4

5 Layer
80.6

6 Layer
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1 Layer
73.9

2 Layer
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3 Layer
74.8

4 Layer
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5 Layer
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75.1
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1 Layer
73.7

2 Layer
73.6

3 Layer
73.0
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6 Layer
74.9

Figure 15 shows the experimental FRF of the PA66GF50 engine bracket compared to
the structural dynamics simulation with fiber orientation tensor of the CM and MF results.
Figure 15 shows for the global mode shapes (torsion, bending) the highest deviation of
the FRF from the simulation with 1 layer compared to the experiment. This applies to the
simulations with CM and MF fiber orientation, as shown in Table 9. This shows a good
correlation to the deviations with a process–structure coupling of the fiber orientation, as
shown in Figure 13. This trend is continued for a simulation with 2 and 3 layers. Thereby,
increasing the number of layers generates an increased fiber orientation content and thus
reduces the deviation between experimental and simulated FRF. Contrary, increasing the
number of layers to 4 and 5 using the CM results shows a slight increase in the deviation
between experimental and numerical FRF. It can be assumed that increases in the deviations
are due to the weighted averaging of the orientation tensor in the process–structure cou-
pling, see [1]. Further, this influences the material modeling and the structural dynamics
simulation, as shown in Figure 6. However, by increasing the number of layers to 6, a
reduction in the deviation between experimental and numerical FRF can be shown, using
both the CM and MF results.

Table 9. Relative deviation of frequency and amplitude between simulations and experiment of the
PA66GF50 engine bracket for identified mode shapes with fiber orientation from CM and MF results.

Mode Shape
Sim.

Layer
1 2 3 4 5 6

Relative deviation frequency [%]
Relative deviation amplitude [%]

torsion
CM 9.2

46.0
8.8

41.7
7.2
41.3

7.6
42.8

7.6
43.0

6.7
39.5

MF 8.0
34.6

7.2
42.1

7.4
45.1

6.8
42.1

7.2
40.9

6.1
36.2

bending
CM 5.4

33.8
4.9

44.5
3.1

48.6
3.7

52.3
3.7

50.3
2.7

35.9

MF 2.1
28.5

1.6
38.8

1.6
34.2

1.4
41.4

1.6
39.4

0.6
25.4

surface
CM 1.2

27.1
0.7

21.3
0.4
42.0

0.4
38.4

0.4
44.4

0.6
45.1

MF 1.2
12.1

1.7
5.1

1.7
7.8

1.9
10.3

1.7
8.4

0.7
13.8
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Figure 15. Experimental (EXP) and simulative (CM, MF) FRF of the structural dynamics investigations
of the PA66GF50 engine bracket. Simulations are plotted as a function of used FE-layer (L).

A comparative evaluation of the local mode shape (surface) shows an inverse trend
of the deviation when increasing the number of layers from 1 to 6, as shown in Figure 15
and Table 9. By increasing the number of layers, the boundary and middle layer of the
fiber orientation are more pronounced in the process–structure coupling. Weighted over
the component thickness, this leads to a reduction of the stiffness in the material model.
As a result, the entire FRF shifts towards lower frequencies. The influence of the material
modeling applies to both the local and the global structural dynamics phenomena and
shows a good correlation to existing material modeling studies, see [4,7,15,21].

Figure 16 shows the experimental FRF of the PPAGF50 engine bracket compared to the
simulation with fiber orientation tensor of CM and MF. Figure 16 shows that the simulation
with CM results in the global torsion mode that increasing the layers from 1 to 6 leads to
a shift in the resonance frequency. Thereby, increasing the layers improves the mapping
of the fiber orientation, which positively affects the stiffness and damping of the material
model. Furthermore, it can be shown that the simulations with 6 layers allow the best
prediction of the structural dynamics, as shown in Table 10. However, this is not the case
for the simulations with MF results. Thereby, the increase of layers leads to an increase
in the deviation between experiment and simulation. Again, the fiber orientation of the
MF results affects the stiffness and damping of the material model. The evaluation of the
global bending mode and local surface mode shows a comparable trend for the CM and MF
results. Increasing the layers reduces the deviation between simulated and experimental
FRF, as shown in Figure 16 and Table 10. However, side resonances are formed in the
simulation, which cannot be identified in the experiment. The influence of a high local
deviation between experimental and simulated fiber orientation becomes significant and
leads to different local stiffness and damping in the material model.
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Table 10. Relative deviation of frequency and amplitude between simulations and experiment of the
PPAGF50 engine bracket for identified mode shapes with fiber orientation from CM and MF results.

Mode Shape Sim.
Layer

1 2 3 4 5 6

Relative deviation frequency [%]
Relative deviation amplitude [%]

torsion
CM 1.4

8.8
0.4

46.2
1.5
44.1

0.8
45.0

0.4
43.0

0.1
41.2

MF 2.3
43.7

1.9
42.5

1.9
41.8

2.4
42.9

2.6
41.7

2.9
38.6

bending
CM 3.7

45.5
2.7

42.8
1.0
42.4

0.4
38.2

0.1
36.9

0.6
33.6

MF 2.2
47.0

2.5
46.0

2.4
46.7

1.8
41.1

1.6
39.9

1.3
36.8

surface
CM 3.4

38.5
2.4

35.4
0.2
31.9

0.6
34.1

1.0
32.8

1.5
29.2

MF 2.7
42.0

3.1
40.9

3.1
43.6

3.1
50.3

2.9
49.3

2.6
46.7

Concerning existing works of literature, the results of this research significantly show
the importance of reproducibly describing the boundary conditions of the injection molding
simulation, the process–structure coupling and the material modeling. With the used frame-
work of the integrative simulation, relative averaged deviations of 2.8% in the frequency
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and 38.0% in the amplitude of the FRF can be proven in the structural dynamics simulation,
as shown in Tables 9 and 10. Furthermore, it can be shown that high deviations between
experimental and simulative fiber orientation tensors can lead to a sufficient prediction
of the structural dynamics simulation. This can be verified for global and local structural
dynamics phenomena.

4. Conclusions

This contribution investigates the influence of fiber orientation from injection molding
simulation on the structural dynamics simulation of the short-fiber reinforced thermoplastic
components, e.g., engine brackets made of PA66GF50 and PPAGF50. The Advani–Tucker
Equation with rotary diffusion approach and phenomenological fiber interaction coefficient
tensor was used to calculate the numerical fiber orientation. The comparison of the exper-
imental and simulative fiber orientations shows a sufficient prediction of the PA66GF50.
Optimizations of the interaction coefficients on the plate and component level constitute no
further improvements. On the other hand, optimizations of the interaction coefficients of
the PPAGF50 on the plate level lead to an improvement and, on the component level, to
an insufficient prediction of the simulative fiber orientation compared to the experiments.
Simulations of the structural dynamics of the PA66GF50 and PPAGF50 engine bracket show
that increasing the layers over the component thickness of the model leads to an improved
prediction quality compared to the experiment. This can be shown for global and local
structural dynamics phenomena. However, from a simulative point of view, the differ-
ence in the FRF with different layers is significantly smaller than the loss of information
of the fiber orientation due to a process–structure coupling. In summary, the following
conclusions can be derived:

• Optimizing the fiber interaction coefficients at the plate level does not necessarily
impose an improved prediction at the component level.

• The process–structure coupling significantly influences the transferred fiber orientation
content with the corresponding number of layers.

• Simulative fiber orientations with high deviation compared to the experiments can
provide a sufficient prediction in structural dynamics simulation.

• The prediction quality of the structural dynamics simulation is slightly affected by the
fiber orientation and significantly by the corresponding material model of stiffness,
damping and viscoelasticity.

Author Contributions: Methodology, A.K. and M.S.; software, A.K.; investigation, A.K.; valida-
tion, A.K. and M.S.; writing—original draft preparation, A.K.; writing—review and editing, M.S.;
visualization, A.K.; supervision, M.S. All authors have read and agreed to the published version of
the manuscript.

Funding: This research received no external funding.

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Data Availability Statement: The data is not publicly available.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Stommel, M.; Stojek, M. Korte, FEM zur Berechnung von Kunststoff- und Elastomerbauteilen, 2nd ed.; Carl Hanser Verlag: München,

Germany, 2018.
2. Christensen, R.M. A critical evaluation for a class of micro-mechanics models. J. Mech. Phys. Solids 1990, 38, 379–404. [CrossRef]
3. Kaiser, J.-M. Beitrag zur Mikromechanischen Berechnung Kurzfaserverstärkter Kunststoffe–Deformation und Versagen. Ph.D.

Thesis, Saarland University, Saarbrücken, Germany, 2013.
4. Kriwet, A.; Stommel, M. Arbitrary-Reconsidered-Double-Inclusion (ARDI) Model to Describe the Anisotropic, Viscoelastic

Stiffness and Damping of Short Fiber-Reinforced Thermoplastics. J. Compos. Sci. 2020, 4, 37. [CrossRef]
5. PART Engineering GmbH. CONVERSE Documentation V4.0.6; PART Engineering GmbH: Bergisch Gladbach, Germany, 2019.

http://doi.org/10.1016/0022-5096(90)90005-O
http://doi.org/10.3390/jcs4020037


J. Compos. Sci. 2022, 6, 106 23 of 24

6. Calmels, S. Introduction to e-Xstream Solutions for the Automotive Industry; E-Xstream Engineering: Luxembourg, 2018.
7. Korte, W. Workflow for Applying the Abaqus Multiscale Modeling Approach. In Proceedings of the Simulia 2020 3DEXPERIENCE

German, Virtual, 26 November 2020.
8. Wonisch, A.; Raesch, C.; Schreiber, W.; Jin, J.; Fertig, D.; Wüst, A.; Glaser, S. Injection molding simulations with optimized

fiber orientation model parameters. In Proceedings of the CONNECT! European Moldflow User Meeting, Frakfurt, Germany,
3–4 June 2014.

9. Glaser, S. GFK-Bauteile—Berechnung des dynamischen Verhaltens mittels FEM. KU Kunststoffe 2001, 7, 86–90.
10. Schmachtenberg, E.; Krumpholz, T.; Franck, A.; Vorländer, M. Akustik von Kunststoffbauteilen. Kunststoffe 2004, 9, 230–235.
11. Arping, T.-W. Werkstoffgerechte Charakterisierung und Modellierung des Akustischen Verhaltens Thermoplastischer Kunst-

stoffe für Körperschallsimulationen. Ph.D. Thesis, Rheinisch-Westfälische Technische Hochschule Aachen (RWTH), Aachen,
Germany, 2010.

12. Kremer, H. Materialdatenermittlung Thermoplastischer Kunststoffe für Körperschallsimulationen auf Basis von Reverse Engi-
neering. Ph.D. Thesis, Rheinisch-Westfälische Technische Hochschule Aachen (RWTH), Aachen, Germany, 2010.

13. Calmels, S.; Mathieu, S.; Lesueur, M. Anisotropic Damping Behaviour of Reinforced Plastic Parts for NVH Simulations; E-Xstream
Engineering: Luxembourg, 2016.

14. Gieß, M. Untersuchungen zur Akustischen Formteilauslegung. Ph.D. Thesis, University Siegen, Siegen, Germany, 2018.
15. Raschke, K.; Korte, W. Faserverstärkte Motorbauteile besser berechnen. Kunststoffe 2019, 109, 184–189.
16. Kriwet, A.; Stommel, M. Investigation of operational vibrations on the structural dynamics of glass fiber reinforced thermoplastic

components. In Proceedings of the MSE Conference, Darmstadt, Germany, 22–25 September 2020.
17. Kriwet, A.; Stommel, M. A Contribution to Predict the Structural Dynamics of Mounted Short Glass Fiber Reinforced Thermo-

plastic Components. In Proceedings of the 14th WCCM-ECCOMAS Congress, Virtual, 11–15 January 2020.
18. Kriwet, A.; Raschke, K.; Stommel, M. Charakterisierung der Wechselwirkung der Lagerstelle und Aggregatgehäuse auf die

Strukturdynamik von Kunststoffbauteilen. Schwingungen 2021, 2021, 129–142.
19. Ultramid®. A3WG10—PA66-GF50. CAMPUS®—A Material Information System for the Plastics Industry; CWFG GmbH: Frank-

furt, Germany, 2021. Available online: https://www.campusplastics.com/material/pdf/156435/UltramidA3WG10?sLg=en
(accessed on 16 February 2022).

20. Ultramid®. Advanced T1000HG10 UN—PA6T/6I-GF50. CAMPS®—A Material Information System for Plastics Industry; CWFG GmbH:
Frakfurt, Germany, 2021. Available online: https://www.campusplastics.com/material/pdf/156477/UltramidAdvancedT100
0HG10UN?sLg=en (accessed on 16 February 2022).

21. Urban, F.; Middendorf, P. Macroscopic Modeling of the Linear-Viscoelastic Vibration Behavior of Short-Fiber Reinforced Plastics.
In Proceedings of the SAMPE 2020, Virtual, 3 August 2020.

22. BASF SE. Weltweit Erster Motorträger aus Kunststoff in Neuer Mercedes GL-Klasse aus Ultramid®. Available on-
line: https://documents.basf.com/36a902759d1a3b974a33b8a6e56df1af61b3d115/Ultramid_first_plastic_engine_support_
Mercedes_GL_de.pdf (accessed on 13 February 2022).

23. Breuer, K.; Stommel, M.; Korte, W. Analysis and Evaluation of Fiber Orientation Reconstruction Methods. J. Compos. Sci. 2019,
3, 67. [CrossRef]

24. Kugler, S.K.; Kech, A.; Cruz, C.; Osswald, T. Fiber Orientation Predictions—A Review of Existing Models. J. Compos. Sci. 2020,
4, 69. [CrossRef]

25. Folgar, F.; Tucker, C.L. Orientation Behavior of Fibers in Concentrated Suspensions. J. Reinf. Plast. Compos. 1984, 3, 98–119.
[CrossRef]

26. Advani, S.G.; Tucker, C.L. The Use of Tensors to Describe and Predict Fiber Orientation in Short Fiber Composites. J. Rheol. 1987,
31, 751–784. [CrossRef]

27. Huynh, H.M. Improved Fiber Orientation Prediction for Injection-Molded Composites. Master’s Thesis, University of Illinois
Urbana-Champaign, Champaign County, IL, USA, 2001.

28. Wang, J.; O’Gara, J.F.; Tucker, C.L. An objective model for slow orientation kinetics in concentrated fiber suspensions. Theory and
rheological evidence. J. Rheol. 2008, 52, 1179–1200. [CrossRef]

29. Phelps, J.H.; Tucker, C.L., III. An anisotropic rotary diffusion model for fiber orientation in short- and long-fiber thermoplastics. J.
Non-Nowton. Fluid Mech. 2009, 156, 165–176. [CrossRef]

30. Tseng, H.C.; Chang, R.Y.; Hsu, C.H. Phenomenological improvements to predictive models of fiber orientation in concentrated
suspensions. J. Rheol. 2013, 57, 1597–1631. [CrossRef]

31. Tseng, H.C.; Chang, R.Y.; Hsu, C.H. The use of principal spatial tensor to predict anisotropic fiber orientation in concentrated
fiber suspensions. J. Rheol. 2017, 62, 313–320. [CrossRef]

32. Bakharev, A.; Yu, H.; Ray, S.; Speight, R.; Wang, J. Using New Anisotropic Rotational Diffusion Model to Improve Prediction of Short
Fibers in Thermoplastic Injection Molding; ANTEC: Orlando, FL, USA, 2018.

33. Jack, D.A. Advanced Analysis of Short-Fiber Polymer Composite Material Behavior. Ph.D. Thesis, University of Missouri,
Columbia, MO, USA, 2006.

34. Verley, V.; Dupret, F. Numerical prediction of the fiber orientation in complex injection molded parts. Trans. Eng. Sci. 1994, 4,
303–312.

https://www.campusplastics.com/material/pdf/156435/UltramidA3WG10?sLg=en
https://www.campusplastics.com/material/pdf/156477/UltramidAdvancedT1000HG10UN?sLg=en
https://www.campusplastics.com/material/pdf/156477/UltramidAdvancedT1000HG10UN?sLg=en
https://documents.basf.com/36a902759d1a3b974a33b8a6e56df1af61b3d115/Ultramid_first_plastic_engine_support_Mercedes_GL_de.pdf
https://documents.basf.com/36a902759d1a3b974a33b8a6e56df1af61b3d115/Ultramid_first_plastic_engine_support_Mercedes_GL_de.pdf
http://doi.org/10.3390/jcs3030067
http://doi.org/10.3390/jcs4020069
http://doi.org/10.1177/073168448400300201
http://doi.org/10.1122/1.549945
http://doi.org/10.1122/1.2946437
http://doi.org/10.1016/j.jnnfm.2008.08.002
http://doi.org/10.1122/1.4821038
http://doi.org/10.1122/1.4998520


J. Compos. Sci. 2022, 6, 106 24 of 24

35. Chung, D.H.; Kwon, T.H. Invariant-Based Optimal Fitting Closure Approximation for the Numerical Prediction of Flow-Induced
Fiber Orientation. J. Rheol. 2002, 46, 169. [CrossRef]

36. Montgomery-Smith, S.; He, W.; Jack, D.A.; Smith, D.E. Exact tensor closures for the three-dimensional Jeffery’s equation. J. Fluid
Mech. 2011, 680, 321–335. [CrossRef]

37. Montgomery-Smith, S.; Jack, D.; Smith, D.E. The Fast Exact Closure for Jeffery’s equation with diffusion. J. Non-Newton. Fluid
Mech. 2011, 166, 343–353. [CrossRef]

38. Qadir, N.U.; Jack, D.A. Modeling fibre orientation in short fibre suspensions using the neural network-based orthotropic closure.
Compos. Part A Appl. Sci. Manuf. 2009, 40, 1524–1533. [CrossRef]

39. Jack, D.A.; Schache, B.; Smith, D.E. Neural network-based closure for modeling short-fiber suspensions. Polym. Compos. 2010, 31,
1125–1141. [CrossRef]

40. Jack, D.A. Investigating the Use of Tensors in Numerical Predictions for Short-Fiber Reinforced Polymer Composites. Master’s
Thesis, University of Missouri, Columbia, MO, USA, 2003.

41. Jack, D.A.; Smith, D.E. Assessing the Use of Tensor Closure Methods with Orientation Distribution Reconstruction Functions. J.
Compos. Mater. 2004, 38, 1851–1872. [CrossRef]

42. Jack, D.A.; Smith, D.E. An invariant based fitted closure of the sixth-order orientation tensor for modeling short-fiber suspensions.
J. Rheol. 2005, 49, 1091–1115. [CrossRef]

43. Webelhaus, K.; Becker, F. Automatische Optimierung von Naturfaserverstärkten Bauteilen mit Varimos® 2; Fachsymposium zur
Verarbeitung von Biokunststoffen: Würzburg, Germany, 2014.

44. Kanirope®GmbH. Aramidseil ARABRAID �6mm Meterware (lfm) 8-Fach Geflochten von Kanirope®. Available online:
https://www.kanirope.de/aramidseil-arabraid-6mm-meterware-lfm-8-fach-geflochten-kanirope#product_info (accessed on
13 February 2022).

45. Kanirope®GmbH. Aramidseil, Aramidschnur (Geflochten)—Werkstoffeigenschaften der Aramidfasern. Available online: https:
//www.kanirope.de/shop/aramidseile-geflochten (accessed on 13 February 2022).

46. Klenk, M. Entwicklung Eines Versuchsaufbaus zur Präzisen Charakterisierung des Schwingverhaltens von Bauteilen aus
Kurzfaserverstärktem Kunststoff. Master’s Thesis, Universität Stuttgart, Stuttgart, Germany, 2019.

47. Hottinger Brüel & Kjaer®. Modal and Measurement Exciters—Vibration Exciter Type 4809. Available online: https://www.bksv.
com/-/media/literature/Product-Data/bp0231.ashx (accessed on 13 February 2022).

48. Hottinger Brüel & Kjaer®. Product Data Impedance Heads—Types 8000 and 8001. Available online: https://www.bksv.com/-/
media/literature/Product-Data/bp0244.ashx (accessed on 13 February 2022).

49. Polytec GmbH. PSV-500-3D Scanning Vibrometer. Available online: https://www.polytec.com/de/vibrometrie/produkte/full-
field-vibrometer/psv-500-3d-scanning-vibrometer (accessed on 13 February 2022).

50. Kullback, S.; Leibler, R.A. On Information and Sufficiency. Ann. Math. Stat. 1951, 1951, 79–86. [CrossRef]
51. Ertürk, E. Entwicklung und Validierung Einer Methodik zur Struktursimulation Ineinander Spritzgegossener Kunststoffbauteile.

Master’s Thesis, Universität Stuttgart, Stuttgart, Germany, 2020.

http://doi.org/10.1122/1.1423312
http://doi.org/10.1017/jfm.2011.165
http://doi.org/10.1016/j.jnnfm.2010.12.010
http://doi.org/10.1016/j.compositesa.2009.06.010
http://doi.org/10.1002/pc.20912
http://doi.org/10.1177/0021998304048413
http://doi.org/10.1122/1.2000970
https://www.kanirope.de/aramidseil-arabraid-6mm-meterware-lfm-8-fach-geflochten-kanirope#product_info
https://www.kanirope.de/shop/aramidseile-geflochten
https://www.kanirope.de/shop/aramidseile-geflochten
https://www.bksv.com/-/media/literature/Product-Data/bp0231.ashx
https://www.bksv.com/-/media/literature/Product-Data/bp0231.ashx
https://www.bksv.com/-/media/literature/Product-Data/bp0244.ashx
https://www.bksv.com/-/media/literature/Product-Data/bp0244.ashx
https://www.polytec.com/de/vibrometrie/produkte/full-field-vibrometer/psv-500-3d-scanning-vibrometer
https://www.polytec.com/de/vibrometrie/produkte/full-field-vibrometer/psv-500-3d-scanning-vibrometer
http://doi.org/10.1214/aoms/1177729694

	Introduction 
	State of Art and Methods 
	State of Art of Injection Molding Simulations for Fiber Orientation Calculation 
	Methodology for Simulative and Experimental Fiber Orientation Investigations 
	Methodology for Experimental and Simulative Structural Dynamics Investigations 

	Results 
	Simulative and Experimental Fiber Orientation Investigations 
	Experimental and Simulative Structural Dynamics Investigations 

	Conclusions 
	References

