
processes

Article

Principal Component Analysis of Blast Furnace
Drainage Patterns

Mauricio Roche *, Mikko Helle and Henrik Saxén

Thermal and Flow Engineering Lab, Åbo Akademi University, 20500 Turku, Finland
* Correspondence: mroche@abo.fi

Received: 4 July 2019; Accepted: 5 August 2019; Published: 7 August 2019
����������
�������

Abstract: Monitoring and control of the blast furnace hearth is critical to achieve the required
production levels and adequate process operation, as well as to extend the campaign length. Because
of the complexity of the draining, the outflows of iron and slag may progress in different ways during
tapping in large blast furnaces. To categorize the hearth draining behavior, principal component
analysis (PCA) was applied to two extensive sets of process data from an operating blast furnace with
three tapholes in order to develop an interpretation of the outflow patterns. Representing the complex
outflow patterns in low dimensions made it possible to study and illustrate the time evolution of
the drainage, as well as to detect similarities and differences in the performance of the tapholes.
The model was used to explain the observations of other variables and factors that are known to be
affected by, or affect, the state of the hearth, such as stoppages, liquid levels, and tap duration.
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1. Introduction

The blast furnace represents the most relevant process on the main route for ore-based production
of iron in the steelmaking industry. An important part of the process is its lowest region, better known
as the hearth, where molten iron and slag are collected before they are drained (“tapped”) out through
the tapholes. In large-size furnaces, this drainage procedure is carried out by opening alternating
tapholes from where both liquid phases are tapped out simultaneously. Different tapping rates may
occur, partly because of differences in the production or internal conditions in the hearth, leading to
variation of the levels of the liquid phases. The outflow rates are anticipated to be lower in the beginning
of the tapping, increasing as the drainage proceeds owing to erosion of the taphole. The erosion may
be further induced by the arrival of newly produced hotter liquids that have not experienced heat loss
to the hearth lining. The goal is to drain sufficient amounts according to observations and estimations
to keep the liquid levels low in the furnace [1,2].

In large-scale operation, productivity and efficient operation of the casthouse might be jeopardized
by the variation of operating factors. Some of the most common concerns are liquid-level fluctuations
caused by production/extraction imbalance, and erosion of the hearth lining. Because of the complexity
of the process and besides the lack of direct measurements, the understanding and control of the
tapping procedure represent both difficult and essential tasks in order to ensure an efficient operation.

Earlier studies of alternating tapping practice presented differences in taphole length, amounts
of liquids extracted, and hot metal temperature between the operating tapholes [1,3,4]. Even though
some correlations among production variables and erosion of both lining and taphole were established,
little is known about what induces such variations and how. Computational fluid dynamics (CFD)
simulations were undertaken with the goal to clarify the relation between production variables,
implicitly or explicitly suggesting that there may be considerable spatial distribution of the variables
or differences depending on local conditions at the tapholes [5–8].
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Many previous efforts have been made to shed light on the hearth fluid dynamics and the
phenomena that occur during and between the taps. In contrast to earlier notions, the fact that iron
can be drained to levels below the taphole was clarified in the 1980s by Tanzil et al. [9], who made
small-scale experiments supported by computational analysis. The investigators showed that the flow
of the viscous slag phase leads to a lower pressure in front of the taphole, which makes it possible to
elevate iron from levels well below the taphole, thus leading to simultaneous outflow of the two liquid
phases. Nouchi et al. [3] presented experimental work that associated slag ratio (mass ratio of slag
to iron) with liquid levels and tap duration, as well as how the time corresponding to a maximum
of the slag ratio shifted with changes in the conditions. Furthermore, the results showed that at
constant conditions, the maximum slag ratio increases if low-permeability zones are present in the
hearth. On the other hand, Nishioka et al. [10] pointed out that only taphole mud quality or erosion
of the operating taphole could not explain the duration of the tapping and the fluctuations in the
drainage rate. Even though some causal factors have been identified or suggested, little is reported
about the occurrence or frequency of such fluctuations. Iida et al. [2] reached similar conclusions to
Nishioka et al. [10], also suggesting that coke particle size and configuration in front of the taphole play
important roles for the liquid outflow rates. These results indicate that local conditions at the taphole
might cause such imbalance. Furthermore, in later efforts [1], the authors developed a mathematical
model that led them to conclude that discrepancies between operating tapholes in terms of liquid
drainage rate and tap duration were the result of local zones of low permeability. According to their
model, the metal fraction depended on the vertical level of the iron–slag interface compared with the
taphole level.

Several studies in the literature have presented models of hearth drainage [1,2,10–13]. A recent
study by the present authors proposed a simple offline model simulating the liquid level fluctuations
in a hearth with intermittent tapping [14]. By applying different conditions to each taphole, it was
demonstrated that some outflow patterns and slag delays observed in a blast furnace could be
mimicked. Thus, the model makes it possible to theoretically evaluate the role of different parameters.
Furthermore, an online liquid-level model was also proposed based on similar simplifications and
assumptions, but using estimates of the production and outflow rates [4]. The model considers a
division of the hearth into pools with individual liquid levels. Its application indicated non-uniform
drainage among the tapholes, as well as periods of accumulation and depletion of both iron and slag.
However, certain drainage behaviors were observed that could not be explained by the models, so a
deeper understanding of the hearth drainage behavior is needed. An analysis of the recurrence of
outflow patterns and transition from one to another could provide some understanding of the blast
furnace hearth state, even though irregularities frequently seen in the data make it difficult to identify
and categorize the observations in an appropriate way. It is thus clear that a data-driven analysis of the
liquids outflow patterns could be useful. The present paper addresses this very problem using principal
component analysis to compress the information to make it easier to understand and illustrate.

2. Principal Component Analysis

The main purpose of principal component analysis (PCA) is to reduce the dimensionality of
multivariate data. The method also provides guidelines on the number of components needed to
represent the data in question with sufficient accuracy.

Consider a sample data Y of mean-centered measurements with n observations on q
variables [15,16]. First, the linear combination t1 = Yp1 is found that accounts for the maximum
variance subject to

∣∣∣p1
∣∣∣ = 1. This represents the first principal component. The second component

is a combination defined by t2 = Yp2 that has the next greatest variance subject to
∣∣∣p2

∣∣∣ = 1 with
the conditions that it is uncorrelated with, and orthogonal to, the first component t1. The following
components are similarly determined. The sample principal component loading vectors pi are the
eigenvectors of the covariance matrix of Y. PCA decomposes the observation matrix Y as



Processes 2019, 7, 519 3 of 18

Y = TPT =

q∑
i=1

tiPT
i . (1)

If a considerable part of the variation is represented by the contribution of a smaller number of
components, these components can replace the original data.

The present paper aims to identify and classify iron and slag outflow patterns from a reference blast
furnace by applying PCA to two data sets. The data representation in lower-dimensional components
is presented in the following section in order to identify and visualize possible trends in the drainage
patterns. Some interpretations of the results will also be presented with respect to hearth dynamics
and tapping procedure.

3. Method and Data Sets

The data analyzed consists of two data sets, Data set 1 and 2, of three and six months worth of
measurements of liquid outflow rates, respectively, from a large blast furnace with three tapholes,
TH-1, TH-2, and TH-3. Between the end of Data set 1 and the beginning of Data set 2, 15 months of
operation passed. The iron outflow rate was obtained from torpedo weighing, while the slag outflow
rate was estimated based on measurements from the granulation unit. Both signals were available as
one-minute averages. Considering the recorded times from the individual taps, the liquid outflow rate
for each tapping was calculated, resulting in a total of 887 consecutive ones for Data set 1 and 1729 for
Data set 2. From here on, individual tapping samples will be referred as taps, while tapping will refer
to the drainage process.

3.1. Pre-Processing of the Data Set

After visual inspection of the samples, systematic abrupt changes of the iron outflow rate (>5
tonne/min in a couple of minutes) were noticed, which did not agree with the overall trend. Such
deviations were found to be caused by torpedo changes, so they were filtered out of the samples.
The outflow samples were subjected to additional pre-processing conditions in order to discard samples
that, owing to error in the measurements or records, could potentially corrupt the classification. Among
these conditions were the following:

• outflow near zero for any of the phases;
• taps shorter than 40 min that may occur as a result of disturbances, stoppages, or contingencies;
• any of the phases shows an outflow rate above 2% of the production rate at all times (i.e., also

during the intercast period, where there should be no liquid outflows); and
• the total outflow abruptly goes near zero as a result of measurement errors or possibly

taphole clogging.

After excluding such samples, 776 taps remained in Data set 1 and 1463 taps in Data set 2,
accounting for 87% and 86% of the original data sets, respectively. Nonetheless, the excluded samples
were taken into account when estimating the slag delay (see below).

It was found to be appropriate to use a threshold for the outflow rate, set at 2% of the production
rate, to indicate when the flow of the liquid in question (iron or slag) has started during the tap.
This condition was needed as liquids from a tap often progressed in the runner to the torpedo and
the granulation units for some minutes after the tapping ended, and so, based on this information,
the moments when iron and slag started flowing out were noted, and the difference between these two
times is called “slag delay” in what follows. Note that a negative slag delay means that slag starts
flowing out first. The slag delay has an important meaning as it reflects the vertical location of the
iron–slag interface in the hearth at the moment when the taphole is opened; therefore, it is an important
feature to identify with the present method. Figure 1 illustrates two cases where different locations of
the iron–slag interface determine which liquid phase will be “seen” first, that is, if the slag delay will
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be positive or negative. The figure depicts the state of the interfaces just before the tapping ends (solid
lines), just after the tap has ended and the interfaces have become horizontal (dotted lines) and the
state just before the next tapping starts (dashed lines). In case (a), the right taphole has drained more
slag and less iron, so the iron–slag interface is not significantly below the left taphole as the tapping
ends, and while the tapholes are plugged, it rises above the left taphole. This will result in a positive
slag delay in the following tap from the left taphole. As this taphole will start with iron-only flow, slag
keeps on accumulating in the hearth, elevating the slag–gas interface. The duration of the tap is long
and the iron–slag interface will have time to descend well below the taphole, eventually leading to
the state depicted in the right panel, yielding a negative slag delay for the right taphole, as shown in
case (b).
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Figure 1. Illustration of two cases of slag delay: (a) positive slag delay (for the left taphole), (b) negative
slag delay (for the right taphole).

PCA is a scale-dependent method. Thus, if the data matrix has variables of considerably bigger
magnitude than others, these will have dominant weights in the sub-dimension. Therefore, the outflows
were normalized by calculating the slag share, defined as

Sslag(i) =
mslag(i)

miron(i) + mslag(i)
, (2)

where i denotes the time, while miron(i) and mslag(i) are the corresponding mass flow rates of iron
and slag from the furnace for the same time. The share of slag was considered an interesting variable,
because work by other investigators has demonstrated that the hearth state may affect the distribution
of the two liquids in the taps from multi-taphole furnaces [2,3,10]. Furthermore, in order to normalize
the tap duration (defined as the time elapsed between the moment when the first liquid starts flowing
out till the last liquid stops flowing out of the taphole), Sslag was down-sampled to 10 average points,
each representing one tenth of the duration of the tap. Thus, all taps were represented by ten values of
the slag share, which facilitated a comparison between the results of different taps despite differences
in tap duration. This down-sampling was found to yield an acceptable representation of the variable
without losing much significant or relevant information. Thus, the vector length of the samples to be
categorized was of 10. The method aims to identify outflow patterns within the production levels of
the BF; therefore, both slag fraction and tapping duration were required to results pattern-dependent.
Figure 2 presents a few examples from Data set 2 that depict some typical liquid outflow patterns,
illustrating the phase that is first observed—hence, the start of the tap—and how the tap durations
may vary. The top panels of Figure 3 show the corresponding slag shares calculated by Equation (2)
for the same four taps. The lower panels of the figure show, using solid squares, the corresponding
10-point normalized curves. As seen from the four examples, the evolution of the share of slag in the
outflowing liquid mixture may show quite different characteristics.
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and (d) positive slag delay and 140 min tap duration.
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Figure 3. Slag share for the taps presented in Figure 2. Upper panels: one-minute values obtained from
the measurements. Lower panels: information discretized into 10 points (solid squares) and principal
component analysis (PCA) reconstruction (open circles).

A preliminary study of the normalized outflow patterns showed differences between data sets
and tapholes. Figure 4 shows the slag share for the 10 average points or variables of the data sets
after preprocessing. Data set 1 is presented in Figure 4a, while Data set 2 is presented for comparison
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in two equivalent consecutive subsets of 720 and 763 taps in Figure 4b,c, respectively. The median
curves for each taphole are depicted, as well as the median for the whole data set or subset and their
corresponding 25th and 75th percentiles. The median for TH-1 in Data set 1 is seen to be similar to
the 25th percentile of this dataset, while for TH-2, it is similar to the 75th percentile, particularly for
variables 1 and 8–10. The median of TH-3 is, on the other hand, comparable to the global median.
The median for the first subset of Data set 2 shows higher slag shares for all variables compared with
Data Set 1, particularly for variable 1, where the median of TH-1 falls below the global median, while
median of TH-2 falls above, and for TH-3 at the same level. Taphole median values are found above
and below the global median in different orders for the other nine variables. In the second subset of
Data set 2 (cf. Figure 4c), variable 1 shows a decrease from 0.35 to 0.23, with TH-1 and TH-2 medians
below the global median and TH-3 above. Similar median curves are observed for variables 2–10 as in
the first subset in Figure 4b.
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Figure 4. Overall median curves of Data set 1 and 2 and median by taphole (TH), (a) Data set 1, (b) first
half of Data set 2, (c) second half of Data set 2.

In summary, interesting variability is observed within and between the data sets, and between the
different tapholes. This motivates the effort to identify the outflow patterns that may occur during
certain periods and how they persist or develop during the operation of the blast furnace. Next, a
systematic PCA-based analysis of the outflow patterns of the two data sets is presented.

3.2. Post-Processing of the Results

Matlab’s PCA algorithm was applied separately to the two discretized data sets. After subtracting
the mean value corresponding to each variable, the algorithm computes by singular value decomposition
the coefficient matrix corresponding to each variable per component. The 10-dimensional vector is
represented by 10 components yielding a 10 × 10 coefficient matrix. The algorithm also computes the
scores matrix corresponding to each observation per component, that is, there are as many individual
score vectors as samples. On the basis of Equation (1) and adding the mean value of each variable,
the observations can be reproduced. In this way, the variability of each component or dimension can
be studied. Figure 5 presents the different pattern ranges that the first four principal components
represent in the two data sets.
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Figure 5. Slag share ranges represented by the principal component (C1 . . . C4) for Data set 1 (left
panels) and Data set 2 (right panels). Solid lines represent the mean pattern, dotted lines the lowest
values (labelled A), and dashed lines the highest (labelled B). The percentage of variance explained by
each component is reported in the right top part of each subpanel.

After studying the results, it can be hypothesized that the first component (C1, top panels) largely
reflects the slag delay expressed in terms of slag share in the initial part of the tapping, where zero
corresponds to iron-first and one to slag-first drainage. The second component (C2) captures mainly
the level of the slag share (excluding variable 1), falling in the range of 0.1 to 0.3 for both data sets
(corresponding to a slag ratio of 110–430 kg/thm, where subscript hm denotes hot metal). The third and
fourth components (C3 and C4) represent changes in the share of slag during tapping. Even though
the data sets were treated separately, C1 and C2 display a similar meaningful representation of the
data in the principal component space. C4 in Data set 1 and C3 in Data set 2 show similar pattern
ranges as well. As seen in Figure 4, the outflow patterns of the three tapholes display different trends
from variable 2 to 10, and this trend can be captured by the slopes that C4 in Data set 1 and C3 in Data
set 2 describe. It can be concluded that these slopes reflect how the slag share develops during the
tapping when both phases flow out. Figure 5 also indicates by solid lines the pattern corresponding
to the mean values for each data set, which are seen to be very similar. In the principal component
space, this pattern corresponds to the interception of the components, which is referred to as the mean
pattern in what follows. The dotted lines correspond to lowest values in the principal component space
(denoted by A) and the dashed lines correspond to highest values (denoted by B).

The algorithm also reports the percentage of the total variance explained by each component.
In Data set 1, the first four components explain 78.4%, 9.2%, 5.8%, and 4.0%, respectively, while in Data
set 2, they explain 77.8%, 9.3%, 5.7%, and 3.6%, respectively. Considering the meaningful information
that the components provide, C1, C2, and C4 were selected for Data set 1, which together explain 91.6%
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of the data variation. To provide an equal representation of the data sets and to allow for a comparison,
C1, C2, and C3 were selected for Data set 2, together explaining 92.8% of the variation. An accuracy
exceeding 90% was considered sufficient to represent the data sets and consequently enough to make a
meaningful analysis of the results.

4. Results

The method as a batch algorithm organizes all samples in the component dimensions regardless
of the taphole operated. In order to process the results, moving averages of the selected principal
components for the latest 20 taps (corresponding to approximately two days of operation) were
considered. The average was calculated for each taphole, taking into account the taps that occurred
within the latest 20-tap window. Thus, this post-processing criterion yields a quasi-time evolution. It is
important to stress that the main objective of the work is to reveal similar or different behavior of the
drainage from the different tapholes to gain understanding of the variability seen during operation.
The left panel of Figure 6 shows a lay-out of the three tapholes in the furnace. The right top and
bottom panels present the periods during which the tapholes were operated in Data set 1 and Data set
2, respectively. Each taphole is typically operated about three weeks for the blast furnace in question.
This schedule results in the alternating operation of two tapholes at the time, with some overlap (where
all three tapholes are used) during the transition periods. The figure also indicates the (numbered)
periods that are analyzed in the following subsections.

Processes 2019, 7, x FOR PEER REVIEW 8 of 18 

 

comparison, C1, C2, and C3 were selected for Data set 2, together explaining 92.8% of the variation. 
An accuracy exceeding 90% was considered sufficient to represent the data sets and consequently 
enough to make a meaningful analysis of the results. 

4. Results 

The method as a batch algorithm organizes all samples in the component dimensions regardless 
of the taphole operated. In order to process the results, moving averages of the selected principal 
components for the latest 20 taps (corresponding to approximately two days of operation) were 
considered. The average was calculated for each taphole, taking into account the taps that occurred 
within the latest 20-tap window. Thus, this post-processing criterion yields a quasi-time evolution. It 
is important to stress that the main objective of the work is to reveal similar or different behavior of 
the drainage from the different tapholes to gain understanding of the variability seen during 
operation. The left panel of Figure 6 shows a lay-out of the three tapholes in the furnace. The right 
top and bottom panels present the periods during which the tapholes were operated in Data set 1 
and Data set 2, respectively. Each taphole is typically operated about three weeks for the blast furnace 
in question. This schedule results in the alternating operation of two tapholes at the time, with some 
overlap (where all three tapholes are used) during the transition periods. The figure also indicates 
the (numbered) periods that are analyzed in the following subsections. 

 
Figure 6. Taphole location in the reference furnace (left) and operating periods of the tapholes for the 
Data set 1 (right top) and Data set 2 (right bottom). The sub-periods studied in following sections are 
also indicated. 

It should be noted that the representation, because of the data compression and averaging, does 
not provide detailed information about single days of operation. However, the comparison between 
tapholes at any given point could indicate agreement or disagreement between the outflow patterns. 
We will present some snapshots (cf. Figures 7–10) of the motion of the averages of the principal 
components as time evolves. The corresponding components of the tapholes are depicted by blue line 
and diamonds (TH-1), red line and squares (TH-2), and green line and circles (TH-3). For the sake of 
clarity, the two most important components (C1 and C2) are plotted versus each other in a “phase 
plot” for shorter sub-periods (cf. Figures 7 and 9). 

The positions of the markers on each curve indicate the average value of the components 
corresponding to each tapholes for the last 20 observations. For instance, a blue diamond labeled “70” 
indicates the average location in the principal component space of taps from TH-1 from taps 50 to 70 
regardless of taphole. As the tapholes are operated alternatively, the same number label will appear 
next to the markers on the curves of the operating tapholes, indicating the pattern progression. For 
clarity, arrows show the direction of the evolution, and labels “start” and “end” are used to indicate 
the first and last points of operation of a taphole if it occurs in the period. On the axes of each 
component, the limits of the component (lower by A, upper by B, cf. Figure 5) are also indicated. In 
addition to the phase plot of C1 and C2, similar averages of an additional principal component, C4 

Figure 6. Taphole location in the reference furnace (left) and operating periods of the tapholes for the
Data set 1 (right top) and Data set 2 (right bottom). The sub-periods studied in following sections are
also indicated.

It should be noted that the representation, because of the data compression and averaging, does
not provide detailed information about single days of operation. However, the comparison between
tapholes at any given point could indicate agreement or disagreement between the outflow patterns.
We will present some snapshots (cf. Figures 7–10) of the motion of the averages of the principal
components as time evolves. The corresponding components of the tapholes are depicted by blue line
and diamonds (TH-1), red line and squares (TH-2), and green line and circles (TH-3). For the sake of
clarity, the two most important components (C1 and C2) are plotted versus each other in a “phase plot”
for shorter sub-periods (cf. Figures 7 and 9).

The positions of the markers on each curve indicate the average value of the components
corresponding to each tapholes for the last 20 observations. For instance, a blue diamond labeled
“70” indicates the average location in the principal component space of taps from TH-1 from taps 50
to 70 regardless of taphole. As the tapholes are operated alternatively, the same number label will
appear next to the markers on the curves of the operating tapholes, indicating the pattern progression.
For clarity, arrows show the direction of the evolution, and labels “start” and “end” are used to
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indicate the first and last points of operation of a taphole if it occurs in the period. On the axes of
each component, the limits of the component (lower by A, upper by B, cf. Figure 5) are also indicated.
In addition to the phase plot of C1 and C2, similar averages of an additional principal component, C4
for Data set 1 (cf. Figure 8) and C3 for Data set 2 (cf. Figure 10), are plotted in a separate panel for each
data set along with the average tap duration of the operating tapholes.

4.1. Data Set 1

Figure 7 presents C1 versus C2 for Data set 1, while Figure 8 depicts the evolution of C4 and the
tap duration. Four periods are studied from Data set 1, referred to as Periods 1.1–1.4 (cf. Figure 6).
They range from 7 to 16 days of operations and include segments of operation where one taphole is
replaced by another, as well as segments where a taphole pair operates.

4.1.1. Period 1.1

Figure 7a shows the evolution of C1 versus C2 for Period 1.1 ranging from tap 40 to 150 and
corresponding to 15 days of operation. Initially, TH-2 and TH-3 operate with stable outflow patterns
with little variation for taps 40–70. TH-2 shows short negative slag delay (positive C1) where slag
flows out first, while TH-3 shows a short positive slag delay (negative C1) where iron flows out first.
This slight imbalance can be explained by the reasoning presented in Figure 1. By tap 70, both tapholes
exhibit outflow patterns resembling the mean. However, at the time when TH-1 starts operating (after
tap 100), TH-3 has shifted towards a higher slag share (positive C2). As TH-1 initially drains a relatively
high share of iron, the system reacts to compensate for such an imbalance with TH-3. The balance
before this moment and the imbalance that follows are also seen in C4 in the top panel of Figure 8.
By tap 130, the drainage reaches a more stable distribution, with TH-1 showing a positive slag delay
and TH-2 and TH-3 a negative slag delay. After TH-3 ends its operation, TH-1 and TH-2 show little
variation, with TH-1 draining more iron than TH-2. One-day stoppages occur at taps 74 and 141, but
do not affect the drainage patterns.

Figure 8, in turn, shows that C4 values higher than the mean occur when the tap duration is short.
As seen in Figure 5, high C4 values correspond to a negative slope of slag share. Thus, if the slag share
is high at the beginning of the tapping and, as a consequence, the descent of the slag–gas interface is
rapid, a short tap duration can be expected because the moment when the slag–gas interface bends
down to the taphole will end the tap [9] (cf. Figure 1). This holds true for TH-1 and TH-2 beyond
Period 1.1.

4.1.2. Period 1.2

Figure 7b shows C1 versus C2 for taps 180–320, corresponding to the 16 days of operation in
Period 1.2 that starts two days after the end of Period 1.1. Period 1.2, where TH-1 and TH-2 operate
alternately, is particularly interesting because the tapholes are opposite (cf. Figure 6), so possible
differences in the in-hearth conditions should be discerned during the period. The results indeed
suggest drainage imbalance: at tap 180, TH-1 and TH-2 display similar patterns to those seen at the
end of Period 1.1, that is, positive slag delay for TH-1 and negative for TH-2. For taps 180–210, the slag
share decreases in TH-1, while it increases in TH-2 and the outflow patterns remain fundamentally
different, but from tap 210 onward, the imbalance gradually disappears and the patterns become more
similar. By tap 255, the two tapholes show patterns where the two liquids flow out simultaneously.
TH-2 still drains a higher share of iron than TH-1, but the differences gradually become smaller, even
though TH-1 still drains iron first while TH-2 drains slag first. As for C4, in Period 1.2 (like the previous
period), a negative correlation is seen with the tap duration (cf. Figure 8). The taphole showing a larger
C4 value changes from one to the other, in pace with the taphole showing the shortest tap duration.
In the end of this period, all principal components considered approach the mean values for both
tapholes, but the strong imbalance lasted for about 100 taps of operation of the taphole pair, reflecting
the slow dynamics of the system.
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4.1.3. Period 1.3

Figure 7c shows the period between taps 340 and 420, starting two days after Period 1.2 ended.
It covers eight days of operation, where TH-2 ends while TH-3 starts its operation. At tap 340, TH-1
and TH-2 show outflow patterns of similar characteristics to those in the previous period: TH-1 with
lower slag share and iron-first flow and TH-2 with higher slag share and slag-first flow. In this drainage
state, the “incoming” taphole TH-3 starts with a simultaneous drainage of both liquid phases and with
a slightly higher iron share than what TH-1 exhibited initially in Period 1.1. This suggests that at the
moment when TH-3 starts its operation, the iron–slag interface is at the taphole level. For taps 370–395,
TH-3 adopts the same performance that TH-2 showed before its operation ended. However, by tap
420, both TH-1 and TH-3 drain a higher iron share, but a positive and negative slag delay, respectively.
This drainage state should trigger an imbalance in the systems as more iron is drained than produced,
but may reflect a temporal state (with low slag rate). Yet, the internal conditions still seem to allow for
a rather uniform liquid flow within the hearth. Figure 8 shows that all three tapholes yield medium or
high C4 values and short or average tap durations.

4.1.4. Period 1.4

The results of the final period of Data set 1, starting six days after Period 1.3 has ended and lasting
for seven days ranging from tap 550 to 620, are shown in Figure 7d. At tap 550, both TH-2 and TH-3
show a slag share close to the average (0.2) and short positive and negative slag delays, respectively.
As expected, the slag share increased after Period 1.3, and the increase continues in TH-1. TH-3 shows
little variation in the share of slag, but shifts to a positive slag delay around tap 595. By contrast,
the slag share for TH-2, which is taken into operation, increases rapidly. The tap duration for TH-1
is considerable longer than for TH-3 (cf. Figure 8), suggesting that the system reaches a balanced
drainage state mainly through changes in the outflows of TH-1.

4.2. Data Set 2

Figure 9 presents the C1 versus C2 for Data set 2 and Figure 10 the results for C3 in the top panel
and tap duration in the bottom panel. Six periods are studied (cf. Figure 6), with period lengths
ranging from 9 to 16 days of operation, including segments where one taphole starts its operation and
another ends it.

4.2.1. Period 2.1

Figure 9a shows the evolution of C1 versus C2 for Period 2.1, taps 40–170, corresponding to
16 days of operation of Data set 2. TH-1 starts operating around tap 50 with a long positive slag
delay, but with a higher drained share of slag compared with the other tapholes. Figure 10 confirms
these features by showing a low C3 value, that is, a positive slope of the slag share: as iron drains
first, the slag outflow rate is small initially, but increases as the iron level descends and the taphole
erodes. As expected, the tap duration is long; an initial high iron share indicates a high iron level in the
hearth and a longer time will elapse until the slag–gas interface has descended sufficiently to end the
tapping. However, as the operation continues, the slag share steadily decreases in TH-1. Inspection
of the individual outflows from this taphole during the period revealed that the iron flow of some
taps was interrupted or highly irregular. This suggests an unsuccessful drainage of iron from the
taphole, even though iron was initially the first phase to flow out. For TH-3, the outflow patterns fall
close to the mean and vary little during the last 30 taps of this taphole. As for TH-2—taphole that
operates throughout the whole period—fluctuations between positive and negative slag delays are
observed, but with low variation in C2 and an overall slag share close to 0.2. With time, both TH-1 and
TH-2 converge around tap 170 to similar patterns with short negative slag delays. The tap duration
decreases for both tapholes, which may indicate a poor slag drainage. C3 in Figure 10 also indicates
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that from tap 170 onwards, TH-1 shows a negative slope, that is, the iron share increases as the tapping
progresses. This is a significant pattern shift from the drainage in the earlier parts of the period.
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4.2.2. Period 2.2

Period 2.2 (Figure 9b), with taps 220–300, covering 11 days of operation, shows another type of
evolution of the principal components. TH-1 operates throughout the period, TH-2 up to tap 270,
while TH-3 is taken into operation some taps earlier. TH-1 shows a cyclical evolution in the (C1, C2)
plane, where C1 first decreases and then increases back to the level of the starting point, while the
changes in C2 are smaller. Thus, the main differences are in the slag delay, which changes from zero to
clearly positive, and then back again. By contrast, for TH-2, taps 220–270, which represent the last
50 taps with this taphole operating, the main change is seen in C2: the operation shifts from a low
slag share towards a high one with no slag delay, finally drifting to a state with a negative slag delay.
A descent of the iron–slag interface in the hearth at TH-2 could lead to an increase of the slag share
in the tapping and eventually also to a negative slag delay. By tap 270, TH-1 drains enough iron to
lower the iron–slag interface to yield a negative slag delay (cf. Figure 1b) for TH-2, as it is ending its
operation, and for TH-3, a few taps after its operation starts. Such behavior is discussed at some length
in the work of [17]. C3 for TH-2 (Figure 10), in turn, indicates that the slope of the slag share increases,
which can also be explained by the descent of the iron–slag interface. As TH-3 is taken into operation,
the taps initially show a low slag share, but the outflow patterns rapidly change to become similar to
those of TH-2 (around tap 270). Compared with Period 2.1, the tap duration for TH-1 is shorter as C2
decreases and C3 increases, even though C1 stays low.

Summarizing the findings, the changes in the hearth during the period reflect a strong imbalance
in the liquid volumes tapped from the tapholes. Measures in the casthouse taken at the beginning and
at the end of the period, for example, different tapping sequences or the use of different drill diameters,
may trigger such an imbalance. Nonetheless, local conditions in certain hearth regions or taphole
conditions cannot be ruled out as influencing factors. More information about specific taps should be
analyzed in order to explain the reason for the imbalance observed.

In the six-week segment between Periods 2.2 and 2.3 (not shown), TH-1 shows some variation
of the slag delay, but the overall slag share stays close to the mean. TH-3 initially shows a negative
slag delay and then drifts towards the mean pattern, and to a positive slag delay as TH-2 is taken into
operation. This “new” taphole starts its operation with a long positive slag delay and high iron share
to converge to the states of the other two tapholes, suggesting that liquid levels are in balance in the
different regions of the hearth. The changes in slopes described by C3 in the top panel of Figure 10 may
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reflect the system’s response to maintain such a balance. Like in previous periods, a positive slope
(lower C3) implies longer tap duration. For taps 500–620, the outflows from TH-2 and TH-3 show less
variation in the three principal components, despite a six-day stoppage after tap 603.

4.2.3. Period 2.3

Figure 9c presents the evolution of (C1, C2) for the period that spans from taps 620 to 720,
corresponding to 13 days of operation. This period occurs after a six-day stoppage, where operation
restarts with tap 604. Thus, tap 620 in the (C1, C2) plane represents the average location of the 16
taps after operation was resumed. TH-3 ends its operation as TH-1 is taken into use. At tap 620,
the principal components for TH-2 suggest drainage close to the mean pattern, while the flow from
TH-3 has a higher slag share. Thus, it is expected that TH-1, when introduced (replacing TH-3), will
count with a higher iron share, as is also seen in C2. TH-1 initially shows a high iron share and negative
slag delay, to later show higher a slag share. Also, the slag delay changes from negative to positive and
then negative again. The behavior of TH-2 is almost opposite, indicating that the end levels of the
iron–slag interface show a mirror relation (noting that TH-1 and TH-2 are opposite tapholes). Finally,
the outflows of TH-1 and TH-2 converge to similar patterns by tap 720. C3 indicates a progressive
change in opposite directions of TH-1 and TH-2 before tap 700 to then reach a more balance distribution
around the mean. A negative correlation between C3 and tap duration is again observed.

4.2.4. Period 2.4

Period 2.4 represents seven days of quite stable and uniform operation (Figure 9d, taps 800–880),
where TH-1 operates throughout the period, TH-2 ends, and TH-3 starts its operation in the beginning
of the period. TH-1 and TH-2 initially display a slightly positive slag delay and a mean slag share of
0.2, and as TH-3 is introduced, a positive slag delay is also expected. However, local conditions or
operating actions result in a high iron share for TH-3, inducing imbalance as explained in Figure 1.
At tap 820, TH-3 drains according to the mean pattern without slag delay, and the high iron share of
TH-2 is counteracted by a shift in outflow of TH-1 to a higher slag share. The variations in C3 for all
tapholes are small (Figure 10). After TH-2 is taken out of operation, the other tapholes show stable
outflows, but TH-1 drifts towards a state with negative slag delay.

4.2.5. Periods 2.5 and 2.6

Period 2.5 (Figure 2e) represents a nine-day segment (taps 970–1040) that holds both positive and
negative slag delays, but the slag share varies little. It can be argued that similar drainage conditions
prevail at the tapholes with a uniform distribution of the liquids in the hearth. However, at the
point where TH-1 is substituted by TH-2 (before tap 1020), its iron drainage has become poor: TH-1
experiences problematic taps much more often than TH-2 and TH-3. As a result, TH-2 drifts to a higher
iron share and positive slag delay by tap 1020. Even though TH-2 drains enough iron, the tap duration
is short, suggesting that slag is also poorly drained. As a consequence, both TH-2 and TH-3 show a
higher slag share in the outflows by tap 1040. The imbalance of the drainage system is also seen in C3,
but for taps 1050–1250, a more stable operation is noticed. This can be compared to similar segments
following periods with a larger variation, for example, taps 350–600 and taps 800–100.

Finally, Period 2.6 is studied, which represents the nine-day segment with taps 1260–1340. During
this period, TH-1 starts operating, while TH-3 ends. As also seen in Period 2.4, when both operating
tapholes show iron-first tapping (i.e., positive slag delay), the “incoming” taphole will also do so.
The initial imbalance in the share of slag drained between TH-1 and TH-2 vanishes by tap 1310, when
TH-3 has already been taken out of operation. TH-1 maintains a long positive slag delay until tap 1340,
while TH-2 shifts to a negative one, but towards the end of Data set 2, the outflows of the two tapholes
fall close to the mean.
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5. Results of PCA and Liquid Level Model

The large hearth diameter in multi-taphole blast furnaces may give rise to zones of different
coke-bed permeability, which leads to differences in the local conditions and liquid levels [18,19].
A mathematical model was developed by the present authors [14] and applied to study the effect of
different parameters and variables on the liquid levels and drainage process. The hearth was modelled
as two interconnected pools of liquids, where communication factors can control the flow from one
taphole zone to the other. Figure 1 illustrates the states of a hearth with good communication between
the zones, resulting in uniform liquid levels (except the in/declining parts in the vicinity of the tapholes).
A sensitivity analysis of the model was conducted to evaluate the effect of parameters on the tap
duration and slag delay. Therefore, some findings from the earlier study can be associated with the
PCA results presented here.

For instance, the model shows that poor iron communication increases the tap duration and slag
delay (Periods 2.1, 2.3, and 2.4), while poor slag communication does not change the tap duration,
but results in a negative slag delay (Periods 1.3 and 2.3). Asymmetric cases, where the pool sizes are
different, give rise to conditions resembling those observed during periods when one taphole ends its
operation and another is taken into use. Roche et al. [14] demonstrated that the asymmetric cases are
characterized by more negative slag delay (for one taphole) and longer tap duration (for the other).
This is observed in periods where the “incoming” taphole shifts from an initially positive slag delay to
a slight negative one after some taps (Periods 1.3, 2.1, 2.2, and 2.4).

Changes in the conditions in front of the taphole due to the interaction between the injected mud
and the coke bed [5] could potentially alter the internal level of the taphole with respect to the slag–iron
interface, causing differences in the slag delay and tap duration between operating tapholes. The final
declivity of the gas–slag interface is affected by the slag viscosity and coke diameter [20–22], which may
vary with time and affect the tap duration, and, therefore, the liquid levels, triggering some imbalance.

Regardless of the conditions in the hearth, the outflow from one taphole will affect the outflow
of the other. A sensitivity study of the outflow parameters by the model suggests that the system is
prompted to changes in slag delay and tap duration when different outflow patterns are imposed on
one taphole. A slower initial drainage rate of iron from one taphole yields a positive slag delay and
longer tap duration for the other, which, in turn, leads to a negative slag delay for the first taphole
because of low liquids levels (cf. Figure 1). This behavior is seen in several periods where the outflow
patterns are found in opposite regions of the (C1, C2) plane (Periods 1.1, 1.2, 1.3, 2.4, and 2.6). On the
other hand, a slow initial drainage rate of slag from one taphole yields slightly negative slag delays in
both tapholes and longer tapping. This seems to be the case with tapholes ending their operation when
compared with the operating one (Periods 1.3, 2.1, and 2.5). As observed in the results, the outflow
patterns diverge as a result of a triggering factor, but often converge after some period of operation
towards the mean pattern as the systems reaches balance again (as seen in Periods 1.2, 1.4, 2.2, and 2.4).
A constant monitoring of the variables during operation, for example, iron production, liquid outflows,
and slag delay, is a key to keep such imbalances within reasonable limits.

6. Summary of the Analysis

For the taps in the two data sets analyzed, TH-1 entered into operation four times, while TH-2
and TH-3 entered three times. Even though the data sets analyzed were quite extensive, the number
of taphole changes was still limited, and it is thus difficult to draw general conclusions about the
draining conditions of the taphole that is brought into operation. However, it can still be deduced
that if the taphole that enters into operation is located farther off (here, TH-1 or TH-2) and the liquids
are not in balance, it likely leads to more imbalance in the drainage. This is particular notable for
TH-1 in Periods 1.1, 2.1, and 2.6. This effect can be caused by smaller random effects, for example, in
the conditions in the coke bed at the taphole inlet that accentuate the characteristics of the pattern
when a taphole starts operating. Thus, an existing drainage imbalance sets the incoming taphole in an
extreme initial state. On the other hand, when the drainage of the system is balanced, the operation
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of the incoming taphole is not very different, even though it often initially shows some discrepancy
in terms of (typically positive) slag delay and slag share. This suggests that inactivity of a taphole
gradually leads to different conditions in the hearth in the vicinity of it. In the reference BF, the taphole
length was found to be initially considerably longer for the fresh taphole compared with the ones that
had been operating. As for the end of the operating period of a taphole pair, more extreme drainage
patterns were often observed. In the steel works in question, the incoming and outgoing tapholes
were operated alternately for a few taps, most likely to induce a smooth transition, but disturbances
were still seen. This also supports the hypothesis that different local conditions in the hearth may
arise, such as different liquid levels and differences in the hearth-coke permeability. The model-based
analysis of the liquid levels referred to in Section 5 indicated that the effective pool of the hearth that is
drained may grow during tapping [14]. Such distribution of volumes would not only lead to different
outflow patterns, but could also induce zones with different permeability with impact on lining and
taphole erosion.

Also, the results of C4 for Data set 1 and C3 for Data set 2 are interesting because of the cyclical
trend seen for all tapholes. These principal components showed negative correlation with the tap
duration in both data sets and for all three tapholes. As mentioned earlier, with an initial higher slag
share in the outflow, the slag–gas interface descends more rapidly. Additionally, some variation of the
slag share as the tapping evolves is expected as a result of taphole erosion. Another explanation is
that the fluid dynamics of the system induces such behavior, for example, the fact that iron has to be
elevated from levels below the taphole.

It should be stressed that the two-phase outflow, the unknown conditions of the coke bed and
the taphole entrance, and the taphole erosion make it difficult to explain the dynamics of the system.
In general, TH-3 showed a more uniform distribution of the samples around the mean pattern, most
likely owing to its location in the hearth. When operating alternately with either of the other two
tapholes, similar hearth conditions are expected because of their location. Further, TH-1 and TH-2
often showed opposite behavior in order to balance the drainage.

The liquid level model supporting the findings [14] has proposed some system parameters that
affect the outflow patterns of iron and slag. In light of the information gained in the present study,
there may be a need to re-evaluate the system with the model. A challenge is that every tapping
seems to show individual features, but the results presented in this paper still reveal some general
drainage patterns of the hearth, and interrelations between the drainage of two alternating tapholes.
In particular, it would be interesting to understand the transition paths between different common or
particular outflow patterns, which could be useful when an online model is developed. In order to
present more conclusive interpretations, a larger number of samples is necessary, where each taphole is
represented by a sufficient number of operating periods. Despite these limitations, the PCA-based tool
must be considered efficient in illustrating and condensing the information from individual samples
into a comprehensible and compact form. The tool can be used along with other information from the
BF to analyze how the system reacts after stoppages of different duration, an increase or decrease in
the production rate, interchanges of tapholes, changes of drill diameters, and other specific measures
taken in the casthouse.

7. Conclusions

Two data sets, corresponding to three and six months of operation of a blast furnace, were analyzed
with respect to the drainage of the furnace hearth. The blast furnace studied has three tapholes (TH-1,
TH-2, and TH-3) and the liquid outflow rates were calculated based on weighing of the torpedos
(hot metal) and signals from the granulation unit (slag). After inspecting individual outflow rates
throughout the data, certain outflow patterns were detected and some of them were found to recur.
To simplify the interpretation, the share of slag in the outflow was taken as the variable of primary
concern. After normalizing the tap duration, the evolution of the share of slag during the tapping
was down-sampled to ten variables to filter out some noise. To further compress the information
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and to make it possible to visualize the time evolution of the drainage patterns, principal component
analysis (PCA) was applied to the data sets. The results of the compression were analyzed and the first
two principal components were found to describe two relevant tapping features: the first principal
component (C1) basically describes the slag delay (i.e., the length of the period of one-phase flow in
the beginning of the tapping), and the second principal component (C2) describes the mean or end
slag share for the tapping. To better analyze the results, one additional component was considered,
which expresses how the slag share develops as both iron and slag are being drained. This component
was found to be the fourth component (C4) in Data set 1 and the third component (C3) in Data set 2.
For the sake of clarity, the results were post-processed into moving averages over the latest 20 taps.
The results presented in the paper focus mainly on detecting diverging or converging behavior of the
outflows of the operating tapholes based on the evolution of the principal components. The data sets
were divided into different periods. TH-1 was found to display the most erratic patterns, followed
by TH-2, while TH-3 exhibited less fluctuation. This is logical, as TH-3 is located between TH-1
and TH-2. Often, taphole changes were followed by draining imbalance, where the outflows from
all three tapholes occasionally showed large fluctuations, which were seen as extreme values in the
principal component space. After some time, the system typically stabilized, leading to drainage
that corresponded to the mean outflow pattern. Even though the reason for the disturbances often
remained unknown, the general behavior of the system could partly be explained by arguments based
on fluid dynamics. To generalize the findings, a longer data set may be needed, because random events
seem to have a considerable effect on the dynamics. Nonetheless, the PCA-based tool developed has
proven to be useful in capturing the evolution of hearth drainage in a few key indices, which may be
studied and analyzed in an attempt to gain further understanding of the complex industrial system at
hand. To assess the usefulness of the PCA-based approach, it is proposed that the model should be
implemented in the plant and the evolution of the (main) principal components could be studied and
correlated with other BF variables. This will allow for gathering further experience on what affects the
lower-dimensional representation of the liquids outflows and how the information could be utilized in
the casthouse operation. In conjunction with further analysis, the accuracy of the estimated liquid
outflow rates should also be evaluated, and, in particular, the quality of the estimated slag outflow rate.
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