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Abstract: In the context of climate change with frequent natural disasters, disaster risk assessment
can provide great help for related risk decision-making. Based on the theory of loss expectation, this
paper presents a quantitative method to assess typhoon disaster risk. Among them, the probability
of typhoon occurrence is calculated by fitting the optimal structure function of the sample to the
joint distribution of wave height, water increment and wind speed. Then, the loss expectation is
expressed as the product of typhoon occurrence probability and loss utility, which is used to quantify
the loss result of a typhoon disaster. Using the loss utility theory, the risk grade chart is drawn
with the direct economic loss rate and the proportion of the affected population as indicators. The
results show that the absolute loss value considering the loss utility is slightly higher than the loss
value of the quantitative algorithm by 2% to 25%, indicating that the new model reflects the social
group’s aversion to typhoon disaster risk. As can be seen from the risk level zoning map, the highest
combined risk level typhoons are Prapiroon 0606 and Chanthu 1003, with a risk level of Category
5. The typhoon comprehensive risk level before 2011 was ≥3, and the typhoon comprehensive risk
level from 2012 to 2015 was ≤3. The evaluation model has certain feasibility and practicability, and
the results can provide a basis and reference for typhoon risk assessment and decision-making.

Keywords: utility theory; typhoon disaster; risk assessment; loss expectation; three-dimensional
joint distribution

1. Introduction

In the context of climate change, which is mainly characterized by global warming,
extreme weather and climate disasters have increased significantly and their impact on
socio-economic development has become increasingly severe [1–3]. Among the extreme
weather and climate events, disaster losses caused by tropical cyclones are particularly
severe [4–6]. For example, the “720” Henan rainstorm event in 2021 was an extreme
rainfall event formed under the “push” of Typhoon In-fa. Information from the Central
Weather Bureau shows that from 20:00 on the 17th to 20:00 on the 20th, the cumulative
rainfall in Zhengzhou is almost equal to the average annual precipitation in Zhengzhou.
In addition, the maximum one-hour rainfall has exceeded the extreme value record of the
observatory data. This heavy rainfall event caused heavy casualties and widespread social
impact. Therefore, professional research for typhoon disaster damage as well as risk level
assessment is very necessary for coping with such disasters.

Loss risk can be measured by the expected degree of loss caused by a particular
disaster and is a function of the hazard factors and the vulnerability of the disaster-affected
body [7]. In the evaluation of typhoon risk losses, the analysis and evaluation standards
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are often measured according to the size of such average losses. The theoretical methods of
risk analysis and evaluation, based on the traditional probability method, have gradually
emerged into fuzzy mathematics [8,9], Analytic Hierarchy Process [10], the entropy weight
method [11], and many other new methods, and have been greatly developed in practical
applications. For example, Chen et al. [12] and Yin et al. [13] multiplied the hazard
factor index and the vulnerability index to obtain the typhoon disaster risk index of
each study area and drew a risk level map accordingly. Although the assessment of
typhoon risk losses has gradually formed a preliminary framework and system, most
of them are semi-quantitative and semi-qualitative research results, and there are still
relatively few quantitative assessments involving specific losses. However, carrying out
refined quantitative typhoon risk assessment is a prerequisite for forward-looking disaster
management. Huang [14], Liu et al. [15], and Xu et al. [16] used the information diffusion
method to improve typhoon risk estimation and quantify typhoon disaster loss expectations.
However, the calculation method of the risk level (R = P × C) is still based on a quantitative
algorithm, which cannot reflect the change in the subjective willingness of the social group
to the size of the loss. For example, for low-probability, large-loss typhoon disasters and
high-probability, small-loss typhoon disasters, the expected value of risk loss calculated by
them may be very close, but the degree of aversion of social groups is obviously different.
Therefore, it is necessary to explore a quantitative evaluation method that is different from
quantitative algorithms.

A certain type of utility value is a subjective representation of the characteristics or
state of a certain type of utility. In 1738, Bernoulli first proposed the cardinal utility theory:
according to the different personal circumstances of decision makers, the utility felt by
increasing the same amount of wealth value is different, and the utility value can be used
to express this investment risk attitude. A certain type of utility value is a subjective
representation of the characteristics or states of a certain type of utility. In 1738, Bernoulli
first proposed the cardinal utility theory: according to the different personal circumstances
of decision makers, the utility of increasing the same amount of wealth value is different,
and the utility value can be used to express this investment risk attitude. This theory is then
widely used in uncertain decision-making in the fields of venture capital [17,18], insurance
actuarial [19–21], marketing and pricing [14,22,23]. Wu Cisheng et al. [24] (1996) proposed
the expected utility decision method of accident loss risk and used the utility function
curve to quantitatively analyze the loss of major industrial accidents, which is helpful for
enterprises to choose appropriate risk management methods. In the comprehensive safety
assessment of ships, Li et al. [25] used the loss utility function to define the loss utility of
ship accident risk, and replaced the classical risk formula with the expected risk-utility
form, so that the aversion of social groups to risk loss can be considered. The utility theory
is introduced in the analysis process of such accident risks, and the evaluation results
of loss risk take into account the influence of people’s subjective risk attitude. However,
unlike investment behavior, its utility function reflects people’s dissatisfaction and disgust
with accidents or dangerous events. In fact, people often show aversion and dissatisfaction
with the losses caused by typhoon disasters, and the degree of aversion and dissatisfaction
will increase with the degree of risk loss [26]. In contrast, most recent models for risk
assessment of typhoons only calculate loss expectations based on quantitative algorithms.
There are relatively few studies on risk assessment criteria that take into account the risk
attitudes (dissatisfaction and willingness to avoid risk events) of the affected population.
Therefore, it is a meaningful preliminary exploration to apply the loss utility function to
the quantitative typhoon risk assessment model.

Based on the above analysis, this paper proposes a quantitative assessment method
of typhoon disaster risk considering loss utility. The quantitative risk assessment model
is based on the loss expectation theory and uses the loss expectation value (expressed by
the product of typhoon occurrence probability and loss utility) to measure the risk level
of typhoon disasters. The probability of typhoon occurrence is calculated according to
the three-dimensional joint distribution function established by the intensity of typhoon
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disaster-causing factors, and the loss utility is calculated based on the inverse function of
the exponential utility function (referred to as the loss utility function in this paper). At
the same time, the risk level graph of relative loss rate and typhoon probability is given
according to the loss utility function. The remainder of the paper is structured as follows:
Section 2 introduces the study area, the data used, and the methodology. Section 3 is
the detailed calculation process of typhoon disaster risk analysis and grade evaluation
considering the utility. Finally, conclusions are offered in Section 4.

2. Materials and Methods
2.1. Study Area

Based on the expected utility theory, the functional relationship between the intensity
of disaster-causing factors and the vulnerability of hazard-affected bodies is established,
and the loss utility is introduced into the vulnerability analysis of hazard-affected bodies.
The expected value of loss utility is used to measure the risk loss caused by possible
typhoon disasters, and the typhoon risk level is divided based on the deterministic loss
with the same degree of aversion as relative loss aversion. In the new model, it can not only
quantify the degree of typhoon risk loss with the loss expectation of loss utility but also
reflect the risk attitude of the affected population to typhoon losses.

The degree of dissatisfaction of social groups arising from risky losses can be mea-
sured in terms of utility, while in the field of typhoon disaster risk assessment, the main
consideration is the degree of dissatisfaction as well as aversion of the affected population
due to losses caused by typhoon disasters.

Definition 1. If n typhoons occur in the study area within a certain time scale, and there are m key
indicators for typhoon risk loss assessment identification, let their corresponding loss values be lij
(i = 1,2, . . ., n; j = 1,2, . . ., m), then the first i typhoon has an aversion utility of µ(lj) (j = 1,2, . . ., m).

The loss utility function is a mathematical measure of the loss utility. It has the
following properties: the loss utility µ increases with the increase in risk loss l, and the risk
loss utility increases with the increase in risk loss. That is to say, the first derivative and the
second derivative of the loss utility function µ with respect to l are greater than zero. The
curve of the loss utility function is shown in Figure 1 below.
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There are three common types of utility functions in general: exponential, logarithmic
and binomial [27,28]. In view of the research results of Peng et al. [29] in coal mine safety
risk assessment, Gao et al. [30] in-flight safety evaluation and Jiang and Liu [31] in the
evaluation of dike raising scheme, we determine the expression form of the loss utility
function as the following:

µ(l) = − 1
α

ln(1− αl) (1)

where α > 0 and it is a constant, termed as the risk aversion parameter, which indicates the
aversion of the affected group to typhoon risk losses. The larger it is, the higher the degree
of aversion to risk losses.

It is reasonable to choose formula (1) as a concrete expression for the loss utility function:

i. µ(l)′ > 0 and µ(l)′′ > 0 conform to the property of loss of utility (Figure 1);

ii. When α = 0, lim
α→0

µ(l) = − lim
α→0

ln(1−αl)
α = − lim

α→0
−l

(1−αl) = l.

That is, when the risk aversion attitude is not considered, the loss utility value is equal
to the loss value. It can also be interpreted as “risk neutral” as a special case of loss of utility
when the utility coefficient α = 0.

The risk aversion parameter in Equation is unknown, and it is generally necessary to
determine its value by the “deciding optimal through questioning method”, “curve fitting
method” and “utility consistency method”, etc. [32]. However, due to the difficulty of
collecting some disaster relief information, the value of the risk aversion parameter in this
paper is taken from the literature, which uses the lower limit of the number of fatalities
from different levels of water traffic accidents as the number of accident fatalities l and the
amount of fine is used to represent the aversion of the social group µ(l), with the fit was
performed to obtain a ≈ 0.019 [33].

Definition 2. If pi represents the probability of Typhoon i, lij (j = 1,2, . . . m) represents the loss
amount of item j caused by typhoon i (such as direct economic loss, casualties, farmland affected area,
etc.); Uij represents the loss expectation of item j caused by the impact of typhoon i; then, according
to the expected utility theory of von Neumann and Morgenstern, there are:

Uij = pi × µ
(
lij
)
, i = 1, . . . , m, j = 1, 2, . . . , m (2)

In the evaluation and analysis of typhoon risk level, Uij can be used to measure the
risk level of the typhoon disaster. The larger Uij is, the higher the risk level is; otherwise,
the smaller the risk level is.

Since µ(lij) = lij when α = 0, then formula (2) degenerates into the classical quantitative
algorithm of loss expectation:

Uij = pi × lij, i = 1, . . . , m, j = 1, 2, . . . , m (3)

That is, Formula (3) is a special case of Formula (2).
Formula (2) Explanation of the application of the function form used in typhoon risk

analysis: Starting from the risk facts, typhoon disasters often cause discontentment and
aversion in the affected people, and this dissatisfaction will increase with the aggravation
of the degree of loss, and the increasing speed will be faster and faster. Mathematically
speaking: For the function describing this dissatisfaction, the first and second derivatives
are greater than 0. In this paper, the function describing this phenomenon is taken as
the inverse function of the utility function (called loss utility function in this paper), and
the specific expression is shown in formula (1): µ(l) = − 1

α ln(1− αl), it can be found
that µ(l)′ > 0, µ(l)′′ > 0, so it can be considered that the loss utility function is suitable for
typhoon disaster risk analysis. In addition, µ(lij) = lij can be understood as a “risk neutral
(α = 0)” case. In other words, in the traditional loss expectation formula, the amount of
loss is directly substituted into the calculation, and the risk attitude of the affected body is
not considered.
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Regarding the probability of typhoon occurrence, it is difficult to give a direct probabil-
ity value because of their random nature. If the probability of a typhoon is calculated based
on the frequency of typhoons, such a probability value only characterizes the likelihood
of typhoons occurring during the year and does not reflect the intensity of typhoons. In
reality, when a typhoon crosses the harbor, the gale force winds not only act directly on
the harbor buildings but can also bring huge waves, posing a threat to the structural safety
of the harbor structures. Secondly, the violent atmospheric disturbances caused by the
approaching typhoon can bring heavy rainfall and trigger secondary flooding. In addition,
typhoons moving into shallow offshore waters can also trigger storm surges if they meet
with astronomically high tides, causing abnormal sea level rise and triggering the risk of
seawater spillover [31,34–36]. Thus, it shows that the hazard of typhoons mainly comes
from high winds, huge waves, heavy rainfall and storm surges, which can be characterized
by three causative factors, namely wind speed, wave height and water increase. The mag-
nitude of the disaster-causing factors can directly reflect the magnitude of damage when a
disaster is likely to occur. Therefore, in this paper, the probability of typhoon occurrence is
characterized by the probability of wind speed, wave height and water increase.

Since the Copula functional model is not restricted by the form of marginal distri-
bution, it is able to organically combine different degrees of correlation and correlation
patterns among random variables while building a joint structure [37,38]. Therefore, this
paper adopts the Copula function for the probability of typhoon occurrence in structure
function construction.

If the continuous random variables x,y,z represent the extreme wave height, water
increase, and wind speed in the study area under the influence of a typhoon, respectively,
assume that they obey marginal distributions of Q(x), G(y) and H(z). The joint probability
distribution of the occurrence of each risk factor is denoted as F(x,y,z), According to Sklar’s
theorem [11], there exists a unique Copula function C such that:

F(x, y, z) = C(Q(x), G(y), H(z)) (4)

Common three-dimensional asymmetric Copula functions mainly have the following
three types (Q(x), G(y) and H(z) are abbreviated as u, v, w to make the formula more concise):

(1) Gumbel Copula function:

C(u, v, w) = exp

{
−
[(

(− ln u)θ2 + (− ln v)θ2
)θ1/θ2

+ (− ln w)θ1

]1/θ1
}

, θ1 ≤ θ2, θ1, θ2 ∈ (1, ∞)

(2) Frank Copula function:

C(u, v, w) = − 1
θ1

ln

{
1−

(
1− e−θ1

)−1
[

1−
(

1−
(

1− e−θ2
)−1
·
(

1− e−uθ2
)
·
(

1− e−vθ2
))θ1/θ2

](
1− e−wθ2

)}
, θ1 ≤ θ2

M6 Copula function: It is qualitatively a combination of two two-dimensional Gumbel
copulas with different parameters, so it is also called Asymmetric Gumbel nested copula,
with M61 Copula, M62 Copula, and M63 Copula. The expressions of its function structure
are as follows:

C(u, v, w) = exp

{
−
[(

(− ln u)θ11 + (− ln v)θ11
)θ21/θ11

+ (− ln w)θ21

]1/θ21
}

, θ11, θ21 ∈ (1, ∞)

C(u, v, w) = exp

{
−
[(

(− ln u)θ12 + (− ln v)θ12
)θ22/θ12

+ (− ln w)θ22

]1/θ22
}

, θ12, θ22 ∈ (1, ∞)

C(u, v, w) = exp

{
−
[(

(− ln u)θ13 + (− ln v)θ13
)θ23/θ13

+ (− ln w)θ23

]1/θ23
}

, θ13, θ23 ∈ (1, ∞)

where, u, v and w are edge distribution functions, respectively; θ1, θ2, θ11, θ12, θ13, θ21,
θ22, and θ23 are all parameters of the Copula function and can be estimated by maximum
likelihood method.
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If the M62 Copula function is used in this paper to construct a three-dimensional joint
probability distribution, and if these three variables obey the Gumbell distribution, Pearson
distribution and Pearson distribution, respectively, then

F(x, y, z) = exp(− {[(−lnQ(x))θ12 + (−lnH(z))θ12 ]
θ22
θ12

+(−lnG(y))θ22}
1

θ22 )
= exp(− {[(−lnexp{−exp[−a(x− b)]})θ12

+(−ln
∫ z

a02

β2
α2

Γ(α2)
(z− a02)

α2−1e−β2(z−a02)dz)θ12 ]
θ22
θ12

+(−ln
∫ y

a01

β1
α1

Γ(α1)
(y− a01)

α1−1e−β1(y−a01)dy)θ22}
1

θ22 )

(5)

where, b and a represent the reciprocal of position coefficient and scale coefficient of the
Gumbell distribution, respectively; Γ(α1) and Γ(α2) are gamma functions of α1 and α2,
respectively; α1, β1, α2, β2 are the shape scale parameters of the Pearson-III distribution,
and their values are all greater than 0. a01 and a02 are positional unknown parameters of
Pearson’s three-type distribution.

Direct economic losses and casualties are chosen as indicators of the vulnerability of
the disaster-bearing population, such as L1 and L2. Let the vulnerability loss to a study area
due to the combined effect of the contributing factors be Lj (x,y,z), then the expected loss
due to the typhoon in the study area Uj can be expressed as

Uj = F(x, y, z)× µ(L j(x, y, z)) j = 1, 2 (6)

where Lj (x,y,z) is the vulnerability function characterizing the risk-bearing body. It can
be calculated by identifying the constituent sample from the hazard intensity-loss data
recorded in the disaster. Because it is calculated based on direct economic losses or affected
populations, it is the absolute loss generated by the occurrence of a typhoon in a given
study area. If the value of URj represents the aversion utility of the absolute losses caused
by the occurrence of a particular typhoon, then

URj = µ(L j(x, y, z)) j = 1.2 (7)

Absolute loss aversion reflects the degree of aversion caused by a certain absolute
loss to the affected population in a fixed study area. The larger the value of absolute loss
aversion, the higher the degree of aversion, and vice versa. For typhoon hazards, it is
applied to measure the amount of typhoon risk for a particular city.

Since the same loss amount poses different risk sizes for cities of different scales. At
this point, it is obviously not reasonable to compare the amount of typhoon risk losses in
two different regions by comparing their loss utilities of absolute loss. In contrast, relative
loss aversion utility needs to be introduced. The relative loss effect is the calculation of
utility for relative losses, which requires calculating the proportion of losses in total assets
and then calculating their utility. If the gross product of a study region is denoted as GrossV,
the relative loss aversion effect for a typhoon disaster is set to U′Rj, then we can have

U′Rj = µ(L
j
(x, y, z)/GrossV) j = 1.2 (8)

In the previous part, we used L(x,y,z) to characterize the potential loss scenario for the
hazard-bearing region under some combination of extreme wave height, water increase,
and wind speed occurring simultaneously, which is a stochastic loss. For decision-making
on typhoon risk, compared to stochastic losses L(x,y,z) we are more interested in the
magnitude of the fixed loss l. Theoretically, the dissatisfaction that can be brought about
by the losses faced by the disaster-bearing body is the same as the dissatisfaction that can
be brought about by the direct losses l. Therefore, we can solve the Equation (6) to get l.
At this point, l denotes the definitive loss value with the same degree of aversion as the
absolute loss expectation for each typhoon hazard. Similarly, l′ can be inversely calculated
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according to formula (8). l′ represents the definitive loss value with the same degree of
aversion as the total expected relative loss for each typhoon hazard. Something should be
noted as follows:

i. Since Equation (8) is calculated under the condition of relative loss, it is independent
of the city scale. It means that the same value brings the same degree of aversion for
different cities. l′ clearly has a range of [0,1].

ii. The transformation of Equations (6) and (8) actually converts the random loss into
a fixed loss. For instance, l′ = 30%, then it can be said that the typhoon risk faced
by the city is equal to 30% of the total output loss of the city in the sense of relative
loss aversion.

When mapping typhoon risk levels map, risk partitioning can be performed by draw-
ing expected loss aversion contours. The area between the abscissa and the ordinate and
the first contour is marked as a first-level risk area, and the area between the first contour
and the second contour is marked as a second-level risk area so that other level areas can be
similarly marked outward. The higher the number, the higher the risk level in the region.
Finally, the risk level of each typhoon is judged by its fallout point (F, L′).

2.2. Data Sources

The study area selected for this paper is Naozhou Island. Naozhou Island is located
between 20◦ and 21◦N latitude, about 40 km southeast of Zhanjiang City, Guangdong
Province. It is located in the western waters of Guangdong Province and is one of the most
severely affected areas by typhoons in China. Its topographic map is shown in Figure 2.
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The data used in this paper are mainly typhoon data in the study area (wind speed in
the typhoon center, wind wave data during the typhoon), typhoon disaster data and basic
situation data of the study area.

Typhoon data included 22 records of typhoon extreme wind speed (in the study area),
extreme water increase and extreme wave height from 1990 to 2016 (missing 2004 and
2007). The data are from the Naozhou Oceanographic Observatory and the Naozhou Island
Typhoon statistical data set.

The basic data of the study area includes typhoon disaster data, regional population
and GDP. The typhoon disaster data collected this time came from the China Marine Disas-
ter Bulletin and the Guangdong Marine Disaster Bulletin, including 22 typhoon disaster
data that occurred in Guangdong Province from 2005 to 2016 (as shown in Figure 3a).
The data on the permanent population (Gross V1) and GDP (Gross V2) of Guangdong
Province for 2005–2016 are from the website of the National Bureau of Statistics (as shown
in Figure 3b). Considering the availability of data and in order to ensure the accuracy of
calculation, this paper selects seven typhoons landing within 100 km of Sal Sal Island from
2005 to 2016 (the typhoon names are marked on the horizontal coordinate in Figure 3a) as
samples to calculate the typhoon loss expectation.
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Figure 3. Statistics of 22 Typhoon Disasters and Resident Population and GDP Data that Attacked
Guangdong Province from 2005 to 2016.

3. Engineering Calculation Example
3.1. Model Calculation
3.1.1. Probability of Typhoon Occurrence

The annual extreme wind speed and its accompanying wave height and water increase
values were extracted from the collected original data as samples, and then the Kolmogorov-
Smirnov test was used to conduct statistical tests on them. The specific calculation results
are shown in Table 1 below. The values in parentheses are p-values, representing the lowest
level of significance difference in the sample.

Table 1. Statistics of K-S test results for each sample data.

Distributions Wave Height (m) Water Increment (m) Wind Speed (m/s)

Gamma distribution 0.11364 (0.9511) 0.10621 (0.9405) 0.17019 (0.4639)
Gumbel distribution 0.11006 (0.9225) 0.097616 (0.9908) 0.15869 (0.5548)

Pearson-III distribution 0.11716 (0.8825) 0.093219 (0.9816) 0.11475 (0.8970)
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From the calculated results in Table 1, we can clearly see that all sample data passed
the hypothesis test. Moreover, the best distribution of fitting sample data of wave height,
water increase and wind speed are the Gumbel distribution, Pearson-III distribution and
Pearson-III distribution, respectively. To further verify the fit of the sample data, Quantile-
Quantile (The following will be referred to as Q-Q) plots were plotted for the wave height,
wind speed, and water increase samples to test the similarity of the data distributions. The
Q-Q diagram is shown in Figure 4, it can be seen from the figure that the sample points
are roughly close to the diagonal, and more than 60% of the points fall on the diagonal.
So, we can consider the sample data to be approximately obeying the above-preferred
distribution types.
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Therefore, the optimal marginal distributions selected for this calculation of the wave
height, water increase, and wind speed sample series are the Gumbel distribution, the
Pearson-III distribution, and the Pearson-III distribution, respectively.

The next step is to construct the 3D joint distribution model. First of all, the Frank
Copula function, M6 Copula function and Gumbel Copula function were chosen to fit the
3D sample series of wave height-water increase-wind speed. Then, the maximum likelihood
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method is used to estimate the parameters. Finally, Root Mean Square Error (abbreviated
as RMSE) values and Akaike information criterion (abbreviated as AIC) values of the
goodness-of-fit evaluation index are calculated. The results are shown in Table 2 below.

Table 2. Parameter estimates and goodness-of-fit tests for Copula function.

Copula Function Frank Gumbel M61 M62 M63

Estimate 2.67 1.415 (1.836, 1.272) (1.211, 1.433) (1.399, 1.382)
AIC −180.258 −184.665 −177.824 −185.179 −183.523

RMSE 0.0261 0.0239 0.0274 0.0237 0.0245

As can be seen from Table 2, the M62 Copula function computes the smallest AIC
and RMSE values among the selected combinatorial functions. In view of this, it can be
concluded that the M62 Copula function has the best-fitting effect on the three-dimensional
sample sequence.

On this basis, we also plotted Q-Q plots for each group of samples. And the graphs
were used to test the fitting effect of different Copula function types for the measured data.
The results, as shown in Figure 5, present that the scattering of the sample points tends to
be near the diagonal. It means that the fitting is good. From the observed and theoretical
values, the M62 Copula function has the best overall fit, which is higher than the other
Copula functions.

Therefore, the M62 Copula function is the optimal choice for this study to establish
the three-dimensional joint distribution of wave height, water increase and wind speed for
calculating the probability of typhoon occurrence.

At this point, the specific expression of each edge distribution can be substituted into
the M62 Copula function to construct the three-dimensional joint distribution of wave
height, water increase and wind speed, as shown in Formula (4).

Subsequently, the wave height can be selected separately X = 1.876 m, 4.221 m, 6.565 m;
with water increase Y = 0.743 m, 1.673 m, 2.602 m; and wind speed Z = 7.735 m/s,
17.403 m/s, 27.072 m/s as the conditions and plot a four-dimensional slice of the joint
distribution of the three variables, as shown in Figure 6.

By substituting the maximum wind speed of the seven typhoons landing on Naozhou
Island and their accompanying wave height and water increase data into the three-dimensional
joint distribution model established above, the probability of occurrence of each intensity
typhoon can be obtained as in Table 3.

Table 3. Probability of typhoons making landfall within 100 km of Naozhou Island from 2005 to 2016.

Number Name Landing Time Level Typhoon Occurrence
Probability F

0606 Prapiroon 8.1 12 0.0881
0814 Hagupit 9.24 15 0.0347
1003 Chanthu 7.22 12 0.1248
1213 Kai-tak 8.17 13 0.1116
1306 Rumbia 7.2 11 0.2710
1409 Rammasun 7.18 15 0.0249
1522 Mujigae 10.4 15 0.0152

Landfall time is the landfall time of the typhoon, recorded in the form of month/day;
The classification is the wind speed classification of extreme wind speed, and the clas-
sification standard is carried out according to the national standard of Tropical Cyclone
Classification [39].



J. Mar. Sci. Eng. 2023, 11, 2177 11 of 20

J. Mar. Sci. Eng. 2023, 11, x FOR PEER REVIEW 11 of 21 
 

 

On this basis, we also plotted Q-Q plots for each group of samples. And the graphs 
were used to test the fitting effect of different Copula function types for the measured 
data. The results, as shown in Figure 5, present that the scattering of the sample points 
tends to be near the diagonal. It means that the fitting is good. From the observed and 
theoretical values, the M62 Copula function has the best overall fit, which is higher than 
the other Copula functions. 

 

 
(a) Frank (b) Gumbel 

  
(c) M61 (d) M62 

 
(e) M63 

Figure 5. Comparison of fitting results of wave height-water increase-wind speed samples based on
different Copula functions.



J. Mar. Sci. Eng. 2023, 11, 2177 12 of 20

J. Mar. Sci. Eng. 2023, 11, x FOR PEER REVIEW 12 of 21 
 

 

Figure 5. Comparison of fitting results of wave height-water increase-wind speed samples based on 
different Copula functions. 

Therefore, the M62 Copula function is the optimal choice for this study to establish 
the three-dimensional joint distribution of wave height, water increase and wind speed 
for calculating the probability of typhoon occurrence. 

At this point, the specific expression of each edge distribution can be substituted into 
the M62 Copula function to construct the three-dimensional joint distribution of wave 
height, water increase and wind speed, as shown in Formula (4). 

Subsequently, the wave height can be selected separately X = 1.876 m, 4.221 m, 6.565 
m; with water increase Y = 0.743 m, 1.673 m, 2.602 m; and wind speed Z = 7.735 m/s, 17.403 
m/s, 27.072 m/s as the conditions and plot a four-dimensional slice of the joint distribution 
of the three variables, as shown in Figure 6. 

 
Figure 6. Joint wave height-water increase-wind speed distribution. 

By substituting the maximum wind speed of the seven typhoons landing on 
Naozhou Island and their accompanying wave height and water increase data into the 
three-dimensional joint distribution model established above, the probability of occur-
rence of each intensity typhoon can be obtained as in Table 3. 

Table 3. Probability of typhoons making landfall within 100 km of Naozhou Island from 2005 to 
2016. 

Number Name Landing 
Time Level Typhoon Occurrence  

Probability F 
0606 Prapiroon 8.1 12 0.0881 
0814 Hagupit 9.24 15 0.0347 
1003 Chanthu 7.22 12 0.1248 
1213 Kai-tak 8.17 13 0.1116 
1306 Rumbia 7.2 11 0.2710 
1409 Rammasun 7.18 15 0.0249 
1522 Mujigae 10.4 15 0.0152 

Landfall time is the landfall time of the typhoon, recorded in the form of month/day; 
The classification is the wind speed classification of extreme wind speed, and the classifi-
cation standard is carried out according to the national standard of Tropical Cyclone Clas-
sification [39].  

Figure 6. Joint wave height-water increase-wind speed distribution.

3.1.2. Absolute Loss Aversion and Fixed Absolute Losses

The International Strategy for Disaster Reduction (ISDR) has proposed a conceptual
formula for natural disaster risk. That is: the possibility of damage (loss expectation)
caused by natural disasters can be expressed as the product of the hazard of the causal
factor and the vulnerability of the disaster-bearing body. The calculation results based
on the quantitative algorithm (i.e., R = F × L) are now used as the loss expectation of
typhoon disaster risk. At the same time, the results are compared with the loss expectation
calculated based on the loss utility theory. Results are statistically shown in Table 4. In the
table, R1, and R2 indicate the values of loss expectation calculated based on direct economic
loss and affected population indicators, respectively. UR1 and UR2 represent the aversion
of expectation values of absolute loss calculated based on the two evaluation indicators of
direct economic loss and affected population; l1 and l2 denote the fixed losses at an equal
aversion utility, respectively.

Table 4. Loss expectation statistics for the two evaluation methods.

(a) (b) (c) (d) (e) (f)

Number Name R1 R2 UR1 UR2 l1 l2

0606 Prapiroon 5.112 45.959 5.251 62.056 5.238 60.355
0814 Hagupit 2.693 26.993 2.791 46.434 2.788 45.477
1003 Chanthu 7.014 53.277 7.197 67.232 7.174 65.239
1213 Kai-tak 2.857 23.849 2.890 26.487 2.887 26.173
1306 Rumbia 2.873 44.986 2.886 48.724 2.883 47.671
1409 Rammasun 3.820 5.162 4.110 5.713 4.103 5.698
1522 Mujigae 4.115 6.241 4.716 7.791 4.706 7.764

Comparing the calculation results of columns (a)–(d) in Table 4, it can be found that
the absolute loss value considering the loss utility is slightly higher than the expected loss
value. Taking Typhoon 1003 ‘Chandu’ as an example, the average population affected
by this typhoon is 53.277 (in the unit of 10,000 people). The average direct economic loss
is 7.014 (in the unit of 100 million dollars). The fixed affected population calculated by
the utility function theory is 65.239 (in the unit of 10,000 people) and 7.174 (in the unit
of 100 million dollars). Further calculation shows that the calculation results of the two
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indicators based on the loss expectation aversion model are 22.45% and 2.29% higher than
the original model. It indicates that the loss expectation model with the introduction of the
loss utility function reflects the avoidance of high risk by the social groups.

The scatter plot of Figure 7 also intuitively shows that the absolute loss assessment
considering the loss utility is higher than the loss expectation calculated by the quantity-
based method. In addition, it can be seen from Figure 7a that the higher the wind volume
in the typhoon center, the greater the loss expectation difference calculated by the two
methods. This shows that with the increase in risk, the degree of dissatisfaction and disgust
of social groups will also increase. However, there is an anomaly in the figure (Typhoon
Hagupit number 0814), which may be due to the difference between the typhoon landing
area in urban or rural areas, day or night.In addition, for Figure 7b, from 2006 to 2015, the
difference in loss expectation calculated by the two methods becomes gradually smaller
over time. This indicates, to some extent, that with the progress of societal awareness, social
groups have improved their ability to avoid, prevent and respond to high typhoon risks
and so on.
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Figure 7. Comparison of loss expectations based on direct economic losses (a); Comparison of loss
expectations based on affected population (b).

3.1.3. Ranking of Typhoon Risks

In order to achieve comparability of risk magnitude of typhoon disaster occurrence
among different regions, relative loss aversion indicators will be introduced by model
calculation in the following to realize the transformation of random loss to fixed loss and
develop a unified typhoon risk metric to facilitate subsequent risk classification. First, it
is necessary to introduce the relative loss of direct economic loss and affected population,
respectively, expressed by the direct economic loss rate L1

′ and the proportion of the
affected population L2

′, where L1
′ = L1/GrossV1, and L2

′ = L2/GrossV2. The relative loss
aversion effect formula as well as the relative loss aversion conversion formula are then
calculated and the results are presented in Table 5. UR1′ and UR2′ represent the aversion
utility values of relative loss calculated based on the two evaluation indicators of direct
economic loss and affected population, respectively. The l1′ and l2′ are their respective
fixed relative losses corresponding to the same degree of aversion.

From the data in column (a) of Table 5, the highest rate of direct economic loss among
the seven typhoons is Mujigae with 0.3718%, and the lowest is Rumbia with 0.0170%. From
the data in column (b) of Table 5: the highest percentage of the affected population is
Hagupit with 7.8628%, and the lowest is Rumbia with 1.5596%. From the data in columns
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(c) to (f), the two typhoons with higher indicator values are Chanthu and Prapiroon, both
of which have a wind force of 12. In terms of absolute random losses, the L1 and L2
caused by these two typhoons are similar, but in terms of typhoon occurrence probability,
the occurrence probability of Chanthu is slightly bigger than that of Prapiroon (from the
extreme value data, the wave height and wind speed data of Chanthu after the landing of
Naozhou region are slightly higher than those of Prapiroon). Therefore, the loss expectation
aversion model calculates that the relative loss aversion value and fixed relative loss of
Chanthu are relatively high. The relative loss aversion values of these two typhoons are
also much higher than those of the subsequent high-ranking typhoons, which may be related
to the increased awareness of disaster prevention, the improved ability to avoid high-risk
events, and the improved accuracy of typhoon warnings and forecasting systems.

Table 5. Table of expected relative loss aversions and fixed relative losses with equal aversions for
seven typhoons.

(a) (b) (c) (d) (e) (f)

Name Level L1
′ (%) L2

′ (%) UR1
′ UR2

′ l1
′ (%) l2

′ (%)

Prapiroon 12 0.2183 5.5250 0.0192 0.4872 0.0193 0.5117
Hagupit 15 0.2109 7.8628 0.0073 0.2732 0.0073 0.2947
Chanthu 12 0.1221 4.0887 0.0152 0.5105 0.0153 0.5285
Kai-tak 13 0.0449 2.0172 0.0050 0.2252 0.0050 0.2290
Rumbia 11 0.0170 1.5596 0.0046 0.4227 0.0046 0.4273

Rammasun 15 0.2262 1.9330 0.0056 0.0481 0.0056 0.0490
Mujigae 15 0.3718 3.7847 0.0057 0.0576 0.0057 0.0597

In typhoon risk assessment, we can use the relative damage rate caused by typhoon
hazards L′ and the probability F of its occurrence to classify the levels. As can be seen from
Table 5, the highest direct economic loss of typhoons is 0.3718% and the lowest is 0.017%,
which is on the interval of [0,0.5%]. The highest proportion of the affected population is
7.8628% and the lowest is 1.5596%, which is on the interval of [0,10%]. The direct economic
loss rate of typhoon disaster solved under the relative loss aversion sense l1′ is on the
interval of [0,0.02%], and the percentage of losses of the affected population l2′ is on the
interval [0,0.6%]. Therefore, we can divide the l1′ and l2′ intervals into several sections
to represent different risk levels, and establish a typhoon risk level classification method
according to their values. As shown in Figures 8 and 9:
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segments in the range of [0,0.02%]: [0,0.004%,0.008%,0.012%,0.016%,0.02%]. According to
the conversion of the degree of equal disgust, the above l1′ values (l1′ takes 0.004%, 0.008%,
0.012%, 0.016%, 0.02% ) are brought into the formula (8), that is, U (l1′) = µ (L1

′) (j = 1 in
formula 8, that is, each typhoon disaster is calculated separately), and each l1′ is worth a set
of (F, L1

′) values. The values of each group (F, L1
′) are traced, and the curves in the graph

are obtained. Each curve is an isoline of expected loss aversion. Finally, according to the
expected loss aversion value of each typhoon disaster in different aversion intervals, the
risk level is divided. Figure 9 is the same.

In Figures 8 and 9, the dotted line is the coordinate grid line, and the risk level of the
typhoon area is represented by numbers. The greater the number value, the greater the
risk, and the maximum level is 6. It can be seen from Figure 8 that when the typhoon risk
classification in Naozhou area is based on the direct economic loss rate, Typhoon Hagupit
No. 0814, Typhoon Kai-tak No. 1213, Typhoon Rumbia No. 1306, Typhoon Rammasun
No.1409 and Typhoon Mujigae No. 1522 are all Level 2 risks, Typhoon Chanthu No. 1003 is
Level 4 risk, and Typhoon Prapiroon No. 0606 is Level 5 risk. According to Figure 9, based
on the proportion of typhoon-affected population, the typhoon risk level is divided. Both
Rammasun and Mujigae have only a level 1 risk, Kai-tak is a level 2 risk, Hagupit is a level
3 risk, Rumbia is a level 4 risk, and Prapiroon and Chanthu are both a level 5 risk.

Through the comparative analysis between the two figures, it is found that the re-
maining typhoons have a risk rating difference of no more than one grade based on two
assessment indicators, except for typhoon No. 1306 Rumbia. The reasons for this result
may be related to the time (day or night) and location (rural or urban) of the typhoon.

Table 6 provides the combined risk level for seven typhoons. The combined risk level
is calculated in terms of (L1

′ + L2
′)/2. If (L1

′ + L2
′)/2 is not an integer, it is rounded off.

For the typhoons that landed in the study area from 2006 to 2015, the highest compre-
hensive risk levels were Prapiroon (No. 0606) and Chanthu (No. 1003), with a risk level
of 5. Prapiroon has a risk level of 5, both based on the direct economic loss rate and the
assessment of the affected population. In addition, the typhoon comprehensive risk level
before 2011 was ≥3, and the typhoon comprehensive risk level from 2012 to 2015 was ≤3.
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Table 6. Classification of risk levels for 7 typhoons.

Number Name
Classification

L1
′ L2

′ (L1
′+ L2

′)/2

0606 Prapiroon Level 5 Level 5 Level 5
0814 Hagupit Level 2 Level 3 Level 3
1003 Chanthu Level 4 Level 5 Level 5
1213 Kai-tak Level 2 Level 2 Level 2
1306 Rumbia Level 2 Level 4 Level 3
1409 Rammasun Level 2 Level 1 Level 2
1522 Mujigae Level 2 Level 1 Level 2

3.2. Discussion

The results of the classical quantitative algorithm and the model presented in this
paper are compared in the following sections. First, partition the risk events. In this paper,
a typhoon with a probability higher than 0.09576 is regarded as a typhoon with a higher
probability of occurrence. High loss typhoon refers to a typhoon whose loss is higher than
the average level (3.82%). As can be seen from the results of Figure 10a, it can be seen
that the probability of typhoon Hagupit and Prapiroon not only is lower than 0.09576, but
also the loss is lower than the average level of 3.82%, which belongs to the high loss-low
probability type (hereinafter referred to as HL-LP type). Typhoon Kai-tak and Rumbia, on
the contrary, belong to low loss and high probability (LL-HP) risk events. According to the
classification results in Figure 10b, Hagupit, Prapiroon, Rammasun and Mujigae belong
to the HL-LP type of risk events. Chanthu, Kai-tak and Rumbia are LL-HP risk events.
According to the classification results of the two charts, typhoon disasters of HL-LP type
are Hagupit and Prapiroon. The LL-HP typhoons are Kai-tak and Rumbia.
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Figure 10. Risk zoning diagram (a) The disaster population rate L1 and typhoon probability P
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The calculation results of each typhoon disaster based on the two evaluation models
are summarized in Table 7. In Table 7, (a) and (d) are listed as expected loss rates based on
the quantity algorithm (R′1 = P× L1, R′2 = P× L2), and (b) and (e) are listed as expected loss
rates considering utility. In addition, e1 and e2 represent the ratio of the difference between
the loss expectation of considering utility and the loss expectation of classical quantitative
algorithms (e1 = (R1 − P × L1)/P × L1, e2 = (R2 − P × L2)/P × L2). The subscript of the
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variable based on the disaster population rate is 1, and the subscript based on the direct
economic loss rate is 2.

Table 7. Comparison of calculation results of two loss expectation models.

(a) (b) (c) (d) (e) (f)
Rank of Risk Rank of Wind

Name R′1 (%) R1 (%) e1 (%) R′2 (%) R2 (%) e2 (%)

HL-LP
Prapiroon 0.4868 0.4880 0.2495 0.019232 0.019234 0.0984 5 15
Hagupit 0.2728 0.2738 0.3555 0.007318 0.007319 0.0950 5 12

LL-HP
Kai-tak 0.2251 0.2253 0.0909 0.005011 0.005011 0.0202 2 12
Rumbia 0.4227 0.4229 0.0702 0.004607 0.004607 0.0077 3 15

Chanthu 0.5103 0.5112 0.1844 0.015238 0.015239 0.0550 2 13
Rammasun 0.0481 0.0482 0.0871 0.005632 0.005633 0.1019 2 15
Mujigae 0.0575 0.0576 0.1707 0.005651 0.005652 0.1677 2 11

As can be seen from Table 7, Ri (I = 1,2) is slightly higher than R′i (I = 1,2), mainly
because the classical loss expectation formula does not consider the risk attitude (i.e., the
case of utility coefficient α = 0), and the loss utility function reflects the aversion and
dissatisfaction of the disaster-stricken groups to typhoon disasters. Further comparative
analysis found that this high situation is not linear, but has a certain relationship with the
risk level and typhoon wind speed level. As can be seen from Figure 11, the interpolation
ratio e1, which takes the affected population rate as an indicator, increases roughly with
the increase in the typhoon’s comprehensive risk level. The interpolation ratio e2, which
takes the direct economic loss rate as the index, basically increases with the increase in
typhoon wind speed level. In addition, e1 > e2 indicates to a certain extent that the risk
assessment model newly constructed in this paper can better reflect the disaster-affected
people’s dissatisfaction with typhoon disaster in the risk assessment model by taking the
disaster-affected population as the index.
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Figure 11. (a) Relationship between typhoon risk level and e1; (b) The relationship between typhoon
wind speed level and e2.

The differences between the two assessment methods in calculating the risk expec-
tations of “HL-LP” and “LL-HP” typhoons are as follows. Taking the calculation results
of the disaster population rate index in Table 7 as an example, the calculation results of
Hagupit and Prapiroon of the “HL-LP” type are similar to those of Kai-tak and Rumbia
of the “LL-HP” type, respectively (see Figure 12). The ∆R1 and ∆R′1 between Hagupit of
the “HL-LP” type and Kai-tak of the “LL-HP” type are both less than 0.05%, and ∆R2 and
∆R′2 are both less than 0.01%. The ∆R1 and ∆R′1 between Prapiroon of the “HL-LP” type
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and Rumbia of the “LL-HP” type are both less than 0.08% and ∆R2 and ∆R′2 are both less
than 0.02%.
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It is difficult to distinguish the grades of risk based on loss expectations. By using
the loss utility function to delineate the typhoon risk levels, the risk levels of Hagupit,
Prapiroon, Kai-tak and Rumbia can be determined as levels 5, 5, 2 and 3, which changes
the situation that it is difficult to distinguish the two types of typhoon risks of “HL-LP” and
“LL-HP” in traditional calculation.

The typhoon disaster risk assessment model based on the theory of loss utility function
can overcome the disadvantages of the traditional loss expectation model based on the
quantitative algorithm, which cannot distinguish the risk of high loss, low probability disas-
ter and low loss, high probability disaster. The quantitative measurement and classification
of typhoon disaster risk can be carried out through the change of social group’s subjective
willingness to disaster risk, which can improve the scientificity and rationality of typhoon
disaster risk assessment to a certain extent.

4. Conclusions

Under the background of relatively little research on the quantitative assessment of
typhoon disaster risk, this paper introduces utility theory and puts forward a quantita-
tive assessment method of risk, which is scientific and reasonable to some extent. The
application of utility theory in this field is a relatively new attempt. From the quantitative
evaluation results of the case analysis, the expected loss based on the loss utility function
is slightly higher than that of the quantitative algorithm. In addition, the classification
map based on the logarithmic loss-utility function also provides a new perspective for risk
level assessment. Overall, the quantitative assessment method proposed in this paper has
certain feasibility and practicability, and is expected to provide a meaningful reference for
typhoon risk assessment and risk decision-making.

In the risk analysis of typhoon disasters, this paper discusses the measurement and
classification of typhoon disaster risk when direct economic loss and affected population
are taken as loss indicators. Future research may consider collecting more detailed typhoon
disaster loss data and conducting typhoon disaster risk assessment from multiple indicators
such as house collapse, affected population, casualties and affected area of farmland, so as
to obtain more comprehensive and comprehensive assessment results.



J. Mar. Sci. Eng. 2023, 11, 2177 19 of 20

Author Contributions: Conceptualization, G.L., B.Y., X.N., Y.K., F.W., D.Z. and P.Y.; methodology,
G.L.; software, B.Y.; validation, B.Y., X.N. and D.Z.; formal analysis, F.W., Y.K. and P.Y.; investigation,
F.W., Y.K. and P.Y.; resources, F.W.,Y.K. and P.Y.; data curation, B.Y., X.N. and D.Z; writing—original
draft preparation, G.L.; writing—review and editing, B.Y. and X.N.; visualization, G.L.; supervision,
G.L.; project administration, G.L. All authors have read and agreed to the published version of
the manuscript.

Funding: Guilin Liu’s work is partially funded by the National Natural Science Foundation of China
(No. 52071306) and the Natural Science Foundation of Shandong Province (No. ZR2019MEE050).

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Informed consent was obtained from all subjects involved in the study.

Data Availability Statement: Data will be made available on request.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Wang, L.; Chen, B.; Zhang, J. A new model for calculating the design wave height in typhoon-affected sea areas. Nat. Hazards

2013, 67, 129–143. [CrossRef]
2. Zeng, Y.; Xie, Z.; Zou, J. Hydrologic and Climatic Responses to Global Anthropogenic Groundwater Extraction. J. Clim. 2017, 30,

71–90. [CrossRef]
3. Hwang, S.; Son, S.; Lee, C.; Yoon, H.D. Quantitative assessment of inundation risks from physical contributors associated with

future storm surges: A case study of Typhoon Maemi (2003). Nat. Hazards 2020, 104, 1389–1411. [CrossRef]
4. Wang, L.; Huang, G.; Chen, Z. Risk analysis and assessment of overtopping concerning sea dikes in the case of storm surge. China

Ocean. Eng. 2014, 28, 479–487. [CrossRef]
5. Liu, G.; Cui, K.; Jiang, S. A new empirical distribution for the design wave heights under the impact of typhoons. Appl. Ocean.

Res. 2021, 111, 102679. [CrossRef]
6. Liu, G.; Gao, Z.; Chen, B. Extreme Values of Storm Surge Elevation in Hangzhou Bay. Ships Offshore Struct. 2021, 15, 431–442.

[CrossRef]
7. Tiedemann, H. Earthquakes and Volcanicn Eruptions: A Handbook on Risk Assessment; Swiss Reinsurance Company: Geneva,

Switzerland, 1992.
8. Gu, X.; Chen, Y.; Qian, Y.; Zhu, J.; Jiang, L. Evaluation of Typhoon Disaster in Ningbo and Risk Assessment Based on Analytical

Hierarchy Process. J. Trop. Meteorol. 2018, 34, 489–498. [CrossRef]
9. Huang, C.; Zheng, S. Fuzzy Evaluation of Typhoon Disaster Risk in Fujian. J. Green Sci. Technol. 2018, 20, 114–116. [CrossRef]
10. Zhou, Y.; Cheng, X.; Cai, J. Study on Comprehensive Risk Assessment of Typhoon Disasters. China Public Secur. 2013, 1, 31–37.

[CrossRef]
11. Lu, Y.; Liu, H.; Wang, M. Typhoon Disaster Risk Assessment Based on Combined Weights and Fuzzy Stochastic Methods. Fuzzy

Syst. Math. 2020, 34, 151–163.
12. Chen, W.; Xu, W.; Shi, P. Risk assessment of typhoon disaster at county level in the Yangtze River Delta of China. J. Nat. Disasters

2011, 20, 77–83. [CrossRef]
13. Yin, J.; Dai, E.; Wu, S. Integrated Risk Assessment and Zoning of Typhoon Disasters in China. Sci. Geogr. Sin. 2013, 33, 1370–1376.

[CrossRef]
14. Hahn, J.; Kim, J.; Kim, S.; Lee, J. Price discrimination with loss averse consumers. Econ. Theory 2018, 65, 681–728. [CrossRef]
15. Liu, G.; Li, Y.; Li, X.; Han, L. Risk analysis of typhoon disaster in Guangdong based on the information diffusion technology. J.

Saf. Environ. 2021, 21, 1684–1692. [CrossRef]
16. Xu, Q.; Pan, J.; Liu, H. Risk Estimation of Typhoon Disaster Based on Three-dimensional Information Diffusion and Stochastic

Process. J. Nanning Norm. Univ. 2020, 37, 54–69. [CrossRef]
17. Bian, T.; Wang, T.; Zhou, Z. Measuring investors’ risk aversion in China’s stock market. Financ. Res. Lett. 2021, 42, 101891.

[CrossRef]
18. Fu, Q.; Lyu, Y.; Wu, Z.; Zhang, Y. Expectations-based loss aversion in contests. Games Econ. Behav. 2022, 133, 1–27. [CrossRef]
19. Barseghyan, L.; Molinari, F.; O’Donoghue, T. The Nature of Risk Preferences: Evidence from Insurance Choices. Am. Econ. Rev.

2013, 103, 2499–2529. [CrossRef]
20. Bi, J.; Cai, J. Optimal investment–reinsurance strategies with state dependent risk aversion and VaR constraints in correlated

markets. Insur. Math. Econ. 2019, 85, 1–14. [CrossRef]
21. Christensen, B.J.; Parra-Alvarez, J.C.; Serrano, R. Optimal control of investment, premium and deductible for a non-life insurance

company. Insur. Math. Econ. 2021, 101, 384–405. [CrossRef]
22. Carbajal, J.; Ely, J.C. A model of price discrimination under loss aversion and state-contingent reference points. Theor. Econ. 2016,

11, 455–485. [CrossRef]

https://doi.org/10.1007/s11069-012-0266-6
https://doi.org/10.1175/JCLI-D-16-0209.1
https://doi.org/10.1007/s11069-020-04225-z
https://doi.org/10.1007/s13344-014-0039-y
https://doi.org/10.1016/j.apor.2021.102679
https://doi.org/10.1080/17445302.2019.1661618
https://doi.org/10.16032/j.issn.1004-4965.2018.04.006
https://doi.org/10.16663/j.cnki.lskj.2018.20.037
https://doi.org/10.3969/j.issn.1672-2396.2013.01.008
https://doi.org/10.13577/j.jnd.2011.0412
https://doi.org/10.13249/j.cnki.sgs.2013.11.015
https://doi.org/10.1007/s00199-017-1035-2
https://doi.org/10.13637/j.issn.1009-6094.2019.1748
https://doi.org/10.16601/j.cnki.issn2096-7330.2020.04.010
https://doi.org/10.1016/j.frl.2020.101891
https://doi.org/10.1016/j.geb.2022.01.018
https://doi.org/10.1257/aer.103.6.2499
https://doi.org/10.1016/j.insmatheco.2018.11.007
https://doi.org/10.1016/j.insmatheco.2021.07.005
https://doi.org/10.3982/TE1737


J. Mar. Sci. Eng. 2023, 11, 2177 20 of 20

23. Raza, S.A.; Govindaluri, S.M. Pricing strategies in a dual-channel green supply chain with cannibalization and risk aversion.
Oper. Res. Perspect. 2019, 6, 100118. [CrossRef]

24. Wu, C.; Zheng, S.; Li, X. Effectiveness function models and it’s application about major industry accidents. J. Hefei Univ. Technol.
1996, 4, 113–117.

25. Li, X.; Tang, W. On the application of the utility theory in the formal safety assessment of shipping safety. J. Saf. Environ. 2014, 14,
30–33. [CrossRef]

26. Chen, L.; Zheng, J.; Gao, J.; Miao, H. Typhoon disaster emergency plan generation based on fuzzy risk assessment. J. Saf. Environ.
2022, 22, 1467–1476.

27. Jung, E.; Kim, J. Optimal investiment strategies for the HARA utility under the constant elasticity of variance model. Insur. Math.
Econ. 2012, 51, 667–673. [CrossRef]

28. Hao, H.; Zhu, H. Comprehensive Utility Value of Each City in Henan Province. J. Henan Inst. Educ. 2021, 30, 16–22.
29. Peng, J.; Xu, A.; Yang, Y. Measure Model of Security Risk Based on Utility. J. Beijing Univ. Posts Telecommun. 2006, 29, 59–62.
30. Guo, J.; Huang, C.; Ai, F. Study of the typhoon dynamic risk in Guangdong province with respect to months and early warning.

Syst. Eng. Theory Pract. 2015, 35, 1604–1616.
31. Jiang, S.; Liu, Q. Beneficial Evaluation of Disaster Mitigation in Heightening Schemes of Embankment Engineering Based on

Utility Theory. Water Resour. Plan. Des. 2019, 11, 99–102+107+162.
32. Jiang, X. Research on the Risk Analysis and Management of Breakwater. Ph.D. Thesis, Tianjin University, Tianjin, China, 2007.
33. Li, X. Study on Formal Safety Assessment of LNG Carrier Structures after Accidents. Ph.D. Thesis, Shanghai Jiao Tong University,

Shanghai, China, 2018. [CrossRef]
34. Wang, L.; Zhang, J.; Li, Y.; Zhang, Y. A statistical analysis of typhoon frequency and application in design wave height. Acta

Oceanol. Sin. 2011, 30, 24–32. [CrossRef]
35. Xu, J.; Ren, Q.; Lei, B. Anchoring bolt detection based on morphological filtering and variational modal decomposition. Trans.

Nanjing Univ. Aeronaut. Astronaut. 2019, 36, 628–634.
36. Chen, B.; Kou, Y.; Wang, Y. Analysis of storm surge characteristics based on stochastic process. AIMS Math. 2020, 6, 1177–1190.

[CrossRef]
37. Li, N.; Gu, X.; Liu, X. Return Period Analysis Based on Joint Distribution of Three Hazards in Dust Strom Disaster. Adv. Earth Sci.

2013, 28, 490–496.
38. Liu, G.; Yu, Y.; Kou, Y. Joint probability analysis of marine environmental elements. Ocean. Eng. 2020, 215, 107879. [CrossRef]
39. GB/T 19201-2006; Standardization Administration of China. Grade of tropical cyclones. China Meteorological Administration:

Beijing, China, 2006.

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.1016/j.orp.2019.100118
https://doi.org/10.13637/j.issn.1009-6094.2014.05.008
https://doi.org/10.1016/j.insmatheco.2012.09.009
https://doi.org/10.27307/d.cnki.gsjtu.2019.000423
https://doi.org/10.1007/s13131-011-0130-7
https://doi.org/10.3934/math.2021072
https://doi.org/10.1016/j.oceaneng.2020.107879

	Introduction 
	Materials and Methods 
	Study Area 
	Data Sources 

	Engineering Calculation Example 
	Model Calculation 
	Probability of Typhoon Occurrence 
	Absolute Loss Aversion and Fixed Absolute Losses 
	Ranking of Typhoon Risks 

	Discussion 

	Conclusions 
	References

